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Abstract: Social media has outperformed traditional media as a source of interpersonal and massper-
sonal communication tools. The extant literature offers valuable knowledge on the positive and
(or) negative attributes of social media and their ultimate effects on users” affective and behavioral
responses. However, it is unclear how the positive and negative attributes of social media affect users’
responses simultaneously. Drawing on the newly proposed social media demands and resources
(SMD-R) model, the present study examined the positive and negative attributes of social media on
the affective outcomes of social media fatigue (hereafter SM fatigue) and SM engagement (hereafter
SM engagement) and behavioral outcomes of users in a single integrated framework. Data were
gathered from 235 social media users in the Republic of Korea (hereafter Korea) to test the proposed
framework. Partial least square structural equation modeling (PLS-SEM) was conducted, and the
results showed that SM demands positively related to SM fatigue and negatively related to SM
engagement. SM resources positively related to SM engagement and did not affect SM fatigue. SM
fatigue positively related to SM discontinuous intention and negatively related to SM loyalty. Finally,
SM engagement positively related to SM loyalty and negatively related to SM discontinuous inten-
tion. These findings contribute to the social media literature by proposing and empirically testing
the SMD-R model, which integrates SM demands, SM resources, and the affective and behavioral
responses of users.

Keywords: social media demands; social media resources; social media fatigue; social media engage-
ment; social media discontinuous intention; social media loyalty; social media psychology

1. Introduction

The unprecedented emergence and infusion of innovative technologies have influ-
enced every sphere of human life, including human social interactions. One such example
is the online social media platforms which generally comprise Meta (Facebook), Twitter,
Instagram, Pinterest, and YouTube. These technologies are primarily computer-mediated
communication tools for interpersonal and masspersonal communications. According to
statistics, the number of social media users in 2020 was 3.91 billion, and it is forecasted the
number of users will hit 6.05 billion by 2028 [1]. In another study, researchers reported that
internet users across the world spend 147 min per day on social media platforms [2]. Such
unprecedented emergence of social media platforms offers an avenue for researchers to
study various aspects of social media and their ultimate effects on users” attitudinal and
behavioral responses.

In this regard, the prior literature provides two main streams of studies about social
media. First, researchers have examined the positive and negative attributes of social media
on users’ positive attitudinal and behavioral outcomes, such as SM engagement [3] and
social media word-of-mouth [4]. The second stream examines these attributes on user’s
negative outcomes, such as sharing fake news [5], SM fatigue [2,6,7], SM addiction [8],
technostress [9], and SM exhaustion [2,10-12]. However, a close evaluation of the social
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media literature shows that researchers have investigated the positive and negative factors
of social media platforms, as well as their consequences, separately, and to the best of
our knowledge, they have overlooked discussing the dual aspects of social media and
their outcomes in a single integrated framework, ignoring the fact that users perceive both
sides simultaneously. Recently, Sun et al. (2019) discussed the paucity of the literature
and proposed the social demands-resources (SD-R) model by integrating the positive
and negative attributes of social media in a framework [12]. However, this study had
several limitations, as it overlooked examining the positive behavioral outcomes of the
users along with the negative outcomes. Similarly, Sun et al. (2019) exclusively discussed
demands based on social overload and resources based on social support, thus ignoring
other positive and negative attributes of social media [12]. In past studies, researchers
have argued that when consumers encounter innovative new products or services, they
assess both the positive and negative reasons for adoption, which eventually influence
users’ decision-making process [13]. Similarly, the customer demands-resources (CD-R)
model postulates that when employees encounter customers during their interactions,
positive customer aspects such as customer cognitive and emotional resources and negative
aspects such as customer stressors influence the attitudinal and behavioral outcomes of
the employees [14]. Thus, such a dichotomous model of both positive and negative factors
provides a comprehensive understanding of human decision-making, attitude formation,
and their ultimate behavioral consequences. Therefore, it is pertinent to examine how the
positive and negative attributes of social media influence users’ affective and behavioral
responses in a single integrated framework.

Drawing on the newly developed social media demands and resources (SMD-R) model,
the current study attempts to explore the positive attributes as resources (e.g., helpfulness,
playfulness, social values) and negative attributes as demands (e.g., information overload,
communication overload, social overload) of social media and examine their affective
(e.g., SM fatigue, SM engagement) and behavioral outcomes (e.g., SM discontinuous
intention, SM loyalty) in a single framework. More specifically, this study seeks answer
for the following research question: how do the demands and resources of social media
influence users’ affective and behavioral responses? The SMD-R model is inspired by
the job demands-resources (JD-R) theory and the customer demands-resources (CD-R)
model [14-16]. These aforementioned theories are dichotomous in that they discuss not
only the negative aspects (demands) but also the positive aspects (resources) of jobs and
customers and, eventually, their effects on the employee’s attitudinal and behavioral
outcomes in a single framework. The present study examines the positive influence of SM
demands on users’ SM fatigue and the negative influence of SM demands on users’ SM
engagement. Similarly, the present study investigates the positive effects of SM resources
on SM engagement and the negative effects of SM resources on users” SM fatigue.

The results of this study will advance the theory and offer insights for social media
service providers. Theoretically, the current study proposes a social media demands and
resources (SMD-R) model that encapsulates the interpersonal factors (e.g., social overload,
helpfulness value) and masspersonal factors (e.g., information overload, communication
overload) of social media in an integrated framework. By accomplishing this, this study
contributes to the SM fatigue literature as well as the SM engagement literature by dis-
cussing the positive and negative attributes of social media. Managerially, this study offers
insights to SM providers and practitioners to leverage factors of social media that play a
vital role in determining user’s SM engagement and users’ SM fatigue.

2. Theoretical Background and Hypotheses Development
2.1. SM Demands and Resources

To comprehensively examine the positive and negative attributes of social media, this
study borrows a foundation from the job demands and resources (JD-R) theory. Primarily,
this theory explains employees’ positive and negative psychological responses to job-
related factors and their outcomes [15,16]. JD-R integrates four constructs, including
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demands, resources, strain, and engagement, to predict job outcomes [17]. Specifically,
“job demands refer to those physical, psychological, social, or organizational aspects of
the job that require sustained physical and/or psychological (cognitive and emotional)
effort or skills and are therefore associated with certain physiological and/or psychological
costs [strain]” (p. 312) [17]. Alternatively, job resources comprise “physical, psychological,
social, or organizational aspects of the job that are either/or (a) functional in achieving
work goals; (b) reduce job demands and the associated physiological and psychological
costs; (c) stimulate personal growth, learning, and development” (p. 501) [16].

Drawing on the premises of JD-R theory, researchers developed the customer demands
and resources (CD-R) model to understand customer-related positive and negative factors
and their ultimate effects on customer satisfaction [14]. The CD-R model proposes that
customer demands are the main drivers of frontline employees’ strains and customer
resources are positive aspects that not only reduce employees’ strain but also positively
influence customer-related outcomes [14]. Specifically, Stock and Bednarek (2014) defined
customer demands as follows: “customer demands are the extent to which frontline em-
ployees encounter customers expressing negative behaviors whereas customer resources
are the extent to which frontline employees perceive their customers as supportive of
personal or work-related goals” (p. 402) [14]. Just like employees” interactions with their
jobs and customers, users of social media platforms also interact with social media and
encounter positive and negative psychological experiences. Sun et al. (2019) proposed a
social demands-resources model (SD-R) model based on the JD-R model [12]. Specifically,
this study investigated social overload and social support as positive and negative aspects
of social media and their effects on the user’s discontinuous intention. This study was
primarily focused on discontinuous intention by exploring the effects of social overloads
and social supports on social media exhaustion and engagement and their ultimate effects
on social media discontinuous intention, and it overlooked examining positive outcomes
in the framework. The current study proposes the SMD-R model, inspired by the afore-
mentioned models (i.e., JD-R, CD-R, and SD-R), to understand the causal relationships of
SM demands and resources on SM fatigue and SM engagement and their ultimate effects
on discontinuous intention and loyalty. To be very specific, SM demands refer “to those
social, psychological, and media aspects which demand the user’s psychological efforts
and skills which in turn lead to strains for users”. On the contrary, SM resources refer to
“the social, psychological, or media aspects which reduce the strains and are instrumental
for personal growth and learning”.

