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Abstract: Global warming has become one of the major threats to the security of human survival,
security, and sustainable development. Agricultural production has been widely suspected as one of
the main sources of anthropogenic carbon emissions. Analyzing the changing characteristics and
influencing factors of agricultural carbon emissions is of great significance for the mitigation of global
climate change and the sustainable development in agriculture. Taking China, a large agricultural
country, as an example, this study used the empirical model to quantify carbon emissions from
agricultural inputs from 1991 to 2019, and analyzed the driving factors using ridge regression. We
found that agricultural carbon emissions in China have been on the rise in the past 30 years, but at
a markedly slower pace. From 2008 to 2019, the average annual growth rate of agricultural carbon
emissions was 1.47%, down significantly from 2.92% between 1991 and 2007. The carbon emissions
per unit of planting area showed an overall increasing trend, which grew from 179.35 t ce/km2 to
246.26 t ce/km2, with an average annual growth rate of 1.13%. The carbon emissions per unit of
agricultural output mainly showed a decreasing trend, which decreased from 0.52 kg ce/CNY to
0.06 kg ce/CNY, with an average annual rate of change of −7.42%. China’s agricultural carbon
emissions were closely related to macro-policies. Fertilizer inputs, agricultural industry structure,
and energy use intensity were significantly positively correlated with carbon emission intensity. The
degree of urban feedback to rural areas, public investment in agriculture, and large-scale planting
were significantly negatively correlated with carbon emission intensity, but the impacts of these factors
had a “lag effect”. In order to reduce carbon emissions from agriculture and promote development
in green agriculture, we suggest that the government should further increase the degree of urban
feedback to rural and public investment in the agricultural sector. In addition, large-scale agricultural
production should be encouraged to increase resource efficiency and reduce carbon emissions.

Keywords: agricultural inputs; carbon emissions; driving mechanisms; ridge regression

1. Introduction

Global warming is one of the most serious challenges facing humanity today [1–3]. The
average global CO2 concentration reached a record high of 407.8 ppm in 2018 [4]. Human
activities are increasing the concentration of greenhouse gasses, causing the temperature
of Earth’s surface to rise [5–7]. Global warming poses a major threat to human survival
by reducing food production, changing agricultural production conditions, and increasing
natural disasters [8–11]. According to the Fourth Assessment Report of the IPCC, carbon
emissions from agriculture are the second largest contributor to global greenhouse gas
emissions, accounting for approximately one third of total carbon emissions [12–14]. As a
large agricultural country, China plays an important role in global food production, and its
productivity growth has an important impact on global food security [15–18]. From FAO-
STAT, China’s grain output will account for 24.40% of the world’s total in 2020, providing
food security for about 20% of the world’s population. However, compared with developed
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countries, China’s agriculture still suffers from the over-input of production factors and an
insufficient utilization of resources [19–22]. Agroecological practices will reduce carbon
emissions from agriculture, which will help to develop green agriculture [23,24]. At present,
the “high input and high emission” development model of China’s agriculture has become
the key to restricting sustainable development in agriculture [25–28]. Therefore, it is of
great practical significance to analyze the changing trends of carbon emissions caused by
the inputs of agricultural production and its influencing factors for reducing agricultural
carbon emissions and promoting green and low-carbon development in agriculture.

Currently, many scholars have studied the changes in carbon emissions caused by
the inputs of agricultural production in China. For example, Jin et al. [29] analyzed the
changing characteristics of carbon emissions from China’s agricultural sector from 1961
to 2018 and its emission reduction pathways. Chen et al. [30] analyzed the changing
characteristics and influencing factors of China’s agricultural carbon emissions from 2005
to 2013. Ma et al. [31] simulated the changes in carbon emissions in the production of
seven major crops in China under different technology scenarios. Wang [32] used carbon
emission coefficients to analyze the changes in carbon footprint due to agricultural inputs
in China from 1991 to 2014. Overall, the existing studies have laid a good foundation for
further research into the changes in carbon emissions brought by the inputs of agricultural
production and its driving mechanisms, but there are still certain shortcomings. This is
mainly reflected by two aspects: (1) There were relatively few studies on the changing
characteristics of carbon emissions caused by the inputs of production, and the existing
studies mainly focused on the agricultural sector to explore the changing characteristics of
carbon emissions. (2) Research on the influencing factors of carbon emissions was relatively
simple, and relatively few studies analyzed the influencing factors of carbon emissions
according to time segments based on changing characteristics.

