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Preface to “Identification and Characterization of
Genetic Components in Autism Spectrum Disorders
2020”

This textbook, The Identification of the Genetic Components of Autism Spectrum Disorders
2020, includes themes associated with autism spectrum disorders (ASD) and related conditions
divided into three sections (clinical, genetics, other) covering topics discussed in 2020. These
sections include: information on clinical description and phenotypic subtyping, causes, diagnosis,
treatment, and characterization of ASD and biomarker development related to neurodevelopmental
disorders; the overview of genetic, epigenetic, and environmental factors involved in ASD;
characterization of findings in autism based on genomics advanced laboratory testing and genetics
with bioinformatics and translational research and characterization of an emerging 15q11.2 BP1-BP2
deletion (Burnside-Butler) syndrome as a cause of autism and neurodevelopmental defects; and
other factors contributing to our understanding of causation of ASD, including proteomics and
metabolomics with approaches towards functional insights into autism.

This textbook includes nine chapters written by experts in the field of genetics, medical care
with treatment approaches and diagnosis, autism research and discovery with characterization, and
analysis of genetic and environmental factors. Of these, five chapters are dedicated to clinical
description, treatment, and characterization with relevant reviews of ASD and related conditions
or contributing factors; three chapters are dedicated to basic laboratory or translational research
with genetic data analysis and reviews regarding their contribution to ASD, as 90% of individuals
with autism may have a genetic component contributing to their clinical findings; and one chapter
describes proteomics and metabolic approaches contributing to ASD and biomarker discovery in
order to allow readers to acquire a better understanding and awareness of ASD.

This textbook should be a useful resource for scientists and clinical researchers, medical
geneticists, and physicians and clinicians in caring for and managing patients with the goal to
translate this information directly to the clinical setting for diagnosis, care, and treatment of patients
with ASD. Other healthcare providers and paraprofessionals should be interested, particularly those
engaged in teaching, research, care, and treatment, including students at all levels of training and
families regarding this important neurodevelopmental disorder which is on the rise in our society
and worldwide.

Ultimately, the team of healthcare professionals required to diagnose, treat and care for the
growing list of problems recognized or understudied in ASD may include psychiatrists, psychologists
and laboratory geneticists, clinical geneticists and genetic counselors, neurologists, special educators
and paraprofessionals, child life experts, developmental specialists and pediatricians, social workers,
nurses and nurse practitioners, occupational and physical therapists, as well as speech therapists
and pathologists; furthermore, public health experts and community activists will find this resource
helpful in recognizing features seen in autism and understanding and identifying casuses. Lastly,
this book can serve as a resource for students, parents, and other family members for better awareness

about the risks, features, and causes of autism as well as agencies providing care, information, resour-



ces, and services for those families with autism and/or related neurodevelopmental disorders.

Merlin G. Butler
Editor
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Abstract: Autism spectrum disorder (ASD) consists of a genetically heterogenous group of
neurobehavioral disorders characterized by impairment in three behavioral domains including
communication, social interaction, and stereotypic repetitive behaviors. ASD affects more than 1%
of children in Western societies, with diagnoses on the rise due to improved recognition, screening,
clinical assessment, and diagnostic testing. We reviewed the role of genetic and metabolic factors
which contribute to the causation of ASD with the use of new genetic technology. Up to 40 percent of
individuals with ASD are now diagnosed with genetic syndromes or have chromosomal abnormalities
including small DNA deletions or duplications, single gene conditions, or gene variants and metabolic
disturbances with mitochondrial dysfunction. Although the heritability estimate for ASD is between
70 and 90%, there is a lower molecular diagnostic yield than anticipated. A likely explanation may
relate to multifactorial causation with etiological heterogeneity and hundreds of genes involved
with a complex interplay between inheritance and environmental factors influenced by epigenetics
and capabilities to identify causative genes and their variants for ASD. Behavioral and psychiatric
correlates, diagnosis and genetic evaluation with testing are discussed along with psychiatric
treatment approaches and pharmacogenetics for selection of medication to treat challenging behaviors
or comorbidities commonly seen in ASD. We emphasize prioritizing treatment based on targeted
symptoms for individuals with ASD, as treatment will vary from patient to patient based on diagnosis,
comorbidities, causation, and symptom severity.

Keywords: autism; ASD; genetics; heterogeneity; syndromes; assessment; medications; treatment; causes

1. Introduction

Leo Kanner in 1943 [1] first introduced the term autism as a diagnostic label to define a specific
syndrome observed in young children manifested by early onset, characteristic symptomatology,
and disrupted social and emotional relationships. Since then, autism is now recognized as Autism
Spectrum Disorder (ASD), which is classified as a developmental disorder as defined in DSM-5
(Diagnostic and Statistical Manual of Mental Disorders, 5t Edition) by the American Psychiatric
Association [2] and the ICD-10 (International Classification of Diseases, 10" Revision) by the World
Health Organization [3]. Autism is characterized by significant impairment in social communication
and atypical repetitive and/or restrictive behaviors or interests, with an onset in the early developmental
period, prior to age 3 years. The American Academy of Pediatrics [4] recommends screening all infants
and toddlers to identify early signs of autism at 18 months and again at 24 months of age. Rating or
assessment scales that have been validated for both clinical and research purposes are helpful in
establishing the diagnosis of autism. These scales include the Autism Diagnostic Interview-Revised
(ADI-R) and the Autism Diagnostic Observation Schedule, Second Edition (ADOS-2) and should be
administered by trained specialists in conjunction with an evaluation of the child with consideration of
history and clinical presentation [5,6].

Int. ]. Mol. Sci. 2020, 21, 4726; d0i:10.3390/ijms21134726 1 www.mdpi.com/journal/ijms
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ASD affects between 1 to 2% of children in United States with a growing role for genetic factors
with etiological heterogeneity. ASD can be conceptualized as a behavioral syndrome rather than a
specific categorical mental disorder [7]. The concept of “syndromic autism” (ASD associated with
morphological signs or symptoms helpful in the identification of specific genetic disorders) stands
in contrast to “non-syndromic autism” (idiopathic ASD with no associated signs or symptoms).
Multiplex autism refers to those with a positive family history of other similarly affected individuals,
which highlights the heterogeneity of ASD [8,9].

Clinical and other health concerns that may be associated with ASD include intellectual disability
(ID), electroencephalogram (EEG) abnormalities with or without epilepsy, dysmorphic features,
and abnormal MRI findings [10,11]. About 10% of children with autism are reported to have
microcephaly [12,13], which may be associated with additional findings and a poor prognosis. On the
other hand, a large-appearing head size is common in children with autism along with increased brain
volumes, particularly in the frontal lobes, but with smaller occipital lobes [14-19]. Mutations of the
phosphatase and tensin homolog (PTEN) tumor suppressor gene were reported by Butler et al. [14] in
children with autism and extreme macrocephaly. Recent studies have shown that about 20% of genes
implicated in autism are also known cancer genes, thereby stimulating an interest in not only risks for
cancer development in individuals with ASD but whether chemotherapeutic agents could play a role
in treatment of autism [20].

Tordjman et al. [7] provided a comprehensive review of diverse genetic disorders associated
with autism and considered possible common underlying mechanisms leading to a similar
cognitive-behavioral phenotype of autism, while examining relevant genetics, syndromes, epigenetics,
and environmental factors. Despite the recognition of nearly 800 susceptibility, clinically relevant,
or known genes for autism spectrum disorder collated by Butler et al. [21] and characterized by
numerous etiological studies including relevant animal models [22], it appears that no cohesive model
of causation, biomarker [23], or specific mode of transmission for the development of autism has been
firmly identified [24].

The cause of ASD is heterogenous involving genetics with multiple different gene variants
and environmental influences triggering physiological changes in genetically sensitive individuals
along with in utero and metabolic factors including mitochondria dysfunction reported in 10 to 20%
of patients with ASD. Familial and heritability studies have shown that genetic factors contribute,
with estimates as high as 90% with tuberous sclerosis, fragile X, and Rett syndromes as examples of
single gene conditions found but accounting for less than 10% of all ASD cases [25-27]. A list of genetic
syndromes and chromosomal disorders associated with ASD is illustrated as Box 1 below.

Behavioral and psychiatric comorbidities are common in individuals on the autism spectrum,
and can have a substantial impact on overall health, quality of life, and long-term prognosis.
Approximately 30% of individuals with ASD require psychological and psychiatric treatments including
medication for behavioral problems including hyperactivity, impulsivity, inattention, aggression,
property destruction, self-injury, mood disorders, and psychotic or tic disorders [28,29], a major focus
of our report.
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Box 1. A List of Genetic Syndromes and Chromosome Findings where Autism is a Recognized Feature.

e  Adenylate succinase deficiency e  Myotonic dystrophy

e Angelman and Prader-Willi sygdromes (AS-maternal or Neurofibromatosis
PWS-paternal 15q11-q13 deletions)

e Apert syndrome e Noonan syndrome

e  15q11.2 BP1-BP2 microdeletion (Burnside-Butler) syndrome e  Oculo-auriculo-vertebral spectrum

e  CHARGE syndrome e Phelan-McDermid syndrome (22q13 deletion)

e  PTEN gene associated disorders with extreme
e Chromosome 15 duplications (maternal origin) macrocephaly
(Cowden/Bannayan-Riley-Ruvalcaba syndrome)

e  Chromosome 16p11.2 deletions e Rett syndrome (MECP2 gene)

e  Shprinzten/velo-cardio-facial/DiGeorge

. Cohen syndrome . (22q11 deletion)

e  De Lange syndrome . Smith-Lemli-Opitz syndrome

e Down syndrome . Smith-Magenis syndrome (17p11.2 deletion)

e Duchenne muscular dystrophy e  Sotos syndrome

e  Fragile X syndrome (FMR1 gene) e Tuberous sclerosis

e  Hypomelanosis of Ito . Turner syndrome

e Joubert syndrome e  Untreated or poorly treated phenylketonuria (PKU)
e Mitochondrial dysfunction e  Williams syndrome

e Moebius sequence

Modified from G.B. Schaefer and N.J. Mendelsohn, “Genetics evaluation for the etiologic diagnosis of autism spectrum disorders,”
Genetics in Medicine, vol. 10, pp 4-12, 2008 [25] and from M.G. Butler and others, “Assessment and treatment in autism spectrum
disorders: A focus on genetics and psychiatry”, Autism Research and Treatment, vol. 2012, 242537, 2012 [30].

2. Diagnosis and Genetics of ASD

ASD affects about 1 individual in 50-100 live births [31,32] and is on the increase with a higher
prevalence than reported for congenital brain malformations or Down syndrome. The recurrence rate
may be as high as 25-30% if a second child is also diagnosed with ASD in a family (i.e., multiplex)
compared with a sporadic pattern (simplex) form of ASD. High heritability estimates have been
reported in ASD, e.g., 70 to 90% concordance rate in monozygotic twins [33,34], indicating the potential
importance of genetics, but studies have not identified the anticipated number of pathogenic variants
to date. Those without a family history may be at a greater risk of copy number variants (CNVs) or
deletions/duplications at the chromosome level using chromosomal microarray analysis and DNA
probes for CNVs and comparative genomic hybridization [35]. Furthermore, 10% of the individuals
with autism from simplex families had CNVs, while only 3% of individuals with autism from multiplex
families with more than one family member affected showed CNVs, compared with 1% seen in normally
developing children studied as controls. The majority of CNVs were of the deletion type. Single gene
conditions are found in about 20% of subjects with ASD, while epigenetics impacted by environmental
factors such as nutrition, infections, or toxins could alter the gene status through methylation, controlling
function without changing the DNA sequence [27,36,37]. Genome-wide linkage and association studies
(GWAS) have identified hundreds of ASD risk gene loci in all human chromosomes.

Autism is considered the most heritable neurodevelopmental disorder based on a large difference in
concordance rates or heritability estimates between monozygotic and dizygotic twins with monozygotic
twins having rates that are nearly three times higher than rates found in dizygotic twins [38].
Furthermore, a meta-analysis of twin studies on the heritability of ASD in more than 6000 twin pairs
was reported by Tick et al. [39]. They found that correlations for monozygotic twins were very close
to perfect at a score of 0.98 while the score for dizygotic twins was 0.53, indicating a role of shared
environmental effects. Hallmayer et al. [38] concluded that susceptibility to ASD showed moderate
genetic heritability and substantially shared twin environmental components, indicating a challenge to
find genetic causation for autism.
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Genetic investigations have identified the role of hundreds of gene variants, but risk effects are
highly variable and relate to other conditions besides autism, making it difficult to find ASD-specific
gene variants [40-42]. Many gene variants do impact on common biological pathways or interactions
and may play a potential causative role in autism, but more research is needed to address the current
challenges in translating autism genetics into clinical practice as genetic etiology and pathogenesis of
ASD remain largely unclear [43-45].

Further advances made in genetic technology and testing with improved DNA sequencing
and development of bioinformatics with searchable computer genetic variant databases have led to
discoveries and characterization of genetic defects in the potential causation of ASD. Improvements
of chromosome microarray technology with combination of probes for both copy number variants
and single nucleotide polymorphisms (SNPs) have not only led to enhanced testing capabilities
in identifying segmental deletions and duplications in the genome, but also the identification of
pathogenic or disease-causing genes and their positions within chromosomal regions.

2.1. Genetic Factors Contributing to Autism

Advances in genetic testing and evaluation for syndromic causation of patients with ASD have
identified an etiology in up to 40%, using a three-tier clinical genetic approach described by Schaefer
and others in 2008 [25] and later in 2013 [34] to identify causes in children diagnosed with ASD.
These include fragile X, Rett, and other genetic syndromes, such as tuberous sclerosis (10-20%),
PTEN gene mutations (3%), and structural chromosomal deletions or duplications using early versions
of chromosomal microarrays (3%), and an additional 10% or higher when using high-resolution
microarray technology. Metabolic disorders such as mitochondrial dysfunctions are seen in 10 to 20%
of patients with ASD [32,34,46]. Children with ASD reported with microdeletions or duplications
involve chromosome regions 1q24.2, 2q37.3, 3p26.2, 4q34.2, 6q24.3, 7q35, 13q13.2-q22, 15q11-q13, 15q22,
16p11.2,17p11.2, 22q11, 2q13, and Xp22 [13] and additional cytogenetic disorders associated with ASD
are found with new ultra-high-resolution microarray technology (e.g., 15q11.2 BP1-BP2 deletions) [47].
Recent GWAS findings in ASD and broad autism phenotype in 28 extended pedigrees from Canada
and the United States showed additional chromosome regions including 1p36.22, 2p13.1, 6q27, 8q24.22,
9p21.3,9q31.2, 12p13.31, 16p13.2, and 18q21.1 [48].

These newer chromosomal SNP microarrays can identify abnormalities 100 times smaller than
can be seen with high-resolution chromosome methods including for ASD candidate genes. A report
by Shen et al. [26] on 933 patients with ASD using standard karyotype analysis, fragile X DNA testing,
and chromosomal microarrays found abnormal karyotypes in 2.2%, abnormal fragile X testing in 0.5%,
and microdeletions or microduplications in 18.2% of subjects. These included recurrent deletions or
duplications of chromosome 16p11.2 [49] and for chromosome 15q13.2q-13.3, while new studies found
chromosome 7q11, chromosome 15q11.2 BP1-BP2, and chromosome 22q11.2 [50].

Whole-exome sequencing (WES) have identified yields of up to 30% [51] but other studies show
lower results (e.g., 9.3%) in individuals with ASD [52]. The vast majority of gene variants are of
uncertain clinical significance due in part to the rarity found in genomic normative datasets and
limitations of bioinformatics, evolutionary conservation, computational predictions, and relevance in
relationship to the normal population. Likely explanations for the lack of consistency among molecular
diagnostic testing results may relate to multifactorial causation of ASD influenced by a complex
interplay between inheritance and environmental effects along with contributions by epigenetics on
gene expression. Despite considerable interest in identifying autism-specific genes, deleterious variants
have been implicated across multiple neurodevelopmental and psychiatric disorders but insufficient to
date in identifying those genes that, when mutated, confer a largely ASD-specific risk [42].

An early genome-wide association study (GWAS) on 4300 affected children with ASD reported
by Wang et al. [53] and 6500 controls of European ancestry found a strong association with six
single nucleotide polymorphisms (SNPs) located between cadherin 10 (CDH10) and cadherin
9 (CDHY) genes located on chromosome 5 encoding neuronal cell-adhesion molecules. Since then,
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over 100 genetic loci have been reported to be associated with ASD [54,55], comprising genes converging
on chromatin-remodeling, synaptic function in neuronal signaling, and neurodevelopment [56,57].
Furthermore, Butler et al. [21] collated about 800 genes from the literature that were implicated as
clinically relevant, susceptible, or known in ASD. These multiple genes include several members
of the neuroligin, neurexin, GABA receptor, cadherin, and SHANK gene families. Other genes
were found to code for neurotransmitters and their receptors, transporters, oncogenes, brain-derived
hormones, epigenetics, and signaling and ubiquitin pathway proteins, along with neuronal cell-adhesion
molecules [21,58-61].

2.2. Metabolic Factors Contributing to Autism

Metabolic factors are now recognized as contributing to autism including the mitochondria.
Next-generation DNA sequencing now allows for accurate detection of mutations or gene variants at the
nuclear and mitochondrial DNA (mtDNA) level and is potentially more informative than chromosomal
microarray analysis involved in structural DNA changes. This technology is now available in the
clinical setting for individuals presenting with biochemical and mitochondrial disturbances and
autism [21,62]. Three functional pathways to ASD are potentially involved, which include genes and
pathways for chromatin remodeling, (e.g., CHD7, MECP2, DNMT3A, and PHF2), Wnt (e.g., CHDS,
PAX5, and ATRX), and other signaling super-pathways (e.g., GPCR, ERK, RET, and AKT) [50,51] and
mitochondrial dysfunction in ASD (e.g., [62]). High lactate levels are also reported in about one in five
children with ASD, further supporting the role of the mitochondria in energy metabolism and brain
development [32,46,62].

The mitochondria are intracellular organelles found in the cytoplasm which play a crucial role
in adenosine 5'-triphosphate (ATP) production through oxidative phosphorylation [62-66], the latter
process carried out by the electron transport chain made up of Complexes I, I, III, and IV situated
in the inner membrane of the mitochondria containing about 100 proteins. Genes that encode the
proteins are located in both nuclear and mitochondrial DNA [65-67] and are required for cellular energy
that can impact or influence brain development and activity. There are hundreds of nuclear genes
involved in mitochondrial function, while only 13 mitochondrial genes code for protein. Mitochondrial
disturbances include a depletion type, or reduced number of mitochondria per cell, with a decreased
quantity of mtDNA, or mtDNA mutations producing defects in biochemical reactions within the
mitochondria and individual cells [32,46,65,68].

A subset of individuals with ASD can have small mitochondrial DNA deletions/duplications
detectable with mitochondrial genome microarrays. Human mitochondrial DNA (mtDNA) is a circular,
double-stranded DNA molecule contained within the mitochondrion and inherited solely from the
mother. Each mitochondrion contains 2-10 mtDNA copies. In humans, 100-10,000 separate copies of
mtDNA are usually present per cell [63-65]. Inborn errors of metabolism may contribute significantly
to the causation of ASD with enzyme deficiencies leading to an accumulation of substances that
can cause toxic effects on the developing brain. A common example is phenylketonuria, leading to
excessive phenylalanine levels, intellectual disability, and ASD, if not diet controlled.

3. Clinical Assessment and Testing

3.1. Initial Clinical Evaluation

A healthcare professional interviews the parent or caregiver regarding presenting problems,
reviews a three-generation family history, developmental milestones, and abnormal behaviors of the
child, medical and surgical history, and any past or current treatments. The diagnostic evaluation is
typically performed by a developmental pediatrician or a child and adolescent psychiatrist. Physical
and mental status examinations are performed, and additional testing ordered, as appropriate. If a
positive family history for autism is found or dysmorphic (syndromic) features, then a referral is
made for clinical genetics’ evaluation. Laboratory evaluations may include genetic testing, lead levels,
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thyroid function, lactate, pyruvate and cholesterol levels, and urine for organic acids. Referrals are
made for neurological evaluations and brain imaging when clinically indicated.

3.2. High-Resolution Microarrays and ASD

Genetic testing often begins with chromosomal microarray analysis (CMA) to identify copy
number variants (CNVs) to search for a cause of autism spectrum disorder and other related conditions.
Microarrays employ a variety of designs and range of coverage of genomic regions, which increases the
diagnostic yield as arrays have evolved over time to include better coverage and accuracy. Often the
CNVs identified are unclassified or poorly understood in their role in causation of ASD.

Neurodevelopmental disorders can cumulatively affect up to 15% of children [69]. While the
etiology of ASD is complex, it involves genetic factors with 800 genes recognized, accounting for 4% of
all human genes that are implicated in ASD [21]. Single gene changes, large genomic structural changes
(i.e., deletions or duplications), or smaller CNVs and other polygenic conditions can be influenced by
the environment and epigenetic factors [70,71]. Genetic testing to pinpoint the underlying cause of
ASD is critical for clinical management and counseling. Further, chromosomal microarray analysis has
demonstrated the highest diagnostic yield for individuals with ASD as compared to other genetic tests
as well as in individuals with ID and/ or behavioral problems, including in developing countries.

High-resolution microarrays now utilize millions of single nucleotide polymorphisms (SNPs)
as probes to test the DNA from patients presenting with neurodevelopmental disorders, intellectual
disabilities, and ASD. These SNP microarrays are used to identify microdeletions (or duplications) with
recognition of dozens of a growing list of deletion or duplication syndromes not previously detected.
For example, a study of custom-made, ultra-high-resolution microarrays reported by Ho et al. [47]
in 2016 were optimized for the detection of neurodevelopmental disorders (Lineagen, Salt Lake City,
Utah) on 10,351 patients presenting for genetic services for neurodevelopmental disorders, ASD, ID,
behavioral problems, or with or without multiple congenital anomalies (MCA) over a period of four
years. Their testing sample had a male:female ratio of 2.5:1 with a mean age of 7 years. Fifty-five percent
of cases represented patients with a diagnosis of ASD with or without other features. The overall CNV
detection rate of 28.1% was seen in 10,351 consecutive patients and 24.4% in those with ASD along with
33% in those with intellectual disabilities and/or MCA without autism. The rate of pathogenic findings
was significantly lower (4.4%) when the diagnostic indication was ASD only compared to diagnostic
indications of DD/ID/MCA without a reported diagnosis of ASD (i.e., non-ASD cohort) (12.5%).

In the ASD cohort, the overall pathogenic rate was slightly higher for individuals with ASD+
as compared to the overall pathogenic rate for individuals with ASD only. The pathogenic rate in
the ASD+ cohort started at 4.1% in the youngest group and rose to 8.5% in the 5.5-10 years range.
The pathogenic rate in the ASD only cohort rose gradually with age, from 3.4% in the youngest cohort
(0-3.4 years) to a peak at 7.0% in adolescence. In 5694 patients classified as ASD and 4657 patients
with non-ASD, the most common findings were 15q11. 2 BP1-BP2 deletions followed by proximal
16p11.2 deletions or duplications, 15q13.3 deletions, and 16p13.1 duplications (see Figure 1). The most
common finding in the non-ASD cohort was the 22q11.2 deletion causing velo-cardio-facial or DiGeorge
syndrome. This study illustrates the value of CMA testing and its impact on medical management is
now recognized in consensus medical guidelines for the evaluation of children with ASD.

3.3. Next-Generation Sequencing (NGS)

Advances in genomics technology using next-generation sequencing (NGS) have led to discovery
of many disease-causing genes using candidate gene approaches, disease-specific gene panels, or by
whole-exome sequencing of patients presenting with neurodevelopmental disorders, intellectual
disabilities, or ASD. Applying genomics to the study of neurodevelopment and function has identified
over 5000 implicated genes using clinical exome sequencing approaches and informatics in affected
individuals. In addition, disease-specific NGS gene testing panels have been developed and used
in the commercial laboratory setting for testing patients presenting for genetic services, including
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approximately 600 genes for intellectual disabilities and over 100 genes available for testing for ASD
(e.g., Fulgent Diagnostics, Irvine, California).
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Figure 1. Pie chart showing the top 10 out of 85 genetic findings from data summarized by Ho et al. [47]
using ultra-high-resolution chromosomal microarrays from over 10,000 consecutive patients presenting
for genetic testing with neurodevelopmental disorders affecting brain function and/or structure of
unknown cause with developmental/intellectual disabilities and/or ASD.

These types of analyses have identified pathogenic gene variants or mutations which are known
to be disease-causing such as missense or nonsense, but more often variants of unknown clinical
significance are found. More testing and information with better interpretations of the genomic change
and impact at the protein level are needed to help determine the role, if any, of the unknown gene
variants in causing the disease under study including for ASD. Hundreds of new causative genes
relating to human diseases and syndromes have been identified with the use of NGS technology
over the past few years, with expectations of continued success given improvements in genetic
technology, bioinformatics, and expanded genomic databases to search for gene variants and in further
characterizing identified genes.

Next generation DNA sequencing of the exons (referred to as exome sequencing) or whole-genome
sequencing will continue to find new discoveries of disease-causing SNPs, gene regulatory sequences,
or mutations of protein-coding genes for both structural and regulatory proteins. Identifying molecular
signatures of novel or disturbed gene or exon expression, disease-specific profiles and patterns
(i.e., expression heat maps), and recognition of interconnected gene pathways in autism and other
behavioral disorders in the future by using readily available blood elements (e.g., lymphoblasts) should
hold promise for treatments with pharmacological agents by regulating (either increasing or decreasing)
activity of normal (or abnormal) gene function. The study of non-coding RNAs, which control the
amount or quantity of gene expression coding for protein production through micro-RNAs and
the quality of protein production by specific isoform development by sno-RNAs, will lead to new
areas of research and medical therapies for human diseases. Therefore, this technology should be
considered in the diagnostic evaluation of ASD, either sporadic or with a positive family history of
others similarly affected.
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Butler et al. [21] searched the literature and found approximately 800 genes implicated in autism
in the literature as clinically significant, relevant, or known to contribute to the risk of ASD. Recent
research revealed that ASD and cancer genes may share common genetic architecture and pathways
with the first evidence of the PTEN tumor-suppressor gene playing a role in autism in 2005 [14].
Hence, approximately 800 ASD-related genes and 3500 genes in cancer were examined using the
GeneAnalytics pathways and profiling software programs and found shared cell-signaling pathways,
metabolic disturbances, and molecular functions in 138, or 17%, of ASD genes that overlap with cancer
genes [20]. Shared mechanisms may lead to identification of common pathology and a better molecular
understanding of causation as well as potential treatment options.

4. Treatment Approaches
4.1. Behavioral Interventions in ASD

4.1.1. For Children and Adolescents with ASD

Weitlauf et al. [72] reviewed 65 studies, comprising 48 randomized trials and 17 nonrandomized
comparative studies, that analyzed the benefit of behavioral interventions. High-intensity applied
behavior analysis (ABA) was associated with improvement in cognitive functioning and language skills
relative to community controls in young children [73]. Early intensive behavioral intervention (EIBI) is
a well-established treatment for young children with ASD and is based on the principles of applied
behavior analysis. Delivered over a period of several years at an average of 20 to 40 hours per week,
it can provide substantial benefit for core ASD symptoms, particularly in terms of communication
skills [74]. Social skills” interventions including group administered training showed positive effects
on social behaviors for older children [75].

4.1.2. For Adults with ASD

National Institute for Health and Care Excellence (NICE) recommended guidelines for management
and support of children and young people with autism using group or individual social learning
programs to improve social interaction deficits by applying behavioral therapy techniques within a social
learning framework. These include using video modeling, peer feedback, imitation, and reinforcement
to teach conventions of appropriate social interpersonal interaction [76]. There is evidence from
observational studies in adults with ASD that social skills” groups may be effective at improving
social interaction [77]. CBT can help adults with ASD across a range of domains, particularly in the
context of treating anxiety and OCD, and supporting adults who have difficulties related to a history
of victimization [78].

4.2. Medication Treatments in ASD

Psychopharmacological treatment of ASD is challenging due to considerable variability in the
presentation of ASD and commonly occurring comorbidities. Individuals with ASD are typically more
vulnerable to side effects of psychopharmacological agents than their age-matched, neuro-typically
developing peers [79]. Finally, ASD impacts individuals over the course of their lifespan and most of
the literature on psychotropic medications in ASD involves pediatric populations.

A psychopharmacological approach may be beneficial in the treatment of identified target
symptoms in individuals with ASD. When considering the use of medications, potential benefits and
risks must be weighed on a case-by-case basis. It has been reported that close to half of insured children
with ASD are receiving psychopharmacological interventions, most commonly with stimulants, alpha-2
agonists, antipsychotics, anticonvulsants, and antidepressants [80].

Currently, there are no medications approved for treatment of the core symptoms of ASD
including social communication deficits or repetitive behaviors. Common target symptoms for
which there are effective, evidence-based medication treatment include hyperactivity, inattention,



Int. . Mol. Sci. 2020, 21, 4726

impulsivity, irritability, aggression, self-injurious behavior, repetitive behaviors (including stereotypies),
and insomnia [81]. For the treatment of irritability associated with ASD, the antipsychotics risperidone
and aripiprazole are licensed and approved by the US Food and Drug Administration [82].

4.2.1. For the Treatment of ADHD Symptoms in ASD

Stimulant medications are considered first line agents for attention deficit hyperactivity disorder
(ADHD) in individuals with ASD, given that overall they are most often effective and generally
well tolerated compared to other ADHD medications. The RUPP research team [83] and later
Reichow et al. [84] demonstrated a clear superiority of methylphenidate over placebo in children
with pervasive developmental disorder. However, those with ASD had a greater risk of side effects
with methylphenidate including decreased appetite, insomnia, depressive symptoms, irritability,
higher levels of social withdrawal, and lower treatment response rates compared to youth with ADHD
alone. It should be noted that stimulant medications for ADHD in the amphetamine class are often
used in children with ASD but have not been as rigorously studied.

Regarding non-stimulant medications for ADHD in ASD, both atomoxetine and alpha-2 agonists
have shown benefit. Harfterkamp et al. [85], in a double-blind treatment trial of patients age 6
to 17 years with ADHD and ASD using atomoxetine 1.2 mg/kg/day or placebo for eight weeks,
found that atomoxetine moderately improved ADHD symptoms, but with frequent adverse events
including nausea, decreased appetite, fatigue, and early morning awakening. The alpha-2 agonist
guanfacine has been shown to be effective for ADHD in children with ASD demonstrated by a
double-blind, placebo-controlled trial of guanfacine extended release in which 50% of youth on active
treatment improved on the Clinical Global Impression-Improvement (CGI-I) scale [86], compared to
9.4% on placebo [87], with sedation and transient lowering of blood pressure as the most common
adverse effects.

4.2.2. For the Treatment of Irritability, Aggression, and Self-Injurious Behavior in ASD

Atypical antipsychotics compared to other medications have to date demonstrated the best
evidence for the treatment of irritability in ASD. Risperidone in youth age 5 to 16 years with ASD [88]
in three randomized, placebo-controlled trials showed an over 50% reduction in the irritability score of
the Aberrant Behavior Checklist (ABC-I) irritability scale [89] and the magnitude of the response was
greater when irritability was rated as moderate to severe [90].

Aripiprazole, the second antipsychotic approved by the FDA for the treatment of irritability
associated with autism (in children between the age of 6 and 17 years), demonstrated significantly
lower severity scores on the ABC-I and the CGI-I scales for subjects on active medication compared to
placebo in two large-scale, randomized, placebo-controlled studies. Unfortunately, weight gain is a
common side effect of antipsychotics, and increases in body mass index have been shown to be similar
for aripiprazole and risperidone in children with ASD [91].

Anticonvulsant medications divalproex and topiramate have shown some promise for treating
irritability in ASD. Divalproex was beneficial in reducing irritability in a small, randomized,
placebo-controlled trial of children with ASD [92]. However, an earlier trial failed to show separation
from placebo on the ABC-I [93]. Topiramate as monotherapy has no demonstrated benefit in
the treatment of irritability in youth with ASD [94]; however, it reduced the ABC-I score when
co-administered at an average daily dose of 200 mg with risperidone [95]. It is hypothesized that,
as EEG abnormalities are common in children with ASD, symptom reduction with anticonvulsants
may result from treatment of abnormal brain discharges [96].

4.2.3. For the Treatment of Repetitive Behaviors Including Stereotypies in ASD

Fluoxetine has been shown to improve repetitive behaviours in adults with ASD [97]; however,
benefit has not been reliably demonstrated in pediatric populations. In fact, the Cochrane Collaboration
published a systematic review [98], which concluded that for repetitive behaviors in children with ASD
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there is not only a lack of available evidence of benefit from treatment with selective serotonin reuptake
inhibitors (SSRIs) including fluoxetine, fluvoxamine, and citalopram, but some evidence for risk of
harm, given a greater incidence of adverse effects, most notably symptoms of behavioral activation.

4.2.4. For the Treatment of Persistent Insomnia in ASD

Exogenous melatonin, (available as an over-the-counter supplement) in both immediate-release
and extended-release formulations, has been shown to be safe and effective in improving sleep patterns
in children with ASD [99]. Some evidence suggests that children with ASD have abnormal melatonin
secretion and circadian rhythm abnormalities compared to non-ASD children [100]. Clonidine
(an alpha-2 agonist) has shown promise in reducing latency of sleep initiation and decreasing nighttime
awakening in ASD [101].

4.3. Pharmacogenetics and Role in Medication Selection and Management

Personalized or precision medicine is emerging in clinical practice based on individual genetic
patterns contributing to pharmacogenetics, particularly in the field of psychiatry and treating individuals
with ASD [102-105] with behavior issues including ADHD, irritability, aggression and self-injury,
repetitive behaviors, and persistent insomnia addressed above. Pharmacogenetics is a study of
structural DNA variation that impacts drug metabolism [106,107] and most often based on the
cytochrome P450 enzyme system, primarily active in the liver and coded by genes. Cytochrome P450
enzymes metabolize or break down drugs in the liver with most prescription drugs metabolized by
this enzyme system and, thus, play a significant role in the treatment of diseases [107,108]. Variation
in drug response among individuals due to metabolism differences is now recognized as a major
clinical problem, especially given that the use of several medications per patient is common practice.
Relevant cytochrome P450 gene polymorphisms and different racial distributions can identify sources
of variability in drug response by the modulation of metabolism by the cytochrome P450 enzymes
impacting treatment in ASD.

There are over 50 cytochrome P450 hepatic enzymes that are primarily found in the
mitochondria [102-105]. These enzymes metabolize endogenous and xenobiotic substrates including
environmental pollutants and agricultural and plant-based chemicals and are involved in biosynthesis
and metabolism of steroids, vitamins, hormones, lipids, and prostaglandins. About 90% of all drugs are
metabolized by seven different cytochrome enzymes including CYP1A2, CYP3A4, CYP3A5, CYPC19,
CYP2D6, CYP2C9 and CYP2B6 [106,109-111]. The most commonly prescribed medications used in
treating patients with psychiatric problems and ASD are broken down by CYP2D6 [102-105]. It should
also be noted that many drugs are also metabolized by more than one cytochrome P450 enzyme and
in addition some drugs (e.g., risperidone) require break down to generate an active metabolite or
functional agent for treatment.

There is growing evidence that cytochrome P450 enzymes may be altered by the environment in
the form of inhibitors or inducers as well as impacting drug-drug interactions. Known inhibitors or
inducers may include common sources such as caffeine, grapefruit, broccoli, cabbage, or cauliflower
by impacting the individual enzyme activity. For example, if an individual has a reduced form of a
cytochrome P450 enzyme, then an inducer may increase the enzyme response in breaking down the
drug to help that person in metabolizing a specific medication and, thus, impact response to treatment.

