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Abstract

This study examines Al-enabled talent acquisition from the perspective of prospective
applicants and investigates how individual-level perceptions of Al-assisted selection are
associated with anticipated procedural justice, organizational attractiveness, and perceived
talent-market competitive positioning. Using a Partial Least Squares Structural Equation
Modeling (PLS-SEM) approach, the proposed model explores the relationships among
six key constructs: perceived Al expertise (AIEXP), trust in Al technology (TRUSTP),
procedural justice (PJ), anxiety (ANX), organizational attractiveness (OA), and perceived
talent-market competitive positioning (PTCP). Based on data collected from 202 respon-
dents, predominantly aged 18-24, the results indicate significant positive associations of
perceived Al expertise and trust in Al with anticipated procedural justice. Procedural
justice exhibits the largest structural association with organizational attractiveness, which,
in turn, is strongly associated with perceived talent-market competitive positioning. The as-
sociation between anxiety and organizational attractiveness is negative but not statistically
significant in the present sample. Beyond individual direct relationships, bootstrapped spe-
cific indirect effects support a sequential mechanism in which perceived Al expertise and
trust in Al are associated with organizational attractiveness through anticipated procedural
justice and, subsequently, with perceived talent-market competitive positioning through
procedural justice and organizational attractiveness. The study contributes an integrative
sequential perceptual evaluation framework that connects technology-related appraisals,
anticipated process legitimacy, employer attractiveness, and perceived talent-market com-
petitive positioning under the ex-ante condition of prospective applicant evaluations.

Keywords: artificial intelligence; talent acquisition; Al-assisted selection; procedural justice;
organizational attractiveness; talent-market competitive positioning; PLS-SEM

1. Introduction

In today’s economic landscape, marked by accelerated digitalization and increased
labor market volatility, organizations are under growing pressure to rethink how they
attract, evaluate, and secure talent. Human capital remains a critical source of differ-
entiation, yet traditional recruitment and selection methods often prove insufficient in
contexts characterized by large applicant pools, time pressure, and increasing demand for
efficient and credible hiring decisions (Tuttle & Critchlow, 2025; Purohit & Banerjee, 2025).
Recent research also suggests that artificial intelligence is contributing to profound trans-
formations in labor market dynamics, managerial decision-making, and organizational
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competitiveness, reinforcing the strategic relevance of artificial intelligence (Al) adoption
across organizational functions (Popa et al., 2024). In response, organizations are increas-
ingly incorporating Al into recruitment and selection processes, turning talent acquisition
into a digitally enabled capability that can reshape how organizations identify, evaluate,
and secure talent, using tools such as applicant tracking systems, CV-screening algorithms,
chatbots, and Al-assisted video interviews to improve efficiency, scalability, and decision
consistency (Tuttle & Critchlow, 2025; Gupta, 2025).

At the same time, the integration of Al into talent acquisition is not merely a technical
development, but also a strategic human resources management (HRM) issue. Prior re-
search suggests that Al-enabled recruitment may influence how organizations are perceived
by external candidates, particularly in terms of innovativeness, fairness, and employer
attractiveness (Folger et al., 2022; Ahmadi et al., 2024; Younis et al., 2024; Popescu et al.,
2023). While Al-based systems are often promoted as tools that can reduce human bias
and increase procedural consistency, they may also generate skepticism, anxiety, and con-
cerns about opacity or dehumanization in the hiring process (Figueroa-Armijos et al., 2023;
Horodyski, 2023). As a result, evaluating the organizational value of Al in recruitment
requires attention not only to technological capability and efficiency, but also to how such
systems are perceived by potential applicants and how these perceptions translate into
outcomes relevant to organizational positioning and performance (Melao & Reis, 2026).

Among the factors shaping applicant responses to Al-assisted selection, perceived
competence, trust, and procedural justice appear particularly important. Research on
applicant reactions shows that candidates are sensitive to whether selection procedures are
viewed as fair, transparent, and capable of allowing them to demonstrate their qualifications
(Bauer et al., 2001; Folger et al., 2022). In parallel, work on trust in automation and Al
adoption indicates that confidence in technological systems influences whether users
interpret automated decisions as legitimate and acceptable (Schaefer et al., 2016; C. Lee
& Cha, 2023). Anxiety toward technology-mediated selection may also matter, especially
when candidates fear inaccurate evaluation, loss of control, or reduced human interaction
(van Esch & Mente, 2018; van Esch & Black, 2019; Horodyski, 2023).

Applicant-side evaluations are relevant not only as immediate reactions to a selection
procedure, but also because recruitment practices communicate signals about the organi-
zation using them. When a selection process is perceived as credible, fair, and respectful,
prospective applicants may infer broader organizational qualities, including competence,
innovativeness, and concern for candidate treatment (Connelly et al., 2011; Folger et al,,
2022). These inferences are reflected in organizational attractiveness, which captures the
extent to which an employer is regarded as a desirable place to work and is associated
with applicants” willingness to pursue employment opportunities (Highhouse et al., 2003;
Gomes & Neves, 2011).

Organizational attractiveness can therefore function as an employer-level evaluative
bridge between perceptions of the recruitment process and comparative judgments about
the organization’s position relative to other employers. When prospective applicants re-
gard an organization as more attractive, they may also perceive it as more capable of
differentiating itself and attracting talent in a competitive labor market. In the present
study, this downstream judgment is conceptualized as perceived talent-market compet-
itive positioning. It represents an individual-level comparative perception grounded in
the relative-positioning logic of competitive advantage (Sigalas et al., 2013), rather than
evidence of realized or sustainable firm-level advantage.

Recent international research has substantially advanced understanding of Al-enabled
recruitment by examining responsible Al principles in HRM, applicant trust, perceived
fairness, explainability, and organizational attraction. Reviews of responsible Al in HRM
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emphasize that technological capability must be considered together with bias and discrim-
ination, perceived justice and trust, privacy, transparency, explainability, and meaningful
human involvement (Bujold et al., 2024).

Empirical studies have approached applicant reactions through complementary re-
search designs. Controlled experiments comparing Al and human evaluators have shown
that lower trust in Al can reduce favorable applicant intentions and have identified serial
perceptual mechanisms underlying Al receptivity (Deriu et al., 2024). A vignette-based
experimental survey using covariance-based structural equation modeling demonstrated
that trust and procedural justice mediate the relationships between Al-driven hiring, or-
ganizational attraction, and intention to apply (Babaee & Shank, 2025). Survey-based
studies have also examined experienced Al users and applicants, linking perceptions of Al
interaction, fairness, and anxiety with organizational attractiveness (Younis et al., 2024),
and connecting Al interview explainability with organizational attractiveness through
perceived organizational support and innovativeness (Zhou et al., 2026).

Despite these conceptual and empirical advances, an important theoretical problem
remains unresolved. Existing research shows that applicants respond to Al-related char-
acteristics such as trustworthiness, fairness, explainability, and perceived innovativeness,
but it does not yet provide a sufficiently integrated explanation of how technology-level
appraisals become evaluations of the employer. In particular, perceptions of Al capability
and reliability do not automatically imply that applicants will view the selection procedure
as legitimate or the organization as attractive. What remains unclear is the interpretive
mechanism through which judgments about the technology are translated into judgments
about procedural legitimacy and, subsequently, into comparative evaluations of the em-
ployer. Moreover, applicant-reaction research frequently concludes with outcomes such as
organizational attraction or intention to apply, providing more limited insight into how
these evaluations become comparative judgments about an employer’s relative position in
the talent market.

A related empirical and conceptual problem concerns the timing of these evaluations.
Much of the existing evidence derives from experimental scenarios, direct comparisons
between Al and human decision makers, or samples with prior exposure to Al-mediated
recruitment. Less is known about how prospective applicants form evaluations before
interacting with a specific Al-assisted selection system, when judgments must be inferred
from general beliefs about Al and from organizational signals. The unresolved issue
is therefore not simply whether the individual constructs are related, but whether they
operate as adjacent stages of a coherent applicant-side value-formation mechanism. The
present study addresses this problem by theorizing and estimating a sequential perceptual
evaluation model in which technology-related appraisals are connected with anticipated
procedural justice, organizational attractiveness, and perceived talent-market competitive
positioning, while the specific indirect effects assess whether these stages combine into the
proposed sequence.

Against this background, the objective of this study is to explain the applicant-side
translation mechanism through which individual perceptions of Al-assisted selection
become evaluations of procedural justice, organizational attractiveness, and perceived
talent-market competitive positioning. The unit of analysis is the individual respondent.
Accordingly, the study does not estimate realized organizational value, firm-level perfor-
mance, or the effectiveness of a digital transformation capability. Instead, it examines an
applicant-side value-formation process in which Al-related appraisals shape perceptions
of process legitimacy and employer quality. These perceptions are theoretically relevant
to organizational value because, when shared or aggregated across applicants, they may
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contribute to employer image and talent-market positioning; however, such aggregate and
behavioral effects are not directly measured in the present study.

To address this objective, the study uses cross-sectional survey data collected online in
May 2026 from 202 respondents, predominantly aged 18-24. The questionnaire captures
individual-level, ex ante evaluations of an anticipated Al-assisted selection context rather
than retrospective assessments of actual participation in Al-mediated recruitment. The
hypothesized relationships were estimated using partial least squares structural equation
modeling (PLS-SEM) in SmartPLS 4, while the proposed sequential mechanism was further
examined through bootstrapped specific indirect effects using 5000 subsamples. This
research strategy enables the simultaneous assessment of the measurement model, the
structural associations, and the indirect relationships connecting the successive stages of
the proposed framework.

This study develops an integrative sequential perceptual evaluation framework for
Al-enabled talent acquisition. Drawing on trust in automation, organizational justice, and
signaling theory, the framework explains how technology-related appraisals can acquire
employer-level and strategic meaning through a sequence of prospective applicant evalua-
tions. Perceived Al expertise and trust in Al represent initial appraisals of system capability
and reliability; anticipated procedural justice constitutes the process-legitimacy mechanism
through which these appraisals are interpreted; and organizational attractiveness functions
as the employer-level mechanism through which process legitimacy is translated into a
comparative perception of the employer’s position in the talent market. The theoretical
contribution therefore does not rest on treating each individual relationship as unexpected,
but on integrating these relationships into a sequential mechanism that links perceptions of
Al technology with evaluations of the employer and its talent-market position.

