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Abstract

The aim of this study is to examine the impact of personality traits on students’ intention
to accept the SAP S/4HANA business software. Grounded in the Big Five Factor (BFF)
model of personality and the Technology Acceptance Model (TAM), the research analyzed
the role of individual differences in students’ learning performance using this ERP system.
The study was conducted on a sample of N = 418 first-year students who underwent a
quasi-experimental treatment based on realistic business scenarios. The results indicate
that conscientiousness emerged as a positive predictor, while agreeableness demonstrated
negative predictive value in learning SAP S/4HANA, whereas neuroticism did not exhibit
a significant effect. Moderation analysis revealed that both Perceived Usefulness and
Actual Usage of technology moderated the relationship between conscientiousness and
SAP learning performance, enhancing its predictive strength. These findings underscore the
importance of individual differences in the process of SAP S/4HANA acceptance within an
educational context and suggest that instructional strategies should be tailored to students’
personality traits in order to optimize learning outcomes.

Keywords: technology acceptance; personality traits; SAP S/4HANA

1. Introduction
In parallel with the advancement of modern technologies, increasing attention has

been devoted to understanding how users accept and utilize new technological systems.
The acceptance of new technologies represents a complex phenomenon influenced not only
by the characteristics of the technology itself but also by a range of individual and social
factors, including users’ needs, attitudes, personality traits, cognitive styles, and emotional
responses, as well as social norms and ethical considerations [1,2].

Although the scholarly pursuit of a deeper understanding of individual differences
and the determinants underlying users’ acceptance or rejection of emerging technologies
dates back to the 1970s [3], this subject remains highly relevant today. The study of
technology adoption and the use of information technology (IT) and information systems
(ISs) constitutes a well-established academic domain that has evolved, in parallel with the
pervasive integration of technology, into diverse spheres of human activity [1].

1.1. The Importance of Technology Acceptance Theories in Contemporary IS Research

Numerous theoretical frameworks have been developed to explain end-user behavior
in the adoption of new technological solutions [3,4]. Given the inherent complexity of the
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interaction between humans and technology, the investigation of technological innovation
acceptance necessitates the application of IT and psychological theories and models, which
facilitate a deeper understanding of the factors shaping individuals’ perceptions of the
utility and value of emerging devices and systems. At the core of effective technological
implementation and utilization lies the capacity of ICT producers to identify and com-
prehend the multifaceted factors that influence user adoption and acceptance. Equipped
with such insights into user behavior, IT experts and other decision-makers responsible
for technological strategies are better positioned to undertake informed and impactful
measures aimed at enhancing user engagement with technological systems.

Technology acceptance theories are grounded in a diverse array of theoretical frame-
works, from social psychology, sociology and social science to IT. The literature presents a
variety of Technology Acceptance Models [3,4], each characterized by distinct conceptual
features, like the Theory of Reasoned Action (TRA), the Theory of Planned Behavior (TPB),
the Theory of Interpersonal Behavior (TIB), the Technology Acceptance Model (TAM), the
Extension of TAM (ETAM), Igbaria’s Model (IM), Social Cognitive Theory (SCT), the Inno-
vation Diffusion Theory (IDT), the Perceived Characteristics of Innovating Theory (PCIT),
the Motivational Model (MM), the Uses and Gratification Theory (U&G), the Model of PC
Utilization (MPCU), the Unified Theory of Acceptance and Use of Technology (UTAUT),
and the Compatibility UTAUT (C-UTAUT). Despite emerging from distinct theoretical
frameworks and differing in their conceptual focus, these models have consistently proven
effective in predicting and explaining a broad spectrum of human behaviors across multiple
contexts [4]. Theories and models originating from psychology and sociology primarily
emphasize behavioral aspects of technology acceptance, whereas those developed within
the field of IT concentrate on system-related characteristics and their influence on user
adoption [3]. For example, the Theory of Reasoned Action (TRA) and the Theory of Planned
Behavior (TPB) differ from the Innovation Diffusion Theory (IDT) in their primary focus:
while TRA and TPB concentrate on individual behavioral intentions, IDT emphasizes adop-
tion decisions shaped by organizational attributes rather than personal determinants [4].
Meanwhile, the Social Cognitive Theory and The Theory of Planned Behavior (TPB) in-
corporate the concept of perceived outcomes in behavioral forecasting, while IDT and the
Technology Acceptance Model (TAM) concentrate primarily on users’ beliefs about the
technology itself [4].