Drug-drug interactions and their concentrations and half-life along with response to inhibitors
and/or inducers can all impact medication levels and treatment in the patient. It should also be noted
that individuals who are either fast or slow metabolizers based on their microsomal P450 enzyme
system genotype patterns may respond differently to specific medications and put them at risk for
either failure of drug therapy and/or adverse side effects. Similarly, a better understanding of the
metabolic differences that occur with age will further impact on drug dosage and selection of specific
therapeutic agents. Therefore, personalized medicine requires the development of resources for
clinicians including pharmacogenetic dosing guidelines for medications, as 25 to 50% of individuals
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do not respond normally to drug dosage or treatment, and this scenario also applies to those with
ASD [102].

Applying this knowledge from pharmacogenomics and identifying genes and polymorphisms
involved in drug metabolism will benefit patients treated for psychiatric and behavioral problems.
The discovery of new classes of drugs and research on existing drugs for new purposes to treat
behavioral problems in patients with ASD are under investigation including clinical trials (e.g., in fragile
X syndrome), holding promise for improved therapy. In addition, the discoveries made in brain
imaging such as functional MRI or PET scans in identifying regions of the brain that are affected in ASD
should allow for new treatment discoveries and applications specific for the altered regions identified.

5. Future Directions

Advances and application of genomic testing technology, bioinformatic approaches,
and computational predictions will strengthen genetic testing results and interpretations as more
experience is gained in testing patients presenting for clinical services and diagnosis [112-114].
Increased number of next-generation sequencing (NGS) or whole-exome sequencing (WES) studies in
ASD of individuals from different ethnic backgrounds will be required to gain ASD-specific genomic
information from datasets of both sexes when compared to the normal population. These contributions
should allow a better understanding of the role of genetics, genomics, epigenetics, and specific
candidate genes and their variants, along with environmental factors playing a role in ASD in
relationship to multifactorial influences in family studies [38,112,114,115]. Confounding effects
of clinical heterogeneity and diagnostic uncertainty are other complicating issues needing further
characterization and evaluation to gain more experience in clinical assessment, genetics, and treatment
approaches in autism spectrum disorder.

In addition, research with brain and tissue harvested and stored for structural DNA and RNA
expression studies are needed on individuals with ASD having data from cognitive, behavioral, and ASD
assessment tools and neuroimaging results while living. Coding and non-coding expression patterns
and epigenetic (methylation) signals supplemented with WES and CNV data would be beneficial for a
better understanding of the role of genetics in ASD, particularly with larger cohorts of individuals
having similar genetic backgrounds, patterns, and ethnicity to identify large-effect pathogenic variants
for facilitating genotype—phenotype correlations and allow comparisons. The biological processes,
molecular functions with gene-interactions, and pathways that are more autism-specific may be
identified through these analytical genetic studies. Currently, there are no molecular pathways
known to be uniquely associated with ASD when disturbed. Some gene variants are more related
to neurodevelopmental disorders and not specific for autism. Classification of gene variants that
specifically cause ASD alone and not attributable to other neurodevelopmental or psychiatric disorders
are under investigation as rare, large-effect mutations seen in ASD also influence cognition in a high
proportion of individuals, complicating the degree of impact on the ASD phenotype vs. impact on
cognitive function [42]. Certain neurodevelopmental gene variants may also impact gene function
differently including neural circuits depending on an individual’s genetic background differences.

Particular class of variants such as missense or nonsense changes may confer different effects at
the protein level. Individual gene variants coding for specific amino acids may impact more important
protein regions or domains with certain characteristics at specific amino acid positions, conferring
mild consequences, while other amino acid positions may be more important for protein function.
These areas of gene variant(s)-protein relationships will require more studies in ASD in the future using
improved genetic technology, data collection, and analysis with genotype—phenotype correlations.

Brain tissue regions most often affected in ASD (e.g., hippocampus, cerebellum, etc.) may yield
useful information if studied in those persons with documented autism, particularly with stored clinical
and imaging data with CNVs and gene variants combined with expression patterns and methylation
status in relationship to control subjects who are similarly studied. Mosaicism/tissue-specific gene
expression should be considered and further studied in view of more males than females affected with
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ASD, particularly X-linked genes. Additionally, hormonal-mediated gender influences or differential
expression in the brain should be examined for dysregulation in ASD including methylation status of
brain-expressed genes on the X chromosome and interaction with autosomal genes (e.g., X-linked FMR1
gene causing fragile X syndrome [116] and CYFIP1 gene at 15q11.2 involved with coding transporter
for FMR1 protein [117]). These investigations will require more specialized methods with increased
sensitivity such as droplet digital PCR [118].

6. Summary

On behalf of individuals living with ASD and their families and for the benefit of society as a
whole, increased awareness and knowledge regarding autism spectrum disorder and commonly related
neurobehavioral conditions with contribution of genetic differences are imperative for healthcare
professionals who provide evaluation and treatment services for ASD. Early recognition, diagnosis,
and treatment should increase the likelihood that affected individuals will achieve optimal long-term
outcomes and improved quality of life. Genetic and epigenetic discoveries underlying causes, as well
as factors impacting treatment, such as pharmacogenetic variability, have the potential to improve
the overall health of individuals with ASD. Additional clinical research to improve the evidence base
for various treatment interventions for ASD with related behavioral and psychiatric challenges is
desperately needed.
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Abstract: Autism spectrum disorders (ASDs) are neurodevelopmental disorders characterized by
behavioral alterations and currently affect about 1% of children. Significant genetic factors and
mechanisms underline the causation of ASD. Indeed, many affected individuals are diagnosed
with chromosomal abnormalities, submicroscopic deletions or duplications, single-gene disorders
or variants. However, a range of metabolic abnormalities has been highlighted in many
patients, by identifying biofluid metabolome and proteome profiles potentially usable as ASD
biomarkers. Indeed, next-generation sequencing and other omics platforms, including proteomics
and metabolomics, have uncovered early age disease biomarkers which may lead to novel diagnostic
tools and treatment targets that may vary from patient to patient depending on the specific genomic
and other omics findings. The progressive identification of new proteins and metabolites acting as
biomarker candidates, combined with patient genetic and clinical data and environmental factors,
including microbiota, would bring us towards advanced clinical decision support systems (CDSSs)
assisted by machine learning models for advanced ASD-personalized medicine. Herein, we will
discuss novel computational solutions to evaluate new proteome and metabolome ASD biomarker
candidates, in terms of their recurrence in the reviewed literature and laboratory medicine feasibility.
Moreover, the way to exploit CDSS, performed by artificial intelligence, is presented as an effective
tool to integrate omics data to electronic health/medical records (EHR/EMR), hopefully acting as
added value in the near future for the clinical management of ASD.
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1. Introduction

Autism spectrum disorders (ASDs) are a complex set of neurodevelopmental diseases,
behaviourally diagnosed, that affect several spheres of mental development. They represent a
panel of conditions that begin during the developmental period and result in impairments of personal,
social, academic or occupational functioning (Figure 1) [1-3].
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Figure 1. Neuropsychiatric features of autism spectrum disorder (ASD). ASD is characterized by
impairments in social interaction, difficulty in adapting behaviour in various social contexts, or lack of
interest in peers; communication problems, such as difficulty making eye contact, facial expressions,
body postures, and difficulty understanding or using the gestures that regulate interaction with
others; and restricted or repetitive behaviours, such as rituals that are conducted with a rigid manner
or movements.

Comorbidity with intellectual disabilities, impaired motor coordination and gastrointestinal (GI)
disorders are also often present [3,4]. An incidence of ASD of 1 in every 60 subjects is estimated in the
United States, with a fourfold frequency for males with respect to females [5-7]. Clinical manifestations
typically occur in the 2nd-3rd year of life, usually persist in adulthood, and influence various aspects
of mental development [8]. The exact etiopathogenesis of ASDs is not yet well known but many studies
have investigated both genetic and environmental factors [9,10]. In particular, gene inheritance has been
found in around 60% [11,12] or 80% [13] of cases with significant heterogeneity concerning the genetic
factors actually involved in ASD onset [14,15]. In a review of the literature, Higdon R. et al. found
that many ASD patients have recurrent de novo disruptive mutations particularly affecting specific
protein targets such as chromodomain helicase DNA binding protein 8 (CHDS), activity-dependent
neuroprotector homeobox (ADNP), dual-specificity tyrosine phosphorylation-regulated kinase 1A
(DYRK1A), and phosphatase and tensin homolog (PTEN). In particular, subjects with PTEN mutations
showed abnormal brain white matter volumes in addition to autism symptoms; subjects with CHDS8
mutations carried chronic GI complications, distinct facial dysmorphology and macrocephaly; those
with DYRK1A mutations had a higher probability of microencephaly and early growth difficulties
compared to healthy subjects; and patients carrying an ADNP-disruptive mutation were characterized
by intellectual disability and dysmorphic features [16]. Interestingly, a recent study directed by Risch
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and his group found that ASD siblings showed a risk increment of 10.1% to develop ASD, compared
to control siblings, hence confirming a genetic predisposition in the familial recurrence of ASD [10].
Additionally, oxidative stress, inflammation, mitochondrial dysfunction, and immune dysregulation,
associated with changes in protein and metabolites pathways, have been reported in the literature in
many ASD studies [17-19].

However, it is also well established that several factors involving the pre-, perinatal, or postnatal
environment are associated with amplified risk of ASD [20] (Figure 2). Amongst these, the main factors
of maternal infections, stress, and diabetes, also in addition to exposure to pesticides, air pollution,
dietary habits, infections, inflammatory conditions, and consumption of antibiotics during pregnancy,
which together make up the so-called exposome, combine to increase the ASD risk [21,22]. Indeed,
environmental factors can influence genetic vulnerability [23] by modifying the development of
neuronal circuits [24]. These alterations are heterogeneous and this can contribute to determining the
complexity of the disorder in terms of neurobiology, symptomatology, and etiology [25]. In particular,
GI comorbidity associated with an alteration in the microbiota composition is frequently reported in ASD
groups. [21,26]. Indeed, many studies have investigated the association between autism severity and GI,
showing positive correlations [26-30]. The increased presence of irritability [31], anxiety and affective
disorders [3,32], dysregulation and externalizing problems [33], rigid/compulsive behaviors [34,35],
increased sensory sensitivity [36], and sleep problems [33,37] have been reported in ASD subjects
with concurrent GI symptoms compared to ASD subjects without. Significant GI symptoms are
associated with chronic abdominal pain [3,4,26,33,38,39], chronic constipation [3,4,26,39,40], chronic
diarrhea [3,39,41], and gastroesophageal reflux [26,38,42]. The existence of a complex bidirectional
interaction between the central nervous system and the GI tract is currently more than a hypothesis
and primarily involves the impact of ecology and function of the microbiota [43].

Targeted-metagenomics studies on the ecology of the microbiota, performed using next-generation
sequencing (NGS), have revealed that specific signatures, such as Prevotella, Enterococcus, Lactobacillus,
Ruminococcus, Faecalibacterium prausnitzii, Sutterella, and Bifidobacterium, are overrepresented in
children with ASD compared to healthy controls [28,44—46]. Furthermore, metabolomics studies
evidenced an involvement of the microbiota in the production of molecules, such as tryptophan,
inflammatory cytokines, or cortisol, which exert a role in ASD disorders and Gl-related symptoms,
as recently reported by our group [47]. Therefore, an approach to the investigation of ASD based
on omics or meta-omics disciplines is becoming crucial for both disease phenotype stratification and
biomarker discovery. Given the large amount of data (i.e., big data) produced by a single omics or
meta-omics discipline, an untargeted evaluation of data may provide substantial new models to properly
stratify a multifactorial disease such as ASD, considering both host and microbiome profiling and
producing integrated models to co-represent genomics/metagenomics, metabolomics/metametabolomics,
and proteomics/metaproteomics profiling of the disease.

In particular, transcriptomics and proteomics may improve the existing gene models by profiling
molecular phenotypes at transcriptionally active regions of the genome (the transcriptome) and protein
abundance (the proteome) levels. Besides a proteomics profiling, post-translational modifications and
protein—protein interactions can contribute to providing further specific information on pathways and
molecular networks. Furthermore, metabolomics may provide information on the modulation of the
host and microbiota metabolism. As previously reported, the diagnosis of ASD depends on clinical
observation and procedures to evaluate behavioral, historical, and parent-report information [48].
These tools may involve a significant degree of host variability; hence, detecting metabolomics
biomarkers may contribute to the advance of the diagnostics and clinical management of ASD, and may
provide new biomarkers that could be used to improve the outcome of individualized interventions as
personalized medicine tools.
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Figure 2. Risk factors associated with ASD: ASD is a multifactorial condition characterized by genetic
and environmental factors, including prenatal and postnatal factors that increase the risk of disease.
Among the main factors, genetic predisposition, parents’ age, and exposures during pregnancy to
air pollutants have been associated with poor cognitive outcomes in the perinatal age. Moreover,
delivery complications or postpartum haemorrhage might also increase the risk of ASD. All these
factors, globally constituting the exposome, may contribute to ASD, hence hampering the search for
single biomarkers of the disease.

Given the growing interest in identifying new functional traits of the disease and novel biomarkers,
big data obtained by metabolomics and proteomics approaches from blood, urine or saliva specimens
should be collected and stored in open source digital biobanks available to omics scientists and
clinicians for deep phenotyping. This system biology-based approach will allow multidimensional
data to be integrated at cellular, tissue and organ organization levels, providing computational
chemometric models concurring in the understanding of the pathophysiological mechanisms of
diseases (i.e., onset and progression) [49]. In this paper, we introduce a new analysis of the data
(i.e., ontology enrichment of protein and metabolites), based on the category “Biological Process” to
highlight new possible biomarkers and metabolic pathways that could open new avenues to the study
of ASD disease biomarkers based on proteomics and metabolomics. Moreover, novel biomarkers
are discussed in terms of their added value in clinical decision support systems (CDSS), approached
by artificial intelligence (AI), that represent a new way to integrate omics, multi-omics data and
health/medical records (EHR/EMR). This may represent a novel tool to assist clinicians in the near
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future to approach ASD phenotype stratification and hopefully to disentangle the complexity of this
disease due to multifactorial components.

2. Methods

2.1. Search Strategy

We conducted a review of the literature to evaluate the role of the proteomics and metabolomics
disciplines, and data for disease phenotype stratification and biomarker discovery, in ASD patients.
The research was conducted on PubMed, including papers from 2004 to 2019 and using the following
terms: “autism” or “autism spectrum disorder” and “proteomics” or “interactome” or “metabolomics”
or “protein” or “metabolites” and “omics”. All articles providing enough information about the
relationship between multi-omics data and ASD were included.

2.2. Selection Criteria

The inclusion criteria for study selection were the following: (1) observational prospective and
retrospective studies, case—control studies, cohort studies, or systematic reviews; (2) studies involving
proteomics- and metabolomics-based biomarker research in ASD; and (3) English written studies.
All studies that did not meet the following criteria were excluded from the review process.

2.3. Analysis of Protein and Metabolites Highlighted in Tables 1 and 2

New “ontology enrichment” analyses, based on class, subclass, and biological processes were
performed for both metabolites and proteins reported in Tables 1 and 2. The aim was to identify new
potential biomarkers found in the literature that could be interpreted in a new way for appropriate
evaluation in decision support systems (DSSs) through the framework discussed herein.
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To be precise, we analyzed 140 proteins, as shown in Table 1:

we downloaded all the information from the UniProt database [80], via a Perl script;

we analyzed all of the Gene Ontology terms for “Biological Process” (GOTERM-BP) [81];

we calculated the terms found through ad hoc scripts in bash;

we designed a bubble chart by taking GOTERM-BP with the source “Traceable author statement”
(e.g., TAS: Reactome) starting from the highest value (count) and then descending ending the list
of proteins. Thus, we clustered all of the proteins for GOTERM-BP with at least one term.

Ll

Some proteins were not included in the analysis because we did not find the associated
GOTERM-BP TAS.
We have analyzed 119 metabolites, as shown in Table 2:

1.  we started from the complete Human Metabolome Database (HMDB) [82];
we selected our metabolites, analyzed the classes, subclasses and all terms under the Ontology
category and Biochemical Pathway terms, such as biological process and physiological effect,
via an ad hoc script in Python;

3. we calculated the terms found through ad hoc scripts in Python;

4. we designed a bubble chart by taking all of the associated biological processes.

Some metabolites were not included in the analysis because we did not find the associated
ontology terms in HMDB.

3. Stratification of Complex Disease Phenotypes, Early Interventions and Omics-
Generated Biomarkers

There is high variability in ASD symptoms and severity, principally focused on a general
deficit in interpersonal interactions, due to reduced or absent verbal communication, or difficulty
in communicating with other people [83]. This heterogeneity could result from a combination of
many molecular mechanisms and environmental issues and an integrative approach could be a new
strategy for ASD deep profiling, possibly allowing behavioural intervention as quickly as possible.
Indeed, some studies showed a significant improvement when therapies started before 24 months
of age, at which time the neural system is still extremely mouldable [84]. Early interventions would
probably reduce the cognitive abnormalities of subjects and help in preventing the onset of an autistic
condition [85]. Thus, early diagnosis and prediction are essential for ASD and could be achieved due
to the study of molecules involved in the etiopathogenesis of the ASD phenotype. Subgroups can
be individuated in ASD patient cohorts, including functioning levels based on different parameters
such as IQ values, language, and/or reading impairment, and this could help in the identification of
gene/protein candidates or molecular mechanisms that can be associated with one or more of these
subpopulations. This type of approach could be useful for the diagnosis and prognosis of the disease
and/or for the choice of the therapy to be applied [86-90].

Omics and meta-omics disciplines currently allow deep investigation of ASD starting from a wide
panel of samples, ranging from biological fluids to tissues. Omics sciences originate from a holistic
vision of the system under study, thus overcoming the classical genetic/biochemical studies based on
single or few target molecules. The strength of omics approaches resides in their ability to provide
complete profiles of biological “features” (genes/transcripts/proteins/metabolites) to obtain a broad
description of a biological system by the so-called systems biology. A non-targeted and high-throughput
search of the genetic scaffold (DNA) and functional reservoir (RNA, proteins, metabolites) is key to
decoding the pathophysiology of systems as complex as biological systems without any “a priori”
statement on the descriptive variable of the systems, hence providing the most appropriate stratification
of the disease or identification of novel biomarkers.

These new approaches are possible due to high-throughput technological platforms that have
been developed with unprecedented specificity and sensitivity, fused to modern data processing based
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on the most recent bioinformatics and computational tools, and capable of processing the big data
produced. Indeed, the current challenges of the omics technologies rely on the harmonization and
integration of the big data generated by the different technologies [91].

A multi-omics approach that combines and integrates the results of more than a single discipline
is becoming crucial to understand the pathophysiology of ASD and to identify new diagnostic and
prognostic biomarkers from blood, saliva, urine, faeces, or other body fluids [19]. Different matrices can
be treated for the direct extraction of DNA, proteins, peptides, or metabolites, or preliminarily processed
for fractionation and isolation of cells or bacteria (Figure 3). Genomics or metagenomics follow a single
path, starting with the DNA extraction from any matrix and finishing with the genome sequencing and
the following bioinformatics’ pipeline. Proteins can also be extracted from a wide range of samples and
analysed by liquid chromatography and mass spectrometry (LC-MS). Gel electrophoresis alone does
not provide the same performance in biomarker discovery and is often used as a further preliminary
fractionation step before LC-MS. In this sense, interactomics is a powerful tool for focusing on a
potential target and its relationships with other proteins in promoting or inhibiting important functions
related to ASD. Faeces and saliva are the most frequently used matrices for bacterial protein extraction,
which is a crucial step in microbiota metaproteomics. The subsequent analytical procedure does not
differ from that of a study on a single proteome but everything concerning data analysis or taxonomic
assessments must rely on huge computational efforts for the individuation of a microbial biomarker
or a functional signature of the microbiota or of the host co-metabolism. Metabolites can be easily
extracted from faeces along with all biological fluids and analysed with different techniques on the basis
of the chemical-physical features of molecules. The volatile fraction of metabolites can be detected
by gas chromatography-mass spectrometry (GC-MS) experiments for both untargeted profiling and
targeted quantitative analysis. Other small molecules can be analysed by NMR, LC-MS, or even direct
infusion in MS.
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Figure 3. Scheme of the paths from matrices to analytical techniques in a multi-omics approach:
An integrative approach could be a new strategy for ASD deep profiling, which combines data from
genome sequencing (next-generation sequencing—NGS) with those from proteomics and metabolomics
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by one or two-dimensional gel electrophoresis (1/2-DE), liquid-chromatography and gas-
chromatography mass spectrometry (LC-MS or GC-MS), or even from metabolomics data obtained by
nuclear magnetic resonance (NMR) experiments.

A crucial point regards “sample size” computation (i.e., statistical power) for big data that cannot
be predicted based on “basic” statistics but rather uses multivariate and univariate analyses for
multi-step reduction of multidimensional data. Indeed, big data are usually produced by considering
an order of tens or hundreds of samples, but this point (i.e., the number of samples) can be established
for each produced chemometric model using different multivariate statistical methods (e.g., Hotelling
T2, number of misclassifications (NMC), area under the receiver operating characteristics curves
(AUROC), and discriminant Q2; in the case of the latter, in contrast to NMC and AUROC, PLS-DA
models with low complexity compared to PLS models are preferred). Therefore, each integrated model
based on omics-derived data needs to be validated for each sample set under analysis [92-95].

Integrated multi-omics approaches usually involve metabolomics in conjunction with genomics
or metagenomics. However, the coupling of metabolomics and proteomics, in which both yield
information about the functional aspects of ASD, appears to be even more promising. Thus, this review
mainly focuses on these disciplines.

Computational Models Used to Generate Proteomics and Metabolomics Single and Fused Data

Regarding computational pipelines (“dry laboratories”) able to process big data generated from
omics platforms (“wet laboratories”), the analysis of single and fused multidimensional data requires
several steps of multi-step reiterated reduction supported by multivariate and univariate models.
The variables under study may be the number of subjects (i.e., healthy or patients) and their omics
“features” (i.e., proteins, metabolites), represented by worksheets that, overall, represent the system
under study; such a system can be represented by a different number of features expressible by
different percentages (e.g., 80-50-20%). Hence, the representativeness of the system (e.g., subjects
and omics variables) can be evaluated by considering the most appropriate percentages to depict
the entire system. Therefore, the starting raw data matrix (big data) becomes reduced to a new data
matrix (smart data), the latter ready to be harmonized and integrated into a fused omics data model
with data coming from different omics platforms. Then, the reduced and integrated data can be
analyzed by chemometric models based on different multivariate statistical methods, as previously
described [96]. In this way, the integrated generated model can be validated for each type of sample
set (e.g., row data from GC-MS, LC-MS, TH-NMR, etc.) and for each patient and/or reference subject
dataset (e.g., phenomics data) [92-95].

4. Translational and Clinical Proteomics

The rapid expansion of proteomics in recent decades has provided powerful tools to undertake
investigations of biological systems, aimed at identifying biomarkers for clinical diagnosis,
monitoring the stage of diseases, studying the pathogenetic molecular mechanism, and choosing
appropriate treatments.

Translational proteomics is a crucial component of a picture in which other omics and meta-omics
disciplines (genomics, metabolomics/lipidomics, transcriptomics, and microbiomics), contribute to
complex workflows producing both qualitative and quantitative relevant outcomes.

Under the approach of omics research, molecular profiles, combined with clinical profiles of
patients, can be managed to drive clinical decisions, and, hence, advanced treatments. However, a key
challenge is to overcome technical bottlenecks and to bridge the gap between early-stage discovery
(translational research) and the subsequent stage, which is represented by routine quantitative searching
and the determination of biomarker candidates in clinical research settings. Moreover, to accelerate the
discovery of clinically actionable biomarkers, the focus must be switched from identification (ID) to
quantitation. That is, precision proteomics must converge with precision medicine, in addition to other
omics sciences.
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For this purpose, the major issue of quantitation and calibration in mass spectrometry (MS)
must be correctly addressed. During the past decade, numerous experimental strategies have been
developed and refined, together with tools and analytical kits, to provide researchers with a number of
solutions for different proteomic approaches, on the basis of sample complexity and matrix variability.
These approaches are difficult because a series of factors must be considered for both relative and
absolute proteomics quantification [97]. Given the ascertained performance of MS in the absolute
quantification of proteins, as a strong alternative to immunoassays, the principal needs currently
appear to be focused on the calibration methods, not only to improve the measurement precision
but also to make data interchangeable by laboratories globally. Synthetic stable isotope labelled (SIL)
proteins and peptides, used as internal standards (IS), present both advantages and drawbacks, due to
availability, cost, reproducibility of biological features, and accuracy [98]. An open question is how
recombinant SIL proteins, synthetic labelled tryptic peptides (tSIL), or even the so-called “flanked”
or “winged” peptides, could be used with reasonable confidence to provide the best accuracy as an
internal calibration (IC) in bottom-up experiments [99]. Furthermore, new strategies for external
calibration (EC), by means of external reference (molecules), are needed for selected or multiple
reaction monitoring experiments (SRM/MRM)), to correct bias coming from instrumental variance
and sample preparation workflows [100]. Concerning protein ID, due to the continuous growth of
public repositories of MS datasets, the use of spectral libraries is increasingly mined compared to
classical peptide sequences matching with protein databases (DB). Data-independent acquisition
(DIA) approaches appear particularly promising for future applications in biomarker discovery in
proteomics. SWATH (Sequential Window Acquisition of all Theoretical Mass Spectra) analysis is
currently employed for large scale ID and quantitation in proteomics, with the aim of exploiting
the increasing number of spectral libraries available, considerably reducing computational time and
space [101]. Applications in metaproteomics remain limited but the desire to identify alternative
paths for protein detection and inference, overcoming the bias of conventional sequence databases,
makes this an intriguing analytical strategy for faster identification/quantitation [102,103].

The extension to metabolomics continues to suffer from a lack of public libraries, but also appears
to be a powerful approach. A new tool has recently been developed to match MS and MS/MS spectra
searching for identical or analogous features in public repositories of metabolomics data [104].

Fewer proteomics studies on ASD have been published than those based on other disciplines,
such as genomics or transcriptomics. Many of them rely on post-mortem brain tissues [50-52],
serum [53-56], plasma [57-59], urine [63], saliva [60-62] direct samples or lymphoblastoid cell
lines [64] (Table 1).

The first study on brain tissues was conducted by Junaid et al. [50]. Post-mortem brain samples
from 8 ASD patients and 10 controls were analysed using two-dimensional gel electrophoresis (2-DE)
followed by liquid chromatography-tandem mass spectrometry (LC-MS/MS) analysis; the glyoxalase 1
(Glol) protein showed a shift in net charge allowing a polymorphic form of the protein in the brain of
ASD patients to be characterized. Furthermore, they found that isoform have reduced enzyme activity
and its variant was found to be increased in ASD patients with respect to control cases. The authors
suggested that the homozygosity of a Glo1 variant could be one of the susceptibility factors in the
etiology of autism. In another study of post-mortem brain tissue, the authors studied the prefrontal
cortex of 10 ASD individuals and the cerebellum of 16 ASD patients versus control subjects. The results
showed that the proteins, found in the brain tissue of ASD patients, are involved in processes of
synaptic vesicle regulation, myelination, and energy metabolism [51]. Recently, Wingo et al. recruited
104 participants who were followed for up to 14 years, and 27% of the cohort were finally diagnosed as
ASD. They studied proteins to identify new processes underlying variation in cognitive modification,
by label-free LC-MS/MS experiments and found 579 proteins associated with cognitive trajectory after
meta-analysis. Moreover, they found 38 proteins related to cognitive trajectory independently of
B-amyloid plaques and neurofibrillary tangles [52]. Studies conducted on non-neurological tissues
highlighted changes in quantities of proteins associated with inflammation or regulation of the
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immune system, including some interleukins [50,51,105-108]. Interestingly, most proteomic studies
investigating ASD identified proteins involved in lipid metabolism and differentially expressed in
ASD [51,55,57,105,106,109,110]. As an example, Corbett et al. identified differentially expressed
peptides using LC-MS/MS, which allowed for the recognition of complement factor H-related protein
(FHRT1), apolipoprotein (APO) B-100, fibronectin 1 (FN1), and complement C1q as dysregulated proteins
in children with ASD compared to control subjects [53]. In another study, apolipoproteins involved
in cholesterol metabolism were found to be increased in an ASD cohort with respect to the control
subjects [54]. In addition, two studies reported an alteration in proteins implicated in lipid metabolism,
in the inflammation process and cell growth [55,56] (Table 1).

The study of Cortelazzo evidenced a total of 12 dysregulated proteins, associated primarily with
acute inflammatory response [57]; despite irregularities of lipid metabolism shown in ASD tissues,
the authors could not characterize primary or secondary occurrence in ASD pathophysiology. In the
study by Pichitpunpong et al., ASD patients were subdivided into subgroups using the Autism
Diagnostic Interview-Revised (ADI-R) method, and subsequently, dysregulated genes were identified
by studying transcriptome profiles of individuals with ASD and control subjects. They profiled
protein from lymphoblastoid cell lines using 2-DE followed by LC-MS/MS. Subsequently, proteins were
compared to the dysregulated transcripts. Selected proteins were also analysed by Western blotting [64].
The authors reported 82 proteins linked to subjects with ASD and with severe language impairment
and, among these, 14 were correlated with inflammation and neurological functions. Moreover,
the diazepam-binding inhibitor (DBI) protein was notably reduced in the subgroup with severe
language impairment. Furthermore, its expression levels were matched with the ADI-R items [64].
Recently, Shen et al. used the iTRAQ-based proteomics approach to compare plasma protein profiles of
ASD compared with healthy subjects. They identified 24 differentially expressed proteins expressed in
different pathways associated with ASDs [59] (Table 1). This evidence supports the thesis that synapsis
growth, the complement system, cytoskeleton-related activities and cell adhesion are all involved in
ASD. Moreover, using ELISA (enzyme-linked immune-adsorbent assay) and ROC (receiver operating
characteristic) analysis, the authors found five proteins as possible biomarkers to discriminate ASD
from controls [59]. Interestingly, they identified focal adhesion, cell adhesion molecules, and leukocyte
trans-endothelial migration pathways that were correlated with ADS in a Chinese cohort [111].

Saliva, urine, and blood samples have also been taken into consideration. In particular, saliva-based
studies showed an alteration in the processes involved in antimicrobial peptides, immune response,
and inflammation at the mucosal level [60-62].

Overall, a large number of studies highlighted abnormalities in synapse biology in ASD patients,
showing a prevalence of proteins related to neural tissue, and evidencing a limitation in the application
of non-neural tissues in proteomics studies of ASD.

Indeed, due to the blood-brain barrier (BBB), it can be difficult to find proteins associated
with ASD in peripheral blood, as possible disease-specific protein markers, despite the ease of use,
cost-effectiveness, and low invasiveness of blood collection. Moreover, a study highlighted high
intestinal and BBB permeability in ASD patients; indeed, ASD shows a reduced expression of occluding,
tricellulin, claudin-1, and increased pore-forming claudins, which are part of gut barrier-forming
“tight junction” (T]) components [108]. Furthermore, it was found that a protein (zonulin) involved in
intestinal permeability increased in ASD patients compared with controls, particularly with respect to
the Childhood Autism Rating Scale score. [109]. Thus, possible blood biomarkers could be proteins
associated with intestinal and BBB permeability.

We conducted an in-depth analysis of the protein data found in the reviewed studies, as reported
in Table 1. For the 140 proteins (Table S1), we first undertook an analysis based on the matrix (e.g., blood,
brain, saliva, urine, and lymphoblastoid cell lines) and on the number of times (frequency) that the
protein was reported in all of the analyzed articles. The analysis showed a major presence of the
apolipoproteins (APOE and APOA1 proteins) and fibronectin (FN1). Then, we analyzed all of the
biological pathways associated with the proteins and clustered all of the proteins according to the
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biological process (BP). Interestingly, the results showed that the two major biological processes
associated with ASD were platelet degranulation and lipid metabolism (Figure 4).

Indeed, platelets play a safe role in the pathophysiology of thrombogenesis and atherogenesis,
and this connection may also be due to an increase in Body Mass Index in ASD children [112].
In addition, serotonin is also present in the platelet, and stimulates aggregation by exercising the
vasoconstrictor and thrombogenic effect in response to lesions of the basal endothelium. In fact,
it is now known that many ASD patients have hyperserotonemia or elevated serotonin levels in
whole blood (5-hydroxytryptamine, 5-HT). Despite decades of study, the mechanisms behind this
well-replicated biomarker and the contributions of the serotonergic system to ASD remain unclear
and further studies are necessary [113]. Almost all whole blood 5-HT is found in the platelet and
the serotonin 5-HT2A receptor improves platelet functions induced by adenosine diphosphate (ADP)
signaling, with exposure to phosphotidylserine (PS) and receptor activation fibrinogen.

Overall, the 5-HT2A receptor improves platelet aggregation. Thus, this suggests some level of
mutual regulation. Remarkably, this link with the serotonin 5-HT2 receptor has been extensively studied
in ASD [114]. Although the importance of fats in the correct development and maintenance of cells of
the nervous system is now recognized, lipids may actually play a role in regulating inflammation.

Overall, proteomics studies of ASD remain limited and vary between different technological
approaches, focusing on various matrices. However, blood may be promising for diagnostic purposes,
and because the data produced from the analysis are more accessible. Finally, faeces represents an
intriguing matrix, mostly concerning the strong relationship between ASD and GI symptoms; however,
in this case, the gut bacterial proteome/metaproteome [102] could be involved in the investigation even
though, to the best of our knowledge, no metaproteomics studies have been published to date.
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Figure 4. Protein analysis as a tool for the decision support system (DSS). In box (i), we grouped the
proteins highlighted in Table 1 and Table S1 according to the matrix in which the proteins were studied,
such as blood (orange), blood and urine (lawn green), brain (red), dried blood (brown), urine (pink),
and brain biopsies, urine and blood (lilac). The size of the bubbles indicates the number of times the
protein was found in that matrix in the different studies taken into consideration. Inbox (ii), we analyzed
the data for the biological process and clustered the protein. Legend code: (A) platelet degranulation
(GO:0002576); (B) cellular protein metabolic process (GO:0044267); (C) neutrophil degranulation
(GO:0043312); (D) regulation of complement activation (GO:0030449); (E) receptor-mediated endocytosis
(GO:0006898); (F) extracellular matrix organization (GO:0030198); (G) antimicrobial humoral response
(GO:0019730); (H) cytokine-mediated signaling pathway (GO:0019221); (I) retinoid metabolic process
(GO:0001523); (L) immune response (GO:0006955); (M) blood coagulation (GO:0007596); (N) membrane
organization (GO:0061024); (O) pyruvate metabolic process (GO:0006090); (P) signal transduction
(GO:0007165); (Q) chemical synaptic transmission (GO:0007268); (R) regulation of lipid metabolic
process (GO:0019216); (S) transmembrane transport (GO:0055085); (T) glutamate secretion (GO:0014047).

5. Metabolomics

Metabolomics is an approach to understand the metabolic pathways and metabolic network
regulation of a biological system. There are therefore many fields of application of this discipline,
including medicine and biology [115].

Metabolomics has been studied to identify possible biomarkers in the serum or urine samples
of patients with obesity [116], diabetes [117], and coronary heart diseases [118]. Recently, it has been
evidenced that perturbations of metabolic pathways could affect the pathogenesis of central nervous
system disorders [119].