Three specific contributions follow from this framework. First, the study identifies an-
ticipated procedural justice as the central mechanism through which perceived Al expertise
and trust relate to organizational attractiveness. Second, it theorizes organizational attrac-
tiveness as the employer-level evaluative bridge through which candidate-side judgments
of process legitimacy become perceptions of relative talent-market positioning. Third, it
specifies an ex-ante scope condition: the framework addresses prospective applicants who
may not have direct experience with Al-assisted hiring and who therefore form judgments
from technological and organizational cues. Under this condition, perceived expertise and
trust constitute a cognitive-legitimacy route, whereas anxiety represents a parallel affective
route to organizational attractiveness.

The remainder of the article is organized as follows. Section 2 develops the theoretical
background, formulates the research hypotheses, and presents the sequential perceptual
evaluation framework. Section 3 describes the research design, measurement instrument,
sample, and analytical procedure. Section 4 reports the measurement-model assessment,
structural relationships, and specific indirect effects. Section 5 discusses the findings and
develops their theoretical and managerial implications, limitations, and directions for
future research. Section 6 presents the main conclusions of the study.

2. Theoretical Background and Hypothesis Development

Recent years have seen growing scholarly interest in the use of artificial intelligence
in recruitment and selection, reflecting broader digital transformation trends in HRM and
the emergence of Al-enabled talent acquisition as an increasingly strategic organizational
capability. This increasing attention is consistent with the rapid adoption of Al-enabled
tools such as applicant tracking systems, CV-screening algorithms, chatbots, and video
interview platforms, particularly in the aftermath of the COVID-19 pandemic and the
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wider acceleration of organizational digitalization (Cummins et al., 2021; Guerra et al., 2023;
Purohit & Banerjee, 2025).

Recent scholarship positions these developments within the broader transition toward
digital and algorithmic HRM. Digital technologies are reshaping recruitment across can-
didate sourcing, screening, assessment, communication, and talent-acquisition decision
making, transforming recruitment from an administratively supported activity into an
increasingly data-driven organizational capability (Khalid, 2026). From an algorithmic
HRM perspective, Al may improve processing efficiency, candidate matching, scalability,
and decision consistency, but it simultaneously raises concerns related to bias, opacity,
accountability, privacy, and the decreasing visibility of human judgment (Rismawati &
Salju, 2026). Consequently, the organizational adoption of Al in recruitment should be ap-
proached as a socio-technical transformation involving not only technological performance
but also governance, ethical safeguards, and stakeholder perceptions.

The literature reviewed in this section operates at two analytically distinct but con-
nected levels. At the organizational level, prior research examines decisions concerning Al
adoption, system design, governance, transparency, bias mitigation, and human oversight.
These organizational characteristics are not modeled as firm-level variables in the present
study. Instead, they constitute the recruitment context and provide signals from which
prospective applicants may infer the competence, credibility, and legitimacy of Al-assisted
selection. At the individual level, the empirical model examines how applicants interpret
these signals through perceived Al expertise, trust in Al, anticipated procedural justice, or-
ganizational attractiveness, and perceived talent-market competitive positioning. Evidence
concerning organizational adoption therefore supports the hypotheses by identifying the
practices and system characteristics that may shape applicant perceptions, rather than by
serving as direct organization-level predictors in the model.

Taken together, the literature does not suggest that Al use in recruitment produces
uniformly positive or negative applicant reactions. One stream emphasizes efficiency, con-
sistency, scalability, bias reduction, and signals of organizational innovativeness, whereas
another highlights opacity, algorithmic bias, reduced human interaction, distrust, and
perceived dehumanization. These perspectives are not necessarily contradictory. They
indicate that applicant reactions depend less on the mere presence of Al than on how its
competence, trustworthiness, fairness, and organizational meaning are interpreted. The
hypotheses developed below therefore focus on the perceptual mechanisms that may ex-
plain why similar Al-enabled practices generate different evaluations across applicants and
research contexts.

2.1. The Use of Al in Recruitment and Talent Selection

Recruitment, selection, and placement represent three interconnected human resource
functions that are essential for developing effective talent attraction strategies. These
processes not only facilitate the identification and attraction of suitable candidates but also
ensure their strategic positioning within the organization, enabling them to fully leverage
their potential (Tuttle & Critchlow, 2025).

Over the past decade, the talent selection landscape has undergone a major transforma-
tion, fundamentally changing the way organizations identify, attract, and select employees
(Guerra et al., 2023). With the advancement of technology and digitalization, some orga-
nizations have replaced traditional recruitment paradigms with artificial intelligence and
data-driven decision-making processes (Purohit & Banerjee, 2025).

Technologies used in recruitment encompass a wide range of tools designed to enhance
the efficiency of identifying, attracting, and selecting candidates. These include applicant
tracking systems equipped with advanced analytics capabilities, Al-based platforms for
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candidate identification and matching, and natural language processing (NLP) tools for
CV analysis. Additionally, organizations employ predictive analytics to model candidate
success, simulation tools, Al-assisted video interview platforms with behavioral analysis,
and chatbots that facilitate candidate engagement and screening (Tuttle & Critchlow, 2025).

The recent literature nevertheless cautions against equating technological sophisti-
cation with responsible or unbiased selection. A multidisciplinary review of empirical
research on responsible Al in HRM shows that the field must simultaneously address
algorithmic bias, justice and trust, privacy, explainability, transparency, and the continuing
role of human actors in Al-supported decisions (Bujold et al., 2024). Similarly, Soleimani
et al. (2025) show that bias mitigation in Al-assisted recruitment requires an integrated
approach extending across data selection, system design, implementation, organizational
governance, and human oversight. From an organizational justice perspective, Bennett and
Martin (2026) further argue that employees and applicants evaluate Al-supported talent
decisions not only according to their technical outcomes but also according to whether the
procedures appear transparent, equitable, and respectful. These organization-level practices
are relevant to the present framework because they may become observable or inferable
cues for prospective applicants. Transparency, oversight, bias safeguards, and responsible
system design may inform whether applicants perceive the Al system as competent and the
resulting procedure as legitimate. The current study does not assess the objective quality of
these organizational practices; it examines the individual-level appraisals that applicants
form in relation to an anticipated Al-assisted selection context.

Recent studies have also shown that such Al-based systems can analyze facial expres-
sions and vocal patterns during video interviews, providing insights into personality traits,
emotional intelligence, and communication skills (Gupta, 2025).

Despite the advantages of these tools in terms of efficiency and scalability, they may
amplify existing biases in the selection process, potentially disadvantaging certain groups if
not properly designed and monitored. According to Mihaljevi¢ et al. (2024), organizations
must implement regular audits to evaluate Al-based procedural fairness, analyzing both
final outcomes and intermediate stages, such as candidate screening or interview evaluation.
It is also important to use safeguards such as diverse training data, algorithm transparency,
and human oversight to prevent discriminatory effects. Therefore, continuous monitoring
and collaboration among specialists are necessary to ensure procedural fairness.

Empirical evidence concerning Al and procedural fairness is mixed. Several studies
indicate that automated selection procedures may be evaluated as less fair than human-led
procedures, particularly when candidates perceive limited transparency, reduced opportu-
nity to express themselves, or insufficient human oversight (Suen et al., 2019; Folger et al.,
2022). Other research suggests that AI may receive more favorable evaluations when it is
perceived as consistent, technically competent, and capable of reducing human bias (C. Lee
& Cha, 2023; Manser Payne & O’Brien, 2024).

This divergence suggests that the presence of Al alone does not determine anticipated
fairness. A more relevant appraisal is whether the technology is considered sufficiently
knowledgeable and capable of producing accurate and appropriate evaluations. Perceived
Al expertise may therefore reduce uncertainty regarding the quality of automated as-
sessment and increase the legitimacy attributed to the selection procedure. Accordingly,
evidence about the technical design and governance of organizational Al adoption provides
the contextual basis for H1, while the hypothesized relationship itself remains entirely at the
applicant level: it concerns the association between perceived Al expertise and anticipated
procedural fairness. On this basis, the study examines whether respondents who perceive
Al as more expert also tend to evaluate Al-assisted selection as more procedurally fair.
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Hypothesis 1 (H1). The perceived expertise of artificial intelligence technologies used in re-
cruitment and selection is positively associated with perceived procedural fairness in Al-assisted
selection processes.

2.2. Candidates” Perceptions of Al-Assisted Selection Processes

Trust in automated recruitment is not uniform across individuals or contexts. It
may be shaped by prior technological knowledge, individual predispositions, perceived
transparency, and the degree to which users believe that the system can perform reliably
(Schaefer et al., 2016; Dikmen & Burns, 2022). Greater domain knowledge may sometimes
reduce reliance on automated systems because knowledgeable users have greater confi-
dence in their own judgment (J. Lee & Moray, 1992; Romeo & Conti, 2026). Conversely, trust
may increase when Al is perceived as reducing human bias or when sufficient information
is provided about how automated evaluations are produced (Figueroa-Armijos et al., 2023;
C. Lee & Cha, 2023).

Recent applicant-centered studies similarly show both skepticism toward Al evalua-
tors and a consistent relationship between trust and favorable applicant reactions. Deriu
et al. (2024) found that Al evaluators were perceived as less trustworthy than human
evaluators, whereas Babaee and Shank (2025) showed that trust and procedural justice help
explain how Al-driven hiring is connected with organizational attraction and intention to
apply. The convergence across these studies lies not in the assumption that Al is inherently
trusted, but in the importance of trust for the legitimacy attributed to Al-supported deci-
sions. The present study therefore examines whether individuals with a stronger general
propensity to trust Al also anticipate greater procedural fairness in Al-assisted selection.
Organizational transparency and human oversight are therefore discussed as contextual
cues that may facilitate trust, whereas TRUSTP represents the individual applicant’s general
orientation toward the credibility and reliability of Al technology.

Thus, the second hypothesis focuses on candidates’ general propensity to trust artificial
intelligence. It is assumed that candidates with a higher general level of trust in Al
technology (TRUSTP) will perceive the recruitment and selection process as procedurally
fair (PJ). In this sense, trust in Al is understood as a broader orientation toward the
credibility and reliability of Al-based systems in evaluative contexts (Manser Payne &
O’Brien, 2024).

Hypothesis 2 (H2). The general propensity to trust artificial intelligence is positively associated
with perceived procedural fairness in Al-assisted selection processes.