Based on this, this study intends to analyze the characteristics of changes in carbon
emissions caused by the inputs of agricultural production and its influencing factors in
China from 1991 to 2019. Firstly, we used the empirical model to quantify the carbon
emissions of the inputs of agricultural production in China from 1991 to 2019. Secondly,
we calculated the carbon emission intensity per unit area and per unit output separately.
Finally, we used the ridge regression to analyze the influencing factors of carbon emissions
according to their changing trends over time. This study effectively quantifies and analyzes
the characteristics of the changes in carbon emissions from agricultural inputs and their
driving mechanisms over the past 30 years in China, with a view to providing a scientific
reference for reducing agricultural carbon emissions.

2. Materials and Methods
2.1. Study Area and Data

This paper took China as the study area. Due to the lack of agricultural input statistics,
the study area did not include Hong Kong, Macao, and Taiwan. The research subject
was the carbon emissions caused by the inputs of agricultural production. Over the past
few decades, the inputs of agricultural production in China have shown a rapid growth
trend, which has been accompanied by a significant increase in greenhouse gas emissions.
For example, Zhang and Wang [19] showed that the share of carbon emissions caused by
energy and agrochemicals in China’s agricultural production showed an increasing trend
from 1985 to 2011, from 28.02% to 43.66%. Jin et al. [29] found that carbon emissions from
agricultural energy consumption in China increased from 0.03 to 23.70 billion tons between
1979 and 2018, an increase of 6.9 times; agricultural electricity consumption increased
from 134 to 1004 million kilowatts, an increase of 6.5 times. Wang [32] found that carbon
emissions from the inputs of agricultural production in China increased from 93.29 million
t ce in 1991 to 158.93 million t ce in 2014, with an average annual growth rate of 2.9%, with
fertilizer and electricity factor inputs being the main contributors.

The data used in this study mainly include agricultural chemical inputs and energy
inputs, empirical coefficients of carbon emissions, and impact factors. Among them,
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agricultural chemical inputs such as nitrogen fertilizer, phosphate fertilizer, potash fertilizer,
pesticides, and agro-film from 1991 to 2019 were obtained from the China Rural Statistical
Yearbook in 2020 (https://data.cnki.net/trade/Yearbook/Single/N2020120306?zcode=Z009,
accessed on 14 September 2022), and agricultural energy data such as on raw coal, coke,
petrol, diesel, and electricity were obtained from the China Energy Statistical Yearbook in
2020 (https://data.cnki.net/Trade/yearbook/single/N2021050066?zcode=Z023, accessed
on 14 September 2022). The carbon emission coefficients of different agricultural production
factors were obtained via collating the available literature. Data on the impact factors
such as the structure of the agricultural output value, public investment in agriculture,
urbanization rate, degree of crop damage, and scale of industrial cultivation were obtained
from the China Energy Statistical Yearbook, China Rural Statistical Yearbook, and China
Population and Employment Statistical Yearbook in 2020 (https://data.cnki.net/trade/
Year-book/Single/N2021020056?zcode=Z001, accessed on 14 September 2022).

2.2. Methods
1© Quantifying Carbon Emissions from Agricultural Inputs

Referring to [33–35], we used the carbon emission coefficients to quantify carbon
emissions from each input of agricultural production. The formula is as follows:

CEt = ∑n
i Ei,t × Fi × GWPi (1)

where CEt is the carbon emissions from inputs of agricultural production in t year.
Ei,t is the input amounts of agricultural production factor i in t year. n is the type of
agricultural production factor, including nitrogen fertilizer, phosphate fertilizer, potash
fertilizer, pesticide, agro-film, raw coal, coke, gasoline, diesel, and electricity. Fi is the carbon
emission coefficient of production factor i. GWPi is the warming potential of greenhouse
gas emissions from agricultural production factor i.