In past studies, researchers argued that the usage of usage media not only produces
positive outcomes, such as social capital and psychological well-being, but it can also have
negative outcomes, such as isolation, anxiety, and conflict [10,18]. Primarily, the negative
outcomes happen because of overloads, which are the environmental stressors that exceed
the individual’s optimal level of coping efforts. Generally, researchers in information
technology have conceptualized overload into three elements, which are information,
communication, and system feature overloads [18,19]. Generally, various studies have
demonstrated that information overload, communication overload, and social overload are
the major stressors for social media users [10]. Therefore, this study conceptualizes these
overloads as SM demands. Similarly, in previous studies, researchers have given substantial
attention to the negative elements or stressors of the usage of social media [10,11,20,21].
Therefore, as SM resources, the current study explores the positive elements of social media,
which are the helpfulness value, playfulness value, and social value of social media usage.
Researchers in previous studies have discussed that despite the stresses of social media,
users want to use it because of its helpfulness [22], playfulness [23], and social value [24].
Hence, the current study explores these key positive aspects of social media platforms as
SM resources and their effects on SM engagement and SM fatigue. The next section will
discuss these elements of SM demands and SM resources in detail.
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2.2. SM Demands
2.2.1. Information Overload

As a component of SM demands, information overload is defined as an overwhelming
amount of information that exceeds the user’s cognitive, physical, and/or psychological
abilities to process and manage information effectively. In other words, users experience
information overload if the received information exceeds their ability to process it [25-28].
Generally, during interpersonal and masspersonal communication, a tremendous volume
of information is generated in the form of status updating, photo sharing, commenting,
liking and sending emojis, and sending and receiving text and/or voice messages.

2.2.2. Communication Overload

Another element of SM demands is communication overload. Communication over-
load is defined as a situation wherein the need for communication in either an interpersonal
situation or a masspersonal situation in social media exceeds the user’s cognitive, physical,
and/or psychological abilities to continue the communication. Prior studies have shown
that communication overload in social media distracts users’ attention and interferes with
their behaviors [10,20,27,29]. Past studies have found that communication overload leads
to negative outcomes such as emotional exhaustion and regret [10].

2.2.3. Social Overload

The phenomenon of social media has become ubiquitous, and users can interact with
people anywhere and anytime to fulfill the needs of interpersonal or masspersonal social
interactions. Specifically, social media social overload is defined as a situation wherein the
need for social interaction on social media exceeds the user’s cognitive, physical, and/or
psychological abilities to continue the social relationships. For instance, users perceive
“that there are too many social requests to be processed and superabundant social support
requests to be fulfilled on social network sites” [10,20]. In the prior literature, a study
argued that social overload leads to negative outcomes such as exhaustion [30].

2.3. SM Resources
2.3.1. Helpfulness Value

Social media helpfulness value refers to “the extent to which users gain resources and
helpful information from their exploration of social media sites” (p. 152) [22]. In the prior
literature, different theoretical frameworks were drawn in examining the determinants
of social media usage for social interactions, particularly in interpersonal interactions. In
this regard, the key theories are social capital [31,32] and gratification theory [33]. In line
with these aforementioned studies, Bright et al. (2015) documented the significance of
helpfulness as an important component of social media usage [22].

2.3.2. Playfulness Value

Social media playfulness value refers to the arousal of users’ positive feelings that is
triggered by social media. Correspondingly, playfulness is a hedonic component of social
media consumption. In the prior literature, Kaur et al. (2018) found that playfulness as
an emotional value led to social media usage intention [23]. Similarly, for social media
communities on masspersonal levels, hedonic needs and enjoyment influence consumers
to use social media [34,35]. Thus, playfulness is a very important element of social media
which is instrumental as a positive factor for the usage of social media.

2.3.3. Social Value

Social value refers to the utility that is derived from associations with family, friends,
and the community at large by using social media for interpersonal and masspersonal
communications. This social value expectation is a major reason to indulge in social
networking [31,36]. Social media features like social interaction and social enhancement
help users to develop connections with new acquaintances who share similar interests [23].
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Similarly, Raacke and Bonds-Raacke (2008) argued that maintaining an interpersonal
relationship is the ultimate goal of users of social media [33]. Yang and Chien-Liang (2014)
stated that in terms of social values, social media provide a platform for users to build
interpersonal networks by offering various communication tools, such as text messages,
visuals, emoticons, and voice notes [24].

2.4. SM Demands, SM Fatigue, and Social Media Engagement

SM fatigue is defined as a “subjective and self-evaluated feeling of tiredness from social
media usage” [26]. More precisely, Ravindran et al. (2014) defined SM fatigue as “a subjec-
tive, multi-dimensional user experience comprised of feelings such as tiredness, annoyance,
anger, disappointment, guardedness, loss of interest, or diminished need /motivation as-
sociated with various aspects of social media use and interactions” (p. 2317) [37]. In the
prior literature, researchers have examined the antecedents of SM fatigue, such as social
media overloads [26]. Lee et al. (2016) demonstrated that information overload, communi-
cation overload, and system feature overload increase SM fatigue [26]. Similarly, Bright
et al. (2015) held the view that SM fatigue happens because of interpersonal interactions
with friends and acquaintances, which usually lead to online social comparison and self-
disclosures [22]. Likewise, technological aspects of social media also predict SM fatigue
because of the added features. In past studies, researchers have discussed SM fatigue by
either investigating the effects of positive factors or negative determinants [26,38]. This
study explores the effects of both positive and negative influences of SM demands and SM
resources on SM fatigue.

Past studies have argued that demands, such as job demands and customer demands,
produce negative psychological strains on employees and customers [14,16,39]. Few studies
have documented how these job demands affect the job fatigue of employees. Generally,
users of social media are overwhelmed and lose their cognitive control because of infor-
mation, social, and communication overloads [2,10,12,20,25,30]. Thus, SM demands might
produce a psychological strain on users. Specifically, researchers have found that social
media overload, which often comprises information, communication, and social overloads,
led to users’ social media exhaustion, which consequently positively affected discontinuous
usage [11,12,38]. Based on these findings, unlike the previous studies, the current study
argues that SM demands, which are social media-related stressors, demand the user’s
physical and/or psychological efforts and skills, which are instrumental in SM fatigue.
In contrast, these SM demands will have a negative effect on SM engagement because of
their overwhelming information, social, and communication-related stressors. Hence, we
propose the following:

H1. SM demands positively affect user’s SM fatigue.

H2. SM demands negatively affect users’” SM engagement.

2.5. SM Resources, SM Demands, and SM Engagement

Engagement has been extensively studied in the prior literature [40,41]. In earlier
studies, the researchers have focused more on the traditional engagement process between
companies and customers. Recently, due to the penetration of digital technologies into
customer—firm relationships, researchers have started examining the impacts of these
new technologies on marketing strategies [40,42]. Specifically, in the context of social
media, engagement is conceptualized into three dimensions of engagement, including
cognitive, affective, and behavioral components. According to Cao et al. (2021), cognitive
engagement refers to “being akin to the mental processes involved in focusing on intense
attention and absorption” (p. 836) [3]. Similarly, affective engagement refers to “emotional
reactions, such as enthusiasm and enjoyment”; whereas behavioral engagement is “the
active manifestations of the engagement concept which include sharing, learning and
endorsing behaviors” (p. 836) [3]. In the prior literature, researchers have mainly discussed
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SM engagement as SM engagement behavior [3,43,44], customers’ SM engagement with
brand communities [38,40], and students” SM engagement [45]. Therefore, the current study
will advance the examining the demands and resources on SM engagement of the users.

As discussed above, SM resources are the positive aspects of social media, which
reduce psychological strains and increase social media usage. Although the negative aspects
discourage users from using it, the positive aspects, such as social media helpfulness, social
media playfulness, and social media social values, are instrumental in its usage [22,23].
These positive aspects of social media are conceptualized as SM resources. Generally,
resources such as job resources and customer resources reduce negative psychological
strains and increase positive outcomes [14,17]. Hence, the current study infers and proposes
that SM resources affect SM engagement positively and SM fatigue negatively. Thus, the
following are hypothesized:

H3. SM resources positively affect users” SM engagement.

H4. SM resources negatively affect users’ SM fatigue.