Thus, metabolomics provides a powerful tool to map these perturbations and their relationship
to disease and response to therapy. In fact, some studies have been carried out to investigate
metabolomics biomarkers in the brain [65,66], plasma [67,68,70], dried blood [79] and urine [72-78]
samples of ASD patients (Table 2). Yap and coworkers used a proton nuclear magnetic resonance
(*H-NMR) spectroscopy method that showed increased levels of taurine and low content of glutamate
in urine samples of ASD patients [72]. Ming et al. used a combination of liquid chromatography
(LC-) and gas chromatography (GC-)-based MS, and revealed abnormal amino acid metabolism and
increased oxidative stress in urinary specimens of ASD patients [73].
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Mavel et al. identified more than 150 metabolites in urine, comparing 30 ASD children with
28 neurotypical subjects. Increased levels of succinate, taurine, $-alanine, and glycine were found in
ASD subjects [74]. In another study, a statistically significant increase of homovanillic acid, tryptophan,
glycolic acid, and 3,4-dihydroxybutyric acid was detected [76]. The authors supposed that the increase
in glycolate was linked with primary oxaluria type I, and that the phenomenon was also related to
yeast overgrowth.

Tryptophan and homovanillic acid have been indicated as metabolites of neurotransmission
probably involved in neurodevelopmental disorders. Although 3,4-dihydroxybutyric acid may
be a typical component of human urine, its increase has been highlighted in cases of succinic
semialdehyde dehydrogenase deficiency, which represents a disorder in patients that could also
show ASD features [120]. Recently, Dieme et al. detected increased levels of indoxyl, indoxyl
sulfate and N-acetylarginine, and decreased levels of methylguanidine and other compounds, such as
desaminotyrosine and dihydrouracil [77]. Bitar etal., in a group of 40 ASD children and 40 age-matched
controls, highlighted perturbations in various compounds [78], including 2-hydroxybutyrate, glutamate,
creatine, and tyrosine. In addition, the authors also identified metabolites, including cysteic acid,
guanine and trigonelline. These results showed abnormalities in carbohydrate and amino acid
metabolisms, in addition to differences in oxidative stress pathways [78].

Furthermore, by using a GC-MS approach in urine sample analysis, it has been possible to build
a multivariate statistical model that captures global biochemical signatures of autistic individuals,
thus enabling patients to be distinguished from healthy children [75]. To investigate metabolites
potentially related to the ASD disorder, it is possible to also study metabolites in plasma samples.
The analysis of these metabolites tended to approximately support the results noted in urine, although
specific gaps exist due to differences in renal clearance for some compounds.

Plasma fatty acids were recognized as diagnostic markers for ASD, specifically as an increase in
the most saturated fatty acids and a decrease in polyunsaturated fatty acids, such as valeric, hexanoic
and stearidonic acids [121]. Kuwabara et al. identified diverged levels of plasma metabolites connected
with mitochondrial dysfunction and oxidative stress in ASD patients [67]. In a study by Wang et al.,
a cohort of ASD patients and participants without autism were analyzed using ultra-performance
LC quadrupole time-of-flight tandem MS (UPLC/Q-TOF MS/MS) to identify metabolic variations in
serum. In particular, the authors identified 17 metabolites, two of which were associated with ASD
and could be significant predictors of autism: sphingosine 1-phosphate (51P) and docosahexaenoic
acid (DHA) [69].

West et al. used LC-MS/GC-MS to recognize significant concentrations in aspartate,
dehydroepiandrosterone sulfate (DHEA-S), glutaric acid, serine, and succinic acid. Decreased levels of
citrate, creatinine, glutamate, hydroxyphenyllactate and isoleucine were detected, thus indicating the
roles of altered abnormal mitochondrial energy production (succinic acid, DHEA-S, citrate, aspartate,
glutamate) and branched-chain amino acid metabolism (isoleucine, hydroxyphenyllactate) [68].

Rangel-Huerta et al. used untargeted metabolomics (HPLC-MS/MS) of plasma samples from
30 ASD children and 30 age-matched controls. In this study, ASD patients were subdivided into
two groups: with (AR) and without (ANR) neurologic regression. The metabolic intermediates were
detected in the aspartate, beta-alanine, glucose-alanine cycle, malate-aspartate shuttle, urea cycle,
and tryptophan breakdown pathways showing significant statistical differences between controls
and ASD patients. In addition, within the two subgroups, significant statistical differences were
also highlighted in the levels of the fatty acids decanoylcarnitine, laurate, arachidate, myristate,
octanoylcarnitine, quinate, and 7-methylurate [70]. Rachel S. Kelly et al. highlighted differences in
tyrosine metabolism, tryptophan biosynthesis and endocannabinoid metabolism in a cohort of children,
13% of whom had ASDs. In addition, they hypothesized that metabolomic biomarkers could help to
identify children with poor communication skills [71].

A recent study investigated the metabolic profile by extracting molecules from dried blood spots
(DBSs) and performing a targeted analysis on a panel of 45 metabolites [79]. The level of nine of these
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molecules (20%) was significantly higher in ASD patients with respect to controls, including citrulline
and acyl-carnitines C2. The results suggested that the mitochondrial fatty acid 3-oxidation pathway
was less active, revealing hidden molecular mechanisms related to ASD. Thus, this non-invasive
methodology was shown to be suitable for a screening of newborn subjects to emphasize modifications
in metabolic profiles during development [79].

Moreover, it is possible to analyze the metabolomes derived from brain tissue, for example,
using LC-MS analyses for untargeted metabolomics analysis. As reported by Graham (106), in brain
tissue from 11 deceased subjects with ASD, compared to 11 controls, a group of statistically significant
compounds, such as 3-methoxytyramine, 5,6-dihydrouridine and N-carboxyethyl-y-aminobutyric acid,
was detected [65].

Post-mortem prefrontal cortex samples were analyzed by Kurochkin et al. in a cohort of 32 ASD
subjects and 40 controls. The study identified increased levels of glutathione disulfide and 5-oxoproline
and, on the contrary, decreased levels of glutathione, L- y-glutamyl-cysteine and l-cysteinyl-glycine.
All of these metabolites were involved in their respective metabolic pathways and in others such
as pyruvate metabolism, starch and sucrose metabolism, arginine and proline metabolism and
TCA cycle [66].

Regarding proteins, we performed a bubble analysis of the metabolites (Figure 5). For the
119 metabolites (Table 2 and Table S1), the first analyses based on the matrix showed a major presence
of glutamate, decanoyl carnitine, and tryptophan, clustered in the major BP lipid metabolism pathway,
confirming the data from the proteins. In addition, another implicated BP was the tryptophan
metabolism, which was implicated in the gut-brain axis because of an increased 5'-HT, leading to
tryptophan depletion and contributing to hyperserotonemia, which is associated with GI symptoms
and neurodevelopmental disorders [47].
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Figure 5. Metabolites analysis as a tool for the decision support system (DSS). In box (i), we grouped
the metabolites highlighted in Table 2 and Table S1 according to the matrix in which the metabolites
were studied, such as blood (orange), blood and urine (lawn green), brain (red), dried blood (brown),
urine (pink), and brain, urine and blood (lilac). The size of the bubbles indicates the number of times the
metabolites were found in that matrix in the different studies taken into consideration. We analyzed the
data for the biological process (box (ii) and clustered the metabolites. Legend code: A: Lipid Metabolism
Pathway; B: Glycine and Serine Metabolism; C: Tryptophan Metabolism; D: Transcription/Translation;
E: Histidine Metabolism; F: Glutamate Metabolism; G: Thioguanine Action Pathway; H: Tyrosine
Metabolism; I: Glutathione Metabolism; L: Nicotinate and Nicotinamide Metabolism; M: Galactose
metabolism; N: Glutaminolysis and Cancer.

The study of the metabolites in the ASD subjects provides an understanding of the complexity of
the system in terms of the main metabolic interactions between metabolites, with particular reference
to their relationship with ASD.

6. Interactome in ASD

In the context of a multi-omics functional approach, the identification of proteins related to ASD,
together with their functional annotation, correlations, and association to biological pathways, can be
related to the metabolomics outcome, to depict a comprehensive picture of the functions involved in
the ASD pathogenesis or in the identification of ASD-related biomarkers.

In this sense, interactomics, namely the ensemble of all of the molecular interactions that could
take place in a group of proteins involved in a biological function, is furthermore key for data
interpretation. Currently, more than 650,000 protein—protein interactions (PPIs) have been reported and
found to constitute the human interactome. [122,123]. Furthermore, it was found that PPIs have been
involved in most diseases, such as neurodegenerative disorders, leukemia, cervical cancer, and bacterial
infection [122]. In fact, many human diseases involve the loss of an essential interaction or formation
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of a protein complex at an inappropriate time or location [122]. A possible role of the interactome in
psychiatric diseases, such as ASD, has been hypothesized, focusing on patients who show alterations
in some biological pathways, including calcium homeostasis, oxidative stress, energy metabolism,
synaptic transmission, cytoskeleton, and immune system development [124-126].

Studies have highlighted that disruptions in the Schizophrenia 1 (DISC1) gene single-nucleotide
polymorphisms are related to some psychiatric disorders, including ASD [127]. Protein complexes
of DISC1 are involved in intracellular transport, cell cycle/division and cytoskeletal stability and
organization [128]. Sakai et al. [129] found new interactions among protein products encoded by
ASD-associated genes, including tuberous sclerosis 1 (TSC1) and tuberous sclerosis 2 (TSC2) proteins,
which are implied in tuberous sclerosis complex (TSC), a rare disease associated with ASD [130].

Alfieri et al. studied the synaptic interactome associated with the p140Cap protein, which is
involved in synaptogenesis, plasticity, and synaptic transmission [131]. Another study investigated
the MET receptor tyrosine kinase one, as a potential interactome in ASD. MET receptor tyrosine
kinase is involved in spine morphogenesis and, synaptic structures including dendritic complexity,
controlling neuronal growth, functional maturation, and glutamatergic synapse maturation in
the hippocampus [132].

SHANKS3 gene duplications, deletions, and various point mutations have been observed in
ASD patients, with the role of organizing the postsynaptic density by assembling complexes with
signaling molecules, postsynaptic receptors, and cytoskeletal proteins [14,133-135]. ASD symptoms,
such as motor hyperactivity, a tendency toward acoustic startling, reduced prepulse inhibition and
abnormal circadian rhythms, were found in some SHANK3 overexpressing transgenic mice [133].
In another work, Lee et al. investigated how the rapamycin interactome could target SHANK3 in a
mammalian model [136].

All of these studies provide an idea of the possible biological interactions in psychiatric disorders,
such as ASD. Currently, however, information from interactomics is not sufficient to delineate a proper
picture of the system. A comprehensive map could clearly help to provide crucial information for
more accurate diagnosis and targeted treatments. Future investigations should consider the many
factors that are often neglected, from family history and lifestyle to age, ethnicity, and dietary habits.

7. Clinical Decision Support Systems to Improve Medical Diagnosis on ASD

Clinical decision support systems (CDSSs) are described as “active knowledge systems that use
two or more items of patient data to generate case-specific advice” [137]. Medicine is now oriented
toward personalized and precise treatment. The application of electronic medical and health record
systems (EHR/EMR) and integration with data from translational research will improve the timing
of diagnosis and, therefore, reduce costs. Thus, CDSS is a tool that incorporates clinical patient
information into big data from omics platforms to improve patient care.

The CDSS was designed to assist the clinician in the relationship with the patient from initial
consultation to diagnosis and follow-up. In fact, CDSS has been shown to positively influence
clinical outcomes, improving the quality of patient safety [138-141], reducing bias from medical
decisions [142,143], yielding more reliable data [144,145], and promoting prevention and specific
treatments [146-148]. For example, the Child Health Improvement through Computer Automation
system (CHICA) is a computer-based CDSS developed for the automation of the management of
chronic disease and their prevention. It also works as an electronic health record (EHR), supporting
and easing the workflow of pediatricians [149,150].

In a clinical trial, Downs et al. used CHICA integrated with the EHR on an electronic tablet or a
sheet of scanned paper that families could complete in the waiting room. CHICA analyzes the answers
to the questions and selects the six most important alerts or reminders for the clinician. These results
are accumulated into a visit agenda and the clinician can respond to the alerts and reminders on the
agenda. Thus, this method demonstrates that automating surveillance for ASD and automating the
administration of a screening test can result in high rates of screening [151].
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To better understand ASD and be more able to stratify the population of ASD patients into
subgroups, it is necessary to integrate all of the data from the omics with the data collected by the
clinician and analyze them through machine learning models. This allows advanced models to be
generated and also used in clinical practice. The wide range of generated omics data, particularly
those obtained from proteomics and metabolomics analyses, requires an advanced computational
analysis that allows identification of possible biomarkers associated with the different ASD phenotypes,
such as high or low functioning, and presence or absence of repetitive behaviors. In turn, this enables a
deeper understanding of the molecular mechanisms associated with the different phenotypes and the
implementation of personalized treatments.

The increase in omics data is contributing to the use of the molecular subtype in complex diseases;
in particular, this approach is already used in the study of cancer, such as for the Cancer Genome
Atlas (TCGA) [152].

In addition to this approach, efforts are being made to implement data from omics, such as the
multi-omics profiling expression database (MOPED), to process these data, and to standardize data
from genomics and proteomics [153-156]. Additionally, in the field of autism, databases such as the
National Database for Autism Research [157] have been created to host multidisciplinary omic data,
including exome sequencing, brain imaging, and clinical diagnostic data.

These types of automation, such as the CHICA system with EHR and raw data from omics
approaches, based on the computation of machine learning algorithms, are the types of approaches
currently under development. Furthermore, these approaches can considerably increase the speed
at which children can be screened for ASD, thus improving the age of diagnosis and helping to
better define the ASD subgroup. Data from the multi-omics approach (such as that from proteomics,
and metabolomics, in particular) will be elaborated with the information taken from clinician reports
(such as neuropsychiatric or GI symptoms). Artificial intelligence (AI) will integrate this information
to study the characteristics of ASD groups, and stratify patients into sub-groups according to the
phenotype characteristics.

Moreover, the CDS can be defined as an “expert system”, according to the classification of
Wright et al. [158]. Expert systems assist clinicians by offering complex decision support by combining
patient data with electronically available data. In our case, we crossed clinical data (EHR), laboratory
data (multi-omics data), and lifestyle data (a survey) of patients. The CDSS can be made available
through the Internet (e.g., https://cds.asd.com). The system can be trained with data of a cluster of
patients of known diagnosis (Figure 6A). Then, the clinician will be able to access the web interface and
upload all of the required information. The software can be connected directly to the hospital database
through the laboratory information system (LIS) and can allow the collection of all of the required
inputs, such as EHR information (Figure 6B). The system, consisting of bioinformatics algorithms and
machine learning models, will analyze the data and provide, via the web interface, a clinical report.
The results in the form of a clinical report can be easily interrogated to support other clinicians in
a possible diagnosis or treatment of autism phenotypes, after deep stratification of different types.
The CDSS will be able to increase accuracy with the increase of the so-called continuous learning of the
machine. Thus, the expectation is that the CDSS, properly guided, will make a beneficial contribution
to patient care at all levels.
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Figure 6. Clinical decision support system (CDSS) as a new approach to ASD children to screen and
improve the age of diagnosis: Box (A) (training) shows the flowchart including all data used (survey,
such as Child Health Improvement through Computer Automation system (CHICA), omics data and
electronic medical records (EHR)) by machine learning model to classify patients. Once the model
has been constructed with good accuracy, the clinician (box (B)) (prediction) will upload the patient
data. An A.I. model will predict the class with an actionable result summarized in the clinical report.
The result will generate subgroups based on the patient’s features, for example, high functioning (H),
low functioning (L), and control group (C). This system might be used by clinicians to improve early
diagnosis because it provides significant information about the features of the ASD patient.

8. Discussion and Future Prospects

It is clear that the etiology of ASD is given by a combination of genetic and environmental
factors, and the only therapy for ASD that has been demonstrated to be effective is behavior analysis.
Furthermore, genetic and environmental factors are implicated in changes in the brain and metabolism,
such as mitochondrial dysfunction, neurotransmitters alteration, abnormal neuron development,
neuroinflammation and immune dysregulation and oxidative stress. In addition, the diagnosis of ASD
currently depends on clinical observation and procedures to evaluate behavioral, historical, and parent-
report information [48].

There are also important ASD-related considerations to be taken into account, namely,
ASD’s etiological heterogeneity, varied comorbidities, and the complexity of the brain as the centrally
affected organ. In addition, there have been relatively few omics-based studies of ASD thus far.
These aspects may involve significant variability, therefore, detecting proteomics and metabolomics
biomarkers that look at the functional aspect may contribute to the advance of the clinical diagnosis of
ASD and find new tools that could be used to estimate the outcome of individualized interventions.
Results produced from proteomics-approaches show that differential expression of mitochondrial
bioenergetics (involving NDUV1 protein), inflammation and immune function (MBP protein), proteins
of lipid metabolism (APOB-100) and synaptic biology (SYT1 protein) are crucial in the pathogenesis
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and progression of the ASD. In fact, synaptic degeneration and mitochondria dysfunction are examples
of the cellular events that could be correlated with ASD and cognitive impairment.

The altered metabolites are mainly associated with fatty acid metabolism (decanoyl-L-carnitine),
oxidative stress (e.g., glutathione), mitochondrial dysfunction (e.g., arginine), amino acid metabolism,
cholesterol metabolism, energy metabolism (e.g., Succinic acid), intestinal microbiota (e.g., tryptophan)
and neurotransmitters (e.g., y-aminobutyric acid).

Therefore, the results highlighted by metabolomics confirm that mitochondrial dysfunction may
be a risk factor for autism; it could also be a target to find a possible biomarker to identify ASD
patients and to show different expressions in subgroups of patients. All of these results may influence
social and cognitive deficits in autism. In addition to elucidating the ASD pathobiology, multi-omics
approaches could lead to the identification of novel biomarkers for improved diagnosis and therapeutic
monitoring and diagnosis; hence the ultimate aim is to find biomarkers that are simple, inexpensive,
and noninvasive, in accessible tissues and body fluids such as the blood or, preferably, urine (Figure 7).

Autism

Genetic Environmental
Factors Spectrum Factors
Disorders
/
’v ~~\'\=v_—«’//
e >
Molecular traits Biomarkers
- Abnormal neuron . )
development - Genetic polymorphisms
- Neurotransmitters - mRNA and transcription
alteration factors
- Mitochondrial - Gut host and microbiota
dysfunction D el > proteins
- Oxidative stress - Interleukins
- Neuroinflammation - Fecal, urine and blood

metabolites
- Immune dysregulation

Figure 7. Multi-omics approach to ASD. ASD is a multifactor disease that includes genetic and
environmental factors. The phenotype of ASD determines abnormal neurodevelopment with alteration
in neurotransmitters. Furthermore, ASD is characterized by mitochondrial dysfunction, oxidative
stress, inflammation and abnormal immune regulation. All of these dysfunctions produce possible
biomarkers that could be identified by a new multi-omics approach to studying ASD.

Currently, the main limits are due to the lack of uniformity in the collection of clinical phenotypes
with homogeneous methods; moreover, few studies have addressed the degree of correlation between
different biomarkers or evaluated multiple biomarkers or endophenotypes in parallel. Furthermore,
studies are limited in their evaluation of biomarkers by comparisons of patients with ASD and healthy
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controls, without considering the family and specific characteristics of the pathology. Often, the sample
cohort is also highly limited. From the point of view of omics data, the biggest limit is that all of the
data from the omics are not considered and the data are not integrated with collected clinical data.

Thus, this big data approach will be essential for the early detection of ASD and the possibility of
developing more precise medicine to design and optimizing the pathway for diagnosis, therapeutic
intervention, and prognosis using omics data that are able to highlight individual variability between
ASD patients.

In this context, proteomics and metabolomics offer the best possibility of viewing changes in the
functional pathways associated with the disease, such as increases or decreases in the expression of
proteins or metabolites markers. These markers can be differently expressed in different patient cohorts
thus helping improve diagnostics accuracy, ASD population stratification, and the development of
effective personalized treatments.
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Abbreviations

1-DE one-dimensional gel electrophoresis
2-DE two-dimensional gel electrophoresis
5-HT 5-hydroxytryptamine

ADI-R Autism Diagnostic Interview-Revised
ANR without neurologic regression

APO apolipoprotein

AR neurologic regression

ASD Autism Spectrum Disorders

AUC area under the ROC curve

BBB Blood-brain barrier

CDSS Clinical decision support system
CHDS8 chromodomain helicase DNA binding protein 8
CHICA Child Health Improvement Trough Computer Automation
CNTNAP2 Contactin associated protein-like 2
DB protein databases

DBI diazepam-binding inhibitor

DBS dried blood spots

DHA docosahexaenoic acid

DHEA-S Dehydroepiandrosterone sulfate

DIA Data-independent analysis

DISC1 Disrupted in Schizophrenia 1

DSS Decision support systems

EC external calibration

EHR electronic health record

ELISA enzyme-linked immunoadsorbent assay
FHR1 complement factor H-related protein
FN1 fibronectin 1

GC gas chromatography

GI Gastrointestinal symptoms

Glol glyoxalase 1
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GSH glutathione

TH-NMR proton nuclear magnetic resonance spectroscopy
HPLC-MS/MS high-performance liquid chromatography with tandem mass spectrometry
IC internal calibration

ID identification

IPA Ingenuity Pathway Analysis

Is internal standards

LC liquid chromatography

LC-MS/MS liquid chromatography-tandem mass spectrometry

MS mass spectrometry

NGS Next-generation sequencing

NMR nuclear magnetic resonance spectroscopy

PPIs Protein—protein interactions

ROC receiver operating characteristic

S1pP sphingosine 1-phosphate

SH3 SRC Homology 3 Domain

SHANK 3 SH3 and multiple ankyrin repeat domain 3

SIL Synthetic stable isotope labelled

SRM-MS selected reaction monitoring mass spectrometry

SRM/MRM selected reaction monitoring/multiple reaction monitoring

SRS Social Responsiveness Scale

SWATH Sequential Window Acquisition of all Theoretical Mass Spectra
TJ tight junction

TsC tuberous sclerosis complex

TSC1 tuberous sclerosis 1

TSC2 tuberous sclerosis 2

tSIL synthetic labeled tryptic peptides

UPLC/Q-TOF ultra-performance liquid chromatography quadrupole time-of-flight tandem mass tandem
MS/MS mass spectrometry
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Abstract: Autism spectrum disorder (ASD) describes a group of neurodevelopmental disorders with
core deficits in social communication and manifestation of restricted, repetitive, and stereotyped
behaviors. Despite the core symptomatology, ASD is extremely heterogeneous with respect to
the severity of symptoms and behaviors. This heterogeneity presents an inherent challenge to all
large-scale genome-wide omics analyses. In the present study, we address this heterogeneity by
stratifying ASD probands from simplex families according to the severity of behavioral scores on
the Autism Diagnostic Interview-Revised diagnostic instrument, followed by re-analysis of existing
DNA methylation data from individuals in three ASD subphenotypes in comparison to that of their
respective unaffected siblings. We demonstrate that subphenotyping of cases enables the identification
of over 1.6 times the number of statistically significant differentially methylated regions (DMR) and
DMR-associated genes (DAGs) between cases and controls, compared to that identified when all
cases are combined. Our analyses also reveal ASD-related neurological functions and comorbidities
that are enriched among DAGs in each phenotypic subgroup but not in the combined case group.
Moreover, relational gene networks constructed with the DAGs reveal signaling pathways associated
with specific functions and comorbidities. In addition, a network comprised of DAGs shared among
all ASD subgroups and the combined case group is enriched in genes involved in inflammatory
responses, suggesting that neuroinflammation may be a common theme underlying core features of
ASD. These findings demonstrate the value of phenotype definition in methylomic analyses of ASD
and may aid in the development of subtype-directed diagnostics and therapeutics.

Keywords: phenotypic subgroups stratified by ASD severity; simplex families; DNA methylation;
subgroup-associated genes and biological functions

1. Introduction

Autism spectrum disorder (ASD) is a complex neurodevelopmental disorder characterized
by impaired social communication and repetitive behaviors [1]. Tremendous phenotypic and
symptomatic heterogeneity exists within the ASD population, thereby presenting a challenge to
diagnosis and treatment. The wide range of clinical presentation in ASD is attributed to different
underlying etiologies, which include both genetic and environmental influences. One area that bridges
the genetics—environment gap is epigenetic variation, which has been proposed to play a role in
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ASD [2-6]. It has been shown that DNA methylation is dysregulated in ASD in multiple studies
involving both peripheral and brain tissues, principally from individuals with ASD from the multiplex
population [7-15]. However, published DNA methylation studies of ASD have produced inconsistent
findings, including variable reporting of differentially methylated sites. This inconsistency may be
explained not only by the different tissues used but also in part by the wide phenotypic heterogeneity
intrinsic to ASD.

Previous findings from our laboratory showed that reduction of ASD clinical heterogeneity by
classifying patients into subphenotypes based on cluster analyses of severity scores from the Autism
Diagnostic Interview-Revised (ADI-R) diagnostic instrument [16] results in increased ability to detect
statistically significant subphenotype-specific transcriptomic as well as genetic differences, which were
otherwise undetectable in an aggregate analysis of all individuals with ASD [17-20]. Based on these
previous studies that demonstrate the value of subphenotyping in genome-wide omics analyses
and the growing body of evidence implicating a link between ASD and epigenetic modification,
we hypothesized that the stratification of individuals with ASD by phenotypic severity will result
in the identification of subphenotype-dependent DNA methylation differences between cases and
controls that achieve statistical significance.

The present study involves re-analyzing existing Illumina HumanMethylation27K BeadChip data
from lymphoblastoid cell lines (LCLs) derived from blood lymphocytes of 292 male ASD probands
from the Simons Simplex Collection (S5C) after stratification into three distinct subgroups based on
ADI-R symptom severity profiles (mild, intermediate, and severely language-impaired). The main
goals of this research are to: (1) identify statistically significant differences in DNA methylation between
cases and typically developing sibling controls for each of the three ASD subphenotypes, (2) examine
the impact of decreasing phenotypic heterogeneity on the ability to detect statistically significant
differentially methylated regions and associated genes (DAGs) by comparing results with and without
subphenotyping, and (3) identify biological functions, signaling pathways, and disorders associated
with DAGs from each subgroup analysis.

2. Results and Discussion

2.1. DAGs Associated with ASD Subphenotypes and the Combined Case Group

Hierarchical clustering (HCL) and principal components analysis (PCA) using scores on the
ADI-R diagnostic scoresheets from each of the probands were performed as previously described [16].
These cluster analyses confirmed that the 292 cases in this methylation study could be separated into
three phenotypic subgroups based on their severity scores from the ADI-R. A heatmap depicting
clinical severity across 123 scores on 63 ADI-R items for individuals in each subgroup is shown in
Figure 1, together with PCA plots from the data reduction analysis confirming the separation of cases
into three distinguishable subgroups according to integrated severity profiles. Notably, the first three
principal components (represented by the X, y, and z-axes of the 3-d PCA plot) account for 85.72% of
the variability among all probands based on the 123 ADI-R scores.
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Figure 1. Separation of probands into three phenotypic subgroups based on cluster analyses of 123 scores
on 63 Autism Diagnostic Interview-Revised (ADI-R) items for each individual. (A) Hierarchical
clustering (HCL) analysis, (B-D) Principal components analysis (PCA) in 3-d (B) and 2-d projections
showing PC-1 and PC-2 (C) and PC-1 and PC-3 (D). For the heatmap in (A), each row represents an
individual, while each column represents a score from the ADI-R diagnostic. The range of severity scores
(1-3) for each ADI-R item is represented in the color bar above the heatmap, with light blue indicating
a score of 1, green-yellow indicating a score of 2, and red indicating a score of 3, which represents the
most severe autism spectrum disorder (ASD) manifestation. The three ASD subgroups are identified
by the vertical colored bars along the right side of the heatmap, with red indicating the severely
language-impaired subgroup, yellow indicating the intermediate subgroup, and turquoise indicating
the mild subgroup. This latter set of colors also applies to the subgroups shown in the PCA plots in
which each point represents an individual. Note: In the heatmap (A), the large block of red columns
associated with the severely language-impaired subgroup primarily corresponds to items involving
spoken language on the ADI-R diagnostic.

Using GenomeStudio Methylation Module software, CpG sites across the genome were identified
that exhibited statistically significant differential methylation with False Discovery Rate (FDR)-adjusted
p-values < 0.05. For the severely language-impaired subgroup (1 = 22 cases and 22 controls),
266 unique DAGs were mapped to the CpGs (Table S1). The intermediate subgroup (1 = 121 cases
and 121 controls) exhibited 360 unique DAGs (Table S2), and the mild subgroup (1 = 149 cases and
149 controls) exhibited 4073 unique DAGs (Table S3). Among the three ASD subgroups, a total of
4155 unique DAGs with FDR-adjusted p-values < 0.05 were identified, with some DAGs shared among
the subgroups. The volcano plots for each subgroup illustrate distinct differences in the number,
distribution, and methylation profiles of significant DAGs in each subgroup (Figure 2). For example,
the majority of the DAGs in the severely language-impaired subgroup show reduced methylation
(negative delta 3 values), while the majority of the DAGs in the intermediate subgroup show increased
methylation (positive delta 3 values) (Figure 2A). Although the majority of DAGs in the mild subgroup
show decreased methylation as observed in the severely language-impaired subgroup, the mild
subgroup has a much greater number of significant DAGs (Figure 2B). In addition, while all the
DAGs in the mild subgroup exhibit delta 3 values < [+0.05], a fraction of the DAGs associated with
the severely language-impaired subgroup exceeds these absolute delta 3 values, indicating larger
methylation differences between cases and controls, which are also reflected by larger fold-change
values (see Figure S1). These data suggest that the three ASD subgroups can be distinguished from
each other by their differential DNA methylation profiles.
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To examine the impact of decreasing phenotypic heterogeneity on the ability to detect statistically
significant DAGs, differential methylation analysis of the 27K BeadChip data using Illumina’s
GenomeStudio Methylation Module was also performed without stratification into phenotypic
subtypes, i.e., combined case group (1 = 292 cases and 292 controls). Without subgrouping, a total of
2570 unique DAGs with FDR-adjusted p-values < 0.05 were identified in the combined case group
(Table S4). The volcano plot of DAGs for the combined case group is shown in
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Figure 2. Volcano plots of significant differentially methylated regions and associated genes (DAGs)
among subgroups and combined cases. |DiffScore| versus Delta 3 plots for significant DAGs in:
(A) severely language-impaired (blue) and intermediate (red) subgroups; (B) mild subgroup (blue) and
combined cases (red). Note: A |DiffScore| of 13 is roughly equivalent to a p-value of 0.05.

Figure 2B in comparison to that of the mild subgroup. It is notable that there are fewer significant
DAGs in the combined case group compared to that of the mild subgroup (2570 vs. 4073), despite the
larger number of individuals in the combined case group (292 vs. 149 case-control pairs). Figure 3
summarizes the location of the differentially methylated CpG sites relative to the transcription start
site (TSS) for each case group and also the proportion of hypermethylated or hypomethylated sites in
each group. In brief, more than 90% of CpG sites in all case groups were found within 1000 bp of the
TSS, with the remainder less than 1500 bp away, suggesting that the majority of these sites are likely to
be involved in the regulation of transcription. There are also noticeable quantitative differences in the
methylation profiles among the case groups. For example, the severely language-impaired subgroup
exhibits the greatest proportion of hypomethylated genes (86.8%) and the greatest proportion of CpGs
(72.4%) that are closest (<500 bp) to the TSS. By contrast, the intermediate subgroup exhibits the
greatest proportion of hypermethylated genes (91.6%), while the location of the CpGs relative to the
TSS is very similar to that of the mild and combined subgroups. Table S5 lists the map positions of the
differentially methylated CpGs (and associated genes) in each subtype and the combined case group.
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Figure 3. Summary of the proportions of differentially methylated CpG sites at different distances
relative to the transcription start site (TSS) of the closest gene and the proportion of hypermethylated
and hypomethylated sites in each ASD case group.

The Venn diagram in Figure 4A shows that there are 67 significant DAGs shared among the three
subgroups and the combined case group, while Figure 4B shows volcano plots representing the relative
distribution of these 67 DAGs in each group’s differential methylation profile. The differences in the
distribution of these overlapping DAGs in each of the four groups reflect the differences that were
revealed in Figure 2, with the majority of DAGs in the intermediate subgroup showing increased
methylation, while these same DAGs in the severely language-impaired, mild, and combined groups
show decreased methylation, as shown quantitatively in Figure 3.
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Figure 4. Stratification of ASD patients (1 = 292) into distinct subphenotypes results in increased
discovery of significant DAGs. (A) The Venn diagram shows unique significant DAGs that were
identified using GenomeStudio Methylation Module v1.8 software with subphenotyping into three
groups (mild, intermediate, and severely language-impaired) or without subphenotyping (combined
case group) (FDR-adjusted p-values < 0.05). (B) Volcano plots for the 67 overlapping DAGs from each
group, identified by color in the accompanying legend.

Not surprisingly, the |DiffScore| values (inversely related to p-values) for these DAGs are much
greater in the mild subgroup than those for the severely language-impaired subgroup, which is likely
the result of the larger number of samples in the mild subgroup (149 vs. 22 case-control pairs). On the
other hand, despite having the largest number of cases and controls, the combined case group has
smaller |DiffScore| and delta 3 values in comparison to the mild subgroup. This finding may reflect the
increased heterogeneity underlying the combined case group in which the conglomeration of disparate
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cases dampens the average methylation differences (i.e., delta 3) between the cases and controls. Hence,
the present study demonstrates that phenotypic subtyping by clinical severity of ADI-R scores is a
productive path for discovering a greater number of statistically significant DAGs between ASD cases
and controls as well as differences in DNA methylation profiles among the subgroups.

2.2. Network Prediction Analyses of Subgroup-Associated DAGs

Ingenuity Pathway Analysis (IPA) was used to conduct functional analysis of the DAGs from
each of the ASD subgroups as well as from the combined case group. Neurological functions enriched
among DAGs in each subgroup and the combined case group are shown in Table 1. The specific DAGs
associated with each function are included in Table S6. As shown, the severely language-impaired
subgroup exhibits more functions known to be associated with ASD, such as: neuritogenesis, size and
branching of neurites, and maturation of synapse and dendritic spines [21-25]. Figure S2 shows that
axon guidance signaling and CXCR4 signaling are canonical pathways involved in the top network of
genes involved in neuritogenesis. The intermediate subgroup is notably enriched in DAGs associated
with the activation of neuroglia and astrocytes, suggesting inflammatory processes known to be
involved in ASD [26,27]. Figure S3 shows that the neuroinflammation signaling pathway as well as the
glucocorticoid signaling pathway are implicated by the genes involved in the abnormal morphology
of neurons in the intermediate subgroup.

Table 1. Significantly over-represented neurological functions among DAGs from three phenotypic
subgroups of ASD and a combined case group.

Nervous System Development and Function

- *
Severely Language Impaired (n = 22) p-Value Number of Genes
Abnormal morphology of neurons 221 %1074 19
Sensorimotor integration 3.39x 1073 2
Neuritogenesis 3.52x 1073 19
Maturation of synapse 4.25x 1073 3
Size of neurites 6.09 x 1073 2
Branching of neurites 6.31x1073 11
Maturation of dendritic spines 7.15x 1073 2
Development of neurons 9.24 1073 22
Intermediate (n = 121)
Activation of neuroglia 7.35x 1070 11
Activation of astrocytes 477 x 1074 6
Abnormal morphology of neurons 1.22x 1073 21
Abnormal morphology of axons 1.27 x 1073 7
Abnormal morphology of neurites 1.48 x 1073 9
Loss of neurites 291 %1073 4
Mild (n = 149)
Abnormal morphology of nervous system 4.34x1071 297
Sensory system development 7.77 x 1071° 194
Combined (1 = 292)
Abnormal morphology of nervous system 437 x 10711 194
Sensory system development 6.17 x 1077 121
Abnormal morphology of neurons 226 %1078 121
Activation of neuroglia 427 %1078 45

* Fisher exact p-value representing the probability that the indicated function is not over-represented among the
DAG:s for each group, using all genes in IPA’s Knowledgebase as the reference gene set.

