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Preface to "Transcriptional Regulation: Molecules,
Involved Mechanisms and Misregulation”

Transcriptional regulation is a critical biological process involved in the response of a cell, tissue,
or organism to a variety of intra- and extracellular signals. Moreover, it controls the establishment
and maintenance of cell identity throughout developmental and differentiation programs. This
highly complex and dynamic process is orchestrated by a vast number of molecules and protein
networks and occurs through multiple temporal and functional steps. Of note, many human disorders
are characterized by misregulation of global transcription, since most of the signaling pathways
ultimately target components of the transcriptional machinery. This book includes a selection of
papers that illustrate recent advances in our understanding of transcriptional regulation and focuses
on many important topics, from cis-regulatory elements to transcription factors, chromatin regulators,

and non-coding RNAs, in addition to multiple transcriptome studies and computational analyses.

Amelia Casamassimi, Alfredo Ciccodicola
Special Issue Editors
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Transcriptional regulation is a critical biological process that allows the cell or an organism to
respond to a variety of intra- and extra-cellular signals, to define cell identity during development,
to maintain it throughout its lifetime, and to coordinate cellular activity. This highly dynamic
mechanism includes a series of biophysical events orchestrated by a huge number of molecules
establishing larger networks and occurring through multiple temporal and functional steps that
range from specific DNA-protein interactions to the recruitment and assembly of nucleoprotein
complexes. Essentially, the key transcription levels include the recruitment and assembly of the
entire transcription machinery, the initiation step, pause release and elongation phases, as well as
termination of transcription. Additionally, these steps are interconnected with governing chromatin
accessibility (such as the unwrapping process, which is controlled by histone modification and
chromatin remodeling proteins), and other epigenetic mechanisms (such as enhancer-promoter looping,
which is necessary for a successful gene transcription). Finally, various RNA maturation events, such
as the splicing that occurs with transcription, constitute an additional level of complexity. Numerous
molecules and molecular factors, including transcription factors, cofactors (both coactivators and
corepressors), and chromatin regulators, are known to participate to this process [1]. Essential
components of the basal transcription machinery comprise the RNA polymerase II holoenzyme,
the general initiation transcription factors (TFIIA, -1IB, -IID, -1IE, -IIF, and -IIH) and the Mediator
complex, a multi-subunit compound that joins transcription factors bound at the upstream regulatory
elements—such as nuclear receptors—and all the remaining apparatus at the promoter region. It is
noteworthy that it also works in close interplay between the basal machinery and factors responsible
for the epigenetic modifications; for instance, together with cohesin, it facilitates DNA looping [2].
More recently, a novel multi-subunit complex named Integrator was added as one of the components
of the RNA Polymerase II-mediated transcription apparatus. It is also involved in many stages of
eukaryotic transcription for most regulated genes [3].

Additionally, the high complexity of transcriptional regulation is also derived from the
involvement of non-coding RNAs (ncRNAs). Indeed, research over the last two decades has revealed
new classes of ncRNAs, including microRNAs (miRNAs), small nucleolar RNAs (snoRNAs), long
ncRNAs (IncRNAs), circular RNAs (circRNAs), and enhancer RNAs (eRNAs), each with different
regulatory functions and altogether belonging to a larger RNA communication network ultimately
controlling the production of the final protein [4].

Recent advances in “omics” and computational biology have provided novel tools that allow
one to integrate different layers of information from biophysical, biochemical, and molecular cell
biology studies. In turn, these novel strategies provided a fuller understanding of how DNA
sequence information, epigenetic modifications, and transcription machinery cooperate to regulate
gene expression. Of note, most of the new molecular biomarkers and therapeutic targets for several
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human pathologies derive from transcriptome profiling studies, and their number is continuously
increasing. Next Generation Sequencing (NGS), mainly RNA-Sequencing (RNA-Seq), has completely
revolutionized transcriptome analysis, allowing the quantification of gene expression levels and
allele-specific expression in a single experiment, as well as the identification of novel genes, splice
isoforms, fusion transcripts, and the entire world of ncRNAs at an unprecedented level [4].

It is well known that many human disorders are characterized by global transcriptional
dysregulation because most of the signaling pathways ultimately target transcription machinery.
Indeed, many syndromes and genetic and complex diseases—cancer, autoimmunity, neurological
and developmental disorders, metabolic and cardiovascular diseases—can be caused by
mutations/alterations in regulatory sequences, transcription factors, cofactors, chromatin regulators,
ncRNAs, and other components of transcription apparatus [1-4]. Thus, advances in our understanding
of molecules and mechanisms involved in the transcriptional circuitry and apparatus lead to new
insights into the pathogenetic mechanisms of various human diseases and disorders.

In this special issue, a total of 19 excellent and interesting papers consisting of 11 original research
studies, seven reviews, and one communication are published [5-23]. They cover all subjects of
transcriptional regulation, from cis-regulatory elements to transcription factors, chromatin regulators,
and ncRNAs. Additionally, several transcriptome studies and computational analyses are also included
in this issue.

Huang et al. analyzed the transcriptional regulation of the gene coding for the Chloride
intracellular channel 4 (CLIC4). This is a multifunctional protein with diverse physiological functions.
Differential expression of CLIC4 between cancer cells and the surrounding stroma has been reported in
various tumor types [11]. Here, the authors found an alternative G-quadruplex (G4) structure, PG4-3,
in its promoter region. Through the use of the CRISPR/Cas9 system, they provided evidence that this
element could play an important role in regulating the CLIC4 transcription levels [11].

Regarding transcription factors, a comprehensive review summarized the structures and functions
of these regulators in both model and non-model insects, including Drosophila, and appraises the
importance of transcription factors in orchestrating diverse insect physiological and biochemical
processes [17]. An original article examined the paired-box 3 (Pax3) transcription factor in the winged
pearl oyster Pteria penguin. More precisely, this study investigated the role of PpPax3 in melanin
synthesis and used RNA interference to provide evidence that this function is exerted in this important
marine species through the tyrosinase pathway [18]. A bioinformatics approach was used to identify
the significant genes responsible for the human Patau syndrome (PS), a rare congenital anomaly due
to chromosome 13 trisomy. This molecular network analysis and protein-protein interaction study
indicated FOXO1 (Forkhead Box O1) as a strong transcription factor interacting with other key genes
associated with lethal heart disorders in PS. [15].

As expected in the NGS era, transcriptome analysis by RNA-Seq has been widely used in many
studies to elucidate the most varied mechanisms of pathophysiology as well as other relevant biological
processes in diverse organisms [5,9,20,21]. Actually, a small number of studies still utilize microarray
as a useful approach. Indeed, this platform allows one to identify the common pathway(s) of Major
Depressive Disorder and glioblastoma [5]. Otherwise, most of the studies employ RNA-Seq to,
for example, understand the regulatory system of stringent response in sphingomonads [9] or to
unravel molecular insights of phase-specific pollen-pistil interaction during self-incompatibility and
fertilization in tea [21]. Additionally, in silico analyses of available transcriptome databases are often
very useful when the biological material is scarce or difficult to isolate, as in the case of a study aimed to
identify genes that could have a potential role in the oyster larval adhesion at the pediveliger stage [20].
Additionally, the availability of multi-omics datasets from patient tissues represents a unique source to
study human diseases. Particularly, The Cancer Genome Atlas (TCGA) collects data from thousands of
subjects with human malignancies, thus enabling the in silico analysis of genes or families of genes of
interest. For example, in an effort to obtain a pan-cancer overview of the genomic and transcriptomic
alterations of the PR/SET domain gene family (PRDM) members in cancer, our group reanalyzed the
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Exome- and RNA-Seq datasets from the TCGA portal [12]. Likewise, to date, a lot of similar studies
have led to a better comprehension of the pathogenetic mechanisms as well as the discovery of novel
biomarkers and/or therapeutic targets for these human disorders, as cited in a review dissecting the
role of Adiponectin as a link factor between adipose tissue and cancer [23].

In the field of cancer research, an interesting pathogenetic mechanism involving dysregulation of
transcription is represented by the destabilization of the messenger RNAs of critical genes implicated
in both tumor onset and tumor progression exerted by tristetraprolin (TTP). Indeed, as reviewed in a
paper of this special issue, the tumor suppressor TTP can negatively regulate tumorigenesis. In turn,
TTP expression is frequently downregulated in several tumors by various mechanisms [13].

Several papers have described novelties in the field of ncRNAs. For instance, a study investigated
the possible role in cell metabolism of miR-25-3p. This miRNA is highly conserved in mammals
and was previously found to be involved in many biological processes and in some cancer and
cardiovascular related diseases. Specifically, in the C2C12 cell line derived from mouse muscle
myoblasts, it is positively regulated by the transcription factor AP-2« and enhances cell metabolism by
directly targeting the 3’ untranslated region of AKT serine/threonine kinase 1 (Akt1), a gene related to
metabolism [6].

LncRNAs play an important role as epigenetic and transcriptional regulators. Evidence of their
importance in the pathophysiology of many malignancies has drastically increased in the last decade.
In their excellent contribution, Cruz-Miranda et al. describe the functional classification, biogenesis,
and role of IncRNAs in leukemogenesis, highlighting the evidence that IncRNAs could be useful as
biomarkers in the diagnosis, prognosis, and therapeutic response of leukemia patients, as well as
showing that they could represent potential therapeutic targets in these tumors [22]. In a preliminary
study, RNA-Seq data were used to profile, quantify, and classify (for the first time) IncRNAs in human
term placenta [8]. Although the obtained IncRNAs still need to be functionally characterized, they
could expand the current knowledge of the essential mechanisms in pregnancy maintenance and
fetal development.

Lei et al. proposed a new computational path weighted method for predicting circRNA-disease
associations, the PWCDA method. Despite some limitations, it showed a much better performance
than other computational models [14].

A remarkable study explored the utility of eRNA expression as a causal anchor in predicting
transcription regulatory networks based on the observation that eRNAs mark the activity of regulatory
regions [16]. In their work, the authors developed a novel statistical framework to infer causal gene
networks (named Findr-A) by extending the Findr software for causal inference through the use of cap
analysis of gene expression (CAGE) data from the FANTOMS consortium [16].

Numerous epigenetic mechanisms other than regulation by ncRNAs take place during RNA
polymerase II-transcription and may be involved in human pathophysiology. An outstanding review
on the Cyclin Dependent Kinase Inhibitor 1C (CDKN1C) gene summarizes all the possible (epi)-genetic
alterations leading to diseases. This gene encodes the p57Kip2 protein, the third member of the CIP /Kip
family, and its alterations are known to cause three human hereditary syndromes characterized by
altered growth rate. Interestingly, CDKNIC is positioned in a genomic region characterized by a
remarkable regional imprinting that results in the transcription of only the maternal allele. Moreover,
this gene is also down-regulated in human cancers. Of note, its transcriptional regulation is linked to
several mechanisms, including DNA methylation and specific histone modifications. Finally, ncRNAs
also play important roles in controlling p57Kip2 levels [7].

Selenium-related transcriptional regulation is the topic of a comprehensive review [10]. Selenium
is a trace element controlling the expression levels of numerous genes; it is essential to human health,
and its deficiency is related to several diseases. It is incorporated as seleno-cysteine to the so-called
seleno-proteins via an uncommon mechanism. Indeed, the codon for seleno-cysteine is a regular
in-frame stop codon, which can be passed by a specific complex translation machinery in the presence
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of a signal sequence in the 3’-untranslated part of the seleno-protein mRNAs. Nonsense-mediated
decay and other mechanisms are able to regulate seleno-protein mRNA levels [10].

It is well-known that DNA methylation contributes to the gene expression regulation without
changing the DNA sequence. Abnormal DNA methylation has been associated with improper gene
expression and may lead to several disorders. Both genetic factors and modifiable factors, including
nutrition, are able to alter methylation pathways. An interesting review of this special issue carefully
describes molecular mechanisms underlying the link between diet and DNA methylation [19].

Finally, we hope the readers enjoy this Special Issue of [JMS and the effort to present the current
advances and promising results in the field of transcriptional regulation and its involvement in all of
the relevant biological processes and in pathophysiology.

Acknowledgments: We would like to thank all the participating assistant editors and reviewers for their important
contribution to this Special Issue.
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Abstract: Depression as a common complication of brain tumors. Is there a possible common
pathogenesis for depression and glioma? The most serious major depressive disorder (MDD) and
glioblastoma (GBM) in both diseases are studied, to explore the common pathogenesis between
the two diseases. In this article, we first rely on transcriptome data to obtain reliable and useful
differentially expressed genes (DEGs) by differential expression analysis. Then, we used the
transcriptomics of DEGs to find out and analyze the common pathway of MDD and GBM from
three directions. Finally, we determine the important biological pathways that are common to MDD
and GBM by statistical knowledge. Our findings provide the first direct transcriptomic evidence
that common pathway in two diseases for the common pathogenesis of the human MDD and
GBM. Our results provide a new reference methods and values for the study of the pathogenesis of
depression and glioblastoma.

Keywords: major depressive disorder; glioblastoma; differentially expressed genes; transcriptomics;
common pathway

1. Introduction

Glioma is the most common tumor in the central nervous system, mostly occurring in the
brain, and the diagnosis and treatment of glioma are incomplete, inaccurate, and easily reappeared.
The current study [1,2] shows that most patients with glioma can get better diagnosis and treatment,
but the diagnosis and treatment results are still unsatisfactory, even with depression. Moreover,
the pathogenesis of depression is still unknown, which seriously hinders the prevention, diagnosis,
and treatment of depression. Therefore, depression is one of the major causes of global disability
and has considerable risks in patients with gliomas. Depression has become a common complication
of brain tumors [3], and has become the first clinical manifestation of gliomas in clinical diagnosis.
Seddighi et al.’s studies have shown that depressive symptoms are shown to be common signs in
patients with brain tumors [4]. They suggest that statistical analysis of the deterioration of psychiatric
symptoms mentioned in the later stages of tumorigenesis is not feasible due to the high variability
of tumor staging. Glioblastoma (GBM) is a rare malignant tumor that arises from astrocytes—the
star-shaped cells that make up the “glue-like” or supportive tissue of the brain and is the most
malignant glioma in astrocytic tumors. Despite all therapeutic efforts, GBM remains largely incurable.

Aiming at this problem, this study uses GBM and major depressive disorder (MDD) as the research
object to study the overlapping genes, miRNA, biological pathways, and so on. Is the statistical analysis
of the correlation between MDD and GBM feasible? With the implementation of the human genome
project (HGP), the Human Proteome Project (HPP), and the Human Connectome Project (HCP),
more and more ion channels, cytokines, growth factors, neurotransmitters and neurotransmitter
receptors, enzymes, other proteins, and miRNA associated with the development of depression and
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glioblastoma diseases, have been identified and validated [5]. Therefore, it is feasible to analyze the
correlation between MDD and GBM by the method of omics. But, few new and effective treatments
appear. At present, RNA interference has enormous therapeutic potential for two diseases. Therefore,
it is the best way to explore the pathogenesis of the disease through transcriptome data. This study
designs a set of transcriptomics in three directions to study the common pathways of disease programs,
the flowchart can be found in Figure 1. The process is mainly to analyze the function of RNA in coding
region and non-coding region. It mainly divided into three parts. (1) The differentially expressed
genes (DEGs) were screened from the gene expression profile data by R software and its corresponding
expansion kit [6-9], and the gene ontology (GO), Kyoto Encyclopedia of Genes and Genomes(KEGG)
results were significantly correlated with functional enrichment analysis; (2) Using the STRING [10]
and Cytoscape [11] tools to construct the protein—protein interaction (PPI) network, the core gene
module was excavated by MCODE [12] algorithm, and the GO and KEGG results of MDD and
GBM overlap were obtained by functional enrichment analysis; and (3) Targetscan [13] tool was
used to predict the miRNA of differentially expressed genes in two diseases, and to enrich, analyze,
and annotate the overlapped miRNA in two diseases by miEAA [14]. This study finds from another
direction the pathogenesis of the disease. It is hoped that these findings will provide new ideas for the
diagnosis and treatment of MDD and GBM.

ArrayExpress .

Raw gene expression
profile data

Differentially
expressed genes(DEGs)

A
A
Targetscan ST_R'ING and R software
Cyvtoscape
miRNA Protein-Protein { GO/KEGG /
Interaction

[ sy /- [mcon
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significant R software
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. significant
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Figure 1. The flowchart of the research program. Cylinder: the database; Rectangle: method or software;
Parallelogram: data or result; Ellipse indicates the finally result.

2. Results

2.1. The Common Co-Occurrence Gene by Text-Mining

Through COREMINE platform text mining tools, MDD and 1826 genes have co-occurrence
relationship, Glioma and 1826 genes have co-occurrence relationship, GBM and 4510 genes have
co-occurrence relationship. Among them, 57% of MDD co-occurrence genes and 23.1% of GBM
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co-occurrence genes were identified as common genes, with a total of 1041 genes (Table 1). Besides,
it is shared with 78 co-occurrence GO cellular component (CC), 317 co-occurrence GO biology process
(BP), and 52 co-occurrence GO molecular function(MF) betweenthe two diseases. Our finds speculated
that may have common biological pathways or the occurrence of the same mutation between MDD
and GBM.

Table 1. The results of text-mining in COREMINE platform. MDD: Major Depressive Disorder;
GBM: glioblastoma; Related articles: Pubmed search with a concept or expert name to generate a list of
articles; BP: Biology Process; CC: Cellular Component; MF: Molecular Function.

Disease Related Articles  Gene/Protein Chemical CcC BP MF
MDD 34377 1826 3511 110 498 104
GBM 30193 4510 7779 229 834 244

GBM N MDD 4 1041 2248 78 317 52

2.2. Differentially Expressed Genes

After the DEGs was screened out, the DEGs of different platforms of the same disease were
combined as the final DEGs of the disease. There are 463 DEGs (p-value < 0.01) significantly associated
with MDD, and 823 DEGs (p-value < 0.05 and fold change > 4) were significantly associated with
GBM. A simple statistical analysis of DEGs revealed that a total of 27 genes were not only significantly
associated with MDD but also closely related to GBM. It was found that five genes (GRK3, SHANKS3,
EGR4, CRH, GNB)) in these 27 genes are down-regulated genes, and six genes (IGF2BP3, MGP, LOX,
KCNE4, DLGAP5, MS4A7) are up-regulated genes.

Statistics were found through literature mining, in 463 MDD DEGs, 80 genes have been reported
related to MDD, there are 201 genes associated with depression; in 823 GBM DEGs, 452 genes are
reported with GBM; 27 DEGs overlap in MDD and GBM, eight genes has been reported related to
MDD, 14 genes have been reported related to GBM. Moreover, four genes in the reported gene are
associated with both MDD and GBM. The four genes are LOX, NPY1R, SHANK3, VEGFA. The study
finds that LOX expression and activity increased positively correlated with GBM [15]. MDD treatment
of electroconvulsive shock (ECS) can be induced by activity-dependent induction of genes (FOX) that
are associated with plasticity of the brain, such as neuronal signaling-induced neurogenesis and tissue
remodeling [16]. Berent et al. found that higher VEGFA concentrations may have antidepressant
effects [17]. Therefore, VEGFA may play a potentially important role in the pathogenesis of MDD.
However, Stefano et al. suggest that VEGFA triggers an angiogenic response and promotes GBM
vascular growth [18]. There are indications that have been screened for differentially expressed genes
that are reliable. We can carry out the next step of the functional analysis.

2.3. Functional Enrichment of DEGs

The R tool is used to analyze and enrich the DEGs. DEGs in MDD were significantly enriched
in 804 terms (count > 2 and p-value < 0.05), including 704 GO biology process terms, 35 GO cellular
component terms, 47 GO molecular function terms, and 18 KEGG pathway terms. DEGs in GBM
are significantly enriched in 1681 terms, involving 1207 GO biology process terms, 201 GO cellular
component terms, 224 GO molecular function terms, and 48 KEGG pathway terms. These results show
that MDD and GBM have 264 BP, 18 CC, 16 MF functional annotations overlap in GO, and seven
biological pathways overlap in KEGG. Figure 2 shows the same functional enrichment results for the
Wein diagram and its proportion in both diseases. It can be found that the enrichment of the two
diseases has some common ground. The same GO or KEGG of the two diseases is approximately 1/3
of the MDD functional enrichment results, approximately 1/10 of the GBM functional enrichment.
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Figure 2. Differentially Expressed Genes Enrichment Venn Diagram and Its 3D Area Map.
Figure (A-D) indicate similarities and differences in the functional enrichment results of two diseases.
They are GO_BP, GO_CC, GO_MF, KEGG. In Figure (E), the Yellow: GBM enrichment results;
blue: MDD functional enrichment results; green: MDD and GBM common enrichment results.
MDD: Major Depressive Disorder; GBM: glioblastoma; BP: Biology Process; CC: Cellular Component;
MF: Molecular Function.

The 1680 GBM function enrichment results and 804 MDD function enrichment results are
summarized, and 305 common data of MDD and GBM are extracted. Pearson’s method was used to
calculate the correlation coefficient of the respective differentially expressed genes of MDD and GBM
in the common data. Finally, calculated the correlation coefficient between the two is 0.9525328, close to
1, the relevance and high. That is, even though only 27 of the two diseases overlap, almost completely
different differentially expressed genes. There is also an extremely high correlation in this common
functional enrichment data, suggesting that MDD may also have some relevance to the underlying
pathogenesis of GBM. Of course, we also functionally enrich 27 co-differentially expressed genes and
obtain three significant KEGG pathways.

2.4. Protein-Protein Interaction Network of DEGs

In this study, we use the STRING online tool to construct the PPI of 402 nodes and 512 sides
for MDD, as well as PPI of 794 nodes and 4443 sides for GBM (Figure 3). The Cytoscape tools are
used to build the interaction of MDD and GBM PPI. Based on PPI (the elimination of independent
protein), 74 and 64 HUB genes (Table 2) (Betweenness Centrality (BC) > 0.01, degree > 2) were closely
related to MDD and GBM. Among the key genes in MDD and GBM, four genes exist together. Namely,
CXCR4, VEGFA, MGP, GNB5, and MGP genes are down-regulated in two diseases, while GNB5 gene
is co-up-regulated.
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A. PPI of MDD

Figure 3. The protein-protein interaction network of MDD and GBM. (A) The protein—protein
interaction (PPI) of MDD. (B) The PPI of GBM. Nodes of the same color represent proteins that are
aggregated into the same class; large nodes indicate that the three-dimensional structure of the protein
is known and that the small nodes are unknown; the line represents the interaction between proteins;
there are seven kinds of relationship. Red, fusion gene; Green, adjacent interaction; Blue, coexistence
relationship; Purple, experimental study of validation interactions; Yellow, literature digging to the
interaction; and, Light blue, the database included interaction; Black, shared expression. MDD, Major
Depressive Disorder. GBM, glioblastoma.
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Table 2. MDD and GBM Hub genes.

GBM MDD

HS6ST3; ZNF385B; VSTM2L; EGFR; VEGFA; TOP2A;  JUN; VEGFA; EGF; CXCR4; GNAI3; EGR1; FLT1; CDKN1A;
CDC42; MYC; IL8; EN1; PRKACB; CD44; CDK1; VIM;  ATF3; CXCL1; GNG11; GNB5; ACTA2; MET; FGFR2; SH3GL1;
GFAP; SYP; PPP3CA; SNCA; STX1A; DNM1; CXCL5; MGP; THBSI; FAS; IRF5; JUP; RAP2A; TCF7L2;

GNAOI1; CACNA1B; LPL; PCSK2; PRKCB; SYT1; MRPL23; TNFAIP3; CCND3; SLC25A1; MAPK4; BATF3; CD55;
SNAP25; TUBB4A;DLG2; PVALB; CAMK2A; CALB1; CDC25C; MPP3; PPM1D; ILF3; HIST1H4D; CDK13; SSU72;
CDK2; CAV1; CXCR4; GNB5; VAMP2; NPY; VCAM1; PTPN6; CREM; OCLN; ADORA2B; HIBCH; DYNCI1I2; CTSB;

PRKCE; C3; EZH2; CDC20; SST; GAD2; ITPR1; MAFF; RYR2; DLGAPS5; DCLRE1C; SSR4; ADRBK?2; COPS2;
ADCY2; LUM; TAC1; AURKA; CD163; SYN1; SPARC; COX6A1; LOX; SNAP29; BRD4; DDX11; KRR1; AKAP9; SMC5;
BIRC5; GABBR2; ANXA1; MGP; GAD1; TYMS; ZFP36L1; AIMP1; CFDP1; GAS7; MYO10; GP5; SYT7; ESCO2;
GNGS3; SCN2A; MCL1; CNKSR2; NDE1 MSI2; CLEC1B; FECH; B4GALT1; TKT

MCODE algorithm is used to cluster MDD and GBM PP, respectively. The PPI of MDD can be
clustered into 11 categories, and the GBM of PPl is clustered into 20 categories (Table S1). In the MDD’s
11 core gene module, the functional enrichment of the most significant class (Figure 4 and Table 3)
found that GABAergic synapse, Serotonergic synapse, Cholinergic synapse, Glutamatergic synapse,
Dopaminergic synapse, and Morphine addiction affect the development of depression. In the GBM's
20 core gene module, the functional enrichment of the second significant group (Figure 4 and Table 3)
also found that GABAergic synapse, Serotonergic synapse, Cholinergic synapse, Glutamatergic
synapse, and Morphine addiction, were associated with the development of GBM. Therefore, the two
core gene modules with high significance and overlapping biological pathways are regarded as the
significant core gene modules of disease. Moreover, there are two common key genes in the core gene
module, that is CXCR4 and GNB5. The accumulation of two significant core gene modules revealed
that 10 biological pathways overlap, accounting for 71.4% of MDD enrichment, and 50% of GBM
enrichment. The two core gene modules with higher saliency and overlapping biological pathways
as the significant core gene modules of the disease. In addition, there are two overlapping key genes
in significant core gene modules—CXCR4 and GNB5, accounting for half of the overlapping key
genes of both diseases. These two significant core gene modules may play an important role in the
underlying pathogenesis of MDD or GBM. Ten common KEGG biological pathways of significant core
gene modules are the likely common pathways of MDD and GBM.

Figure 4. PPI of the core gene module. (A) The PPI of the most significant core module about MDD.
(B) The PPI of the secondary core gene module about GBM. Node: protein; connection: the interaction
between proteins. MDD, Major Depressive Disorder. GBM, glioblastoma.
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Table 3. Functional enrichment of significant core gene module—KEGG. MDD, Major Depressive
Disorder. GBM, glioblastoma. MDD KEGG: the unique KEGG pathways of significant core gene
module of Major Depressive Disorder; GBM KEGG: the unique KEGG pathways of significant core
gene module of glioblastoma; Common KEGG: the common KEGG pathways of significant core gene

module in Major Depressive Disorder and glioblastoma.

MDD KEGG GBM KEGG Common KEGG
Alcoholism Endocytosis GABAergic synapse
Pertussis Gap junction Cholinergic synapse
Serotonergic synapse Insulin secretion Pathways in cancer

Salivary secretion

Morphine addiction

Synaptic vesicle cycle Circadian entrainment
Gastric acid secretion Glutamatergic synapse
Dopaminergic synapse GnRH signaling pathway cAMP signaling pathway

Estrogen signaling pathway Chemokine signaling pathway

Oxytocin signaling pathway Retrograde endocannabinoid signaling

Neuroactive ligand-receptor interaction ~ Regulation of lipolysis in adipocytes

2.5. miRNA

This study uses the TargetScanHuman tool to predict the related miRNAs of DEGs (mRNA).
After a series of screening criteria, 18,656 pairs for MDD mRNA—miRNA, 52,413 pairs for GBM
mRNA—miRNA are obtained. Data analysis of MDD reveals that there are 370 different mRNA
corresponding to 2455 different miRNA. Data analysis of GBM reveals that there are 754 different
mRNA, corresponding to 2586 different miRNA. Figure 5 intuitively shows the miRNA of two diseases,
overlapping up to 2453. In the figure, 99.9% of the miRNAs predicted by MDD-related DEGs are the
same as the miRNA predicted by GBM. Moreover, the predicted miRNAs of the 27 common DEGs to
the two diseases completely overlap with the common miRNAs predicted by the two diseases.

GBM_mi com_DE iRN

MDD_miRNA com_miRNA

Figure 5. The predicted miRNA Venn Diagram. GBM_miRNA: the miRNAs predicted by
GBM:-related DEGs; MDD_miRNA: the miRNAs predicted by MDD-related DEGs; com_DEGs_miRNA:

the miRNAs predicted by common 27 DEGs; com_miRNA: common miRNA between GBM_miRNA
and MDD_miRNA.

2.6. Functional Enrichment of Common DEGs and Common miRNA

Through the enrichment of 27 common DEGs in MDD and GBM, three KEGG biological pathways
are enriched, which are Cytokine—cytokine receptor interaction, Chemokine signaling pathway,
Bladder cancer. There are 128 GO biology process (BP) terms, two GO cellular component (CC) terms,

12
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three GO molecular function (MF) terms are significantly enriched (Table S2). The results showed that
the cellular components of common DEGs in the two diseases are related to the activity of transcription
factors. Its molecular function is related to the extracellular matrix, and its biological process is
mainly involved in the regulation of multicellular biological processes, the regulation of ion transport,
the regulation of growth and development, and the response to some stimuli, and so on.

The common miRNAs are analyzed by miEAA, and their enrichment and annotation results are
shown in Table 2, where the enrichment results of GO are not fully shown. These miRNAs are closely
related to the expression of CD3, CD14, CD19, and CD56 in four immune cells, indicating that both
MDD and GBM can cause immune system disorders. 2453 common miRNAs have 102 miRNAs located
on chromosome 7, indicating that chromosome 7 is not only associated with mental illness, such as
depression and schizophrenia, but are also closely related to the pathogenesis of glioblastoma [19,20].
The results show that there are seven biological pathways (Table 4), 356 gene ontologies are enriched.
In the 7 pathways, two are related to amino acid metabolism, two are related to carbohydrate
metabolism, two are related to mRNA processing, and one is the Notch signaling pathway that
affects multiple processes that occur in cells.

Table 4. Results of the common miRNA enrichment and annotation.

Category Subcategory p-Value  Observed
Pathways WP411 mRNA processing 0.060337 145
Pathways hsa00260 Glycine serine and threonine metabolism 0.060337 30
Pathways hsa00562 Inositol phosphate metabolism 0.060337 99
Pathways hsa03040 Spliceosome 0.060337 138
Pathways hsa00330 Arginine and proline metabolism 0.081737 67
Pathways hsa04330 Notch signaling pathway 0.081737 94
Pathways P02756 N acetylglucosamine metabolism 0.095531 14
Immune cells CD3 expressed 0.008542 205
Immune cells CD19 expressed 0.029347 182
Immune cells CD14 expressed 0.040935 235
Immune cells CD56 expressed 0.055024 252
Chromosomal location Chromosome 7 0.036298 102
Gene Ontology GO0042832 defense response to protozoan 0.0626691 11
Gene Ontology GO0045859 regulation of protein kinase activity 0.0626691 41
Gene Ontology GO0048304 positive regulation of isotype switching to igg isotypes 0.0626691 11
Gene Ontology GO0016290 palmitoyl coa hydrolase activity 0.0665877 24
Gene Ontology GO0044130 negative regulation of growth of symbiont in host 0.0681013 19
Gene Ontology GO0004439 phosphatidylinositol 4 5 bisphosphate 5 phosphatase activity ~ 0.0753516 16
Gene Ontology GO0004523 ribonuclease h activity 0.0753516 19
Gene Ontology GO0031848 protection from non homologous end joining at telomere 0.0753516 16

3. Discussion

To comprehensively and accurately identify the pathogenesis of MDD and GBM, all available
transcript data for both of the diseases are downloaded. The purpose is to horizontally merge
large amounts of transcriptome data to expand the sample size and obtain a larger sample size
dataset. Functional analysis of the differential expression genes of the two diseases is carried out from
three aspects.

From the perspective of coding genes, MDD and GBM differentially expressed genes are enriched
in seven common biological pathways, namely Melanoma, Pathways in cancer, mitogen-activated
protein kinase (MAPK) signaling pathway, Endocytosis, p53 signaling, Focal adhesion, Bladder cancer.
As a result, it has been found that five common pathways are associated with the development of
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cancer, suggesting that the two diseases may also be closely related to other diseases, particularly cancer.
Due to the complexity of cancer, the five pathways are temporarily serve as the common pathway
for the two diseases. At the same time, it can see that the other two common pathways, MAPK
signaling pathway and Endocytosis, are reported to be associated with both diseases. The MAPK
pathway may be initiated at the cell surface and continue during endosomal sorting, while more recent
studies suggest that MAPK signaling is a required element of endocytosis [21]. Li Kai et al. found
the disturbance mechanism of MAPK and cell cycle signaling pathway in GBM by bioinformatics
analysis [22]. The study has found that the MAPK signaling pathway is impaired in MDD and plays
a key role in neuronal plasticity and neurogenesis, and is shown to be stimulated by an antidepressant
treatment [23]. It is suggested by the results that MAPK signaling pathways may be one of the common
pathways for MDD and GBM. Cytokine—cytokine receptor interaction, Chemokine signaling pathway
and Bladder cancer are enriched by MDD and GBM common DEGs. These three biological pathways
also belong to the common biological pathway of MDD and GBM.

From the perspective of miRNA, the corresponding miRNAs are predicted by the mRNA of the
two diseases, and the number of common miRNAs has been found to be 2453. In addition, various
miRNAs have been demonstrated to be either upregulated or downregulated in glioma tumors,
and played critical roles in regulating glioblastoma proliferation, migration, and chemosensitivity [24].
Several recent studies have suggested the possible role of miRNAs in synaptic plasticity, neurogenesis,
and stress response, all implicated in MDD [25]. Most of these miRNAs are contained in common
miRNAs. For example, Hsa-miR-21 is not only involved in the alterations of white matter in depression
and alcoholism [26], but it also plays a key role in the pathogenesis of GBM and can be used as
a biomarker for the diagnosis and treatment of GBM patients [27]. The miRNAs were found to be
closely related to the abnormal expression of CD3, CD14, CD19, and CD56 in immune cells category.
CD3 and CD4 are protein mixtures present on the surface of T cells, CD19 is a protein present on the
surface of B cells, and CD56 is an affinity binding glycoprotein expressed on the surface of neurons,
glial, and skeletal muscle. CD3, CD4, CD19 are related to the immune process, CD56 role in the
p59Fyn signaling pathway. Are the common pathogenesis of the two diseases related to the immune
system? There is no confirmation here. It can only be said that the pathogenesis of MDD and GBM
may be associated with the immune system. In the seven biological pathways enriched by common
miRNA, four pathways are metabolically related, two pathways are associated with mRNA processes,
and one is Notch signaling pathway. On the one hand, the possible reason is that MDD and GBM
patients biochemical environment affects the brain tissue, metabolic changes occur. On the other hand,
Irshad et al. have identified the key molecular cluster characteristics of the Notch pathway response
in hypoxic GBM and glial cell spheres [28]. Moreover, Ning et al. also determined that differential
expression of Notch-associated miRNAs in peripheral blood may be involved in the development
of depression [29]. Thus, glycine—serine and threonine metabolism, inositol phosphate metabolism,
arginine and proline metabolism, N-acetylglucosamine metabolism, and Notch signaling pathways
are also common biological pathways for MDD and GBM.

From the perspective of protein interaction, the significant core gene modules in the MDD and
GBM protein interaction networks were enriched to 10 common biological pathways. The discovery of
significant core gene modules in protein—protein interaction networks allows for a more accurate and
comprehensive understanding of the function of DEGs in disease. The y-aminobutyric acid (GABA),
glutamic acid, and acetylcholine (Ach) are three common amino acid neurotransmitters, which are
specific chemicals that act as “messengers” in synaptic transmission. Salvadore et al. confirm that
amino-acid neurotransmitter system dysfunction plays a major role in the pathophysiology of major
depressive disorder [30]. Panosyan et al. have found that these three neurotransmitters are involved
in the metabolic pathways underlying the potential targets of GBM therapy, but the hypothesis that
they have a significant antitumor effect on GBM has not been demonstrated [31]. Hence, GABAergic
synapse, Cholinergic synapse, and Glutamatergic synapse may be common pathways for MDD and
GBM. Retrograde endocannabinoid signaling has been shown to be related to the pathophysiological
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mechanisms of MDD and GBM [32,33]. Pathways in cancer, Chemokine signaling pathway is also
a common pathway when using genomics enrichment. Therefore, Pathways in cancer, Retrograde
endocannabinoid signaling, Chemokine signaling pathway may also be a common pathway for MDD
and GBM.

4. Materials and Methods

4.1. Text Mining

In the biomedical field, text mining has been widely used to identify biological terms, such as
genes, disease names in the literature, and even reveal the relationship between biological terms.
In this study, COREMINE [34] (Available online: http://www.coremine.com/medical/), a medical
ontology information retrieval platform, was used to search for key words, such as major depressive
disorder and glioblastoma.

4.2. Data and Data Preprocessing

The original gene expression profiling data was based on the GPL570 and GPL17027 platform
developed by Affymetrix, derived from EBI's common library database ArrayExpress [35] (Available
online: http://www.ebi.uk/ArrayExpress). Including transcriptome data sets of major depressive
disorder (excluding bipolar disorder) and glioblastoma. A total of 47 series, 2093 samples of raw data,
11 series, 367 samples were associated with MDD, 36 series, and 1726 samples were associated with
GBM (Table S3 for data sources). In this study, we used the RMA (Robust Multichip Average) method
in the Affy package of the R tool to normalized the raw data and then obtained the corresponding
gene expression matrix.

4.3. Differential Expression Analysis

Studies had found that disease is associated with genes, even if only a small change in a subunit
in the genome. For example, the duplication or absence of a dose-sensitive gene [36] is associated
with disease, including heart disease, cancer, and neuropsychiatric disorders. Therefore, the use of
differential expression analysis method to identify the disease-related genes is essential. In this study,
the linear regression and classical Bayesian method in the limma package of R language were used
to analyzed and screened differentially expressed genes of the two diseases. Since the two diseases
do not belong to the same type of disease, the screening criteria for differentially expressed genes
use different thresholds. MDD differential expression gene screening criteria were p-value threshold
of 0.01, GBM differential expression gene screening criteria were p-value threshold is 0.05, and the
difference in expression was greater than 4.

4.4. Functional Enrichment Analysis

Functional enrichment analysis is a method of cross-integration between biology and mathematics,
which is the best choice to solve the massive data of gene chip. In this study, we used the GOstats
and KEGG.db toolkit in the R language to perform functional enrichment analysis on the significantly
differentially expressed genes and select the GO entry with a Count value greater than or equal to 2
and a p-value of less than 0.05. At the same time, the KEGG pathway with p-value less than 0.05 was
selected as the enrichment biological pathway.

4.5. Protein—DProtein Interaction Network

In this study, the STRING (Available online: http://string-db.org/) database was used to
construct the Protein-Protein Interaction (PPI) between proteins encoded by differentially expressed
genes. The STRING database is a database that collects protein—protein interactions, gene regulatory
relationships, document mining analysis, and protein co-expression analysis, and calculates physical
interactions and predicts interaction relationships. The protein interaction threshold was set at

15



Int. J. Mol. Sci. 2018, 19, 234

0.4. The protein interaction data obtained from the online STRING database is imported into the
Cytoscape software, and the node with the degree greater than 2 and the BC was greater than 0.01
was obtained by using its Network Analysis plug-in tool. The node as a network centre node (Hub).
The protein represented by the central node was usually the key protein (Hub gene) [37] with important
physiological functions. Then, the MCODE algorithm in Cytoscape was used to further cluster analysis
to find the core gene module in the protein interaction network, and to dig the biological function or
pathway that was significantly related to the disease.

4.6. Predicted miRNAs

Numerous studies have confirmed that alterations of specific microRNAs (miRNAs) levels
are closely related to human pathologies [38]. A small number of miRNA biological functions
have been elucidated. Thus, miRNAs were predicted by the TargetScanHuman (Available online:
http:/ /www.targetscan.org/vert_71/) tool for differentially expressed genes. The standard for
screening predicted miRNAs was 8 mer—a (exact match to positions 2-8 of the mature miRNA
followed by an “A”) and the percentage of context ++ score (CS) should not be less than 95%. This CS
is the cumulative sum of 14 features for a particular site, including the type of site, complementary
pairing, minimum distance, length of open reading frame (ORF), conserved target probability (PCT),
and so on. To further analyze and explore the pathogenesis of the disease. The miEAA (miRNA
Enrichment Analysis and Annotation Tool, Available online: https:/ /ccb-compute2.cs.uni-saarland.
de/mieaa_tool/) online tool was used to enrich and annotate the predicted miRNAs by combining the
two diseases. The miEAA’s p-value adjustment method was error detection rate (false discovery rate,
FDR), the category of p-value less than 0.1 was significantly related.

5. Conclusions

In this article, we first rely on transcriptome data to obtain reliable and useful differentially
expressed genes (DEGs) by differential expression analysis. Then, we used the transcriptomics of DEGs
to find out and analyze the common pathway of MDD and GBM from three directions. At present,
more and more miRNA are the biomarkers of disease, which are related to the pathophysiology of
various diseases, including MDD and GBM. However, due to the large number of predicted miRNAs,
further studies are needed to find suitable biomarkers for MDD and GBM. Finally, we determine the
important biological pathways that are common to MDD and GBM by statistical knowledge. It is
worth mentioning that, Chemokine signaling pathway not only found in functional enrichment of
coding genes is a common pathways between MDD and GBM, also found in the core gene module
of the protein interaction network. Our findings provide the first direct transcriptomic evidence
that common pathway in two diseases for the common pathogenesis of the human MDD and GBM.
Our results provide a new reference methods and values for the study of the pathogenesis of depression
and glioblastoma.
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Abstract: miR-25, a member of the miR-106b-25 cluster, has been reported as playing an important
role in many biological processes by numerous studies, while the role of miR-25 in metabolism
and its transcriptional regulation mechanism remain unclear. In this study, gain-of-function
and loss-of-function assays demonstrated that miR-25-3p positively regulated the metabolism of
C2C12 cells by attenuating phosphoinositide 3-kinase (PI3K) gene expression and triglyceride (TG)
content, and enhancing the content of adenosine triphosphate (ATP) and reactive oxygen species
(ROS). Furthermore, the results from bioinformatics analysis, dual luciferase assay, site-directed
mutagenesis, qRT-PCR, and Western blotting demonstrated that miR-25-3p directly targeted the AKT
serine/threonine kinase 1 (Akt1) 3’ untranslated region (3'UTR). The core promoter of miR-25-3p
was identified, and the transcription factor activator protein-2cc (AP-2x) significantly increased the
expression of mature miR-25-3p by binding to its core promoter in vivo, as indicated by the chromatin
immunoprecipitation (ChIP) assay, and AP-2« binding also downregulated the expression of Akt1.
Taken together, our findings suggest that miR-25-3p, positively regulated by the transcription factor
AP-2a, enhances C2C12 cell metabolism by targeting the Akt1 gene.

Keywords: mouse; miR-25-3p; Akt1; AP-2a; promoter; cell metabolism

1. Introduction

MicroRNAs (miRNAs) are endogenous, small (~22 nucleotides), and single-stranded noncoding
RNAs. The role of different miRNAs in biological systems is well established. They are generally
regarded as negative regulators of gene expression, as they bind to the 3’ untranslated region
(3'UTR) of messengerRNAs (mRNAs), leading to mRNA degradation and/or suppression of mRNA
translation [1-3]. Currently, thousands of miRNAs have been identified as participating in a number
of biological processes, such as cellular growth, proliferation, development, and metabolism [4].

Based on Solexa sequencing, the expression of microRNA-25 (miR-25) was higher in the
longissimus dorsi muscle of Large White pigs (a lean type) than in those of Tongcheng pigs (a Chinese
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indigenous fatty pig). Because skeletal muscle plays a vital role in whole-body metabolism [5],
we speculated that miR-25 could play a regulatory role in metabolism.

Previous studies have reported that miR-25 plays an important role in many biological processes.
The expression of miR-25-3p was significantly increased in the plasma of thyroid papillary carcinoma,
as compared with patients with benign tumors or healthy individuals [6]. miR-25 expression was
higher in ovarian epithelial tissue, gastric cancer, lung adenocarcinoma, and many other tumors, and
miR-25 expression levels were also closely related to tumor stage and lymph node metastasis [7-10].
Inhibition of miR-25 markedly improved cardiac contractility in the failing heart [11]. miR-25 could
protect cardiomyocytes against oxidative damage by downregulating the mitochondrial calcium
uniporter (MCU) [12]. Variations in miR-25 expression influenced the severity of diabetic kidney
disease [13]. However, to our knowledge, the role of miR-25 in metabolism has not been reported,
and its transcriptional regulatory mechanism is not clear.

Thus, in this study, we first investigated whether miR-25 was involved in metabolism by
gain-of-function and loss-of-function assays. Then, the target gene of miR-25, AKT serine/threonine
kinase 1 (Akt1), which is related to metabolism, was predicted and verified using bioinformatics
software and experiments. Finally, the core promoter of miR-25 was identified, and the binding of
the transcription factor activator protein-2a (AP-2x) to the core promoter was shown to promote the
transcriptional activity of miR-25 and downregulate Akt1 expression.

2. Results

2.1. miR-25 Is Highly Conserved in Mammals

Clustal Omega (Available online: https:/ /www.ebi.ac.uk/Tools/msa/clustalo/) [14] was used
to build the phylogenetic tree of pre-miRNA of miR-25. The results show that compared with other
species selected in this study, the genetic relationship between mice and humans, cattle and goats,
and gorillas and rhesus monkeys is closer (Figure 1A). The mature sequences of miR-25 are highly
conserved in mammals, including pigs, mice, humans, goats, rats, hamsters, gorillas, chimpanzees,
cattle, and rhesus monkeys. The “seed” sequences of miR-25 are identical, although there is a base
deletion at the end of the chimpanzee sequence (ptr) (Figure 1B).

A ptr-miR-25 0.09649
cfa-miR-25 0.00521
bta-miR-25 -0.00046
chi-miR-25 0.00046
| iR-25 -0.00034
hsa-miR-25 -0.00023

mo-miR-25 0.02377
E cgr-miR-25 0.01194
mmi-miR-25 -0.00017

ggo-miR-25 -0.00017

Species Mature sequence

>ssc-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>mmu-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>hsa-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>chi-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>rno-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>cgr-miR-25-3p CAUUGCACUUGUCUCGGUCUGA
>ggo-miR-25 CAUUGCACUUGUCUCGGUCUGA
>ptr-miR-25 CAUUGCACUUGUCUCGG--CUGA
>bta-miR-25 CAUUGCACUUGUCUCGGUCUGA
>mmi-miR-25 CAUUGCACUUGUCUCGGUCUGA

Figure 1. miR-25 is highly conserved in mammals. (A) The phylogenetic tree of pre-miRNA of miR-25.
pre-miRNA sequences were obtained from NCBI. (B) The mature sequences of miR-25 in selected
species. These mature sequences were obtained from miRBase. Seed regions are highlighted in red.
ssc, sus scrofa; mmu, mus musculus; hsa, homo sapiens; chi, capra hircus; rno, rattus norvegicus;
cgr, cricetulus griseus; ggo, gorilla gorilla; ptr, pan troglodytes; bta, bos taurus; mml, macaca mulatta;
cfa, canis lupus familiaris.
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2.2. Effects of miR-25 on the Metabolism of C2C12 Cells

To investigate the role of miR-25-3p in metabolism, miR-25-3p mimics/negative control (NC)
or inhibitors/NC were respectively transfected into growing C2C12 cells (mouse muscle myoblasts).
The abundance of miR-25-3p was detected, which was ~3300-fold (p < 0.01) higher as compared with
another microRNA (Figure S1). The mRNA and protein expression levels of the metabolism-related
gene PI3K were repressed by miR-25-3p overexpression, while the levels of PI3K were upregulated in
the inhibitor group, as compared with the negative controls (Figure 2A,B).

In addition, the overexpression of miR-25-3p decreased levels of triglyceride (TG), whereas
the knockdown of miR-25-3p increased them (Figure 2C). Conversely, the overexpression of
miR-25-3p increased ATP and ROS levels, and the knockdown of miR-25-3p decreased their levels
(Figure 2D,E).These data indicate that miR-25-3p plays a role in metabolism.
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Figure 2. The effect of miR-25 on the metabolism of C2C12 cells. miR-25-3p mimics/NC or
inhibitors/NC were respectively transfected into growing C2C12 cells. After 48 h, PI3K expression
was detected by qRT-PCR (A) and Western blotting (B). After 2448 h transfection, the levels of
triglyceride (TG) (C), ATP (D), and reactive oxygen species (ROS) (E) were measured with commercial
kits. The fluorescence of DCF represents the content of ROS. NC = negative control (miR-239b-5p of
caenorhabditis elegans). 3-actin served as the loading control. Data were presented as means + SD
(n>3);*p<0.05*p <001

2.3. miR-25-3p Directly Targets Akt1

To explore the molecular mechanism of miR-25-3p effects on metabolism, the possible targets for
miR-25-3p were predicted using TargetScan, and a putative binding site for miR-25-3p was predicted in
the 3'UTR of Akt mRNA. miR-25-3p targeting elements in the Akt1-3'UTR were relatively conserved
in many mammals, including mice, humans, chimpanzees, rhesus monkeys, and rats (Figure 3A).

To validate whether miR-25-3p directly targets Akt1, a luciferase reporter containing a 250 bp
fragment from the Akt1 3'UTR was tested in vitro. Additionally, we generated a mutated version of
the above mentioned reporter, in which five nucleotides of the predicted binding site were changed in
order to abolish the putative interaction between miR-25-3p and AktI mRNA (Figure 3B). The Akt1
3'UTR and mutant luciferase plasmid were cotransfected with mimics or NC into growing C2C12
cells. Twenty-four hours after transfection, analyses of luciferase activity revealed that miR-25-3p
mimics significantly decreased the luciferase activity of the wild reporter plasmid as compared with
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NC, while there was no significant effect on the mutant plasmids (Figure 3C). These results revealed
that miR-25-3p directly targets the 3'UTR of Akt1 in vitro.

To directly test the validity of the putative target, we transfected miR-25-3p mimics and miR-25-3p
inhibitors into growing C2C12 cells. We found that the overexpression of miR-25-3p repressed Akt1
expression, as measured by qRT-PCR (p < 0.01) and Western blotting, whereas the knockdown of
miR-25-3p derepressed it (Figure 3D,E). These results demonstrate that AktI was a target of miR-25-3p.

A Akt1-3’'UTR 5% -3
Mouse UGUGCAAUGUGGGCUCAUGGGUCUGGGUGGG
Human UGCGCAAUGUGGCAUUGGGGGGCCGGGCAGG
Chimp UGCGCGAUGUGGCAUUGGGGGGCCGGGCAGG
Rhesus UGCGCAAUAUGGCGUUGGGGGGCCGGGCAGG
Rat UGUGCAAGGUGGGCUCAUGGGUCUGGGUAGG

(AR
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Figure 3. miR-25-3p directly targets the 3'UTR of Akt1. (A) The sequences of miR-25-3p target elements
in the Akt1 3'UTR were relatively conserved in many mammals. These sequences were obtained from
TargetScan. (B) Site-directed mutagenesis of the miR-25-3p target site in the Akt1 3'UTR; mutated bases
shown in red. (C) Dual luciferase reporter assay. The Akt1 3'UTR/mutant plasmid was cotransfected
with miR-25-3p mimics/NC, respectively, into growing C2C12 cells; dual luciferase activities were
measured from cell lysates (24 h after transfection). miR-25-3p mimics/NC or inhibitors/NC were
respectively transfected into growing C2C12 cells. After 48 h, Akt1 expression was detected by
qRT-PCR (D) and Western blotting (E). NC = negative control (miR-239b-5p of caenorhabditis elegans).
B-actin served as the loading control. Data were presented as means + SD (n > 3). ** p < 0.01;

NS, not significant.
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2.4. Identification and Characterization of the Mouse miR-25-3p Promoter

To further identify the promoter region and regulatory elements of mouse miR-25-3p, we used
luciferase assays to analyze a series of deletions in the potential promoter region, as predicted by
neural network promoter prediction (NNPP) online software (Figure 4A).The plasmids containing the
various lengths of the miR-25-3p promoter were transiently transfected into growing BHK and C2C12
cells. Analyses of luciferase activity revealed that miR-25-3p-P9 (—119/+144) showed the greatest
transcriptional activity, and the longer fragment showed lower transcriptional activity (Figure 4B),
indicating that the region from —1870 to —119 contains one or more cis-acting elements that can repress
miR-25-3p expression. The result demonstrates that this 263 bp-long sequence was the core promoter
of mouse miR-25-3p.

2.5. The Transcription Factor AP-2« Binds to the Core Promoter of Mouse miR-25-3p

To further search the transcription factors that bind to the core promoter of mouse miR-25-3p,
AliBaba 2.1 and Genomatix software programs were utilized to analyze the putative transcription
factors. As shown in Figure S2, AP-2« was found to be able to bind to the core promoter of mouse
miR-25-3p. To examine whether AP-2« influences the activity of the mouse miR-25-3p promoter,
an AP-2« overexpression plasmid (pc-AP-2«x) was generated and cotransfected with the miR-25-3p-P9
plasmid into growing C2C12 cells. Twenty-four hours after transfection, analyses of luciferase activity
showed that pc-AP-2« significantly increased miR-25-3p promoter transcriptional activity (Figure 4C).

To determine the functional importance of the AP-2« binding site, we mutated the AP-2 binding
site at —109 to —102, by using the wild-type miR-25-3p-P9 plasmid as the template. The mutant was
constructed and transfected into growing C2C12 cells. As shown in Figure 4D, the luciferase activity
of the mutant was significantly decreased as compared with the wild-type miR-25-3p-P9 construct.
These results indicated that transcription factor AP-2x may induce transcriptional activity by directly
binding to the core promoter of mouse miR-25-3p.

To further verify whether transcription factor AP-2«x binds to the core promoter of mouse
miR-25-3p, ChIP was performed in growing C2C12 cells. Chromatin was immunoprecipitated using
the AP-2« antibody, and PCR amplification was performed, using the DNA fragment of the expected
size as a template. The ChIP-Q-PCR assay showed that AP-2« interacted with the miR-25-3p promoter
within the binding site (Figure 4E). These results confirmed that the transcription factor AP-2ais
capable of binding to the AP-2« binding site in the mouse miR-25-3p promoter region, and induces
miR-25-3p transcription.

2.6. AP-20 Regulates miR-25-3p and Akt1 Expression

Because Akt1 was identified as a direct target of miR-25-3p, and the transcription factor AP-2«
could upregulate miR-25-3p transcription, the effect of AP-2« on Akt1 expression was further appraised
by the overexpression or knockdown of AP-2« in growing C2C12 cells. As AP-2a mRNA expression
was significantly decreased by doublestranded short interfering AP-2ac RNA ( si-AP-2x-1) and
si-AP-2x-2, and the inhibitory effect of si-AP-2x-2 was greater than that of si-AP-2«-1 (Figure S3),
si-AP-20-2 was chosen for subsequent experiments. pc-AP-2« or si-AP-2«x was transfected into
growing C2C12 cells, respectively. Fourty-eight hours after transfection, RNA and protein were isolated.
The overexpression of AP-2a significantly increased miR-25-3p expression, while the knockdown
of AP-2«x resulted in the significant suppression of miR-25-3p expression (Figure 5A). Conversely,
the mRNA and protein expression of Aktl were significantly suppressed by AP-2«x overexpression,
and were increased by si-AP-2c (Figure 5B-D). These results indicate that AP-2cc activated mature
miR-25 expression, and downregulated the expression of Akt1.
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Figure 4. Transcription factor AP-2a binds to the miR-25-3p promoter region. (A) Schematic diagram of
the AP-2« binding site (arrow, red dot) in the miR-25-3p promoter. The first nucleotide of pre-miR-25-3p
was assigned as +1, and the other nucleotides were numbered relative to it. (B) A series of progressive
deletion mutants were transfected into growing BHK and C2C12 cells, and the promoter activities were
analyzed by dual luciferase activity assay. (C) miR-25-3p-P9 reporter constructs were cotransfected
with pc-AP-2« into growing C2C12 cells. Dual luciferase activity was measured 24 h after transfection.
Overexpression of AP-2a upregulated miR-25-3p promoter luciferase activity. pcDNA-3.1(+) was
used as a control. (D) Site-directed mutagenesis of the AP-2« binding site (CAGG into TGTA) in
the miR-25-3p promoter region resulted in the miR-25-3p-P9 luciferase activity being reduced. Data
were expressed as the ratio of relative activity, normalized to pRL-TK, and presented as means 4= SD
(n > 3). (E) Binding of AP-2c to the miR-25-3p promoter region was analyzed by chromatin
immunoprecipitation (ChIP). DNA isolated from immunoprecipitated materials was amplified using
qRT-PCR. Normal mouse IgG was used as the negative control. Data were normalized by total
chromatin (input) and presented as means + SD (n = 3); ** p < 0.01.
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Figure 5. The effects of AP-2x on the expression of miR-25-3p and Akt1. The eukaryotic expression
plasmid pc-AP-2« or si-AP-2x was transfected into growing C2C12 cells. After 48 h, the expression of
miR-25-3p and Akt1 was detected by qRT-PCR and Western blotting. (A) The expression of miR-25-3p
was detected by qRT-PCR. (B) The mRNA expression of Akt1 was detected by qRT-PCR. Data were
presented as means & SD (1 = 3); * p < 0.05; ** p< 0.01. (C) The protein expression of Aktl was detected
by Western blotting after pc-AP-2« transfection. (D) The protein expression of Aktl was detected by
Western blotting after si-AP-2¢ transfection. 3-actin served as the loading control.

3. Discussion

Increasing evidence shows that miR-25, a member of the miR-106b-25 cluster, is involved in many
biological processes. For instance, miR-25 inhibits human gastric adenocarcinoma cell apoptosis [15],
promotes glioblastoma cell proliferation and invasion [16], and regulates human ovarian cancer
apoptosis [17]. The miR-106b-25 cluster regulates adult neural stem/progenitor cell proliferation,
migration, and differentiation [18,19]. miR-25 plays an important role in heart disease [11,12] and
diabetic kidney disease [13]. In addition, numerous studies have demonstrated that miRNAs are
implicated in metabolism [20-23]. However, miR-25 has not been functionally related to metabolism
until now.

In this study, miR-25 was identified as a novel regulator of metabolism. The gain-of-function
and loss-of-function assays showed that miR-25-3p inhibited the expression of PI3K and reduced
levels of triglyceride (TG), while levels of ATP and ROS were increased. PI3K has been implicated in
insulin-regulated glucose metabolism [24], and PI3K signaling has a role in many cellular processes,
such as metabolic control, immunity, and cardiovascular homeostasis [25-27]. It is well-known that
triglycerides (TG) are a component of lipids, and participate in lipid metabolism. ATP is the most
direct source of energy in an organism, and takes part in many metabolic processes. ROS, a class of
single electron radicals of oxygen, comprise superoxide anions (O, ), hydrogen peroxide (H,0,),
and hydroxyl radicals (‘OH) [28], and are closely related to adipogenesis and myogenesis [28-31].
These data indicate that miR-25-3p indeed participates in metabolism in mice.
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To further understand the molecular mechanism by which miR-25-3p regulates metabolism,
we searched for potential target genes of miR-25-3p via TargetScan. Fortunately, the 3'UTR of Akt1
contained a 7 nucleotides perfect match site complementary to the miR-25-3p seed region (Figure 3B).
The serine-threonine kinase ATK, also known as protein kinase B (PKB), is an important effector
for PI3K signaling as initiated by numerous growth factors and hormones [32]. Akt can control
glucose uptake by regulating GLUT4 in cells, thereby reducing blood sugar and promoting glycogen
synthesis [32-34]. Akt usually promotes glycogen synthase kinase-3 alpha (GSK3«) phosphorylation
and inhibits its activity [35], and then activates glycogen synthesis [36]. A previous study has
demonstrated that overexpression of miR-25-3p downregulates Akt expression and inactivates
Akt phosphorylation in the tongue squamous cell carcinoma cell line Tca8113 [37]. Consequently,
we deduced that the role of miR-25-3p in metabolism may arise from its inhibition of AktI. First,
the dual luciferase reporter assay demonstrated that Akt1 was a direct target of miR-25-3p, shown
by the steady decrease luciferase activity of the pmirGLO-Aktl-wt vector; but not the mutant form
(Figure 3C). Meanwhile, qRT-PCR and Western blotting results showed that the expression of Akt1 was
inhibited by the miR-25-3p mimics, and that this inhibition was reversed by the miR-25-3p inhibitors
(Figure 3D,E). These results suggested that the effect of miR-25-3p in metabolism was due, at least in
part, to the suppression of Akt1.