2.6. SM Fatigue, SM Discontinuous Intention, and SM Engagement

Social media discontinuous intention refers to an “individual’s intention to change his
or her system use status quo by either reducing the intensity of his or her social media use,
temporarily or permanently discontinuing use of social media altogether, or switching to
another social media platform” [46]. Specifically, researchers have argued that users showed
their discontinuous usage intention toward social media not only by abruptly ceasing their
usage but by reducing usage intensity [47], permanent or temporary discontinuance [48,49],
and switching to another network [50]. In past studies, researchers have extensively given
attention to exploring the effects of negative factors on discontinuous intention, such as
exhaustion [10], regret [10], privacy concerns [51], dissatisfaction [29], and maladaptive
coping strategies [20]. Unlike the previous studies, the current study explores discontinuous
intention by examining SM fatigue and SM engagement as antecedents to SM discontinuous
intention based on the newly proposed SM demands and resources model.

In the prior literature, researchers explored the role of SM fatigue on SM discontinuous
intention [29,40,46]. Surprisingly, a large number of these studies have been conducted and
there are mixed findings. Therefore, the present study explores the positive relationship
between SM fatigue and SM discontinuous intention. In line with the aforementioned
findings, it is inferred that SM fatigue leads to SM discontinuous intention. This is because
users suffer from mental and psychological exhaustion when they expose themselves to
social media for a longer period of time [6]. Consequently, the tiredness and mental and
psychological exhaustion of users lead to discontinuous intention. In contrast, it is likely
that the tiredness and mental and psychological exhaustion of users reduce the users’ SM
engagement. Based on these arguments, we propose the following;:

H5. SM fatigue positively affects users’” SM discontinuous intention.

Heé. SM fatigue negatively affects users’ SM engagement.

2.7. SM Engagement, SM Loyalty, and SM Discontinuous Intention

Surprisingly, in the prior literature, loyalty has been discussed in the context of the
social media community, and researchers have overlooked discussing users’ SM loyalty
directly. In the current study, SM loyalty refers to users’ loyal behaviors, such as users’
positive attitude toward social media platforms, users’ tendency to say positive things
about social media, and encouraging family and friends to use social media. Just like
customer loyalty, which often comprises both attitudinal and behavioral aspects [52], SM
loyalty can have both of these components. Attitudinal loyalty refers to a favorable at-
titude of users towards social media, whereas behavioral loyalty refers to a continuous
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re-usage of social media. In past studies, the behavioral and attitudinal dimensions of cus-
tomer loyalty have been expressed as “composite measurements”, providing a foundation
for understanding loyalty [46]. Hence, the current study explores SM loyalty based on
composite measurements.

Social media engagement is a key determinant of behavioral intention, word-of-
mouth [53], brand trust [40], and social media identification [54]. The positive relationship
between engagement and loyalty is well established in the marketing literature [38,55], yet
researchers have overlooked examining this relationship in the context of social media.
Nevertheless, a few researchers have found that SM engagement leads to loyalty to the
community on the social networking platform [56,57]. Lim et al. (2015) argued and found
that the higher the SM engagement of the users, the higher the sports-channel loyalty [56].
Similarly, the findings of Molinillo et al. (2020) established that customer engagement
with a website increases the loyalty of the users of the website [57]. Moreover, Sun et al.
(2019) argued that high social media engagement of users decreases their discontinuous
intentions toward social media [12]. Since the aforementioned studies validate the role of
engagement in loyalty, it is argued that the SM engagement of users increases their loyalty
and decreases their discontinuous intention. Thus, the following are proposed:

H7. SM engagement positively affects users” SM loyalty.
HS8. SM engagement negatively affects users’ SM discontinuous intention.
Drawing on the JD-R theory, the new conceptual framework of SMD-R in Figure 1

summarizes the relationship between SM demands, SM resources and the user’s affective
and behavioral outcomes.

SMD-R Affective Responses Behavioral Responses
SM Demands . H5+ ( . . )
SM Fatigue .| SMDiscontinu-
ous Intention
H6- \ J
H4- H8- e R
SM Engage- SM Loyalty
SM Resources »
ment H7+
g J

Figure 1. Research model.

3. Method
3.1. Sample and Data Collection

An online questionnaire-based survey was conducted in Korea to gather data from
social media users. Korea offers an ideal context to test the proposed relationships. Accord-
ing to the latest data, the number of social media users in Korea will reach 47.75 million
by 2026, making up 90% of the total population [58]. Thus, the number of social media
users in Korea is significantly high, as people use social media for both interpersonal and
masspersonal communications. Therefore, examining the positive and negative aspects of
social media and their ultimate consequences on users’ attitudinal and behavioral responses
is pertinent.

Researchers contacted the marketing research firm H-Research to collect users’ re-
sponses regarding social media. H-Research is one of the biggest research firms, maintain-
ing a panel of approximately 2.9 million respondents, representing the entire population
from across the country. A total of 250 responses were obtained from social media users
regarding the positive and negative attributes of social media and their respective affective
and behavioral responses. After the preliminary analysis, 15 responses were eliminated
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because of missing data and outlier issues, and a total of 235 were finalized to conduct the
formal analysis.

The frequency distribution of the sample shows that in terms of gender, 124 were
males, which makes 52.8 percent of the total sample, whereas 111 were females, which
makes 47.2 percent of the total sample. In terms of age group, respondents aged in their 50s
and above were the highest with 75 participants, making 31.9 percent of the total sample,
followed by the age group in their 40s with 66, making 28.1 percent of the total sample.
All respondents in the final sample reported that they knew social media and used social
media on a daily basis. A total of 30 percent of users reported 1-3 h of daily social media
usage, with 37 percent spending 1 h every day. Table 1 provides the details of the sample.

Table 1. Sample profile.

Demographic Characteristics Frequency Percentage

Average time spent on social media

1 h daily 79 33.6%

1-3 h daily 20 38.3%

>3 h daily 38 16.2%

1 h weekly 12 51%

3—4 h weekly 11 4.7%

>3 h weekly 5 2.1%

Gender
Male 124 52.8%
Female 111 47 2%
Age

20-29 51 21.7%

30-39 43 18.3%

40-49 66 28.1%

50-59 75 31.9%

Marital status
Married 144 61.3%
Un-married 85 36.2%
Other 6 2.5%
Education

High school diploma 23 9.8%
Enrolled in bachelor degree 166 70.6%
Bachelor degree 2 0.9%
Enrolled in graduate school 27 11.5%
Postgraduate degree 23 9.8%
Total 235 100%

3.2. Measurements

To measure the key constructs of the study, scales were adapted from the prior liter-
ature, and a few items were modified to fit in the current context. Information overload
with 3 items, communication overload with 5 items, and social overload with 5 items were
specifically adapted from the study of Cao and Sun (2018) [10]. The helpfulness value
of social media was measured with 3 items from the study of Bright et al. (2015) [22].
Playfulness was assessed with 3 items and social value was assessed with 3 items from
the study of Kaur et al. (2018) [23]. SM fatigue was measured with 5 items based on the
scale of Islam et al. (2021) [19]. SM engagement was 4 items assessed on the scale of Lim
et al. (2015) [56]. SM loyalty was measured with 4 items based on the study of Nisar et al.
(2016) [46], and finally, SM discontinuous intention was assessed with 3 items based on
Cao and Sun (2018) [10]. All the responses from the users were assessed on a 5-point Likert
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scale of “1 (strongly disagree) to 5 (strongly agree)”. All the measurement items are given

in detail in Table 2.

Table 2. Measurement scales, reliability, and validity assessment.