The mild subgroup is enriched in DAGs involved in sensory system development. Figure S4
shows that the top network of genes enriched for sensory system development is associated with axon
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guidance, transforming growth factor-f (TGFf), and bone morphogenetic protein (BMP) signaling
pathways. Interestingly, many individuals with ASD exhibit abnormal sensory responses, such as
hypersensitivity to certain sounds, visual stimuli, taste, and textures [28-30]. Thus, it is not surprising
that many genes related to the sensory system are affected. The nervous system functions associated
with DAGs in the combined case group reflect those identified for the intermediate and mild subgroups
but not for the severely language-impaired subgroup, which comprises just 7.5% of the total number
of cases.

With respect to neurological disorders (see Table 2, Table S7), DAGs in the severely language-
impaired subgroup are enriched for genes contributing to comorbidities in ASD, such as cognitive
impairment [31-34] and motor dysfunction [35,36]. While axon guidance and synaptogenesis signaling
is implicated by the top network of genes associated with cognitive impairment (Figure S5), calcium
signaling and dendritic cell maturation are indicated by the top network of genes involved in motor
dysfunction (Figure S6). On the other hand, DAGs in the intermediate and mild subgroups as well as
the combined case group are over-represented with respect to schizophrenia genes. Figure S7 shows
that the neuroinflammation signaling pathway as well as the cAMP and G-protein coupled receptor
signaling pathways are involved in schizophrenia in the intermediate subgroup, while synaptogenesis,
GABA receptor, and CREB signaling in neurons are involved in the top network of genes in the
mild subgroup (Figure S8). Genes associated with motor dysfunction and movement disorders
are also over-represented among DAGs in the mild subgroup. Interestingly, only the severely
language-impaired subgroup exhibits DAGs explicitly enriched for ASD or intellectual disability (ID),
a comorbidity that presents more frequently in individuals with deficits in spoken language.

Table 2. Significantly over-represented neurological and developmental disorders among DAGs from
the three phenotypic subgroups of ASD and the combined case group.

Neurological Diseases p-Value * Number of Genes

Severely language impaired

Cognitive impairment 1.32 x 107° 26
Syndromic X-linked mental retardation 299 x 107 6
Mental retardation 413x1073 14
Motor dysfunction or movement disorder 7.75 % 1073 29
Autosomal dominant mental retardation type 11 9.94 x 1073 1
Intermediate
Schizophrenia 7.73x 1074 20
Demyelination of nerves 459 x 1073 4
Mild
Schizophrenia 1.18 x 10716 184
Motor dysfunction or movement disorder 5.98 x 10714 393
Movement Disorders 3.93x 10713 384
Combined
Schizophrenia 1.81x 1077 106
Developmental Dlso.rders (Severely Language p-Value * Number of Genes
Impaired Only)
Autism or intellectual disability 3.31x107° 15
Autism spectrum disorder or intellectual disability 3.67 x 1073 17
Dystrophy of muscle 551 x 1073 10

* Fisher exact p-value representing the probability that the indicated disorder is not over-represented among the
DAG:s for each group, using all genes in IPA’s Knowledgebase as the reference gene set.

Figure 5 shows that one of the two networks of genes that are associated with ASD/ID includes
FMR1, the gene responsible for fragile X syndrome, a genetic condition that is frequently associated
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with both intellectual disability and ASD. In a hierarchical layout of the network (Figure S9), FMR1
is placed at the top of the network, highlighting its influence on the downstream genes, which
include UBE3A, an E2 ubiquitin conjugating enzyme involved in cognitive disability, and SLC1A7,
a glutamate transporter that is involved in pervasive developmental disorder (also used to describe
ASD), social anxiety, and fragile X.
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Figure 5. Gene network associated with DAGs enriched for ASD or intellectual disability. All genes
involved in developmental disorder are outlined in purple. Genes colored red are hypermethylated
while those colored green are hypomethylated. The turquoise colored lines indicate relationships
between FMR1 and other genes in the network. Solid lines denote direct interactions; dashed lines

denote indirect interactions.
2.3. Proximity of Hypermethylated and Hypomethylated CpGs to the TSS of the DAGs

Aside from identifying DAGs in each subtype, we also separately investigated the genes associated
with hypermethylated and hypomethylated CpGs that were less than 500 bp from the TSS. Interestingly,
two of the top genes associated with ASD or intellectual disability in the severely language-impaired
subtype, FMR1 and UBE2A, were among the hypomethylated genes closest to the TSS in this
subgroup (Table 3). Other ASD-relevant genes within 500 bp of the TSS are PAX8 and SHANK1 (both
hypomethylated), and CADM1 and PAX6 (both hypermethylated). PAX6 and PAX8 are members of
the paired box (PAX) family of transcription factors. While PAX 6 is involved in modulating the fate
of neural progenitor cells [37], genetic variants in PAX8 are associated with sleep disturbance [38,39],
a frequent comorbidity of ASD. SHANKI1 is a scaffolding protein at the postsynaptic density that has
been found to be involved in ASD [40]. Mutations in CADM!1, which codes for a synaptic adhesion
molecule, are also associated with ASD [41].
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Table 3. Neurological functions and diseases enriched among DAGs implicated by CpGs within 500 bp

of the TSS in the severely language-impaired subgroup.

Nervous System Development & Function p-Value * DAGs (<500 bp from TSS)
Severely language-impaired subtype Hypermethylated
Cell-cell adhesion of neurons 229 x 1074 CADM1, NINJ2
Induction of neural crest 237 %1073 TFAP2A
Scaffolding of postsynaptic region 3.55x 1072 CADM1
Corticogenesis 3.55x 1073 PAX6
Quantity of neurons 7.25 % 1073 CADM1, NPTX2, PAX6, TFAP2A
Abnormal morphology of brain 7.37 x 1073 CRMP1, EPB41L1, PAX6, TFAP2A
Size of growth cone 1.65x 1072 PAX6
Morphology of nervous system 3.71x1072  CADMI, CRMP1, EPB41L1, PAX6, TFAP2A
Memory consolidation 3.73 x 1072 PAX6
Quantity of nerve ending 3.73x 1072 CADM1
Development of sensory neurons 3.95 x 1072 PAX6
Abnormal morphology of forebrain 4.58 x 1072 PAXe6, TEAP2A
Severely language-impaired subtype Hypomethylated
Abnormal morphology of sensory neurons 621 %1074 ATP2B2, CETN2, KCNQ1, OPN4, PAX8
Delay in initiation of maturation of interneurons 593 x 1072 FMR1
ATP2B2, CABP4, CCL11, CETN2, CORT,
Abnormal morphology of neurons 6.49 x 1073 FMR1, KCNQ1, NOS3, OPN4, PAXS,
SHANK1
Long term synaptic depression of hippocampal cells ~ 9.57 x 1073 FMR1, INS
Circadian phase shifting 1.18 x 1072 OPN4
Remodeling of dendrites 1.18 x 1072 FMR1
Density of GABAergic synapse 1.18 x 1072 FMR1
Neurological Diseases p-Value * DAGs (<500 bp from TSS)
Severely language-impaired subtype Hypermethylated
Autosomal dominant mental retardation type 11 1.19x 1073 EPB41L1
Coenitive impairment 133 x 10-3 CRMP1, EPB41L1, GSTM1, NPTX2, PAX6,
g P : TFAP2A
Epileptic seizure 3.70 x 1072 CCN1, NPTX2
Mental retardation 4.09 x 1072 EPB41L1, PAX6, TFAP2A
Abnormal morphology of forebrain 458 x 1072 PAX6, TFAP2A
Severely language impaired subtype Hypomethylated
Syndromic X-linked mental retardation 220 107° BCAP31, FMRI, %%Ei’:LClAZ SLCoAG,
BCAP31, FMR1, GRM4, INS, KCNQI1,
Coenitive impairment 1.65 x 10-3 LRRN4, NOS3, PDZK1, PHF8, POLR3C,
s P : SHANKI, SLC1A7, SLCIA6, UBE2A,
UHMK1
Fragile X-associated tremor ataxia syndrome 5.93 x 1073 FMR1
Fragile X syndrome with Prader-Willi-like phenotype ~ 5.93 x 10> FMR1
ATP2B2, ATP2B3, BCAP31, C9, CCL11,
Movement Disorders 115 x 10-2 CETN2, COL6A3, F8A1, FCGR3A/FCGR3B,

FMR1, KCNQ1, MYH7, OPN4, SDC4,
SGCG, SLC17A4, SLC1A7, SLC9A6, TGM6

* Fisher exact p-value indicating the probability that the function or disorder is not enriched among the DAGs for

this subgroup.
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Table 4. Neurological functions and diseases enriched among DAGs implicated by CpGs within 500 bp
of the TSS in the intermediate subgroup.

Nervous System Development & Function p-Value * DAGs (<500 bp from TSS)
Intermediate subtype Hypermethylated
Loss of neurites 464 %1074 CORT, GJB1, NTF3, SERPINA3
A . . C1QA, CCL11, CCL22, FGF1, GJB1, NOS3,
3
Activation of neuroglia 111 x 10 SMPD3
ATP2B2, C1QA, CABP4, CCL11, CORT,
Abnormal morphology of neurons 122 %1073 GJB1, KCNQ1, NOS3, NTF3, OPN4, PAXS,
PLP1, RHO, SERPINA3, SORBS2
Abnormal morphology of nerve ending 1.66 x 1073 C1QA, NTE3
Abnormal morphology of sensory neurons 2.16 x 1073 ATP2B2, KCNQ1, NTF3, OPN4, PAX8
Loss of axons 238 x 1073 CORT, GJB1, NTF3
Activation of astrocytes 3.04 %1073 C1QA, CCL11, FGF1, SMPD3
Formation of excitatory synapses 3221073 NTEF3, SORBS2
. . CORT, GJB1, NTF3, PLP1, SERPINA3
3 ’ ’ a ’ 7
Abnormal morphology of neurites 5.98 x 10 SORBS2
Evoked potential 6.24 x 1073 ATP2B2, KCNQ1, NTF3, PAX8

ATP2B2, C1QA, CABP4, CCL11, CNGA2,
CORT, FGF1, GJB1, KCNQ1, NOS3, NR5A1,

-3
Abnormal morphology of nervous system 6.49 x 10 NTE3, OPN4. PAXS, PLP1, RHO,
SERPINA3, SMPD3, SORBS2
Intermediate subtype Hypomethylated
Morphology of brain 8.83 x 1074 ARSA, CTNNBI, GBX2, GSX1, TFAP2A
Differentiation of sensory progenitor cells 9.40 x 1074 CTNNB1
Neurogenesis of dopaminergic neurons 1.88 x 1073 CTNNB1
Abnormal morphology of forebrain 242 %1073 ARSA, GSX1, TFAP2A
Abnormal morphology of brain 3.12x1073 ARSA, GBX2, GSX1, TFAP2A
Auditory evoked potential 3.15x 1073 ARSA, KCNQ1
Cell survival of dopaminergic neurons 3.76 x 1073 CTNNB1
Formation of forebrain 3.77 x 1073 CTNNB1, GBX2, GSX1
Accumulation of microglia 7.50 x 1073 CTNNB1
Lack of cerebellum 843 x 1073 GBX2
Neurological Diseases p-Value * DAGs (<500 bp from TSS)
Intermediate subtype Hypermethylated
Abnormal morphology of mechanosensory neurons ~ 8.56 x 107 ATP2B2, KCNQ1, NTF3, PAX8
Lack of muscle sensory neurons 7.85x 1073 NTE3
Intermediate subtype Hypomethylated
Early-onset neurological disorder 320 x 107* ARSA, GABRA3, KCNQI1, PDZRN3
Cognitive impairment 354 x 1074 ARSA, CTNNB1, GABRA3, GSTMI,
& P : KCNQI, TFAP2A
Autosomal dominant mental retardation type 19 9.40 x 1074 CTNNB1
Early-onset schizophrenia 1.13x 1073 GABRA3, PDZRN3
Lack of cerebellum 843 x 1073 GBX2

* Fisher exact p-value indicating the probability that the function or disorder is not enriched among the DAGs for
this subgroup.

Table 4 shows the neurological functions and disorders enriched among the hyper- and
hypomethylated genes with CpGs closest (<500 bp) to the TSS in the intermediate subgroup. Notable
among this set of genes are the hypermethylated genes, CORT (corticostatin) and NTF3 (neurotrophin
3), which are both involved in the loss of neurites. CORT is a neuropeptide that is involved in
the depression of neuronal activity and the induction of slow-wave sleep, while NTF3 is a protein
that controls the survival and differentiation of mammalian neurons. Among the ASD-relevant
hypomethylated genes in this subgroup are CTNNB1 and GABRA3. CTNNBI (catenin betal) plays a
role in seizure susceptibility and cortical malformation as demonstrated in a Ctnnb1 knock-out mouse
model [42], and GABRA3, a GABA receptor that mediates fast inhibitory effects of GABA in the brain,
is reduced in the cerebellum of individuals with ASD [43].
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Among the top hypermethylated genes that are enriched in neurological functions and disorders
in the mild subgroup are ARX and CNTNAP2 (Table 5; Table 6). ARX (Aristaless related homeobox
gene) is involved in a number of neurological diseases, including mental retardation, autism, epilepsy,
and dystonia [44]. Its function as a homeobox gene is responsible for the wide range of neurological
disease phenotypes that result from its mutation or dysregulation. CNTNAP2, a member of the neurexin
family of proteins that serves as a cell adhesion molecule, is one of the most well-studied ASD risk
genes [45-49]. Like ARX, mutations in CNTNAP2 can lead to multiple neurological disease phenotypes,
including autism, epilepsy, intellectual disability, obsessive compulsive disorder, and schizophrenia [50].
Notable among the hypomethylated genes in this subgroup are a number of chemokine genes, including
CCL1, CCL11, CCL2, CCL22, CCL5, and CCL7. Not surprisingly, these DAGs are enriched among genes
that are involved in the activation of neuroglia and neuroinflammation that have been associated
with ASD [51,52]. Interestingly, hypomethylated genes associated with schizophrenia include a
number of neurotransmitter receptors (e.g., cholinergic, cannabinoid, dopamine, GABA, glutamate,
and serotonin) as well as ion channels and ion transporter proteins. These schizophrenia-associated
DAGs in the mild ASD subgroup are significantly enriched for GABA receptor signaling (Fisher’s
exact p-value = 1.98 x 107°), neuroinflammation pathway signaling (p = 4.21 x 1075, serotonin
receptor signaling (1.75 x 1075), calcium signaling (1.29 x 10~3), G-protein coupled receptor signaling
(2.56 x 1073), and glutamate receptor signaling (7.61 x 10~%) pathways. Overall, the proximity of the
differentially methylated CpGs to the TSS of the DAGs enriched for neurological functions and diseases
(as shown in Tables 3-6) suggests that these sites may play a role in the transcriptional regulation of
the associated genes.

Table 5. Neurological functions enriched among DAGs implicated by CpGs within 500 bp from the

TSS in the mild subgroup.
Nervous System Development & Function p-Value * DAGs (<500 bp from TSS)
Mild subtype Hypermethylated
Development of striatum 1.26 x 1076 ARX, CNTNAP2, GSX1, PAX6
ARX, ATP8A2, CDH11, CNTNAP2, EDN3,
Abnormal morphology of nervous system 3.61x10°®  FOXBI, FST, GSX1, OSTM1, PAX6, RBP1, SYN2,
TFAP2A, TLX3, ZIC1
Abnormal morphology of glutamatergic neuron 496 x 1075 PAX6,TLX3
Mierati _5  ARX, CNTNAP2, ERRFI1, FLRT2, LRP12, PAX6,
igration of neurons 5.84 x 10 TLX3
ARX, ATP8A2, CADM1, CCN1, CDH1,
Development of neurons 9.20%x 107> CNTNAP2, FLRT2, ITGA1, LRP12, PAX6,
SYN2, TLX3, TPBG
. : 4 ARX, CADM1, CNTNAP2, ENTPD3, FST,
Quantity of neurons 1.19 x 10 PAX6, PTGER, SYN2, TFAP2A
Abmormal morphologyofbrain 1251074 AR CNTNAFS FOXEL GSX, OSTMI1, PAXG
Abnormal morphology of forebrain 194x10*  ARX, CNTNAP2, FOXB1, GSX1, PAX6, TFAP2A
Growth of cerebellum 2.30 x 107 FOXBI1, ZIC1
Cell cycle progression of neurons 9.71 x 107 PAX6, ZIC1
Growth of brain 1.22x 1073 ARX, FOXB1, PAX6, ZIC1
Developmental process of synapse 1.83x1073 CADM1, CDH1,FLRT2, SYN2, TPBG
Initiation of migration of neurons 2.90 x 1072 ARX
Formation of forebrain 3.02x 1073 ARX, CNTNAP2, GSX1, PAX6, ZIC1
Synaptic transmission of hippocampal CA1 region 414x1073 CNTNAP2, SYN2
Development of sensory neurons 439x1073 PAXe, TLX3
Association of synaptic vesicles 5.80 x 1073 SYN2
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Table 5. Cont.

Nervous System Development & Function

p-Value *

DAGs (<500 bp from TSS)

Mild subtype

Hypomethylated

Sensory system development

Activation of neuroglia

6.57 x 107°

1.35x 1078

ABCA4, ADCY1, AIPL1, AIRE, ALDH1A2,
ALOX15, APOB, AQP1, ARSG, ASPA, ATP2B2,
BBS1, BBS7, BCL9L, BFSP2, BMPR1B, BRD1,
C5AR1, CABP4, CCL1, CDH5, CDK20, CNGA3,
COL18A1, COL1A1, COL8A2, CPLX4, CRX,
CRYAA/CRYAA2, CRYAB, CRYBA4, CRYBB2,
CRYGA, CRYGB, CRYGC, CXCR3, DNMT3A,
DPT, DSC1, EGFR, ELOVL4, EMX1, FABP?,
FASLG, FEZF2, FGF1, FGF7, FGFR2, FYCO1,
GDE3, GFRA1, GJA3, GNAT2, GRK1,
GUCA1A, GUCY2F, HCN1, HGF, HK2, HRG,
IL1R1, IRX3, KERA, KNGI1, KRT12, KRT4, LCK,
LCTL, LHX2, LRAT, LRP8, LYVE1, MARCKSL1,
METRN, MFAP2, MFRP, MGATS5, MSX2,
NEUROD2, NEUROD4, NOTCH3, NRTN,
NTE3, NTF4, NXNL1, OLIG2, OPN4, PDCD1,
PDE6B, PDE6C, PF4V1, PLA2G3, POR,
POU4F2, POU4F3, PPT2, PRPH2, PTGS2,
PTPRS, PYGO1, RB1, RBP3, RDHS8, RHO,
RPE65, RUNX3, S1PR3, SERPINF1, SIX3, SIX6,
SLC17A8, SLC39A5, SOX10, SOX11, SPI1,
TFBIM, TH, THBS1, TP63, TRPV4, TUB,
TULP1, TYRP1, USH2A, VCAM1, VSX2, WNT2
ABCA4, ADIPOQ, AGT, ALB, C1QA, C5AR1,
CCL1, CCL11, CCL21, CCL22, CCL5, CCL?,
CD40LG, CHGA, CNGA3, CSF3, DRD2, EGFR,
F2, FASLG, FGA, FGF1, FGG, GFAP, GJB1,
GJC2, GRK2, IL10, IL1R1, MC4R, MOG, MSTN,
MYOD1, NOS3, NR4A1, NRG1, PDE6B, PDK4,
PTGS2, RDHS, SERPINF2, SLC6A4, SST, TLR?,
TLR9, TREM2, TRPM2, VTN

* Fisher exact p-value indicating the probability that the function is not enriched among the DAGs for this subgroup.

Table 6. Neurological diseases enriched among DAGs implicated by CpGs within 500 bp from the TSS

in the mild subgroup.
Neurological Diseases p-Value * DAGs (<500 bp from TSS)
Mild subtype Hypermethylated
Cerebellar ataxia with intellectual disability 2.95x 1074 ATP8A2, PAX6
ARX, ATP8A2, CDH11, DKK3, ERRFI1, FGF12,
Movement Disorders 6.67x 107 FLRT2, GABRE, GYPC, NKX6-2, PAX6, PDE4B,
SYN2, ZIC1
ARX, CCN1, CNTNAP2, ERRFI1, FGF12,
. 4 , , , , ,
Epilepsy 7.73 x 10 GABRE, SYN2
ARX, CCN1, CNTNAP2, EDN3, ERRFI1
. . _3 , , , , ,
Epilepsy or neurodevelopmental disorder 1.08 x 10 FGF12, GABRE, SYN2
ARX-related X-linked mental retardation 2.90 x 1072 ARX
Moderate to severe stage mental retardation 2,90 x 1072 ARX
Severe hypotonia 2.90 x 1072 ARX
Susceptibility to autism type 15 290 %1073 CNTNAP2
Cerebellar ataxia, mental retardation, 3
and dysequilibrium syndrome type 4 29010 ATPBA2
Autism 3.95x 1073 ARX, CNTNAP2, GABRE
Sei 452 x 10°3 ARX, CCN1, CNTNAP2, ERRFI1, FGF12,
elzures : GABRE, SYN2
Familial pervasive developmental disorder 464 %1073 ARX, CNTNAP2
Ataxia 523 x107° ARX, ATP8A2, NKX6-2, PAX6, ZIC1
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Table 6. Cont.

DAGs (<500 bp from TSS)

Hypomethylated

Neurological Diseases p-Value *
Mild subtype
Schizophrenia 9.17 x 10711

ACSBGI1, ADRA2B, APOA4, APOB, ATP1A4,
ATP2B2, ATP4A, ATP4B, BPIFC, CA1, CA5A,
CA7,CA9, CAD, CALY, CAP2, CCDC60, CCK,
CCKAR, CHI3L1, CHRM1, CHRNA1,
CHRNAZ2, CHRNA9, CHRNB4, CNR1,
COL3A1, CPLX2, CRHBP, CYP2D6, CYP2EL,
CYP3A5, DAB1, DAO, DDR1, DLG2, DRD1,
DRD2, DRD5, DRP2, EGFR, ERBB4, FABP?,
FAM3D, FCGR2A, FCGR3A/FCGR3B,
GABRAS3, GABRA5, GABRA6, GABRGS3,
GABRP, GABRR1, GFAP, GPR37, GRIK1,
GRIKS5, GRIN1, GRIN3A, GRM4, GRM7,
HIPK3, HRH1, HTR2B, HTR3A, HTR3B,
HTR3C, HTR3D, HTR3E, HTR5A, HTR6, INS,
LAMAT, LGALS1, MAGEC1, MC4R, MEST,
MT2A, MTNR1B, NEFM, NELL1, NOTCH4,
NPAS3, NRG1, NRXN1, NTF3, NTNG2,
OFCC1, OXTR, PDZRN3, PLP1, PMP22, POMC,
PRL, PTGS2, RCAN2, RIT2, RPP21, SCG2,
SCG5, SCN2B, SCN3B, SCN4A, SCN9A,
SLC14A1, SLC18A1, SLC18A2, SLC31A2,
SLC5A7, SLC6A4, SLC7A11, SOX10, SST,
STON1, SYN3, SYT3, SYT4, TAC1, TF, THBS1,
TRAK1, TTR, UGT1A3, XDH

* Fisher exact p-value indicating the probability that the neurological disease is not enriched among the DAGs for

this subgroup.

2.4. Shared DAGs among Case Groups Converge on Inflammatory Responses

We also used IPA to analyze the 67 DAGs (from Figure 4) shared by all three subgroups and the
combined case group. Figure 6 shows the top network resulting from the network prediction analysis
of the shared DAGs. This network is enriched in genes associated with inflammatory responses,
suggesting that neuroinflammation may be a common theme underlying core features of ASD that are
manifested in all subtypes. These results collectively demonstrate the value of reducing heterogeneity
by subphenotyping individuals with ASD to maximize the ability to identify not only ASD-related
DAGs but also ASD-associated functions, pathways, and disorders over-represented within each

subgroup. Specifically, 1.62 times as many unique DAGs (4155) are identified among the three
subphenotypes in comparison to that of the combined case group (2570).
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Figure 6. Hierarchical layout of top network of DAGs shared among 3 subphenotypes of ASD and the
combined case group. Genes outlined in purple are involved in inflammatory responses.

2.5. Overlap of DAGs and Differentially Expressed Genes (DEGs) from Analogous Phenotypic Subgroups from
the Simplex Population

The subgroup-associated DAGs from the present methylation study were compared with DEGs
from a separate study investigating transcriptomic data on individuals from the SSC cohort who were
divided into subphenotypes using cluster analyses of ADI-R scores (Hu, V.W. and Bi, C., unpublished
data). The overlapping genes for each subgroup and the combined case group included 12 DEGs
from the severely language-impaired subgroup (hypergeometric cumulative g-value = 0.30), 8 DEGs
from the intermediate subgroup (g = 0.35), 76 DEGs from the mild subgroup (7 = 7.14 x 107#,
and 68 DEGs from the combined case group (7 = 2.31 X 1074) (Table 7). Thus, there is a significant
overlap between DEGs and DAGs from the mild subgroup and combined case group but not from the
severely language-impaired subgroup or intermediate subgroup, suggesting at least partial functional
validation with regard to regulation of expression for the overlapping genes. It is not expected that all of
the DEGs would be regulated by methylation differences between cases and controls. It should also be
noted that there were fewer individuals in the transcriptomic investigation, with 7 case-control sibling
pairs in the severely language-impaired subgroup, 26 pairs in the intermediate subgroup, 41 pairs in
the mild subgroup, and 74 pairs in the combined case group. Furthermore, although the cases from the
transcriptomic analysis were phenotypically representative of those from the three subgroups in this
methylation study, the samples were not the same as those included in the present study.
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2.6. Comparison with Other DNA Methylation Studies of ASD

DNA methylation has long been implicated as a contributor to the etiology of ASD-related
disorders, such as Rett syndrome and Fragile X [53-56]. With respect to idiopathic ASD, we were
the first to demonstrate that DNA methylation differences across multiple genes could be correlated
to dysregulated expression of those genes in LCLs from discordantly diagnosed monozygotic twins
and sibling pairs [7,57]. Since then, a number of other studies using blood-derived cells, buccal cells,
and brain tissues have confirmed aberrant DN A methylation as a likely contributory factor to ASD [7-15].
However, there has been relatively low consistency with respect to the specific DAGs identified among
the various studies, which is possibly due to the heterogeneity both within and among the cohorts
used for the different analyses.

To our knowledge, this is the first study to undertake methylation analysis of ASD probands and
unaffected siblings from the simplex population after dividing the cases into phenotypic subgroups
to lessen the clinical heterogeneity inherent to ASD. A recent study that involved a meta-analysis of
blood DNA methylation from two cohorts of individuals with ASD and controls did not find any
DAGs that were significant after Bonferroni correction for multiple testing despite having 796 cases
and 858 controls [58]. One of the cohorts included 343 probands and their respective sibling controls
from the SSC. Among the 7 genes that were suggestively associated with ASD with p-value <1 x 1079,
only one, DIO3, was found among DAGs from the mild subgroup tested here. Similarly, another recent
methylation study using neonatal bloodspots from 1263 infants (of whom 50% were later diagnosed
with ASD) concluded that ASD is not associated with robust differential methylation between the
diagnosed children and the unaffected ones [59]. Another large methylome-wide association study
(MWAS), which used cord blood from 701 8-year-olds and their respective scores on the Social and
Communication Disorders Checklist as a measure of autistic traits, found no significant CpGs associated
with the social traits [14]. Moreover, Massrali et al. [14] reported that a meta-analysis of the blood and
blood spot data from the previous two MWAS studies [58,59] did not reveal any significant concordance
in effect direction with their cord blood study; they therefore concluded that none of the MWAS studies
identified any significant DAGs. It should be noted that all of these studies used methylation data
collected on Illumina Infinium HumanMethylation450K BeadChip arrays, which offer greater potential
for identifying differentially methylated CpG sites in comparison to the HumanMethylation27K array
from which we derived the methylation data for our study. We therefore suggest that our ability to
identify a large number of significant DAGs—some of which are replicated in different subgroups
(or cohorts)—is due to the reduction in phenotypic or clinical heterogeneity among the cases in each
subgroup. This interpretation is borne out by the smaller delta § values for DAGs when all the cases
are combined into one group for methylation analysis. While we have used cluster analyses of ADI-R
scores for phenotypic subgrouping in this study, heterogeneity reduction by genetic subgrouping
(e.g., by CHDS mutations or by 16p11.2 deletions) has also resulted in enhanced ability to detect
significant DAGs between ASD cases and controls [60]. In the same study, Siu et al. also reported no
significant DAGs with a heterogeneous group of cases with idiopathic ASD, thereby reaffirming the
value of heterogeneity reduction in genome-wide DNA methylation studies of ASD. Aside from the
subgrouping methods discussed above, heterogeneity reduction in ASD can also be accomplished by
subtyping individuals by associated comorbidities, such as intellectual disability, immune dysfunction,
or gastrointestinal disease.

2.7. Advantages and Limitations of Study Design and Future Considerations

This study examines the impact of applying clinical subtyping to methylation analyses of
males with ASD from the simplex population. While the inclusion of only males eliminates sex
as a confounding factor, future studies should also include females to investigate the potential for
sex-related differences in DNA methylation. The main limitation here is the relatively small number of
cases studied, particularly in the severely language-impaired subgroup, which represents the smallest
phenotypic subgroup identified by ADI-R cluster analyses of cases from simplex families. Despite this
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limitation, the severely language-impaired subgroup exhibited the largest differences in 3 values (and
fold-change) between cases and controls relative to that of the other groups, perhaps reflecting the
heightened clinical severity of this subgroup. Furthermore, network prediction analyses show that this
subgroup was most enriched in neurological functions and comorbidities associated with ASD and
was also the sole subgroup enriched for genes directly involved in autism and intellectual disability.

Another limitation is that we were not able to confirm the DAGs identified in each subgroup
inasmuch as this bioinformatics study focused on a re-analysis of existing methylation data, and we
did not have access to the samples for pyrosequencing analyses. Future studies should therefore
address the confirmation of these results not only with regard to methylation analyses of specific
DAGs, but also with respect to application of this subtyping method to methylation analyses of an
additional cohort of individuals with ASD from the simplex population, preferably with more CpG
sites interrogated. Nevertheless, the overlap of DAGs between and among the three phenotypic
subgroups represents replication of at least these specific DAGs in different cohorts, as there is no
overlap of individuals among the subgroups. In addition, the overlap of DAGs from this study
and DEGs from a separate transcriptomic study involving analogous subgroups from the simplex
population offers functional support for a fraction of the DAGs identified here. Finally, the Infinium
HumanMethylation27K BeadChip array, which was used to generate the methylation data analyzed in
this study, is also a limitation in terms of the relatively low number of CpGs interrogated. More recent
BeadChip arrays currently probe over 800K CpG sites, and whole genome bisulfite sequencing can
assess even more. Thus, in light of our study demonstrating increased discovery of significant DAGs
as well as ASD-associated neurological functions and disorders as a result of phenotypic subgrouping,
it will be of interest for future studies to analyze more comprehensive methylation data in the context
of ASD subtypes to confirm the main findings reported here.

3. Materials and Methods

3.1. Acquisition of Methylation Data for Individuals with ASD from the Simplex Population

DNA methylation data from a study of individuals with ASD and their unaffected siblings who
were included in the Simons Simplex Collection (SSC) (New York, NY, USA) were downloaded from
the National Database for Autism Research (NDAR). NDAR is a repository of clinical, omics, and brain
imaging data from autism studies that is maintained by the NIMH Data Archives (NDA) (Rockville,
MD, USA). The original data were deposited by Dr. Stephen Warren (Emory University, Atlanta,
GA, USA) for a methylation pilot study entitled “Epigenetic marks as peripheral biomarkers for
autism” (Study ID: #287). For the pilot study, DNA methylation for over 300 simplex cases and their
respective sibling controls was analyzed on Illumina Infinium HumanMethylation27K BeadChips
covering 27,578 CpG dinucleotides, with the raw data deposited into NDAR.

3.2. Phenotypic Subtyping for ASD Individuals from Simplex Families

The Autism Diagnostic Interview-Revised (ADI-R), which is considered a gold-standard diagnostic
tool for autism, is based on a series of questions posed to parents or primary caregivers that interrogate
a subject’s performance on a wide range of behaviors impacted by ASD [61]. These behaviors are scored
for severity by a trained neuropsychologist according to the parent/caregiver’s response. Raw ADI-R
scoresheets for 1900 individuals with ASD (i.e., probands) were obtained from the SSC. As described
previously for multiplex families [16], 123 severity scores on 63 ADI-R items (see Table S8) for each
individual were subjected to K-means cluster (KMC) analyses, which showed that K = 3 (representing
separation into 3 subgroups) resulted in an optimum separation of cases with distinguishable severity
profiles. Based on these profiles, the three subgroups were described as mild, intermediate, and severely
language impaired, which are similar to three of the four subgroups previously identified in multiplex
families [16]. The fourth subgroup in the multiplex population, which exhibited a noticeably higher
frequency of savant skills, was not clearly discernible within the simplex population.
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The sample identification numbers (IDs) of the probands from the Warren pilot methylation
study were then cross-referenced against the sample IDs associated with 1900 ADI-R scoresheets of
individuals with ASD from the SSC. Based on the severity profiles that resulted from the ADI-R cluster
analyses, 292 cases (all males) with available methylation data were stratified into three subphenotypes
as follows: mild (n = 149), intermediate (1 = 121), and severely language impaired (1 = 22). Differences
in the severity profiles of the 292 individuals selected for our study were verified by hierarchical
clustering (HCL) and principal components analyses (PCA) using open-access Multiexperiment Viewer
software [62]. The demographic information on individuals included in the current study is presented
in Table S9.

3.3. Identification of Differentially Methylated Regions (DMR) and DMR-Associated Genes (DAG)

Raw signal intensities were extracted from idat files derived from the Illumina Infinium
HumanMethylation27K BeadChip analyses using Illumina’s GenomeStudio Methylation Module v1.8
(lumina, San Diego, CA, USA). The DNA methylation level of each interrogated CpG site is reported
in the GenomeStudio software as an average (3 value, ranging from 0 (completely unmethylated)
to 1 (100% methylated). The f value is defined as the ratio of signal from the methylated probe
(M) to the sum of the signals from the methylated probe (M) and unmethylated probe (U) plus
100, or p = M/(M + U + 100). Analysis of differential methylation between ASD cases and sibling
controls was performed in GenomeStudio using the Illumina Custom Model. This error model
developed by Illumina assumes a normal distribution of the 3 values among biological replicates
and results in a differential methylation score (DiffScore) for each interrogated CpG site. Using the
absolute value of DiffScores reported by the GenomeStudio software, p-values were calculated with
the following formula: p = 10~ (PiffScorel/10) " |DiffScore| > 13.0103 is equivalent to a p-value < 0.05.
Correction for multiple comparisons was accomplished by computing the false discovery rate (FDR),
which is integrated into the GenomeStudio software. Interrogated CpG sites were annotated in
GenomeStudio with respect to their corresponding genes. DAGs with FDR-adjusted p < 0.05 were
classified as significant. The three ASD subgroups were analyzed separately as well as in combination
(i.e., combined case group) for DNA methylation differences when compared to their respective sibling
controls. Volcano plots showing the overall distribution of significant DAGs for each subgroup or
the combined case group were generated by plotting |DiffScore| against delta 3, i.e., (Bcase = Bcontrol)-
The distance of the differentially methylated CpGs to the TSS of the nearest gene was obtained from
[llumina’s content file for the HumanMethylation27K BeadChip array, which provides the mapping
information for each CpG as well as its location with respect to CpG islands. All of the CpG sites were
within 1500 bp of a TSS, suggesting their potential involvement in the regulation of gene expression.