An increasing number of studies have shown that transcription factors are capable of binding to
miRNA promoter elements and modulating miRNA transcription [38—40]. Therefore, we analyzed
the transcriptional mechanism of miR-25-3p in this study. Nine fragments of 5'-flanking sequences
of mouse miR-25-3p were isolated. Subsequently, a series of experiments, including dual luciferase,
site-directed mutagenesis, and ChIP assays, confirmed that AP-2« bound to the miR-25-3p promoter
region and promoted its transcription activity (Figure 4). Moreover, qRT-PCR and Western blotting
results showed that overexpression of AP-2« resulted in the upregulation of miR-25-3p and
downregulation of Akt1, and that the knockdown of AP-2« reversed these results (Figure 5).

The AP-2 family of transcription factors consists of five members, in humans and mice: AP-2«,
AP-23, AP-2y, AP-25, and AP-2¢; which play important roles in several cellular processes, such as
apoptosis, migration, and differentiation [41,42]. AP-2« was first identified by its ability to bind to the
enhancer regions of SV40 and human metallothionein IIA [43]. Subsequently, numerous studies have
demonstrated that AP-20c can regulate gene expression. For instance, AP-2« binding to the C/EBPa
promoter results in decreased C/EBPx expression [44], and AP-2« can bind to the TACE promoter
and decrease its expression in dendritic cells [45]. Furthermore, Qiao et al. [46] reported that there
was an AP-2« binding site in the DEK core promoter, and overexpression of AP-2«x upregulated
DEK expression. In this study, we identified that AP-2« binds to the miR-25-3p promoter region and
promotes its transcription activity.

In conclusion, our results demonstrate that miR-25-3p acts as a positive regulator of the
metabolism of growing C2C12 cells, by affecting Akt gene expression through directly binding
to its 3'UTR. Moreover, the transcription factor AP-2« is able to bind to the core promoter of mouse
miR-25-3p, activating mature miR-25 expression and downregulating the expression of Akt1 (Figure 6).
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Figure 6. Representation of the proposed mechanism. miR-25-3p is regulated by transcription factor

AP-2¢, and contributes to C2C12 metabolism by targeting Akt1. The arrow-head and “+” represent
activation while the blunt-head and “—* represent suppression.

4. Materials and Methods

4.1. miRNA, Small RNA Oligonucleotide Synthesis, and Plasmid Construction

The miR-25-3p oligonucleotides (miR-25-3p mimics, NC, miR-25-3p inhibitors, and inhibitor-NC)
and double-stranded short interfering RNAs (siRNAs) targeting AP-2« were designed and synthesized
by RiboBio (Guangzhou, China).The oligonucleotides are listed in Table S1.

To construct the AP-2c overexpression vector pc-AP-2«, the AP-2« coding sequence (1314 bp)
was amplified from mouse C2C12 cells cDNA using the following primers: forward: 5-CCC
AAGCTTGCCACCATGCTTTGGAAACTGACGGA-3'; reverse: 5'-CCGCTCGAGTCACTTTCTGTG
TTTCTCTT-3'". The PCR product was subcloned into the HindIII/ Xhol sites of the pcDNA3.1(+) vector
(Invitrogen, Carlsbad, CA, USA).

The potential target site of miR-25-3p, localized in the 3'UTR of Akt1 mRNA, was predicted by
TargetScan (Available online: http://www.targetscan.org/) [47]. The Akt1 3'UTR was amplified from
C2C12 cell cDNA and inserted into the Pmel/ Xhol sites of the pmirGLO vector (Promega, Madison,
WI, USA). Point mutations in the seed region of the predicted miR-25-3p sites within the 3'UTR of Akt1
were generated using overlap-extension PCR [48]. The corresponding primers are listed in Table S2.

The potential promoter regions of miR-25-3p was predicted by using the neural network promoter
prediction (NNPP) software (Available online: http://www.fruitfly.org/seq_tools/promoter.html) [49].
Nine miR-25-3p promoter deletion fragments were amplified from the mouse genome via PCR with the
primers listed in Table S3.The nine purified PCR products were ligated into the Kpnl/Hindlll sites of the
pGL3-Basic vector (Promega). AliBaba2.1 (Available online: http://www.gene-regulation.com/) [50]
and MatInspector (Available online: http://www.genomatix.de/online_help /help_matinspector/
matinspector_help.html) [49] were used to predict the potential transcription factor binding sites.
The AP-2« transcription factor binding sites of the miR-25-3p promoter region were also mutated by
overlap-extension PCR. The primers are provided in Table S3.

4.2. Cell Culture and Luciferase Reporter Assays

C2C12 (mouse muscle myoblast) and BHK (baby hamster kidney) cells were cultured in DMEM
(Gibco, Gaithersburg, MD, USA) containing 10% fetal bovine serum (FBS) (Gibco) at 5% CO, and
37°C.
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For luciferase reporter assays, growing C2C12 or BHK cells were seeded in 48-well plates.
After 12-16 h, the plated cells were transfected with a recombinant plasmid using Lipofectamine
2000 (Invitrogen). To verify the miR-25-3p targeting Akt1 3'UTR, 1 uL miR-25-3p mimics/NC was
cotransfected with 0.1 pg Akt1 3'UTR/mutant plasmid into C2C12 cells. For the miR-25-3p promoter
luciferase reporter assay, 0.4 ug pGL3-Basic or recombinant plasmids and 20 ng pRL-TK vector were
transfected. For cotransfection luciferase assays, each well contained 0.2 pg pGL3-(Basic, miR-25-3p-P9
and AP-2x-mut), 20 ng pRL-TK, and 0.2 ug pc-AP-2x. Empty pcDNA-3.1(+) cotransfected with
pGL3-(Basic, miR-25-3p-P9 and AP-2x-mut) was used as the control. After 24 h of incubation, luciferase
activity was measured using a PerkinElmer 2030 Multilabel Reader (PerkinElmer, Norwalk, CT, USA).

4.3. Triglyceride Content, ATP, and Reactive Oxygen Species (ROS) Assays

For detecting the concentrations of triglyceride (TG), ATP, and ROS, growing C2C12 cells were
seeded in 24-well plates the day before transfection. miR-25-3p mimic, NC, miR-25-3p inhibitor,
and inhibitor-NC were transfected into confluent (~80%) cells, respectively, at a concentration of 12 nM
with Lipofectamine 2000 (Invitrogen). After 24-48 h, the concentrations of TG and ATP in the lysates
of cells were measured with commercial kits (Applygen (Beijing, China) and Beyotime (Shanghai,
China), respectively) following the manufacturer’s instructions, and normalized to the protein content
(umol/mg protein) using the BCA assay kit (Thermo Scientific, Waltham, MA, USA). ROS were
measured using the reactive oxygen species assay kit (Beyotime) following the manufacturer’s protocol.

4.4. Chromatin Immunoprecipitation (ChIP)

ChIP assays were performed to assess the binding of endogenous AP-2«x to the miR-25-3p
promoter in C2C12 cells using the EZ-ChIP™ Kit (Millipore, Boston, MA, USA), following a previously
described method [49]. Precleared chromatin was incubated with the AP-2cc antibody (Santa Cruz
Biotechnology, Dallas, TX, USA) or normal mouse IgG (Millipore) antibodies (control) overnight at 4 °C.
Purified DNA from the samples and the input controls were analyzed for the presence of miR-25-3p
promoter sequences containing putative AP-2cc response elements using qPCR. The primers used here
are listed in Table S4.

4.5. RNA Isolation and gRT-PCR

For quantifying the mRNA expression of genes, growing C2C12 cells were seeded in 6-well plates.
miR-25-3p mimic, NC, miR-25-3p inhibitor, inhibitor-NC, si-AP-2«, and NC were transfected into
confluent (~80%) cells, respectively, at a concentration of 50 nM with Lipofectamine 2000 (Invitrogen).
After 48 h, total RNA was isolated using a HP Total RNA Kit (Omega, Norcross, GA, USA) according
to the manufacturer’s protocol. The cDNA was synthesized using a PrimeScript™RT reagent Kit with
gDNA Eraser (Takara, Osaka, Japan) according to the manufacturer’s protocol. The qRT-PCR was
performed in triplicate with iQSYBR green Supermix (Bio-Rad, Hercules, CA, USA) in a LightCycler
480 Realtime PCR machine (Roche, Basel, Switzerland). The mRNA levels of target genes were reported
relative to those of the house keeping gene B-actin by using the 2~#At method. The qRT-PCR primers
are listed in Table S5.

4.6. Protein Isolation and Western Blotting

For detecting the protein expression of PI3K and Aktl, growing C2C12 cells were seeded in6-well
plates. miR-25-3p mimic, NC, miR-25-3p inhibitor, inhibitor-NC, si-AP-2«, and NC were transfected
into confluent (~80%) cells, respectively, at a concentration of 50 nM with Lipofectamine 2000
(Invitrogen). After 48 h, total protein was isolated using RIPA Lysis Buffer (Beyotime). The cells
were washed briefly with cold phosphate-buffered saline (PBS), 150 uL RIPA Lysis Buffer (containing
1 mM PMSF) was added, incubated for 1 min at room temperature, and then centrifuged at 12,000 g
for 5 min. The supernatant extract was used for Western blot analysis.
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Western blot analysis was performed to analyze the expression levels of Aktl (Affinity Biosciences,
Cincinnati, OH, USA) andPI3K (Abclonal, Wuhan, China) according to the methods of Huang et al. [47].
[-actin (Santa Cruz Biotechnology) served as the loading control.

4.7. Statistical Analysis

All the results are presented as the means £ SD. Student’s t-test was used for statistical
comparisons. A p value of < 0.05 was considered to be statistically significant. ** p < 0.01; * p < 0.05;
NS, not significant.

Supplementary Materials: The following are available online at www.mdpi.com/1422-0067/19/3/773/s1.
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Abstract: The CDKNIC gene encodes the p57XiP2 protein which has been identified as the third
member of the CIP/Kip family, also including p27XiP! and p21©iP. In analogy with these proteins,
p57XiP2 is able to bind tightly and inhibit cyclin/cyclin-dependent kinase complexes and, in turn,
modulate cell division cycle progression. For a long time, the main function of p57XiP2 has been
associated only to correct embryogenesis, since CDKN1C-ablated mice are not vital. Accordingly, it has
been demonstrated that CDKN1C alterations cause three human hereditary syndromes, characterized
by altered growth rate. Subsequently, the p57XiP? role in several cell phenotypes has been clearly
assessed as well as its down-regulation in human cancers. CDKN1C lies in a genetic locus, 11p15.5,
characterized by a remarkable regional imprinting that results in the transcription of only the maternal
allele. The control of CDKNIC transcription is also linked to additional mechanisms, including DNA
methylation and specific histone methylation/acetylation. Finally, long non-coding RNAs and
miRNAs appear to play important roles in controlling p57XiP? levels. This review mostly represents
an appraisal of the available data regarding the control of CDKN1C gene expression. In addition, the
structure and function of p57XiP? protein are briefly described and correlated to human physiology
and diseases.

Keywords: p57XiP2; CDKN1C; epigenetics; disease; cell differentiation

1. Introduction

A well-orchestrated sequence of events allows the transition between the various phases of
cell division cycle and the precise control of a perfect execution and accomplishment of each phase.
Central actors in this process are heterodimers formed by cyclin/cyclin-dependent kinase complexes
(CDK) whose activity is strictly regulated by a number of factors, including their amount, localization,
and post-synthetic modifications (mainly phosphorylations). A further important modulation is due to
the interaction with additional inhibitory proteins resulting in the formation of heterotrimers, generally
lacking the kinase activity. These proteins are defined CDK inhibitors (CKI) or, alternatively, CDK
regulator. One family of CKI, established on the basis of sequence homology and specificity of action,
is named CIP/Kip and includes three members, namely p21CP1/WAFL 1,07Kipl and p575iP2. Dye to
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their broad inhibitory effect on cyclin-CDK complexes, CIP/Kip members have been mainly considered
as antiproliferative proteins and their encoding genes as potential tumor suppressor genes. However,
strong emerging pieces of evidence have demonstrated that the activities of CIP/Kip members are well
beyond that of modulators of cell division [1]. Indeed, in function of their localization and interactors,
CIP/Kip members might regulate a plethora of events including cell differentiation, cell movement,
apoptosis, autophagy and all the major steps of carcinogenesis [1]. In addition, the tissue-specific
functions of p57XiP2 cannot be substituted by other CIP/Kip family members, suggesting that each of
them has peculiar roles in cell physiology.

In this brief review, we provide an appraisal of the published data on the p57XiP? protein, that
represents the least studied member within the CIP/Kip family. Our attention will be mainly focused
on the regulation of CDKNIC (the p57XiP?2 encoding gene) expression and its relevance in human
diseases, including overgrowth and undergrowth syndromes.

1.1. p575i2 Protein

Human CDKNIC encodes a 316-amino-acid protein that migrates at 57 kDa by SDS-PAGE
electrophoresis, hence the name p57KiP2. p57KiP2 g the last identified member of the CIP/Kip family
of the cyclin-dependent kinase inhibitors, also including p21€iP1/WAFL and p27KiPl [2,3]. The CIP/Kip
proteins share structural similarity mainly related to the common activity of cell cycle regulators.
The most characterized Cyclin/CDK inhibitory activity relies on two common features: a CDK
binding/inhibitory domain (KID) located at the amino-term and the nuclear localization signal
(NLS) at the carboxy terminal of the protein [4]. The KID includes three short peculiar motifs:
a cyclin-binding domain, a CDK-binding site and a 3;y helix that, due to a specific pair of amino
acids (phenylalanine-tyrosine), is able to mimic the adenine component of ATP, therefore blocking the
catalytic site of CDKs [5]. Similarly to other CIP/Kip members, KID is necessary and sulfficient to bind
and inhibit CDK activity. Specifically, it has been reported that p57XiP? inhibits the kinase activity of
cyclin-CDK complexes in vitro, including cyclin E (A)/CDK2 and cyclin D1,2/CDK4 [2,3,6]. Besides
CDKs, several other proteins have been reported to interact with the p57¥iP2 amino-terminal domain.
Particularly, known interactors of p57XiP? at its N-terminal domain are the basic helix-loop-helix
transcription factors, such as MyoD, Mash1, NeuroD, and Nex/Math2 [6-8]. Furthermore, pS7Kil[’2
interacts, both in vivo and in vitro, with the transcription factor B-Myb, which plays an important role
during early embryonic development. Particularly, B-Myb competes with cyclin A2 for binding to
p57Kip2, thus determining the release of active cyclin/CDK2 [9].

The carboxy-terminal region of p57Kip2 contains a QT box domain, rich in glutamine and
threonine residues, which is homologous to the corresponding QT domain of 1:)27Kilf’1 and can be
responsible for further interactions of the protein. It has been reported that the QT box directly binds to
c-Jun NH2-terminal kinase/stress-activated protein kinase, determining its inhibition [10,11]. In the QT
domain, a consensus sequence for a putative nuclear localization signal (NLS) has been identified [2,3].
Proceeding towards the C-terminal, p575iP2 presents, in homology with p21¢PT/WAFL 3 binding
domain for the proliferating cell nuclear antigen (PCNA), a cofactor of DNA polymerase delta. Thus,
it is able to bind and inhibit PCNA, even though with much lower affinity than p21¢P1/WAFL [12],

Whereas the p57XiP? amino- and carboxy-terminal domains are similar in sequence in mammals,
the internal domain, consisting of proline/alanine-rich motifs, results as a peculiarity of human
p57XiP2; the PAPA region, a sort of hinge between the N- and the C-end of the protein. It is absent in
p21CIPL/WAFL and p27KiP and is responsible for the difference between the sequence-derived molecular
weight and the SDS-PAGE observed molecular weight. The PAPA region is scarcely conserved in mouse
and rat, where it is substituted by a proline-rich region followed by an acidic repeat in which glutamic
or aspartic acid occur every four amino acids [3]. However, the functional meaning of the PAPA region
is still unknown, even though some authors retain that it is important for protein interactions.

A peculiar characteristic of p57XiP2 protein is a limited degree of stable secondary and tertiary
structures under physiological conditions. Specifically, the protein belongs to the so-called intrinsically
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unstructured proteins (IUPs), which can adopt different conformations upon binding to distinct and
specific interactors. This property is shared with its siblings p21CiP1/WAFL and p27KiPl and with
numerous proteins involved in the control of cell proliferation. As a matter of fact, more than 70%
of human cancer-associated proteins are IUPs. This conformational flexibility allows a considerable
versatility in terms of biomolecular interactors, expanding the range of their functions and, in turn,
their involvement in numerous cellular processes [1]. On the other hand, post-synthetic changes of
an IUP, like (but not only) phosphorylations, might play a fundamental role in guiding the protein
towards specific interactions and specific functions. So far, only few phosphorylation sites have been
identified in human p57XiP? protein, such as threonine 310 (T310). Particularly, T310 phosphorylation
has been suggested as being important for human protein degradation [1] and level control. Specifically,
in analogy with p27XiP! threonine 187 phosphorylation [13], the phosphorylation on T310 determines
a phosphodegron which functions as a recognition site for the substrate recognition subunit (S-phase
kinase-associated protein 2, Skp2) of the E3 ubiquitin ligase SCF complex (Skp1/Cull/F-box protein).
The Skp2-SCF complex guides target proteins to proteasomal degradation in a cell cycle-dependent
manner (from late G1 to early M phase) and its activity appears strongly deregulated in human
cancers [12]. Furthermore, besides the Skp2-SCF complex, the activity of the SCF-FBL12 complex,
whose substrate recognition subunit (FBL12) is different from Skp2, has been reported to be involved
in TGFB1-induced p57XiP? ubiquitin-dependent proteasomal degradation in osteoblast cells [14].

1.2. p57K2 in Embryonic and Adult Tissues

p57KiP2, unlike the other two CKIs, shows a fine-tuned temporal and spatial expression from
embryogenesis up to the adult life. p27¥iP! and p57XiP? are widely expressed during embryogenesis.
p27Kilol is more abundant in ovary, testis, thymus, spleen and developing retina, instead, p57Kiloz is
mostly localized in cartilage, skeletal muscle, palate, pancreas, and intestine. Interestingly, the CKIs
show a complementary expression pattern in several embryonic areas. Indeed, in the adrenal gland,
p27XiP is only expressed in the medulla, while p57XiP? is exclusively found in the cortex [2,3,15,16].
In contrast, p21¢P1/WAF g highly expressed in terminally differentiated cells of adult tissues rather
than in embryonic cells [17,18], except for the embryonic carcass where there is an extensive muscle
differentiation [18-20].

In adult tissues, p21CPT/WAFL and p27KiPT are widely expressed, whereas p57XiP? is detectable only
in a restricted subset of mouse and human tissues/organs, such as placenta, fat, kidney, ovary, adrenal
gland, endometrium, lung, prostate, brain, kidney, pancreas, testis, heart and skeletal muscle [2,3,16].
In most tissues, p57XiP? is expressed at a low level. This may reflect the heterogeneity of some of
these tissues where only certain cell types express the protein. The highest expression level is found
in human placenta, particularly in the villus section of placenta, together with other genes involved
in growth and tissue remodeling, like IGF2 and GPC3 [21]. In mice, during placental development,
p574P2 is expressed in giant trophoblast cells. Therefore, p57XiP2 has been postulated to be involved
in the allocation of maternal nutrients through the placenta [22,23]. Since human placenta lacks a
cell type equivalent to the giant trophoblast cell, the function of p57XiP? in human placenta might be
different and further investigations appear necessary [24].

p575iP? Jevel declines, in most organs, before birth, whereas p27XiP! expression persists after
birth and throughout adult life, suggesting that 1;)57101[’2 is important during early organogenesis [15].
The crucial role of p57XiP? in embryogenesis is corroborated by the finding that CDKN1C knockout
mice (p57X0) die after birth with only less than 10% of the mutant mice surviving until weaning.
p575C mice show severe defects such as macroglossia, cleft palate, omphalocele and gastrointestinal
abnormalities, skeletal muscle and endochondral ossification defects, adrenocortical hyperplasia, lens
cell hyperproliferation and apoptosis [25,26]. pS7KO mice also present several placental abnormalities,
including trophoblastic dysplasia [27,28]. Conversely, p21X© mice develop normally [29,30] and
p27X0C mice do not present gross developmental defects, even though the protein is expressed during
embryogenesis and it is required for development. However, p27X© mice display organ hyperplasia
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and tumorigenesis, consistent with the expected function of inhibitor of cell proliferation [31-33].
The importance of a proper control of p57XiP2 dosage is also evident in mice that express a twofold
level of p57XiP2. They show an increase of embryonic lethality and a decreased body size [25,28].
Furthermore, the replacement of Cdknlc with Cdkn1b (p57XCp27KT) cannot completely compensate for
the specific role of p57XiP2. In general, p27XiP1knock-in corrected many of the abnormalities observed
in p57XC mice, except for omphalocele, dysplasia of placenta and renal papilla [34]. This evidence
supported the opinion that most of the functions performed by both p27XiP! and p57XiP? proteins
during development are attributable to the CKI role through their conserved N-terminal KID domain.
Thus, the phenotypic differences noticed in p27X© and p575C mice most probably reflect both their
different spatiotemporal expression patterns and the diverse cellular behavior towards an incomplete
cell cycle inhibition [34]. However, it is also possible that the C-terminus domain of both CKIs plays
similar functions or affects superimposable pathways. In addition, it should be taken into consideration
that p57XOp27KI mice express non-physiological levels of p27XiP1.

In adult tissues, all the three CIP/Kip proteins are specifically expressed in terminally
differentiated cells, but, of great interest, also in certain undifferentiated quiescent stem cells, probably
because of their CKI activity. The finding that most p57X® mice die soon after birth represented an
obstacle for the characterization of p57¥iP? function in adult tissues. This issue has been overcome by
the generation of conditional KO mice. So far, the tissue-specific deletion of CdknIc has been performed
only in adult hematopoietic stem cells (HSCs) and in neural stem cells (NSCs), evidencing the pivotal
role of p57XiP? in the quiescence and maintenance of adult stem cells [35,36].

Among hematopoietic cell populations, p57XiP? is the only CKI to be prevalent in a pool of cells
with long-term repopulating capability [37] and hematopoietic-specific ablation of p57XiP? in adult mice
determines a clear depletion of the HSC population [35]. On the contrary, p21©iPT/WAF! seems to be
mainly important in regulating HSC cell cycle during stress condition when DNA is damaged [38,39];
instead, })27101[’1 has limited activities, but becomes more effective in later committed progenitors [38].
In vitro experiments partially confirmed the in vivo observations. High p57XiP2 mRNA and protein
expression have been reported in the HSC side population, especially in c-kit(+)/Sca-1(+)/Lineage-SP
cells and p57X1P2 has been designated as responsible for the cell cycle blockage since its downregulation
is required for S phase entry [37,40]. Moreover, RNA-sequencing analysis of HSC populations derived
from a mouse model with a lacZ knock-in at MdsI and Evil complex locus, which eliminates the
ME domain, has revealed the silencing of p57XiP? expression and it is correlated with the reduction
in the number of HSCs and a complete loss of long-term repopulation capacity [41]. Similar pieces
of evidence have been obtained later by analyzing CKIs activities in NSCs. p21¥© and p27X©
show an increased proliferation of intermediate progenitor cells rather than of NSCs in the dentate
gyrus of the hippocampus, where the two CKIs are barely expressed [42,43]. In contrast, p57XiP? is
abundant in NSCs and its expression decreases when these cells become committed and proliferative.
Conditional deletion of p57XiP? resulted initially in a transient recruitment of NSCs into the cell

mice

cycle, thus activating neurogenesis in brain of both young and aged mice, and later in an excessive
depletion of the quiescent NSC population and impairment of hippocampal neurogenesis [36]. The new
“disposable stem cell model” proposed recently by Encinas, might explain this phenomenon. During
youth, the generation of new neurons is abundant in brain and progressively decreases with age.
NSCs, upon activation, asymmetrically divide for limited rounds and then terminally differentiate into
astrocytes, thus, dramatically reducing the pool of NSCs [44].

In vitro experiments reveal a dual role of p57XiP2; one is related to the division capability of
adult stem cells and the other one to differentiation. Indeed, p57XiP2 mRNA and protein have been
reported to be increased during differentiation of cerebral cortical precursor [45], oligodendrocytes [46],
keratinocytes [47,48], podocytes [49] and skeletal myoblasts [50-52]. Skeletal muscle has a certain
regenerative potential, given the presence of the satellite cells, which are muscle progenitor cells
that become activated following muscle injury, thus progressing through self-renewal, proliferation,
differentiation, and fusion with pre-existing mature muscle fibers to replenish the lost muscle tissue [53].
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In skeletal muscle cells, p57KiP2 participates in the balancing of progenitor cell maintenance with muscle
differentiation [54]. Indeed, Cdknlc is upregulated in murine Gy muscle satellite cells, and its inhibition
is needed for satellite cell proliferation [55,56].

Data supporting a possible functional repair of the cardiac tissue have been accumulated over
the last decades [57]. Indeed, this hypothesis relies also on the presence of cardiac progenitor cells,
named cardiac stem cells (CSCs). The block of cell cycle progression in murine c-kit+ CSCs is due
to a complex signaling which involves also the upregulation of Cdknlc [58]. Moreover, experimental
evidence in mice demonstrated that cell cycle withdrawal in neonatal cardiomyocytes is associated
with an increased expression of p57KiP2, p21CIP1/WAFL and po7KiPl and that in adult cardiomyocytes,
silencing CDK inhibitors, including p57¥iP2, induces cell cycle re-entry [59-61]. In addition, studies in
transgenic mouse reported a cardioprotective effect of ventricular-specific overexpression of p57XiP2
with no side-effects on heart development [62]. Interestingly, also studies on zebrafish demonstrated
that the repression of p57XiP2 expression promotes heart regeneration [63].

Importantly, several pathways have been reported to modulate the expression of p57XiP2 [64].
TGFB/Smad signaling upregulates p57¥iP?2 expression in HSCs, mediating the maintenance of
hematopoietic stem cells [65], while it has been reported to induce pS7Kipz degradation in
osteoblasts [14]. On the contrary, Wnt/3-catenin and Notch/Hes pathways are reported to reduce
p57XiP2 expression in several cell types. For example, in midbrain dopaminergic neurons, Wntl
downregulates p57XiP2 [66], in lens epithelium [67] and in pancreas [68] Notch effectors suppress
p57XiP2 expression. However, the general picture is complex and difficult to understand due to the
cross-talk and overlapping of different signal pathways.

1.3. CDKN1C Mapping and Structure

CDKNI1C is localized, in humans, at the 11p15.5 locus and includes four exons and three introns
(Figure 1). CDKNIC alternative splicing results in the formation of three mature mRNAs that have the
same open reading frame, but different untranslated regions [69,70]. Human 11p15.5 locus contains
numerous genes subjected to an imprinting modulation (Figure 1).
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Figure 1. Structure of human 11p15.5 locus, CDKN1C gene, p575¥iP2 mRNA and p57XiP2 protein. Panel
(A) The panel shows the structure of the 11p15.5 locus with details of the KCNQ1 exon organization
(in blue boxes). KCNQ1OT1 gene is included in the KCNQ1 gene and transcribed in a different direction.
The ICR2 region is shown in orange; Panel (B) The figure shows the structure of CDKNI1C gene and
p57KiP2 mRNA. In addition, at the bottom of the figure, it is represented the domain organization of
p575iP2 protein and the sequence of the KID (kinase inhibitory domain).

Importantly, the homolog region in mouse (i.e., the distal region of chromosome 7) shows an
equal cluster of linked genes, arguing for the significance of their coordinate regulation and for the
presence of maintained regulatory mechanisms [71,72].

The human 11p15.5 gene cluster might be divided into two distinct domains, both presenting
a specific “in cis” acting ICR (Imprinted Control Region). The centromeric domain of the cluster is
800 kb long and is controlled by ICR2. The domain includes, in addition to CDKN1C, KCNQ1 (KvLQT1
or potassium voltage-gated channel, KQT-like subfamily member 1), KCNQIOT1 (also known as LIT1,
KCNQ1-overlapping transcript 1 or long QT intronic transcript 1), PHLDA?2 (Pleckstrin homology-like
domain family A member 2) and SLC22A18 (Solute carrier family 22 member 18).

Structurally, ICR2 maps inside KCNQ1 intron 10 and is methylated on the maternal chromosome;
it encompasses the promoter for the non-coding RNA Kcnqlotl (antisense to KCNQ1) (Figure 1) [73].

ICR1 is telomeric and regulates the imprinting of H19 (a gene for a long noncoding RNA) and
IGF2 (encoding for insulin-like growth factor 2) by restricting the access to the enhancers (i.e., ICR1 is a
chromatin insulator) [74]. Interestingly several of these genes have distinct imprinting. Indeed, IGF2
is paternally expressed, H19 is maternally transcribed, and CDKN1C is maternally expressed, even
though a weak expression of the paternal allele has been demonstrated in some human tissues [75].

Two main promoter elements have been identified in mouse Cdkn1c that are similar in humans.
First, a proximal promoter element (—165 to +15 from the transcriptional start site) contains several
consensus sequences for Egrl and Sp1 [52,76]. Intriguingly, both transcription factors are ubiquitously
expressed and have been reported to regulate other members of the CIP/Kip family of CDK
inhibitors [77,78]. Furthermore, a binding site for GATA2, a transcription factor playing a pivotal role
in hematopoiesis, particularly in early and late stages of erythropoiesis, and in the TGF-p-response
has also been described [79]. Finally, this promoter region also contains recognition sequences for the
transcriptional repressors CTIP2/Bcl11b, implicated in the developmental process and carcinogenesis,
and the T-box transcription factor TBX3, which is involved in the tissue patterning and differentiation
during embryonic development and is up-regulated in a plethora of cancers [80]. Importantly,
the accessibility of the reported transcriptional modulators to the CDKNIC promoter is strongly
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influenced by the high presence of CpG islands, located upstream and downstream of the transcription
start site, responsible for genomic imprinting and epigenetic gene silencing. This is achieved by CpG
dinucleotide methylation and/or through chromatin remodeling by histone covalent modifications
(histones H3 and H4 methylation and acetylation) [81]. More distal promoters have also been identified.
They embrace E-boxes or E-box-like motifs for the interaction with basic-HLH proteins, including
activators, like TCF4/E2-2 [82], E47 [83], Smadl/Atf2 complex [84], repressors, as Hesl (a Notch
effector) that, in intestinal crypt progenitor cells, inhibits Cdkn1c transcription by binding to a site
located at —3300 [85], or Hes-related repressor protein Herp2 that acts as transcriptional repressor of
CDKN1C in proliferating lens epithelial cells [67]. Furthermore, a glucocorticoid response element is
located 5076 to 5062 bases upstream of the transcription start site of the human CDKN1C gene and is
responsible for the glucocorticoid inducibility of the CDKN1C gene [86], thus explaining, at least in
part, the antiproliferative effect of dexamethasone in human tumor cells such as Hela cell line [87].

In mouse, additional key elements of CdknIc transcription are located distantly from the gene.
As a matter of facts, enhancers for its expression lie more than 25 kb downstream of the gene.
Experiments with artificial chromosome also suggest the existence of enhancer(s) located very distantly
from CDKNIC [88]. Accordingly, in humans, it has been suggested the presence of numerous CDKN1C
enhancer elements localized in a region between 255-387 kb [89].

2. Control of CDKN1C Transcription

CDKNIC lies in humans and mice in a very complicated cluster of imprinted genes, controlled
through superimposed cis-acting mechanisms. Genomic imprinting is an epigenetic process that
results in parent-of-origin specific allelic expression [90]. A relatively small subset of genes within the
mammalian genome (0.4%) is imprinted [91,92] showing a mono-allelic expression either in specific
phenotypes of the whole organism or in peculiar tissues that favors the maternal (e.g., CDKNIC and
UBE3A) or the paternal allele (e.g., DLKI and NNAT) [93]. Imprinted expression is initially determined
by differential DNA methylation that is established in the germline [94].

Regarding CDKN1C, its transcription is regulated by the imprinting center KvDMR1 that acquires
DNA methylation in the maternal germline [69,95,96]. This differentially methylated region spans
the promoter of the paternally expressed long non-coding RNA Kenqlotl required for continuous
domain-wide imprinting. The CDKNI1C promoter and gene body are also directly methylated on the
paternal allele post-fertilization, after allelic silencing has been established [97].

Besides cis-acting mechanisms responsible for the imprinted silencing of the paternal allele
(briefly summarized in the previous paragraph), trans-acting mechanisms participate in the epigenetic
modulation of CDKN1C gene expression [98]. Indeed, a complex interplay among DNA methylation
and post-translational modifications of histones contributes to the chromatin dynamics at the promoter
and in CDKN1C gene body.

2.1. DNA CpG Island Methylation

CDKNIC gene is included in a CpG island extended about —600 bp from the transcriptional
start site up into the gene body. This CpG island presents, in mice but not in humans, a differential
methylation between the two inherited alleles, being the paternal one hypermethylated and the
maternal one hypomethylated. This methylation pattern seems to be acquired successively to the
ICR2-dependent DNA-modifications and is involved in the maintenance and reinforcement of the
imprinted repression of the paternal allele. Several regulators have been involved in this process. One
of them is Lsh (lymphoid-specific helicase) a protein belonging to the family of SNF2 /helicases that
act as chromatin remodeler and regulate DNA methylation. Lsh directly binds to CDKN1C promoter
and allows the maintenance of hypermethylation of the paternal allele [99].

Complete biallelic hypermethylation occurs in human tumors and tumor cell lines [100,101],
as well as in some undifferentiated tissues and cell types such as skeletal myoblasts. In this cell model,
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the activation of the transcription factor MyoD drives DNA demethylation on the maternal allele,
therefore allowing the Myo-D-dependent expression of p57<iP2 [102].

Most interesting is also the role played by different members of the DNA methyltransferase
(DNMT) family, the enzymes catalyzing the transfer of methyl groups to cytosines. Results from
genetic ablation studies support the notion that not only DNMT1, mostly in charge of maintaining
the methylation pattern of CpG islands during DNA replication, but also DNMT3a which is generally
involved (together with DNMT3b) in de novo methylation of most imprinting control regions in
the germline, are involved in CDKN1C promoter methylation. As matter of fact, both DNMT1 [56,103],
and DNMT3a [56] have been found associated with CDKN1C promoter. Consistently with the
importance of DNA methylation not only in paternal allele imprinting but also in p57X¥P2 expression
modulation in specific cellular and cell cycle phase contexts, treatment of many human tumor cell
lines with demethylating agents such as 5-azacytidine and 5-aza-2'-deoxycytidine results generally in
p57KiP2 expression activation [102,104].

2.2. Histone Marks

Histone modifications represent fundamental factors involved in chromatin plasticity, controlling
gene promoter accessibility and gene expression activation [105,106].

Acetylation and methylation of core histone tails, in addition to DNA methylation, are key
mechanisms for regulating CDKN1C transcription. Accordingly, the level of H3 and H4 acetylation
directly correlates with the gene expression and, in turn, with several phenotypes including
differentiation and carcinogenesis.

Specifically, a decrease of H3 lysine 4 dimethylation and histone H3 lysine 9 and 14 acetylation
is observed on the paternal allele respect to the maternal one, facilitating its inactivation [107,108].
On the other hand, histone acetylation results to be increased on the paternal locus at the level of
KvDMR], following the expression of the long non-coding RNA and the corresponding CDKN1C
inactivation [81].

Under various conditions, a direct correlation between CDKNIC expression and H3K9/K14
acetylation has been demonstrated. For example, cancer cells with low (or absent) p57XiP2
present histone hypoacetylation and, vice versa, tumors with a high level of the CKI show
hyperacetylation [109,110]. These findings are confirmed by the re-expression of p57XiP? after histone
deacetylase (HDAC) inhibitor treatment [76]. Mechanistically, these changes involve the binding of
HDACs, mostly HDAC1 and HDAC2, to the CDKNI1C promoter region. We must underline that
HDACT is highly expressed in many cancers including gastric [111], colorectal [112], hepatic [113],
breast [114], and pancreatic cancer [115]. HDAC2 has been found mutated in colon cancer [116] and is
overexpressed in esophageal [117], prostate [118], and gastrointestinal carcinomas [119].

An additional recognized histone epigenetic mark includes a lysine trimethylation, specifically
H3K27me3 (trimethylation of lysine 27 of histone H3). Such a modification, also responsible for the
paternal allele exclusion, is involved in the maturation of glial cells [120].

This histone trimethylation mark is due to the Polycomb repressive complex 2 (PRC2).
The increase of H3K27me3 reduces CDKNIC expression, while its decrease, due to a reduction
in the levels or activity of EZH, a specific promoter-binding PRC2 subunit, up-regulates gene
transcription [121].

Di- and trimethylation of lysine 9 of the histone H3, an additional histone modification, also
appears to control the expression of KvDMRI on the maternal locus, while it is not present on the
paternal allele, in accord with the imprinted silencing of the paternally-derived allele [107,108].

In the same context, it is important to stress the role of histone modifications in MyoD control of
CDKNIC expression. As matter of fact, an altered accumulation of H3K9me2 on the maternal KvDMR1
allele results in the lack of response to MyoD in that it reduces the accessibility of the transcription
factor to the DNA [102].
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In brief, the regulation of KvDMRI1 due to epigenetic factors (methylation of DNA,
acetylation/methylation of histones) appears a key mechanism in the control of CDKNIC expression.
The last several years have identified the existence of a strict crosstalk between all the epigenetic
modifications, including the binding of modifying enzymes to the specific sites of action. In this
complex interplay, an important role for non-coding RNAs has emerged.

2.3. LncRNA Involvement in Epigenetic Regulation

As for many genes playing fundamental roles in development, CDKNIC gene expression is
controlled by IncRNAs, which act in strict crosstalk with signal pathway-induced transcription
factors and chromatin modifiers, accounting for spatial- and temporal-specific gene activation during
development or cell commitment and differentiation in adult life. Specifically, the macro IncRNA
Kenglotl, first discovered both in humans and mice as a KvDMR1-associated RNA, has emerged as a
critical regulator of the chromatin status of the gene, at least in relation to the imprinting control [122].
KCNQ1 and KCNQI1OT1 share a region of overlapping DNA and are transcribed in opposite directions.
KCNQ1 encodes the potassium voltage-gated channel subfamily Q member 1, a protein required for the
repolarization phase of the cardiac action potential. Differently from KCNQI that allows the synthesis
of a protein, KCNQ1OT1 codifies a long-noncoding RNA that regulates the expression of several genes.
Its promoter is normally hypermethylated in the maternal allele, thus hampering its expression. On the
contrary, the paternal allele is normally transcribed, being hypomethylated [72,123]. When expressed,
the long non-coding RNA remains in the nucleus where it is able to act on its own chromosome
(i.e., it acts on chromatin in cis). Mechanistically, it is able to interact with histone methyltransferase
complexes (like G9a, Suz12, and Ezh2) causing the enrichment of repressive histone modifications.
This activity results in the epigenetic inactivation of paternally inherited CDKNIC [124]. Kenqlotl
is also able to bind DNMT1, allowing the hypermethylation of CDKNIC promoter and therefore
implementing the repression of gene expression [103].

Additional long non-coding RNAs, like Tugl (taurine upregulated gene 1) [125], Linc00668 [126]
and HEIH-coding RNA [127] have been reported to modulate CDKN1C expression. Tugl is a long
non-coding RNA mostly occurring in the retina and in the brain. It has been proposed to control cell
growth by epigenetically down-regulating CDKNIC. In addition, Tugl seems to predict a negative
prognosis in gastric cancer [125]. These data indicate that IncRNAs regulate p57iP? at the cellular
level probably acting in a phenotype-specific manner.

3. CDKNI1C Expression and Human Diseases

Genetic and epigenetic disorders in the imprinted region 11p15 and CDKN1C mutations can lead
to embryonic abnormalities, such as those occurring in Beckwith-Wiedmann syndrome (BWS; OMIM
130650), IMAGe syndrome (OMIM 614732) and Russell-Silver syndrome (RSS-OMIM 180860) and
acquired diseases such as cancer.

3.1. Human Developmental Disorders

BWS, IMAGe syndrome and RSS are genetic diseases with different features, belonging to
the group of congenital imprinting disorders. BWS has a prevalence of 1-5:10,000 live births
and is characterized by overgrowth, tumor predisposition, abdominal wall defects and congenital
malformations such as macroglossia, hemihyperplasia, hyperinsulinaemic hypoglycemia, ear
anomalies, nephrologic and capillary malformations and organomegaly [128]. Epigenetic and genetic
alterations in the imprinting cluster on chromosome 11p15.5 are responsible for up to 80% of BWS cases.

They include epigenetic alterations such as methylation defects, specifically loss of methylation
at IC2 regulatory region (IC2-LoM) and gain of methylation at IC1 (IC1-GoM), as well as genetic
alterations including uniparental paternal disomy of the 11p15.5 locus (UPD), followed by a lower
percentage of cases with microdeletion/duplications or point mutations involving either one of the
two ICRs responsible for the locus imprinting region [129-131]. Of interest, in BWS patients without

40



Int. ]. Mol. Sci. 2018, 19, 1055

methylation defects, CDKN1C gene mutations are frequently noticed [132], reaching the 50-70%
in familial BWS cases. Although with a lower occurrence, CDKN1C mutations are also reported
in sporadic BWS cases and they have been identified as the causative genetic alterations [128,133].
Missense /nonsense mutations are reported along the entire sequence of the gene, leading to increased
proliferation and risk of cancer [134,135]. Interestingly, these (epi) genotypes have been associated
with specific phenotypes which discriminate mainly between overgrowth in pre- or postnatal age

(Figure 2) [129].

HEREDITARY SYNDROME

BECKWITH-WIEDEMANN

(Epi)genotype  Phenotype
IC1-GoM Macrosomia at birth
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Renal and
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IC2- LoM Premature birth
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UPD
CDKN1C

Hemihyperplasia

Premature birth
Post-natal overgrowth
Nevus Flammeus

CANCER
BLADDER CANCER

CDKN1C Promoter GoM
KwDMR1 Decreased DNA Methylation
KwDMR1Decreased Histone Methylation

BREAST CANCER
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IMAGe SYNDROME

CDKN1C GENE
ALTERATIONS

Genotype Phenotype

Intrauterine
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Metaphyseal
Dysplasia
Congenital

Adrenal Hypoplasia
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CDKN1C

RUSSEL-SILVER SYNDROME

Phenotype

Genotype

Intrauterine
Growth retardation
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growth

Skeletal
Abnormalities
Minor
Malformations

IC1-LoM
CDKN1C

CDKN1C Promoter GoM
Promoter Increased Histone Methylation
KwDMR1 Increased Histone Methylation

COLORECTAL CANCER

I CDKN1C Promoter GoM I

ESOPHAGEAL CANCER

KwDMR1 Decreased DNA Methylation
KwDMR1Decreased Histone Methylation

GASTRICCANCER

CDKN1C Promoter GoM
CDKN1C Promoter Histone Acetylation
KwDMR1 Decreased DNA Methylation

HEPATOCARCINOMA

CDKN1C Promoter GoM
KwDMR1 Decreased DNA Methylation

LEUKEMIA AND LYMPHOMA

CDKN1C Promoter GoM
CDKN1C Decreased Histone Acetylation

LUNG CANCER

CDKN1C Promoter GoM |

PANCREATIC CANCER

CDKN1C Promoter GoM |

Figure 2. CDKNIC gene alterations in hereditary syndromes and human cancers. The figure reports on
the left the Syndromes in which the CDKNIC gene is altered with the description of genotype alterations
and main phenotypic features. On the right are reported the cancers showing CDKNIC genetic
changes. IC1, ICR1 region; IC2, ICR2 region; GoM, gain of methylation; LoM, loss of methylation;

UPD, Uniparental disomy.

Opposite to BWS, IMAGe (Intrauterine growth retardation, Metaphyseal dysplasia, congenital
Adrenal hypoplasia, and Genital anomalies) syndrome is a rare condition (www.orpha.net) in which a
cluster of CDKN1C missense mutations in the PCNA binding domain, result in growth inhibition) [136].
Interestingly, BWS and IMAGe, are characterized by loss of function and gain of function mutations of

CDKNI1C, respectively [136,137].
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Imprinting alterations in the 11p15 region are also described in RSS, a disease (prevalence of
1-30:100,000 live birth) characterized by intrauterine growth retardation, very limited postnatal growth,
skeletal abnormalities such as peculiar craniofacial characteristics and body asymmetry, and several
minor malformations. Moreover, in RSS is also reported a maternal duplication in this region [138,139]
and methylation alterations of imprinted genes on chromosome 7 [140]. Moreover, in one case of RSS a
CDKN1C mutation affecting the PCNA binding domain has been found [141].

3.2. Human Cancers

Gene encoding cyclin-dependent inhibitors are frequently altered in human tumors. Among
them, INK4 family represents the most clear paradigm [142,143]. The discovery of the involvement of
p57X1P2 in BWS and in some human tumors suggests that p57<iP2, like p27XiP!, might also have a role
in the process of carcinogenesis (Figure 2) [144]. Based on the roles played by the protein in the nuclear
compartment, currently, it is considered a tumor suppressor; however, differently from p27KilD1 [143],
somatic mutations have been rarely reported in tumors [145,146], underlining the importance of p57XiP2
expression control as the main cause of its altered levels in cancer. Particularly, a downregulation
of CDKNIC is generally reported in cancer including gastric [147] and urothelial cancer [148,149],
pancreatic adenocarcinomas [150], adrenocortical [151], lung [152], and breast cancer [153] as well
as several leukemias [154]. Moreover, many authors have attributed to the p57XiP? levels a value of
prognostic marker since a decrease of its expression has been correlated to a poor prognosis [153,155]
As described above, different epigenetic and genetic mechanisms can modulate the expression of
CDKNI1C. Essentially, loss of imprinting, DNA methylation and post-translational modifications of
histones in the promoter region as well microRNAs downregulate CDKN1C in human cancers. Among
them, the main cause of reduction of p57XiP? in cancers is generally the increased methylation of the
large CpG islands localized in the CDKNIC promoter [81,150,153,156]. Particularly, the promoter
methylation of CDKNIC has been found critical in hematological malignancies such as acute
lymphoblastic leukemia [157,158] and large B cell lymphoma [104]. Recently, Zohny and colleagues
have proposed as diagnostic markers of breast cancer the expression levels of p21€P1/Wafl and p57Kip2
combined with the promoter methylation of CDKNIC, since they found a silenced expression of
the two CKIs and a hypermethylation of CDKNI1C promoter in more than 50% of the breast cancer
specimens analyzed, together with no hypermethylation at promoter of p21¢"1/Wafl_coding gene [159].
Moreover, several miRNAs have been reported to control p57XiP2 mRNA levels. miR21 downregulates
CDKN1C in prostate cancer [160], miR25 in gastric cancer and glioma [161,162] and miR92b in brain
tumors [163]. Furthermore, miR221/222 are reported to reduce p57XiP2 and p27XiP! expression in
hepatocarcinoma [164], in glioblastoma [165], in oral cancer [166], in colorectal cancer [167] and B-cell
malignancies EBV-associated [168] Experimental data confirmed, at least in ovarian cancers, the specific
action of miR-221/222 on CDKNIC [169]. A further putative mechanism at the basis of CDKNIC
down-regulation might be related to an increased rate of protein degradation, mainly due to the Skp2
overexpression, as frequently observed in human cancers. However, the relevance of Skp2-dependent
degradation of p57XiP2 in carcinogenesis is still debated.

3.3. Other CDKN1C-Related Human Diseases

Gestational diseases, such as pre-eclampsia and intra-uterine growth restriction (IUGR), are also
associated with altered p57XiP? expression. Pre-eclampsia and TUGR are associated respectively with
downregulation [170] and upregulation [171] of CDKN1C, underlining that a correct control of gene
transcription is required for the proper development and progression of the pregnancy. p57XiP?,
as reported above, is abundantly expressed in placental tissues, and, therefore, its dysregulated
expression, in humans, is associated with placental mesenchymal and vascular proliferative
disorders, such as placental mesenchymal dysplasia (PMD), and complete and partial hydatidiform
moles [172,173].
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Importantly, placentomegaly due to abnormal proliferation of extravillous trophoblasts,
and accumulation of intervillous fibrinoid can be observed also in BWS syndrome [172,174].

PMD is a rare condition (0.02% pregnancies) associated with different fetal outcomes, ranging
from structurally normal fetus/newborn (in most cases) to fetal and neonatal abnormalities, including
those present in BWS, and mortality [175]. Indeed, PMD and BWS are associated in one-third of cases
and paternal uniparental disomy at IGF2 and CDKN1C locus has been proposed as the genetic link
between them [176-178].

The identification of p5 as an important player in these placental diseases has led to the
development of diagnostic procedures based on immunohistochemistry using anti-p57XiP? antibodies
and histological analysis for the characterization of hydatidiform moles and PMD, and their differential
diagnosis [179-181].

Although some human diseases may represent very different clinical entities, some common
pathways may be identified in their etiopathogenesis. This could be the case for cancer, metabolic
diseases and related cardiovascular disease [182-184]. Indeed, p57XiP2, among others, may provide a
similar origin for neoplastic proliferation and metabolic disorders. p57X1P? is specifically expressed in
the endocrine portion of the pancreas and particularly in (3-cells where it is paternally imprinted [185].
In focal hyperinsulinism of infancy, a syndrome characterized by hyperinsulinemic hypoglycemia,
p575iP2 is not expressed within the focal adenomatous hyperplastic lesions. This missing expression is
caused by somatic loss of heterozygosity and associated with increased proliferation of 3-cells [185].
On this basis, p57XiP? negative human pancreatic islets restored proper glucose control when
transplanted into hyperglycemic, immunodeficient mice [186]. Interestingly, a gain-of-function mutant
of p57KiP2 is associated with early-adulthood-onset diabetes, in addition to intrauterine growth
restriction and short stature [187]. Not only glucose metabolism but also lipid metabolism could
be affected by the genetic dosage of CDKNIC. In fact, a double dose of Cdknlc promoted the brown
adipose tissue development in a mouse model of the RSS [188]. Conversely, a loss-of-function mutation
of p57KiP2, in the same model, hindered completely the formation of brown adipocytes [188].

The expression of p57XiP2 may also change according to genetic variations that do not pertain
to CDKNIC, the p57XiP2-coding gene but are located in neighboring genomic sites. In particular,
a mutation has been identified at the KCNQ1 locus that increases the expression of p57XiP? in mouse
pancreatic islets by epigenetically modifying Cdkn1c [189]. Differently from the maternally transmitted
CDKNI1C diseases, this mutation is effective only when inherited from the paternal allele and, no matter
which is the mechanism increasing the levels of pS7Kipz in the endocrine pancreas, 3-cell mass is
reduced [189].

Thus, it is conceivable that altering p57XiP?2 expression could be a promising therapeutic
strategy also in humans with type 2 diabetes and/or obesity. Indeed, oral administration of
FTY720, a sphingosine 1-phosphate receptor agonist, normalizes glycemia in diabetic db/db mice
by downregulating islet p57XiP2 and promoting B-cell regeneration [190]. However, body weight
significantly increased in treated animals. Probably, tissue-specific targeting of p57XiP? should be
pursued, in order to avoid undesired effect in either pancreatic or adipose tissue when trying to
manipulate p57XiP? in one of the two tissues.

7Kip2

4. Future Directions

It has been clearly established that p57XiP2 plays pivotal and specific roles in human physiology
that cannot be replaced by the other two members of its protein family, i.e., p27XP! and p21CiP/WAFL,
As a matter of fact, CDKN1C-deleted mice show a very high percentage of mortality demonstrating
that the protein is necessary for correct embryogenesis. Accordingly, in humans, three important
syndromes, all showing an altered growth, are due to CDKNIC alterations. Particularly, the BWS is
characterized by signs of overgrowth with infants considerably larger than normal and the IMAGe
and RSS are both characterized by slow growth before and after birth and growth retardation.
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It is well known that adult stem cells settle specific niches in different tissues and organs, thus
supporting their repair/regeneration [57,191-193]. In this regard, p57¥iP? has been discovered as a
very important factor [36,56,61,63,194].

The molecular mechanisms by which p57Xi¥? is so important for a normal growth and tissue
differentiation, are still not well understood. They refer, only in part, to the capability of the protein
to modulate cyclin/CDK activity, a function that is played approximately by the first 100 residues
of p57KiP2 where the KID is localized. On the other hand, numerous activities of CKI have been
associated with the C-end region that includes the PAPA domain and the QT domain. These protein
domains seem to be involved in the control of cell movement and the organization of mitotic spindle
(via interaction with the cytoskeleton). Numerous pieces of evidence also suggest that p57XiP2
C-terminus participates in endoreduplication, apoptosis, autophagy, and senescence. Altogether
these observations point to the definite identification of p57X1P? interactors as a pivotal issue in the
studies on CKI. Unfortunately, the protein belongs to the family of IUP, namely, proteins lacking a
tertiary structure that fold upon binding. This structural feature allows p57X/P? to have a large degree
of plasticity and to interact with several different proteins. Although this is certainly a great advantage
in terms of function, it results in remarkable difficulties in the precise definition of the mechanism of
p575iP2 action. An additional important aspect of p57KP2 studies is the knowledge of processes that
regulate its level. CDKNIC is subject to an epigenetic control and only the maternal allele is expressed.
The gene lies in a locus, 11p15.5, that represents a major example of regional imprinting and that is
strongly regulated by mechanisms acting in cis (i.e., directly on DNA structure) as well as in trans
(namely via DNA methylation and histone acetylation). An additional level of intracellular control of
p57XP2 amount could be related to the protein degradation that involves, a not completely clarified,
ubiquitination/proteasomal mechanism.

In conclusion, while the important role of p57XiP? is clear, the details of its regulation and
interactors appear enigmatic and intensive research and the development of novel cellular and animal
models are required. This is particularly relevant in view of the plethora of p57XiP? functions played in
different tissues and distinct phenotypes both in normal and pathological conditions. It is conceivable
that the elucidation of these aspects will provide important directions for human physiologic research
and for the development of novel strategies for targeted therapy of several relevant human diseases.
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Abbreviations

BWS Beckwith-Wiedmann syndrome
csc Cardia stem cell

CDK Cyclin-dependent kinase

CKI CDK inhibitor

DNMT DNA methyltransferase

HSC Hematopoietic stem cell

ICR Imprinted control region

IGF2 Insulin-like gorwth factor
HDAC histone deacetylase

TUGR Intra-uterine growth restriction
op Intrinsically unstructurated protein
KID CDK binding/inhibitory domain
LSH lymphoid-specific helicase

NLS Nuclear localization signal
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NSC Neural stem cell

PCNA Proliferating cell nuclear antigen

PMD Placental mesenchymal dysplasia

PRC2 Polycomb repressive complex 2

p57K0 CDKNI1C knockout

p57K0p27Kl CDKN1C knockout + CDKN1B knockin
RSS Russell-Silver syndrome

Skp2 S-phase kinase-associated protein 2

SCF Skp1/Cull/F-box

TUG Taurine upregulated gene 1

T310 Threonin 310
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Abstract: Development of particular structures and proper functioning of the placenta are under
the influence of sophisticated pathways, controlled by the expression of substantial genes that
are additionally regulated by long non-coding RNAs (IncRNAs). To date, the expression profile
of IncRNA in human term placenta has not been fully established. This study was conducted
to characterize the IncRNA expression profile in human term placenta and to verify whether
there are differences in the transcriptomic profile between the sex of the fetus and pregnancy
multiplicity. RNA-Seq data were used to profile, quantify, and classify IncRNAs in human term
placenta. The applied methodology enabled detection of the expression of 4463 isoforms from
2899 annotated IncRNA loci, plus 990 putative IncRNA transcripts from 607 intergenic regions.
Those placentally expressed IncRNAs displayed features such as shorter transcript length, longer exon
length, fewer exons, and lower expression levels compared to messenger RNAs (mRNAs). Among all
placental transcripts, 175,268 were classified as mRNAs and 15,819 as IncRNAs, and 56,727 variants
were discovered within unannotated regions. Five differentially expressed IncRNAs (HAND2-AS1,
XIST, RP1-97]1.2, AC010084.1, TTTY15) were identified by a sex-bias comparison. Splicing events
were detected within 37 genes and 4 IncRNA loci. Functional analysis of cis-related potential targets
for IncRNAs identified 2021 enriched genes. It is presumed that the obtained data will expand the
current knowledge of IncRNAs in placenta and human non-coding catalogs, making them more
contemporary and specific.

Keywords: placenta; long non-coding RNA (IncRNA); human; pregnancy; high-throughput RNA
sequencing (RNA-Seq); transcriptome

1. Introduction

The placenta serves as a metabolic, respiratory, excretory, and endocrine organ, whose proper
functioning is required for adequate embryonic development during pregnancy [1]. Fetal growth
is a multifactorial and complex process modulated simultaneously by maternal, fetal, placental,
and environmental factors predetermined by genetic potential. A properly functioning placenta fine-tunes
the expression of various genes essential in pregnancy maintenance and fetal development [2,3].

Spatiotemporal expression is a huge impediment in any transcriptome analysis, especially in
the placenta, an organ that constantly adapts to feto-maternal environmental alterations.
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Comprehensive analysis of messenger RNA (mRNA) expression in first- and second-trimester
placentas compared to term placentas by microarray assay revealed more genes with increasing
than decreasing expression [4]. Furthermore, a source of variability in the placental transcriptome is
embryo sex-dependent bias connected with the expression of genes located on the sex chromosomes,
which can also affect the expression level of autosomal genes [5]. However, sex-dependent biases in
respect to growth, development [6], and predisposition to pregnancy complications are interesting,
and placental gene expression regulation remains unclear [5].

Previous studies implied that risk factor profiles for various pathologies are different between
singleton and twin births [7]. Furthermore, without any obvious pattern, twin pregnancies are more
likely to involve disorders than single pregnancies. Higher perinatal risk, dangerous for both mother
and fetus, is associated with the number of embryos in utero. The main risks of multiple pregnancies
are early and late miscarriage, preeclampsia (PE), antepartum bleeding, postpartum hemorrhage,
preterm delivery, intrauterine growth restriction (IUGR), placental abruption, and stillbirth [8-10].
To date, the correlations between gene expression profile and multiplicity of gestation have been
studied only in the beaver, and it is suggested that a greater number of fetuses might have a negative
influence on pregnancy outcome [2].

The great progress of RNA sequencing (RNA-Seq) and the capabilities of numerous bioinformatic
approaches make it a powerful technology for thorough transcriptome analysis, which enables
characterization of gene expression, alternative splicing events, large-scale discovery of novel
transcripts, Single Nucleotide Variant (SNV) prediction, and functional annotation [2,3,11,12]. It is
not surprising that in a complex organ like the placenta, there are various distinct transcripts,
including mRNA, microRNA (miRNA), and long non-coding RNA (IncRNA), that are not
present in other tissues [13]. The IncRNAs are still unexplored ncRNAs characterized by a small
number of exons and a sequence length >200 nt that are highly diverse and species-specific
with tissue-specific expression [14-18]. LncRNAs act by a range of mechanisms and molecular
functions [19], with expression restricted to particular developmental stages [20], and they participate
in important biological processes such as embryogenesis [18,21,22], tissue development [23],
genomic imprinting [24], and different disease courses [25-27]. Given the complex nature of
physiological pregnancy, it is important to elucidate possible molecular mechanisms underlying
the placental development of male and female fetuses during single and twin pregnancy.

Disruptions to adaptive changes in the placental transcriptome as a response to altering the
feto-maternal environment may be associated with pregnancy complications and compromised fetal
outcomes. In this context, defining differences in placenta-specific gene expression regarding the
sex of the fetus and the multiplicity of gestation could contribute to the understanding of placental
development and function. Since revealing factors that influence the placental expression profile is
necessary, this study was conducted to examine whether there are differences in the transcriptomic
profile of the human placenta compared for sex of the fetus and number of fetuses. A stringent pathway
was applied to identify, analyze, and compare placental transcriptome from male and female fetuses
during single and twin pregnancies. This study focused on the IncRNA profile to investigate possible
mechanisms regulating the expression profile of the human placenta.

2. Results

2.1. Characteristics of RNA-Seq Data

In total, 2 x 119,560,140 raw paired-end reads were generated, and subsequently 2 x 109,363,183
reads were acquired after trimming. The 218,726,366 clean reads were mapped to a reference human
genome, and an average of 86.14% reads were mapped uniquely. Among all mapped transcripts
(258,353; Figure 1), 67.84% were classified as mRNA, 6.12% were classified as IncRNA, and 2.60% were
classified as pseudogenes.
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Figure 1. Identification and classification pathway of known (green) and novel (orange) long
non-coding RNAs (IncRNAs) expressed in human term placenta; common stages of analysis (blue) join
both paths. Numbers in parallelograms refer to amount of Inc transcripts/IncRNA loci. Rectangles
show processes and applied tools. Venn diagram presents a number of transcripts without coding
potential assigned by Coding-Non-Coding Index (CNCI), Coding Potential Calculator (CPC), FEELnc,
Pfam, and PLEK software.

