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Abstract: Since ancient times, the importance of physical activity (PA) and of a wholesome diet for
human health has been clearly recognized. However, only recently, it has been acknowledged that PA
can reverse at least some of the unwanted eﬀects of a sedentary lifestyle, contributing to the treatment
of pathologies such as hypertension and diabetes, to the delay of aging and neurodegeneration,
and even to the improvement of immunity and cognitive processes. At the same time, the cellular
and molecular bases of these eﬀects are beginning to be uncovered. The original research articles and
reviews published in this Special Issue on “Genetic and Epigenetic Modulation of Cell Functions by
Physical Exercise” focus on diﬀerent aspects of the genetics and molecular biology of PA eﬀects on
health and, in addition, on the eﬀects of diﬀerent genotypes on the ability to perform PA. All authors
have read and agreed to the published version of the manuscript.
Keywords: physical activity; physical exercise; aerobic exercise; exercise and health

1. Introduction
The importance of exercise for health had already been recognized by ancient physicians [1]:
for example, Hippocrates (c460–c370 BC) underlined that: “eating alone will not keep a man well,
he must also take exercise” [1–3]. Moreover, Hippocrates considered exercise like a medicine and was
the ﬁrst recorded physician to provide a detailed written exercise prescription [Tipton, 2014]. Similarly,
Herophilus (c335–c280 BC.) believed that exercise and a healthy diet were fundamental for maintaining
a healthy body and a healthy mind [4]. Over the centuries, this belief has been expressed and clariﬁed
in detail many times [1,5]. Only recently, however, we have been starting to understand the cellular
and molecular bases of the detrimental eﬀects on health of a sedentary lifestyle, as well as the reasons
why physical activity (PA) can function as a medicine to counteract these eﬀects.
This Special Issue was destined to discuss how cell functions can be modulated at both the genetic
and the epigenetic level by physical exercise. Some of the original papers also deal with the eﬀects of
gene variants on the ability to perform PA.
2. Eﬀects of Physical Exercise on Cardiovascular Disease, Inﬂammation, and Immunity
The fact of the matter is that PA can counteract the development of hypertension in a
dose-dependent manner [6]. This ﬁnding is of high relevance when we consider that hypertension is a
widespread disorder as well as the most common risk factor for cardiovascular disease (CVD), which,
in turn, is one of the leading causes of death [7–9]. In spite of these clear correlations, however, only
a few patients with hypertension actually exercise. As discussed in one of the reviews published in
this Special Issue, the reasons for the lack of interest in PA of most patients are many; one of them,
however, can be found in the genetically determined eﬃcacy of exercise, as shown in a systematic
review of studies published in Pubmed and other data banks, describing the association between
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candidate genes and the antihypertensive eﬀects of exercise [10]. These data have been used to derive
a signature of genes related to blood pressure and exercise eﬀects; the corresponding gene exons have
been deep-sequenced. From this study, the approach based on deep-sequencing of systematically
assembled signature of genes emerges as a cost- and time-eﬃcient way to predict the antihypertensive
eﬀects of exercise. The conclusions are relevant for the long-term goal of the described work, that is
to develop personalized exercise prescriptions based upon genetic predispositions and other clinical
features of the patients [10].
A condition that seemingly links PA and CVD is inﬂammation, evaluated as the number of
circulating white blood cells [11]. In their study, published in this Special Issue, Prins and co-workers [12]
investigated the association between the genetic substrate and the ability to perform exercise, together
with the association between systemic inﬂammation and PA. Brieﬂy, 68 nucleotide polymorphisms,
objectively associated with speciﬁc levels of PA, were analyzed, focusing on circulating blood cells.
Notably, the authors report that increased PA ability correlates with decreased inﬂammation and fewer
circulating lymphocytes and eosinophils [12].
Modiﬁcations induced by acute bouts of exercise were also evidenced in natural killer (NK) cells
of the innate immune system, puriﬁed from peripheral blood. In particular, in a pilot study described
in this Special Issue, Schenk and co-workers found that the DNA methylation level of 25 genes with
diﬀerent regulatory roles was changed in ﬁve women after an incremental step test done using a
bicycle ergometer [13]. Although this ﬁnding is preliminary and new studies are necessary to correlate
the methylation of these genes with functional eﬀects, it is anyway of note, since it suggests that
exercise can induce epigenetic adaptations, possibly responsible for the improvement of immune
system functions.
3. Impact of Physical Exercise on Body Mass Index and Lipid Metabolism
Obesity is a leading risk factor for many chronic pathologies, such as CVD and diabetes.
The main causes of obesity lie in a positive balance between intake and expenditure of calories,
in the consumption of high-energy food [14], and in a sedentary lifestyle, very often also linked to
socio-economic conditions [15]. As described in one of the papers published in this Special Issue,
a fundamental role for human health and disease is also played by the gut microbial communities
(microbiota), initially established at birth but further enriched in the ﬁrst 3–4 years of life. Importantly,
quality and vitality of these communities are inﬂuenced by environmental and nutritional cues [16].
Obviously, the genetic background also has an impact on obesity, since it inﬂuences the
susceptibility to metabolic adaptations [17]. Among the genes that have been linked to obesity,
that encoding the Fat mass and obesity-associated protein (FTO) is one of the best known [17]. In mice
models, it has been shown that some FTO deletions and point mutations cause an increase of metabolic
rate, while FTO overexpression induces dyslipidemia [17]. On the other hand, some FTO variants have
been associated with obesity in humans, although the underlying molecular mechanisms have not been
completely clariﬁed. One interesting observation concerns the fact that FTO is an N6-methyl-adenosine
RNA demethylase that might act as a post-transcriptional epigenetic eﬀector [18]. In an original
study reported in the present issue, the eﬀect on body mass index (BMI) of the obesity-inducing FTO
rs3751812 variant has been analyzed in Taiwanese adults who exercise in comparison with individuals
who do not exercise [19]. As expected, individuals with the variant gene both in heterozygosity
and homozygosity had a higher BMI than wild-type individuals. However, obesity susceptibility,
measured as BMI increase, induced by the FTO variant, was found to be reduced by PA [19]. In another
paper of this Special Issue, the authors studied the possible correlation between aerobic exercise and
high-density lipoprotein-associated cholesterol (HDL-C) in a large group of 30–70-year-old individuals
with diﬀerent BMI and waist/hip ratio (WHR). The impact of a single nucleotide polymorphism on
hepatic lipase (rs1800588 variant) was also analyzed [20]. The results reported in the paper show that,
as expected, individuals with abnormal BMI and/or abnormal WHR had signiﬁcantly lower HDL-C
levels with respect to individuals with normal parameters. Notably, aerobic exercise signiﬁcantly
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induced higher values of HDL-C in comparison with no exercise [20]. On the other hand, the authors
found that in individuals with a CC genotype, HDL-C was not modiﬁed by aerobic exercise in any
of the BMI and WHR classes. This ﬁnding conﬁrms the idea that the eﬀect of PA can be diﬀerent in
diﬀerent genetic (and perhaps epigenetic) backgrounds (Figure 1).

Figure 1. As described in this Special Issue, physical activity (PA) has a beneﬁcial eﬀect on the functions
of most tissues in the body, from the heart and circulation to the immune and nervous systems. It can
also help in reducing or at least in contrasting obesity, diabetes, and other chronic pathologies, by itself
or in association with conventional drugs. However, it is increasingly clear that the genetic (and
probably the epigenetic) background of a patient can have both positive and negative eﬀects on the
eﬃcacy of exercise. Thus, an important goal for the future should be to identify panels of genes that
control the responses to PA.

4. Impact of the Genetic Background on PA
As discussed in paragraph 1, the eﬃcacy of exercise can be genetically determined. On the other
hand, the ability to perform PA can be inﬂuenced by the genotype. In one of the original papers
published in this Special Issue, Del Coso and co-workers [21] analyzed the exercise phenotypes of
recreational marathon runners endowed with diﬀerent variants of the gene encoding α-actinin-3
(ACTN3). Normally, the expression of this protein is limited to fast-type muscle ﬁbers. Individuals
homozygotes for a null allele (X) of the gene partially compensate by expressing a higher amount of
α-actinin-2 in fast-type ﬁbers, a process that, however, does not prevent increased susceptibility to
contraction-induced damage [22]. It was reported that the ACTN3 genotype might inﬂuence exercise
phenotypes in recreational marathoners [22]. In particular, deﬁciency of α-actinin-3 seems to correlate
with higher body fatness, lower muscle strength, and higher muscle ﬂexibility [21].
The role of genetic background in exercise aptitude is also the topic of another original article
of this Special Issue. In this work, 451 subjects were genotyped for gene variants correlated
with diﬀerent functional and metabolic parameters (among which inﬂammation, vascular function,
carbohydrate metabolism, and lipid metabolism). Speciﬁc questionnaires were also used to evaluate
both quantitatively and qualitatively the average physical exercise level [23]. Notably, the authors
found that the carriers of a minor allele of the gene encoding glucokinase regulator (GCKR) tended
to show a greater frequency of physical exercise in comparison to the major homozygous genotype
carriers [23].
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5. Other PA Eﬀects
As a consequence of the hypoxia that often accompanies endurance exercise, oxygen transportation
has to be increased in both well-trained and amateur athletes. An increase of oxygen requirement
means, in turn, an increase in hemoglobin and myoglobin and thus aﬀects iron concentration and
availability, as well as the synthesis of proteins (enzymes, transporters, and regulators) involved in
iron and heme metabolism. The levels of mRNAs encoding some of these proteins have been studied
by Grzybkowska and co-workers [24] in the leukocytes of 24 amateur runners, before a marathon and
3 h and 24 h after running [24]. The results show a signiﬁcant modiﬁcation of gene expression and
serum iron and C-reactive protein levels, while ferritin concentration remained unchanged. Notably,
the authors found that the running pace also inﬂuence the levels of the studied mRNAs [24].
Finally, this Special Issue also includes a review paper that summarizes bibliographic data
suggesting that PA improves cognitive processes and memory, together with exerting analgesic and
antidepressant eﬀects [25]. The potential mechanisms underlying the eﬀects of PA on brain health are
discussed, taking into account hormones, neurotrophines, and neurotransmitters, the release of which
is modulated by PA. When already discovered, intra- and extracellular pathways that regulate the
expression of some of the genes involved in the neuroprotective and anti-aging eﬀects of PA on brain
health are also discussed Notably, experiments are reported that suggest that PA can also function as a
medicine in the therapy of neurodegeneration [25].
6. Conclusions
In conclusion, this Special Issue has tried to open a forum on the eﬀects of PA on diﬀerent functions
of our body. The results collected concern diﬀerent aspects of exercise impact, from the eﬀects on the
heart and circulation to those on the immune and nervous systems. The results reported in both the
reviews and the original papers show that, in most cases, PA can be considered as a real therapy, to be
used both alone and in association with conventional drugs.
Notably, however, in most articles, it is clearly shown that the genetic (and probably the epigenetic)
background can aﬀect all the PA eﬀects (Figure 1). Thus, probably, as a long-term goal, the studies
on the therapeutic eﬀects of PA should also take into account the speciﬁc genome of each athlete
or patient considered. Actually, this concept is not new: it is becoming increasingly clear, indeed,
that these considerations apply to any therapy, even if we are not yet ready to integrate them into
treatment designs.
Funding: This research received no external funding
Conﬂicts of Interest: The author declares no conﬂicts of interest
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Abstract: Background: Exercise is one of the best nonpharmacologic therapies to treat hypertension.
The blood pressure (BP) response to exercise is heritable. Yet, the genetic basis for the antihypertensive
eﬀects of exercise remains elusive. Methods: To assemble a prioritized gene signature, we performed a
systematic review with a series of Boolean searches in PubMed (including Medline) from earliest
coverage. The inclusion criteria were human genes in major BP regulatory pathways reported to be
associated with: (1) the BP response to exercise; (2) hypertension in genome-wide association studies
(GWAS); (3) the BP response to pharmacotherapy; (4a) physical activity and/or obesity in GWAS;
and (4b) BP, physical activity, and/or obesity in non-GWAS. Included GWAS reports disclosed the
statistically signiﬁcant thresholds used for multiple testing. Results: The search yielded 1422 reports.
Of these, 57 trials qualiﬁed from which we extracted 11 genes under criteria 1, 18 genes under criteria
2, 28 genes under criteria 3, 27 genes under criteria 4a, and 29 genes under criteria 4b. We also
included 41 genes identiﬁed from our previous work. Conclusions: Deep-sequencing the exons of
this systematically assembled signature of genes represents a cost and time eﬃcient approach to
investigate the genomic basis for the antihypertensive eﬀects of exercise.
Keywords: antihypertensive therapy; healthy lifestyle; physical exercise

1. Introduction
Cardiovascular disease (CVD) is the leading cause of death worldwide, claiming 31% (17.5 million)
of deaths globally [1,2]. Hypertension is the most common, costly, and preventable CVD risk factor [1].
The American College of Cardiology (ACC)/American Heart Association (AHA) recently redeﬁned
hypertension to a lower blood pressure (BP) threshold of 130 mmHg for systolic BP (SBP) or 80 mmHg
for diastolic BP (DBP) [3]. This change has been met with some opposition. Nonetheless, the lower BP
thresholds now classify 50% of adults in the United States with hypertension [1], underscoring the
importance of hypertension as a public health problem.
The authors of the AHA/ACC report rated exercise as one of the best nonpharmacologic
therapies to treat hypertension because aerobic exercise training lowers BP 5–8 mmHg among
adults with hypertension [3]. The magnitude of these BP reductions rival those that result from taking
antihypertensive medication [4,5], may lower the risk of CVD risk by 4–22% and stroke by 6–41% [6–8],
and reduce the resting BP of some adults with hypertension into normal ranges [9,10]. Accordingly,
professional organizations from around the world recommend adults with hypertension participate in
30–60 min/day of aerobic exercise, such as walking or jogging, on most days of the week [5,11].
Genes 2019, 10, 295; doi:10.3390/genes10040295
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Despite the well-documented antihypertensive beneﬁts of exercise, many adults with hypertension
do not exercise to lower their BP [12,13]. Reasons for this non-adherence are varied; however, one reason
relevant to the topic of this systematic review is that there is signiﬁcant inter-individual variability in the
BP response to exercise partially attributed to genetic predispositions that led some to believe exercise
does not work as antihypertensive therapy [14,15]. Indeed, investigators from the HEalth, RIsk Factors
Exercise TrAining and GEnetics or HERITAGE Family Study involving over 700 subjects established
the BP response to aerobic exercise is heritable (h = 0.13–0.42) [14,16–19]. Nearly 20 years ago this
discovery prompted our laboratory group [20–24] and others [16–19,25] to conduct candidate genes
association studies to identify genetic variants that account for a clinically meaningful proportion of the
variability in the BP response to exercise. However, these eﬀorts have met with little success [17,25,26].
More recently, we exploited advances in genomic technology that emerged since our discovery
phase candidate gene association studies as well as other strategies to bolster our statistical power to
detect genetic variants associated with the BP response to exercise in a replication cohort of subjects with
hypertension whose characteristics resembled those from our earlier studies. In this series of studies,
we deep-sequenced the exons of genes using the Illumina TruSeq Custom Amplicon kit (Catalog#
FC-130-1001, Illumina, San Diego, CA, USA) on a prioritized signature of 41 BP and exercise genes
that contained genes identiﬁed from our prior work in addition to those obtained from a systematic
review of the literature of genes reported to be associated with hypertension or the BP response to
exercise or pharmacotherapy [27–29]. After adjustment for multiple testing, despite the small sample
size, we found variants in 61% of the 41 genes in the prioritized panel associated with the BP response
to exercise. We attributed the high proportion of the signiﬁcant BP-genotype associations that we
found to a focused inquiry of variants with a gene signature obtained from a systematic review of
the literature that reduced the search space within the genome; and the use of high throughput exon
sequencing to concentrate on functional gene regions and standardized BP and exercise protocols that
were well controlled and closely supervised.
The purpose of this systematic review is to update and expand our original systematic review to
assemble a prioritized signature of BP and exercise genes whose exons can then be deep-sequenced
among a larger, more ethnically and gender diverse sample of adults that were reported in the qualifying
studies to have hypertension to better inform the genomic basis for the antihypertensive eﬀects of
exercise. The long-term goal of this work is to develop personalized exercise prescriptions based upon
genetic predispositions and other clinical characteristics to optimize the BP beneﬁts of exercise.
2. Systematic Review Methods
This systematic review followed the speciﬁcations of the Preferred Reporting Items for Systematic
Reviews and Meta-Analyses (PRISMA) statement [30,31]. A series of comprehensive Boolean searches
were run in PubMed (including Medline). The ﬁrst search replicated the original search done by
Bruneau et al. [25] in the four databases of Medline, Biosis, Scopus, and Web of Science and included
contiguous dates. The additional three searches were run from earliest coverage to 11 May 2017 to locate
trials that met our predetermined inclusion criteria. These a priori criteria were human genes in major
BP regulatory pathways reported to be associated with: (1) the BP response to exercise; (2) hypertension
in genome-wide association studies (GWAS); (3) the BP response to pharmacotherapy; (4a) physical
activity and/or obesity, a major risk factor for hypertension as 80% of adults with hypertension are
overweight to obese [32] in GWAS; and (4b) BP, physical activity, and/or obesity in non-GWAS from
relevant reference searches of the authors’ ﬁles. We also included the genes from the prioritized
signature of BP and exercise genes from our previous work [27–29].
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The major regulatory BP pathways that a qualifying gene could be in were the renin angiotensin
aldosterone system, endothelial nitric oxide synthase pathway, and/or the sympathetic nervous
system, and/or pathways involved with vascular function and structure, ﬂuid and electrolyte control,
inﬂammation, insulin sensitivity, lipid metabolism, and obesity. Of note, many of the GWAS we
initially located as indicating they involved genes associated with hypertension upon closer scrutiny
involved genes associated with resting BP rather than hypertension per se so that they were excluded.
In all GWAS for the gene to be included on the panel, the reported associations with the BP response to
exercise must have met preestablished statistically signiﬁcant thresholds for multiple testing which is
commonly set at p = 5 × 10−8 . The full search strategy for each of the four a priori criteria are depicted
in Tables 1–4.
Table 1. Criteria 1: Genes (n = 11) in major blood pressure regulatory pathways associated with the
blood pressure response to exercise. Two searches were conducted on 05/11/2017 and a total of 321
records were identiﬁed.

Search 1:

(2006/01:2017/06 [edat]) AND (“mean arterial” OR “blood pressure”[mesh] OR “blood pressure” OR “blood
pressures” OR “arterial pressure” OR “arterial pressures” OR hypertension OR hypotension OR
normotension OR hypertensive OR hypotensive OR normotensive OR “systolic pressure” OR “diastolic
pressure” OR “pulse pressure” OR “venous pressure” OR “pressure monitor” OR hypotension OR “pre
hypertension” OR “bp response” OR “bp decrease” OR “bp reduction” OR “bp monitor” OR “bp monitors”
OR “bp measurement”) AND (“exercise”[mesh] OR exercise OR exercises OR running[mesh] OR “bicycle”
OR “bicycles” OR “bicycling” OR walking[mesh] OR treadmill* OR “weight lifting” OR “weight training”
OR “weight bearing” OR “resistance training” OR “strength training” OR “endurance training” OR “speed
training” OR “training duration” OR “training frequency” OR “training intensity” OR “aerobic endurance”)
AND (“randomized controlled trial”[pt] OR “nonrandomized controlled” OR “nonrandomized control” OR
controlled clinical trial[pt] OR “randomized controlled trial”[publication type] OR random allocation[mh] OR
clinical trial[pt] OR “comparative study” OR “comparative studies” OR clinical trials[mh] OR “clinical
trial”[tw] OR “latin square”[tw] OR random*[tw] OR research design[mh:noexp] OR “comparative
study”[publication type] OR “evaluation studies”[publication type] OR “prospective studies”[mh] OR
“cross-over studies”[mh] OR “control”[tw] OR “controlled”[tw]) AND (“gene” OR “genes” OR “genotype”
OR “genotypes” OR “snp” OR polymorphism* OR “DNA” OR “minor allele” OR “minor alleles” OR “single
nucleotide polymorphism” OR “single nucleotides polymorphisms” OR genetic*) NOT (“DASH”[tiab] OR
“cancer” OR “neoplasms” OR “review”[pt] OR “ﬁbromyalgia” OR “alzheimers” OR “alzheimer” OR
“pregnant” OR “pregnancy” OR “obesity/drug therapy”[mesh] OR “diet therapy”[mesh] OR “diet
therapy”[subheading] OR “caﬀeine” OR “eating change” OR “activities of daily living” OR “dehydration”
OR “dehydrate” OR “dehydrated” OR “dietary salt” OR “epilepsy” OR “inﬂuenza” OR “ﬂu” OR
“pneumonia” OR “septicemia” OR “hiv” OR “Acquired Immunodeﬁciency Syndrome” OR “meningitis” OR
“substance abuse” OR “alcoholism” OR “drug abuse” OR “Cross-Sectional Studies”[MeSH Terms] OR
“Prospective Studies”[MeSH Terms] OR “epidemiology”[Subheading]).

Search 2:

(“mean arterial” OR “blood pressure”[mesh] OR “blood pressure” OR “blood pressures” OR “arterial
pressure” OR “arterial pressures” OR hypertension OR hypotension OR normotension OR hypertensive OR
hypotensive OR normotensive OR “systolic pressure” OR “diastolic pressure” OR “pulse pressure” OR
“venous pressure” OR “pressure monitor” OR hypotension OR “pre hypertension” OR “bp response” OR “bp
decrease” OR “bp reduction” OR “bp monitor” OR “bp monitors” OR “bp measurement”) AND
(“ambulatory blood pressure” OR “exercise”[mesh] OR exercise[ti] OR exercises OR running[mesh] OR
running[ti] OR “bicycle” OR “bicycles” OR “bicycling” OR walking[mesh] OR walking[ti] OR treadmill* OR
“weight lifting” OR “weight training” OR “weight bearing” OR “resistance training” OR “strength training”
OR “endurance training” OR “speed training” OR “training duration” OR “training frequency” OR “training
intensity” OR “aerobic endurance” OR “aerobic training”) AND (gwa[ti] OR gwas[ti] OR genome[ti] OR
“gene”[ti] OR “genes”[ti] OR “genotype”[ti] OR “genotypes”[ti] OR “genotyping”[ti] OR “snp”[ti] OR
“snps”[ti] OR polymorphism*[ti] OR “DNA”[ti] OR allele[ti] OR alleles[ti] OR “minor allele” OR “minor
alleles” OR “single nucleotide polymorphism” OR “single nucleotides polymorphisms” OR genetic*[ti] OR
“trait locus”[ti] OR “loci”[ti] OR “Genetic Predisposition to Disease”[MeSH] OR “Genotype”[MeSH] OR
“Gene Frequency”[MeSH] OR “Polymorphism, Single Nucleotide/genetics”[MESH] OR “Polymorphism,
Single Nucleotide”[MAJR] OR “Genetic Loci”[Mesh] OR “Genetic Association Studies”[Mesh] OR “Genetic
Variation”[Mesh]) NOT (“DASH”[tiab] OR “cancer” OR “neoplasms” OR “review”[pt] OR “ﬁbromyalgia”
OR “alzheimers” OR “alzheimer” OR “pregnant” OR “pregnancy” OR “obesity/drug therapy”[mesh] OR
“diet therapy”[mesh] OR “diet therapy”[subheading] OR “caﬀeine” OR “eating change” OR “activities of
daily living” OR “dehydration” OR “dehydrate” OR “dehydrated” OR “dietary salt” OR “epilepsy” OR
“inﬂuenza” OR “ﬂu” OR “pneumonia” OR “septicemia” OR “hiv” OR “Acquired Immunodeﬁciency
Syndrome” OR “meningitis” OR “substance abuse” OR “alcoholism” OR “drug abuse” OR “Cross-Sectional
Studies”[MeSH Terms] OR “Prospective Studies”[MeSH Terms] OR “epidemiology”[Subheading]).
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Table 2. Criteria 2: Genes (n = 18) in major blood pressure regulatory pathways associated with
hypertension in genome wide association studies. The search was conducted on 05/11/2017 and a total
of 188 records were identiﬁed.
(“mean arterial” OR “blood pressure”[mesh] OR “blood pressure” OR “blood pressures” OR “arterial pressure” OR “arterial pressures” OR
hypertension OR hypotension OR normotension OR hypertensive OR hypotensive OR normotensive OR “systolic pressure” OR “diastolic
pressure” OR “pulse pressure” OR “venous pressure” OR “pressure monitor” OR hypotension OR “pre hypertension” OR “bp response” OR
“bp decrease” OR “bp reduction” OR “bp monitor” OR “bp monitors” OR “bp measurement” OR “Blood Pressure/genetics”[MeSH]) AND
(“resting blood pressure” OR “resting BP” OR “exercise”[mesh] OR exercise[ti] OR exercises OR running[mesh] OR running[ti] OR “bicycle”
OR “bicycles” OR “bicycling” OR walking OR walking[mesh] OR walking[ti] OR treadmill* OR “weight lifting” OR “weight training” OR
“weight bearing” OR “resistance training” OR “strength training” OR “endurance training” OR “speed training” OR “training duration” OR
“training frequency” OR “training intensity” OR “aerobic endurance” OR “aerobic training” OR “physical activity” OR “motor
activity”[mesh] OR Overweight OR “Overweight”[Mesh] OR BMI OR “body mass” OR “Body Mass Index”[MeSH] OR “Waist
Circumference”[MeSH] OR obesity OR “Obesity”[Mesh] OR obese) AND (gwa OR gwas OR “Genetic Association Studies”[Mesh] OR
genomewide OR “genome wide” OR “genomewide association” OR “genome wide association” OR “genome-wide interaction”) NOT
(“review”[pt] OR “Cross-Sectional Studies”[MeSH Terms] OR Comment[pt] OR Editorial[pt] OR Letter[pt] OR “Case Reports”[pt] OR “case
control”[ti] OR “case report”[ti] OR “case study”[ti] OR “case series”[ti] OR “Case-Control Studies”[Mesh] OR “Follow-Up Studies”[Mesh]
OR “observational study”[ti] OR “prospective cohort”[ti] OR “cohort studies” [Mesh:NoExp] OR “cohort study”[ti] OR “Longitudinal
Studies” [Mesh:NoExp] OR “Follow-Up Studies”[mesh] OR “Retrospective Studies”[mesh] OR “non-randomized”[ti] OR “follow up
study”[ti] OR “Cross-Sectional Studies”[MeSH Terms] OR “Prospective Studies”[MeSH Terms] OR “epidemiology”[Subheading] OR
“pulmonary hypertension” OR “pulmonary arterial hypertension” OR “heart transplant” OR “heart failure” OR “cystic ﬁbrosis” OR “cancer”
OR “neoplasms” OR “ﬁbromyalgia” OR “alzheimers” OR “alzheimer” OR “pregnant” OR “pregnancy” OR “obesity/drug therapy”[mesh]
OR “diet therapy”[mesh] OR “diet therapy”[subheading] OR “DASH”[tiab] OR meal[ti] OR “nutritional intervention” OR “dietary
intervention” OR “nutritional counseling” OR “dietary counseling” OR “caﬀeine” OR “eating change” OR “activities of daily living” OR
“dehydration” OR “dehydrate” OR “dehydrated” OR “dietary salt” OR sodium OR “epilepsy” OR “inﬂuenza” OR “ﬂu” OR “pneumonia”
OR “septicemia” OR arthritis OR “hiv” OR “Acquired Immunodeﬁciency Syndrome” OR “meningitis” OR “substance abuse” OR
“alcoholism” OR “drug abuse” OR “spinal cord”[ti] OR “Sleep”[Majr] OR “Sleep Apnea Syndromes”[Majr] OR sleep[ti] OR
contraceptive*[ti] OR (animals[mesh] NOT humans[mesh]) OR rat[ti] OR rats[ti] OR mouse[ti] OR mice[ti] OR pig[ti] OR pigs[ti] OR dog[ti]
OR dogs[ti] OR canine[ti] OR cow[ti] OR cows[ti] OR bovine[ti]).

Table 3. Criteria 3. Genes (n = 28) in major blood pressure regulatory pathways associated with the
blood pressure response to pharmacotherapy. The search was conducted on 05/11/2017 and a total of
711 records were identiﬁed.
(“mean arterial” OR “blood pressure”[mesh] OR “blood pressure” OR “blood pressures” OR “arterial pressure” OR “arterial pressures” OR
hypertension OR hypotension OR normotension OR hypertensive OR hypotensive OR normotensive OR “systolic pressure” OR “diastolic
pressure” OR “pulse pressure” OR “venous pressure” OR “pressure monitor” OR hypotension OR “pre hypertension” OR “bp response” OR
“bp decrease” OR “bp reduction” OR “bp monitor” OR “bp monitors” OR “bp measurement” OR “Blood Pressure/genetics”[Mesh]) AND
(“Antihypertensive Agents”[Mesh] OR “Antihypertensive Agents” [Pharmacological Action] OR “anti-hypertensive agent” OR
“antihypertensive agent” OR “anti hypertensive agent” OR “anti-hypertensive agents” OR “antihypertensive agents” OR “anti hypertensive
agents” OR “anti-hypertensive drug” OR “antihypertensive drug” OR “anti hypertensive drug” OR “anti-hypertensive drugs” OR
“antihypertensive drugs” OR “anti hypertensive drugs” OR “anti-hypertensive medication” OR “antihypertensive medication” OR “anti
hypertensive medication” OR “anti-hypertensive medications” OR “antihypertensive medications” OR “anti hypertensive medications” OR
“anti-hypertensives” OR antihypertensives OR “anti hypertensives” OR diuretic OR diuretics OR “Diuretics”[Mesh] OR acebutolol OR
aliskiren OR Ambrisentan OR amlodipine OR atenolol OR “azilsartan medoxomil” OR benazepril OR betaxolol OR bisoprolol OR bosentan
OR “candesartan cilexetil” OR captopril OR carteolol OR carvedilol OR chlorthalidone OR clonidine OR cilazapril OR clevidipine OR
deserpidine OR diazoxide OR diltiazem OR doxazosin OR enalapril OR enalaprilat OR “eprosartan mesylate” OR hydrochlorothiazide OR
felodipine OR fenoldopam OR fosinopril OR guanabenz OR guanadrel OR guanethidine OR guanfacine OR hydralazine OR irbesartan OR
isradipine OR labetalol OR lisinopril OR “losartan potassium” OR macitentan OR mecamylamine OR methyldopa OR metoprolol OR
metyrosine OR mibefradil OR minoxidil OR moexipril OR moxonidine OR nadolol OR nebivolol OR nicardipine OR nifedipine OR
nisoldipine OR nitroprusside OR “olmesartan medoxomil” OR omapatrilat OR penbutolol OR perindopril OR phentolamine OR pindolol
OR prazosin OR propranolol OR quinapril OR ramipril OR rescinnamine OR reserpine OR sildenaﬁl OR “sodium nitroprusside” OR
tadalaﬁl OR telmisartan OR terazosin OR timolol OR trandolapril OR treprostinil OR trimethaphan OR valsartan OR verapamil OR diuretic
OR diuretics OR thiazide OR “adrenergic beta-antagonist” OR “adrenergic beta-antagonists” OR “adrenergic alpha-antagonist” OR
“adrenergic alpha-antagonists” OR “Angiotensin-Converting Enzyme Inhibitors”[Mesh] OR “ace inhibitor” OR “ace inhibitors” OR
“angiotensin-converting enzyme inhibitor” OR “angiotensin-converting enzyme inhibitors” OR “angiotensin II Receptor Blockers” OR
“angiotensin II Receptor Blockers” OR “Angiotensin II Type 2 Receptor Blockers”[Mesh] OR “calcium channel blocker” OR “calcium channel
blockers” OR “ganglionic blocker” OR “ganglionic blockers” OR “vasodilator agent” OR “vasodilator agents” OR “Vasodilator
Agents”[Mesh] OR nitrates OR “Nitrates”[Mesh] OR nitrites OR “Nitrites”[Mesh]) AND (gwa[ti] OR gwas[ti] OR genome[ti] OR “gene”[ti]
OR “genes”[ti] OR “genotype”[ti] OR “genotypes”[ti] OR “genotyping”[ti] OR “snp”[ti] OR “snps”[ti] OR polymorphism*[ti] OR “DNA”[ti]
OR allele[ti] OR alleles[ti] OR “minor allele” OR “minor alleles” OR “single nucleotide polymorphism” OR “single nucleotides
polymorphisms” OR genetic*[ti] OR “trait locus”[ti] OR “loci”[ti] OR “Genetic Predisposition to Disease”[MeSH] OR “Genotype”[MeSH]
OR “Gene Frequency”[MeSH] OR “Polymorphism, Single Nucleotide/genetics”[MESH] OR “Polymorphism, Single Nucleotide”[MAJR] OR
“Genetic Loci”[Mesh] OR “Genetic Association Studies”[Mesh] OR “Genetic Variation”[Mesh] OR “Blood Pressure/genetics”[Mesh]) NOT
(“review”[pt] OR “Cross-Sectional Studies”[MeSH Terms] OR Comment[pt] OR Editorial[pt] OR Letter[pt] OR “Case Reports”[pt] OR “case
control”[ti] OR “case report”[ti] OR “case study”[ti] OR “case series”[ti] OR “Case-Control Studies”[Mesh] OR “Follow-Up Studies”[Mesh]
OR “observational study”[ti] OR “prospective cohort”[ti] OR “cohort studies” [Mesh:NoExp] OR “cohort study”[ti] OR “Longitudinal
Studies” [Mesh:NoExp] OR “Follow-Up Studies”[mesh] OR “Retrospective Studies”[mesh] OR “non-randomized”[ti] OR “follow up
study”[ti] OR “Cross-Sectional Studies”[MeSH Terms] OR “Prospective Studies”[MeSH Terms] OR “epidemiology”[Subheading] OR
“pulmonary hypertension” OR “pulmonary arterial hypertension” OR “heart transplant” OR “heart failure” OR “cystic ﬁbrosis” OR “cancer”
OR “neoplasms” OR “ﬁbromyalgia” OR “alzheimers” OR “alzheimer” OR “pregnant” OR “pregnancy” OR “obesity/drug therapy”[mesh]
OR “diet therapy”[mesh] OR “diet therapy”[subheading] OR “DASH”[tiab] OR meal[ti] OR “nutritional intervention” OR “dietary
intervention” OR “nutritional counseling” OR “dietary counseling” OR “caﬀeine” OR “eating change” OR “activities of daily living” OR
“dehydration” OR “dehydrate” OR “dehydrated” OR “dietary salt” OR sodium OR “epilepsy” OR “inﬂuenza” OR “ﬂu” OR “pneumonia”
OR “septicemia” OR arthritis OR “hiv” OR “Acquired Immunodeﬁciency Syndrome” OR “meningitis” OR “substance abuse” OR
“alcoholism” OR “drug abuse” OR “spinal cord”[ti] OR “Sleep”[Majr] OR “Sleep Apnea Syndromes”[Majr] OR sleep[ti] OR
contraceptive*[ti] OR (animals[mesh] NOT humans[mesh]) OR rat[ti] OR rats[ti] OR mouse[ti] OR mice[ti] OR pig[ti] OR pigs[ti] OR dog[ti]
OR dogs[ti] OR canine[ti] OR cow[ti] OR cows[ti] OR bovine[ti]).
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Table 4. Criteria 4a: Genes (n = 27) in major blood pressure regulatory pathways associated with
physical activity and/or obesity in genome wide association studies. The search was conducted on
05/11/2017 and a total of 188 records were identiﬁed.
(“mean arterial” OR “blood pressure”[mesh] OR “blood pressure” OR “blood pressures” OR “arterial pressure” OR
“arterial pressures” OR hypertension OR hypotension OR normotension OR hypertensive OR hypotensive OR
normotensive OR “systolic pressure” OR “diastolic pressure” OR “pulse pressure” OR “venous pressure” OR “pressure
monitor” OR hypotension OR “pre hypertension” OR “bp response” OR “bp decrease” OR “bp reduction” OR “bp
monitor” OR “bp monitors” OR “bp measurement” OR “Blood Pressure/genetics”[MeSH]) AND (“resting blood
pressure” OR “resting BP” OR “exercise”[mesh] OR exercise[ti] OR exercises OR running[mesh] OR running[ti] OR
“bicycle” OR “bicycles” OR “bicycling” OR walking OR walking[mesh] OR walking[ti] OR treadmill* OR “weight
lifting” OR “weight training” OR “weight bearing” OR “resistance training” OR “strength training” OR “endurance
training” OR “speed training” OR “training duration” OR “training frequency” OR “training intensity” OR “aerobic
endurance” OR “aerobic training” OR “physical activity” OR “motor activity”[mesh] OR Overweight OR
“Overweight”[Mesh] OR BMI OR “body mass” OR “Body Mass Index”[MeSH] OR “Waist Circumference”[MeSH] OR
obesity OR “Obesity”[Mesh] OR obese) AND (gwa OR gwas OR “Genetic Association Studies”[Mesh] OR genomewide
OR “genome wide” OR “genomewide association” OR “genome wide association” OR “genome-wide interaction”)
NOT (“review”[pt] OR “Cross-Sectional Studies”[MeSH Terms] OR Comment[pt] OR Editorial[pt] OR Letter[pt] OR
“Case Reports”[pt] OR “case control”[ti] OR “case report”[ti] OR “case study”[ti] OR “case series”[ti] OR “Case-Control
Studies”[Mesh] OR “Follow-Up Studies”[Mesh] OR “observational study”[ti] OR “prospective cohort”[ti] OR “cohort
studies” [Mesh:NoExp] OR “cohort study”[ti] OR “Longitudinal Studies” [Mesh:NoExp] OR “Follow-Up
Studies”[mesh] OR “Retrospective Studies”[mesh] OR “non-randomized”[ti] OR “follow up study”[ti] OR
“Cross-Sectional Studies”[MeSH Terms] OR “Prospective Studies”[MeSH Terms] OR “epidemiology”[Subheading] OR
“pulmonary hypertension” OR “pulmonary arterial hypertension” OR “heart transplant” OR “heart failure” OR “cystic
ﬁbrosis” OR “cancer” OR “neoplasms” OR “ﬁbromyalgia” OR “alzheimers” OR “alzheimer” OR “pregnant” OR
“pregnancy” OR “obesity/drug therapy”[mesh] OR “diet therapy”[mesh] OR “diet therapy”[subheading] OR
“DASH”[tiab] OR meal[ti] OR “nutritional intervention” OR “dietary intervention” OR “nutritional counseling” OR
“dietary counseling” OR “caﬀeine” OR “eating change” OR “activities of daily living” OR “dehydration” OR
“dehydrate” OR “dehydrated” OR “dietary salt” OR sodium OR “epilepsy” OR “inﬂuenza” OR “ﬂu” OR “pneumonia”
OR “septicemia” OR arthritis OR “hiv” OR “Acquired Immunodeﬁciency Syndrome” OR “meningitis” OR “substance
abuse” OR “alcoholism” OR “drug abuse” OR “spinal cord”[ti] OR “Sleep”[Majr] OR “Sleep Apnea Syndromes”[Majr]
OR sleep[ti] OR contraceptive*[ti] OR (animals[mesh] NOT humans[mesh]) OR rat[ti] OR rats[ti] OR mouse[ti] OR
mice[ti] OR pig[ti] OR pigs[ti] OR dog[ti] OR dogs[ti] OR canine[ti] OR cow[ti] OR cows[ti] OR bovine[ti]).

Potential reports were screened by PP for title and abstract, and by PP and LSP for full text review
to determine if they qualiﬁed. In addition, the authors performed manual searches of reference lists
from relevant reports in their ﬁles for possible inclusion. Any questions regarding qualiﬁcation were
resolved by discussion by PP and LSP.
3. Results
The search yielded 1408 reports plus 14 records obtained from manual searches of the authors’
ﬁles. Of these, 57 trials qualiﬁed. Please see Figure 1 for the ﬂowchart detailing the systematic search of
potential reports and selection process for the reports that qualiﬁed. Of the qualifying trials containing
human genes in major BP regulatory pathways, we extracted 11 genes associated with the BP response
to exercise under criteria 1 [33–40]; 18 genes associated with hypertension in GWAS under criteria
2 [41–48]; 28 genes associated with the BP response to pharmacotherapy under criteria 3 [49–70];
27 genes associated with physical activity and/or obesity in GWAS under criteria 4a [71–85]; and 29
genes associated with BP, physical activity, and/or obesity in non-GWAS under criteria 4b [86–88]
displayed in Supplemental Digital Content (SDC) 1 Table S1. In addition, we included the 41 genes
from our preliminary work that were reported to be associated with hypertension or the BP response
to exercise or pharmacotherapy [27–29].
See SDC 1 Table S1 for the complete signature of 154 prioritized BP and exercise genes by our
predetermined inclusion criteria.
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Figure 1. The systematic search trial selection process. BP: blood pressure; HTN: hypertension; PA:
physical activity.

4. Discussion
The AHA/ACC rated exercise as one of the best lifestyle therapeutic approaches to prevent
and treat hypertension because aerobic exercise training lowers BP 5-8 mmHg among adults with
hypertension [3]. Nearly 20 years ago, the HERITAGE study investigators established that the BP
response to exercise was heritable. This ﬁnding set oﬀ investigator-initiated studies examining the
genetic basis for the antihypertensive eﬀects of exercise using a candidate gene approach, as this was
the technology available at that time. Despite the best intentions and eﬀorts of these research teams,
these candidate gene studies were met with little success [17,25,26]. The failure of the candidate gene
approach is best illustrated by a systematic review we recently completed on the inﬂuence of the
angiotensin converting enzyme (ACE) insertion/deletion polymorphism rs4340 on human endurance
exercise performance and cardiovascular health [89]. ACE rs4340 is the most widely investigated
genetic variant in the exercise genomic literature. Despite the extensive volume of literature on ACE
rs4340, we concluded that due to disparate ﬁndings no deﬁnitive conclusions could be made regarding
the role of ACE rs4340 on endurance exercise performance or the BP response to exercise.
More recently, using newer genomic technology that emerged since our discovery phase candidate
gene association studies, in a replication cohort we deep-sequenced the exons of genes contained
on a prioritized signature of 41 genes identiﬁed from our earlier work combined with those from a
systematic review of the literature of genes reported to be associated with hypertension or the BP
response to exercise or pharmacotherapy using the Illumina TruSeq Custom Amplicon kit [27–29]. Even
after adjustment for multiple testing, we found that 61% of the genes in the prioritized panel associated
with the BP response to exercise. Clinical features such as resting BP, age, gender, and cardiometabolic
biomarkers explained 66%–92% of the variation in the BP response to exercise. Yet, the genetic variants
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that emerged from these analyses explained 2%–15% of the variance in the BP response to exercise,
a magnitude that is larger than typically reported in exercise genomic studies [25,90].
We attributed the high proportion of signiﬁcant BP-genotype associations that we found to the
following methodological strategies we instituted [27–29]: a randomized control repeated measure
design with subjects who were their own control; a focused inquiry of variants with a prioritized
panel of genes obtained from a systematic review of the literature that reduced the search space
within the genome; high throughput exon sequencing on functional gene regions; standardized
protocols that included a closely monitored, well-controlled exercise exposure; and adjustment for
multiple testing based on genetic variants exhibiting variability in the number of minor alleles and
with unique genotypic values. This series of studies are proof of concept that a focused genomic
inquiry on functional portions of genes based upon a systematic review of the literature is a time
and cost-eﬃcient way to investigate the genomic basis for the antihypertensive eﬀects of exercise.
See Figure 2 for a conceptual overview of this systematic review approach to investigate the genomics
of the antihypertensive eﬀects of exercise. However, future investigator-initiated studies remain to be
done expanding upon this approach among a large ethnically and gender diverse sample of adults
with hypertension to continue to gain information about the genomic basis for the antihypertensive
eﬀects of exercise with the long-term goal of ﬁne-tuning exercise prescriptions to optimize the BP
beneﬁts of exercise.

Figure 2. A Systematic review approach to assemble a targeted gene panel to study the genomics of the
antihypertensive eﬀects of exercise. HERITAGE: HEalth, RIsk Factors Exercise TrAining and Genetics;
BP: blood pressure.