3.4. Network Prediction Analyses of DAGs

Ingenuity Pathway Analysis (IPA) network prediction software (Qiagen, Germantown, MD, USA)
was used to identify enriched functions, pathways, and disorders associated with DAGs from the
methylation analyses based on Fisher exact p-values of p < 0.05, using genes in IPA’s Knowledgebase
as the reference set of genes to determine enrichment in pathways or functions among the DAGs.

3.5. Hypergeometric Distribution Analyses

Hypergeometric distribution analyses were employed to identify the significance of overlap
between DAGs and differentially expressed genes (DEGs) from analogous phenotypic subgroups of
ASD from a separate study (Hu, V.W. and Bi, C., unpublished data), which involved re-analysis
of transcriptomic data from a previously published study that used LCLs from the SSC [63].
Theoverlapping genes were identified using an open-access Venn diagram software program called
Venny 2.1.0 (https://bioinfogp.cng.csic.es/tools/venny/) [64]. Significant overlap between the DAGs and
DEGs was determined by hypergeometric distribution analyses using the open-access CASIO Keisan
Online Calculator (http://keisan.casio.com/exec/system/1180573201), with significance determined
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by an upper cumulative g-value of < 0.05. Venny 2.1.0 was also used to identify overlap among
subgroup-associated DAGs and those from the combined case group.

4. Conclusions

This is the first study to investigate differential methylation in individuals with ASD from the
simplex population who were divided into distinct phenotypic subgroups by cluster analyses of
ADI-R scores. This study is important because it demonstrates a link between DNA methylation
and the etiology of ASD in this population. We suggest that subphenotyping enables more efficient
identification of statistically significant DAGs which, in turn, reveal subphenotype-dependent functions
and comorbidities that are associated with each ASD subgroup. Such discrimination of the biological
differences between ASD subphenotypes is essential to our understanding of the complex pathobiology
of ASD as well as our ability to develop targeted ASD subtype-directed therapeutics.

Supplementary Materials: The following are available online at http://www.mdpi.com/1422-0067/21/18/6877/s1,
Figure S1. |DiffScore| vs. log2 Fold-change values for all groups; Figure S2. Gene network associated with DAGs
involved in neuritogenesis in the severely language-impaired subgroup; Figure S3. Gene network associated
with DAGs involved in abnormal morphology of neurons in the intermediate subgroup; Figure S4. Gene
network associated with DAGs involved in sensory system development in the mild subgroup; Figure S5. Gene
network associated with DAGs involved in cognitive impairment in the severely language-impaired subgroup;
Figure S6. Gene network associated with DAGs involved in motor dysfunction in the severely language-impaired
subgroup; Figure S7. Gene network associated with DAGs involved in schizophrenia in the intermediate
subgroup; Figure S8. Gene network associated with DAGs involved in schizophrenia in the mild subgroup;
Figure S9. Hierarchical layout of a top gene network of DAGs associated with ASD and ID in the severely
language-impaired subgroup; Table S1. Significant DAGs associated with the severely language-impaired
subgroup; Table S2. Significant DAGs associated with the intermediate subgroup; Table S3. Significant DAGs
associated with the mild subgroup; Table S4. Significant DAGs associated with the combined case group;
Table S5. Map positions (distance from TSS) of the differentially methylated CpG sites in each subtype and the
combined case group; Table S6. Over-represented neurological functions among DAGs in all subgroups and the
combined case group; Table S7. Over-represented neurological and developmental disorders among DAGs in all
subgroups and the combined case group; Table S8. List of ADI-R items with score adjustments used for cluster
analyses, as described in [16]; Table S9. Demographic information for probands and siblings used in this study.

Author Contributions: Conceptualization, V.W.H.; Formal analysis, E.C.L. and V.W.H.; Supervision, V.W.H.;
Visualization, V.W.H.; Writing—original draft, E.C.L. and V.W.H.; Writing—review & editing, E.C.L. and V.W.H.
All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Acknowledgments: The methylation data used in the preparation of this manuscript were obtained from the
National Institute of Mental Health (NIMH) Data Archive (NDA). NDA is a collaborative informatics system created
by the National Institutes of Health to provide a national resource to support and accelerate research in mental
health. Dataset identifier: [NIMH Data Archive Collection ID #287; DOI: 10.15154/1165651]. This manuscript
reflects the views of the authors and may not reflect the opinions or views of the NIH or of the Submitters
submitting original data to NDA. We also acknowledge Stephen Warren (Emory University, Atlanta, GA) as the
submitter of the pilot methylation data deposited into the NDA. We thank the SSC for providing raw ADI-R
scoresheets for probands in the SSC (to VWH) and the families of individuals with ASD for making these data as
well as biological specimens available for research.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. American Psychiatric Association. Diagnostic and Statistical Manual of Mental Disorders: DSM-5, 5th ed.;
American Psychiatric Association: Arlington, VA, USA, 2013.

2. Bakulski, K.M.; Singer, A.B.; Fallin, M.D. Genes and environment in autism spectrum disorders: An
integrated perspective. In Frontiers in Autism Research: New Horizons for Diagnosis and Treatment; Hu, VW.,
Ed.; World Scientific Publishing Co.: Singapore, 2014; pp. 335-374.

3. Siu, M.T.; Weksberg, R. Epigenetics of Autism Spectrum Disorder. In Neuroepigenomics in Aging and Disease;
Delgado-Morales, R., Ed.; Springer International Publishing: Cham, Switzerland, 2017; pp. 63-90.

4. Moosa, A.; Shu, H.; Sarachana, T.; Hu, V.W. Are Endocrine Disrupting Compounds Environmental Risk
Factors for Autism Spectrum Disorder? Horm. Behav. 2018, 101, 13-21. [CrossRef] [PubMed]

71



Int. ]. Mol. Sci. 2020, 21, 6877

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

Ciernia, A.V,; LaSalle, ]. The Landscape of DNA Methylation Amid a Perfect Storm of Autism Aetiologies.
Nat. Rev. Neurosci. 2016, 17, 411-423. [CrossRef] [PubMed]

Ladd-Acosta, C.; Fallin, M.D. DNA Methylation Signatures as Biomarkers of Prior Environmental Exposures.
Curr. Epidemiol. Rep. 2019, 6, 1-13. [CrossRef] [PubMed]

Nguyen, A.; Rauch, T.A.; Pfeifer, G.P.; Hu, V.W. Global Methylation Profiling of Lymphoblastoid Cell Lines
Reveals Epigenetic Contributions to Autism Spectrum Disorders and a Novel Autism Candidate Gene,
RORA, Whose Protein Product is Reduced in Autistic Brain. FASEB J. 2010, 24, 3036-3051. [CrossRef]
Ginsberg, M.R.; Rubin, R.A ; Falcone, T.; Ting, A.H.; Natowicz, M.R. Brain Transcriptional and Epigenetic
Associations with Autism. PLoS ONE 2012, 7, e44736. [CrossRef]

Ladd-Acosta, C.; Hansen, K.D.; Briem, E.; Fallin, M.D.; Kaufmann, W.E.; Feinberg, A.P. Common DNA
Methylation Alterations in Multiple Brain Regions in Autism. Mol. Psychiatry 2014, 19, 862-871. [CrossRef]
Nardone, S.; Sharan Sams, D.; Reuveni, E.; Getselter, D.; Oron, O.; Karpuj, M.; Elliott, E. DNA Methylation
Analysis of the Autistic Brain Reveals Multiple Dysregulated Biological Pathways. Transl. Psychiatry 2014,
4, e433. [CrossRef]

Berko, E.R.; Suzuki, M.; Beren, F.; Lemetre, C.; Alaimo, C.M.; Calder, R.B.; Ballaban-Gil, K.; Gounder, B.;
Kampf, K.; Kirschen, J.; et al. Mosaic Epigenetic Dysregulation of Ectodermal Cells in Autism Spectrum
Disorder. PLoS Genet. 2014, 10, €1004402. [CrossRef]

Wong, C.C.Y.; Meaburn, E.L.; Ronald, A.; Price, T.S.; Jeffries, AR.; Schalkwyk, L.C.; Plomin, R.; Mill, J.
Methylomic Analysis of Monozygotic Twins Discordant for Autism Spectrum Disorder and Related
Behavioural Traits. Mol. Psychiatry 2014, 19, 495-503. [CrossRef]

Feinberg, J.I; Bakulski, K.M.; Jaffe, A.E.; Tryggvadottir, R.; Brown, S.C.; Goldman, L.R.; Croen, L.A.;
Hertz-Picciotto, I.; Newschaffer, C.J.; Fallin, M.D.; et al. Paternal Sperm DNA Methylation Associated with
Early Signs of Autism Risk in an Autism-Enriched Cohort. Int. ]. Epidemiol. 2015, 14, 1-12. [CrossRef]
Massrali, A.; Brunel, H.; Hannon, E.; Wong, C.; Baron-Cohen, S.; Warrier, V. Integrated Genetic and
Methylomic Analyses Identify Shared Biology between Autism and Autistic Traits. Mol. Autism 2019, 10, 31.
[CrossRef] [PubMed]

Wong, C.C.Y,; Smith, R.G.; Hannon, E.; Ramaswami, G.; Parikshak, N.N.; Assary, E.; Troakes, C.; Poschmann, J.;
Schalkwyk, L.C.; Sun, W.; et al. Genome-Wide DNA Methylation Profiling Identifies Convergent Molecular
Signatures Associated with Idiopathic and Syndromic Autism in Post-Mortem Human Brain Tissue.
Hum. Mol. Genet. 2019, 28, 2201-2211. [CrossRef] [PubMed]

Hu, VW,; Steinberg, M.E. Novel Clustering of Items from the Autism Diagnostic Interview-Revised to Define
Phenotypes within Autism Spectrum Disorders. Autism Res. 2009, 2, 67-77. [CrossRef] [PubMed]

Hu, VW,; Sarachana, T.; Kim, K.S.; Nguyen, A_; Kulkarni, S.; Steinberg, M.E.; Luu, T.; Lai, Y.; Lee, N.H. Gene
Expression Profiling Differentiates Autism Case-Controls and Phenotypic Variants of Autism Spectrum
Disorders: Evidence for Circadian Rhythm Dysfunction in Severe Autism. Autism Res. 2009, 2, 78-97.
[CrossRef]

Hu, VW.; Addington, A.; Hyman, A. Novel Autism Subtype-Dependent Genetic Variants are Revealed
by Quantitative Trait and Subphenotype Association Analyses of Published GWAS Data. PLoS ONE 2011,
6,€19067. [CrossRef]

Talebizadeh, Z.; Arking, D.E.; Hu, V.W. A Novel Stratification Method in Linkage Studies to Address Inter
and Intra Family Heterogeneity in Autism. PLoS ONE 2013, 8, 67569. [CrossRef] [PubMed]

Hu, VW.; Devlin, C.A.; Debski, ].J. ASD Phenotype-genotype Associations in Concordant and Discordant
Monozygotic and Dizygotic Twins Stratified by Severity of Autistic Traits. Int. ]. Mol. Sci. 2019, 20, 3804.
[CrossRef] [PubMed]

Courchesne, E.; Pramparo, T.; Gazestani, V.H.; Lombardo, M.V.; Pierce, K.; Lewis, N.E. The ASD Living
Biology: From Cell Proliferation to Clinical Phenotype. Mol. Psychiatry 2019, 24, 88-107. [CrossRef]

Bakos, J.; Bacova, Z.; Grant, S.G.; Castejon, A.M.; Ostatnikova, D. Are Molecules Involved in Neuritogenesis
and Axon Guidance Related to Autism Pathogenesis? Neuromol. Med. 2015, 17,297-304. [CrossRef]
Nguyen, H.T.N.; Kato, H.; Masuda, K.; Yamaza, H.; Hirofuji, Y.; Sato, H.; Pham, T.T.M.; Takayama, F,; Sakai, Y.;
Ohga, S; et al. Impaired Neurite Development Associated with Mitochondrial Dysfunction in Dopaminergic
Neurons Differentiated from Exfoliated Deciduous Tooth-Derived Pulp Stem Cells of Children with Autism
Spectrum Disorder. Biochem. Biophys. Rep. 2018, 16, 24-31. [CrossRef]

72



Int. ]. Mol. Sci. 2020, 21, 6877

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.
37.

38.

39.

40.

41.

42.

43.

44.

Phillips, M.; Pozzo-Miller, L. Dendritic Spine Dysgenesis in Autism Related Disorders. Neurosci. Lett. 2014,
601, 30-40. [CrossRef] [PubMed]

Guang, S.; Pang, N.; Deng, X.; Yang, L.; He, E; Wu, L.; Chen, C.; Yin, E; Peng, ]. Synaptopathology Involved
in Autism Spectrum Disorder. Front. Cell. Neurosci. 2018, 12, 470. [CrossRef] [PubMed]

Vargas, D.L.; Nascimbene, C.; Krishnan, C.; Zimmerman, A.W.; Pardo, C.A. Neuroglial Activation and
Neuroinflammation in the Brain of Patients with Autism. Ann. Neurol. 2005, 57, 67-81. [CrossRef] [PubMed]
Prata, J.; Machado, A.S.; von Doellinger, O.; Almeida, M.I; Barbosa, M.A.; Coelho, R.; Santos, S.G.
The Contribution of Inflammation to Autism Spectrum Disorders: Recent Clinical Evidence. Methods Mol.
Biol. 2019, 2011, 493-510. [PubMed]

Chang, M.C.; Parham, L.D.; Blanche, E.L; Schell, A.; Chou, C.-P.; Dawson, M.; Clark, F. Autonomic and
Behavioral Responses of Children with Autism to Auditory Stimuli. Am. J. Occup. Ther. 2012, 66, 567-576.
[CrossRef] [PubMed]

Baum, S.H.; Stevenson, R.A.; Wallace, M.T. Behavioral, Perceptual, and Neural Alterations in Sensory and
Multisensory Function in Autism Spectrum Disorder. Prog. Neurobiol. 2015, 134, 140-160. [CrossRef]
Wang, G.; Li, W.; Han, Y.; Gao, L.; Dai, W.; Su, Y.; Zhang, X. Sensory Processing Problems and Comorbidities
in Chinese Preschool Children with Autism Spectrum Disorders. ]. Autism Dev. Disord. 2019, 49, 4097-4108.
[CrossRef]

Lai, M.-C.; Lombardo, M.V.; Baron-Cohen, S. Autism. Lancet 2014, 383, 896-910. [CrossRef]

McKeague, LW.; Brown, A.S.; Bao, Y.; Hinkka-Yli-Salomaki, S.; Huttunen, J.; Sourander, A. Autism
with Intellectual Disability Related to Dynamics of Head Circumference Growth during Early Infancy.
Biol. Psychiatry 2015, 77, 833-840. [CrossRef]

Bryson, S.E.; Bradley, E.A.; Thompson, A.; Wainwright, A. Prevalence of Autism among Adolescents with
Intellectual Disabilities. Can. J. Psychiatry 2008, 53, 449-459. [CrossRef]

McCarthy, J. Children with Autism Spectrum Disorders and Intellectual Disability. Curr. Opin. Psychiatry
2007, 20, 472-476. [CrossRef] [PubMed]

McCleery, J.P; Elliott, N.A.; Sampanis, D.S.; Stefanidou, C.A. Motor Development and Motor Resonance
Difficulties in Autism: Relevance to Early Intervention for Language and Communication Skills.
Front. Integr. Neurosci. 2013, 7, 30. [CrossRef] [PubMed]

Whyatt, C.; Craig, C. Sensory-Motor Problems in Autism. Front. Integr. Neurosci. 2013, 7, 51.

Kikkawa, T.; Casingal, C.R.; Chun, S.H.; Shinohara, H.; Hiraoka, K.; Osumi, N. The Role of Pax6 in Brain
Development and its Impact on Pathogenesis of Autism Spectrum Disorder. Brain Res. 2019, 1705, 95-103.
[CrossRef] [PubMed]

Lane, ].M.; Liang, J.; Vlasac, L.; Anderson, S.G.; Bechtold, D.A.; Bowden, J.; Emsley, R; Gill, S.; Little, M.A;
Luik, A.L; et al. Genome-Wide Association Analyses of Sleep Disturbance Traits Identify New Loci and
Highlight Shared Genetics with Neuropsychiatric and Metabolic Traits. Nat. Genet. 2017, 49, 274-281.
[CrossRef]

Jones, SE.; Tyrrell, J.; Wood, A.R.; Beaumont, RN.; Ruth, K.S.; Tuke, M.A.; Yaghootkar, H.; Hu, Y,;
Teder-Laving, M.; Hayward, C.; et al. Genome-Wide Association Analyses in 128,266 Individuals Identifies
New Morningness and Sleep Duration Loci. PLoS Genet. 2016, 12, €1006125. [CrossRef]

Gong, X.H.; Wang, H.Y. SHANK1 and Autism Spectrum Disorders. Sci. China Life Sci. 2015, 58, 985-990.
[CrossRef]

Kitagishi, Y.; Minami, A.; Nakanishi, A.; Ogura, Y.; Matsuda, S. Neuron Membrane Trafficking and Protein
Kinases Involved in Autism and ADHD. Int. ]. Mol. Sci. 2015, 16, 3095-3115. [CrossRef]

Campos, V.E.; Du, M.; Li, Y. Increased Seizure Susceptibility and Cortical Malformation in Beta-Catenin
Mutant Mice. Biochem. Biophys. Res. Commun. 2004, 320, 606-614. [CrossRef]

Fatemi, S.H.; Reutiman, T.J.; Folsom, T.D.; Thuras, P.D. GABAA Receptor Downregulation in Brains of
Subjects with Autism. J. Autism Dev. Disord. 2009, 39, 223-230. [CrossRef]

Sherr, E.H. The ARX Story (Epilepsy, Mental Retardation, Autism, and Cerebral Malformations): One Gene
Leads to Many Phenotypes. Curr. Opin. Pediatr. 2003, 15, 567-571. [CrossRef] [PubMed]

73



Int. ]. Mol. Sci. 2020, 21, 6877

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

Arking, D.E.; Cutler, D.J.; Brune, C.W.; Teslovich, T.M.; West, K.; Ikeda, M.; Rea, A.; Guy, M.; Lin, S,;
Cook, E.H.; et al. A Common Genetic Variant in the Neurexin Superfamily Member CNTNAP2 Increases
Familial Risk of Autism. Am. J. Hum. Genet. 2008, 82, 160-164. [CrossRef] [PubMed]

Alarcon, M.; Abrahams, B.S.; Stone, J.L.; Duvall, J.A.; Perederiy, J.V.; Bomar, ].M.; Sebat, J.; Wigler, M.;
Martin, C.L.; Ledbetter, D.H.; et al. Linkage, Association, and Gene-Expression Analyses Identify CNTNAP2
as an Autism-Susceptibility Gene. Am. J. Hum. Genet. 2008, 82, 150-159. [CrossRef] [PubMed]

Bakkaloglu, B.; O'Roak, B.J.; Louvi, A.; Gupta, A.R.; Abelson, J.F.; Morgan, T.M.; Chawarska, K.; Klin, A.;
Ercan-Sencicek, A.G; Stillman, A.A.; et al. Molecular Cytogenetic Analysis and Resequencing of Contactin
Associated Protein-Like 2 in Autism Spectrum Disorders. Am. |. Hum. Genet. 2008, 82, 165-173. [CrossRef]
[PubMed]

Pefiagarikano, O.; Abrahams, B.S.; Herman, E.I.; Winden, K.D.; Gdalyahu, A.; Dong, H.; Sonnenblick, L.I.;
Gruver, R.; Almajano, J.; Bragin, A.; et al. Absence of CNTNAP2 Leads to Epilepsy, Neuronal Migration
Abnormalities, and Core Autism-Related Deficits. Cell 2011, 147, 235-246. [CrossRef]

Canali, G.; Garcia, M.; Hivert, B.; Pinatel, D.; Goullancourt, A.; Oguievetskaia, K.; Saint-Martin, M.;
Girault, J.-A.; Faivre-Sarrailh, C.; Goutebroze, L. Genetic Variants in Autism-Related CNTNAP2 Impair
Axonal Growth of Cortical Neurons. Hum. Mol. Genet. 2018, 27, 1941-1954. [CrossRef]

Poot, M. Connecting the CNTNAP2 Networks with Neurodevelopmental Disorders. Mol. Syndr. 2015,
6,7-22. [CrossRef]

Pardo, C.A.; Vargas, D.L.; Zimmerman, A.W. Immunity, Neuroglia and Neuroinflammation in Autism.
Int. Rev. Psychiatry 2005, 17, 485-495. [CrossRef]

Matta, S.M.; Hill-Yardin, E.L.; Crack, PJ. The Influence of Neuroinflammation in Autism Spectrum Disorder.
Brain Behav. Immun. 2019, 79, 75-90. [CrossRef]

Kraan, C.M.; Godler, D.E.; Amor, D.J. Epigenetics of Fragile X Syndrome and Fragile X-Related Disorders.
Dev. Med. Child Neurol. 2019, 61, 121-127. [CrossRef]

Lavery, L.A.; Zoghbi, H.Y. The Distinct Methylation Landscape of Maturing Neurons and its Role in Rett
Syndrome Pathogenesis. Curr. Opin. Neurobiol. 2019, 59, 180-188. [CrossRef] [PubMed]

Tremblay, M.W.; Jiang, Y. DNA Methylation and Susceptibility to Autism Spectrum Disorder. Annis. Rev. Med.
2019, 70, 151. [CrossRef] [PubMed]

Gabel, HW.; Kinde, B.; Stroud, H.; Gilbert, C.S.; Harmin, D.A.; Kastan, N.R.; Hemberg, M.; Ebert, D.H.;
Greenberg, M.E. Disruption of DNA-Methylation-Dependent Long Gene Repression in Rett Syndrome.
Nature 2015, 522, 89-93. [CrossRef]

Hu, VW.; Frank, B.C.; Heine, S.; Lee, N.H.; Quackenbush, J. Gene Expression Profiling of Lymphoblastoid
Cell Lines from Monozygotic Twins Discordant in Severity of Autism Reveals Differential Regulation of
Neurologically Relevant Genes. BMC Genom. 2006, 7, 118. [CrossRef]

Andrews, S.V.; Sheppard, B.; Windham, G.C.; Schieve, L.A.; Schendel, D.E.; Croen, L.A.; Chopra, P;
Alisch, R.S.; Newschaffer, C.J.; Warren, S.T.; et al. Case-Control Meta-Analysis of Blood DNA Methylation
and Autism Spectrum Disorder. Mol. Autism 2018, 9, 40. [CrossRef] [PubMed]

Hannon, E.; Schendel, D.; Ladd-Acosta, C.; Grove, J.; Hansen, C.S.; Andrews, S.V.; Hougaard, D.M.;
Bresnahan, M.; Mors, O.; Hollegaard, M.V.; et al. Elevated Polygenic Burden for Autism is Associated with
Differential DNA Methylation at Birth. Genome Med. 2018, 10, 19. [CrossRef] [PubMed]

Siu, M.T; Butcher, D.T.; Turinsky, A.L.; Cytrynbaum, C.; Stavropoulos, D.J.; Walker, S.; Caluseriu, O.;
Carter, M.; Lou, Y.; Nicolson, R; et al. Functional DNA Methylation Signatures for Autism Spectrum Disorder
Genomic Risk Loci: 16p11.2 Deletions and CHDS8 Variants. Clin. Epigenetics 2019, 11, 103. [CrossRef]

Lord, C.; Rutter, M.; Le Couteur, A. Autism Diagnostic Interview-Revised: A Revised Version of a Diagnostic
Interview for Caregivers of Individuals with Possible Pervasive Developmental Disorders. . Autism
Dev. Disord. 1994, 24, 659-685. [CrossRef]

Saeed, A.L; Sharov, V.; White, J.; Li, J.; Liang, W.; Bhagabati, N.; Braisted, J.; Klapa, M.; Currier, T.;
Thiagarajan, M.; et al. TM4: A Free, Open-Source System for Microarray Data Management and Analysis.
BioTechniques 2003, 34, 374-378. [CrossRef]

74



Int. ]. Mol. Sci. 2020, 21, 6877

63. Luo, R;Sanders, S.J.; Tian, Y.; Voineagu, I.; Huang, N.; Chu, S.H.; Klei, L.; Cai, C.; Ou, J.; Lowe, ] K,; et al.
Genome-Wide Transcriptome Profiling Reveals the Functional Impact of Rare De Novo and Recurrent CNVs
in Autism Spectrum Disorders. Am. |. Hum. Genet. 2012, 91, 38-55. [CrossRef]

64. Oliveros, ].C. Venny. An Interactive Tool for Comparing Lists with Venn’s Diagrams. 2007. Available online:
https://bioinfogp.cnb.csic.es/tools/venny/ (accessed on 18 September 2020).

@ © 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution
[

(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

75






International Journal of

7
Molecular Sciences m\D\Py

Atrticle

Tracing Autism Traits in Large Multiplex Families to
Identify Endophenotypes of the Broader

Autism Phenotype

Krysta J. Trevis ">f, Natasha J. Brown 3%, Cherie C. Green "2-5, Paul J. Lockhart ®7,
Tarishi Desai 12, Tanya Vick 4 Vicki Anderson 289, Emmanuel P. K. Pua !, Melanie Bahlo 1011,
Martin B. Delatycki >%7, Ingrid E. Scheffer ->%12f and Sarah J. Wilson 12121

1 Department of Medicine, Austin Health, The University of Melbourne, Heidelberg, VIC 3084, Australia;
kjtrevis@gmail.com (K.J.T.); c.green@latrobe.edu.au (C.C.G.); tdesai@unimelb.edu.au (T.D.);
pk.pua@unimelb.edu.au (E.PK.P); i.scheffer@unimelb.edu.au (L.E.S.)
Melbourne School of Psychological Sciences, The University of Melbourne, Parkville, VIC 3010, Australia;
vaa@unimelb.edu.au
3 Victorian Clinical Genetics Services, Murdoch Children’s Research Institute, Parkville, VIC 3052, Australia;
natasha.brown@vcgs.org.au (N.J.B.); martin.delatycki@vcgs.org.au (M.B.D.)
Barwon Health, Geelong, VIC 3220, Australia; cats-info@unimelb.edu.au
Department of Psychology and Counselling, School of Psychology and Public Health, La Trobe University,
Bundoora, VIC 3086, Australia
6 Bruce Lefroy Centre for Genetic Health Research, Murdoch Children’s Research Institute,
Parkville, VIC 3052, Australia; paul.lockhart@mcri.edu.au
7 Department of Paediatrics, The University of Melbourne, Parkville, VIC 3010, Australia
8 Psychological Service, The Royal Children’s Hospital, Parkville, VIC 3052, Australia
9 Clinical Sciences Research, Murdoch Children’s Research Institute, Parkville, VIC 3052, Australia
10 Population Health and Immunity Division, The Walter and Eliza Hall Institute of Medical Research,
Parkville, VIC 3052, Australia; bahlo@wehi.edu.au
1 Department of Medical Biology, The University of Melbourne, Parkville, VIC 3010, Australia
12 The Florey Institute of Neuroscience and Mental Health, Parkville, VIC 3052, Australia
*  Correspondence: sarahw@unimelb.edu.au
1t These authors contributed equally.
f These authors contributed equally.

Received: 21 September 2020; Accepted: 21 October 2020; Published: 27 October 2020

Abstract: Families comprising many individuals with Autism Spectrum Disorders (ASD) may carry
a dominant predisposing mutation. We implemented rigorous phenotyping of the “Broader Autism
Phenotype” (BAP) in large multiplex ASD families using a novel endophenotype approach for the
identification and characterisation of distinct BAP endophenotypes. We evaluated ASD/BAP features
using standardised tests and a semi-structured interview to assess social, intellectual, executive
and adaptive functioning in 110 individuals, including two large multiplex families (Family A:
30; Family B: 35) and an independent sample of small families (1 = 45). Our protocol identified
four distinct psychological endophenotypes of the BAP that were evident across these independent
samples, and showed high sensitivity (97%) and specificity (82%) for individuals classified with the
BAP. Patterns of inheritance of identified endophenotypes varied between the two large multiplex
families, supporting their utility for identifying genes in ASD.

Keywords: Broader Autism Phenotype; genetic; autism spectrum disorder; multiplex family
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1. Introduction

Autism Spectrum Disorders (ASD) are a group of neurodevelopmental conditions characterised
by deficits in social communication and social interaction, and restricted and repetitive patterns of
behaviours, interests, or activities [1]. Recent estimates from the Centers for Disease Control and
Prevention indicate a prevalence of 1 in 54 children aged 8 years for ASD [2]. There is strong evidence
for the contribution of genetic factors to the aetiology of ASD [3]. Despite recent molecular advances,
the cause remains unidentified in the majority of cases [4].

The recognition of milder phenotypes has facilitated an increased understanding and interest in
the wide spectrum of clinical presentations in ASD. Family members of individuals with ASD have been
observed to express milder forms, known as the Broader Autism Phenotype (BAP), that are not sufficient
to meet diagnostic criteria for ASD [5,6]. The BAP includes a range of subtle behavioural and cognitive
features that have qualitatively similar presentations to the core domains of ASD. While clinically
significant impairment in these areas of functioning is seen in ASD [1,7], BAP traits are continuously
distributed in the general population [8]. Several studies have reported the expression of at least one
BAP trait in 20% of relatives of children with ASD, as well as a higher rate of BAP traits compared to
controls across domains of pragmatic language [9,10], personality [11], social cognition [10,12,13] and
executive function [14,15]. Monozygotic twins demonstrate 65-90% concordance for ASD [16,17] with
a higher estimate when the BAP is considered [18,19], while dizygotic twin concordance is ~20% [20].
Together these findings suggest a strong genetic basis for ASD.

An estimated 25% of ASD cases can be identified clinically or molecularly with a predominant
monogenic cause [21-23]. Although the aetiology for the majority of cases is still unknown, increasing
evidence suggests a polygenic basis due to the interaction of multiple genetic risk variants following
complex inheritance, with or without environmental factors [24-27]. Complementary techniques will
be necessary to investigate the genetic aetiology of ASD in unsolved cases. Typically, family studies
combine many small families (2-3 affected individuals), however, these are likely to be confounded by
genetic heterogeneity. Very large multiplex families (> 8 affected) where ASD traits appear dominantly
inherited are rare, but more genetically homogeneous. In other complex disorders, such as epilepsy,
phenotypic characterisation of such families has proved powerful in gene discovery [28], however this
approach has received limited attention in ASD. In multiplex ASD families, the identification of family
members with BAP traits, or endophenotypes, may serve as markers of risk variants for ASD [29,30].
In turn, this may facilitate gene identification [31].

Endophenotypes are measurable features within a disorder that are proposed to reduce its
complexity into more quantifiable elements [32]. These components can be represented at any level of
analysis, including but not limited to biochemical, neuroanatomical, neurophysiological, cognitive
or neuropsychological measurements. They have been hypothesised to reflect more aetiologically
homogeneous subgroups within genetically heterogeneous conditions. Endophenotypes are also
presumed to be located closer to aetiological mechanisms in the pathway between genotype and disease,
compared to more overt phenotypes that are used to define clinical syndromes [33,34]. Clinically,
the use of endophenotypes offers increased statistical power to localise and identify genes associated
with disease [35]. Importantly, an endophenotype must indicate genetic susceptibility to disease
independent of disease status, and by definition may serve as a marker of genetic liability in individuals
without the disorder [34]. In individuals with the BAP, the mild expression of ASD-related traits is
hypothesised to be due to an increased genetic liability for ASD. There are several BAP traits that may
be considered “endophenotypes” from within the domains of language, executive function, and social
cognition [31]. In the context of a single large family where numerous individuals demonstrate ASD or
the BAP, recognition of BAP endophenotypes should allow granular identification of autism genes of
dominant effect. This study is the first known to the authors to apply this approach in autism.

The aim of our study was to analyse ASD traits within large multiplex families to examine
inheritance of ASD by identifying endophenotypes of the BAP. We achieved this aim through
an iterative process of characterising, refining, and assessing BAP endophenotypes. This involved
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(1) rigorous phenotyping of large multiplex families to identify BAP traits and potential endophenotypes,
(2) validation of putative endophenotypes and their cut-off scores in an independent aggregated
sample of 20 small families (each with at least one member with ASD), and (3) classification of
BAP endophenotypes in large multiplex families (from step 1) based on optimal cut-off scores
following validation analysis (from step 2) to assess their utility for examining inheritance patterns.
We hypothesised that (1) multiple individuals in large families would demonstrate the BAP, (2) distinct
BAP endophenotypes would be identified, and (3) BAP endophenotypes would vary in presentation
between large multiplex families.

2. Results

2.1. Hypothesis 1: Multiple Individuals in Large Families Demonstrate the BAP

Based on our rigorous protocol for phenotyping the BAP in large multiplex families, we identified
32 members with the BAP across Family A and B. Of the 23 members in Family A who did not have an
ASD diagnosis, we detected the BAP in 17 (74%) individuals, with 6 individuals unaffected. In Family
B, we detected 15 (63%) individuals with the BAP, with 9 individuals unaffected (Table 1).

Table 1. Intellectual functioning in Family A and B by diagnostic classification.

Participants (1) Mean Age Cognitive  FSIQ Mean VIQ PIQ
(Female) (Range) Data (1) (SD) Mean (SD)  Mean (SD)
Family A
ASD 7(1) 11.43 (4-34) 5 107 (16) 97 (15) 101 (30)
Unaffected 6 (5) 25.83 (2-50) 5 127 (17) 130 (17) 117 (15)
BAP 17 (8) 49.18 (13-79) 162 119 (13) 117 (13) 115 (12)
Total 30 (14) 35.7 (2-79) 26 118 (15) 116 (17) 113 (18)
Family B
ASD 93 15.00 (8-20) 5 95 (20) 89 (28) 105 (16)
Unaffected 9(7) 37.33 (10-73) 9 110 (14) 111 (14) 108 (11)
BAP 15 (10) 47.40 (15-73) 15 102 (17) 105 (18) 99 (17)
Total 33 (20) 35.06 (6-73) 29 103 (17) 104 (19) 102 (15)
Total 63 (34) 35.37 (2-79) 554 110 (18) 110 (19) 107 (17)

FSIQ = Full Scale Intelligence Quotient, VIQ = Verbal Intelligence Quotient, PIQ = Performance Intelligence Quotient.

Note. Average FSIQ = 80-119; Superior FSIQ = >120. # One individual only completed VIQ and select executive

functioning subtests.

Intellectual function was assessed in 54/63 (86%) individuals. Overall, participants were of average
or greater intelligence. Average full scale intelligence quotient (FSIQ) was observed in 32/54 (59%)
individuals, while 20/54 (37%) demonstrated superior or very superior FSIQ (Table 1). We performed
group-level comparisons of cognitive, social and adaptive functions between family members with
and without the BAP using non-parametric and parametric tests (Mann—-Whitney U and f-tests,
respectively), with the more conservative parametric tests reported here as there were no differences
between these approaches. On average, individuals with the BAP demonstrated poorer pragmatic
language, with significantly higher mean Pragmatic Rating Scale (PRS) scores (M = 8.75, SD = 7.08)
compared to unaffected individuals (M = 2.00, SD = 3.05), t (40.99) = —4.42, p < 0.001. No significant
differences were observed for general intellect, the Faux Pas Task (FPT), executive (D-KEFS) or adaptive
function measures (ABAS-II, BRIEF; See Materials and Methods).

2.2. Hypothesis 2: Specific BAP Endophenotypes Exist Across BAP Domains

Based on our iterative characterisation process, four distinct endophenotypes of the BAP were
reliably identified in the small families sample. From the natural grouping of traits, these reflected
“socially unaware”, “pedantic”, “aloof”, and “obsessive’” endophenotypes (Table 2). At the highest
level of the dendrogram of the 33 BAP traits there was a clear split, whereby traits of the socially unaware

and pedantic endophenotypes were more similar to each other and more dissimilar to the combination
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of traits of the aloof and obsessive endophenotypes. There was a significant difference between the
mean proportional scores of the unaffected and BAP groups, with the BAP group demonstrating
significantly higher scores on all four endophenotypes (all p < 0.015).