Moreover, 1.48% of the expressed transcripts were derived from other RNAs (e.g., processed transcript,
Ig genes, or misc RNA) and 21.96% originated from unannotated regions, which included potentially new
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IncRNA transcripts (Figure 2a). After excluding low expressed transcripts (fragments per kilobase of
transcript per million mapped reads (FPKM) <1), 79,535 of the identified transcripts (TCONs) were
directed for further analysis (Figures 1 and 2b).
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Figure 2. Classification of the assembled human placental transcripts according to their Ensembl code
class (pie graphs) detailing IncRNA distribution (bar graphs) of: (a) all expressed loci; (b) transcripts
with expression value (fragments per kilobase of transcript per million mapped reads, FPKM) higher
than 1.

The dynamic range of the expression values was calculated and is presented as a box plot of
logarithmic transformed FPKM values for each sample separately (Figure 3a), and the FPKM density
distribution is shown in Figure 3b.
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Figure 3. Transcript expression level distribution of each human term placenta sample. (a) Box plot of
FPKM distribution with different samples on the horizontal axis and logarithmic values of FPKM on
the vertical axis; (b) density plot of expression distribution with logarithmic values of FPKM on the
horizontal axis and density on the vertical axis.
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2.2. Identification and Profiling of IncRNAs

An IncRNA profile of human term placenta was identified and characterized by applying a
stringent pathway (Figure 1). GENCODE enabled selection of 4463 known IncRNAs and 75,072
other than annotated IncRNAs (including 7224 unannotated transcripts; Figure 2b) that qualified for
verification of their coding potential and small RNA features (Figure 1). Filtering out sense-overlapping
transcripts with protein coding annotation resulted in 10,048 non-protein coding transcripts,
corresponding to 8588 potentially non-coding regions. After excluding sequences shorter than 200
nt, 9941 transcripts were obtained. Next, filtering of single-exon variants enabled identification of
2393 multi-exon transcripts. An assessment of coding potential with Coding Potential Calculator
(CPC), Coding-Non-Coding Index (CNCI), FEELnc, Pfam, and PLEK generated 1340, 1790, 2222, 1767,
and 1439, respectively, for each method (Supplementary Table S1). Intersecting the aforementioned
methods allowed determination of the set of 1040 potentially non-coding transcripts (Venn diagram,
Figure 1). The remaining transcripts were devoid of non-mRNA sequences, and as a result, 990 variants,
corresponding to 607 regions, were classified as predicted IncRNAs. The set of known IncRNAs was
composed of 4463 Inc transcripts corresponding to 2899 IncRNA loci. Among them, 2012 were
antisense IncRNAs, 1893 lincRNAs, 263 sense intronic transcripts, and 73 sense overlapping (Figure 2b).
The classification of the final set of 5453 IncRNA transcripts, according to genomic localization and
relation to nearest annotated genes, is shown in Table 1. The 5252 and 201 IncRNA transcripts were
distributed within autosomes and sex chromosomes, respectively. Among all 990 predicted IncRNA
transcripts, 395 unknown transcripts (Table 1) have not been annotated so far and were deposited
(BankIt accession nos. MG828427-MG828821; Supplementary Table S2).

Table 1. Classification of 5453 IncRNA transcripts (class code module in Cuffcompare).

Isoform Locus

Class-Code Description (TCONS)  (XLOC)
o unknown, intergenic region 395 344
o overlapped with ex'1sted gene with a dramatic difference 208 170
in gene structures

“x” overlapped with existed gene in an opposite direction 160 150
“i” located in introns 2 2

=" complete match (of known IncRNA) 3747 2698
“i” potentially novel isoform (of known IncRNA) 941 579

Expression levels of antisense, lincRNA biotype classes, and newly discovered IncRNAs were
comparable (Figure 4).

2.3. Feature Comparison of IncRNA and mRNA

In the current study, 5453 IncRNA and 65,024 mRNA transcripts with FPKM were identified >1.
The IncRNA and mRNA transcripts were compared for their total length, exon length, exon number,
and expression level (Figure 5). The average length of identified IncRNAs was 1906 nt, while that
of mRNAs was 2917 nt (Figure 5a). More than 30% of IncRNAs were in the range of 500-1000 nt,
and more than 50% of mRNAs were longer than 2000 nt. Distant length distribution between IncRNA
(19.51%) and mRNA (5.18%) was observed in the range 200-500 nt (Figure 5a). The mean exon
length of IncRNAs was 737 nt, which was much shorter than mRNAs (337 nt; Figure 5b). Most of
the mRNA exons (44%) ranged between 100 and 200 nt, whereas most of the IncRNAs (28.52%) had
exon lengths above 500 nt (Figure 5b). The most numerous group of IncRNAs (38.40%) comprised two
exons, while only 0.31% of IncRNAs had more than 10 exons, versus mRNAs constituting the largest
group (26.86%; Figure 5c). The expression profiles of IncRNA and mRNA biotypes are presented as
logarithmic distributions (Figure 5d). The average mRNA expression level was higher than that of the
IncRNAs (0.43 vs. 0.31).
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biotypes: antisense (red), lincRNA (blue), and transcripts predicted as IncRNA (green). Each point
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Figure 5. Global summary of comparison between IncRNA (red) and messenger RNA (mRNA) (blue)
structural features. IncRNA and mRNA transcripts compared by (a) length; (b) exon length; (c) exon
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interquartile ranges and individual medians. The differences of average values were statistically
significant in each comparison (p-value <2 x 10710 using Welch two-sample t-test).
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2.4. Sex Biases in IncRNA Expression Levels

The expression level (FPKM) of long non-coding transcripts was estimated for both sex and
multiplicity biases. A sex-bias comparison revealed five differentially expressed IncRNAs (Table 2;
p-adjusted < 0.05) and 21 protein-coding genes (Supplementary Table S3). Among the IncRNAs,
two loci, XLOC_042918 (chromosome 4) and XLOC_061548 (chromosome X), revealed higher
expression levels in female libraries. However, three IncRNA loci, XLOC_050164 (chromosome 6),
XLOC_062450, and XLOC_062528 (chromosome Y), were expressed only in male libraries.
For protein-coding genes, 11 were upregulated, while 10 were downregulated in female-male
comparison (Table S3). The multiplicity-bias comparison did not detect any significant changes
in the expression levels of IncRNA and protein-coding genes transcripts.

2.5. Splicing Alterations in Placental Transcriptome

JunctionSeq allows detection of alternative isoform regulation (AIR) genes, also known as
differential transcript usage (DTU). As a result, differentially expressed exons and altered spliced
patterns of placental transcripts were detected (male vs. female). Comparing the placental
transcriptome from male and female samples revealed 37 AIR/DTU genes displaying 38 and
8 statistically significant differential exon and splice{junction usages, respectively. The use of
the JunctionSeq analysis tool led to the detection of new splice junctions in the gene encoding
pregnancy-specific 3-1-glycoprotein 4 (PSG4). Three transcripts with multiple distinct exonic regions,
Rho GTPase activating protein 45 (ARHGAP45); GATA binding protein 2 (GATA2), and long non-coding
RNA (RP11-440114.3), were also indicated. Four genes, peptidylprolyl isomerase G (PPIG), HLA class
IT histocompatibility antigen DRB5 beta chain (HLA-DRB)), torsin 1A interacting protein 1 (TOR1AIP1),
and cysteine and serine rich nuclear protein 1 (CSRNP1I), displayed simultaneous differential exon
and splice-junction usage. Among all AIR/DTU events, four significant differential usages of exons
were localized within IncRNA loci: H19, AC132217.4, RP11-440I14.3, and AC005154.6 (Figure 6;
Supplementary Table S4). Within H19, exon 27 was upregulated in female samples. In female placentas,
variable expression of exons 5 and 7 of RP11-440114.3 was also observed, although in male placentas,
exon 15 of AC132217.4 and exon 13 of AC005154.6 were upregulated (Figure 6; Supplementary Table S4).
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Figure 6. Presentation of differential transcript usage: (a) JunctionSeq gene profile plot for
RP11-440114.3 IncRNA identified in male (red) and female (blue) placental samples. This plot displays
estimates for the mean normalized read-pair coverage count for each exon and splice junction. The small
panel on the far right displays the total mean normalized read-pair count based on gene level. (b) Gene
diagram displaying the exonic regions (boxes, labeled E001-E014), known splice junctions (solid lines,
labeled J017-J022), and novel splice junction (dashed line, labeled N023) for RP11-440114.3 IncRNA
localized on chromosome 4 (Chr4). (c) The panel shows exon-intron structures of RP11-440114.3
variants. Statistically significant differences (p-adjust < 0.05) in exon usage are marked in pink.
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2.6. Functional Analysis of Nearest Neighbor Genes to [ncRNAs

Potential cis-target genes were predicted, revealing possible IncRNA regulation functions in
term placental tissues. The genes located within 2000 nt distance (upstream and downstream) from
the identified IncRNAs were considered as target genes, and the approach produced 2021 genes.
Those genes closely related to IncRNAs were analyzed for Gene Ontology (GO) enrichment, as shown
in Figure 7. The majority of cis-target genes were enriched (p < 0.05) to biological process (148 terms),
cellular component (56 terms), and molecular function (20 terms) according to GO classification.
GO annotation showed that 61 and 107 protein-coding cis-target genes were enriched in in utero
embryonic development and vasculature development, respectively. Within the cellular component
GO category, 1772 and 1684 cis-targets were assigned according to cell and intracellular compartments
(Supplementary Table S5).
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Figure 7. Gene Ontology (GO) annotations (level 1) of cis IncRNA target protein-coding genes
presenting enriched terms in biological process (BP), cellular component (CC), and molecular function
(MF). The height of each bar represents the ratio of target protein-coding genes involved in the particular
process relative to all genes associated with a given process in the GO database. The numbers in bars
represent the amount of genes involved in a particular GO term.

2.7. Validation of RNA-Seq Results Using External Transcriptomic Datasets

Validation with external data confirmed the presence and expression tendencies of the majority
of novel (607) and known (2899) IncRNA loci predicted in this study (Figure 8). For external data,
mean expression values in logarithmic scale ranged between 0.31 and 0.44 for newly discovered
IncRNAs, and between 0.31 and 0.42 for known IncRNA loci (Figure 8, Table 3). Mean expression
values for our data ranged from 0.43 to 0.51 for new loci and from 0.37 to 0.42 for known IncRNA
regions (Figure 8, Table 3; Supplementary Table S6). Expression levels for 1276 highly expressed
IncRNA loci (with FPKM > 2 in at least half the samples) showed that 142 novel and 610 known
IncRNA loci had the same high expression profile in external data and our data. As the results obtained
for external data were largely consistent with our results, it may further indicate the reliability of the
results obtained in this study.
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Figure 8. Comparison of transcript expression level distribution between external datasets downloaded
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(box plots) and (b,d) sum of expression loci (bar graphs) for novel (upper panel) and known

(lower panel) IncRNAs.
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3. Discussion

Placenta fine-tunes the expression of various genes involved in major molecular mechanisms
essential in pregnancy maintenance and fetal development [2,3,28]. For this reason, any alterations in
expression and further processing of specific genes may be correlated with impaired placental function
and may directly affect pregnancy outcome [29]. Additionally, the expression mechanisms at both the
transcriptional and post-transcriptional level are regulated by numerous IncRNA and IncRNA-RNA
interactions [30]. Different expression of genes and their regulatory elements can potentially impact
many biological processes and might constitute one of the main regulators of molecular pathways
within the placenta [28]. To the best of the authors’ knowledge, the expression profile of IncRNA
in the human term placental transcriptome has not yet been studied. Therefore, in this study,
IncRNA landscape analysis of human term placenta was performed.

Among the placental transcripts obtained in our study, 67.84% (175,268) were classified as
mRNA, 6.12% (15,819) as IncRNA, and 2.60% (6726) as pseudogenes (Figure 2a). In all, 21.96% of
variants (56,727) originated from unannotated regions. According to the current data, 4463 known
and 990 previously unknown (predicted) IncRNAs are expressed in human term placental tissue
(Figure 1). In comparison, RNA-Seq analysis of first-trimester human placenta transcriptome revealed
transcript biotypes in the following classes: 77% protein-coding genes, 9.8% long non-coding genes,
and 6.5% pseudogenes [31]. However, the current analysis allowed identification of 21 genes with
significantly different expression between males and females, compared to 58 genes discovered by
Gonzalez et al. [31]. Further, in placentas of severe preeclampsia cases (~27 weeks of gestation),
Gormley et al. [32] classified 15,060 transcripts as mRNA, 823 as IncRNA, and 547 as pseudogenes.
Moreover, among the 15,646 dysregulated IncRNAs in early-onset preeclampsia placental tissue,
12,195 were categorized as intergenic, 5182 as antisense, and 1352 as intron sense-overlapping
sequences [33]. The present study indicates that among 5453 IncRNA transcripts, the set of 2012
(36.90%) antisense placental transcripts was the largest group, together with 1893 lincRNAs (34.71%)
located within the intergenic regions (Figure 2b). Similarly, the class of sense-overlapping sequences
(73) was among the smallest groups. The results regarding the IncRNA expression profile in human
placenta extend and complement the present transcriptomic databases, which enables genome-wide
analysis across tissues and conditions [34]. Moreover, validation with external datasets confirmed
the obtained results regarding known and novel IncRNA transcript expression in human term
placenta. A general comparison of mRNA and IncRNA features, indicating shorter transcript lengths,
longer exon lengths, fewer exons, and lower expression levels for IncRNAs, was consistent with
studies in other mammals [17,18,35-39]. Nevertheless, the differences between this study and
various transcriptomic experiments result from a strict tissue-specificity pattern of IncRNA expression,
restricted spatiotemporal specificity, and differences in adopted pathways.

The expression of mammalian IncRNAs is strictly associated with their regulatory role in a
tissue-specific manner. Among various tissues, the testis and ovary were indicated as the most
enriched in IncRNAs [40], suggesting their huge regulatory potential within the reproductive system.
The expression level analysis in this study revealed five differentially expressed IncRNAs enriched
within human term placenta only in sex-bias comparison. It was found that the multiplicity-bias
comparison revealed no significant changes in IncRNA expression level. Two IncRNA loci, HAND2-AS1
and X chromosome inactive-specific transcript (XIST), displayed higher expression levels in female
libraries and three others, RP1-97]1.2, AC010084.1, and TTTY15, were expressed solely in male
libraries. XIST as X chromosome-specific was highly enriched in the female libraries. XIST is a kind
of functional IncRNA uniquely involved in the formation of repressive chromatin and regulation
of the X chromosome inactivation process by cis action [41-44]. XIST’s expression occurs in a
spatiotemporal manner, regulating and influencing female development [45]. HAND2-AS, as antisense
to HAND2, may regulate its expression. HAND?2 is a kind of transcription factor that plays a
key role, e.g., in vascularization, development, and differentiation of sympathetic neurons [46,47].
Moreover, HAND? fosters a level of fibulin-1, which contributes to progesterone action during
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implantation [48-50]. Usually, the majority of IncRNAs exist as single variants [17], but HAND2
and XIST exhibit more variants: 11 and 9, respectively. Therefore, fetal sex-specific expression of the
aforementioned IncRNAs and their variants in the placenta might impact proper placental development
and function. That is why further molecular insights into their function must be gained to fully discover
their implication in pregnancy outcome. There were 21 protein-coding genes differentially expressed
in female and male term placentas. Among them, microsomal glutathione transferase 1 (MGST1) was
identified to have a confirmed role in oxidative stress protection [51]; relaxin family peptide receptor 1
(RXFP1) a receptor for relaxin, a key hormone in mammalian pregnancy [52], and semaphorin 3A
(SEMAB3A) play essential roles in preventing nerve fiber growth in the placenta to protect the fetus
from external stress [53].

Previous transcriptomic studies performed on beaver discoid placenta revealed that there are
differences in gene expression between twin and triple pregnancies and that the number of fetuses may
affect pregnancy outcome [2]. It was found that a multiplicity-bias comparison revealed significant
changes of IncRNA expression level in human term placenta. It should be mentioned that such changes
may appear in earlier pregnancy stages. Additionally, it cannot be excluded that a similar analysis
performed on a greater number of samples would reveal multiplicity as a significant factor affecting
the placental transcriptome. The present study should be considered as a pilot screen that may be a
good starting point for future functional analysis of more groups of samples. A better understanding of
the molecular factors and specific biomarkers during single and twin pregnancies that are predisposed
to pathology might be helpful in determining effective prevention strategies. Given the complex
nature of physiological pregnancy, such studies are needed to continue to elucidate possible molecular
mechanisms underlying placental development during single and twin pregnancies.

Alternative isoform regulation (AIR) can enhance transcriptome diversity and gain another
biological function of a single gene by events such as alternative splice sites, alternative transcription
start sites, methylation, nucleosome occupancy, internal promoters, nonsense-mediated decay, and/or
transcript switching [54]. Alternative splicing events, besides increasing transcriptome complexity,
may also disrupt processes or generate pathologies [55]. In the present study, 37 genes and 4 IncRNA
loci were identified with AIR/DTU between female and male placental samples. This study enabled
detection of a novel splice junction in the gene encoding pregnancy-specific beta-1-glycoprotein 4
(PSG#4). Pregnancy-specific glycoproteins (PSGs) are a specific group of highly expressed trophoblast
genes crucial for placentation, acting as regulators of trophoblast cell migration, cytokine secretion,
and the establishment of uteroplacental circulation [56]. PSGs are the most abundant proteins in the
maternal blood in late pregnancy [57]. A decreased PSG level in maternal serum may be associated
with spontaneous abortion, intrauterine growth retardation, or preeclampsia [58-60]. Human PSG loci
(PSG1-PSG11) are enriched with various types of copy number variations, which may be linked with
impaired fertility and pregnancy complications such as preeclampsia [61].

Multiple distinct exonic regions were detected in ArhGAP45 (also named HMHAI/HA-1),
which functions as a Rho GTPase [62,63]. Rho GTPases are engaged in the proper functioning
of the endothelial barrier [64], embryogenesis [65], neural development [66], cytokinesis,
and differentiation [67]. A¥hGAP45 mRNA expression is elevated in preeclamptic placentas and is
under the control of oxygen accessibility [68]. GATA binding protein 2 (GATA2) regulates stage-specific
trophoblastic gene expression of the preimplantation human embryo [69-71].

A substantial contribution of IncRNAs in placental formation and function is well known;
an evident example is H19, a placenta-specific IncRNA highly expressed during mammalian embryonic
development [72-74]. H19 is implicated in the regulation of human placenta trophoblast proliferation,
placental development [75,76], and fetal growth [77,78]. Moreover, the dynamic profile of H19
expression may support normal pregnancy, while its impaired regulation might promote preeclampsia,
early-onset preeclampsia (EOPE), and IUGR [77,79,80]. AC132217.4 IncRNA, because it affects 3'UTR
and enhances expression level, fosters mRNA stability and upregulates expression of IGF2 circulating
growth factor, which acts during pregnancy to promote both fetal and placental growth [81].
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Differential usage of exons was also detected in lincRNA RP11-440114.3, localized in cis
position to hydroxyprostaglandin dehydrogenase (HPGD). Hydroxyprostaglandin dehydrogenase
inactivates prostaglandins E2 (PGE2) and D2 (PGD2), which affect several biological processes,
such as reproduction, differentiation, and inflammation [82]. In the uterus, PGs play a key role
in infection-induced pregnancy loss, in which the concentration of this mediator is increased.
As AIR/DTU was detected in genes and IncRNAs, whose functions are related to placental and
embryonic development, it should be further investigated to indicate whether the expression profile of
specific isoforms can affect the proper or pathological pregnancy course.

GO analysis was applied to explore the function of the cis-target genes. A variety of subclasses of
ncRNAs, like piRNA, miRNA, siRNA, and IncRNA, have regulatory roles in gene expression [83-87].
In the present research, enrichment analysis of cis-related potential targets for IncRNAs identified 2021
genes. The 61 protein-coding genes were found to be regulated by IncRNA transcripts, and GO
enrichment showed that they were enriched in in utero embryonic development (GO:0001701),
suggesting that predicted IncRNA functions during pregnancy are linked with developmental, growth,
and regulation related processes. Generally, annotation with GO terms displays many of the placentally
expressed IncRNA transcripts involved in the regulation of various biological processes also implicated
in the gestation course.

Taken together, since the functions of the majority of IncRNAs have yet to be uncovered,
tremendous effort should be made to decipher their implication in the course of gestation,
placental development, and reproductive disorders. The present research may be used as a resource for
functional studies, which is a huge challenge in determining the influence of IncRNAs on reproductive
processes. The authors’ previous study [3] established the placental gene expression landscape of
human term placenta during uncomplicated single and twin pregnancies. Therefore, it is hoped that
the results of this study will broaden the placenta-specific transcriptome database, which will be useful
in a functional field of future research.

4. Materials and Methods

4.1. Research Material

The IncRNA expression profile of human term placenta was compared between the sex of
the fetus (n = 2) and pregnancy multiplicity (n = 2). All procedures regarding tissue collection,
the characteristics of placental samples (1 = 4), RNA extraction, and RNA-Seq were described
previously [3]. Briefly, Hs_p3 (male) and Hs_p14 (female) originated from single pregnancies,
whereas Hs_p9 (male) and Hs_12 (female) were from twin pregnancies. To identify IncRNAs expressed
in human term placentas, cDNA libraries were constructed and sequenced on the HiSeq 2500 Illumina
platform (Illumina, San Diego, CA, USA). The raw data were submitted to the National Center for
Biotechnology Information (NCBI) Sequence Read Archive (SRA) under accession No. SRP077553.
The experimental protocol was approved by the Bioethics Committee of the Warmia-Mazury Medical
Chamber (OIL.164/15/Bioet; 2 April 2015) in Olsztyn, Poland.

4.2. Transcriptome Assembly and Identification of Novel Transcripts

The quality of reads was checked using the FastQC tool. Preprocessing using a Trimmomatic
tool v. 0.32 [88] included the following: removal of Illumina adaptors and poly(A) stretches, exclusion of
low-quality reads (Phred cutoff = 20), and trimming of reads to equal 90 nt in length. Next, paired-end clean
reads were aligned to the reference human genome (Homo_sapiens.GRCh38.dna.primary_assembly.fa)
with annotation (Homo_sapiens.GRCh38.87.gtf) applying the STAR (v. 2.4, https:/ / github.com /alexdobin/
STAR) mapper. As a result, a BAM file alignment of the trimmed reads to the reference genome was
obtained for each sample. StringTie v. 1.0.4 (https://ccb jhu.edu/software/stringtie) [89] and Cuffmerge,
as part of the Cufflinks tool v. 2.2.1 (http://cole-trapnell-lab.github.io/ cufflinks) [90], were applied to
expand gene and transcript annotations based on Ensembl human reference (release 90, August 2017).
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This approach enabled the identification of unannotated regions and novel splice variants expressed in
the placenta. An expanded annotation file (merge.gtf) was used for expression calculation (Cuffquant),
normalization (Cuffnorm), and differential analysis (Cuffdiff). All transcript sequences were extracted
to a FASTA file using a gffread script (Figure 1).

4.3. Classification, Characterization, and Validation of IncRNAs

Low-expressed transcripts with FPKM values < 1 (expression sum of 4 libraries) were
excluded from the set of merged transcripts. Next, all transcripts longer than 200 nt were
passed for further analysis (Figure 1). Selected transcripts were divided into 2 main datasets:
(1) known IncRNA transcripts (biotypes of GENCODE (https:/ /www.gencodegenes.org/) “lincRNA”,
“antisense”, “sense_intronic”, “sense_overlapping”, “bidirectional_promoter_IncRNA”, “non_coding”,
“macro_IncRNA”, “TEC” (to be experimentally confirmed), and “3prime_overlapping_ncRNA”");
and (2) potentially non-coding RNA (unannotated transcripts and other than IncRNAs). The second
dataset, including unknown non-coding sequences, was reduced by removing a transcript assigned to
the “protein_coding” Ensembl class code. Next, these transcripts were subjected to multi-exon filtering.
Transcript coding potential was assessed by several tools: The Coding Potential Calculator (CPC) (http:
//cpc.cbi.pku.edu.cn) [91], Pfam (https:/ /pfam.xfam.org) [92], CPAT (http:/ /rna-cpat.sourceforge.
net) [93], Coding-Non-Coding Index (CNCI) (https://github.com/www-bioinfo-org/CNCI) [94],
and PLEK (https:/ /sourceforge.net/projects/plek/files) [95]. CPC (score < 0) enabled the assessment
of ORF occurrence (Figure 1). Transcripts that encoded any conserved protein domains were removed,
applying the following parameters: CPC (cutoff < 0), Pfam database (e-value 107°; release 27),
CPAT (cutoff < 0.43), CNCI (cutoff < 0), and PLEK (cutoff < 0). Further, surviving transcripts
were searched in Rfam using Blast2GO software (https:/ /www.blast2go.com) [96], to exclude small
ncRNAs (rRNAs, tRNAs, snRNAs, snoRNAs, and miRNAs). Sequences of both known and unknown
datasets were denoted as the final set of IncRNAs (Figure 1). Obtained data regarding known
and novel IncRNAs were validated by comparison with external data generated in similar studies.
SRA resources were searched to find projects focused on RNA-Seq of term placental tissues from
normal pregnancies ended by cesarean section. Data from the 3 most accurate BioProjects, SRP076277
(BioSamples SRR3647483 and SRR3647497), SRP090942 (BioSamples SRR4370049 and SRR4370050),
and SRP125683 (BioSamples SRR6324443, SRR6324444 and SRR6324445), were chosen for further
analysis. Then the raw data were processed with the same approach and parameters that were
applied to our data analysis. Downloaded data were aligned to the reference human genome
(Homo_sapiens.GRCh38.dna.primary_assembly.fa) with a previously generated merged.gtf annotation
file. Then, BAM files were sorted by coordinates and used to calculate FPKM values. Expression values
for 607 IncRNA loci predicted as novel and 2899 known IncRNA regions were merged and compared
with FPKM values obtained for datasets from the aforementioned BioProjects.

4.4. Different Expression and Splicing Analysis

The reads assembled to mRNA and IncRNA sequences were normalized to FPKM values using
Cuffnorm. Applying Cuffdiff, the corresponding p-values were determined for 2 comparisons:
sex and multiplicity bias in placental tissue. Thresholds for significantly different expression were
set as follows: p-adjusted < 0.05 and log2 fold change (log2FC) > 1.0. A structural comparison
between IncRNA and mRNA transcripts was performed by custom R bioconductor scripts.
The QoRTs/JunctionSeq pipeline [54] was adopted for differentially expressed exons and splice
junction analysis (p-adjusted < 0.05).

4.5. LncRNA Target cis Gene Prediction

Based on the localization of IncRNA in relation to mRNA, cis interactions were predicted, since the
cis role refers to the influence of IncRNAs on vicinity target genes localized within 2000 nt upstream or
downstream of each protein coding gene on the same chromosome. Functional enrichment analysis
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(p-adjusted < 0.05) of the potential cis target genes was performed by Kobas 3.0 software (http:
/ /www.kobas.cbi.pku.edu.cn) [97] including Gene Ontology (GO) (http:/ /www.geneontology.org).

Supplementary Materials: Supplementary materials can be found at http:/ /www.mdpi.com/1422-0067/19/7/
1894/s1.

Author Contributions: M.M. conceived the study design, performed experimental work, and drafted the
manuscript; A.L. assisted in the study design and performed experimental work; L.P. and ].PJ. analyzed the
data; M.G. provided placental samples; M.]. and M.K.M. helped in writing the final version of the manuscript.
All authors have seen and approved the final version.

Funding: This study was supported by the School of Medicine, Collegium Medicum (61.610.001-300), University of
Warmia and Mazury in Olsztyn.

Conflicts of Interest: The authors declare no conflict of interest.

Availability of Supporting Data: The sequencing data from this study have been submitted (http://www.
ncbi.nlm.nih.gov/sra) to the NCBI Sequence Read Archive under accession No. SRP077553. In addition,
all identified IncRNA sequences of the novel transcripts have been deposited in the GenBank (BankIt accession
Nos. MG828427-MG828821).

References

1. Murthi, P. Review: Placental homeobox genes and their role in regulating human fetal growth. Placenta 2014,
28,546-S50. [CrossRef] [PubMed]

2. Lipka, A, Paukszto, L.; Majewska, M.; Jastrzebski, ].P.; Myszczynski, K.; Panasiewicz, G.; Szafranska, B.
Identification of differentially expressed placental transcripts during multiple gestations in the Eurasian
beaver (Castor fiber L.). Reprod. Fertil. Dev. 2017, 29, 2073-2084. [CrossRef] [PubMed]

3. Majewska, M.; Lipka, A.; Paukszto, L.; Jastrzebski, ].P.; Myszczynski, K.; Gowkielewicz, M.; Jozwik, M.;
Majewski, M.K. Transcriptome profile of the human placenta. Funct. Integr. Genom. 2017, 17, 551-563.
[CrossRef] [PubMed]

4. Uuskiila, L.; Méannik, J.; Rull, K;; Minajeva, A.; Koks, S.; Vaas, P.; Teesalu, P.; Reimand, J.; Laan, M.
Mid-gestational gene expression profile in placenta and link to pregnancy complications. PLoS ONE
2012, 7, e49248. [CrossRef] [PubMed]

5. Buckberry, S.; Bianco-Miotto, T.; Bent, S.].; Dekker, G.A.; Roberts, C.T. Integrative transcriptome meta-analysis
reveals widespread sex-biased gene expression at the human fetal-maternal interface. Mol. Hum. Reprod.
2014, 20, 810-819. [CrossRef] [PubMed]

6.  Misra, D.P; Salafia, C.M.; Miller, R K.; Charles, A.K. Non-linear and gender-specific relationships among
placental growth measures and the fetoplacental weight ratio. Placenta 2009, 30, 1052-1057. [CrossRef]
[PubMed]

7. Gupta, S.; Fox, N.S.; Feinberg, J.; Klauser, C.K.; Rebarber, A. Outcomes in twin pregnancies reduced
to singleton pregnancies compared with ongoing twin pregnancies. Am. J. Obstet. Gynecol. 2015, 213,
580.e1-580.€5. [CrossRef] [PubMed]

8.  Chauhan, S.P; Scardo, J.A.; Hayes, E.; Abuhamad, A.Z.; Berghella, V. Twins: Prevalence, problems,
and preterm births. Am. J. Obstet. Gynecol. 2010, 203, 305-315. [CrossRef] [PubMed]

9.  Ananth, C.V;; Demissie, K.; Smulian, J.C.; Vintzileos, A.M. Relationship among placenta previa, fetal growth
restriction, and preterm delivery: A population-based study. Obstet. Gynecol. 2001, 98, 299-306. [CrossRef]
[PubMed]

10. Huppertz, B.; Ghosh, D.; Sengupta, J. An integrative view on the physiology of human early placental villi.
Prog. Biophys. Mol. Biol. 2014, 114, 33-48. [CrossRef] [PubMed]

11.  Wang, Z.; Gerstein, M.; Snyder, M. RNA-Seq: A revolutionary tool for transcriptomics. Nat. Rev. Genet. 2009,
10, 57-63. [CrossRef] [PubMed]

12.  Hong, Y.B.; Jung, S.C; Lee, J.; Moon, H.S.; Chung, K.W.; Choi, B.O. Dynamic transcriptional events in distal
sural nerve revealed by transcriptome analysis. Exp. Neurobiol. 2014, 23, 169-172. [CrossRef] [PubMed]

13.  Gu, Y; Sun, J.; Groome, L.J.; Wang, Y. Differential miRNA expression profiles between the first and third
trimester human placentas. Am. |. Physiol. Endocrinol. Metab. 2013, 304, 836-843. [CrossRef] [PubMed]

14.  Mercer, T.R.; Dinger, M.E.; Mattick, ].S. Long non-coding RNAs: Insights into functions. Nat. Rev. Genet.
2009, 10, 155-159. [CrossRef] [PubMed]

72



Int. ]. Mol. Sci. 2018, 19, 1894

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

Jiang, C.; Ding, N.; Li, J.; Jin, X,; Li, L.; Pan, T.; Huo, C.; Li, Y.; Xu, J.; Li, X. Landscape of the long non-coding
RNA transcriptome in human heart. Brief. Bioinform. 2018. [CrossRef] [PubMed]

Paralkar, V.R.; Mishra, T.; Luan, J.; Yao, Y.; Kossenkov, A.V.; Anderson, S.M.; Dunagin, M.; Pimkin, M.;
Gore, M.; Sun, D.; et al. Lineage and species-specific long noncoding RNAs during erythro-megakaryocytic
development. Blood 2014, 123, 1927-1937. [CrossRef] [PubMed]

Mattick, J.S.; Rinn, J.L. Discovery and annotation of long noncoding RNAs. Nat. Struct. Mol. Biol. 2015, 22,
5-7. [CrossRef] [PubMed]

Pauli, A.; Eivind, V.; Lin, M.E,; Garber, M.; Vastenhouw, N.L.; Levin, J.Z.; Fan, L.; Sandelin, A.; Rinn, J.L.;
Regev, A; et al. Systematic identification of long noncoding RNAs expressed during zebrafish embryogenesis.
Genome Res. 2012, 22, 577-591. [CrossRef] [PubMed]

Wang, K.C.; Chang, H.Y. Molecular mechanisms of long noncoding RNAs. Mol. Cell 2011, 43, 904-914.
[CrossRef] [PubMed]

Amaral, PP; Mattick, ].S. Noncoding RNA in development. Mamm. Genome 2008, 19, 454-492. [CrossRef]
[PubMed]

Pauli, A; Rinn, J.L.; Schie, A.F. Non-coding RNAs as regulators of embryogenesis. Nat. Rev. Genet. 2011, 12,
136-149. [CrossRef] [PubMed]

Bouckenheimer, J.; Assou, S.; Riquier, S.; Hou, C.; Philippe, N.; Sansac, C.; Lavabre-Bertrand, T.; Commes, T.;
Lemaitre, ].M.; Boureux, A.; et al. Long non-coding RNAs in human early embryonic development and their
potential in ART. Hum. Reprod. Update 2016, 23, 19-40. [CrossRef] [PubMed]

Zhao, W, Mu, Y,; Ma, L; Wang, C; Tang, Z; Yang, S.; Zhou, R; Hu, X; Li, MH,; Li, K
Systematic identification and characterization of long intergenic non-coding RNAs in fetal porcine skeletal
muscle development. Sci. Rep. 2015, 5, 8957. [CrossRef] [PubMed]

Sleutels, E; Zwart, R.; Barlow, D.P. The non-coding Air RNA is required for silencing autosomal imprinted
genes. Nature 2002, 415, 810-813. [CrossRef] [PubMed]

Bawa, P,; Zackaria, S.; Verma, M.; Gupta, S.; Srivatsan, R.; Chaudhary, B.; Srinivasan, S. Integrative Analysis
of Normal Long Intergenic Non-Coding RNAs in Prostate Cancer. PLoS ONE 2015, 10, e0122143. [CrossRef]
[PubMed]

Zhou, Y.; Wu, K,; Jiang, J.; Huang, J.; Zhang, P.; Zhu, Y,; Hu, G.; Lang, J.; Shi, Y.; Hu, L.; et al.
Integrative Analysis Reveals Enhanced Regulatory Effects of Human Long Intergenic Non-Coding RNAs in
Lung Adenocarcinoma. J. Genet. Genom. 2015, 42, 423-436. [CrossRef] [PubMed]

Cui, W.; Qian, Y.; Zhou, X; Lin, Y,; Jiang, J.; Chen, J.; Zhao, Z.; Shen, B. Discovery and characterization of
long intergenic non-coding RNAs (lincRNA) module biomarkers in prostate cancer: An integrative analysis
of RNA-Seq data. BMC Genom. 2015, 16, S3. [CrossRef] [PubMed]

McAninch, D.; Roberts, C.T.; Bianco-Miotto, T. Mechanistic Insight into Long Noncoding RNAs and the
Placenta. Int. ]. Mol. Sci. 2017, 18, 1371. [CrossRef] [PubMed]

Kaartokallio, T.; Cervera, A.; Kyllonen, A.; Laivuori, K.; Kere, J.; Laivuori, H.; FINNPEC Core Investigator
Group. Gene expression profiling of pre-eclamptic placentae by RNA sequencing. Sci. Rep. 2015, 5, 14107.
[CrossRef] [PubMed]

Szczesniak, M.W.; Makatowska, I. IncRNA-RNA Interactions across the Human transcriptome. PLoS ONE
2016, 11, e0150353. [CrossRef] [PubMed]

Gonzalez, T.L.; Sun, T.; Koeppel, A.F; Lee, B, Wang, E.T.; Farber, C.R.; Rich, S.S.; Sundheimer, L.W.,;
Buttle, R.A.; Chen, Y.I; et al. Sex differences in the late first trimester human placenta transcriptome.
Biol. Sex Differ. 2018, 9, 4. [CrossRef] [PubMed]

Gormley, M.; Ona, K.; Kapidzic, M.; Garrido-Gomez, T.; Zdravkovic, T.; Fisher, S.J. Preeclampsia:
Novel insights from global RNA profiling of trophoblast subpopulations. Am. J. Obstet. Gynecol. 2017, 217,
200.e1-200.e17. [CrossRef] [PubMed]

Long, W.; Rui, C,; Song, X; Dai, X.; Xue, X,; Lu, Y; Shen, R.; Li, J.; Li, ].; Ding, H. Distinct expression profiles
of IncRNAs between early-onset preeclampsia and preterm controls. Clin. Chim. Acta 2016, 463, 193-199.
[CrossRef] [PubMed]

Iyer, M.K.; Niknafs, Y.S.; Malik, R.; Singhal, U.; Sahu, A.; Hosono, Y.; Barrette, T.R.; Prensner, J.R.; Evans, ].R,;
Zhao, S.; et al. The Landscape of Long Noncoding RNAs in the Human Transcriptome. Nat. Genet. 2015, 47,
199-208. [CrossRef] [PubMed]

73



Int. ]. Mol. Sci. 2018, 19, 1894

35.

36.

37.

38.

39.

40.

41.

42,

43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

Cabili, M.N.; Trapnell, C.; Goff, L.; Koziol, M.; Tazon-Vega, B.; Regev, A.; Rinn, ]J.L. Integrative annotation of
human large intergenic noncoding RNAs reveals global properties and specific subclasses. Genes Dev. 2011,
25,1915-1927. [CrossRef] [PubMed]

Ulitsky, I.; Shkumatava, A.; Jan, C.H.; Sive, H.; Bartel, D.P. Conserved function of lincRNAs in vertebrate
embryonic development despite rapid sequence evolution. Cell 2011, 147, 1537-1550. [CrossRef] [PubMed]
Zhang, K.; Huang, K.; Luo, Y.; Li, S. Identification and functional analysis of long non-coding RNAs in
mouse cleavage stage embryonic development based on single cell transcriptome data. BMIC Genom. 2014,
15, 845. [CrossRef] [PubMed]

Derrien, T; Johnson, R.; Bussotti, G.; Tanzer, A.; Djebali, S.; Tilgner, H.; Guernec, G.; Martin, D.; Merkel, A.;
Knowles, D.G.; et al. The GENCODE v7 catalog of human long noncoding RNAs: Analysis of their gene
structure, evolution, and expression. Genome Res. 2012, 22, 1775-1789. [CrossRef] [PubMed]

Xia, J.; Xin, L.; Zhu, W,; Li, L.; Li, C; Wang, Y.; Mu, Y,; Yang, S.; Li, K. Characterization of long non-coding
RNA transcriptome in high-energy diet induced nonalcoholic steatohepatitis minipigs. Sci. Rep. 2016,
6,30709. [CrossRef] [PubMed]

Tang, Z.; Wu, Y,; Yang, Y.; Yang, Y.T.; Wang, Z.; Yuan, J.; Yang, Y.; Hua, C.; Fan, X.; Niu, G.; et al.
Comprehensive analysis of long non-coding RNAs highlights their spatio-temporal expression patterns and
evolutional conservation in Sus scrofa. Sci. Rep. 2017, 7, 43166. [CrossRef] [PubMed]

Brown, C.J.; Ballabio, A.; Rupert, ].L.; Lafreniere, R.G.; Grompe, M.; Tonlorenzi, R.; Willard, H.F. A gene
from the region of the human X inactivation centre is expressed exclusively from the inactive X chromosome.
Nature 1991, 349, 38-44. [CrossRef] [PubMed]

Pontier, D.B.; Gribnau, J. Xist regulation and function explored. Hum. Genet. 2011, 130, 223-236. [CrossRef]
[PubMed]

Wutz, A. Gene silencing in X-chromosome inactivation: Advances in understanding facultative
heterochromatin formation. Nat. Rev. Genet. 2011, 12, 542-553. [CrossRef] [PubMed]

Lee, ].T.; Bartolomei, M.S. X-inactivation, imprinting, and long noncoding RNAs in health and disease. Cell
2013, 152, 1308-1323. [CrossRef] [PubMed]

Lee, ].T. Lessons from X-chromosome inactivation: Long ncRNA as guides and tethers to the epigenome.
Genes Dev. 2009, 23, 1831-1842. [CrossRef] [PubMed]

Firulli, A.B. A HANDful of questions: The molecular biology of the heart and neural crest derivatives
(HAND)-subclass of basic helix-loop-helix transcription factors. Gene 2003, 312, 27-40. [CrossRef]
Hendershot, T.J.; Liu, H.; Clouthier, D.E.; Shepherd, L.T.; Coppola, E.; Studer, M.; Firulli, A.B.; Pittman, D.L.;
Howard, M.]J. Conditional deletion of Hand2 reveals critical functions in neurogenesis and cell type-specific
gene expression for development of neural crest-derived noradrenergic sympathetic ganglion neurons.
Dev. Biol. 2008, 319, 179-191. [CrossRef] [PubMed]

Huyen, D.V.; Bany, B.M. Evidence for a conserved function of heart and neural crest derivatives expressed
transcript 2 in mouse and human decidualization. Reproduction 2011, 142, 353-368. [CrossRef] [PubMed]
Cho, H.; Okada, H.; Tsuzuki, T.; Nishigaki, A.; Yasuda, K.; Kanzaki, H. Progestin-induced heart and neural
crest derivatives expressed transcript 2 is associated with fibulin-1 expression in human endometrial stromal
cells. Fertil. Steril. 2013, 99, 248-255. [CrossRef] [PubMed]

Okada, H.; Tsuzuki, T.; Shindoh, H.; Nishigaki, A.; Yasuda, K.; Kanzaki, H. Regulation of decidualization
and angiogenesis in the human endometrium: Mini review. J. Obstet. Gynaecol. Res. 2014, 40, 1180-1187.
[CrossRef] [PubMed]

Morgenstern, R.; Zhang, J.; Johansson, K. Microsomal glutathione transferase 1: Mechanism and functional
roles. Drug Metab. Rev. 2011, 43, 300-306. [CrossRef] [PubMed]

Nowak, M.; Gram, A.; Boos, A.; Aslan, S.; Ay, S.S.; Onyay, F.; Kowalewski, M.P. Functional implications of
the utero-placental relaxin (RLN) system in the dog throughout pregnancy and at term. Reproduction 2017,
154, 415-431. [CrossRef] [PubMed]

Marzioni, D.; Tamagnone, L.; Capparuccia, L.; Marchini, C.; Amici, A.; Todros, T.; Bischof, P.; Neidhart, S.;
Grenningloh, G.; Castellucci, M. Restricted innervation of uterus and placenta during pregnancy:
Evidence for a role of the repelling signal Semaphorin 3A. Dev. Dyn. 2004, 231, 839-848. [CrossRef]
[PubMed]

Hartley, S.W.; Mullikin, J.C. Detection and visualization of differential splicing in RNA-Seq data with
JunctionSeq. Nucleic Acids. Res. 2016, 44, e127. [CrossRef] [PubMed]

74



Int. ]. Mol. Sci. 2018, 19, 1894

55.
56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

Mourier, T.; Jeffares, D.C. Eukaryotic intron loss. Science 2003, 300, 1393. [CrossRef] [PubMed]

Ha, C.T.; Wu, J.A,; Irmak, S.; Lisboa, FA.; Dizon, AM.; Warren, J.W.; Ergun, S.; Dveksler, G.S.
Human pregnancy specific beta-1-glycoprotein 1 (PSG1) has a potential role in placental vascular
morphogenesis. Biol. Reprod. 2010, 83, 27-35. [CrossRef] [PubMed]

Horne, C.H.; Towler, C.M. Pregnancy-specific betal-glycoprotein: A review. Obstet. Gynecol. Surv. 1978, 33,
761-768. [CrossRef] [PubMed]

Towler, C.M.; Horne, C.H.; Jandial, V.; Campbell, D.M.; MacGillivray, I. Plasma levels of pregnancy-specific
beta 1-glycoprotein in complicated pregnancies. Br. ]. Obstet. Gynaecol. 1977, 84, 258-263. [CrossRef]
[PubMed]

Silver, R.M.; Heyborne, K.D.; Leslie, K. K. Pregnancy specific beta 1 glycoprotein (SP-1) in maternal serum
and amniotic fluid; pre-eclampsia, small for gestational age fetus and fetal distress. Placenta 1993, 14, 583-589.
[CrossRef]

Arnold, L.L.; Doherty, T.M.; Flor, A.W.; Simon, ].A.; Chou, J.Y.; Chan, W.Y.; Mansfield, B.C. Pregnancy-specific
glycoprotein gene expression in recurrent aborters: A potential correlation to interleukin-10 expression.
Am. ]. Reprod. Immunol. 1999, 41, 174-182. [CrossRef] [PubMed]

Chang, C.L.; Semyonov, J.; Cheng, PJ.; Huang, S.Y.; Park, ].I; Tsai, H.].; Lin, C.Y.; Griitzner, E; Soong, Y.K ;
Cai, J.J.; et al. Widespread divergence of the CEACAM/PSG genes in vertebrates and humans suggests
sensitivity to selection. PLoS ONE 2013, 8, e61701. [CrossRef] [PubMed]

De Kreuk, B.J.; Schaefer, A.; Anthony, E.C.; Tol, S.; Fernandez-Borja, M.; Geerts, D.; Pool, ].; Hambach, L.;
Goulmy, E.; Hordijk, P.L. The human minor Histocompatibility Antigenl is a RhoGAP. PLoS ONE 2013,
8, €73962. [CrossRef] [PubMed]

Holland, O.J.; Linscheid, C.; Hodes, H.C.; Nauser, T.L; Gilliam, M.; Stone, P; Chamley, LW,
Petroff, M.G. Minor histocompatibility antigens are expressed in syncytiotrophoblast and trophoblast debris:
Implications for maternal alloreactivity to the fetus. Am. J. Pathol. 2012, 180, 256-266. [CrossRef] [PubMed]
Amado-Azevedo, J.; Reinhard, N.R.; van Bezu, J.; van Nieuw Amerongen, G.P.; van Hinsbergh, VW.M.;
Hordijk, P.L. The minor histocompatibility antigen 1 (HMHA1)/ArhGAP45 is a RacGAP and a novel
regulator of endothelial integrity. Vascul. Pharmacol. 2018, 101, 38-47. [CrossRef] [PubMed]

Boissel, L.; Houssin, N.; Chikh, A.; Rynditch, A.; Van Hove, L.; Moreau, J. Recruitment of Cdc42 through
the GAP domain of RLIP participates in remodeling of the actin cytoskeleton and is involved in Xenopus
gastrulation. Dev. Biol. 2007, 312, 331-343. [CrossRef] [PubMed]

Ligeti, E.; Welti, S.; Scheffzek, K. Inhibition and termination of physiological responses by GTPase activating
proteins. Physiol. Rev. 2012, 92, 237-272. [CrossRef] [PubMed]

Mishima, M.; Glotzer, M. Cytokinesis: A logical GAP. Curr. Biol. 2003, 13, 589-591. [CrossRef]

Linscheid, C.; Heitmann, E.; Singh, P; Wickstrom, E.; Qiu, L.; Hodes, H.; Nauser, T.; Petroff, M.G.
Trophoblast expression of the minor histocompatibility antigen HA-1 is regulated by oxygen and is increased
in placentas from preeclamptic women. Placenta 2015, 36, 832-838. [CrossRef] [PubMed]

Assou, S.; Boumela, I.; Haouzi, D.; Monzo, C.; Dechaud, H.; Kadoch, 1.].; Hamamah, S. Transcriptome analysis
during human trophectoderm specification suggests new roles of metabolic and epigenetic genes. PLoS ONE
2012, 7, €39306. [CrossRef] [PubMed]

Blakeley, P.; Fogarty, N.M.; del Valle, I.; Wamaitha, S.E.; Hu, T.X.; Elder, K.; Snell, P,; Christie, L.; Robson, P.;
Niakan, K.K. Defining the three cell lineages of the human blastocyst by single-cell RNA-seq. Development
2015, 142, 3151-3165. [CrossRef] [PubMed]

Home, P.; Kumar, R.P.; Ganguly, A.; Saha, B.; Milano-Foster, |J.; Bhattacharya, B.; Ray, S.; Gunewardena, S.;
Paul, A,; Camper, S.A.; et al. Genetic redundancy of GATA factors in the extraembryonic trophoblast lineage
ensures the progression of preimplantation and postimplantation mammalian development. Development
2017, 144, 876-888. [CrossRef] [PubMed]

Keniry, A.; Oxley, D.; Monnier, P.; Kyba, M.; Dandolo, L.; Smits, G.; Reik, W. The H19 lincRNA is a
developmental reservoir of miR-675 that suppresses growth and Igflr. Nat. Cell Biol. 2012, 14, 659-665.
[CrossRef] [PubMed]

Saben, J.; Zhong, Y.; McKelvey, S.; Dajani, N.K.; Andres, A.; Badger, T.M.; Gomez-Acevedo, H.; Shankar, K.
A comprehensive analysis of the human placenta transcriptome. Placenta 2014, 35, 125-131. [CrossRef]
[PubMed]

75



Int. ]. Mol. Sci. 2018, 19, 1894

74.

75.

76.

77.

78.

79.

80.

81.

82.

83.

84.

85.

86.

87.

88.

89.

90.

91.

92.

93.

94.

95.

Taylor, D.H.; Chu, E.T.; Spektor, R.; Soloway, P.D. Long Non-Coding RNA Regulation of Reproduction and
Development. Mol. Reprod. Dev. 2015, 82, 932-956. [CrossRef] [PubMed]

Gao, W.L.; Liu, M.; Yang, Y.; Yang, H.; Liao, Q.; Bai, Y.; Li, Y.X,; Li, D.; Peng, C.; Wang, Y.L. The imprinted
H19 gene regulates human placental trophoblast cell proliferation via encoding miR-675 that targets Nodal
Modulator 1 (NOMO1). RNA Biol. 2012, 9, 1002-1010. [CrossRef] [PubMed]

Song, X.; Luo, X.; Gao, Q.; Wang, Y.; Gao, Q.; Long, W. Dysregulation of LncRNAs in Placenta and
Pathogenesis of Preeclampsia. Curr. Drug Targets 2017, 10, 1165-1170. [CrossRef] [PubMed]

Yu, L.; Chen, M.; Zhao, D.; Yi, P; Lu, L.; Han, J.; Zheng, X.; Zhou, Y.; Li, L. The H19 gene imprinting in
normal pregnancy and pre-eclampsia. Placenta 2009, 30, 443-447. [CrossRef] [PubMed]

Giabicani, E; Brioude, E,; Le Boug, Y.; Netchine, I. Imprinted disorders and growth. Ann. Endocrinol. (Paris)
2017, 78, 112-113. [CrossRef] [PubMed]

Zuckerwise, L.; Li, J.; Lu, L.; Men, Y.; Geng, T.; Buhimschi, C.S.; Buhimschi, L A.; Bukowski, R.; Guller, S.;
Paidas, M.; et al. H19 long noncoding RNA alters trophoblast cell migration and invasion by regulating
TRR3 in placentae with fetal growth restriction. Oncotarget 2016, 7, 38398-38407. [CrossRef] [PubMed]
Ying, W.; Jingli, F.; Wei, SW.; Li, W.L. Genomic imprinting status of IGF-II and H19 in placentas of fetal
growth restriction patients. J. Genet. 2010, 89, 213-216. [PubMed]

Li, X;; Ma, C; Zhang, L; Li, N.; Zhang, X.; He, J.; He, R.; Shao, M.; Wang, J.; Kang, L.; et al.
LncRNAAC132217.4, a KLE8-regulated long non-coding RNA, facilitates oral squamous cell carcinoma
metastasis by upregulating IGF2 expression. Cancer Lett. 2017, 407, 45-56. [CrossRef] [PubMed]
Aisemberg, J.; Bariani, M.V.; Vercelli, C.A.; Wolfson, M.L.; Franchi, A.M. Lipopolysaccharide-induced
murine embryonic resorption involves nitric oxide-mediatedinhibition of the NAD+-dependent
15-hydroxyprostaglandin dehydrogenase. Reproduction 2012, 144, 447-454. [CrossRef] [PubMed]

Girard, A.; Sachidanandam, R.; Hannon, G.J.; Carmell, M.A. A germline-specific class of small RNAs binds
mammalian Piwi proteins. Nature 2006, 442, 199-202. [CrossRef] [PubMed]

Aravin, A.; Gaidatzis, D.; Pfeffer, S.; Lagos-Quintana, M.; Landgraf, P.; Iovino, N.; Morris, P.; Brownstein, M.J.;
Kuramochi-Miyagawa, S.; Nakano, T.; et al. A novel class of small RNAs bind to MILI protein in mouse
testes. Nature 2006, 442, 203-207. [CrossRef] [PubMed]

Fu, X.D. Non-coding RNA: A new frontier in regulatory biology. Natl. Sci. Rev. 2014, 1, 190-204. [CrossRef]
[PubMed]

Gomes, A.Q.; Nolasco, S.; Soares, H. Non-coding RNAs: Multi-tasking molecules in the cell. Int. J. Mol. Sci.
2013, 14, 16010-16039. [CrossRef] [PubMed]

Ulitsky, I.; Bartel, D.P. lincRNAs: Genomics, evolution, and mechanisms. Cell 2013, 154, 26-46. [CrossRef]
[PubMed]

Bolger, AM.; Lohse, M.; Usadel, B. Trimmomatic: A flexible trimmer for Illumina sequence data.
Bioinformatics 2014, 30, 2114-2120. [CrossRef] [PubMed]

Pertea, M.; Pertea, G.M.; Antonescu, C.M.; Chang, T.C.; Mendell, J.T.; Salzberg, S.L. StringTie enables
improved reconstruction of a transcriptome from RNA-seq reads. Nat. Biotechnol. 2015, 33, 290-295.
[CrossRef] [PubMed]

Trapnell, C.; Roberts, A.; Goff, L.; Pertea, G.; Kim, D.; Kelley, D.R.; Pimentel, H.; Salzberg, S.L.; Rinn, J.L.;
Pachter, L. Differential gene and transcript expression analysis of RNA-seq experiments with TopHat and
Cufflinks. Nat. Protoc. 2012, 7, 562-578. [CrossRef] [PubMed]

Kong, L.; Zhang, Y.; Ye, Z.Q.; Liu, X.Q.; Zhao, S.Q.; Wei, L.; Gao, G. CPC: Assess the protein-coding potential
of transcripts using sequence features and support vector machine. Nucleic Acids Res. 2007, 35, 345-349.
[CrossRef] [PubMed]

Mistry, J.; Bateman, A.; Finn, R.D. Predicting active site residue annotations in the Pfam database.
BMC Bioinform. 2007, 8, 298. [CrossRef] [PubMed]

Wang, L.; Park, H.J.; Dasari, S.; Wang, S.; Kocher, ].P; Li, W. CPAT: Coding-Potential Assessment Tool using
an alignment-free logistic regression model. Nucleic Acids Res. 2013, 41, e74. [CrossRef] [PubMed]

Sun, L.; Luo, H.; Bu, D.; Zhao, G.; Yu, K.; Zhang, C.; Liu, Y.; Chen, R.; Zhao, Y. Utilizing sequence intrinsic
composition to classify protein-coding and long non-coding transcripts. Nucleic Acids Res. 2013, 41, e166.
[CrossRef] [PubMed]

Li, A.; Zhang, ].; Zhou, Z. PLEK: A tool for predicting long non-coding RNAs and messenger RNAs based
on an improved k-mer scheme. BMC Bioinform. 2014, 15, 311. [CrossRef] [PubMed]

76



Int. ]. Mol. Sci. 2018, 19, 1894

96. Conesa, A.; Gotz, S.; Garcia-Gomez, ].M.; Terol, J.; Talon, M.; Robles, M. Blast2GO: A universal tool for
annotation, visualization and analysis in functional genomics research. Bioinformatics 2005, 21, 3674-3676.
[CrossRef] [PubMed]

97.  Wu, J.; Mao, X,; Cai, T.; Luo, J.; Wei, L. KOBAS server: A web-based platform for automated annotation and
pathway identification. Nucleic Acids Res. 2006, 34, 720-724. [CrossRef] [PubMed]

® © 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution
[

(CC BY) license (http:/ /creativecommons.org/licenses /by /4.0/).

77



Molecular Seionces MBPY
Atrticle
Transcriptome Analysis of
Novosphingobium pentaromativorans US6-1
Reveals the Rsh Regulon and Potential Molecular

Mechanisms of N-acyl-L-homoserine
Lactone Accumulation

Hang Lu and Yili Huang *

Zhejiang Provincial Key Laboratory of Organic Pollution Process and Control,
Department of Environmental Science, College of Environmental and Resource Sciences,
Zhejiang University, Hangzhou 310027, China; 21514007@zju.edu.cn

* Correspondence: yilihuang@zju.edu.cn; Tel. /Fax: +86-571-8898-2592

Received: 4 August 2018; Accepted: 2 September 2018; Published: 5 September 2018

Abstract: In most bacteria, a bifunctional Rsh responsible for (p)ppGpp metabolism is the key player
in stringent response. To date, no transcriptome-wide study has been conducted to investigate the Rsh
regulon, and the molecular mechanism of how Rsh affects the accumulation of N-acyl-L-homoserine
lactone (AHL) remains unknown in sphingomonads. In this study, we identified an rshyss-1 gene
by sequence analysis in Novosphingobium pentaromativorans US6-1, a member of the sphingomonads.
RNA-seq was used to determine transcription profiles of the wild type and the ppGpp-deficient
rshyse—1 deletion mutant (Arsh). There were 1540 genes in the Rshyge1 regulon, including those
involved in common traits of sphingomonads such as exopolysaccharide biosynthesis. Furthermore,
both RNA-seq and quantitative real-time polymerase chain reaction (QRT-PCR) showed essential
genes for AHL production (novl and novR) were positively regulated by Rshyss_; during the
exponential growth phase. A degradation experiment indicated the reason for the AHL absence in
Arsh was unrelated to the AHL degradation. According to RNA-seq, we proposed oF, DksA, Lon
protease and RNA degradation enzymes might be involved in the Rshyss—1-dependent expression
of novl and novR. Here, we report the first transcriptome-wide analysis of the Rsh regulon in
sphingomonads and investigate the potential mechanisms regulating AHL accumulation, which is an
important step towards understanding the regulatory system of stringent response in sphingomonads.

Keywords: Rsh regulon; Novosphingobium pentaromativorans US6-1; sphingomonads; RNA-seq;
N-acyl-L-homoserine lactone; ppGpp

1. Introduction

Bacteria need to co-ordinate cellular responses to unfavorable environmental conditions [1]. One
major strategy to cope with environmental stress is the activation of stringent response, a global
regulatory system [2]. The stringent response is activated by (p)ppGpp (guanosine tetraphosphate and
guanosine pentaphosphate) [3]. The proteins from the RelA /SpoT (Rsh) family are the key players,
synthesizing (p)ppGpp from ATP and either GTP or GDP, and degrading (p)ppGpp to pyrophosphate
and either GTP or GDP. Most species in Betaproteobacteria and Gammaproteobacteria contain two
multi-domain Rsh enzymes, RelA and SpoT, while the majority of bacteria contain only a single Rsh
protein [3]. A number of studies have demonstrated that Rsh affected the expression of a wide range
of genes involved in physiological processes in bacteria such as Escherichia coli, Staphylococcus aureus
and Rhizobium etli [4—6]. In R. etli, there were 834 genes in the Rsh regulon involved in various
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cellular processes such as transcriptional regulation, signal transduction, production of sigma factors
and non-coding RNAs [6]. Sphingomonads, a group of Alphaproteobacteria, are widely distributed
in polluted and oligotrophic environments [7,8]. Sphingomonads have drawn much attention for
their traits, including the pronounced abilities of degrading a wide range of recalcitrant natural and
xenobiotic compounds such as polycyclic aromatic hydrocarbons (PAH) [7,9], the substitution of
sphingolipids for lipopolysaccharide in their outer membrane [10,11] as well as their production of
exopolysaccharides (EPS) [12,13]. The genomes of sphingomonads contain one single rsh gene, which
responds to environmental stress as in other bacteria [14]. However, to date, no transcriptome-wide
study has been conducted to investigate Rsh target genes in any strain of sphingomonads.