Davis’s Technology Acceptance Model (TAM) stands as one the most frequently em-
ployed models in research studies on technology acceptance [5–8]. It is considered a
straightforward, predictive, and reliable framework for explaining the process of adoption
and utilization of information technologies [9,10]. This model was developed within the
field of information technology following the introduction of information systems into
organizational environments [7]. TAM predicts users’ acceptance of technology based on
three fundamental constructs: Perceived Usefulness (PU), Perceived Ease of Use (PeU),
and Behavioral Intention (BI) [6]. The model suggests that users who exhibit the intention
to use a given technology will ultimately do so, and that this intention is influenced by
their perceptions of the technology’s usefulness and ease of use. TAM not only provides
a theoretical framework for explaining user behavior in adopting new technologies but
also serves as a practical tool for investigating the implementation processes in both educa-
tional [11] and business contexts [12]. The fundamental concept of technology acceptance is
inherently focused on individual reactions to technological systems, which are undoubtedly
influenced by users’ personality characteristics [13]. Among the earliest studies examining
the influence of personality on technology acceptance, the Big Five Inventory (BFI)—a
standardized psychometric instrument assessing the five fundamental traits of the Big
Five personality model (extraversion, agreeableness, conscientiousness, neuroticism, and
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openness to experience)—was utilized in combination with the Technology Acceptance
Model (TAM). This approach aimed to investigate the impact of personality traits on the
intention to use collaborative technologies, with the goal of developing an extended model
of technology adoption that would better elucidate the role of personality in the context of
Business Intelligence (BI) tool adoption [13].

1.2. Innovative ERP Learning for Students Using SAP S/4HANA

Understanding the interaction between user-specific and situational factors related
to IS acceptance effectively facilitates IS implementation in business practice [14]. This is
particularly important when dealing with complex and expensive business ISs such as
Enterprise Resource Planning (ERP). ERP, including SAP/ERP systems, is an integrated
software suite that connects all aspects of a business and its processes into a unified infor-
mation technology architecture, providing a comprehensive overview of operations [15,16].
SAP provides a next-generation intelligent ERP system that enables companies to achieve
digital transformation.

SAP S/4HANA Cloud, the SaaS version of SAP’s integrated ERP suite, enables or-
ganizations to perform core business functions with real-time analytics, scalability, and
automation [16]. The main S/4HANA Cloud business modules include finance, sourcing
and procurement, sales, professional services, and manufacturing (see Figure 1). Cloud-
based deployment of SAP S/4HANA enables organizations to utilize its full range of
functionalities without the need to invest in physical infrastructure, database management
systems, or dedicated IT personnel. The service includes technologies that can help bring
intelligence into ERP applications, including machine learning, voice-enabled technology
and an artificial intelligence offering with SAP Business AI [16].

The increasing use of SAP/ERP systems in business has increased the demand for
a skilled workforce, which has led universities to incorporate training programs into
their curricula to prepare students for mastering business process concepts within the
ERP environment [17–21]. The global SAP University Alliance program, undertaken
by SAP companies, is an educational initiative that provides member universities with
essential technical resources and educational support for training students in SAP/ERP
technologies [22]. By doing so, it enhances the supply of qualified professionals with
SAP/ERP competencies in the labor market, enabling employers to access graduates
proficient in emerging IT concepts and software tools.

 

Figure 1. SAP S/4HANA: overview of key modules. Source: [23].
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The SAP S/4HANA system, as an educational platform, provides an in-depth explo-
ration of complex business processes through the fictional bicycle manufacturer Global
Bike. Each learning module, illustrated in Figure 1, features a slide deck that introduces key
processes, along with detailed explanations of the organizational, master, and transactional
data used within the SAP S/4HANA system.

To support learning, the platform includes introductory exercises, case studies, and
practical challenges designed to help students and educators grasp and engage with
typical business operations. All exercises and case studies are conducted via the browser-
based SAP Fiori Launchpad, offering streamlined and user-friendly access to the SAP
environment, as shown in Figure 2.