Table 2. Four endophenotypes of the BAP in the small families sample.

Mean Proportional Score (SD) Cut-off

BAP Traits
Unaffected (n = 11) BAP (n = 30) Score

‘Socially unaware”: Poor self-regulation and reciprocity in conversation

e  Reduced capacity for clear narrative

e  Difficulty answering open ended questions

e  Making inappropriate or awkward
comments either on history or
during assessments
Tangential pragmatic style

e  Tendency to monologue rather than
participate in reciprocal conversation

e  Tendency to anger easily

e Reduced quantity of verbal output

0.20 (0.18) 0.69 (0.06) ** >0.17

‘Pedantic’: Self-focused and technical in interactions

e Anunusual or awkward greeting style
e  Unusual eye gaze

Speech has little variation in tone

(i.e., monotonous)

Unusual speech volume

Precise articulation and language

Terse pragmatic style

Overly technical language

Narcissistic personality style

Focus on technicalities or minutiae
Fastidious regarding personal appearance
Self perception incongruent with views
of others

0.04 (0.05) 0.11 (0.12) * >0.14

‘Aloof”: Difficulties relating to other’s emotions and expressing own emotions

e Aloof personality style

e Difficult or limited interpersonal
relationships

e Reduced emotional empathy

A limited capacity to develop rapport

with assessors

Reduced affection

Awkward social interactions

Opinionated in conversation

Reduced cognitive empathy

Little appreciation of humour (during the

Cartoon task)

0.12 (0.07) 0.31 (0.16) *** >0.20
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Table 2. Cont.

Mean Proportional Score (SD) Cut-off

BAP Traits
Unaffected (n =11) BAP (n = 30) Score

‘Obsessive’: Regimented approach to life and tendency to ruminate

e  Hobby or interest of unusual intensity, or
restricted range of interests relative to peers
e Large collections or hoarding of items

0.13 (0.10) 0.27 (0.18) ** >0.25 o  Fastidious cleaning
e  Preference for structure in activities of
daily living

e Recurrent thoughts that are not distressing
e  Excessive worry

“p < 0.05,* p < 0.01,** p < 0.001.

Analysis of receiver operating characteristic (ROC) curves indicated relatively good discrimination
within the small families for the socially unaware, aloof and obsessive endophenotypes (all AUC > 0.73,
all p < 0.025), and acceptable discrimination for the pedantic endophenotype (AUC = 0.68, p = 0.077).
Although we note that Box’s M was violated in the discriminant function analysis (likely due to
variation in the sample sizes), combined the four endophenotypes captured 93% of cases (Wilk’s
A =047, %2 = 27.83, p < 0.001). In particular, the endophenotypes showed high sensitivity for the BAP
group (97%) characterised by higher proportional scores, and good specificity for the unaffected group
(82%) with lower proportional scores (Table 2).

2.3. Hypothesis 3: BAP Endophenotypes Vary in Large Multiplex Families

Applying the endophenotype thresholds to the proportional scores of the 33 BAP traits for
members of Family A and B led to the identification of all individuals classified as having the BAP.
Two additional BAP cases were identified in Family B based on the presence of above threshold
endophenotype scores, indicating good utility of this approach (Figure 1). One individual was
excluded from this analysis due to incomplete data. Across both families, the aloof endophenotype
was most common (62%), followed by obsessive (60%), pedantic (55%) and socially unaware (48%).
Approximately one quarter of family members met criteria for only one endophenotype, 15% met
criteria for two, and the remainder met criteria for 3—4 (62%) (Figure 1). The dominant endophenotype
across both families, as determined by the highest score, was aloof (47%), followed by obsessive (26%),
socially unaware (18%) and pedantic (9%).

Family A appeared to have two endophenotype profiles, with one characterised by the presence
of a single endophenotype (35%) seen in individuals who were mostly married-in (67%), contrasting
with the second profile (41%) of all four endophenotypes, most evident in core family members (72%)
(Figure 1). Overall, the obsessive endophenotype occurred most frequently (77%), followed equally by
pedantic (65%) and aloof (65%), and then socially unaware (53%). The co-occurrence of the obsessive
and pedantic endophenotypes was relatively common, seen in 29% of married-ins and core family
members. Overall, there was a range of dominant endophenotypes across individuals, with aloof the
most frequent (35%) particularly in core family members (83%).

Contrasting with Family A, Family B had more individuals (70%) with multiple endophenotypes,
in both married-in and core family members (Figures 1 and 2). All four endophenotypes were again
most frequently observed in core family members, indicative of a more severe BAP presentation.
Unlike Family A, however, the aloof endophenotype occurred most frequently in Family B (88%),
followed by obsessive (71%), pedantic (65%), and socially unaware (65%). The aloof endophenotype
was also identified as dominant (59%), evident in 70% of core family members.
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Figure 1. Number of BAP endophenotypes present in Family A and B. Individuals married-in to Family
A tend to have a single endophenotype indicating a milder BAP presentation, in contrast with core
family members who have multiple endophenotypes (obsessive most frequent). In Family B, married-in
and core family members tend to have more than one endophenotype, with the aloof endophenotype
the most frequent.
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Figure 2. Scrambled pedigrees for Family A (panel a) and Family B (panel b) showing phenotypes
and endophenotypes. All individuals with >1 endophenotype had the BAP, with the exception of
two individuals from Family B (III-3 and IV-9) marked with an asterisk. These two individuals were
clinically determined as unaffected but had above threshold endophenotype scores based on ROC
curves. Some family members who were not phenotyped are not shown to preserve the anonymity
of these families. The arrow indicates the proband shown in this pedigree. *: “All individuals with
>1 endophenotype had the BAP, with the exception of two individuals from Family B (III-3 and IV-9)
marked with an asterisk. These two individuals were clinically determined as unaffected but had above
threshold endophenotype scores based on ROC curves.”.

2.4. Correlates of the BAP Endophenotypes

Across both families, no sex or age differences were observed for any of the endophenotypes
(all p > 0.200). Overall, a more severe BAP presentation (indicated by a greater number of
endophenotypes) was associated with reduced social adaptive functioning on both self-report and
objective measures of social communication (Table 3), demonstrating good convergent validity.
In particular, a more severe BAP presentation showed a strong correlation with more severe pragmatic
language difficulties, with scores for each endophenotype also significantly correlated. A similar
relationship was evident for the ability to detect a faux pas in social discourse and self-reported social
functioning, particularly for family members with the socially unaware endophenotype (Table 3).

For the cognitive measures, a more severe BAP presentation was associated with reduced executive
functioning, particularly for nonverbal measures of cognitive flexibility (switching and fluency; Table 3).
A pattern of weaker correlations was also evident for specific endophenotypes, including lower IQ in
the socially unaware and aloof endophenotypes (Table 3).
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Table 3. Correlations between endophenotypes and quantitative measures in Families A and B.

Endophenotypes

Domain Task Socially Pedantic Aloof Obsessive Total
Unaware Number

Social PRS 0.83 ** 0.73 ** 0.76 ** 0.45 ** 0.86 **
communication FPT —0.43 ** —-0.28 -0.24 -0.18 —0.40 **

FSIQ -0.36 * —-0.10 -0.31* —-0.02 -0.28

Intellect VIQ -0.29 —0.05 -0.31* -0.03 -0.28

PIQ -0.36 * -0.13 -0.19 -0.02 -0.26

Trails (numbers) # -0.32* -0.20 -0.29 0.17 -0.19

Trails (switch) 2 -0.24 -0.23 -0.27 -0.22 -0.34*

E . Design fluency (switch) ® -0.27 -0.25 -0.15 —-0.09 -0.34*
f"ecu,“"e Design fluency (composite) @ 027 -0.25 -0.25 -0.03 —032*

unctions Tower task (achievement) —0.40 ** -0.19 -0.27 -0.22 -0.26
Sorting (confirmed) -0.33* -0.23 -0.32* -0.22 -0.33*

Sorting (free sort) -0.31 -0.15 -0.24 -0.37* -0.37*

Adaptive function Social index ~0.46* -0.35 -0.19 -0.31 ~043*

(self-report)

*p <0.05 **p < 0.01. PRS = Pragmatic Rating Scale, FPT = Faux Pas Test, FSIQ = Full Scale Intelligence
Quotient, VIQ = Verbal Intelligence Quotient, PIQ = Performance Intelligence Quotient. * Nonverbal executive
function subtests.

3. Discussion

We investigated the BAP to capture phenotypic variation within and between high-risk ASD
families, with the aim of improving characterisation and identification of individuals for accurate
molecular genetic analysis. We identified multiple individuals with the BAP in large multiplex
families using rigorous phenotyping and a novel reliable endophenotyping approach, validated in
an independent sample of small ASD families and with objective measures of cognitive, social and
adaptive functioning. This deep phenotyping showed that specific BAP endophenotypes exist beyond
the conventional BAP domains of social relationships, communication, and circumscribed interests
and behaviour, allowing for more granular detection of subtle features of the BAP. Distinct patterns of
inheritance were identified by applying the endophenotype approach in two large multiplex families,
highlighting the utility of such a framework to identify putative ASD genes of dominant effect.

The research model employed here to phenotype rare large multiplex families reveals a pattern
consistent with autosomal dominant inheritance of ASD/BAP traits that would not have been captured
without deep phenotyping. Fifteen individuals (23%) met criteria for ASD and 33 (51%) the BAP,
including some married-in individuals. Our promising endophenotype analysis provides further
insight into specific profiles of the BAP and its varied presentation. Traditionally, ASD family studies
include 2-3 affected individuals [36,37]. For example, four candidate ASD genes were identified in
seven ASD/BAP pedigrees with > 3 affected individuals [38]. Larger multiplex families remain scarce
in the literature [30,39]. Here, we identified more subtle indicators of carrier status in two large families,
using a robust endophenotyping method with good sensitivity and specificity to detect the BAP in two
independent samples.

The BAP is strongly associated with ASD and may be considered a marker of genes that contribute
to ASD risk [31,40]. Here we delineated the BAP into distinct endophenotypes that fulfil Gottesman
and Gould’s criteria for a true endophenotype (Supplementary Table S1) [41]. This includes recent
proposed revisions to account for the strong overlap in the complex aetiology and genetic liability
underlying the spectrum of trait expression across many neuropdevelopmental and psychiatric
conditions, with the expectation that putative endophenotypes may not be strictly disorder-specific [34].
Each endophenotype cluster was characterised by a combination of communication, personality
and behavioural indicators showing how specific traits across the traditional BAP domains may
group together to form distinct endophenotypes or ‘profiles’ that capture phenotypic variation within
and between families. As summarised in Table 4, these profiles capture identifiable ‘personas’ that
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have core characteristics with high face validity. These profiles also vary with functional correlates
in distinct ways, supporting their construct validity. For example, the aloof endophenotype was
characterised by a lack of innate social motivation or ability to meaningfully connect and empathise
with others, associated with decreased theory of mind, and lower executive and intellectual functioning.
One individual dominant for the aloof endophenotype described social interactions as “a means to an
end”. In contrast, the pedantic endophenotype was primarily characterised by detail-oriented traits,
showing no associations with intellectual, executive or adaptive functions. Unsurprisingly, given the
importance of social communication deficits in ASD and the BAP, all endophenotypes were associated
with poor social communication, with the socially unaware endophenotype most broadly affected
across social, intellectual, executive and adaptive functions (Table 4).

Table 4. Summary of the BAP endophenotypes and their functional correlates.

Associated Functional Domains

Endophenotype Core Characteristi
P P ore Mharacteristic Social Intellect  Executive  Adaptive
Socially unaware P(?or se‘lf-r‘egulatlon aer v v v v
reciprocity in conversation
Pedantic Self—focu.sed anq technical in v
interactions
Aloof lefl.cultles expressing z.amd % v v
relating to other’s emotions
Obsessive Regimented approach to life and v v

tendency to ruminate

In contrast to conventional approaches that commonly rely on broad and non-specific classification
of the BAP, the endophenotype framework implemented in the present study reliably identifies
individuals that meet threshold criteria for a specific endophenotype profile potentially linked to
susceptibility genes that confer risk for ASD. Clustering traits across conventional BAP domains to
achieve granular characterisation of endophenotype profiles may thus improve detection of the BAP to
facilitate gene discovery. We propose that such a framework is necessary to increase the efficacy of
assessment protocols. It may also allow for a more sophisticated mapping of psychological and neural
correlates to delineate the neurobiology of ASD, which has been characterised by inconsistencies in the
literature to date [42-46].

Phenotypic heterogeneity was evident in both families at the endophenotype level suggesting
that a single familial mutation may produce a phenotypic spectrum, with other genetic, epigenetic and
environmental factors potentially influencing expression. With the advancement of high-throughput
next generation sequencing technologies, meticulous phenotypic characterisation of both affected
and apparently unaffected individuals remains essential for accurate data interpretation. In other
words, identification of subtle endophenotypes, such as the four identified here, are crucial for
advancing gene discovery programs. Importantly, these proposed BAP endophenotypes should be
replicated and validated in subsequent research and further endophenotypes sought through a deep
phenotyping approach.

Although multiplex families with ASD are genetically homogeneous, our phenotyping analysis
suggests possible bi-lineal inheritance of the BAP in both families. Therefore, multiple risk alleles
may contribute to ASD/BAP in later generations, consistent with recent genetic and phenotyping
evidence [47,48]. The importance of unique de novo genetic changes in both sporadic (or ‘simplex’)
ASD [25], and small multiplex ASD families [39] has become increasingly apparent. However, with at
least seven individuals with ASD and many more with the BAP in our families, there is less likelihood
of de novo changes contributing to each phenotype. It is much more likely that there is a single genetic
variant of major phenotypic effect in each family, with the possibility that there are additional de novo
genetic changes in some individuals that contribute to phenotypic severity.
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The intensive nature of the study meant that clinicians were not blinded to family relationships,
potentially leading to investigator bias. However, our diagnostic method of using the independent
assessments of experienced clinicians and subsequent consensus agreement aligns with current best
practice for ASD/BAP diagnosis. This method was further strengthened by objective cognitive and
behavioural testing using quantitative measures. We selected a relatively low threshold for BAP
classification, leading to the identification of many affected individuals. However, this approach is
justified in a family with a clear genetic liability for ASD and was validated by the finding of consistent
data-driven endophenotypes in the small families. Successful gene identification in future work
requires capture of all individuals who may carry the putative variant, with the approach outlined here
designed to enable more robust gene identification work. Future genetic investigations are required to
test the reproducibility of the four identified endophenotypes over time and in additional independent
samples, as well as determine their rate of occurrence in affected families compared to the general
population (see Supplementary Materials for materials and guidelines on assessment and scoring of
the four endophenotypes).

4. Materials and Methods

4.1. Large Multiplex Families

Large multiplex families were primarily ascertained from the Barwon Autism Database as part of
a broader Collaborative Autism Study [49]. For inclusion as a multiplex family, >8 individuals with a
diagnosis or suspected diagnosis of ASD or the BAP were required. The two fully characterised large
multiplex families used to examine inheritance patterns using BAP endophenotypes are referred to
as ‘Family A, ascertained from the Barwon Autism Database, and ‘Family B’, who were self-referred.
All available relatives were recruited, including those with and without reported BAP traits. The study
was approved by the appropriate institutional review boards including the Human Research Ethics
Committees of Barwon Health (HREC 02/34 and 04/57; reviewed 9 August 2017) and The Royal
Children’s Hospital (HREC 25043Y; reviewed 26 September 2017), Australia. Informed consent
was obtained from all participants or a parent/guardian, and all study methods were carried out in
accordance with relevant guidelines and regulations.

4.2. Protocol for Diagnosing ASD in Large Multiplex Families

ASD diagnoses were confirmed using the Autism Diagnostic Observation Schedule—Generic [50]
(ADOS-G), or the Autism Diagnostic Interview—Revised [51] (ADI-R), based on Diagnostic and
Statistical Manual of Mental Disorders, Fourth Edition, Text Revision (DSM-IV-TR) criteria [52].
For adults, the structured Family History Interview [5] (FHI) was administered by NJB, while
for adolescents, a detailed developmental and medical history was obtained. Quantitative measures
of intellect, executive functioning, adaptive behaviour and social functioning were also completed
(Table 5). Testing was undertaken over a number of days to minimise fatigue effects. A physical
examination was conducted for dysmorphic and neurocutaneous features and growth parameters.
Standard genetic testing (karyotype, fragile X testing) and metabolic investigations were performed
on probands.
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Table 5. Protocol for diagnosing ASD and phenotyping the Broader Autism Phenotype (BAP) in large
multiplex families.

Participants with ASD Participants without ASD
Child or

Child Adolescent >

Protocol Item Adolescent Adult > 18 yr Adult > 18 yr
> 4517 yr <13yr 13-17 yr
ADI-R + ADOS-G or DSM-IV . . _ _ B
interview + ADOS-G -
Detailed developmental, medical,
psychiatric and behavioural + + + + +
history
Family History Interview - + - - +
Standardised testing of cognition
. ; + + + + +

and executive function #
Questionnaires of adaptive

S + + + + +
behaviour
Broader Autism Phenotype
Interview, the Faux Pas Task, _ . _ . +
Cartoon Task and Pragmatic -
Rating Scale
Physical Examination + + + + +

High resolution molecular
karyotype, Fragile X testing, + - - - -
metabolic investigations

ASD = Autism Spectrum Disorder, ADI-R = Autism Diagnostic Interview-Revised, ADOS-G = Autism Diagnostic
Observation Schedule-Generic, DSM-IV = Diagnostic and Statistical Manual of Mental Disorders (4th edition).
+ all individuals completed this assessment, + only some individuals completed this assessment, — no individuals
completed this assessment. * Wechsler Abbreviated Scale of Intelligence and subtests of the Delis-Kaplan Executive
Function System. ° The Adaptive Behavioural Assessment System (2nd edition) and The Behavioural Rating
Inventory of Executive Function.

Across Family A and B, 65 individuals were recruited: 16 children (2-12 years), 9 adolescents
(13-17 years) and 40 adults (18-79 years) spanning 4 generations. Of these, 16/65 met criteria for a
diagnosis of ASD. Family B also reported a deceased family member who had a diagnosis of ASD
(not shown on the pedigree to preserve anonymity), an additional family member with ASD who
was not recruited, and a child who had been diagnosed with ASD but was not assessed. Scrambled
pedigrees of affected status are presented to preserve participant anonymity (Figure 3). In each family,
individuals directly related to a matriarch are classified as ‘core family’; others are referred to as
‘married-in’. Family A comprised 30 individuals, including 7 diagnosed with ASD (6/9 children,
1/6 adults; Figure 3a). Nineteen were core family; 11 were married-in. In Family B, the matriarch (II-2)
was elderly and too unwell to be behaviourally assessed and subsequently passed away during the
study. Three children and three adolescents participated in a limited range of phenotyping activities and
as such, these individuals were excluded from final analyses. Nine participants had ASD (5/7 children,
1/5 adolescents, 3/22 adults; Figure 3b); 31 were core family, and four were married-in.
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Figure 3. Scrambled pedigrees for Family A (Panel a) and Family B (Panel b) at recruitment. Individuals
with a diagnosis of ASD are marked in black, and individuals recruited from the broader families are
marked in yellow. White diamonds are individuals who were not assessed but are represented here
to preserve the pedigree lines. One individual in Family B with a diagnosis of ASD was deceased
(not shown to preserve anonymity) and one was too young to be assessed. The arrow indicates the
proband shown in this pedigree.

4.3. Protocol for Phenotyping the BAP in Large Multiplex Families

We employed a mixed methods approach to rigorously assess the BAP, including an evaluation of
general intellect, executive functions, adaptive behaviour, social cognition and language pragmatics
(Table 5). A purpose developed semi-structured interview, the Broader Autism Phenotype Interview
(BAPI), was also administered by three clinicians with expertise in neurobehavioural disorders
(NJB, SJW, IES) to all individuals > 13 years to characterise the presence, nature and extent of BAP
traits. Interview responses were independently rated by the clinicians on all traits, with consensus
agreement used to determine the presence of the BAP. Questions focused on the participant’s life
story, personal qualities, relationships, social functioning, and developmental, medical, psychiatric and
vocational history. During the interview we included one or two “intentional errors” to elicit pragmatic
elements of the BAP, such as terse speech [10]. Quantitative measures of social cognition and language
pragmatics were also included within the interview. Social cognition was assessed using an adapted
Faux Pas Task [53,54] (FPT), involving the standardised administration of four faux pas stories and four
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control stories [55] (maximum score = 40, M = 37, SD = 4). Pragmatic language was assessed with the
Goldman-Eisler Cartoon task [56], which has previously been used to assess overly detailed speech and
longer pauses between words in the BAP [10]. This task measures discourse production by eliciting a
description of an eight frame captionless cartoon, “The Cowboy Story”, over three successive trials [57].
Control individuals show increased verbal fluency with successive trials compared with decreased
fluency in individuals with communication deficits [56]. Following the interview, the Pragmatic Rating
Scale (PRS) [10] was independently completed by the three clinicians and consensus ratings reached.
A score > 4 defined pragmatic impairment [11] (Table 5).

Other cognitive domains and adaptive behaviour were assessed by a member of the team trained
in psychometric assessment (TV) on a separate testing occasion. This included estimating full scale
(FSIQ), verbal (VIQ) and performance (PIQ) intelligence quotients, derived with the four subtest
Weschler Abbreviated Scale of Intelligence [58] (WASL M = 100, SD = 15). Executive functions were
measured with seven subtests of the Delis—Kaplan Executive Function System [59] (D-KEFS; M = 10,
SD = 3). The second edition of the Adaptive Behavioural Assessment System [60] (ABAS-II) and
the Behavioural Rating Inventory of Executive Function [61] (BRIEF) were used to assess adaptive
functioning. The quantitative assessment provided a measure of convergent validity for the BAPI. At
the completion of testing, final review of all qualitative and quantitative data by the three clinicians
was used to confirm BAP status based on consensus agreement.

4.4. Small Families

We recruited an independent sample of 45 individuals from 20 small families with at least
one member diagnosed with ASD, through advertisements and from the Barwon Autism Database.
All participants provided written informed consent, as described above. Inclusion criteria were:
(i) no diagnosis of ASD (based on DSM-IV or DSM-V criteria), (ii) >1 family member with ASD (based
on DSM-IV or DSM-V criteria), and (iii) >12 years of age. Individuals were classified as having the BAP
if they met >2 criteria for a BAP diagnosis on the Broader Autism Phenotype Rating Scale [5] (BAPRS)
administered by an independent ASD expert (CG). Individuals were classified as unaffected if they did
not meet criteria for any BAP traits or a diagnosis of ASD. This identified 30 individuals with the BAP
(4 adolescents, 26 adults) in the 20 families, ranging in age from 14-71 years, and 11 unaffected adult
family members ranging in age from 18-53 years. Four adult individuals showed only one BAP trait
on the BAPRS and thus, were excluded from analyses based on the above criteria. All 45 individuals
were also administered the BAPI by the independent ASD expert (CG) to characterise and rate their
BAP traits. To ensure inter-rater agreement, video recordings of the interviews of a subset of these
individuals were independently rated by two of the three clinicians (SJW, IES), with ratings confirmed
by consensus agreement.

In 31/45 individuals, the WASI-II [62] was administered to measure Verbal Comprehension (VCI)
and Perceptual Reasoning (PRI) and to estimate FSIQ. All individuals were within the normal range
based on FSIQ (Table 6), with no significant differences between unaffected and BAP individuals
for age or intellect (all p > 0.250). For 27 individuals, average total scores were available for the
Broader Autism Phenotype Questionnaire (BAPQ) collected as part of a separate study. Consistent
with expectations, there was a trend for higher scores on the BAPQ in the BAP group, with a medium
effect size (f (24.56) = —1.96, p = 0.062, d = 0.70).
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Table 6. Demographics of the small families sample.

Unaffected BAP
Number of participants (female) 11 (6) 30 (19)
Mean age (range) 41.09 (18-53) 39.50 (14-53)
Mean BAPQ (SD) 2.43 (0.38) 2.92 (0.92)
Mean FSIQ (SD) 108 (14) 111 (13)
Mean VCI (SD) P 106 (18) 109 (15)
Mean PRI (SD) b 109 (7) 110 (15)

BAPQ = Broader Autism Phenotype Questionnaire, FSIQ = Full Scale Intelligence Quotient, VCI = Verbal
Comprehension Index, PRI = Perceptual Reasoning Index. ? Data available for unaffected (n = 9) and BAP (1 = 18).
b Data available for unaffected (1 = 10) and BAP (1 = 21).

4.5. Endophenotyping Procedure

We used an iterative process to characterise, refine and assess endophenotypes of the BAP in the
two independent samples, as summarised in Figure 4.
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Figure 4. Iterative process used to identify and assess BAP endophenotypes. Step 1: An exhaustive
list of BAP traits was generated through detailed clinical assessment of a number of large multiplex
families, resulting in the identification of a final set of 33 BAP traits. Step 2. Validation analyses in
an independent and aggregated sample of small families resulted in a 4-cluster solution representing
distinct BAP endophenotypes. Step 3. Cut-off scores modelled in Step 2 were independently applied to
large multiplex Family A and B for endophenotype classification and assessment of inheritance patterns.

4.5.1. Step 1: Identification of Potential BAP Endophenotypes in Large Multiplex Families

Using a grounded theory approach, BAP traits were initially identified from a detailed literature
review targeting the theoretical domains described in the seminal work of Bolton (1994), on which
the conceptualisation of the BAP is largely based. The domains included speech, literacy, pragmatics,
relationships, and circumscribed interests, which were explored in-depth using our BAP phenotyping
protocol (described above) in members of a number of unrelated large multiplex families primarily
ascertained through the Collaborative Autism Study [55]. This in-depth characterisation was
phenomenologically based [63], whereby the number of traits within each domain was fully expanded
through administration of the semi-structured interview (BAPI) with separate family members until
no further traits were identified (saturation) to capture the entire range of BAP traits (Supplementary
Table S2).

This deep phenotyping produced an exhaustive list of 36 BAP traits. Ordinal ratings of these
traits were then assigned to capture subtle variations in their presentation, with severity rated on
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a scale of 0 = absent, 1 = mild, 2 = moderate, and 3 = severe. The presence of traits through each
individual’s developmental history was also evaluated where available. Exploratory hierarchical cluster
analysis was then performed to identify potential BAP endophenotypes. We used Ward’s method
with Euclidean squared distances based on z-scores to progressively group traits by minimising the
variability within clusters and maximising the variance between clusters [64]. Interpretation of cluster
groupings was informed by the relative similarity and dissimilarity in the linkage output combined
with clinical judgement, leading to the initial identification of five endophenotypes. Inspection of
these endophenotypes revealed a consistent rating of 0 for two of the 36 traits across all interviews,
leading to their removal. One further trait reflecting inflexibility to intentional errors was removed due
to challenges in reliably assessing the trait across interviewers, resulting in a final set of 33 BAP traits
(Supplementary Figure S1).

4.5.2. Step 2: Validation of BAP Endophenotypes in Small Families

In the small families sample, an independent expert in ASD assessment (CG) interviewed and
rated 45 participants on the 33 BAP traits based on all qualitative and quantitative data, with a subset
(9%) rated via consensus between CG, IES and SJW to ensure consistency in ratings across both samples
and to clarify borderline cases. As above, Ward’s hierarchical cluster analysis was used to examine
natural trait groupings. This led to the identification of four endophenotypes that showed a high
degree of similarity to the initial five cluster solution (Spearman’s r range = 0.710-0.976, p < 0.001).

To account for a varying number of traits in each cluster we computed proportional scores,
whereby scores on each trait (range 0-3) were summed and divided by the maximum total score for
that cluster, to produce four cluster scores for each individual. An ROC curve was plotted for each
cluster in the small families sample to identify optimum cut-off scores for determining endophenotypic
status using Youden'’s Index to allow mildly affected individuals to be included [65,66]. The highest
score was used to represent the most prominent endophenotype for each individual, calculated as the
difference between the observed endophenotype (i.e., cluster) score and the threshold score for the
endophenotype (i.e., cut-off score).

4.5.3. Step 3: Assessment of BAP Endophenotypes in Family A and B

A team member who had not been involved in the phenotyping of Family A and B (Step 1)
performed the endophenotype analysis (KT). Proportional scores for the four endophenotypes were
calculated, and family members classified as having the endophenotype if their proportional score
was greater than or equal to the cut-off scores identified in the small families analysis (Step 2).
As above, the highest score (observed endophenotype score—threshold endophenotype score) for any
endophenotype was used to represent an individual’s most prominent endophenotype. A discriminant
function analysis was then used to determine the sensitivity and specificity of the endophenotype
approach to identifying the presence of the BAP in these families. In addition, endophenotype
results were correlated with measures of intellect, executive, social and adaptive functions using
conservative non-parametric Spearman’s correlations (rs). Materials used for assessment and scoring
of endophenotypes are available in Supplementary Materials.

5. Conclusions

Despite significant advances towards unravelling the genetic heterogeneity of ASD, the underlying
genetic aetiology remains unsolved for the majority of cases, in part due to significant challenges
in identifying endophenotypes and potential carriers. We used a rigorous phenotyping approach
to characterise the BAP in two large multiplex families with dominant inheritance of ASD and the
BAP. Deep phenotyping identified four endophenotypes, showing differentiation of BAP features
beyond traditional domain approaches. The proposed endophenotype approach advances current
understanding and characterisation of the phenotypic spectrum for improved detection of the BAP
that may facilitate gene discovery.
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Abstract: Autism spectrum disorder (ASD) is a neurodevelopmental disorder that affects social
interaction and communication, with restricted interests, activity and behaviors. ASD is highly
familial, indicating that genetic background strongly contributes to the development of this condition.
However, only a fraction of the total number of genes thought to be associated with the condition
have been discovered. Moreover, other factors may play an important role in ASD onset. In fact,
it has been shown that parental conditions and in utero and perinatal factors may contribute to ASD
etiology. More recently, epigenetic changes, including DNA methylation and micro RNA alterations,
have been associated with ASD and proposed as potential biomarkers. This review aims to provide a
summary of the literature regarding ASD candidate genes, mainly focusing on synapse formation
and functionality and relevant epigenetic and environmental aspects acting in concert to determine
ASD onset.

Keywords: autism spectrum disorder; ASD; genetic factors; epigenetic factors; environmental factors;
pervasive developmental disorder; post-synaptic density; CNV; SNP; gene fusion

1. Introduction

Autism is a complex syndrome characterized by a range of conditions and symptoms that frame
it as a spectrum of disorders (autism spectrum disorder, ASD), including relevant physiological and
biochemical ones, whose core symptoms includes social deficits and restrictive/repetitive behaviors.
In the 1960s, thanks to the studies of Bernard Rimland, it was understood that ASD is a psychiatric
disorder which might be grounded on a combination of genetic and environmental factors. To cope
with ASD, it is necessary to achieve positive results through multidisciplinary, biomedical and
behavioral therapies. Early diagnosis and intensive therapeutic interventions greatly improve the
disease outcomes. In this context, the discovery of new diagnostic methods to detect ASD-related
genetic alterations and biomarkers becomes fundamental in order to make an early diagnosis of
the disorder.
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In this review, we provide an overview of the genetic, epigenetic and environmental factors
contributing to ASD pathogenesis.

2. Autism

2.1. Clinical Characteristics of ASD

ASD can be considered as a group of early-onset neuroevolutionary disorders which seem to be
at the basis of alterations in brain connectivity, with cascading effects on many neuropsychological
functions [1,2]. The The Diagnostic and Statistical Manual of Mental Disorders (DSM-5) (The American
Psychiatric Association, APA, Philadelphia, PA, USA, 2013) gives the condition of autism the attribute
of “spectrum” and uses criteria derived from diagnostic research assessment tools.

As indicated in the DSM-5 (APA, Philadelphia, PA, USA, 2013), individuals with ASD are
characterized by persistent deficits in social communication and social interaction across multiple
contexts and by restricted, repetitive patterns of behaviour, interests or activities. Deficiency in social
communication and social interaction might appear in the form of deficits in social-emotional
reciprocity, in nonverbal communicative behaviours used for social interaction and deficit in
developing, maintaining and understanding age-appropriate relationships. As reported in the DSM-5,
symptoms could be masked during early development and fully manifest only when social demands
exceed limited capacities or may be hidden by learned strategies in later life. The impairments
should cause clinically significant damage in social, occupational or other important areas of
current functioning.

ASD symptoms should not be better explained by a diagnosis of intellectual disability (ID) or
global developmental delay. Intellectual disability and ASD might co-occur.

The DSM-5 proposes differentiations based on commorbidity with intellectual impairment,
language impairment, another neurodevelopmental, mental, or behavioral disorder, genetic or medical
condition or environmental factors. Furthermore, it is possible to differentiate between different levels
of severity according to the level of support required to function in daily contexts. According to this
description, it is clear that different clinical variants of ASD exist and should be taken into account
for diagnosis and intervention (APA, 2013). A distinction is made between a congenital form of
ASD, representing a small percentage of cases in which the symptoms occur shortly after birth and in
which the genetic fingerprint is prevalent, and a regressive or acquired form, in which the disorder
appears after a period of typical development and it is not characterised by typical and constant genetic
abnormalities, although several single nucleotide polymorphisms (SNPs) have been associated with the
disease [3,4]. SNPs constitute variations of a single nucleotide in certain DNA traits. SNPs associated
with ASD have been identified in genes encoding for proteins involved in different processes, including:
cellular detoxification, some neuronal receptors and metabolism of several neurotransmitters and
metabolites, in particular those of the metabolic circuits of methylation and transulfuration [5,6].

2.2. Epidemiology

Autism has been considered relatively rare for many years, with a prevalence of less than 1 in
1000 children, while today, the estimated rate is 1 in 160, and it seems likely to increase in the coming
years (World Health Organization, Geneva, Switzerland, 2019). In the last decade, the study of ASD
genetics has proved to be crucial not only to interpret and explain its phenotypic heterogeneity but
also to discover new diagnostic procedures and therapies. It is estimated to-date that hundreds of
genes are involved in ASD, resulting in a unified spectrum of different phenotypes, including different
language and social deficits with various associated sub-phenotypes [7].

ASD show an unequal distribution based on gender: males have a four times higher risk of
developing the disorder than females. A number of hypotheses have been made to interpret this unequal
prevalence: in females, a higher dose of genetic “defect” is required than in males, consistent with the
hypothesis of the contribution of protective genetic factors in females, because in males, there is only
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one X chromosome, so when alterations appear, it cannot be compensated by the normality of a second
X chromosome. An association between testosterone levels and ASD risk has also been described:
males have more frequent inflammatory reactions and use the brain in a more focal way and therefore
suffer more from alterations in neuronal development that affect the connection systems between the
different areas [8].

Genetic, environmental and developmental factors play a key role in the onset of autism spectrum
disorders, as highlighted from many epidemiological studies [9,10]. It is unlikely that a single condition
or event plays a major role in the causality of ASD; based on research to date, rather, none of
the risk factors identified is a necessary and sufficient condition for ASD. Even for syndromic or
secondary autism, which refers to autism with a single defined cause, such as fragile X syndrome and
tuberous sclerosis, none of these etiologies are specific to autism because each of them encompasses a
variable proportion of individuals with and without autism [11]. At present, ASD appears to have a
multifactorial etiology to which developmental (in utero and early childhood), environmental and
genetic aspects contribute, in as-yet unknown and different ways. Emerging methodologies in genomics
and epigenomics research could be the key to elucidate the mysteries underlying the epidemiology of
autism spectrum disorder.