One of the physiological activities regulated by Rsh is quorum sensing (QS), a mechanism of
intercellular communication. In Gram-negative bacteria, the main QS signal is N-acyl-L-homoserine
lactone (AHL), which is produced by LuxI-type synthases. LuxR-type receptors can bind to AHL
and then stimulate the expression of luxI homologs [15]. AHL accumulation is dependent on
RelA /SpoT homologs in various bacteria such as Pseudomonas aeruginosa [16-18] and R. etli [19],
and AHL degradation is regulated by (p)ppGpp via AttM in Agrobacterium tumefaciens [20,21]. In
P. aeruginosa, deletion of both relA and spoT resulted in increased levels of 4-hydroxyl-2-heptylquinoline
and 3,4-dihydroxy-2-heptylquinoline via up-regulated pgsA and pgqsR expression and decreased
levels of butanoyl-homoserine lactone and 3-oxo-dodecanoyl-homoserine lactone via down-regulated
rhil, rhiR, lasl, and lasR expression [18]. In recent years, an increasing number of strains in
sphingomonads which produced AHLs have been isolated [22]. The comparative genomic analyses
of 62 sphingomonads genomes showed that the canonical luxI/R-type QS network was widespread
within sphingomonads [23]. In the previous study, a Tn5 mutant of Novosphingobium sp. Rr 2-17,
deficient in AHL accumulation, was found to have an insertion in an rsh gene, suggesting that QS was
under the regulation of Rsh in Novosphingobium, a member of sphingomonads. However, the potential
molecular mechanism remains unknown.

Novosphingobium pentaromativorans US6-1, which has been shown to have potential in aromatic
hydrocarbons bioremediation, is a type strain belonging to sphingomonads [24]. Its genome sequencing
has been completed and the genome database is accessible from the public NCBI database [25]. In this
study, we identified an rsh gene in N. pentaromativorans US6-1 (annotated as rshyse—1) by sequence
analysis. The wild-type strain produced ppGpp in static culture medium while rshyge_1 deletion mutant
(Arsh) did not. Therefore, the transcription profiles of the wild type and Arsh grown in static medium
was determined by RNA-seq to identify the Rshyse_1 regulon. Furthermore, we determined whether
AHL accumulation was affected by Rshyse1 and investigated the potential molecular mechanisms
via quantitative real-time polymerase chain reaction (qQRT-PCR), transcriptome analysis and an AHL
degradation experiment. These results are useful to understand the regulatory system of stringent
response in sphingomonads.

2. Results and Discussion

2.1. Sequence Analysis of Rshyisg—1 Protein

The open reading frame of the full-length rshyse_; gene (accession number WP_007011921)
was 2094 nucleotides in length. Rshyge contained the nitrogen-terminal metal-dependent
hydrolase domain (HD) (amino acids 26-177) and synthetase domain (Syn) (amino acids 236-347).
The carboxy-terminal domain of Rshygs1 consisted of the TGS domain (for: Thr-tRNA synthetase,
GTPase and SpoT) (amino acids 385-444) and ACT domain (for: aspartate kinase, chorismate mutase
and T protein) (amino acids 625-687) (Figure 1a). These four domains are commonly present in Rsh [3].
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Figure 1. Sequence analysis of Rshygg_; protein. (a) Rshygg_; domain; (b) amino acid alignment of
RelA/SpoT homologs. Line 1: Rshyse1. Line 2: Rshgyp17. Line 3: Rshyyyp. Line 4: Rshgeq. Line 5:
Rshget. Line 6: SpoTg)i- Line 7: RelAg; (see in Materials and Methods). Light grey boxes represent
six conserved motifs in HD domain (HD 1: R. HD 2: H. HD 3: HD. HD 4: ED. HD 5: DR. HD 6: N) while
dark grey boxes represent five conserved motifs in Syn domain (Syn 1: RxKxxxSxxxK. Syn 2: DxxxxR.
Syn 3: YxxxH. Syn 4: EXQIRT. Syn 5: H) [26]; (c) phylogenetic tree based on RelA/SpoT homologs.
Sequences, available at NCBI GenBank, were aligned by using the ClustalW algorithm [27] in MEGA
version 6.0 [28]. Then a phylogenetic tree was constructed by the neighbor-joining method [29] with
1000 bootstrap replicates [30] after cutting off the redundant sequences at the end, with the use of
MEGA version 6.0. The Rsh protein from Anabaena sp. PCC 7120 (accession number BAB77915)
was used as outgroup [31]. There were five clusters: C1 for Rsh in Alphaproteobacteria, C2 for SpoT
in Gammaproteobacteria, C3 for Rsh in Actinobacteria, C4 for RelA in Gammaproteobacteria, C5 for Rsh
in Firmicutes.

Rshyse-1 displayed high sequence similarity to Rsh proteins whose functions had been identified
in other strains [32-36]. The identities of Rshyge-1 with Rshgr 17, Rshyiy, Rshseq, Rshret, SpoTgco; and
RelAgop; were 88%, 37%, 38%, 43%, 38% and 30% respectively. In the HD domain (Figure 1b), Rshyse_1
contained six motifs, which are predicted to be essential for (p)ppGpp hydrolysis [26]. RelAg.,); was
more divergent in these motifs, which was consistent with its loss of hydrolase activity. In the Syn
domain (Figure 1b), Rshyss-1 also contained five conserved motifs that were proved structurally and
biochemically important for (p)ppGpp synthetase activity [26].

The phylogenic analysis of RelA/SpoT homologs was performed (Figure 1c). The result showed
that there was a clear separation of the RelA/SpoT families, forming five clusters: C1 for Rsh in
Alphaproteobacteria, C2 for SpoT in Gammaproteobacteria, C3 for Rsh in Actinobacteria, C4 for RelA in
Gammaproteobacteria, C5 for Rsh in Firmicutes. Rshyse1 was grouped with Rshgyp_17 in C1. These
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data suggested that Rshyge_; possessed the sequence required for the (p)ppGpp synthetase and
hydrolase activities.

2.2. N-Acyl-L-homoserine Lactone (AHL) Accumulation in the Cross Feeding Assay and Extract Assay

To determine the effect of Rshyss-1 on the AHL accumulation, cross-feeding and extract assays
were performed. The results of the cross-feeding and extract assays were consistent (Figure 2). In the
cross-feeding assay, strains were grown as biofilm and only US6-1 showed AHL accumulation. In the
extract assay, US6-1 accumulated AHL signals in static cultures while no AHL was detected in Arsh
during the whole growth period. To verify that the rshyss-1 deletion was responsible for the absence of
AHL, a rshyse-1 complementation strain Arsh (pCM62-rsh) was created. Arsh (pCM62-rsh) restored
the same phenotype as the wild-type strain, suggesting that Rshyss_1 was required for the AHL
accumulation. In the extract assay, the AHL molecules in the extract of culture would diffuse through
the soft agar to the reporter strain A. fumefaciens A136, and activate the tral-lacZ fusion. Therefore, we
could determine the quantity of AHL molecules by the diffusion area indicated by the diameter of the
blue coloration in the presence of 5-bromo-4-chloro-3-indolyl-3-D-galactopyranoside (X-Gal) [37]. The
relationship between the growth of US6-1 and AHL accumulation was analyzed carefully. The bacteria
cells grew exponentially for about 48 h and then entered the stationary phase. Similarly, the AHL
accumulation was maximized at 48 h and then declined, indicating US6-1 could degrade AHL signals.
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Figure 2. AHL accumulation in US6-1, Arsh and Arsh (pCM62-rsh). (a) AHL accumulation assay by
cross-feeding. P5Y3 agar plate was covered with 50 uL X-gal. The AHL reporter strain A136 and the
tested strains were streaked side by side on the agar plates. Plates were incubated for 24 h, when the
activation of the reporter was recorded. Strain A136 versus A136 was used as negative control. One
representative experiment out of three independent biological replicates is shown. (b) Time course of
population density of US6-1 (filled squares), Arsh (filled circles) and Arsh (pCM62-rsh) (filled triangles)
and AHL accumulation of US6-1 (open squares) and Arsh (pCM62-rsh) (open triangles) in the extract
assay. Fresh colonies of strains were first inoculated into P5Y3 broth at the shaking speed of 200 rpm to
an ODgq value of 1. Then 250 pL of this seed culture was re-inoculated into 50 mL of fresh P5Y3 broth
and incubated statically. The growth curve was drawn from measuring the ODg values. AHL signals
in cultures were then extracted by ethyl acetate (EA). The extracts were spotted onto LB soft agar plates
plus X-gal mixed with A136. The plates were incubated for 12 h at 30 °C and the diameters of blue
stains which represented the quantity of AHL signals in bacterial cultures were measured. No AHL
was detected in Arsh. Values shown are the average of biological triplicate experiments with standard
deviations marked with error bars.
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2.3. ppGpp Accumulation in Strain US6-1 and Its Derivatives

We monitored the endogenous ppGpp levels in US6-1, Arsh and Arsh (pCM62-rsh) (Figure 3).
The presence of ppGpp in US6-1 culture at 72 h of incubation (stationary phase) was determined
while no ppGpp was detected in Arsh. When we analyzed ppGpp accumulation in Arsh (pCM62-rsh),
the complementation of ppGpp production was observed, confirming that Rshyse—; was responsible for
ppGpp synthesis. These results showed that the stringent response in US6-1 and the complementary
strain was induced under the current culture conditions. Nutrient limitation is one of the conditions
that can induce the stringent response. However, the medium used in this study was nutrient-rich
P5Y3 medium. Several studies has recently found that antibiotics, acid stress and oxidative stress
could also induce the stringent response [38]. Therefore, it seems that many factors which can induce
the stringent response of bacteria remain unknown. At 36 h of incubation (exponential growth phase),
we could not detect the ppGpp accumulation in US6-1 culture. This was probably because the ppGpp
level was below the detectable range, as ppGpp is generally thought to be present at basal levels in the
exponential growth phase [3]. However, previous studies showed that ppGpp could still regulate the
expression of a wide range of genes during this growth period [3,6].
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Figure 3. ppGpp accumulation in strain US6-1, Arsh and Arsh (pCM62-rsh) in different growth
phases. Levels of ppGpp in cultures of US6-1 (a,d), Arsh (b,e) and Arsh (pCM62-rsh) (c,f) in the
exponential growth phase (36 h) and in the stationary phase (72 h) were monitored by reverse phase
high-performance liquid chromatography (HPLC) analysis. The eluted nucleotides were monitored
at 254 nm and identified by comparison with the retention time of 100 uM ppGpp standard. ppGpp
standard was eluted at 71 min under the current conditions and the position is indicated by an arrow.

2.4. Global Overview of the Rshyjs—; Regulon

The RNA-seq of strain US6-1 and Arsh cultivated in static conditions, in which US6-1 accumulated
AHL signals, was conducted to determine the Rshygs_1 regulon. An average of 24 million clean reads
in one sample were obtained. The total mapping radios and uniquely mapping ratios of clean reads
to reference genome of US6-1 were up to 98% and 95%, indicating that the sequencing was deep
enough to cover almost all kinds of transcripts in the cells (Table S1). The genome of US6-1 contains
5110 annotated protein-encoding genes, 59 pseudo genes and 82 RNA genes [25]. The comparative
transcriptome analysis between strain US6-1 and Arsh revealed 1540 Rshyss-1-dependent differentially
expressed genes (DEGs), which were defined according to the combination of the absolute value
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of a fold change >2 and an adjust p value < 0.05 (Table S2). Compared with the wild type, 911 of
these genes were up-regulated (17.83%) and 629 genes (12.31%) were down-regulated in Arsh (Arsh vs.
US6-1). The differential expression varied between an 8.82-fold up-regulation of a gene encoding a
protein of ferrisiderophore receptor (WP_007014902) and a 40.5-fold down-regulation of an autoinducer
synthesis protein (WP_007013362). The transcriptome data were validated by analyzing the expression
levels of 39 representative genes using qRT-PCR (Table S3). The result showed that 29 (74.36%) of the
tested genes were regulated in the same direction (up or down) in both RNA-seq data and qRT-PCR
(Arsh vs. US6-1), and the fold change of each gene in qRT-PCR was log,(x) > 1 or logy(1/x) < —1
(representing a plain fold-change >2) with statistical differences. Among these 29 genes, the expression
of 24 genes by qRT-PCR (the complementary strain vs. US6-1) was not different significantly or was
regulated in the opposite direction in the RNA-seq data. Therefore, the transcriptome data were in
good agreement with the qRT-PCR data, which proved the reliability of the transcriptome data.

These genes were further grouped based on Kyoto Encyclopedia of Genes and Genomes
(KEGG) annotation and pathway enrichment analysis (Figure 4a). The Fisher’s exact test identified
12 significantly over-represented KEGG pathways. The result suggested that Rshygs1 controlled
a variety of metabolic pathways. The most of the DEGs involved in ribosomal protein production,
porphyrin and chlorophyll metabolism, amino acyl-tRNA biosynthesis, oxidative phosphorylation,
TCA cycle, phenylalanine, tyrosine and tryptophan biosynthesis were up-regulated in the mutant,
which suggested that the role of Rshysgs_1, similar to that in E. coli, was to repress the majority of cellular
processes to reallocate cellular resources [39]. Although one of the hallmarks of stringent response is
the induction of amino acid biosynthesis [39,40], unexpectedly, in Arsh most genes involved in amino
acid biosynthesis were up-regulated. Similarly, in relA mutant of Pectobacterium atrosepticum, several
unlinked clusters of genes involved in branched chain amino acid metabolism (lvGMEDA, ilvlH, ilvBN
and lenABCD) were also up-regulated [41]. There may be other mechanisms which can induce amino
acid biosynthesis when US6-1 grows under environmental stress. According to the validation of the
transcriptome data, DEGs involved in AHL production, sigma factor synthesis, RNA degradation, EPS
biosynthesis, PAH degradation, sphingolipid production, cell division and shape and GTP synthesis
were chosen, and their expression profiles were visualized in the heat map (Figure 4b, Table S3). Except
the genes related to AHL production, the most of these genes were under negative control of Rshygs.
These DEGs will be discussed in detail in the following paragraphs.

(a) Functional categories pvalue Number of genes
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Figure 4. Cont.
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Figure 4. Differentially expressed genes (DEGs) overview (Arsh vs. US6-1) in the RNA-seq data.
(a) Over-represented Kyoto Encyclopedia of Genes and Genomes (KEGG) categories. KEGG annotation
and pathway enrichment analysis was performed using the KEGG pathway database (http://www.
genome.jp/kegg/). The p values denote the enriched levels in a KEGG pathway, which was calculated
using a Fisher’s exact test [42]. Up- and down-regulated genes (Arsh vs. US6-1) are represented by red
and blue bars respectively, representing the number of genes per functional category. (b) Heat map
of log, expression ratios of specific DEGs involved in AHL production, sigma factor synthesis, RNA
degradation, EPS biosynthesis, PAH degradation, sphingolipid production, cell division and shape,
GTP synthesis and other functions in strain US6-1 and Arsh. Expression values are reflected by red-blue
coloring as indicated. The heat map was drawn by the software HemlI [43].

2.5. Essential Genes for AHL Production were Positively Regulated by Rshyjse-1 in the Exponential
Growth Phase

There are only one gene novl, encoding an autoinducer synthase (WP_007013362) and one
gene 1novR encoding a LuxR family transcriptional regulator containing an autoinducer binding
domain (WP_007013363) in the genome of US6-1. These two genes are essential for AHL production.
The transcriptome data showed that in strain Arsh, novl and novR were down-regulated 40.5 and
2.35-fold at 36 h of incubation, respectively. The qRT-PCR analysis of culture samples from different
growth periods confirmed the decreased expression levels of novl and novR in Arsh (Table 1). The novl
and novR were both down-regulated significantly at 36 h and 48 h (exponential growth phase) in Arsh
while Arsh (pCM62-1rsh) could complemented their expression.

Although the essential genes for AHL production were down-regulated in the exponential growth
phase due to the lack of ppGpp, Arsh still possibly produced low concentrations of AHL signals.
Since US6-1 could degrade AHL signals, we analyzed whether Arsh degraded AHL in the exponential
growth phase. When provided with 2 uM medium-chain AHL (C8-AHL and 3-OH-C8-AHL) as
cosubstrates in culture medium, Arsh did not show the capacity to degrade the medium-chain AHL
at 48 h (Figure 5). However, at 72 h of incubation, there were fewer AHL signals in Arsh cultures.
These results suggested that Arsh might not degrade AHL signals in the exponential growth phase.
The activation of its capacity to degrade AHL was likely related to the entrance to the stationary phase.
Overall, the reason why Rshyse-; was required for the AHL accumulation was that Rshyse_1 positively
regulated essential genes for AHL production in the exponential growth phase, and might be unrelated
to the AHL degradation.
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Table 1. Relative expression levels of novl and novR by quantitative reverse transcription polymerase
chain reaction (qQRT-PCR). RNA samples were extracted from bacterial cultures after 24 h, 36 h, 48 h
and 72 h. The levels of gene expression in US6-1, Arsh, Arsh (pCM62-rsh) were normalized to 16S
rRNA gene, and the relative levels in Arsh and Arsh (pCM62-rsh) to that in the wild-type strain
(set as value of 1) were reported. Values shown are the average of biological triplicate experiments with
standard deviations (mean =+ standard deviation (SD)). represents p < 0.05; “**” represents p < 0.01;
e represents p < 0.001.

s

Genes Strains 24h 36 h 48 h 96 h
novl US6-1 1.166 + 0.773 1.060 + 0.466 1.115 £ 0.647 1.039 + 0.356
Arsh 0.261 + 0.083 0.011 + 0.002 * 0.020 + 0.004 * 0.026 + 0.004 **
Arsh (pCM62-rsh) 0.501 =+ 0.085 *** 0.648 + 0.216 0.753 &+ 0.097 3.975 + 1.547 *
novR US6-1 1.012 £ 0.185 1.006 £+ 0.129 1.001 £ 0.055 1.029 £+ 0.314
Arsh 0.119 + 0.018 ** 0.068 + 0.005 *** 0.547 + 0.017 *** 0.881 + 0.354
Arsh (pCM62-rsh) 0.601 + 0.050 ** 0.463 + 0.076 0.543 + 0.054 2.486 + 0.972
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Figure 5. Identification of degradation of the medium-chain AHL by Arsh. Strain Arsh was incubated
with 2 uM C8-AHL (a) and 3-OH-C8-AHL (b) in culture medium for 24 h (early exponential growth
phase), 48 h (late exponential growth phase) and 72 h (stationary phase), after which the EA extracts
were spotted onto AHL reporter plates mixed with A136. The diameters of the blue stains represent
the quantity of residual AHL signals. To avoid the influence of the AHL produced by strain US6-1 in
the exponential growth phase, novl deletion mutant (Anovl) which could not produce AHL was used
as positive control. Blank medium (BM) with AHL was used as negative control.

2.6. Potential Molecular Mechanisms of Rshyss—1-Dependent Expression of novl and novR

In the case of E. coli, (p)ppGpp regulates the expression of genes through binding to 3’-subunit
of RNA polymerase to destabilize the short-lived open complexes that form at certain promoters [3].
However, genes in the Rshyse- regulon were numerous and the proteins which can modulate the
expression of uxI/R homologs vary in bacteria [44]. Therefore, the transcriptome data were used to
investigate the potential molecular mechanisms of the decreased expression of novl and novR in Arsh.

During exponential growth, transcription is widely under control of the housekeeping sigma
factor 070. ppGpp can regulate the expression of genes via the regulation of alternative sigma factor
competition [45]. Previous studies showed that QS was influenced by alternative sigma factors.
In P. aeruginosa PAO1 and P. fluorescens UK4, ppGpp up-regulates the expression of rpoS encoding a
stationary phase sigma factor and RpoS increases the expression level of AHL-related genes as well
as the AHL production [16,46]. However, the Pseudomnonas model might not be applicable in strain
US6-1, since its genome does not encode a corresponding RpoS. US6-1 possesses 22 putative sigma
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factors. Only one housekeeping sigma factor 7% (WP_007014490) was up-regulated 2.2-fold while
a extracytoplasmic function (ECF) sigma factor (WP_007013352) was down-regulated 2.73-fold in
Arsh. The link between ECF sigma factor and QS has recently given rise to controversy. ECF sigma
factors can bind directly to -10 and -35 elements in the [uxR promoter, thus inducing [uxR expression.
The binding sites of this kind of sigma factors are also identified in the upstream region of luxS [47,48].
However, the effect of ECF sigma factors on QS was not observed in another study [49].

Our data showed that dksA (WP_007012876) was up-regulated significantly (6.41-fold) in Arsh.
DksA, a (p)ppGpp cofactor, can bind the secondary channel and sensitize RNAP to (p)ppGpp at
many promoters [3]. The previous study showed that DksA could also function without ppGpp [50].
In P. aeruginosa, DksA represses the expression of hll during the exponential growth [51].

The gene encoding an ATP-dependent Lon protease (WP_007012358) was up-regulated
2.01-fold due to the Rshyge_; absence. The gene is involved in the toxin-antitoxin (TA) module,
a (p)ppGpp-dependent mechanism related to antibiotic tolerance and resistance [3]. Lon protease is a
powerful negative regulator of two HSL-mediated QS systems in P. aeruginosa [52]. In the TA model,
(p)ppGpp activates the Lon protease [3]. Interestingly, our data indicated an opposite type of the TA
module regulation of ppGpp in strain US6-1.

Moreover, the expression levels of two genes involved in the putative functions of RNA
degradation (WP_007014797 and WP_007015015) were increased 2.62 and 2.19-fold respectively in
Arsh. The enzyme responsible for RNA degradation has been reported to degrade mRNA of AHL
synthase genes and thus decrease the AHL production rapidly [53]. Overall, the above transcriptome
data showed that ppGpp could regulate several factors including the ECF sigma factor, DksA,
ATP-dependent Lon protease and RNA degradation enzymes. These factors have been proved
to affect the expression of luxI/R homologs in other bacteria. However, the relationship between
these factors and luxI/R homologs in sphingomonads remains unknown and needs further studies.
We proposed these potential molecular mechanisms of ppGpp-dependent expression of novl and novR,
which might contribute to giving insight into the complicated cross-talk between stringent response
and QS in sphingomonads.

2.7. Repressed Exopolysaccharides (EPS) Biosynthesis

Many strains in sphingomonads can produce EPS [12,13]. The transcriptome data showed the
gene encoding a putative glucan biosynthesis protein (WP_052117974) and two genes involved in
capsule biosynthesis and export (WP_052118064, WP_007015819) were up-regulated 3.03, 2.07 and
3.01-fold respectively in strain Arsh. Glucans are major constituents of capsular materials [54]. Thus,
we analyzed Arsh for Congo red binding. Congo red binds certain polysaccharides as well as polymers
that display amyloid-like properties [12]. On Congo red plates, the colony biofilm of Arsh was light red,
while the wild-type strain appeared slightly orange. The complemented strain showed a phenotype
similar to that of the wild-type strain (Figure 6a). Furthermore, the culture of Arsh bound more Congo
red than the wild type, leaving less Congo red in the cell-free supernatant. The Congo red bounding of
Arsh (pCM62-rsh) showed no significant difference with that of strain US6-1 (Figure 6b). The results
suggested that Rshyse-; affected EPS biosynthesis as a repressor, consistent with the changes of the
expression levels of the above genes. This phenomenon was also observed in Sinorhizobium meliloti [55].
When the local environment becomes unfavorable (e.g., nutrient or oxygen deficiency), the motile
behavior is important for bacteria to move towards a better environment to survive. In several strains
of sphingomonads, the presence of EPS can result in a phenotypic shift from planktonic cells to
non-motile cells [13]. Therefore, the repression of Rshysg_; on the EPS biosynthesis might be a survival
strategy of strain US6-1.
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Figure 6. Assessment of EPS production of strain US6-1, Arsh and Arsh (pCM62-rsh). (a) Colony
biofilm morphology of strains on the P5Y3 plates containing 40 p1g/mL Congo red. One representative
experiment out of three independent biological replicates is shown. The white bar represents 5 mm.
(b) Congo red binding assay. The biomass of strains grown in static culture for 96 h was determined
gravimetrically as cell wet weigh. The bacterial mass was then mixed with 1 mL of Congo red
(100 pg/mL) in 0.9% saline for binding. After removing the biomass, the ODygy of unbound Congo
red in supernatant was measured and the percentage of Congo red left in supernatant g~ was shown.
The ODygj of 100 ug/mL Congo red in 0.9% saline was used as the control. The results are averages of
three replicates, and the error bars indicate standard deviations. “***” represents p < 0.001.

2.8. Rshyjse—1 Regulon Involved in Other Processes

The large plasmids present in US6-1 possess putative biodegradation genes that play a key
role in PAH degradation [56]. These genes were investigated in the transcriptome data. Two genes
(WP_007014585, WP_007014540) located in the large plasmid pLA3 showed up-regulation in Arsh,
which was similar to the situation in Sphingomonas sp. LH128 [14]. For strain LH128, the expression of
phenanthrene catabolic genes were decreased while rsh was up-regulated after 6 months of starvation.
This indicated that Rshyge-1 might affect the degradation of PAH. Many researches on sphingomonads
mainly focused on enzymes which could degrade PAH directly [56]. Considering sphingomonads
always degrade aromatic compounds in contaminated soil with limited nutrient availability [7],
studying the relationship between Rsh and genes involved in the degradation of aromatic compounds
would help understand a comprehensive degradation mechanism. Future studies carried out in an
environment contaminated with PAH using Arsh are needed to investigate the relationship.

All sphingomonads contain in their outer membranes sphingolipids which replace
lipopolysaccharides [7]. Serine palmitoyltransferase (SPT) is a key enzyme in sphingolipid
biosynthesis [57]. Two up-regulated genes (WP_007012867 and WP_007014840) were annotated as
a-oxoamine synthases, a family of enzymes including SPT. Their identification of amino acid sequences
with SPT from Sphingomonas paucimobilis and Sphingomonas wittichii were more than 30% [57,58],
indicating they were responsible for encoding SPT. Sphingolipids play an important role in bacterial
survival under stress [59]. However, our results indicated that when spingomonads encountered
environmental stress, sphingolipid biosynthesis was repressed via stringent response instead of being
induced, probably for energy and resource saving.
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The expression level of shape determination genes (rodA, mreC and mreB), cell-division genes
(ftsW, ftsQ) and genes encoding penicillin-binding proteins increased as a result of the deletion
of rshyse-1. These genes were involved in cell size and shape, indicating that the morphology of
US6-1 was regulated by Rshysg_1. Starvation stress can result in the changes of cell morphology of
Sphingomonas [14,60]. The reason might be that the change of cell size and shape improves the uptake
of scarce nutrients due to the increase in cell surface area to volume ratio [61]. Our data suggested that
US6-1 might adapt to environment stress via the change in cell size or shape regulated by Rshyse_1.

Genes responsible for putative regulatory functions were investigated. Several transcriptional
regulators including the cold shock protein, an UspA and a PadR family transcriptional regulator were
down-regulated. The balance of available GTP might be altered due to the up-regulation of two genes
involved in GTP synthesis, a gene encoding an IMP dehydrogenase (WP_007014769) and a pyruvate
kinase (WP_007012903). In Bacillus subtilis, Rsh regulates transcription mainly by altering the balance
of GTP [3]. Whether Rsh also affects the expression of genes through the changes of GTP concentration
in sphingomonads remains unknown. In addition, the genome of US6-1 contains 16 chemotaxis-related
genes in a “che” cluster, in which several genes were up-regulated. Many genes involved in iron
homeostasis were also in the Rshygg_; regulon. There was an up-regulation in the expression level of
genes encoding transporters ExbD and a ferrous iron transporter B and a 3.48-fold down-regulation in
the gene related to bacterioferritin. Among proteins annotated as TonB-dependent receptors, 10 were
up-regulated and 13 were down-regulated. The absence of Rshygs1 seemed to result in a disruption in
iron homeostasis.

3. Materials and Methods

3.1. Bacterial Strains, Plasmids and Growth Conditions

Bacterial strains and plasmids used in this study are listed in Table 2. Strain US6-1 and its
derivatives were grown in P5Y3 (5 g/L peptone, 3 g/L yeast exact and 25 g/L sea salt, pH = 6.5 £ 0.2)
at 30 °C. Unless noticed otherwise, in all experiments fresh colonies of US6-1 and its derivatives were
first inoculated into P5Y3 broth at the shaking speed of 200 rpm to an ODgg value of 1 and 250 uL
of this seed culture was then re-inoculated into 50 mL of fresh P5Y3 broth and incubated statically.
E. coli and A. tumefaciens A136 were grown in Luria Broth (10 g/L tryptone, 5 g/L yeast extract, 10 g/L
NaCl) at 37 °C or 30 °C, respectively. When appropriate, the following antibiotics were added to the
medium: kanamycin (100 ug/mL), streptomycin (100 pg/mL), rifampicin (50 ug/mL) and tetracycline
(9 nug/mL) for strain US6-1 and its derived strains, kanamycin (50 ug/mL), tetracycline (9 ug/mL) and
ampicillin (100 pug/mL) for E. coli, tetracycline (4.5 pug/mL) and spectinomycin (50 1g/mL) for A136.

Table 2. Bacterial strains and plasmids used in this study.

Strains or Plasmids Relevant Traits Source or Reference

Strains

N. pentaromativorans

USe6-1 Wild type (JCM 12182) Microbe division JCM
Arsh US6-1, rshyse.1 deletion mutant, Rif" This study
Arsh (pCM62-1sh) Arsh with the plasmid pCM62-rsh, Tc” This study
Anovl US6-1, novl deletion mutant, Rif" Lab stock
E. coli
DH5a F- hsdR17 endA1 thi-1 gyrA96 relAl TransGen Biotech

supE44AlacU169 (80dlacZAM15)
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Table 2. Cont.

Strains or Plasmids Relevant Traits Source or Reference

E. coli K-12 Tp" Sm" recA thi hsdRM™*

S17-1 (pir) RP4::2-Te:Mu::Km Tn7, Apir phage lysogen (621
A. tumefaciens A136 Lo . et ar
(pCF218) (pCF372) tral-lacZ fusion; AHL biosensor; Tc" Sp [63]
Plasmids
pMD19-T T-vector, Amp® TaKaRa, Dalian, China
Plasmid for allelic exchange and markerless
PAK405 gene deletions; Km” [64]
3 PpAK405 with fusion of up- and .
PAK405-rsh downstream regions of rshyse.1; Km* This study
pCM62 Broad—ho'stjrange cl{)nmg Vect?r; IncP [65]
origin of replication; Tc
pCM62-rsh pCM62 with rshysg.; ORF and 502 bp of This study

upstream region; Tc"

3.2. Sequence Analysis of Rshyjse-1

The nucleotide sequence of rshygs-1 (accession number WP_007011921) and its deduced
amino acid sequences were obtained from NCBI GenBank (https://www.ncbinlm.nih.gov,
15 November 2016). Domain prediction was carried out using Conserved Domain Database in NCBI.
Multiple-sequence alignments were accomplished using BIOEDIT version 7.0.9.0 (Ibis Therapeutics,
Carlsbad, CA, USA) [66]. The identities of Rshysg.; with Rshg-17 (Rsh from Novosphingobium sp.
Rr 2-17, accession number ACH57394) [33], Rshyyy, (Rsh from Mycobacterium tuberculosis, accession
number CAB01260) [34], Rshseq (Rsh from Streptococcus equisimilis, accession number CAA51353) [35],
Rshget (Rsh from Rhizobium etli, accession number ABC90188) [36], SpoTgeoy (SpoT from E. coli,
accession number AAC76674) [32] and RelAgq; (RelA from E. coli, accession number AAC75826) were
calculated by BLAST+ program [67]. For construction of phylogenetic trees, sequences were aligned by
using the ClustalW algorithm [27] in MEGA version 6.0 [28]. Then a phylogenetic tree was constructed
by the neighbor-joining method [29] with 1000 bootstrap replicates [30] after cutting off the redundant
sequences at the end, with the use of MEGA version 6.0. The Rsh protein from Anabaena sp. PCC 7120
(accession number BAB77915) was used as outgroup [31].

3.3. Strain Construction

Primers used in the present study are listed in Table S4. The in-frame gene deletion mutant
was constructed as described previously [64]. Briefly, up- and down-stream flanking regions of
rshyse-1, approximately 400 bp each, were amplified by PCR with the primer pairs rsh-50/rsh-5I
and rsh-30/rsh-31 and joined using overlap PCR with rsh-50/rsh-30. The resulting fragments were
cloned into the plasmid pAK405 via the BamHI/HindlIlI restriction site. The pAK405 derivative was
subsequently delivered into US6-1 via conjugal transfer from E. coli S17-1 (Apir). After the conjugal
transfer, bacteria were plated on P5Y3 supplemented with kanamycin (100 ug/mL) and rifampicin
(50 nug/mL). Individual colonies were restreaked once on the same medium and then plated on P5Y3
supplemented with 100 ug/mL streptomycin to select for the second homologous recombination event.
The resulting colonies were restreaked on both P5Y3 supplemented with 100 pg/mL streptomycin and
P5Y3 containing 100 ug/mL kanamycin, and kanamycin-sensitive clones were analyzed by colony
PCR using primers rsh-FO/rsh-RO.

For complementation studies, fragments containing the rshyss_; ORFs and upstream regions
were amplified by PCR using the primer pairs PrshF/PrshR. The PCR products were cloned into
the plasmid pCM®62 [65] to generate pCM62-rsh via the EcoRI/HindIII restriction site. The plasmid

89



Int. ]. Mol. Sci. 2018, 19, 2631

pCM62-rsh was transformed into Arsh by electroporation (2 kV) using a MicroPulse electroporator
(Bio-Rad, Hercules, CA, USA). The complementary strain was verified by qRT-PCR and the tetracycline
resistance (9 ug/mL). A Bacterial Genomic DNA Extraction Kit, a Gel Extraction Kit and a Plasmid
Miniprep Kit were purchased from TransGen Biotech (Beijing, China) and used according to the
manufacturer’s instruction.

3.4. Growth Curve

Fresh colonies of US6-1 and its derivatives were first inoculated into P5Y3 broth at the shaking
speed of 200 rpm to an ODggp value of 1. Then, 250 pL of this seed culture was re-inoculated into 50 mL
of fresh P5Y3 broth and incubated statically. The growth curve was drawn from measuring the ODggo
values. The ODg values were monitored using the Spectrophotometer (Metash, Shanghai, China).

3.5. Detection of AHL Accumulation

Strains were tested for AHL accumulation by cross-feeding and extract assays according to
the previous study [37]. In the cross-feeding assay, a P5Y3 agar plate was covered with 50 uL X-gal
(20 mg/mL stock solution in dimethylformamide). The AHL reporter strain A136 and the tested strains
were streaked side by side on the agar plates. Plates were incubated for 24 h, when the activation of
the reporter was recorded. A136 versus A136 was used as negative control.

In the extract assay, AHL signals in culture broths were extracted three times by equal volume
of ethyl acetate (EA). The EA extracts were combined and evaporated at 55 °C to dry under reduced
pressure. The extracts were re-dissolved in 1 mL of EA and passed through a sodium sulfate column
to remove water. The extracts were spotted onto LB soft agar plates plus X-gal mixed with A136.
The plates were incubated for 12 h at 30 °C and the diameters of the blue stains which represented the
quantity of AHL signals in bacterial culture were recorded.

3.6. ppGpp Analysis

ppGpp was extracted with formic acid [68]. At 36 h (exponential growth phase) and 72 h
(stationary phase) of incubation, bacterial cells were collected by centrifugation and suspended in
1 mL of 0.9% saline. Then 100 pL of 11 M formic acid was added to the suspension. The sample was
vigorously mixed and incubated on ice for 30 min. These samples were centrifuged at 10,000 x g for
10 min at 4 °C. The supernatant was filtered through 0.2 pm filters and stored at —20 °C until use in
HPLC analysis.

To assay ppGpp, 100 pL of the extract was subjected to 1100 Series HPLC (Agilent, Santa Clara, CA,
USA) by using a ZORBAX SB-C18 column (4.6 x 250 mm, 5 um, Agilent) at a flow rate of 1.0 mL/min.
The mobile phase (pH 6.0) consisted of 125 mM KH;POy, 10 mM tetrabutyl ammonium dihydrogen
phosphate, 60 mL/L methanol, and 1 g/L KOH [68]. The eluted nucleotides were monitored at 254 nm
and identified by comparison with the retention time of 100 uM ppGpp standards (TriLink Biosciences,
San Diego, CA, USA). The ppGpp standard was eluted at 71 min under the current conditions.

3.7. Identification of AHL Degradation of Arsh in the Exponential Growth Phase

To determine whether AHL was degraded by Arsh in the exponential growth phase, Arsh was
incubated with 2 uM medium-chain AHL (C8-AHL and 3-OH-C8-AHL) for 24 h, 48 h and 72 h, after
which the EA extracts were spotted onto AHL reporter plates [69]. The residual AHL was detected by
A136. To avoid the influence of the AHL produced by US6-1 in the exponential growth phase, novl
deletion mutant, which could not produce AHL, was used as positive control. Blank medium with
AHL was used as negative control.
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3.8. RNA Extraction and RNA-seq

Cultures of US6-1, Arsh and Arsh (pCM62-rsh) after 24 h, 36 h, 48 h and 72 h of static incubation
were frozen in liquid nitrogen and stored at —80 °C. Total RNA extraction was performed with
RNAprep pure Cell/Bacteria Kit (Tiangen biotech, Beijing, China) according to the manufacturer’s
instructions. RNA concentration and purity were determined at 230 nm using a NanoDrop ND-1000
(Thermo Scientific, Waltham, MA, USA). Genomic DNA contamination was removed and cDNA was
synthesized using FastKing gDNA Dispelling RT SuperMix (Tiangen biotech, Beijing, China).

Samples of cDNA of US6-1 and Arsh at 36 h of incubation (exponential phase) were chosen for
RNA-seq analysis. Library construction and sequencing were performed on a BGISEQ-500 platform
by Beijing Genomic Institution (Shenzhen, China). All the raw sequencing reads were filtered to
remove low quality reads and reads with adaptors, reads in which unknown bases are more than
10%. Clean reads were then obtained. These reads were stored as FASTQ format and then deposited
in the NCBI Sequence Read Archive (http://trace.ncbi.nlm.nih.gov/Traces/sra, 22 May 2018) under
the accession number SRP148564. HISAT [70] was used to map clean reads to genome of US6-1.
For gene expression analysis, the matched reads were calculated and then normalized to reads per
kilobaseper million mapped reads using RESM software [71]. The significance of the differential
expression of genes was defined according to the combination of the absolute value of the fold change
>2 and an adjusted p value < 0.05 using DESeq2 algorithm [72]. KEGG-based annotation and pathway
enrichment analysis was performed using the KEGG pathway database (http://www.genome.jp/
kegg/, 25 September 2017). All these KEGG terms were decided by a Fisher’s exact test with phyper
function in R language [42]. An adjust p value of 0.01 was used as the threshold to obtain significantly
over-represented KEGG terms.

3.9. Quantitative Real-Time Polymerase Chain Reaction (qRT-PCR)

Quantitative real-time PCR (qRT-PCR) was performed according to protocols described
previously [73]. cDNA samples were used as the templates for amplification by using SYBR Premix
Ex TagTM Kit (Tli RNaseH Plus) (TaKaRa, Dalian, China) in Applied Biosystems StepOnePlus™
Real-Time PCR System (Thermo Scientific, Waltham, MA, USA). Primers were designed on the Sangon
website (http://www.sangon.com/, 14 January 2018) and listed in Table S4. The following PCR
program was used: 95 °C for 30 s, followed by 40 cycles of 95 °C for 5's, 60 °C for 30 s. A heat
dissociation curve (60-95 °C) was checked after the final PCR cycle to determine the specificity of the
PCR amplification. The gene expression levels of derivatives of US6-1 relative to the wild-type strain
were analyzed using the 2—AACt analysis method [74] (Arsh vs. US6-1 or the complementary strain
vs. US6-1). The 16S rRNA gene was used as internal references to normalize cDNA templates.
Negative controls with nuclease-free water as templates for each primer set were included in
each run. The expression profiles obtained from the RNA-seq were validated by qRT-PCR of 39
representative genes involved in functional groups including AHL production, sigma factor synthesis,
RNA degradation, EPS biosynthesis, PAH degradation, sphingolipid production, cell division and
shape, GTP synthesis and other functions. The RNA-seq data were considered valid if they met both
two requirements. One was that the gene expression (Arsh vs. US6-1) was regulated in the same
direction (up or down) in both RNA-seq data and qRT-PCR, and the fold change of genes tested by
qRT-PCR was logy(x) > 1 or logy(1/x) < —1 (i.e., a plain fold change >2) with statistical differences
(p value < 0.05) [75]. Another was that the gene expression (the complementary strain vs. US6-1) by
qRT-PCR was not different significantly or was regulated in the opposite direction in the RNA-seq
data. The above valid DEGs were chosen to be clustered. The heat map of their log, expression ratios
in the RNA-seq data in strain US6-1 and Arsh was drawn by the software Heml [43].
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3.10. Congo Red Binding Assay

The assay to evaluate the EPS production followed the method described previously with minor
modification [76]. Cultures were inoculated from a single colony and grown to an ODggg of 1 in
P5Y3 broth; 10 pL of suspensions were spotted on P5Y3 plates containing 40 pg/mL Congo red
(Solarbio, Beijing, China). The plates were grown at 30 °C to assess the morphology of colony biofilm.
For quantitative analysis, strains were first cultured in static P5Y3 broth. Then, the bacterial mass
was collected at 96 h by centrifuging at 8000 rpm for 5 min and the supernatant was discarded.
Determination of biomass was performed gravimetrically as cell wet weight (g). The precipitate
was suspended in 1 mL of 100 pug/mL Congo red in 0.9% saline and then incubated for 90 min with
shaking at 30 rpm at room temperature. Centrifugation was performed again to separate the mass and
solution, and then the ODjg) of the supernatant was measured. The percentage of Congo red left in
the supernatant was calculated by relating to the ODygp of 100 pg/mL Congo red in 0.9% saline.

3.11. Statistical Analysis

All assays were performed in triplicate and data were expressed as the means and standard
deviations (mean =+ SD). Analysis of statistical differences was conducted with Student’s ¢-test.

4. Conclusions

This is the first transcriptome-wide study of the Rsh regulon in sphingomonads, which is an
important step towards understanding the regulatory system of stringent response in sphingomonads.
Our study showed that there was a wide range of genes in the Rshysg1 regulon, including those
involved in common traits of sphingomonads such as EPS biosynthesis, PAH degradation and
sphingolipid biosynthesis. Furthermore, we focused on the potential molecular mechanisms of
Rshyse-1-dependent AHL accumulation. Essential genes for AHL production (n0vl and novR) were
positively regulated by Rshyse1 in the exponential growth phase. Several factors including the ECF
sigma factor, DksA, ATP-dependent Lon protease and RNA degradation enzymes might be involved
in the ppGpp-dependent expression of novl and novR. Future studies will focus on the validation of the
above proposed mechanisms, which might provide an insight into the complicated cross-talk between
stringent response and QS in sphingomonads.
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Abstract: The selenium content of the body is known to control the expression levels of numerous
genes, both so-called selenoproteins and non-selenoproteins. Selenium is a trace element essential
to human health, and its deficiency is related to, for instance, cardiovascular and myodegenerative
diseases, infertility and osteochondropathy called Kashin-Beck disease. It is incorporated as
selenocysteine to the selenoproteins, which protect against reactive oxygen and nitrogen species.
They also participate in the activation of the thyroid hormone, and play a role in immune system
functioning. The synthesis and incorporation of selenocysteine occurs via a special mechanism,
which differs from the one used for standard amino acids. The codon for selenocysteine is a regular
in-frame stop codon, which can be passed by a specific complex machinery participating in translation
elongation and termination. This includes a presence of selenocysteine insertion sequence (SECIS)
in the 3/-untranslated part of the selenoprotein mRNAs. Nonsense-mediated decay is involved in
the regulation of the selenoprotein mRNA levels, but other mechanisms are also possible. Recent
transcriptional analyses of messenger RNAs, microRNAs and long non-coding RNAs combined
with proteomic data of samples from Keshan and Kashin-Beck disease patients have identified new
possible cellular pathways related to transcriptional regulation by selenium.

Keywords: selenium; selenocysteine; selenoproteins; selenocysteine insertion sequence; nonsense-
mediated decay

1. Introduction

Selenium is a trace element and a vital nutrient component. It is present in various forms,
such as inorganic sodium selenate and sodium selenite and, for instance, also as selenomethionine,
selenocysteine, y-glutamyl-selenium-methylselenocysteine, selenium-methyl selenocysteine and
methylselenol [1,2]. These various forms have different oxidation states: +6 in selenates, +4 in
selenites, 0 in elemental selenium, and —2 in inorganic and organic selenides [3], which affect their
bioavailability and properties. In food, selenium is mainly associated with protein in animal tissue,
particularly in meat and seafood, but also in bread and cereals [1,2]. In plants, selenium is converted to
methylated selenium components, selenomethione and selenocysteine (Sec) [4,5]. There are also many
enteral formulas supplemented with selenium, too [2].

The major bioavailable forms of selenium are organic forms, such as Sec and selenomethionine,
and inorganic selenate and selenite. A recommended average daily intake for individuals over 14 years
of age is 55 ug according to the Office of Dietary Supplements of the National Institutes of Health
(Bethesda, MD, USA), while the need in younger children ranges between 15-40 ng/day. Globally,
the dietary intake can often be below that recommendation [6], and there may be even one billion
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people affected by selenium deficiency, mainly due to a low selenium content in the soil. Geographical
variation in the soil selenium contents occurs globally, and especially in China the soil shows highly
variable contents [7].

The first findings related to selenium were those noted on its toxicity already in 19th
century. The symptoms of selenium toxicity include fatigue, and disturbances in connective tissue,
cardiovascular, nervous, gastrointestinal and respiratory systems [8]. Selenosis due to unusually high
concentrations of dietary selenium leads also to poor dental health, brittle hair and nails, nausea,
vomiting and pulmonary oedema, the symptom severity depending on the level of poisoning [9].
In addition, selenium can even interact with arsenic, increasing the toxicity [10].

Many chronic diseases are also related to decreased selenium status. Increased incidences of
myocardial infarction and death have been noticed to be associated with selenium deficiency [11].
Low selenium has also been related to cancer, renal diseases and viral infection [4]. Chinese endemic
diseases, such as the Keshan and Kashin—-Beck diseases are mainly observed in a geographic belt
located from northeast to southwest in China with a very low content of water-soluble selenium [12].
Selenium deficiency is also associated with fibrosis of various organs, such as heart, liver, kidney,
thyroid and pancreas, and both to fibrotic cystic and oral submucosa [13].

The supplementation of selenium in foodstuff or fertilizers to achieve adequate supply has been
practiced in variable ways. In the 1970s, Finland was among those countries that had the lowest
selenium levels in the population. Since Finland also had a high incidence of cardiovascular diseases,
an association of these factors was hypothesized. A large-scale fortification of fertilizers supplemented
with selenium increased the selenium contents of bread and milk in Finland so that the selenium levels
in the serum almost doubled in the population [3]. Patients with viral or bacterial infections may
benefit from dietary selenium supplementation [14].

The preventive and therapeutic efficiency of selenium in cancer depends on the form of
selenium [15]. It has been noticed that four-valent sodium selenite can specifically oxidize the vicinal
sulfhydryl groups [16,17], in contrast to six-valent selenate [16]. It has been found that hydrophobic
polymers coating the plasma membrane can make the cells resistant to the recognition and destruction
by the innate immune system, while redox-active sodium selenite can inhibit this process by unmasking
specific tumor antigens, which upon immune recognition allow natural killer cells to eliminate the
tumor cells [18]. Importantly, sodium selenite can also directly activate the natural killer cells [19].
Besides solid tumors [20], selenite appears to have an anti-leukemic effect [21], and to be potentially
useful for the treatment of multidrug-resistant acute myeloid leukemia [22].

In this review, we briefly discuss the functions of the selenoproteins, the events related to
selenoprotein biosynthesis, and how selenium deficiency affects the gene regulation of selenoproteins,
but also other genes. The role of long non-coding RNAs (IncRNAs) is also handled, while the focus of
this review is on human and other mammalian observations.

2. Selenoprotein Functions and Selenoprotein-Related Disorders

Selenium is incorporated into proteins mainly as Sec, the 21st amino acid [23]. There are
24 selenoproteins identified in rodents and 25 in humans [24]. These include five glutathione
peroxidases, three iodothyronine deiodinases, two thioredoxin reductases, thioredoxin-glutathione
reductase 3, selenophosphate synthetase 2, methionine sulfoxide reductase B1, and selenoproteins F,
H,LK,M, N,O,PS,T,Vand W [25]. The best-known selenoproteins are glutathione peroxidases,
thioredoxin reductases, iodothyronine deiodinases and selenoprotein P.

Selenoprotein biosynthesis is essential for life, since deletion of the murine gene encoding
selenocysteine tRNA, which inserts selenocysteine to a growing polypeptide during translation,
led to an early embryonic lethality [26]. The functions of many of the selenoproteins have been
identified so far, although there are still those with unknown functions [27]. Almost all of them
are oxidoreductases, and they have been localized to plasma membrane, endoplasmic reticulum,
cytosol, mitochondria, and nucleus, and even two secreted extracellular selenoproteins are present [27].
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They also have diverse patterns of tissue distribution, which can vary from ubiquitous to very
tissue-specific locations [28]. The selenoproteins involve antioxidant and redox reactions by the
detoxification of peroxides, a regeneration of reduced thioredoxin and a reduction of oxidized
methionine residues, and iodothyronine deiodinases regulate the activity of thyroid hormones [28].
Some selenoproteins are also involved in calcium mobilization, selenium transport and endoplasmic
reticulum stress [28].

Universal genetic code has three codons reserved for translation termination. Of those, the
UGA codon also signals for the incorporation of Sec into the selenoproteins [29]. A Sec insertion
sequence (SECIS), which is a specific stem-loop structure in the 3'-untranslated regions (UTRs) of
the messenger RNAs (mRNAs) in eukaryotes, makes the cotranslational incorporation of Sec into
nascent polypeptides possible [30]. The mammalian selenoproteins usually contain a single Sec residue
located in the enzymes’ active site, with the exception of the selenoprotein P, which has multiple
residues [31]. The presence of Sec in the active site of the selenoproteins is important for its activity,
and a misinterpretation of the UGA codon can lead to a significant loss of function of the selenoprotein.
Still, many selenoproteins have functional orthologs, which have cysteine occupying the position of
Sec [32], although they usually have poor activity in comparison to the Sec-containing selenoprotein.

Mutations and inborn errors in the genes involved in selenoprotein biosynthesis have been
identified [33]. The first selenoprotein-related mutations were observed in the selenoprotein N [34],
and it has been noticed that its mutations led to a spectrum of myopathies. Other disorders include
neurologic phenotypes due to, for instance, the selenium deficiency in the brain caused by impaired
selenium transport in the selenoprotein P-deficient mice [35,36]. The mutations in the glutathione
peroxidase 4 cause Sedaghatian-type spondylometaphyseal chondrodysplasia [37], and those in
thioredoxin system may affect the heart and the adrenals [38,39]. There are no known mutations
of iodothyronine deiodinases in humans, but in mice the deletion of iodothyronine deiodinase 2
impaired bone stability [40]. The mutations in SECIS-binding protein 2 gene affect thyroid hormone
regulation [41], but can have variable other features as well. The first identified human mutation
in selenocysteine transfer RNA (tRNA[Sr15¢¢) manifested a similar phenotype as mutations in
SECIS-binding protein 2 gene [42]. In mice, deletion of the gene encoding the tRNAISerISec jn
osteochondroprogenitor yielded a phenotype similar to Kashin—-Beck disease [43], although the
phenotype is clearly stronger than the one observed in human Kashin-Beck disease [44].

3. Biosynthesis of Selenocysteine and Selenoproteins

There are two principal elements in the biosynthesis of selenoproteins and recoding of the UGA
stop codon [45]. These are the involvement of (1) tRNAISerlSec ywhich has an anticodon to the UGA
codon, and (2) SECIS in the 3'-UTR. tRNABerISee first described in 1970 [46,47], is a unique tRNA in
being able to regulate a whole class of proteins, namely the selenoproteins.

The aminoacylation of tRNA[15e¢ differs remarkably from the other tRNAs, since it requires
the action of four different enzymes instead of only the one needed for the others [45]. In eukaryotes,
the synthesis of Sec is started so that serine aminoacyl tRNA synthetase charges tRNASer] 5e¢ vith
serine. In the next step, tRNA[Ser15e¢ serine is phosphorylated by a specific phosphoseryl tRNA kinase
and, finally, the phosphate of O-phosphoserine of the tRNAISerISe¢ i substituted by selenium atom
donated by selenophosphate in a reaction catalyzed by selenocysteine synthase [45]. Selenophosphate
synthetase 2 is essential in mammals to generate selenophosphate, while a highly homologous
selenophosphate synthetase 1 has only little or no effect on selenoprotein synthesis [48,49].

Every selenoprotein mRNA contains a stem-loop-stem-loop structure in the 3'-end of their
mRNA, which is an approximately 200 nucleotides long sequence. They are essential for the recoding
of the UGA codons during selenoprotein translation. It has been noticed that the SECIS motif is in
fact important for the modulation of the efficiency of Sec insertion, so that several thousand-fold
differences can be observed between the strongest and weakest SECIS elements [50]. The minimum
distance of the SECIS motif from the UGA codon is evaluated to be 51-111 nucleotides [51].
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There are many proteins involved in the recoding of Sec. The best characterized of those is
SECIS-binding protein 2 (SBP2) [52], which is found in all eukaryotes expressing selenoproteins. It is
one of the limiting factors for Sec insertion [53], and its silencing caused a selective down-regulation of
the selenoprotein expression in the mammalian cells [54]. It has been shown that SBP2 binding affinity
also has a major importance for differential selenoprotein mRNA translation and sensitivity to so-called
nonsense-mediated decay (NMD) [55]. The cells use a complex NMD pathway to destroy mRNAs with
the premature stop codon to prevent their translation, which would lead to a synthesis of incorrect
proteins [56]. Translation initiation factor 4A3 (elF4A3) is a SECIS-binding protein, which takes part in
a selective translational control of a subset of the selenoproteins [57]. Its binding to a subset of SECIS
elements physically limits the binding of SBP2 there, thus preventing Sec insertion [57], and leads
to the premature stop of translation. It has been shown that approximately half of the selenoprotein
transcriptome has a SECIS element susceptible to NMD, which leads to remarkable changes of the
transcript levels under selenium deficiency [58].

Ribosomal protein L30 is a SECIS-binding protein as a component of the large unit of eukaryotic
ribosome, and can apparently recruit SBP2 to the Sec recoding machinery [59], but its exact
function in Sec insertion needs further investigation. A multifunctional protein, nucleolin, is another
SECIS-binding protein, which is likely to functions in Sec translation complex as a link to the
ribosome [60].

4. Regulation of Selenoprotein Transcriptome by Selenium

Selenium intake has been observed to significantly affect the selenoproteome. During selenium
deficiency, the gene expression and production of certain obviously essential selenoproteins is
prioritized over others [61,62]. In a one-day-old layer of chicken liver, a prolonged deficiency of
selenium in the diet continued for up to 65 days decreased 19 selenoprotein mRNA expressions of 21
investigated ones [63]. However, the sensitivities of various selenoprotein gene expressions to decrease
was differential [63]. In general, interpretations of the results accumulated from the published studies
are somewhat complicated, since the tissue distribution of the specific selenoproteins and their various
intra- and extracellular locations is variable [27,64].

A considerable number of the selenoproteins participate in glutathione and thioperoxin systems,
which play important roles in maintaining cellular redox balance [65]. Glutathione peroxidases
are catalysts for the reduction of H,O, or organic hydroxyperoxides to water or corresponding
alcohols, most often by using glutathione as a reductant. Their dysregulation has been associated with
diabetes, cancer, inflammation, and obesity [66]. Glutathione is one of the most important intracellular
antioxidant systems, although it is also present in extracellular environments [67]. Thus, it acts as the
major redox buffer in the majority of the cells. Glutathione in its reduced form can scavenge reactive
oxygen and nitrogen species, a process which yields oxidized glutathione disulfide [65]. An enzyme
glutathione reductase recycles oxidized glutathione back to its reduced form using nicotinamide
adenine dinucleotide phosphate as a universal reducing agent [68]. Besides this system, glutathione
metabolism involves numerous other proteins and electrophiles [69].

During aging, the redox balance of our body is jeopardized by oxidative stress, which is
indicated by the oxidation of, for instance, glutathione, which is also related to our health and
disease [70]. Selenoglutathione is a selenium analogue of glutathione, and a biologically potent
redox substrate. Its oxidized form was recently shown to have the potential to repair misfolded
disulfide-bond-containing proteins [71]. Since diselenide bonds can be expected to be more stable
than disulfide ones, selenoglutathione analogues have also raised medical interest as possibly effective
antioxidative agents [72].

Thioredoxin is a highly conserved antioxidant protein, which also participates in the maintenance
of the redox balance by thiol-disulfide exchange reactions [73]. The thioredoxin system acts
together with glutathione, and they can provide the electrons that cross-control the cellular redox
environment [74].
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4.1. Glutathione Peroxidases

Five of the glutathione peroxidases in humans are selenoproteins. Ubiquitously present
glutathione peroxidase 1 was the first identified selenoprotein, which was then found to protect
hemoglobin from oxidative breakdown [75]. Its gene expression and enzyme activity was almost totally
lost in the liver and the heart under the depletion of selenium in the diet of rats, while in glutathione
peroxidase 4, also known as phospholipid hydroperoxide glutathione reductase, gene expression was
practically unchanged despite the 75% and 60% decrease of enzymatic activity, respectively [64].

In rats, glutathione peroxidase 2 was observed to be expressed only in the epithelium of
the gastrointestinal tract, therefore, it is also called gastrointestinal glutathione peroxidase [76].
Its expression has also been reported for the human liver [77]. The selenium deficiency even appeared
to increase the gene expression of glutathione peroxidase 2, while glutathione peroxidase 1 levels
dropped and glutathione peroxidase 4 levels remained unchanged [78].

Glutathione peroxidase 3 is an abundant plasma protein, which is mostly secreted by kidney
proximal tubules [79]. Studies with double knock-out mice for the glutathione peroxidase 3 and the
selenoprotein P showed that together these two proteins account for the majority (>97%) of all plasma
selenium in mice [80].

Besides H,O,, glutathione peroxidase 4 can also reduce the hydroperoxides present in
phospholipids and cholesterol [66]. It is present in three different isoforms, namely the cytosolic,
mitochondrial and sperm nuclear forms [81]. Their expression levels have been shown to be relatively
resistant to the selenium deficiency [54,64], and therefore they are considered to be among the essential
selenoproteins [82].

4.2. Thioredoxin Reductases

Humans and higher eukaryotes have three thioredoxin reductases, namely cytosolic,
mitochondrial and testis-specific [83], which all contain the in-frame UGA codon to encode Sec
residue. Although the mutation of Sec to Cys leads to a major decrease in their catalytic activity, Sec is
not catalytically essential to reduce thioredoxin due to orthologs, which can perform identical reactions
with approximately the same efficiencies [84]. Thioredoxin reductase 1 has been shown to be different
from thioredoxin reductase 3 by containing a C-terminal structure, which restricts the motion of the
C-terminal tail containing Gly-Cys-Sec-Gly tetrapeptide so that only that C-terminal redox center can
participate with Se-dependent reduction by the N-terminal redox center, while thioredoxin reductase 3
does not have that same structure [85]. Therefore, thioredoxin reductase 3 has a greater access to the
substrate and an alternative mechanistic pathway [85].

The selenium deficiency was shown to decrease the expression levels of both thioredoxin
reductases 1 and 2 in rat heart, as well as glutathione reductases 1 and 4, which is known to impair
the recovery from ischemia-reperfusion, while selenium supplementation significantly increased their
expression levels [86]. Although glutathione peroxidases and thioredoxin reductases have been shown
to be similarly modulated by the selenium availability in cardiac tissue [86], and to cooperate in the
protection against free-radical-mediated cell death [87], they were oppositely regulated by selenium in
response to replicative senescence in human embryonic fibroblasts [88].

Thioredoxin reductase 1 is overexpressed in many malignant cells and thus it has been considered
as a target for anticancer approaches [89]. The transcriptional regulation of human thioredoxin
reductase is very complex [90]. It has at least 21 different transcripts, which encode five isoforms
differing in the alternative N-terminal domains [91]. It has been observed that selenium overdose can
have selective cytotoxic effects on tumor cells [92].