Regarding candidates’ reactions to the use of Al-based tools, this aspect remains
insufficiently explored in the literature, and existing findings are inconclusive (Horodyski,
2023). On the one hand, some studies indicate that the integration of Al technologies may
reduce candidates’ intention to apply for a job. This phenomenon is associated with factors
such as anxiety related to technology use (van Esch & Mente, 2018), dependence on support
from recruitment experts (Chen, 2023), and the predominantly unidirectional nature of the
process, which limits interaction and the ability to ask questions. These aspects suggest
less favorable candidate reactions to the recruitment process.

On the other hand, other research shows that Al-assisted recruitment systems are
perceived as innovative and attractive, encouraging candidates to actively engage and
complete the recruitment process (van Esch & Black, 2019). Moreover, these systems
are associated with perceptions of novelty, autonomy, and ease of use, which increase
motivation to interact. At the same time, the use of Al contributes to strengthening the
organization’s image as modern and innovative (Black & van Esch, 2020). These findings
therefore suggest more favorable candidate reactions to Al-assisted recruitment systems.

https://doi.org/10.3390 /admscil6080360


https://doi.org/10.3390/admsci16080360

Adm. Sci. 2026, 16, 360

8 of 32

The literature therefore reveals competing affective mechanisms. Automated evalua-
tion may increase anxiety by reducing perceived control, limiting interpersonal interaction,
and creating uncertainty about how candidates are assessed. At the same time, perceptions
of novelty, convenience, autonomy, and organizational innovativeness may offset these
negative reactions. Consequently, the relationship between anxiety and organizational
attractiveness may depend on the salience of these competing evaluations and may be
weaker in contexts where respondents consider Al-assisted selection only hypothetically.
Nevertheless, because anxiety reflects anticipated discomfort associated with automated
evaluation, the expected direction of the relationship remains negative.

Because Al-assisted selection remains an emerging practice for many labor market par-
ticipants, perceptions of such systems may be formed not only through direct experience
but also through general beliefs about technology, fairness, and organizational moder-
nity. More broadly, research on digitally transformed working arrangements indicates
that individuals’ attitudes toward digital technologies influence how they perceive and
adapt to technology-mediated forms of work (Saygili & Oztirak, 2024). For this reason,
the present study focuses on anticipated perceptions of Al-assisted recruitment rather
than post-experience evaluations of actual Al-mediated hiring encounters. Against this
background, the third hypothesis focuses on the anxiety associated with the use of Al in the
selection process. In this context, anxiety reflects anticipated feelings of worry, stress, and
reduced control that may arise when candidates imagine being evaluated by an automated
system rather than through direct human interaction (van Esch & Mente, 2018; van Esch &
Black, 2019; Horodyski, 2023). Such reactions may negatively influence how attractive the
organization is perceived to be (OA).

Hypothesis 3 (H3). Anxiety associated with the use of Al in the selection process is negatively
associated with organizational attractiveness.

2.3. The Impact of Al Use on Organizational Attractiveness and Perceived
Talent-Market Positioning

Organizational attractiveness refers to the extent to which an organization is perceived
as a desirable place to work by potential applicants. Prior research shows that such attrac-
tiveness is closely related to applicants” willingness to pursue employment opportunities
and is shaped by how they interpret organizational signals during the recruitment process
(Highhouse et al., 2003; Gomes & Neves, 2011).

At the organizational level, Al adoption in recruitment has been associated in prior
research with potential efficiency gains, employer-brand signaling, reduced costs, and
more consistent decision processes (Ahmadi et al., 2024). From the applicant perspective,
however, these organizational benefits are not observed directly. They matter insofar as the
organization’s use of Al communicates signals of innovativeness, competence, fairness, or
candidate orientation. When these signals are interpreted favorably, they may contribute
to higher organizational attractiveness; when Al is perceived as opaque, impersonal, or
unreliable, the same adoption decision may generate less favorable employer evaluations
(Younis et al., 2024). Organizational attractiveness is therefore treated in the present
model as an individual-level evaluation of the employer rather than as an objective firm-
level outcome.

Prior studies broadly converge on the relevance of procedural fairness for applicant
evaluations, but they also suggest that Al-assisted recruitment conveys multiple and
potentially competing organizational signals. A technologically advanced selection system
may signal innovativeness and efficiency, while opacity or limited human interaction may
signal impersonal treatment. Procedural justice is therefore theoretically important because
it captures how candidates resolve these competing cues when evaluating the legitimacy of
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the recruitment process. When the procedure is anticipated as fair, candidates are more
likely to interpret the organization’s use of Al as compatible with appropriate treatment
and credible decision making, thereby supporting organizational attractiveness.

Procedural justice is expected to shape organizational attractiveness because applicants
may interpret the fairness of the selection procedure as evidence about the organization
responsible for that procedure. A process perceived as consistent, impartial, transparent,
and respectful can signal that the employer values appropriate treatment and credible
decision making. Conversely, an opaque or procedurally questionable Al-assisted process
may generate less favorable inferences about the organization, even when the underlying
technology appears advanced. Procedural justice therefore connects technology-related
appraisals with employer-level evaluation by transforming expectations about the selection
process into judgments about the attractiveness of the organization using it.

Hypothesis 4 (H4). Perceived procedural fairness in Al-assisted selection processes is positively
associated with organizational attractiveness.

Strategic management research associates Al adoption with improved information pro-
cessing, operational efficiency, adaptability, and decision quality, but it also emphasizes that
competitive benefits are contingent on how the technology is implemented and integrated
into organizational capabilities (Krakowski et al., 2023; Song et al., 2025). Al adoption
alone therefore does not imply superior or sustainable performance. In the recruitment
context, applicant-reaction studies generally focus on outcomes such as organizational at-
tractiveness and intention to apply, providing less insight into whether favorable employer
evaluations also become comparative judgments about an organization’s position relative
to other employers.

The present study addresses this distinction by focusing on perceived talent-market
competitive positioning rather than realized competitive advantage. The construct captures
whether prospective applicants generally regard employers using Al-assisted recruitment
as differentiated and comparatively well positioned to attract talent. Organizational at-
tractiveness is expected to provide the link between process-related evaluations and this
comparative judgment: an organization regarded as a desirable employer is also more
likely to be perceived as holding a favorable position relative to competing employers. This
relationship remains perceptual and does not establish actual recruitment performance or
sustainable firm-level advantage.

Accordingly, the fifth hypothesis examines whether organizational attractiveness is
associated with perceived talent-market competitive positioning. If an organization is
regarded as a more desirable potential employer, prospective applicants are also expected
to perceive it as comparatively better positioned in the talent market.

Hypothesis 5 (H5). Organizational attractiveness is positively associated with perceived talent-
market competitive positioning.

Previous quantitative research has examined several components of the proposed
framework through complementary empirical designs. Deriu et al. (2024) used three
controlled experiments and a serial mediation analysis to show that Al evaluators may be
perceived as less trustworthy than human evaluators, with consequences for job-acceptance
intentions. Babaee and Shank (2025) employed a between-subject vignette-based experimen-
tal survey, independent-samples comparisons, and covariance-based structural equation
modeling to demonstrate that trust and dimensions of procedural justice help explain
differences in organizational attraction and intention to apply between Al-driven and
human-driven hiring conditions. Survey-based evidence also indicates that fairness and
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anxiety may explain the association between perceived Al-user interaction and organiza-
tional attractiveness among external Al users (Younis et al., 2024).

Other quantitative studies further demonstrate that the relationships depend on the
recruitment context and the specific Al characteristic under examination. Luo et al. (2025),
using an online scenario-based experiment, found that procedural justice and organizational
attractiveness mediated the relationship between interview format and job-application
intention, while the effects also varied according to industry context. Zhou et al. (2026),
using survey data from applicants with previous Al-interview experience, showed that
perceived explainability was associated with organizational attractiveness through per-
ceived organizational support and innovativeness. Collectively, these studies provide
empirical support for individual segments of the applicant-evaluation process, but they pri-
marily examine Al-versus-human conditions, specific system characteristics, experienced
users, or outcomes terminating at organizational attractiveness and behavioral intention.
The empirical contribution of the present study lies not in the use of structural equation
modeling alone, but in estimating within a single PLS-SEM model an ex ante sequence
connecting perceived Al expertise and general trust in Al with anticipated procedural
justice, organizational attractiveness, and perceived talent-market competitive positioning,
and in assessing the specific indirect effects linking these successive stages.

2.4. Theoretical Integration: A Sequential Perceptual Evaluation Framework

The proposed framework integrates trust in automation, organizational justice, and
signaling theory to explain how prospective applicants translate perceptions of Al-assisted
selection into employer-level evaluations. Trust in automation provides the basis for un-
derstanding why perceived system expertise and general trust in Al shape the credibility
attributed to technology-supported evaluation (Schaefer et al., 2016). Organizational justice
theory highlights the importance of anticipated fairness, consistency, and opportunity to
demonstrate one’s qualifications when evaluating a selection procedure (Gilliland, 2008;
Bauer et al., 2001). Signaling theory further suggests that recruitment practices communi-
cate information about otherwise less observable organizational characteristics, allowing
applicants to infer employer quality, values, and attractiveness from the design of the
selection process (Connelly et al., 2011; Folger et al., 2022). The framework therefore does
not assume that Al-assisted recruitment is inherently beneficial or detrimental. Instead, it
reconciles divergent findings by distinguishing technology-related cognitive appraisals,
anticipated process legitimacy, affective reactions, and employer-level evaluations as sepa-
rate but connected stages. Within this framework, organizational Al adoption functions as
the source of technological and organizational signals, whereas the empirical constructs
represent applicants’ interpretations of those signals. The model therefore does not con-
nect firm-level adoption variables directly with organizational outcomes; all estimated
relationships concern individual-level perceptions and evaluative judgments.

Procedural justice occupies a central position in this framework because applicants
cannot evaluate the organizational relevance of an Al system solely from perceptions of its
technical capability. Perceived expertise indicates whether the technology appears capable
of producing informed and accurate assessments, whereas trust reflects the extent to which
applicants consider Al-based evaluation reliable and credible. These technology-related
appraisals become consequential for employer evaluation when they inform expectations
about how candidates will be treated during selection. Procedural justice therefore trans-
lates assessments of the technology into judgments about the legitimacy of the recruitment
procedure, including its consistency, impartiality, transparency, and capacity to provide
candidates with an appropriate opportunity to demonstrate their qualifications.
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This legitimacy judgment also provides the theoretical connection with organizational
attractiveness. Recruitment procedures represent an early point of contact between ap-
plicants and organizations and may signal how the employer exercises authority, makes
decisions, and treats prospective employees. When an Al-assisted procedure is anticipated
as fair, candidates may attribute favorable qualities to the organization using it, even when
they have limited information about the employer. Procedural justice thus functions as
the interpretive mechanism through which perceived Al expertise and trustworthiness
acquire employer-level meaning, rather than merely as an additional favorable perception
of the technology.