3. Genetic and Epigenetic Factors

The involvement of genetic etiology in ASD was first suggested by a study on twins reported in
the 1970s. The genetic heritability of a trait can be estimated by comparing the phenotypic concordance
between monozygotic twins (MZ), which have 100% genetic similarity, and dizygotic twins (DZ),
who have approximately 50% genetic similarity. The greater the difference between the concordance of
MZ twins and DZ twins, the higher the genetic heritability and the contribution of genetics to that
trait. The genetic fingerprint was confirmed by the high concordance of autism in monozygotic twins
(60-90%) compared to dizygotic twins (5-40%) [12,13].

One of the largest studies to date, involving more than two million children born between 1982
and 2006 in Sweden, concluded that ASD has an inheritability of 45-56% [14]. A study of all twins
born in the UK between 1994 and 1996 estimated an inheritability of more than 56% using concordance
in MZ (0.77-0.99) compared to DZ (0.22-0.65) twins [13].

Considering all lines of evidence, the genetic heritability of ASD is estimated to play a fundamental
role in ASD onset, together with environmental and epigenetic factors. However, despite most of
the studies aimed at understanding the etiological basis of ASD having been focused on the genetic
component, it has been possible to associate genetic variants to only a relatively small fraction of ASD
patients. The problem, known as the “missing heritability issue”, is common to most complex genetic
diseases. Several hypotheses have been put forward to justify the missing heritability, such as the
existence of poorly characterised variants, genotype/genotype interactions, incomplete penetrance,
epigenetic factors and genotype/environment interactions [15-17].

In the 1990s, most of the research consisted of candidate gene studies, focusing on a particular
gene that might be involved in ASD. From 2005, technologies such as whole-exome sequencing (WES),
but also microarrays, have allowed genome-wide studies, leading to the identification of different
variations in copy number (CNVs), DNA segments larger than 1 kilobase present in a variable copy
number compared to a reference genome and single nucleotide variations (SNVs) in autistic patients,
suggesting a highly heterogeneous genetic architecture. CNVs would contribute at about 15% and
SNVs at 7% to the causes of ASD. Only a few of these genetic alterations have such complete penetrance
that they are associated with ASD in almost every person who carries that variant [18]. On the contrary,
genetic alterations with incomplete penetrance, variable expressivity or both are more frequently
observed. However, the cause in most ASDs (>75%) remains elusive [18]. Genome-wide association
studies (GWAS) have identified several SNPs associated with ASD. The first GWAS study allowed the
identification of six polymorphisms, including some localized in CDH10 and CDHY, genes encoding
for cadherins, proteins that are important in cell adhesion, as common genetic variants in ASD [19].
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However, the fact that several GWASs failed to identify some relevant loci despite the use of genetic
data from more than 1000 families affected by autism suggests that the effect of individual common
variants is relatively small [20].

On the other hand, WES analysis of affected and unaffected individuals has proven to be a
powerful approach that offers new opportunities of sporadic cases studies and has the ability to
detect mutations and de novo variants with incomplete penetrance [21]. WES has already led to the
identification of over 150 new candidate genes for ASD.

In addition to SNPs, evidence is accumulating that CNVs play an important role in human
neuropsychiatric diseases. ASD patients have three to five times more de novo CNVs than other family
members and unaffected controls [22,23].

CNVs can influence gene expression, thus contributing to the pathogenesis of the disease through
various mechanisms, including gene dosage, gene interruption, position effects, gene fusion and
unmasking of recessive alleles or polymorphisms [24].

Screening for CNVs has proven to be a method of choice for identifying genes associated with
ASD susceptibility [25]. Although CNVs associated with the disease are usually unique and show a low
frequency in the population, they are identified in 8-21% of individuals with ASD and are most likely
related to a severe clinical picture [26,27]. In addition, previous studies have indicated that individuals
with syndromic ASD and intellectual disability have more pathogenic CNVs than individuals with
non-syndromic ASD or ID [26,28].

CNVs may also lead to the generation of chimeric genes. Several studies have investigated
whether fusion transcripts may lead to an increased ASD susceptibility. Holt and colleagues
identified a fusion transcript involving MAPKAPK5 and ACADI10 genes in two ASD probands.
However, the fusion transcript was detected at similar rates in both ASD patients and controls and
had a premature stop codon, suggesting that it may be degraded by nonsense-mediated decay [29].
Similarly, Pagnamenta et al. identified a DOCK4-IMMP?2L fusion transcript, likely to be subjected to
nonsense-mediated decay in ASD individuals and their unaffected family members [30]. A study
conducted on a multiplex family identified a BST1-CD38 fusion transcript in one ASD proband with
asthma, suggesting that it may be related to the more severe phenotype of this patient compared to the
other ASD sibling [31]. qRT-PCR analysis showed that the fusion transcript was less expressed compared
to the wild-type BST1 transcript in the lymphoblastoid cell line derived from the proband, while the
aberrant protein was not detected in a preliminary Western blot analysis [31]. Recently, our research
group identified a microdeletion leading to the formation of an ELMOD3-SH2D6 chimeric transcript
in a multiplex ASD family [32]. SH2D6 is expressed at extremely low levels in blood cells. On the
other hand, the fusion transcript was highly expressed in PMBCs from the two ASD siblings and their
unaffected mother carrying the deletion, suggesting that it was not subjected to nonsense-mediated
decay. Bioinformatic analysis has shown that the fusion transcript would encode for a chimeric
protein with an interrupted domain of ELMOD3 and would not contain the canonical SH2D6 sequence,
suggesting an impaired function of the protein [32]. These results suggest a possible contribution of
fusion transcripts in the complex ASD phenotype. Therefore, in case of copy number loss, the possible
transcript fusion and chimeric protein product should be deeply investigated.

Recent studies have shown that epigenetic factors, including DNA methylation, hystone modifications
and microRNAs (miRNAs), could play an important role in predisposition to autism.

We herein provide an overview of the main candidate genes (extensively reviewed in [33]) and
epigenetic mechanisms involved in ASD etiology. Figure 1 summarizes some ASD candidate genes
and epigenetic factors, belonging to the pathways mainly associated with ASD described in this review.
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Figure 1. Candidate genes and epigenetic factors representative of the main processes involved in autism
spectrum disorder (ASD) development. The illustration shows a synapse between neurons (presynaptic
cell in violet and postsynaptic cell in green). On the bottom-left, a cell body of a neuron including
different nuclear and cytoplasmic mechanisms involved in ASD. In the nucleus, several processes
implicated in gene expression regulation are shown: (1) chromatin packaging and factors involved in
chromatin remodeling; (2) gene transcription regulated by transcription factors; (3) DNA methylation
at promoter region associated with transcription inhibition of target genes; (4) alternative splicing and
mRNA export to the cytoplasm. In the cytoplasm, the following mechanisms are shown: (5) regulation of
protein translation by the CYFIP1-EIF4E-FMR1 complex; (6) post-transcriptional regulation by miRNA;
(7) protein ubiquitination and degradation by proteasome. On the right, the synapse architecture
and functionality mechanisms associated with ASD. In the presynaptic cell, (8) TSC proteins and
co-chaperons. (9) The neurexin/neuroligin transsynaptic complex and (10) the voltage-gated ion
channels are represented. In the postsynaptic cell, (11) actin filaments, capping proteins and scaffold
proteins; (12) some members of PI3K/AKT pathway, RAS signal transduction pathway and MET
receptor tyrosine kinase pathway. Chromatin remodelers are indicated in beige, transcription factors
in pink, proteins involved in RNA binding and export in light blue, protein ubiquitination in purple,
scaffold proteins in red, cell growth and proliferation proteins in green and their related pathway
members in grey. A more comprehensive list of ASD candidate genes can be found in Table 1 and along
the text. Figure created using BioRender.com images.

3.1. Relevant Candidate Genes

Case-control studies on population and animal models have pointed out more than 800 genes
associated with autism. The most affected genes in ASD encode for proteins involved in chromatin
remodeling and transcriptional regulation, cell proliferation and mostly synaptic architecture and
functionality. In this review, we will focus on this last category since our recent studies have also pointed
out alterations in these genes fundamental for a proper synaptic function. Table 1 provides a summary
of several genes clearly implicated in ASD, included in the SFARI Gene database as high confidence ASD
genes (release 26 October 2020, gene.sfari.org) belonging to the other categories. Most of these genes
were indicated in the largest exome sequencing study of ASD to date [34], as well as in the list narrowing
down the number of amygdala-expressed genes associated to the social pathophysiology of ASD [35].

101



Int. . Mol. Sci. 2020, 21, 8290

Table 1. Several relevant ASD candidate genes.

Category

Gene Symbol

Gene Name

Alterations

Associated Syndromes

KBG syndrome; Cornelia de

ANKRD11 Ankyrin repeat domain 11 Mutations; copy number loss
Lange syndrome
L. . Mutations; copy number loss;
ARID1B Alerich m.t eraction copy number gain; Coffin-Siris syndrome
domain 1B .
translocation
ASXL Transcriptional . P
ASXL3 Regulator 3 Mutations Bainbridge-Ropers syndrome
ATRX ATRX Chromatin Remodeler ~ Mutations; copy number loss
Autism susceptibility Mutations; Copyp “’,mber 140 557
AUTS2 . copy number gain; inversion;
candidate 2 K
translocation
CHD2 Chromodomain helicase Mutations; copy number loss Tourette syndrome
DNA binding protein 2 7 COPY el
Chromodomain helicase Mutations; copy number loss;
CHD7 DNA binding protein 7 translocation CHARGE syndrome
Chromatin regulators CHDS8 Chromodomain helicase Mumz‘;’ ns;nc::&yb:: H;ll):r o=
& DNA binding protein 8 Py £ saimn;
translocation
Rubinstein-Taybi syndrome,
CREBBP CREB-binding protein Mutations; copy number loss ~ Menke-Hennekam syndrome
1, Tourette syndrome
Euchromatic histone-lysine Mutations; copy number loss;
EHMT1 4 copy number gain; Kleefstra syndrome
N-methyltransferase 1 .
translocation
Methyl-CpG binding Mutations; copy n “’,mber 19 557 2q23.1 microdeletion
MBDS5 . . copy number gain; inversion;
domain protein 5 . syndrome, Kleefstra syndrome
translocation
L Mutations; copy number loss; Rett syndrome, X-linked
MECP2 Methyli{)eci;nbzmdmg copy number gain; promoter intellectual disability, MECP2
P methylation duplication syndrome
SETD5 SET domain containing 5 Mutations; copy number loss
ADNP Activity-dependent Mutations; copy number loss Helsmoortel-Van der Aa
neuroprotector homeobox syndrome
Mutations; copy number loss;
FOXG1 Forkhead box G1 copy number gain; Rett syndrome, FOXG1
. syndrome, West syndrome,
translocation
FOXP1 Forkhead box P1 Mutations; copy number loss;
inversion; translocation
Transcription FOXP2 Forkhead box P2 Mutations; copy n.umber loss; FOXP2-related :cxpeech and
translocation language disorder
factors/regulators . . Lo .
Mediator complex subunit ~ Mutations; copy number loss;
MEDI13L : X
13-like copy number gain
POGZ Pogo tlransposable elgment Mutations; copy num}?er loss; White-Sutton syndrome
with ZNF domain copy number gain
RATI Retinoic Acid Tnduced 1 Mutations; copy numl_)er loss; Smlth—Magemsf syndrome,
copy number gain Potocki-Lupski syndrome
TBR1 T-box, brain, 1 Mutations; copy number loss
TCF4 Transcription factor 4 Mutations; copy nlumber loss; Pitt-Hopkins syndrome
translocation
Zinc finger and BTB domain ~ Mutations; copy number loss; 3q13:31 mlcroc.leletlon
ZBTB20 .. . syndrome, Primrose
containing 20 translocation
syndrome,
mRNA binding and FMRI Fragile X mental . Fragile X syndrome, Frag?le
L and its . Mutations; copy number loss X-associated tremor/ataxia
trafficking regulator retardation 1
pathways syndrome
Protein degradation UBE3A Ubiquitin protein ligase E3A°  Mutations; copy number gain Angelman syndrome
Dual-specificity N .
DYRK1A tyrosine-(Y)-phosphorylation Mu.tatlon.s s COPY numbe_r loss;
B inversion; translocation
regulated kinase 1A
NF1 Neurofibromin 1 Mutations; copy number loss
growth/proliferation and its osphatase and tens Mutations; copy number loss acrocephaly/autis
homolog syndrome, PTEN hamartoma
pathways
tumor syndrome
SYNGAPI Syn.aptl.c Ras GTPase Mutations; copy n.umber loss;
activating protein 1 translocation
TSC1/TSC2 Tuberous sclerosis 1/2 Mutations
. Mutations; copy number loss;
Protein modification CDKL5 Cyd.m dep.endent copy number gain Rett syndrome, Angelman
kinase-like 5 syndrome

translocation

Prepared by the authors with data from gene.sfari.org (release 26 October 2020).
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Synaptic Architecture and Functionality

It is not surprising that many candidate ASD genes are involved in synaptic architecture and
function, which allows the transmission of information between neurons and between neurons and
other cells, such as muscle, sensory and other cells. Many ASD candidate genes are involved in
dendritic spine formation. Dendritic spines are small actin-rich protrusions that form the postsynaptic
part of most excitatory synapses. Remodeling of actin cytoskeleton is responsible for the changes in the
shape and size of dendritic spines and, consequently, to the synaptic functions [36]. Actin regulation
mechanisms regulate the formation, maturation and plasticity of dendritic spines and of neuronal
processes, such as learning and memory [36]. Abnormalities in the number and shape of dendritic
spines have been observed in several neurological disorders, including autism, and contribute to brain
dysfunction [37].

Post-synaptic density proteins (PSD), including cell adhesion molecules, scaffold proteins, receptors and
cytoskeleton proteins, are fundamental for synaptic transmission and plasticity. Alterations of these proteins
have been associated with many neurological disorders, including ASD [38].

e  Cell adhesion molecules

Neurexins (NRXN) and neuroligins (NLGN) are transmembrane synaptic proteins that form
the neurexin/neuroligin transsynaptic complex, crucial for synaptic function [39]. NLGNs bind to
SHANKS3 through PSD-95 and other synaptic proteins.

Loss of function NRX1 variants in ASD individuals have been identified in multiple studies [23,40,41].
Studies conducted in animal models knockout (KO) for NLGN and NRXN family members showed that
mice develop ASD-like symptoms and have confirmed their role in synaptic function [42—44].

CNTNAP2, also known as CASPR2, encodes for a member of the NRXN family that serves as an
adhesion protein, primarily between neuronal and glial cells. CNVs encompassing CNTNAP2 and
resulting in its decreased expression have been described in subjects with ASD [45-47]. The suppression
of CNTNAP2 in murine models causes autistic behaviors, such as repetitive behaviors and reduced
socialization and communication [48].

e Scaffold proteins

SHANK gene family, including SHANK1, SHANK?2 and SHANK3, has been suggested as a strong
candidate for ASD. SHANK proteins are multi-domain post synaptic density scaffold proteins that
connect neurotransmitter receptors, ion channels and other membrane proteins to cytoskeleton actin
and signaling proteins. These proteins are important for synapse formation and dendritic spine
maturation [49]. Rare deletions of SHANK? and de novo variants causing loss of protein function have
been identified in individuals with ASD [50]. A microdeletion encompassing SHANK3 determines
Phelan-McDermid syndrome, characterized by intellectual disability, ASD, severe speech disorders and
epilepsy [51]. A meta-analysis of SHANK mutations found low frequency of SHANKI and SHANK2
deleterious mutations in contrast to the high frequency of loss of function SHANK3 mutations in cases
with ASD [52].

Our studies led to the identification of another promising ASD candidate gene, CAPG. This gene
encodes for a member of the gelsolin family of actin-regulatory proteins, important for the remodeling
of actin architecture. A microdeletion encompassing the entire CAPG gene has been recently described
in three completely independent families in the heterozygous [53,54] and homozygous state [55].
Importantly, a reduced CAPG expression, both at transcriptional and protein levels, has been detected
in the Sardinian family members carrying the deletion, and reduced CAPG mRNA levels have been
also observed in an independent cohort of 13 non-Sardinian ASD cases compared to age-matched
healthy controls [54].

Several studies have demonstrated the importance of CAPG for the formation of functional
synapses. In fact, experiments conducted on cultured hippocampal neurons have demonstrated that
capping proteins are present at the branched actin filament network of dendritic spine heads and they
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are fundamental for dendritic spine development [56,57]. In fact, CAPG knock-down led to a decline
in spine density and to an increased number of filopodia-like protrusions [56].

e  Voltage-gated ion channels

The role of genetic defects of different ion channels in the pathogenesis of ASD is well established.
In fact, GWAS, WES and WGS have identified several polymorphisms and rare variants in calcium,
sodium and potassium channels in ASD subjects (reviewed in [58]).

Point mutations in CACNAIC gene, which encode for L-type voltage-gated Ca?* channel Cav1.2,
lead to Timothy syndrome (TS), a disorder affecting multiple organs and characterized by an autistic
phenotype [59,60]. L-type channels are mainly expressed in neuronal dendrites and cell bodies and
are crucial for the activation of Ca?*-signaling pathways and for neuronal excitability [61]. Defects in
CACNAIC prevent the inactivation of the channel and lead to its prolonged opening and consequent
increase in Ca2* flux [60,62].

Mutations in other genes encoding for r-type and T-type Ca?* channels, such as CACNA1D,
CACNAIE, CACNAIF and CACNA1H, have been described in ASD [63-67]. Moreover, mutations of
CACNB2, the gene encoding for the regulatory 32 subunit of CACNA1C, have been found in ASD
families [68].

Genetic defects in genes encoding for sodium channels, such as SCN1A, SCN2A, SCN3A,
SCN7A and SNC8A, have been also associated with ASD [69-73]. Voltage-dependent sodium channels
are mainly expressed in neurons and glial cells and are fundamental for the initiation and propagation
of action potentials. Mutations of SCN1A cause Dravet syndrome, characterized by seizures and
frequently manifesting, also, autistic symptoms. A study has shown that Scnla+/— heterozygous KO
mice display stereotypical and anxious behaviors other than seizures [74].

Several studies have also shown that mutations in genes encoding for K* channels, including
KCNMA1, KCND2, KCNJ10, KCNQ3 and KCNQ5, may play a central role in ASD etiology [75-78]. It has
been shown that KO of Fmr1 in mice results in K* channel dysregulation and consequent dysregulation
of synaptic transmission [79].

Some evidence has shown that voltage-dependent anion channel (VDAC) genes, a class of
postsynaptic density genes highly expressed in several brain regions, could be implicated in ASD.
In fact, autoantibodies against VDAC proteins have been detected in autistic individuals, suggesting
a possible causal role in ASD pathogenesis [80]. Moreover, the beneficial effects observed in ASD
patients treated with coenzyme Q, or other agents influencing the transport of electrons, have been
attributed to the control of such molecules on the porin channels [81]. Recently, a study conducted by
our research group identified a 2-bp frameshift deletion of VDAC3 in an ASD family [54].

3.2. Epigenetic Factors

There is increasing evidence supporting the possible role of epigenetic aberrations, including DNA
methylation alterations and microRNAs, in ASD etiology.

e  DNA methylation

Several studies have conducted global methylation analyses in peripheral tissues as well as
post-mortem brain tissues from ASD subjects and controls.

Studies conducted on lymphoblastoid cell lines and whole-blood DNA from monozygotic twins
discordant for ASD diagnosis and controls identified several differentially methylated regions (DMRs)
between discordant MZ twins and between ASD patients and control samples [82,83].

Zhu et al. identified 400 DMRs, enriched at promoters of genes involved in neuronal development,
between placentas from children later diagnosed with ASD and those from typically developing
controls. Methylation levels of two DMRs, mapping on CYP2E1 and IRS2, were respectively associated
with genotype within the DMR and prenatal vitamin use [84].

Conversely, a large epigenome-wide association study, performed on blood-DNA from 796 ASD cases
and 858 controls, did not detect any differentially methylated CpG site after correction for multiple testing [85].
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Similarly, Siu et al. did not detect any DNA methylation patterns clearly distinguishing
heterogenous ASD cases from controls. However, they identified unique DNA methylation signatures
for ASD individuals with 16p11.2 deletions or pathogenic variants of CHDS [86].

On the other hand, Kimura et al. identified a potential biomarker for adult ASD. The identified
CpG site was hypermethylated in whole-blood DNA from ASD patients compared to controls and
mapped on the PPP2R2C gene, which resulted down-regulated in ASD subjects [87].

Alterations in Alu methylation patterns have been observed in ASD cases sub-grouped based on
Autism Diagnostic Interview-Revised scores compared with matched controls [88].

More recently, a genome-wide methylation study was performed on post-mortem tissue samples
from different brain regions dissected from ASD subjects and controls. Wide-spread methylation
differences, with more pronounced effects in cortical regions compared to cerebellum, were detected
between idiopathic ASD cases and controls and in individuals carrying 15q11-13 duplication [89].

Another global methylation study has recently reported that differentially methylated CpG
sites identified in ASD cases compared to controls are enriched in pathways converging on
mitochondrial metabolism and protein ubiquitination, suggesting a possible role of DNA methylation
and mitochondrial dysfunction in ASD [90].

Other studies measuring methylation levels of candidate genes using targeted approaches detected
hypermethylation of genes including APOE [91] and HTR2A [92] and hypomethylation of genes such
as HTR4 [93] in ASD subjects compared to controls.

The functional impact of locus-specific Mecp2 methylation on ASD onset has been recently
demonstrated in vitro and in vivo. MECP2 is known to be hypermethylated and down-regulated in
ASD subjects. The authors of this study employed the CRISPR-dCas9 methylation editing system
to induce methylation of the Mecp2 transcription start site in Neuro-2a cells and in mouse models,
resulting in Mecp2 down-regulation and the acquisition of behavioral changes attributable to an ASD
phenotype in mice [94].

e miRNA

Several studies have found that miRNA expression profiles are dysregulated in different matrices,
including saliva, blood and brain tissues, from ASD individuals [95].

A study conducted on saliva samples from individuals with and without ASD has identified a
panel of four microRNAs differentially expressed between ASD patients and controls [96]. A panel of
five salivary miRNAs has shown an accuracy of about 90% in the detection of developmental disorders,
including ASD [97].

Down-regulation of miR-6126 has been detected in peripheral blood samples from adult individuals
with ASD. The predicted targets of this miRNA belong to neuronal and oxytocin pathways [98]. Similarly,
Ozkul et al. identified a consistent decrease and a slight reduction in six microRNAs (miR-19a-3p,
miR-361-5p, miR-3613-3p, miR-150-5p, miR-126-3p and miR-499a-5p) in serum samples from ASD
children and their unaffected family members compared to healthy controls. This result was replicated
in the blood, hypothalamus and sperm of two ASD mouse models [99]. Another study conducted on
serum samples identified a panel of three miRNAs (miR-130-3p, miR-181b-5p and miR-320a) showing
an area under the curve >0.85 in distinguishing ASD subjects from controls [100].

Studies conducted on knockout (KO) mouse models for some ASD candidate genes, including Fmr1,
Mecp2 and Ube3A, have observed dysregulation of different miRNAs and evaluated their regulatory
role in neuronal context [101-103].

4. Environmental Factors

As mentioned above, several studies investigated the possible role of environmental factors in
the etiology of ASD. According to recent studies, up to 40-50% of variance in ASD liability could
be determined by environmental factors, such as drugs, toxic exposures, parental age, nutrition,
fetal environment and many others [104-106]. However, while for some potential risk factors, there is
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strong evidence, supported by association studies but also by in vitro and in vivo studies, only weak
associations have been described for many others.

Below is reported an overview of the most-studied environmental factors that have been found to
potentially contribute to cause ASD (recently reviewed in [107]) (Figure 2).
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Figure 2. Environmental factors associated with ASD. The illustration indicates the putative impact
of environmental factors on embryonic and fetal development with a particular focus on neuronal

development and synaptic function. Figure created using BioRender.com images.

Parental age is one of the most established environmental ASD risk factors. In fact, much evidence
has correlated advanced paternal age (APA) with the development of bipolar disorder, schizophrenia,
ADHD and ASD [108]. A meta-analysis of 27 studies on the association between advanced parental
age and ASD showed that a 10-year increase in maternal and paternal age is associated with a 20%
higher risk of ASD in children [109]. A study has shown that age-related methylation changes observed
in sperm could be related to an increased ASD risk in the offspring [110]. APA has been associated
with reduced cortical thickness of the right posterior ventral cingulate cortex in ASD offspring [111].
Experiments conducted in mouse models have confirmed that APA is associated with the development
of autism-like symptoms in the offspring [112,113] and with altered cortical morphology in male APA
mice [112]. Moreover, behaviors related to ASD have also been observed in the second generation of
mice with older grandfathers, suggesting that genetic and epigenetic alterations associated with APA
are heritable [113].

Perinatal risk factors are also among the most-studied ASD risk factors and among the most difficult
to determine and predict in advance. Two comprehensive meta-analyses examined 60 obstetric factors
and found statistically significant associations between ASD risk and umbilical cord complications,
injury or trauma at birth, multiple births, maternal hemorrhage, low birth weight, neonatal anemia,
genital malformation, ABO or Rh blood group incompatibility and hyperbilirubinemia [114,115].
Another study has described an association between increased risk of autism and different factors,
including caesarean section delivery, induced labor, management age less than 36 weeks and fetal
distress [116].

Fetal exposure to sex steroids represents a potential risk factor for ASD. In fact, the fetal testosterone
theory has been proposed to explain the higher ASD prevalence in males [8]. However, this hypothesis
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is controversial. In fact, while higher testosterone levels have been reported in ASD women, ASD males
display testosterone levels similar to controls [117]. Baron-Cohen and colleagues have supposed that
testosterone has effects on brain development during the prenatal masculinization window. The authors
detected higher levels of sex steroids and cortisol in the amniotic fluid samples from male autistic
patients compared with matched typically developing controls [118]. Recently, the same authors
reported an association between fetal estrogen levels, important in synaptogenesis and corticogenesis,
and autism risk [119]. Similarly, a study conducted on post-mortem brains detected reduced levels of
estrogen receptor beta, aromatase and estrogen coactivators in the frontal gyrus of subjects with ASD
compared to controls [120]. Moreover, several SNPs in genes encoding for proteins involved in sex
steroid synthesis/transport have been associated with autistic traits [121].

The health condition of the mother has a major impact on the risk of ASD. It appears that
maternal nutrition in pregnancy is of fundamental importance as it determines the nutrients available
to support fetal growth [122]. Therefore, diets lacking specific nutrients can have adverse effects on
fetal development. It has been shown that even short intervals between pregnancies can be harmful,
since the body needs time, up to one year after childbirth, to recover acceptable levels of several
essential substances [123].

Deficiencies of micronutrients, including vitamins and trace elements, have been associated with
an increased risk of ASD. For instance, a Swedish study found that maternal vitamin D deficiency is
associated with the risk of ASD with ID in the offspring [124]. Unbalanced levels of vitamins have also
been detected in ASD children. Moreover, beneficial effects of vitamin supplementation have been
observed in ASD patients [125]. Similarly, altered hair and/or blood concentrations of several trace
elements, including chromium, magnesium and zinc, have been found in ASD patients compared with
controls [126]. Association between maternal deficiency of microelements and ASD risk has also been
reported. For example, iron deficiency, common in pregnant women, was associated with a five-fold
increased risk of ASD, especially in the presence of other risk factors [127].

The involvement of altered trace elements concentrations on ASD phenotype is also supported by
in vitro and animal studies. The effects on unbalanced metal levels on synapse formation and functionality
have been evaluated on hippocampal cultured cells from rat brains, finding that the metal profile of
autistic children led to down-regulation of crucial synaptic components, including Shank proteins and
NMDA receptor subunits, and reduction of synaptic density. Interestingly, it was observed that zinc
supplementation was able to revert the observed alterations [128]. The importance of zinc in ASD is
supported by multiple pieces of evidence, including a strong association between low levels of this metal
and ASD risk as well as a causative role of zinc deficiency in neuronal defects and development of
ASD-related symptoms and “therapeutic” effects of zinc supplementation. In fact, low hair and serum
levels of zinc and/or altered Zn/Cu ratio have been detected in children with ASD [129-131]. The effects
of zinc deficiency on ASD have been observed in animal models. It has been shown that prenatal zinc
deficiency alters social behavior in mice [132]. In vitro and in vivo studies have shown that zinc deficiency
at the synaptic level leads to a decrease in ProSAP/Shank family members, a reduction in synaptic density
and the development of ASD-related symptoms in mice [133]. In fact, other studies have shown that Zn?*
ions, highly abundant at PSD level, influence the recruitment of ProSAP1/Shank2 or ProSAP2/Shank3
for a correct formation and maturation of synapses [134]. The mechanism regulating the abundance of
Zn at PSD levels has been hypothesized: Zn is released from pre-synaptic terminals and can translocate
into post-synaptic neurons through Zn-permeable channels, including NMDA, and voltage-gated Ca%t
and AMPA channels [135]. Notably, a recent study has shown maternal zinc supplementation can
prevent ASD-associated deficits in Shank3 KO mouse models [136]. Recently, Shih et al. have elegantly
demonstrated the impact of the crosstalk between genetic and environmental factors in the development of
ASD. The authors have shown that KO of Cttnbp2, an actin cytoskeleton regulator, leads to a reduction in Zn
concentration and expression levels of different synaptic proteins, consequently affecting dendritic spine
formation and leading to the development of autism-like behaviors rescued by zinc supplementation [137].
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The beneficial effects of zinc supplementation have been also observed in pregnant women, where an
increase in zinc intake has been shown to reduce the risk of neural tube defects in the offspring [138].

The association between maternal obesity and risk of ASD in offspring is controversial. A Swedish
study described a relationship between maternal BMI and ASD at population level; however,
sibling analysis did not reveal any association between elevated maternal BMI and ASD risk [139].
On the other hand, a meta-analysis has shown a 28% and 36% increased risk of ASD in offspring
born from overweight and obese mothers, respectively [140], even though there were relatively small
numbers of ASD cases within the category of maternal underweight. However, it has also been shown
that children born from underweight mothers are also at high risk of ASD [141]. Another study
has shown that the combination of maternal obesity and maternal diabetes was associated with an
increased risk of ASD and ID [142].

Maternal consumption of substances such as smoke, alcohol and medicines during pregnancy
might be a potential risk factor as well. However, the association between smoking and alcohol-use
with ASD is rather weak; in fact, two meta-analyses showed no evidence that smoking is a risk factor
for ASD [143,144]. Moreover, cohort studies or case-control studies have examined the risk of ASD
due to maternal alcohol consumption, indicating that mild to moderate consumption does not pose
any risk [145-148].

The safety of medicines during pregnancy is very difficult to establish. In the ASD literature,
antidepressant and anticonvulsant drugs have emerged as drugs of potential interest. An example is
valproic acid, a drug that has been used to treat epilepsy or as a mood stabilizer in bipolar disorder.
Its use during pregnancy leads to congenital malformations, developmental delay and cognitive
malfunction [149,150]. Maternal use of selective serotonin uptake inhibitors has been associated with a
50% increase in ASD risk, although maternal psychiatric condition is a confounding factor [151].

An association between maternal diseases and ASD risk has been shown. A meta-analysis limited
to case-control studies identified a 62% increased ASD risk among diabetic mothers compared to
non-diabetic mothers [152], while a second study found a 74% increase in ASD risk for pregestational
diabetes and 43% for gestational diabetes [153].

It has also been shown that maternal viral and bacterial infections are associated with ASD
risk [154-156]. Two meta-analyses found that maternal autoimmune diseases are associated with an
increased risk of ASD in offspring [157,158]. However, it is not the presence of viruses and bacteria
per se to be associated with ASD development, but the immune response they cause, a conclusion
supported by research identifying elevated inflammatory markers and antibodies in pregnant women
with autistic children [159,160]. This hypothesis is supported by animal studies where maternal
immune activation, induced by different immunogens, has been shown to induce post-natal brain
dysfunction observable in a phenotype characteristic of ASD and other neurological disorders [161].

It is interesting to note that, although from different perspectives, much evidence points out the
importance of maternal immune system condition during fetal development. Several studies have
also reported an association between family history of autoimmune diseases and ASD [158,162,163].
It could be speculated that this link could be supported by maternal levels of zinc. In fact, our recent
meta-analysis has shown that Zn concentrations in both serum and plasma levels of patients with
autoimmunity are significantly lower compared to controls [164]. It is known that Zn plays an
important role in the regulation of the immune system and, according to the studies provided above,
it plays also an important role in neuronal tube formation.

Finally, exposure to toxic xenobiotics could represent another potential environmental risk factor.
Substances such as brominated flame retardants could cause mitochondrial toxicity through a variety
of mechanisms, leading to an altered energy balance in the brain [165], an important association
with autism since mitochondrial dysfunction has been documented in patients with ASD [166].
Heavy metals can have a negative impact on many body functions by inducing neurological and
behavioral damage. A meta-analysis of three case-control studies found a 60% increase in the risk of
ASD due to exposure to high levels of inorganic mercury [167]. A recent case-control study found
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that exposure to organophosphates during pregnancy is associated with a 60% increase in the risk
of ASD [168]. This category includes non-persistent organic pollutants, including phthalates and
bisphenol A, and persistent organic pollutants, including DDT, PCB and PBDE. A research group
found that three out of five studies on phthalate exposure showed a significant association between
phthalate exposure and ASD risk [169]. Exposure to PCBs and PBDEs appears to alter calcium-related
signal pathways, leading to alterations in dendritic growth and consequent abnormalities in neuronal
connectivity, a key feature of ASD [170,171].
Table 2 summarizes several environmental factors associated with ASD described above.

Table 2. Several environmental factors associated with ASD.

Factor Evidence References
Parental age Association sftudles; m.eta—analyses; [108-113]
animal studies
Perinatal factors Meta-analyses [114-116]
Sex steroids Association studies [117-121]

Maternal nutrition

Fetal exposure to drugs,

Association studies; meta-analyses;
in vitro studies, animal studies

[123-134,136-142]

Association studies; meta-analyses [143-151]
smoke, alcohol
Maternal diseases Meta-analyses [152,153]
Maternal infections Association §tud1es; m.eta—analyses; [154-161]
animal studies
Fetal exposure to toxic Association studies; meta-analyses; [166-171]

xenobiotics

in vitro studies; animal studies

5. Conclusions

Given the complexity of the etiology of autism and the increasing prevalence of new confirmed
cases of ASD worldwide, there is an urgent need to find effective diagnostic methods and study as
many risk factors as possible—not only genetic but also epigenetic and environmental ones—without
neglecting also genetic/environmental interactions, where risk factors influence each other.
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Abstract: Complex neuropsychiatric-cardiac syndromes can be genetically determined. For the first
time, the authors present a syndromal form of short QT syndrome in a 34-year-old German male
patient with extracardiac features with predominant psychiatric manifestation, namely a severe
form of secondary high-functioning autism spectrum disorder (ASD), along with affective and
psychotic exacerbations, and severe dental enamel defects (with rapid wearing off his teeth) due
to a heterozygous loss-of-function mutation in the CACNAIC gene (NM_000719.6: c.2399A > C;
p-Lys800Thr). This mutation was found only once in control databases; the mutated lysine is located
in the Cav1.2 calcium channel, is highly conserved during evolution, and is predicted to affect
protein function by most pathogenicity prediction algorithms. L-type Cavl.2 calcium channels
are widely expressed in the brain and heart. In the case presented, electrophysiological studies
revealed a prominent reduction in the current amplitude without changes in the gating behavior of
the Cav1.2 channel, most likely due to a trafficking defect. Due to the demonstrated loss of function,

Int. ]. Mol. Sci. 2020, 21, 8611; d0i:10.3390/ijms21228611 119 www.mdpi.com/journal/ijms



Int. J. Mol. Sci. 2020, 21, 8611

the p.Lys800Thr variant was finally classified as pathogenic (ACMG class 4 variant) and is likely to
cause a newly described Cav1.2 channelopathy.