We acknowledge a limitation of our approach is that there are more sophisticated system analyses
and bioinformatic approaches now being used with GWAS, human disease, and pathway data sets
such as ENCODE and NHGRI GWAS that integrate omic high throughput technology of the genome,
transcriptome, proteome, and epigenome to elucidate the genomic basis for hypertension (See SDC 1
Table 1 criteria 4a). In fact, we used such data sets in our most recent work to derive regulatory elements
for the polymorphisms that passed multiple testing threshold for signiﬁcant associations with the BP
to exercise [27–29]. Another limitation is that genes have transcription-factor and post-transcriptional
regulators so that RNA expression levels could also be used to ﬁnd signatures associated with the
antihypertensive eﬀects of exercise as opposed to BP and exercise genes per se. Genes have epistatic and
pleiotropic eﬀects further complicating the identiﬁcation of genetic variants that explain a clinically
meaningful proportion of the BP response to exercise. Presently no data set repositories exist for genes
that have been reported to associated with the BP response to exercise that have passed preestablished
thresholds for multiple testing. Considering the importance of hypertension as a public health problem
and the critical role exercise has in the treatment of hypertension, we posit that the methods we have
presented in this systematic review represent a time and cost-eﬃcient approach to construct targeted
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gene signatures whose exons can be deep-sequenced to gain insight into the genomic basis for the
antihypertensive eﬀects of exercise. Furthermore, these methods could easily be adapted to design
prioritized signatures of the transcriptome, proteome, and epigenome as they regulate the BP response
to exercise.
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Abstract: Lower levels of physical activity (PA) have been associated with increased risk of
cardiovascular disease. Worldwide, there is a shift towards a lifestyle with less PA, posing a serious
threat to public health. One of the suggested mechanisms behind the association between PA and
disease development is through systemic inﬂammation, in which circulating blood cells play a pivotal
role. In this study we investigated the relationship between genetically determined PA and circulating
blood cells. We used 68 single nucleotide polymorphisms associated with objectively measured
PA levels to perform a Mendelian randomization analysis on circulating blood cells in 222,645
participants of the UK Biobank. For inverse variance ﬁxed eﬀects Mendelian randomization analyses,
p < 1.85 × 10−3 (Bonferroni-adjusted p-value of 0.05/27 tests) was considered statistically signiﬁcant.
Genetically determined increased PA was associated with decreased lymphocytes (β = –0.03,
SE = 0.008, p = 1.35 × 10−3 ) and decreased eosinophils (β = –0.008, SE = 0.002, p = 1.36 × 10−3 ).
Although further mechanistic studies are warranted, these ﬁndings suggest increased physical activity
is associated with an improved inﬂammatory state with fewer lymphocytes and eosinophils.
Keywords: physical activity; blood cell counts; single nucleotide polymorphisms; inﬂammation

1. Introduction
Reduced physical activity (PA) poses a serious threat for public health. Accumulating evidence
shows that lower levels of PA are associated with an increased risk of cardiovascular disease (CVD)
and all-cause mortality [1–3]. Although the World Health Organization (WHO) recommends at least
150 minutes of moderate-intensity aerobic PA throughout the week, the proportion of Europeans
reported to not meet these recommendations has increased in recent years to 46% [4,5]. This trend is
not limited to Europeans but is occurring worldwide [6]. Although health care cost estimates related
to physical inactivity vary across studies (e.g., 2.4–11.1% of the healthcare expenditure in the United
States of America), it is generally believed that physical inactivity is a costly pandemic and associated
with a substantial disease burden [7].
However, the exact mechanisms underlying the associations of PA the development of disease are
incompletely understood. It has been suggested that systemic inﬂammation plays a pivotal role in
the association between PA and CVD, possibly through changes in circulating (inﬂammatory) blood
cells [8,9]. It is therefore important to investigate whether the eﬀects of PA on CVD risk could be linked
through changes in circulating blood cells. However, the association between PA activity and circulating
blood cells has only been investigated using traditional observational analyses, which are prone to
suﬀering from confounding eﬀects [10,11]. PA is determined by both genetic and environmental
factors [6,12]. A recent genome-wide association study (GWAS) using objectively measured data
from wrist-worn accelerometers of PA in a large sub-cohort of the UK Biobank identiﬁed newly
Genes 2019, 10, 908; doi:10.3390/genes10110908
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associated single nucleotide polymorphisms (SNPs) and studied whether activity might contribute
causally to disease outcomes [12]. In this study, we aimed to investigate the relationship between
genetically determined PA levels, based on the previously reported SNPs, and circulating blood cells
using a Mendelian randomization (MR) strategy to minimize confounding eﬀects. We hypothesize
a genetically determined higher level of PA is associated with a lower inﬂammatory state with fewer
circulating inﬂammatory blood cells.
2. Material and Methods
2.1. UK Biobank Participants
The UK Biobank study design and population have been described in detail elsewhere [13].
In brief, the UK Biobank is a large community-based prospective study in the United Kingdom that
recruited over 500,000 participants aged 40–69 years aiming to improve the prevention, diagnosis,
and treatment of a plethora of diseases. All participants gave informed consent for the study [13]. At the
baseline visit, vital signs and biological samples were collected, together with data of self-completed
questionnaires, interviews, and physical measurements. The present study was conducted under
application number 12,006 of the UK Biobank resource.
2.2. Genotyping and Imputation
The genotyping process and arrays used in the UK Biobank study have been described elsewhere
in more detail [14]. Brieﬂy, participants were genotyped using the custom UK Biobank lung exome
variant evaluation axiom (Aﬀymetrix: Santa Clara, CA, United States; n = 49,949), which includes
807,411 SNPs or the custom UK Biobank axiom array (Aﬀymetrix; n = 452,713), which includes 820,967
SNPs [13]. The arrays have insertion and deletion markers with more than 95% common content [14,15].
Imputed genotype data were provided by UK Biobank, based on merged UK10K and 1000 Genomes
phase 3 panels [16]. Figure 1 shows a ﬂowchart of the study sample selection and is further described
below. Participants were excluded if there was no genetic data available or if there was a mismatch
between genetic and reported sex (n = 378). Furthermore, participants with high missingness or excess
heterozygosity were excluded (n = 963). Participants with familial relatedness or who were not of
white British descent were excluded as well (n = 64,535). In addition, participants included in the
GWAS on physical activity (n = 90,277) [12] and participants without lab measurements were excluded
(n = 18,498). Lastly, participants with diseases or medication aﬀecting the immune response were
excluded as well (n = 105,263). We created a set of 222,645 individuals for the present analyses.
For the deﬁnitions of diseases, we used hospital episode statistics data in combination with
self-reported diagnoses and medication, as described previously [17]. Further information on the
deﬁnitions of diseases is presented in Supplementary Table S1.
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Figure 1. Flowchart for the selection of the analyzed study sample from the UK Biobank Study.
GWAS: Genome-wide association study; UKBB: UK Biobank; CRP: C-reactive protein; HIV: human
immunodeﬁciency virus.

2.3. Single Nucleotide Polymorphisms
For our analyses between genetically determined PA and circulating blood cells, we used a set
of 68 SNPs identiﬁed in the GWAS on physical activity by Doherty et al. [12]. Similar to Doherty et
al., we used 68 SNPs that were associated with physical activity with p < 5 × 10−6 (Doherty et al.,
Supplementary Figure S8) to explain more phenotypic variance than the three SNPs at p < 5 × 10−8 .
Supplementary Table S2 contains a detailed list of the extracted SNPs. SNPs associated with sleep
duration in the study by Doherty et al. were not present in this list of SNPs.
2.4. Statistical Analyses
Normally distributed continuous variables were summarized as mean ± standard deviation
(SD) and skewed variables as median and interquartile range (IQR). Linear regression analyses were
performed to assess the association between PA and blood cell counts. Regression analyses between
SNPs and circulating cells were adjusted for age at the baseline visit, sex, genotyping chip, and the ﬁrst
30 principal components provided by UK Biobank (to adjust for population structure). Because the PA
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SNPs were identiﬁed in a GWAS on objectively measured PA, the associations between the SNPs with
self-reported PA were not tested as these were considered separate entities. Linear regression analyses
were performed using Stata 15 (StataCorp, College Station, TX, United States).
The association between genetically determined increased physical activity with outcomes was
ﬁrst assessed using a ﬁxed-eﬀects inverse-variance weighted (IVW) meta-analysis method, combining
the Mendelian randomization (MR) estimates for each SNP with the outcome. To adjust for multiple
testing, we applied a Bonferroni correction (signiﬁcance level divided by number of independent tests)
and considered a two-sided p-value of less than 0.05/27 = 1.85 × 10−3 as statistically signiﬁcant for
the main analyses using the MR-IVW ﬁxed eﬀects model. For the MR-IVW eﬀects model to be valid,
the assumption of absence of pleiotropy needs to be fulﬁlled. Pleiotropy occurs when genetic variants
associated with the exposure of interest, exert their eﬀect on the same outcome through multiple
pathways. Heterogeneity tests are an easy way to evaluate possible pleiotropy, since low heterogeneity
indicates that estimates between the genetic variants’ association with the outcome should vary by
chance only, which is only possible in case of absence of pleiotropic eﬀects. The Rücker framework was
adopted to diﬀerentiate between preferred models. In case Cochran’s Q in the MR-IVW ﬁxed eﬀects
analyses was signiﬁcant (p < 0.05), suggesting heterogeneity and thus non-random error, the MR-IVW
random eﬀects model was adopted. Rücker’s Q was calculated to evaluate the heterogeneity within the
MR-Egger analyses [18]. We then calculated whether the Rücker’s Q’ statistic was diﬀerent (p < 0.05)
from Cochran’s Q statistic (Q-Q’) [18]. A statistically signiﬁcant diﬀerence indicates the MR-Egger test to
be the best approach in case Q-Q’ is large and positive [18]. MR-Egger assumes pleiotropic eﬀects of the
SNPs on the outcome are independent of their association with PA, and therefore allows for a non-zero
intercept [11]. For this, the MR-Egger must not violate the InSIDE assumption, which assumes the
association of the SNPs with the exposure are independent of their direct pleiotropic eﬀects on the
outcome. The MR-Egger provides additional information on pleiotropy as a non-signiﬁcant diﬀerent
intercept from 0 (p > 0.05) indicates evidence for absent pleiotropic bias. MR-Steiger ﬁltering was
performed to remove variants with stronger associations (R2 ) with the outcome than the exposure [18].
Beta values (β) and standard errors (SE) are provided for the MR outcomes. Lastly, we performed
a weighted median analysis, which allows up to 50% of the information from variants to violate the
MR assumptions [19]. For sensitivity analyses, we adopted a p-value of <0.05.
MR analyses were performed using the R (version 3.5.1) and the package TwoSampleMR version
0.4.22 (https://mrcieu.github.io/TwoSampleMR/).
3. Results
3.1. Population Characteristics
Baseline characteristics are provided in Table 1. Of the 222,645 participants included in the
UK-Biobank, 105,970 (47.6%) were male, and the mean age was 56 ± 8 years. The population was
slightly overweight (body mass index ≥25 kg/m2 ) with a mean body mass index of 27.0 kg/m2 .
More than half of the population never smoked or smoked <100 cigarettes. On average, participants
spent 4.88 (inter quartile range (IQR): 1.5–11.3) hours per week doing moderate PA and 0.75 (IQR
0.0–2.7) hours per week doing vigorous PA, based on self-reported data using questionnaires.
Table 1. Baseline characteristics.
Characteristic

No. (%)

Total, No
Age, mean (SD), years
Sex, male (%)
Body Mass Index, mean (SD), kg/m2

222,645
56 (8)
105,970 (47.6%)
27.0 (4.4)
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Table 1. Cont.
Characteristic

No. (%)

Smoking behavior, No (%)
Never or <100 cigarettes
Ex-smokers
Current
Hypertension, No (%)
Hyperlipidemia, No (%)
Diabetes Mellitus type 2, No (%)

125,777 (58.1%)
66,895 (30.9%)
23,849 (11.0%)
60,900 (27.4%)
40,099 (18.0%)
6,984 (3.1%)

PA phenotypes
Moderate PA, median (IQR), h/week
Vigorous PA, median (IQR), h/week

4.9 (1.5–11.3)
0.8 (0.0–2.7)

Blood cell counts
Leukocytes, median (IQR), 109 /L
Erythrocytes, median (IQR), 1012 /L
Neutrophils, median (IQR), 109 /L
Lymphocytes, median (IQR), 109 /L
Monocytes, median (IQR), 109 /L
Eosinophils, median (IQR), 109 /L
Basophils, median (IQR), 109 /L
Reticulocytes, median (IQR), 1012 /L
Thrombocytes, median (IQR), 109 /L

6.57 (5.60–7.70)
4.54 (4.29–4.82)
3.95 (3.20–4.82)
0.92 (0.60–1.20)
0.44 (0.36–0.55)
0.13 (0.10–0.21)
0.02 (0.00–0.04)
0.06 (0.04–0.07)
246.8 (212.9–285.0)

Data is shown as number (%), as mean with standard deviation (SD) or as median with inter-quartile range (IQR).
Units of measurements are indicated. PA: physical activity.

3.2. Genetically Determined Physical Activity and Circulating Blood Cells
Detailed information on the SNPs and their estimates on circulating blood cells is provided in
Supplementary Table S3. The association between all 68 SNPs associated with PA with circulating
blood cells was assessed using MR analyses. In MR-IVW ﬁxed-eﬀects analyses, genetically determined
increased duration of PA was associated with decreased lymphocytes (β = –0.026, SE = 0.008,
p = 1.35 × 10−3 ), decreased eosinophils (β = –0.008, SE = 0.002, p = 1.36 × 10−3 ), and increased platelet
distribution width (β = 0.04, SE = 0.009, p = 9.07 × 10−5 ) (Table 2). Figures 2–4 displays the individual
SNP forest plots for these three outcomes. Supplementary Figure S1–S3 displays the corresponding
scatter plots. PA was not associated with any of the other outcomes in the MR-IVW ﬁxed-eﬀects
analyses (Table 2), which will therefore not be discussed any further.
Cochran’s Q of the association between PA and lymphocytes (Q = 160, DF = 67, p = 6.50 × 10−10 )
and eosinophils (Q = 180, DF = 67, p = 6.10 × 10−12 ) indicated the MR-random eﬀects model to be the
preferred approach. Using this approach, the association with eosinophils remained signiﬁcant (β
= −0.0078, SE = 0.009, p = 0.049), but the association with lymphocytes was attenuated (β = −0.026,
SE = 0.014, p = 0.072). However, the loss of statistical signiﬁcance was probably attributable to the
larger standard error due to loss of power in the random eﬀects model. In the weighted median
MR analyses, the associations between PA and leukocytes (β = −0.030, SE = 0.0134, p = 0.022) and
eosinophil count (β = −0.0036, SE = 0.0036, p = 0.3229) were lost, of which the latter could be attributed
to wider standard errors. MR-Steiger ﬁltering indicated all SNPs were more strongly associated with
the PA behavior than with lymphocytes and eosinophils. The MR Egger intercept indicated little
evidence for pleiotropy for the analyses on lymphocytes and eosinophils.
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68

68

68

68

68

Basophils (%)

Reticulocyte count (10ˆ12 cells/L)

Reticulocytes (%)

Reticulocyte volume (femtolitres)

Immature reticuloyctes fraction

68

68

Basophil count (10ˆ9 cells/L)

Platelet packed cell volume (%)

–2.5671

68

Eosinophils (%)

68

68

Eosinophil count (10ˆ9 cells/L)

68

–0.0027

68

Monocytes (%)

Platelet count (10ˆ9 cells/L)

–0.0242

68

Monocyte count (10ˆ9 cells/L)

Platelet volume (femtolitres)

–0.0256

68

Lymphocyte (%)

–0.0025

–0.0001

–0.3151

–0.0141

–0.0010

–0.0687

–0.0078

0.0158

–0.0010

–0.3606

–0.0259

68

0.0055

0.4236

Lymphocyte count (10ˆ9 cells/L)

68

68

cells/L)

Neutrophils (%)

Neutrophil count

68

(10ˆ9

0.0001

68

Erythrocyte count (10ˆ12 cells/L)

Erythrocyte distribution width (%)

0.0078

–0.0406

Beta

0.0008

0.0199

1.0319

0.0011

0.1397

0.0108

0.0111

0.0110

0.0009

0.0340

0.0024

0.0462

0.0035

0.1294

0.0081

0.1502

0.0243

0.0166

0.0063

0.0307

SE
–0.0406
0.0001
0.0078
0.0055
0.4236
–0.0259
–0.3606
–0.0010
0.0158
–0.0078
–0.0687
–0.0010
–0.0141
–0.0256
–0.0242
–0.3151
–0.0027
–2.5671
–0.0001
–0.0025

1.86 × 10−1
9.85 × 10−1
6.40 × 10−1
10−1

4.80 × 10−3
1.40 × 10−3
10−3

7.66 × 10−1
7.33 × 10−1
1.40 × 10−3
4.36 × 10−2
2.89 × 10−1
1.99 × 10−1
2.04 × 10−2
10−2

2.41 × 10−2
1.42 × 10-2
1.29 × 10−2
9.96 × 10−1
2.50 × 10−3

2.50 ×

5.30 ×

8.20 ×

Beta

0.0014

0.0352

1.8209

0.0016

0.2491

0.0165

0.0188

0.0110

0.0009

0.0619

0.0039

0.0613

0.0045

0.2016

0.0144

0.2288

0.0357

0.0281

0.0137

0.0465

SE

6.65 × 10−2

9.98 × 10−1

–0.0003

–0.1221

2.7242

0.0026

1.01 × 10−1
1.59 × 10−1

–0.9755

–0.0001

0.0260

–0.0131

–0.0006

–0.1215

–0.0071

0.0549

0.0057

–0.8313

–0.0317

0.8990

0.0768

0.0562

0.0811

0.0106

0.0043

0.1092

5.6655

0.0051

0.7778

0.0517

0.0586

0.0332

0.0028

0.1946

0.0123

0.1919

0.0140

0.6300

0.0454

0.7164

0.1118

0.0878

0.0417

0.1455

SE

9.41 × 10−1

2.68 × 10−1

6.32 × 10−1

6.15 × 10−1

2.14 × 10−1

9.99 ×

10−1

6.59 × 10−1

6.94 × 10−1

8.32 × 10−1

5.35 × 10−1

5.67 × 10−1

7.76 × 10−1

6.86 × 10−1

1.92 ×

10−1

4.87 × 10−1

2.14 × 10−1

4.95 ×

10−1

5.25 × 10−1

5.64 × 10−2

9.42 × 10−1

p-Value

MR Egger Fixed Eﬀects
Beta

2.06 × 10−1

1.41 ×

10−1

1.73 × 10−1

1.99 × 10−1

2.71 × 10−1

2.67 × 10−1

4.90 × 10−2

7.97 × 10−1

8.21 × 10−1

7.37 ×

10−2

7.21 × 10−2

6.41 × 10−2

8.77 ×

10−1

7.82 × 10−1

9.93 × 10−1

3.83 × 10−1

p-Value

Inverse Variance Weighted
(Multiplicative Random Eﬀects)

p-Value

Inverse Variance Weighted (Fixed
Eﬀects)

68

Leukocyte count (10ˆ9 cells/L)

N
snps

Table 2. Associations between increased physical activity and circulating blood cells.

0.0000

0.0083

1.4266

−0.0055

0.0022

−0.0479

−0.0455

−0.0262

−0.0027

0.0021

−0.0036

0.0116

−0.0013

0.0836

−0.0305

0.0012

−0.0099

−0.0047

−0.0126

0.0024

Beta

0.0013

0.0334

1.6611

0.0017

0.2097

0.0161

0.0173

0.0161

0.0013

0.0534

0.0036

0.0739

0.0052

0.1995

0.0134

0.2359

0.0369

0.0251

0.0098

0.0487

SE

9.76 × 10−1

8.04 × 10−1

3.90 × 10−1

1.30 × 10−3

9.92 × 10−1

3.00 × 10−3

8.40 × 10−3

1.04 × 10−1

4.54 × 10−2

9.69 × 10−1

3.23 × 10−1

8.75 × 10−1

8.09 × 10−1

6.75 × 10−1

2.24 × 10-2

9.96 × 10−1

7.88 × 10−1

8.53 × 10−1

1.99 × 10−1

9.61 × 10−1

p-Value

Weighted Median
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68

68

68

68

68

68

68

Platelet distribution width (%)

Hemoglobin (g/dL)

Hematocrit (%)

Mean corpuscular volume
(femtoliters)

Mean corpuscular hemoglobin
(picograms)

Mean corpuscular hemoglobin
concentration (grams/dL)

Mean sphered cells volume
(femtoliters)

N
snps

–0.0564

0.0402

–0.0078

–0.1090

–0.0500

0.0009

0.0369

Beta

0.0955

0.0187

0.0321

0.0783

0.0521

0.0177

0.0094

SE

0.0009
–0.0500

9.60 × 10−1
3.37 × 10−1

5.55 × 10−1

3.19 × 10−2

8.08 × 10−1

–0.0564

0.0402

–0.0078

–0.1090

0.0369

1.00 × 10−4

1.64 × 10−1

Beta

0.1836

0.0237

0.0447

0.1126

0.0948

0.0315

0.0146

SE

7.59 × 10−1

8.90 × 10−2

8.61 × 10−1

3.33 × 10−1

5.98 × 10−1

9.78 × 10−1

1.14 × 10−2

p-Value

Inverse Variance Weighted
(Multiplicative Random Eﬀects)

p-Value

Inverse Variance Weighted (Fixed
Eﬀects)

Table 2. Cont.

–0.5939

–0.0970

–0.2389

–0.3913

0.5543

0.1597

–0.0499

0.5733

0.0719

0.1367

0.3527

0.2887

0.0974

0.0443

SE

3.04 × 10−1

1.82 × 10−1

8.52 × 10−2

2.71 × 10−1

5.92 × 10−2

1.06 × 10−1

2.64 × 10−1

p-Value

MR Egger Fixed Eﬀects
Beta

0.2760

0.0304

0.0500

0.0492

−0.0150

−0.0216

0.0106

Beta

0.1451

0.0284

0.0488

0.1203

0.0816

0.0274

0.0144

SE

5.72 × 10−2

2.84 × 10−1

3.05 × 10−1

6.83 × 10−1

8.54 × 10−1

4.30 × 10−1

4.64 × 10−1

p-Value

Weighted Median
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Figure 2. Forest plot of physical activity single nucleotide polymorphisms on lymphocyte levels.
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Figure 3. Forest plot of physical activity single nucleotide polymorphisms on platelet width.
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Figure 4. Forest plot of physical activity single nucleotide polymorphisms on eosinophil level.

As an additional analysis, we investigated whether the relationship between genetically determined
PA with circulating lymphocytes or eosinophils diﬀered between levels of self-reported PA. However,
genetically determined PA was not signiﬁcantly associated with either lymphocytes or eosinophils
amongst individuals with no (n = 16,307), only moderate (n = 52,273), or only vigorous (n = 4536)
self-reported PA.
In the heterogeneity analyses, Q-Q’ was statistically signiﬁcant for platelet distribution width (Q
= 160 DF = −67 p = 1.80 × 10−3 ), indicating the MR-Egger analysis to be the best approach. Using this
approach, the association between genetically determined PA with platelet distribution width was
reversed in eﬀect and no longer signiﬁcant (β −0.05, SE 0.04, p = 0.26). Furthermore, we performed
a look-up in MR-Base to explore whether the 68 genetic variants were associated with other traits than
PA. This information can be found in Supplementary Table S5.
4. Discussion
In the present study, we provide evidence for the association between genetically determined
PA and circulating blood cells. Genetically determined increased duration of PA was cautiously
associated with decreased lymphocytes and decreased eosinophils, suggesting increased levels of PA
may improve the inﬂammatory state. This is in line with our hypothesis.
The present study is the ﬁrst to report associations between genetically determined PA and
circulating blood cells. The association between genetically determined increased PA and decreased
lymphocyte levels is partly in line with previous research which studied the association between
28
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PA and total leukocyte count [8]. In 4,857 individuals with a mean age of 43 ± 1 year and 43%
females, participating in the National Health and Nutrition Examination Survey, the association
between increased PA and a decreased leukocyte count has been observed, suggesting that active
individuals might maintain a lower inﬂammatory state and might be less prone to future chronic disease
development [8]. We did not assess the correlations between self-reported PA and circulating blood cells,
and this study can therefore not be directly compared with these previous studies. However, our study
is of additive value, since we were able to study the association between PA and a broader range of cell
types (i.e., monocytes, lymphocytes, neutrophils, eosinophils, and basophils) instead of total leukocyte
count solely. We did not observe an association between genetically determined PA and total leukocyte
count, but we did observe an association between increased genetically determined PA and decreased
lymphocytes levels in the MR-IVW analyses. For a long period, a decrease in lymphocytes has been
considered as a suppression of the human immune system and therefore as detrimental [20]. However,
recent evidence indicates that this reduction in peripheral blood does not reﬂect immune suppression,
but represents a heightened state of immune surveillance and immune regulation, which is driven by
a transfer of cells to peripheral tissues, such as the gut or the lungs [21]. Within the cardiovascular
ﬁeld, T-lymphocytes are known to stimulate macrophages expressing collagen-degrading enzymes
and thereby increasing the risk of plaque rupture. Lower lymphocyte levels in the blood stream,
might therefore also be beneﬁcial for the risk of CVD [22,23]. The association between lymphocyte
count and PA in our study was lost in the sensitivity analyses, although the strength of the eﬀect
remained similar. This loss of association may be due to a larger standard error reducing the statistical
power. Similarly, no association was observed between genetically determined PA and lymphocytes or
eosinophils across levels of self-reported PA, which is likely due to the small sample sizes in these
groups. Further MR studies using variants which explain a larger variance in PA and also in larger
groups of self-reported PA levels are warranted to further investigate these associations.
There is limited data on the association between PA and eosinophils. Earlier research in 11 athletes
running an ultramarathon (90 kilometers), showed a non-allergic activation of eosinophils, reﬂected
by an increase of eosinophil cationic protein [24]. Our study population of community dwelling
middle-aged men and women substantially diﬀered from those athletes (e.g., age, ethnicity, and athletic
condition), and therefore, it is not possible to formulate any hypotheses or to draw any comparisons [24].
Recently, in 5287 patients who underwent coronary angiography, a negative association between
peripheral eosinophil count and the severity of coronary artery disease (CAD) has been observed [25].
Furthermore, previous studies have suggested that eosinophils play a key role in the initiation,
progression, and rupture of thrombotic plaques, which was conﬁrmed by tissue samples obtained
through thrombus aspiration in patients with myocardial infarction [26,27]. In these samples, a large
amount of eosinophils was present [26]. However, these ﬁndings (low peripheral eosinophil count
associated with increased CAD severity and high eosinophil counts observed in atherosclerotic plaques)
were observed in CAD patients, whereas our study was performed in a general population of which
only 3.7% had a medical history of CAD at baseline. The present ﬁndings indicate increased PA is
associated with decreased eosinophil levels. Possibly, less PA leading to higher eosinophil levels could
play a role in the development of plaques eventually leading to CAD. In this case, increased PA leading
to lower eosinophil levels might be protective for plaques and CAD. Further research is needed to
investigate this hypothesis.
Contrary to previous cross-sectional observational studies, we did not observe associations
between genetically determined PA and red blood cell indices [28–30]. This might imply that changes in
red blood cells during or after PA are bystanders instead of a consequence of PA, although mechanistic
studies are necessary to unravel these associations.
Of interest is the speciﬁc function of three leading genetic polymorphisms rs564819152, rs2696625,
and rs59499656, which may provide more insights in the mechanisms underlying genetically determined
PA and circulating immune cells. rs564819152 is located near the SKIDA1 gene. This gene is located
on chromosome 10 and encodes the Ski-Dach domain-containing protein 1, which is associated
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with diﬀerent types of cancer [31,32]. Furthermore, this gene was found to be associated with lung
function [33]. These functions might aﬀect the relation between PA and blood cells, although our
heterogeneity tests did not indicate pleiotropy of the genetic variants.
rs2696625 and rss59499656 are located near the genes KANSL1-AS1 and SYT4, respectively.
KANSL1-AS1 has been described in the context of Alzheimer’s and Parkinson’s diseases [34]. SYT4
(synaptotagmin 4) is a protein coding gene that has been associated with various traits, i.e., body mass
index, lung function, and body fat percentage [33,35,36]. As obesity is associated with an increased
inﬂammatory state, this route could be involved in the association between genetically determined PA
and circulating immune cells [37]. Aside from the leading variants, the association with obesity-related
traits was also observed in the MR-base look-up with the other genetic variants. However, further
mechanistic studies are warranted to provide more insights into these possible additional pathways.
A major strength of our study is the large cohort size of 222,645 participants. Second, this is the
ﬁrst study to assess genetic variants of PA using SNPs that were found in a GWAS performed with
objectively measured PA data using wrist-worn accelerometer data. Thirdly, we used strict exclusion
criteria to conﬁne factors aﬀecting immune cells such as infections. Furthermore, we used a stringent
threshold p-value to reduce false positive rates and increase reproducibility.
As a future perspective, it would be of additional value to investigate the association with the
functionality and activity of cells, for example by examining circulating cytokine levels. Circulating
cytokines were not measured in the UK Biobank and therefore not tested in the present study. This study
could, however, serve as a starting point, providing new insights into where to focus future studies on
the association between PA and circulating blood cells.
5. Conclusions
In conclusion, this study shows that genetically determined PA is associated with changes in
circulating blood cells. Increased genetically determined PA is associated with decreased lymphocyte
and eosinophil levels. Although further mechanistic studies are warranted, these ﬁndings cautiously
suggest lifestyle changes that include more PA should be encouraged to improve the inﬂammatory state.
Supplementary Materials: The following are available online at http://www.mdpi.com/2073-4425/10/11/908/s1,
Supplementary Table S1: deﬁnitions of phenotypes UK Biobank; Supplementary Table S2: Single nucleotide
polymorphisms previously associated with physical activity; Supplementary Table S3: Estimates of the associations
between the single nucleotide polymorphisms and circulating blood cells; Supplementary Table S4: Mendelian
randomization sensitivity analyses; Supplementary Table S5: MR-base look-up of associations between the 68
physical activity SNPs and other traits beside circulating immune cells, observed in the UK Biobank; Supplementary
Figure S1: Scatter plot of physical activity single nucleotide polymorphisms on lymphocyte levels; Supplementary
Figure S2: Scatter plot of physical activity single nucleotide polymorphisms on platelet width; Supplementary
Figure S3: Scatter plot of physical activity single nucleotide polymorphisms on eosinophil level.
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Abstract: Natural Killer (NK-) cells reveal a keen reaction to acute bouts of exercise, including
changes of epigenetic modiﬁcations. So far, exercise-induced alterations in NK-cell DNA-methylation
were shown for single genes only. Studies analyzing genome-wide DNA-methylation have used
conglomerates like peripheral blood mononuclear cells (PBMCs) rather than speciﬁc subsets of
immune cells. Therefore, the aim of this pilot-study was to generate ﬁrst insights into the inﬂuence of
a single bout of exercise on genome-wide DNA-methylation in isolated NK-cells to open the ﬁeld for
such analyses. Five healthy women performed an incremental step test and blood samples were taken
before and after exercise. DNA was isolated from magnet bead sorted NK-cells and further analyzed
for global DNA-methylation using the Inﬁnium MethylationEPIC BeadChip. DNA-methylation was
changed at 33 targets after acute exercise. These targets were annotated to 25 genes. Of the targets,
19 showed decreased and 14 increased methylation. The 25 genes with altered DNA-methylation
have diﬀerent roles in cell regulation and diﬀer in their molecular functions. These data give new
insights in the exercise induced regulation of NK-cells. By using isolated NK-cells, exercise induced
diﬀerences in DNA-methylation could be shown. Whether or not these changes lead to functional
adaptions needs to be elucidated.
Keywords: natural killer cell; NK; epigenetics; DNA-methylation; exercise; sport

1. Introduction
Natural killer (NK-) cells are a distinct cell population of the innate immune system that build the
ﬁrst line of defense against virus-infected and neoplastic cells [1]. NK-cells are characterized by their
rapid activation through germ line encoded receptors [2] and their ability to discriminate between
healthy and diseased cells. NK-cells show a keen reaction to acute bouts of exercise, including changes
in circulating NK-cell numbers and NK-cell function [3]. Circulating NK-cell numbers increase during
exercise and decrease immediately after cessation of exercise below pre-exercise levels for up to 48 h [4].
Furthermore, the NK-cell pool can be divided into the more regulatory CD56bright subset and the
pronounced cytotoxic CD56dim subset. As shown by Bigley et al. [5], exercise predominantly aﬀects
the redistribution of CD56dim NK-cells, leading to changes in the distribution of NK-cell subsets. Data
Genes 2019, 10, 380; doi:10.3390/genes10050380
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for NK-cell function is inconsistent but a tendency regarding higher NK-cell function after intensive
exercise is reported [3].
Research of the past decade suggests that several short- and long-term adaptions of various tissues
in response to exercise are based on epigenetic modiﬁcations [6–9], such as DNA-methylation, histone
modiﬁcation and microRNA expression [10]. In view of immune cells, results from Nakajima et al. [7]
and Denham et al. [11] suggested gene-speciﬁc changes of DNA-methylation in peripheral blood
mononuclear cells (PBMCs) and leukocytes after interval training interventions. Regarding acute
exercise, Robson-Ansley et al. [12] found no eﬀects on global DNA-methylation in PBMCs. However,
analyzing PBMCs has some major limitations. First, PBMCs represent an agglomerate of several
immune cell subsets which have distinct epigenetic patterns. Second, acute exercise and training
interventions alter the number and proportions of immune cell subsets. Thereby, detected changes of
DNA-methylation may be driven by changes in PBMC composition rather than by changes on the
epigenome. Hence, analyzing speciﬁc immune cell subsets would be more accurate. Another attempt
to overcome these problems was conducted by Horsburgh et al. [13]. PBMCs were cultivated in vitro
with plasma collected before and after an intensive exercise bout. They found the nuclear expression
of DNA methyltransferase (DNMT) 3B to be decreased after exercise. DNMT3B is one of the DNMTs,
accounting for de novo DNA-methylation and therefore changes in DNA-methylation were suggested
but unfortunately not tested [13].
Using isolated NK-cells, we [14] have shown that a long-lasting acute bout of endurance
exercise (half marathon) did not alter global DNA-methylation. However, this was only tested by
global immunocytochemistry. Nevertheless, antibody detected global histone acetylation at the ﬁfth
lysine-residue of histone 4 (H4K5) increased after the run and was further accompanied by an elevated
gene expression of the activating NK-cell receptor NKG2D. Interestingly, gene expression of NKG2D
has previously been described to be regulated by epigenetic modiﬁcations [15]. Furthermore, we
have recently shown that an acute bout of exercise decreased the promoter DNA-methylation of the
activating killer immunoglobulin-like receptor (KIR) KIR2DS4 and increased the corresponding gene
expression [16]. In contrast, neither promoter DNA-methylation nor gene expression of the inhibitory
KIR3DL1 gene was aﬀected. In this trial, DNA-methylation was assessed using the high-resolution
method targeted deep amplicon bisulﬁte sequencing (TDBS).
Since immunohistochemically antibody-based assessment of DNA-methylation is relatively vague,
and TDBS does not allow the analysis of a wide range of genes, this pilot-study aims to generate
ﬁrst insights into the inﬂuence of a single bout of exercise on gene speciﬁc DNA-methylation using a
microarray approach in isolated NK-cells and open the ﬁeld for such analyses.
2. Experimental Section
This study was performed in accordance with the declaration of Helsinki and was approved by
the ethics committee of the University Hospital of Cologne (IRB#13-274). Five healthy women (age
61.4 ± 8.0 years) were recruited by regional newspaper announcement between December 2014 and
September 2015 and provided written informed consent. The term “healthy” was deﬁned as no acute
or chronic diseases. Any kind of drug intake was an exclusion criterion. For analyzing the eﬀects of a
single bout of exercise on the methylome of NK-cells, venous blood samples were collected before (t0)
and 1 min after (t1) an incremental step test on a bicycle ergometer.
2.1. Incremental Step Test
The incremental step test was performed on a bicycle ergometer (Ergoline GmbH, Bitz, Germany)
with a spirometry analysis (Cortex Biophysik GmbH, Leipzig, Germany). The incremental step test
began with a 1 min rest measurement, followed by a 3 min warm-up at 50 watts power output and
an increase of 25 watts every 2 min until exhaustion (Respiratory quotient >1). Heart rate (Promedia
Medizintechnik, Siegen, Germany) and self-perceived exhaustion (Borg scale) were assessed in each
intensity step.
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2.2. Blood Sampling and NK-Cell Isolation
Blood samples were collected before (t0) and 1 min after (t1) the incremental step test. Blood
samples were used for isolation of peripheral blood mononuclear cells (PBMCs) with a lymphocyte
separation medium (promo Cell, Heidelberg, Germany) based density gradient centrifugation. Isolated
PBMCs were used for a magnetic bead associated negative separation of NK-cells (EasySep™ Human
NK Cell Enrichment Kit; STEMCELL Technologies Germany GmbH, Cologne, Germany) according to
the manufacturer’s protocol.
2.3. DNA Isolation
DNA was isolated using a column-based isolation (RNA/DNA/Protein Puriﬁcation Plus Kit;
Norgen Biotek Corp., Thorold, ON, Canada) according to the manufacturer’s protocol.
2.4. Genome-Wide DNA-Methylation
Genome-wide DNA-methylation was assessed with the Inﬁnium® MethylationEPIC BeadChip
(Illumina, San Diego, CA, USA) according to the manufacturer´s protocol. Methylation data was
calculated with Genome Studio 2011.1 containing the methylation module (Illumina, San Diego, CA,
USA). Methylation was displayed in β-values. The data discussed have been deposited in NCBI’s
Gene Expression Omnibus and are accessible through GEO Series accession number GSE129376
(https://www.ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE129376).
2.5. Gene Ontology
Functional annotation of genes showing changes in DNA-methylation was performed using the
DAVID Bioinformatics Resources [17].
2.6. Flow Cytometry
To control for changes of the NK-cell subsets distribution, isolated PBMCs were used for ﬂow
cytometry analysis. PBMCs were stained with anti-CD3 APC-C7 and anti-CD56 PE (BD Bioscience,
Heidelberg, Germany). Flow cytometry was performed on a BD FACS Array (BD Bioscience, Heidelberg,
Germany) and NK-cells were gated as CD3− and CD56+. Furthermore, CD56bright and CD56dim
NK-cells were gated and presented as percentage of the NK-cell pool.
2.7. Statistics
Genome Studio was used to perform a diﬀerential methylation analysis, to detect diﬀerences
between before (t0) and after (t1) acute exercise. The illumina custom model, including consideration
of the false discovery rate (FDR) by p-value correction according to Benjamini-Hochberg [18], was used
to calculate the diﬀerential methylation. FDR corrected DiﬀScores were computed, with a DiﬀScore ≥
|13| ≈ p ≤ 0.05 as described by Tremblay et al. [19]. In brief, the detection p-value indicated whether the
sample signal was distinguishable from the negative control. Targets indicating a detection p > 0.05
in more than 10% of the samples were excluded from analyses. Flow cytometry data was compared
using a Wilcoxon signed-rank test. The level of signiﬁcance was set at p ≤ 0.05.
3. Results
3.1. Participants Characteristics
To analyze the inﬂuence of a single bout of acute exercise, ﬁve healthy women were recruited
with an age of 61.4 ± 8.0 years. The incremental step test revealed a peak oxygen uptake (VO2peak ) of
32.4 ± 3.8 mL/min/kg with a maximal power output of 165.0 ± 13.7 Watt. Detailed characteristics of the
participants are shown in Table 1.
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Table 1. Participant characteristics.
Parameter

Mean

Standard Deviation

Age [years]
Weight [kg]
Height [cm]
BMI [kg/m2 ]
Waist circumference [cm]
Maximal power output [Watt]
VO2peak [mL/min/kg]

61.4
60.2
166.2
20.0
84.2
165.0
32.4

8.0
4.0
4.1
1.5
5.5
13.7
3.8

3.2. Genome-Wide DNA-Methylation
Analysis with the Inﬁnium MethylationEPIC BeadChip revealed 864,614 targets of a total of
865,918 (99.8%) that could be detected with a detection p ≤ 0.05. Comparing DNA-methylation before
(t0) and after (t1) acute exercise revealed 33 targets being changed with a DiﬀScore ≥ |13| (0.004%).
Within the 33 targets aﬀected by acute exercise, 25 were annotated to a gene. As shown in Table 2, in 19
of the 33 targets (57.6%) DNA-methylation was decreased after exercise, whereas 14 targets (42.4%)
show increased DNA-methylation. A total of 10 targets (30.3%) were found in a gene body and 8
targets (24.2%) had no gene annotation. Table 2 presents a complete list of targets with a changed
methylation, including gene information and β-values.
3.3. Gene Ontology
DAVID Bioinformatics Resources [17] was used for functional annotation of the 25 genes (Table 3).
It is noteworthy that FASLG is the gene with the most functional annotation. It belongs to the plasma
membrane and is involved in regulation of transcription.
3.4. Distribution of NK-Cell Subsets CD56bright and CD56dim
Flow cytometry was used to control blood samples for changes in NK-cell subset distribution.
The percent of CD56bright NK-cells within the NK-cell pool, decreased from 14.91% ± 4.64% to 10.38%
± 3.20% comparing before and after acute exercise. Accordingly, the percent of CD56dim NK-cell
increased from 84.63% ± 4.78% to 89.12% ± 3.57%. Nevertheless, both changes did not reach statistical
signiﬁcance (p = 0.080, p = 0.080).
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Chromosome
18
11
11
3
22
12
1
11
6
7
6
3
2
2
1
10
19
21
8
14
6
4
4
11
8
3
17
15
1
5
2
1
17

Target ID

cg03347334
cg05476733
cg23944405
cg18139862
cg21899777
cg19360943
cg22942704
cg13565400
cg02295170
cg24226193
cg05119374
cg27114965
cg00268500
cg20481642
cg15729230
cg03997458
cg01379853
cg21895314
cg20339715

cg00835758
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cg21646955
cg25540806
cg22758714
cg07675898
cg06716138
cg11066566
cg14678442
cg17395184
cg02771649
cg20381404
cg03681640
cg02270786
cg06095510

35108921
90815778
190942739
41681482
124857543
17783373
54672540
42750462
31474920
34008215
6647183
45474858
56764569

35550189

55829444
128477400
30602030
48344301
46771084
6762431
20813574
73882059
130718139
28191663
32399399
57614340
64067540
166060635
172628514
125207543
6239836
44593708
27757965

Location

MPPED2
NME6
CELSR1
ING4
CAMK2N1
C2CD3; PPME1
TMEM200A
JAZF1
DENND6A
UGP2
SCN3A
FASLG
MLLT1
SCARA5
LOC101927178;
FAM177A1
TCP11
MMRN1

TBC1D5
NOG
ZFP106
PUM1
AMACR
HECTD3
TEX14

1stExon
TSS1500
Body
Body
TSS1500
1stExon
5 UTR
Body
Body
TSS1500
TSS200
1stExon
Body
Body

Body
TSS1500

TSS1500
1stExon
TSS1500
Body
5 UTR
Body
5 UTR

TSS200

NEDD4L

Refgene Name

Body

Refgene Group

0.08
0.11
0.12
0.08
0.12
0.10
0.10
0.13
0.13
0.09
0.18
0.11
0.17

16.18
16.61
17.75
19.76
20.77
22.87
23.97
29.99
31.01
37.09
51.10
61.64
314.97

15.61

−60.15
−53.12
−42.75
−41.93
−37.09
−36.96
−35.73
−23.19
−22.73
−22.50
−20.57
−19.06
−17.98
−16.45
−15.97
−15.61
−13.46
−13.28
−13.20

−0.16
−0.13
−0.13
−0.14
−0.10
−0.11
−0.15
−0.10
−0.09
−0.11
−0.09
−0.10
−0.09
−0.08
−0.10
−0.08
−0.10
−0.10
−0.11
0.13

DiﬀScore

Δβ-Value

Table 2. Detailed presentation of targets aﬀected by acute exercise. Genomic location of targets is given by the chromosome and location, as well as its orientation to
the gene (refgene group). If a gene is annotated to the target cytosine guanine dinucleotide (CpG), the refgene name is presented. The diﬀerence in DNA-methylation
for each target is shown as Δβ-value and the corresponding DiﬀScore given. The DiﬀScore is a transformation of the p-value and indicates diﬀerences between both
time points. A DiﬀScore of ≥ |13| represents a p ≤ 0.05. Presented is the false discovery rate corrected DiﬀScore.
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Glycosylation site:N-linked (GlcNAc . . . )
Glycoprotein
Disulﬁde bond
Cell membrane
GO:0005887~integral component of plasma
membrane
Disulﬁde bond
GO:0005576~extracellular region
Topological domain:Extracellular
Secreted
Transmembrane region
Signal peptide
Topological domain:Cytoplasmic
Transmembrane helix

UP_SEQ_FEATURE

UP_KEYWORDS

UP_SEQ_FEATURE
UP_KEYWORDS
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UP_KEYWORDS
GOTERM_CC_DIRECT
UP_KEYWORDS
UP_KEYWORDS
UP_KEYWORDS

GOTERM_CC_DIRECT

Membrane
Transmembrane
GO:0005886~plasma membrane
GO:0016021~integral component of
membrane
Signal
GO:0005634~nucleus
Transcription regulation
Transcription
Nucleus

UP_KEYWORDS

UP_KEYWORDS
GOTERM_CC_DIRECT

UP_KEYWORDS
GOTERM_CC_DIRECT
UP_SEQ_FEATURE
UP_KEYWORDS
UP_SEQ_FEATURE
UP_SEQ_FEATURE
UP_SEQ_FEATURE
UP_KEYWORDS

GOTERM_CC_DIRECT

Term
Mutagenesis site
Ubl conjugation
GO:0005886~plasma membrane
Metal-binding
Zinc-ﬁnger
Zinc
Nucleus

Category

UP_SEQ_FEATURE
UP_KEYWORDS
GOTERM_CC_DIRECT
UP_KEYWORDS
UP_KEYWORDS
UP_KEYWORDS
UP_KEYWORDS

CELSR1, MMRN1, NOG
FASLG, HECTD3, ING4, JAZF1, MLLT1, NEDD4L, UGP2
FASLG, JAZF1, MLLT1
FASLG, JAZF1, MLLT1
FASLG, ING4, JAZF1, MLLT1, ZNF106

CELSR1, FASLG, SCN3A, TCP11, TMEM200A

CELSR1, FASLG, MMRN1, NOG, SCARA5
FASLG, MMRN1, NOG
CELSR1, FASLG, SCARA5, TMEM200A
FASLG, MMRN1, NOG
CELSR1, FASLG, SCARA5, SCN3A, TCP11, TMEM200A
AMACR, CELSR1, MMRN1, NOG
CELSR1, FASLG, SCARA5, TMEM200A
CELSR1, FASLG, SCARA5, SCN3A, TCP11, TMEM200A
CAMK2N1, CELSR1, FASLG, SCARA5, SCN3A, TBC1D5,
TCP11, TMEM200A
CELSR1, FASLG, SCARA5, SCN3A, TCP11, TMEM200A
CELSR1, FASLG, NEDD4L, SCN3A