 

Figure 2. Sales order creation in SAP S/4HANA: A transactional interface illustrating key fields for
order processing and logistics coordination. Source: [24].

The technical architecture of SAP S/4HANA is built on three layers, the database,
application, and presentation layers, as illustrated in Figure 3. SAP HANA, the core
component of the SAP S/4HANA system, has significantly advanced data processing
within enterprise environments. As an in-memory computing engine, it allows for lightning-
fast processing of large volumes of data, a stark contrast to traditional database systems.
The architectural design of SAP S/4HANA supports accelerated data processing and
contributes to improved cybersecurity measures [25].

By presenting security-related components in a comprehensible and structured format,
Fiori UX contributes to reducing user error and enhancing operational reliability in complex
digital environments. Its structure enables streamlined navigation and improves the
visibility of system functionalities, contributing to more efficient user interaction [25].

Finally, advanced analytics and real-time data processing are integral components of
SAP S/4HANA. The system enables the processing of complex analytical operations and
calculations in real time, providing immediate access to relevant information within busi-
ness processes. The integration of advanced analytics into the system supports more precise
risk management and allows for the definition of quantitative indicators for monitoring
security performance [25].
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Figure 3. SAP S/4HANA Architecture. Source: [25].

1.3. Student Adoption of Technology: The Role of Personal Differences and the TAM Framework

The use of SAP S/4HANA software in university education not only enhances stu-
dents’ knowledge and technical skills, but also provides a valuable foundation for conduct-
ing research on ERP adoption and usage among student populations [18,26,27].

The underlying reasons for individuals’ use of new technologies and their behav-
ioral patterns with regard to their use are predominantly explored within the field of
psychology, given its focus on personality as a key determinant of human behavior [28].
Personality reflects a combination of inborn and acquired attributes that tend to remain
consistent over time and across various situations [29]. The Big Five Inventory (BFI) is
widely used in personality and technology acceptance research, as it measures five key
traits—conscientiousness, neuroticism, extraversion, openness, and agreeableness—based
on typical patterns of thought, emotion, and behavior [30].

In educational settings, personality traits such as conscientiousness, openness, and
agreeableness have been positively associated with academic achievement [31]. Among
these, conscientiousness is identified as the strongest predictor of academic success [32],
and reflects the extent to which a person is organized, disciplined, and goal-oriented [33].
Individuals with high levels of conscientiousness typically demonstrate strong self-control,
determination, reliability, and a pronounced drive to achieve [34]. Neuroticism and ex-
traversion tend to show negative associations with academic performance [35]. Neuroticism
reflects an individual’s level of emotional stability, anxiety, and impulse control. Those
scoring high in neuroticism tend to experience frequent mood swings and are more prone to
feelings such as anxiety, worry, fear, anger, frustration, jealousy, guilt, and loneliness [35,36].
Extraversion describes the degree of sociability, talkativeness, and assertiveness. Highly
extraverted individuals are typically cheerful, outgoing, and confident in social inter-
actions [33,34]. Openness to experience captures a person’s intellectual curiosity and
preference for novelty and diversity. Individuals with high openness are receptive to new
ideas, introspective, and drawn to varied and stimulating experiences [34]. Agreeableness
is defined by traits such as helpfulness, cooperation, and empathy. People with high
agreeableness are often perceived as kind, warm, friendly, tactful, and optimistic [36].
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While personality traits are associated with academic performance, their impact may vary
depending on learning styles and educational contexts [32].

The TAM framework is applicable to a broad spectrum of end-users of computer tech-
nologies and can also serve as a developmental model for technology adoption in learning
environments [11]. Research on personality traits combined with the Technology Accep-
tance Model (TAM) suggests that personality traits influence users’ behavioral intentions to
use technology [13,37–39]. Studies have shown that personality, as measured by the BFI, has
an indirect impact on technology acceptance and usage: conscientiousness moderated the
relationship between expected performance and behavioral intentions, while conscientious-
ness, extraversion, and agreeableness moderated the relationship between social influences
and behavioral intentions [13]. According to the same study, neuroticism was negatively
associated with expected success, whereas openness to experience and agreeableness were
positively correlated with expected performance. A study reported that users’ personalities
indirectly influenced their behavioral intentions to use technology: openness to experience
and agreeableness had a positive impact on expected performance [38]. According to
scientific research [37], personality traits affect behavioral intentions to use software both
directly and indirectly through expected performance (Perceived Usefulness), expected
effort (Perceived Ease of Use), and subjective norms (Social Influence). The authors further
emphasize that extraversion positively affects expected performance, while conscientious-
ness influences PeU and Social Influence. Neuroticism negatively affects BI and PeU,
but has a positive effect on Social Influence. Finally, openness to experience positively
influences ease of use [37].