Keywords: CACNAIC; CaV1.2; autism; short QT syndrome; dental enamel defect

1. Introduction

Autism spectrum disorders (ASD) are frequent neurodevelopmental disorders characterized
by social interaction difficulties, stereotypical procedures, routines and rituals, or special interests
caused predominantly idiopathic or of unknown cause (“primary forms”); in a subset, a specific
cause can be identified, and some of these secondary cases (“secondary forms”) are part of genetically
determined syndromes, e.g., fragile X syndrome [1]. Within these, Timothy syndrome is an extremely
rare one characterized by long QT syndrome (LQTS) in the surface electrocardiography (ECG), skeletal
abnormalities (e.g., cutaneous syndactyly), and neuropsychiatric features, such as autism [2—4], and is
caused by gain-of-function mutations in the CACNAIC gene. Of note, some CACNAIC mutations
may have an isolated cardiac, non-syndromal phenotype (only with QTc prolongation [5]). In contrast,
patients with a short QT syndrome (SQTS) have not been described with extra-cardiac features so far.

2. Case Presentation

The authors present for the first time a syndromal form of SQTS in a 34-year-old German male
patient that is characterized by extracardiac features, namely a severe form of secondary ASD together
with affective and psychotic exacerbations, wearing of his teeth, and a short QT interval in the
surface ECG due to a heterozygous loss-of-function mutation in the CACNAIC gene. The functional
consequences of the genetic mutation were further analyzed using electrophysiological investigations
of the mutant Cav1.2 calcium channel expressed in Xenopus oocytes [2]. The patient has given his
signed written informed consent for this case report, including the presented images, the genetic
information, and all other data, to be published.

2.1. Clinical Case Description

Since the first decade, the patient has suffered from the whole spectrum of autistic symptoms.
The detailed diagnosis was performed according to the scheme established by the Freiburg Center for the
Diagnosis and Treatment of Autism (http://www.uniklinik-freiburg.de/psych/live/patientenversorgung/
schwerpunkte/schwerpunkt-asperger.html, accessed on 14 November 2020 [6-8]). His medical history
showed alterations in (1) gaze control and holistic visual recognition (he had to learn to look into
the eyes of others, uses analytical facial expression recognition, recognizes other people by certain
characteristics); (2) problems with social communication (he lacks the tools to build relationships,
is burdened by social contacts, small talk and telephoning cause him problems, plans social situations
in detail in advance); (3) reduced social integration (has only a few close friends, needs his time alone);
(4) interactional imagination abnormalities and sense of justice (he hated “doing things as if he were
playing games”, his sense of justice is 10/10, he is very honest); (5) linguistic pragmatics (as a child,
he read dictionaries to understand proverbs, is often interpreting things literally); (6) routines and
rituals (plans his everyday life in detail, is stressed by changes of plan, usually eats and drinks the
same things); (7) motor clumsiness (he always had difficulties in sports, he had two “left hands”
and two “left feet”); (8) sensory hypersensitivity (for loud noises and light, tormented in former
times already by stroking by the mother); (9) strong perception of details (e.g., finds comma errors in
texts, has difficulties with the “overall picture”); (10) special memory capacity (always knows exactly
where what stood when he had read something); and (11) special interests for computer science [6].
The Autism Diagnostic Observation Schedule, Second Edition (ADOS-2; at the age of the patient of
34 years) confirmed clear autistic communication and interaction behavior confirming a syndrome
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diagnosis (14 points; cut off > 10 [9]). The testing of the recognition of emotions (“gnosis facialis”)
revealed indications of relative deficits in recognizing fear (http://www.gnosisfacialis.de/infoERT.html,
accessed on 14 November 2020. In the Movie for the Assessment of Social Cognition (MASC), the patient
scored borderline [10]. Difficulties in communication in social intuition were partially compensated by
the patient in an analytical-cognitive way. In summary, two expert raters confirmed the presence of
a high-functional ASD syndrome. His intelligence level was above average (he reached high school
graduation “Abitur” in Germany with average grade 1.3; range: 1-6, optimal: 1, worst: 6) and later
studied computer science.

At the age of 15 years, the patient developed his first depressive episode and, at the age of
17 years, his first hypomanic episode. Until publication of this case report, the patient suffered from
recurrent depressive episodes, but hypomanic phases did not occur anymore after the age of 21 years.
His first psychiatric presentation took place at the age of 18 years following mutistic states (i.e.,
he was unable to speak); there were no indications of schizophrenia or causation by illegal drugs.
Video telemetry revealed no evidence of epileptic seizures. At the age of 18 years, monomorphic
ventricular extrasystoles (VES) were noticed for the first time during a physical examination for
military service suitability. At the age of 29 years, the teeth suddenly discolored and then receded
(Figure 1A). During this time, the patient suffered from significant polydipsia (requiring around 10 L
of drinks/day) and was treated with lithium, methylphenidate, pregabalin, and lorazepam. Polydipsia
was mainly caused by lithium treatment with increased serum levels at that time (1.6—1.8 mmol/L;
reference 0.4-1.2 mmol/L). Calcium serum levels were within the normal range, and, thereby, phosphate
and parathyroid levels were not determined. In the further course, 13 teeth had to be extracted and
were supplemented by dental prostheses; other teeth were crowned. At the age of 29 years, he also
developed a paranoid hallucinatory episode with hearing voices and ideas of persecution under the
treatment with methylphenidate, nortriptyline, quetiapine, pregabalin, and lorazepam. Recurrently,
the patient received benzodiazepines, but, after this was stopped (by antagonization with flumazenil),
a generalized tonic-clonic seizure occurred at the age of 29 years.

Figure 1. (A) The dental status at 29 years of age and the corresponding dental radiography showed a
reduced density of several coronas and mild hypoplasia of the maxilla and mandible. (B) The cerebral
magnetic resonance imaging of the patient revealed slight hippocampal damage on the left in the
area of the corpus and the cauda, together with otherwise inconspicuous cerebral anatomic findings.
(C) The baseline electrocardiography displayed a short QTc interval (heart rate 57/min, QT 330 ms, QTc:
324 ms; reference: > 350 ms; 3a) and normalization during treatment with quinidine (3 x 200 mg/d; QTc:
425 ms; reference: < 350 ms; 3b). (D) The DNA sequence electropherogram revealed a heterozygous
state at position 2399 (c.2399A > C) in the CACNAIC gene predicted to result in p.Lys800Thr.

Electroencephalography at age 29, 33, and 34 years was inconspicuous. Analysis of the
cerebrospinal fluid (CSF) revealed a borderline blood-brain barrier dysfunction (with CSF protein levels
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of 579 mg/L; reference: < 450 mg/L). The immunological screening showed an antinuclear antibody
(ANA) titer of 1:100 (reference: < 1:50) and an IgA deficiency (0.26 g/L; reference: 0.7—4 g/L).

A highly symptomatic occurrence of the monomorphic VES was noted again during the
subsequent in-patient hospital treatment at the age of 29 years. Further cardiologic evaluation
showed ~12,000 VES/day during Holter ECG, and subsequently, due to the severe overall clinical
course, the patient underwent ablation therapy in the area of the middle cardiac vein or coronary
sinus twice, which reduced VES burden (remaining: 3600 VES/day). There was no evidence of a
structural heart disease as assessed by transthoracic echocardiography. The family history was positive
with his father suffering from depression, alcohol-dependency, tachycardia (treated with $-blockers),
and unclear dental damage (the patient had no contact with the father; therefore, further information
is missing). The age of the mother at birth of the patient was 41 years, and the age of the father was
35 years.

Over the years, due to the severe course of the psychiatric symptoms, multiple
psychopharmacological treatment trials have been carried out using varying and sometimes
high doses (sertraline, fluoxetine, escitalopram, paroxetine, venlafaxine, vortioxetine, bupropion,
nortriptyline, amitriptyline, clomipramine, lithium, methylphenidate, haloperidol, aripiprazole,
perazine, promethazine, quetiapine, valproate, lamotrigine, carbamazepine, oxcarbazepine, pregabalin,
levetiracetam, zonisamide, lacosamide, lorazepam, clonazepam, oxazepam, clobazam).

After complete discontinuation of psychotropic medication at the age of 31 years, a cardiac
re-evaluation was performed, and a short QTc interval of 324 ms (Figure 1C; reference: > 350 ms) was
noted for the first time. Overall, this resembled a (paradoxical) shortening of the QTc interval during
a heart rate (HR) of 57 bpm; at a HR of 111 bpm, the QTc interval normalized (408 ms). There was
no evidence of T-wave alternans. Due to suspected SQTS, quinidine treatment (3 x 200 mg/day) has
been initialized to normalize repolarization, but also to reduce symptomatic VES burden and thereby
indirectly to improve mental strength and personal stability. Of note, during treatment QTc intervals
completely recovered (at 57/min: QRS 114 ms, QTc around 425 ms; T-wave: broad-based, biphasic; no
early repolarization signs or Brugada sign; Figure 1C), and the burden of symptomatic VES was nearly
absent (now: 16 VES/day).

2.2. Genetic Analyses

Genetic testing of genes related to SQTS (KCNQI1, KCNH2, KCNJj2, CACNAIC) revealed a
heterozygous nucleotide variant in CACNA1C (NM_000719.6: ¢.2399A > C; p.Lys800Thr), which was
very rare in control databases (MAF gnomAD: 0.00043%) and predicted to affect protein function
by 16 of the 23 pathogenicity prediction algorithms (VarCards). The mutated lysine is located in
the cytoplasmic loop between repeat II and repeat III of the Cav1.2 calcium channel and is highly
conserved. To exclude pathogenic copy number variations (CNV) as a possible additional cause of
ASD and the psychiatric symptoms, microarray-analysis was performed (CytoSureTM Constitutional
v3 Array 180k, Oxford Gene Technology) in the patient. Molecular karyotyping did not show any
pathogenic or relevant CNVs.

2.3. Electrophysiological Analyses

Heterologous expression studies of the mutant Cav1.2 calcium channel in Xenopus oocytes showed
an isolated reduction in the current amplitude of the L-type calcium channels (Figure 2B,C) without a
change in kinetic properties (Figure 2D-I) when compared with native (wild-type) channels. Here,
the normalized bell-shaped current-voltage relationship and the voltage-dependence of activation
were unaltered (Figure 2D—-E). In addition, the voltage-dependence of inactivation (Figure 2F-G),
the extent of inactivation (Figure 2H), and the kinetics of inactivation (Figure 2I) were similar as in
wild-type channels. Thus, the genetic variant is responsible for an isolated reduction of the macroscopic
current amplitudes of approximately 40% (Figure 2C). The lack of changes in the channel kinetics and
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maintained voltage-dependence of channel gating behavior suggest that this reduced current amplitude
is most likely caused by an intracellular trafficking defect of the mutant Cav1.2 calcium channel.
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Figure 2. Own experimental analyses in the presented patient illustrated an isolated reduction in the
current amplitude of L-type calcium channels without a change in kinetic properties. Two-electrode
voltage-clamp measurements were performed in Xenopus oocytes, as previously described [2]. Ba**
was used as a charge carrier, and for all experiments, Cav1.2 was co-expressed with the «26 and
2b subunits [2]. In detail, the figure shows the following: (A) High evolutionary conservation of
the K800 residue between different orthologues. (B) Representative current traces of wild-type (WT)
Cav1.2 and mutant Cav1.2X80T recorded with the indicated voltage protocol, in order to analyze the
current amplitudes and the voltage-dependence of activation properties. (C) Reduced peak current
amplitudes, analyzed at + 20 mV. (D) Normalized bell-shaped current voltage-relationship and (E)
conductance-voltage (GV) relationship. The voltage of half-maximal activation (V1/2 act.) is indicated
in the upper corner. (F) Representative current traces of wild-type Cav1.2 and Cav1.2X80T recorded
with the indicated voltage protocol, in order to analyze the inactivation properties. (G) Analyses of
the voltage of half-maximal inactivation (V1/2 inact.). The V1/2 inact. values are provided in the
upper corner. (H) Percentage of voltage-dependent inactivation of wild-type and Cav1.2K8T analyzed
at different voltage potentials. (I) Analyses of the time constant of voltage-dependent inactivation
(T inact.) of wild-type and Cav1.2K800T analyzed at different voltage potentials. Numbers of experiments
are indicted in the panels. Data are presented as mean + s.e.m. * indicates p < 0.05.

With respect to these functional data, the p.Lys800Thr variant was classified as likely pathogenic
(class 4 variant) according to the ACMG guidelines [11].

3. Discussion

The authors present a patient with a previously unpublished loss-of-function mutation of the
CACNAIC gene with a novel, syndromal phenotype characterized by ASD, affective and psychotic
exacerbations, dental enamel defect, and a short QT interval in the surface ECG.

The mutated CACNAIC gene (Chr. 12p13.3; 2,138 amino acids) encodes the x-subunit of the
L-type calcium channel CaV1.2. These calcium channels are highly expressed in the brain and
heart [3]. Genetic changes in CACNAIC are associated with Timothy syndrome or early repolarization
disturbances/Brugada-like electrocardiography. However, patients with Timothy syndrome typically
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have gain-of-function mutations in the CACNAIC gene (e.g., p.Gly406Arg [2]), leading to maintained
depolarizing L-type calcium current with long QT syndrome in the surface ECG and early sudden
cardiac death (at an average age of 2.5 years; 3). Additionally, other cardiac features (AV conduction
block with bradycardia, tachyarrhythmia, or congenital heart defects), neuropsychiatric involvement
(developmental delays, seizures, ASD), hand/foot and facial findings (e.g., cutaneous syndactyly,
low-set ears), hypoglycemia, and infections can be found in patients with Timothy syndrome [2].
Poor dental enamel was also reported earlier [3,12].

The presented case also suffered from high-functioning ASD, but he additionally presented with
depressive and hypomanic episodes, as well as one paranoid hallucinatory episode. Such complex
psychiatric syndromes are often found in patients with secondary, organic forms [1]. The genetic
variant that has been classified finally as a likely pathogenic variant could explain the poor response
to different psychotropic drugs in the patient’s history. However, pharmacogenetic studies, e.g.,
on drug metabolism, have not been carried out. There were no signs of dysmorphia on the hands/feet
or face in the presented patient. In addition, he suffered from poor dental enamel with severe
caries, initially misinterpreted as “meth mouth” because of high-dose methylphenidate medication.
Surprisingly, a short QT interval was first noted when the patient was off psychotropic drugs that
typically prolong the QT interval and, in this particular case, led to a normalization. He also had a
high burden of VES. Only just about 250 cases with short QT syndrome are currently known, however,
these have either isolated cardiac phenotypes or acquired, concomitant conditions (e.g., electrolyte
disturbances or carnitine deficiency), and to date only about 30 genetic variants in eight potential
disease genes were identified (summarized in [13]). Most of these cases are due to gain-of-function
mutations in the potassium channel genes (KCNH2, KCNQ1, and KCNJ2), whereas loss-of-function
mutations in CACNAIC leading to SQTS are extremely rare, and, in these cases, the shortened QT
interval is accompanied with a Brugada ECG phenotype (not seen in the present case). Due to
controversial or absent functional data and contradictory in silico predictions, some of variants were
re-classified as variants of uncertain significance following ACMG criteria (class 3 variant) in a recent
publication [14]. Very recently, a CACNAIC loss-of-function variant has been linked with SQTS in
combination with early repolarization patterns in the surface ECG [15].

The heterozygous ¢.2399 A > C variant in the presented patient is yet unreported, leading to
a non-synonymous amino acid exchange in the «-subunit of the L-type calcium channel CaV1.2
(p-(Lys800Thr)). A causality of the mutation is possible because the gene mutation is located in a
conserved gene region and is very rare in control databases. Most pathogenicity prediction programs
that evaluate amino acid exchange in silico suggest a biochemical and thus pathogenic effect (VarCards:
16/23) as it has been shown by the in vitro data upon heterologous expression experiments. The variant
finally could be classified as a class 4 variant (“likely pathogenic”) according to the ACMG/AMP
guideline [11]. Our functional studies revealed an isolated reduction of the current amplitudes
(Figure 2C) without changes in the gating behavior of the channel. Therefore, a weak trafficking defect
is the most likely mechanism of action for this atypical Cav1.2 channelopathy with brain, cardiac and
dental enamel involvement.

4. Conclusions

In summary, this is a paradigmatic case of a secondary genetic variant of a complex,
partially atypical mental disorder with heart and dental involvement. Many such secondary genetic
variants probably occur, each of which is very rare, but, taken together, these rare variants might be
causing a relevant subgroup of mental disorders. In the presented patient, a pathological variant can
be assumed, which led to an atypical form of SQTS with a clinical spectrum that partially overlaps
with that of Timothy syndrome. Associations between CaV1.2 channel (CACNAIC) polymorphisms
and different psychiatric disorders, including autism, depression, bipolar disorder, and schizophrenia,
were recently reported [16-19]. Further research will need to show whether similar cases exist and
elucidate the therapeutic consequences that can be inferred from mutant Cav1.2 channel.
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Abstract: Human genetic studies have implicated more than a hundred genes in Autism Spectrum
Disorder (ASD). Understanding how variation in implicated genes influence expression of co-occurring
conditions and drug response can inform more effective, personalized approaches for treatment of
individuals with ASD. Rapidly translating this information into the clinic requires efficient algorithms
to sort through the myriad of genes implicated by rare gene-damaging single nucleotide and copy
number variants, and common variation detected in genome-wide association studies (GWAS).
To pinpoint genes that are more likely to have clinically relevant variants, we developed a functional
annotation pipeline. We defined clinical relevance in this project as any ASD associated gene
with evidence indicating a patient may have a complex, co-occurring condition that requires direct
intervention (e.g., sleep and gastrointestinal disturbances, attention deficit hyperactivity, anxiety,
seizures, depression), or is relevant to drug development and/or approaches to maximizing efficacy
and minimizing adverse events (i.e., pharmacogenomics). Starting with a list of all candidate genes
implicated in all manifestations of ASD (i.e., idiopathic and syndromic), this pipeline uses databases
that represent multiple lines of evidence to identify genes: (1) expressed in the human brain, (2)
involved in ASD-relevant biological processes and resulting in analogous phenotypes in mice, (3)
whose products are targeted by approved pharmaceutical compounds or possessing pharmacogenetic
variation and (4) whose products directly interact with those of genes with variants recommended
to be tested for by the American College of Medical Genetics (ACMG). Compared with 1000 gene
sets, each with a random selection of human protein coding genes, more genes in the ASD set were
annotated for each category evaluated (p < 1.99 x 1072). Of the 956 ASD-implicated genes in the full
set, 18 were flagged based on evidence in all categories. Fewer genes from randomly drawn sets were
annotated in all categories (x = 8.02, sd = 2.56, p = 7.75 x 107%). Notably, none of the prioritized genes
are represented among the 59 genes compiled by the ACMG, and 78% had a pathogenic or likely
pathogenic variant in ClinVar. Results from this work should rapidly prioritize potentially actionable
results from genetic studies and, in turn, inform future work toward clinical decision support for
personalized care based on genetic testing.
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1. Introduction

Autism spectrum disorder (ASD) is a heterogeneous neurodevelopmental condition characterized
by impairments in social interactions, delays in language development and patterns of restricted
interests and/or repetitive behaviors [1]. ASD manifests along a wide distribution of core symptom
severity and numerous health conditions present with ASD [2,3]. It is well-established that ASD
has a predominantly genetic etiology, and genetic factors influence many of the medical conditions
diagnosed with ASD [4,5]. Advancements in genomic technology are continually generating large
amounts of data implicating various biological processes dysregulated in ASD. Notably, ASD is one
of the most complex and prevalent neurodevelopmental conditions observed in humans, with a
worldwide prevalence estimated at one in 160 children [6]. Furthermore, insufficient evidence exists
substantiating efficacy of pharmaceutical treatment of specific symptoms and co-occurring conditions
in ASD with many reported adverse events [7-9]. Informing more effective, personalized approaches
for treatment of these heterogeneous conditions is a necessary area of research. An important next
step is to better understand how current data can inform diagnosis and treatment of co-occurring
conditions in ASD [10].

Fortunately, excellent tools are available to help circumvent challenges related to interpreting
results from human genetic studies and offer immediate insight into mechanisms that are most likely
to translate in the clinic setting [11-19]. While the definition of what constitutes ‘clinically actionable’
genetic information can vary and is dynamic [10], it is defined in this project as any functionally
relevant, disease-implicated gene with evidence indicating a patient may have co-occurring condition
that requires direct intervention, or that variation in the gene (or genetic mechanism) may influence
how a patient will respond to a drug.

To initially identify all of the potential genetic factors that contribute to expression of a complex
condition like ASD, it is necessary to compile results from many sources. These include statistical
associations (e.g., genome-wide association study (GWAS) hits, rare variant burden test results,
transmission disequilibrium test results) and functional evidence in humans and model organisms.
Centralized repositories, like DisGeNET (https://www.disgenet.org/), integrate and uniformly annotate
data and allow easy access to comprehensive knowledge of the genetic underpinnings of disease [17].

One way to facilitate interpretation of genetic results is to focus on implicated genes expressed
in tissues relevant to the disease etiology [13,20-23]. As most evidence indicates that ASD relates to
neurodevelopment [24], identifying ASD-associated genes that are expressed at appreciable levels
in human brain tissue can rapidly prioritize genes that are more likely to be functionally relevant.
Integrated databases, such as the Expression Atlas (https://www.ebi.ac.uk/gxa/home), offer results
from large microarray and RNA-sequencing studies in humans (e.g., the Genotype Tissue Expression
(GTEX) Project) and allow for efficient mining of data related to tissue-specific gene expression [13,22].

To further annotate those genes that are more likely to be functionally related to ASD etiology,
it is useful to focus on genetic mechanisms evidenced to underlie ASD symptom expression. Notably,
the biological functions of different genes implicated in ASD point to convergent mechanisms [25-27].
By identifying biological processes enriched for genes implicated in ASD and then focusing specifically
on genes that influence these processes, genes of particular interest for functional follow-up and drug
target repurposing or discovery can be readily classified [28-30]. Efforts to consistently describe gene
products across databases, like the Gene Ontology (GO) Consortium [16], allow for identification
of these larger, multi-gene processes. Furthermore, transgenic techniques in model organisms are
incredibly useful for identifying genes with functional consequences relevant to human disease [31-33]
and drug discovery [34]. On-going efforts by groups like the International Mouse Phenotyping
Consortium (IMPC) offer web portals which allow for rapid mining of mouse phenotype data from
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knockout mutant strains for eventually every protein-coding gene in mice [35]. Determining the traits
that are associated with knocking out specific genes may also offer insight into which genes are more
likely to influence expression of co-occurring conditions in ASD.

The ultimate goal of precision medicine is to prevent disease; however, realization of this vision is
likely many years away [36]. A key opportunity in precision medicine is to incorporate drug ontology
and pharmacogenomics data to inform care and tailor treatment (i.e., maximize efficacy, minimize
adverse events) [37,38]. An approach toward this goal is to determine if any of the proteins encoded
by ASD candidate genes are targets for pharmaceutical compounds that are currently approved
to treat symptoms and co-occurring conditions in ASD, or are potential novel targets based on
evidence that they are chemically similar or function in the same mechanisms as approved drug
targets [39,40]; integrated knowledge bases, like Pharos (https://pharos.nih.gov/), exist to identify
these proteins [14]. It is also of interest to know whether a patient with a given variant will respond
differently to medications. Resources such as the Pharmacogenomics Knowledge Base (PharmGKB;
https://www.pharmgkb.org/) coalesce these data into a common portal [41].

To prioritize genes that may be clinically relevant, specifically with regard to co-occurring
conditions, but have yet to be confirmed as having a causal relationship with human disease (i.e.,
pathogenic), it is advantageous to incorporate evidence related to genes with known pathogenic
variants. Resources that define the clinical relevance of variants, like the American College of Medical
Genetics (ACMG) [42] and ClinVar [18], can be used to identify these ‘clinically actionable” genes.
Furthermore, protein-protein interaction databases, like STRINGdDb (https://string-db.org/), can be used
to identify different genes with disparate variants that impact a common network [43]. By extension,
protein interaction knowledge may identify candidate genes more likely to house pathogenic variants
via revealing direct connections between their protein products and the products of genes with known
pathogenic variants.

A major goal of our study is to develop an automated bioinformatics pipeline using the databases
referenced above that can identify genes pulled from all published studies of ASD where variation
may indicate a patient has a co-occurring condition that is important to treat, or are more likely to
be useful for drug development and/or pharmacogenomics approaches to treatment of symptoms
and comorbidities in patients with ASD. Each step of the pipeline is evaluated by comparing results
for genes cited in connection with ASD to results for 1000 sets of n = 956 randomly selected human
protein coding genes of equal number to the ASD gene set. Prioritized ASD genes are then queried
against a gold standard, defined as expert curated evidence in ClinVar indicating that the gene has a
pathogenic variant.

2. Results

At the time of these analyses, there were 956 unique protein coding genes with evidence for
associations with ASD in the DisGeNET, which reflects expansive evidence from candidate gene studies,
genome-wide genotyping, whole-exome/genome sequencing, and functional studies in human cell
lines and model organisms (Supplementary Table S1). Notably, this initial list of ASD candidate genes
included genes implicated via evidence from genetic studies of idiopathic ASD cases (e.g., NLGN1,
NLGN2, NLGN3, NLGN4X and NLGN4Y), as well as genes pulled from studies evaluating syndromic
cases of ASD (e.g., FMR1, MECP2, and SHANK3). All of the functional attributes used in our approach
for prioritizing candidate genes had more ASD-related genes when compared to 1000 random sets, each
with a random selection of 956 genes (Table 1). Ultimately, 18 ASD candidate genes were prioritized
based on annotation in each step of the pipeline, which was more than the average number of genes
from random gene sets (X% =11.30, p=775X% 1074; Table 1).
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Table 1. Comparisons of Functional Annotations for Autism Spectrum Disorder Candidate Genes to
Random Genes.

ASD Random

Gene Attribute ) (mean + sd) X2 (95%CI) p-Value p-Value orrected
Brain Expressed 861 808.94 + 11.01 21.36 (0.88, 0.92) 3.80 x 1076 5.07 x 107°
Associated Mouse Trait 88 68.89 + 7.83 5.42 (0.07,0.11) 1.99 x 102 1.99 x 1072
Encodes Tclin 113 31.19 + 5.45 219.18 (0.10, 0.14) 1.37 x 107% 6.98 x 1074
Encodes Tchem 148 80.76 + 8.43 60.25 (0.13, 0.18) 8.35x1071° 1.34 x 10714
Encodes Thio 615 574.56 + 14.99 6.96 (0.61, 0.67) 8.34x 1073 9.53 x 1073
Encodes Tdark 51 253.28 + 13.02 218.69 (0.04, 0.07) 1.74x 1074 6.98 x 1074
Pharmacogenomic 124 52.15 + 50.23 103.25 (0.11, 0.15) 2.96 x 1072 5.92 x 1072
ACMG Network 475 313.53 + 13.25 122.98 (0.46, 0.53) 1.41x10728 3.76 x 10728

All Attributes 18 8.02 +2.56 11.30 (0.01, 0.03) 7.75 x 1074 -

Shown are the number of genes cited in connection with ASD in DisGeNET with pipeline attributes compared to
the average number of genes across 1000 random sets. Included for each attribute are results of chi-square tests
comparing the proportion of genes annotated in the ASD list (n = 956) to the average proportion of genes across
all random lists. Uncorrected and Benjamini-Hochberg corrected p-values are included. Tclin = FDA-approved
compound targets, Tchem = molecules with known properties similar to approved drug targets, Tbio = proteins
with known biological or molecular functions but no known drug target properties, Tdark = proteins with relatively
unknown function, sd = standard deviation, CI = confidence interval.

2.1. ASD Candidate Gene Expression in Human Brain

There were 861 (90.1%) ASD genes which were expressed at TPM > 0.5 in at least one of the
brain regions evaluated using available RNA-sequencing data from typical human tissue. This was
increased when compared to random gene sets (84.6%, X? = 21.36, Peorrected = 5-07 X 107%; Table 1).
Notably, ASD-related genes were expressed at different levels in human brain tissue available in
GTEx when compared to expression patterns of the random gene sets (F(13, 13117) = 2.19, Pillai = 0.002,
p = 7.83 x 1073). These differences related almost entirely to increased levels of ASD gene expression
in the pituitary gland (F(1, 15317) = 14.10, Pcorrected = 2-24 X 1073, Figure 1). No other evaluated brain
regions showed evidence of differential expression of ASD genes compared to genes in the random
sets (Supplementary Table S2).

130



Int. J. Mol. Sci. 2020, 21, 9029

‘stxe-A ay uo par ur payy3yS1Y SI pue UOHELZIENSIA I9ISed 10§ pafrdure usaq sey I03sn[d auad MSII (JSV 9Y [, "SOINSeall UBIPIONT UO Paseq Pardjsnpd
are uor3ar urelq 9A1}OdsaI 9y} UT 39 dUd3 ded Jo uoIssardxe aferaAy XF D) Ur anssy uewmnyy [edid4} woiy paureiqo uordar urerq yoea 1oj ‘uorru 1ad sydrosuer uo
Ppaseq ‘s39s duag WwopueI pue (JSV J0J S[9A3] UOTSsaIdxa a8eIaAe are UMOYS *S}9G dUID) WOPURY PUe 95 dUdD) djepIpue)) (JSV JO S[joI ] uotssardxy ureiq ‘T ainSry

uoibay ureig

eJBIN enuelsgng
usweing

SUBGUINIAY SN3JONN
snwejeyiodAH
Jadoig sndwesoddiH
XaM0D'[elqaIaD
wnjjegesed
aJaydsIiwaH Je|[8qalen)
snajonN ejepnen
ejepbAwy

§e2Je'606 | UUBLIPOIg
pzesle 606 | uewpoig

I puejo Aeynig
T

w \
|

.Ji

(uo1ssa1d¥@)z60]
002 00L 05

131



Int. ]. Mol. Sci. 2020, 21, 9029

2.2. ASD Candidate Genes Associated with Mammalian Phenotypes

There were 225 biological processes defined in humans and overrepresented in ASD candidate
genes. There were also 258 processes defined in mice that were overrepresented among ASD gene
mouse orthologs; 200 of these overlapped with biological processes overrepresented for ASD genes in
humans (Supplementary Table S3). Products from 931 genes (96.5% of all ASD genes) were involved in
these processes. Seven terms reflecting Mammalian Phenotypes (MP) defined in the IMPC were mapped
to a GO-defined biological process overrepresented among the ASD genes. Phenotypes included
‘abnormal postnatal growth/weight/body size” (MP:0002089), ‘decreased body size” (MP:0001265),
‘increased body size” (MP:0001264), ‘abnormal nervous system morphology’ (MP:0003632), ‘abnormal
brain development’ (MP:0000913), and ‘abnormal embryo development’ (MP:0001672). These traits
were represented by three top level terms (i.e., ‘growth/size/body region phenotype’ [MP:0005378],
‘nervous system phenotype’ [MP:0003631], ‘embryo phenotype” [MP:0005380]). More ASD genes (9.2%)
were associated with at least one trait under these top-level terms in mouse knockouts when compared
to genes in the random sets (Table 1, X2 =542, Peorrected = 1.99 X 1072). Specifically, more ASD genes
were associated with abnormal postnatal growth/size/body region phenotypes when knocked out
in mouse models (Table 2, X2 = 8.60, Pcorrected = 1.01 X 1072). The most prevalent of these types of
traits was ‘decreased lean body mass’ (MP:0002089), followed by ‘decreased body length” (MP:0002089;
Figure 2).

Table 2. Proportions of Autism Spectrum Disorder Genes Associated with Specific Top Level
Mammalian Phenotypes.

ASD Random

Associated Mouse Trait o (mean = sd) X2 (95%CI) p-Value p-Value orrected
Growth phenotype 63 43.59 +6.32 8.60 (0.05, 0.08) 3.37x 1073 1.01 x 1072
Nervous system phenotype 18 12.16 + 3.36 2.37(0.01,0.03) 123 x 107 1.85 x 107!
Embryo phenotype 17 18.46 +4.18 0.05 (0.01, 0.03) 821 x 107! 8.21x 107!

Shown are results comparing the number of ASD candidate genes that were associated with a mammalian phenotype
reflecting overrepresented Gene Ontology Biological Processes defined in humans, compared to the average number
of genes across 1000 random sets. Chi-square test results are based on the proportion of genes in the ASD list
(n = 956) compared to the average proportion of genes across all random lists. Uncorrected and Benjamini-Hochberg
corrected p-values are included. sd = standard deviation.

2.3. ASD Candidate Genes Influencing Drug Response

Compared to random genes, ASD candidate genes encoded more potential drug targets or contain
variants that may inform pharmaceutical treatment (Table 1). Specifically, an increased proportion
of genes cited in connection with ASD (11.8%) encode FDA-approved drug targets (X*> = 219.18,
Pcorrected = 6.98 X 10~%°), or had molecular properties similar to approved targets (15.5%, X2 =60.25,
Peorrected = 1.34 X 10~1). Furthermore, more ASD genes (13.0%) contained variants with evidence for
significant pharmacogenetic effects (X2 = 103.25, Peorrected = 5.92 X 10724).
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2.4. ASD-ACMG Protein Interactions

There were nine ASD risk genes with evidenced pathogenic variants for which the ACMG
recommends clinical testing (Supplementary Table S1). In addition, an increased proportion of proteins
encoded by candidate genes (49.7%) had predicted direct interactions with proteins encoded by
ACMG-recommended genes compared to proteins encoded by genes in the 1000 random sets (Table 1,
X% = 122.98, Peorrected = 3.76 X 10728). On average, ASD-related proteins formed six connections
(x =6.32, sd = 14.20) with ACMG proteins; however, there was no evidence that candidate proteins
formed more connections when compared to proteins encoded by genes in any of the random sets
(X2 =824.34,p =9.99 x 1071).

2.5. Evaluation of Pathogenic Variants in Prioritized ASD Candidate Genes

Of the 27,622 total genes harboring variants as curated in the September 2020 update of ClinVar
(https://www.ncbinlm.nih.gov/clinvar/), 900 were genes cited in connection with ASD and 487 of these
had a variant reported to be pathogenic or likely pathogenic. This represents approximately half
(50.9%) of the full list of 956 ASD-related genes included in the DisGeNET. Of the 18 ASD-related genes
that were prioritized via our pipeline (Figure 3), 78% (n = 14) had a variant reported to be pathogenic
or likely pathogenic (Table 3, Supplementary Table S1).
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Table 3. Prioritized Genes with Pathogenic/Likely Pathogenic Variants.

Brain Region Associated Mapped Drug

ASD Gene (TPM) Mouse Trait (s) GO BP Development PharmGKB
Substantia Nigra postnatal
APOE (1141) growth growth NA PA55
Cerebellar ostnatal
DLG4 Hemisphere Pgrowth growth Tchem NA
(232)
Cerebellar ostnatal
CTNNB1 Hemisphere P growth Tchem PA27013
(188) growth
Cerebellum embryo organism .
FGFRT (92) development development Telin NA
postnatal
NTRK2 Bmdmarg??g area24 growth growth Techem PA31818
nervous system - g development
morphology
Cerebellum embryo organism
ITPRI (73) development development Tehem NA
Cerebellar postnatal
SETD2 Hemisphere growth growth Tchem NA
(41) nervous system CNS development
morphology
tnatal
bell pos th
DNMT3A Cere(;) um growth grow Telin PA27445
embryo organism
development development
Cerebellum postnatal
EHMT1 (14) growth growth Tchem NA
Cerebellar "
BMP4 Hemisphere nervous system - onyg development Tchem NA
®) morphology
Pituitary embryo organism .
ACE (7) development development Telin PA139
Cerebellar embryo organism
DNMT3B Hemisphere Y’ & Tchem NA
®) development development
Cerebellar ostnatal
MCPH1 Hemisphere P growth NA PA30701
®) growth
Pituitary postnatal .
ESR2 ©8) growth growth Telin PA27886

Details are shown for the 14 Aut