2© Calculating Carbon Emission Intensity

Carbon emission intensity refers to the amount of carbon emissions per unit of agri-
cultural output value or per unit of planting area, reflecting the costs and eco-efficiency of
agricultural production systems [36]. According to [37–39], we chose carbon emissions per
unit of planting area and carbon emissions per unit of agricultural output value to quantify
the carbon emission intensity of the inputs of agricultural production in China, respectively.
The formula is as follows:

CIPt = CEt/Ot (2)

CIAt = CEt/At (3)

where CIPt is the carbon emission per unit of agricultural output value in t year. Ot is the
total value of agricultural sector output in t year. CIAt is the carbon emission per unit of
planting area in t year. At is the total planting area in t year.

3© Analyzing the Driving Mechanisms of Carbon Emissions from Agricultural Inputs

Referring to [40,41], we chose fertilizer input structure, agricultural industry structure,
investment in agriculture, energy use intensity, planting scale, the extent of disaster in
agriculture, and urbanization rate as the explanatory variables (Table 1). Considering the
possible covariance problem among the explanatory variables, we used ridge regression
to analyze the relationships between carbon emissions from the inputs of agricultural
production and explanatory variables. The formula is as follows:

CIP = β0 + ∑n
i=1 βixi + ε (4)

where β0 is the intercept of the multiple regression equation. xi is the explanatory variable
i. n is the number of explanatory variables. βi is the partial regression coefficient of
explanatory variable i. ε is the error, which is normally distributed.

https://data.cnki.net/trade/Yearbook/Single/N2020120306?zcode=Z009
https://data.cnki.net/Trade/yearbook/single/N2021050066?zcode=Z023
https://data.cnki.net/trade/Year-book/Single/N2021020056?zcode=Z001
https://data.cnki.net/trade/Year-book/Single/N2021020056?zcode=Z001
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Table 1. Quantification of explanatory variables.

Explanatory Variables Quantitative Indicators Descriptions

Fertilizer
input

structure

Nitrogen fertilizer usage
Fertilizer usage × 100%

There are significant direct and implicit carbon
emissions in the process of nitrogen fertilizer

production and use. The higher the proportion of
nitrogen fertilizer use, the higher the agricultural

carbon emission intensity [42].

Agricultural industry structure Output value of the main crops
Total output value of agriculture × 100%

The higher the output value of the main crops
(wheat, maize, and rice), the higher the

agricultural carbon emission intensity [43].

Investment in agriculture Agricultural investment from finance
Total output value of agriculture × 100%

The higher the level of investment in agriculture,
the higher the production efficiency and the lower

the carbon intensity [44].

Energy use intensity Agricultural energy consumption
Total output value of agriculture × 100%

The higher the energy use intensity, the higher the
agricultural carbon emission intensity [45].

Urbanization rate Urban population
Total population × 100%

The higher the degree of urban feedback to rural
areas, the lower the agricultural carbon emission

intensity [46,47].

The extent of disaster Area of affected crops
Total area of planting × 100%

Disasters will reduce yields, and then reduce
agricultural output and increase the carbon

emission intensity [48].

Planting scale Total area of planting
Rural population × 100%

The scale effect will increase production and
resource use efficiency, thereby reducing the

intensity of agricultural carbon emissions [49,50].

3. Results
3.1. Carbon Emissions from Agricultural Inputs in China from 1991 to 2019

Carbon emissions from the inputs of agricultural production in China showed a
significant increase trend between 1991 and 2019 (Figure 1). Carbon emissions increased
from 214.65 million t ce in 1991 to 351.11 million t ce in 2019, with an annual growth
rate of 1.77%. The changes can be broadly divided into two time periods: 1991–2007 and
2008–2019, respectively (Figure 1). From 1991 to 2007, carbon emissions showed rapid
growth, from 214.65 million t ce to 340.23 million t ce, with an average annual growth rate
of 2.92%. From 2008 to 2019, carbon emissions showed slow and declining growth rates,
from 299.06 million t ce to 351.11 million t ce, with an average annual growth rate of 1.47%
(Figure 1).