Constructs Labels Loadings  Rho-A CR AVE Source
“I am often distracted by the excessive amount of
. information in SM”. 0.97 0.97 098 094
Information “I am overwhelmed by the amount of information 0.97 Cao and Sun
overload that I process on a daily basis from SM”. ' (2018) [10]
(a=0.97) “I feel some problems with too much information
in SM to synthesize instead of not having 0.96
enough information”.
“I receive too many messages from friends Cao and Sun
through SM”. 0.93 0.96 097 087 (2018) [10]
“I feel as if I have to send more messages to friends 0.93
o through SM than I want to send”. ’
Communication [ fee] that I generally receive too many
overload notifications on new postings, push messages, and 0.93
(a=0.96) news feeds, among others from SM as I perform '
other tasks”.
“I often feel overloaded with SM communication”. 0.93
“] receive more communication messages and 0.93
news from friends on SM than I can process”. '
f:i;ilzies tg)rc: gll\}[lfh care of the well-being of my 0.93 0.97 098 091
) “I deal with my friends” problems on SM 0.95
Social too much”. . Cao and Sun
overload “My sense of responsibility for how much fun my 0.96 (2018) [10]
(x=0.97) friends have on SM is too strong”. '
“I care for my friends on SM too often”. 0.96
“I pay too much attention to my friends’” posts
” 0.96
on SM”.
“SM helps me to keep in touch with family Bright et al.
Helpfulness and friends”. 0-90 0.88 0.92 080 (2015) [22]
value (x =0.87)  “SM helps me to learn new things”. 0.90
“SM helps me to do my tasks”. 0.87
Playfulness ”SM helps me to have fun”. ; 0.93 0.96 097  0.90 Kaur et al.
value (c = 0.96) SM offers excitement to me”. 0.89 (2018) [23]
' “SM offers an enjoyable experience to me”. 0.94
. Using SM enl},ances my reputation 0.92 091 094 084
Social value among friends”. Kaur et al.
(x=0.91) “Using SM can help me impress others”. 0.93 (2018) [23]
& P 1%
“Using SM can help me feel important”. 0.90
“I find it difficult to relax after continually
. ” 0.93
using SM”.
“After a session of using SM, I feel really fatigued”. 0.94
SM fatigue “Due to using SM, I feel rather exhausted”. 0.95 0.97 097 088 Islam et al.
(0« =0.97) “ After using SM, it takes effort to concentrate in 0.94 ’ ’ ’ (2021) [19]
my spare time”. '
“During SM use, I often feel too fatigued to 0.95

perform other tasks well”.
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Table 2. Cont.
Constructs Labels Loadings  Rho-A CR AVE Source
“I post my feelings in real-time on SM”. 0.95 0.96 097  0.90
“I post my feelings when I like/dislike something 0.93
SM engagement  on SM”. ) Lim et al.
(0« =0.96) “I quote from the SM when something is good 0.95 (2015) [56]
or witty”. ’
“I express my feelings about anything on SM”. 0.96
“I would say positive things about SM”. 0.92 0.95 096 0.86
SM loyalty ”I %ntend to keep using SM”. . 3 0.91 Nisar et al.
_ Iintend to recommend SM to my friends”. 0.95
(0c =0.95) Y . . (2016) [46]
I would encourage relatives and friends to
p 0.94
use SM”.
SM }Ilmtend tohs’flop using SM in the next 0.96 0.95 097 091 . s
discontinuous :c/ ree mont S . a0 and sun
intention Iwill drastlc’ially cut down on SM use in the next 0.95 (2018) [10]
(o = 0.95) three months”.
“I will not be using SM in the next three months”. 0.95

Exploratory factor analysis indicated a three-factor solution—information, commu-
nication, and social overload for SM demands. The Kaiser-Meyer-Olkin value was 0.95,
and Barlett’s test of sphericity was significant (p < 0.01), which confirmed the sample’s
adequacy for factor analysis. The factor loadings for information overload were reported
between 0.82 and 0.84; for communication overload, they were 0.76-0.84; and for social
overload, 0.80-0.84. Similarly, exploratory factor analysis was conducted for SM resources.
The Kaiser-Meyer-Olkin value was 0.92, and Barlett’s test of sphericity was significant
(p < 0.01), confirming the sample’s adequacy for factor analysis. Two of the items of helpful-
ness were cross-loaded with playfulness, and one item had lower loading and was therefore
eliminated, and the remaining factor loadings were between 0.79 and 0.84, while playful-
ness had factor loadings of 0.76-0.87 and social value had factor loadings of 0.82-0.91.

We examined the psychometric characteristics of the scale by conducting confirma-
tory factor analyses (CFAs) for both of the newly developed scales for SM demands and
resources. Following the generally accepted recommendation for unidimensionality tests, a
test of chi-square differences was conducted to compare the higher-order construct with
the unidimensional construct [59,60]. A three-factor model with information overload,
communication overload, and social overload as discrete latent variables was conducted for
SM demands. Several fit indices for the three-factor model were better (X2 =2.05, GFI1=0.92,
CFI=0.99, TLI = 0.98, IFI = 0.99, NFI = 0.97, RMSEA = 0.07, RMR = 0.05) than the one-factor
model (X? = 19.52, GFI = 0.45, CFI = 0.73, TLI = 0.67, IFI = 0.73, NFI = 0.72, RMSEA = 0.28,
RMR = 0.15). Similarly, we repeated the procedure for SM resources. A three-factor model
with helpfulness, playfulness, and social value as discrete latent variables for SM resources
was conducted. The results of the three-factor model were better (X? = 2.68, GFI = 0.94,
CFI =0.97, TLI = 0.96, IFI = 0.97, NFI = 0.96, RMSEA = 0.09, RMR = 0.05) than the one-factor
model (X? = 17.89, GFI = 0.68, CFI = 0.71, TLI = 0.65, IFI = 0.71, NFI = 0.70, RMSEA = 0.27,
RMR = 0.12). Similarly, the convergent validity of the scale was confirmed, as the standard
factor loadings were above the cutoffs of 0.70 for information overload (0.94-0.96), com-
munication overload (0.88-0.93), social overload (0.90-0.96), helpfulness value (0.81-0.84),
playfulness value (0.82-0.92), and social value (0.81-0.92). The values of average variance
extracted (AVE) and the composite reliability (CR) were above the benchmarks of 0.50 and
0.70, respectively.

3.3. Data Analysis and Results

To examine the measurements and structural model, PLS-SEM was applied with
SmartPLS software 3.0. Researchers studying management are becoming more interested in
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PLS-SEM, a method that has been around for a while and is applied to examine structural
models [61]. Specifically, PLS-SEM is a composite-based analysis approach, which is often
preferred in the context of complex research model estimation [62-64]. Based on the
recommendation of Kock (2015), the common method bias (CMB) was examined based
on VIF scores [65]. We found that all VIF values for the latent variables were below the
cutoff value of 3.3 [66], confirming the absence of CMB. PLS-SEM analysis was conducted
systematically. First, the researchers evaluated the psychometric characteristics of the
measurement model, followed by structural model assessment.

4. Results
4.1. Measurement Model Assessment

All the loadings of measurement items were significant (with coefficients above 0.70)
on their respective constructs, and the AVE was above 0.50 [62,67]. Table 2 reports that the
factor loadings were above 0.70 (p < 0.01), and the AVE was above the cutoff of 0.50 [68],
which confirms the convergent validity. To validate the reliability, the values of composite
reliability, tho_A, and the Cronbach alpha coefficient were evaluated [62]. The findings
indicated that the coefficients of Cronbach Alpha («), CR, and rho_A were above the
recommended value of 0.70 [62,68], thus confirming the reliability of the constructs.

Similarly, Fornell and Larcker’s (1981) approach was used to evaluate the discriminant
validity [67]. The findings showed that the squared roots of the AVE exceeded the inter-
correlation coefficients. Table 3 shows the correlation matrix and the square roots of the
AVE in bold.

Table 3. Correlation matrix and square roots of AVE.

1 2 3 4 5 6 7 8 9 10
1. CO 0.93
2. PV —0.46 0.92
3.10 0.73 —0.55 0.97
4. SO 0.77 —0.52 0.74 0.95
5. SDI 0.65 —-0.5 0.69 0.71 0.95
6. SME —-0.41 0.73 —0.56 —0.46 —0.52 0.95
7. HV -0.43 0.68 —-0.52 —0.47 —-0.42 0.61 0.89
8. SML —0.47 0.76 —0.63 —0.52 —0.59 0.93 0.64 0.93
9. SMF 0.79 —0.48 0.78 0.83 0.81 —-0.49 —0.43 —0.58 0.94
10. SV -0.22 0.53 -0.38 -0.27 -0.29 0.56 0.52 0.57 —-0.30 0.92

Notes: Bold scores show the squared roots of AVE, CO: communication overload, PV: playfulness value, IO: infor-
mation overload, SO: social overload, SDI: social media discontinuous intention, SME: social media engagement,
HV: helpfulness value, SML: social media loyalty, SMF: social media fatigue, SV: social value.

In this study, SM demands and SM resources are second-order constructs. Therefore,
we initially analyzed the psychometric properties of the constructs before conducting
a structural model estimation. The results of the confirmatory factor analysis for the
second-order constructs are given in Table 4.