CELSR1, FASLG, SCARA5

FASLG, NEDD4L, PUM1, SCN3A, UGP2
FASLG, NEDD4L, SCN3A, ZNF106
CELSR1, FASLG, NEDD4L, SCN3A
ING4, JAZF1, MPPED2, NME6, UGP2, ZNF106
ING4, JAZF1, ZNF106
ING4, JAZF1, ZNF106
FASLG, ING4, JAZF1, MLLT1, ZNF106
CELSR1, FASLG, MMRN1, NOG, SCARA5, SCN3A,
TMEM200A
CELSR1, FASLG, MMRN1, NOG, SCARA5, SCN3A,
TMEM200A
CELSR1, MMRN1, NOG, FASLG, SCARA5
CAMK2N1, CELSR1, FASLG, SCARA5, SCN3A

Genes

Table 3. Functional Annotation. The functional annotation was performed using the DAVID software. Category gives the database used by the DAVID software.
Term gives the functional annotation.
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4. Discussion
4.1. Genome-Wide DNA-Methylation
Investigating the eﬀect of exercise interventions on DNA-methylation in speciﬁc immune cells is
a novel research ﬁeld and literature in this context is limited to studies analyzing PBMCs [7,11–13]
or whole blood samples [20]. To our knowledge, this is the ﬁrst study investigating the inﬂuence
of an acute bout of endurance exercise on genome-wide DNA-methylation on a single cytosine
guanine dinucleotide (CpG) level in isolated NK-cells. The results reveal 33 targets being diﬀerentially
methylated after exercise, with 25 genes corresponding to these targets. Overall, 14 targets show
increased DNA-methylation, whereas 19 targets show a decreased methylation.
Our results reveal a fast adaption of NK-cells to an acute bout of endurance exercise by changes
of DNA-methylation at 33 targets. So far, DNA-methylation was thought to be a more stable
epigenetic modiﬁcation when compared to histone modiﬁcations or miRNAs. Nevertheless, our results
indicate a more dynamic function of DNA-methylation in response to external stimuli, e.g., exercise,
and this hypothesis is supported by recent research. It was shown that a single bout of exercise
changes promoter DNA-methylation in muscle [21] and adipose tissue [22]. In view of blood cells,
Robson-Ansley et al. [12] showed keener changes in DNA-methylation immediately after a single bout
of exercise compared to a 24 h post-exercise assessment. The authors described a correlation of changes
in DNA-methylation of the inﬂuenced genes with interleukin 6 (IL-6) levels, indicating changes of
cytokine levels as a mediator of changes in DNA-methylation. Horsburgh et al. [13] found a decrease of
nuclear concentrations of DNA methyltransferases (DNMTs) of PBMCs after in vitro cultivation with
exercise preconditioned plasma. Furthermore, in a recent study we showed that acute exercise resulted
in promoter demethylation of the activating NK-cell receptor KIR2DS4 [16]. In the same study also
the inhibiting KIR3DL1 was investigated, showing no changes after acute exercise. Interestingly, the
presented microarray attempt did not show changes at the KIR2DS4-gene. Comparing the KIR2DS4
and KIR3DL1 genes in both attempts, we found 6 CpGs (4 in the KIR2DS4 gene and 2 in the KIR3DL1
gene), which were analyzed in both attempts (TDBS and EPIC). All 6 commonly analyzed CpGs
remained unaltered when comparing both methods and the ones that were changed in the previous
study [16] were unfortunately not analyzed within the microarray. It is emphasized that a combination
of methods is needed to get detailed information about changes in DNA-methylation.
Analysis of functional annotation reveals FASLG with the most annotations. FASLG codes for a
ligand of the FAS-receptor and induces apoptosis upon binding, one mechanism of NK-cell cytotoxicity.
Our results reveal a slightly reduced DNA-methylation of FASLG in one CpG within the ﬁrst exon after
acute exercise. As shown by Mooren et al. [23], gene expression of FASLG in leukocytes is not changed
immediately after exercise, but it is increased 3 h later. Whether or not there is an association between
changes in DNA-methylation and gene expression remains unclear and should be investigated in
following studies.
4.2. Distribution of NK-Cell Subsets
The NK-cell subsets CD56bright and CD56dim reveal diﬀerent functional properties [24] and may
also diﬀer in their epigenetic imprinting. It is well described that the NK-cell numbers within the blood
stream rapidly increase during exercise and decrease below pre-exercise levels (reviewed by [24]).
Moreover, exercise redeploys preferentially CD56dim NK-cells [5], possibly leading to a change in
subset proportions and therefore changes in the epigenetic pattern of the entire NK-cell pool. In
contrast, we found no statistically signiﬁcant changes in the NK-cell populations before and directly
after exercise. This could be due to the short duration of the exercise bout. While the exercise bout in
our study lasted about 15 min, Campbell and Turner [25] describe exercise bouts of 45–60 min duration
being characterized by changes in blood lymphocyte numbers. Therefore, it is hypothesized that the
short duration of this intensive exercise bout explains the absence of explicit changes in NK-cell subset
distribution. Fortunately, this data also supports the ﬁnding that changes in DNA-methylation are not
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driven by changes in NK-cell subsets. Even if the short intensive bout of exercise was not suﬃcient to
induce changes in NK-cell subset distribution, it was suﬃcient to induce changes in DNA-methylation.
It is suggested that a longer bout would induce more pronounced changes, so future studies should
include analysis of a single cell population and use longer bouts of exercise.
4.3. Limitations
The results of the presented study should be considered within the context of its limitations.
Chip based microarrays for DNA-methylation analyses are a state-of-the-art method and allow the
quantiﬁcation of DNA-methylation at a vast number of single CpGs in parallel. Especially, the Illumina
MethylationEPIC BeadChip is described as a robust and reliable platform [26]. Nevertheless, an a
priori determined selection of CpGs may also discriminate and possible changes remain undetected.
The use of whole genome bisulfate sequencing may provide detailed information of DNA-methylation
based gene regulation by measuring all CpGs and all genes. A major limitation is the small sample size
of ﬁve participants. Nevertheless, it is the ﬁrst study investigating genome-wide DNA-methylation
with a microarray design in isolated NK-cells in the context of physical exercise. In contrast to previous
studies investigating cell conglomerates like PBMCs, this attempt produced more precise results for
the regulation of a speciﬁc cell type. Since NK-cells are further divided into subgroups, analyses of
sorted NK-cell subpopulations (CD56dim and CD56bright ) provided even more detailed information
of diﬀerential regulation of the subgroups. However, the amount of DNA isolated from NK-cell
subpopulations would be a bottle neck for those analyses. Moreover, the timing of blood sampling
after exercise aﬀected the composition of circulating leukocytes and was standardized precisely. By
using venipuncture, each blood sampling could be subject to a minor delay and therefore may have
inﬂuenced the results. Since a change in NK-cell subset proportions was absent, exercise bouts of
longer durations should be used to increase the inﬂuence of exercise on the NK-cell pool. Furthermore,
more measurement time points could give information about the kinetics of exercise induced changes
of DNA-methylation and should be considered in following studies. Gene expression of aﬀected genes
is not measured. Consecutive studies are warranted, analyzing whether changes in DNA-methylation
correspond to changes in gene expression of the aﬀected genes.
5. Conclusions
In conclusion, this is the ﬁrst study showing eﬀects of a single bout of endurance exercise on
genome-wide DNA-methylation in isolated NK-cells. Acute exercise aﬀects the functional genome of
NK-cells by changes in DNA-methylation. In order to investigate such changes, it is proposed to use
speciﬁc cell types rather than conglomerates like PBMCs. More research is needed to combine changes
in the functional genome of NK-cells with changes in NK-cell function.
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Abstract: Over the last years, a growing body of evidence suggests that gut microbial communities
play a fundamental role in many aspects of human health and diseases. The gut microbiota is a very
dynamic entity inﬂuenced by environment and nutritional behaviors. Considering the inﬂuence
of such a microbial community on human health and its multiple mechanisms of action as the
production of bioactive compounds, pathogens protection, energy homeostasis, nutrients metabolism
and regulation of immunity, establishing the inﬂuences of diﬀerent nutritional approach is of pivotal
importance. The very low carbohydrate ketogenic diet is a very popular dietary approach used for
diﬀerent aims: from weight loss to neurological diseases. The aim of this review is to dissect the
complex interactions between ketogenic diet and gut microbiota and how this large network may
inﬂuence human health.
Keywords: gut microbiota; gut microbiome; intestinal microbiome; ketogenic diet; ketogenic diet
and fat

1. Introduction
1.1. The Human Gut Microbiota and the Microbiome
The human gut microbiota, that means the types of organisms that are present in an environmental
habitat, consisting of trillions of microbial cells and thousands of bacterial species [1]. It encompasses
~10−13 microorganisms belonging to the three domains of life Bacteria, Archaea and Eukarya and
it is involved in several and diﬀerent functions [2,3]. Microbiome is the collection of the genes
and their functions and, due to the new genetic and bioinformatics technologies, the study of the
gut microbiome has been radically transformed. The use of the newest platform next generation
sequencing (NGS) enables the sequencing of a thousand to million DNA molecules of bacteria in one
sequence run (metagenomics) [4] and through this microbial sequencing has been ﬁnally possible the
understanding of how diﬀerent microorganisms are present in diﬀerent tracts of human body [5]. These
new omics-technologies allow scientists to discover the role of bacterial genes in human health [6].
Several studies suggest that a mammalian host establishes their core microbiota at birth [7]; the
colonization of the gastrointestinal tract by microorganisms, begins within a few hours of birth and
concludes around three to four years of age. The nature of the colonic microbiota is driven by several
factors such as breast feeding, geographical location, genetics, age and gender [8].
The impact of food (macronutrients) on gut microbiota composition is growing up in interest,
especially with respect of speciﬁcally dietary ﬁbers. It has been shown that dietary patterns composed
by non-reﬁned foods and a high intake of “microbiota accessible carbohydrate” (MACs), are capable to
Genes 2019, 10, 534; doi:10.3390/genes10070534
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support the growth of specialist microbes producing short chain fatty acids (SCFAs): the prominent
energy source for human colonocytes and the signaling key molecules between the gut microbiota
and the host [9]. Controversially, the typical pattern of Western diet, high fat-high sugar and low
ﬁbers, reduces the production of SCFAs shifting the gastrointestinal microbiota metabolism to the
production of detrimental metabolites, favoring the expansion of bacteria associated with chronic
inﬂammation [10].
The composition of the microbiome is inﬂuenced by many factors [11] and the stability of
the microbiome, reached between two to ﬁve years of age, is overlooked by Bacteroidetes, the
largest phylum of gram-negative bacteria associated with both beneﬁcial and detrimental eﬀects on
health [12,13]. However, the Firmicutes to Bacteroidetes ratio is regarded to be signiﬁcant for the gut
health, the ratio is clearly linked with increasing body mass index (BMI) [14] and the levels of these
two dominant bacterial species are known to shift dramatically with aging, especially Biﬁdobacterium
and Lactobacillus genera [15].
1.2. Bioactive Products
The microorganisms living in our gut inﬂuence the host through the production of bioactive
metabolites, which are able to regulate many biological pathways involved in immunity and energy
production. The bacterial population of the large intestine digests carbohydrates, proteins and lipids left
undigested by the small intestine. Indigested substances, named “microbiota accessible carbohydrates”
(MACs), are represented by the walls of plant cell, cellulose, hemicelluloses and pectin and resistant
starch; these polymers undergo microbial degradation and subsequent fermentation [3]. It is really
fascinating that the genome of gut bacteria, diﬀerent from the human genome, encoded several
highly speciﬁed enzymes able to digest and ferment complex biomacromolecules by hydrolyzing the
glycosidic bonds [16,17].
More important, microorganisms have the ability to produce a great amount of B12 and K
vitamins, essential for human health, especially for the daily vitamin K intake that is most frequently
insuﬃcient [18,19].
The prominent end-products of fermentation in the colon are short chain fatty acids (SCFAs) such
as butyrate (C4 H7 O2 -) produced especially by Firmicutes, propionate (C3 H5 02 -) by Bacteroidetes and
acetate (C2 H4 02 ) by anaerobes; they represent the greatest source of energy for intestinal absorptive
cells. [20,21].
SCFAs contribute to the regulation of the systemic immune function, to the direct appropriate
immune response to pathogen and they inﬂuence the resolution of inﬂammation [22].
Moreover, speciﬁc bacteria have their own ability to produce many neuroendocrine hormones and
neuroactive compounds involved in key aspect of neurotransmission, thus, microbial endocrinology
interconnects the science of microbiology with neurobiology. As a matter of fact, γ amino butyric
acid (GABA), the major inhibitory neurotransmitter of mammalian central nervous system [23], has
been demonstrated to be produced by strains of Lactobacilli and Biﬁdobacteria, more speciﬁcally by
Lactobacillus brevis, Biﬁdobacterium dentium, Biﬁdobacterium adolescentis and Biﬁdobacterium infantis [24,25].
Lactobacillus rhamnosus has been demonstrated for its therapeutical potential in modulating the
expression of central GABA receptors, mediating depression and anxiety-like behaviors [26].
Furthermore, another important mediator of the gut-brain axis is serotonin (5-hydroxytryptamine
5-HT) that is produced by the enterochromaﬃn cells of the gastrointestinal tract. It is a metabolite
of the amino acid tryptophan and plays a pivotal role in the regulation of several functions such as
the mood.
The 95% of serotonin is stored in enterochromaﬃn cells and enteric neurons, while only the 5% is
found in the central nervous system. Kim and colleagues found that germ-free mice have a two-fold
decrease of the serotonin blood’s level as compared with commonly mice [27].
However, the gut peripheral serotonin is unable to overstep the blood brain barrier; this serotonin
acts on lumen, mucosa, circulating platelets and it is grandly implicated in the gut peristalsis and
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intestinal anti-inﬂammation [28,29]. Jun Namking and colleagues suggested that the regulation of the
peripheral serotonin might be an adequate tool for the treatment of obesity by the increasing of insulin
sensitivity [30].
1.3. Interindividual Variability of Microbiota
The variability among people and the adaptability of gut microbiota to substantial changes have
permitted the manipulation of various external factors, restoring both the biological functions and
richness of microbiota [31]. The fact that human microbial community is strictly inﬂuenced by diet,
and, a good ecological community is connected with a better health, oﬀers a range of opportunity
for improving human’s health by changing the microbiota composition through diﬀerent patterns of
diet [32–34].
The availability of a huge variety and combination of nutrients promotes the selective enrichment
of microorganisms, but both the quality and quantity of the macronutrients have an eﬀect on the
structure and function of the microbiome [35].
It has been demonstrated the high fat–high sugar Western diet negatively impacts gut health [36]
and a high fat diet is closely related to inﬂammation [37], however, several studies [38–40] suggested the
necessity to consider the structure and the function of diﬀerent fatty acids. De Wit and collaborators [41]
showed that speciﬁc type of fatty acids aﬀect the gut microbiota in diﬀerent way and, more recently, it
has been said that monounsaturated fatty acid’s (MUFA’s) and polyunsaturated fatty acid’s (PUFA’s)
omega 3 may be the control key of low-grade systemic inﬂammation, gut inﬂammation and as well as
obesity [39].
For these reasons, specialized and restricted dietary regimens adopted as a treatment of some
diseases, such as low FODMAP for the irritable bowel syndrome and ketogenic diet for refractory
epilepsy, should be investigated for their inﬂuence on human microbiota [40,42]. These patterns,
by reducing or excluding certain type of foods, may aﬀect positively or negatively the microbiota
composition and its related inﬂuence on host physiology [43–45]. That is the case of very low
carbohydrate ketogenic diet (VLCKD), a nutritional approach growing up in interest not only for
neurological disorders but also for being a “lose-it-quick-plan” [45,46]. VLCKD, by the drastic
reduction of the carbohydrate intake, showed an impairment both on the diversity and richness of gut
microbiota [47].
1.4. Very Low Carbohydrate Ketogenic Diet (VLCKD)
The very low carbohydrate ketogenic diet (VLCKD) is a dietary protocol that has been used since
the 1920 as a treatment for refractory epilepsy [48] and it is currently getting popularity as a potential
therapy for obesity and related metabolic disorders [49]. Due to the typical pattern of VLCKD, a
hot topic in research and an evolving area of study has been the eﬀect of ketogenic diet on the gut
microbiome [50–53].
Ketogenic diet permits a very low carbohydrate consumption (around 5% to 10% of total caloric
intake or below 50 g per day), as a mean to enhance ketone production [54].
Originally, VLCKD had been used as a treatment for epileptic patients that failed to respond
to anticonvulsant medication [55]. Currently it has become popular for its beneﬁts extended
to neurodegenerative diseases, metabolic diseases and obesity [45]. Recently, VLCKD has been
demonstrated to be a powerful tool for some neurodegenerative disease such as autism spectrum
disorder (ASD), Alzheimer’s disease [46], glucose transporter 1 deﬁciency syndrome [56] and auto
immune multiple sclerosis (AIMS) [57]. Given the fact that VLCKD is a highly restricted dietary
pattern, nowadays, there has been the necessity of formulating new features of the VLCKD, such as
the popular modiﬁed Atkins diet (MAD) and low glycemic index diet (LGIT) [58,59].
These new patterns have been demonstrated as a successful tool able to reduce seizure symptoms,
as well as they reveal a similar outcome, with lower side eﬀects, while compared to the traditional
regimes of VLCKD [60–62]. LGIT, diﬀerent from the modiﬁed Atkins regime, involves avoiding high
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glycemic carbohydrates to stabilize blood glucose since it has been shown that stable glucose levels are
associated with seizure control [63]. Due to the MAD and LGIT people may choose in a more ﬂexible
way the meal they want to consume, they do not have to calculate the speciﬁc ketogenic ratio but they
may focus on ensuring suﬃcient and appropriate fats, both in quantity and quality.
1.5. Physiology of Ketosis
The very low carbohydrate ketogenic diet (VLCKD) share several pathways that have been found
during fasting state [64]. After several days of drastically reduction of carbohydrate intake, at least
<20 g/d or 5% of total daily energy intake, the glucose in the body results insuﬃcient for both fat
oxidation (oxaloacetate in tricarboxylic acid cycle TCA) and energy required for the central nervous
system forcing the organism to use fats as a primary fuel source [65].
However, fat free acids do not provide energy for the brain because they are not capable to
overstep the blood brain barrier: This energy is provided by ketone bodies.
Ketone bodies, 3 hydroxybutyrate (3HB), acetate and acetoacetate (AcAc) are produced in the liver
through the process of ketogenesis. Ketogenesis takes place especially in the mitochondria of liver cells
where fatty acids reach the mitochondria via carnitine palmitoyltransferase and then breaks down into
their metabolites, generating acetyl CoA. The enzyme thiolase (or acetyl coenzyme A acetyltransferase)
converts two molecules of acetyl-CoA into acetoacetyl-CoA. Acetoacetyl-CoA is then converted to
HMG-CoA due to the enzyme HMG-CoA synthase. Lastly, HMG-CoA lyase converts HMG-CoA
to acetoacetate, which can be decarboxylated in acetone or, via β-hydroxybutyrate dehydrogenase,
transformed in β-hydroxybutyrate.
The less abundant ketone body is acetone while 3HB plays a main role in the human body under
low carbon hydrate diet [66].
The global view of how VLCKD may inﬂuence the gut’s health is shown in Figure 1.

Figure 1. The inﬂuence of a very low carbohydrate ketogenic diet and ketone bodies in gut health.
BHB: β-hydroxybutyrate, AcAc: Acetoacetate.

2. Methods
We performed a systematic review from February to March 2019; we used the electronic databases
Pubmed, (MEDLINE) and Google scholar. We adopted the MeSH term through the function “MeSH
Database” within Pubmed. The terms combined with Boolean operators AND, OR, NOT have been
“gut microbiota”, “gut microbiome”, “intestinal microbiome”, “ketogenic diet”, with “ketogenic”, “fat”.
Eligibility criteria included full-text articles, written in English, available online from 2015 to 2019;
speciﬁc studies in which authors investigated the eﬀect of the ketogenic diet on gut microbiota and
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declared no conﬂict of interest. We decided to include both in vivo and in vitro studies, ranging from
randomized controlled trials to case-control and, to emphasize the eﬀects of diet in “ﬁxed” conditions,
we included as well animal studies.
3. Results
How VLCKD Aﬀects the Gut Microbiome
As the ketogenic diet seems to gain consensus [63], little is still known about its impact on the
gut microbiota.
Only few experimental studies sought the relationship between VLCKD and gut
microbiome [47,50,52,53,67–70] investigating how VLCKD impacts composition and characteristics of
intestinal microorganisms. The eﬀects of VLCKD on gut microbiome have been explored in mice and
humans with mixed results. Our systematic review included nine studies and the major ﬁndings have
been schematically reported (Table 1).
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Auto Immune Multiple
Sclerosis

Autism Spectrum
Disorder

Elite race walkers

Therapy-resistant
epilepsy

6 Hz induced seizure
model of refractory
epilepsy

Refractory epilepsy

Healthy mice

Refractory epilepsy

6 patients (3 females
3 males) pre-post

25 MS patients and
14 controls

25 juvenile male C57BL/6
(B6) and 21 BTBR mice

10 LCHF, 10 PCHO,
9 HCHO pre-post

12 children (parents as
controls) pre-post

Juvenile SPF wild-type
Swiss Webster mice, GF
wild type SW mice, SPF
C3HeB/FeJ KCNA1 KO
mice

20 patients (14 males
6 females) pre-post

C57BL/6 male mice

14 patients and 30 healthy
infants

Tagliabue et al.
(2017) [50]

Swidsinki et al.
(2017) [52]

Newell et al.
(2017) [67]

Burke et al. (2019)
[47]

Lindefeldt et al.
(2019) [70]

Olson et al. (2018)
[53]

Zhang et al.
(2018) [69]

Ma et al. (2017)
[51]

Xie et al. (2017)
[68]
1 week

4 months

6 months

3 weeks

3 months

3 weeks

10–14 days

6 months

3 months

Duration

Shotgun metagenomic
DNA sequencing

β-hydroxybutyric
acid 0.3 ± 0.2
mmol/L

β-hydroxybutyric
acid (diﬀerent
levels accepted)

Ketonemia

Ketonemia (liver,
colon, intestine)
and normalized to
SPF
(speciﬁc-pathogen
free)

Ketonemia

6:1 KD ratio

4:1 KD ratio (plant fat 70%,
1 g/kg BM/day from animal
source
75% fat (saturated,
monounsaturated,
polyunsaturated), 8.6%
protein, 3.2% carbohydrates
lipid-to-non-lipid ratio of
4:1 (40% medium chain,
60% long chain), 60–80
kcal/kg per day, 1–1.5 g/kg
protein

4:1 in 7 children, 3.5:1 in 2,
and 3:1 in 3 KD ratio

Not mentioned

Ketonemia

Ketonemia

Not mentioned

β-hydroxybutyric
acid around 1.5
mmol/L

β-hydroxybutyric
acid 2.85 ± 0.246
and 3.01 ± 0.238
mmol/L (eﬀective
and ineﬀective
group)

16S rRNA-gene
amplicon sequencing

β-hydroxybutyric
acid ≥ 1.0 mmol/L

78% fat, 2.2 g/kg BM/day
protein, <50 g carbohydrate

DECREASE in diversity, INCREASE
A. muciniphila, Lactobacillus, DECREASE
Desulfovibrio, Turicinabacter
DECREASE Proteobacteria (Cronobacter),
INCREASE Bacteroidetes (Bacteroides,
Prevotella), Biﬁdobacterium
16S rRNA-gene
amplicon sequencing

DECREASE in α diversity, Firmicutes,
Actinobacteria, INCREASE in
Bacteroidetes

DECREASE in α diversity, INCREASE
A. muciniphila, Parabacteroides,
Suttarella and Erysipelotrichaceae

DECREASE β-diversity, DECREASE
substantial bacteria groups after two
weeks, after six months completely
recover the concentration to baseline
DECREASE in total bacterial content
both in cecal and fecal analysis,
DECREASE A. muciniphila both in cecal
and fecal matter, INCREASE
Enterobacteriaceae in fecal matter
INCREASE in Bacteroides and Dorea spp.
DECREASE in Faecalibacterium spp.
DECREASE in abundance of
biﬁdobacterium, E. rectale, E. dialister,
INCREASE in E. coli, changes in 29 SEED
subsystem: reduction of seven pathways
of carbohydrate metabolism

INCREASE Desulfovibrio spp.

Main Findings of Bacteria Changes

16S rRNA-gene
amplicon sequencing

16S rRNA-gene
amplicon sequencing

16S rRNA-gene
amplicon sequencing

DNA extraction
RT-qPCR analysis

Ketonemia

β-hydroxybutyric
acid 5.1 ± 0.8
mmol/L

75% kcal fat

FISH with ribosomial
RNA derived probes

Ketonemia and
ketonuria

>50 g carbohydrate, >160 g
fat, <100 g protein

β-hydroxybutyric
acid ≥ 500 μmol/L;
acetoacetate ≥
500 μmol/L

Genome Analysis
Technique
DNA extraction
RT-qPCR analysis

Ketonuria

First 1:1 ratio with gradual
increase of 2:1, 3:1 and or
4:1 KD ratio

KBs’ Level

Not mentioned

Measured KBs
(Y/N)

Type of KD

KD: Ketogenic diet; RT-qPCR: Real-time quantitative polymerase chain reaction; MS: Multiple Sclerosis; FISH: Fluorescent in situ hybridization; rRNA: ribosomial ribonucleic acid;
SPF: speciﬁc-pathogen-free; SW: Swiss Webster.

Glucose Transporter 1
Deﬁciency Syndrome

Subjects

Table 1. Main ﬁndings of the eﬀects of Ketogenic diet (KD) on gut microbiome.

Subjects
Characteristics
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Recently, [53] it has been explored the role of VLCKD on gut microbiota related to the anti-seizure
eﬀect on mice. In this study, they found that mice, within four days of being on a diet, had signiﬁcant
changes in gut bacterial taxonomy. Two species of bacteria, Akkermansia and Parabacteriodes were
signiﬁcantly increased in mice that were fed ketogenic diets and gnotobiotic colonization with these
microorganisms revealed an anti-seizure eﬀect in germ-free mice or treated with antibiotics.
The increase of these two bacteria species in the gut led to a decreased production of γ-glutamyl
transpeptidase by the gut microbiome, the enzyme catalyzes the transfer of γ-glutamyl functional
groups from molecules such as glutathione to an acceptor that may be an amino acid forming
glutamate [71].
Moreover, they observed a decrease in subset of ketogenic γ-glutatamylated (GG) amino acids
(i.e., γ-glutamyl-leucine) both in the gut and blood. GG amino acids are supposed to have transport
properties across the blood–brain barrier, diﬀerent from non-γ-glutamylated forms [72]: This property
is involved in glutamate and GABA biosynthesis [73].
This fact, in turn, had the eﬀect of increasing the ratio of GABA to glutamate in the brain of mice.
The researchers suggested that VLCKD-microbiota-related limitation in GG amino acids plays a pivotal
role on anti-seizure eﬀect, conﬁrmed by the previous studies showing GGT activity to modify the
electrical activity of seizure [53].
The ketogenic diet, composed by short fatty acids SFAs, monounsaturated fatty acids MUFAs
and polyunsaturated fatty acids PUFAs, has been provided for 16 weeks by Ma and colleagues [51]
and it reveals that mice had a variety of neurovascular improvement strictly linked to a lower risk
of developing Alzheimer’s disease. These beneﬁcial eﬀects may be connected with the changing
on gut microbiota composition, more speciﬁcally with the growing quota of beneﬁcial bacteria,
Akkermansia Muciniphila and Lactobacillus, which have the ability of generating short chain fatty
acids SCFAs. Interestingly, they found a reduction in pro-inﬂammatory microbes such as Desulfovibrio
and Turicibacter. The VLCKD however, decreased the overall microbial α diversity due to the low
carbohydrate (complex carbohydrate) content of diet, which is fundamental for the microorganism in
order to breakdown them and producing energy [52].
A 2016 study [67] investigated whether or not a VLCKD could ensure beneﬁts in the gut
microbiome in murine model of autism. The authors administrated a VLCKD for several days (10–14)
observing changes in gut microbiome; they concluded that the VLCKD had an “anti-microbial” eﬀect
by decreasing the overall richness of microorganisms both in cecal and fecal matter, and as well as
improved the ratio of Firmicutes to Bacteroides species. A lowered ﬁrmicutes: bacteroides ratio
is common in ASD and the VLCKD, by improving this ratio, was able to enhance ASD behavioral
symptoms. Lastly, diﬀerent from the above-mentioned studies, the VLCKD decreased the number of
A. muciniphila bacteria species, resulting in similar levels to those found in the control groups.
It has been described the connection between microbiome, VLCKD and the potential role playing
in multiple sclerosis (MS) [52]. A common attribute of the AIMS is the damage and aﬄiction of
“colonic bio-fermentative function”. The fermentative process which allow the production of beneﬁcial
byproducts such as SFCA, is impaired, thus, the dysbiotic colonic bacteria ferment foods into dangerous
compounds aﬀecting the organism. The VLCKD completely restored the microbial biofermentative
mass and normalizing the concentration of the colonic microbiome. The authors [52] showed a biphasic
eﬀect of VLCKD: ﬁrst there has been a dramatic decrease in richness and bacterial diversity, but, after
12 weeks, bacterial concentration began to recover back to baseline and, after 23–24 weeks, it showed a
signiﬁcant increase in bacterial concentration above baseline.
A study in children by Xie and colleagues [68], investigated the connection between microbiome
and refractory epilepsy in 14 epileptic and 30 healthy infants. Patients with epilepsy demonstrated
an imbalance of gut microbiota before starting the VLCKD. The authors found a higher amount of
pathogenic proteobacteria (Escherichia, Salmonella and Vibrio), which signiﬁcantly decreased after
VLCKD treatment and an increase of Bacterioidetes both in healthy subjects and in patients. Bacteroides
spp. are strictly connected with the digestion and metabolism of high-fat nutrients and the regulation
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of the secretion of 6–17 interleukins in dendritic cells, which is connected with the seizure eﬀects on
epileptic patients [74]. Researchers suggest that VLCKD can reduce these symptoms by developing
changes on microbiota diversity.
Zhang et al. sought the diﬀerences in the microbiota of pediatric patients fed a ketogenic diet [69].
They investigated the diﬀerence between responders (seizure frequency was reduced or stopped) and
non-responders (no eﬀect on seizure). They found increased amount of Bacteroides and decreased
amounts in Firmicutes and Actinobacteria, in responders. On the other hand, Clostridia, Ruminococcus
and Lachnospiraceae (Firmicutes phylum) increased in non-responders. These data demonstrated that
ketogenic diet alters the gut microbiome of pediatric patients, suggesting that the gut microbiome
should be taken into account as a biomarker of eﬃcacy of anti-seizure treatment. As regard patients
aﬀected by Glucose Transporter 1 Deﬁciency Syndrome [50], it has been showed a signiﬁcant increase in
Desulfovibrio spp. in six patients, after 3 months of intervention. Desulfovibrio spp is a genus belonging
to a heterogeneous group of sulfate-reducing, motile, anaerobic bacteria related to the inﬂammatory
status of the gut layer mucosa [75]. Authors suggested that in case of dysbiosis, it might be a good
option the use of an extra-supplementation with pre or probiotics to maintain the “ecological balance” of
gut microbiota [50].
Recently, a study in epileptic children found a reduction of Biﬁdobacteria, as well as E. rectale and
Dialister, which are correlated with health promoting beneﬁts such as the prevention of colorectal
cancer, IBS and necrotizing entercolitis [76]. Researcher identiﬁed a relative abundance of Actinobacteria
and Escherichia coli that may be due to the VLCKD restricted on carbohydrate. It should be stressed
that through the analysis of the 29SEED subsystem, scientists revealed a depletion of those pathways
responsible of the degradation of carbohydrates [70].
4. Discussion
4.1. Friend or Enemies?
All the papers that have been chosen for depicting the crossing mechanisms, revealed supposed
connections between gut microbiome, ketogenic diets and systemic eﬀects. Some ﬁndings are
demonstrated through “omics” analyses, some are only assumed. As it can be seen, there are several
and controversy ﬁndings suggesting the necessity of a deeper understanding. The picture (Figure 2)
aims to highlight the supposed major eﬀects of ketogenic diet on diﬀerent tissues and gut microbiota,
along with how tissues may be inﬂuenced by gut microbiota diversity.
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Figure 2. Eﬀects of ketogenic diet on diﬀerent tissues and the microbiome. KD has a contradictory
role on hunger but the net eﬀect is anorexigenic. KD Exerts orexigenic eﬀects: The increase of brain
GABA (γ-aminobutyric acid) through BHB (β-hydroxybutyric acid); the increase of AMP (adenosine
monophosphate -activated protein) phosphorylation via BHB; the increase of circulating level of
adiponectin; the decreases of ROS (reactive oxygen species). KD Exerts anorexigenic eﬀect: the increase
of circulating post meal FFA (free fatty acids); a maintained meal’s response of CCK (cholecystokinin);
a decrease of circulating ghrelin; a decrease of AMP phosphorylation; a decrease of AgRP (agouti-related
protein) expression. KD has positive eﬀects on Alzheimer’s disease through: an increase levels of
CBF (cerebral blood ﬂow) in VMH (ventromedial hypothalamus); a decrease expression of mTOR
(mammalian target of rapamycin) by the increase of the level of eNOS (endothelial nitric oxide synthase)
protein expression; an increased expression of P-gp (P-glycoprotein), which transport Aβ (amyloid-β)
plaques; an improvement of BBB’s (blood–brain-barrier) integrity. KD has beneﬁcial eﬀects on epileptic
seizure by the modulation of hippocampal GABA/glutamate ratio. It exerts anti-seizure eﬀects through:
An increase level of GABA, an increase content of GABA: glutamate ratio. KD plays a main role on
fat loss. It exerts positive eﬀects on adipose tissue through: a decrease of liposynthesis, an increase
of lipid oxidation and an increase in adiponectin. KD has a contradictory role on microbiome. KD
generally exerts its eﬀect through: a decrease in α diversity (the diversity in a single ecosystem/sample)
and a decrease in richness (number of diﬀerent species in a habitat/sample). KD inﬂuences the gut
health through metabolites produced by diﬀerent microbes: an increase/decrease in SCFA (short chain
fatty acids), an increase in H2S (hydrogen sulﬁde) and a decrease in lactate. KD to microbiome to the
brain: KD may inﬂuence the CNS (central nervous system) not only directly but also indirectly. The KD
eﬀects on the brain are supposed to be mediated by microbiota through an increase of SCFAs and a
decrease of γ-glutamyl amino acid. A. muciniphila and Lactobacillus are known as SCFAs producers.
SCFAs are transported by monocarboxylase transporters expressed at BBB. Desulfovibrio has the ability
to produce hydrogen sulﬁde and, as a consequence, impair intestinal mucosal barrier. A reduction in
Desulfovibrio and an enhancement in A. muciniphila and Lactobacillus may facilitate BBB and neurovascular
amelioration. KD to microbiome to the adipose tissue: KD may indirectly inﬂuence the adipose tissue
by the microbiota through a decrease in glycemia via adenosine monophosphate-activated protein
kinase (AMPK) phosphorylation, an increase in insulin sensitivity and an increase in SCFAs. The great
amount of A. muciniphila and Lactobacillus spp. led to the reduction of body weight and glycemia. It has
been demonstrated that patient with type 2 diabetes, treated with metformin, revealed higher level
of A. muciniphila, may be to the ability of metformin on decreasing body weight by the activation of
AMPK pathways (amp-activated protein kinase). A. muciniphila is related with the enhancement of
insulin sensitivity and Lactobacillus may be playing the same eﬀects through SFCAs production: Several
studies showed that Lactobacillus is strictly connected with body weight loss.
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4.2. Factors Aﬀecting Microbiota during a VLCKD: What Should We Consider?
4.2.1. Fats
The optimal composition of a VLCKD considers both high saturated and mono-polyunsaturated
fats [54], whilst the Western diet is rich in saturated-trans fats and poor in mono-polyunsaturated
fats [77].
A recent systematic review concluded that diets high in saturated fatty acids led to negative
eﬀects on the gut microbiota [78]. The authors observed that diets rich in highly monounsaturated fats
aﬀected negatively the gut microbiota decreasing bacteria richness, while diets rich in polyunsaturated
fatty acids (with opposite eﬀects when comparing omega 3 vs. omega 6 fats) did not change richness
and diversity. However, to notice that only a few studies have been conducted with NGS methods or
shotgun sequencing, these new technologies deliver accurate data by avoiding experimental pitfalls
and biases created by the “old fashioned” sequencing methods [79]. Recently, a randomized controlled
trial study [80] has revealed that a diet with a high content in fat increased Bacteroides while reducing the
number of butyrate producers (Faecalibacterium and Blautia bacteria) compared with a middle-lower-fat
group. The diﬀerences in fecal SCFA could be explained by the high content of carbohydrates in the
middle to low-fat diets, made up of resistant starches that have been broken down and fermented.
It has to be stressed that the source of fat came from soybean oil, which is highly rich in omega 6
polyunsaturated fatty acids [81]; a higher omega-6: omega-3 long-chain PUFA ratio is associated with
many health risks and chronic state of inﬂammation [82–84]. Another RCT study [85] showed that a
supplementation with omega 3 PUFA did not disclose any taxonomic changes both in α and β diversity
(at family and genus levels) including short-chain fatty acid producers.
According to these results, diﬀerent studies demonstrated that each type of fatty acid may
induce diﬀerent eﬀects: The saturated fats (palm oil) induce higher liver triglyceride content in mice,
as opposed to polyunsaturated fats (olive oil) [41]. Moreover, genetically modiﬁed mice, characterized
by the ability of producing omega 3 (PUFAs) and fed with high fat and high sugar diet, showed
a higher microbial diversity and a normal gut layer function in the distal intestine, diﬀerent from
non-modiﬁed-mice fed with the same macronutrients [86].
The source of fats (omega 6: Omega3, PUFAa and MUFAs) and their own quality should be highly
considered when performing a very low carbohydrate dietary plan and as well as when giving general
nutritional advices.
4.2.2. Sweeteners
An area of controversy in the ketogenic diet is the consumption of artiﬁcial sweeteners replacing
natural sugars. Several evidences demonstrated that artiﬁcial sweeteners have a negative impact
on both host and gut health. Nettleton at al. found that low calorie sweeteners, such as acesulfame
potassium (Ace-K) and sucralose, disrupted the structure and function of gut microbiota and gut
mucosa [87]. More recently Qiao-Ping Wang investigated, through the use of NGS, the eﬀects of
non-nutritive sweeteners (NNSs) on the gut microbioma of mice at the organism level; the study
reveals that artiﬁcial sweeteners has bacteriostatic eﬀects and as well as change the composition of
microbiota [88]. These ﬁndings, according to the fact that the routine consumption of NNSs may
increase the risk of cardiometabolic diseases [89], suggested that these chemical substitutes may be
detrimental for human health and should be avoided [90]. However, recently, the use of stevia (also
called Stevia rebaudiana) has been widely adopted as a non-nutrient but natural sweeteners. The use
of Stevia lowered insulin and glucose level in 19 healthy lean and 12 obese individuals and left
them satisﬁed and full after eating, despite the lower calorie intake [91]. Accordingly, Sharma and
colleagues [92] showed a reduction of cholesterol level, triglyceride, low-density lipoprotein (LDL) and
an enhancement of high-density lipoprotein (HDL) on 20 hypercholesterolemic women consuming
stevia extracts. In a 2008 review, authors suggest that there are not enough information concerning the
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eﬀect of stevia on gut microbioma [93], whilst others reported a possible link between nonnutritive
sweeteners, including stevia, and the disruption of beneﬁcial intestinal ﬂora [94].
Given the fact that there is no explicit data available on gut microbiome, but, The Food and Drug
Administration (FDA) considered it as “generally safe” [95], stevia might slightly be used in place of
artiﬁcial and chemical sweeteners, within coﬀee, tea or in a unsweetened yogurt. However, further
investigation need to be done considering the eﬀect of low calorie sweeteners on gut and human health.
4.2.3. Pre and Probiotics
A proper suggestion for maintaining a healthy gut microbiota during the ketogenic diet may be the
use of pre and probiotics: Increasing evidences [96,97] demonstrate their positive beneﬁts. The major
source of prebiotics is represented by fructo-oligosaccharides, inulin, lactulose galacto-oligosaccharides
and trans-galacto-oligosaccharides [98]. Fermentation of prebiotics by gut microbiota produces SCFAs,
which positively modulate the composition of microbiota (by increasing intestinal biﬁdobacteria
and lactic acid bacteria), providing an energy source for colonocytes [99]. Diﬀerently, probiotics are
living bacteria (especially from the genera Biﬁdobacterium and Lactobacillus) and yeasts that, when
administrated in an adequate amount, show positive eﬀect on human health; they are usually added to
yogurts or found in “specialty food” [100–102]. It has been reported [103,104] that foods enriched with
these microorganisms are able to recovery and improve gut microbiota, reaching the state of eubiosis.
Cultured-milk products (keﬁr, Greek yogurt), traditional buttermilk, water keﬁr, fermented cheese,
sauerkraut, kimchi, miso, kombucha and pickles contain several and diﬀerent “friendly bacteria” such
as Lactobacillus acidophilus, Lactobacillus delbrueckii subsp. bulgarius, Lactobacillus reuteri, Saccharomyces
boulardii and Biﬁdobacterium biﬁdum [105–108].
However, despite the growing interest on fermented foods, there is a lack of epidemiological
studies [104] and the majority have focused only on yogurt and cultured dairy foods [109,110].
The paucity arises from the diﬃculty of understanding if health beneﬁts come from the fermentation
operated by microbes or other bioactive compounds. As regard the usefulness of fermented foods
during a VLCKD, they represent an excellent and palatable source of dietary ﬁber and essential
micronutrients [111], which should be moderately provided during a VLCKD.
In our opinion since foods that have undergone deep fermentation seem to improve the gut
microbiome diversity and gut health index [112] adding small portions of fermented foods to the diet
may be a useful prebiotic/probiotic supplementation as well as an eﬀective aid to digestion. A caveat
should be done: It is mandatory to verify that fermented foods and beverages are able to not modify in
a signiﬁcant manner glycaemia and insulinaemia while maintaining a suﬃcient ketonemia.
It has been recently shown that parmesan (an Italian hard and dry cheese), contains “friendly
bacteria” acting as probiotics and able to colonize and live in the gut of those individuals who daily
consume it [113]. Thus, the moderate consumption of a high-fat fermented food is well recommended
for human gut and human health.
4.2.4. Proteins
Several considerations have to be done to the diﬀerent impact of diﬀerent protein on
gut microbiome.
The source and type of protein must be considered, especially in the ﬁeld of sports, in which the
intake of protein within VLCKD is fundamental to maintain lean body mass [114].
Several studies investigated how and how much diﬀerent kind of protein (plant versus animal)
modify microbiome [115–117], showing that, even though high protein diet generally impair gut health
(decrease abundance and change composition) [118], several and disparate eﬀects appear on the gut
microbiota [119].
Plant-derived protein, such as mung bean protein (as a part of high fat diet), increased
Bacteroidetes while decreasing Firmicutes as well as pea protein increased strains of Biﬁdobacterium
and lactobacillus [115].
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These studies demonstrated that plant-derived protein get better beneﬁts on gut microbiome
along with positive eﬀects on the host metabolism.
To note that we did consider that no studies investigated how protein have been processed, such
as thermal treatment, and the eﬀect of the processing treatment on microbiome composition.
During a period of VLCKD, we recommend the use of a source of plant protein (veg protein) since
these are more beneﬁcial in terms of health gut microbiota.
5. Conclusions, Perspective and Future Research
In the recent years, the interest regarding the beneﬁts of ketogenic diets is growing up and
expanding well beyond the seizure control. Ketogenic diet, as well as the more ﬂexible and less
restrictive regimens MAD, LGIT is commonly adopted for weight loss in both obese patients and
athlete populations. Bacteria taxa, richness and diversity are strictly inﬂuenced by ketogenic diet.
A few human and animal studies have shown diﬀerent results demonstrating positive eﬀects on
reshaping bacterial architecture and gut biological functions, while others reporting negative eﬀects as
a lowered diversity and an increased amount of pro-inﬂammatory bacteria.
Nevertheless, short period studies and with speciﬁc disease conditions have been carried
out [50,52,67,68], limiting generalization to the overall population. Additionally, the microbiota of
many environments may be highly variable and its plasticity could be dependent on past and speciﬁc
dietary patterns [120]. In agreement with these considerations, Healey and colleagues concluded
that because of the high variability among people of microbiome composition, it is actually diﬃcult
to identify how microbiota may change the diversity in relation to a speciﬁc dietary pattern [121].
According to diﬀerent authors [50,70], there is the necessity to ﬁnd better strategies to maximize the
beneﬁt of VLCKD. It may be useful implementing VLCKD with speciﬁc pre and probiotics, which
has been found to be drastically reduced during VLCKD [50]. Additionally, promising evidence
comes from randomized control trials suggesting that quality dietary fats highly aﬀects the gut
microbiota composition. Diets with a high fat content and good quality of polyunsaturated fats
and plant-derived protein are able to maintain normal gut function [80,86]. In parallel, the abolition
of artiﬁcial sweeteners [90] should be recommended to avoid negative eﬀects on general health
caused by alteration of gut microbiota. It has been suggested that a supplementation with prebiotics,
such as inulin, lactulose, fruttooligosaccharides (FOS) and galactooligosaccharides (GOS) that increases
Biﬁdobacteria, may prevent undesired changes in the gut microbiota [122].
Nonetheless, it is essential to point out that the modiﬁed microbiota composition, changed
by VLCKD, plays a pivotal role on the itself activity of VLCKD [53,67,68]; the changes have been
demonstrated to be necessary in order to provide positive eﬀects such as the anti-seizure eﬀect and
amelioration of neurovascular function [53,69,70].
Although there are still many questions limiting the practical research on microbiome, several
new developments carried on advancement in this ﬁeld. Integration of omics science with the newest
metagenomic methods of microbiota assessment (next generation sequencing, shotgun sequencing
16S rRNA) shall be helpful to deﬁne healthy versus unhealthy microbial operational taxonomic units
(OTUs). For this purpose, the Italian Microbiome Project (http://progettomicrobiomaitaliano.org)
focuses his research on the advantages and disadvantages that may arise from the genes of bacterial
origin, by combining bioinformatic tools with algorithms to better link microbiota data to human
health outcomes. Recently, it has been developed a machine e-learning algorithm that is able to predict
a speciﬁc post-prandial glycemic response by analyzing microbiome proﬁling [123,124].
The observations that a ketogenic diet can modulate and reshape gut microbiota represents
a potential and promising future therapeutic approach. VLCKD has been demonstrated to be a
powerful tool and needs to be further reﬁned and well formulated considering its impact on gut health.
In conclusion, further research with long-term clinical trials has to be performed in order to establish
safer and healthier speciﬁc dietary interventions for patients.
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Take Home Message:
Practical recommendations to preserve gut health during a VLCKD:
•
•
•
•
•
•
•
•

Introduce the use of whey and plant proteins (i.e., pea protein);
Reduce the intake of animal protein;
Implement fermented food and beverages (yoghurt, water and milk keﬁr, kimchi, fermented
vegetables);
Introduce properly prebiotics and speciﬁc probiotics (if needed);
Reduce omega 3 to omega 6 fatty acids ratio (increase omega 3 while decreasing omega 6);
Introduce an accurate quantity and quality of unsaturated fatty acids;
Avoid artiﬁcial sweeteners (stevia?) and processed foods;
Test your microbiome if needed (analysis of 16S rRNA to identify biodiversity and richness).