The pathway associated with anxiety follows a different theoretical logic. Anxiety is
not primarily a judgment about whether the selection procedure is normatively legitimate;
it represents an anticipated affective response to being evaluated through an automated
system. Feelings of worry, stress, discomfort, or reduced control may directly color the
applicant’s overall evaluation of the employer, even before a detailed fairness judgment
is formed. For this reason, anxiety is modeled as a direct affective input to organizational
attractiveness, whereas perceived Al expertise and trust follow a cognitive-legitimacy
pathway through procedural justice.

The conceptual model is organized as a four-stage sequential explanatory mechanism.
In the first stage, perceived Al expertise and general trust in Al represent cognitive ap-
praisals of the technology’s capability and reliability. In the second stage, these appraisals
shape anticipated procedural justice, which functions as the process-legitimacy mecha-
nism through which the technology is evaluated. In the third stage, procedural justice
informs organizational attractiveness, thereby translating a process-level judgment into
an employer-level evaluation. In the fourth stage, organizational attractiveness informs
perceived talent-market competitive positioning, converting employer attractiveness into
a comparative judgment about the organization’s position relative to other employers.
Anxiety is modeled as a parallel affective input to organizational attractiveness because it
captures anticipated emotional discomfort associated with automated evaluation, rather
than a cognitive assessment of the procedure’s fairness or legitimacy.

The proposed sequence builds on, but remains empirically distinct from, the experi-
mental, survey-based, and structural-modeling approaches identified in recent applicant-
reaction research. Babaee and Shank (2025) examine how trust and procedural justice
explain differences between Al-driven and human-driven hiring in relation to organiza-
tional attraction and intention to apply. Zhou et al. (2026), by contrast, show how Al
interview explainability is associated with organizational attractiveness through perceived
organizational support and innovativeness among applicants with prior Al-interview ex-
perience. The present framework extends this stream by examining how perceived Al
expertise and general trust in Al jointly feed into anticipated procedural justice and how
this legitimacy judgment is subsequently connected with organizational attractiveness
and perceived talent-market competitive positioning. It also focuses explicitly on ex ante
evaluations that may precede direct interaction with a specific Al-assisted selection system.

The model is deliberately specified as a sequential and parsimonious structure. Per-
ceived Al expertise and trust in Al are not linked directly to organizational attractiveness
because technological capability and reliability do not, by themselves, constitute evalu-
ations of the employer. Within the framework, these appraisals acquire employer-level
meaning only when they shape expectations regarding the fairness and legitimacy of
the selection procedure. Likewise, procedural justice is not linked directly to perceived
talent-market competitive positioning because organizational attractiveness is theorized as
the employer-level evaluation through which process legitimacy becomes a comparative
positioning judgment. The hypotheses therefore represent adjacent stages of one unified
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mechanism rather than a collection of independent pairwise relationships. Because the
data are cross-sectional, the proposed mechanism should be interpreted as a theoretically
ordered pattern of associations rather than as experimentally established causality.

The framework is explicitly bounded to ex ante evaluations by prospective applicants,
including individuals without direct prior experience of Al-mediated hiring. Under this
scope condition, respondents evaluate an anticipated recruitment context rather than the
observed performance of a specific Al system. They must therefore infer the likely quality
of the procedure and the employer from general beliefs about Al and from the signals
conveyed by the organization’s use of technology. The framework consequently explains
the formation of pre-experience applicant perceptions rather than post-experience reactions
or objectively realized organizational performance. From a level-of-analysis perspective, the
framework therefore offers a micro-foundational account of potential organizational value.
It explains how individual applicants form judgments that may contribute to employer
reputation and comparative talent-market positioning, but it does not test whether these
perceptions aggregate into actual recruitment outcomes, organizational performance, or
sustainable firm-level advantage.

Taken together, H1 and H2 specify the technology-appraisal-to-process-legitimacy
stage, H4 specifies the process-legitimacy-to-employer-evaluation stage, and Hb5 specifies
the employer-evaluation-to-perceived-positioning stage. H3 captures a parallel affective
route to employer evaluation. The specific indirect effects reported in Section 4.1 assess
whether these adjacent paths combine into the proposed sequential mechanism.

Based on the existing literature, a conceptual model was developed to illustrate the
proposed hypotheses and their relationships. Figure 1 presents the conceptual model.

Anticipated process le- Employer-level Perceived strategic
gitimacy evaluation positioning
H1
L Perceived Talent-
Procedural H4 | Organizational HS )
. > . 7| Market Competi-
Justice Attractiveness ) o
tive Positioning
H2 .
Affective route H3
Anxiety

Figure 1. Sequential perceptual evaluation framework and research hypotheses. Source: Developed
by the authors.

3. Materials and Methods

The study was conducted using a Google Forms questionnaire designed to examine
individual-level, perception-based evaluations of Al-assisted recruitment and selection.
The unit of analysis was the individual respondent, and the empirical model estimates
relationships among prospective applicants” perceptions and evaluative judgments. The
objective was not to assess organizational performance or digital transformation capability
directly, but to investigate how perceived Al expertise, trust in Al technology, and anxiety
are associated with anticipated procedural justice, organizational attractiveness, and per-
ceived talent-market competitive positioning. Given the emerging nature of Al-assisted
selection and the limited likelihood that all respondents had direct prior exposure to such
systems, the questionnaire captured prospective and anticipated perceptions rather than
post-experience evaluations of actual Al-mediated hiring processes.
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Before completing the construct measures, all respondents were presented with the
same standardized introductory text establishing the context of the study. The introduction
explained that the questionnaire concerned perceptions of the use of artificial intelligence-
based technologies in recruitment and selection and instructed respondents to answer
as potential candidates in a situation in which an organization uses such technologies.
To make the context more concrete, the text provided examples including CV screen-
ing, automatically evaluated online tests, automatically analyzed video interviews, and
algorithm-generated recommendations.

The introductory text presented to respondents was as follows: “This questionnaire
is part of an academic study concerning perceptions of the use of artificial intelligence-
based technologies in recruitment and selection. Responses are anonymous and will be
used exclusively for research purposes. Completion takes approximately 5-7 min. Please
respond to the following statements by considering a situation in which an organization
uses artificial intelligence-based technologies in the recruitment and selection process, for
example, CV screening, automatically evaluated online tests, automatically analyzed video
interviews, or algorithm-generated recommendations. Your responses should reflect your
perceptions and reactions as a potential candidate in such a process.”

This standardized instruction provided all respondents with a common general frame
of reference. However, it did not describe a fictitious organization, impose a single Al
application, specify the degree of decision automation, or manipulate the level of human in-
volvement. The study should therefore be distinguished from a vignette-based experiment
involving a precisely defined Al system or recruitment scenario.

The measurement instrument was prepared through a deductive, theory-driven pro-
cess comprising three stages. First, the conceptual domain of each construct was defined
on the basis of its original theoretical and measurement source. Second, the wording of the
selected items was contextualized to Al-assisted recruitment and selection while preserving
the substantive meaning of the underlying construct. Third, the complete item set was
reviewed within the research team for construct-item correspondence, clarity, redundancy,
and suitability for the anticipated applicant perspective examined in the study.

For the established constructs, adaptation involved contextual rewording rather than
the development of new conceptual dimensions. Perceived Al expertise and trust in
Al technology were adapted from Manser Payne and O’Brien (2024). The items were
reformulated to refer specifically to the capability, reliability, and trustworthiness of artificial
intelligence used in recruitment and candidate evaluation. Procedural justice was adapted
from Bauer et al. (2001), retaining the original emphasis on fairness, equitable treatment,
opportunity to demonstrate one’s qualifications, and satisfaction with the evaluation
procedure. Organizational attractiveness was adapted from Highhouse et al. (2003), with
additional reference to Lievens et al. (2001), and was contextualized to an organization
using Al-assisted selection.

The anxiety measure was developed for the present study because the available
measures did not fully correspond to the anticipated, ex ante recruitment context. Its content
domain was defined as the affective discomfort expected when imagining participation
in an Al-assisted selection process. Based on prior research on applicant reactions to Al-
enabled and technology-mediated recruitment (van Esch & Black, 2019; Horodyski, 2023),
four manifestations were represented: worry, stress, feeling overwhelmed, and general
discomfort or unhappiness. One item was formulated for each manifestation, with all items
referring conditionally to participation in an Al-assisted selection process.

Perceived talent-market competitive positioning was developed by adapting the
relative-positioning logic of Sigalas et al. (2013) from the organizational level to the
applicant-perception level. Because respondents were asked to consider a general sit-
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uation in which an organization uses Al-assisted recruitment, the items refer generically
to organizations or companies using Al rather than to a named employer. The indicators
capture respondents’ comparative beliefs regarding whether such employers are differen-
tiated, occupy a stronger position than competing employers, and are perceived as more
capable of attracting talent.

The item review conducted within the research team was an internal content-oriented
assessment rather than a formal independent expert-panel validation. No separate
cognitive-interview phase or formal pilot study was conducted before the main data
collection. Consequently, the initial support for content correspondence derives from the
theoretical grounding of the items, their explicit mapping to the construct domains, and the
internal review of wording and redundancy. The empirical measurement properties were
subsequently examined in the achieved sample through indicator loadings, Cronbach’s
alpha, rho_a, composite reliability, average variance extracted, the heterotrait-monotrait
ratio, and the Fornell-Larcker criterion. These psychometric assessments provide evidence
regarding reliability and construct validity in the present sample but do not substitute for
independent pretesting or external content validation.

The questionnaire was structured into sections corresponding to the analyzed variables.
The first section included demographic variables such as age, gender, area of residence, and
level of education. These variables were collected solely to describe the achieved sample
and to delimit the scope within which the findings could be interpreted; they were not
specified as theoretical predictors, moderators, or control variables and were therefore not
included in the conceptual or structural model. The questionnaire included four items for
perceived Al expertise (AIEXP), four items for trust in Al technology (TRUSTP), five items
for procedural justice (P]), four items for anxiety associated with Al-assisted selection
(ANX), four items for organizational attractiveness (OA), and five items for perceived
talent-market competitive positioning (PTCP). The complete wording and the source of
each item are presented in Appendix A.