4.3. Iodothyronine Deiodinases

Type 1 iodothyronine deiodinase produces biologically active 3,5,3'-triiodothyronine (T3) from
3,5,3',5'-tetraiodothyronine (T4, or thyroxin) for the plasma, while type II enzyme provides a
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local conversion. Type 3 enzyme finally converts T3 to inactive T2. All three deiodinases are
expressed in a number of fetal and adult tissues [93]. The finding that selenium deficiency
inhibits the activity of type I and II iodothyronine deiodinases led to the proposal that they are
seleno-enzymes or selenium-containing cofactors [94], and type I iodothyronine deiodinase was soon
identified as a selenoenzyme [95]. However, the gene expressions of type I iodothyronine deiodinase
and selenoprotein P were more resistant to selenium deficiency-related decline than glutathione
reductase [96]. In chicken, type I deiodinase expression was the most sensitive to prolonged selenium
deficiency, while the type III enzyme did not change significantly even after 65 days deprivation [63].
Thyroid is much more resistant to dietary deficiency than, for instance, the liver, indicating the
dependency on the organ in terms of how selenium deprivation affects the gene expression of the
selenoproteins [97]. In general, the thyroideal conversion of T4 to T3 by iodothyronine deiodinases can
be considered to be their major function. However, they have importance in other tissues as well, since
type I iodothyronine deiodinase transcripts could be found at even higher levels than the thyroid in
the ovine skeletal muscle, kidney and heart [98].

4.4. Other Selenoproteins

The selenium availability changes the gene expressions of a number of other selenoproteins, too.
In chicken, selenoprotein I was the only one, which did not show a significant decrease at mRNA
levels even after 65 days of selenium deficiency, while all the other investigated ones had decreased
levels already after 15 days of treatment [63].

Selenoprotein P is unique among the selenoproteins, since it incorporates several Sec residues
instead of the normal content of one Sec per one protein molecule. The human selenoprotein contains
10 Sec residues [99]. The liver takes up selenium and incorporates it into selenoprotein P, which is then
secreted into the plasma for transport to other tissues [35]. In selenoprotein P knockout mice, a low
selenium diet decreased the selenium content most severely in the brain and the testis, while the heart
was not affected [36]. Due to its selenium transport characteristics, selenoprotein P also has a special
role in the regulation of other selenoproteins.

Selenophosphate-synthetase 2 is an enzyme that participates the biosynthesis of selenoproteins
by providing the selenophosphate needed in the biosynthesis of Sec. Thus, it can regulate its own
production besides the production of other selenoproteins [100]. In selenoprotein P-depleted mice,
all the other selenoproteins were down-regulated in the brain and the testis, in contrast to elevated
levels of selenophosphate-synthetase 2 [101], which can obviously provide a compensatory mechanism
during low selenium conditions.

A recent selenoproteome transcriptome study showed that the selenium deficiency in an ATDC
chondrocyte cell line most dramatically dropped the expression levels of glutathione peroxidase 1
and selenoproteins H, I and W, while selenophosphate synthetase 2 and selenoproteins O, R and S
were in fact upregulated [102]. The gene expression levels of glutathione peroxidase 1, thioredoxin
reductase 1 and selenoproteins H, P, R and W were the most efficiently increased after the repletion of
selenium to selenium-deficient medium [103]. Similar results were obtained for another chondrocyte
cell line C28/12 [103]. A microarray analysis showed that nine selenoproteins were significantly
down-regulated in the selenium-deficient liver, while in mice with marginal selenium status none
of these transcripts remained decreased relative to the levels in selenium-adequate mice [104]. This
was concluded to mean that the selenium-related regulation of the selenoprotein gene expression is
mediated by one underlying mechanism [62].

Microarray data of more than 30,000 transcripts from the livers of rats fed with a 0-5 g
selenium/g diet revealed that selenium deficiency down-regulated four selenoprotein genes
(glutathione peroxidase 1, thioredoxin reductase 3, and selenoproteins H and T). In mouse,
thioredoxin reductase 2 and selenoproteins K and W, muscle 1 were also down-regulated in the
liver, and selenoprotein W and muscle 1 in the kidney [102].
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5. Regulation of Non-Selenoprotein Transcriptome by Selenium

Selenium deficiency also regulates the expression of genes other than those encoding for the
selenoproteins. Although limited in number, the recent large-scale transcriptome and proteome
analyses have given new insights into the general level effects of selenium deprivation.

A study investigating the effects of various levels of selenium in the diet was continued for
35 days in mice and 28 days in rats [102]. The microarray analysis of the livers of animals fed with
0-5 g selenium/g diet revealed only two transcripts (uridine diphosphate-glucuronosyltransferase
2 family, polypeptide B7 and glutathione S-transferase Yc2 subunit), which were up-regulated in
the rat liver [102], whereas carbonyl reductase 3 and heat shock protein 1 in the mouse liver and
glutathione 5-transferase, alpha 3 in the mouse kidney were also induced [102]. Real-time polymerase
chain reaction analyses of the rat liver also indicated that adenosine triphosphate-binding cassette,
subfamily C (cystic fibrosis transmembrane conductance regulator/multidrug-resistance-related
protein), member 3 and nicotinamide dinucleotide phosphate dehydrogenase, quinone 1 were
upregulated genes [102], which are the targets of the nuclear factor erythroid-2 like factor 2 (Nrf2) [105].
Since Nrf2 has a major role in the regulation of the cellular antioxidant response [106], and plays
a critical role in cancer prevention, this pathway may be associated with the anti-cancer properties
of selenium.

In the range of 0.08 to 0.8 g selenium/g diet there were no remarkable differences in the gene
expressions, while 2 ug selenium/g diet upregulated the following transcripts: regulator of G-protein
signaling 4, coiled-coil domain containing 80, RGD1560666, 3-oxoacid CoA transferase 1, and expressed
sequence tag UI-R-BS1-ayq-f-06-0-ULsl. The only down-regulated one was cold-inducible RNA
binding protein in comparison to a selenium adequate diet [102].

The biggest number of changes in gene expression became evident at selenium levels considered
already toxic. There were 1193 transcripts, which had the significantly changed expressions [102].
The rats fed with a 5 pug selenium/g diet had retarded growth and signs of liver damage markers.
Therefore, in order to more reliably reveal the selenium-related changes, the transcripts were
filtered against the changed transcripts in calorie-restricted rats [105] and those overlapping with
Affymetrix’s Rat ToxFX 1.0 array to remove the transcripts probably related to growth and toxicity.
Duplicate transcripts were also removed. This reduced the number of the transcripts regarded to
be most likely selenium-specific to 667 unique transcripts [102]. Gene ontology analyses revealed
a number of biological processes related to cellular movement and morphogenesis, extracellular
matrix and cytoskeleton organization, and development and angiogenesis affected by the toxic level of
selenium [102].

6. Selenium Regulation of MicroRNAs and Long Non-Coding RNAs

Besides mRNAs, the cells express groups of non-protein-coding transcripts, which can regulate a
wide array of protein coding genes. MicroRNAs (miRNAs) and IncRNAs are two major families of
these. In an intestinal cell line, selenium deficiency changed the expression of 50 genes and twelve
miRNAs. Pathways related to, for instance, arachidonic acid metabolism, glutathione metabolism,
oxidative stress, and mitochondrial respiration were found to be selenium-sensitive. Besides, thirteen
transcripts were predicted to be targets for selenium-sensitive miRNAs, three of which were recognized
by miR-185. More importantly, the silencing of miR-185 increased glutathione peroxidase 2 and
selenophosphate synthetase 2 [107]. In a recent study, several miRNAs were predicted as putative
regulators of various glutathione peroxidases [108].

In hepatocarcinoma cell line, it was noticed that miRNA-544a interacted with selenoprotein K,
suppressing its expression, and the selenium treatment was able to modulate miR-544a expression [109].
On the other hand, selenium increased the expression level of miR-125a, and the overexpression of
miR-125a could inhibit cadmium-induced apoptosis in LLC-PK1 cells [110]. In selenium-deficient
rats, cardiac dysfunction was mainly associated with five up-regulated miRNAs (miR-374, miR-16,
miR-199a-5p, miR-195 and miR-30e) and three down-regulated ones (miR-3571, miR-675 and
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miR-450a) [111]. In Caco-2 human adenocarcinoma cells, ten selenium-sensitive miRNAs were
identified, which are involved in the regulation of 3588 mRNAs. Pathway analysis indicated that
they participate in pathways such as the cell cycle, the cellular response to stress, the canonical
Wnt/ B-catenin, p53 and mitogen-activated kinase signaling pathways [112].

Only two publications that investigated the regulation of IncRNAs by selenium could be found.
The first one investigated IncRNAs in the vascular exudative diathesis of chicken, induced by selenium
deficiency. A total of 635 differentially-expressed IncRNAs of 15412 detected ones were identified, and
gene ontology analysis suggested an importance of redox in particular. The study could verify that 19
target mRNAs of 23 IncRNAs were related to the redox process [113].

The other study investigated the role of IncRNAs in the selenium deficiency-induced muscle
injury in chicken. The study identified 38 IncRNAs and 687 mRNAs that were affected by selenium
deficiency. Pathway analyses revealed dysregulated pathways associated with phagosomes, cardiac
muscle contraction, and peroxisome proliferator-activated receptors (PPAR) in the selenium-deficient
group. In particular the study showed a relationship between IncRNA ALDBGAL(0000005049
and stearoyl-CoA desaturase in the PPAR pathway. The down-regulation of that IncRNA led to
inflammation by regulating stearoyl-CoA desaturase gene expression [114].

There is still a limited number of studies on non-protein-coding RNAs and selenium, and future
investigations will certainly shed new light on how they are involved in selenium-related gene
expression. The present studies already show that they are potential regulators of cellular responses
and gene expressions.

7. Selenium-Related Gene Expressions in Some Pathological Conditions

Selenium has been associated with a number of pathological conditions. Although the mechanism
for how selenium is related to pathogenesis is not always very precisely known, new research results
may provide new ideas to understand selenium-related diseases.

Keshan disease is an endemic cardiomyopathy related to the selenium deficiency leading
to a high mortality rate. To understand better the molecular mechanisms of Keshan disease
pathogenesis, a proteomic screening of peripheral blood sera was performed with mass spectrometry
to identify differentially-expressed selenium- and zinc-related proteins and their pathway and
networks associated with Keshan disease [115]. In total, nineteen selenium- and three zinc-associated
proteins were identified among 105 differentially-expressed proteins [115]. Pathway analysis revealed
52 pathways, of which hypoxia-inducible factor-1a and apoptosis pathways were likely to play a role
in the selenium-associated functions [115]. A study combining a custom-made microarray, containing
78 probes previously differentially expressed genes in Keshan disease, analyses of peripheral blood
mononuclear cell RNA samples obtained from 100 Keshan disease patients and 100 normal controls,
and mass spectrometric proteomic analyses of peripheral blood sera of Keshan patients and controls
indicated that there are numerous functional pathways and cellular systems associated with the
differentially expressed genes and proteins [116]. The limitations of these studies are the fact that the
selenium status of the individuals was not known.

Selenium deficiency has also been associated to Kashin-Beck disease, an endemic
osteochondropathy. The differentially expressed genes in the transcriptome analyses comparing
cartilage samples from Kashin-Beck disease versus normal control [117] or versus osteoarthritis [118]
were other than the selenoproteins. Pathways related to reactive oxygen species and vascular
endothelial growth factor were significantly elevated in osteoarthritis compared with Kashin-Beck
disease, while the expression of genes of collagen- and nitric oxide-related pathways were elevated
in Kashin—-Beck disease [119]. Analysis of mitochondria-related genes in Kashin-Beck disease
chondrocytes versus normal control identified nine up-regulated genes, which involved three canonical
pathways: (1) oxidative phosphorylation; (2) apoptosis signaling; and (3) pyruvate metabolism [120].
In addition, microarray expression profiles of the cultured control and the Kashin-Beck disease
chondrocytes revealed 232 up- and 427 down-regulated mRNAs and 316 up- and 631 down-regulated
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IncRNAs in Kashin-Beck disease patients’ chondrocytes [121]. A IncRNA-mRNA correlation analysis
yielded 509 coding—noncoding gene co-expression networks, and eleven IncRNAs were predicted
to have cis-regulated target genes, and co-expressed mRNAs and IncRNAs formed a large network
associated with biological events of the extracellular matrix [121].

The problem with investigations of Kashin-Beck disease is that the disease often develops already
in early childhood. Due to the poor regeneration of the articular cartilage, the collection of biopsies
from juvenile cartilage is not normally justified. The diet in Kashin—Beck endemic areas has also
changed due to selenium supplementation [122]. Thus, the samples collected in later life most likely do
not reflect the physiological or selenium status present at the onset of the disease. Nevertheless,
a recent study, which estimated the nutrient intakes of children, showed that the daily intakes
of multiple nutrients, not only selenium, were lower in the selenium-supplemented Kashin—-Beck
area in comparison to the non-selenium-supplemented areas [123]. There were 116 nutrient-related
differentially-expressed genes in the peripheral blood of Kashin-Beck disease children (51 up- and
65 down-regulated ones), and 10 significant pathways were also recognized using the KEGG and
REACTOME network databases [123]. Overlapping genes with various functions were also associated
with different nutrients [123].

8. Conclusions

The transcription and translation of selenoproteins require a specific and complex cellular
machinery. Selenium status can define the expression levels of the selenoprotein mRNA transcripts,
although there is some degree of organ- and species-dependent variation. Expressions of the
non-selenoprotein genes are also affected by the selenium status, but more research is warranted
to gain a deeper understanding of the interacting pathways and functions.

Recent studies, which have analysed the miRNA and IncRNA expressions and their relations,
have revealed a number of them to be differentially expressed by selenium status. However, the present
rather limited knowledge of the functional regulation of the cellular processes controlled by miRNAs
and IncRNAs prevents strong interpretations from being made, and further studies are definitely
warranted to better understand their role in the transcriptional regulation by selenium.

The Keshan and Kashin-Beck diseases have been associated with selenium deficiency, although
the actual mechanisms that are behind these diseases are still not precisely understood. New findings
combining microarray and proteomic analyses have revealed new ideas regarding the pathways
possibly involved in these diseases.
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Abbreviations

elF4A3 Translation initiation factor 4A3
IncRNA Long non-coding RNA

miRNA Micro RNA

mRNA Messenger RNA

NMD Nonsense-mediated decay

Nrf2 Nuclear factor, erythroid-2 like factor 2
PPAR Peroxisome proliferator-activated receptor
SBP2 SECIS-binding protein 2

Sec Selenocysteine

SECIS Selenocysteine insertion sequence
tRNA Transfer RNA

tRNAlSer] Sec Selenocysteine transfer RNA

UTR 3'-Untranslated region of messenger RNA

T3 3,53 -Triiodothyronine

T4 3,5,3,5”-Tetraiodothyronine
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Abstract: The differential transcriptional expression of CLIC4 between tumor cells and the
surrounding stroma during cancer progression has been suggested to have a tumor-promoting
effect. However, little is known about the transcriptional regulation of CLIC4. To better understand
how this gene is regulated, the promoter region of CLIC4 was analyzed. We found that a high GC
content near the transcriptional start site (TSS) might form an alternative G-quadruplex (G4) structure.
Nuclear magnetic resonance spectroscopy (NMR) confirmed their formation in vitro. The reporter
assay showed that one of the G4 structures exerted a regulatory role in gene transcription. When the
G4-forming sequence was mutated to disrupt the G4 structure, the transcription activity dropped. To
examine whether this G4 structure actually has an influence on gene transcription in the chromosome,
we utilized the CRISPR/Cas9 system to edit the G4-forming sequence within the CLIC4 promoter in
the cell genome. The pop-in/pop-out strategy was adopted to isolate the precisely-edited A375 cell
clone. In CRISPR-modified A375 cell clones whose G4 was disrupted, there was a decrease in the
endogenous CLIC4 messenger RNA (mRNA) expression level. In conclusion, we found that the G4
structure in the CLIC4 promoter might play an important role in regulating the level of transcription.

Keywords: G-quadruplex; transcriptional regulation; promoter; CRISPR/Cas9

1. Introduction

Chloride intracellular channel 4, CLIC4, is a multifunctional protein. In addition to its diverse
physiological functions [1-4], the differential expression of CLIC4 between cancer cells and the
surrounding stroma has been reported in various tumor types [5]. During cancer development,
CLIC4 is downregulated in cancer cells, and it is recognized as a suppressor for tumor growth [6].
In the tumor stroma, on the other hand, CLIC4 is often upregulated and it plays a critical role in
myofibroblast transition [7]. The opposite was found as early as at the transcription level [5], and both
mechanisms could promote tumor progression. However, how CLIC4 is regulated remains unknown.

The regulation of gene expression includes multiple mechanisms such as transcription factor
binding [8] and epigenetic modification, which involves DNA methylation, histone modification, and
microRNA interaction [9]. Moreover, the DNA and messenger RNA (mRNA) sequences that would
adopt alternative secondary structures have significant impacts on the transcription and translation of
gene expression. Although CLIC4 has been identified for nearly 30 years [10,11], only NANOG, p53,
c-Myc, and SP-1 transcription factors have been reported to regulate CLIC4 expression. Genome-scale
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location analysis revealed that NANOG and SOX2 were bound to CLIC4 early in embryonic stem
cells [12]. CLIC4 was elevated in p53- or c-Myc-overexpressing cells that induced apoptosis with
direct binding to the CLIC4 promoter [13,14] and SP-1 was involved in Ca?*-induced keratinocyte
differentiation [15]. Nevertheless, transcriptional regulation of the CLIC4 promoter is still unclear.

Guanine-rich (G-rich) sequences containing four runs of G-tracts can adopt four-stranded
structures, named the G-quadruplex (G4). Four guanine bases can assemble into a square planar
structure via Hoogsteen-type hydrogen bonds, and this is called a G-quartet. A stack of G-quartets
is stabilized by monovalent cations, such as potassium or sodium, and this forms a tetrahelical
G4 structure. The loop sequences connecting G-tracts determine the types of G4 topology [16].
G4 architecture was first discovered in vitro more than 50 years ago [17]. The biological relevance of
G4s then emerged since the late 1980s [18]. In the past few years, the existence of G4s in the human
genome was directly visualized by using an antibody against the G4 structure [19], and fluorescent G4
probes [20].

G4s were found predominately in telomeres, and in the gene regulatory region of the human
genome [21]. Particularly, a number of G4s have been recently found in eukaryotic promoter regions,
including c-Myc, KRAS, PDGF, BCL-2, etc. [22-26]. According to current knowledge, G4 structures in
promoter regions may influence transcription in both positive and negative ways. This also depends
on the strand that G4 locates in, and the function of the proteins that are bound to the G4 structures.
In addition, G4 formation could also affect protein binding. This is based on the function of the affected
proteins; for example, whether the protein is a transcriptional activator or a repressor, and the proteins
that stabilize or resolve the G4 structure, which could also result in different outcome [27]. Upon
analyzing the CLIC4 promoter, we found that high GC contents could form G4 structures. We further
evaluated the effect of the G4 structure in regulating CLIC4 gene expression.

2. Results

2.1. CLIC4 Promoter Analysis

To examine the regulatory region of the CLIC4 promoter, a series of truncated CLIC4 promoter
sequences from —1700 to +285, relative to the transcription start site (TSS, +1) were cloned into the
secreted embryonic alkaline phosphatase (SEAP) reporter vector pPSEAP2-basic, and transfected into
A375 cells to estimate the promoter activity of each region. As shown in Figure 1A, the longest
construct p(—1700, +285) displayed the highest SEAP activity. The deletion of —1700 to —1340 at the
promoter region resulted in a significant decrease in the SEAP activity. However, in p(—518, +285),
the SEAP activity reversed to as high as p(—1700, +285), but further deletions of —518 to —125 resulted
in a 50% drop in promoter activity. These results indicated that there are positive regulatory sites that
are located in —1700 to —1340, and in —518 to —125, and negative regulatory sites that are located in
the region between —1340 to —518.

During the reporter plasmid constructions with different promoter regions, we found that the
PCR and sequencing reactions were hampered. Since high GC contents were found in the CLIC4
promoter region, we argued that DNA secondary structure might exist to interfere with the PCR and
the sequencing process. Therefore, this prompted us to analyze its promoter sequence with DNA
secondary structure. The QGRS program [28] predicted that there was high G4 density in the region
between —518 and +285. The promoter sequence of CLIC4 p(—518, +285) is shown in Figure 1B.
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Figure 1. (A) A series of truncated CLIC4 promoter regions were constructed in the pSEAP2-Basic
vector, and the relative activities of the CLIC4 promoter were compared to p(—518, +285). After
transfection in A375 cells for 48 h, media were collected and a secreted embryonic alkaline phosphatase
(SEAP) assay was performed. +1 indicates the transcription start site (TSS). Data are expressed as the
means =+ SD of three replicates. # p < 0.05, ### p < 0.001, as compared to p(—518, +285). * p < 0.05,
*** p < 0.001 as compared to the adjacent promoter region. ns: non-significant difference; (B) Sequence
of the CLIC4 promoter (—518, +285). The underlined sequences are potential G-quadruplexes (PG4s).

2.2. Putative G-Quadruplexes in the CLIC4 Promoter

To further elucidate the formation of the G4 structure in the CLIC4 promoter region, we examined
three G-rich sequences with a higher potential to form G4 structures, and named them as putative
G-quadruplex-1, -2, and -3 (PG4-1, -2 and -3), as shown in Figure 2A. PG4-1 and PG4-2 are located
on —396 to —364, and —352 to —322 of the sense strand, respectively; PG4-3 is on +50 to +79 of the
antisense strand. The location of each PG4 within the CLIC4 promoter is presented in Figure 1B.
Circular dichroism (CD) spectra and one-dimensional (1D) imino-proton nuclear magnetic resonance
spectroscopy (NMR) experiments were conducted to examine whether the three PG4s were involved
in DNA secondary structure formation. CD bands at ~265 and ~290 nm characterize the signature
of G4 DNA. Different spectra represent different conformation of G4. As shown in Figure 2B, both
absorption bands appeared in PG4-1 and PG4-2, and the only band near 295 nm was increased in
PG4-3 by treatment of K* to induce G4 formation, implying the formation of G4 structure in all of these
three PG4s. Furthermore, in NMR spectra (Figure 2C), multiple imino proton signals at 10.5~12 ppm
were also found in all of these three PG4s in the presence of K*, confirming the formation of Hoogsteen
hydrogen bonding for the quadruplex structure. In addition, there were also signals shown near
13 ppm representing typical Watson-Crick hydrogen bonding, suggesting the existence of the hairpin
structure in PG4-1 and PG4-3. These results indicated the existence of DNA secondary structures in
the CLIC4 promoter region.
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To examine whether PG4s in the promoter region play an important role in regulating CLIC4
transcription, we constructed SEAP reporter plasmids containing different lengths of the CLIC4
promoter that excluded PG4 at a point from upstream of the promoter, to elucidate the biological
significance of each PG4. As shown in Figure 2D, when the first and second PG4 (PG4-1 and PG4-2)
were removed, there was no significant change in the SEAP activity, suggesting that the sequences
or the structures of PG4-1 and PG4-2 were not critical for CLIC4 transcription. The deletion of —321
to —125 resulted in a decreased of SEAP activity implying the positive regulatory site lies in —518 to
—125 observed in Figure 1A had been narrowed down to this region. Since the significance of PG4-1
and PG4-2 has been excluded, the following studies were focused on verifying the role of PG4-3 in

regulating CLIC4 transcription.
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Figure 2. Putative G-quadruplexes (PG4s) in the CLIC4 promoter (—518, +285) (A) Schematic
representation of three PG4s and their sequences in CLIC4 promoter. G-tracts that might participate
in G4 formation were underlined; (B) The circular dichroism (CD) spectra of three PG4s in Tris-HCl
buffer without (black line) and with (red line) 150 mM KCl for overnight; (C) The imino proton nuclear
magnetic resonance spectroscopy (NMR) spectra of three PG4s in Tris-HCI buffer without (bottom
panel) and with (top panel) 150 mM KCl for 1 h; (D) Progressive deletions of PG4s from the 5'-flanking
regions in the CLIC4 promoter were generated in the pSEAP2-Basic reporter plasmid. A375 cells were

transfected with each reporter plasmid for 48 h. Media were collected and subjected to SEAP activity

measurements. Data were expressed as means =+ SD of three replicates. ### p < 0.001, as compared to

p(—518, +285). *** p < 0.001 as compared to the adjacent promoter region. ns: non-significant difference.
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2.3. PG4-3 Is Involved in Regulating CLIC4 Transcription

It has been shown that G4s in the promoter region could play a regulatory role for transcription
in both positive and negative ways [27]. To elucidate the functional role of PG4-3 in regulating CLIC4
transcription, we substituted G with T to disrupt the quadruplex structure. In the PG4-3 region, there
are 29 bases (+79 to +50) comprising five G-tracts in the antisense strand of the CLIC4 promoter. Three
mutants were designed to disrupt the quadruplex formation. Mutant No. 1 was generated by changing
78G and 52G in the first and last G-tracts of the PG4-3 sequence to 78T and 52T, respectively. Mutant
No. 1 was unable to form G4 as revealed by CD spectra with the absence of ~265 nm or ~290 nm bands
in 150 mM K" solution (Figure 3A). The NMR signals of PG4-3 at 10.5-12 ppm were diminished in
Mutant No. 1 (Figure 3B). Meanwhile, the transcription activity of the reporter construct containing
Mutant No. 1 was mostly decreased (Figure 3C), indicating that PG4-3 did play an important role in
regulating CLIC4 expression. To further verify the G4 structure of the PG4-3 in gene transcription, we
further constructed another two PG4-3 mutants. Except for the replacement of 78G with 78T in the
first G-tract, the second G-tract (+75 to +72) was replaced with T in Mutant No. 2. On the contrary,
Mutant No. 3 was designed by replace G with T in the penultimate G-tracts (+61 to +58), and 52G in
the last G-tract. As shown in Figure 3AB, CD and NMR signals of G4 were also negligible in these two
mutants. In the reporter assay (Figure 3C), the transcription activity in Mutant No. 3 was decreased;
however, there was no significant change of transcription activity in Mutant No. 2.

Despite the disappearance of the G4 NMR signal in the synthetic Mutant No. 2 oligonucleotide, the
reporter construct containing Mutant No. 2 sequence still exhibited normal transcription activity. We
therefore further examined this contradictory result between the reporter construct and the synthetic
nucleotide. Except for the five G-tracts in PG4-3, we found another G-tract at +39 to +41 immediately
adjacent to PG4-3. We argued that this additional G-tract might be incorporated with the remaining
three G-tracts, and it may have participated in forming another G4 structure in the reporter construct
when the first two G-tracts were mutated in Mutant No. 2. To address the possibility that the Mutant
No. 2 reporter construct still contained a G4-forming sequence, the sequence from +67 to +39, which
included three remaining G-tracts and the additional G-tract, was synthesized and analyzed by NMR.
As shown in Figure 4A, there were appreciable signals of a quadruplex structure at the 10.5~12 ppm
region, suggesting that G4 formation occurs in the sequence from +67 to +39. Therefore, we further
constructed different reporter plasmids containing other mutation sites (Figure 4B). Mutant No. 4
harbors extra mutation sites: 58G, 59G to 58T, 59T respectively, compared to Mutant No. 2. Meanwhile,
Mutant No. 5 was created by only mutating 58G, 59G to 58T, 59T, respectively. As shown in Figure 4C,
the reporter activity was again decreased once the remaining G4-forming sequences were mutated.
Furthermore, in order to understand whether different promoter lengths would affect G4 formation in
the plasmid, we also compared the transcription activity in a longer promoter region. A mutation site
for Mutant No. 5 was inserted in a reporter plasmid with the longest promoter CLIC4 p(—1700, +285)
that we had constructed. As shown in Figure 4D, a significant decrease of transcription activity was
found in Mutant No. 5.
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Figure 3. (A) The CD spectra of three mutants that disrupt the PG4-3 structure in Tris-HCl buffer
without (black line) and with (red line) 150 mM KCl for overnight; (B) The imino proton NMR spectra
of PG4-3 wild type (WT) and three mutants in Tris-HCl buffer without (bottom panel) or with 150 mM
KCl for 1 h (middle panel) and overnight (top panel). G-tracts are underlined, and the mutation sites
are marked in red italicized letters; (C) The effects of the mutations that disrupt the G4-3 structure. Each
mutant of CLIC4 p(—125, +285) was transfected in A375 cells. After 72 h, the media were collected for a
SEAP assay. Data were expressed as the means + SD of three replicates. *** p < 0.001, ns: non-significant
difference as compared to WT control.
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Figure 4. Further disruption of the remaining possible G4 structure formed in the Mutant No. 2 reporter
plasmid. (A) NMR analysis of CLIC4 +67 to +39, the possible G4-forming sequence in Mutant No. 2
in Tris-HCl buffer and 150 mM KCI, for 1 h and overnight; (B) Sequence of WT and mutants derived
from Mutant No. 2—Mutants No. 4 and No. 5 contain the following G-tract at the 3’ end. The original
PG4-3-forming region is shown in bold letters, G-tracts are underlined, and the mutated sequences
in CLIC4 p(—125, +285) plasmids are marked in red italicized letters; (C) SEAP activity of CLIC4
p(—125, +285) mutants further disrupting the G4 forming motif in Mutant No. 2 were determined
in A375 cells after transfection for 72 h. Data were expressed as the means + SD of three replicates.
*** 1 <0.001 as compared to the WT. (D) SEAP activity of CLIC4 p(—1700, +285) mutant No. 5 in A375
cells after transfection for 72 h. Data were expressed as means + SD of three replicates. *** p <0.001 as
compared to CLIC4 p(—1700, +285) WT.

To further examine the importance of the PG4-3 G4 structure in regulating CLIC4 transcription, we
designed another mutant that we named loop-3T, in which only the non-G-tract sites: 76A, 70G, and
56C in the loops were mutated, respectively, to 76T, 70T, and 55T, which would not destroy G4-forming
elements. The NMR result in Figure 5A showed that the G4 signals were retained in the mutant
loop-3T. The reporter activity was also similar to the PG4-3 wild-type (WT) control (Figure 5B). These
results indicate that the PG4-3 G4 structure within the promoter region plays an important role in
regulating CLIC4 transcription.

mutant loop-3T: 5'-7°GGGTGGGGECTCCGEGGGCEGGGCTTCEGG50C-3"

150 mM K* overnight WT:
MWMM K 1hr mutant loop-3T-

F T T 1

N Withoutk* N ? N N3
Relative normalized SEAP activity
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Figure 5. Strengthening of the PG4-3 structure. (A) The imino proton NMR spectra of the mutant
CLIC4 loop-3T that did not affect the G4-forming motif. G-tracts are underlined and the mutation
sites are marked in red italicized letters; (B) The SEAP activity in A375 was determined after 72 h of
transfection of CLIC4 p(—125, +285) WT and the mutant loop-3T reporter plasmid. Data are expressed
as the means =+ SD of three replicates.
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To elucidate the role of PG4-3 in regulating CLIC4 expression, we used software to predict the
possible candidate which could binds to the nucleotide sequences of PG4-3. SP1 and MAZ are the
two candidate genes predicted to bind on this sequence and also have been reported to bind on G4
structure [29,30]. However, we found that knockdown SP1 or MAZ did not affect CLIC4 mRNA
expression nor transcription activity (Figure S1), indicating these TFs were not the key proteins
affecting CLIC4 transcription.

2.4. PG4-3 Acts as a Regulatory Element in the CLIC4 Promoter Region of the Cell Chromosome

In order to verify whether this G4 structure actually has a regulatory function in the cell
chromosome, we managed to disrupt the PG4-3 sequence in the CLIC4 gene of the cell genome
by using the CRISPR/Cas9 system. CLIC4 is located on chromosome 1. The A375 cell line that was
used in this study is hypotriploid, with three copies of chromosome 1 where the CLIC4 gene is located.
With regard to this fact, the two steps of editing: the pop-in/pop-out strategy developed by Cech
and colleagues [31] was adopted with some modifications to assure precise editing by replacing the
wild-type sequence (+79 to +50) with the Mutant No. 3 sequence in each chromosome. The workflow
is illustrated in Figure 6A. In the pop-in step, the fluorescence markers were integrated into the
cell genome by homology-directed repair (HDR). One of cell clones that co-expressed the three
fluorescence markers with the expected genome size was then subjected to the pop-out step, in which
the fluorescence markers were excised out and specifically repaired into the Mutant No. 3 sequence in
cells that underwent HDR; therefore, triple-negative cells were isolated. In the end, two cell clones,
HDR?2 #90 and HDR?2 #101, carrying PG4-3 Mutant No. 3 in the endogenous CLIC4 promoter region,
were generated. The representative sequencing results for CLIC4 promoter region covering PG4-3 site
of each cell clone could be found in supplementary folder (HDR2 single cell clones sequencing data).
A lower level of endogenous mRNA expression was found in genome-edited cell clones carrying
Mutant No. 3 that disrupted the PG4-3 structure (Figure 6B), indicated that PG4-3 in the promoter
region of cell chromosome is important for CLIC4 transcription.
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Figure 6. Cont.
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Figure 6. Mutation of the PG4-3 sequence at the endogenous CLIC4 promoter. (A) Schematic diagram
of the pop-in ('In’) and pop-out (‘Out’) steps taken to modify PG4-3 to Mutant No. 3 in the CLIC4
promoter. Briefly, in the pop-in step, CRISPR-Cas9 targeting by CLIC4 sgRNA occurred next to the
mutated site, and the HDR-1 donor templates consisting of a 1 kb sequence of CLIC4 homology arms left
and right (HAL and HAR, respectively), was interrupted by a fluorescence cassette: green fluorescent
protein (GFP), mCherry, or blue fluorescent protein (BFP) gene driven by a CMV promoter and tagged
with a lacZ sequence at both ends were introduced into the A375 cells. The lacZ sequence does not
exist in the human genome and was later used in the pop-out step. Fluorescence-activated cell sorting
(FACS) was used to isolate cells co-expressing the three fluorescence markers; primers ‘a” and ‘b’ were
used to check the genomic DNA size. In the pop-out step, the fluorescence markers were excised by
two double strand breaks (DSBs) at the lacZ sites. The DSBs were repaired using the HDR-2 donor
template. Loss of fluorescence expression in the cells (triple negative cells) were isolated. A TagMan
probe ‘c’, specifically purposed for recognizing the Mutant No. 3 sequence, was used to select clones
for further sequencing of the PCR products that were generated with primers ‘a” and ‘b’. Cleavage
points are indicated by scissors; grey X represents homologous recombination; mutation site of Mutant
No. 3 is shown as red box; arrow of a, b and c indicates the direction of synthesis; (B) CLIC4 messenger
RNA (mRNA) expression level in A375 with the genome edited to the Mutant No. 3 sequence. Total
RNA was extracted for RT-PCR and real-time qPCR to analyze the CLIC4 mRNA expression level. Data
are expressed as the means & SD of three replicates. ** p < 0.01, *** p < 0.001 as compared to A375
WT cells.

3. Discussion

Several transcriptional factors in regulating CLIC4 expression have been reported. Comparing the
binding sites relative to the putative TSS in previous studies [13-15] with the known CLIC4 mRNA TSS
in the NCBI Reference Sequence, NM_013943.2, we found about 500 bp in differences. The promoter
region from —500 to the TSS, and even to the translation start site of CLIC4 have, in fact, not been well
studied. This region is full of GC-rich sequences, implying the possible existence of DNA secondary
structures. In this study, we demonstrated that the putative G-quadruplexes could be found in this
high-GC-content region, and we further showed that this G4 structure did play an important role
in the CLIC4 promoter. Accordingly, we speculated that this secondary structure might cause past
difficulties in amplifying and sequencing this promoter region, which might have impeded recent
progress with studying the transcription mechanisms of CLIC4.

To investigate the effect of the G4 structure on the promoter with regard to transcription, studies
have most commonly performed plasmid-based reporter assays. In this study, we first used a reporter
assay to determine the significance of the PG4-3 structure in the CLIC4 promoter, for its transcription.
In addition, when the mutation sites that disrupted the G4 structure were placed in longer CLIC4
promoter sequences within the reporter plasmid, this revealed similar results. Furthermore, it is
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known that chromatin status affects G4 formation [32]. Although the plasmid that was transfected
into eukaryotic cells could be packed by histones and other proteins to become a nucleosome-like
structure [33], it is not known whether it retained a similar status as a cellular chromosome, which
may have had an impact on G4 formation. To this end, we then directly edited the promoter sequence
in the cell chromosome by the CRISPR/Cas9 system, and we provide in vivo evidence to support the
positive regulatory effect of PG4-3 on CLIC4 transcription.

PG4-3 was on the anti-sense strand, which served as the template for RNA polymerase
(RNAP)-mediated transcription. With regard to this, the formation of G4 could be the obstacle
for RNAP, and the disruption of the G4 structure would result in the upregulation of transcriptional
activity. However, as shown in Figure 3, we found the opposite phenomenon, with disruption of
the G4-forming sequence leading to a decrease or no significant change in transcriptional activity.
Therefore, we hypothesized that this PG4 might provide a binding site for protein(s) that favor CLIC4
transcription or that prevent the binding of the repressor. SP1 and MAZ were two candidates that have
been tested. However, we found that these two factors did not play the substantial role in regulating
CLIC4 expression. Meanwhile, in our preliminary EMSA studies, some unidentified proteins had
increased binding onto the probes of Mutants 1 and 3 than that of the wild-type, suggesting the
possible binding of repressors at the PG4-3 region.

There are five G-tracts in the originally identified PG4-3 sequence. In Mutant No. 2, we noticed that
the additional G-tract might incorporate in the G4 formation when the first two G-tracts were mutated.
The G4-forming sequence with a fifth G-tract has been observed in many oncogene promoters, and the
‘spare tires” hypothesis was proposed [34]. For instance, guanine in G4 is susceptible to oxidation and
has been shown to affect G4 stability [35]. The G4 in the vascular endothelial growth factor (VEGF)
and endonuclease Ill-like protein 1 (NTHLI) promoters were modifiable by 8-oxo-7,8-dihydroguanine
(OG) [34,36], and this caused the instability of the original G4 structure that was formed by the first
four 4 G-tracts. After that, the fifth G-tract was able to act as a spare tire to maintain the G4 fold, and
to allow the repair of DNA damage. Coincidentally, CLIC4 is also a gene that can be regulated by
reactive oxygen species (ROS)-induced oxidative stress. PDT-induced ROS downregulated CLIC4
transcription [37], while TGF-B-induced ROS upregulated CLIC4 transcription [38]. Whether OG
modification take place on PG4-3 and affects G4 stability such that that the other two additional
G-tracts can take part in G4 formation, deserves further investigation.

4. Materials and Methods

4.1. Cell Culturing

Human melanoma A375 cells (American Type Culture Collection, Manassas, VA, USA) were
cultured in Dulbecco’s modified Eagle’s medium (DMEM) supplemented with 10% fetal bovine serum
(FBS), and grown at 37 °C under 5% CO,.

4.2. Circular Dichroism (CD) Spectroscopy

CD experiments were conducted using a spectropolarimeter (J-815, Jasco, Tokyo, Japan) with a
bandwidth of 2 nm at a scan speed of 50 nm/min and a step resolution of 0.2 nm over the spectral
range of 210-350 nm. The DNA sample concentrations were 4 uM in 10 mM Tris-HCl (pH 7.5), and a
stock solution of 3 M KCl1 (Sigma-Aldrich, St. Louis, MO, USA) was added to the DNA samples to
reach a final K* concentration of 150 mM. The observed signals were baseline subtracted.

4.3. NMR

The unlabeled oligonuleotides synthesized by Bio Basic (Markham, ON, Canada) were prepared
to 100 uM in 10 mM Tris-HCl (pH 7.5) with or without 150 mM KCl, followed by denaturing at 95 °C
for 5 min and slowly annealed to 25 °C. The strand concentrations of the NMR samples were 100 uM
containing 10% D,O in 10 mM Tris-HCl (pH 7.5) or 150 mM K* conditions with an internal reference
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of 0.01 mM DSS (4,4-dimethyl-4-silapentane-1-sulfonic acid), and they were analyzed by Bruker AVIII
(Billerica, MA, USA) 500 MHz spectrometers equipped with a prodigy probehead, and on a Bruker
AVIII 800 MHz NMR spectrometer equipped with a cryoprobe at 25 °C. 1D imino proton NMR spectra
were recorded using a WATERGATE for water suppression.

4.4. Reporter Assay

The CLIC4 sequence from —1700 to 285 relative to the transcription start site (+1) was generated
from genomic DNA of A375 cells, and cloned into the pSEAP2-Basic vector (Clontech, Mountain View,
CA, USA). After transfection in A375 cells with TurboFect (Thermo Scientific™, Waltham, MA, USA)
for 48 to 72 h, the culture medium was collected and analyzed for SEAP activity by measurement of
the hydrolysis of p-nitrophenyl phosphate (pNpp) with a spectrophometer at OD,g5. MTT assay was
used for the normalization of cell numbers.

4.5. CRISPR/Cas9

CLIC4 sgRNA targeting near CLIC4 PG4-3 was selected and synthesized by in vitro transcription.
HDR-1 donor templates containing different fluorescence cassettes: GFP, mCherry, and BFP, driven by
a CMV promoter with a lacZ sequence on both ends (kindly provided by Dr. Steve Lin) flanking a 1 kb
sequence of CLIC4 homology arms upstream and downstream of the PG4-3 Mutant No. 3 mutation
site were generated by Gibson assembly. Cas9, CLIC4 sgRNA, and three fluorescence donor templates
were introduced to A375 cells by nucleofection with the 4D-Nucleofector™ system and SF kit (Lonza,
Basel, Switzerland) under the FF-120 program. Single cells co-expressing three fluorescence markers
were isolated by FACS for clonal expansion, and the genomic sizes of the sequences containing the
fluorescence cassettes were confirmed by PCR. In the pop-out step, Cas9, sgRNA targeting the lacZ
sites, and the HDR-2 donor template only containing the CLIC4 homology arms with the mutation sites,
were again nucleofected in the pop-in cell clone. Single cells without fluorescence were sorted by FACS.
The genomic DNA edited into the Mutant No. 3 sequence was analyzed by PCR and Custom TagMan®
Gene Expression Assays, SM ID: APFVMGD, which was designed to specifically anneal to the CLIC4
mutation site. Cell clones harboring the mutant sequence were further confirmed by sequencing.

4.6. Real-Time PCR Analysis

Total RNA was extracted using TRIzol reagent (Invitrogen, Carlsbad, CA, USA) following
the manufacturer’s instructions accordingly. A total of 1 ug RNA was used to synthesize
complementary DNA (cDNA) by reverse transcription. The cDNA product was used as a template
for real-time PCR analysis using the ABI Fast SYBR® Green Master Mix Kit (Thermo Fisher
Scientific, Waltham, MA, USA) with the ABI StepOne system (Thermo Fisher Scientific). The primer
sequences were as follows: CLIC4 (sense), 5'-GCAGTGATGGTGAAAGCATAG-3'; CLIC4 (anti-sense),
5-TATAAATGGTGGGTGGGTCC-3'; GAPDH (sense), 5-GACCACAGTCCATGCCATCA-3'; GAPDH
(anti-sense), 5-GTCCACCACCCTGTTGCTGTA-3'.

4.7. Statistical Analysis

All results were obtained from three independent experiments, and each value was expressed as
the mean =+ SD. The two-tailed Student’s {-test was used to compare the differences between pairs of
means. p < 0.05 was considered significant.

5. Conclusions

The G4 structure formed by PG4-3 in the CLIC4 promoter region may act as a regulatory element in
regulating CLIC4 gene transcription, as shown in the reporter assay, as well as in the CRISPR-modified
A375 cell clone with mutated PG4-3.
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Abstract: The PR/SET domain gene family (PRDM) encodes 19 different transcription factors that
share a subtype of the SET domain [Su(var)3-9, enhancer-of-zeste and trithorax] known as the
PRDF1-RIZ (PR) homology domain. This domain, with its potential methyltransferase activity,
is followed by a variable number of zinc-finger motifs, which likely mediate protein—protein,
protein—RNA, or protein-DNA interactions. Intriguingly, almost all PRDM family members express
different isoforms, which likely play opposite roles in oncogenesis. Remarkably, several studies have
described alterations in most of the family members in malignancies. Here, to obtain a pan-cancer
overview of the genomic and transcriptomic alterations of PRDM genes, we reanalyzed the Exome-
and RNA-Seq public datasets available at The Cancer Genome Atlas portal. Overall, PRDM2,
PRDM3/MECOM, PRDMY, PRDM16 and ZFPM2/FOG2 were the most mutated genes with pan-cancer
frequencies of protein-affecting mutations higher than 1%. Moreover, we observed heterogeneity in
the mutation frequencies of these genes across tumors, with cancer types also reaching a value of
about 20% of mutated samples for a specific PRDM gene. Of note, ZFPM1/FOG1 mutations occurred
in 50% of adrenocortical carcinoma patients and were localized in a hotspot region. These findings,
together with OncodriveCLUST results, suggest it could be putatively considered a cancer driver gene
in this malignancy. Finally, transcriptome analysis from RNA-Seq data of paired samples revealed
that transcription of PRDMs was significantly altered in several tumors. Specifically, PRDM12 and
PRDM13 were largely overexpressed in many cancers whereas PRDM16 and ZFPM2/FOG2 were often
downregulated. Some of these findings were also confirmed by real-time-PCR on primary tumors.

Keywords: PRDM gene family; TCGA data analysis; somatic mutations; transcriptome profiling;
human malignancies

1. Introduction

The positive regulatory domain (PRDM) gene family, a subfamily of Kruppel-like zinc finger
gene products, currently includes 19 members in humans [1-4]. The protein products of this family
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share a conserved N-terminal PR (PRDI-BF1-RIZ1 homologous) domain, which is structurally and
functionally similar to the catalytic SET domain that defines a large group of histone methyltransferases
(HMTs) [5-8]. So far, enzymatic activity has been experimentally demonstrated for only a few family
members; otherwise, PRDM proteins (PRDMs) lacking intrinsic enzymatic activity are able to recruit
histone-modifying enzymes to mediate their function.

The PR domain is generally positioned at the protein N-terminal region and, with the exception
of PRDM11, it is followed by repeated zinc fingers toward the C-terminus, potentially mediating
sequence-specific DNA or RNA binding and protein—protein interactions [5-9] (Figure S1). Importantly,
PRDMs have been established to tether transcription factors to target gene promoters by recognition of
a specific DNA consensus sequence [10] or acting as non-DNA binding cofactors [11,12]. These features
give PRDMs the ability to drive cell differentiation and to specify cell fate choice and, thus, contribute
to many developmental processes [5,7,12-14].

A common characteristic of most PRDM genes is to express two main molecular variants,
one lacking the PR domain (PR-minus isoform) but otherwise identical to the other PR-containing
product (PR-plus isoform). These two isoforms, generated either by alternative splicing or alternative
use of different promoters [7,8,15], play opposite roles, particularly in cancer. The full-length product
PR-plus usually acts as a tumor suppressor, whereas the short isoform functions as an oncogene.
This bivalent behavior has been tagged as ‘yin-yang’. The imbalance in favor of the PR-minus is found
in many human malignancies and it can be due to inactivating mutations or silencing of the complete
form and/or to increased expression of the PR-minus form [8].

PRDM1 and PRDM?2 use alternative promoters to generate short isoforms lacking the PR domain,
which show oncogenic properties. Increased levels of the short isoforms were reported in various
cancer cell lines. A similar PR-less product was also described for PRDM3/MECOM (MDS1 and EVI1
complex locus), PRDM16, and PRDM6, thus suggesting that this ‘yin-yang’ expression pattern and its
functional implications could be a hallmark of most, if not all, PRDMs [8].

Furthermore, several studies have described alterations (both mutations and/or gene expression
changes) of most PRDMs in solid tumors and/or hematological malignancies [8]. For instance,
frameshift mutations of microsatellite repeats within the PRDM2 coding region are frequent events
in various cancers. A recent study has described a frameshift mutation in the C-terminal region of
PRDM2, affecting the (A)9 repeat within exon 8, as a microsatellite indel driver hotspot and as a driver
mutation in microsatellite instability (MSI) colorectal cancer [15,16]. Notably, a similar frameshift
mutation was found to occur in a mononucleotide repeat (A7) of PRDM3/MECOM gene in this cancer
type [17]. Intriguingly, recent findings also indicate that PRDM2 methyltransferase is required for
BRCA1-mediated genome maintenance [15,18]. Moreover, a significant reduction of PRDM?2 expression
was observed in high-grade gliomas [19], and forced expression of PRDM?2 in glioma cell lines inhibits
cell proliferation and increases apoptosis. This evidence strongly suggests a possible tumor suppressive
role for PRDM2 [19]. Interestingly, PRDM9 HMTase activity is essential for meiotic DNA double-strand
break formation at its binding sites [20,21]. Moreover, both PRDM1 and PRDM5 negatively modulate
WNT/ 3-catenin signaling, a pathway involved in the occurrence of several cancers, including glioma
and colorectal cancer [22,23].

This evidence suggests that PRDMs are involved in human cancer through modulation
of several processes, such as epigenetic modifications, genetic reprogramming, inflammation,
and metabolic homeostasis.

To date, both mutations and altered expression have been reported for some PRDMs in specific
cancer entities. However, our understanding of the role played by different PRDM family members
in cancer is still limited by the lack of a systematic and comprehensive approach in deciphering the
mutational status and the complete transcriptional profile of all the PRDMs across a large number of
different cancer types.
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Here, The Cancer Genome Atlas (TCGA) deposited exome and RNA-Seq data [24] were used to
obtain a complete pan-cancer overview of the genomic and transcriptomic alterations for all PRDM
genes across 31 distinct human cancer types.

2. Results

2.1. Mutational Profiling of PRDM Genes Across Human Cancers

To systematically identify somatic mutations within genes encoding PRDMs, we started with a
mutational profiling of these genes across human cancers. We downloaded Exome-sequencing datasets
from the TCGA web portal for 31 cancer types and about 11,000 patients. The number of samples for
each cancer type is illustrated in Table S1 [25].

Overall, we identified 3995 point mutations, 180 deletions (39 in-frame and 141 frameshift),
and 22 insertions (16 in-frame and 6 frameshift) affecting PRDM genes. Silent or synonymous mutations
were 1531 (26.7% of total mutations) and ranged between 11% (PRDM6) and 41% (PRDMS) of the total
mutations for each gene (Figure 1).

900 -
800
700 + —
600 +
g
2 e
-] ==
R E— —
£
s
8 400 - -
£
3
z — —
300 -
200 + —
100 + —
="
o.—--‘_‘_‘__“___ | — — e T —
A G S K R R O I R\ L R RS R SR\
RO O O O O O A A R SO R
L LTLLLL L s S«
m Frame_Shift_Del mIn_Frame_Del mIn_Frame_Ins Missense_Mutation
Nonsense_Mutation Silent m Splice_Site m Frame_Shift_Ins
= RNA m Translation_Start_Site u5' Flank Nonstop_Mutation

Figure 1. Stacked histograms showing the number of different classes of somatic mutations affecting
PRDM genes as reported in the Mutation Annotation Files across all analyzed cancer entities.

According to our reanalysis, the most mutated genes were PRDM?2 (507 mutations; with 24% of
silent mutations), PRDM3/MECOM (547 mutations; 22% silent), PRDM9 (899 mutations; 27% silent),
PRDM16 (514 mutations; 31% silent), and ZFPM2/FOG2 (700 mutations; 24% silent). Non-sense
mutations were more recurrent in PRDM5 (23), PRDM9 (60), and ZFPM2/FOG2 (34), whereas splice
sites disrupting mutations were more frequently detected in PRDM3/MECOM (13), PRDM9 (19),
PRDM10 (14) and PRDM12 (13) (Figure 1).

To measure the frequencies of somatic mutations for each PRDM gene across all tumor types,
only non-synonymous mutations were considered. We observed heterogeneity in the mutation
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frequencies of these genes in the different tumor types. A global low mutation rate (from 0 to 8.2%)
was found, except for PRDM3/MECOM, PRDMS, PRDM9Y, PRDM15, ZFPM1/FOG1, and ZFPM2/FOG2
(Table 1). In detail, PRDMS8 and PRDM15 were mutated at low rates in most of the analyzed
cancer types except PAAD where they were both frequently mutated (16.0% and 11.2%, respectively).
PRDM3/MECOM was recurrently mutated in various cancer types, also reaching a value of 20.1%
of mutated samples in SKCM. Similarly, PRDM9 was mutated with a high mutation rate in many
cancer types, achieving values of 10.0% in UCEC, 14.2% in LUAD, and 15.4% in SKCM. Otherwise,
ZFPM1/FOG1 was mutated at a low rate in a few cancer types, except in UCS (5.2%), COAD (6.6%),
READ (9.4%), and ACC (50.5%). Finally, ZFPM2/FOG2 was frequently mutated at a high rate in various
cancer types, reaching a value of 11.1% in LUAD and 16.5% in SKCM.

We visualized the mutation data in each tumor type by Oncostrip function (Supplementary file 1).
Through this approach, we evaluated the percentage of samples with at least one mutated PRDM gene
in each tumor type ranging from 1.02% (2/196) in LAML samples to 55.43% (51/92) in ACC samples.
Furthermore, this function allowed us to visualize the mutation type affecting PRDM genes in each
sample. Interestingly, ZFPM1/FOGI revealed a high number of samples, especially in ACC, with
“multi_hit” mutations (more than one mutation affecting the same gene in the same cancer sample).
Specifically, we found 11/18 (61%) multi-hit mutations in COAD, 10/11 (90%) in READ, and 23/47
(48%) in ACC (see Supplementary file S1).
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To distinguish between damaging and tolerated missense mutations, we carried out a variant
effect predictor (VEP) analysis (Table S2). Missense mutations with a SIFT score ranging in the interval
0.0-0.05 and/or with a PolyPhen score in the interval 0.5-1 were considered as deleterious or probably
damaging, respectively. As shown in Table 2, adding all the other deleterious somatic mutations
(frameshift, in-frame deletions, stop gained and start lost mutations, splice site, UTR, and intron
variants) to the deleterious missense mutations classified with the VEP analysis, we obtained the total
number of deleterious mutations affecting each PRDM gene. Thus, we obtained the percentage of
deleterious somatic mutations across the tumor samples. This number was >50% for MECOM/PRDM3
(52.7%), PRDM4 (55%), PRDMS5 (54.8%), PRDM6 (58.5%), PRDM10 (55.2%), PRDM11 (54%), PRDM13
(51.7%), and PRDM16 (50%).

Table 2. Percentage of deleterious and tolerated mutations in the PRDMs across the analyzed tumor samples.

Genes Deleterious Mutations Total Mutations % Deleterious Mutations
PRDM1 120 272 441
PRDM2 223 507 44.0

MECOM/PRDM3 288 547 52.7
PRDM4 88 160 55.0
PRDM5 136 248 54.8
PRDM6 31 53 58.5
PRDM7 31 114 27.2
PRDMS8 54 154 35.1
PRDM9 403 899 448
PRDM10 185 335 55.2
PRDM11 101 187 54.0
PRDM12 30 72 41.7
PRDM13 89 172 51.7
PRDM14 125 263 47.5
PRDM15 162 341 47.5
PRDM16 257 514 50.0

ZNF408/PRDM17 55 155 35.5

ZFPM1/FOG1 43 102 422
ZFPM2/FOG2 234 700 33.4

Additionally, to predict the potential functional effect of the identified PRDM somatic mutations
on the affected proteins and to detect a possible mutation enrichment in some domains, we localized the
deleterious missense mutations on the canonical protein isoform of each PRDM (Figure 2). Interestingly,
a random sampling weighted on the size of the annotated protein domains demonstrated that somatic
deleterious mutations were significantly enriched in the PR domain of PRDM1, PRDM5, PRDM6,
PRDMS8, PRDMY, PRDM12 and PRDM13 (p < 0.005).

132



Int. ]. Mol. Sci. 2018, 19, 3250

400

350

300

200

150

Number of mutations

100

50

||
OO O O & 0\5‘% &S o\&\b o“:@ & & &
L L LL LT ¥ A&
u PR affecting missense mutations m Zn-Fingers affecting missense mutations
= Other domains affecting missense mutations = No domain affecting missense mutations
Other deleterious mutations
Figure 2. The stacked histogram represents the amount of deleterious somatic mutations affecting the
different known domains of PRDM proteins. In detail, the missense mutations affecting the PR domain
are reported in blue, the missense mutations affecting the Zn fingers are in red, and the missense
mutations affecting other known domains (where present) are illustrated in green. The deleterious
missense mutations not affecting known domains are shown in violet and the other classes of deleterious
mutations (frameshift, in-frame deletions, stop gained and start lost mutations, splice site, UTR,
and intron variants) are in orange.

Another important aspect of cancer genetic studies is the presence of possible recurrent and
hotspot mutations. Figure 3 illustrates mutations in PRDM genes recurring in more than three tumor
types. Interestingly, the frameshift mutation T/-—K678X, despite affecting PRDM3/MECOM in a
region not containing known domains, was recurrent in different tumor types; similarly, also the
missense mutation G/A—S5237L occurred in a region without known domains but in many tumors.
Otherwise, missense mutations affecting a Zn-finger domain and occurring in different tumors were
observed for PRDM9, PRDM14, and PRDM16. Likewise, PRDM12 was frequently mutated in a splice
donor site in a region coding for the PR domain whereas in different tumor types, ZFPM2/FOG2 was
affected by the missense mutation C/T—R734C in a region without known domains. In addition,
PRDM?2 and PRDM]15 revealed an in-frame deletion in various cancers and PRDM11 a frameshift
mutation. Finally, ZFPM1/FOG1 showed several recurrent mutations; they all (frameshift mutations
and in-frame deletions) hit a region without known domains (Figure 3).
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Figure 3. Mutations in PRDM genes recurrent in more than three tumor types.

Interestingly, all these mutations were particularly recurrent in ACC patients. In this cohort,
ZFPM1/FOGI also displayed five hotspot mutations, all localized in the same region outside the
known domains (Figure 4a). To establish whether these hotspot mutations could have an impact on
the ZFPM1/FOGT1 structure, we utilized the I-TASSER web-tool to predict the tertiary structure of the
annotated ZFPM1/FOGI1 protein (Figure 4b) and proteins carrying the missense mutations and the
in-frame deletions (Figure 4c-e). As illustrated, these mutations completely altered the structure of
the canonical protein. Otherwise, the frameshift mutations E444X and P445X led to premature stop
codons at the residues 669 and 796, respectively; both of the mutated proteins shared only the first
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443 residues with the canonical protein whereas they changed in the 444669 and 444-796 regions and
missed respectively 337 and 210 residues at the C-terminal, which contains the last five zinc fingers of

ZFPM1/FOGI.

a ZFPM1/FOG1

# Mutations

Somatic Mutation Rate: 38.71%
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Figure 4. (a) ZFPM1/FOGI hotspot mutations in ACC obtained by Lollipop plot visualization function.
These hotspot mutations are all localized outside the PR domain (green cylinder) and Zinc fingers
(blue dots) (b—e) I-TASSER predicted tertiary structures of the annotated ZFPM1/FOG1 canonical
protein (b) and ZFPM1/FOG1 proteins carrying the mutations ELPA444-447A (c), LA446-447P (d),
and K431N (e); the arrows show the mutated protein regions. (f) The scatter plot shows the results of
the OncodriveCLUST algorithm analysis for ACC. The dimension of the dots is proportional to the
number of clusters found in a certain gene, also indicated in the squared bracket. Specifically, in the
ZFPM1/FOGI locus, two mutation clusters were found (fdr < 2.87 x 1076).
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Finally, to assess whether members of the PRDM family may be driver genes in a given cancer
type, we used the OncodriveCLUST tool, which aims to identify genes whose mutations are biased
towards a large spatial clustering. This method is based on the feature that cancer gene mutations
frequently cluster in particular positions of the protein. Thus, mutations with a frequency higher than
the background rate that tend to cluster in specific regions of protein-coding genes are likely to be
driver genes. Based on the scores of this analysis, ZFPM1/FOGI can be considered as a cancer driver
for ACC (Figure 4f) and PRDMS for PAAD (Figure S2).

2.2. Differentially Expressed PRDM Genes across Human Cancers

To evaluate whether the expression of PRDM genes is affected in human cancers, we took
advantage of RNA-Seq datasets from paired samples (cancer vs. benign counterpart) available at the
TCGA web portal. Globally, 585 patients across 21 cancer types were analyzed (Table S1). The gene
expression profiles differed considerably between normal and tumor specimens, depending on the
cancer type, as shown by the principal component analysis [26]. The results of gene expression
profiling are summarized in Table S3 and Figure 5.
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Figure 5. The heatmap shows the expression profiles of PRDMs across the analyzed cancer types.