It is mandatory to verify that fermented foods and beverages and proteins should not modify
(in a signiﬁcant manner) glycaemia and insulinaemia while maintaining a suﬃcient ketonemia.
We need to remember as well as that the modiﬁed microbiota composition induced by VLCKD,
plays a pivotal role on the itself activity of diet.
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Abstract: The fat mass and obesity-associated (FTO) gene is a significant genetic contributor to polygenic
obesity. We investigated whether physical activity (PA) modulates the effect of FTO rs3751812 on
body mass index (BMI) among Taiwanese adults. Analytic samples included 10,853 Taiwan biobank
participants. Association of the single-nucleotide polymorphism (SNP) with BMI was assessed using
linear regression models. Physical activity was defined as any kind of exercise lasting 30 min each
session, at least three times a week. Participants with heterozygous (TG) and homozygous (TT)
genotypes had higher BMI compared to those with wild-type (GG) genotypes. The β value was
0.381(p < 0.0001) for TG individuals and 0.684 (p = 0.0204) for TT individuals. There was a significant
dose-response effect among carriers of different risk alleles (p trend <0.0001). Active individuals had
lower BMI than their inactive counterparts (β = −0.389, p < 0.0001). Among the active individuals,
significant associations were found only with the TG genotype (β = 0.360, p = 0.0032). Inactive
individuals with TG and TT genotypes had increased levels of BMI compared to those with GG
genotypes: Their β values were 0.381 (p = 0.0021) and 0.950 (p = 0.0188), respectively. There was an
interaction between the three genotypes, physical inactivity, and BMI (p trend = 0.0002). Our data
indicated that increased BMI owing to genetic susceptibility by FTO rs3751812 may be reduced by
physical activity.
Keywords: body mass index; Taiwan biobank; obesity; physical exercise

1. Introduction
Obesity is a global public health issue associated with an unhealthy lifestyle and genetic factors.
According to the World Health Organization (WHO), more than 1.9 billion adults are either overweight
or obese [1]. Based on criteria established by the Department of Health in Taiwan, a body mass index
(BMI) of 24–26.9 kg/m2 indicates overweight while BMI ≥ 27 kg/m2 indicates obesity. Results from the
1993–1996 and 2005–2008 Nutrition and Health Surveys showed an increased prevalence of obesity
and overweight among Taiwanese individuals (that is, 33.4–51% in men and 33.5–35.9% in women) [2].
About 17.1% of children and adolescents in the United States were overweight, while 32.2% of adults
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were obese in 2003–2004 [3]. The etiology of obesity is complex and multifactorial, involving genetic
background, hormones, and lifestyle and environmental issues [4].
The fat mass and obesity-associated (FTO) gene variants rs1121980, rs17817449, rs8050136,
rs9935401, rs3751812, rs9939609, rs9930506, and rs9922708 were previously associated with obesity [5,6].
Several other variants have been associated with obesity risk in diﬀerent population and age
groups [7–11]. The role played by FTO and other obesity-related genes in the etiology of obesity has
been reported [12]. The mechanisms responsible for the eﬀect of the FTO gene on obesity remain
unknown [13]. Multiple single-nucleotide polymorphisms (SNPs) in the ﬁrst intron of the FTO gene
have been associated with BMI [14]. Because the intron lacks protein-altering variants and the biological
pathways involved are not well-known, several studies have provided a candidate mechanism of
obesity and FTO [15–19].
Physical activity (PA) prevents obesity in many ways. Several studies have associated the FTO
gene with PA. In one of its variants, rs1477196, the C allele has been associated with a 1.22 increase
in BMI among Old Order Amish (OOA) individuals who were engaged in low levels of physical
activity [20]. However, only a 0.27 increase was noted in people who were engaged in high levels of
physical activity. In the same study, the diﬀerence in BMI across rs1861868 genotypes was large in less
physically active individuals but was small (although not signiﬁcant) in the more physically active
individuals. In another study, A-allele homozygotes who were physically inactive had a 1.95 increase
in BMI compared with T-allele homozygotes [21].
The European Prospective Investigation into Cancer and Nutrition-Norfolk Study also conﬁrmed
that physical activity attenuated the eﬀect of rs1121980 on BMI. However, in the physically active
group, the risk allele increased BMI by 0.25 per allele. The increase was signiﬁcantly more pronounced
in inactive individuals (0.44 per risk allele) [22]. However, other studies found no interaction between
BMI and physical activity [23–25].
Based on previous studies, FTO gene eﬀects on obesity may be modiﬁed by physical activity [26,27].
In Taiwan, obesity (deﬁned by a BMI at or greater than 27 kg/m2 ) is a serious health issue. How
physical activity modulates the BMI-increasing inﬂuence of FTO variants in Asian populations is not
well-understood. Therefore, the purpose of this study was to examine the role PA plays in modifying
the eﬀect of FTO variants on BMI. We hypothesized that increased BMI due to genetic susceptibility by
an FTO variant (rs3751812) may be attenuated by physical activity.
2. Materials and Methods
2.1. Participants and Measurements
Study data were obtained from Taiwan biobank, a national large-scale data source with genetic
and demographic data from Taiwanese individuals between the ages of 30 and 70. Initially, data
were collected from 10,853 participants. After excluding those with incomplete information (n = 21),
the ﬁnal enrollment included 10,832 participants. Anthropometric measures included body weight
and height (measured in accordance with the standard procedures), as well as BMI (weight/height2 ).
Other variables included age, sex, physical activity/inactivity, total cholesterol, smoking (deﬁned as
never/former and current smoking), alcohol consumption (deﬁned as weekly drinking of at least
150 cc of alcohol continuously for 6 months), vegetarian diet (deﬁned as never/former and current
vegetarian), coﬀee intake (that is, more than three times per week), and tea consumption (more than
one time per day). Physical activity was deﬁned as any kind of exercise lasting 30 min each session,
at least three times a week. All study participants provided written informed consent, according to
protocols approved by the institutional review board. All methods were carried out in accordance
with relevant guidelines and regulations. The Institutional Review Board of Chung Shan Medical
University approved this study (CS2-16114, 18 October 2016).
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2.2. Genotyping
Eight SNPs in the FTO gene that have been consistently associated with obesity in European
populations were selected. The source of SNPs was the human genome database (accessed at
https://www.ncbi.nlm.nih.gov/genome/guide/human/), which contains ﬁndings from international
research programs, such as the HapMap and 1000 Genomes Projects. Included in our analysis were the
following variants: rs1121980, rs17817449, rs8050136, rs9935401, rs3751812, rs9939609, rs9930506, and
rs9922708. SNPs were excluded if their minor allele frequencies (MAFs) were less than 0.01, or call
rates less than 98%. Also excluded were SNPs that were not in Hardy–Weinberg equilibrium. In the
ﬁnal model, one tagging SNP (rs3751812) was selected for genotyping.
2.3. Statistical Analysis
All analyses were conducted using SAS 9.3 statistical software (SAS Institute, Cary, NC, USA).
The X2 test was used to compare the diﬀerences between the three genotypes. Data were expressed
as X ± standard error (S.E.) and %. Multicollinearity was measured using the variance inﬂation
factor (VIF). Values that exceeded 10 suggested multicollinearity. Hardy–Weinberg equilibrium (HWE)
was tested for each SNP using a 1 degree of freedom χ2 -test. LD and its correlation coeﬃcients
(D values) were calculated using the Haploview software. Linear regression models were used to test
the association between the tag-SNP and BMI. Adjustments were made for potential confounding
variables (age, sex, physical activity, alcohol drinking, smoking, total cholesterol, tea consumption,
coﬀee consumption, and vegetarian diets). p < 0.05 was considered statistically signiﬁcant.
3. Results
Demographic characteristics of participants are shown in Table 1. Among individuals with the
FTO rs3751812 variant, 168 (1.55%) were homozygous (TT), 2343 (21.63%) were heterozygous (TG),
and 8321 (76.82%) were wild-type (GG). The mean BMI was 25.21 ± 0.26 kg/m2 for TT carriers, 24.58
± 0.08 kg/m2 for TG carriers, and 24.27 ± 0.04 kg/m2 for GG carriers. There were more women with
GG and TG genotypes than men (that is 51.91% versus 48.06% for GG and 52.80% versus 47.20% for
TG genotype) except for those with the TT genotype (that is 39.88% versus 60.12%). Fasting blood
glucose levels diﬀered signiﬁcantly across genotypes (p = 0.0398). However, values were within normal
ranges. Other variables did not diﬀer signiﬁcantly across genotypes. Table 2 shows the demographic
and lifestyle variables of study participants based on physical exercise. Among physically active
individuals, 66 (1.49%) were homozygous (TT), 975 (22.07%) were heterozygous (TG), and 3376 (76.43%)
were wild-type (GG). Likewise, among their inactive counterparts, 102 (1.59%) were homozygous
(TT), 1368 (21.33%) were heterozygous (TG), and 4944 (77.08%) were wild-type (GG). There were
no signiﬁcant diﬀerences between physically active and inactive participants based on genotype
distributions (p = 0.6154). Fasting glucose and total cholesterol diﬀered among physically active and
inactive individuals though values were within normal ranges. Table 3 shows the association between
rs3751812 and BMI. After adjusting for potential confounders, individuals with TG and TT genotypes
exhibited higher BMI compared to those with GG genotypes. Their β values were β = 0.381 (p < 0.0001)
and 0.684 (p = 0.0204), respectively. BMI signiﬁcantly increased with an increase in the number of
risk alleles (p trend <0.0001). In addition, active individuals had a lower BMI than their inactive
counterparts (β = −0.389, p < 0.0001). Table 4 shows the association of analyzed variables with BMI in
groups with diﬀerent genotypes. Decreased BMI was associated with GG (β = −0.368, p < 0.0001) and
TG (β = −0.414, p = 0.0175) carriers who were physically active compared to their physically inactive
counterparts. However, the decreased BMI in TT carriers was not signiﬁcant (β = −1.059, p = 0.1099).
This may have been due to the small sample size.
Table 5 shows the association between rs3751812 and BMI based on exercise status. Among
physically active individuals, the TG genotype was signiﬁcantly associated with increased BMI
(β = 0.360, p = 0.0032). However, the eﬀect of the TT genotype on BMI was not signiﬁcant (β = 0.245,
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p = 0.5606). Among physically inactive individuals, both TG (β = 0.381, p = 0.0021) and TT (β = 0.95036,
p = 0.0188) were signiﬁcantly associated with increased BMI (p trend = 0.0002). However, no dose-related
trend was observed among physically active individuals.
Table 1. Characteristics of study participants according to rs3751812 genotypes.
Parameters

Total

GG (n = 8321)

TG (n = 2343)

TT (n = 168)

p-Value

Age (years)
BMI (kg/m2 )
Fasting blood glucose(mg/dl)
Total cholesterol (mg/dl)
Sex (n, %)
Male
Female
Alcohol intake
Never/Former
Current
Smoking
No
Yes
Physical activity
No
Yes
Tea consumption
No 5655 (63.06)
Yes
Coﬀee consumption
No
Yes
Vegetarian Diet
Never/Former
Current

48.68 ± 0.11
24.35 ± 0.03
96.49 ± 0.20
193.76 ± 0.34

48.64 ± 0.12
24.27 ± 0.04
96.36 ± 0.23
193.93 ± 0.39

48.78 ± 0.23
24.58 ± 0.08
96.69 ± 0.43
193.10 ± 0.74

49.13 ± 0.90
25.21 ± 0.26
100.43 ± 2.18
194.58 ± 2.43

0.7433
<0.0001
0.0398
0.5763

5219 (48.09)
5634 (51.91)

4002 (48.06)
4319 (51.90)

1106 (47.20)
1237 (52.80)

101 (60.12)
67 (39.88)

0.0053

9992 (92.08)
860 (7.92)

7641 (91.84)
679 (8.16)

2180 (93.04)
163 (6.96)

151 (89.88)
17 (10.12)

0.0930

7451 (68.70)
3395 (31.30)

5743 (69.50)
2574 (30.95)

1583 (67.65)
757 (32.35)

111 (66.07)
57 (33.93)

0.3299

6426 (59.21)
4426 (40.79)

4944 (59.42)
3376 (40.58)

1368 (58.39)
975 (41.61)

102 (60.71)
66 (39.29)

0.6154

4353 (63.26)
2528 (36.74)

1213 (62.82)
718 (37.18)

78 (56.52)
60 (43.48)

0.2591

3312 (36.94)
6086 (67.87)
2881 (32.13)

4668 (67.84)
2213 (32.16)

1320 (68.36)
611 (31.64)

84 (60.87)
54 (39.13)

0.1910

8551 (95.36)
416 (4.64)

6570 (95.48)
311 (4.52)

1836 (95.08)
95 (4.92)

129 (93.48)
9 (6.52)

0.4335

All variables are presented as mean ± standard error (S.E.) (continuous variables) or numbers (%). BMI: body mass
index, GG: wild-type, TG: heterozygous; TT: homozygous.

Table 2. Demographic and lifestyle variables of study participants under stratiﬁcation based on
physical activity.
Parameters
rs3751812 (n, %)
GG
TG
TT
Age (years)
BMI (kg/m2 )
Fasting glucose (mg/dl)
Total cholesterol (mg/dl)
Sex (n, %)
Male
Female
Alcohol drinking
Never/Former
Current
Smoking
No
Yes
Tea consumption
No
Yes
Coﬀee consumption
No
Yes
Vegetarian diet
Never/Former
Current

Physically Active (n = 4426)

Physically Inactive (n = 6426)

p-Value

3376 (76.43)
975 (22.07)
66 (1.49)
53.36 ± 0.15
24.24 ± 0.05
97.93 ± 0.32
195.68 ± 0.53

4944 (77.08)
1368 (21.33)
102 (1.59)
45.45 ± 0.13
24.42 ± 0.05
95.50 ± 0.26
192.44 ± 0.45

0.6154

2158 (48.76)
2268 (51.24)

3061 (47.63)
3365 (52.37)

0.2500

4080 (92.18)
346 (7.82)

5911 (92.00)
514 (8.00)

0.7294

3144 (71.05)
1281 (28.95)

4306 (67.07)
2114 (32.93)

<0.0001

2340 (62.37)
1412 (37.63)

3315 (63.57)
1900 (36.43)

0.2455

2581 (68.79)
1171 (31.21)

3505 (67.21)
1710 (32.79)

0.1140

3598 (95.90)
154 (4.10)

4953 (94.98)
262 (5.02)

0.0411

65

<0.0001
0.0083
<0.0001
<0.0001
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Table 3. Linear regression analysis showing the association between rs3751812 and BMI.
β
rs3751812
GG
TG
TT

p-Value

0.381
0.684
p for trend < 0.0001
−0.389
1.384
0.020
0.008
0.092
0.501
0.492

Physical activity
Sex
Age
Total cholesterol
Alcohol intake
Smoking
Tea consumption
Coﬀee
consumption
Vegetarian diet

<0.0001
0.0204
<0.0001
<0.0001
<0.0001
<0.0001
0.5267
<0.0001
<0.0001

0.108

0.1723

−0.343

0.0493

β: beta coeﬃcient.

Table 4. Association of analyzed variables with BMI in groups with diﬀerent genotypes.

Physical activity
Sex
Age
Total cholesterol
Alcohol intake
Smoking
Tea consumption
Coﬀee consumption
Vegetarian diet

GG
β

p-Value

TG
β

p-Value

TT
β

p-Value

−0.368
1.461
0.019
0.008
0.060
0.387
0.488
0.212
−0.516

<0.0001
<0.0001
<0.0001
<0.0001
0.7148
0.0003
<0.0001
0.0179
0.0098

−0.414
1.196
0.026
0.008
−0.008
0.860
0.516
−0.215
0.166

0.0175
<0.0001
0.0013
0.0003
0.9819
<0.0001
0.0031
0.2260
0.6626

−1.059
0.850
0.014
0.004
2.065
0.885
0.499
−0.641
0.401

0.1099
0.1984
0.6146
0.6724
0.0337
0.2209
0.3737
0.2823
0.7291

Table 5. Association between rs3751812 and obesity based on physical activity.
Physical Activity
β

p-Value

Physical Inactivity
β-

rs3751812
GG
TG
TT

0.360
0.245

0.0032
0.5606

0.381
0.950

Sex
Age
Total cholesterol
Alcohol drinking
Smoking
Tea consumption
Coﬀee consumption
Vegetarian diet

1.150
0.006
0.003
0.460
0.439
0.565
0.270
−0.626

<0.0001
0.2077
0.0741
0.0241
0.0012
<0.0001
0.0150
0.0152

1.517
0.030
0.011
−0.192
0.514
0.417
−0.017
−0.224

β: beta coeﬃcient.

66

p-Value
0.0021
0.0188
p trend = 0.0002
<0.0001
<0.0001
<0.0001
0.3374
<0.0001
0.0001
0.8746
0.3401
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4. Discussion
In the current study, we found that there was an association between FTO SNP (rs3751812) and
BMI among Taiwanese adults. Compared with the GG genotype, carriers of the TT genotype had
a higher BMI than those with the GT genotype. Similar ﬁndings were reported among the Han Chinese,
where increased mean values of BMI were seen among GT + TT than GG carriers [28]. In addition, we
found that the eﬀect on BMI was in an allele-dose-dependent manner (p trend < 0.0001).
After stratiﬁcation, we found that physical activity was signiﬁcantly associated with a decreased
BMI. The decrease was signiﬁcant in carriers of GG and TG genotypes. Carriers of the TT genotype also
exhibited decreased BMI even though the eﬀect was not signiﬁcant. Latinos with TT alleles (considered
as carriers of two risk alleles) who were engaged in regular PA exhibited signiﬁcant reductions in
BMI [26].
Eﬀorts have been made to understand the biological mechanisms underlying body weight
regulation: SNPs in FTO are believed to be associated with obesity through an eﬀect on RPGRIP1L [29].
Reports from another study indicated that RPGRIP1L may be partly or exclusively responsible for the
obesity susceptibility signal at the FTO locus [16]. It has also been suggested that the homeobox gene
Iroquois homeobox 3 (IRX3) is a functional long-range target of obesity-associated variants within
FTO [17].
Genetic, environmental, and lifestyle factors aﬀect body mass index. Such variables as tea, coﬀee,
and cholesterol were included in the current study to understand their modulating role on BMI. These
variables were selected based on previous associations with obesity. Findings from a previous study
showed that the risk of hypercholesterolaemia was modiﬁed by BMI in adults aged 25–39 years [30].
Unlike green tea, coﬀee consumption has been strongly associated with a higher blood cholesterol
and BMI [31]. Findings from another study showed that higher coﬀee drinking attenuated genetic
associations with BMI and obesity [32]. Further analysis of our data showed that vegetarian diet was
associated with a lower BMI mainly among participants with the GG genotype, as well those that were
physically active.
To our knowledge, studies investigating the interactive inﬂuence of genes and physical activity
have focused on populations other than Asians [26,27,33]. Associations between FTO variants with
obesity risk (measured by BMI) have not been widely investigated in Taiwan. Therefore, our ﬁndings
are relevant and may serve as a reference for future studies.
Recent studies have also examined the interactive inﬂuence of FTO variants and lifestyle factors on
obesity risk. Lower levels of BMI have been reported among smokers compared to nonsmokers [34,35].
However, we observed a signiﬁcant association between smoking and increased BMI (β = 0.501,
p < 0.0021). This may be associated with other health risks in individuals engaged in heavy smoking.
There was no signiﬁcant association between alcohol intake and BMI. After our stratiﬁed analysis,
coﬀee consumers who were engaged in physical activity exhibited increased BMI. Lower levels
were observed among consumers that were inactive, though not signiﬁcant. In addition, we found
that vegetarian diet was associated with a decreased BMI. Contrasting results have been reported.
According to a study conducted in North America, the mean BMI was lowest in vegans (23.6 kg/m2 )
and was incrementally higher in lacto-ovo vegetarians (25.7 kg/m2 ), pesco-vegetarians (26.3 kg/m2 ),
semi-vegetarians (27.3 kg/m2 ), and nonvegetarians (28.8 kg/m2 ) [36]. Our data suggested that BMI is
associated with physical activity and FTO rs3751812 variants in Taiwanese individuals. The strength of
the study included the use of a large-scale data source with genetic and demographic information.
In addition, we included information on smoking and drinking habits. However, the study is limited
in that we did not consider the gene–gene interaction and the eﬀect on BMI.
In conclusion, our study validated the association between an FTO variant and BMI in Taiwanese
individuals. In addition, individuals with TG and TT genotypes who were physically active had
a decreased BMI. These results indicate that physical activity might be necessary to mitigate the
deleterious eﬀect of BMI among genetically susceptible Taiwanese individuals.
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Abstract: Changes in concentrations of high-density lipoprotein cholesterol (HDL-C) are modiﬁed
by several factors. We examined the relationship between aerobic exercise and HDL-C among
diﬀerent categories of body mass index (BMI) and waist-hip ratio (WHR) and the impact of rs1800588
variant in the hepatic lipase (LIPC) gene. We analyzed data from 6184 men and 8353 women aged
30–70 years. Participants were grouped into two WHR categories: Normal (0 < WHR < 0.9 for men
and 0 < WHR < 0.8 for women) and abnormal (WHR ≥ 0.9 for men and WHR ≥ 0.8 for women).
The BMI categories were: Underweight (BMI < 18.5 kg/m2 ), normal weight (18.5 ≤ BMI < 24 kg/m2 ),
overweight (24 ≤ BMI < 27 kg/m2 ), and obese (BMI ≥ 27 kg/m2 ). Multivariate linear regression models
were used to investigate associations between HDL-C and exercise. Aerobic exercise was signiﬁcantly
associated with higher HDL-C (β = 1.18325; p < 0.0001) when compared with no exercise. HDL-C
was signiﬁcantly lower in persons with abnormal compared to those with normal WHR (β = −3.06689;
p < 0.0001). Compared with normal weight, overweight and obese categories were associated with
lower HDL-C, with β values of −4.31095 and −6.44230, respectively (p < 0.0001). Unlike rs1800588
CT and TT genotypes, associations between aerobic exercise and HDL were not signiﬁcant among CC
carriers no matter their BMI or WHR.
Keywords: high-density lipoprotein; aerobic exercise; body fat; hepatic lipase; Taiwan Biobank

1. Introduction
Prospective cohort studies have consistently demonstrated that high-density
lipoprotein-cholesterol (HDL-C) is a strong predictor of cardiovascular diseases in diﬀerent
populations [1–3]. It has antioxidative, anti-inﬂammatory, antidiabetic, and anti-thrombotic
activities [4,5], and plays an essential role in the management of coronary heart disease (CHD) and risk
reduction [6]. A higher level of HDL-C is protective against heart disease. On the other hand, lower
levels HDL-C (deﬁned as <40 mg/dL in men and <50 mg/dL in women) [7] are associated with higher
risks for heart disease.
Environmental and genetic factors contribute to variations in HDL-C levels. Exercise training is
one of the strategies suggested to improve HDL-C function via proprotein convertase subtilisin/kexin
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type 9 (PCSK9) and/or sterol regulatory element binding protein 2 (SREBP2) [1]. Besides modifying
HDL subclass distribution, exercise training has also resulted in a decrease in the body mass index
of obese women [4]. Aerobic exercise has been recommended for the prevention of coronary heart
disease [1,8], which is a serious health issue in Taiwan. This exercise training also reduces stress,
has fewer side eﬀects compared to medications, and is easier to carry out [1]. Of note, many studies
have investigated the beneﬁts of exercise on HDL-C. In our recently published study, we found that
aerobic exercise was associated with a higher level of HDL-C (β = 1.3154; p < 0.0001) among Taiwanese
adults [9]. Findings from a previous study have suggested that compared to other lipid fractions,
HDL-C levels are more sensitive to aerobic exercise [1].
Several variants have been associated with HDL-C [10]. The hepatic lipase (LIPC) gene located on
chromosome 15 (q21–q23) inﬂuences the production of the hepatic lipase enzyme that plays a vital
role in lipid metabolism [11]. Based on previous data, genetic variation in hepatic lipase activity is
an important determinant of plasma HDL-C concentrations [12]. Rs1800588, a common variant in
the LIPC gene has been associated with a higher concentration of HDL-C [13]. Prior work involving
female carriers of this variant demonstrated that those carrying at least one copy of the minor allele had
higher HDL- levels than those that were homozygous for the major allele [14]. In addition, variations
in several genes (including the LIPC gene) are reported to inﬂuence interindividual variability in the
HDL-C response to exercise [14]. However, the impact of physical exercise on the relationship between
hepatic lipase activity and HDL-C levels has not been reported in Taiwan.
Obesity indices including body mass index (BMI) and waist-hip ratio (WHR) increase with
increasing categories of abnormal serum lipids [15]. BMI is deﬁned as a person’s weight in kilograms
divided by the square of height in meters while WHR is a dimensionless ratio that is calculated as
the waist circumference divided by the hip circumference. Among the anthropometric measures,
WHR has shown good correlations with serum lipids especially among elderly women [16]. On the
other hand, negative associations have been found between BMI and HDL-C [17]. Based on previous
literature, signiﬁcant diﬀerences have been found between pre and post-test values of HDL-C, BMI,
and WHR of individuals who were engaged in 8 weeks of aerobic training [18]. Considering that BMI
and WHR are independently associated with HDL-C and that aerobic training has improved both
anthropometric variables, we investigated the association between aerobic exercise and HDL-C across
diﬀerent categories of BMI and WHR. Furthermore, we tested whether this association is modiﬁed by
a selected HDL-C raising variant (LIPC rs1800588).
2. Materials and Methods
2.1. Data Source
Phenotypic and genotypic data were collected from participants (aged 30–70 years) that were
enrolled in Taiwan Biobank from 2008–2016. Recruitment methods in the Biobank are in accordance
with relevant guidelines and regulations. Written informed consents are obtained from all participants
prior to data collection. Data collection was through questionnaires as well as physical and biochemical
examinations. The Institutional Review Board of Chung Shan Medical University approved this study
(project identiﬁcation code CS2-16114).
2.2. Study Participants
We analyzed data from 6184 men and 8353 women aged 30–70 years recruited in the Taiwan
Biobank project from 2012–2016. Age, sex, BMI, WHR, and lifestyle (physical activity, coﬀee drinking,
smoking, alcohol consumption, and vegetarian diet) measures were determined from the database.
Participants were grouped into WHR categories as follows: Normal (0 < WHR < 0.9 for men and
0 < WHR < 0.8 for women), and abnormal (WHR ≥ 0.9 for men and WHR ≥ 0.8 for women). Likewise,
the BMI categories included the following: Normal weight (18.5 ≤ BMI < 24 kg/m2 ), overweight
(24 ≤ BMI < 27 kg/m2 ), and obesity (BMI ≥ 27 kg/m2 ). Information on aerobic exercise was self-reported.

72

Genes 2019, 10, 440

Using questionnaires in the Biobank, participants selected at most 3 types of their habitual aerobic
activities, which included jogging, strolling, swimming, yoga, taijiquan, biking, and aerobic dance. The
minimum amount of exercise was 30 min per session, at least 3 times per week, for the last 3 months.
“No exercise” was deﬁned as participation in exercise for less than 30 min per day and less than two
times per week.
2.3. SNP Selection and Genotyping
We selected the LIPC variant (rs1800588) that has been consistently associated with elevated levels
of HDL-C through a literature search. Genotyping was performed using TaqMan SNP Genotyping
Assays from Applied Biosystems (ABI; Foster City, CA, USA). We included only participants with call
rates greater than 90%. Polymorphic variants with minor allele frequency (MAF) <0.05, as well as
those whose genotypes deviated from the Hardy-Weinberg equilibrium (HWE) were excluded.
2.4. Statistical Analysis
Analyses were performed using the SAS 9.4 software (SAS Institute, Cary, NC, USA). Diﬀerences in
HDL-C among the body fat indicators (BMI and WHR) were compared using the t-test. The association
between HDL-C and exercise was determined using multivariate linear regression models. Data were
presented as mean ± standard error (SE) for continuous variables. Values of p < 0.05 were considered
statistically signiﬁcant.
3. Results
Average levels of HDL-C in study participants were determined among diﬀerent categories of
WHR and BMI as shown in Tables 1 and 2. Among participants who were engaged in aerobic exercise,
HDL level was 56.43 ± 0.35 mg/dL in those with normal WHR and 53.89 ± 0.23 mg/dL in those with
abnormal WHR (p < 0.0001). Mean HDL levels diﬀered signiﬁcantly among the diﬀerent categories of
BMI (p < 0.0001). Individuals who had aerobic exercise had higher HDL-C than those who did not
exercise. That is 66.83 ± 1.55 mg/dL vs. 65.32 ± 0.80 mg/dL for underweight; 58.60 ± 0.28 mg/dL vs.
57.61 ± 0.19 mg/dL for normal weight; 52.02 ± 0.32 mg/dL vs. 49.51 ± 0.21 mg/dL for overweight; and
47.30 ± 0.35 mg/dL vs. 46.49 ± 0.23 mg/dL for the obese category. The overall eﬀect of aerobic exercise
on HDL-C is shown in Table 3. Aerobic exercise was signiﬁcantly associated with higher HDL-C
(β = 1.18325; p < 0.0001) when compared with no exercise. HDL-C was signiﬁcantly lower in persons
with abnormal compared to those with normal WHR (β = −3.06689; p < 0.0001). Compared with
normal weight individuals, overweight and obese groups were also associated with lower HDL-C, with
β values of −4.31095 and −6.44230, respectively (p < 0.0001). Table 4 is the association of HDL-C based
on WHR. There was an interaction between WHR and aerobic exercise on HDL-C (p = 0.0421). After
the stratiﬁcation, aerobic exercise was associated with a higher HDL-C especially in those with normal
WHR (β = 1.69668, p < 0.0001 vs. 0.97921, p < 0.0001). Table 5 is an association of HDL-C with aerobic
exercise based on BMI. After stratiﬁcation by BMI, signiﬁcant associations of aerobic exercise and
HDL-C were found only for normal (β = 1.03261, p = 0.0019) and overweight (β = 2.01758, p < 0.0001)
categories. Rs1800588 CT and TT carriers who had aerobic exercise were associated with a higher
HDL-C compared to their inactive counterparts. That is, signiﬁcant increases in HDL were noticed
only among aerobically active CT carriers with normal weight (β = 1.99961, p = 0.0027), overweight
(β = 1.59362, p = 1.1371), and abnormal WHR (β = 1.48073, p = 0.0063), as well as in TT carriers with
both normal and abnormal WHR (β = 4.04073, p = 0.0094 and β = 2.19244, p = 0.0445), and those in the
overweight category (5.54693, p = 0.0003) (Table 6).
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Table 1. Mean HDL-C levels of participants categorized by waist-hip ratio (WHR).
Normal WHR

Abnormal WHR

(n = 5190)

(n = 9347)

p-Value

n

Mean ± SE

n

Mean ± SE

3565
1625

55.01 ± 0.23
56.43 ± 0.35

6148
3199

52.13 ± 0.16
53.89 ± 0.23

<0.0001
<0.0001

276
3159
1332
423

66.49 ± 0.87
58.28 ± 0.24
49.38 ± 0.30
46.32 ± 0.48

132
3799
2939
2477

63.98 ± 1.23
57.67 ± 0.21
50.84 ± 0.22
46.80 ± 0.21

0.0993
0.0587
<0.0001
0.3770

3941
1249

56.50 ± 0.22
52.15 ± 0.36

3600
5747

55.00 ± 0.23
51.31 ± 0.16

<0.0001
0.0330

2096
3094

62.74 ± 0.30
50.52 ± 0.21

6257
3090

56.46 ± 0.16
45.19 ± 0.18

<0.0001
<0.0001

2066
1495
1141
488

55.56 ± 0.30
55.26 ± 0.36
55.70 ± 0.42
55.07 ± 0.63

2046
2592
3000
1709

52.06 ± 0.28
52.86 ± 0.26
53.11 ± 0.24
52.68 ± 0.31

<0.0001
<0.0001
<0.0001
0.0004

3980
603
307

57.06 ± 0.22
51.30 ± 0.48
49.09 ± 0.50

7489
946
912

54.29 ± 0.15
47.50 ± 0.37
45.37 ± 0.37

<0.0001
<0.0001
<0.0001

4720
107
363

55.72 ± 0.20
49.41 ± 1.05
53.85 ± 0.67

8464
261
622

53.15 ± 0.14
44.30 ± 0.65
50.64 ± 0.54

<0.0001
<0.0001
0.0003

3380
1810

55.01 ± 0.23
56.29 ± 0.33

6322
3025

52.03 ± 0.16
54.20 ± 0.24

<0.0001
<0.0001

4729
227
234

55.69 ± 0.20
55.08 ± 0.96
51.01 ± 0.74

8418
458
471

52.93 ± 0.14
52.53 ± 0.63
49.38 ± 0.56

<0.0001
0.0234
0.0841

Exercise
No exercise
Aerobic
BMI
Underweight
Normal
Overweight
Obese
Body fat rate
Normal
Abnormal
Sex
Women
Men
Age, year
30–40
40–50
51–60
61–70
Smoking
Never
Former
Current
Drinking
Never
Former
Current
Coﬀee drinking
No
Yes
Vegetarian diet
Non
Former
Current

SE = standard error, BMI = body mass index, HDL-C = high-density lipoprotein cholesterol.
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Table 2. Mean HDL-C levels of participants categorized by BMI.
Underweight

Normal Weight

Overweight

Obese

(n = 408)

(n = 6958)

(n = 4271)

(n = 2900)

p-Value

n

Mean ± SE

n

Mean ± SE

n

Mean ± SE

n

Mean ± SE

312
96

65.32 ± 0.80
66.83 ± 1.55

4563
2395

57.61 ± 0.19
58.60 ± 0.28

2791
1480

49.51 ± 0.21
52.02 ± 0.32

2047
853

46.49 ± 0.23
47.30 ± 0.35

<0.0001
<0.0001

276
132

66.49 ± 0.87
63.98 ± 1.23

3159
3799

58.28 ± 0.24
57.67 ± 0.21

1332
2939

49.38 ± 0.30
50.84 ± 0.22

423
2477

46.32 ± 0.48
46.80 ± 0.21

<0.0001
<0.0001

408
0

65.68 ± 0.71
-

5191
1767

58.20 ± 0.19
57.20 ± 0.30

1686
2585

47.64 ± 0.26
52.17 ± 0.23

256
2644

44.66 ± 0.63
46.93 ± 0.20

<0.0001
<0.0001

333
75

66.55 ± 0.79
61.83 ± 1.52

4766
2192

60.72 ± 0.19
51.92 ± 0.25

1963
2308

54.66 ± 0.27
46.75 ± 0.21

1291
1609

51.06 ± 0.30
43.25 ± 0.21

<0.0001
<0.0001

183
99
81
45

64.13 ± 1.01
66.72 ± 1.44
67.20 ± 1.66
66.96 ± 2.40

2156
1966
1846
990

57.83 ± 0.27
58.60 ± 0.30
58.16 ± 0.32
56.55 ± 0.43

941
1209
1355
766

49.69 ± 0.36
49.75 ± 0.33
51.19 ± 0.31
50.79 ± 0.45

832
813
859
396

45.82 ± 0.35
46.35 ± 0.35
47.40 ± 0.37
47.96 ± 0.51

<0.0001
<0.0001
<0.0001
<0.0001

375
12
21

66.05 ± 0.74
59.00 ± 4.60
62.86 ± 2.97

5900
489
569

58.97 ± 0.17
53.24 ± 0.56
51.38 ± 0.53

3169
604
498

51.54 ± 0.21
48.66 ± 0.45
45.10 ± 0.48

2025
444
431

48.20 ± 0.23
44.45 ± 0.44
42.13 ± 0.42

<0.0001
<0.0001
<0.0001

392
1
15

65.64 ± 0.73
62.00
67.07 ± 3.73

6512
100
346

58.10 ± 0.16
51.37 ± 1.16
56.97 ± 0.76

3778
127
366

50.56 ± 0.19
45.49 ± 0.91
50.26 ± 0.66

2502
140
258

47.04 ± 0.21
41.94 ± 0.75
46.26 ± 0.60

<0.0001
<0.0001
<0.0001

301
107

65.30 ± 0.79
66.74 ± 1.56

4648
2310

57.21 ± 0.19
59.45 ± 0.28

2834
1437

49.60 ± 0.21
51.93 ± 0.33

1919
981

46.24 ± 0.23
47.67 ± 0.34

<0.0001
<0.0001

364
9
35

66.12 ± 0.74
69.22 ± 5.18
60.20 ± 2.54

6240
343
375

58.28 ± 0.17
58.69 ± 0.76
51.76 ± 0.60

3900
183
188

50.57 ± 0.19
49.02 ± 0.79
47.82 ± 0.75

2643
150
107

46.91 ± 0.20
45.59 ± 0.85
43.79 ± 0.97

<0.0001
<0.0001
<0.0001

Exercise
No exercise
Aerobic
Waist-hip ratio
Normal
Abnormal
Body fat rate
Normal
Abnormal
Sex
Women
Men
Age
30–40
40–50
51–60
61–70
Smoking
Never
Former
Current
Drinking
Never
Former
Current
Coﬀee drinking
No
Yes
Vegetarian diet
No
Former
Current
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Table 3. Overall eﬀect of aerobic exercise, WHR, and BMI on HDL-C levels.
β-Coeﬃcient

p-Value

1.18325

<0.0001

−3.06689

<0.0001

5.64809
−4.31095
−6.4423

<0.0001
<0.0001
<0.0001

−2.1956

<0.0001

−9.87778

<0.0001

0.75841
1.18484
0.87361

0.003
<0.0001
0.0068

−0.16071
−2.92965

0.6368
<0.0001

−1.35588
4.0583

0.0292
<0.0001

1.29158

<0.0001

−0.88308
−5.69481

0.0484
<0.0001

Exercise (ref: No exercise)
Aerobic
Waist-hip ratio (ref: Normal)
Abnormal
BMI (ref: Normal)
Underweight
Overweight
Obese
Body fat rate (ref: Normal)
Abnormal
Sex (ref: Women)
Men
Age (ref: 30–40)
40–50
51–60
61–70
Smoking (ref: Never)
Former
Current
Drinking (ref: Never)
Former
Current
Coﬀee drinking (ref: No)
Yes
Vegetarian diet (ref: No)
Former
Current
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Table 4. Multiple linear regression showing the eﬀect of aerobic exercise on HDL-C based on WHR.
Normal WHR

Abnormal WHR

β

p-Value

β

p-Value

1.69668

<0.0001

0.97921

0.0002

5.59243
−5.27181
−7.09311

<0.0001
<0.0001
<0.0001

5.02426
−3.73275
−6.20423

<0.0001
<0.0001
<0.0001

−2.42606

<0.0001

−2.10034

<0.0001

−10.28598

<0.0001

−9.68871

<0.0001

0.63513
1.43776
1.37112

0.1145
0.0015
0.0267

0.8325
1.04859
0.71197

0.0128
0.0017
0.0659

−0.61703
−3.36699

0.2593
<0.0001

0.10417
−2.6385

0.8122
<0.0001

−2.05145
3.60076

0.0784
<0.0001

−1.29173
4.30474

0.0784
<0.0001

0.80019

0.0203

1.59424

<0.0001

−1.0724
−6.41356

0.178
<0.0001

−0.79071
−5.30493

0.1425
<0.0001

Exercise (ref: No exercise)
Aerobic
BMI (ref: Normal)
Underweight
Overweight
Obese
Body fat rate (ref: Normal)
Abnormal
Sex (ref: Women)
Men
Age (ref: 30–40)
40–50
51–60
61–70
Smoking (ref: Never)
Former
Current
Drinking (ref: Never)
Former
Current
Coﬀee drinking (ref: No)
Yes
Vegetarian diet (ref: No)
Former
Current

p-value = 0.0421

WHR*exercise
β = β value, ref. = reference.
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Table 5. Multiple linear regression showing the eﬀect of aerobic exercise on HDL-C based on BMI.
Underweight

Normal Weight

Overweight

Obese

β

p-Value

β

p-Value

β

p-Value

β

p-Value

0.25906

0.8905

1.03261

0.0019

2.01758

<0.0001

0.45652

0.2547

−4.15959

0.0097

−3.93381

<0.0001

−2.04105

<0.0001

−1.81686

0.0004

-

-

−3.48363

<0.0001

−0.44724

0.3138

−1.17241

0.0718

−6.10877

0.0038

−10.93384

<0.0001

−9.12807

<0.0001

−7.89031

<0.0001

4.01615
4.58714
4.24658

0.0298
0.0229
0.1094

1.37246
1.63715
1.03037

0.0004
<0.0001
0.0436

−0.10543
0.60932
0.65788

0.8231
0.2041
0.2371

0.32885
0.90307
1.17587

0.4854
0.0615
0.0531

−6.12763
−2.77427

0.1880
0.4150

−1.08682
−3.40832

0.0830
<0.0001

0.75294
−2.86523

0.1476
<0.0001

−0.1813
−2.51485

0.7427
<0.0001

−2.20863
5.43379

0.8829
0.1797

−1.67239
4.53503

0.1854
<0.0001

−1.57299
4.27903

0.1130
<0.0001

−1.55493
2.86789

0.0702
<0.0001

0.77143

0.6411

1.33778

<0.0001

1.73784

<0.0001

0.74399

0.0472

2.80844
−5.40391

0.5567
0.0338

0.11192
−7.19076

0.8694
<0.0001

−2.72699
−3.77391

0.0008
<0.0001

−1.35844
−4.27177

0.0877
<0.0001

Exercise (ref: No exercise)
Aerobic
WHR (ref: Normal)
Abnormal
Body fat rate (ref: Normal)
Abnormal
Sex (ref: Women)
Men
Age (ref: 30–40)
40–50
51–60
61–70
Smoking (ref: Never)
Former
Current
Drinking (ref: Never)
Former
Current
Coﬀee drinking (ref: No)
Yes
Vegetarian diet (ref: No)
Former
Current

Table 6. The impact of aerobic exercise on HDL-C stratiﬁed by rs1800588 variant and obesity indexes.
WHR Stratiﬁcation
rs1800588
CC
CT
TT

Normal WHR

BMI Stratiﬁcation

Abnormal WHR

Underweight

Normal

Overweight

Obese

β

p-Value

β

p-Value

B

p-Value

β

p-Value

β

p-Value

β

p-Value

1.36476
1.22236
4.04073

0.0798
0.0870
0.0094

0.78743
1.48073
2.19244

0.1622
0.0063
0.0445

2.38864
−1.45958
15.7138

0.5136
0.7809
0.2848

0.63897
1.99961
1.18290

0.3730
0.0027
0.3920

1.22861
1.59362
5.54693

0.1093
0.0371
0.0003

1.47101
0.00127
2.02256

0.1052
0.9987
0.2826

0.5865

P-interaction

0.0792

0.4733

0.9596

0.0281

0.9294

The p-interaction shown is for hepatic lipase (LIPC) Rs1800588 and exercise (Rs1800588*exercise).