The questionnaire was designed to capture respondents’ perceptions and attitudes
toward Al-assisted recruitment, together with their evaluations of the selection process
and the employer using it. All substantive items were assessed using the same five-point
Likert-type agreement scale, ranging from 1 (strongly disagree) to 5 (strongly agree). The
five-category format was selected to balance sufficient response differentiation with a sim-
ple and consistent response task across the relatively brief online questionnaire. Method-
ological evidence indicates that, for agree-disagree items, five response categories can
provide satisfactory measurement quality without requiring the additional distinctions im-
posed by scales with more response options (Revilla et al., 2014). Accordingly, respondents
were asked to express their level of agreement with statements referring to Al-assisted
selection as a potential recruitment context. This means that the data reflect anticipated ap-
plicant perceptions of Al-supported hiring practices rather than retrospective assessments
based on direct participation in a specific Al-assisted interview or selection process.

Data collection took place in May 2026 and yielded 202 submitted questionnaires. All
submitted questionnaires were retained in the analytical dataset, and no responses were
excluded during data screening. Consequently, the initial and final analytical samples were
identical (N = 202).

The data were initially organized in Microsoft Excel and subsequently analyzed using
partial least squares structural equation modeling (PLS-SEM) in SmartPLS 4.1.1.8 (Ringle
et al., 2024). PLS-SEM was selected because the principal analytical objective was to
explain variance across a sequence of applicant perceptions and to estimate multiple direct
and specific indirect associations within an emerging theoretical framework that includes
both contextually adapted and newly developed measures. In contrast to covariance-
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based structural equation modeling, which primarily emphasizes reproduction of the
observed covariance matrix and global model fit in confirmatory applications, PLS-SEM
is a variance-oriented approach that focuses on estimating structural relationships and
explaining variance in endogenous constructs. The choice does not imply that covariance-
based SEM would have been infeasible; rather, PLS-SEM was considered more closely
aligned with the study’s explanatory, model-development, and sequential-mechanism
objectives (Hair et al., 2019; Sarstedt et al., 2021).

The adequacy of the achieved sample was assessed using the inverse square root
approach proposed for PLS-SEM by Kock and Hadaya (2018). Adapting the procedure to
the two-tailed significance level of 0.05 used in the present analysis and a target statistical
power of 0.80, a sample of 202 respondents provides sensitivity for detecting standardized
path coefficients of approximately 0.20 or greater. The achieved sample was therefore
considered adequate for estimating the principal relationships proposed in the model,
although its sensitivity remains more limited for very small structural associations.

PLS-SEM relaxes the requirement of multivariate normality, but its use does not
eliminate the need for theoretically justified model specification and appropriate mea-
surement assessment. Interpretation of the estimates presumes independent observations,
approximately linear and additive structural relationships, correctly specified reflective
measurement models, and the absence of severe collinearity. Following the recommended
two-stage procedure, the reflective measurement models were assessed before evaluating
the structural model. Indicator reliability, internal consistency, convergent validity, and
discriminant validity were examined using indicator loadings, Cronbach’s alpha, rho_a,
rho_c, average variance extracted, the heterotrait-monotrait ratio, and the Fornell-Larcker
criterion. The structural model was subsequently evaluated using variance inflation factors,
path coefficients, coefficients of determination (R?), effect sizes (f2), and specific indirect
effects (Hair et al., 2019; Sarstedt et al., 2021).

Because the sampling distributions of PLS-SEM estimates are not assumed to be nor-
mal, the statistical significance of the direct and specific indirect effects was evaluated using
nonparametric bootstrapping with 5000 subsamples, two-tailed tests, and a significance
level of 0.05. The resulting estimates are interpreted as sample-based structural associations
and explained variance within the theoretically specified model.

4. Results
4.1. Sample Profile

Table 1 presents the demographic profile of the achieved sample. The descriptive
variables were used to characterize the respondents and to delimit the population to
which the findings can be interpreted, rather than as predictors or control variables in the
structural model.

The sample was strongly concentrated in the 18-24 age category, which represented
88.6% of all respondents. It was also predominantly urban, while 80.2% of participants re-
ported having completed undergraduate, master’s, or doctoral studies. The findings should
therefore be interpreted primarily as reflecting the anticipated evaluations of younger, pre-
dominantly urban, and relatively highly educated prospective labor-market participants.
The sample composition does not support population-level generalization across age, resi-
dence, or educational groups, and demographic differences were not examined because
these variables were not included in the theoretically specified model.
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Table 1. Demographic profile of the achieved sample (N = 202). Source: Author’s own elaboration.

Variable Category n %
Female 112 55.4
Gender Male 90 44.6
Urban 153 75.7

Area of residence

Rural 49 24.3
18-24 years 179 88.6

Age 25-34 years 18 8.9
35-44 years 4 2.0

55-64 years 1 0.5
High school 40 19.8
Undergraduate degree 130 64.4

Education

Master’s degree 26 12.9

Doctoral degree 6 3.0

Note: Percentages may not total exactly 100 because of rounding.

4.2. Measurement Model Assessment

The PLS-SEM analysis followed the recommended two-stage procedure. The reflective
measurement model was assessed first to determine whether the indicators measured
their intended constructs with adequate reliability and validity. Only after establishing
satisfactory measurement properties was the structural model evaluated.

4.2.1. Indicator Reliability and Internal Consistency

Table 2 reports the indicator loadings, internal-consistency coefficients, average vari-
ance extracted, and indicator-level variance inflation factors for the six reflective constructs.

Table 2. Reliability of indicators and constructs. Source: Author’s own elaboration using SmartPLS 4
(Ringle et al., 2024).

Indicators Constructs Loadings VIF
AIEXP1 0.808 1.840
AIEXP2 Perceived Al expertise (AIEXP) 0.878 2.357

(x=0.849, rho_a = 0.852, rho_c = 0.898,
AIEXP3 AVE = 0.689) 0.841 2.019
AIEXP4 0.790 1.668
ANX1 0.888 3.044
ANX2  Anxiety (ANX) (o = 0.876, tho_a = 0.926, 088 3173
ANX3 rho_c = 0.911, AVE = 0.720) 0.804 2.339
ANX4 0.841 1.760
PTCP1 0.845 2.177
PTCP2 Perceived talent-market competitive 0.706 1.631
PTCP3 positioning (PTCP) (« = 0.868, 0.805 1.977
rho_a = 0.883, rho_c = 0.905,
PTCP4 AVE = 0.656) 0.820 2.024
PTCP5 0.864 2.504
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Table 2. Cont.
Indicators Constructs Loadings VIF
OA1l 0.881 2.638
OA2 Organizational Attractiveness (OA) 0.893 2.851
(x=10.909, rho_a = 0.909, tho_c = 0.936,
OA3 AVE = 0.785) 0.885 2.715
OA4 0.886 2.688
PJ1 0.833 2.375
PJ2 0.842 2.476
J Procedural Justice (PJ]) (o = 0.902,
PJ3 rho_a = 0.903, rho_c = 0.927, 0.862 3.015
PJ4 AVE =0.719) 0.867 3.074
PJ5 0.834 2.136
TRUSTP1 0.848 2.157
TRUSTP2 Trust in Al technology (TRUSTP) 0.870 2.864
(o =0.886, rho_a = 0.892, rho_c =0.921,
TRUSTP3 AVE = 0.744) 0.863 2.781
TRUSTP4 0.869 2.240

Note: a = Cronbach’s alpha; rho_a = Dijkstra-Henseler’s reliability coefficient; rtho_c = composite reliability;
AVE = average variance extracted; VIF = variance inflation factor.

All indicator loadings exceeded 0.70, indicating that each item shared a substantial
proportion of variance with its intended construct. Cronbach’s alpha, rho_a, and rho_c
values were also above the recommended threshold of 0.70 for every construct, showing that
the indicators consistently represented the same underlying conceptual domain (Hair et al.,
2019; Sarstedt et al., 2021). The indicator-level VIF values ranged from 1.631 to 3.173 and
did not indicate problematic collinearity or excessive redundancy among the items. Taken
together, these findings suggest that the construct scores used in the subsequent structural
analysis were estimated with satisfactory indicator reliability and internal consistency.

4.2.2. Convergent Validity

Convergent validity was evaluated using the average variance extracted. As shown in
Table 2, the AVE values ranged from 0.656 to 0.785 and therefore exceeded the recommended
threshold of 0.50 for all constructs (Hair et al., 2019). Thus, each latent construct explained
substantially more than half of the variance in its corresponding indicators. This result
indicates that the indicators assigned to each construct converge sufficiently on the same
underlying concept and supports the use of the latent-variable scores in testing the proposed
structural relationships.

4.2.3. Discriminant Validity

Table 3 presents the results of the discriminant validity assessment for the constructs
included in the study. Discriminant validity was evaluated using the heterotrait-monotrait
ratio (HTMT) and the Fornell-Larcker criterion. Following Henseler et al. (2015), HTMT val-
ues below 0.90 indicate acceptable discriminant validity for conceptually related constructs.
In the present study, all HTMT values were below this threshold, with the highest value
being 0.872. In addition, the square root of the average variance extracted for each construct
exceeded its correlations with the other constructs, satisfying the Fornell-Larcker criterion
(Fornell & Larcker, 1981). Although several constructs are conceptually and empirically
closely related, particularly procedural justice, organizational attractiveness, and perceived
talent-market competitive positioning, the results indicate that they remain sufficiently
distinguishable. This distinction is important for the structural analysis because it reduces
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the likelihood that the estimated relationships merely reflect measurement overlap between
theoretically adjacent stages of the proposed framework.

Table 3. Discriminant validity assessment. Source: Author’s own elaboration using SmartPLS 4
(Ringle et al., 2024).

HTMT Ratio
Constructs AIEXP ANX PTCP OA PJ TRUSTP
AIEXP
ANX 0.224
PTCP 0.778 0.278
OA 0.779 0.325 0.846
PJ 0.808 0.312 0.854 0.872
TRUSTP 0.828 0.255 0.730 0.798 0.837
Fornell-Larcker Criterion
Constructs AIEXP ANX PTCP OA PJ TRUSTP
AIEXP 0.830
ANX —0.219 0.848
PTCP 0.675 —0.275 0.810
OA 0.686 —0.320 0.764 0.886
PJ 0.708 —0.310 0.766 0.791 0.848
TRUSTP 0.727 —0.250 0.652 0.724 0.755 0.862

Overall, the results of the measurement-model assessment provide an adequate empir-
ical basis for examining the proposed structural relationships. They support the reliability
and validity of the construct measures in the present sample, although they do not by
themselves establish causal validity or out-of-sample robustness.