Assuming that certain individual characteristics enhance students’ receptiveness to
adopting and acquiring new technological knowledge [27,31–34], this empirical study
broadly aims to deepen our understanding of how personality traits influence university
students’ intention to use SAP/ERP tools. Given the importance of users’ cognitive,
emotional and behavioral responses in the process of adopting new technologies, the
following central research question arises: to what extent can personality traits predict
successful adoption of SAP/ERP systems, and are these relationships mediated by elements
of the Technology Acceptance Model?

This theoretical foundation gives rise to the following:

1.4. Hypothesys Development

Based on the above, the primary hypotheses of this study are as follows:

H1. Personality traits are correlated with success in acquiring knowledge in the domain of SAP/ERP
(SAP Learning Performance Index).

The literature on the BFI suggests that, in the context of learning and acquiring new
skills among university students, personality traits such as extraversion, conscientiousness,
agreeableness, and openness to experience are likely to facilitate learning [32,35,37]. In
contrast, negative emotionality (or neuroticism) is more likely to act as a risk factor [35,36].
Certain studies suggest that, to some extent, motivation for learning can be predicted based
on proactivity and personality traits such as extraversion, openness, and conscientiousness,
including intention, planning, and initiation of action [40].

H1.1. Neuroticism is negatively correlated with the SAP Learning Performance Index.

Neuroticism is frequently identified as a predictor of lower performance in cognitive
tasks [35,36,41]. In the context of technology acceptance, several studies have demonstrated
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its negative influence, as anxious and emotionally unstable individuals often avoid new
technologies due to perceived stress [42].

H1.2. Conscientiousness is positively correlated with the SAP Learning Performance Index.

Conscientiousness, on the other hand, is generally associated with greater motivation
and stronger academic achievement [32,43], as well as discipline, organization, and consis-
tent work habits [34,44], all of which may contribute to more effective learning outcomes.
Conscientious individuals are organized, persistent in fulfilling their duties and tasks,
and reliable. They respect rules and guidelines; value achievement, order, hard work,
and efficiency [45]; and are more likely to exhibit an assertive behavioral style [46]. This
personality trait is particularly relevant to academic success [47].

H1.3. Openness to experience is positively correlated with the SAP Learning Performance Index.

Individuals with high openness tend to exhibit intellectual curiosity and show cre-
ativity. They adapt easily to new experiences [48] and are more receptive to adopting new
learning methods, such as online education [49]. Openness to experience is recognized
as the best predictor of individuals’ motivation to participate in training [40,50–52]. It is
associated with curiosity and innovativeness [53], which can facilitate adaptation and ex-
perimentation with new technologies. Additionally, they display a greater tendency toward
prosocial behavior [54]. As a personality trait, openness is also a significant predictor of
one’s ability to recognize emotions, understand others’ perspectives, and offer mutual
emotional support in friendships [55]. In light of the documented findings, the following
hypothesis is proposed:

H2. Personality traits can predict success in acquiring SAP ERP knowledge (SAP Learning
Performance Index).

Building on the previously discussed findings regarding the relationship between
personality traits and academic success [31–37,41–53], it is reasonable to assume that similar
patterns may emerge in situations involving the adoption of new technologies such as
SAP/ERP.

H3. The intention to use new technology, as defined by TAM, may moderate (strengthen) the
relationship between personality traits and the SAP Learning Performance Index.

The relationship between personality traits and the SAP Learning Performance Index is
influenced by the intention to use new technology, as defined by the Technology Acceptance
Model. Specifically, higher levels of Perceived Usefulness (PU) and Perceived Ease of Use
(PeU) strengthen the positive effects of personality traits on learning performance.