4. Discussion
The primary objective of this study was to determine the association between aerobic exercise
and HDL-C among diﬀerent categories of BMI and WHR and also to highlight the modulating role
of rs1800588 variant in the hepatic lipase gene. We found that (1) consistent with our previous
ﬁndings [9], aerobic exercise was better than no exercise for improving HDL-C in Taiwanese adults.
(2) Aerobic exercise was associated with a lower HDL-C in persons with abnormal compared to normal
WHR (β = −306,689, p < 0.0001). In addition, there was an interaction between WHR and aerobic
exercise. (3) Compared with aerobically active normal weight individuals, their overweight and obese
counterparts were associated with lower HDL-C levels. (4) Unlike the LIPC rs1800588 TT and CT
genotype, the eﬀect of CC genotype on HDL was not modiﬁed by aerobic exercise no matter the BMI
or WHR category. Our study ﬁndings highlight the impact of aerobic exercise on HDL-C. This in part
is mediated by liver X receptor (LXR) [1] and liver ATP-binding cassette transporters A-1 (ABCA1) [19]
as previously reported.
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Previously published articles have discussed associations of HDL-C with anthropometric
measures [20] and physical exercise [1,9]. Findings from a study of 28,000 men and women suggested
that HDL-cholesterol decreased concurrently with increases in BMI [21]. In another study, WHR was
found to be a good predictor of the lipid proﬁle (β = 3.51, p = 0.005) [22]. Aerobic exercise has resulted
in signiﬁcant changes in body fat measures like BMI and WHR among young Taiwanese adults who
were obese [23]. Despite the numerous ﬁndings, the impact of aerobic exercise on HDL levels based on
anthropometric measures and genetic factors have not been reported in Taiwan. In the current study,
we included rs1800588 variant in the LIPC gene in the model and found that the eﬀect of CC genotype
on HDL was not modiﬁed by aerobic exercise no matter the BMI or WHR category. However, the
magnitude of the association between CT and TT genotypes on HDL-C diﬀered with respect to BMI and
WHR categories. For instance, we found that the eﬀect of CT genotype on HDL was signiﬁcant only
among aerobically active normal weight and overweight adults as well as those with abnormal WHR,
while the eﬀect of TT genotype on HDL-C was signiﬁcant only among aerobically active overweight
adults and those with both normal and abnormal WHR. The mechanisms explaining these diﬀerences
in HDL-C response with respect to body fat measures are still to be clearly understood. However, it
has been reported that HDL levels of certain individuals do not necessarily increase no matter the
exercise regimen [14,24]. Another study including Caucasian women found that the eﬀect of rs1800588
variant on HDL-C was modiﬁed by physical activity [14]. However, stratiﬁcations were not made
based on genotypes.
The T allele of rs1800588 has been associated with higher baseline levels of HDL-C [25]. As stated
earlier female carriers of the rs1800588 variant with at least one copy of the minor allele had higher
concentrations of HDL-C than those that were homozygous for the major allele [14]. Further analysis of
data from those women demonstrated that the per-minor allele increase in HDL-C was greater in active
than inactive women. This aligns with other ﬁndings which suggested that LIPC polymorphisms might
serve as useful indicators of higher HDL-C in women [25,26]. Prior ﬁndings from studies investigating
the relationship between LIPC rs1800588 and HDL-C diﬀer according to gender and ethnicity [11].
In our study, there was the presence of LIPC rs1800588 CC, CT and TT genotypes. However, in a
study by Brinkley and his colleagues, there were no subjects with the rs1800588 TT genotype [25]. This
highlights the diverse eﬀect of the variant on HDL-C levels.
Anthropometric, lifestyle, environmental, and genetic factors inﬂuence changes in Lipid
fractions [1]. Moderate intensity aerobic exercise is related to a higher HDL-C [9]. Variations
in HDL-C responses to exercise are inﬂuenced by several factors including sex, changes in body
composition and genetic eﬀects [27]. Based on our analyzed data, there was a signiﬁcant LIPC
rs1800588*exercise eﬀect on HDL-C particularly in overweight adults, with higher levels in CT and TT
compared to CC carriers (p = 0.0281 for the interaction). There were no genotype*exercise interactions
for HDL-C across other BMI and WHR categories.
In summary, we report evidence that associations between aerobic exercise and HDL-C levels in
Taiwanese adults diﬀered not only across diﬀerent ranges of body mass index and waist-to-hip ratios
but also among carriers of the rs1800588 variant located in the hepatic lipase gene. However, unlike
CT and TT genotypes, the eﬀects of aerobic exercise on HDL-C levels were not signiﬁcant among
rs1800588 CC carriers no matter their BMI or WHR.
Author Contributions: Conceptualization, Y.N., M.-C.C. and Y.-P.L.; Formal analysis, O.N.N. and K.-J.L.;
Investigation, M.C.C.; Methodology, Y.N., O.N.N., K.-J.L. and Y.-P.L.; Resources, M.-C.C. and Y.-P.L.; Supervision,
M.-C.C. and Y.-P.L.; Writing—original draft, Y.N.; Writing—review & editing, O.N.N., K.-J.L., M.-C.C. and Y.-P.L.
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Abstract: Background: Homozygosity for the X-allele in the ACTN3 R577X (rs1815739) polymorphism
results in the complete absence of α-actinin-3 in sarcomeres of fast-type muscle ﬁbers. In elite athletes,
the ACTN3 XX genotype has been related to inferior performance in speed and power-oriented sports;
however, its inﬂuence on exercise phenotypes in recreational athletes has received less attention. We
sought to determine the inﬂuence of ACTN3 genotypes on common exercise phenotypes in recreational
marathon runners. Methods: A total of 136 marathoners (116 men and 20 women) were subjected to
laboratory testing that included measurements of body composition, isometric muscle force, muscle
ﬂexibility, ankle dorsiﬂexion, and the energy cost of running. ACTN3 genotyping was performed
using TaqMan probes. Results: 37 runners (27.2%) had the RR genotype, 67 (49.3%) were RX and 32
(23.5%) were XX. There was a diﬀerence in body fat percentage between RR and XX genotype groups
(15.7 ± 5.8 vs. 18.8 ± 5.5%; eﬀect size, ES, = 0.5 ± 0.4, p = 0.024), whereas the distance obtained in
the sit-and-reach-test was likely lower in the RX than in the XX group (15.3 ± 7.8 vs. 18.4 ± 9.9 cm;
ES = 0.4 ± 0.4, p = 0.046). Maximal dorsiﬂexion during the weight-bearing lunge test was diﬀerent in
the RR and XX groups (54.8 ± 5.8 vs. 57.7 ± 5.1 degree; ES = 0.5 ± 0.5, p = 0.044). Maximal isometric
force was higher in the RR than in the XX group (16.7 ± 4.7 vs. 14.7 ± 4.0 N/kg; ES = −0.5 ± 0.3,
p = 0.038). There was no diﬀerence in the energy cost of running between genotypes (~4.8 J/kg/min
for all three groups, ES ~0.2 ± 0.4). Conclusions: The ACTN3 genotype might inﬂuence several
exercise phenotypes in recreational marathoners. Deﬁciency in α-actinin-3 might be accompanied
by higher body fatness, lower muscle strength and higher muscle ﬂexibility and range of motion.
Although there is not yet a scientiﬁc rationale for the use of commercial genetic tests to predict sports
performance, recreational marathon runners who have performed such types of testing and have
the ACTN3 XX genotype might perhaps beneﬁt from personalized strength training to improve their
performance more than their counterparts with other ACTN3 genotypes.
Keywords: α-actinin; exercise; performance; endurance; genetics; single nucleotide polymorphism

1. Introduction
α-Actinin-2 and α-actinin-3 are key structural proteins in the contractile apparatus of the skeletal
muscle ﬁber, as they bind and possibly cross-link the ends of F-actin ﬁlaments at the Z-line [1].
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Whereas α-actinin-2 is ubiquitously expressed in all muscle ﬁber types, α-actinin-3 expression is largely
restricted to fast-type muscle ﬁbers [2]. Homozygosity for the null X-allele of the R577X polymorphism
in the α-actinin-3 gene, ACTN3, results in the complete absence of α-actinin-3 in fast-type muscle
ﬁbers [3]. Individuals with the ACTN3 XX genotype compensate for the deﬁciency of α-actinin-3
through elevated expression of α-actinin-2 in fast-type muscle ﬁbers [4], although several speciﬁc
muscle phenotypes have been related to α-actinin-3 deﬁciency [5].
α-Actinin-3 deﬁciency is believed to aﬀect the muscle’s ability to generate rapid, forceful
contractions and thus might be detrimental for the production of fast and explosive movements.
This notion has been veriﬁed in almost 20 case-control studies, as recently reviewed by
Houweling et al., (2018), with the frequency of the XX genotype being lower in elite athletes
participating in sprint and power-based sports than in the general non-athletic population. By contrast,
the RR genotype, which is associated with full expression of α-actinin-3 in fast-type muscle ﬁbers, is
highly prevalent among elite athletes in sprint/power disciplines. However, the eﬀect of the ACTN3
XX genotype on the sports performance of recreational athletes is unexplored. The study of such a
relationship might be particularly interesting given that ~20% of the world´s population is α-actinin-3
deﬁcient [6], and because genetic testing of this polymorphism has recently become a commercially
available diagnostic test [7], which can inform exercise recommendations.
In untrained populations, ACTN3 XX individuals produce less handgrip strength and less muscle
force and power than their RR counterparts [8–10], but this diﬀerence is lost when the same genotypes
are compared in active/trained individuals [11–13]. Furthermore, whereas muscle ﬁber composition is
not aﬀected by α-actinin-3 deﬁciency [14]; muscle volume [8], and especially the size of fast-type muscle
ﬁbers [15], is lower in XX than in RR counterparts. Finally, a higher response to strength training has
been found in RR than in XX individuals [16], coupled with a lower signaling for muscle hypertrophy
in XX subjects [14]. Given this information, it might be speculated that α-actinin-3 deﬁciency derived
from ACTN3 XX homozygosity might also aﬀect force and power production in recreational athletes
and aﬀect sports performance.
In addition to aﬀecting exercise performance, ACTN3 genotypes might also inﬂuence
exercise-induced muscle damage, particularly after endurance events such as marathon running.
Indeed, the X-allele has been associated with higher levels of several markers of muscle damage after
exercise in amateur athletes [17–19]. Conversely, a higher muscle ﬂexibility and a superior range
of motion has been reported in XX individuals versus their RR referents [20–22], although some
authors have failed to replicate this ﬁnding [23]. Although more ﬂexible muscles are less susceptible
to eccentric exercise-induced damage [24], higher muscle ﬂexibility values do not seem to attenuate
marathon-induced muscle damage in XX runners [17–19]. Finally, the ACTN3 XX genotype has been
related to lower body mass and lower fat-free mass [8,23], likely due to a reduction in muscle mass
as a result of smaller fast-type ﬁber size [15,25]. However, the eﬀect of ACTN3 genotypes on fat
mass and body composition in sedentary and clinical populations is unclear [25–27], and is unknown
in recreational athletes. The methodological diﬀerences in assessing these exercise phenotypes, the
relatively small study samples in some investigations, and the wide range of age and ﬁtness levels
under investigation make it diﬃcult to ascertain whether the eﬀect of ACTN3 genotypes is of suﬃcient
magnitude to represent a variable that aﬀect sports performance and training in recreational athletes,
as seems to be the case in elite athlete populations.
α-Actinin-3 deﬁciency has also been related to positive phenotypes that would explain the
perpetuation of the ACTN3 XX genotype through natural selection in human evolution. Particularly,
it has been proposed that the high frequency of the X allele in some human populations could be the
result of increased metabolic eﬃciency, possibly enhancing the capability for endurance running [28].
This theory is supported by studies in mouse models, because a shift towards a more eﬃcient aerobic
muscle metabolism has been found in Actn3 knockout (KO) mice [6,29]. This has fueled the notion
that the X allele might act as a thrifty allele [30], although this theory has little support in humans [31].
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Indeed, recent case-control investigations suggest that it is unlikely that the ACTN3 XX genotype
provides an advantage in competitive endurance running performance [32,33].
The aim of the present study was to determine the inﬂuence of ACTN3 genotypes on common
exercise phenotypes in recreational marathon runners. Our main hypothesis was that, compared with
their RR counterparts, ACTN3 XX runners would present with lower values of muscle force, but higher
values of running eﬃciency.
2. Materials and Methods
2.1. Subjects
One hundred thirty-six healthy experienced recreational marathon runners (116 men and
20 women) volunteered to participate in this study. Participants were either recruited by email
from a group of runners that had participated in previous investigations or were recruited at the time of
race registration. Inclusion criteria were as follows: Age 18–65 years; being free of any history of muscle,
cardiac or kidney disorders; participating in the marathon at maximal possible intensity; and having a
running experience of at least 3 years, with at least three marathons completed during this period.
Exclusion criteria were: taking medications during the 2 weeks prior to competing or having had a
musculoskeletal injury in the month prior to the competition. The fulﬁllment of inclusion/exclusion
criteria was veriﬁed through an ad hoc questionnaire. Age and main morphological and physical
characteristics of the participants in this investigation are shown in Table 1. Before enrollment, each
participant was informed about the risks and discomforts associated with the investigation and signed
an informed consent document. The study was approved by the Camilo Jose Cela University Ethics
Committee (ID ACTN3 approved 18/4/2018) in accordance with the latest version of the Declaration of
Helsinki. Participants’ rights and conﬁdentiality were protected during the whole experiment, and the
genetic information was used only for the purposes included in this investigation.
Table 1. Age, anthropometric characteristics, running experience, and training status of marathoners
with diﬀerent ACTN3 R577X genotypes. Data are mean ± standard deviation (SD) for each genotype.
Degrees of freedom = 2, between-groups; 133, intra-groups; 135, total.
Variable (Units)

RR

RX

XX

p

η2

n (frequency)
Men/women (frequency)
Age (years)
Body mass (kg)
Body height (m)
Body mass index (kg/m2 )
Running experience (years)
Best race time in the marathon (min)
Completed marathons (number)
Average training distance /week (km)
Training sessions /week (number)

37 (27.2%)
31/6 (83.8/16.2%)
41.2 ± 10.2
70.9 ± 7.1
1.73 ± 0.06
23.7 ± 1.7
9.0 ± 7.5
218 ± 27
5±4
50.7 ± 14.6
4±1

67 (49.3%)
58/9 (86.6/13.4%)
40.3 ± 8.8
71.6 ± 10.8
1.73 ± 0.08
23.8 ± 1.2
8.1 ± 7.8
223 ± 38
5±3
52.5 ± 17.0
4±1

32 (23.5%)
27/5 (84.4/15.6%)
40.7 ± 9.8
72.8 ± 10.5
1.72 ± 0.10
24.5 ± 1.5
8.3 ± 6.0
219 ± 39
5±3
51.7 ± 16.9
4±1

0.922
0.880
0.731
0.723
0.26.9
0.880
0.881
0.776
0.889
0.794

<0.01
<0.01
<0.01
0.03
<0.01
<0.01
<0.01
<0.01
<0.01

2.2. Experimental Design
All participants underwent the same testing under identical experimental conditions. Participants
were registered in the 2018 edition of the Rock’n’Roll Madrid Marathon and once they had completed
all the testing and ﬁnished the marathon, they were included into a common database. Subsequently,
participants were divided into three groups, established according to their individual ACTN3 R577X
genotype (RR, RX or XX groups). Because the men and women responded in the same manner when
comparing the three genotypes, and the frequency of men/women was similar in all three groups
(Table 1), we analyzed all the data without considering sex as a covariable.
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2.3. Experimental Protocol
At least 1 week before the marathon, each participant received information about the beneﬁts
and risks of the investigation and the standardization procedures. At this time, they ﬁlled out the
pre-participation ad hoc questionnaire. Participants were instructed to avoid strenuous exercise, caﬀeine
and alcohol for the 24 h before the onset of testing, which was performed the day before the race. On this
day, participants signed the informed consent and anthropometric characteristics were registered by an
ISAK-certiﬁed anthropometrist following international standards [34]. Anthropometric measurements
included body mass and height (±50 g scale; Radwag, Radom, Poland), skinfold thickness (±0.1 mm
skinfold caliper, Holtain Ltd., Crosswell, UK: triceps, subscapular, iliac crest, abdominal, anterior
and posterior thigh and medial calf) and thigh circumference (±0.5 mm ﬁber glass measuring tape;
Holtain Ltd.: above the knee, at the maximum thigh circumference and at the gluteal furrow). Three
measurements were obtained on the dominant side of the body and the mean was used for data
analysis. Relative adiposity (in %) was calculated from the sum of skinfolds [35]. The mean fat-free
volume of the dominant thigh (in mL/kg) was measured according to the protocol described by Jones
& Pearson (1969) and normalized by body mass to allow a better comparison among groups [36].
Participants underwent a standardized 10-min warm-up including low-intensity running at
8 km/h on a treadmill. Treadmill velocity was progressively increased until 10 km/h and oxygen
uptake (VO2 ) and carbon dioxide production (VCO2 ) were measured at this velocity for 5 min. Expired
gases were collected breath-by-breath with a metabolic cart (Metalyzer 3B, Cortex, Leipzig, Germany),
and gas exchange data of the last minute was used as a representative value. Certiﬁed calibration gases
(16% O2 , 5% CO2 , Cortex) and a 3-L syringe were used to calibrate the gas analyzer and the ﬂowmeter,
respectively. Gas measurements were made with the clothes and shoes used during the marathon
competition. The energy cost of running (in J/kg/m) was calculated using the non-protein respiratory
quotient [37] and was normalized by body mass to allow a better between-subject comparison [38].
After 5 min of recovery, participants performed two maximal countermovement vertical jumps
on a force platform (Quattrojump, Kistler, Wintherthur, Switzerland), as previously described [17].
The jumps were separated by a 1-min rest period. The jump with the highest height (in cm) was used for
statistical analysis. Then, participants performed a whole-body isometric force test [39]. The isometric
muscle strength was measured using a hand-held pull gauge (Isocontrol, Isometrico, Madrid, Spain)
set at a frequency of 1000 Hz. For this measurement, participants were asked to stand on a 50 × 50 cm
iron base connected to a handle-bar by a non-elastic cable. The isometric gauge was inserted within
the cable, and the height of the cable was individually set to provide a 135◦ knee ﬂexion while the back
and the arms were completely extended. Participants were instructed to perform a maximal pull for 4
seconds and the peak value was used for analysis. The force obtained (in Newtons, N) was normalized
to body mass (i.e., N/kg) to allow for a better comparison among genotypes. Thereafter, participants
performed a maximal handgrip strength test with both hands (dominant and non-dominant) using a
handgrip dynamometer (Grip-D, Takei, Japan). Performance was expressed in N and two attempts
were performed with each hand; the peak value was used for statistical analysis.
The lunge test was performed as a measure of dorsiﬂexion range of motion [40]. Participants
placed their foot along a measuring tape on the ﬂoor with both their big toe and heel on the centerline
of the measuring tape while they leaned on a wall. The weight-bearing lunge test was performed with
both limbs and the maximal dorsiﬂexion during the test was deﬁned as the maximum distance of
the toe from the wall while maintaining contact between the wall and knee without lifting the heel.
Participants were then asked to progressively move their knee forwards while they were reclined on
the wall, repeating the lunge movement until the maximum distance at which they could tolerably
lunge their knee to the wall without heel lift was found [41]. At this point, dorsiﬂexion range of
motion was performed using a handheld manual goniometer (Baseline® , The Therapy Connection Inc,
Windham, NY, USA) by placing the center of the goniometer just below the lateral malleolus of the
ankle, with one arm lined up through the lateral aspect of the ﬁbula and the other arm lined up with
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the ﬁfth metatarsophalangeal joint [42]. The measurement was repeated three times and the maximal
ankle dorsiﬂexion (in ◦ ) was used for analysis.
On the day of the race, participants had their usual pre-competition meal at least 3 h before the race,
which was not standardized among participants to avoid aﬀecting their individual pre-competition
routine. Runners were encouraged to ingest 500 mL of water 2 h before the start of the race to increase
the likelihood of being euhydrated at the start line. During the race, participants wore a race bib with a
time-chip to calculate the actual amount of time that it took them from the start line of the race to the
ﬁnish line (net time, in min). Participants completed the race at their own pace and drank ad libitum at
the hydration stations placed at 5-km intervals with no indications about running pace or ﬂuid and
food strategies. The marathon race was held in April on a sunny day with a mean dry temperature of
21.0 ± 2.1 ◦ C (range 15–26 ◦ C, temperature readings at 30-min intervals from 0- to 5-h after the race
onset) and a mean relative humidity of 43 ± 2% (range 40–51%).
2.4. Genetic Testing
Genomic DNA was isolated using an organic-based DNA extraction method adapted to Amicon®
(Sigma-Aldrich, Madrid, Spain) Ultra 0.5-mL columns, including a ﬁnal concentration step to 50 μL [43].
To avoid contamination, recommendations for molecular genetics laboratories were followed, including
physically-isolated work area laboratories for each process (sample manipulation and extraction). In
addition, reference samples (internal controls, blank samples and negative controls) and contamination
monitoring in all steps were included. Positive controls for all genotypes were obtained from the
Mexican branch of the CANDELA Consortium [44]. Genotyping of ACTN3 rs1815739 polymorphism
(c.1858C>T; p.R577X) was conducted using a TaqMan SNP Genotyping Assay (Assay ID: C___590093_1_;
Applied Biosystems, Foster City, CA, USA) and the reaction was performed in an Applied Biosystems
7500 Fast Real-Time PCR System (Applied Biosystems). The results were analyzed using 7500 Software
v2.0.5 (Applied Biosystems).
2.5. Statistical analysis
The diﬀerence in the distribution of men/women in each genotype group was tested with crosstab
and Chi square tests, including adjusted standardized residuals. The normality of the remaining
variables was initially tested with the Shapiro-Wilk test and all variables showed a normal distribution.
Group comparisons (RR vs. RX vs. XX) were performed using one-way analysis of variance (ANOVA).
When the ANOVA showed a signiﬁcant group-eﬀect, between-group diﬀerences were assessed using
the Tukey post-hoc test. The signiﬁcance level was set at 0.05. The eﬀect size (ES) for each full ANOVA
analysis was calculated using the Eta squared (η2 ) by using between-groups sum of squares and the
total sums of squares for all ES. The magnitude of η2 was interpreted following the guidelines by
Cohen [45] as follows: small: 0.01; medium = 0.06; large: 0.14. Data are presented as mean ± standard
deviation (SD) and all the analyses were performed with the statistical package SPSS version 20.0 (SPSS
Inc., Chicago, IL, USA). The ES was also calculated in all pairwise comparisons, by using the Hedges’
g ± 95% conﬁdence intervals (CI), to assess the magnitude of the between-group diﬀerences in the
phenotypes under investigation. ES were interpreted according to the following ranges: <0.2, trivial;
0.2–0.6, small; 0.6–1.2, moderate; 1.2–2.0, large; 2.0–4.0, very large; and >4.0, extremely large [46].
3. Results
The genotyping success rate was 99%. From the study sample of 136 runners, 27.2% were
genotyped as ACTN3 RR, 49.3% were RX and 23.5% were XX. Participants had similar running
experience, best race time in marathon, number of completed marathons in the three previous years,
and comparable training characteristics (Table 1). In addition, the net race time in the investigated
marathon was similar for all three genotypes (236 ± 36, 236 ± 44, 244 ± 27 min, respectively; p = 0.509,
η2 = 0.01).
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The ANOVA post-hoc analyses revealed that body fat percentage was higher in the XX than in
the RR group (Figure 1, upper panel), although the diﬀerences between XX and the RR or RX group
were small–moderate (Table 2). The ANOVA post-hoc analyses only revealed a small-to-moderate
diﬀerence between RR and XX groups for thigh volume in the dominant leg (Figure 1, lower panel).
By contrast, performance in the sit-and-reach-test was higher in the XX group than in the RX group
(Figure 2, upper panel). Post-hoc analyses only revealed an RR vs. XX diﬀerence in the right ankle for
maximal dorsiﬂexion during the weight-bearing lunge test (Figure 2, lower panel) with no diﬀerences
between groups in the left ankle (Table 2).

Figure 1. Body fat percentage and thigh fat-free volume in ACTN3 RR, RX and XX recreational marathon
runners. Data are mean ± standard deviation (SD) for each genotype. (*) Diﬀerences identiﬁed by a
post-hoc analysis at p < 0.05.

Figure 2. Distance reached in the sit-and-reach test and maximal ankle dorsiﬂexion in the lunge test
in ACTN3 RR, RX and XX recreational marathon runners. Data are mean ± SD for each genotype. (*)
Diﬀerences identiﬁed by a post-hoc analysis at p < 0.05.
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Table 2. Body fatness, thigh volume, distance obtained in the sit-and-reach test, and ankle dorsiﬂexion
in ACTN3 RR, RX and XX recreational marathon runners. Data are mean ± SD for each genotype. ES =
Eﬀect size calculated with Hedges’ g; CI = Conﬁdence interval. Degrees of freedom = 2, between-groups;
133, intra-group; 135, total.
Variable (Units)

RR

RX

XX

ES ± 95%
CIRR vs. RX

ES ± 95%
CIRR vs. XX

ES ± 95%
CIRX vs. XX

p

η2

Body fat (%)
Thigh volume (mL/kg)
Sit-and-reach test (cm)
Right-ankle dorsiﬂexion
(degrees)
Left-ankle dorsiﬂexion
(degrees)

15.7 ± 5.8
60.5 ± 6.9
15.5 ± 10.1

16.2 ± 6.1
58.9 ± 9.5
15.3 ± 7.8

18.8 ± 5.5
56.8 ± 9.6
18.4 ± 9.9

0.1 ± 0.3
−0.2 ± 0.3
0.0 ± 0.3

0.5 ± 0.4
−0.4 ± 0.3
0.3 ± 0.4

0.4 ± 0.3
−0.2 ± 0.3
0.4 ± 0.4

0.024
0.043
0.046

0.06
0.05
0.04

54.8 ± 5.8

55.9 ± 5.0

57.7 ± 5.1

0.2 ± 0.3

0.5 ± 0.5

0.4 ± 0.4

0.044

0.05

55.6 ± 4.8

57.1 ± 5.6

58.1 ± 5.1

0.3 ± 0.3

0.5 ± 0.5

0.2 ± 0.5

0.103

0.03

There were no diﬀerences in handgrip force between the genotypes (Table 3). However, the RR
group had a higher isometric force relative to body mass than the XX group (Figure 3, upper panel).
Jump height during a countermovement jump was similar between the genotype groups (Table 3).
During the running test at 10 km/h on a treadmill, the post-hoc analyses did not reveal any diﬀerence
in tidal volume or respiratory rate, although the diﬀerences in respiratory rate between XX and the
other two genotype groups were small–moderate. As a result, pulmonary ventilation at 10 km/h was
lower in the RR than in the XX group with a diﬀerence of moderate magnitude (Table 3). Post-hoc
analyses did not reveal any between-groups diﬀerence for VO2 , respiratory exchange ratio or for the
energy cost of running (Figure 3, lower panel and Table 3).

Figure 3. Maximal isometric force and energy cost of running in ACTN3 RR, RX and XX recreational
marathon runners. Data are mean ± SD for each genotype. (*) Diﬀerences identiﬁed by a post-hoc
analysis at p < 0.05.

88

Genes 2019, 10, 413

Table 3. Handgrip force, isometric force, countermovement jump height, and respiratory exchange
data while running at 10 km/m, in ACTN3 RR, RX, and XX marathon runners. Data are mean ± SD for
each group. ES = Eﬀect size calculated with Hedges’ g; CI = Conﬁdence interval; VO2 = oxygen uptake.
Degrees of freedom = 2, between-groups; 133, intra-group; 135, total.
XX

ES ± 95%
CIRR vs. RX

ES ± 95%
CIRR vs. XX

ES ± 95%
CIRX vs. XX

p

η2

402 ± 79

393 ± 91

0.3 ± 0.3

0.1 ± 0.4

−0.1 ± 0.4

0.663

<0.01

421 ± 81

415 ± 89

0.1 ± 0.4

0.0 ± 0.4

−0.1 ± 0.4

0.897

<0.01

16.7 ± 4.7

15.6 ± 4.4

14.7 ± 4.0

−0.2 ± 0.3

−0.5 ± 0.3

−0.2 ± 0.3

0.038

0.03

26.9 ± 4.2

26.8 ± 5.3

26.2 ± 5.4

0.0 ± 0.4

−0.1 ± 0.3

−0.1 ± 0.4

0.818

<0.01

Variable (Units)

RR

RX

Non-dominant
handgrip force (N)
Dominant handgrip
force (N)
Isometric force
(N/kg)
Countermovement
jump height (cm)
Tidal volume
(L/respiration)
Respiratory rate
(respirations/min)
Ventilation (L/min)
VO2 (mL/kg/min)
Respiratory
exchange ratio
Energy cost of
running (J/kg/m)

388 ± 73
414 ± 67

2.3 ± 0.7

2.5 ± 0.6

2.3 ± 0.6

−0.2 ± 0.3

0.0 ± 0.4

−0.2 ± 0.3

0.388

0.01

28.7 ± 7.7

28.6 ± 8.7

31.8 ± 8.9

0.0 ± 0.3

0.4 ± 0.4

0.4 ± 0.3

0.188

0.03

62.0 ± 9.5
38.4 ± 3.3

65.8 ± 13.1
39.0 ± 3.9

68.3 ± 12.9
39.3 ± 4.1

0.3 ± 0.4
0.2 ± 0.4

0.6 ± 0.3
0.2 ± 0.4

0.2 ± 0.3
0.1 ± 0.4

0.012
0.389

0.09
<0.01

0.89 ± 0.06

0.89 ± 0.07

0.91 ± 0.06

0.0 ± 0.3

0.3 ± 0.4

0.3 ± 0.3

0.130

0.02

4.7 ± 0.4

4.8 ± 0.5

4.9 ± 0.5

0.2 ± 0.4

0.4 ± 0.4

0.2 ± 0.4

0.448

0.01

4. Discussion
The ACTN3 R577X genotype is a well-characterized polymorphism that can aﬀect physical and
sports performance in elite athletes. Homozygosity for the X allele has been deemed a deleterious
trait for success in elite sprint- and power-based sports, whereas the RR genotype has been considered
propitious for the production of forceful and speedy contractions and thus optimal elite sport [1].
This information is being directly applied to recreational or less well-trained athletes without the
knowledge of whether this polymorphism, and the consequent reduction/absence of α-actinin-3,
aﬀects muscle function in these populations as it does elite performers. Accordingly, our aim was to
determine the inﬂuence of the three ACTN3 genotypes on common exercise phenotypes in recreational
marathon runners. As main outcomes, we found that the genotype frequencies of the ACTN3 R577X
polymorphism in our sample of marathoners was very similar to the ones previously reported in Spanish
sedentary controls [47]. However, XX runners likely had higher body fat percentage, muscle ﬂexibility
and ankle dorsiﬂexion than RR or RX runners, despite similar age, running experience and training
characteristics. Moreover, XX runners likely presented lower whole-body muscle force production and
lower thigh fat-free mass volume than their RR counterparts. On the other hand, the ACTN3 genotype
did not aﬀect the energy cost of running or the time necessary to complete a marathon. Overall, these
data indicate that the R577X polymorphism might aﬀect several characteristics in recreational endurance
runners. Speciﬁcally, the outcomes of this investigation suggest that α-actinin-3-deﬁcient runners
might have lower strength values, but this does not translate into a poorer marathon performance.
Although the magnitude of the ACTN3 genotype eﬀect on the exercise phenotypes investigated here
was small-to-moderate in most cases, the consistency of the diﬀerences between the XX runners and
the other two genotypes suggests a likely eﬀect of α-actinin-3 deﬁciency on force production, muscle
mass and muscle ﬂexibility in endurance runners (Figure 4).
A myriad of case-control studies has conﬁrmed that homozygosity for the X allele hinders success
in elite speed sports [2]. Nevertheless, these types of investigations do not allow for causal conclusions
or explanations for this genetic inﬂuence on performance. To better understand the eﬀect of α-actinin-3
deﬁciency, MacArthur et al. [6] generated an Actn3 knock-out (KO) mouse, which recapitulates the
features of human α-actinin-3 deﬁciency through loss of the expression of this protein in fast-type
skeletal muscle ﬁbers, while at the same time showing elevated expression of α-actinin-2. Actn3-KO
mice have lower grip strength [29] and inferior fast force muscle production [48] than their wild-type
littermates, which might explain in part the low frequency of XX in the pool of elite athletes in speed
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sports. In addition, Actn3-KO mice have less body weight due to lower lean body mass [25], with no
changes in fat mass.

Figure 4. Magnitude of the ACTN3 genotype eﬀect, calculated with Hedges’ g ± 95% conﬁdence
interval, on the phenotypes investigated for the comparison of RR vs. RX (upper panel), RR vs. XX
(middle panel), and RX vs. XX (lower panel) genotypes. Negative values indicate higher values of the
variable for the group categorized at the left. Positive values indicate higher values of the variable for
the group categorized at the right.

Interestingly, some of the main phenotypes found in the Actn3-KO mouse model have also been
found in our sample of recreational runners, as XX runners likely presented lower values of maximal
isometric force, lower fat-free volume and higher body fat percentage than RR or RX runners (in
this case, without any eﬀect on body mass). While the lack of α-actinin-3 has been related to these
phenotypes in untrained individuals [8,9,49], this is the ﬁrst study to show these negative eﬀects on a
sample of trained and competitive individuals, which might mirror the situation in elite athletes.
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A summary of how the ACTN3 genotype alters muscle function during exercise has been recently
performed by Lee et al. [50] using the main outcomes found in the Actn3-KO mouse model. Brieﬂy,
α-actinin-3 interacts with a number of partner proteins, which broadly fall into three biological
pathways: structural, metabolic and signaling. First, α-actinin-3 is a structural protein with a role
for attaching and cross-linking actin ﬁlaments, and thus, its deﬁciency might negatively aﬀect the
structure of the sarcomere as well as its ability to produce force during muscle shortening [29]. As an
additional cause for the lower values of force associated with the XX genotype, it has also been
found that Actn3 KO mice have a lower lactate dehydrogenase [6] and glycogen phosphorylase
enzyme activity [51] in fast twitching muscle ﬁbres. These enzymatic changes are consistent with
a lower ability to catabolize glycogen into glucose and a subsequent reduction in the capacity to
convert glucose into lactate in skeletal muscle ﬁbres, which would be a limiting metabolic factor for
high-intensity/fast muscle contractions. The spectrum of changes within muscle ﬁbers associated with
α-actinin-3 deﬁciency also includes a higher calcineurin activity, which is found in both Actn3-KO
mice and humans with the XX genotype [52]. In this context, the muscle tissue of α-actinin-3-deﬁcient
individuals might be theoretically more prone to adapt to endurance training stimuli rather than to
strength- or power-oriented programs [53]. Thus, based on the present ﬁndings, and those of the
animal model, it might be assumed that the ACTN3 XX genotype is likely associated with lower muscle
strength. Whether these eﬀects can be oﬀset with individualized training warrants further investigation.
In addition, exploring the relationship between α-actinin-3 deﬁciency and body fatness requires further
analysis in active, untrained and obese populations, because, to date, this link is unclear [25].
It has been hypothesized that the X allele might have helped in the adaptation to environments
with scarce food resources, where a more eﬃcient muscle metabolism and lower cost of locomotion
would be essential for survival [54]. Indeed, this theory was conﬁrmed in the Actn3-KO mouse model,
which showed a shift towards more eﬃcient and aerobic muscle metabolism [6,29]. In humans, higher
VO2peak and higher running speed at the ventilatory threshold have been reported in XX versus
RR counterparts [55,56]. However, a study designed to relate the XX genotype to a lower cost of
locomotion found that the RX genotype was more eﬃcient for running [31]. The present investigation
also disputes this association, because the energy cost of running at 10 km/h was similar in all three
genotypes groups. The lack of a lower cost of running in XX runners compared with R-allele carriers,
might be related to another phenotype present in runners with α-actinin-3 deﬁciency, that is, a higher
muscle ﬂexibility and ankle range of motion (Table 2). Indeed, the less ﬂexible runners might also
be the most economical when running [57,58], suggesting that low muscle ﬂexibility in certain areas
of the musculoskeletal system may enhance running economy in sub-elite male runners. Thus, it
is possible that the higher muscle ﬂexibility of XX runners oﬀsets the metabolic eﬀect of α-actinin-3
deﬁciency, although this suggestion requires further investigation. In addition, XX runners needed
greater pulmonary ventilation values than RR counterparts to meet the metabolic demands of running
at 10 km/h. This ﬁnding is a novelty of this investigation as no previous investigation has reported
changes in pulmonary ventilation across the three diﬀerent ACTN3 genotypes. Although the cause for
a higher ventilation in XX is not evident from our data, this might be the result of a lower running
speed at the respiratory compensation threshold. In any case, the explanation of an eﬀect of the ACTN3
genotype on the mechanics of ventilation during running, if any, merits further research. Overall,
our ﬁndings suggest that the 577X allele does not increase running economy and, thus, the persistence
of this null allele might be explained beyond its potential metabolically thrifty properties, as previously
suggested [26].
An alternative hypothesis for the survival of the 577XX genotype emerges from our data and
previous research. Higher values of muscle ﬂexibility and range of motion have been found for
XX individuals in diﬀerent joints [20–22], which, although negative for running economy, might
confer enhanced muscle function. In the present study, likely higher trunk ﬂexibility and ankle
dorsiﬂexion values were identiﬁed in XX runners, which might be associated with a higher ground-force
application [59] and lower leg stiﬀness during running [60]. In addition, higher muscle ﬂexibility
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might produce a protective role against muscle damage during exercise [24]. However, despite the
potential beneﬁts of the enhanced muscle ﬂexibility exhibited by our XX runners, previous evidence
suggests that running economy or reduction of exercise-induced muscle damage are not improved by
α-actinin-3 deﬁciency [1]. Lastly, it has been suggested that the ACTN3 genotype aﬀects α-actinin-3
expression in a dose-dependent fashion, indicating that RX individuals might have intermediate
phenotypes [61]. Interestingly, this notion is reinforced by the present data because RX individuals
were at the mid-point for isometric muscle strength, body fatness, thigh volume, muscle ﬂexibility,
and ankle dorsiﬂexion (Figures 1–3), while the magnitude for the eﬀect with respect to XX runners was
essentially lower than when comparing RR and XX genotypes (Figure 4). Thus, both the XX and RX
genotype can be related to some favorable phenotypes for endurance running, although their utility
should be consolidated with further research.
The present investigation does have some limitations. First, we recruited a convenience sample of
136 marathoners that were registered in a competitive marathon. After grouping by genotype, we
found that groups were similar in the distribution of sexes, age, running experience, and training
characteristics. However, there was high intersubject variability even within each group. Thus, further
investigation with larger and more homogeneous samples and controlled training habits should be
performed to conﬁrm these outcomes. Also, we used a battery of testing to identify the eﬀect of
ACTN3 genotypes on several exercise phenotypes of utility for endurance runners; however, other
phenotypes such as VO2max and running velocity at lactate threshold should be investigated because
of their high association with endurance performance [62]. Several of the major outcomes of the
present investigation could have been inﬂuenced by some variables that we did not assess, such
as diet and previous resistance or muscle ﬂexibility training background. The lack of control for
these potential confounders therefore represents a limitation of our investigation. Finally, the present
study was focused on the inﬂuence of only one polymorphism on these phenotypes, and several
other candidate genes might have exerted an inﬂuence on the phenotypes investigated. Despite
these limitations, we believe that the investigation contributes to the current knowledge on the eﬀect
α-actinin-3 deﬁciency has on muscle function, exercise traits.
5. Conclusions
In summary, compared with their RR peers, ACTN3 XX marathon runners likely had lower values
of whole-body isometric muscle force and lower fat-free mass volume in the thigh, and a higher
percentage of body fatness. By contrast, ACTN3 XX marathon runners had higher muscle ﬂexibility
and ankle range of motion, whereas no clear genotype-eﬀect was found for running economy, handgrip
force, and jump height. Thus, α-actinin-3 deﬁciency is associated with several physiological and
anthropometric traits in recreational endurance runners. Nevertheless, the magnitude of diﬀerences
among ACTN3 genotypes was small-to-moderate and did not aﬀect marathon performance. Future
investigations should determine whether personalized endurance training based on genetics is eﬀective
to reduce the partially negative eﬀects of α-actinin-3 deﬁciency in trained athletes. Although there is
not yet a scientiﬁc rationale for the use of commercial genetic tests to predict sports performance [63,64],
the outcomes of this investigation suggest that those recreational marathon runners with the ACTN3
XX genotype might perhaps beneﬁt from personalized strength training (to compensate for their lower
muscle force capacity) more than their counterparts who are carriers of the R-allele.
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Abstract: Exercise performance is inﬂuenced by genetics. However, there is a lack of knowledge
about the role played by genetic variability in the frequency of physical exercise practice. The objective
was to identify genetic variants that modulate the commitment of people to perform physical exercise
and to detect those subjects with a lower frequency practice. A total of 451 subjects were genotyped
for 64 genetic variants related to inﬂammation, circadian rhythms, vascular function as well as
energy, lipid and carbohydrate metabolism. Physical exercise frequency question and a Minnesota
Leisure Time Physical Activity Questionnaire (MLTPAQ) were used to qualitatively and quantitatively
measure the average amount of physical exercise. Dietary intake and energy expenditure due to
physical activity were also studied. Diﬀerences between genotypes were analyzed using linear and
logistic models adjusted for Bonferroni. A signiﬁcant association between GCKR rs780094 and the
times the individuals performed physical exercise was observed (p = 0.004). The carriers of the
minor allele showed a greater frequency of physical exercise in comparison to the major homozygous
genotype carriers (OR: 1.86, 95% CI: 1.36–2.56). The analysis of the GCKR rs780094 variant suggests a
possible association with the subjects that present lower frequency of physical exercise. Nevertheless,
future studies are needed to conﬁrm these ﬁndings.
Keywords: glucokinase-regulator; exercise; behavior; genotyping; obesity