Data indicate that a large subset of PRDM genes is consistently deregulated across several cancer
types. Particularly, a significant overexpression was measured for PRDM12 and PRDM13. On the
other side, ZFPM2/FOG2, PRDMS, and PRDM16 were more often downregulated across tumors
(Figure 5). Strong upregulation of almost all PRDM genes was measured in CHOL where 13/19
PRDM genes were overexpressed in tumor versus healthy counterparts. Among them, the most
upregulated were MECOM/PRDMS3 (FC = 12.64), PRDM5 (FC = 10.7) and PRDM16 (FC = 13.74).
Conversely, the cancer types with the smallest number of deregulated PRDM genes were SARC with
no PRDM genes deregulated, PAAD with 1 gene upregulated (MECOM/PRDM3, FC =2.71), THYM
with two genes strongly downregulated (PRDM1, FC = 0.13 and ZFPM2/FOG2, FC = 0.16), CESC with
two genes strongly downregulated (PRDMS, FC = 0.07 and ZFPM2/FOG2, FC = 0.04) and one gene
strongly upregulated (PRDM13 FC = 29.86), and, finally, ESCA with two genes strongly downregulated
(PRDM16, FC = 0.37 and ZFPM2/FOG2, FC = 0.44) and one gene upregulated (PRDM1, FC = 2.28).
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2.3. PRDM Expression in Human Primary Tumors

In an attempt to validate the findings obtained on RNA-Seq datasets, we assayed TissueScan
cDNA panel arrays containing eight different tumors (breast, colon, kidney, liver, lung, ovary, prostate,
and thyroid) [25].

Specifically, we analyzed the differential expression of PRDM3/MECOM, PRDM10, PRDM12,
PRDM16, and ZFPM2/FOG2 genes (Figure S3). As illustrated in Figure 6, a general differential
expression, even though not significant, was observed for both ZFPM2/FOG2 and PRDM16 in several
tumor tissues (Figure 6a,b). PRDM3/MECOM was found to be significantly overexpressed in breast
(p < 0.001), ovary (p < 0.001), and colon (p < 0.05) cancer specimens (Figure 6¢). Similarly, PRDM10
was overexpressed at significant levels in breast (p < 0.001) and colon (p < 0.05) cancer specimens
(Figure 6d). No statistical differences in the expression of all these genes were measured between
tumor and healthy samples of the other cancer entities (Figure 6a—d). Otherwise, the PRDM12 gene
was difficult to analyze. This gene was confirmed as being highly overexpressed in all the analyzed
cancer tissues, except in ovarian cancer, as indicated by reanalysis of the TCGA RNA-Seq dataset.
However, this gene was not expressed or was expressed at very low levels in all the healthy tissues
used as controls; it was expressed in tumor specimens. For this reason, its relative gene expression
could not be calculated using the 2~#2Ct method for all the analyzed tissues. Particularly, relative
expression was measured only for thyroid, ovary, prostate, and liver (Figure 6e) whereas in breast,
colon, kidney, and lung normal tissues, the amplification products were undetectable when observed
by agarose gel electrophoresis analysis (Figure 6f). Of note, these cancer specimens showed measurable
levels of PRDM12 (Figure 6e—f).
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Figure 6. Relative expressions obtained by real-time PCR in different types of cancer tissues versus
corresponding normal tissues (with arbitrary expression value equal to 1). The comparative threshold
cycle (Ct) method was used with (3-actin as the internal control. The results are expressed as the mean
=+ ES. The statistical significance of differences between experimental groups was calculated using
the unpaired two-tailed Student’s t-test. (*) Results with a p-value < 0.05 were considered significant.
(a) ZFPM2/FOG2; (b) PRDM16; (¢) PRDM3/MECOM,; (d) PRDM10; (e) PRDM12. (f) Representative
samples analyzed for PRDM12 by agarose gel electrophoresis.
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3. Discussion

In this study, we provide for the first time a systematic and comprehensive overview of both the
mutational status and the expression profile of all the PRDM genes across a large number of different
cancer types.

Recently, the availability of multi-omics datasets (such as TCGA) from human cancers, together
with the development of advanced bioinformatics tools, represent a unique source to study human
malignancies [24].

Our reanalysis of the TCGA Exome-sequencing datasets revealed PRDM2, PRDM3/MECOM,
PRDMSY, PRDM16 and ZFPM2/FOG?2 as the most mutated genes. Heterogeneity in the mutation
frequencies was observed in the different tumor types with higher mutation rates found for
PRDM3/MECOM, PRDMS, PRDM9, PRDM15, ZFPM1/FOG1 and ZFPM2/FOG?2 in specific cancers.
Remarkably, VEP analysis indicated that the percentage of total deleterious mutations across the tumor
samples was high for most genes. More interestingly, a random sampling weighted on the size of
the annotated protein domains demonstrated that deleterious mutations were significantly enriched
in the PR domain of PRDM1, PRDM5, PRDM6, PRDMS, PRDM9, PRDM12 and PRDM13. Frequent
mutations disrupting the PR domain in tumor samples would be a mechanism for removing the tumor
suppressor function of the PR-plus isoform in favor of the oncogenic PR-minus form.

A big challenge in cancer biology studies is distinguishing between mutations conferring a
selective growth advantage to cancer cells (drivers) and those randomly accumulating and without
significant effects on the oncogenic process (passengers) [27,28]. Many algorithms employing different
approaches are now utilized to recognize driver genes although, when compared for their performance,
all display both strengths and weaknesses [25,29-31]. Moreover, recent studies have highlighted
the existence of “mini-driver” genes with weaker tumor-promoting effects, thus expanding the
previous driver—passenger dichotomy to a continuous model [25,30,32]. Besides, a sub-classification
has been proposed to differentiate “mut-driver genes”, usually altered by somatic gene mutations,
from “epi-driver genes”, which are deregulated through epigenetic modifications but are not frequently
mutated [25,27].

In this study, OncodriveCLUST analysis revealed two putative cancer mut-driver genes: PRDMS
in PAAD and ZFPM1/FOGI in ACC. In the latter case, we found that the involved gene was mutated in a
very high percentage (about 55%) of tumor samples. Additionally, a mutational hotspot region localized
between the amino acid positions 444 and 447, outside the known domains, was recognizable. All these
findings agree with the key parameters commonly used to discern drivers from passengers [29].
Notably, these hotspot mutations recurred also in other malignancies, such as COAD, KIRP, READ,
STAD, and UCS, supporting an important role of this gene in carcinogenesis. Moreover, the finding
of “multi_hit” mutations in ACC, as well as in COAD and READ, advises that this gene could
function as a tumor suppressor gene. This is conceivable with the current knowledge about the role of
ZFPM1/FOGI in differentiation. Indeed, ZFPM1 is also known as a friend of GATA1 (FOG1) since it
interacts with GATA1 and it is an essential cofactor for the transcription factor GATA-1 in erythroid
and megakaryocytic differentiation. Reduced expression of ZFPM1/FOG1 was found in preleukemic
progenitors of a mouse model of leukemia [33,34]. Besides, the high recurrence of these mutations
together with results from 3D-modeling of the canonical and mutant ZFPM1/FOGI proteins suggest
that, although without known domains, this is a critical region for the protein. Interestingly, this region
(particularly K431 residue) is evolutionary highly conserved (Figure S4).

It is conceivable that other PRDM genes may play a key role in the initiation and progression of
specific or multiple tumor types, as also reported by previous literature [8,15-17]. Indeed, it is accepted
that cancer driver genes are mainly involved in three core cellular processes: cell fate, cell survival,
and genome maintenance. For instance, PRDM2 has a relevant role in all of them; specifically, it also
participates to the formation of protein complexes involved in the DNA damage response and in
genome maintenance [15]. Additionally, a recent study identified a driver PRDM2 mutation in MSI
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colorectal cancer [16]. However, our analysis has not considered this gene as a driver. We cannot
exclude, among the explanations, the limitation of the utilized bioinformatics tool [30].

Our pan-cancer study has also identified PRDM12 as a possible epi-driver gene in multiple
cancers. Of note, TCGA gene expression profiling of PRDM genes revealed significant overexpression
of PRDM12 and PRDM13 in many tumor types whereas ZFPM2/FOG2, PRDMS8, and PRDM16 were
more often downregulated in tumor tissues. Our qRT-PCR analysis was not able to confirm all the
results obtained through TCGA analysis. The main reason could be the utilization of unpaired samples
in the validation through TissueScan cDNA panel arrays; otherwise, our analysis on TCGA was
carried out on paired samples. In addition, we have analyzed a small number of samples by qRT-PCR
compared to the huge number of cases from TCGA. Noteworthy is that when we measured the
differential expression of PRDM12 in cDNA panel arrays, we found the expression of this gene only in
cancer specimens but not in healthy samples of several tissues, suggesting that it could be putatively
utilized as a biomarker in those malignancies. Our study represents the first analysis of all PRDM
genes in pan-cancer; further studies using large cohorts are necessary to validate the most promising
results, particularly for PRDM12. In addition, given the lack of literature data, we are aware that
functional studies investigating the effect of altered expression both in vitro and in vivo are required
to establish the possible impact of PRDM12 in cancer.

Altogether, our results can be useful for identifying a subset of relevant PRDMs that are frequently
mutated and/or transcriptionally deregulated in certain tumor types. Functional studies on specific
PRDM gene mutations should be accomplished to definitely prove their potential oncogenic role.
Moreover, it would be interesting to investigate whether these mutations contribute to cancer
progression and metastasis, as well as whether they correlate with prognosis and/or with drug
response and resistance. The epigenetic changes underlying the altered gene expression observed
in tumor samples should also be explored. In this context, the availability of novel multi-omics data
integration tools and methods also offer the opportunity to further integrate our analysis of PRDM
gene expression by a systematic pan-cancer study of the epigenetic marks in these genes [25,35,36].

4. Materials and Methods

4.1. TCGA Data Source Selection and Processing for Mutation Analysis

In this manuscript, we analyzed both whole Exome- and RNA-Seq data retrieved from publicly
accessible repositories. Specifically, we retrieved the whole exome sequencing data from the GitHub
R data package for pre-compiled somatic mutations from TCGA cohorts “TCGA mutations” and
analyzed it using the Bioconductor package “maftools” [37].

The selection and nomenclature of PRDM genes were based on the HUGO Gene Nomenclature
Committee [38]. To estimate the mutation enrichment within the PR domain of each of the PRDM
proteins, we performed a random sampling iterated 1000 times weighted on the size of the
annotated domains.

To assess whether one or more PRDM proteins could be considered as cancer driver genes based
on the positional clustering of the variants in the selected human cancers, we used a re-implementation
of the software OncodriveCLUST within the maftools package [39].

Three-dimensional (3D) modeling of the human canonical and mutant ZFPM1/FOG1 proteins
was carried out using I-TASSER [26,40,41].

4.2. TCGA Data Source Selection and Processing for Expression Analysis

The RNA-Seq gene expression data were downloaded from TCGA [42]. The analysis of gene
expression and the identification of differentially expressed genes were performed comparing the
expression profiles of cancer vs. matched normal samples in a paired analysis. Therefore, expression
data taken from human primary cancers for which healthy samples were not available were discarded.
According to this criterion, 22 tumor entities were analyzed. To have a more robust differential
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expression analysis in paired samples, we applied generalized linear models implemented in the EdgeR
Bioconductor package version 3.17.10. p-values adjustment was performed through the application
of the false discovery rate (FDR) method. We considered differentially expressed genes with a logFC
<—1and logFC >1, and an FDR < 0.01.

4.3. Real-Time RT-PCR Analysis

Quantitative real-time PCR (qQRT-PCR) experiments were carried out on TissueScan Cancer Survey
Panels, which contained cDNA samples from various normal and cancer tissues covering eight
different tumors (breast, colon, kidney, liver, lung, ovary, prostate and thyroid) from independent
patients diagnosed at various clinical disease stages and selected from mixed ages and genders. Tissue
cDNAs of each array were synthesized from high-quality total RNAs of pathologist-verified tissues,
normalized and validated with 3-actin in two sequential qPCR analyses, and provided with clinical
information and QC data [25].

To quantitatively determine the relative amount of PRDM3/MECOM, PRDMS, PRDM10, PRDM12,
PRDM16, and ZFPM2/FOG2 RNAs, qRT-PCR was performed [25]. Primers were designed using
Primer3Plus [43] and specificity was verified with the BLAST program and through in-silico PCR
analysis by the UCSC Genome Browser [44].

The selected sequences of oligonucleotides forward (F) and reverse (R) were: PRDM3/MECOM-F
5'-AGTGGCAGTGACCTGGAAAC-3; PRDM3/MECOM-R 5'-ACCGCAGTCTGCTCCTCTAA-3/;
PRDM10-F 5'-CAGCACATTCGAAAGAAGCA-3'; PRDM10-R 5-GCGTTCGGTAGTCTGTCGTT-3/;
PRDM12-F 5'-GGGAGTCCTTACGCAACCTT-3’; PRDM12-R 5'-TTCCATTGTGCCTCCACTCT-3';
PRDM16-F 5'-ATGATGGACAAGGCAAAACC-3'; PRDM16-R 5'-GATGTGGGAGGTAGCAGAGG-3';
ZFPM2/FOG2-F 5-GACAGTGCCCATCAGATTTC-3'; ZFPM2/FOG2-R 5'-GGGCAGGAATTCTTC
CATTTT-3'.

The amplification products were also analyzed by agarose gel electrophoresis [45]. Data were
normalized with -actin gene provided with arrays. The relative gene expression was calculated using
the 2722Ct method [25].

Supplementary Materials: Supplementary materials can be found at http://www.mdpi.com/1422-0067/19/10/
3250/s1.
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Abbreviations

FC Fold change

FDR False discovery rate

TCGA The Cancer Genome Atlas

ACC Adrenocortical carcinoma

BLCA Bladder cancer

BRCA Breast cancer

CESC Cervical squamous cell carcinoma and endocervical adenocarcinoma
CHOL Cholangiocarcinoma

COAD Colon adenocarcinoma

DLBC Lymphoid neoplasm diffuse large B-cell lymphoma
ESCA Esophageal carcinoma

GBM Glioblastoma

HNSC Head and neck squamous cell carcinoma
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KICH Kidney chromophobe carcinoma
KIRC Kidney renal clear cell carcinoma
KIRP Kidney renal papillary cell carcinoma
LAML Acute myeloid leukemia

LIHC Liver hepatocarcinoma

LUAD Lung adenocarcinoma

LUSC Lung squamous cell carcinoma

ov Ovarian cancer

PAAD Pancreas adenocarcinoma

PCPG Pheochromocytoma and paraganglioma
PRAD Prostate adenocarcinoma

READ Rectum adenocarcinoma

SARC Sarcoma

SKCM Skin cutaneous melanoma

STAD Stomach adenocarcinoma

TGCT Testicular germ cell tumors

THCA Thyroid cancer
THYM Thymoma
UCEC Uterine corpus endometrial carcinoma

ucs

Uterine carcinosarcoma

UvM Uveal melanoma
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Abstract: Genetic loss or mutations in tumor suppressor genes promote tumorigenesis.
The prospective tumor suppressor tristetraprolin (TTP) has been shown to negatively regulate
tumorigenesis through destabilizing the messenger RNAs of critical genes implicated in both tumor
onset and tumor progression. Regulation of TTP has therefore emerged as an important issue in
tumorigenesis. Similar to other tumor suppressors, TTP expression is frequently downregualted
in various human cancers, and its low expression is correlated with poor prognosis. Additionally,
disruption in the regulation of TTP by various mechanisms results in the inactivation of TTP protein
or altered TTP expression. A recent study showing alleviation of Myc-driven lymphomagenesis by
the forced expression of TTP has shed light on new therapeutic avenues for cancer prevention and
treatment through the restoration of TTP expression. In this review, we summarize key oncogenes
subjected to the TTP-mediated mRNA degradation, and discuss how dysregulation of TTP can
contribute to tumorigenesis. In addition, the control mechanism underlying TTP expression at the
posttranscriptional and posttranslational levels will be discussed.

Keywords: tristetraprolin (TTP); tumorigenesis; posttranscriptional regulation; adenosine and
uridine-rich elements (AREs)

1. Introduction

Posttranscriptional regulation of messenger RNA (mRNA) stability is essential for cells to
rapidly respond to intracellular and extracellular stimuli [1,2]. The TPA-inducible sequence 11
(TIS11) family of RNA-binding proteins, composed of tristetraprolin (TTP) and butyrate response
factors, modulates mRNA stability through direct binding to specific sequences located in the 3’
untranslated region (3’ UTR) of the target mRNA [3]. TTP, also known as TIS11A, G0/G1 switch
regulatory protein 24 (GOS24), and growth factor-inducible nuclear protein NUP475, is encoded
by the ZFP36 gene. TTP contains a cysteine—cysteine-cysteine-histidine (CCCH) zinc finger motif
for the recognition of cis-acting adenosine and uridine-rich elements (AREs) in the 3’ UTR of target
mRNA [4,5]. As illustrated in Figure 1, binding of TTP to AREs generally facilitates the decay
of the mRNA by means of recruiting enzymes for the rapid shortening of the poly(A) tail [6].
For instance, TTP interacts with the carbon catabolite repressor protein 4 (Ccr4)-negative on TATA
(Notl) deadenylase complex, the exosome components polymyositis/systemic sclerosis 75 (PM/Scl-75),
and ribosomal RNA processing 4 (Rrp4) to hydrolyze the poly(A) tail in a processive manner [7].
Alternatively, TTP interacts with poly(A)-binding protein nuclear 1 (PABPN1) in the nucleus to inhibit
3’-polyadenylation of pre-mRNA [8]. The 5 to 3’ degradation of mRNA is processed by a decapping
complex, which includes mRNA-decapping enzyme 2 (Dcp2), enhancer of mRNA-decapping protein
3 (Edc3), and 5'-3' exoribonuclease (Xrn1), which interact with TTP [9,10].

The physiological importance of TTP in posttranscriptional coordination has been observed in
TTP-deficient mice. These mice develop a complex syndrome of inflammatory arthritis, dermatitis,
cachexia, autoimmunity, and myeloid hyperplasia [11]. These symptoms are recapitulated in the
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wild-type tumor necrosis factor alpha (TNF-«) transgenic and TNF-a**RE mice [12,13]. Indeed, TTP has
been shown to accelerate the degradation of TNF-x mRNA via direct binding to the ARE in the 3’ UTR
of TNF-o mRNA [14].

It was revealed that approximately 16% of human protein-coding genes have at least one
consensus motif of an ARE in their 3’ UTR [15]. Many of these genes are implicated in immune
responses and tumorigenesis [16,17]. Importantly, TTP has been shown to negatively regulate
tumorigenesis by destabilizing its target mRNA linked to tumor onset and progression [18,19].
Thus, dysregulation of TTP has been regarded as an important issue in tumorigenesis [20]. In this
review, we describe the current understanding of TTP’s roles in tumorigenesis, with a particular
focus on the roles of TTP’s target genes during tumorigenesis. We summarize key oncogenes and
tumor-associated genes subjected to TTP-mediated mRNA decay, and discuss how dysregulation of
this process potentially contributes to tumorigenesis.
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Figure 1. A schematic overview of posttranscriptional regulation of mRNA stability by TTP.

2. Oncogenes and Tumor Suppressor Genes Subjected to TTP-Mediated mRNA Decay

Tumorigenesis can be driven by the uncontrolled proliferation or the inappropriate survival
of damaged cells due to the impairment of mRNA stability control of tumor-suppressor genes
and oncogenes [21]. Table 1 shows the list of tumor-associated genes and their ARE sequences
subjected to TTP-mediated mRNA degradation. The data indicate that TTP’s target mRNAs during
tumorigenesis are predominantly oncogenes as opposed to tumor suppressors; 21 oncogenes were
targets, as compared to three tumor suppressor genes, such as cyclin-dependent kinase inhibitor
1 (CDKN1A), large tumor suppressor kinase 2 (LATS2), and aryl-hydrocarbon receptor repressor
(AHRR) [22-24].
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Table 1. List of oncogenes and tumor suppressor genes subjected to the ARE-mediated mRNA decay

by TTP.
Gene Symbol ARE Sequences Regulation by TTP
ARE FUTR  mRNA
Binding!  Binding?  Decay? :
TTCTGGCCTCTGGGCATTTATGGATTTAAGACCA
AHRR GGATGGTATTTCAGAAGCTT © o 0o (23]
AKT-1 TTTTTTTACAACATTCAACTTTAGT o ND 0 25,261
BCL2 ATTTATTTATTTA ND 0 0 [27]
BIRC3 TTTGGTTTCCTTAAAATTTTTATTTATTTACAACTC o o 25,201
(cIAP2) AAAAAACATTGTTTTG z
CCNB1 TTATTTACTTTTACCACTATTTAAG o 0 0 [25,30]
(cyclin B1)
CCND1 TTATTATATTCCGTAGGTAGATGIG, o o o S
(cyclin D1) ACATAATATATTCTATTTTTATACTCT 8
CDKNIA  TAGTCTCAGTTTGTGTGTCTTAATTATTATTTGTGT o o o .
(p21) TTTAATTTAAACACCTCCT
CXCL1 TCTTCTATTTATTTATTTATTCATTAGTT o o [25,32]
CXCL2
i) CACACTCTCCCATTATATTTATTG o ND o [25,33]
CXCR4 ACTTATTTATATAAATTTTTTTIG o 0 [25,34]
CTTTAATGGAGCGTTATTTATTTATCGAGGCC
E2F1 AR o 0 0 [29,35]
Fos TAATTTATTTATT ND 0 0 36]
(c-Fos)
HMGA2 TGTAATTTAATGA ND 0 0 137]
[FN-y CTATTTATTAATATTTAA 0 0 [38]
JUN TTCTCTATTAGACTTTAGAAA,
(c-Jun) AGCACTCTGAGTTTACCATTTG ND ND - [2539]
TTCAAATTAGTATGATTCCTATTTAAAGTGATTTA
LATS2 TATTTGAGTAAAAAGTTCAA o 0 [22]
Lin28A TTTTATTTATTTG o 0 [29,40]
MACCI TATAATTTAATAT ND 0 0 [41]
MYC AATTTCAATCCTAGTATATAGTACCTAGTATTAT o o o 5]
(Myo) AGGTACTATAAACCCTAATTTTTTTTATTTAA 5
CCTGGAGGTCAATGTTATGTATTTATTTATTTATT
PIM-1 TATTTGGTTCCCTTCCTATTCC 0 0o o [42]
PIM-3 TTTAATTTATTTG ND 0 0 [43]
SNAIT GTTATATGTACAGTTTATTGATATTCAATAAAGC o o o )
(Snaill) AGTTAATTTATATATTAAAAA
XIAP CAAATTTATTTTATTTATTTAATT o 0 0 [25,43]

10: experimentally determined ARE sequences; ND: not determined experimentally, the predicted ARE sequences
are from ARED-Plus web source; >> O: experimentally confirmed; ND: not determined experimentally.

TTP has been shown to prevent malignant proliferation by suppressing the expression of genes for
cell-cycle progression and cellular proliferation depicted in Figure 2. Among these, CCNB1 (cyclin B1)
is the key oncogenic driver whose overexpression itself leads to the chronic proliferation of cancer
cells [45]. Previous studies reported that high CCNB1 expression levels were detected in various
cancers such as breast, colon, and non-small cell lung cancer [46—48]. Ectopic overexpression of TTP
suppressed CCNB1 expression but depletion of TTP promoted the accumulation of CCNB1 mRNA
in human lung cancer cells [30]. This is because the ARE motif in CCNBI 3’ UTR is subjected to
TTP-mediated degradation [25]. High expression of CCND1 (cyclin D1) also correlates with tumor
onset and tumor progression [49]. A recent study showed that treatment with the mechanistic target
of rapamycin kinase (mTOR) inhibitor, rapamycin, induced rapid CCNDI mRNA decay due to the
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increased TTP expression in glioblastoma cells [31]. CCND1 binding with cyclin dependent kinase
4 (CDK4) or CDKG6 is necessary for the G1/S transition [50]. The active CDK4/6 phosphorylates
retinoblastoma 1 (RB), which results in the release of E2F1 [51]. Subsequently, E2F1 initiates the
expression of genes required for the cell cycle transition [52]. E2F1 also contains three AREs in its
3’ UTR [35]. In the meantime, the PIM-1 oncogene is also subjected to TTP-mediated mRNA decay.
PIM-1 facilitates cell cycle progression via activating CDC25a and CDC25¢ oncogenes [53]. In pancreatic
cancer, low TTP expression was correlated with high PIM-1 expression, and patients with such gene
expression profiles showed unfavorable survival rates [54].

In addition, by suppressing the expression of lin-28 homolog A (Lin28A), TTP can increase the
expression of the tumor suppressor microRNA (miRNA) let-7, whose expression is negatively regulated
by Lin28A [29,55]. The miRNA let-7 has been implicated in the regulation of gene transcription
including high mobility group A2 (HMGAZ2) [56]. HMGAZ is frequently upregulated in multiple
cancers, and is associated with both malignant and benign tumor formation [57]. The bioinformatic
analysis discovered that 3' UTR of HMGA2 mRNA contains the hairpin structure termed HMGA2-sh,
which is further processed to a HMGA2-sh-3p20 fragment through the action of Drosha and Dicer [37].
Interestingly, HMGA2-sh-3p20 elevated HMGA?2 expression in hepatoma cells by means of preventing
TTP binding to the HMGA mRNA [37]. Thus, HMGA2-sh-3p20 facilitates hepatocarcinogenesis by
antagonizing the TTP-mediated decay of HMGA2 mRNA.
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Figure 2. Attenuation of cellular proliferation by TTP-mediated suppression of oncogenic signalings.

The collapse of the homeostatic balance between cell death and cell proliferation is a hallmark of
cancer [58]. Simultaneous overexpression of the anti-apoptotic protein BCL2 and the Myc oncogene
induces lymphoma [59]. By downregulating the expression of both genes, TTP has been shown
to alleviate Myc-driven lymphomagenesis [27,60]. IAP (inhibitors of apoptosis proteins) family
anti-apoptotic protein BIRC3 and XIAP are also under control by TTP-mediated mRNA decay [28,43].
Therefore, loss of TTP function would confer resistance to cancer cells against apoptotic stimulus,
and promotes cancer cell viability due to the impairment of the destabilizing of anti-apoptotic
gene expression.
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Aside from its canonical posttranscriptional role, TTP also has been implicated in the
regulation of gene expression at the transcriptional level by participating in the nuclear factor
kappa-light-chain-enhancer of activated B cells (NF-«B) pathway [39,61,62]. By blocking the nuclear
import of NF-kB/p65, TTP suppresses the NF-kB-mediated transcription of oncogenes, including
c-Jun [63]. c-Jun and c-Fos form the AP-1 early response transcription factor that promotes cell-cycle
progression [64]. The stability of c-Fos mRNA is subjected to TTP-mediated posttranscriptional
control [36]. Thereby, TTP regulates the activity of oncogenic AP-1 both at the transcriptional and
posttranscriptional levels.

3. Roles of TTP in Tumor Progression

Recent studies have revealed novel TTP targets involved in the malignancy of tumors, such as
epithelial-mesenchymal transition (EMT), invasion, and metastasis (Figure 3). Based on the gene
expression profiles from 80 patient samples (23 normal colon mucosa, 30 primary colon carcinoma,
and 27 liver metastases), lower TTP expression was detected in primary tumors as compared to normal
mucosa [41]. Furthermore, TTP expression was remarkably downregulated in metastatic tumors as
compared to primary tumors, suggesting the possibility that TTP is engaged in the EMT process.
Consistent with this notion, recent studies have reported that TTP facilitates the mRNA decay of
EMT marker genes including Snaill (zinc finger protein snail 1), Twist1 (twist-related protein 1), ZEB1
(zinc finger E-box binding homeobox 1), MMP-2 (matrix metalloproteinase 2), and MMP-9 [41,44,65].

The molecular signature of low E-cadherin, high vimentin, and high N-cadherin is an indicator of
cells undergoing EMT; this feature was also detected in circulating tumor cells [66]. NIH:OVCAR3
(ovarian adenocarcinoma) and HT29 (colorectal adenocarcinoma) cells with high TTP levels exhibited
high E-cadherin, low N-cadherin, and low vimentin, whereas low TTP-expressing SKOV3 (ovarian
adenocarcinoma) and H1299 (non-small lung carcinoma) cells displayed low E-cadherin expression [44].
Snaill, Twistl, and ZEB1 are transcription factors for the transcriptional repression of E-cadherin [67].
TTP binding to the ARE within the 3’ UTR of these three genes triggered their nRNA decay [44]. In the
meantime, loss of TTP increased the growth rate and migration capability of colorectal cancer cells
due to the upregulation of ZEB1, sex-determining region Y box 9 (50OX9), and metastasis-associated
in colon cancer 1 (MACC1) [41]. Furthermore, one of the most significant alterations underlying
colorectal cancer is the constitutive activation of the T-cell factor (Tcf)/3-catenin signaling, and the
administration of Tef/ 3-catenin inhibitor FH535 derepressed TTP expression [41]. Collectively, TTP
downregulates Snaill, Twistl, ZEB1, SOX9, and MACC1 expression at the posttranscriptional level to
inhibit EMT. Thus, the recovery of TTP expression seems to be promising to suppress EMT in some
types of human cancers.

EMT facilitates the reorganization of the extracellular matrix (ECM), since many EMT-inducing
factors activate the expression of MMPs [68]. MMPs induce ECM degradation and allow tumor cells
to migrate out of the primary tumor to form metastases [69]. Specifically, MMP-1 is an interstitial
collagenase that decomposes collagen types I, II, and III, and MMP-13 breaks down type II collagen
more efficiently than types I and III [70]. MMP-2, along with MMP-9, cleaves type-IV collagen, which
is the most abundant component of the basement membrane of which breakdown is a critical step in
the invasion and metastatic progression of cancer cells [70]. An invasion experiment recapitulating
the oral mucosa showed that the suppression of TTP activity gives rise to an accelerated invasion rate
of head and neck cancer cells due to the secretion of MMP-2, MMP-9, and interleukin-6 (IL-6) [65].
Mechanistically, p38-mediated phosphorylation and the inactivation of TTP upregulated the stability
of MMP-2, MMP-9, and IL-6 transcripts [65]. Another study showed that ectopic re-expression of
TTP in breast cancer cells attenuated the invasion rate because TTP suppressed MMP-1 and MMP-13
expression [71]. Urokinase-type plasminogen activator (uPA) and its specific receptor urokinase
plasminogen activator receptor (uUPAR) are also implicated in the degradation of the ECM [72].
Overexpression of uPA and uPAR has been observed in invasive glioblastomas [73], and the ectopic
expression of TTP alleviated the invasiveness of these cancer cells by suppressing the expression of

148



Int. ]. Mol. Sci. 2018, 19, 3384

both uPA and uPAR [74,75]. In addition, a recent report showed that the upregulated TTP expression
led to significant downregulation of uPA and MMP-9 protein expression in breast cancer [76]. Taken
together, uPA and uPAR are physiological targets of TTP in various cancer types, and the concept of
TTP-mediated downregulation of uPA and uPAR seems to be promising to attenuate the malignancy
of tumors [75].
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Figure 3. Suppressive roles of TTP in tumor progression. (A) TTP targets involved in the malignancy
of tumors. EMT; epithelial-mesenchymal transition. (B) EMT and metastatic mechanisms driven by
TTP target genes. CAFs; carcinoma-associated fibroblasts, ECM; extracellular matrix, VEGFR; vascular
endothelial growth factor receptors.

Cancers develop in complex tissue environments known as tumor microenvironments, and these
affect the growth and metastasis of tumor cells [77]. Tissues undergoing chronic inflammation due to
the deregulation of the microenvironment generally exhibit a high incidence of cancer [78]. According
to recent studies, programmed death-ligand 1 (PD-L1) is a novel target for TTP in gastric, lung,
and colon cancer cells [79,80]. The expression of PD-L1 is essential for the development and functional
maintenance of regulatory T cells [81], and its mRNA stability is negatively regulated by TTP [80].
Consequently, restoration of TTP expression enhanced anti-tumor immunity in a PD-L1-dependent
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manner [80]. Neoplastic cells are strongly influenced by the stroma, including surrounding and
infiltrating cells. Immune cell infiltration into the tumor is an important determinant of tumor
progression, and TTP depletion increases infiltration of monocytes/macrophages into the tumors [82].
IL-16 was identified as a critical TTP-regulated factor that contributes to the migration of immune
cells [82]. IL-16 expression was increased in TTP-deficient 3D tumor spheroids, and elevated IL-16
levels enhanced the infiltration of monocytes into tumor spheroids [82]. Apparently, further studies
are needed to determine the direct effect of TTP on IL-16 expression, but it seems clear that the loss of
TTP allows immune cells within the microenvironment to promote tumor growth.

Tumor cells require a dedicated blood supply to obtain oxygen and nutrients for their maintenance
and growth, and vascular endothelial growth factor (VEGF) is a crucial regulator of pathological
angiogenesis [83]. TTP can bind to VEGF mRNA 3’ UTR and induce VEGF mRNA degradation [84].
Higher VEGEF levels were detected in colorectal adenocarcinoma, as compared to normal tissues [85].
Cyclooxygenase 2 (COX-2) is also an important mediator of angiogenesis by facilitating the production
of VEGF and BCL2 [86]. TTP binds between the nucleotides 3125 and 3232 in the 3’ UTR of COX-2
mRNA and induces mRNA destabilization [87]. In colorectal cancer cells, low expression of TTP was
responsible for the increased expression of COX-2 and VEGF, while overexpression of TTP in colon
cancer cells markedly decreased the expression of both genes [88]. Moreover, cytokines related to
tumor angiogenesis such as IL-3, IL-8, and TNF-« were reported as TTP targets which are suppressed
by the way of ARE-mediated decay [32,89,90]. In contrast, TTP has been shown to increase human
inducible nitric oxide synthase (iNOS) mRNA stability. TTP did not bind to human iNOS mRNA
directly, but TTP destabilized the KH-type splicing regulatory protein (KSRP), which is responsible for
iNOS mRNA decay, by facilitating recruitment of the exosome [91].

Although the precise mechanisms that determine the directional movement of tumor cells to
distant sites are not well understood, this movement pattern seems similar to the chemokine-mediated
leukocytes movement [92]. The expression of C-X-C motif chemokine receptor 4 (CXCR4) is low or
absent in normal tissues, while it is highly expressed in various types of cancer, including colorectal
cancer, ovarian cancer, and breast cancer [93,94], and the CXCR4 level was inversely correlated with
TTP expression [34]. It has been revealed that CXCR4 is a TTP target containing a functional ARE
in its 3/ UTR, and thus, induction of TTP results in the compromised CXCR4-mediated invasion
and migration [34]. Furthermore, TTP depletion increased the production of several chemokines,
such as C-X-C motif chemokine ligand 1 (CXCL1), CXCL2, and CXCLS (also known as IL-8), which are
involved in melanoma pathogenesis and angiogenesis [32,33,95]. Taken together, TTP has the ability
to repress tumor metastasis by regulating chemokine-mediated migratory signaling.

As the tumor grows, consumption of nutrients and oxygen around it lead to a state of nutrient
and oxygen deprivation [96]. Subsequently, hypoxia induces hypoxia-inducible factor 1oc (HIF-1cx),
an important transcription factor involved in angiogenesis, leading to angiogenesis that allows
nutrients to the microenvironment around tumor tissue [97]. Importantly, TTP expression was induced
in hypoxic cells, and the overexpression of TTP repressed the hypoxic induction of HIF-1« protein in
colorectal cancer cells [98]. Thus, it was proposed that cancer cells may benefit from the downregulation
of TTP, which subsequently increases HIF-1ot expression and assists with the adaptation of cancer cells
to hypoxia.

4. Regulation of TTP Expression in Normal and Cancer Cells

Recent research has demonstrated that TTP is abnormally expressed in various human
malignancies [60,85,99-105]. TTP was initially identified as a member of immediate early response
genes that are rapidly induced by the stimulation of insulin [106], serum [107], or mitogen [108,109] in
quiescent fibroblasts. Serum-stimulated TTP mRNA induction was dependent on consensus binding
sites for several transcription factors, such as early growth response protein 1 (EGR1), specificity
protein 1 (SP-1), and activator protein 1 (AP-2) in the 5'-proximal region of the TTP promoter [110].
A few studies have shown that transcription of TTP was induced by growth-inhibitory cytokines
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during an inflammatory response. For instance, transforming growth factor beta 1 (TGF-f1)-induced
TTP transcription was mediated by the binding of Smad3/4 transcription factors to the putative
Smad-binding elements of the TTP promoter in human T cells [111]. Parallel to this, TTP expression was
necessary for TGF-1-dependent growth inhibition in normal intestinal epithelium [112]. In addition,
the TTP promoter contains putative binding sites for signal transducer and activator of transcription
(STAT) proteins. Indeed, STAT1, STAT3, and STAT6 were recruited to these sites, and induced TTP
gene transcription under stimulation by different cytokines. Interferon gamma (IFN-y)-induced STAT1
phosphorylation promoted TTP gene transcription [113]. IL-10-activated STAT3 or IL-4-activated
STAT6 induced TTP expression through the janus kinase 1 (JAK1) pathway [114,115]. Interestingly,
TTP mRNA is highly unstable, and the rapid turnover of TTP mRNA is due to an auto-regulatory
negative feedback loop [116,117].

TTP expression is often deficient in several cancer types (Figure 4). Rounbehler and colleagues [60]
found that TTP was expressed at low levels in Myc-expressing cancers including breast, colorectal,
and metastatic prostate cancer. The 5'-proximal region of the TTP gene includes a putative initiator
element (Inr) near the TATA box [110]. Myc directly inhibits the transcription of TTP through
direct binding to the Inr. In contrast, the tumor suppressor p53 activates TTP mRNA expression
in human cancer cells [55]. Wild-type p53 stimulated by the DNA-damaging agent doxorubicin was
recruited to the TTP promoter to activate TTP transcription, whereas mutant p53 failed to induce TTP
transcription [55]. The epigenetic gene silencing of the TTP promoter has been shown as an alternative
way to regulate TTP expression [105,118,119]. For instance, TGF-f1-dependent Smad-binding region
located in the TTP promoter has a specific single CpG site. In hepatocellular carcinoma cell lines, TTP
expression was attenuated frequently by methylation of the CpG site [105]. MicroRNA-29a (miR-29a)
targets the 3’ UTR of TTP mRNA, leading to the degradation of TTP mRNA in cancer cells [101,120].
In pancreatic and breast cancer, miR-29a-mediated TTP mRNA degradation was associated with EMT,
and promoted tumor growth, invasion, and metastasis [101,120].
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Figure 4. Regulation of TTP expression and activity in normal and cancer cells.

In addition to the loss of TTP expression, cells can become TTP deficient through a loss in TTP
activity. Inactivation of TTP has been predominantly associated with its phosphorylation status. TTP
can be phosphorylated by several kinases, including extracellular signal-regulated kinases (ERK) [121],
p38 [121,122], c-Jun N-terminal kinases (JNK) [121], and v-akt murine thymoma viral oncogene
(AKT) [31]. Among these, the p38 pathway is a major determinant for TTP activity but does not affect
the protein level of TTP. p38 kinase phosphorylates and activates MAPK-activated protein kinase
2 (MK2); subsequently, MK2 phosphorylates TTP at serine 60 and 186 [123]. Subsequently, 14-3-3
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proteins interact with phosphorylated TTP and inactivate it [31,124-126]. The TTP-14-3-3 complex
cannot recruit the Ccr4-Notl deadenylase complex, but has no impact on the binding affinity of
ARE [124,125]. In addition, the interaction with 14-3-3 is required for cytoplasmic accumulation of
TTP [126], which results in the inhibition of TTP’s role in the nucleus. Cytoplasmic TTP promotes the
decay of mRNA containing AREs [18], whereas nuclear TTP functions as a transcriptional corepressor
of NF-kB [39,127] and several nuclear receptors [128,129]. In breast cancer cells, ectopic overexpression
of TTP was capable of repressing the transactivation activity of nuclear receptors, including estrogen
receptor alpha (ER«), progesterone receptor (PR), glucocorticoid receptor (GR), and androgen receptor
(AR), via physically interacting with these factors [128]. Mechanistically, nuclear TTP attenuates ERx
transactivation by disrupting its interaction with steroid receptor coactivator 1 (SRC-1) [129].

The phosphorylation-induced TTP inactivation is reversed by two phosphatases. Protein
phosphatase 2A (PP2A) directly dephosphorylates and reactivates TTP, but this results in a decrease
in TTP protein stability [130-134]. Another phosphatase for TTP reactivation is dual specificity
phosphatase 1 (DUSP1), that indirectly regulates TTP activity through the dephosphorylation of p38,
which results in the inactivation of p38 kinase activity [135]. Several reports have indicated that a
high level of the phosphorylated, inactive form of TTP was found in head and neck [65] and brain
cancer cells [99,136]. Thus, the pharmacological application of a p38 inhibitor against these cancers
may provide new ways to treat cancers containing hyperphosphorylated TTP.

The first p38 inhibitors were identified in a screen for compounds that inhibited expression
of TNF-a in human monocytic leukemia cell line [137]. In multiple myeloma and head and
neck squamous cell carcinoma, p38 inhibitors were successfully used to limit tumor growth and
angiogenesis, due indirectly to TTP-mediated inhibition of cytokine secretion [138,139]. p38 inhibitor
also attenuates progression of malignant gliomas by inhibition of TTP phosphorylation [99]. Dufies
and colleagues reported that p38 inhibitors may be a promising adjuvant therapy in cancer. Sunitinib,
known as a first-line treatment for metastatic renal cell carcinoma, leads to patient relapse by p38
activation. While sunitinib mainly targets the host blood vessels via the inhibition of VEGF receptors,
the mechanism of patient relapse is associated with increased lymphangiogenesis and lymph node
metastasis via induction of VEGFC mRNA expression through p38-mediated inactivation of TTP.
In renal cancer cells, the p38 inhibitor reduces the sunitinib-dependent increase in the VEGFC
mRNA [140]. Several independent groups have identified effective drug candidates targeting TTP for
anticancer therapies. For instance, Sorafenib targeting v-Raf murine sarcoma viral oncogene homolog
B (B-Raf) kinase triggers re-expression of TTP in melanoma cells via the inhibition of B-Raf-dependent
ERK activity [95]. Gambogic acid, the main active compound of Gamboge hanburyi, also induces
upregulation of TTP expression through ERK inactivation, and efficiently inhibits the progression of
colorectal cancer cells [141]. Histone deacetylase (HDAC) inhibitors in colorectal cancer cells induce
TTP expression through activation of EGR1, which promote its binding affinity to ARE, and thus,
reduce cell growth and angiogenesis [118,119]. Resveratrol, a natural polyphenolic compound present
in many plant species, including grapes, peanuts, and berries, inhibits cell growth through TTP
upregulation in several cancers, including breast [142], colorectal [29] and brain cancer [74]. Molecular
activators of PP2A enhance the anti-inflammatory function of TTP in lung cancer cells, and thus,
provide pharmacotherapeutic strategies to chronic inflammation-mediated cancer [133]. In addition,
treatment with MK2 inhibitor triggers apoptosis in hepatocellular carcinoma. TTP knockdown rescued
these cells from apoptosis in the presence of MK2 inhibitor, suggesting that the MK2-mediated TTP
inactivation plays a role in cell survival of hepatocellular carcinoma [26]. These studies increase the
understanding of the anti-cancer effects of various compounds and the molecular basis for further
applications of therapeutic agents targeting TTP in clinical cancer therapy.

5. Conclusions

The role of TTP as a key factor in posttranscriptional gene regulation has been established,
especially with regard to its function in promoting mRNA decay of ARE-containing genes, including
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oncogenes and cancer-related cytokines. What has become more obvious is that TTP participates
extensively in gene regulatory networks for tumor suppression. Cumulative evidence was provided
that the loss of TTP expression or function was closely related with tumor onset and tumor progression,
and presented poor outcomes of cancer patients. Based on current knowledge, many factors and
signal pathways have been identified to regulate TTP at the transcriptional, posttranscriptional,
and posttranslational level. The abnormal expression or activity of these factors consequently affected
TTP’s expression or function. Therefore, endeavors for searching molecular pathways or chemical
compounds upregulating TTP expression or activity will pave the way for potentially attractive
therapeutics for cancer treatment.

Funding: This research was supported by Basic Science Research Program through the National Research
Foundation of Korea (NRF) funded by the Ministry of Education (NRF-2018R1D1A3B07043817 and
NRF-2015R1D1A1A01056994).

Conflicts of Interest: The authors declare no conflict of interest.

Abbreviations

3’ UTR 3’ untranslated regions

AHRR Aryl-hydrocarbon receptor repressor
AKT-1 AKT serine/threonine kinase 1

AP-1 Activator protein 1

AR Androgen receptor

AREs Adenosine and uridine-rich elements
BCL2 B-cell CLL/Lymphoma 2

BIRC3 Baculoviral IAP repeat containing 3
B-Raf v-Raf murine sarcoma viral oncogene homolog B
CAFs Carcinoma-associated fibroblasts
CCCH Cysteine—cysteine-cysteine-histidine
CCNB1 Cyclin B1

CCND1 Cyclin D1

Ccr4 Carbon catabolite repressor protein 4
CDC25A Cell division cycle 25 homolog A
CDK4 Cyclin dependent kinase 4

CDK6 Cyclin dependent kinase 6

CDKNIA Cyclin dependent kinase inhibitor 1A
COX-2 Cyclooxygenase 2

CXCL1 C-X-C motif chemokine ligand 1
CXCL2 C-X-C motif chemokine ligand 2
CXCR4 C-X-C motif chemokine receptor 4
Dcp2 mRNA-decapping enzyme 2

DUSP1 Dual specificity phosphatase 1

E2F1 E2F transcription factor 1

ECM Extracellular matrix

EGR1 Early growth response protein 1

Edc3 Enhancer of mRNA-decapping protein 3
EMT Epithelial-mesenchymal transition
ERK Extracellular signal-regulated kinases
ERa Estrogen receptor alpha

FOS FBJ murine osteosarcoma viral oncogene homolog
GOS24 G0/G1 switch regulatory protein 24
GR Glucocorticoid receptor

HDAC Histone deacetylase
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HIF-1a
HMGA2
IAP
IFN-y
IL-6
iNOS
Inr
JAK1
JNK
JUN
KSRP
LATS2
Lin28A
MACC1
MAPK
miR-29a
MK2
MMP-13
MMP-2
MMP-9
mRNA
Myc
NE-«B
Notl
NUP475
PABPN1
PD-L1
PIM-1
PM/Scl-75
PP2A
PR

RB

Rrp4
SNAI1
SOX9
SP-1
SRC-1
STAT
Tef
TGF-p1
TIS
TNF-o
TTP
Twistl
uPA
uPAR
VEGF
VEGFR
XIAP
Xrnl
ZEB1
ZFP36

Hypoxia-inducible factor 1

High mobility group A2

Inhibitors of apoptosis proteins

Interferon gamma

Interleukin-6

inducible nitric oxide synthase

Initiator element

Janus kinase 1

c-Jun N-terminal kinases

v-jun avian sarcoma virus 17 oncogene homolog
KH-type splicing regulatory protein

Large tumor suppressor kinase 2

Lin-28 homolog A

Metastasis associated in colon cancer 1
Mitogen-activated protein kinase
MicroRNA-29a

MAPK-activated protein kinase 2

Matrix metalloproteinase 13

Matrix metalloproteinase 2

Matrix metalloproteinase 9

Messenger RNAs

v-myc avian myelocytomatosis viral oncogene homolog
Nuclear factor kappa-light-chain-enhancer of activated B cells
Negative on TATA 1

Growth factor-inducible nuclear protein NUP475
Poly-A-binding protein nuclear 1

Programmed death-ligand 1

Proto-oncogene serine/threonine-protein kinase pim 1
Polymyositis/systemic sclerosis 75

Protein phosphatase 2A

Progesterone receptor

Retinoblastoma 1

Ribosomal RNA processing 4

Zinc finger protein snail 1

Sex-determining region Y box 9

Specificity protein 1

Steroid receptor coactivator 1

Signal transducer and activator of transcription
T-cell factor

Transforming growth factor beta 1
12-O-tetradecanoylphorbol-13-acetate (TPA)-induced sequence
Tumor necrosis factor alpha

Tristetraprolin

Twist-related protein 1

Urokinase-type plasminogen activator
Urokinase plasminogen activator receptor
Vascular endothelial growth factor

Vascular endothelial growth factor receptors
X-linked inhibitor of apoptosis

5'-3' exoribonuclease

Zinc finger E-box binding homeobox 1

Zinc finger protein 36
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Abstract: CircRNAs have particular biological structure and have proven to play important
roles in diseases. It is time-consuming and costly to identify circRNA-disease associations by
biological experiments. Therefore, it is appealing to develop computational methods for predicting
circRNA-disease associations. In this study, we propose a new computational path weighted method
for predicting circRNA-disease associations. Firstly, we calculate the functional similarity scores of
diseases based on disease-related gene annotations and the semantic similarity scores of circRNAs
based on circRNA-related gene ontology, respectively. To address missing similarity scores of
diseases and circRNAs, we calculate the Gaussian Interaction Profile (GIP) kernel similarity scores for
diseases and circRNAs, respectively, based on the circRNA-disease associations downloaded from
circR2Disease database (http:/ /bioinfo.snnu.edu.cn/CircR2Disease/). Then, we integrate disease
functional similarity scores and circRNA semantic similarity scores with their related GIP kernel
similarity scores to construct a heterogeneous network made up of three sub-networks: disease
similarity network, circRNA similarity network and circRNA-disease association network. Finally,
we compute an association score for each circRNA-disease pair based on paths connecting them in the
heterogeneous network to determine whether this circRNA-disease pair is associated. We adopt leave
one out cross validation (LOOCYV) and five-fold cross validations to evaluate the performance of our
proposed method. In addition, three common diseases, Breast Cancer, Gastric Cancer and Colorectal
Cancer, are used for case studies. Experimental results illustrate the reliability and usefulness of
our computational method in terms of different validation measures, which indicates PWCDA can
effectively predict potential circRNA-disease associations.

Keywords: circRNA-disease associations; pathway; heterogeneous network

1. Introduction

In recent years, an increasing number of circRNAs [1] have been uncovered and have drawn more
attention than before. CircRNA is a newly discovered category of non-coding RNAs. Non-coding
RNAs also include a large number of different RNAs, such as miRNAs, IncRNAs, piRNAs [2]. The first
discovery of circular RNA was in the Tetrahymena cell [3]. There is an obvious difference between
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circular RNAs and common linear RNAs. That is, circRNA has a circular closed loop RNA structure,
yet have no free 5" and 3’ compared with linear RNAs [4]. In addition, circRNAs can also be classified
into 4 categories as follows: Exonic circRNAs, intronic circRNAs, exonintron circRNAs and intergenic
circRNAs [4,5]. Because of such a closed loop structures, they are usually stable, abundant, conserved,
and tissue-specifically expressed [5].

With the progress of high throughput sequencing technology [6], more and more circRNAs have
been confirmed to play significant roles in different biological processes [7]. According to many
experiments, a large amount of circRNAs functions have been found to work as a scaffold in the
assembly of protein complexes [8], and local subcellular positions [9], and so on. They also regulate
the expression of their ancestor genes [10] and acts as a microRNA (miRNA) sponge [11,12]. Especially,
many studies have proved that circRNA can be biomarkers of tumors [13-15].

Recently, a sharply increasing number of circRNAs have been discovered and there are also
some circRNA-disease databases being developed, such as circR2Disease [16], Circ2Traits [17]
and Circ2Disease [18]. Simultaneously, circRNAs-related diseases also have been verified by
classic biological experiments. However, they are both time-consuming and expensive. Therefore,
it is appealing to develop computational methods that can produce reliable prediction results
and reduce both time and cost. Although, some computational methods have been proposed
for predicting miRNA-disease associations [19-21], IncRNA-disease associations [22,23] and
drug-target associations [18,24,25], there is no computational method for predicting circRNA-disease
associations yet.

In this study, we propose the first computational method, Path Weighed method for predicting
CircRNA-Disease Associations (PWCDA). After building a heterogeneous network consisting of three
sub-networks, the disease similarity network, the circRNA similarity network and circRNA-disease
association network, we calculate an association score for each circRNA-disease pair based on the
paths connecting them in the heterogeneous network to determine whether a circRNA-disease pair
is associated. Our method is evaluated with leave one out cross validation (LOOCV) and five-fold
cross validation. The average AUC (Area Under roc Curve) of LOOCYV is 0.900, while the AUC value
of five-fold cross validation is 0.890. For further investigating the performance of our proposed model,
we conduct several case studies of some common cancers. What’s more, we compare our method
with some other computational prediction methods. The results show that our method outperforms
other methods, which indicates that our proposed model has the better capability to predict potential
circRNA-disease associations.

2. Results and Discussion

2.1. Effect of Parameter

Based on the previous study [26], we fix the maximum path length as 3. If the maximum path
length is more than 3, not only do the running time of the method increases, but our method also
takes some noisy information. In this study, we give a comprehensive analysis for the parameter «
in our decaying function. After we calculate scores for each disease-circRNA pair, we can obtain a
disease-circRN A association score matrix. Based on the scores matrix, we calculate the AUC. The results
are represented in Table 1. It's obvious that the effect of different values of o on the final AUC value
is quite small and it can take value from 1 to 3. Therefore, we adopt the best result setting the value
of a as 1. In order to reduce the running time, we don’t use any cross validation in this experiment.
Furthermore, we also carry out an experiment to analyze another parameter, the threshold y, which is
represented in Table 2. For the sake of reducing the running time, any cross validation is not adopted.
The result shows that the parameter y might have tiny effect on the final AUC value. Thus, we set the
v value as 0.5, which gets the greatest AUC value.
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Table 1. The Area Under roc Curve (AUC) value based on changing « and fixed pathway
maximum length.

o 0.5 1 15 2 3 3.5 4 45 5
AUC 097100 0.97209 0.97206 0.97208 0.97202 0.97010 0.97010 0.97010 0.96879

Table 2. The AUC value based on changing vy and fixed pathway maximum length.

Y 0.1 0.2 0.3 0.4 0.5 0.6
AUC 096483 096483 0.96483 0.96500 0.97209 0.97205

2.2. LOOCV

For a given particular disease i, there are some associations between disease i and a number of
circRNAs. In LOOCYV, during each computational iteration, we leave one association out as a test data
and use the remaining associations as a training dataset. If there is just one association between disease i
and circRNAs in our dataset, we do not adopt LOOCYV for this kind of disease. In LOOCYV, we obtain an
association score for each circRNA-disease pair and then rank all the prediction association scores. If a
score value is greater than the pre-set threshold, we determine that the corresponding disease-circRNA
is associated. With the change of the threshold, we can get a variety of true positive rates (TPRs)
and false positive rates (FPRs), which can be used to draw the Receiver Operating Characteristic
Curve (ROC) curve. In the end, we have compared our prediction method with other computational
prediction methods [27,28]. The results can be found in Figure 1 and show that our proposed method
outperforms the existing prediction methods.

lung cancer non-small cell lung cancer pancreatic cancer

Figure 1. Comparison of Path Weighed method for predicting CircRNA-Disease Associations (PWCDA)
with other models by leave one out cross validation (LOOCV). FPR, false positive rate.

2.3. Five-Fold Cross Validation

In order to further illustrate the performance of our proposed method, we have adopted five-fold
cross validation verification method as well for investigating the prediction performance. In our
study, we divide all disease-circRNA associations into 5 parts. Each time we pick up one part as the
test dataset and the remaining four parts consist of the training set. Then we can obtain the scores
of all circRNA-disease associations. Similarly, we follow the same procedure as LOOCV to draw
the AUC curve based on five-fold cross validation. What’s more, we have compared our proposed
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computational method with other prediction methods [27,28]. Our method gets more outstanding
result than other methods, which is shown in the Figure 2.

10
0.8
0.6
-4
B
0.4
0.2
—— 5f_PWCDA-auc==0.890
—— 5f RWRHCD-auc==0.666
0.0 —— 5f_GHICD-auc==0.729
0.0 0.2 0.4 06 0.8 10

FPR

Figure 2. Comparison of PWCDA with other computational methods via five-fold cross validation.
2.4. Case Studies

Here, we also have conducted some case studies, which can help us further understand the
associations between circRNAs and diseases. In this study, we choose three common diseases as
prediction targets of our case studies, which are Breast Cancer [29], Gastric Cancer [30] and Colorectal
Cancer [31]. In order to prove the prediction accuracy of our proposed method, we have used
circRNA-disease database, and associations between circRNAs and diseases—which have been
experimentally verified in the published articles [32].

Breast cancer is one the common cancers all over the world now [33], and breast cancer causes
thousands of deaths every year. With the development of deep sequencing technology, circRNAs
are confirmed to be biomarkers for diagnosing breast cancer. Based on our computational method,
we have succeeded in predicting 29 of top 30 candidate circRNAs. For example, circpvtl (top1) can be
worked as miRNA spouse to regulate miRNA by moderating let-7 activity selected [30], and circRNA
hsa_circ_104689 wasn’t predicted by our method and the predicting result have been presented in
Table 3.

Table 3. The top 30 breast cancer related candidates circRNAs.

Breast Cancer

Rank circRNA Name/id Evidences Rank circRNA Name/id Evidences

1 circpvtl /hsa_circ_0001821 PMID:279280058 16 hsa_circ_0001667 circRN Adisease
2 circ-foxo3 circRN Adisease 17 hsa_circ_0085495 circRNAdisease
3 hsa_circ_0001313/circccdc66 PMID:28249903 18 hsa_circ_0086241 circRNAdisease
4 hsa_circ_0007534 PMID:29593432 19 hsa_circ_0092276 circRNAdisease
5 hsa_circ_0000284/ circhipk3 PMID:27050392 20 hsa_circ_0003838 circRNAdisease
6 hsa_circ_0011946 PMID:29593432 21 circvrkl PMID:29221160
7 hsa_circ_0093869 PMID: 29593432 22 circbrip PMID: 29221160
8 hsa_circ_0001982 circRNAdisease 23 circola PMID: 29221160
9 hsa_circ_0001785 circRNAdisease 24 circetfa PMID: 29221160
10 hsa_circ_0108942 circRN Adisease 25 circmed13 PMID: 29221160
11 hsa_circ_0068033 circRNAdisease 26 circbc111b PMID:28739726
12 circamot11/hsa_circ_0004214  circRNAdisease 27 circdennd4c circRNAdisease
13 hsa_circ_0006528 circRN Adisease 28 hsa_circ_103110/hsa_circ_0004771 circRNAdisease
14 hsa_circ_0002113 circRNAdisease 29 hsa_circ_104689/hsa_circ_0001824 unconfirmed
15 hsa_circ_0002874 circRNAdisease 30 hsa_circ_104821/hsa_circ_0001875 circRNAdisease

Gastric cancer [34] causes a high mortality rate in human. It can be produced in any tissue of
the human stomach. These tumors in the stomach are usually malignant tumors, and they can also
destroy the surrounding nervous tissue. With our computational method, there are 25 of top 30
candidate circRNAs that have been confirmed by another database, circRNA disease. For example,
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hsa_circ_0076304 (top1) and hsa_circ_0076305 (top2) are identified to downregulate in a group of
gastric cancer [35]. circpvtl (top3) can be regarded as the sponge of the miR-125 family [13], which can
upregulate in the gastric cells. The more details of results are shown in Table 4.

Table 4. The top 30 gastric cancer related candidates circRNAs.

Gastric Cancer

Rank circRNA Name/id Evidences Rank circRNA Name/id Evidences

1 hsa_circ_0076305 circRNAdisease 16 circma0138960/hsa-circma7690-15  circRNAdisease
2 hsa_circ_0076304 circRNAdisease 17 hsa_circ_0000181 circRNAdisease
3 circpvtl /hsa_circ_0001821 circRNAdisease 18 hsa_circ_0000745 circRNAdisease
4 hsa_circ_0001649 unconfirmed 19 hsa_circ_0085616 circRNAdisease
5 hsa_circ_0000284/ circhipk3 unconfirmed 20 hsa_circ_0006127 circRNAdisease
6 hsa_circ_0014717 circRNAdisease 21 hsa_circ_0000026 circRNAdisease
7 cdrlas/cirs-7 /hsa_circ_0001946 unconfirmed 22 hsa_circ_0000144 circRNAdisease
8 hsa_circ_0003195 circRNAdisease 23 hsa_circ_0032821 circRNAdisease
9 hsa_circ_0000520 circRNAdisease 24 hsa_circ_0005529 circRNAdisease
10 hsa_circ_0074362 circRNAdisease 25 hsa_circ_0061274 circRNAdisease
11 hsa_circ_0001017 circRNAdisease 26 hsa_circ_0005927 circRNAdisease
12 hsa_circ_0061276 circRNAdisease 27 hsa_circ_0092341 circRNAdisease
13 circ-zfr unconfirmed 28 hsa_circ_0001561 unconfirmed

14 circma0047905/hsa_circ_0047905 circRNAdisease 29 circlarp4 circRNAdisease
15 cirema0138960/hsa_circ_0138960  circRNAdisease 30 hsa_circ_0035431 circRNAdisease

Colorectal cancer [36] is one of the three most frequent cancers for women. Even though the
incidence of colorectal cancer has been declined for a long time, a large proportion of patients die
each year from colorectal cancer. In this study, we have succeeded in predicting 24 of top 30 candidate
circRNAs. For example, hsa_circ_0001649 (top1) [31] has been identified to downregulate in colorectal
cancer tissue. hsa_circ_0007534 (top2) [37] can upregulate in the different colorectal cancer cells.
The more details of results are presented in Table 5.