H4. Students enrolled in IT-related fields of study demonstrate higher effectiveness in acquiring
SAP/ERP competencies compared to students from Management fields.

Empirical findings suggest that different academic groups adopt varied approaches to
learning and technology acceptance [56]. Information Technology (IT) students typically
possess greater experience with digital tools, while Management students may rely on
alternative learning strategies and demonstrate distinct technological needs. Given the
nature of SAP/ERP systems—which require specific prior business and technical knowl-
edge [19,57]—these platforms can pose cognitive challenges even for students in technical
disciplines [58]. Nevertheless, the very choice of study program among IT students allows
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us to conclude that the intention to adopt new technologies is already embedded in their
professional orientation.

2. Research Method
This research was conducted during February and March 2024 at the Faculty of

Organizational Sciences, University of Belgrade, the leading public institution in Serbia
in the fields of information systems, technology, organization, and management, and a
member of the SAP University Alliance.

The study was conducted in the computer lab of the faculty, in a single session (90 min)
of the course Introduction to Information Systems used for the implementation of a quasi-
experimental treatment. The computer lab was equipped with 50 networked computers,
and the experiment was carried out in groups of 50 students. A total of N = 437 first-year
students participated in the experimental training, with 418 valid responses, resulting in
a response rate of 95.6%. All participants voluntarily took part in the study and did not
receive any incentives for their participation.

In the first phase of the study, participants were subjected to a quasi-experimental
procedure involving training in the use of the SD (Sales and Distribution) module, based on
real business scenarios involving this software. The training consisted of using structured,
pre-defined instructional content fully aligned with the SAP University Alliance curriculum
for SAP S/4 HANA. The usage scenario served both as an educational and a research tool,
and it is defined as “A narrative involving one or more actors aimed at directed activity with
an interactive computer system. It includes an activation context (e.g., social or physical
environment), the actors’ motivation, and the actions and reactions during the activity
(context of use)” [59] (p. 67).

Each student, as a participant in the study, was provided access to the SAP S/4
HANA Fiori software, version 3.0, through a virtual organization. After activating the SAP
Fiori interface, participants received the following information regarding SAP and the SD
module: What is SAP?, SAP Fiori, Types of data in SAP, Information about the company
The Global Bike, Sales Order document, Create Sales Order based on Quotation command,
Create Delivery Order, and Create Invoice). The total duration for presenting the basic
elements of the SD module in the SAP S/4 HANA software was 45 min.

In the second phase, the degree of knowledge acquired about the SD module of
SAP was assessed through a knowledge test, which served as a measure of the efficiency
of technology adoption. Each participant completed their respective battery of online
questionnaires, which were hosted on the SoSci Survey platform. The participants were
assured of their anonymity and the protection of their personal data. All aspects of the
students’ participation in the study, as well as the methods and purposes of data collection
and analysis, were reviewed and approved by the Ethics Committee of the Faculty of
Organizational Sciences prior to the commencement of the research. All students were
informed about the objectives of the study and provided their consent before completing
the surveys.

The valid sample for the research consisted of a total of N = 418 first-year students
from the Faculty of Organizational Sciences at the University of Belgrade, from two study
programs: Management and Organization (N = 155 or 37% of the students) and Information
Systems and Technologies (N = 263 respondents or 63%). The average age of the participants
was 18.98 years (SD = 1.93). Female participants represented 61% of the total sample.

The study used three key instruments:
Personality traits were measured using the BFI-44, a short form of the Big Five Inven-

tory comprising 44 Likert-scale items that assess five key personality traits: extraversion,
agreeableness, conscientiousness, neuroticism, and openness to experience [60].
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To evaluate the effectiveness of knowledge acquisition in relation to SAP/ERP tech-
nologies, the authors developed the SAP Learning Performance Test, which focuses on the
SAP SD module and includes ten closed-ended questions. Each correct answer is awarded
one point, yielding a total score ranging from 0 to 10.