1. Introduction
Physical exercise and energy intake are fundamental factors in the energy balance equation and in
body weight management [1]. Knowledge about the factors associated with physical activity practice
and energy expenditure as well as the potential mechanisms involved in fuel homeostasis is essential
in order to understand human thermodynamics [1].
The energy used during physical performance is the most variable component of total energy
expenditure [2]. This feature depends on different factors such as body composition, intensity and
duration of the physical activity, and the individual genetic profile [3,4]. Also, the sport aptitude has a
strong genetic component [5,6]. However, there is a lack of research about the role that genetic variability
plays in the motivation for practicing any physical exercise, the adherence to it and the related efficiency.
Genes 2019, 10, 570; doi:10.3390/genes10080570
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Multiple metabolic and physiological processes have been related to physical training [7]. The
study of genetic variants occurring in genes associated with the regulation of such metabolic processes
could help determine how these processes are implicated in the practice of physical exercise. Although
there are Genome-wide association studies (GWAS) linking speciﬁc locus with exercise and, also,
reviews determining associations between SNPs with sports performance, there is scarce evidence on the
relationship between obesity and metabolism-associated polymorphisms with physical exercise [8–11].
Further studies may be of interest to establish more precise relationships between genes related to
metabolism and how they aﬀect the practice of physical exercise.
Thus, genes related to inflammation such as those encoding interleukins, or the C-reactive protein
have been linked to athletic performance [12]. In turn, genes associated with energy metabolism such as
FTO and POMC, as well as with circadian rhythms like CLOCK and PER2 gene, have been related to the
muscular system or the response to sport and exercise [13–16]. In the case of vascular function, genes such
as the NOS3 gene, whose effect is modified by the practice of physical exercise, or the GNB3 gene, known
to be associated with elite athletes, have also been investigated [17,18]. Moreover, studies of genetic
variants involved in lipid metabolism such as apolipoproteins or peroxisome proliferator-activated
receptors (PPARs) and in carbohydrate metabolism such as ADIPOQ, have been associated with sports
practice, which could also influence predisposition to the practice of physical exercise [19–21].
In this context, the study of the glucokinase regulatory protein (GCKR) gene, involved in lipid
and carbohydrate metabolism, can be of interest as it might also interfere with the amount of physical
exercise performed [22]. The GCKR gene, located on chromosomal region 2p23.2–3, modulates
glucokinase (GCK) that is a key regulatory enzyme of glucose metabolism and storage, and potentially
implicated in energy utilization [23,24]. Thus, a hypothetical mechanism behind a physically active or
sedentary behaviour may lie on the greater or lesser availability of energy substrates, as well as the
signals these substrates exert at the brain level.
Recently, the single nucleotide polymorphism rs780094, located in an intronic region of the
GCKR gene, was found to be related with triacylglycerides (TAG) and fasting plasma glucose
concentrations [23]. Speciﬁcally, the major allele (C) of GCKR rs7800094 is associated with decreased
TAG, but increased fasting plasma glucose, while minor allele (T) is associated with lower levels of
fasting plasma glucose and insulin, and higher levels of TAG [25]. In this regard, it is interesting to
point out that GCKR has been identiﬁed in the same brain area than GCK, what could modulate the
feeding behavior and energy balance [26]. GCKR and GCK, which act as glucose-level sensors, might
interact with appetite-regulating peptides and interfere in the individual feeling of satiety [27].
Information about genetic variants that modulate energy intake and expenditure through the
adherence to physical exercise performance can be useful to detect those subjects with lower frequency
of exercise practice and those less prone to maintain an adequate energy balance to maintain a healthy
status, to prevent overweight and obesity, and to personalize loss weight strategies. In this context, the
aim of the present study was to identify genetic variants that modulate the amount of physical activity
and exercise performed to detect those subjects that exercise less, with the goal to prevent overweight.
2. Materials and Methods
2.1. Subjects and Study Protocol
A total of 557 subjects (155 men and 402 women, aged from 18 to 65 years), who participated
in a GENYAL Platform (Platform for Clinical Trials in Nutrition and Health) observational study,
encompassed this investigation. Participants were recruited in Cantoblanco Campus (Autonomous
University of Madrid, Madrid, Spain), being almost entirely of Caucasian origin. Inclusion criteria
were: free-living adults aged from 18 to 70 years that gave written informed consent to be contacted
to perform clinical trials and nutritional intervention studies. Exclusion criteria were: To suﬀer from
any serious illness (kidney or liver diseases or other condition that aﬀects lifestyle or diet), to present
dementia or impaired cognitive function and to be pregnant or breastfeeding. Of the total of the
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participants, it was not possible to obtain all the data. Thus, only 490 were evaluated for physical
activity and exercise practice while only 451 were genotyped. The study was conducted according to
the guidelines laid down in the Declaration of Helsinki, and all procedures involving human subjects
were approved by the Research Ethic Committee of Autonomous University of Madrid (CEI 27-666).
Written informed consent was obtained from all subjects.
2.2. Anthropometric Measures and Dietary Intake
Anthropometric and body composition variables, such as height, weight, fat mass percentage
and waist circumference, were measured by standard validated techniques [28]. Body weight and fat
mass percentage were assessed using the body composition monitor BF511 (Omron Healthcare UK
Ltd., Kyoto, Japan). BMI was calculated as the body weight divided by the squared height (kg/m2 ).
Waist and hip circumferences were measured using a Seca 201 non-elastic tape (Quirumed, Valencia,
Spain). A 72-h food record was collected from all participants. DIAL (2.16 version, Alce Ingeniería, Las
Rozas, Madrid, Spain) Software was used to analyze the energy intake, macro and micronutrients of
the collected records [29].
2.3. Physical Activity Measures
The frequency of physical exercise practice on a regular basis (“exercise” variable), was quantiﬁed
by a speciﬁc question in order to deﬁne how many times per week they used to practice physical
exercise: 0, 1, 2, 3, 4 or 5 and > 5 times. A dichotomized version of this variable was created (“exercise
classiﬁcation”) as follows: (1) Subjects who practiced physical exercise 0 times per week and (2) subjects
who practiced physical exercise at least one day per week. This classiﬁcation was made in order to
better split the sample in terms of exercise practice: those who did not practice at all vs. those who
practiced some exercise.
In addition, Minnesota Leisure Time Physical Activity Questionnaire (MLTPAQ) was used to
quantitatively measure the average physical activity practice (kcal/day) by the volunteers [30]. Based on
the Compendium of physical activities, Energy Expenditure in Physical Activity (EEPA) was estimated
as follows: EEPA = I × N × T; where “I” represents the degree of intensity for each physical activity in
kilocalories / minute; “N”, the number of times that physical activity was developed; and “T”, the time
in minutes spent in each session [31].
2.4. Biochemical Measurements
Blood samples were taken early in the morning at IMDEA Food after a 12-h overnight fast and
stored at 4 ◦ C to 6 ◦ C until analysis (always performed within 48 h) by Laboratory CQS Consulting.
This laboratory integrates preanalytical, analytical and post-analytical processes. Total cholesterol
(TC), high-density lipoprotein (HDL) and low-density lipoprotein cholesterol (LDL), triacylglycerols
(TAG) and glucose were determined by enzymatic spectrophotometric assay using an Architect CI8200
instrument (Abbott Laboratories, Chicago, IL, USA). The triglyceride-glucose index (TyG index) was
calculated as the natural logarithm (Ln) of the product of plasma glucose and TAG according to the
following formula: Ln (TAG (mg/dL) × glucose (mg/dL))/2 [32].
2.5. DNA Isolation and Genotyping
A total of 64 genetic variants related to inﬂammation (7 genes; 9 SNPs), circadian rhythms
(2 genes; 6 SNPs), vascular function (8 genes; 10 SNPs) as well as energy (11 genes; 17 SNPs, lipid
(9 genes; 15 SNPs) and carbohydrate metabolism (3 genes; 7 SNPs), were analyzed. The selection was
based on a previous study in accordance with the allelic frequency and TaqMan® probe (Applied
Biosystems, Waltham, MA USA) availability [22]. Blood samples were taken and stored at −80 ◦ C
until DNA extraction. Genomic DNA from each participant was isolated from whole blood using the
QIAamp DNA Blood Mini Kit (Qiagen Sciences, Inc., Germantown, MD, USA) and recovered in 100 mL
of nuclease-free water. Its concentration and quality were then measured in a nanodrop ND-2000
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spectrophotometer (ThermoScientiﬁc, Waltham, MA, USA). The mean concentration of the samples
was 80 to 90 ng/mL. Genotyping was performed using the QuantStudio_ 12 K Flex Real-Time PCR
System (Life Technologies Inc., Carlsbad, CA, USA) with a TaqMan OpenArray plates following the
manufactured instructions (Real-Time PCR Handbook and education center of Applied Biosystem) [33].
The results were analyzed using TaqMan Genotyper software (V 1.3, Applied Biosystems, Waltham,
MA USA). The proportion of genotypes not passing the quality threshold was <5%.
2.6. Statistical Analysis
Statistical analysis was performed with the R software, version 3.4.1 (R Foundation for Statistical
Computing, Vienna, Austria) [34]. Deviations from Hardy-Weinberg equilibrium of genotype
frequencies at individual loci were assessed using standard χ2 tests. Descriptive analyses were
implemented for diﬀerent continuous and categorical variables by sex, SNP (single nucleotide
polymorphism) rs780094 and exercise classiﬁcation. p-Values were obtained using one-way ANOVA
for continuous variables, and Fisher exact test for categorical variables. Associations between the
two variables, exercise variable and energy expenditure due to physical activity per week, were
assessed by computing the Pearson correlation coeﬃcient (r) and the corresponding statistical test.
Identiﬁcation of signiﬁcant SNPs was performed by deriving logistic model vs. SNPs, adjusted by sex,
age and additional appropriate covariables when necessary. Model assumptions were checked in all
the cases. Three logistic genetic models were evaluated: Additive, dominant and codominant. These
genetic models refer to the dominant or recessive character of each of the alleles. Thus, the additive
model indicates a multiplicative eﬀect depending on the number of rare alleles. In the dominant
model, the less frequent allele is considered dominant (common homozygous vs. heterozygous + rare
homozygous), and the codominant model considers each genotype individually, with independent
genetic eﬀects. The Bonferroni method was used to correct the p-values for multiple test (64 SNPs).
Signiﬁcance level was set to α = 0.05 adjusted after Bonferroni correction. No power analysis could be
conducted as there was no idea of the variability of the responses analyzed in advance, and the sample
used was the largest available.
3. Results
Out of all the genetic variants studied, only one signiﬁcant statistical association between GCKR
rs780094 polymorphism and the frequency of physical activity performed was found, when adjusted
for multiple corrections. Considering the number of polymorphisms studied and the obtained results,
only the related ones to this association will be discussed.
Descriptive statistics concerning gender, exercise classiﬁcation and GCKR rs780094 data showed
several diﬀerences regarding population characteristics (Table 1). This table shows anthropometric
measures, biochemical variables, dietary intake and physical activity and exercise characteristics,
according to gender, exercise classiﬁcation (inactive vs. active subjects, see above) and genotype
GCKR rs780094.
The analysis showed signiﬁcant diﬀerences concerning gender for the total anthropometric
variables. Thus, males presented signiﬁcantly higher values of body weight, height, BMI, lean mass
percentage, visceral fat, waist circumference and waist-hip ratio than females. On the other hand, fat
mass in males resulted in signiﬁcantly lower values than females. Several biochemical parameters
were also signiﬁcantly diﬀerent concerning gender. Hence, women had higher total cholesterol and
HDL cholesterol levels while triglycerides/glucose index, Total Cholesterol/HDL and LDL/HDL were
of lower values. Besides, men consumed and expended statistically signiﬁcant more calories, as well
as performed more times of physical exercise per week than women.
Concerning exercise classiﬁcation (inactive subjects who never practiced any kind of physical
exercise per week vs. active subjects who did once or more times per week), signiﬁcant diﬀerences for
several anthropometric variables were expected (Table 1). Indeed, BMI (p = 0.005), fat mass (p = 0.001),
visceral fat classiﬁcation (p = 0.049), and waist circumference (p = 0.042) were more elevated in inactive
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individuals as compared to active subjects. Moreover, water intake resulted in statistically signiﬁcant
diﬀerences according to exercise classiﬁcation variable, where active subjects consumed more water
compared to inactive subjects (p = 0.001). Likewise, energy expenditure due to physical practice
(calories were calculated from the METs, metabolic equivalents of task, results for the physical activity
practice registered in the MLTPAQ) resulted in statistically signiﬁcantly diﬀerences in terms of exercise
classiﬁcation (p < 0.001). No signiﬁcant diﬀerences were found for biochemical parameters.
The association between energy expenditure by physical activity and exercise variable, has a
Pearson correlation of r = 0.37 (p = 8 × 10−17 ), indicating a signiﬁcant, although moderate, association
between these two variables.
Concerning the genotype analyses, for GCKR rs7800094, genotype frequencies were in
Hardy–Weinberg equilibrium (p = 0.116). No signiﬁcant diﬀerences were found in anthropometric
variables (Table 1), although there were signiﬁcant diﬀerences regarding total cholesterol (p = 0.041).
Total caloric value of fat intake resulted in statistically signiﬁcant diﬀerences since rare homozygous
carriers consumed more amount of fat in contrast to mayor allele carriers (p = 0.036). In this sense, a
tendency for a diﬀerent energy intake has been observed (p = 0.074), where rare homozygous carriers
consumed more total energy than mayor allele carriers. At the same time, there were signiﬁcant
diﬀerences in exercise variable (Table 1). Particularly, rare homozygous carriers practiced physical
exercise a greater amount of times per week compared to major allele carriers who presented lower
physical exercise per week (p = 0.016). There were no signiﬁcant diﬀerences with respect of energy
expenditure attributed to physical activity practice concerning genotype (p = 0.582).
In this study, the association between the above described 64 genetic variants and exercise
classiﬁcation, were tested by developing logistic regression models adjusted by sex, age and BMI. Of
the total of the polymorphisms analyzed, only GCKR rs780094 was found to be signiﬁcantly associated
with exercise classiﬁcation after correction for multiple tests. Thus, Table 2 shows the distribution of
our sample with regards to rs780094 genotype and exercise classiﬁcation. It displays the corresponding
odds ratios and p-values of the three logistic models: Codominant, additive and dominant. Statistically
signiﬁcant diﬀerences were found for the three designs. Within the exercise classiﬁcation variable:
active subjects, there was a higher percentage of rare homozygous carriers in comparison with mayor
homozygous carriers. Thus, Figure 1 shows the sample distribution of the exercise classiﬁcation
variable according to the genotype. Almost 40% of common homozygote carriers did not perform any
physical exercise per week, compared to the homozygous variants where the percentage of no-active
people was much lower (14%). Most heterozygous carriers (86%), performed at least some type of
exercise once a week (p = 0.004).

Figure 1. Percentage of the population classiﬁed according to the number of times that they perform
physical exercise according to the genotype. p-Value of an additive model adjusted by 64 SNPs is
also shown.
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1.73 (1.50)
2038 (1676)

2.34 (1.67)

2037 (719)
38.48 (6.30)
17.28 (3.51)
40.04 (6.38)
1454 (727)

86.77 (10.92)
202.75 (35.42)
58.34 (14.04)
126.41 (29.87)
95.53 (46.27)
4.48 (0.23)
3.69 (1.03)
2.3 (0.81)

67.69 (13.45)
162.30 (6.36)
25.72 (4.84)
36.66 (8.34)
26.57 (3.58)
6.32 (2.80)
84.41 (13.71)
0.81 (0.08)

Female
emphn = 402

Gender

2701 (2434)

2325 (650)
37.79 (6.99)
17.23 (3.27)
39.98 (6.38)
1495 (622)

88.58 (16.94)
194.77 (38.67)
46.57 (10.84)
126.77 (32.68)
103.39 (50.34)
4.56 (0.24)
4.43 (1.30)
2.87 (0.99)

84.29 (14.70)
176.26 (6.44)
27.18 (4.78)
24.87 (7.96)
35.76 (4.93)
9.75 (5.30)
94.39 (14.07)
0.89 (0.08)

Male
n = 155

0.007

<0.001

<0.001
0.311
0.894
0.927
0.522

0.358
0.048
<0.001
0.916
0.138
0.009
<0.001
<0.001

<0.001
<0.001
0.003
<0.001
<0.001
<0.001
<0.001
<0.001

p

1504 (1656)

0.00 (0.00)

2121 (842)
38.42 (6.51)
17.22 (3.29)
40.59 (5.99)
1320 (738)

88.00 (16.38)
199.06 (36.05)
55.65 (15.59)
125.55 (30.67)
99.06 (46.20)
4.51 (0.23)
3.86 (1.11)
2.46 (0.92)

73.83 (17.63)
164.69 (8.19)
27.09 (5.45)
35.74 (9.45)
27.92 (4.87)
7.78 (4.59)
89.12 (15.76)
0.83 (0.10)

2533 (1948)

2.72 (1.13)

2150 (674)
38.34 (6.42)
17.14 (3.41)
39.72 (6.50)
1568 (694)

87.76 (10.36)
200.81 (37.74)
55.83 (13.79)
126.85 (31.19)
96.28 (47.60)
4.49 (0.23)
3.83 (1.14)
2.41 (0.86)

71.23 (14.64)
166.52 (9.11)
25.65 (4.54)
32.66 (9.73)
29.39 (5.92)
6.93 (3.58)
86.05 (13.80)
0.82 (0.09)

Activity n = 340

Exercise Classiﬁcation
No Activity n =
150

1.79 (1.69)
2222 (1935)

N.A.

2176 (809)
39.03 (6.16)
17.01 (3.12)
39.56 (5.92)
1544 (798)

86.94 (10.37)
194.93 (38.07)
54.59 (15.05)
122.37 (29.96)
90.92 (39.11)
4.46 (0.21)
3.83 (1.20)
2.41 (0.88)

73.39 (16.73)
166.87 (9.45)
26.26 (5.06)
32.93 (10.24)
29.61 (5.95)
7.27 (4.04)
87.07 (14.49)
0.82 (0.08)

Common
Homozygous
(C/C) n = 155

<0.001

0.714
0.911
0.808
0.163
0.001

0.891
0.659
0.912
0.704
0.585
0,543
0.808
0.629

0.117
0.029
0.005
0.001
0.004
0.049
0.042
0.283

p

2199 (1899)

1.85 (1.53)

2049 (580)
38.30 (6.36)
17.38 (3.54)
39.74 (6.35)
1450 (667)

88.92 (14.23)
205.79 (35.93)
57.44 (14.06)
128.84 (31.27)
98.95 (50.78)
4.51 (0.25)
3.81 (1.14)
2.40 (0.89)

71.99 (15.27)
165.77 (8.51)
26.18 (4.91)
34.01 (9.53)
28.55 (5.59)
7.26 (3.98)
87.51 (14.81)
0.83 (0.09)

Heterozygous
(C/T) n = 204

Genotype (rs780094)

1975 (1811)

2.31 (1.37)

2260 (929)
37.13 (6.91)
17.04 (3.30)
41.52 (5.90)
1476 (687)

89.37 (12.56)
203.17 (35.73)
55.00 (12.05)
127.98 (30.70)
102.33 (53.76)
4.54 (0.24)
3.82 (0.90)
2.43 (0.78)

70.51 (14.34)
164.54 (8.85)
26.04 (4.76)
34.38 (10.45)
28.62 (5.97)
6.93 (3.17)
85.98 (13.39)
0.82 (0.08)

Rare
Homozygous
(T/T) n = 92

0.582

0.016

0.074
0.108
0.549
0.036
0.511

0.311
0.041
0.185
0.185
0.151
0.072
0.988
0.962

0.375
0.164
0.949
0.495
0.214
0.715
0.695
0.493

p

BMI, Body mass index; CHO, carbohydrates; HDL-C, high density lipoprotein cholesterol; LDL-C, low density lipoprotein; N.A., not applicated; TyG Index, Triglycerides/glucose index;
SD, standard deviation; TCV, total caloric value, Total-C, total cholesterol. No activity, 0 times of physical activity performance per week. Activity, one or more times of physical activity
performance per week. p-values were obtained from one-way ANOVA for continuous variables, and Fisher exact test for categorical variables. Signiﬁcance level p ≤ 0.05.

Exercise (times/week)
Energy expenditure physical
activity/week (kcal)

Physical activity
performance

Energy (TCV: kcal/day)
CHO (TCV%)
Proteins (TCV%)
Fats (TCV%)
Water intake (mL)

Dietary intake

Glucose (mg/dL)
Total-C (mg/dL)
HDL-C (mg/dL)
LDL-C (mg/dL)
TAG (mg/dL)
TyG Index
Total-C/HDL-C
LDL-C/HDL-C

Biochemical parameters

Body Weight (kg)
Height (cm)
BMI (kg/m2 )
Fat mass (%)
Lean mass (%)
Visceral fat classiﬁcation
Waist circumference (cm)
Waist-Hip ratio

Nutritional status

Ariables

Table 1. Descriptive characteristics of the study participants (Mean, SD).
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59 (29.60)
71 (24.90)

12 (14.00)

12 (14.00)

n (%)

Minor Allele
Homozygote

92 (61.70)
92 (61.70)

92 (61.70)

n (%)

Major Allele
Homozygote

140 (70.40)
214 (75.10)

140 (70.40)

n (%)

Heterozygote

Activity

74 (86.00)

74 (86.00)

n (%)

Minor Allele
Homozygote
1.52
(0.96–2.41)/4.02
(2.04–8.51)
1.86 (1.36–2.56)
3.18 (1.70–6.46)

OR (CI)

0.004
0.012

0.012

p-Value 1

1 Adjusted by sex, age and BMI. p-value was corrected by multiple SNP comparisons (Bonferroni). Signiﬁcance level p ≤ 0.05. No activity, 0 times of physical activity performance per
week. Activity, 1 or more times of physical activity performance per week.

57 (38.30)
57 (38.30)

Additive
Dominant

59 (29.60)

n (%)

n (%)

57 (38.30)

Heterozygote

Codominant

Model

Major Allele
Homozygote

No Activity

Table 2. Association of exercise classiﬁcation performance and genotype according to genetic models.
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4. Discussion
Physical exercise provides a plethora of health beneﬁts, whereas sedentary lifestyle is considered
to be a main risk factor in the development of multiple chronic diseases [35]. Currently, there is a
scarcity of knowledge about the mechanisms that trigger the practice of physical exercise and energy
expenditure. However, this knowledge in the area could lead to personalized strategies focused on
people prone to weight gain [36], even before overweight manifests itself [22]. Therefore, research on
the mechanisms that modulate energy expenditure could be useful to reduce the overweight rates of
the population.
Genetic factors could play an inﬂuential role in the behavior of individuals regarding their
physical exercise [5]. In this context, the GCKR gene which regulates glucokinase activity in the liver,
inﬂuences the regulation of lipid metabolism and hepatic glucose, so that it is strongly associated with
fasting TAG and glucose levels [37]. Speciﬁcally, it has been observed that the minor T allele of GCKR
rs780094 is associated with metabolic traits including higher levels of TAG, even though glycemia
levels were adequate [38]. This involvement in metabolism may interfere in the frequency of physical
exercise performance.
Our results revealed that total cholesterol levels are signiﬁcantly diﬀerent concerning genotype,
which may lead to possible inﬂuence of this polymorphism on cholesterol metabolism. Likewise
studies of other GCKR polymorphisms show similar outcomes [39]. Even so, it is necessary to consider
that the diﬀerences observed in our study concerning lipid proﬁle, showed signiﬁcant diﬀerences
depending also on gender. Although the diﬀerences observed on HDL levels between men and women
are in line with the existing bibliography, minority allele carriers who presented higher levels of
cholesterol, also tended to consume more dietary fat [40,41]. This fact could inﬂuence the levels of
blood cholesterol so further studies are needed to be conducted in this respect.
Conversely to results found in previous researches, our analyses show no signiﬁcant diﬀerences
for glucose and TAG according to rs780094 GCKR polymorphism [38]. Understanding the regulatory
mechanisms of CGK activity is a complex issue. On the one hand, GCK glucokinase activity is
regulated by fructose 6-phosphate (F6P), and fructose 1-phosphate (F1P) whose presence enhances and
reduces GKRP-mediated inhibition, respectively [42]. On the other hand, several studies suggested
that nuclear interaction with GKRP plays an important role in establishing and regulating GCK protein
concentration, a fact that is essential for the maintenance of glucose homeostasis [42].
Regarding physical exercise practice and genetic association, it has been found that around
40% of common homozygous genotype (CC) carriers do not perform any type of exercise per week,
compared to 86% of homozygous variants (TT) that perform at least some physical exercise once a
week. Involvement of GCKR in lipid and glucose metabolism, support the idea about the existence of
an inﬂuence on the capability to perform more frequently physical exercise. However, according to
Alfred et al. (2013) no evidence about cognitive and physical capability has been found at this moment
concerning this genotype [43].
In this study we used the exercise classiﬁcation variable as a measure of the exercise practice
of the individuals. There are alternatives, and complementary, measures of physical activity like
the Minnesota questionnaire. In fact, we observed a signiﬁcant correlation of exercise variable and
energy expenditure by this questionnaire (see above), although we did not ﬁnd a signiﬁcant association
between the rs780094 SNP and the energy expenditure (Table 1). This could be due to the Minnesota
questionnaire being a more comprehensive measure of «total» physical activity during the day, while
our exercise variable would be more focused on physical exercise or sports practice, that is, extra
physical activity performed after work hours. In this way, the rs780094 SNP could be associated to this
fraction of the total physical exercise of the individual.
Although the genetic factor seems to be associated with a predisposal to a greater practice of
physical exercise, it is crucial to take into account other multiple factors that may condition this attitude.
These factors may depend on aptitudes, preferences, incentives or other aspects that might inﬂuence
the level of diﬃculties of the physical activities performed [44]. Therefore, it is important to implement
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new studies to determine the genetic load on other possible factors involved in the frequency of
physical exercise practice. A possible predisposition must be always validated in studies where all the
conditioning variables are included. Regarding this, it is necessary to note that in the current study, all
factors associated with this possible behavior have not been taken into account. Therefore, on the basis
of this consideration, this study could be considered a starting point for developing future studies
addressing this issue by including in the criteria these factors.
Since GCKR is a gene involved in the regulation of carbohydrates and lipids metabolism, it would
be reasonable to assume that this gene may be also implicated in the genetic disposition to perform
more frequently physical exercise. Among genes associated with adherence to physical activity practice
we might also encounter the dopamine receptor 1 (DRD1), as well as the helix-loop-helix 2 (NHLH2),
which are involved in eating behavior [45]. In addition, genetic variants of the MC4R and LEPR genes
have also been shown to be associated with levels of physical activity according to their genotype [45].
The GCKR gene, is implicated in coding molecules involved in lipid and glucose turnover which refer
to the fundamental pathways in body homeostasis during the practice of physical exercise.
GCK enzyme in humans is involved as a “glucose sensor” in liver, that permits to regulate the
changes in plasma glucose concentrations [46]. GCK activity is potently controlled by GCKR, which is
encoded by the GCKR gene. During fasting, GKRP is bound to GCK inhibiting its activity and locating
in the nucleus. In this way, glycogenolysis and gluconeogenesis take place, and glucose is exported to
the circulation for use by peripheral tissues. In postprandial state, GKRP releases GCK by glucose and
F1P. GCK then binds to glucose, adopt the closed (catalytically active) conformation and exit from the
nucleus to generate glucose-6-phosphate for triglycerides and glucose disposal and storage (glycogen
synthesis). Alterations of the GCKR gene cause high levels of regulation of the metabolism of lipids
and glucose and, this could determine a diﬀerent frequency of physical exercise predisposition. In the
case of the T/T genotype (rs780094 GCKR), it has been reported that insulin and blood glucose levels
could remain better regulated [38], which may improve the use of substrates during physical exercise.
In turn, increased levels of triglycerides in blood may favor the use of this substrate during exercise
practice, and therefore preventing obesity.
Interestingly, results from this study revealed that minor genotype (TT) carriers have a higher
fat consumption and tend to have greater energy intake although they are also more predisposed
to perform more exercise. These outcomes would explain why anthropometric parameters were
no modiﬁed, although their cholesterol levels are signiﬁcantly higher. In this context, a greater
motivation to perform more physical exercise, for major genotype carriers (majority of the European
population), could beneﬁt them. In the case of rare genotype carriers, recommendations could be
aimed at monitoring blood cholesterol levels based on their fat intake.
5. Conclusions
The analysis of GCKR rs780094 variant may be useful to feature those subjects less prone to
physical exercise. Thus, common allele carriers could beneﬁt from personalized intervention strategies
that would consider increasing the frequency of physical exercise. Likewise, this knowledge could
contribute to prevent and manage overweight and obesity in the subjects with lower frequency of
physical exercise. In the same way, in the case of minor genotype carriers, recommendations could be
aimed at monitoring blood cholesterol levels based on their fat intake. Nevertheless, future studies
will be needed to conﬁrm these ﬁndings since the use of genetic information for the identiﬁcation of
individuals at risk of a given condition requires replication and a complete validation process.
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Abstract: Iron is essential for physical activity due to its role in energy production pathways
and oxygen transportation via hemoglobin and myoglobin. Changes in iron-related biochemical
parameters after physical exercise in athletes are of substantial research interest, but molecular
mechanisms such as gene expression are still rarely tested in sports. In this paper, we evaluated
the mRNA levels of genes related to iron metabolism (PCBP1, PCBP2, FTL, FTH, and TFRC) in
leukocytes of 24 amateur runners at four time points: before, immediately after, 3 h after, and 24 h
after a marathon. We measured blood morphology as well as serum concentrations of iron, ferritin,
and C-reactive protein (CRP). Our results showed signiﬁcant changes in gene expression (except for
TFRC), serum iron, CRP, and morphology after the marathon. However, the alterations in mRNA and
protein levels occurred at diﬀerent time points (immediately and 3 h post-run, respectively). The levels
of circulating ferritin remained stable, whereas the number of transcripts in leukocytes diﬀered
signiﬁcantly. We also showed that running pace might inﬂuence mRNA expression. Our results
indicated that changes in the mRNA of genes involved in iron metabolism occurred independently of
serum iron and ferritin concentrations.
Keywords: iron metabolism; ferritin; gene expression; marathon runners; PCBP1; PCBP2; TFRC

1. Introduction
Iron is essential for physical activity due to its role in energy production pathways and oxygen
transportation via hemoglobin and myoglobin [1]. Athletes are considered to be at greater risk of
iron deﬁciency than the general population, although supportive data are inconclusive [2,3]. In one
particular study, iron deﬁciency was found in 1.6% of recreational runners, but iron overload was
found in 15% of the male participants [4].
Recently, research interest in iron metabolism during and after exercise has grown because physical
activity can aﬀect iron and iron-regulatory protein status in many ways, such as by inducing oxidative
stress and inﬂammation [5–10]. In the case of intense running eﬀorts, foot strike causes hemolysis as
an additional factor that contributes to disordered iron metabolism [11,12]. Terink et al. [13] reported
Genes 2019, 10, 460; doi:10.3390/genes10060460
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that most of the studies related to iron metabolism were conducted on well-trained athletes, mainly
during short and intensive eﬀorts. Additionally, the changes in iron metabolism were determined only
on protein concentrations in plasma or serum and usually showed an increase in blood ferritin values,
although the ﬁndings were conﬂicting. To the best of our knowledge, there are no data focused on the
eﬀect of endurance exercise on the mRNA of genes related to iron metabolism.
The popularity of marathon running has increased in recent years especially in amateurs of
diﬀerent ages, sex and physical capabilities. It seems that the runner’s age, running speed and level of
adaptation to training are main inﬂuences of the physiological response to physical exercise. However,
published studies also have some contradictory ﬁndings. For example, Jastrz˛ebski et al. [14] reported
that during a 100 km run, muscle and liver damage was age but not pace-dependent while negative
metabolic changes were independent of age.
The aim of our study was to examine the changes in serum iron and ferritin concentrations together
with the changes in leukocyte mRNA levels of genes encoding proteins involved in iron metabolism
i.e., PCBP1 (poly(rC) binding protein 1), PCBP2 (poly(rC) binding protein 2), FTH1 (ferritin heavy chain 1),
FTL (ferritin light chain) and TFRC (transferrin receptor). The expression of these genes is expected to be
affected by marathon running as the proteins they encode are involved in exercise-induced oxidative stress
and inflammation [15–17]. We also aimed to evaluate the relationship between changes in gene expression
and baseline serum iron and ferritin concentrations, and runner pace, during a run. We hypothesized that
marathon running will induce an increase in the mRNA levels of genes associated with iron metabolism
similarly to serum changes and that these changes will be pace-dependent.
2. Materials and Methods
2.1. Characteristics of the Subjects and Baseline Laboratory Parameters
A total of 28 healthy young men who reported regular physical activity involving a running
program participated in our study. All participants were asked to refrain from changing their diet
and to avoid nicotine and alcohol use, for one month prior to undertaking the study marathon run
(42.2 km) at an athletic stadium (Gdansk University of Physical Education and Sport, Gdansk, Poland).
The run was completed by 26 of the 28 participants, and a further two subjects were excluded as they
had mRNA levels that were far from the average. Anthropometric data for the 24 included subjects
are shown in Table 1. All the subjects were informed of the purpose of the study and the possible
risks involved before giving written consent. The study was approved by the Bioethics Committee for
Clinical Research at the Regional Medical Chamber in Gdansk (NKBBN/448/2016). The principles of
the Helsinki Declaration were respected.
Table 1. Characteristic of the participants. Data are presented as a range or means ± standard
deviation (SD).
Participant’s Characteristic
Baseline (n = 24)
Age (years)
Body mass (kg)
Height (cm)
BMI (kg/m2 )
PBF (%)
Pace during the run (km/h)
Training units per week
Training regimen (km/week)
Training experience (years)
Number of ﬁnished marathons

48.8 ± 6.5
80.1 ± 8.5
178.7 ± 5.3
25.1 ± 2.3
15.5 ± 5.0
10.9 ± 1.4
Between 1 and 7
Between 20 and 115
Between 4 and 24
Between 1 and 62

BMI—body mass index, PBF—percentage body fat.
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2.2. Experimental Procedure
Venous blood was collected and serum was obtained from Vacutest® Clot Activator tubes
(Vacutest KIMA, Arzegrande, Italy) at four time points: before the run (pre-race), immediately after
ﬁnishing the run (post-race), 3 h after the run (3 h post-race) and 24 h after the run (24 h post-race).
The blood samples were analyzed for blood morphology, and serum concentrations of iron, ferritin,
uric acid, creatinine kinase and C-reactive protein (CRP) at an accredited laboratory (Uniwersyteckie
Centrum Kliniczne, Gdansk, Poland). Right before the run, the subjects’ body weight, height, body
mass index (BMI) and percentage of body fat (PBF) were determined using InBody 720 (Biospace Co.,
Ltd., Seoul, Korea) [18].
To assess gene expression, a further 2 mL of venous blood was collected using vacutainers
spray-coated with K3 EDTA as an anticoagulant at the same four time points. The collected blood was
mixed within 15 min with Red Blood Cell Lysis Buﬀer (RBCL) (A&A Biotechnology, Gdynia, Poland)
and incubated on ice for at least 15 min. The samples were then spun at 3000× g at 4 ◦ C for 10 min.
The resulting pellet was washed again with the hemolysis buﬀer and the remaining white blood cells
lysed using Fenozol (A&A Biotechnology, Gdynia, Poland), and immediately after stored at −20 ◦ C for
up to four months, with no freeze–thaw cycles.
2.3. RNA Extraction and Reverse Transcription
Isolation of total RNA was carried out by the modiﬁed Chomczynski and Sacchi method [19].
White blood cells diluted in fenozol were thawed at 50 ◦ C for 5 min. Then 200 μL of chloroform
(POCH, Gliwice, Poland) was added and the suspension was shaken. Samples were then centrifuged
at 10,000 g for 30 min at 4 ◦ C. The aqueous phase was collected and mixed with 500 μL of isopropanol
(POCH, Gliwice, Poland) and left for at least 30 min to precipitate RNA. Samples were again spun at
10,000 g for 15 min at 4 ◦ C. The aqueous phase was disposed, and the remained pellet was washed
2 times in 1 mL of 75% ethanol at 7500 g at 4 ◦ C. After drying, the pellet was resuspended in 20 μL of PCR
grade water. During the optimization period for tested genes, gel electrophoresis has been performed
to check for the quality and integrity of RNA. RNA concentration and purity were determined by
spectrophotometer (Multiskan Sky Microplate Spectrophotometer, ThermoFisher Scientiﬁc, Warszawa,
Poland) by absorbance at UV 260/280, and a ratio >1.7 was accepted as pure RNA suitable for further
analysis. RNA was then reverse transcribed to cDNA in Eppendorf Mastercycler Gradient 5331,
using 0.2 μM oligo(dT) and a Transcriptor First Strand cDNA Synthesis Kit as per the manufacturer’s
instructions (Roche, Warszawa, Poland). For the analysis 1000 ng of RNA has been used. Thermal
conditions used for this step were as follows: Incubation—60 min at 50 ◦ C—followed by inactivation—
5 min at 85 ◦ C. Prepared samples were frozen immediately after the reverse transcription and then
stored at −20 ◦ C for up to one month, with no freeze–thaw cycles. For gene expression analysis, the
obtained cDNA was diluted 10 times, just before the qRT-PCR step.
2.4. Quantitative Polymerase Chain Reaction Assay
Quantitative real-time polymerase chain reaction (qRT-PCR) analyses were carried out on six
genes of particular physiological signiﬁcance in the context of iron metabolism. The AriaMx Real-Time
PCR System (Agilent Technologies, Warszawa Poland) and FastStart Universal SYBR® Green Master
(Rox) (Roche, Warszawa, Poland) were used, according to the manufacturer’s protocol, on 96-well PCR
plates in triplicate for each sample. 2 μL of diluted cDNA was used for qRT-PCR. The thermal cycling
conditions comprised an activation step: 95 ◦ C for 10 min followed by 40 cycles of annealing; and an
extension step: 95 ◦ C for 15 s and 60 ◦ C for 1 min. Additionally, the melt curve analysis was performed
for each reaction. TUBB (tubulin beta class I, NM_001293213) was chosen experimentally and used as
the reference gene. The relative mRNA expression of PCBP1 (NM_006196), PCBP2 (NM_001128913),
FTH1 (NM_002032), FTL (NM_000146), CAT (catalase, NM_001752) and TFRC (NM_001128148) was
calculated using qRT-PCR. The primer sequences were designed by the authors using the Primer3 Web
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tool. In silico speciﬁcity screen has been performed using USCS genome browser. The primers were
then ordered from Genomed, Warszawa, Poland. Primer sequences (5’-3’), were:
TUBB
Forward primer: TCCACGGCCTTGCTCTTGTTT
Reverse primer: GACATCAAGGCGCATGTGAAC
PCBP1
Forward primer: AGAGTCATGACCATTCCGTAC
Reverse primer: TCCTTGAATCGAGTAGGCATC
PCBP2
Forward primer: TCCAGCTCTCCGGTCATCTTT
Reverse primer: ACTGAATCCGGTGTTGCCATG
FTH1
Forward primer: TCCTACGTTTACCTGTCCATG
Reverse primer: CTGCAGCTTCATCAGTTTCTC
FTL
Forward primer: GTCAATTTGTACCTGCAGGCC
Reverse primer: CTCGGCCAATTCGCGGAA
CAT
Forward primer: GATGGACATCGCCACATGAAT
Reverse primer: AAGATCCCGGATGCCATAGTC
TFRC
Forward primer: TGCAGCAGTGAGTCTCTTCA
Reverse primer: AGGCCCATCTCCTTAACGAG
2.5. Statistical Analysis
2.5.1. Serum Parameters
Whole blood measurements were corrected for plasma volume shift using the Dill and Costill
equation [20]. The normality of the distributions was checked for all parameters using the Shapiro–Wilk
test. Values were compared statistically using the one-way analysis of variance (ANOVA) test followed
by Tukey’s multiple comparisons test for parametric data, and Kruskal–Wallis test followed by Dunn’s
multiple comparisons test for nonparametric data.
2.5.2. mRNA Levels
Relative mRNA expression was determined using the Schmittgen and Livak delta delta Ct
method [21] in Microsoft Excel (2017). The mRNA levels of the tested genes were described as the
diﬀerences in the cycle threshold value normalized to the TUBB mRNA level, i.e., ΔCT = CT of gene—CT
of TUBB. All statistical analyses were performed using GraphPad Prism 8.0 (GraphPad Software, Inc.,
La Jolla, CA, USA).
Relative mRNA expression data were linearly transformed and then the normality of the
distribution was checked with the Shapiro–Wilk test. Results were analyzed using the Wilcoxon
matched pairs [22] test for nonparametric variables. A p-value of <0.05 was considered signiﬁcant.
3. Results
3.1. Blood Morphology
Statistically signiﬁcant changes were observed in all white blood cells, uric acid and creatine
kinase immediately after the run. Changes in other laboratory parameters occurred 3 h post-race,
except for CRP which was signiﬁcantly elevated after 24 h post-race. All values were corrected for
changes in plasma volume (%Delta PV). All results are shown in Table 2.
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Table 2. Changes in laboratory parameters after a marathon run (n = 24). p < 0.05 is statistically
signiﬁcant. Data are presented as the mean ± SD for the pre-race and the three following measurements.
Values are corrected for plasma volume changes (%Delta PV). Statistical analyses were undertaken
using Tukey’s multiple comparisons test for the parametric values and Dunn’s multiple comparisons
test for nonparametric values, compared to the pre-race values. * p < 0.05.

%Delta PV

Pre-Race

Post-Race

3 h Post-Race

24 h Post-Race

-

1.05%

11.58% *

12.43% *

-

p > 0.9999

p < 0.0001

p < 0.0001

Hemoglobin
(g/dL)

14.94 ± 0.85

14.78 ± 1.36

12.63 ± 1.06 *

12.41 ± 0.96 *

-

p = 0.9545

p < 0.0001

p < 0.0001

RBC
(×1012 /L)

4.97 ± 0.33

4.91 ± 0.44

4.19 ± 0.35 *

4.13 ± 0.32 *

-

p = 0.9445

p < 0.0001

p < 0.0001

Hematocrite
(%)

43.33 ± 2.17

42.61 ± 3.96

35.91 ± 3.09 *

35.91 ± 2.58 *

-

p > 0.9999

p < 0.0001

p < 0.0001

Reticulocytes
(×109 /L)

59.44 ± 11.6

61.78 ± 13.77

49.38 ± 11.67 *

46.63 ± 12.52 *

-

p = 0.9088

p = 0.0261

p = 0.0027

White blood cells
(×109 /L)

5.27 ± 1.22

14.74 ± 3.45 *

12.02 ± 2.07 *

6.35 ± 1.54

-

p < 0.0001

p < 0.0001

p = 0.9970

Neutrophils
(×109 /L)

2.84 ± 0.9

12.2 ± 3.11 *

9.82 ± 1.97 *

3.58 ± 1.63

-

p < 0.0001

p < 0.0001

p > 0.9999

Lymphocytes
(×109 /L)

1.7 ± 0.31

1.48 ± 0.47 *

1.26 ± 0.28

1.94 ± 0.45

-

p = 0.1485

p = 0.0007

p = 0.9166

Monocytes
(×109 /L)

0.47 ± 0.14

0.95 ± 0.26 *

0.89 ± 0.21 *

0.56 ± 0.13

-

p < 0.0001

p < 0.0001

p > 0.9999

Eosinophils
(×109 /L)

0.22 ± 0.14

0.04 ± 0.04 *

0.01 ± 0.01 *

0.19 ± 0.12

-

p < 0.0001

p < 0.0001

p > 0.9999

Basophils
(×109 /L)

0.04 ± 0.02

0.06 ± 0.02 *

0.03 ± 0.01

0.04 ± 0.01

-

p = 0.0032

p > 0.9999

p > 0.9999

CRP
(mg/L)

1.4 ± 3.7

1.31 ± 3.26

1.87 ± 3.12

9.79 ± 7.28 *

-

p > 0.9999

p = 0.0807

p < 0.0001

Uric acid
(mg/dL)

5.26 ± 1.08

5.9 ± 1.07 *

5.71 ± 1.03 *

4.86 ± 0.96 *

-

p < 0.0001

p = 0.0007

p = 0.0113

Creatine kinase
(U/L)

171.56 ± 68.52

569.55 ± 490.71 *

871.04 ± 900.02 *

1410.66 ± 1444.06 *

-

p < 0.0001

p < 0.0001

p < 0.0001

3.2. Serum Ferritin and Iron Concentrations
No signiﬁcant changes in ferritin concentrations were observed immediately after the run or
during the recovery period, compared with baseline. There was a slight tendency to an increase
in ferritin immediately after the run compared with the pre-race rest value (113.1 versus 93 ng/mL,
respectively). However, ferritin at 24 h after the run was essentially unchanged from the pre-race
value (97 versus 93 ng/mL, respectively). The same direction of changes was observed in serum iron,
but at 3 h after the run there was a signiﬁcant decrease compared with baseline values (66.1 versus
102.3 μg/dL, respectively; p = 0.002). Between 3 h and 24 h post-race, serum iron increased and had
returned to baseline by 24 h (Figure 1).
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Figure 1. Serum ferritin (A) and iron (B) concentrations at diﬀerent time points in the 24 participants.
Values are presented as mean ± SD. * p < 0.05 compared to the pre-race value.

3.3. Eﬀect of Exercise on mRNA Levels of Selected Genes
Out of six genes tested, ﬁve were down-regulated at the end of the race compared with baseline,
with the diﬀerences for PCBP1, PCBP2, FTH and CAT achieving statistical signiﬁcance (p = 0.0359,
p = 0.0443, p = 0.0158 and p = 0.0182, respectively) (Figure 3). There was a trend for up-regulation in
PCBP1 and PCBP2 (p = 0.0826 and p = 0.2435, respectively), and a signiﬁcant up-regulation in FTH and
FTL genes (p = 0.0056 and p = 0.0064, respectively) at 3 h after the marathon run. The mRNA levels of
all genes except for TFRC, which remained insigniﬁcantly decreased, returned to baseline levels at 24 h
after the run.
3.4. Relationship Between Baseline Levels of Serum Iron and Ferritin, and Changes in mRNA Levels
with Exercise
There were no statistically signiﬁcant diﬀerences in mRNA levels at any time point in
participants with baseline serum iron concentrations below (serum iron ≤ 105 μg/dL) and above
(serum iron >105 μg/dL) the median baseline value (data not shown). There were also no statistically
signiﬁcant diﬀerences in mRNA levels in participants with baseline serum ferritin concentrations
below (serum ferritin ≤ 78.08 ng/mL) and above (serum ferritin > 78.08 ng/mL) the median baseline
serum ferritin value (data not shown).
3.5. Eﬀect of Running Pace on mRNA Levels of Selected Genes
To determine if the running pace had any eﬀect on gene expression, the participants were divided
into two groups (slow and fast) by the median split. The characteristic of two groups is shown in
Table 3. A signiﬁcant diﬀerence between groups was observed for pace (p = 0.0001), BMI (p = 0.006) and
age of the participants (p = 0.0001). The mean ± SD pace value in the slow group was 10.0 ± 0.5 km/h
and in the fast group was 12.2 ± 0.7 km/h (p < 0.0001). The mRNA levels of the genes tested in these
two groups are shown in Figure 2.
Table 3. Characteristics of slow and fast groups. Data are presented as means ± standard deviation
(SD). * p < 0.05 for comparison between two groups.
Slow and Fast Groups Characteristics
Pace during the run (km/h)
Age (years)
BMI (kg/m2 )
Training units per week
Training regimen (km/week)
Training experience (years)
Number of ﬁnished marathons
Baseline iron level (μg/dL)
Baseline ferritin level (ng/mL)

Slow (n = 12)
10.04 ± 0.52
53.58 ± 5.45
26.28 ± 1.88
3.00 ± 1.04
43.58 ± 16.53
10.83 ± 6.90
16.83 ± 20.85
112.75 ± 40.54
93.41 ± 36.58
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Fast (n = 12)
12.18 ± 0.71 *
44.25 ± 3.49 *
23.83 ± 1.95 *
4.58 ± 1.26
71.27 ± 25.22
8.08 ± 5.02
13.58 ± 9.18
92.92 ± 42.44
88.18 ± 98.29
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Figure 2. Changes in mRNA levels between slow and fast runners (n = 12 per group). Values are mean
± SD. * p < 0.05 for comparison between two groups.

The direction of change in PCBP1, PCBP2 and FTH gene expression were the same i.e., a decrease
immediately after the race and a statistically signiﬁcant increase 3 h post-race. At 24 h post-race,
the values returned almost to baseline (Figure 2). FTL mRNA levels were more stable than FTH mRNA
levels between the end of the run and 3 h post-race. However, similarly to FTH, a signiﬁcant diﬀerence
in FTL mRNA levels between groups was observed 24 h after the race (p = 0.0245 and p = 0.0128,
respectively). The slow group presented with higher levels than the fast group. The opposite changes
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were observed in CAT mRNA levels at 3 h post-race. In the slow group CAT mRNA levels dropped,
while they increased in the fast pace group (p = 0.0017).

Figure 3. mRNA levels of selected genes at diﬀerent time points (n = 24). Values are presented as
mean ± SD. * p < 0.05 compared to the pre-race value and ** p < 0.05 compared to the post-race value.