Having established satisfactory indicator reliability, internal consistency, convergent
validity, and discriminant validity, the analysis proceeded to the assessment of the struc-
tural model.

4.3. Structural Model Assessment

The structural model was evaluated using the coefficients of determination, standard-
ized path coefficients, bootstrapped significance tests, and effect sizes.

The coefficients of determination shown in Figure 2 indicate that perceived Al expertise
and trust in Al jointly explain 62.4% of the variance in procedural justice (R?> = 0.624).
Procedural justice and anxiety explain 63.2% of the variance in organizational attractiveness
(R? = 0.632), while organizational attractiveness explains 58.4% of the variance in perceived
talent-market competitive positioning (R? = 0.584). Accordingly, the model accounts for
more than half of the observed variance in each endogenous construct. Within the achieved
sample, these values indicate substantial explanatory relevance for the proposed sequence
of applicant perceptions, while not constituting evidence of predictive performance in other
samples or populations.
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Figure 2. Structural model. Source: Author’s own elaboration using SmartPLS 4 (Ringle et al., 2024).
As shown in Table 4, perceived Al expertise was positively associated with procedural
justice (B = 0.339; p < 0.001), supporting H1. Its effect size (f> = 0.144) indicates a meaningful,
although comparatively moderate, incremental contribution to explaining procedural
justice. Trust in Al technology exhibited a stronger positive association with procedural
justice (B = 0.509; p < 0.001), supporting H2. The corresponding effect size (f> = 0.325)
shows that trust made a substantial incremental contribution to the explained variance
in procedural justice. These findings indicate that both perceived capability and general
technological trust are relevant to anticipated process legitimacy, with trust displaying the
stronger structural contribution in the present model.
Table 4. Hypothesis Testing. Source: Author’s own elaboration using SmartPLS 4 (Ringle et al., 2024).
Hypothesis  Relationship Between Constructs Beta T-Stat p-Value 2 Decision
H1 AIEXP — PJ 0.339 5.194 <0.001 0.144 Supported
H2 TRUSTP — PJ 0.509 7.617 <0.001 0.325 Supported
H3 ANX — OA —0.083 1.798 0.072 0.017 Not supported
H4 P] — OA 0.765 20.237 <0.001 1.439 Supported
H5 OA — PTCP 0.764 24.237 <0.001 1.404 Supported

Note: T-stat = t-statistic; f?> = incremental effect size. Values of approximately 0.02, 0.15, and 0.35 are commonly
interpreted as small, medium, and large effects, respectively (Hair et al., 2019).

The association between anxiety and organizational attractiveness was negative but
not statistically significant (3 = —0.083; p = 0.072), and its effect size was negligible
(f2 = 0.017); therefore, H3 was not supported. Although the coefficient exhibited the
hypothesized negative direction, its small magnitude and statistical uncertainty indicate in-
sufficient evidence for the proposed relationship in the achieved sample. The result should
therefore be interpreted as a lack of empirical support for H3 rather than as evidence that
anxiety has no relevance to applicants” evaluations. By contrast, procedural justice exhib-
ited a strong positive association with organizational attractiveness (3 = 0.765; p < 0.001;
f2 = 1.439), supporting H4, while organizational attractiveness was strongly associated with
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perceived talent-market competitive positioning (B = 0.764; p < 0.001; f2 = 1.404), support-
ing H5. The very large incremental contributions of procedural justice and organizational
attractiveness indicate that these constructs represent the principal explanatory links in
the proposed sequence. Thus, the structural results provide strong internal support for the
cognitive-legitimacy pathway, whereas the parallel affective pathway involving anxiety
was not supported in the present sample.

These results indicate empirical support for most of the proposed relationships in the
present sample, highlighting the role of perceived Al expertise, trust in Al, procedural
justice, and organizational attractiveness in shaping prospective applicants’ evaluations of
Al-assisted recruitment.

Beyond statistical significance, the magnitude of the coefficients reveals important
differences in the explanatory relevance of the proposed relationships. The association
between perceived Al expertise and procedural justice was moderate in standardized terms
(B =0.339), while its incremental effect size approached the conventional medium threshold
(f> = 0.144). Trust in Al technology showed a stronger association with procedural justice
(B =0.509) and an effect size between the conventional medium and large benchmarks
(f> = 0.325), indicating that trust contributed more strongly than perceived expertise to
explaining anticipated fairness judgments. By contrast, the anxiety—organizational attrac-
tiveness relationship was weak (3 = —0.083) and its incremental effect was negligible
(f> = 0.017), suggesting limited substantive relevance in the present sample.

The largest effects occurred in the central sequential pathway. A one-standard-
deviation increase in procedural justice was associated with a 0.765-standard-deviation
increase in organizational attractiveness, controlling for anxiety, and the corresponding
effect size was very large (f> = 1.439). Similarly, a one-standard-deviation increase in
organizational attractiveness was associated with a 0.764-standard-deviation increase in
perceived talent-market competitive positioning, with a very large effect size (f* = 1.404).
These magnitudes indicate that anticipated procedural justice and organizational attrac-
tiveness are not only statistically significant but also constitute the principal explanatory
links in the proposed applicant-side evaluation sequence.

4.4. Specific Indirect Effects

To examine whether the direct relationships combine into the sequential mechanism
proposed in the theoretical framework, the specific indirect effects were assessed through
bootstrapping. As shown in Table 5, perceived Al expertise had a significant indirect effect
on organizational attractiveness through procedural justice ( = 0.259; t = 4.951; p < 0.001).
Trust in Al technology also had a significant indirect effect on organizational attractiveness
through procedural justice (3 = 0.390; t = 6.866; p < 0.001).

Table 5. Specific indirect effects. Source: Authors’ own elaboration using SmartPLS 4
(Ringle et al., 2024).

Specific Indirect Relationship Beta T-Stat p-Value Result
AIEXP — PJ] — OA 0.259 4951 <0.001 Significant
TRUSTP — PJ] — OA 0.390 6.866 <0.001 Significant
PJ] — OA — PTCP 0.585 12.767 <0.001 Significant
AIEXP — PJ] — OA — PTCP 0.198 4.570 <0.001 Significant
TRUSTP — PJ] — OA — PTCP 0.298 6.352 <0.001 Significant
ANX — OA — PTCP —0.063 1.825 0.068 Not significant
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The sequential indirect effects from perceived Al expertise and trust in Al technol-
ogy to perceived talent-market competitive positioning through procedural justice and
organizational attractiveness were statistically significant (3 = 0.198; t = 4.570; p < 0.001
and 3 = 0.298; t = 6.352; p < 0.001, respectively). Procedural justice also had a significant
indirect effect on perceived talent-market competitive positioning through organizational
attractiveness (3 = 0.585; t = 12.767; p < 0.001). By contrast, the indirect effect of anxiety
on perceived talent-market competitive positioning through organizational attractiveness
was not statistically significant (3 = —0.063; t = 1.825; p = 0.068). These results support
the proposed cognitive-legitimacy sequence, in which technology-related appraisals are
connected with employer-level and strategic perceptions through anticipated procedural
justice and organizational attractiveness. The proposed affective route involving anxiety
was not supported in the present sample. The significant indirect relationships indicate that
the supported direct paths do not operate only as isolated pairwise associations. Instead,
they combine into a coherent sequence through which technology-related appraisals are
connected with employer-level and comparative positioning judgments. In particular, the
significant AIEXP — P] - OA — PTCP and TRUSTP — P] — OA — PTCP effects provide
empirical support for the sequential role assigned to procedural justice and organizational
attractiveness. By contrast, the nonsignificant ANX — OA — PTCP effect is consistent with
the absence of support for the proposed affective route. All reported relationships should
be interpreted within the composition of the achieved sample and as associations among
anticipated perceptions rather than as evidence of actual applicant behavior.

4.5. Integrative Summary of Results

Overall, the measurement-model assessment supported the reliability and validity of
the six constructs, providing an adequate basis for interpreting the structural relationships.
Four of the five hypothesized direct relationships received empirical support. Perceived Al
expertise and trust in Al technology were positively associated with anticipated procedural
justice, supporting H1 and H2, while procedural justice was strongly associated with orga-
nizational attractiveness and organizational attractiveness was strongly associated with
perceived talent-market competitive positioning, supporting H4 and H5. By contrast, the
negative association between anxiety and organizational attractiveness was weak and not
statistically significant; therefore, H3 was not supported. The specific indirect effects further
showed that perceived Al expertise and trust in Al were connected with organizational
attractiveness through procedural justice and with perceived talent-market competitive
positioning through the sequential roles of procedural justice and organizational attrac-
tiveness. The indirect pathway involving anxiety was not statistically significant. Taken
together, the findings support the proposed cognitive-legitimacy sequence, whereas the
parallel affective pathway did not receive empirical support in the present sample.

5. Discussion

Taken together, the findings indicate that the applicant-side value of Al-enabled talent
acquisition emerges through a layered interpretive process rather than from technology
adoption alone. The pattern of direct and specific indirect effects is consistent with a
sequence in which appraisals of Al capability and trustworthiness shape anticipated process
legitimacy, procedural legitimacy informs employer attractiveness, and organizational
attractiveness informs perceived talent-market competitive positioning. This interpretation
shifts the theoretical focus from whether an organization uses Al to how its use is socially
evaluated and translated into employer-level judgments by prospective applicants. Rather
than demonstrating the effects of actual participation in Al-mediated hiring, the study
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offers insight into how potential applicants may interpret Al-enabled recruitment as an
emerging strategic HRM practice.

The analysis of the specific indirect effects clarifies the theoretical mechanism under-
lying the model. Perceived Al expertise and trust in AI were indirectly connected with
organizational attractiveness through procedural justice (3 = 0.259 and 3 = 0.390, respec-
tively). Both constructs also exhibited significant sequential indirect effects on perceived
talent-market competitive positioning through procedural justice and organizational at-
tractiveness (3 = 0.198 and 3 = 0.298, respectively). In addition, procedural justice had
a significant indirect effect on perceived talent-market competitive positioning through
organizational attractiveness (3 = 0.585). These findings indicate that technology-related ap-
praisals can acquire employer-level and strategic meaning through successive judgments of
process legitimacy and organizational attractiveness, rather than operating only as isolated
direct associations.