Table 4. Higher-order constructs.

Constructs Items  Std. Factor Loadings Cronbach’s Alpha Rho_A CR AVE
10 0.91

SM demands CcO 091 0.90 0.90 094 083
SO 0.92
HV 0.90

SMresources PV 0.87 0.80 0.83 088 0.72
SV 0.77

IO: information overload, CO: communication overload, SO: social overload, HV: helpfulness value, PV: playful-
ness value, SV: social value.
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The results of the higher-order constructs showed that all the psychometric properties
of SM demands and SM resources fulfilled the minimum thresholds in that the values of all
latent constructs had AVE coefficients of «, CR, and CR that were more than the relevant
thresholds of 0.70, 0.70, and 0.50, respectively [68].

4.2. Structural Model Assessment

The structural model of the study were assessed in light of the directions of [62].
Although there are relatively fewer indices for model fitness testing in PLS-SEM than in
CB-SEM, the Standardized Root Mean Square Residual (SRMR) and the Normal Fit Index
(NFI) are often reported to assess model fitness. The results showed that the SRMR of the
structural model was 0.05 less than the cutoff of 0.08, and the NFI was 0.89, which was
acceptable. Table 5 reports the indices for model fitness.

Table 5. Model fit summary.

Fitness Indices Saturated Model Estimated Model
SRMR 0.05 0.05
d-ULS 0.52 0.61

d-G 0.54 0.55
Chi-Square 727.50 718.96

NFI 0.89 0.89

Table 6 provides the results of the hypotheses testing in detail. The results showed that
SM demands had increased SM fatigue (3 = 0.88, p < 0.01), whereas SM demands negatively
affected SM engagement (3 = —0.15, p < 0.01); thus, H1 and H2 of the study were supported.
SM resources had a significant positive effect on SM engagement (3 = 0.67, p < 0.01), whereas
the negative effect of SM resources on SM fatigue was not supported ( = 0.01, p > 0.05);
thus, H3 of the study was supported. Hypothesis 5 suggested that respondents with
higher social fatigue would have a high SM discontinuous intention. The data indicated a
positive and significant relationship between SM fatigue and SM discontinuous intention
(B =0.73, p < 0.01); thus, Hypothesis 5 of the study was supported. The results revealed
that SM fatigue had a significant negative effect on SM loyalty (3 = —0.15, p < 0.01), which
supported the proposed Hypothesis 6 of the study. Finally, SM engagement related to SM
loyalty positively (3 = 0.85, p < 0.01) and related to SM discontinuous intention negatively
(B =—0.16, p < 0.01); thus, H7 and HS8 of the study were supported.

Table 6. Results of PLS-SEM.

Relationship Estimate t-Value p-Value Results
H1 SM demands — SM fatigue 0.88 35.78 0.00 Supported
H2 SM demands — SM engagement —0.15 2.82 0.00 Supported
H3 SM resources — SM engagement 0.67 12.84 0.00 Supported
H4 SM resources — SM fatigue 0.01 0.20 0.84 Not supported
H5 SM fatigue — SM discontinuous intention 0.73 20.65 0.00 Supported
Hé6 SM fatigue — SM loyalty —0.15 5.62 0.00 Supported
H7 SM engagement — SM loyalty 0.85 37.66 0.00 Supported
H8 SM engagement — SM discontinuous intention =~ —0.16 3.93 0.00 Supported

The results of the coefficient of determination (R?) and predictive relevance (Q?) are
reported in Table 7. The results of the R? showed that SM demands explained 77% of the
variance in SM fatigue, and SM demands and resources explained 61% of the variance in
SM engagement. Similarly, SM fatigue and SM engagement explained 68% of the variance
in SM discontinuous intention and 88% in SM loyalty. Thus, except for SM engagement,
which was explained moderately (R? = 0.33), all the endogenous constructs showed a
substantial effect size of R? > 0.67 [69]. To assess the predictive relevance, we conducted a
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blindfolding analysis in SmartPLS with an omission distance of 7. The Q? results indicated
that the model had strong predictive relevance, as the values of SM fatigue, SM engagement,
SM discontinuous intention, and SM loyalty were above the cutoff of Q? > 0.35 [70].

Table 7. Results of R and Q2.

Endogenous Latent Constructs R? Q?

SM fatigue 0.77 0.67
SM engagement 0.61 0.54
SM discontinuous intention 0.68 0.62
SM loyalty 0.88 0.76

4.3. Ad hoc Mediation Analysis

We conducted an ad hoc mediation analysis to further explain the nature of the rela-
tionship between SM antecedents and the consequences of SM fatigue and SM engagement.
The results showed that SM demands had an indirect effect on SM discontinuous intention
through SM fatigue (3 = 0.57, p < 0.01), whereas the direct effect was insignificant (3 = 0.11,
p > 0.05); thus, SM fatigue fully mediated the relationship. The indirect effect of SM de-
mands on SM loyalty through SM fatigue was significant (3 = —0.11, p < 0.01), whereas the
direct effect was not significant (3 = —0.01, p > 0.05); thus, SM fatigue fully mediated the
relationship.

The indirect effect of SM demands on discontinuous intention through SM engagement
was significant (3 = 0.02, p < 0.05), whereas the direct effect was not significant ( = 0.11,
p > 0.05); thus, SM engagement fully mediated the relationship. The indirect effect of
SM demands on SM loyalty through engagement was significant (3 = —0.10, p < 0.05),
whereas the direct effect was not significant (3 = —0.01, p > 0.05); thus, SM engagement
fully mediated the relationship.

Finally, the indirect effect of SM resources on SM discontinuous intention through
SM engagement was significant (3 = —0.10, p < 0.01), whereas the direct effect was not
significant (3 = —0.01, p > 0.05); thus, SM engagement fully mediated the relationship.
The indirect effect of SM resources on SM loyalty was significant through SM engagement
(B =0.52, p <0.01), and the direct effect was significant too (3 = 0.16, p < 0.01); thus, SM
engagement partially mediated the relationship. Table 8 summarizes the results.

Table 8. Mediation analysis results.

Relationships Direct Effect Indirect Effect

B t p B t p 5.0% 95.0%
SM demands — SMF — SDI 0.11 1.23 0.10 0.57 7.93 0.00 0.45 0.69
SM demands — SMF — SML —0.01 0.19 0.43 —0.11 4.90 0.00 —0.15 —0.08
SM demands — SME — SDI 0.11 1.23 0.10 0.02 1.83 0.03 0.01 0.04
SM demands — SME — SML —0.01 0.19 0.43 —-0.10 2.43 0.01 —0.16 —0.03
SM resources — SMF — SDI —0.01 0.15 0.44 0.01 0.05 0.48 —0.04 0.04
SM resources — SMF — SML 0.16 4.25 0.00 —0.00 0.05 0.48 —0.01 0.01
SM resources — SME — SDI —0.01 0.15 0.44 —-0.10 3.64 0.00 —0.15 —0.06
SM resources — SME — SML 0.16 4.25 0.00 0.52 11.97 0.00 0.44 0.58

SMEF: SM fatigue, SME: SM engagement, SML: SM loyalty, SDI: SM discontinuous intention.

5. Discussion and Implications
5.1. Theoretical Implications

Theoretically, this study has proposed a SM demands and resources model (SMD-R)
which discusses the determinants and outcomes of SM affective and behavioral responses
in a single framework. Previous studies have either examined positive attitudinal and
behavioral outcomes, such as SM engagement [3] and social media word-of-mouth [4], or
negative attitudinal and behavioral outcomes, such as SM fatigue [2,6,7], SM addiction [8],
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technostress [9], and SM exhaustion [2,10-12]. However, this study has proposed an SMD-R
model that encapsulates the interpersonal factors (e.g., social overload, helpfulness value)
and masspersonal factors (e.g., information overload, communication overload) of social
media in an integrated framework. Specifically, SM demands are a high-order construct
comprising information overload, communication overload, and social overload. Unlike
previous studies, the current study has explored the effects of SM demands not only on
SM fatigue but on SM engagement too. Hence, the findings advance the literature on SM
engagement by exploring the negative determinant of SM engagement. In other words, SM
demands decrease users’ SM engagement.