4. Discussion
The results of this study did not conﬁrm our hypothesis associated with serum iron, ferritin and
expression of genes involved in iron metabolism. Serum ferritin concentrations remained almost
unchanged at all time points. Iron status immediately and 24 h after completion of a marathon also
did not diﬀer from baseline but there was a signiﬁcant decrease 3 h after the run. Moreover, changes in
iron and ferritin did not correlate with each other (data not shown). Interestingly, a signiﬁcant decrease
in FTH, PCBP1, PCBP2 and CAT mRNA was observed immediately after the run, and a signiﬁcant
increase in PCBP1, PCBP2, FTH and FTL mRNA was seen at 3 h after the run. TFRC mRNA remained
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unchanged. Furthermore, changes in serum indicators and gene expression in leukocytes occurred at
diﬀerent time points.
4.1. Changes in Serum Iron and Ferritin Concentrations
Interindividual variability was observed in baseline serum iron (39–196 μg/L) and ferritin
(8.2–367.9 ng/mL) concentrations. The literature on the changes in iron status induced by endurance
exercise is equivocal. A decrease in serum iron concentrations 24 h after a marathon was reported
by Roecker et al. [23], by Terink et al. [13] after repeated walking and by Chiu et al. [24] after an
ultramarathon. On the other hand, an increase in iron concentrations was reported by Peeling et al. [25]
after a triathlon and by Buchman et al. [26] after a marathon. According to Terink et al. [13],
these diﬀerences could be associated with changes in plasma volume and whether this parameter was
taken into consideration before the analysis of the results. We corrected for changes in plasma volume
and our ﬁndings were similar to those reported by Duca et al. [27]. These authors found no change
in serum iron or ferritin at 24 h after a half-marathon. Similar ﬁndings in serum iron and ferritin
concentrations at 24 and 48 h after a marathon were also reported by Weight et al. [28]. Unfortunately,
there appear to be no studies in which ferritin and iron concentrations were determined at 3 h after
exercise. It is important to note that at this time point increased serum hepcidin was observed [25],
and it can be assumed that this would be accompanied by a drop in serum iron, which is consistent with
our data. At 24 h after the marathon, basal values had been attained in the participants of our study.
In contrast to our results, at the same time point (1 day after prolonged walking) Terink et al. [13]
reported decreased iron concentrations. These authors also corrected their results for the change in
plasma volume. Lack of a signiﬁcant correlation between serum ferritin and iron was observed earlier
by Galanello et al. [29]. These authors reported that after a stressful event such as a marathon run,
the serum ferritin concentrations could not accurately reﬂect body iron status. Moreover, the observed
nonsigniﬁcant changes in ferritin concentrations at 24 h after a marathon are in agreement with data
reported by Terink et al. [13]. Indirectly, the nonsigniﬁcant changes in ferritin in our study might
indicate low or no inﬂammation in the study participants (since Peeling et al. [16] reported an increase
in ferritin during exercise-induced inﬂammation), low or no oxidative stress [15] and minimal damage
including damaged blood cells [8].
4.2. Changes in the mRNA of Genes Involved in Iron Metabolism
The genes related to iron metabolism that were selected for analysis are easily induced by stressful
conditions, and sensitive to intracellular iron concentrations, oxidative stress and hypoxia [30,31].
To the best of our knowledge, this is the ﬁrst study in which changes in the mRNA of these genes
were examined after a marathon run. The signiﬁcant decrease in mRNA of PCBP1 and PCBP2
(expression partners) and FTH was observed post-race while at 3 h after the race an up-regulation
occurred in PCBP1 and PCBP2 as well as in FTH and FTL. Furthermore, 24 h after the run the gene
mRNA levels returned to baseline values. Unfortunately, discussion about these changes is hard since,
as mentioned before, there are no data on this topic in the current literature. We assumed that the
increase in the mRNA of genes involved in apoptosis and inﬂammatory response reported earlier [32]
would cause long-term up-regulation in our tested genes i.e., that remained up-regulated 24 h after a
marathon run. Unfortunately, this was not conﬁrmed by our results. According to the literature, PCBP1
and PCBP2 proteins are iron chaperones that deliver iron to ferritin, the iron storage protein [17,33].
Thus, it is expected that an increase in the expression of these genes might play a protective role against
iron toxicity. The mRNA levels of TFRC remained unchanged during the marathon run and in the
recovery period (with a slight tendency to decrease compared to basal values) suggesting that the
intracellular labile iron pool was kept under control. In turn, the CAT mRNA level decreased after the
marathon run but also returned to baseline after 24 h. The results at 3 h after the marathon showed a
signiﬁcant increase in mRNA levels. It is established that during exercise, changes in many plasma or
serum parameters inﬂuence intracellular homeostasis. Oxidative stress is another indicator of tested
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gene expression; thus, we evaluated the mRNA levels of CAT for additional information on changes in
intracellular oxidative stress. One of the functions of catalase is an increase in antioxidative capacity
(Sureda et al. [34]), thus its expression indirectly shows the level of oxidative stress in the cell.
4.3. Relationship Between the mRNA of Genes Involved in Iron Metabolism and Running Speed
Generally, the same direction of changes in PCBP1, PCBP2, FTH, FTL and TFRC mRNA was
observed in both groups, indicating a tendency to decrease immediately after the run and increase 3 h
post-race. However, signiﬁcant diﬀerences in FTH and FTL mRNA were observed between the slow
and fast groups at 24 h after ﬁnishing the marathon. In faster participants, the mRNA levels of these
genes were signiﬁcantly lower compared to slower participants. According to Jastrz˛ebski et al. [14],
based on organ damage indicators, our ﬁndings could be caused by a better adaptation to a long-lasting
eﬀort in the faster group. The cited authors concluded that participants choose their running speed
to individual possibilities determined by changes in tested parameters. In our opinion, the results
obtained in our experiment, regarding changes in gene expression, indicating that this hypothesis
could be true. Additionally, signiﬁcant diﬀerences between groups (slow and fast) indicated that
faster runners were signiﬁcantly younger than slower runners. This ﬁnding indicated possibilities of
inﬂuence of age to obtained results during marathon run. However, after dividing the participants
of the run into two groups by the median split of age (younger and older), no signiﬁcant diﬀerences
between groups have been observed.
5. Conclusions
We concluded that marathon running induced changes in biochemical parameters and the
expression of genes involved in iron metabolism, but these changes occurred at diﬀerent time points.
Interestingly, in faster runners, the return to basal values occurred faster than in slower runners.
Generally, the amateurs could adjust the pace of the run to their capabilities.
Author Contributions: Conceptualization, J.A, W.R., A.G. and M.Ż.; methodology, M.Ż., A.G. and K.A.; validation,
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Abstract: Physical activity (PA) has been central in the life of our species for most of its history, and
thus shaped our physiology during evolution. However, only recently the health consequences of
a sedentary lifestyle, and of highly energetic diets, are becoming clear. It has been also acknowledged
that lifestyle and diet can induce epigenetic modiﬁcations which modify chromatin structure and
gene expression, thus causing even heritable metabolic outcomes. Many studies have shown that
PA can reverse at least some of the unwanted eﬀects of sedentary lifestyle, and can also contribute
in delaying brain aging and degenerative pathologies such as Alzheimer’s Disease, diabetes, and
multiple sclerosis. Most importantly, PA improves cognitive processes and memory, has analgesic
and antidepressant eﬀects, and even induces a sense of wellbeing, giving strength to the ancient
principle of “mens sana in corpore sano” (i.e., a sound mind in a sound body). In this review we will
discuss the potential mechanisms underlying the eﬀects of PA on brain health, focusing on hormones,
neurotrophins, and neurotransmitters, the release of which is modulated by PA, as well as on the
intra- and extra-cellular pathways that regulate the expression of some of the genes involved.
Keywords: physical activity; brain health; myokines; BDNF; Irisin; lactate; exercise and neurodegeneration;
exercise and aging

1. Introduction
The discovery of the nervous system dates back to the ancient Greek physicians-philosophers
Alcmaeon, Praxagoras, Herophilus [1,2], and Erasistratus [2]. Herophilus (c335–c280 B.C.), in particular,
by dissecting human cadavers, was able to describe the structure of the brain and nerves, and to realize
that motor nerves were joined to muscles, while other nerves (the sensory ones) went to organs, and
were responsible for sensation. He promoted a cerebrocentric view of mind [1–5] and, interestingly,
believed that exercise and a healthy diet were fundamental for maintaining a healthy body, and
a healthy mind [3]. Over the centuries this idea has recurred many times. However, we have only
recently begun to understand the cellular and molecular reasons why sedentary life is detrimental
for human health, and to realize that physical activity (PA) can be a powerful medicine to counteract
its eﬀects. Actually, this is not surprising since the ability of our species to survive in many diﬀerent
environments, to escape predators, and to look around for food has depended on, and still depends on
the ability to perform PA, and PA has thus shaped our physiology [6]. Starting from the consideration
that modern humans have not only a very large brain but also a remarkable endurance capacity,
it was suggested that PA also shaped our brains: It was reported, for example, that the appearance
in evolution of skeletal properties related to endurance capacity correlated with the increase of brain
Genes 2019, 10, 720; doi:10.3390/genes10090720

121

www.mdpi.com/journal/genes

Genes 2019, 10, 720

size in hominins such as Homo erectus [7–9]. As reported by Hill and Polk [9], aerobic ﬁtness (required
for successful endurance activity), and aerobic capacity (measured as maximal oxygen consumption
during exercise, VO2 max) correlate with brain size, both in humans and other animals; moreover,
selective breeding in rodents for endurance running capacity aﬀects both their general physiology and
their brain, and also potentiates their cognitive abilities [9,10]. A further aspect of humans that might
correlate with PA concerns the integumentary system: Our hairless skin indeed enhances evaporation,
thus allowing dispersion of excess heat produced during endurance activity [9,11–13]; at the same time,
a hairless skin facilitates production of vasodilatory factors, such as nitric oxide (NO), with diﬀerent
mechanisms [14,15].
In this context, it is important to underline that, when the importance of PA during the evolution
of our species is discussed, the focus is on every movement that requires activity of our skeletal
muscles, and energy expenditure. On the other hand, any planned and structured activity that is
voluntarily aimed at improving and/or maintaining our physical ﬁtness should be better deﬁned as
exercise [16]. Thus, most of the experimental work cited in this review actually concerns “exercise”
since the observations reported rely on a speciﬁc series of structured, planned, and repetitive activities.
Exercise is, however, only a subset of physical activity; accordingly, we will use the term “exercise”
when describing the results of programmed sets of experiments, and the expression “physical activity”
(PA) when discussing the eﬀects on health of either programmed or not programmed skeletal muscle
movements, in daily life.
There are clear indications that PA also has important eﬀects on human brain health at any age
and have been included, for example, in the Physical Activity Guidelines for Americans, issued by
the U.S. Department of Health and Human Services (HHS) in 2018 [17–19]. Interestingly, in these
guidelines, four classes of age, with diﬀerent PA requirements, have been set: 1. Preschool-Aged
Children (3–5 years)—they should be physically active throughout the day to enhance growth and
development, it is also important to underline that playing develops mental capacities and social
interactions in many ways; 2. Children and Adolescents (6–17 years)—they should do 60 min or more
per day of moderate-to-vigorous physical activity, most of which should be aerobic, with vigorous
activity for at least 3 days per week, including muscle- and bone-strengthening physical activity;
3. Adults—according to the Guidelines “Adults should move more and sit less throughout the day”.
They should do at least 150–300 min of moderate-intensity PA, or 75–150 min of vigorous aerobic PA
per week, together with muscle-strengthening activities of moderate-high intensity, at least 2 days
a week; 4. Old Adults—they should do as much aerobic and muscle-strengthening activities as they
can, on the basis of their individual health conditions. In addition, the guidelines suggest physical
training for women during pregnancy and post-partum period and for adults with chronic diseases
and/or disabilities [17].
PA is thus recommended as a non-pharmacologic therapy for diﬀerent pathological aﬀections
as well as for the maintenance of general health status. Habitual exercise improves cardiorespiratory
ﬁtness and cardiovascular health [20–24], helps reducing body mass index [25,26], and can represent
a natural, anti-inﬂammatory “drug” in chronic diseases, such as type 2 diabetes mellitus (T2DM)
and cardiovascular disease (CVD) [27,28]. Moreover, given the strong association of pathologic
conditions such as high blood pressure with blood–brain barrier alterations and brain dysfunctions,
PA can also have beneﬁcial eﬀects on cerebrovascular and cognitive functions [23]. In addition,
anti-depressive- [29], and analgesic-PA eﬀects have been reported [30]. However, it has also been
suggested that the anti-inﬂammatory eﬀects can diﬀer among diﬀerent training programs [31], and
that, while regular exercise can increase immune competence and reduce the risk of infection with
respect to a sedentary lifestyle, acute and heavy bouts of activity can even have the opposite eﬀect [27],
and, in general, negative eﬀects on health [32,33].
As discussed below, both endurance activity (i.e., long-lasting aerobic activity, such as running)
and resistance exercise (i.e., exercise in which the predominant activity involves pushing against
a force) have been shown to induce an increase of circulating growth factors (such as insulin-like
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growth factor 1, IGF-1), and neurotrophins (such as the brain-derived neurotrophic factor, BDNF)
which have an eﬀect on the brain both during development and in the adult. The same factors might
have had an impact during hominin brain evolution [9], and can aﬀect brain plasticity in the young
as well as in the adult, under many diﬀerent conditions, such as physiologic aging, neurodegenerative
pathologies, and recovery after acute brain damage.
In this review we will discuss the putative cellular and molecular mechanisms underlying the
mentioned eﬀects of PA on the nervous system, focusing on genes known to be involved, as well as on
epigenetic eﬀects due to DNA methylation, histone post-translational modiﬁcations and exchange,
and on the possible role of non-coding RNAs.
2. Brain Plasticity, Adult Neurogenesis, and Physical Activity
The brain capacity to adapt to ever-changing conditions, known as brain plasticity, depends on
the ability of neurons to modify the strength and composition of their connections in response to both
external and internal stimuli. The long-term potentiation (LTP) in synaptic eﬃcacy constitutes the
physiologic base for learning and memory. An important way for regulating neuronal function is
the activity-dependent synapse-to-nucleus signalling, that can arise both in the post-synaptic and in
the presynaptic element [34–38]. These signals are generated through diﬀerent mechanisms, such as:
(i) Calcium waves due to calcium-induced calcium release (CIRC) from the endoplasmic reticulum
(ER) [35,39,40]; (ii) retrograde transport of proteins (e.g., Jacob, CREB Regulated Transcriptional
Coactivator 1, CRTC1); Abelson-interacting protein 1, Abi1; the amyloid precursor protein intracellular
domain associated-1 protein, AIDA-1; and the nuclear factor kappa-light-chain-enhancer of activated
B cells, NF-κB); these proteins are post-translationally modiﬁed following synaptic activity, and
transported to the nucleus, where they act on gene transcription, and thereafter on synaptic
plasticity [34–38,41,42]; (iii) formation and microtubule-dependent traﬃcking of mRNA-protein
complexes, that, after exiting the nucleus, move to neuronal periphery, where the mature transcripts
localize in a repressed state, in response to local signalling, through activity-dependent activation of
speciﬁc enzymes, the regulatory proteins can be then modiﬁed, for example, by phosphorylation, and
the mRNAs can be translated; some of the newly synthesized proteins can accumulate at the synapse,
while others can shuttle back to the nucleus to modify chromatin structure and expression [43].
By regulating synapse-to-nucleus signalling, all these events are crucial for allowing synapse
activity to result in the speciﬁc gene expression programs necessary for learning and memory.
In agreement with this idea, the impaired function of these signalling proteins brings about intellectual
disability, psychiatric disorders, or neurodegeneration [37,38,42]. On the other hand, we can hypothesize
that an increase of their function, for example as a response to PA, could also enhance brain functions
and plasticity.
In the past, it was generally accepted that new neurons could not be generated in the adult to
replace dying cells, and this limitation was also considered to be the main cause of neurodegeneration
as well as of cognitive decline in the elderly population. However, since the 1960s, many researchers
presented data suggesting that, in all the mammals analysed, new neurons could be generated in the
sub-granular zone (SGZ) of the dentate gyrus of the hippocampus, and in the sub-ventricular zone
(SVZ) of the lateral ventricles, in the postnatal and adult life [44–50]. In particular, neurons born in
the SGZ were shown to diﬀerentiate and integrate into the local neural network of the hippocampus.
These ﬁndings are extremely important since the hippocampus is fundamental for the formation
of certain types of memory, such as episodic memory and spatial memory [51–54]. In addition,
hippocampus-dependent learning is one of the major regulators of hippocampal neurogenesis [55]:
living in environments which stimulate learning enhances, in rats, the survival of neurons, born in the
adult from neural stem cells (NSCs) [52].
Now, increasing evidence suggests that PA, largely due to factors released by contracting muscles
(Section 3; Figure 1), can improve brain functions, such as memory and attention, in both children and
adults [56–64]. A few examples of single studies (ﬁrst three rows) and reviews/meta-analyses (second
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three rows), aimed at ascertaining any relationship between PA and learning/memory, are given in
Table 1.

Figure 1. Hypothetical pathway for the exercise-mediated eﬀects on brain functions: both endurance
and resistance exercise, even if with diﬀerent kinetics and properties, allow muscle synthesis, and
release myokines (e.g., brain-derived neurotrophic factor, BDNF), as well as of metabolites (such as
lactate) into the circulation; these molecules can cross the blood–brain barrier (BBB) at the level of the
brain capillaries (grey arrows) and aﬀect the functions of both neurons and glial cells, thus modifying
neurotransmission in diﬀerent regions of the brain. As explained in the text, neurotransmission can
then activate pathways leading to modiﬁcations of gene expression. AS: astrocytes; BC: brain capillaries;
Neu: neurons; OL: oligodendrocytes.
Table 1. Eﬀects of physical activity (PA) on learning and memory in children and adolescents. In the
ﬁrst three rows single studies are reported, while the second three rows refer to reviews/meta-analyses.
In the “Conclusions” column, the main results of the analyses, as well as a few comments on them,
are given.
Protocol/Aims [Ref]

Analysis based on a
randomized controlled
trial (Ballabeina Study:
[65]) aimed at evidencing
any relationship between
aerobic ﬁtness/motor
skills and working
memory and attention in
pre-school children [59]

Subjects/Studies
Included

Methods of Analysis

Conclusions

245 ethnically diverse
pre-school children (49%
girl, mean age 5.2 years)
were analysed at the
beginning of the activity
and 9 months later.

Physical tests:
1. Aerobic ﬁtness,
assessed according to the
20 m shuttle run [66],
2. Agility, assessed by an
obstacle course,
3. Dynamic balance on a
beam.
In order to evaluate
spatial memory and
attention, each child was
tested individually by
focused tests.

Higher baseline aerobic
ﬁtness and motor skills
were related to higher
levels of working
memory and attention.
A further improvement
of these latter abilities
was noticed in the
following 9 months.
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Table 1. Cont.
Protocol/Aims [Ref]

The aim of the study was
to ascertain whether very
low-intensity exercise
(i.e., walking), practiced
during foreign-language
(Polish) vocabulary
encoding, improves
subsequent recall, in
comparison with
encoding during
physical rest [62]

The aim of the study was
to clarify whether
mnemonic
discrimination is
improved by an acute
bout of
moderate-intensity
aerobic exercise [63]

Subjects/Studies
Included

Methods of Analysis

Conclusions

49 right-handed,
monolingual, Germans,
healthy subjects (aged
18–30 years).
Criteria of exclusion: a
history of psychiatric or
neurological disorders,
smoking, obesity, and
any knowledge of Polish
or other Slavic
languages.

In the ﬁrst session,
participants learned
40 Polish words while
walking on the
motor-driven treadmill,
at their previously
determined preferred
rate.
In the second session, the
participants learned
a further group of
40 words, while sitting in
a chair.
Each session lasted
30 min.
The order of sessions
was diﬀerent for diﬀerent
subjects, in a balanced
way, and the experiments
were repeated twice.

In both experiments,
participants’
performance was better
when they exercised
during learning
compared to learning
when sedentary.
Serum BDNF levels and
salivary cortisol
concentration were also
measured: serum BDNF
was unrelated to
memory performance;
on the other hand,
a positive correlation
between the salivary
cortisol and the number
of correctly recalled
words was found.

21 healthy young adults
(mean age 20.5 ± 1.4
years, 10 females),
without histories of
neurological or
psychiatric disorders.
All participants had
normal or
corrected-to-normal
vision, and normal
colour vision.

In this study moderate
intensity is deﬁned as
40–59% of V̇O2 peak,
as established by the
American College of
Sports Medicine
(ACSM) [67].
The activity was
performed by
a recumbent ergometer.
Mnemonic task: the
participants were ﬁrst
shown 196 pictures of
everyday objects and
asked, for each of them,
whether it was an indoor
or an outdoor item. Then
they were asked to
identify by pressing
a button, in the second
group of 256 items,
which were ‘previously
seen’, ‘similar but not
identical’ or ‘not
previously seen’.

The lure discrimination
index (LDI) for
high-similarity items
was higher after 10 min
of moderate aerobic
exercise than in resting
controls, thus suggesting
that a bout of acute
aerobic exercise could
improve pattern
separation, that seems to
rely on the dentate gyrus
(DG) in humans.
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Table 1. Cont.
Protocol/Aims [Ref]

Subjects/Studies
Included

Methods of Analysis

Conclusions

The aim of the analysis
was to search the
literature, looking for
evidence of chronic PA
eﬀects on mental health
in children and
adolescents [58].

Review articles reporting
chronic physical activity
and at least one mental
health outcome (i.e.,
depression,
anxiety/stress,
self-esteem and cognitive
functioning) in
children/adolescents.
Reviews chosen:
4 papers on the evidence
concerning PA and
depression; 4 for anxiety;
3 for self-esteem; 7 for
cognitive functions.

Analysis based on data
collected from PubMed,
SPORTDiscus,
PsychINFO, Web of
Science, Medline,
Cochrane Library, and
ISI Science Citation
Index, by using search
terms related to the
variables of interest (e.g.,
sport, exercise, physical
activity) and mental
health outcome variables
(e.g., depression, anxiety,
self-esteem, cognitive
functioning).

Associations between
PA and mental health in
young people (Tables
1–4 in Ref. [58]) is
evident, but the eﬀects
are small-to-moderate,
probably because of
weakness of the
research designs.
Small but consistent
association between
sedentary time and
poorer mental health is
also evident.

The aim of this
systematic review was to
ﬁnd out studies
elucidating the
relationship between
aerobic PA and
children’s cognition,
academic achievement,
and psychosocial
function [60]

Studies analysed
concerned interventions
of aerobic PA in children
younger than 19 years.
Only randomized control
trials that measured
psychological,
behavioural, cognitive,
or academic outcomes
were included.

The review was
performed using
MEDLINE, Cochrane,
PsycINFO,
SPORTDiscus, and
EMBASE.
Additional studies were
identiﬁed through
back-searching
bibliographies.

Aerobic PA is positively
associated with
cognition, academic
achievement, behaviour,
and psychosocial
functioning outcomes.
More rigorous trials,
however, required for
deducing detailed
relationships.

Systematic review and
meta-analysis of studies
concerning associations
between PA/sedentary
lifestyle and mental
health. Meta-analyses
were performed in
randomized controlled
trials (RCTs) and
non-RCTs (i.e.,
quasi-experimental
studies) [64]

Studies published from
January 2013 to April
2018. Studies were
included if they
comprehended PA or
sedentary behaviour
data and at least one
psychological ill-being
(i.e., depression, anxiety,
stress, etc.) or
psychological well-being
(i.e., self-esteem,
optimism, happiness,
etc.) outcome in
pre-schoolers (2–5 years
of age), children (6–11
years of age) or
adolescents (12–18 years
of age).

Analysis based on data
collected through
a systematic search of the
PubMed and Web of
Science databases by two
independent researchers.
A narrative synthesis of
observational studies
was conducted.

PA improves
adolescents’ mental
health, but additional
studies are needed to
conﬁrm the eﬀects of
PA on children.
Findings from
observational studies,
however, suggest that
promoting PA and
decreasing sedentary
behaviour might have
a protecting eﬀect on
mental health in both
children and adolescents.

The data reported in Table 1 clearly indicate that PA has a positive eﬀect on mental health and
abilities, especially in adolescents; however, as reported in the “Conclusions” column (sentences
in bold letters), most authors agree on the fact that the previous studies do not yet give uniform
indications on the relationships between the type/intensity/frequency of exercise and the brain health
outcomes; these limitations derive, on one hand, from the wide range of conditions set in the exercise
programs, and on the other hand, the diﬀerences from study to study also depend on the variability of
the parameters chosen to evaluate mental health. We also have to add to these considerations the poor
knowledge we still have of ‘mind’ and of ‘mental health’. Thus, many laboratories are now focusing
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on exercise-dependent cellular and molecular modiﬁcations of brain cells activity, in the attempt to
uncover the mechanisms underlying PA–mental health biochemical relationships.
At the cellular level, it was found that treadmill exercise can increase hippocampal neurogenesis
in aged mice [68]. Interestingly, exercise can also aﬀect the proliferation [69,70], as well as size and
function, of astrocytes [71]. These latter events regulate, in turn, the number and localization of
neuronal synapses, and might inﬂuence LTP and episodic memory formation [72].
Many researchers suggested that all these eﬀects are also regulated by the brain capillaries (BC,
Figure 1) that reach the neurogenic niche, supplying angiogenetic growth factors, such as the growth
and diﬀerentiation factor 11 (GDF11), the vascular endothelial growth factor (VEGF) [59], and BDNF,
that activates a cellular survival pathway involving the serine-threonine kinase AKT and CREB,
thus inducing the transcription of genes responsible for almost all the aspects of neuroplasticity [59,72].
The neurogenic niche also receives axonal inputs from both local and distant neurons, which release
a variety of neurotransmitters, such as serotonin, glutamate, and GABA [59]. For example, glutamate,
through interaction with NMDARs, is thought to regulate LTP in response to exercise [73]. Many
epidemiologic studies, mostly in the last two decades, also revealed a link between PA, human brain
health (and longevity) and epigenetic modiﬁcations of the genome, even leading, on one hand, to the
concept of “epigenetic age” or “DNA methylation age” (essentially measured, however, as blood
cells DNA methylation) [74–78], and, on the other hand, to the acknowledgment that epigenetic
mechanisms induced by PA can build up an “epigenetic memory” that aﬀects long-term brain plasticity,
neurogenesis, and function [79–82]. Intriguingly, it has been proposed that epigenetic modiﬁcations
caused by lifestyle and diet, as well as the eﬀects of PA can be heritable (discussed in [83]).
Epigenetic processes modify eukaryotic chromatin structure, and hence gene expression,
without changing the underlying DNA sequence, through at least three mechanisms: (i) DNA
methylation/demethylation, and post-translational modiﬁcations (such as methylation/demethylation
and acetylation/deacetylation), of histones on speciﬁc residues of their N-terminal tails; (ii) substitution
of some histone isotypes with other histone variants; (iii) sliding and/or removal of the basic chromatin
structural organization elements (nucleosomes), due to speciﬁc ATP-dependent chromatin remodelling
complexes [84–87]. Speciﬁc proteins are then able to “read” and bind DNA and histone tail modiﬁcations,
thus creating synergic complexes which can activate or depress transcription [88–92]. Importantly,
in some of these remodelling events, long noncoding RNAs (lncRNAs) also play a role [93]. Finally,
gene expression can be regulated by short noncoding RNAs, called microRNAs (miRNAs), which
are able to pair with sequences mainly present in the 3 -UTR of their target mRNAs, thus inducing
inhibition of their translation or even their degradation [94–96].
In summary, while the genome of an organism is relatively stable over the lifespan, its expression
(i.e., the phenotype) is inﬂuenced by many epigenetic factors. Most important, we now know that
inactivity is epigenetically deleterious: for example, it has been reported that nine days of bed rest
can induce insulin resistance in otherwise healthy subjects. The analysis of the pathways aﬀected
revealed a signiﬁcant downregulation of 34 pathways, mainly involving genes associated with the
mitochondrial function, including the peroxisome proliferator-activated receptor γ co-activator 1α
(PPARGC1A, or PGC-1α). An increase of PPARGC1A DNA methylation was also reported, and this
epigenetic modiﬁcation was not completely reversed after four weeks of retraining, thus highlighting
the importance of daily physical activity [76,97].
2.1. Brain-Derived Neurotrophic Factor (BDNF)
BDNF is a neurotrophin involved in all the most important aspects of neuroplasticity, from
neurogenesis to neuronal survival, from synaptogenesis to cognition, as well as in the regulation of
energy homeostasis.
Both in humans and rodents, the BDNF gene contains nine exons, each of which has its own
promoter. As a result of this gene structure, many species of mature transcripts are known, even if
the ﬁnal translation product is the same for all of them [98,99]. The existence of diﬀerent promoters,
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however, is important in terms of temporal and spatial regulation, including the possibility that
diﬀerent promoters are used in diﬀerent cell types and brain regions [99].
In the published literature, a generalized exercise-dependent increase of BDNF has been reported.
A few examples of both single studies (ﬁrst six rows) and reviews/meta-analyses (last two rows) aimed
at ascertaining PA eﬀects on BDNF levels are reported in Table 2.
The BDNF increase seems to correlate with the exercise volume (given by “intensity + duration +
frequency” of activity) [100]. However, it was also reported that the greatest responses are given by
well-trained individuals, while mainly sedentary subjects show lower or even no response [100,101].
Interestingly, open-skill exercise (e.g., badminton) increases BDNF levels more than closed-skill exercise
(e.g., running), probably because open-skill activities require additional attention to face ever-changing
situations [102], and possibly also because they are more enjoyable.
Table 2. Eﬀects of PA on circulating BDNF levels. In the ﬁrst six rows, single studies have been reported,
while the last two rows refer to reviews/meta-analyses. In the “Conclusion” column the main results of
the analyses, as well as a few comments on them, are given.
Protocol/Aims [Ref]

The aim of the study was
to test the eﬀects of two
high-intensity exercise
protocols, already known
to improve
cardiovascular health,
to also aﬀect BDNF
levels [103]

Subjects/Studies
Included

Experiment 1:
8 men (average age: 28
years)
Experiment 2:
21 men (average age: 27
years)
Both experiments
included:
-high-intensity
interval-training (HIT),
at 90% of maximal work
rate for 1 min, alternating
with 1 min of rest;
-continuous exercise
(CON), at 70% of
maximal work rate.
Both protocols lasted
20 min.
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Methods of Analysis

Conclusions

Experiment 1:
serum [BDNF] was
measured at 30 min
before starting the
exercise, at 0, 6, 10, 14,
and 18 min during the
exercise, and at the end
of the exercise (20 min).
Experiment2:
Serum BDNF was
measured only at the
beginning (0 min) and at
the end (20 min) of the
experiment.
BDNF was evaluated by
an enzyme-linked
immunoassay (ELISA).

-Similar BDNF kinetics
were observed in both
protocols, with maximal
BDNF level reached
toward the end of
training;
-Both protocols (CON
and HIT) signiﬁcantly
increased BDNF, with
HIT more eﬀective
Shorter bouts of
high-intensity exercise
are slightly more
eﬀective than
continuous
high-intensity exercise
for elevating serum
BDNF.
Moreover, 73% of the
participants preferred
the HIT protocol
Thus, the authors
suggest that the HIT is
an eﬀective and
preferred intervention
for elevating BDNF and
potentially promoting
brain health.
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Table 2. Cont.
Protocol/Aims [Ref]

The aim of this analysis
was to study the possible
relationship between
exercise intensity,
memory, and BDNF [104]

The aim of the study was
to compare basal- and
post-exercise- levels of
circulating BDNF, in
comparison with
cognitive training and
mindfulness practice
[105]

Subjects/Studies
Included

Methods of Analysis

Conclusions

16 young subjects
(average age: 23 years): 9
men and 7 women

3 exercise sessions at
diﬀerent intensities
relative to ventilator
threshold (Vt) (VO2max,
Vt − 20%, Vt + 20%).
Each session lasted
approximately 30 min.
Following exercise, the
Rey Auditory Verbal
Learning Test (RAVLT)
was performed to assess
short-term memory,
learning, and long-term
memory recall.
24 h later, the
participants completed
the RAVLT recognition
trial, to evaluate another
measure of long-term
memory.
Blood was drawn before
exercise, immediately
post-exercise, and after
the 30-min recall test.
Serum BDNF was
evaluated by ELISA.

Long-term memory as
assessed after the 24-h
delay diﬀered as a
function of exercise
intensity: the largest
beneﬁts were observed
with the maximal
intensity exercise.
BDNF signiﬁcantly
increased in response to
exercise.
However, no diﬀerence
was noticed in relation
to exercise intensity.
Similarly, no signiﬁcant
association was found
with memory.
The authors suggest that
“future research is
warranted so that we can
better understand how to
use exercise to beneﬁt
cognitive performance”.

19 healthy subjects
(age: 65–85 years)

Exercises:
(1) physical aerobic
exercise at a moderate
level, using a Swedish
version of the EA Sports
Active 2™ program on a
Microsoft Xbox360™
game console connected
to a Microsoft Kinect™
accessory and an
ordinary TV set;
(2) cognitive training
through a computerized
working memory
training program;
(3) mindfulness practice
through the use of the
Mindfulness App
(http://www.mindapps.
se/themindfulnessapp/).
Each program lasted 35
min.
All the participants went
through all the three
training programs, in a
random sequence.
Serum BDNF was
evaluated by ELISA.

Exercise caused a
signiﬁcant increase in
BDNF levels. Moreover,
in the same subject, a
single bout of exercise
had a signiﬁcantly
higher impact on serum
BDNF levels than
cognitive training and
mindfulness practice.
However, considerable
variability of BDNF
responses was found
when comparing
diﬀerent subjects.
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Table 2. Cont.
Protocol/Aims [Ref]

The aim of the study was
to compare the eﬀect of
‘open-skill’ with
‘closed-skill’ exercise (as
deﬁned in terms of
predictability of context
situations) on BDNF
production [102]

The aim of the study was
to analyse the eﬀect of
aquarobic exercise on
serum irisin and BDNF
levels [106]

Subjects/Studies
Included

Methods of Analysis

Conclusions

20 adult males:
all subjects participated
in both closed (running)
and open (badminton)
skill exercise sessions, in
counterbalanced order
on separate days.
Exclusion criteria:
- cardiovascular disease,
diabetes, history of
neurological problems,
pre-existing injuries,
smoking or intake of
recreational
drugs; hearing or vision
problems.

Exercise sessions:
−5 min of warm-up
exercises,
−30 min of running or
badminton.
Exercise intensity: 60%
of the heart rate reserve
level (HRR)
During each session,
venous blood samples
were obtained
immediately before and
after exercise.
Serum BDNF was
evaluated by ELISA.
Cognitive performance
was also evaluated by a
modiﬁed form of the
task-switching paradigm,
and controlled via the
Neuroscan Stim
software.

Badminton exercise
resulted in signiﬁcantly
higher serum BDNF
levels relative to
running.
This study provides
interesting evidence in
support of the beneﬁts of
open-skills exercise on
BDNF production and
executive function.

26 elderly women:
Control group: 12
subjects
Exercise group: 14

Exercise sessions:
16-week aquarobic
exercise program,
including two sessions a
week.
Each session lasted for 60
min:
−10 min of warm-up,
−40 min of exercise,
−10 min of cool.
Serum irisin and BDNF
levels were evaluated
(three times in the
exercise group and two
times in the control
group) by ELISA.

Aquarobic exercises
improve the serum
irisin and BDNF levels.
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Table 2. Cont.
Subjects/Studies
Included

Methods of Analysis

Conclusions

The aim of this study
was to evaluate the eﬀect
of long-term exercise on
memory and biomarkers
related to cognition and
oxidative stress, in
healthy middle-aged
subjects [107]

68 healthy men:
Group 1: 21 young
sedentary subjects (age:
17–25 years);
Group 2: 16 young
trained subjects (age:
18–25 years),
Group 3: 25 middle-aged
sedentary subjects (age:
47–67 years)
Group 4: 24 middle-aged
trained subjects (age:
46–68 years).
Exclusion criteria:
-history of severe disease,
pain, cognitive
deﬁciencies, head
trauma.
-use of neuroactive or
psychoactive drugs or
antioxidants.

Comparison of the
BDNF levels in the four
groups was performed
by a two-way ANOVA.
The eﬀect of PA on
cognitive abilities was
evaluated by a
combination of
neuropsychological tests,
among which: the Trail
Making Test, Part A and
Part B, the Wechsler
Adult Intelligence Scale
IV Digit Span Subtest32,
the Stroop Interference
Test31, the
Computerized tests from
Cambridge
Neuropsychological Test
Automated Battery
(CANTAB software,
Cambridge Cognition,
UK), and the Free and
Cued Selective
Reminding Test
(FCSRT)33
Serum BDNF levels were
measured by ELISA.

The Free and Cued
Immediate Recall tests
showed signiﬁcant
improvements in
memory in the
middle-aged trained
individuals when
compared to the
sedentary ones.
A signiﬁcantly lower
resting level of serum
BDNF (and plasma
Cathepsin B) was
observed in both
trained groups.
In particular, BDNF and
CTSB levels were
inversely correlated
with weekly hours of
exercise.

The aim of the analysis
was to ﬁnd out any
exercise-dependent
correlation between
BDNF concentration and
aerobic metabolism in
healthy subjects [100]

Studies were included
when they reported
BDNF analysis before
and after at least one
session of exercise.
Total studied included:
20

Analysis based on
papers collected from
PubMed, Scopus, and
Medline databases.

PA-induced BDNF
increase is related to the
amount of aerobic
energy required in the
exercise, in a
dose-dependent
manner.

Protocols:
-Preferred Reporting
Items for Systematic
Reviews and
Meta-Analyses Protocols
(PRISMA-P)
-Cochrane Handbook of
Systematic Reviews of
Interventions [108]

Inclusion criteria:
studied conducted on
adolescents trained with
diﬀerent exercise
protocols, and including
evaluations of pre- and
post-intervention BDNF
levels.

Data derived from
PubMed, EMBASE,
Scopus, ScienceDirect,
Web of Science,
SPORTDiscus, the
Cochrane Central
Register of Controlled
Trials (CENTRAL), and
CINAHL.

The results show that
BDNF levels increase
after interventions,
regardless of whether
the aerobic exercises
were acute or chronic.

Protocol/Aims [Ref]