Carbon emissions from agricultural chemicals have been increasing and then decreas-
ing over the past 30 years. From 1991 to 2014, carbon emissions from agrochemicals such
as fertilizers, pesticides, and agricultural films have increased from 90.83 million t ce to
174.23 million t ce, with an average annual increase of 2.87%. Since 2014, carbon emissions
from agrochemicals have been decreasing, from 174.23 million t ce to 145.74 million t ce
in 2019, with an average annual decrease of 0.71%. Carbon emissions from agricultural
energy showed an increasing trend, from 123.82 million t ce to 205.37 million t ce between
1991 and 2019, with an average annual increase of 1.82%.

There are significant differences in the contribution of each factor input to carbon
emissions (Figure 2). Fertilizer and fuel were the main contributors to agricultural carbon
emissions, accounting for more than 60%. The contributions of factor inputs such as
electricity, agro-film, and pesticide showed an increasing trend from 1991 to 2019. The
contribution rate of electricity increased from 21.98% to 30.45%, an annual increase of 1.17%.
Agro-film’s contribution rate increased from 5.68% to 13.03%, an annual increase of 3.01%.
Pesticide’s contribution rate increased from 6.45% to 7.17%, an annual increase of 0.38%.
From 1991 to 2019, the contribution of fertilizer and fuel such as raw coal, coke, gasoline,
and diesel showed a decreasing trend. The contribution of fuel inputs decreased from
35.71% to 28.05%, and that of fertilizer decreased from 30.18% to 21.30% (Figure 2).
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3.2. Carbon Emission Intensity

The carbon emissions per unit of planting area (CIA) have shown an overall increas-
ing trend over the past 30 years. The CIA increased from 179.35 t ce/km2 in 1991 to
246.26 t ce/km2 in 2019, with an average annual growth rate of 1.13%. During 1991–2007,
CIA grew rapidly from 179.35 t ce/km2 to 266.31 t ce/km2, an annual growth rate of 2.50%.
There was a significant decrease after 2008, followed by a slow growth from 235.3 t ce/km2

to 246.26 t ce/km2, an annual growth rate of 0.41%. Between 1991 and 2019, there was
little change in the area of arable land in China, and the changes in CIA indicated that the
efficiency of agricultural resource utilization increased significantly from 2008 onwards.

The carbon emissions per unit of agricultural output (CIP) mainly showed a decreasing
trend from 1991 to 2019. The CIP decreased from 0.52 kg ce/CNY in 1991 to 0.06 kg ce/CNY
in 2019, with an average annual rate of change of −7.42% (Figure 3). From 1991 to 1998, CIP
decreased rapidly, from 0.5 kg ce/CNY to 0.21 kg ce/CNY, a decrease of 11.66%. From 1999
to 2019, CIP showed a slow downward trend, from 0.22 to 0.06 kg ce/CNY, a decrease of
6.29%. Overall, the trend of CIP indicates that the ecological cost of agricultural production
in China continues to decline and agriculture is geared toward high-quality development.
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3.3. The Driving Factors of Agricultural Carbon Emissions

There is a significant positive relationship between agricultural fertilizer input struc-
ture and carbon emissions per unit output. The partial regression coefficient of the agricul-
tural fertilizer input structure from 1991 to 2019 was 0.0049 (p < 0.001). The standardized
partial regression coefficient of the agricultural fertilizer input structure from 1991 to 2007
was 0.1432 and greater than 0.1196 from 2008 to 2019. This indicates that the agricultural
fertilizer input structure had a greater impact on CIP in the period of 1991–2007 than in the
period of 2008–2019 (Table 2). Nitrogen fertilizers produce a large amount of direct and
implied carbon emissions during production and use. Nitrogen fertilizers account for a
high proportion of fertilizers; so, a higher proportion of nitrogen fertilizer use will result in
a higher carbon emission intensity.