Similarly, unlike previous studies which focused more on social media’s negative
aspects and their effects on psychological strains such as SM fatigue [2,6,7], the present
study examined SM resources such as helpfulness value, playfulness value, and social
value and found that SM resources decrease SM fatigue. Likewise, drawing on the SMD-R
model, the present study has contributed to the SM engagement literature by empirically
testing the positive influence of SM resources. Finally, based on SMD-R, the current study
has advanced the literature on SM discontinuous intention and SM loyalty by exploring
the roles of SM fatigue and SM engagement.

Finally, based on SMD-R, the current study has advanced the literature on SM discon-
tinuous intention and SM loyalty by exploring the roles of SM fatigue and SM engagement.
The current study showed that SM fatigue has positive effects on SM discontinuous in-
tention, but it has negative effects on SM loyalty. In contrast, SM engagement is related
positively to SM loyalty and negatively to SM discontinuous intention.

5.2. Managerial Implications

Managerially, the findings of this study offer insights to social media providers and
users by discussing the positive and negative factors of SM fatigue and SM engagement,
respectively. First, the results showed that SM demands affected SM fatigue positively and
SM engagement negatively. Therefore, social media providers should devise strategies
to alleviate SM demands. In this regard, the manager can “allow users to set limits on
communication or social requests and autonomously choose to display or hide posts or
provide content management functions, such as displaying the abstract of an article and
classifying content based on users’ interests” [20]. Similarly, users can also avoid SM fatigue
by using the option for “disabled notifications” that restricts all the incoming notifications
of new incoming information, new post and picture notifications, and notifications for text
or voice calls.

Second, the results showed that SM resources mitigate SM demands; therefore, the
providers of social media companies and users can enhance the positive aspects of social
media, such as social media helpfulness, social media playfulness, and social media social
values. In this regard, social media companies should encourage a sense of community
through social media, which can enhance users’ exchange of helpful and enjoyable moments
together. These kinds of resources not only enhance the SM engagement of users but can
also mitigate SM fatigue and social media stressors.

Third, based on the SMD-R model, the results showed that SM fatigue has a positive
effect on SM discontinuous intention and a negative effect on SM loyalty. Therefore,
the social media provider should consider mitigating social fatigue by restricting the
aforementioned overloads, including information, communication, and social overloads.
Moreover, social media providers can decrease discontinuous intentions by increasing SM
engagement. Finally, social media providers can increase SM loyalty by focusing more on
the SM engagement of users.

5.3. Limitations and Future Research Directions

The following are a few limitations which should be addressed in future studies.
First, this study is the first attempt to discuss SM demands and SM resources and their
effects on SM fatigue and SM engagement in the single integrated framework of the
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SMD-R model. By doing so, the current study has examined the dichotomous factors of
key positive and negative aspects and their ultimate outcomes on users’ SM fatigue, SM
engagement, and SM discontinuous intention, as well as SM loyalty. However, the study
has overlooked examining these relationships from the perspectives of different users, such
as by considering personality differences, differences in social media usage intensity, and
social media addiction. Therefore, future studies can explore the framework by discussing
the moderating effects of personality traits, social media addiction, and the sense of users’
fear of missing out.

Second, the researchers have used a self-rated cross-sectional study to test the pro-
posed framework of the SMD-R model; therefore, this study has limitations regarding the
generalizability of the model. Hence, researchers can test this newly proposed model of
SMD-R by using alternate research methodologies such as longitudinal studies.

Finally, in order to empirically validate the newly proposed framework of the SMD-R
model, the researchers gathered data in Korea; therefore, to generalize the results, re-
searchers can replicate this framework in other countries.

Author Contributions: Conceptualization S.J. and 1.U.J.; methodology, I.U.]J.; software, 1.U.J.; valida-
tion, S.J.; formal analysis, I.U.J.; investigation, S.J.; resources, S.J.; data curation, I.U.J.; writing—original
draft preparation, S.J.; writing—review and editing, .U.J. and S.J.; supervision, S.J. All authors have
read and agreed to the published version of the manuscript.

Funding: This research was supported by the research fund of Hanbat National University in 2021
(grant number: 202103570001).

Institutional Review Board Statement: Ethical review and approval were waived for this study
because it abstained from any invasive procedures and from gathering “sensitive information” as de-
fined by Article 23 of the Personal Information Protection Act; “Sensitive information”, as delineated
in said article, encompasses ideologies, beliefs, union or political affiliations, political perspectives,
health details, intimate aspects, and other private data encroaching upon subjects’ privacy.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.
Data Availability Statement: Data will be available on request.

Conflicts of Interest: The authors declare no conflicts of interest.

References

1.

10.

11.

Statista. Number of Social Media Users Worldwide from 2017 to 2028. 2024. Available online: https:/ /www.statista.com/statistics /27
8414 /number-of-worldwide-social-network-users/ (accessed on 25 March 2024).

Sheng, N.; Yang, C.; Han, L.; Jou, M. Too much overload and concerns: Antecedents of social media fatigue and the mediating
role of emotional exhaustion. Comput. Hum. Behav. 2023, 139, 107500. [CrossRef]

Cao, D.; Meadows, M.; Wong, D.; Xia, S. Understanding consumers’ social media engagement behavior: An examination of the
moderation effect of social media context. J. Bus. Res. 2021, 122, 835-846. [CrossRef]

Park, J.; Hyun, H.; Thavisay, T. A study of antecedents and outcomes of social media WOM towards luxury brand purchase
intention. J. Retail. Consum. Serv. 2021, 58, 102272. [CrossRef]

Talwar, S.; Dhir, A.; Singh, D.; Virk, G.S.; Salo, J. Sharing of fake news on social media: Application of the honeycomb framework
and the third-person effect hypothesis. J. Retail. Consum. Serv. 2020, 57, 102197. [CrossRef]

Dhir, A.; Kaur, P; Chen, S.; Pallesen, S. Antecedents and consequences of social media fatigue. Int. J. Inf. Manag. 2019, 48, 193-202.
[CrossRef]

Xiao, L.; Mou, J. Social media fatigue-Technological antecedents and the moderating roles of personality traits: The case of
WeChat. Comput. Hum. Behav. 2019, 101, 297-310. [CrossRef]

Osatuyi, B.; Turel, O. Tug of war between social self-regulation and habit: Explaining the experience of momentary social media
addiction symptoms. Comput. Hum. Behav. 2018, 85, 95-105. [CrossRef]

Lugman, A.; Cao, X.; Ali, A.; Masood, A.; Yu, L. Empirical investigation of Facebook discontinues usage intentions based on SOR
paradigm. Comput. Hum. Behav. 2017, 70, 544-555. [CrossRef]

Cao, X.; Sun, J. Exploring the effect of overload on the discontinuous intention of social media users: An SOR perspective. Comput.
Hum. Behav. 2018, 81, 10-18. [CrossRef]

Fu, S,; Li, H.; Liu, Y.; Pirkkalainen, H.; Salo, M. Social media overload, exhaustion, and use discontinuance: Examining the effects
of information overload, system feature overload, and social overload. Inf. Process. Manag. 2020, 57, 102307. [CrossRef]


https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/
https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/
https://doi.org/10.1016/j.chb.2022.107500
https://doi.org/10.1016/j.jbusres.2020.06.025
https://doi.org/10.1016/j.jretconser.2020.102272
https://doi.org/10.1016/j.jretconser.2020.102197
https://doi.org/10.1016/j.ijinfomgt.2019.05.021
https://doi.org/10.1016/j.chb.2019.08.001
https://doi.org/10.1016/j.chb.2018.03.037
https://doi.org/10.1016/j.chb.2017.01.020
https://doi.org/10.1016/j.chb.2017.11.035
https://doi.org/10.1016/j.ipm.2020.102307

Behav. Sci. 2024, 14, 529 16 of 17

12.

13.

14.

15.
16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.
36.

37.

38.

39.

40.

41.

Sun, Y.; Zou, W.; Wang, N.; Shen, X.L. Dual process, buffering/coping effects, and reciprocal dynamics: A social demands-
resources model of SNS discontinuance. In Proceedings of the ICIS 2019, Munich, Germany, 15-18 December 2019; Available
online: https:/ /aisel.aisnet.org/icis2019/behavior_is/behavior_is/12 (accessed on 15 March 2024).