This mechanism must be interpreted within its ex-ante scope condition. Because
respondents were not required to have direct experience with Al-assisted hiring, their
evaluations reflect signals and expectations rather than observations of an actual system'’s
performance. In the absence of direct experiential evidence, prospective applicants may
rely on general beliefs about Al capability and trustworthiness to infer procedural fairness
and employer quality. The framework therefore complements research on actual applicant
experiences by explaining how attitudes toward Al may shape organizational evaluations
before candidates enter an Al-mediated selection process. The nonsignificant indirect effect
involving anxiety indicates that the proposed affective route was not supported, whereas
the cognitive-legitimacy sequence received consistent support in the present sample.

At the level of prospective applicants’ perceptions, the findings indicate that general
trust in Al and perceived system competence are positively associated with anticipated
procedural justice. Respondents who evaluated Al as more trustworthy and competent also
tended to evaluate an anticipated Al-assisted selection process as fairer. When organizations
succeed in designing Al-assisted processes that are perceived as objective, competent,
and capable of reducing human bias, they project an image of modernity and fairness
(C. Lee & Cha, 2023). This form of perceived technological fairness appears to support
organizational attractiveness by influencing how candidates interpret the quality and
legitimacy of Al-assisted selection. From an evaluation perspective, these findings suggest
that the effectiveness of Al-enabled recruitment should not be assessed solely through
efficiency assumptions, but also through behavioral indicators such as trust, perceived
fairness, and attractiveness. This broader evaluation logic is consistent with research
suggesting that Al-supported systems should be assessed through multiple indicators
and in relation to the interplay between algorithmic capabilities and human-centered
intervention (gola etal., 2025).

The findings both converge with and qualify previous applicant-reaction research.
They are consistent with evidence identifying trust and procedural justice as important
mechanisms connecting Al-enabled selection with organizational attraction and appli-
cant intentions (Babaee & Shank, 2025). They also complement research showing that
explainability can support organizational attractiveness through perceived organizational
support and innovativeness among applicants with prior Al-interview experience (Zhou
et al., 2026). The present results extend these studies by indicating that general trust in
Al and perceived Al expertise are connected with organizational attractiveness through
anticipated procedural justice even before direct interaction with a particular Al-assisted
selection system.

At the same time, the findings should not be interpreted as showing that applicants
generally regard Al-assisted selection as fairer or more trustworthy than human-led se-
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lection. Experimental studies have frequently reported less favorable evaluations of Al
evaluators, including lower trust and procedural fairness and weaker applicant intentions
relative to human-evaluator conditions (Suen et al., 2019; Folger et al., 2022; Deriu et al.,
2024). The apparent difference may arise from the empirical context. Previous studies often
compare a specific Al-based procedure with a human alternative or expose respondents to a
concrete recruitment scenario, whereas the present study examines variation in generalized
ex ante appraisals without an Al-versus-human comparison. The positive associations
identified here therefore mean that respondents who regarded Al as more competent and
trustworthy also anticipated greater procedural justice; they do not establish an overall
applicant preference for Al-based selection.

The strong procedural justice—organizational attractiveness relationship should like-
wise be viewed as one important explanatory pathway rather than as the only mechanism
through which Al-assisted recruitment may shape employer evaluations. Previous research
indicates that organizational attractiveness may also be influenced by perceived innova-
tiveness, organizational support, explainability, interpersonal treatment, and the visibility
of human involvement. The very large association observed in the present model indicates
that anticipated process legitimacy was particularly salient in this sample, but it does
not exclude these parallel explanations. Because these alternative mechanisms were not
included simultaneously, future comparative models should examine whether procedural
justice retains its relative explanatory importance when innovativeness, organizational
support, perceived dehumanization, and human oversight are incorporated as competing
or complementary mediators.

Second, the study identifies a strong individual-level association between organiza-
tional attractiveness and perceived talent-market competitive positioning. Respondents
who evaluated an organization as a more attractive potential employer also tended to
perceive it as comparatively better positioned in the talent market. This finding does not
demonstrate that the organization gains access to a more valuable applicant pool, improves
recruitment performance, or achieves an actual competitive advantage. It captures a com-
parative employer judgment formed by prospective applicants. The result is consistent
with research treating Al-enabled recruitment as a possible signal of organizational inno-
vativeness and employer orientation (Ahmadi et al., 2024). An alternative interpretation
is also possible. Organizational attractiveness and perceived talent-market competitive
positioning may both reflect a broader favorable evaluation of the employer, rather than
a strictly sequential process in which attractiveness produces comparative positioning.
The discriminant-validity results indicate that the constructs are empirically distinguish-
able, but the cross-sectional and common-source design cannot establish their temporal
ordering or exclude a broader employer-evaluation halo. The relationship therefore comple-
ments existing employer-attractiveness research by identifying a downstream comparative
judgment, but it does not demonstrate that attractiveness creates an actual competitive
position in the labor market. Longitudinal and multi-source research is needed to determine
whether favorable applicant evaluations subsequently aggregate into application behavior,
applicant-pool quality, and objective recruitment outcomes.

The anxiety-organizational attractiveness relationship requires a qualified interpreta-
tion. Its negative sign was consistent with the hypothesized direction, but the standardized
coefficient was weak (3 = —0.083), the incremental effect size was negligible (f* = 0.017),
and the relationship did not reach the prespecified significance threshold (p = 0.072). One
possible explanation concerns the ex ante nature of the study. Anticipated evaluations of a
general Al-assisted recruitment context may generate less intense affective reactions than
direct participation in a consequential automated selection event. Anxiety may therefore
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become more salient when candidates experience uncertainty, reduced control, or limited
human interaction in an actual recruitment process.

A second explanation concerns the breadth of the standardized context presented to
respondents. Participants were given several examples of Al use, including CV screening,
automated testing, video-interview analysis, and algorithm-generated recommendations.
Because these practices may evoke different levels of discomfort and perceived control,
variation in the situations imagined by respondents may have weakened a common anxiety
association. In addition, when anxiety and procedural justice were considered simultane-
ously as predictors of organizational attractiveness, procedural justice accounted for most
of the explanatory relevance, suggesting that cognitive evaluations of process legitimacy
may dominate generalized affective discomfort in pre-experience judgments. These expla-
nations were not tested directly and should therefore remain tentative. The findings do
not demonstrate that anxiety is generally unimportant; they indicate that it did not make a
statistically reliable incremental contribution to organizational attractiveness in the present
sample. The concentration of respondents aged 18-24 also prevents conclusions regarding
whether this relationship differs across age or career groups.

5.1. Theoretical Implications

The findings generate four main theoretical implications. First, they refine under-
standing of how applicant-side perceptions can inform the evaluation of Al-enabled talent
acquisition as a digital transformation capability. The study does not measure the real-
ized organizational value of that capability. Rather, it identifies a micro-level perceptual
mechanism through which the use of Al may acquire organizational relevance. From the
perspective of prospective applicants, technological capability must be interpreted as credi-
ble and procedurally legitimate before it becomes associated with employer attractiveness
and perceived comparative positioning. The significant indirect associations of perceived
Al expertise and trust in Al with organizational attractiveness through procedural justice
show that technology-related appraisals acquire employer-level meaning through antici-
pated fairness judgments. The framework therefore conceptualizes stakeholder legitimacy
as a potential micro-foundation of organizational value, while leaving the aggregation of
individual perceptions into actual recruitment performance and organizational outcomes
for future research.

Second, the study extends the role attributed to procedural justice in Al-assisted
selection. Procedural justice is commonly examined as an applicant reaction or as an
outcome of particular selection characteristics. In the proposed framework, it also functions
as an interpretive bridge between evaluations of the technology and evaluations of the
organization. Perceived Al expertise and trust do not automatically signal that an employer
is attractive. They become organizationally consequential when prospective applicants
infer that the resulting selection procedure will be fair, credible, and capable of allowing
them to demonstrate their qualifications. This positions anticipated procedural justice as
a process-legitimacy mechanism rather than merely as an isolated favorable reaction to
Al use.

Third, the findings contribute to signaling explanations of recruitment by specifying a
sequence through which a technology-supported procedure may shape employer position-
ing. In an ex ante context, prospective applicants have incomplete information about both
the Al system and the organization using it. They therefore interpret the expected fairness
of the selection process as a signal of less observable organizational qualities, including
competence, values, and treatment of candidates (Connelly et al., 2011; Folger et al., 2022).
Organizational attractiveness represents the employer-level evaluation generated from this
signal, while perceived talent-market competitive positioning represents a subsequent com-

https:/ /doi.org/10.3390/admsci16080360


https://doi.org/10.3390/admsci16080360

Adm. Sci. 2026, 16, 360

25 of 32

parative judgment. The significant indirect effect of procedural justice on PTCP through
organizational attractiveness supports this micro-to-strategic sequence. Importantly, the
framework links applicant perceptions with perceived employer positioning without equat-
ing such perceptions with objectively realized or sustainable competitive advantage.

Fourth, the contrast between the supported cognitive-legitimacy sequence and the
nonsignificant affective route involving anxiety suggests that applicant reactions to Al-
assisted recruitment should not be treated as a single undifferentiated response. In the
present ex ante setting, generalized judgments of system capability, trustworthiness, and
fairness were more consistently connected with employer evaluations than anticipated
anxiety. One possible interpretation is that affective responses become more salient when
individuals face a concrete Al-mediated selection event, whereas prospective evaluations
rely more strongly on abstract beliefs and organizational signals. This interpretation
remains tentative because direct experience was not manipulated or measured as a grouping
variable and should therefore be examined in experimental or longitudinal research.

Together, these implications provide a multistage behavioral evaluation framework for
Al-enabled talent acquisition: technology-related appraisal, anticipated process legitimacy,
employer-level evaluation, and perceived strategic positioning. This framework extends
the evaluation of digital HRM beyond operational indicators such as processing speed, cost
reduction, and screening efficiency. It suggests that evaluations of digital transformation
initiatives should also consider how external stakeholders interpret the credibility, fairness,
and organizational meaning of Al-supported processes. At the same time, because the
final outcomes in this study remain perception-based, the framework should be viewed
as an explanation of applicant-side value formation rather than as evidence of realized
organizational performance.