The agricultural industry structure has a significant positive correlation with CIP. The
partial regression coefficient of the agricultural industry structure from 1991 to 2019 was
0.0160 (p < 0.001). Major crops such as wheat, maize, and rice account for more than half
of crop production; so, the higher their share, the higher the CIP. As with the agricultural
fertilizer structure indicator, the structure of the agricultural industry had a greater impact
on CIP in the period of 1991–2007 than in the period of 2008–2019 (Table 2).

The relationship between public investment in agriculture and CIP from 1991 to
2019 was not significant. However, there was a significant negative relationship in the
period of 2008–2019, with a partial regression coefficient of −0.0008 (p < 0.05) (Table 2).
This indicates that with an increase in China’s financial investment in agriculture, the
accumulation of agricultural production technologies to a certain extent would reduce
agricultural carbon emissions.

There is a significant positive correlation between agricultural energy use intensity
and CIP. The partial regression coefficient of agricultural energy use intensity from 1991
to 2019 was 0.2926 (p < 0.001), which is greater than other factors. The energy used in
agricultural production is the main source of carbon emissions. The higher the energy use
intensity, the higher the CIP. The relative importance of agricultural energy intensity to CIP
was the highest between 1991 and 2007, at nearly 50% (Table 2).
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Table 2. The results of ridge regression.

Periods Explanatory
Variables

Partial Regression Coefficients
(Standard Error)

Standardized Partial
Regression Coefficients p-Value

1991–2019

Fertilizer input structure 0.0049 (0.0006) 0.1441 0.0000
Agricultural

industry structure 0.0160 (0.0014) 0.2632 0.0000

Investment in
agriculture 0.0012 (0.0011) 0.0272 0.3218

Energy use intensity 0.2926 (0.0184) 0.3981 0.0000
Urbanization rate −0.0839 (0.0143) −0.0838 0.0000

The extent of
disaster 0.0992 (0.0374) 0.0739 0.0150

Planting scale −0.0104 (0.0056) −0.0403 0.0792

1991–2007

Fertilizer input structure 0.0055 (0.0014) 0.1432 0.0030
Agricultural

industry structure 0.0144 (0.0022) 0.2741 0.0001

Investment in
agriculture 0.0026 (0.0011) 0.0863 0.5633

Energy use intensity 0.3340 (0.0291) 0.4955 0.0000
Urbanization rate −0.1032 (0.0275) −0.0665 0.0045

The extent of
disaster 0.1548 (0.1309) 0.0597 0.2673

Planting scale −0.0063 (0.0242) −0.0086 0.8010

2008–2019

Fertilizer input structure 0.0030 (0.0010) 0.1196 0.0437
Agricultural

industry structure 0.0154 (0.0028) 0.2074 0.0054

Investment in
agriculture −0.0008 (0.0012) −0.0386 0.0433

Energy use intensity 0.2421 (0.0711) 0.1891 0.0272
Urbanization rate −0.0632 (0.0514) −0.1442 0.0148

The extent of
disaster 0.0718 (0.0273) 0.1909 0.0582

Planting scale −0.0090 (0.0028) −0.1238 0.0324

The urbanization rate has a significant negative correlation with CIP. The partial
regression coefficient of the urbanization rate from 1991 to 2019 was −0.0839 (p < 0.001).
As the urbanization rate increases, urban areas tend to help rural areas more, which can
partly curb agricultural carbon emissions. The standardized partial regression coefficient
of the urbanization rate increased from 6.65% between 1991 and 2007 to 14.42% between
2008 and 2019 (Table 2), indicating that urbanization has an increasing inhibiting effect on
agricultural carbon emissions.

From 1991 to 2019, there was a significant positive correlation between the agricul-
tural disaster level and CIP. In general, as the level of agricultural disaster increases and
crop production decreases, but the planting area remains unchanged, CIP increases. The
correlation between agricultural disaster level and CIP was not significant from 1991 to
2007 and 2008 to 2019 (Table 2).

From 1991 to 2019, planting scale had little correlation with CIP. However, the corre-
lation between planting scale and CIP from 2008 to 2019 was −0.0090 (p < 0.05) (Table 2).
This indicates that the scale effect of China’s agriculture is becoming more evident and
agricultural resource utilization is becoming more efficient, thus reducing the agricultural
carbon emission intensity.