Table 5. The top 30 colorectal cancer related candidates circRNAs.

Colorectal Cancer

Rank circRNA Name/id Evidences Rank circRNA Name/id Evidences
1 hsa_circ_0001649 PMID:29421663 16 has-circ_0006174 circRN Adisease
2 hsa_circ_0007534 PMID:29364478 17 hsa_circ_0008509 circRN Adisease
cdrlas/cirs-7/ . . . . .

3 hsa_circ._0001946 circRNAdisease 18 hsa_circ_0084021 circRN Adisease

4 hsa_cire_0000284/ PMID:27050392 19 circ_banp circRN Adisease
circhipk3

5 hsa_q re 0001313/ circRNAdisease 20 hsa_circrna_103809 circRNAdisease
circcedc66

6 ciritch/hsa_circ_0001141/ unconfirmed 21 hsa_circrna_104700 circRNAdisease

hsa_circ_001763
7 hsa_circ_0014717 PMID:29571246 22 hsa_circ_0000069 circRN Adisease
hsa_circ_001988/

8 hsa_circ_0000567 PMID:29333615 23 hsa._circ_0001451 circRN Adisease
hsa_circ_000984/ . . hsa_circ_0000677/ . .
9 hsa_circ_0001724 circRNAdisease 2 hsa_circ_001569/ circabcc cireRNAdisease
. . . circ_kldhc10/ '
10 hsa_circ_0020397 circRNAdisease 25 hsa__circ_0082333 PMID:26138677
11 hsa_circ_0007031 circRNAdisease 26 circ_stxbp51 unconfirmed
12 hsa_circ_0000504 circRNAdisease 27 circ-shkbpl unconfirmed
13 hsa_circ_0007006 circRNAdisease 28 circ-fbxw?7 unconfirmed
14 hsa_circ_0074930 circRNAdisease 29 hsa_circ_0046701 unconfirmed
15 hsa_circ_0048232 circRNAdisease 30 circttbk2 /hsa_circ_0000594  unconfirmed
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3. Materials and Methods

3.1. Human circRNA-Disease Associations Network

All the circRNA-disease associations are downloaded from the website of circR2Disease
database [16] (http://bioinfo.snnu.edu.cn/CircR2Disease/). This initial dataset contains 739
associations between 661 circRNA entities and 100 disease entities that are found based on three
main species—human, mouse and rat. In this study, we select 541 circRNA entities and 83 human
disease entities from our initial dataset, which includes Gastric cancer, Breast cancer, Colorectal cancer,
etc. Finally, we obtain 592 circRNA-disease associations, which have experimentally been verified.
These make up our circRNA-disease association network with adjacency matrix M. If there is a verified
association between disease i and circRNA j, the entry M(i, ) is equal to 1, otherwise it is equal to 0.

3.2. CircRNA Semantic Similarity

For calculating circRNA semantic similarity, we download circRNA and its related gene targets
dataset from circR2Disease. To measure circRNA semantic similarities, we also need to obtain
gene related annotation terms that can be downloaded from Human Protein Reference Database
(HPRD) database [38] (http:/ /www.hprd.org/). Reviewing previous literature [39—41], there are some
methods that can be referred to calculate the circRNA-related gene GO terms semantic similarities,
including path-length-based methods, information-content-based methods, common-term-based
methods and hybrid methods. In this study, we utilize a common-term-based method to measure
circRNA similarity scores based on JACCARD index. In the previous studies [21,42], genes have
been widely adopted to infer RNA similarity. Thus, the more gene related terms were shared by
two circRNA C; and Cj, the higher the similarity score they get. Denote CS as the circRNA semantic
similarity matrix, and its entry CS(i, j) can be calculated by the following formula:

_[Gingj|

CS(i,j) = m

)

where G;/ Gj denotes the GO terms that circRNA C;/ Cj target genes related.

3.3. Disease Functional Similarity

We adopt disease related gene annotations to measure disease functional similarities. These gene
annotations are being extracted from two online databases. The first one is DisGeNET [43]
(http:/ /www.disgenet.org/web/DisGeNET /menu), which collects 381,056 gene-disease associations
(GDAs) between 16,666 genes and 13,172 diseases. In addition, we also download disease phenotype
data from OMIM [44]—Online Mendelian Inheritance in Man. OMIM is a biological database that
is updated daily. We use the OMIM_2018_04_24 version. Then we integrate multiple annotation
resources of diseases related genes, which help us get a more reliable performance.

There are also some methods for calculating disease similarities from previous studies[45].
The common methods include annotation-based measurements, function-based measurements and
topology-based measurements [46-49]. We have adopted annotation-based methods to obtain disease
similarities. We apply the JACCARD index, which is a standard method for computing similarities
based on two collections of finite numbers of elements so as to estimate the similarity scores between
diseases. Let g4; be a collection of annotations of a gene associated with disease d;. We calculate the
functional similarity score of two diseases d; and d; based on the JACCARD similarity coefficient score
of g4 and g4;. Denote DS as the disease functional similarity matrix, then its entry DS(i, j) can be
calculated by the following formula:

DS(i,j) = M 2

- ‘&1, Ugd,‘
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We have constructed circRNA semantic similarity matrix based on their related GO terms and
disease functional similarity based on its related annotating genes. However, one essential weakness
that cannot be ignored is that the aforementioned similarity matrices are sparse, which indicates
similarity of many pairs of diseases (or circRNAs) are unable to be calculated in their functional
(or semantic) similarity matrices. To alleviate this weakness, the Gaussian interaction profile (GIP)
kernel similarity [50,51] is adopted in this study to get additional information about the similarity of
diseases and circRNAs.

3.4. CircRNA GIP Kernel Similarity

There is an assumption that the more similar the circRNA is, the more likely similar
patterns of association and non-association with diseases. The GIP kernel similarity is adopted to
calculate similarity based on the topological features of the known associations network widely,
such miRNA-disease associations network [52], IncRNA-disease associations networks [53] and
drug-target association network [54]. Accordingly, GIP kernel similarity is also used in this study
to calculate the similarity of circRNA and disease. According to previous literature [54], we use a
binary vector C(i) to indicate whether circRNA i is associated with diseases. The GIP kernel similarity
between circRNA C(i) and C(j) can be computed by the following formula:

KC(i, ) = exp(=cl|C(i) = C(D?) ®

To overcome the shortcomings that the disease functional similarity matrix and circRNA semantic
matrix are sparse matrices, the parameter 7. is to adjust the kernel bandwidth, which can be calculated
by the following formula:

T = / (IO @

where 7, is the number of circRNAs in our finial dataset. The parameter ', is set as 1 based on the
previous study [54], which has obtained a better performance.

3.5. Disease GIP Kernel Similarity

We also calculate the GIP kernel similarity score between disease i and j as follows:

KD(i, ) = exp(—valld(i) — d(j)|*), ®)

Y= 4 / LI, ©)

where d(i) and d(j) are the association profiles of diseases 7 and j, respectively, n; is the number of
diseases in our finial dataset, 7', is also set to 1 based on previous studies.

3.6. Combine Multiple Similarity (circRNA and Disease)

We integrate the GIP kernel similarity for circRNAs with the semantic similarity of circRNAs to
construct the circRNA similarity network. Specifically, the elements of the adjacency matrix of this
network is calculated as follows:

.. CS(i,j), if CS(i,j) #0
ICS(i,j) = . ; . 7
(i.1) { KC(i, f), otherwise @
We also integrate the GIP kernel similarity for diseases with the functional similarity diseases to
construct the diseases similarity network. Specifically, the elements of the adjacency matrix of this
network is calculated as follows:
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®)

[ Ds(i,j), if DS(i,j) #£0
IDs(iij) = { KD(i, ), otherwise

3.7. Constructing Heterogeneous Network

After we obtain the final disease similarity scores and circRNA similarity scores. We can construct
an initial heterogeneous network, which is composed of disease similarity network, circRNA network
and disease-circRNA associations network.

In this initial heterogeneous network, there are some small weighted edges, which may represent
noises. Therefore, to weaken the effect of those unimportant or noisy edges, we set a threshold
v (77 is equal to 0.5 based on previous studies [26] and our experiment) to remove them. Specifically,
let Pfy and Pjyisiqy be the adjacency matrices of the final and heterogeneous network, respectively,
then we have:

o Puiiais]) Pati ) >
Pfinal(l/]) { ngal( ]) mrgﬁferi\)/ise,y ’ ©)

3.8. Perfomance Metrics

In this study, we adopt the AUC value to measure the prediction results. The AUC is the area
under the ROC curve, which depicts the true positive rate (TPR) verse the false positive rate (FPR).
The following equations are adopted to calculate the TPR and FPR:

TP

TPR= o5 PN (10)
FpP
FPR= 2 Fp (1)

where TP are positive samples (known associations), which are identified correctly, and TN are negative
samples (unknown associations), which are identified correctly. FP are positive samples which are
identified incorrectly while FN are negative samples, which are identified incorrectly.

3.9. PWCDA

In this study, we proposed a novel computational model called PWCDA (a Path-Weighted
CircRNA-Disease Associations method) to predict potential associations between circRNAs and
diseases. The framework of our method is depicted in Figure 3. The computational method PWCDA
traverses each node in each pathway without repeating based on heterogeneous network. To avoid
traversing the same node repeatedly, we adopt the depth-first search (DFS) algorithm and mark the
traversed nodes during each turn. Depth first search is implemented as a recursive function traversing
the graph moving along the edge. We modify it to mark nodes, because they are accessed in recursion,
and then delete tags before returning from recursive calls. In this study, we set the maximum searching
length 7 as 3 steps according to previous studies [26], i.e., for circRNA i and disease j, there are
several pathways, such as circRNA i connecting disease j directly, circRNA i’s neighbor circRNA
connecting with disease j or circRNA i connecting with disease j’s neighbor diseases, circRNA i’s
neighbor circRNAs connecting with disease j's neighbor diseases directly. The choice of these paths is
based on a hypothesis that the larger similarity score is between two circRNAs, the higher probability
that they have the same associations is. Thus, after the weight of each circRNA-disease pair within all
three paths are summed up. We can obtain the final scores between each circRNA-disease pair.
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Figure 3. The flowchart of PWCDA is illustrated by five main steps. Step 1: Calculate circRNA semantic
similarity and disease similarity scores, respectively. Step 2: Calculate GIP Kernel similarity scores
for circRNAs and diseases. Step 3: Integrate circRNA (disease) semantic (functional) similarity with
circRNA /disease GIP Kernel similarity, respectively. Step 4: Construct the heterogeneous network.
Step 5: Calculate an association score for each circRNA-disease pair.

The more the number of paths between circRNA j and disease i exists, the greater the predictive
score they obtain. Accordingly, the path set that connects circRNA C; to disease di can be represented
as {pl, p2, ..., pm}, where m is the number of the paths that connect disease d; and circRNA C]- with
the length less than 7. The final predictive scores of C; and d; can be calculated as follows:

m
score(d;, C;) = Y (Spatn(pi)) /e ten(P)) (12)

where S4,(Py) is the score of the path py = {ey, ea, ... , eu} [42] can be calculated as follows:

Spath (pk) = me (I’l < 17) (13)
=1

The longer the path is, the smaller the contribution it is made, which means that the longer
path would have less effect on predicting potential circRNA-disease associations than the shorter one.
Therefore, the decaying function is an exponential function to reduce the influence of long path on
final prediction scores, which can be represented as Equation (14):

fuweak(len(px)) = a x exp(len(px)) (14)

where « is a constraint factor and len(py) is the length of path py.

An example for calculating the score between circRNA ¢; and disease d; is shown in Figure 4.
In the Figure 4, three paths {c1-c4-d}, {c1-c3-d1-da} and {ci-c5-d3-d;}, which are marked as red, are used
to calculate the score between ¢y and d,. Therefore, the score of ¢; and d, can be calculated as follows:
Score (c1, dp) = {e1-ca-a) (wy x ws)> " ™P@ + {c-ca-dy-dp} (wy X wy x W7)> PO + {¢-c5-da-dp} (w5 X we
x wg)>* PG, There are also some other paths that can connect ¢; with d. Because the length of those
paths, such as {c1-c2-c5-d3-d»}, are more than 3, we don’t consider this path.
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Figure 4. The path between c; and d, is within the maximum path length.
4. Conclusions

With the increasing number of diseases related to circRNAs being discovered, more and
more researchers have been paying attention to investigate diseases-related circRNAs. Although,
experimental methods can find potential circRNA-disease associations with a high precision,
the process is not only time-consuming, but also expensive. Here, we have proposed an effective
computational method called PWCDA, which can predict potential circRNA-disease associations.
Firstly, we calculate disease/circRNA similarities by combining their functional /semantic similarity
and GIP kernel similarity. Secondly, we build a heterogeneous network, including the circRNA-disease
association sub-network, the disease similarity sub-network and the circRNA similarity sub-network.
PWCDA searches all the paths within three steps to compute an association score for each
circRNA-disease pair to determine if a circRNA-disease pair is associated.

To thoroughly investigate the performance of our proposed method, we adopt LOOCV and
five-fold cross validation. Furthermore, we have also compared our method with two state-of-the-art
prediction methods. The comparison results illustrate that our methods work much better than other
methods. The AUC value of five-fold cross validation is 0.884. Moreover, we apply our method to
three diseases: Breast Cancer, Gastric Cancer, Colorectal Cancer for case studies.

There are several significant factors, which may explain why our proposed method can get a
better performance than other computational models. Firstly, we have taken into account the sparsity
of disease/circRNA similarity sub-networks. Thus, we have integrated disease functional similarity
scores and circRNA semantic similarity scores with their corresponding GIP kernel similarity scores.
Secondly, according to previous studies, we just use the paths within three steps, which can reduce
the noisy information. Although we have combined different similarity scores, there is still some
information unavailable. Therefore, we set a threshold to remove those edges whose weights are less
than the predefined threshold.

Although we get a much better performance than other computational models, we can’t ignore
the limitation. The prediction of associations between circRNAs and diseases is a relatively new
research field, and the amount of data that we can use is limited. The ratio of positive samples to
negative samples of circRNA-disease association is seriously unbalanced. To solve this problem,
we may have two main solutions. One is that we can update the circRNA-disease database to obtain
new data. The other is that we can extract the same number of positive samples as that of negative
samples. Furthermore, our computational method tends to predict those circRNA-disease associations
that are covered in the known associations’ dataset, and it just predicts fewer novel circRNA-disease
associations. Thus, we will adopt more biological data to overcome this weakness. As a future topic,
we can apply this work to the disease diagnosis based on network biomarkers [55-57] and disease
prediction based on dynamic network biomarkers [58-60] in an accurate and reliable manner.
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Abstract: Patau Syndrome (PS), characterized as a lethal disease, allows less than 15% survival
over the first year of life. Most deaths owe to brain and heart disorders, more so due to septal
defects because of altered gene regulations. We ascertained the cytogenetic basis of PS first,
followed by molecular analysis and docking studies. Thirty-seven PS cases were referred from
the Department of Pediatrics, King Abdulaziz University Hospital to the Center of Excellence in
Genomic Medicine Research, Jeddah during 2008 to 2018. Cytogenetic analyses were performed by
standard G-band method and trisomy13 were found in all the PS cases. Studies have suggested that
genes of chromosome 13 and other chromosomes are associated with PS. We, therefore, did molecular
pathway analysis, gene interaction, and ontology studies to identify their associations. Genomic
analysis revealed important chr13 genes such as FOXO1, Col4A1, HMGBBI, FLT1, EFNB2, EDNRB,
GAS6, TNFSF1, STARD13, TRPC4, TUBA3C, and TUBA3D, and their regulatory partners on other
chromosomes associated with cardiovascular disorders, atrial and ventricular septal defects. There is
strong indication of involving FOXO1 (Forkhead Box O1) gene—a strong transcription factor present
on chr13, interacting with many septal defects link genes. The study was extended using molecular
docking to find a potential drug lead for overexpressed FOXO1 inhibition. The phenothiazine and
trifluoperazine showed efficiency to inhibit overexpressed FOXO1 protein, and could be potential
drugs for PS/trisomy13 after validation.

Keywords: Patau Syndrome; cytogenetics; FOXO1; transcription factor; molecular pathways;
bioinformatics; molecular docking; and drug design

1. Introduction

Patau Syndrome (PS) is a rare congenital anomaly due to the presence of an extra chromosome
13 popularly called trisomy 13 [1]. In spite of being the least common, it is the severest of all autosomal
trisomies indicated by a prevalence rate of 1:5000 to 1:20,000 [2,3]. The syndrome is associated with
a host of congenital anomalies including central nervous system (CNS) defects, midline abnormalities,
eye and ear anomalies, cardiac defects, apnea, orofacial flaws, gastrointestinal and genitourinary
aberrations, limb deformations, and developmental retardation [4,5]. Life expectancy is severely
limited; more than 80% of PS patients do not survive long, and according to some estimates have
median survival of 2.5 days [2,6,7]. Nevertheless, only a few can survive beyond 10 years but not with
serious intellectual and physical disabilities [8-11]. Early death of PS is assigned to frequent CNS and
cardiopulmonary system aberrations [12].

Int. J. Mol. Sci. 2018, 19, 3547; d0i:10.3390/ijms19113547 176 www.mdpi.com/journal/ijms



Int. J. Mol. Sci. 2018, 19, 3547

There is no specific treatment recommended for PS. Intensive care unit level of treatment for
a couple of weeks is requisite for infants. Surgery for heart defects and other abnormalities like
gastrointestinal or urogenital might be needed for six-month survivors. However, CNS disorders
are difficult to treat by surgery. Children surviving more than a year suffer from severe intellectual
disabilities, physical abnormalities and also have a high risk of developing cancer. Most studies
indicate that older women are at higher risks of delivering trisomy 13 offspring [13]. Despite the fact
that there are a number of trisomy 13 cases in Saudi Arabia, no systematic study has yet been done on
causative factors like maternal age, consanguinity, and parity.

PS is a multigenic complex and lethal disease of multiple congenital abnormalities associated
with poor prognosis [14]. Along with CNS disorders, heart ailments, especially septal defects are
leading cause of deaths [2,15]. Septal defects is a complex disorder involving hundreds of altered
gene regulations and these genes are located on multiple chromosomes including chromosome 13 [16].
Chromosome 13 is 114,364,328 bp in size, representing nearly 4% of the total DNA, and encodes
308 proteins. This chromosome has 343 protein-coding genes, 622 non-coding RNA genes, and 481
pseudogenes [17].

Molecular pathway and gene ontology analysis of chromosome 13 revealed the presence of
important genes like FOXO1, Col4A1, HMGBBI1, FLT1, EFNB2, EDNRB, GAS6, TNFSF1, STARD13,
TRPC4, TUBA3C, TUBA3D. These genes are linked with cardiovascular disorders, atrial and ventricular
septal defects commonly reported in PS [18-31]. Among them, FOXO1 is a strong transcription
factor which interacts and regulates several other genes on different chromosomes, (GATA4 (8p23.1),
GATA6 (18q11.2), GJAT (6q22.31), JAG1 (20p12.2), CITED2 (6q24.1), RYR2 (1g43), NKX2-5 (5¢35.1),
RARA (17q21.2), CXCL12 (10q11.21), SIRT1 (10q21.3), TBX5 (12q24.21), AKT1 (14q32.33), CDKN2A
(9p21.3), PCK1 (20q13.31), etc.) and are associated with septal defects in PS [32-45]. Thus, some genes
like NODAL, FPR1, AFP, AGO2, UROD, ZIC2 are not located on chromosome 13 but have strong
association with PS.

Forkhead Box O1 (FOXO1) gene needs special mention. It is a member of the forkhead box O
family of transcription factors located on 13q14.11. The FOXO1 exhibits its functions by binding
to promoter of downstream genes or interacting with other transcription factors [46]; both its
up- or down-regulation can lead to serious consequences. It has noticeable expression in the
cardiovascular system, specifically in vascular and endothelial cells, and plays a substantial role
in the crucial embryonic stage [22,47]. The specific function of FOXO1 has to be determined.
However, some studies strongly suggest its key role in regulation of numerous cellular functions
comprising proliferation, survival, cell cycle, metabolism, muscle growth differentiation, and myoblast
fusion [48-50]. Other observations relate it to muscle fiber-type specification highly expressed in
fast twitch fiber-enriched muscles, in comparison to slow muscles. The FOXO1 is also involved in
a host of other functions: metabolism regulation, cell proliferation, oxidative stress response, immune
homeostasis, pluripotency in embryonic stem cells, and apoptosis [51,52]. Besides, FOXO1 deletion or
downregulation helps to rescue heart from diabetic cardiomyopathy and increases apoptosis under
stress conditions like ischemia or myocardial infarction [52-55]. The FOXO1 is a major transcription
factor in cardiac development. Thus, we see FOXO1 null mice have underdeveloped blood vessels,
whereas overexpression of the FOXO1 gene results in reduced heart size, myocardium thickening, and
eventual heart failure [18-21]. Since FOXO1 protects cardiac tissue from a variety of stress stimuli
by up-regulating anti-apoptotic, antioxidant, and autophagy genes [47,56,57], and restores metabolic
equilibrium to minimize cardiac injury due to apoptosis, therefore, in PS, FOXO1 might be a chief
regulator of cardiac disorders [52]. The fact is reinforced by reports where survival is improved by
suppression of upregulated FOXO1 [18]. Given the wide range of functions of FOXO], its expression
rate may play a vital role in PS and we checked its inhibition via molecular docking with certain drugs.
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Molecular Docking between Candidate Drugs and FOXO1

Molecular docking, a computational simulation to screen inhibitor (ligand) compounds against
biomolecule of interest, has become a crucial aspect of drug discovery approaches. Recently,
repositioning or repurposing of the existing drugs is gaining attention for the treatment of diseases
other than their known primary indications [58,59]. This approach could save enormous time, efforts
and costs owing to the proven safety and quality of the drugs already available on the market, rather
than to discover and develop novel chemical leads [60]. Similar observation on FOXO1, already
implicated in a variety of functions, can specially be very promising for docking studies.

The FOXO1 protein contains 4 functional domains; (i) Forkhead domain (FKH), (ii) nuclear
localization signal domain (NLS), (iii) nuclear export signal (NES), and (iv) transactivation domain
(TAD). The FKH domain consists of four helices (H1-H4), two winged-loops (W1-W2), and three
 strands (51-53), which mainly exhibits its functions as a DNA recognition and binding site.
The FOXO1 regulates transcription of genes by directly binding with either 5-GTAAA(T/C)AA-3/,
or 5'-(C/A)(A/C)AAA(C/T)AA-3' consensus sequence of downstream DNA [61-63]. The FOXO1
protein has thus become an extremely useful therapeutic target in many diseases including
PS. Its expression can be regulated by acetylation, phosphorylation, and ubiquitination.
Many potential inhibitors including leptomycin B [64], phenothiazines/trifluoperazine [65,66],
bromotyrosine/psammaplysene A [67] or D4476 [68] and ETP-45658 [69], have been identified via
virtual screening. Some drug candidates directly targeting FOXO1 have been patented [66]. For the
docking study, we picked the FDA-approved drugs phenothiazine and its derivatives, trifluoperazine,
which binds directly to the DNA binding domain of FOXO1 [70,71]. A brief introduction of both will
be befitting here.

Phenothiazine (PTZ) and its derivatives are organic antihelmintic compounds presently used for
important diseases like schizophrenia and bipolar disorder. Dopamine receptors are their main target.
Repurposing PTZ has been tried earlier for developing novel antitumor agents [72] and Hepatitis
C virus [73]. Trifluoperazine (TFP), the other derivative chosen in our studies, is a phenothiazine
derivative and a dopamine antagonist, with antipsychotic and antiemetic properties. Their scaffold
derivatives have also been suggested as an antiglioblastoma agent [74] and chemotherapeutic
anticancer agent with high efficacy and reduced toxicity especially for oral cancer [72]. Lately, they
have been shown as calmodulin antagonist [75,76].

In view of the fact that the exact mechanism is unknown as to how trisomy 13 disrupts
development, heart disorders were identified as one of the most common disorders causing early
death of PS patients. The present study, therefore, aims to explore the molecular interactions of
308 genes on this chromosome. We describe here the distinctive function of chromosome 13 and its
key genes, especially FOXO1. We further intended to design a potential drug against FOXO1, a strong
transcription factor which interacts with other key genes associated with lethal heart disorders in
PS. The potential drugs to inhibit/reduce the transcriptional factor properties of FOXO1 are further
explored with an aim to restore metabolic balance and limit apoptosis-induced cardiac damage.

2. Results

2.1. Cytogenetic Analysis of PS Patient

The prime aim of the current work was conducting genetic analysis of PS cases in the Saudi
society (n = 37). Cytogenetic analyses were performed using G-banding technique-based karyotyping
and found “full trisomy 13” in all 37 PS cases (Figure 1). The majority of individuals were newborns
or children (up to 2 years), all with multiple abnormalities including heart disorders. Male to female
ratio was found as 1.2:1. Analysis showed that mothers of affected individuals were above 35 years.
The key clinical findings of PS observed: congenital heart defects (CHD) (61%), dysmorphic features
(56%), polydactyly of hands and/or feet (53%), cryptorchidism (51%), abnormal auricles/low-set ears
(47%), microphthalmia (40%), neurological disorders/microcephaly (35%), micrognathia (33%), scalp
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defects (31%), oral clefts (17%), microphthalmia/anophthalmia (9%), and duplication of the hallux
(8%). Out of 37 cases, 31 underwent echocardiography and/or ultrasound, 21 of them showed heart
defect and asymmetry of cardiac chambers. The main anatomical defects observed were arterial or
ventricular septal defect, patent ductus arteriosus, pulmonic stenosis, coarctation of the aorta, tricuspid
valve regurgitation, and mixed defects.
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Figure 1. Karyotyping result; (A) Normal Karyotype of Healthy female and (B) Trisomy 13 in all cases
(male = 20 and female = 17) of Patau Syndrome. Red arrow shows trisomy 13.

2.2. Molecular Pathway Analysis

Diploid status of chromosome 13 and normal expression of its genes are vital and a number
of diseases are associated with its abnormalities (Table S1). However, molecular pathway and gene
ontology analysis show as many as 308 protein coding genes on chr13; some of these pathogenic genes
are ATP7B, BRCA2, CAB39L, CKAP2, ESD, GJB2, G]JB6, GPC5, HTR2A, MBNL2, RB1, SOX21, ZMYM?2,
collectively noted for various disease associations. Other important genes such as Col4A1, EFNB2,
EDNRB, FLT1, FOXO1, GAS6, HMGB1, STARD13, TRPC4, TUBA3C, ZIC2 are specifically associated
with cardiovascular disorders, atrial and ventricular septal defects—the key disorders of PS (Table 1).
Ingenuity pathway analysis on 308 genes revealed canonical pathways like estrogen-mediated S-phase
entry (Figure 2), gap junction signaling, cancer signaling, nitric oxide signaling in the cardiovascular
system, adipogenesis pathway, VEGF signaling, cell cycle: G1/S checkpoint regulation, angiopoietin
signaling, and 14-3-3-mediated signaling (Table 2). For a comprehensive idea, canonical pathways
based on protein coding genes are summarized in Table 2. A cursory look shows FOXOL to be involved
in most of the canonical pathways. We focused our attention on it being strong transcription factor,
interacting with and regulating many other genes on different chromosomes associated with septal
defects in PS.
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Figure 2. Estrogen-mediated S-phase Entry pathway derived from 308 protein coding genes of triosomy
13 (chromosome 13) using Ingenuity Pathway Analysis Tool.

Table 2. Top canonical pathways determined by Ingenuity pathway analysis tools based on protein
coding genes located on chromosome 13.

Canonical Pathways —log (p Value) Ratio Molecules

Estrogen-mediated S-phase Entry 2.06 0.115 RB1, CCNA1, TFDP1

RB1, FOXO1, TFDP1, KL, IRS2, CDKS,

Cancer Signaling 1.69 0.052 SMAD9, TFDP1, ARHGEF7
Extrinsic Prothrombin Activation Pathway 1.56 0.125 F10, F7
Role of p14/p19ARF in Tumor Suppression 15 0.071 RB1, KL, IRS2
Gap Junction Signaling 1.41 0.036 GJB6, KL, GJA3, TUBASC/TUBA3D,

IRS2, GJB2, HTR2A

Docosahexaenoic Acid (DHA) Signaling 1.27 0.057 FOXO1, KL, IRS2

SACS, KL, HSPH1, DNAJC3,

Aldosterone Signaling in Epithelial Cells 1.24 0.035 IRS2, DNAJC15
FGF Signaling 12 0.044 KL, FGF9, FGF14, IRS2
GP6 Signaling Pathway 1.18 0.038 COL4A1, KL, IRS2, COL4A2, KLF12
Adipogenesis pathway 117 0.037 RB1, SAP18, SMAD9, FOXO1, KLF5
VEGF Signaling 1.08 0.040 FOXO1, FLT1, KL, IRS2
Cell Cycle: G1/S Checkpoint Regulation 1.04 0.046 RB1, FOXO1, TFDP1
ErbB2-ErbB3 Signaling 0.994 0.044 FOXO1, KL, IRS2
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Table 2. Cont.

Canonical Pathways —log (p Value) Ratio Molecules
Nitric Oxide Signaling in the 0.988 0.037 FLT1, KL, SLC7A1, IRS2
Cardiovascular System
Coagulation System 0.948 0.057 F10, F7
Angiopoietin Signaling 0.875 0.039 FOXO1, KL, IRS2
Role of NANOG in Mammallan Embryonic 0.866 0.0333 SMADY, KL, CDX2, IRS2
Stem Cell Pluripotency
IL-3 Signaling 0.805 0.036 FOXO1, KL, IRS2
. . . KL, FGF9, DIAPH3, ARHGEF7,
Actin Cytoskeleton Signaling 0.801 0.027 FGF14, IRS2
14-3-3-mediated Signaling 0.778 0.030 FOXO1, KL, TUBA3C/TUBA3D, IRS2
IL-7 Signaling Pathway 0.774 0.034 FOXO1, KL, IRS2
HMGBI Signaling 0.77 0.030 HMGB], KL, IL17D, IRS2
NF-kB Signaling 0.769 0.028 TNFSF11, FLT1, KL, IRS2, TNFSF13B

2.3. Genomic Analysis and Protein—Protein Interaction Study

The result of STRING displayed direct interaction and predicted functional relationship amid
FOXO1 and its interacting proteins. The following proteins showed noticeable interactions with
FOXO1: GATA4 (8p23.1), SIRT1 (10g21.3), CITED2 (6q24.1), NFATc1 (18¢23), and TBX5 (12q24.21)
(Figure 3). FOXO1 as transcription factor interacted with the following relevant target genes: FASLG
(1q24.3), IGFBP1 (7p12.3), SOD2 (6q25.3), PPARGCI1A (4p15.2), ADIPOQ (3q27.3), APOC3 (11¢23.3),
OSTN (3q28), BCL2L11 (2q13), CCND2 (12p13.32), and CDKN1B (12p13.1). This was predicted by
text-mining application and UCSC genome browser. However, genomic analysis of PS had shown
that many genes (NODAL on 10q22, FPR1 on 19q13.41, AFP on 4q13.3, AGO2 on 8q24.3, UROD on
1p34.1, ZIC2 on 13q32.3, etc.) are not directly regulated by FOXO1, rather strongly associated with PS
(Table 3).

Figure 3. Protein—protein Interaction Partners (GATA4, NKX2-5, SIRT1, CITED, NFATc1, TBX5)
of FOXO1.
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Docking using the Lamarckian Genetic Algorithm approach was employed to elucidate the basis
of structural binding of PTZ and TFP to FOXOL1. The result demonstrated favored binding energies
AG in the range of —4.17 kcal/mol to —1.87 kcal/mol, respectively, with 1 molecule of PTZ showing
hydrogen bond with the active site residue Ser193. Other predominant interactions for PTZ were
hydrophobic (Leul63, Leul68, Val194, and Pro195) and pi-pi ring stacking non-covalent interaction
with Trp189. Estimated inhibition constant, Ki values were 879.98 uM (FOXO1:PTZ) and 42.27 mM
(FOXOL1:TEP).

It was further revealed that the PTZ hydrophobic binding pocket was lined mainly with residues
Leul63, Leul68, Lys171, Trp189, Vall94, and Prol95, and the hydroxylic Ser193 showed crucial
interactions with the ligand (Figure 4). Similarly, TFP binding site was also hydrophobic with residues
Leul83, Tyr187, Leu217, Arg225, Ser234, Ser235, and Trp237. Weak interactions with TFP were seen
through Ser184, Ser218, Ser234, and Ser235. Besides, non-covalent hydrogen bonding was evident
between TFP’s electrophilic F1, F2, and F3 and nucleophilic O of Arg214 (Figure 5). Molecular docking
analysis was done to understand the binding efficiency of the selected drugs; PTZ was found to be the
better FOXO1 inhibitor as it displayed a higher negative binding energy as compared to TFP, hence,
it promises to be a more effective inhibitor.

Lew 165(C)

Vil 14

g,
Pro 19506)

docking

Figure 4. Molecular docking of phenothiazine with FOXO1 protein. (A) Depicting the molecular
structure of phenothiazine; (B) Structure visualization of FOXO1 protein bound with ligand PTZ.
The interacting residues are labeled in the binding site. (C) 2D plot of phenothiazine of FOXO1
showing ligand—protein interaction profiled by AutoDock software of Docking Server. Leul63, Leul68,
Lys171, Trp189, Val194, Pro195, and Ser193 residues of FOXO1 showed crucial interactions with
the phenothiazine.

185



Int. J. Mol. Sci. 2018, 19, 3547

docking

Figure 5. Molecular docking of trifluoperazine with FOXO1 protein. (A) Depicting the molecular
structure of trifluoperazine; (B) Structure visualization of FOXO1 protein bound with ligand TFP.
The binding site is shown and the interacting residues are labeled. (C) 2D plot of trifluoperazine of
FOXO1 showing ligand—protein interaction profiled by AutoDock software of Docking Server. Leul83,
Tyrl87, Leu217, Arg225, Arg234, Ser184, Ser218, Ser234, Ser235 and Trp237 residues of FOXO1 showed
crucial interactions with the trifluoperazine.

3. Discussion

Generally, normal development requires only two copies of autosomal chromosomes; the presence
of a third copy of chromosome (trisomy) is mostly lethal to the embryo. However, trisomy 13, 18, and
21 are the only cases where development can proceed to live birth. In the present study, the age of
PS patients ranged from 1 day to 2 years, the majority (1 = 19) died within a week, 8 within a month,
9 passed a month barring 1 surviving 2 years as an exception. Studies also showed survival with
trisomy 13 being miserably limited with median life expectancy of 2.5 days. The overall observation
reinforces other studies where 85% of PS patients could hardly survive beyond a month [2] and rarely
survive beyond 10 years [8-10].

It is typical to have different types of abnormalities related to chromosome 13 manifested
in various disorders. Apart from PS others include 13q deletion syndrome, propionic academia,
retinoblastoma, Waardenburg Syndrome, Wilson’s Syndrome, Young-Madders Syndrome and also
bladder and breast cancer. In the present case, all cases had confirmed trisomy 13. However, other
researchers have reported full trisomy of chromosome 13 in 70-80% of cases, mosaicism in 10-20% and
translocations involving chromosomes 13 in 5-10%, besides other types of chromosomal abnormalities
in 5-10% of cases [15].

The frequency of CHD in patients was 61%, which falls in the range (56 to 86%) of frequency
reported by other studies [3,15,77,78]. However, relatively low frequency has been reported by
Rasmussen et al. (45.7%) and Pont et al. (34.8%) [4,79].

No plausible explanation is forthcoming as to how extra genetic material (trisomy 13) causes
a plethora of abnormal features like abnormal cerebral functions, a small cranium, retardation,
nonfunctional eyes, and heart imperfections. We made an attempt to identify important pathogenic
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genes such as EDNRB, ZIC2, ATP7B, G]B2, HTR2A located on chromosome 13 to associate these with
diseases and pathways; however, none was alone capable of the symptoms of PS.

As for exploring the pathways, it is known that the EDNRB gene located at 13q22.3 codes
for endothelin receptor type B protein, a GPCR located on the cell surface which functions via
interaction with endothelins. It activates a phosphatidylinositol-calcium, the second messenger system
transmitting information from outside the cell to inside. Its highest expression is in placental tissues.
Mutations in this gene have been previously linked to the congenital genetic disorder, Hirschsprung
disease, alternatively called Congenital Aganglionic Megacolon. It is a neural crest development
disorder characterized by absence of enteric ganglia along a variable length of the intestine causing
intestinal obstruction [80]. The Zic family member 2 (ZIC2) gene is present at 13q32.3 genomic region
and encodes a type of zinc finger protein that functions as a transcriptional repressor and regulates
both early and late stages of forebrain development. Mutations in ZIC2 gene, involving expansion
of an alanine repeat at C-terminus, cause holoprosencephaly-5, a structural anomaly of the human
brain [81-83]. It appears that a polyhistidine tract gene polymorphism is probably associated with
increased risk of Holoprosencephaly. The defect appears to be due to changes in the organizer region
leading to defective anterior notochord, further resulting in degradation of the prechordal plate.
As a result shh signal cannot reach to the developing forebrain, vital for the formation of the two
hemispheres [84]. ZIC2 has also been linked to neural tube defects [85] and heart defects [86].

The present endeavor extended search beyond chromosome 13 and identified genes such as
NODAL, FPR1, AFP, AGO2, UROD, GATA4, GJA1, JAG1, CETED2, RYR2, NKX2-5, RARA, SIRT1, TBX5,
AKT1, and PCK1 across genome with a view to exploring their role in PS. In doing so, two facts emerged
clearly; one, the majority of PS patients had CHD and, two, all patients showed trisomy13. It thus
appears that there could be a strong link between genes located on trisomy13 and heart disorders.
Ingenuity pathway analysis of chr13 genes explored indicated hundreds of canonical pathways and
many of them had FOXO1 as key molecules of such pathways. We applied a bioinformatics approach
and searched scientific literature and identified pathogenic genes involved in CHD located on chr13
beside other chromosomes. It appears that genes of chrl3 and other chromosomes might work
together, either as transcription factor regulator or interacting partners. Nevertheless, FOXO1 is a
strong transcription factor activating many genes, these being: FASLG, IGFBP1, SOD2, PPARGC1A,
ADIPOQ, APOC3, OSTN, BCL2L11, CCND2, and CDKN1B. The protein—protein interaction study also
showed key interacting partners like GATA4, NKX2-5, SIRT1, CITED2, NFATc1 and TBX5, which are
actively implicated in heart disorders and thus partly responsible for PS.

It will not be out of place to mention GATA4, an interaction partner of FOXO1, a strong
transcription factor regulating cardiac repair and remodeling. It plays an important role in cardiac
development and differentiation as its abnormal expression leads to embryonic lethality [87-89].
Likewise, overexpression of NKX2-5 is reported as hypertrophic stimuli [90]. Interestingly, GATA4
and NKX2-5 act synergistically and regulate a myriad of cardiac genes [91,92]. Other studies showed
that TBX5 is also an interaction partner of FOXO1, GATA4, and NKX2-5 and encodes transcription
factors involved in the regulation of forelimb and heart development [93-95]. Thus, the role of GATA4,
NKX2-5, and TBX5 is established in cardiogenesis; however, their role in regulating the heart septal
formation is a matter of further investigation [45,96,97]. Sperling et al. are credited for reporting
a direct role of CITED2 gene mutation in CHD epigenetic factor like methylation in the promoter
region of CITED?2 plays a vital role in heart disease [98,99]. The sirtuins, a family of enzymes, encoded
by SIRT1-SIRT?, are highly expressed in the heart tissue and the vascular endothelium, and are
pivotal regulators of lifespan and health. The SIRT1 executes its function by deacetylation of FOXO
transcription factor and other key substrates; all closely linked to cardio vascular ailments. The
SIRT1 inhibition is shown to be associated with septal and valvular heart defects, as well as vascular
dysfunction [100-102].

One thing is evident clearly though multiple studies—there is a direct and indirect involvement
of FOXO1 in heart disease [52-55]. Activated FOXO1 has a direct impact on cell survival via alteration
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in metabolism and turning on the cell death signaling cascade [103,104]. Overexpression of FOXO1
also causes autophagy in heart, leading to death [56,57]. A latest study had shown that knock down
of FOXO1 and FOXO3 in the heart of Lmna~/~ mice results in attenuation of apoptosis with a twice
increase in the survival rate [18].

A bit of inhibiting expression of FOXO1 protein will further classify its important role in regulation.
It is a monomeric nuclear protein and functions primarily as transcription factors by binding to
a consensus DNA sequence of promoter region of downstream genes with a DNA-binding domain,
158-248 amino acid region [63,105-107]. The nuclear localization of FOXOL is tightly regulated by the
post translational modifications like acetylation, methylation, phosphorylation, and ubiquitination,
or simply by its interaction with proteins like 14-3-3 [105]. Studies on these lines have identified
a long list of FOXO1 inhibitors to be classified into two groups: one, drugs targeting nuclear transport
of FOXO1 including leptomycin B, curcumin, psammaplysene A, phenothiazines/triflouperazine,
calmodulin inhibitor/calmidazolium, intracellular Ca?* chelator- BAPTA-AM [; and two, drugs
targeting FOXOL1 signaling pathway including epigallocatechin- 3-gallate, theaflavins, hyaluronan
oligosaccharides, resveratrol, apigenin, luteolin, and psammaplysene A [64,65,67].

Phenothiazines and its derivatives (trifluoperazine) are chosen from FDA-approved drugs and
binds directly with DBD of FOXO1 [70,71]. The molecular docking approach was applied to determine
inhibition constant, predicting binding modes and defining the specific binding sites. The results
showed that both the drugs can potentially inhibit FOXO1 protein. The drug PTZ mainly interacts
with hydrophobic amino acids of the DNA-binding region (158-235) of the protein target. The TFP also
binds inside the DNA-binding domain but the interacting residues are different from those in the case
of PTZ binding. The contact or interaction surface value of docked ligand and protein is 421.011 A2 for
PTZ and 612.637 A% for TFP.

The present study is mainly based on a bioinformatics approach, so it can be associated with
few limitations. It is proposed to undertake in silico finding to resolve the issue, and predictions are
advised to be validated before final conclusion. Our finding suggests genetic engineering potentials
in future.

4. Materials and Methods

4.1. Patients

A total of 37 cases including PS, dysmorphic features, multiple congenital anomalies, CHD and
cleft palate were registered from Western region of Saudi Arabia through the King Abdulaziz University
Hospital, Jeddah. The majority of individuals were newborns with multiple abnormalities including
heart and neurological disorders. Peripheral blood (5-10 mL) was obtained after informed consent
and a complete clinical and case history was recorded. Ethical approval for the study (G/017/27) was
obtained from the King Abdulaziz University clinical research ethics board dated 09-06-2009 and the
study strictly followed the standard Helsinki ethical guidelines during this research work.

4.2. Cytogenetics Study

A standard 72 h lymphocyte culture and GTG banding (G banding by Trypsin and Giemsa) were
applied to peripheral blood in all patients. Microscopic examinations were done using 50 cells for each
patient. In cases of suspected mosaicism, the number expanded to one hundred cells. Chromosomes
were analyzed by semi-automatic Applied Imaging Karyotyper and karyotypes were described as per
the International System for Human Cytogenetic Nomenclature (ISCN, 2016) [108].

4.3. Molecular Pathway and Gene Ontology Analysis

Biological significance of protein coding genes of chromosome 13 was interpreted by the
Ingenuity Pathways Analysis software version 338830M (Ingenuity Systems, Redwood City, CA, USA).
Significance of relationships between genes and functional frameworks was indicated by Fisher’s
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exact test p-values. The percentage and number of uploaded genes/molecules matching to genes of
a canonical pathway were measured for significance, expressed as a score. The Molecule Activity
Predictor was employed to predict the effects of a gene/molecule on other molecules of pathway.

4.4. Identification of Functionally Significant Interacting Proteins of FOXO1

Search Tool for the Retrieval of Interacting Genes/Proteins (STRING version 9.1, https:/ /string-
db.org/) was used to identify significant proteins interacting with FOXO1. The biological database and
web resource of known and predicted protein interactions were utilized, derived from high-throughput
experimental sources, text mining and co-expression [109-111].

4.5. Molecular Docking and Drug Design

A search was made for available three-dimensional structures of FOXO1 protein in the RCSB’s
PDB database and retrieved five entries: 3C0O6, 3CO7, 3COA, 4LGO0, and 5DUI. All these structures were
DNA-bound protein complexes. We proceeded with PDB code 3CO7:C. It corresponds to UniProtKB
(Q12778, https:/ /www.uniprot.org/help /uniprotkb) and the residues 1-154 were missing from the
protein chain C.

Information was collected for structure of two selected compounds; Phenothiazine and
trifluoperazine from ZINC database (available online: http://zinc.docking.org). It is a database
of commercially available compounds [112]. We downloaded the mol2 file for ZINC ID 00028150 and
19418959 respectively. Structural analogs of TFP (31350265 and 39546119) were not considered for the
present study.

Docking calculations for predicting binding modes and energies of two ligands phenothiazine
(PTZ) and trifluoperazine (TFP) to protein (FOXO1) employed DockingServer [113], and AutoDock
software for gasteiger partial charges addition to the ligand atoms, combining non-polar hydrogen
atoms and defining rotatable bonds. Affinity grids were generated using the Autogrid tool [114].
AutoDock parameter set- and distance-dependent dielectric functions were used in the calculation of
the van der Waals and the electrostatic terms, respectively. Docking simulations were performed using
Lamarckian genetic algorithm and the Solis & Wets local search algorithm (http:/ /autodock.scripps.
edu) [115]. Initial position, torsions, and orientation of the ligands were set randomly. All rotatable
torsions were released during docking. All experimentation was resultant of 10 different runs set to
finish after 250,000 energy evaluations. The population size was fixed to 150. Translational step of
0.2 A, and quaternion and torsion steps of 5 were applied during the search.

4.6. Statistical Analysis

x2 analysis and Fisher’s exact test were used to compare the clinical features and proportion of
chromosomal abnormalities in PS patients. The statistical analysis was carried out using MATLAB ver
R2007a (The MathWorks, Natick, MA, USA).

5. Conclusions

Cytogenetic analysis of 37 Saudi PS patients showed full trisomy 13 without exception. Molecular
interactions study of 308 protein coding genes located on chromosome 13 led to identification
of significant genes such as: FOXOI1, RB1, CCNA1, TFDP1, KL, IRS2, F10, F7 GJB6, GJA3,
TUBA3C/TUBA3D, COL4A1, FLT1, KLF12, and ZIC2. The pathways (Estrogen-mediated S-phase entry,
Extrinsic prothrombin activation pathway, Gap junction signaling, Docosahexaenoic acid signaling,
VEGEF signaling, Cell cycle: G1/S checkpoint regulation, IL-3 Signaling) were explored to find an
association with PS. Molecular network analysis and protein—protein interaction study indicated
FOXOT1 as strong transcription factor which interacts with other key genes like GATA4, CITED and
TBX5 located on different chromosomes but associated with lethal heart disorders in PS. Lethal genetic
disorders are toughest to treat and many PS newborns die within a couple of days with severe
complications without proper treatment. However, patients with a less severe condition have some
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chance of survival and could be diagnosed with an actual problem and treated (surgery or medicine)
accordingly. The in silico molecular docking studies done separately indicated phenothiazine and
trifluoperazine as efficient inhibitor for FOXO1 protein as potential drugs for septal defects patients and
PS. Molecular docking indicated phenothiazine to be an efficient inhibitor for FOXO1 and a candidate
for future drug target, especially in septal defects patients and PS cases. It is recommended to utilize
the present outcome after validation in vitro and in vivo animal model approaches.

Supplementary Materials: Supplementary materials can be found at http://www.mdpi.com/1422-0067/19/11/
3547/s1.
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Abstract: Transcription control plays a crucial role in establishing a unique gene expression signature
for each of the hundreds of mammalian cell types. Though gene expression data have been
widely used to infer cellular regulatory networks, existing methods mainly infer correlations rather
than causality. We developed statistical models and likelihood-ratio tests to infer causal gene
regulatory networks using enhancer RNA (eRNA) expression information as a causal anchor and
applied the framework to eRNA and transcript expression data from the FANTOM Consortium.
Predicted causal targets of transcription factors (TFs) in mouse embryonic stem cells, macrophages
and erythroblastic leukaemia overlapped significantly with experimentally-validated targets from
ChIP-seq and perturbation data. We further improved the model by taking into account that some
TFs might act in a quantitative, dosage-dependent manner, whereas others might act predominantly
in a binary on/off fashion. We predicted TF targets from concerted variation of eRNA and TF and
target promoter expression levels within a single cell type, as well as across multiple cell types.
Importantly, TFs with high-confidence predictions were largely different between these two analyses,
demonstrating that variability within a cell type is highly relevant for target prediction of cell
type-specific factors. Finally, we generated a compendium of high-confidence TF targets across
diverse human cell and tissue types.

Keywords: transcription regulation; gene expression; causal inference; enhancer activity

1. Introduction

Despite having the same DNA, gene expression is unique to each cell type in the human body. Cell
type-specific gene expression is controlled by short DNA sequences called enhancers, located distal
to the transcription start site of a gene. Collaborative efforts such as the FANTOM [1] and Roadmap
Epigenomics [2] projects have now successfully built enhancer and promoter repertoires across
hundreds of human cell types, with an estimated 1.4% of the human genome associated with putative
promoters and about 13% with putative enhancers. Enhancers physically interact with promoters to
activate gene expression. Although the general rules governing these interactions (if any) remain poorly
understood, experimental techniques such as chromosome conformation capture (3C, 4C) combined
with next generation sequencing (Hi-C) [3], as well as computational methods based on correlations
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between histone modifications or DNase I hypersensitivity at enhancers with the expression of nearby
promoters [4,5] are continually improving in predicting enhancer-promoter interactions. In contrast,
understanding how the activation of one gene leads to the activation or repression of other genes,
i.e., uncovering the structure of cell type, specific transcriptional regulatory networks, remains a
major challenge. It is known that promoter expression levels of transcription factors (TFs) co-express
and cluster together with promoters of functionally-related genes [6], but without any additional
information, such associations are merely correlative and do not indicate a causal regulation by the TE.

Statistical causal inference aims to predict causal models where the manipulation of one variable
(e.g., expression of gene A) alters the distribution of the other (e.g., expression of gene B), but not
necessarily vice versa [7]. A key role in causal inference is played by causal anchors, variables that are
known a priori to be causally upstream of others and that can be used to orient the direction of causality
between other, relevant variables. A major application of this principle has been found in genetical
genomics or systems genetics: genetic variations between individuals alter molecular and organismal
phenotypes, but not vice versa, so these quantitative trait loci (QTL) can be used as causal anchors
to determine the direction of causality between correlated traits from population-based data [8-11].
Such pairwise causal associations can then be assembled into causal gene networks to model how
genetic variation at multiple loci collectively affect the status of molecular networks of genes, proteins,
metabolites and downstream phenotypes [12].

Interestingly, several experiments have recently shown that enhancer regions can be transcribed
to form short (around 1000 bp), non-coding, often bi-directional transcripts, called enhancer RNAs or
eRNAs [13]. eRNAs have other distinguishing features, including nonpolyadenylated and unspliced
tails, and tend to remain nuclear, rather than reaching the cytoplasm for translation. Although the
functional role of some eRNAs has been studied in great detail to demonstrate that they can enhance
or suppress enhancer activity by enhancer-promoter looping [14], the full repertoire of functional
mechanisms of eRNAs remains to be understood. Nevertheless, the presence of eRNAs from a
regulatory region is an indicator of enhancer activity [15], and eRNA expression has been successfully
used to predict transcription factor activity [16]. Moreover, eRNA expression is correlated with and,
crucially, temporally precedes the expression of target genes [17]. We therefore hypothesized that eRNA
expression as a readout of enhancer activity could act as a causal anchor, opening new avenues to
reconstruct causal gene regulatory networks.

To test this hypothesis, we developed novel statistical models and likelihood-ratio tests for using
(continuous) eRNA expression data in causal inference, based on existing methods for discrete eQTL
data, and implemented these in the Findr software [18]. We applied this new method to Cap Analysis
of Gene Expression (CAGE) data generated by the FANTOMS Consortium. Unlike RNA sequencing,
CAGE allows sequencing of only the five prime ends of mRNAs, providing genome-wide transcription
start site quantification at much lower sequencing depth (and therefore, lower sequencing cost per
sample) than RNA-seq. The FANTOM Consortium has generated a unique resource of enhancer and
promoter expression across hundreds of human and mouse cell types [6,17] and validated predictions
using ChIP-seq and perturbation data. Our analysis of the FANTOM data showed that continuous eRNA
expression values increased target prediction performance for some factors, while for other factors,
a binarized presence or absence of the enhancer signal performed better. Leveraging this observation,
we found that a data-driven approach to classify enhancer expression as either binary or continuous was
sufficient to select the best target prediction method automatically, allowing parameter-free application
of the method to organisms and cell types where validation data are not currently available.

2. Results

2.1. Development of a Causal Transcription Network Inference Framework

We hypothesized that enhancer activity could be used as a causal anchor to predict causality
between two co-expressed genes (Figure 1A). To this end, we used enhancer expression as a causal
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anchor to infer causal gene interactions, within the Findr framework [18]. Findr provides accurate
and efficient inference of gene regulations using eQTLs as causal anchors by accounting for hidden
confounding factors and weak regulations. This is achieved by performing and combining five
likelihood ratio tests (Figure 1B), each of which consists of a null (H,;;) and an alternative (H)
hypothesis, to support or reject the causal model E — A — B, where E is an enhancer in the regulatory
region of gene A , and B is a putative target gene: primary linkage (E — A), secondary linkage (E — B),
conditional independence (E — B only through A), B’s relevance (E — B or correlation between
A and B) and excluding pleiotropy (partial correlation between A and B after conditioning on E).
The log-likelihood ratios (LLRs) are computed for all possible targets of each gene and then converted
into p-values and posterior probabilities [19] of the alternative hypothesis being true; see [18] for details.
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We applied three treatments to enhancer expression data. First, we regarded enhancers as binary
(on/off) variables, and after binarizing the data (see Methods), we used the existing Findr to predict
TF targets directly. This approach will be referred to as Findr-B (“binary”). Second, we adapted all
five tests in Findr to use continuous instead of discrete causal anchor data, and we used this method
on (untransformed) eRNA data. This approach will be referred to as Findr-C (“continuous”). Third,
to accommodate the co-existence of binary and continuous enhancers for different TFs within the
same dataset, we developed an automatic adaptive method to treat each enhancer independently as
binary or continuous, depending on the relative strength of the primary enhancer-TF linkage with
either method. We call this approach Findr-A (“adaptive”). The workflow of the Findr framework
is summarized in Figure 1C. We note that the implementation of the method is generic, i.e., it can be
used by defining either eQTL genotypes or enhancer activity as causal anchors.

2.2. Causal Inference from Enhancer and Transcript/Gene Expression CAGE Data

To test our hypothesis that causal inference using enhancer expression as a causal anchor predicts
true TF targets, we used CAGE data generated by the FANTOM Consortium across hundreds of cell
types and tissues in human and mouse [6]. We used bi-directional expression in non-promoter regions
as an indicator of likely enhancer activity in each CAGE sample [1]. Specifically, non-promoter regions
with a similar number of sequence tags in both the forward and reverse direction were predicted as
putative enhancer regions. Moreover, these regions also showed a high overlap (over 90 percent) with
H3K4mel modification. Importantly, CAGE data offer a powerful resource as each sample contains
both enhancer and gene activity information. The ability to quantify enhancer expression (as a proxy
for enhancer activity) and gene expression from the same sample is crucial for the ability to apply causal
inference techniques. We first selected three mouse cell types (embryonic stem cells, macrophages
and erythroblastic leukaemia) for systematic characterization, as these had more than 20 samples per
cell type, with diverse treatments or time series. Furthermore, ChIP-seq and TF knock-out validation
datasets were available for each of these cell types. In order to assign both promoter proximal, as well
as promoter distal putative enhancers for each transcription factor, we selected predicted enhancers [1]
within 50 kb of the transcription start site of each transcription factor in a cell type. This resulted
in 109 enhancers for 48 transcription factors in ES cells, 55 enhancers for 8 transcription factors in
macrophages and 5 enhancers for 4 transcription factors in erythroleukaemia, with an average of
3.8 enhancers per transcription factor across cell types.

We inferred causal transcription factor-target interactions for each transcription factor using
the enhancer element most strongly linked to each TF in each cell type. We predicted targets for
48 transcription factors with two methods, one using continuous enhancer data (“Findr-C”) and one
using discretized, binary (on/off) enhancer data (“Findr-B”) (see Methods). The Findr software outputs
a score representing the putative probability of a causal interaction for each transcription factor-target
pair (see Methods). For both methods, the targets with a predicted probability of a causal interaction
greater than 0.8 (see Methods) were validated using a compendium of ChIP-seq data [20], containing
78 factors in ES cells, 12 factors in macrophages and 17 factors in erythroblasts. Of these factors, 18 in
ES cells, 7 in macrophages and 4 in erythroblasts had enhancer expression in CAGE data. We noted
that the suitability of Findr-B or Findr-C for causal inference was dependent on the factor, i.e., using
continuous enhancer data performed better for some factors (Figure 2: Myc,Klf2, Figure S1: Fegr3),
while on/off data performed better for others (Figure 2: Gatal, Flil, Figure S2: Junb, Jarid2). Because
the number of putative ChIP-seq targets for each factor varied widely across factors and cell types,
from only 420 gene targets for JunD in erythroblasts to over 12,000 gene targets for ESRRB in ES cells,
the background precision levels differed highly between factors (Figure 2).

We further tested whether these results were sensitive to the target probability prediction
threshold. The enrichments of true positives were stable over a wide range around this threshold for
both methods (Figure 3, Figure S2).
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Transcription factor binding inferred using ChIP-seq data is thought to be mostly opportunistic
and therefore might not provide direct clues about the functional targets of the factor [21]. We therefore
collected perturbation data from publications, specifically expression data after knock-out or
knock-down (KO) of a factor. We generated differentially-expressed gene lists for 85 factors in ES cells
and 11 factors in macrophages (see Methods). Using these gene lists as known targets, we evaluated
the predictions of both methods. This confirmed the factor-specific suitability of either the Findr-B or
Findr-C method (Figures 4, Figure S3).
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Figure 2. Recall-precision curves for target predictions by Findr-B and Findr-C using ChIP-seq.
The dotted line represents the background or the the random classifier precision.
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The evaluation so far used the default combination of likelihood-ratio tests in Findr (Figure 1B,
Tests 2, 4 and 5; see the Methods for details), which was previously shown to perform better than
the traditional causal inference method, which relies on a conditional independence test (Figure 1B,
Test 3), by accounting for hidden confounding due to common upstream regulatory factors between a
TF and its targets [18]. To test whether this remains true for CAGE data, we implemented all five tests
in both Findr-B and Findr-C. We found that the new test combination improved predictive power for
the CAGE data in all three mouse cell types compared to the traditional test combination, similar to
the previous results on eQTL data. We have therefore set it as the default choice for the Findr tool.

2.3. Development and Validation of an Adaptive Model-Selection Approach for Causal Inference Using
Discretized or Continuous Data

As the optimal prediction performance depended on a factor-specific choice between discretizing
enhancer expression data or not, we investigated if this decision could be made in a data-driven,
adaptive approach (called “Findr-adaptive” or “Findr-A”; see Figure 1C), in the absence of validation
data. In short, Findr-A selects for each TF among all its candidate enhancers, both continuous and
binary, the one with the strongest primary linkage to the TF’s expression and then uses that enhancer
and its corresponding method (Findr-B or Findr-C) to predict downstream targets for that TF (see the
Methods for details). This adaptive approach was indeed able to select the best performing method for
most of the factors (Figure 4A,B, Findr-A selection marked by double stars).