As a whole, data reported in Table 2 indicate an exercise-dependent BDNF increase. Again,
as evident in the “Conclusions” column (sentences in bold letters), however, a great variability emerges
from the diﬀerent studies.
In general, BDNF increase seems to correlate with increased catabolic requirements, and with
a higher production of reactive oxygen species (ROS), as a consequence of the increased mitochondrial
activity. Then, in the brain, BDNF stimulates mitochondrial biogenesis, and acts as a metabotrophin to
mediate the eﬀects of exercise on cognition [109,110].
Actually, BDNF gene transcription does not depend on a single regulatory pathway: it is
synergistically stimulated by a complex array of factors, some of which, as discussed above, reach
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the nucleus only when neurons are active. In addition, the already mentioned transcription factor
coactivator PGC-1α increases sharply under energy-requiring conditions, both in muscles (see Section 3)
and neurons, and contributes to raising BDNF levels [100].
Notably, the expression of the BDNF gene is also controlled at the epigenetic level. In 2006,
Tsankova et al. [111] analysed the eﬀects of a chronic social defeat stress on the BDNF gene chromatin
organization in the mouse hippocampus, and found that stress induced a lasting downregulation
of BDNF transcripts III and IV, as well as an increase in both histone and promoter methylation.
The stressing protocol was followed by treatment with an antidepressant that reversed these eﬀects,
also inducing histone acetylation and downregulation of histone deacetylase (HDAC) 5 [111]. Starting
from these results, in 2011, Gomez-Pinilla et al. [112] studied the epigenetic eﬀects of exercise on
BDNF chromatin regulation, and they found that, like an antidepressant, exercise induced, in the rat
hippocampus, DNA demethylation of the BDNF promoter IV, as well as an increase in the levels of
phosphorylated MeCP2 (that, in this form, is released from the BDNF gene promoter), thus stimulating
BDNF mRNA and protein synthesis [112]. By chromatin immunoprecipitation assay, they also found
an increase in the levels of histone H3 (but not H4) acetylation, and a decrease of histone deacetylase 5.
In parallel, the levels of CaMKII and CREB increased. Similarly, Ieraci et al. [113] showed that BDNF
mRNA (transcripts 1–4, 6, and 7) levels decreased immediately after an acute stress in the hippocampus
of mice, then returning to the basal level within 24 h. On the other hand, PA caused an increase in
BDNF mRNA and was also able to counteract the stress eﬀect, by inducing an increase in histone
H3 acetylation at the level of speciﬁc BDNF promoters [113]. Since then, a growing body of studies
has shown that PA stimulates an activity-dependent cascade of events, involving phosphorylation
and other post-translational modiﬁcations of signalling proteins, which arrives at the nucleus, where
structural organization and function of the chromatin (which includes, among others, the BDNF gene)
will be targeted [114].
In conclusion, although all these ﬁndings clearly demonstrate a role of PA in regulating the levels
of circulating BDNF, the analysis in Table 2 shows that there is no precise exercise protocol that can
be favoured in order to obtain a maximal eﬀect on BDNF production and, possibly, on mental health.
The authors of these studies/meta-analyses all agree on the need for further research in order to better
understand how to use exercise to obtain cognitive improvements.
It is also important to highlight that BDNF circulates in the blood as at least two diﬀerent pools:
BDNF in platelets and platelet-free, plasmatic BDNF. This latter form is probably the only one able to
cross the blood–brain barrier (BBB). Thus, the method used to measure the circulating neurotrophin
can introduce bias from one study to another. Serum preparations that allow clotting and BDNF release
from platelets retrieve a much higher amount of BDNF, in comparison with measurements of BDNF
from blood samples containing anti-coagulants [115].
These ﬁndings suggest that further experiments based on standardized methods are necessary to
understand the real relationship between exercise, BDNF production, and brain health.
2.2. microRNAs and Exercise
Recently Zhao et al. [116] obtained, by deep sequencing, a genome-wide identiﬁcation of miRNAs,
the concentration of which is modiﬁed in the rat brain, in response to high-intensity intermittent
swimming training (HIST), as compared with normal controls (NC). The authors identiﬁed a large
collection of miRNAs, among which 34 were expressed at signiﬁcantly diﬀerent levels in the two
conditions; 16 out of these latter species were upregulated, and 18 downregulated in HIST rats [116].
Among the miRNAs that underwent a signiﬁcant expression modiﬁcation, some had already been
reported by other researchers to be important for brain functions: in particular, the miR-200 family had
been described to regulate postnatal forebrain neurogenesis [117], diﬀerentiation and proliferation of
neurons [118], plasticity during neural development [119], and olfactory neurogenesis [120]. Moreover,
miR-200b and miR200c seem to have a neuroprotective eﬀect [121]. Actually, most of the predicted
targets of PA-controlled miRNAs are genes related to brain/nerve function and already mentioned
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above, such as BDNF, Igf-1, ngf, and c-fos. Some of these genes are also targeted by miR-483, another
miRNA downregulated in HIST rats [116]. Interestingly, exercise seems to mitigate the eﬀects on
cognition of traumatic brain injury and aging by modulating the expression in the hippocampus of
miR-21 [122] and miR-34a [123].
In summary, many diﬀerentially expressed miRNAs have been evidenced, when comparing the
brain of exercising and non-exercising rodents, in a variety of brain areas, including the brain cortex
and hippocampus. We have to remember, however, that each miRNA can target a multiplicity of
mRNAs, and each mRNA can be targeted by many diﬀerent miRNAs, thus it is not yet immediately
evident how exercise-induced modiﬁcations in the miRNA population ﬁt into the general regulation of
brain functions by PA.
2.3. Genes Involved in Mitochondrial and Lysosomal Biogenesis
Since the 1950s, the decline of mitochondrial oxidative functions has been considered one of
the main causes of cell aging [124]. The respiratory complexes (and in particular, the Nicotinamide
adenine dinucleotide, NADH, dehydrogenase and the cytochrome C oxidase complexes) decrease
with aging in many tissues, including the brain—relying mostly on the oxidative metabolism— that is
particularly sensitive to this decline [125,126]. Moreover, mitochondrial DNA (mtDNA) accumulates
mutations with age, and this is a further reason for an aberrant functioning of mitochondria [127].
Fission arrest [128] and abnormal donut-shaped mitochondria [129] have been noticed in the prefrontal
cortex of aged animals. Mitochondrial alterations of diﬀerent kinds have been also noticed in a variety
of brain pathologies [130–132].
On the other hand, PA has been reported to have anti-aging eﬀects and can have a positive eﬀect
on mitochondrial biogenesis due to the increase of BDNF levels [133]. Recently, it has been reported
that, in old mice, exercise can improve brain cortex mitochondrial function by selectively increasing
the activity of complex I, and the levels of the mitochondrial dynamin-related protein 1 (DRP1),
a large GTPase that controls the ﬁnal part of mitochondrial ﬁssion. This ﬁnding suggests that, in the
brain of old mice, exercise improves mitochondrial function by inducing a shift in the mitochondrial
ﬁssion–fusion balance toward ﬁssion, even in the absence of modiﬁcations in the levels of proteins that
regulate metabolism or transport, such as BDNF, HSP60, or phosphorylated mTOR [134].
Autophagy is a physiological process which requires functional lysosomes, and that is involved
in recycling proteins as well as in eliminating potentially toxic protein aggregates and dysfunctional
organelles [135]. It has been suggested that autophagy is essential in skeletal muscle plasticity and
that it is regulated by exercise [135–138]. Recently, it has been reported that, in the brain cortex,
exercise promotes nuclear translocation of the transcription factor EB (TFEB), a master factor in
lysosomal biogenesis and autophagy [139]. The authors found that activation of TFEB depends on
the NAD-dependent deacetylase sirtuin-1 (SIRT-1), that deacetylates it at K116, allowing its nuclear
translocation. In turn, SIRT-1 is activated by the pathway induced by activation of the AMP-dependent
kinase (AMPK) [135]. Interestingly, mitophagy (autophagy of mitochondria) declines with age, thus
leading to a progressive accumulation of damaged mitochondria [140]. Thus, the autophagy increase,
induced by exercise, not only contributes to the elimination of toxic protein aggregates accumulating
in the brain, but also produces a speciﬁc increase of mitophagy [141].
3. Muscle Contraction and Production of Myokines
Skeletal muscle is the most abundant tissue in the body and plays a fundamental role in the
maintenance of the correct posture and movement. In addition, it has a central metabolic function,
since, in response to post-prandial insulin, picks up glucose from the blood and accumulates it as
glycogen. As a consequence, age-related loss of skeletal muscle (known as sarcopenia) not only aﬀects
body stability and movement, but might also be a cause of hyperglycaemia. On the other hand, exercise
improves glucose uptake in skeletal muscles of patients with type 2 diabetes by activating GLUT4
translocation to the plasma membrane, partially independent of insulin [142,143].
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Diﬀerent kinds of ﬁbres exist in skeletal muscle, which diﬀers for both metabolic and contractile
properties: slow-twitch oxidative (SO) ﬁbres have a high content of mitochondria, and myoglobin, and
are more vascularized, fast-twitch glycolytic (FG) ﬁbres have a glycolysis-based metabolism, and ﬁnally
fast-twitch oxidative glycolytic (FOG) ﬁbres have intermediate properties [144]. Skeletal muscle ﬁbres
are also classiﬁed according to the myosin heavy chain (MHC) isotypes that they produce: type-I ﬁbres,
type-IIA ﬁbres, and type-IIX/IIB ﬁbres, roughly corresponding to SO-, FOG-, and FG-ﬁbres, respectively.
Other types of MHC are expressed during embryogenesis or during muscle regeneration [144]. Notably,
it seems that also the type of input received from the motor nerve is diﬀerent for diﬀerent ﬁbres: type I
seems to receive a high amount of inputs at low frequency, while type II seems to receive short inputs
at high frequency [145]. Moreover, the contractility properties of muscle ﬁbres do not depend only
on the isoforms of contractile proteins expressed, but also on the isotypes of many other proteins,
such as those involved in calcium traﬃcking, and basal metabolism. These diﬀerences also depend
on epigenetic diﬀerences that also inﬂuence the transcription rate of the active genes. For example,
it has been reported that the mobility of the RNA polymerase II (Pol II) during transcription of the
gene encoding PGC-1α diﬀer between fast- and slow-twitch skeletal muscles, thus aﬀecting the gene
expression eﬃciency [146].
Similar to neurons, skeletal muscle cells are post-mitotic, but dynamic, and have the ability to
change their structure and physiology in response to long-lasting stimuli, a property called “muscle
plasticity” [145]. Thus, for example, fast, fatigable muscles could change to slower, fatigue-resistant
ones following chronic electrical stimulation. This remodelling involves an overall change of the
structure and metabolism of the ﬁbres, due to modiﬁcations of myoﬁbrillar proteins, proteins
regulating Ca2+ homeostasis, and enzymes involved in glycolysis and in mitochondrial metabolism.
All these modiﬁcations are time- and intensity-dependent, and imply both transcriptional and
post-transcriptional changes of gene expression [145,147]. Adult skeletal muscle can also undergo
modiﬁcations in response to a more natural way of causing electrical stimulation in the muscles:
exercise [148]. One of the factors controlling ﬁbre phenotypes is myoblast determination protein
(MyoD), a basic helix-loop-helix transcription factor with a critical function in muscle development,
that is more highly expressed in fast ﬁbres—in Myod1-null mice, indeed, fast ﬁbres shift to a slower
phenotype, whereas MyoD overexpression induces the opposite shift [149,150]. A reduction of slow
ﬁbres is also observed in calcineurin knock-out mice [151] and in mice overexpressing the calcineurin
inhibitor regulator of calcineurin 1 (RCAN1) [152]. On the other hand, it has been shown that the
nuclear factor of activated T cells (NFAT) functions as a repressor of fast properties in slow muscles [153],
and is involved in the fast-to-slow phenotype switch induced by aerobic exercise. This eﬀect is due to
the NFATs ability to inhibit MyoD action, by binding to its N-terminal transcription activating domain
and blocking the recruitment of the histone acetyltransferase p300 [154]. Interestingly, NFAT is one
of the targets of calcineurin-mediated dephosphorylation. It is also worth noting that calcineurin is
activated by calcium, and hence by conditions that also trigger muscle contraction.
3.1. Muscle Contraction and Gene Regulation
A large body of evidence suggests that muscle contraction per se regulates gene expression and
muscle plasticity. Fluctuation in the intracellular [Ca2+ ] is certainly the most important signal during
muscle contraction; thus, it is highly probable that the mentioned ﬁbre phenotype modiﬁcations and,
in general, muscle adaptation to PA are initiated by Ca2+ . Actually, the molecular basis for contractility
depends on the mechanism known as excitation-contraction coupling (ECC), and on the complex
interplay between voltage-gated and ligand-gated channels, contractile proteins (such as myosin),
calcium-binding buﬀer proteins (such as calreticulin, parvalbumin, and calsequestrin), calcium-sensor
proteins (such as calmodulin and calcineurin), and calcium-dependent ATPases [155].
Ca2+ ions are also able to regulate glycolysis by making glucose available through glycogen
degradation—in muscle cells, glycogen phosphorylase kinase (PhK), the enzyme that phosphorylates
and activates the glycogen breaking enzyme phosphorylase (GP), is activated by the calcium/calmodulin
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(CaM) complex, that constitutes its δ subunit [156,157]. Moreover, CaM can also interact with the
muscle-speciﬁc isoform of phosphofructokinase (PFK-M), the pacemaker of glycolysis [158]. Ca2+
inﬂux into mitochondria also induces an increase in the energy conversion potential, and ATP
production [155].
It is also important to highlight that, during muscle contraction, AMP concentration increases,
thus activating AMPK.
Another important signal due to PA is hypoxia; in resting muscle cells, prolyl hydroxylases
(PHDs) use molecular oxygen to hydroxylate the hypoxia-inducible factor 1α (HIF-1α), thus allowing
its pVHL (von-Hippel-Lindau) E3 ligase-dependent ubiquitination, and proteasomal degradation [159].
HIF-1α activity is also modulated by the hydroxylation of an asparagine residue (Asn803) by another
oxygen-dependent hydroxylase, the factor inhibiting HIF-1 (FIH-1); under normoxic conditions,
asparagine is hydroxylated, and this modiﬁcation prevents interaction of HIF-1α with CBP/p300 [160].
In the hypoxic conditions initially induced by exercise, PHDs undergo a decrease of activity,
due to shortage of the oxygen substrate, thus hydroxylation of HIF-1α, and hence its ubiquitination
and degradation are limited. The stabilized factor translocates to the nucleus, heterodimerizes with
aryl hydrocarbon nuclear receptor translocator (ARNT)/HIF-1β, binds to DNA and induces target
gene transcription [159]. Genes important for the adaptation of cells to hypoxic conditions and targets
of HIFs are, for example, those encoding glucose transporters, glycolytic enzymes, and angiogenic
growth factors [161,162].
A further interesting aspect of muscle activity on muscle function depends on mechanosensing
mechanisms, that depend on forces transmitted to the cells by the extracellular matrix (ECM) or by
neighbouring cells during muscle contraction; these forces are simultaneously translated into changes
of cytoskeletal dynamics, contributing at the same time to elicit signal transduction pathways [163].
Increasing evidence suggests that a key role in mechanotransduction is played by yes-associated protein
(YAP), a transcriptional coactivator that can be regulated by ECM stiﬀness and rigidity, and by cell
stretching [163,164]. This protein interacts with diﬀerent signal transduction pathways, such as the one
involving Wnt/β-catenin [165], and the one involving Hippo [163]. Recently, it has been reported that
mechanical stress also activates the c-Jun N-terminal kinase (JNK), that then triggers phosphorylation
of the transcription factor SMAD in a speciﬁc linker region. SMAD phosphorylation inhibits its
nuclear translocation, thus resulting in a negative regulation of the growth suppressor myostatin,
and induction of muscle growth [166]. This pathway is activated only by resistance exercise [166].
Interestingly, by using one-legged activity protocols, it was also found that JNK activity increased
only in the exercising leg [167]. It is worth noting that global transcriptome analysis, done on muscle
biopsies of young men undertaking resistance exercise, revealed that, in the initial exercises, the stress
imposed by muscle contraction induced the expression of heat shock proteins (HSPs), as well as of
muscle damage-, protein turnover-, and inﬂammation-markers [168]; trained muscles show instead an
increase of proteins related to a more oxidative metabolism, and to anti-oxidant functions, as well as of
proteins involved in cytoskeletal and ECM structures, and in muscle contraction and growth [168].
Acute resistance exercise also aﬀects the expression of genes encoding components of the ECM, such as
matrix metalloproteases, enzymes involved in ECM remodelling [169].
As in the brain, PA-dependent modiﬁcation of gene expression in muscle mainly depends on
epigenetic events. For example, after 60 min of cycling, HDAC4 and HDAC5 are exported from the
nucleus, thus removing their repressive function [170], and, in general, regular aerobic exercise induces
decreased DNA methylation of a number of genes [171–173]. Two of the most important epigenetically
regulated genes are the above-mentioned AMPK and CaMK [142,143].
Moreover, exercise induces rapid and transient changes in the muscle miRNAs (also called
myomiRNAs) [174,175]—for example, after an acute activity bout (cycle ergometer, 60 min, 70%
VO2 peak), has-miR-1, has-miR-133a, has-miR-133-b, and has-miR-181a increase, while has-miR-9,
has-miR-23a, has-miR-23b, and has-miR-31 decrease in the skeletal muscle [175]. Intriguingly,
has-miR-1, has-miR-133a, and has-miR-133-b have been instead shown to decrease following an
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endurance training (cycle ergometer, 60–120 min/section, for 12 weeks, 5 times/week) [176]. As in the
case of BDNF, further research is necessary in order to understand the real relationship between PA
and miRNA production. Again, the analytic methods used might cause the observed diﬀerences, thus,
in addition to further studies, it will be necessary to standardize miRNA puriﬁcation from muscle
and blood.
Finally, muscle contraction results in a transient increase of both oxygen and nitrogen reactive
species (ROS and NOS, respectively) that, by interacting with redox state-sensing pathways (such as,
among others, P-38/MAPK, NFkB, and AMPK), induce cyto-protective, antioxidant responses.
Activation of these pathways relies in part on post-translational oxidation of cysteines on critical
enzymes/regulatory proteins by glutathionylation, that is by reversibly adding glutathione to their
thiol groups; in addition to stimulating protective cell responses, this modiﬁcation probably prevents
further irreversible oxidation of cysteines [177,178].
3.2. Release of Myokines and Metabolites by Contracting Muscles
As a whole, the data reported indicate that PA has several eﬀects on the nervous system—it acts as
an antidepressant and an anxiolytic, and can improve mood, self-esteem, and cognition. The beneﬁts
induced by PA on the brain (as well as in other organs, such as the heart) are in part mediated by
peptides (myokines) and metabolites released into the blood by the endocrine activity of contracting
muscles (Figure 1) [25,179–182].
3.2.1. BDNF and Cathepsin-B (CTSB)
Contracting muscles release BDNF, that seems to be involved in autocrine signalling to the muscle
itself [182–184]. In addition, BDNF probably serves as a retrograde signal to the motor neurons of the
spinal cord.
It is also possible that muscle-derived BDNF has an eﬀect on the brain, as intact BDNF was
reported to cross the blood–brain barrier (BBB) in both directions by a high-capacity, saturable transport
system [185].
In response to exercise, muscles also release into the plasma high levels of cathepsin-B (CTSB),
an abundant, calcium-dependent cysteine protease of the calpain family, produced in all human tissues.
Enzymatically active CTSB is secreted through exocytosis and can degrade components of the ECM in
both physiological and pathological conditions [186,187]. Although the mechanism of action of CTSB
in the brain is still a matter of debate, it was acknowledged that, after exercise-dependent release from
muscles, it can cross the BBB and promote BDNF expression in the hippocampus, neurogenesis, and
promote the improvement of spatial memory abilities [188]. It has been reported, for example, that
in CTSB knockout mice, running did not have any eﬀect on hippocampal neurogenesis and spatial
memory [188]. Similarly, in humans, changes in CTSB levels correlate with hippocampus-dependent
memory functions [188].
Intriguingly, it was recently reported that resting serum levels of both BDNF and CTSB were
signiﬁcantly lower in long-term trained middle-aged men in comparison with sedentary controls, even
if trained men showed a signiﬁcant improvement in memory, based on the Free and Cued Immediate
Recall tests [107]. Thus, it seems that both BDNF and CTSB molecules increase immediately after
exercise, but then decrease to levels lower than in untrained individuals, showing an inverse correlation
to the intensity/duration of exercise ([107]; Table 2). It is tempting to speculate that, as proposed years
ago by Ji et al. [189], and as discussed by De La Rosa et al. [107] for BDNF and CTSB, most of the
regulatory molecules produced in response to PA behave in a hormetic manner: in other words, their
concentration should increase at the beginning of the activities, when they play an immediate role in
repair processes, at the sites of the traumatic injuries, where oxidative stress is initially induced by
exercise. Then, in well-trained individuals, given the better adaptation to stress, the levels of these
molecules could/should decrease. Thus, their concentrations over time, if put in a graph, should give
rise to a curve with the shape of an upside-down “U”. Such behaviour might also represent one of the
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variability sources in results found in diﬀerent studies—analyses performed at diﬀerent time intervals
during and after the exercise might give rise to very diﬀerent evaluations and interpretations.
3.2.2. FGF21 and Irisin/FNDC5
FGF21 is primarily produced by the liver, but also by skeletal muscles [179,190]—it is a critical
regulator of nutrient homeostasis [191]—in response to PA, it improves thermogenesis in adipose
tissue and skeletal muscle, and even induces diﬀerentiation of brown adipocytes [192]. FGF21 also
crosses the BBB [193] and, in association with the co-receptor βKlotho [194], binds to its receptors in
the hypothalamus, where it modulates sympathetic input to brown adipose tissue, circadian rhythms,
and neuroprotection [182]. Recently, it has been shown that, although all exercise types induce an
increase of FGF21, the increase is greater after resistance training than after high-intensity interval
(HIIT) sessions [195].
Irisin, the proteolytic cleaved extracellular part of ﬁbronectin type III domain-containing protein
5 (FNDC5), is a myokine the expression of which depends on PGC-1α [196], and that is positively
regulated by muscle contraction [197]. Like FGF21, upon its release into the systemic circulation, irisin
may contribute to the browning of white adipose tissue [196]. FNDC5 has been detected in diﬀerent
areas of the brain, where it seems to associate with neural diﬀerentiation; moreover, irisin can cross
the BBB [198], and increased levels of circulating irisin correlate with increased levels of BDNF in the
mouse hippocampus [197].
3.2.3. Cytokines Released by Muscles
Contracting muscles also release cytokines, such as IL-6, IL-8, and IL-15. As interleukin passage
across the BBB has been reported [199], these molecules are putatively able to act on the brain too.
Their eﬀects on the brain are, however, still debated. For example, both neurodegenerative and
neuroprotective properties have been attributed to IL-6 [200]; interestingly, it seems that these diﬀerent
eﬀects depend on the receptors engaged, and the speciﬁc signalling pathway triggered: (1) The
anti-inﬂammatory pathway (the classical one) involves the membrane-bound IL-6 receptor (IL-6R),
expressed for example on microglia, and (2) the pro-inﬂammatory one (also called the trans-signalling
pathway), mediates neurodegeneration in mice, and depends on a soluble form of IL-6R, able to
stimulate a response on distal cells [200]. Similarly, IL-8 seems to have both neurogenic and neurotoxic
eﬀects [201]. IL-15 receptors are expressed by both glial cells and neurons, with developmental and
regional diﬀerences. A neuroprotective role of IL-15 is suggested by the increased motor neuron
death in knockout mice lacking the IL-15 receptor α (IL15Rα), and by the ability of IL-15 treatment to
ameliorate the symptoms of the experimental autoimmune encephalomyelitis (EAE). On the other
hand, increased blood levels of IL-15 have been observed in inﬂammation of several origins [202].
In summary, as in the case of BDNF and CTSB, the levels of the muscle-derived interleukins probably
have a hormetic behaviour, and their changes depend on the general adaptation to stress.
3.2.4. Lactate
It is now widely acknowledged that lactate, produced in large amounts during anaerobic exercise,
shuttles among cells and, inside the cells, among organelles, through speciﬁc monocarboxylate carriers
(MCTs); interestingly, lactate behaves as a fuel for many cells, including neurons, in conditions of
oxygen shortage [203]. Moreover, the hydroxycarboxylic acid receptor 1 (HCAR1), a G protein-coupled
lactate receptor, is highly enriched in the endothelial- as well as in the pericyte-like-cells of the
intracerebral microvessels. Activation of HCAR1 enhances production of the cerebral vascular
endothelial growth factor A (VEGFA) and cerebral angiogenesis [204,205]. More recently, it was also
found that, by signalling through HCAR1, lactate can activate responses that involve both α and βγ
subunits of HCAR1 and is synergic with the activity of other receptors, such as adenosine A1, GABAB,
and α2-adrenergic receptors. As a consequence, not only neurons can use lactate as a substrate during
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exercise but, in addition, neuronal activity might be ﬁnely tuned by this molecule [203,206]. These
ﬁndings highlight the important role that lactate can play in the PA-dependent muscle–brain crosstalk.
3.2.5. Extracellular Vesicles (EVs)
In the last two decades, many laboratories have demonstrated that cells can communicate at long
distances by releasing EVs (mainly exosomes and/or small membrane vesicles/ectosomes) that contain
many species of proteins, nucleic acids, lipids, and metabolites. Since they are membrane-bound,
EVs can also fuse with the plasma membranes of other cells, thus delivering their content into them
and inducing epigenetic modiﬁcation of the recipient cell functions [207,208]. Central protagonists of
EV-mediated traﬃcking are diﬀerent species of RNA, and especially miRNAs. Although many obstacles
are still encountered in the identiﬁcation and puriﬁcation of EV-carried circulating miRNAs [209],
many laboratories have reported that PA induces a signiﬁcant modiﬁcation of many miRNAs. Among
these latter species, some (for example, miR-21 and miR-132) have a role in brain functions as critical
as regulation of synaptic plasticity, memory formation, and neuronal survival [82].
It is thus possible that one of the ways through which PA and muscle activity inﬂuence brain
function is by delivering into the blood diﬀerent species of regulatory molecules that are protected
during the trip to other tissues (and to the brain, in particular) because they are packaged into EVs,
and these membrane-bound vehicles might ﬁnally deliver their cargoes to the brain across the brain
capillary endothelial cells. Interestingly, indeed, exercise stimulates the release of exosomes and small
vesicles into circulation [210].
4. A Few Examples of Exercise Eﬀects on Neurodegeneration: Studies on Alzheimer’s Disease,
Parkinson’s Disease, Huntington’s Disease, and Multiple Sclerosis
The evidence that regular exercise can help to prevent and even treat neurological disorders has
become stronger in recent years. At the same time, a lot of research is focusing on the mechanisms
underlying the ability of PA to improve the symptomatology of neurodegenerative diseases, in the
attempt to ﬁnd out the best protocols to be applied to the patients.
4.1. Alzheimer’s Disease (AD)
PA improves cognition in a mouse model of Alzheimer’s disease (AD), stimulating neurogenesis
and the simultaneous increase of both BDNF and FNDC5 [211]. For example, intracerebroventricularor tail vein-injection of FNDC5 allowed the recovery of memory impairments and synaptic plasticity
in a mouse model of AD [212]. Since PA, as already discussed in Section 3, stimulates irisin release
from muscle, it is possible that the beneﬁcial role of PA is, at least in part, due to this myokine [213].
Interestingly, the eﬀects of irisin could be also attributed to a lower release of inﬂammatory cytokines
by astrocytes—it was shown, that irisin has protective eﬀects on cultures of hippocampal neurons
treated with Aβ peptide, only when co-administered with astrocyte-conditioned medium [214].
In the hippocampus, PA eﬀects include: (i) enhancement of c-Fos- and Wnt3- and inhibition of
glycogen synthase kinase-3β (GSK-3β)-gene expression; (ii) an increase of glial ﬁbrillary acidic protein
(GFAP) and a decrease of the S100B protein levels, in astrocytes; (iii) an increase of the blood–brain
barrier integrity; (iv) an increase of BDNF and tropomyosin receptor kinase B; (v) enhancement of
glycogen levels; and (vi) normalization of MCT2 expression [215].
Another AD progression-slowing factor, known to be produced during physical activity and
able to cross BBB is the insulin-like growth factor 1 (IGF-1) [216]. This factor acts by activating the
expression of BDNF. If antibodies against its receptor are used, the PA-induced increase of BDNF
mRNA, protein, and precursor does not occur anymore [217].
Moreover, as already discussed (Section 3), both lactate and BDNF produced during physical
exercise seems to have stimulating eﬀects on learning and memory processes [205]. As mentioned,
CTSB also crosses BBB, and should be able to stimulate hippocampal neurogenesis, and to improve
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learning and memory, however, AD patients have high levels of this enzyme in the blood, thus, the
real role of CTSB in AD remains controversial [205].
Some miRNAs, such as miR-124 and miR-134, have been also suggested to be involved in memory
formation and maintenance [218,219]. The relationship between the role of these molecules and
BDNF in AD is, however, still debated [220]. Interestingly, in a mouse model of AD, miR-34a is
upregulated [221]; it has been hypothesized that swimming training, by inhibiting miR-34a expression,
might attenuate age-related autophagy dysfunction and abnormal mitochondrial dynamics, thus
delaying both physiological brain aging and AD [123].
An altered metabolic process in AD is that involving demolition of the L-tryptophan, which
leads to the formation of kynurenine (KYN); catabolism of this latter molecule generates, in turn,
neurotoxic metabolites related to AD pathogenesis. KYN is able to cross freely the BBB and, in AD
patients, it is found in excess both in the plasma and in the brain. PA might be protective for neurons
because it stimulates the formation of an aminotransferase (KAT) in the muscle, KAT then catalyses
the peripheral transformation of KYN into kynurenic acid (KYNA), and is less harmful because it is
unable to cross the BBB [182,205].
Recently, it has been also reported that 4 weeks of exercise can revert the induction of gene
encoding proteins involved in inﬂammation and apoptosis in the hypothalamus in a mouse model of
AD. After 6 weeks, an improvement in glucose metabolism was also observed, and after 8 weeks there
was an evident reduction of apoptosis in some populations of hypothalamic neurons [222]. Finally,
it has been suggested that the beneﬁts noticed in early AD patients following aerobic exercise are
due to the exercise-dependent enhancement of the cardiorespiratory ﬁtness, which is in turn associated
with improved memory performance and reduced hippocampal atrophy [223].
4.2. Parkinson’s Disease (PD)
Parkinson’s disease (PD) is the second most common neurodegenerative disorder and involves
a massive degeneration of the dopaminergic neurons in the substantia nigra, in the midbrain [224].
Although the priming cause is still unknown, both genetic and environmental cues could play a role.
Some of the familial cases show mutations in the gene encoding α-synuclein, a protein mainly found in
the presynaptic terminals; the mutated protein is prone to aggregation and tends to form the so-called
Lewi bodies, which contribute to the degeneration of neurons [225,226].
At present, pharmacological therapies able to remarkably modify or delay the disease progression,
are still lacking. Thus, alternative approaches not entirely based on pharmacotherapy, and able to
slow down the dopaminergic neuron degeneration, are needed. Also, in the case of PD, it has been
reported that association of the pharmacological therapy with exercise can help in managing the
physical and cognitive decline typically associated with PD [227]. Several studies investigated the
eﬀects of various types of exercise on both motor- and non-motor-features of PD and reported positive
results: 19 systematic reviews and meta-analyses, from 2005 to 2017, were published from which
an increased interest in non-pharmacologic therapies is evident [228,229].
In PD animal models, exercise induces neuroprotective eﬀects through the expression of some
brain neurotrophic factors, including BDNF and glial-derived neurotrophic factor (GDNF) [230,231].
In particular, it was demonstrated that the promoter IV of BDNF gene shows a reduced CpG methylation
in rat, after regular enrolment in physical exercise [112]. Moreover, free-wheel running (from 1.6 to
7 km/day) could improve histone H3 phospho/acetylation and c-Fos induction in dentate granule
neurons [232]. These observations suggest that the positive eﬀects of PA depend on epigenetic
regulation of genes encoding neurotrophins.
Other exercise eﬀects in PD animal models include enhanced cell proliferation and migration of
neural progenitors, and an overthrow of age-related deterioration in substantia nigra vascularization,
that seems to be mediated by VEGF expression [233]. Moreover, a study on PD mice models
highlighted that, after a 6-weeks treadmill training exercise, a nigrostriatal Nrf2-ARE (antioxidant
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response element)-dependent signalling pathway was activated, which was protective against the
development of parkinsonism [234].
Treadmill running also enhanced coordination and motor balance by preventing loss of Purkinje
cells in the rat cerebellum. Moreover, repression of PD-induced GFAP-positive reactive astrocytes and
Iba-1-positive microglia was found, showing that PA can help in suppressing astrogliosis and microglia
activation. These cellular eﬀects were accompanied by a decreased expression of the pro-apoptotic
protein Bax, and enhanced expression of the anti-apoptotic protein Bcl-2 [235].
In humans, the eﬀects of PA have been studied on the basis of correlations found among acute
eﬀects of exercise on speciﬁc clinical variables (as emerging, for example, from the PD Questionnaire-39
on quality of life) and the amplitude of low frequency ﬂuctuations (ALFF) that may reﬂect the
functions of the brain before and after a single bout of exercise. The results of these analyses showed,
for example, an increase of ALFF signals within the right ventromedial prefrontal cortex (PFC) and the
left ventrolateral PFC, as well as a bilateral increase in the substantia nigra [236].
Another study demonstrated that 4 weeks of aerobic exercise elicited a long-lasting improvement
on both motor and non-motor functions of PD patients. The principal result of this study was an increase
of BDNF signalling through its TrkB receptor in the patient’s lymphocytes [237]. Similar results had been
also reported by Wang et al. [238], who found that repetitive transcranial magnetic stimulation enhanced
BDNF-TrkB signalling in both brain and lymphocytes [238]. It is thus possible that BDNF-TrkB signalling
in lymphocytes can be indicative of what happens in the cortical TrkB signalling.
On the basis of these studies, we can conclude that PA can give PD-speciﬁc clinical beneﬁts,
but only if repeated habitually over time (i.e., exercise training) [239].
4.3. Huntington’s Disease (HD)
HD is a fatal genetic disorder, due to an autosomal dominant mutation that determines the
expansion of poly-glutamine repeats in the huntingtin (HTT) coding region [240]. Clinical features of
HD include signiﬁcant motor defects together with non-motor changes, like cognitive, psychological,
and behavioural disabilities, that may progressively get worse before diagnosis, and that results in
limitations of daily activities [241]. Physical therapy and exercise interventions were integrated into
the treatment decades ago, in order to maintain patient’s independence in daily life activities, while
attenuating the damages in the motor function. It is indeed known that a passive lifestyle might
lead to an earlier HD onset; while, as in other neurodegenerative diseases, exercise exerts a positive
eﬀect [242,243]. Recent studies have focused on both resistance and endurance exercise training
modalities, based on the suggestion that both could be of help in HD patients. All the results showed
a signiﬁcant increase in grey matter volume and signiﬁcant improvements in verbal learning and
memory, after long-training exercise [243–248].
Interestingly, it was highlighted that voluntary exercise in a rat model of HD induces DNA
hypomethylation at speciﬁc CpG sites, located within an Sp1/Sp3 transcription factor recognition
element of the vegfA gene promoter. In parallel, a signiﬁcant reduction of the mRNA encoding DNA
methyltransferase 3b (DNMT3B) in the hippocampus of exercised rats was also found [249].
4.4. Multiple Sclerosis (MS)
Patients with Multiple Sclerosis (MS) who perform regular physical activity have a better quality
of life with less fatigue and less depression than those who are sedentary [250].
A pilot study with relapsing-remitting MS patients demonstrated that exercise may also attenuate
inﬂammation and neurodegeneration by an increase of erythropoietin [251].
Mulero et al. [252] analysed gene expression in MS patients who improved their fatigue status
after an aerobic exercise program and compared them with healthy controls (HC). It revealed that in
patients before exercise, genes that respond to interferon were more active than in the HC. On the
other hand, after training, a decrease in the expression of a group of interferon-related genes was
evidenced at the transcriptomic level [252]. These results are encouraging because the expression of
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genes activated in response to interferon also correlates with the increase in fatigue [252]. Exercise
also induced a reduction of the levels of the IL-6 receptor, that went back to normal values [252].
Moreover, in the hippocampus of an animal model of MS, both high- and low-intensity training
programs induced an increase of the mRNAs encoding three important neurotrophins: BDNF, the
glial-derived neurotrophic factor (GDNF), and the nerve growth factor (NGF) [253].
In addition to the PA-dependent increase of BDNF, VEGF, and IGF-1, in the context of MS, a speciﬁc
increase in the expression of tight junction proteins, critical for the reestablishment of the BBB function,
was also evidenced [254]. Moreover, using a mouse model of MS with overexpressed ATP-binding
cassette transporter 1 (ABCA1), Houdebine and colleagues [255] demonstrated a PA-dependent
normalization of ABCA1 mRNA levels both in the brain and the cerebellum, with an improvement of
myelin status.
Actually, it has been also found that diﬀerent training protocols act diﬀerently on gene
expression; for example, while IGF1-R expression level decreases in the brain of MS mice subjected to
forced-swimming protocol, IGF1-R mRNA level increases in the cerebellum of MS mice of a running
group. In parallel, a diﬀerent pattern of myelin gene stimulation was also observed—in the mice
that had performed running exercise, a smaller decrease of myelin was found in the brain, whereas
swimming induced greater beneﬁts in the cerebellum [255].
In summary, these few examples of PA beneﬁts in diﬀerent neurodegenerative diseases reinforce
the idea of a neuroprotective eﬀect of exercise. Exercise increases expression of genes involved in
enzymatic antioxidant responses, improves cognitive functions and memory, and can counteract the
progression of diseases, or at least help patients to better perform daily life activities.
There are probably multiple cellular and molecular pathways involved and act in synergy.
Moreover, speciﬁc diﬀerences in the responses of individual patients can be expected depending on
genetic and epigenetic variability as well as even slight diﬀerences in the grade of the pathology.
Finally, the protocols used in diﬀerent studies are highly heterogeneous and to set ideal exercises
for the diﬀerent neurodegenerative pathologies is at the moment impossible. Further research is still
necessary, and, as already noticed above, standardized methods for analysing the results and the
biomarkers are compelling.
In spite of the mentioned uncertainties and variability, the current results are of real interest and
encouraging. Moreover, the understanding that many biochemical pathways are involved has been
stimulating a lot of new studies, aimed at ﬁnding out the best combinations of exercise and drugs to
slow down the pathology while improving the life quality of the patients.
5. Exercise-Dependent Production of Dopamine, Endocannabinoids, and Opioids: Eﬀects on
Mood, Analgesia, and Happiness
In addition to an improvement of body ﬁtness and learning and memory skills, it is well
documented that PA can induce changes in the mental status, reducing anxiety and producing a general
sense of wellbeing. Moreover, it can induce analgesia. The precise mechanisms involved are not yet
completely understood but a few molecules, probably acting in synergy, have been identiﬁed and are
currently studied as possible mediators of these further eﬀects of PA.
5.1. Dopamine
Dopamine (DA) producing neurons are present in distinct areas of the cerebral cortex, but are
mostly concentrated in the ventral midbrain, where they are arranged in diﬀerent nuclei. The two
main groups constitute the pars compacta of the substantia nigra (SNc), and the ventral tegmental area
(VTA). The latter neurons send projections to the nucleus accumbens of the ventromedial striatum,
but also to the limbic system and the prefrontal cortex, being mostly involved in the regulation of
emotional, reward-related, and cognitive functions. Dopaminergic neurons of the SNc, which regulate
mainly motor function, form the nigrostriatal pathway, innervating neurons located in the caudate
nucleus and in the dorsolateral striatum [256,257].
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This subdivision is probably an oversimpliﬁcation because diﬀerent subgroups of DA neurons
have recently been described in human and murine midbrain, which show distinct gene expression
proﬁles [258,259]. Even though it is not yet known whether these DA neurons have speciﬁc roles,
in some instances it was demonstrated that they have unique projection patterns, connecting them to
distinctive areas such as the nucleus accumbens and amygdala [260]. Using single-cell RNA sequencing,
and PITX3 protein and tyrosine hydroxylase (TH) as markers for DA neurons, Tiklovà et al. [261]
identiﬁed seven diﬀerent populations of neurons in the mouse developing midbrain, that could be
distinguished thanks to the diﬀerential expression of other genes [261].
DA neurons appear to form a brain network regulating the motivational behaviour of animals,
allowing them to learn the diﬀerence between useful and harmful things, and consequently to choose
proper actions [262]. DA also seems to be necessary for performing motivated actions to achieve goals,
as demonstrated by the unsuitable behaviour of dopamine deﬁcient mice [263]. In the mammalian
central nervous system, DA controls many processes [262,264], such as feeding and locomotion [265];
it is also involved in the mechanisms of cognition and ‘adaptive’ memory formation, inﬂuencing the
hippocampal long term potentiation (LTP) [266], and upregulates BDNF in the prefrontal cortex [267].
DA most probably interacts with other neurotransmitters and neuromodulators and, for example,
it has been recently demonstrated that midbrain mice DA neurons also release IGF-1 that modulates
DA release and concentration as well as neuronal ﬁring [268].
As mentioned, a lot of diﬀerent evidence demonstrates that the mammalian brain is capable of
changing its functional and structural characteristics to adapt to the ever-changing surrounding world.
This is achieved by learning and acquiring skills, thus improving cognitive functions. Neuroplasticity
is orchestrated by several neurotransmitters and neurotrophins, and many cues indicate that exercise
has an important role in its regulation [269]. In particular, DA regulates emotion and reward-related
brain functions, and many authors have postulated that the positive properties of PA may be due to
its ability to increase DA concentration [270–272]. Interestingly, PA increases the concentration of the
same neurotransmitters, including DA, also activated by some drugs and alcohol [273], and this could
be the reason why it improves mood in humans [274,275].
Moreover, PA, and speciﬁcally voluntary exercise, creates a sharp increase in DA concentration,
especially in the nigrostriatal pathway, and has a strong positive eﬀect in overcoming aversion. Being
a molecule involved in the regulation of movement, emotions, and learning, DA could be a key
component in the mechanism. Nevertheless, even though many proofs about DA’s involvement in the
beneﬁcial eﬀects of exercise have been accumulating, to date a clear explanation of the underlying
mechanism is still missing [276].
One interesting aspect of DA function is that it appears as one of the factors that distinguish
physically active organisms from inactive ones, inﬂuencing the locomotory activity and even the
tendency of the individuals to engage in PA [277]. Voluntary exercise is genetically controlled and
depends on diﬀerent neuromodulators, including DA itself. Given the enhancing eﬀects of PA on DA
production and release in the brain, it can be hypothesized that an auto-sustaining circuit exists by
which DA and PA positively interact—the more DA an individual animal produces, the more it is
prone to live actively, and the more DA will be consequently released in this feed-forward system [278].
Even though the mechanisms by which exercise, through dopamine, creates positive eﬀects on
brain functions are yet to be elucidated, a few hypotheses have been proposed. For example, it has been
demonstrated that voluntary wheel running (VWR) activates latero-dorsal tegmental (LDT) and lateral
hypothalamic area (LHA) murine neurons and these, in turn, could be responsible for the activation of
the DA neurons of the lateral ventral tegmental area (lVTA) [279].
DA increase in the brain can derive from a higher activity of the tyrosine hydroxylase (TH) enzyme,
most probably due to a rise in calcium concentration. Enhancement of the enzyme activity depends
indeed on its phosphorylation by CaMKII, the activity of which is regulated by calcium [280,281]. Actually,
wheel running in rodents causes a doubling of the TH mRNA level in the VTA [282], and an increase
also in the substantia nigra [283], and in the locus coeruleus [284]. A chronic exercise-dependent high
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level of DA, but not of other neurotransmitters (such as noradrenalin, serotonin, or glutamate), in the rat
medial prefrontal cortex (mPFC), was found by Chen et al. [285], and the effect could be reduced by
a glucocorticoid receptor inhibitor—the authors suggest that the local DA increase is due to the high
level of cortisol, induced by PA in mPFC [285].
In summary, PA may cause an increase in serum calcium levels, and calcium can stimulate
dopamine synthesis in the brain by stimulating the activity of the CaMKII, and the consequent
activation of the TH enzyme by phosphorylation. In particular, it has been shown that mice forced
to physical activity have a DA level sharply higher in the neostriatum and nucleus accumbens, and
that a similar eﬀect, i.e., a speciﬁc increase of DA level in these brain regions, can be obtained by
intracerebroventricular injection of calcium chloride. Moreover, following physical activity, a signiﬁcant
amount of TH and CaM was found in mouse neostriatum and nucleus accumbens, and in human,
was found in the caudate nucleus and putamen. A possible mechanism leading to calcium increase in
the brain could be the release of lactate following exercise. This may induce, in turn, an increase of
blood acidity that could activate parathyroid hormone, or directly increase calcium concentration by
favouring bone resorption [286].
On the other hand, PA-dependent DA increase might also be a consequence of a decrease in
the activity of catabolic enzymes, such as the mitochondrial monoamine oxidase (MAO) and the
catechol-O-methyltransferase (COMT) [287]. In a study aimed at associating genetic background
to happiness, Chen et al. [288] found that women bearing the low expression MAO-A alleles are
statistically happier than those bearing the high expressed variant. Surprisingly, no diﬀerence in
happiness was found when comparing men bearing the two diﬀerent type of alleles [288]. Similar
results have been reported regarding the COMT gene—women bearing a particular allele, containing
the COMT Val158Met polymorphism, and presenting as a consequence a higher DA concentration
show an emotionally healthier behaviour [289].
5.2. Opioids, Endocannabinoids, Analgesia, and the “Runner’s High”
The endogenous opioid system includes different peptides (i.e., endorphins, enkephalins, and
dynorphins) that derive from larger precursors and bind to G protein-coupled receptors. Three main
receptors (μ, κ, and δ) mediate analgesic effects of these molecules [30]. Several studies have demonstrated
PA-dependent increase of circulating opioids, and in particular of β-endorphin, in relationship with the
intensity of exercise, and this β-endorphin increase correlates with analgesic effects both in humans and
in rodents. Many studies, however, suggest that opioids are not the only molecules involved in analgesia
induced by exercise [30]. For example, activation by exercise of the mesolimbic system in rodents has
been also related to analgesic effects [290].
The endocannabinoid system (ECS) includes two G protein-coupled cannabinoid receptors (CB1
and CB2), widely expressed all over the body, and their endogenous ligands, the most well-studied of
which are two derivatives of the arachidonic acid: N-arachidonoylethanolamine (AEA, also known
as anandamide) and 2-arachidonoylglycerol (2-AG). ECS also includes the enzymes necessary for
synthesizing and degrading the ligands [291]. In addition to CB1 and CB2 receptors, 2-AG and AEA
can bind to the vanilloid receptor (TRPV1); moreover, AEA also functions as an agonist of some
subtypes of the peroxisome proliferator-activated receptor (PPAR) family of nuclear receptors [292].
ECS is critically involved in the modulation of several aspects of metabolism, and, in the hypothalamus,
endocannabinoids signalling seems to function in maintaining appetite, in contrast with leptin.
In particular, CB1 is probably involved in reward circuits related to food (i.e., it is responsible for
the hedonic aspect of eating) [292]. An expected consequence of these ECS functions is increased
production of endocannabinoids in response to exercise that induces higher energy utilization. A variety
of studies have indeed shown PA-dependent increase of circulating endocannabinoids, even if the
results signiﬁcantly diﬀer from one study to another. It seems, for example, that the relationship
between the increase of AEA and the exercise intensity, as in the case of other already mentioned
molecules, is described by an “upside-down U”-shaped curve [292,293]. On the other hand, 2-AG was
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found signiﬁcantly elevated in response to short and intense bursts of activity. It is thus possible that
diﬀerent endocannabinoids (or diﬀerent mixes of them) are secreted in response to diﬀerent types,
intensities, and durations of exercise. Moreover, “preferred” exercises signiﬁcantly activate ECS, and
this response may also contribute to the eﬀects on the mood [294].
Interestingly, it was also reported that hypoxia potentiates ECS activation, and it was suggested that
the muscles can be the main source of the exercise-induced increase of circulating endocannabinoids,
that then can cross the BBB [292]. Overall, the levels of circulating endocannabinoids are inversely
related to anxiety and depression, and positively related to BDNF concentration and, thus, to the
beneﬁcial eﬀects on mood and to a sense of vigour and wellbeing. However, 2-AG and/or AEA
levels can be higher in patients with schizophrenia or other cognitive disorders, such as borderline
personality disorder [292]. Moreover, these observations are consistent with the evidence that the use
of cannabinoid drugs increases the risk of developing psychotic disorders, probably also in relation to
alteration of the dopamine signalling [295]. In summary, it is highly probable that these molecules can
also have hormetic behaviour (see Section 3.2.2).
Since the 1960s, it was known that long-running could cause what was called the “runner’s
high”, a sudden sense of euphoria and wellbeing, accompanied by analgesia. For a long time,
exercise-dependent production of endorphins was considered responsible for at least the analgesic
component of the runner’s high. More recently, as mentioned, the involvement of both opioids and
endocannabinoids in this aspect of the response to PA has been consistently reported [30], and, in
addition, it was found that cannabinoid-agonists can enhance the release of endogenous opioids in the
brain [295]. We can thus infer that the two systems act in synergy in the anti-nociceptive eﬀects of
exercise. It has been also reported that, at the molecular level, a mediator of endocannabinoid action in
response to exercise is AMPK [296].
On the other hand, most other aspects of the runner’s high seem to depend more directly on the
endocannabinoid receptors, in mice [297], even if it is not so easy to evaluate euphoria in mice.
It was also suggested that mood improvement could relate to PA-dependent increase of the
levels of neurosteroids, and in particular of dehydroepiandrosterone (DHEA) [298], a molecule with
a variety of eﬀects on diﬀerent neurotransmitter receptors, such as the GABAA receptor, and the NMDA
as well as the AMPA receptors for glutamate. DHEA can also bind to nuclear receptors, can contribute
to regulating the mitochondrial function in response to stress, and, through activation of G-protein
coupled receptors of the plasma membrane, can increase transcription of miR-21, at least in a cell line
of hepatocytes [299].
6. Conclusions and Perspectives
In conclusion, habitual exercise has a variety of positive eﬀects on the human body, from regulating
cardiorespiratory and cardiovascular ﬁtness, to improving glycaemia and insulin response. In addition,
as discussed, it is a way of maintaining not only a healthy body, but also a healthy mind, at any
age. In particular, it can represent a non-pharmacological (and sometimes enjoyable) strategy to
delay the eﬀects of both physiological ageing and pathological neurodegeneration on brain health.
However, although exercise prescriptions (including frequency, intensity, type, and time) were given,
for example, for individuals with hypertension ([20], Table 1 in [23]), we cannot yet refer to speciﬁc
exercise prescriptions for maximizing the positive eﬀects of PA on cognition [23]; the protocols used in
the experiments reported in this review, as well as the subjects and the markers studied (Tables 1 and 2)
are indeed quite diﬀerent, many informative studies relied on rodents, and not yet on humans. Further
studies are thus necessary to evaluate more precisely how the factors which inﬂuence brain functioning
change in response to the type, intensity, and timing of exercise. Further studies are also required to
understand the interplay among the many molecules the levels of which change during/after exercise,
even in opposite directions. PA induces, indeed, a variety of cellular and molecular eﬀects, both in
the periphery and in the brain. As we have seen, every molecule/group of molecules probably aﬀects
diﬀerent aspects of brain function, but their synergic eﬀects contribute to brain health as a whole.
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Among all these factors a key role seems to be played by BDNF—as a PA eﬀect, this latter molecule is
produced in the periphery and can also cross the BBB. In addition, some BDNF is directly produced in
the brain due to the eﬀect of other molecules, some of which are similarly released in the periphery,
in a PA-dependent manner, and then cross the BBB, where they aﬀect the function of resident proteins
either at the transcriptional or the post-transcriptional level.
Notably, all these eﬀects also depend on the physical pre-exercise conditions of each person.
In this context, an additional issue arises from the actual diﬃculties of old people and patients
with neurodegeneration to perform voluntary exercise. Interestingly, a recent paper reported that
neuromuscular electrical stimulation (NMES) can increase BDNF and lactate serum concentration even
more than voluntary exercise, and might thus represent a solution for individuals who cannot engage
in high-intensity exercise or are even unable to perform any exercise at all [300].
It should also be considered that a signiﬁcant percentage of people with a sedentary,
computer-dependent lifestyle consider physical activity not only hard but also boring, and thus
lacks motivation to exercise. From this point of view, a challenging proposal was made in a recent
paper, in which the authors reported that a virtual reality-based exercise can be of help for people
who cannot and/or do not like to move [301]. Namely, they refer to a particular type of dual-task
video-games (exergames) that require, on behalf of the player, also a certain degree of movement, with
variable physical components. The authors suggest that exergames can be also useful for children with
impaired motor functions, for people who undergo rehabilitation, and for the elders [301]. Perhaps,
the possibility to perform PA in the context of a virtual game can help also in the case of children
and adolescents with intellectual disabilities (ID); it has been reported that children with moderate to
severe ID also suﬀer from low physical ﬁtness [302].
Notably, we are now aware that pharmacological therapies should be ideally shaped on individual
patients because of genetic and epigenetic diﬀerences aﬀecting responses to the drugs. When talking of
physical activity, tailoring prescriptions to individuals is even more diﬃcult since the ability to perform
exercise as well as the exercise outcomes likely depend on a wider set of genes (and their epigenetic
setting). For example, single nucleotide polymorphisms have been observed in a number of genes that
encode proteins involved in PA/ﬁtness relationship, such as, for example, the genes encoding BDNF and
the e4 allele of apolipoprotein apoE [56], or the genes encoding muscle proteins, such as actinin [303].
These considerations become much more stringent when we focus on the nervous system—every
brain is unique because of genetic and epigenetic peculiarities that accumulate throughout our lives,
as an eﬀect of learning and experiences that sculpt our mind [304].
Now, although these concepts are clear at the theoretical level, practical applications are still
in their infancy, even if rapidly progressing. In the future, animal models will certainly be helpful
to study correlations among speciﬁc genes and exercise outcomes. On the other hand, further
studies on humans will be helpful, provided that more homogeneous interventions and standardized
measurement methods are used to evaluate exercise-dependent modiﬁcations of key parameters.
Finally, as life expectancy is increasing all over the world, it is of the utmost importance for
all of us to maintain independence in the daily life activities and a sense of wellbeing as long as
possible. Since PA can clearly contribute in ameliorating physical ﬁtness as well as the mental status,
it should be a social and political task to promote the conditions that allow the realization of physical
exercise programs for the entire population, and especially for the elders and for children. In particular,
we suggest that both healthy people and patients are encouraged by physicians to perform physical
activity, underlining the higher impact and eﬃcacy of moderate and regular exercise, in comparison
with acute and heavy bouts of activity.
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