Claudy, M.C.; Garcia, R.; O'Driscoll, A. Consumer resistance to innovation-a behavioral reasoning perspective. J. Acad. Mark. Sci.
2015, 43, 528-544. [CrossRef]

Stock, R.M.; Bednarek, M. As they sow, so shall they reap: Customers’ influence on customer satisfaction at the customer interface.
J. Acad. Mark. Sci. 2014, 42, 400-414. [CrossRef]

Bakker, A.B.; Demerouti, E. The job demands-resources model: State of the art. J. Manag. Psychol. 2007, 22, 309-328. [CrossRef]
Demerouti, E.; Nachreiner, F.; Baker, A.B.; Schaufeli, W.B. The job demands-resources model of burnout. J. Appl. Psychol. 2001, 86,
499-512. [CrossRef]

Bakker, A.B.; Van Veldhoven, M.; Xanthopoulou, D. Beyond the demand-control model: Thriving on high job demands and
resources. J. Pers. Psychol. 2010, 9, 3-16. [CrossRef]

Karr-Wisniewski, P.; Lu, Y. When more is too much: Operationalizing technology overload and exploring its impact on knowledge
worker productivity. Comput. Hum. Behav. 2010, 26, 1061-1072. [CrossRef]

Islam, A.N.; Whelan, E.; Brooks, S. Does multitasking computer self-efficacy mitigate the impact of social media affordances on
overload and fatigue among professionals? Inf. Technol. People 2021, 34, 1439-1461. [CrossRef]

Lin, S,; Lin, J.; Luo, X.R.; Liu, S. Juxtaposed effect of social media overload on discontinuous usage intention: The perspective of
stress coping strategies. Inf. Process. Manag. 2021, 58, 102419. [CrossRef]

Whelan, E.; Najmul Islam, A.K.M.; Brooks, S. Is boredom proneness related to social media overload and fatigue? A stress-strain—
outcome approach. Internet Res. 2020, 30, 869-887. [CrossRef]

Bright, L.F.; Kleiser, S.B.; Grau, S.L. Too much Facebook? An exploratory examination of social media fatigue. Comput. Hum.
Behav. 2015, 44, 148-155. [CrossRef]

Kaur, P,; Dhir, A.; Rajala, R.; Dwivedi, Y. Why people use online social media brand communities: A consumption value theory
perspective. Online Inf. Rev. 2018, 42, 205-221. [CrossRef]

Yang, H.; Lin, C. Why do people stick to Facebook web site? A value theory-based view. Inf. Technol. People 2014, 27, 21-37.
[CrossRef]

Jiang, S. The roles of worry, social media information overload, and social media fatigue in hindering health fact-checking. Soc.
Media Soc. 2022, 8, 20563051221113070. [CrossRef]

Lee, AR;; Son, S.M.; Kim, K.K. Information and communication technology overload and social networking service fatigue: A
stress perspective. Comput. Hum. Behav. 2016, 55, 51-61. [CrossRef]

Ragu-Nathan, T.S.; Tarafdar, M.; Ragu-Nathan, B.S.; Tu, Q. The consequences of technostress for end users in organizations:
Conceptual development and empirical validation. Inf. Syst. Res. 2008, 19, 417-433. [CrossRef]

Park, C.S. Does too much news on social media discourage news seeking? Mediating role of news efficacy between perceived
news overload and news avoidance on social media. Soc. Media Soc. 2019, 5, 2056305119872956. [CrossRef]

Zhang, S.; Zhao, L.; Lu, Y,; Yang, J. Do you get tired of socializing? An empirical explanation of discontinuous usage behaviour in
social network services. Inf. Manag. 2016, 53, 904-914. [CrossRef]

Maier, C.; Laumer, S.; Weinert, C.; Weitzel, T. The effects of technostress and switching stress on discontinued use of social
networking services: A study of Facebook use. Inf. Syst. 2015, 25, 275-308. [CrossRef]

Ellison, N.B,; Steinfield, C.; Lampe, C. The benefits of Facebook “friends:” Social capital and college students” use of online social
network sites. . Comput. Mediat. Commun. 2007, 12, 1143-1168. [CrossRef]

Wasko, M.M.; Faraj, S. Why should I share? Examining social capital and knowledge contribution in electronic networks of
practice. MIS Q. 2005, 29, 35-57. [CrossRef]

Raacke, J.; Bonds-Raacke, ]. MySpace and Facebook: Applying the uses and gratifications theory to exploring friend-networking
sites. Cyberpsychol. Behav. 2008, 11, 169-174. [CrossRef] [PubMed]

Kang, J.; Tang, L.; Fiore, A.M. Enhancing consumer-brand relationships on restaurant Facebook fan pages: Maximizing consumer
benefits and increasing active participation. Int. |. Hosp. Manag. 2014, 36, 145-155. [CrossRef]

Zaglia, M.E. Brand communities embedded in social networks. J. Bus. Res. 2013, 66, 216-223. [CrossRef] [PubMed]

Hsiao, C.C.; Chiou, ].S. The impact of online community position on online game continuance intention: Do game knowledge
and community size matter? Inf. Manag. 2012, 49, 292-300. [CrossRef]

Ravindran, T.; Yeow Kuan, A.C.; Hoe Lian, D.G. Antecedents and effects of social network fatigue. J. Assoc. Inf. Sci. Technol. 2014,
65, 2306-2320. [CrossRef]

Kim, J.H.; Jung, S.H.; Choi, H.J. Antecedents influencing SNS addiction and exhaustion (fatigue syndrome): Focusing on six
countries. Behav. Inf. Technol. 2023, 42, 2601-2625. [CrossRef]

Bakker, A.B.; Demerouti, E.; Euwema, M.C. Job resources buffer the impact of job demands on burnout. J. Occup. Health Psychol.
2005, 10, 170-180. [CrossRef] [PubMed]

de Oliveira Santini, F; Ladeira, W.J.; Pinto, D.C.; Herter, M.M.; Sampaio, C.H.; Babin, B.]. Customer engagement in social medjia:
A framework and meta-analysis. J. Acad. Mark. Sci. 2020, 48, 1211-1228. [CrossRef]

Dessart, L. Social media engagement: A model of antecedents and relational outcomes. J. Mark. Manag. 2017, 33, 375-399.
[CrossRef]


https://aisel.aisnet.org/icis2019/behavior_is/behavior_is/12
https://doi.org/10.1007/s11747-014-0399-0
https://doi.org/10.1007/s11747-013-0355-4
https://doi.org/10.1108/02683940710733115
https://doi.org/10.1037/0021-9010.86.3.499
https://doi.org/10.1027/1866-5888/a000006
https://doi.org/10.1016/j.chb.2010.03.008
https://doi.org/10.1108/ITP-10-2019-0548
https://doi.org/10.1016/j.ipm.2020.102419
https://doi.org/10.1108/INTR-03-2019-0112
https://doi.org/10.1016/j.chb.2014.11.048
https://doi.org/10.1108/OIR-12-2015-0383
https://doi.org/10.1108/ITP-11-2012-0130
https://doi.org/10.1177/20563051221113070
https://doi.org/10.1016/j.chb.2015.08.011
https://doi.org/10.1287/isre.1070.0165
https://doi.org/10.1177/2056305119872956
https://doi.org/10.1016/j.im.2016.03.006
https://doi.org/10.1111/isj.12068
https://doi.org/10.1111/j.1083-6101.2007.00367.x
https://doi.org/10.2307/25148667
https://doi.org/10.1089/cpb.2007.0056
https://www.ncbi.nlm.nih.gov/pubmed/18422409
https://doi.org/10.1016/j.ijhm.2013.08.015
https://doi.org/10.1016/j.jbusres.2012.07.015
https://www.ncbi.nlm.nih.gov/pubmed/23564989
https://doi.org/10.1016/j.im.2012.09.002
https://doi.org/10.1002/asi.23122
https://doi.org/10.1080/0144929X.2022.2136531
https://doi.org/10.1037/1076-8998.10.2.170
https://www.ncbi.nlm.nih.gov/pubmed/15826226
https://doi.org/10.1007/s11747-020-00731-5
https://doi.org/10.1080/0267257X.2017.1302975

Behav. Sci. 2024, 14, 529 17 of 17

42.

43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.
59.
60.
61.
62.
63.
64.

65.
66.

67.

68.
69.

70.