Finally, the Technology Acceptance Model (TAM) instrument [7] was used to assess
participants’ motivation to adopt new technologies, based on four key factors: Perceived
Usefulness (PU), Perceived Ease of Use (PeU), Behavioral Intention (BI), and Actual Use
(AU). The TAM instrument was adapted and translated into Serbian [61], and comprises
14 items rated on a seven-point Likert scale.

A descriptive analysis was performed to assess the distribution of the variables used.
Pearson’s correlation coefficient was then applied to assess the relationships between
personality traits, SAP learning performance, and the intention to use new technologies. To
evaluate the moderating effect of the intention to use new technologies on the relationship
between personality traits and SAP learning (see Figure 4), a moderation analysis (Model 1)
was conducted using the PROCESS macro for IBM SPSS Statistics (Version 28) [62]. To
categorize the moderating variable (intention to use new technologies), the median split
method was used [62].

 

PERSONALITY 

TRAITS 

SAP LEARNING 

PERFORMANCE 

INDEX 

TECHNOLOGY USAGE 

INTENTION   

Figure 4. The relationship between personality traits and success in SAP learning: hypothetical
framework of the moderating effect of the intention to use new technologies. Source: Own illustration.

The moderation analysis by study program (IT/Management) was conducted within
the same macro framework, utilizing Model 3 (Figure 5), where the study program was
incorporated as an additional moderator. This approach aimed to examine the moder-
ating role of the intention to use new technologies in the relationship between personal-
ity dimensions and the SAP efficiency index while considering the students’ respective
study programs.
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SAP LEARNING 

PERFORMANCE 

INDEX 

TECHNOLOGY 

USAGE 

INTENTION 

STUDY GROUP 

(IT/MANAGEMENT) 

TRAINING 

Figure 5. Relationships between personality traits and SAP acceptance: a hypothetical framework
of the interactive moderating effect of the intention to use new technologies with the study group.
Source: Own illustration.
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3. Results
3.1. Descriptive Statistics and Reliability Analysis of Variables

A descriptive statistics analysis was conducted to examine the distribution of the
obtained data (Table 1). Upon reviewing the skewness and kurtosis indicators of the overall
average scores, it was concluded that their values generally fall within appropriate ranges
(skewness and kurtosis between −3.00 and 3.00), in accordance with the more lenient
criteria outlined by [63].

Table 1. Descriptive statistics and reliability of the variables used.

Variable M SD min max Sk Ku α

SAP L.P. Index 1.64 1.15 0.00 6.00 0.72 0.74 0.86

Perceived Usefulness (TAM) 4.57 1.15 1.00 7.00 0.09 0.03 0.90

Perceived Ease of Use (TAM) 4.38 0.93 1.00 7.00 0.44 1.87 0.84

Behavioral Intention (TAM) 4.50 1.06 1.00 7.00 0.02 1.23 0.70

Actual Use (TAM) 4.45 1.04 1.00 7.00 0.14 1.32 0.85

Extraversion (BFI) 3.36 0.72 1.13 5.00 −0.12 −0.22 0.87

Neuroticism (BFI) 3.09 0.60 1.50 5.00 0.12 −0.01 0.84

Agreeableness (BFI) 3.70 0.64 1.67 5.00 −0.10 −0.59 0.81

Conscientiousness (BFI) 3.52 0.67 1.33 5.00 −0.09 −0.28 0.72

Openness (BFI) 3.48 0.60 1.50 4.70 0.11 −0.41 0.88

In the TAM questionnaire, respondents scored highest on the Perceived Usefulness
scale and lowest on the Perceived Ease of Use scale. The maximum score on the SAP
Learning Performance Test was 6 points, while the minimum score was 0. Reliability
analysis of the measurement variables, using the coefficient of internal consistency (Cron-
bach’s α), revealed that all variables can be considered reliable, as all exceed the threshold
score of 0.60, which is recommended as the minimum for the reliability of psychological
measurement instruments [63].

3.2. Analysis of Interrelationships Among Variables

The correlational analysis addressed the first set of hypotheses (H1) on the relation-
ship between personality traits and success in acquiring knowledge in the ICT domain.
Pearson’s correlation analysis (Table 2) revealed that SAP Learning Performance scores
positively correlate with Perceived Ease of Use and conscientiousness, and negatively
with agreeableness. Neuroticism shows a low but significant positive correlation with
Behavioral Intention (BI). On the other hand, openness also shows low but significant
positive correlations with Actual Use (AU).