4. Discussion
4.1. Driving Mechanism of Agricultural Carbon Emissions in China

Macro policies are the dominant factors influencing agricultural carbon emissions.
Trends in agricultural carbon emissions are closely related to China’s agricultural policies.
Our results from 1991 to 2019 show that the change in carbon emissions caused by agri-
cultural inputs in China can be divided into rapid growth from 1991 to 2007 and slow
growth from 2008 to 2019. In the first phase, China exempted non-compound fertilizer
from value-added tax and implemented agricultural subsidies in 1994. In 2002, China
promulgated the Rural Land Contract Law, which guarantees the interests of farmers and
improves their motivation to produce. Since 2004, the Central Government Document
No. 1 has been issued for five consecutive years to support agricultural development,
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proposing the policy of “Industry feeding agriculture and cities supporting agriculture”. In
2006, China abolished agricultural taxes. These policies have greatly motivated farmers,
resulting in a rapid increase in agricultural factor inputs and a rapid increase in agricultural
carbon emissions between 1991 and 2007. The 2008 financial crisis led to a sharp increase
in the price of agricultural inputs and the cost of production, leading farmers to reduce
their agricultural inputs, resulting in a significant reduction in carbon emissions. In 2011,
China introduced a series of green agriculture and eco-agriculture policies to support the
use of high-efficiency fertilizers and low-residue pesticides. In 2015, China proposed green
development and “zero growth” in fertilizer use. Our results show that there has been a
significant decline in fertilizer inputs such as nitrogen, phosphate, and potash since 2015
(Figure 4). In 2016, the government proposed a reform plan for establishing a green and
eco-oriented agricultural subsidy system (Figure 5). In the last stage, China proposed
many policies for green and low-carbon development in agriculture, which have greatly
improved the efficiency of agricultural resource use and have effectively alleviated agri-
cultural carbon emissions. In general, changes in agricultural carbon emissions are closely
related to macro-policies. Our findings are also consistent with Wang [32].
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Fertilizer inputs, agricultural industry structure, and energy use intensity contribute
significantly to carbon emissions caused by agricultural production factor inputs in China.
Our results show that energy and fertilizer have been the main contributors to carbon
emissions from agriculture in China over the past 30 years (Figure 2). However, the
contribution of energy and fertilizers, as well as the quantity of inputs, have been on a
downward trend (Figure 4), which is also closely related to macro policies. This is in
line with Wang [32] and Jin et al. [29], who also conclude that carbon emissions from
energy and fertilizer are on a downward trend as national policies impact agricultural
energy and fertilizer use. There was a significant negative correlation between the degree
of urban feedback to rural areas and agricultural carbon emissions. Jiang et al. [51] and
Zhao et al. [52] also showed that development in China’s urbanization will improve the
efficiency of agricultural resource use. This suggests that urban feedback to agriculture
is an effective way to reduce agricultural carbon emissions. As China’s socio-economic
and urbanization continues to develop, the degree of urban feedback to rural areas should
be further increased. In addition, some of the factors were not significant from 1991 to
2019, but were significant for part of the time period. For example, over the past decade,
there has been a marked negative correlation between public investment in agriculture
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and CIP. On the one hand, China’s public investment in agriculture has improved greatly
in recent years. On the other hand, investment in technology, training, and production
facilities in agriculture may have a “lag effect” and may need to accumulate to a certain
extent before it can reduce agricultural carbon emissions more significantly. According
to our study, public investment in agriculture should continue to increase in the future to
further promote low-carbon development in agriculture.
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4.2. Policy Implications

Green and low-carbon agricultural development policies are critical for reducing car-
bon emissions from the agricultural sector. Over the past 30 years, China’s agricultural
policies have gradually shifted from focusing on production and mobilizing farmers’ enthu-
siasm for production to focusing on efficiency and green production policies. At the same
time, carbon emissions from the agricultural sector increased rapidly, then slowly, until they
began to decline in recent years. After China introduced a zero-growth fertilizer program in
2015, fertilizer use dropped significantly, dramatically reducing carbon emissions from the
agricultural sector. To meet China’s 2030 carbon peak and 2060 carbon neutrality targets,
the agricultural sector must continue to move resolutely toward green and low-carbon
development, guided by macroeconomic policies.