Paruthi, M.; Kaur, H. Scale development and validation for measuring online engagement. J. Internet Commer. 2017, 16, 127-147.
[CrossRef]

Dolan, R.; Conduit, ].; Frethey-Bentham, C.; Fahy, J.; Goodman, S. Social media engagement behavior: A framework for engaging
customers through social media content. Eur. J. Mark. 2019, 53, 2213-2243. [CrossRef]

Trieu, P; Ellison, N.B.; Schoenebeck, S.Y.; Brewer, R.N. Implications of facebook engagement types and feed’s social content for
self-esteem via social comparison processes. Soc. Media Soc. 2021, 7, 20563051211042400. [CrossRef]

Gulzar, M.A.; Ahmad, M.; Hassan, M.; Rasheed, M.I. How social media use is related to student engagement and creativity:
Investigating through the lens of intrinsic motivation. Behav. Inf. Technol. 2022, 42, 2283-2293. [CrossRef]

Nisar, T.M.; Whitehead, C. Brand interactions and social media: Enhancing user loyalty through social networking sites. Comput.
Hum. Behav. 2016, 62, 743-753. [CrossRef]

Osatuyi, B.; Turel, O. Conceptualisation and validation of system use reduction as a self-regulatory IS use behaviour. Eur. |. Inf.
Syst. 2020, 29, 44-64. [CrossRef]

Turel, O. Untangling the complex role of guilt in rational decisions to discontinue the use of a hedonic Information System. Eur. .
Inf. Syst. 2016, 25, 432-447. [CrossRef]

York, C.; Turcotte, J. Vacationing from Facebook: Adoption, temporary discontinuance, and readoption of an innovation. Commun.
Res. Rep. 2015, 32, 54-62. [CrossRef]

Soliman, W.; Rinta-Kahila, T.; Kaikkonen, ]J. Why is your crowd abandoning you? Exploring crowdsourcing discontinuance
through the lens of motivation theory. In Proceedings of the ACIS 2019: Proceedings of the 30th Australasian Conference on
Information Systems, Perth, WA, Australia, 8-11 December 2019; pp. 467-477.

Fan, X,; Jiang, X.; Deng, N.; Dong, X.; Lin, Y. Does role conflict influence discontinuous usage intentions? Privacy concerns, social
media fatigue and self-esteem. Inf. Technol. People 2021, 34, 1152-1174. [CrossRef]

Chaudhuri, A.; Holbrook, M.B. The chain of effects from brand trust and brand affect to brand performance: The role of brand
loyalty. J. Mark. 2001, 65, 81-93. [CrossRef]

Roggeveen, A.L.; Sethuraman, R. Customer-interfacing retail technologies in 2020 & beyond: An integrative framework and
research directions. J. Retail. 2020, 96, 299-309.

Hall-Phillips, A.; Park, J.; Chung, T.L.; Anaza, N.A.; Rathod, S.R. I (heart) social ventures: Identification and social media
engagement. J. Bus. Res. 2016, 69, 484-491. [CrossRef]

Thakur, R. Understanding customer engagement and loyalty: A case of mobile devices for shopping. J. Retail. Consum. Serv. 2016,
32,151-163. [CrossRef]

Lim, ].S.; Hwang, Y.; Kim, S.; Biocca, F.A. How social media engagement leads to sports channel loyalty: Mediating roles of social
presence and channel commitment. Comput. Hum. Behav. 2015, 46, 158-167. [CrossRef]

Molinillo, S.; Anaya-Sanchez, R.; Liébana-Cabanillas, F. Analyzing the effect of social support and community factors on customer
engagement and its impact on loyalty behaviors toward social commerce websites. Comput. Hum. Behav. 2020, 108, 105980.
[CrossRef]

Statista. Number of Social Network Users in South Korea from 2017 to 2028. 2024. Available online: https://www.statista.com/
statistics /247943 /number-of-social-network-users-in-south-korea/ (accessed on 25 March 2024).

Bollen, K.A. Structural Equations with Latent Variables; Wiley: New York, NY, USA, 1989.

Kline, R.B. Principles and Practice of Structural Equation Modeling; Guildford Press: New York, NY, USA, 1988.

Richter, N.F,; Cepeda-Carrion, G.; Roldan Salgueiro, J.L.; Ringle, C.M. European management research using partial least squares
structural equation modeling (PLS-SEM). Eur. Manag. |. 2016, 34, 589-597. [CrossRef]

Hair, J.F; Sarstedt, M.; Ringle, C.M.; Mena, J.A. An assessment of the use of partial least squares structural equation modeling in
marketing research. J. Acad. Mark. Sci. 2012, 40, 414-433. [CrossRef]

Hair, ].F; Risher, ].].; Sarstedt, M.; Ringle, C.M. When to use and how to report the results of PLS-SEM. Eur. Bus. Rev. 2019, 31,
2-24. [CrossRef]

Sarstedt, M.; Hair, ].F,; Ringle, C.M.; Thiele, K.O.; Gudergan, S.P. Estimation issues with PLS and CB-SEM: Where the bias lies! J.
Bus. Res. 2016, 69, 3998-4010. [CrossRef]

Kock, N. Common method bias in PLS-SEM: A full collinearity assessment approach. Int. J. e-Collab. 2015, 11, 1-10. [CrossRef]
Kock, N.; Lynn, G.S. Lateral collinearity and misleading results in variance-based SEM: An illustration and recommendations. J.
Assoc. Inf. Syst. 2012, 13. [CrossRef]

Fornell, C.; Larcker, D.F. Structural equation models with unobservable variables and measurement error: Algebra and statistics.
J. Mark. Res. 1981, 18, 382-388. [CrossRef]

Bagozzi, R.P; Yi, Y. On the evaluation of structural equation models. J. Acad. Mark. Sci. 1988, 16, 74-94. [CrossRef]

Al-Fraihat, D.; Joy, M,; Sinclair, J. Evaluating E-learning systems success: An empirical study. Comput. Hum. Behav. 2020, 102,
67-86. [CrossRef]

Hair, J.E,; Black, W.C.; Babin, B.; Anderson, R.E. Multivariate Data Analysis, 7th ed.; Prentice Hall: Saddle River, NJ, USA, 2010.

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.


https://doi.org/10.1080/15332861.2017.1299497
https://doi.org/10.1108/EJM-03-2017-0182
https://doi.org/10.1177/20563051211042400
https://doi.org/10.1080/0144929X.2021.1917660
https://doi.org/10.1016/j.chb.2016.04.042
https://doi.org/10.1080/0960085X.2019.1709575
https://doi.org/10.1057/s41303-016-0002-5
https://doi.org/10.1080/08824096.2014.989975
https://doi.org/10.1108/ITP-08-2019-0416
https://doi.org/10.1509/jmkg.65.2.81.18255
https://doi.org/10.1016/j.jbusres.2015.05.005
https://doi.org/10.1016/j.jretconser.2016.06.004
https://doi.org/10.1016/j.chb.2015.01.013
https://doi.org/10.1016/j.chb.2019.04.004
https://www.statista.com/statistics/247943/number-of-social-network-users-in-south-korea/
https://www.statista.com/statistics/247943/number-of-social-network-users-in-south-korea/
https://doi.org/10.1016/j.emj.2016.08.001
https://doi.org/10.1007/s11747-011-0261-6
https://doi.org/10.1108/EBR-11-2018-0203
https://doi.org/10.1016/j.jbusres.2016.06.007
https://doi.org/10.4018/ijec.2015100101
https://doi.org/10.17705/1jais.00302
https://doi.org/10.1177/002224378101800313
https://doi.org/10.1007/BF02723327
https://doi.org/10.1016/j.chb.2019.08.004

	Introduction 
	Theoretical Background and Hypotheses Development 
	SM Demands and Resources 
	SM Demands 
	Information Overload 
	Communication Overload 
	Social Overload 

	SM Resources 
	Helpfulness Value 
	Playfulness Value 
	Social Value 

	SM Demands, SM Fatigue, and Social Media Engagement 
	SM Resources, SM Demands, and SM Engagement 
	SM Fatigue, SM Discontinuous Intention, and SM Engagement 
	SM Engagement, SM Loyalty, and SM Discontinuous Intention 

	Method 
	Sample and Data Collection 
	Measurements 
	Data Analysis and Results 

	Results 
	Measurement Model Assessment 
	Structural Model Assessment 
	Ad hoc Mediation Analysis 

	Discussion and Implications 
	Theoretical Implications 
	Managerial Implications 
	Limitations and Future Research Directions 

	References