This analysis also provides an answer to the hypotheses proposed in the first set
of specific hypotheses. It confirmed positive correlations with conscientiousness (H1.2),
found no significant effect for neuroticism (H1.1), and unexpectedly revealed a negative
correlation with agreeableness. Thus, the hypotheses regarding conscientiousness and
openness were supported.

In order to examine the collective contribution and the effects of personality traits
on the success of SAP learning, multiple regression analysis was employed (Table 3).
Regression analysis showed that personality traits explain 4% of the variance in the SAP
Learning Performance Test, with lower agreeableness significantly predicting higher SAP
scores. This finding supports H2.
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Table 2. Intercorrelations of the variables used in the study.

Variable 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16

SAP l.p.index -
PU (TAM) 0.01 0.05 -
PeU(TAM) 0.09 * −0.01 0.52 ** -
BI (TAM) −0.02 0.01 0.62 ** 0.56 ** -
AU (TAM) 0.01 −0.05 0.68 ** 0.54 ** 0.74 ** -
Extraversion −0.08 0.05 0.06 0.05 0.04 0.07 0.01 0.03 −0.01 0.04 −0.03 −0.02 -
Neuroticism −0.04 0.02 0.02 −0.08 0.12 * 0.02 −0.01 −0.03 −0.03 0.01 0.01 0.03 −0.09 -
Agreeableness −0.17 ** 0.02 0.06 −0.02 0.01 −0.02 0.09 0.06 0.05 0.09 −0.01 0.05 0.40 ** −0.02 -
Conscientiousness 0.15 ** −0.09 * 0.01 0.03 0.01 −0.02 0.01 −0.02 0.02 0.02 −0.02 0.01 0.32 ** 0.17 ** 0.49 ** -
Openness −0.05 0.13 ** −0.01 −0.04 −0.05 0.10 * 0.11 * 0.07 0.01 0.10 * 0.02 0.06 0.35 ** 0.03 0.35 ** 0.24 **

Note: PU—Perceived Usefulness; PeU—Perceived Ease of Use; BI—Behavioral Intention; AU—Actual Use. * p < 0.05. ** p < 0.01.
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Table 3. The combined contribution of personality traits to SAP acceptance.

SAP Learning Performance Index

β T p

Extraversion −0.02 −0.33 0.74
Neuroticism −0.08 −1.51 0.13
Agreeableness −0.13 −2.01 0.04
Conscientiousness 0.10 1.66 0.09
Openness 0.03 0.50 0.61

Model Significance F(5, 359) = 3.10, p < 0.01, R = 0.20, R2 = 0.04
Note: F—value of the F-test; R—multiple correlation coefficient; R2—coefficient of multiple determination;
β—partial contribution of the predictor; t—value of the t-test.

A series of moderation analyses was conducted using the PROCESS macro for
SPSS [64] to address Hypothesis H3.

The macro estimates the moderation model’s overall significance and the interac-
tion effect between predictor and moderator variables. Moderation is confirmed only if
this interaction is statistically significant. If so, it can be visualized using syntax from
the PROCESS output. Significance is further supported when the confidence interval
(ULCI–LLCI) excludes the value 0.00. To establish the levels of the moderating variables,
the median-split method was employed [62]. This approach divides participants into
two relatively equal groups based on the scores of the moderating variable, categorizing
them as individuals with either higher or lower levels of the moderator. These groups then
serve as a categorical variable required for conducting moderation analysis, particularly
when examining the nature of the moderator and its potential interactive effects with the
predictor variable.

Based on the median-split criterion, participants were grouped according to the levels
of the moderating variables, as shown in Table 4.

Table 4. Participant categorization according to the moderator variable (TAM) of intention to use
new technologies.

Moderator Lower Scores Highers Scores

Perceived Usefulness (PU) 50.5% participants 49.5% participants
Perceived Ease of Use (PeU) 54.9% participants 45.1% participants

Behavioral Intention (BI) 53.5% participants 46.7% participants
Actual Use (AU) 53.3% participants 46.7% participants

The first set of moderation analyses focused on the relationship between personality
traits and the SAP Learning Performance Index, with intention to use new technologies
serving as the moderating variable in this relationship (Table 5).