We further performed functional enrichment analysis of gene target sets predicted by Findr-A.
1119 targets of JunB in macrophages were enriched for ‘LPS signalling pathway’ (p < 10-8) and ‘RNA
binding’ (p < 10~8) (Tables S1 and S2). The macrophage CAGE samples indeed measured the response
to LPS signalling and JunB is known to be a delayed response gene, attenuating transcriptional activity
of immediate early genes and RNA binding proteins, specifically terminating translation of mRNAs
induced by immediate early genes [22]. 131 targets for Cbx7 in ES cells (Figure 3) were enriched for
‘regulation of transcription from RNA polymerase II promoter’ (p < 1071), and included several
developmental genes such as Hox family proteins (Tables S3 and S4). This enrichment was much
stronger than for the ChIP bound targets of Cbx7 (p < 107°). Cbx7 is a part of the PRC complex, which
binds predominantly at bivalent chromatin at promoters of transcription regulators in ES cells [23].

2.4. Perturbations within and across Cell Types Provide Causal Targets for a Distinct Set of
Transcription Factors

We noted that most factors performed better using binary enhancer expression values and
wondered if this might be due to the limited enhancer expression data available for each cell type.
We therefore explored whether the enhancer activity across perturbations within cell type was
comparable to variation of enhancer activity across different cell and tissue types. To test this, we
used the FANTOMS5 CAGE data containing over 1000 samples across 360 distinct mouse cell types
and tissues, called “all-data”. Findr-C indeed performed marginally better on all-data rather than cell
type-specific data. Importantly, all-data and cell type (ES)-specific data resulted in causal targets for a
distinct set of transcription factors. In particular, variation within a cell type was more informative
for causal target predictions of cell type-specific factors. For example, the targets of key pluripotency
factors Sox2 and Esrrb [24] were enriched in ES-data, but not all-data (Figure 4A,B).

There were only five common factors with causal targets predicted using both all-data and
ES-specific data that were validated by ChIP-seq data and only six common factors validated by KO
data (Figure 4C). Interestingly, the target genes predicted from ES-data and all-data for the same factor
overlapped significantly. For example, 72% of Eed predicted targets using ES-data overlapped with
Eed predicted targets using all-data.
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2.5. Multiple Enhancers of the Same Factor Have a Highly Correlated Expression

Mammalian genes are controlled by multiple enhancers. We investigated the stability of
inference outcome under different choices of enhancers as causal anchors. For all factors for which
Findr-A predicted targets in ES cells that overlapped significantly with perturbation data (Figure 4),
we predicted additional target sets using other available enhancers, resulting in target sets for
76 enhancer-transcription factor pairs for 46 unique transcription factors.

The hierarchical clustering of transcription factor-enhancer pairs based on these target sets
clustered mostly by transcription factors, indicating that the expression of multiple enhancers contains
highly redundant information about the activity of the associated transcription factor (Figure S5).
Reassuringly, factors known to form regulatory complexes, including Max and Mxil or Runx1 and
Smad]l, also clustered together, i.e., shared predicted causal targets (Figure S5).

To investigate whether combining multiple enhancers was more informative for determining
causal targets, we compared two integrative methods against the predictions of taking individual
enhancers. Firstly, we used the median expression level of all the putative enhancers for each
transcription factor as a ‘meta-enhancer” in Findr-A (Figure S4A). Secondly, we calculated the first
principal component of the binary target prediction matrix for all enhancer of a TF in order to
‘average’ predictions (Figure S4B). However, we did not observe any significant overall improvement
in performance using either method.

2.6. Causal Inference Using CAGE Expression Data across Human Cell Types

Finally, we inferred causal interactions between transcription regulators and targets using
CAGE enhancer and TSS expression data in humans. Specifically, we inferred causal interactions
for 20 transcription factors (with eRNA expression) using Findr-A (see Methods). We firstly
validated the predicted interactions using a database of experimentally-validated regulatory
interactions in human [25] and noted a statistically-significant overlap between the predicted and
experimentally-validated gene sets (p < 107°). Figure 5 represents the hierarchical clustering
of the predicted top 200 interactions for each factor. We noted that multiple enhancers of the
same factor predicted highly overlapping targets for that factor. Moreover, the factors involved
in biologically-related processes shared predicted causal targets. For example, two members of the
SMAD family, SMAD3 and SMADS, as well as BCOR and SIN3A involved in histone deacetylase
activity showed a high overlap of predicted targets.
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Figure 5. Hierarchical representation of similarities between transcription factor-target sets predicted
using Findr-A causal inference on the FANTOM5 human dataset.

3. Discussion

We explored the utility of eRNA expression as a causal anchor to predict transcription regulatory
networks, by leveraging the observation that eRNAs mark the activity of regulatory regions. Previous
studies support this notion, as eRNA expression has been shown to precede the expression of its
effector gene temporally [17] and to correlate strongly with active regulatory regions across cell
types [15]. We therefore developed a novel statistical framework to infer causal gene networks
(Findr-A), by extending the Findr software for causal inference using eQTL data [18].

We demonstrated the applicability of Findr-A by predicting causal interactions from CAGE data
generated through the FANTOM Consortium and validating them with ChIP-seq and perturbation
data for three mouse cell types, as well as on the entire FANTOMS data. Notably, different factors were
enriched for within cell type analysis as compared to across cell types. The causal regulatory network
of cell type-specific factors (e.g., Sox2, Esrrb in ES cells) could be inferred only using expression
variation within a cell type and not across cell types. Due to the limited availability of validation data,
a more comprehensive assessment was not possible.

The current approach can be extended in several aspects in the future. Firstly, Findr assumes
equal (or no) relations between all sample pairs [18], which hold for the majority of eQTL datasets.
By accounting for heterogeneous sample relationships, such as biological and/or technical replicates,
time series or population structure, we may be able to reconstruct more accurate networks. Secondly,
the assumption that eRNAs act as causal anchors is only approximately true, because their activity
ultimately is regulated by other regulatory factors, i.e., the assumption that they are a priori causally
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upstream of correlated TF-gene pairs will not hold for all genes. Because eRNAs are temporally
expressed before their direct target genes, we hypothesize that explicit modelling of gene expression
dynamics in the Findr framework will allow detecting and correcting for such feedback loops. Thirdly,
eRNAs are expressed at relatively low levels, and therefore susceptible to noise, and a reliable eRNA
signal was available for only a limited number of known transcription factors in mouse or human.
Generating deep sequencing data for CAGE, utilizing GRO-seq or epigenetic or transcription factor
ChIP-seq data to estimate enhancer activity could be possible ways to get around this.

In this work, we have used a very basic approach for associating enhancers with their likely
promoters based on their mutual proximity, as associating enhancers with promoters was not our
main focus. This could be refined by using existing data generated by methods such as chromatin
confirmation capture or by integrating multiple genomic features into a statistical predictor for
associating enhancers with promoters [5].

Finally, we used ChIP-seq and KO data for validation, because these datasets were available for
the same cell types as the expression data in mouse. These data are far from ideal as ground-truth
sets, as ChIP-seq data tend to be noisy and differential expression in transcription factor knock-outs
could include indirect effects. Moreover, the targets predicted by ChIP-seq and KO experiments show
a very poor overlap between them. For example, a large-scale study where 59 TFs were knocked
down in a human lymphoblastoid cell line (GM12878) concluded that only a small subset of genes
bound by a factor were differentially expressed following knock-down of that factor [21]. It is therefore
important to note that there is no universal agreement on ground-truth TF-target regulatory networks
for validation, including networks obtained from literature mining. For example, there are only
151 common TF-target interactions among four literature-curated databases, which together comprise
more than 10,000 interactions [26]. As shown, our method predicts targets for many TFs w.r.t. to one
ground-truth as well or better than the other ground-truth, reaffirming our hypothesis that eRNA data
can be used to infer TF targets.

In conclusion, we have demonstrated that enhancer activity can be used to infer causal gene
regulatory networks. We foresee this approach to be of high value in the context of human medicine,
by combining genetic, epigenetic and transcriptomic information across individuals to unravel causal
disease networks.

4. Materials and Methods

4.1. Datasets

e  We used Cap Analysis of Gene Expression (CAGE) data (TPM expression values) from the
FANTOMS5 Consortium for enhancer and transcription start sites (TSS) in mouse embryonic
stem (ES) cells (36 experiments), macrophages (224 experiments) and erythroblastic leukaemia
(52 experiments) [6,17]. We also selected 1036 samples from all cell types and tissues in mouse.

e We use ChIP-seq data from the Codex Consortium [20]. Data available for 78 TFs in mouse ES
cells, 12 TFs in macrophages and 17 TFs in erythroleukaemia cells were used.

e  For validation using knock-out data, we have collected differentially-expressed gene lists after
perturbation of factors from published studies in mouse and gene lists after overexpression of
factors in mouse ES cells from [27].

e  We obtained CAGE data (TPM expression values) from the FANTOMS5 Consortium for enhancer
and TSSs for human cell types and tissues [6,17]. The enhancer regions identified using
bi-directional expression were obtained from [1]. The FANTOMS5 Consortium has provided
data for 1826 samples from which we selected 360 samples from all cell types and tissues,
one sample for each cell and tissue type with the highest sequencing depth (removing technical
and biological replicates).
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4.2. Data Processing

CAGE data were processed to clear unannotated and non-expressed genes, and expression levels
were log-transformed. Genes with a TPM value of 1 or more in at least one sample were considered
expressed. Only enhancers expressed in more than one third of experiments were retained.

For each TF, we selected the promoter with the highest median expression level as the promoter
for that TF.

For each TF, all enhancers within 50 kb of the TF promoter region were detected using the
GenomicRanges package in Bioconductor [28] and considered as candidate causal anchor
enhancers for that TF. The Findr framework (described below in detail) includes a “primary
linkage” step such that targets are only predicted for TFs with significantly correlated eRNAs.
Enhancer data were binarized by setting all experiments with zero read count to zero and all
others to one.

For the ChIP-seq data, genes with a TF binding site within 1 kb of their TSS were defined as
targets for that TF.

For the knock-out and over-expression data, genes with differential expression g-value < 0.05
were defined as targets for the TF.

4.3. Likelihood Ratio Tests with Continuous Causal Anchor Data

Given a causal relation E — A — B to test, where E is a (continuous) enhancer for TF A and B is

a putative target gene, with their expression data samples 1, ..., 7 annotated in subscripts, we first
convert each continuous variable into a standard normal distribution by rank. Each variable is
modelled as a normal distribution with the mean linearly and additively dependent on its regulators
in the five tests below (illustrated in Figure 1B).

1.

Primary linkage test: The primary linkage test verifies that the enhancer E regulates the regulator
gene A. Its null and alternative hypotheses are:

1) —
at = E— A

HY —F 4, H

null

The log likelihood ratio (LLR) and its null distribution are identical to the correlation test in [18].
Therefore, the LLR is: "
LLRW = =S In(1 - 52,),

where:
X;Y;.

=
>
<
1l
S
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i=1

Its null distribution is:
1
LR /n ~ D(1,n-2).

The probability density function (PDF) for z ~ D(kq, k) is defined as: for z > 0,

_ 2 -2z (k1/2-1) —koz
PElkke) = g s 672 (1-¢%) e,

and for z < 0, p(z | k1,kz) = 0, where B(a, b) is the Beta function.

Secondary linkage test: The secondary linkage test verifies that the enhancer E regulates the
target gene B. The LLR and its null distribution are identical to those of the primary linkage test,
except by replacing A with B.
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3.  Conditional independence test: The conditional independence test verifies that E and B become
independent after conditioning on A, with its null and alternative hypotheses as:

®)

Hnull

Hﬁt) = B+ E — A A (A correlates with B).

= E—A—B,

Correlated genes are modelled as having a multi-variant normal distribution, whose mean
linearly depends on their regulator gene. Therefore,

n A A A A A
LLR® = —Zin ((1=p2a)(1 = phy) — (Pan — Peades)?)
n A n A
+5 In(1 - PEa) + 7 In(1— Ps)-

Following the same definition of the null data, their null distribution is:

LLR®) /n ~ D(1,n - 3).

nu

4. Relevance test: The relevance test verifies that B is regulated by either E or A. Its hypotheses are:

4 _
HY = EsA B
Hgi) = E—- AANE =B+ A.
Similarly,
n A ~ o A A
LLR® = *Eln ((1 —0%a) (1 — PEp) — (PaB — PEAPEB)Z)
n R
+Eln(l ~fta)-
LLRY, /n ~ D(2,n-3).

5. Controlled test: The controlled test verifies that E regulates B through A, partially or fully,

with the hypotheses as:
() —
Hon = B+ E— A
Hgi) = B+ E—-ANA—B.
Its LLR is
n A A A A oA
LLR®) = —5In ((1 —02) (1= pip) — (Pap — PEAPEB)Z)
n R n A
+§1n(1 —PFa) + 2 In(1— pgp),
with the null distribution:
LLR®) /n ~ D(1,n - 3).

The LLR and its null distribution then allow one to compute the p-values and the posterior
probabilities of the null and alternative hypotheses separately for each subtest, as detailed in [18].
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4.4. Findr-B and Findr-C

In [18], it was shown that a combined causal inference test performs best in terms of sensitivity
and specificity for recovering true regulatory interactions, using both real and simulated test data.
The combined test score is: 1

P=2(PPs+Py)

where P; is the posterior probability for subtest i.
The Findr-B method returns this combined p-value using the original Findr on binarized enhancer
data. Findr-C does the same using the new tests on continuous enhancer data.

4.5. Adaptive Method Findr-A

Given a set of TFs and for every TF, a set of candidate causal anchor enhancers, the adaptive
Findr-A method performs the following, for each TF A (Figure 1C):

1.  Compute the primary linkage test p-value for all candidate enhancers of A, both continuous
and binarized.

2. Find the enhancer E with the lowest p-value overall.

3. If the lowest p-value occurred for a binarized enhancer, use Findr-B for TF A with E as its causal
anchor, else use Findr-C.

Findr-A, -B and -C have been implemented in the Findr software, available at https://github.
com/lingfeiwang/findr.

4.6. Validation Methods

For the purpose of evaluation, we calculated the Findr-B and Findr-C scores for all TF-gene
combinations. Genes with scores exceeding a threshold of 0.8 of Findr score were considered as
predicted targets for each TF. Precision-recall curves were calculated using the the “PRROC” package.
We used the FDR corrected (BH procedure) hyper-geometric test for enrichment analysis, where the
overlap with respect to known targets from ChIP-seq and knock-out data in the same cell type was
tested, and the resulting p-values were used to compare the performance of the two methods.

Supplementary Materials: The following are available online at http://www.mdpi.com/1422-0067/19/11/3609/s1.
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Abstract: Transcription factors (TFs) play essential roles in the transcriptional regulation of functional
genes, and are involved in diverse physiological processes in living organisms. The fruit fly
Drosophila melanogaster, a simple and easily manipulated organismal model, has been extensively
applied to study the biological functions of TFs and their related transcriptional regulation
mechanisms. It is noteworthy that with the development of genetic tools such as CRISPR/Cas9 and
the next-generation genome sequencing techniques in recent years, identification and dissection the
complex genetic regulatory networks of TFs have also made great progress in other insects beyond
Drosophila. However, unfortunately, there is no comprehensive review that systematically summarizes
the structures and biological functions of TFs in both model and non-model insects. Here, we spend
extensive effort in collecting vast related studies, and attempt to provide an impartial overview of the
progress of the structure and biological functions of current documented TFs in insects, as well as
the classical and emerging research methods for studying their regulatory functions. Consequently,
considering the importance of versatile TFs in orchestrating diverse insect physiological processes,
this review will assist a growing number of entomologists to interrogate this understudied field,
and to propel the progress of their contributions to pest control and even human health.

Keywords: insect; transcription factors; structures and functions; research methods; progress
and prospects

1. Introduction

Transcription factors (TFs) are a plethora of proteins that are present in all living organisms,
and they can intricately control transcription of different functional genes in response to internal
physiological processes, as well as external environmental stimuli [1,2]. Strikingly, it has been estimated
that TFs make up approximately 3.5-7.0% of the total number of coding sequences in a reference
eukaryotic genome [3,4]. TFs can be divided into diverse classes based on their structural characteristics,
and they can influence the transcription of their targets in different mode of actions [5,6]. Most
eukaryotic TFs with a DNA-binding domain (DBD) are thought to exert regulatory functions by
binding to enhancers and recruiting transcriptional complexes or cofactors [7]. Nevertheless, recent
studies have shown that some TFs do not perform the classical functions of binding enhancers
and recruiting transcriptional complexes, but rather merely promote regulatory elements such as
enhancers and promoters to form looped structures to facilitate transcriptional regulation [8]. TFs
have a significant level of functional diversity, and they participate in various biological processes
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that are pivotal to ensure the proper expression levels of targets in the appropriate time and tissue
in organisms.

To date, there are several reviews summarizing the role of certain TF families in certain biochemical
processes in insects, especially in Drosophila [2,9-12]. In recent years, the vast range of available
genome resources and novel genetic methods greatly promote the identification and investigation of
regulatory mechanisms of TFs in diverse insects beyond Drosophila, especially lepidopteran insects
(Figure 1). However, there is no comprehensive review covering TF structures and functions in different
physiological and biochemical processes in Drosophila and beyond. Herein, this review describes the
structures of the dominating TF types existing in insects, and presents a comprehensive summary
of the roles of these TFs in various insect biological processes, which provides new insights into the
studies of transcriptional regulation in both model and non-model insects, and elaborates on their
application prospects as potential new strategies for pest control in the field, and even as potential
targets for human disease treatment and health care.
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Figure 1. The insect transcription factor (TF) atlas, including the well-studied TFs and their related

Met, SRS

AR, ARNT
R Laodelphax striatellus

references collected in the review (See Table S1 for more detailed information about these TFs,
and we apologize to researchers whose work could not be discussed and cited in the main text
due to space limitations). As yet, diverse TFs have been documented in at least nine different insect
orders including Diptera, Hemiptera, Lepidoptera, Coleoptera, Orthoptera, Thysanoptera, Blattaria,
Neuroptera, and Hymenoptera. Different insect species are also denoted by colored circles on the
vertical line.

2. Structures

Most TFs contain a DNA-binding domain (DBD) that specifically recognizes and binds to
TF-binding sites in the enhancer or promoter of the target gene to read out information and
modulate target transcription [13]. Therefore, eukaryotic TFs are generally classified based on their
DBD. In humans and mice, TFs are divided into 10 superclasses, the first three of which are the
helix-turn-helix (HTH) domain TFs (mostly homeodomain TFs), the basic DBD TFs, and the zinc finger
(ZF) TFs [5,14]. These three superclasses occupy 90% and 86% of almost all TFs in humans and mice,
respectively [14]. In insects, these three superclass TFs also account for the majority, and we summarize
the structures of the three superclasses in insects as follows.

2.1. Homeodomain TFs

The HTH superclass TFs contain the HTH motif as the DBD. According to differences in HTH
structure, the HTH superclass can be divided into several classes, including homeodomain, Forkhead (Fkh),
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and Heat shock factor (HSF). Homeodomain proteins play vital biological functions throughout the entire
life of insects, especially during growth and development. The homeodomain was originally identified
from the homeotic genes in Drosophila melanogaster [15,16], which typically contains a short N-terminal
arm that contributes to the DNA binding affinity, as well as four «-helices with an HTH structure that is
responsible for DNA binding and recognition [16,17]. Helices I and II are antiparallel to each other, helices
I and III are separated by a f3-turn to form a helix-turn-helix (HTH) structure, and helix III functions as the
recognition helix for contacting and recognizing specific DNA sequences (Figure 2A). The homeodomain
alone in some homeodomain protein is insufficient for specific DNA binding. Therefore, additional
domains and/or cofactors are required to elevate the specificity of DNA binding. For example, Hox
proteins generally form homodimers [18] or heterodimers through the conserved YPWM motif upstream
homeodomain to increase their selectivity and affinity for DNA binding [19,20]. Drosophila contains a total
of 103 homeodomain genes, and 54% of TFs are split among families such as paired-like, paired-domain,
POU (Pit-Oct-Unc), and LIM proteins that contain other domains for higher binding affinity or protein
dimerization, in addition to the homeodomain [21] (Figure 2A).
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Figure 2. The main structures of insect TFs. The pie chart represents the statistical ratio of the Drosophila

TFs in different superclasses based on Hammonds’ study [22]. (A) Structures of homeodomain TFs.
Homeodomain: a typical homeodomain contains a short N-terminal arm facilitating DNA binding and
four «-helices with a helix II-turn-helix III structure that is responsible for DNA binding and recognition;

Hox protein: in addition to the homeodomain, a Hox protein typically contains a YPWM motif in the

N-terminus mediating protein dimerization; Paired-like protein: in addition to the homeodomain, some
paired-like proteins include an N-terminal octapeptide (OP) motif, and some contain a C-terminal OAR
motif that can be involved in transcriptional activation; Paired-domain protein: paired-domain proteins
carry an N-terminal paired box with a helix-turn-helix (HTH) structure that mediates DNA binding,

and some proteins have a full-length or truncated homeodomain in the C-terminus, as well as an OP

motif between the paired box and the homeodomain to mediate protein dimerization; POU (Pit-Oct-Unc)
protein: POU proteins have a POU-specific domain with an HTH structure in the N-terminus that
contributes to the generation of high-affinity DNA binding, and the homeodomain in the C-terminus

is responsible for DNA binding; LIM protein: LIM proteins possess two LIM domains with zinc

finger (ZF) structures upstream of the homeodomain that mainly mediate protein-protein interactions.
(B) Structures of basic DBD TFs. The basic leucine zipper (bZIP) protein: bZIP proteins harbor a basic
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DNA-binding domain (DBD) for specific DNA recognition and binding, and a leucine zipper domain
in the C-terminus for protein dimerization and DNA binding. The leucine zipper domain forms
dextrorotatory a-helixes, and a leucine appears in the seventh position of every seven amino acids; thus,
an adjacent leucine appears every two turns on the same side of the helix. The basic helix-loop-helix
(bHLH) protein: bHLH proteins are composed of a basic DBD in the N-terminus, followed by an
HLH domain. The basic DBD accounts for DNA motif recognition and binding and facilitates
protein dimerization. In the HLH domain, two hydrophilic and lipophilic a-helices are separated by
a loop to form an HLH structure mediating protein dimerization and contributing to DNA binding.
(C) Structures of the ZF TFs. C;H; ZF protein: the C;H; ZF protein has multiple connected ZF DBDs.
In the root of every ZF, two cysteines and two histidines link Zn?* to form a tetrahedron. Nuclear
receptor (NR) with C4 ZF: NR contains a C4-type ZF region as a DBD that consists of eight conserved
cysteine residues coordinated with two Zn?* to form two ZFs with a tetrahedral coordination structure.
The first ZF provides DNA-binding specificity, and the second ZF has a weak dimerization interface,
allowing for dimerization of the receptor molecule. In addition, a ligand-binding domain is typically
found in the C-terminus and functions as the main dimerization region.

2.2. Basic DBD TFs

2.2.1. bHLH Proteins

The basic helix-loop-helix (hHLH) TFs are widely distributed in insects, and they play crucial
roles in the regulation of insect growth and development. The bHLH region contains approximately 60
amino acids, consisting of a basic domain and an HLH domain. The basic domain at the N-terminus is
responsible for DNA binding, and it is followed by the HLH region (Figure 2B). In the HLH region,
two a-helices that are both hydrophilic and lipophilic are separated by different lengths of a linking
loop to form an HLH structure (Figure 2B). In general, bHLH TFs form homo- or heterodimers through
a-helix interactions to regulate target transcription [23].

In 2002, Ledent et al. categorized Drosophila bHLH proteins and divided them into six groups (A-F)
according to their DNA binding and structural characteristics [24] (Table S1). Group A proteins usually
bind the 5-CAC/GCTG-3' motif, and they primarily participate in the regulation of mesodermal
subdivisions and the development of the nervous system, muscle cells and glands. Group B proteins
generally bind the 5-CACGTG-3' or 5-CATGTTG-3' motifs, and they are involved in the regulation
of development, lipid metabolism and glucose tolerance. Group C proteins have a PAS domain
followed a bHLH region to combine with a 5-A/GCGTG-3' motif [25], which participate in the
development of the nervous system and trachea, as well as in the dictation of circadian rhythms and the
hypoxia response. Group D proteins contain only an HLH region and they lack a basic domain; these
proteins can inhibit the binding of other bHLH proteins to DNA by forming dimers with those bHLH
proteins [26]. In Drosophila, only one protein Extramacrochaetae (Emc) exists in group D [27,28]. Group
E proteins preferentially bind N-boxes (5-CACGA/CG-3’) and have an additional “Orange” domain
and WRPW peptide motif at the C-terminus [29]. Proteins in this group are mainly involved in nervous
system development. Group F proteins contain a COE domain, which plays an important role in both
dimerization and DNA binding [24,30]. Drosophila has only one COE family member, Collier (Col) [31].

2.2.2. bZIP proteins

The basic leucine zipper (bZIP) proteins contain a basic domain that specifically recognizes and
binds DNA sequences, followed by a leucine zipper region that is responsible for protein dimerization,
and thus promotes the binding of basic regions to DNA [17] (Figure 2B). In the leucine zipper
domain, a leucine appears in the seventh position of every seven amino acids, and this region forms
dextrorotatory «-helixes, with an adjacent leucine appearing every two turns on the same side of the
helix [32] (Figure 2B). Multiple bZIP proteins have been identified in Drosophila, and they play essential
roles in Drosophila development and reproduction (Table S1).
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2.3. Zinc-Finger TFs

ZF TFs contain ZF structure motifs as DBDs, and they can be mainly classified into CoHjy, Cy,
and Cg classes, according to differences in the conserved ZF domain. TFIIIA is the first ZF protein
that has been identified in Xenopus laevis in 1983 [33,34]. Subsequently, ZF TFs have been extensively
discovered, and they have been found to be the most widely distributed proteins in eukaryotic
genomes. In insects, ZF TFs primarily include C;H, ZF proteins and nuclear receptors (NRs) with a Cy
structure (Figure 2C).

2.3.1. CoHj; Zinc Finger

CyHy ZFs can be connected in series to recognize DNA sequences of different lengths [35].
For instance, Drosophila Kriippel (Kr) contains four tandemly repeated ZFs [17]. Each C;H;, ZF is an
independent domain with a consensus amino acid motif: Xp-C-Xj 4-C-X12-H-X3 4 5-H (C represents
cysteine, H represents histidine, D represents aspartic acid, and X represents any amino acid) [36].
These sequences are tightly folded to form B« structures in the presence of Zn?*, and Zn?* is
sandwiched between o-helices and two antiparallel B-sheets [36-38]. Two Cys and two His link Zn?*
to form a tetrahedron (Figure 2C), in which the two Cys are located on the 3-sheet, and the two His
are located at the C-terminus of the a-helix. The a-helix acts as a recognition helix to insert into the
major groove of DNA and contact specific DNA sequences [17,35].

2.3.2. Nuclear Receptors

NRs in insects are receptors that are responsible for sensing and responding to ecdysone.
The Cy-type ZF domain in NRs is the DBD, and has a consensus sequence: C-Xp-C-X;3-C-X»-
C-Xi5,17-C-X5-C-X9-C-X5-Cys-X4-C. This motif consists of eight Cys coordinated with two Zn%* to form
two ZFs with a tetrahedral structure (Figure 2C). The first ZF provides DNA binding specificity, and the
second ZF has a weak dimerization interface, allowing for the dimerization of the receptor molecule [9].
Besides the conserved DBD, NRs commonly contain a ligand-binding domain in the C-terminus, which
is the main region for NR dimerization. NRs typically form dimers to bind DNA motifs, and each
receptor molecule recognizes and binds half of the sequence (abbreviated to half-site). The distance
between two half-sites and the sequence arrangement facilitate receptor binding to specific DNA
motifs [9]. The second ZF plays a critical role in identifying the optimal distance between the two
half-sites [17]. Some NRs such as Drosophila E75 and E78, can act as “orphan receptors” to bind a single
response element.

3. Biological Functions

3.1. Internal Responses

Numerous TFs in insects precisely regulate spatiotemporal gene expression in response to their
internal physiological needs, such as growth and development, metamorphosis, and reproduction.
In this regard, the growth and development processes such as embryonic axis establishment, eye
development, and gland formation coordinated by substantial numbers of TFs have been thoroughly
studied in the model insect Drosophila. Additionally, some internal responses of non-model insects
modulated by diverse TFs have also recently made great progress. In this section, we systematically
review the TF-regulating internal physiological responses in these model and non-model insects.

3.1.1. Embryonic Axis Establishment

In Drosophila, the establishment of the embryonic axis has been well documented, and the
TF-mediated transcriptional hierarchy has been comprehensively investigated [39,40]. Four morphogens
are essential for the establishment of the anterior-posterior (A-P) axis: Bicoid (Bcd) and Hunchback (Hb)
regulate the anterior region, and Nanos (Nos) and Caudal (Cad) control the posterior region. Morphogen

215



Int. ]. Mol. Sci. 2018, 19, 3691

gradients control the expression of gap genes. Different concentrations of gap proteins activate distinct
pair-rule genes, and form seven stripes perpendicular to the A-P axis. Pair-rule proteins in different
combinations then activate the transcription of segment polarity genes, further subdividing the embryos
into 14 body segments. Finally, Gap, pair-rule, and segment polarity proteins together orchestrate the
expression of Hox genes, which determine the developmental fate of each segment (Figure 3).
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Figure 3. Establishment of the embryonic anterior-posterior (A-P) axis in Drosophila. The diagram
is adapted from Gilbert’s works [40,41]. (A) Regulatory hierarchy of the formation of Drosophila A-P
axis patterning. The maternal effect proteins Bicoid (Bed) and Caudal (Cad) form a concentration
gradient along the A-P axis and generate specific positional information to activate the expression
of the gap gene hunchback (Hb). Hh further initiates the proper expression of other gap genes along
the A-P axis. Gap proteins subsequently activate the expression of pair-rule genes, which form seven
stripes perpendicular to the A-P axis and divide those discontinuous regions defined by the gap gene
into body segments. The pair-rule proteins then regulate the expression of segment polarity genes in
specific cells of each somite, and their 14 expression stripes establish the boundaries of parasegments.
Finally, each segment is characterized by specifically expressed Hox genes. (B) The concentration
gradient of the maternal effect proteins Bed and Cad along the A-P axis in the early cleavage embryo.
(C) The concentration changes in gap genes along the A-P axis. (D) Regulation of expression of the
pair-rule gene even-skipped (eve) in seven stripes. The above region represents a partial promoter
of the eve gene that contains five different enhancers responsible for the distinct stripes. The lower
part illustrates how TFs regulate eve expression in different stripes. The black box represents the TF,
the green characters indicate the enhancer of eve, and the orange circles display the cells expressing
eve. The vertical bars with the letters “A” and “P” denote the anterior and posterior boundaries of the
eve stripe, respectively, and the numbers show the number of eve bands. (E) Regulation of a repetitive
unit of sloppy paired 1 (slp1) stripe [42]. The 14-stripe patterning constitutes seven repetitive units,
each containing odd-numbered and even-numbered parasegments. The odd-numbered parasegment
consists of two types of cells: two type I cells in the posterior half do not express slpl and two type II
cells in the posterior half that express slpl. The even-numbered parasegment also contains two types of
cells: type III cells that do not express slp1 in the first half and the latter type IV cells expressing slp1.
The expression of slp1 in different cell types is regulated by different pair-rule proteins in a specific
combination to regulate the proximal early stripe element (PESE) or the distal early stripe element
(DESE) of slp1. The colored hexagons indicate the pair-rule proteins, the orange quadrants represent
the enhancer, the gray ovals exhibit the cells that do not express slp1, the blue ovals denote the cells
expressing slpl, the gray rectangles with “No” show no slp1 strips, and the blue rectangles represent
slp1 strips. TF abbreviations: Hb: Hunchback; Gt: Giant; Kr: Kriippel; Kni: Knirps; Tll: Tailess; Z1d:
Zelda; Opa: Odd-paired; Ftz: Fushi tarazu; X: represents an as yet unidentified Factor X.
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Dorsal (DI) protein is critical for the formation of dorsal-ventral (D-V) patterning. The DI protein is
initially uniformly distributed in the egg, but after the ninth cell division, the ventral DI protein begins
to migrate into the nucleus, and the dorsal DI protein remains in the cytoplasm, causing the formation
of a gradient of the DI protein along the D-V axis. This DI gradient triggers the formation of mesoderm,
neuroectoderm, dorsal ectoderm, and amnioserosa by specifically ordering the expression of different
regulatory genes along the D-V axis in early Drosophila embryos [43]. A high level of DI protein
activates the expression of twist (twi) and snail (sna), and inhibits the expression of decapentaplegic
(dpp) and zerkniillt (zen) in the mesoderm, and the intermediate levels of Dl activates the expression of
rhomboid (rho), while a low level of Dl activates the expression of tolloid (tld) and dpp in dorsal ectoderm
and zen in amnioserosa [40,43-47]. Dl-mediated transcriptional repression requires additional factors.
Groucho (Gro) is a corepressor of DI, and it is recruited by DI to bind to Gro-binding sites closing to
Dl-binding sites and other TF-binding sites [46,48,49].

3.1.2. Nervous System Development

Drosophila is an excellent model for studying the developmental mechanisms of the central nervous
system (CNS). CNS development is a multistep and complex process, and it requires a multitude of
TFs to precisely govern the expression of multiple neural development-related genes (Table S1).

The CNS initially forms in early embryos. In neuroblasts (NBs), TFs are sequentially expressed in
a cascade of Hb—Kr-Pdm—Castor (Cas)-Grainyhead (Grh), whose temporal regulation is crucial for the
generation of neuronal diversity [50]. Asymmetric cell division (ACD) of embryonic NBs produces two
daughter cells: a larger NBs and smaller ganglion mother cells (GMCs). GMCs perform a differentiation
function, and they differentiate to produce two neurons or glial cells after mitosis. Snail family proteins
play redundant and essential functions in GMC formation by controlling NB ACD [51,52]. Additionally,
Worniu (Wor) is continuously required in NBs to maintain NB self-renewal [53].

A much larger and more complicated CNS is established in the larval phase. A different TF
cascade (Hth—Ey-Slp-D-TIl) is sequentially activated in the optic lobe NBs, and it regulates temporal
expressed genes in type I NBs, resulting in the production of various types of nerve cells [50,54].

Approximately 100 NBs exist in the central brain, the majority of which are type I NBs, whereas
only eight are type II NBs. Type I NBs produce terminal dividing GMCs, while ACD of type Il NBs
first produce immature INPs (imINPs), that need to differentiate into mature INPs before dividing [55].
The marker proteins Asense (Ase) and Prospero (Pros), which determine NB identity, are expressed
in type I NBs and mature INPs, but are not expressed in type II NBs. At the end of ACD, Pros is
asymmetrically localized to the budding GMC, promoting GMC differentiation.

The ETS family protein Pointed P1 (PntP1) is specifically expressed in type II NBs and imINPs.
In type II NBs, Notch signaling inhibits erm activation by PntP1, allowing type II NBs to maintain
self-renewal and identity [56]. Furthermore, PntP1 represses Ase in type II NBs and promotes
the generation of INPs [57]. In imINPs, PntP1 prevents both the premature differentiation and
dedifferentiation of imINPs. The Sp family protein Buttonhead (Btd) also functions together with PntP1
to prevent premature differentiation by inhibiting pros expression in newly generated imINPs [58].

The ZF protein Earmuff (Erm) is indispensable for INP maturation. In imINPs, erm is activated
by PntP1 due to a lack of Notch signaling, and by rapid down-regulation of the activities of some
self-renewal transcriptional repressors [58,59]. Erm restricts the developmental potential of imINPs,
and exerts a negative-feedback effect on PntP1, allowing imINPs to express ase and mature [58,60].

3.1.3. Eye Development

The development and formation of Drosophila eyes depend on the retinal determination gene
network (RDGN), which consists of highly conserved genes encoding TFs and related cofactors that
are essential for eye formation [61]. As yet, some TFs are also found to be involved in the regulation
of eye development. Orthodenticle (Otd) and ecdysone receptor (EcR) is crucial for the regulation of
photoreceptor maturation [62]. Kr regulates the differentiation of photoreceptor neurons (PRs) in the
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Drosophila larval eye [63]. Camta, Lola, Defective proventriculus (Dve) and Hazy are key regulators of
PR differentiation in adult ocelli [63].

3.1.4. Trachea and Gland Formation

Gland formation is essential for insect development. The differentiation and morphogenesis of
trachea, corpora allata (CA), prothoracic glands (PG), and corpora cardiaca (CC) requires a proper TF
cascade during Drosophila embryogenesis, respectively [64]. The tracheal epithelial tubes develop from
10 trunk placodes, where Antennapedia (Antp) and STAT activate the expression of ventral veins lacking
(vol) and trachealess (trh) for trachea formation. The homologous ectodermal cells in the maxilla and
labium form CA and PG, respectively. In the maxilla, Deformed (Dfd) and STAT induce vvl and sna
expression, forming CA with specific-expressed mark seven-up (svp) after the epithelial-mesenchymal
transition (EMT). In the labium, Sex combs reduced (Scr) and STAT regulate vvl and sna expression,
forming PG with the mark gene spalt (sal) after MET. The CC cells are derived from anterior mesodermal
cells, and they specifically express the marker glass (g/). Likewise, the formation of salivary glands (SGs)
in Drosophila embryos is also regulated by a series of TFs [65] (Table S1). SG specification requires Scr
and two cofactors, Extradenticle (Exd) and Homothorax (Hth), which work together to activate several
early SG TFs, including Fkh, CrebA, Sage, and Huckebein (Hkb). Subsequently, Scr, Extradenticle
(Exd), and Homothorax (Hth) disappear, and they are not involved in maintaining SG-specific gene
expression. Hkb is transiently expressed in SGs, while Fkh, Sage, and CrebA are continuously
expressed in SGs, accounting for the maintenance and implementation of the SG fate decision.

3.1.5. Sex Determination

The sex determination mechanisms exhibit high diversity within and between insects, which
promotes the amazing diversity of insects on our planet [66]. The primary signal (e.g., X-chromosome
dose, M factor, parental imprinting) that commences sex determination is processed by the master
gene (e.g., sexlethal (sxI), transformer (tra) or feminizer (fem)) that carries out alternative splicing and
differentially expresses in different genders. The master gene then transmits the sex determination
signal to the conserved switch doublesex (dsx) to control sexual differentiation.

By contrast, the molecular basis of sex determination is well studied in Drosophila. SxI is the
master factor in Drosophila somatic sex determination, which contains two promoters, Sx/-Pe and
SxI-Pm [67]. In female embryos, the first SxI establishment promoter, SxI-Pe, is transiently activated by
a double dose of X-linked signal elements (XSE) or molecular genes to produce the functional protein
Sxl, which acts on pre-messenger RNAs (mRNAs) produced by the second constitutive promoter
SxI-Pm, to establish the splicing loop and to maintain SxI in an active state [68]. In contrast, in male
embryos, SxI-Pe remains inactive, producing a nonfunctional Sxl, and thereby directing the male
fate [69]. Several XSE that regulate Sx/-Pe have been identified in Drosophila, including scute (sc), sisA,
runt (run) and unpaired that encode TFs that serve as the primary determinants of X dose [70]. SxI-Pm
and SxI-Pe share a common regulatory element (a 1.4 kb region) that responds to the X chromosome
dose [67]. Some, but not all, of the X-linked signal TFs that regulate SxI-Pe, including Sc, Daughterless
(Da), and Run, are also required for the earliest expression of SxI-Pm [67].

The sex-determining initial signal of other insects is different from Drosophila’s X-chromosome
dose [71]. In addition, most insects use fra/fem as the master factor to sense and transmit the
primary signal instead of sx/ [71,72]. Similar to Drosophila sxI, tra/fem autoregulates to produce
the corresponding protein and perform gender differentiation.

The conserved TF dsx is downstream of master gene, and it is located at the bottom of the sex
determination cascade. Most insects contain only one dsx gene in their genome, while the generation of
multiple dsx splice variants (including DsxF and DsxM) occurs via sex-specific alternative splicing [73]
(Table S1). Dsx isoforms are sex-specifically expressed in the male or female to regulate the expression
of gender-related genes which then control sexual differentiation (Table S1).
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The upstream regulation mechanism for the sex determination of the lepidopteran model insect
B. mori has yet to be fully uncovered, and it is still a research hotspot in developmental biology.
Studying and clarifying the sex determination cascade of the representative insect can contribute to
our understanding of the insect sex determination molecular mechanism during adaptive evolution,
and provide new strategies for pest management.

3.1.6. Wing Imaginal Disc Development

The molecular mechanism underlying insect wing development and differentiation has been
a research hotspot for insect development. Decades of research have gradually revealed the molecular
mechanism of wing development, especially in Drosophila. Drosophila wings and legs originate
from a common pool of ectodermal cells that express the homeodomain gene Distal-less (DII) [74,75].
The concentration of Dpp protein decreases from dorsal to ventral. Under high concentrations of Dpp,
the dorsal-most cells expressing DIl migrate dorsally and induce the expression of vestigial (vg) to
form the original wing primordium, and later, two ZF genes, escargot (esg) and sna, are expressed to
maintain wing disc cell fate [75]. A low concentration of Dpp promotes leg primordium formation
from cells expressing DIl in the middle and lower regions. After the division and proliferation of
wing primordia, four compartments containing different cell populations are generated: cells in the
posterior (P) compartment express the homeodomain gene engrailed (en) while cells in the anterior
(A) compartment do not express en, and an A-P axis is formed in the first instar larvae; cells in
the dorsal (D) compartment express the homeobox gene apterous (ap), while cells in the ventral (V)
compartment do not express ap, and a D-V boundary is generated in the third instar larvae [76-78].
The proximal-distal (P-D) axis is also required for Drosophila wing development. Several TFs such as
Stat92E and Zinc finger homeodomain 2 (Zfh2) participate in the establishment of the P-D axis [79-82].
The wing imaginal disc along the P-D axis is partitioned into the distal pouch, hinge, surrounding
pleura, and notum [79]. Hth, Exd, Teashirt (Tsh), and three MADE-BESS family proteins, including
Hingel, Hinge2, and Hinge3, are essential for wing hinge formation [83-85].

3.1.7. Lipid Metabolism

Insect fat body is the central organization of insect growth, development, metamorphosis,
and reproduction, and many TFs in this tissue play an important role in the regulation of insect
lipid metabolism. Among them, FOXO is the major terminal TF for insulin/insulin-like growth
factor signaling (IIS), and it modulates lipid metabolism in some insects, including D. melanogaster,
Bombyx mori, and Glossina morsitans [86-89]. Har-Relish responds to 20E signaling, and it regulates fat
body dissociation in Helicoverpa armigera [90]. In Drosophila, activating transcription factor-2 (ATF-2)
and BFTZ-F1 participate in lipid metabolism [91,92]. In Aedes aegypti, hormone receptor 3 (HR3),
Thanatos-associated protein (THAP) and ATF-2 regulate the transcription of Sterol carrier protein 2
(SCP2), which is a critical factor for sterol absorption and transport [93,94]. Moreover, C/EBP may
directly regulate SISCPx expression in Spodoptera litura [95].

3.1.8. Circadian Clock Adjustment

The circadian clock system of most living organisms participates in the regulation of various
rhythmic behaviors and physiological functions. The Drosophila circadian rhythm is mainly regulated
by a transcriptional translation feedback loop (TTFL) that is centered on the master circadian
transcription complex Clock-Cycle (CLK-CYC). The CLK-CYC heterodimer directly activates the
transcription of the core circadian genes period (per) and timeless (tim) during the night [96].
Phosphorylated Per and Tim in turn repress the transcription of clk and cyc [97]. Later, Per and Tim are
degraded in the presence of light, allowing CLK-CYC to initiate the next cycle of transcription [98].
In addition, CLK-CYC activates the expression of hundreds of clock-controlled output genes such
as vrille (vri), Par Domain Protein 1e (Pdple), clockwork orange (cwo), and Mef2 [99-101]. In turn, VRI,
PDPIm and Cwo can also regulate the expression of clk and cyc [99], and Mef2 is involved in neuronal
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remodeling to facilitate locomotor activity rhythms [101]. Meanwhile, the NRs induced by ecdysone
are also involved in the regulation of insect rhythms. E75 and Unfulfilled (UNF; DHR51) strengthen the
CLK/CYC-mediated transcription of per by directly binding to the regulatory element [102]. In firebrat
Thermobia domestica, the normal circadian expression of E75 and HR3 is necessary for the maintenance
of locomotor rhythms [103].

3.1.9. Diapause Control

Diapause can facilitate insect survival from adverse environmental conditions, such as extreme
weather or reduced food availability. In H. armigera, multiple TFs, including Har-AP-4, POU-M2 (Vvl),
and FoxA control diapause by directly regulating the expression of diapause hormone and pheromone
biosynthesis-activating neuropeptide (DH-PBAN) [104-107]. In B. mori, POU-M2 is also essential for the
regulation of DH-PBAN [108], and BmILF is involved in the transcriptional regulation of POUM?2 [109].
Additionally, the diapause status of Pyrrhocoris apterus guts is triggered under a short photoperiod in
winter. Low-level JH leads to cry2 expression overriding Pdp1;,;, thus initiating the diapause-specific
program and activating the expression of the diapause downstream genes superoxide dismutase (sod)
and fransferrin (tf) in the gut [110].

3.1.10. Cuticular Protein Synthesis

Insect cuticular protein is one of the main components that constitute the insect stratum
corneum. Spatiotemporal expression of insect cuticular protein genes (ICPGs) is regulated by multiple
TFs, especially a series of 20E-response genes (Table S1). For example, the NR BFTZ-F1 is one
of the early found TFs to regulate IGPG expression, it can regulate the expression of EDG84A
and EDG74E in Drosophila [111], MSCP14.6 in Manduca sexta [112], and many ICPGs in B. mori.
In addition, the homeoprotein BmPOUM?2 interacts with BmAbd-A to regulate BmWCP4 gene
expression [113,114]. Although several TFs that regulate some ICPG expression have been identified,
multiple uncharacterized TFs that control other ICPGs warrant further investigation.

3.1.11. Cuticle Coloration Dictation

Insect body color and markings pattern are of great significance for insect survival and
reproduction. Abundant coloring patterns are displayed in butterfly adult wings and in the epidermis
of silkworm larvae and different species of fruit fly. Pigment patterning in Drosophila adults has been
intensively studied, and is regulated by pleiotropic regulatory TFs, including sex-determination genes
(e.g., Dsx), HOX genes (e.g., Abdominal-B (Abd-B)), and selector genes (e.g., Optomotor-blind (Omb) and
Engrailed (En) via the control of the expression of effector genes that encode the enzymes and co-factors
required for pigment biosynthesis [115,116]. The butterfly wing pattern is also regulated by multiple
patterning TFs such as Omb, Abd-B, Dsx, Sal, and En [116,117]. The TF Apt-like participates in B. mori
larval epidermal pigmentation or the melanin biosynthesis pathway by regulating the single genetic p
locus that contains at least 15 alleles, and produces a phenotypic diversity of pigment patterns [118].

Insect hyperpigmentation is a good model for studying insect adaptation, evolution and
development. Pigmentation diversity in insects can be attributed to changes in the expression levels of
transcriptional activators and changes in the cis-regulatory elements of the pigment synthesis gene
for TF binding [115]. Deciphering the mechanism of insect coloration regulated by TFs provides an
important reference for agricultural and forestry pest control, and ecological adaptability exploration.
Nonetheless, the current accumulated knowledge is not enough to allow us to fully understand the
complete regulation network of insect coloring pattern; thus, further studies are required to identify
regulatory TFs and to expound the regulatory mechanism.

3.1.12. Silk Protein Production

Silk is mainly composed of fibroin and sericin. Fibroin consists of the fibroin heavy chain (fibH),
fibroin light chain (fibL) and P25 proteins. These genes are specifically expressed in posterior silk
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gland (PSG) cells during the feeding stage of silkworm larval development, but they are suppressed
during the molting stage. The sericin-1 (serl) gene is expressed in the posterior of the middle silk
gland (MSG) before the fifth instar larvae, and its expressional region extends to the middle in the
fifth instar larvae. A variety of TFs jointly regulate the spatiotemporal expression of these silk protein
synthesis-related genes (Table S1). Many TFs have been reported to regulate fibH gene expression.
Among them, the bHLH TFs Dimmed (Dimm) and Sage usually form heterodimers with other proteins
to regulate fibH expression. For instance, Dimm directly activates fibH expression by interacting with
Sage [119]. Dimm can also act as a repressor of fibH by interacting with repressor MBF2 [120]. Sage
forms a complex with Fkh to enhance fibH expression [121]. Whether Dimm, Sage, and Fkh can form
a triplet to activate fibH transcription merits further study [119]. Relatively few TFs are known to
regulate fibL and P25 genes. Fkh and SGF2 positively regulate the expression of the fibL gene [122,123].
Fkh, SGF2, PSGF, and BMFA are involved in the regulation of P25 expression [124-126]. Some TFs that
positively regulate the expression of the sericin-1 gene have also been identified, including Fkh [127],
POU-M1 [128], and Antp [129]. Additionally, POU-M1 participates in the restriction of the anterior
boundary of the ser1 expression region [130]. Nevertheless, although many transcriptional activators
controlling the expression of silk protein synthesis-related genes have been identified, transcriptional
repressors inhibiting the expression of these genes at the molting stage, thereby limiting their spatial
expression, still remain largely unknown.

3.1.13. Molting and Metamorphosis Initiation

Insect larval molting and metamorphosis are coordinated by ecdysone and juvenile hormones
(JHs). The 20-hydroxyecdysone (20E, the biologically active form of ecdysone) induces larval-larval
molting in the presence of JHs, while 20E induces larval-pupal and pupal-adult metamorphosis upon
the disappearance of JHs [131].

20E regulates various physiological and biochemical processes in insects, especially molting and
metamorphosis [132]. TFs play an essential role in the regulation of ecdysone titers. Several TFs have
been identified to specifically regulate Halloween genes encoding a series of ecdysone biosynthetic
enzymes, to promote steroidogenesis (Figure 4A and Table S1). Among them, Séance (Séan), Ouija
board (Ouib), and Molting defective (Mld) are only found in Drosophila, they are, therefore, thought
to be evolved specifically to control the transcription of the two Halloween genes neverland (nvd)
and spookier (spok) in Drosophila [133]. Reduction of ecdysone titers regulated by TFs occurs in two
ways: inhibition of Halloween gene expression and the direct degradation of ecdysone (Figure 4A).
Hence, changes in ecdysone titer in insects are regulated by TFs via manipulating the synthesis and
degradation of ecdysone. Accordingly, the 20E regulatory cascades have been proposed [9]. In general,
20E signaling is transduced by NRs. Firstly, 20E binds to the EcR/Ultraspiracle (USP) complex,
and then the 20E/EcR/USP complex directly induces the early 20E-response genes including E74,
E75, and Broad-Complex (Br-C). Products of these early genes activate the later 20E-response genes,
which encode TFs to regulate the spatiotemporal expression of downstream targets. Furthermore,
the expression of some of the 20E-response genes is also controlled by both 20E/EcR/USP and early
responsive products.
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Figure 4. The 20-hydroxyecdysone (20E) and juvenile hormone (JH) signaling pathways regulating
insect molting, metamorphosis, and reproduction. (A) Regulation of ecdysone titer by TFs. Changes
in the ecdysone titers of insects are synergistically controlled by the synthesis and degradation of
ecdysone. A low level of ecdysone promotes TFs to specifically regulate the Halloween genes in PG,
thereby increasing steroidogenesis. A high level of ecdysone drives TFs to repress the expression
of Halloween genes and activate the expression of degradative enzyme genes to directly degrade
ecdysone, thus decreasing ecdysteroid titers. (B) Regulation of insect reproduction and metamorphosis
by JH signaling pathway-related TFs. The white hexagon on the left shows TFs regulating the synthesis
and degradation of JHs; the central hexagon represents JH binding to the JH receptor Met to regulate
the transcription of downstream target genes; the orange hexagons display the JH/Methoprene-tolerant
(Met) complex regulates downstream targets to control insect reproduction; the green hexagons indicate
metamorphosis; and the purple gradient ellipses denote the cofactors of Met.

JHs are synthesized and secreted by the corpora allata (CA) in insects. The prominent role of
JHs is to prevent the premature transition of immature larvae to pupae and adults [131]. There have
been several studies on JH regulation by TFs, as summarized above (Figure 4B). In Drosophila CA cells,
phosphorylated Mad shuttles into the nucleus, together with co-Smad, and triggers the expression
of the JH biosynthetic enzyme, jhamt [134]. TcVvl is upstream of JH signaling, and it is important
for the normal expression of the JH synthetic gene jhamt3 [135]. In addition, BmFOXO regulates JH
degradation by regulating the expression of JH-degrading enzyme genes JHE, JHEH, and JHDK [136].
In insects, JH signaling is primarily transduced by the JH receptor Met, which is a member of the
bHLH-PAS family and was originally identified in Drosophila mutants [137]. Met typically forms dimers
to directly regulate target gene transcription. SRC (also known as “FISC” or “Taiman”, hereinafter
referred to as SRC) is the most common coactivator of Met in multiple insects, including Drosophila,
A. aegypti, B. mori, and Tribolium castaneum [138-143]. In Drosophila, Met also forms homodimers or
forms heterodimers with another bHLH-PAS family member, Gcee, to perform functions [144,145].
The JH/Met-SRC/Kriippel homolog 1 (Kr-h1) cascade is conserved in both holometabolous and
hemimetabolous insects, and it mediates JH-repressed metamorphosis. The Kr-h1 gene is a direct target
of Met, and it encodes a C,H; ZF protein that plays a central role in the JH-mediated inhibition of
metamorphosis [142,143,146-148]. Kr-h1 inhibits the expression of the pupal specifier Br-C to prevent
premature metamorphosis from larva to pupa in the larval stage [134,149]. The transient peak of
Kr-h1 at the end stage of the last-instar larvae upregulates the expression of Br-C to allow for the
correct formation of the pupae, and inhibits the premature upregulation of E93 to prevent larvae from
bypassing the pupal stage and directly developing into adults [150,151].
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3.1.14. Reproduction Manipulation

One of the main reasons of pest outbreaks is the high fecundity of insects based on
oogenesis, which can be divided into three developmental stages: previtellogenesis, vitellogenesis,
and choriogenesis. Insect oogenesis is a complicated biological process that is coordinatively
controlled by various signaling pathways, especially the 20E and JH signaling pathways, as well
as multifarious TFs.

JH-regulated insect reproduction is mediated through the JH-receptor complex Met-SRC. In the
previtellogenesis of A. aegypti, Met-SRC regulates the expression of downstream genes, preparing
for subsequent vitellogenesis and egg development [152]. Met is capable of directly activating target
transcription, while the suppressing action of Met on targets is indirect and requires other mediators
such as Hairy [153]. Studies have shown that Hairy and its corepressor Gro in female A. aegypti
mediate the repression of 15% of Met-repressed genes [154]. Further studies are required to reveal
other mechanisms mediated Met action in gene repression [155]. In the migratory locust, the Met-SRC
complex directly regulates the expression of Mcm4, Mcm7, and Cdcé to promote DNA replication
and polyploidy for vitellogenesis and oocyte maturation [156,157]. The complex also induces the
expression of Grp78-2, which is required for insect fat body cell homeostasis and vitellogenesis [158].
In addition, Met-SRC directly activates the transcription of Kr-hl1 to promote vitellogenesis and
oocyte maturation [159]. In Cimex lectularius, Met-SRC also regulates vitellogenesis and ovigenesis
by the indirect regulation of Vg synthesis, but TFs downstream of Met that regulate the expression of
vitellogenin (Vg) still remain mysterious [160]. In female P. apterus, the Met-SRC complex is required
for JH-induced Vg expression during vitellogenesis [148]. Regulation of the reproductive status of the
P. apterus gut requires Met, as well as its cofactors CLK and CYC, to activate the expression of Pdp1;sy;,
which in turn upregulates the reproduction-associated genes lipase (lip), esterase (est) and defensin (def),
and suppresses Cryptochrome 2 (Cry2) and the diapause-related downstream genes superoxide dismutase
(sod) and transferrin (tf) [110]. Met-SRC is also involved in the regulation of male reproduction by
controlling the accessory gland proteins and hexamerins in fat bodies of male P. apterus [161].

Ecdysteroid-dependent regulation of insect oogenesis is induced by a series of NRs and 20E
response genes [152]. In A. aegypti, 20E regulates the vitellogenesis of female mosquitoes by regulating
the transcription of the Vg gene. In addition to regulation of midoogenesis, oocyte maturation and
oviposition, ecdysone regulates the very early steps of oogenesis, including niche formation, germline
stem cell (GSC) behavior, and cyst cell differentiation in Drosophila [152,162].

Most studies on the regulation of chorion gene expression by TFs mainly focus on the insect model
B. mori during the choriogenesis period [2]. The CCAAT-enhancer-binding protein (C/EBP) is a major
regulator of early/early-middle chorion gene expression in B. mori [95]. The relative concentration
of C/EBP is correlated with its differential binding affinity to the response elements, leading to the
activation or repression of targets [163]. Another two C/EBP-like proteins, the chorion bZIP factor
(CbZ) and C/EBPYy, can form the CbZ-C/EBPy heterodimer to repress chorion gene expression by
antagonizing the binding of C/EBP homodimers to the promoter [164]. The expression of the late
chorionic gene in silkworm is generally regulated by Bombyx Chorion Factors I (BCFI) and GATAf.
The Forkhead box transcription factor L2 (NIFoxL2) in Nilaparvata lugens directly activates follicle cell
protein 3C (NIFcp3C) to regulate chorion formation [165].

3.2. External Responses

Insect TFs also play an important role in the external response, which can improve the tolerance
of insects to adverse environments and protect them from diverse external stress.
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3.2.1. Biotic Factor Responses

Insect responses to biotic factors primarily includes immune responses to pathogens and viruses.
TFs play an essential role in humoral immunity, especially in the regulation of the production of
antimicrobial peptides (AMPs).

In insects, the regulation of inducible AMP genes relies mainly on NF-«B factors that are activated
by the intracellular Toll or Imd signaling pathway when infected by pathogens and parasites. Drosophila
is used as a model to investigate the innate immune mechanism. Three NF-kB proteins have been
identified in Drosophila: D1, Dorsal-related immunity factor (Dif), and Relish. These proteins contain
the N-terminal Rel-homology domain (RHD) that is used for DNA binding and dimerization [166].
However, only Relish contains an inhibitor of inhibitor kB (IkB) domain [167]. These NF-«B proteins are
activated by two distinct pathways: the Toll and Imd signaling pathways. When Drosophila are infected
with Gram-positive bacteria, fungi, and viruses, the Toll pathway is responsible for the activation
of the NF-kB proteins DI and Dif. It first causes the dissociation of Dif-Cactus and Dorsal-Cactus
complexes in the cytoplasm, and then Dif and DI translocate to the nucleus and activate the expression
of specific AMP genes such as Drosomycin (Drs) [168-170]. The immune deficiency (Imd) pathway is
activated upon infection by Gram-negative bacteria, leading to the endoproteolytic cleavage of the
Relish protein in the cytoplasm. Subsequently, its N-terminal fragment containing RHD translocates to
the nucleus and activates expression of AMP genes [171].

NEF-kB factors can form homodimers or heterodimers to regulate AMPs expression. The Drosophila
Dif-Relish heterodimer linked by a flexible peptide linker can activate Diptericin (Dipt) and CecAl [172].
However, it is still unclear whether Dif-Relish or DI-Relish heterodimers actually form in vivo [172,173].
In addition, several cofactors interacting with NF-«B proteins have also been identified in Drosophila,
including the coactivators Dip4/Ubc9 [174] and Dip3 [174,175], the three POU proteins Pdm1, Pdm?2,
and Dfr/Vv1 [176], as well as corepressors such as Cautus and Gro [46,48,168].

The homologs of Drosophila DI and Relish have been found in other insects, which also regulate
the expression of inducible AMP genes in responses to pathogens and parasites (Table S1). A. gambiae
and A. aegypti have two NF-«kB genes: REL1 and REL2, which are the homologues of DmDI and
DmRelish, respectively [177-182]. AGREL2 gene encodes two REL2 isoforms REL2-Full and REL2-Short,
through alternative splicing of the REL2 gene [179]. The IMD/REL2-Full cascade defends against
Gram-positive Staphylococcus aureus, and regulates the intensity of mosquito infection with the
malaria parasite Plasmodium berghei, whereas REL2-Short is resistant against the Gram-negative
Escherichia coli [179]. The AaREL1 gene encodes two isoforms, AaREL1-A and AaREL1-B, which
are the key activators of the Toll-mediated antifungal immune pathway to activate the expression of
Dipt and Drs, and elevate defense against the fungus Beauveria bassiana [180]. The AaREL2 gene encodes
three isoforms: REL2-Full, containing the RHD and the IkB-like domain, REL2-Short, comprising
RHD, and REL-IkB, with only the IkB-like domain [183]. All three Relish transcripts 