Energy and fertilizer inputs have been major sources of carbon emissions from agricul-
ture in China over the past 30 years, despite declining trends. Therefore, further improving
the use efficiency of agricultural energy and fertilizer, and increasing the use of clean energy
and organic fertilizer, will effectively reduce agricultural carbon emissions. Fertilizer use
and agro-industrial structure have a significant positive correlation with agricultural carbon
emissions; so, reducing nitrogen fertilizer use and grain production can also reduce agricul-
tural carbon emissions. In addition, factors such as urbanization rates, public investment in
agriculture, and planting scale have somewhat dampened agricultural carbon emissions. In
order to reduce carbon emissions from agriculture, the government should further increase
the degree of urban feedback to rural and public investment in the agricultural sector.
Government should also encourage large-scale agricultural production to increase resource
efficiency and thereby reduce agricultural carbon emissions.

4.3. Future Perspectives

This study has clearly described the impact of production factor inputs on agricultural
carbon emissions in China in the past 30 years, and analyzed the influence factors by using
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ridge regression model, providing a scientific reference for development in low-carbon
agriculture in China. However, there are some shortcomings in this study. For example,
we only calculated the carbon emissions from key production factor inputs and did not
consider all production factor inputs, such as organic fertilizers and agricultural irrigation.
However, our study can represent most of the carbon emissions brought by agricultural
factor inputs. In order to avoid the multicollinearity of the influencing factors, we used
a ridge regression model to analyze the relationship between the influencing factors and
agricultural carbon emissions linearly, but the actual agricultural input–output-emissions
form an organic and complex system, which often has a complex nonlinear relationship.
In the future, we can collect more data to comprehensively analyze agricultural carbon
emissions from multiple factor inputs, and analyze the driving mechanisms of agricultural
carbon emissions using complex system models such as system dynamics or machine
learning to provide more detailed data support for green agriculture development.

5. Conclusions

In this study, we used the empirical model to quantify the carbon emissions from
agricultural production factor inputs and carbon emission intensity, and analyzed the main
drivers of agricultural carbon emissions in China by using the ridge regression model.
We found that the overall trend of agricultural carbon emissions in China has increased
in the past 30 years, but there have been differences in different periods. From 1991 to
2019, agricultural carbon emissions increased from 214.65 million t ce to 351.11 million t
ce, with an annual growth rate of 1.77%. From 1991 to 2007, carbon emissions showed
rapid growth, with an average annual growth rate of 2.92%. From 2008 to 2019, carbon
emissions showed slow and declining growth rates, with an average annual growth rate of
1.47%. The carbon emissions per unit of planting area have shown an overall increasing
trend over the past 30 years. During 1991–2019, CIA grew rapidly from 179.35 t ce/km2 to
246.26 t ce/km2, with an average annual growth rate of 1.13%. The carbon emissions per
unit of agricultural output mainly showed a decreasing trend from 1991 to 2019. The CIP
decreased from 0.52 kg ce/CNY to 0.06 kg ce/CNY, with an average annual rate of change
of −7.42%. We found that China’s agricultural carbon emissions were closely related to
macro-policies. Fertilizer inputs, agricultural industry structure, and energy use intensity
had a significant positive correlation with carbon emission intensity. The degree of urban
feedback to rural areas, public investment in agriculture, and large-scale planting had a
significant negative correlation with carbon emission intensity, but the impacts of these
factors had a “lag effect”. In order to reduce carbon emissions from agriculture in the
short to medium term, we suggest that the government should further increase the degree
of urban feedback to rural and public investment in the agricultural sector. In addition,
large-scale agricultural production should be encouraged to increase resource efficiency
and reduce carbon emissions. In the long run, the government should vigorously develop
new energy technologies to reduce agricultural carbon emissions at the source and thus
promote green and sustainable development in agriculture.
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