5.2. Practical and Managerial Implications

From a managerial perspective, the findings suggest that prospective applicants’ per-
ceptions of Al competence, trustworthiness, and procedural fairness are relevant to how
they evaluate Al-assisted recruitment and the employer using it. Because the study exam-
ines individual-level anticipated perceptions rather than actual organizational interventions
or recruitment outcomes, the implications below should be understood as considerations
for managerial practice rather than as demonstrated causal effects. The relative magnitude
of the structural relationships suggests that, within prospective applicants” evaluations,
anticipated procedural justice and organizational attractiveness are substantially more
consequential than generalized anxiety, while trust in Al contributes more strongly to
fairness judgments than perceived Al expertise.

Organizations may consider communicating clearly how Al is used during recruit-
ment, what role it plays in candidate evaluation, and where human oversight remains
present. In the present sample, higher perceived Al expertise was associated with higher
anticipated procedural justice. Providing understandable information about the system’s
purpose, evaluation criteria, and limitations may therefore be relevant to applicants’ fair-
ness judgments, although the effectiveness of such communication was not directly tested
in this study.

Higher general trust in Al was also associated with more favorable anticipated proce-
dural justice. Managers may therefore consider maintaining visible human review, offering
channels through which candidates can request clarification or feedback, and explaining
how automated recommendations are incorporated into final decisions. Such practices may
reduce uncertainty and support favorable applicant evaluations, but the present results do
not establish that they will necessarily increase trust, application rates, process completion,
or job-offer acceptance.
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Finally, the strong association between organizational attractiveness and perceived
talent-market competitive positioning suggests that applicant-side evaluations should be
considered when implementing Al-supported recruitment. Transparent and candidate-
centered practices may be consistent with more favorable employer perceptions. However,
experimental and field evidence is required before concluding that such practices im-
prove employer-brand performance, applicant quality, recruitment efficiency, or actual
competitive positioning. Al-assisted recruitment should therefore be evaluated using both
applicant-perception indicators and objective organizational outcomes.

5.3. Research Limitations and Future Research

Despite its relevant findings, this study has several limitations that should be consid-
ered when interpreting the results. First, the achieved sample is limited in both size and
demographic balance. Of the 202 respondents, 179, representing 88.6% of the sample, were
aged 18-24. The results therefore primarily describe the anticipated perceptions of younger
prospective labor market participants and cannot be generalized to applicants across the
full age distribution of the labor market. The very small number of respondents in the older
categories also prevented meaningful subgroup or multigroup comparisons by age. Future
research should employ larger and age-balanced samples, potentially using stratified or
quota-based recruitment, to test whether the proposed relationships remain stable across
age groups, career stages, and levels of professional experience.

Second, the study relies on self-reported survey data collected at a single point in time,
which limits causal inference and may be subject to common method bias despite acceptable
VIF values. Third, the respondents did not necessarily have direct prior experience with Al-
assisted selection processes. Consequently, the study captures anticipated and prospective
perceptions of Al-mediated hiring rather than evaluations grounded in actual participation
in Al-assisted interviews or selection procedures. Although this ex-ante setting represents
a limitation for generalizing the results to actual applicant experiences, it also defines the
scope condition of the proposed framework: the model explains how potential applicants
form technology-, process-, and employer-related judgments before direct interaction with
a specific Al-assisted selection system. It does not establish how these perceptions evolve
after actual exposure or whether they correspond to objectively realized organizational
outcomes. Future research could address this limitation by examining real applicant
experiences or by comparing reactions to experimentally designed recruitment scenarios
involving Al-assisted versus human-led selection processes.

An additional limitation concerns the nature of the final endogenous construct. The
study measures prospective applicants’ perceptions of an employer’s relative position-
ing in the talent market, not objectively realized or sustainable competitive advantage.
The results therefore cannot establish whether organizations using Al achieve superior
recruitment outcomes, attract higher-quality candidates, reduce turnover, or sustain a
competitive advantage over time. Future research should combine applicant perceptions
with organization-level indicators, such as applicant quality, offer-acceptance rates, time-to-
hire, retention, employer-brand performance, and longitudinal evidence of comparative
recruitment outcomes.

Finally, the predominance of respondents from urban environments may reflect per-
spectives shaped by greater exposure to digital technologies and may therefore limit the
transferability of the findings to less technologically developed contexts.

Future research should consequently evaluate the proposed framework across more
heterogeneous populations and research designs. Age-balanced or stratified samples
would permit formal tests of whether the relationships differ across age groups and career
stages. Experimental studies could manipulate Al versus human involvement, system
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explainability, human oversight, and direct exposure to Al-assisted selection. Field and
longitudinal studies could subsequently examine whether anticipated perceptions translate
into actual application behavior, process completion, offer acceptance, employer-brand
outcomes, and comparative recruitment performance. Such designs would also permit a
clearer distinction between short-term perceived positioning and objectively realized or
sustainable organizational advantage.

6. Conclusions

The objective of this study was to explain the applicant-side mechanism through which
perceptions of Al-assisted selection become evaluations of the recruitment procedure, the
employer, and its relative position in the talent market. The findings are consistent with a
sequential perceptual evaluation framework in which perceived Al expertise and trust in Al
are associated with anticipated procedural justice, procedural justice is strongly connected
with organizational attractiveness, and organizational attractiveness is subsequently asso-
ciated with perceived talent-market competitive positioning. The specific indirect effects
further indicate that perceived Al expertise and trust acquire employer-level relevance
through anticipated process legitimacy and organizational attractiveness. By contrast, the
proposed affective pathway involving anxiety did not receive empirical support in the
present sample.

The study’s central insight is that the applicant-side value attributed to Al-enabled
recruitment does not derive from technology adoption alone. Perceptions of technological
capability and reliability become relevant to employer evaluation when prospective appli-
cants interpret the resulting selection procedure as fair and legitimate. Procedural justice
therefore represents the principal bridge between technology-related appraisals and orga-
nizational attractiveness, while organizational attractiveness connects process legitimacy
with comparative employer positioning. This framework contributes an individual-level ex-
planation of how Al-assisted recruitment may acquire strategic meaning before applicants
directly experience a specific system. The conclusions remain bounded to generalized ex
ante perceptions in a predominantly young sample and do not demonstrate actual applicant
behavior, recruitment performance, or objectively realized competitive advantage.
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Abbreviations

The following abbreviations are used in this manuscript:

Al
AIEXP
ANX
cv
HR
HRM
NLP
OA

PJ

Artificial intelligence

Al expertise

Anxiety

Curriculum vitae

Human resources

Human resources management
Natural language processing
Organizational attractiveness
Procedural justice

PLS-SEM  Partial least squares structural equation modeling

PTCP
TRUSTP

Appendix A. Variables and Questionnaire Items

Perceived talent-market competitive positioning
Trust in Al technology

Table A1l. Measurement constructs, item codes, questionnaire items, and sources.

Construct

Item Code

Item

Source

Perceived Al
expertise
(AIEXP)

AIEXP1

I believe that artificial intelligence used in
recruitment and selection can provide expert-level
solutions in the candidate evaluation process.

AIEXP2

I believe that artificial intelligence used in
recruitment and selection is sufficiently competent
to generate expert-level recommendations (e.g.,
candidate-job fit).

AIEXP3

I'believe that artificial intelligence used in
recruitment and selection is capable of providing
useful, expert-level guidance regarding steps or
decisions in the selection process.

AJEXP4

I believe that artificial intelligence used in
recruitment and selection has relevant knowledge
to properly evaluate candidates.

Adapted from Manser
Payne and O’Brien (2024).

Trust in Al
technology
(TRUSTP)

TRUSTP1

In general, I trust artificial intelligence, including
in situations such as recruitment and selection.

TRUSTP2

My tendency to trust artificial intelligence is high.

TRUSTP3

I consider artificial intelligence to be generally
trustworthy.

TRUSTP4

I trust that artificial intelligence will make fair
decisions even in situations such as candidate
selection.

Adapted from Manser
Payne and O’Brien (2024).
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Table A1. Cont.
Construct Item Code Item Source
PJ1 Al-assisted selection is a fair way of making hiring
decisions.
PJ2 Al-assisted selection is equitable (fair).
. PJ3 In an Al-assisted selection process, I can truly
Procedural Justice demonstrate my abilities. Adapted from Bauer et al.
(&) ; ; . (2001).
In an Al-assisted selection process, I am given
PJ4 sufficient opportunities to demonstrate my
competencies.
I'would be satisfied with how an Al-assisted
PJ5 .
selection process evaluates my CV.
If I participated in an Al-assisted selection process,
ANX1 P P I would feel worried. P Developed deductively for
— - - - this study based on the
ANX2 If I participated in an Al-assisted selection process, conceptual domain of
Anxiety I'would feel stressed. anticipated affective
(ANX) ANX3 If I participated in an Al-assisted selection process, discomfort and prior
I'would feel overwhelmed. research by van Esch and
- . . . Black (2019) and
ANX4 If I participated in an Al-assisted selection process, Horodyski (2023).
I would feel unhappy.
A company that uses Al in the selection process
OA1l
would be a good place to work.

. A company that uses Al in the selection process is .
Orgamz.atlonal OA2 attractive to me as a potential employer. Adapted from .nghhouse
Attractiveness et al. (2003); Lievens et al.

(0A) OA3 A job in a company that uses Al in the selection (2001).
process seems very appealing to me.
I'would like to work in an organization that uses
OA4 . .
Al in the selection process.
Organizations that use artificial intelligence in
PTCP1 recruitment and selection have a stronger position
than competitors in the talent market.
The use of artificial intelligence in recruitment and
PTCP2 selection processes differentiates the organization Developed by adapting the
from other employers. relative-positioning logic of
Perceived Companies that use Al-based technologies can Sigalas et al. (2013) to
talent-market PTCP3 attract more valuable candidates than their capture prospective
.cc-)mpetltwe competitors. applicants’ perceptions of
positioning (PTCP) - ficial intell - - employer positioning in
Integrztmig ar.t1 1cla 1n.tke) 1gence into re;fru'ltment the talent-ac quisition
PTCP4 and se eF:tlop contri utes. tf) strengjc ening context.
organizational competitiveness in the
talent market.
The use of artificial intelligence in talent attraction
PTCP5 processes gives the organization an advantage

over other employers.

Note: Before answering the measurement items, all respondents received the same standardized introductory
instruction asking them to consider the perspective of a potential candidate in an organization using Al-based tech-
nologies for recruitment and selection. The examples provided included CV screening, automatically evaluated
online tests, automatically analyzed video interviews, and algorithm-generated recommendations.
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