Perceived Ease of Use (PeU) showed a significant interaction with extraversion
and SAP acceptance, adding 1% to explained variance, evident only in high PeU scores
(β = −0.29, SE = 0.12, t = −2.48, p < 0.01, LLCI = −0.51, ULCI = −0.06), and not among those
with low PeU scores (β = 0.04, SE = 0.11, t = 0.36, p = 0.72, LLCI = −0.17, ULCI = 0.26). In
this case, students with higher levels of extraversion and higher PeU scores demonstrated
lower performance in the SAP Learning Performance test.

Behavioral Intention (BI) as a moderator revealed a significant interaction between
extraversion and SAP learning performance, explaining an additional 1% of variance. This
effect was significant only among participants with high BI (β = −0.29, p < 0.01), indicating
that highly extraverted students with strong intentions to use new technologies tend to
perform worse in SAP learning tasks.
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Table 5. Moderating effect of intention to use modern technologies (TAM) on the relationship between
BFI and SAP Learning Performance Index.

Extraversion Model Significance Parameters Interaction Significance

Perceived Usefulness (PU) F = 1.17; R2 = 0.01; p = 0.32 ∆R2 = 0.00; F = 1.32; p = 0.25
Perceived Ease of Use (PeU) F = 2.35; R2 = 0.02; p = 0.07 ∆R2 = 0.01; F = 4.14; p = 0.04
Behavioral Intention (BI) F = 2.29; R2 = 0.02, p = 0.08 ∆R2 = 0.01; F = 3.67; p = 0.05
Actual Use (AU) F = 1.33; R2 = 0.01, p = 0.26 ∆R2 = 0.01; F = 2.08; p = 0.15

Neuroticism Model Significance Parameters Interaction Significance

Perceived Usefulness (PU) F = 0.17; R2 = 0.00; p = 0.92 ∆R2 = 0.00; F = 0.00; p = 0.98
Perceived Ease of Use (PeU) F = 1.19; R2 = 0.01; p = 0.31 ∆R2 = 0.00; F = 1.22; p = 0.27
Behavioral Intention (BI) F = 0.62; R2 = 0.00, p = 0.60 ∆R2 = 0.00; F = 0.57; p = 0.45
Actual Use (AU) F = 0.28; R2 = 0.00, p = 0.84 ∆R2 = 0.00; F = 0.27; p = 0.60

Agreeableness Model Significance Parameters Interaction Significance

Perceived Usefulness (PU) F = 4.67; R2 = 0.03; p = 0.00 ∆R2 = 0.00; F = 0.18; p = 0.67
Perceived Ease of Use (PeU) F = 5.79; R2 = 0.04; p = 0.00 ∆R2 = 0.00; F = 1.99; p = 0.16
Behavioral Intention (BI) F = 4.84; R2 = 0.04, p = 0.00 ∆R2 = 0.00; F = 1.02; p = 0.31
Actual Use (AU) F = 4.33; R2 = 0.03, p = 0.01 ∆R2 = 0.00; F = 0.03; p = 0.86

Openness Model Significance Parameters Interaction Significance

Perceived Usefulness (PU) F = 0.66; R2 = 0.01; p = 0.57 ∆R2 = 0.00; F = 0.56; p = 0.45
Perceived Ease of Use (PeU) F = 1.37; R2 = 0.01; p = 0.25 ∆R2 = 0.00; F = 1.33; p = 0.25
Behavioral Intention (BI) F = 0.82; R2 = 0.04, p = 0.48 ∆R2 = 0.00; F = 0.59; p = 0.44
Actual Use (AU) F = 0.43; R2 = 0.00, p = 0.73 ∆R2 = 0.00; F = 0.03; p = 0.86

Conscientiousness Model Significance Parameters Interaction Significance

Perceived Usefulness (PU) F = 5.17; R2 = 0.04; p = 0.00 ∆R2 = 0.01; F = 4.97; p = 0.03
Perceived Ease of Use (PeU) F = 4.71; R2 = 0.03; p = 0.00 ∆R2 = 0.01; F = 2.52; p = 0.11
Behavioral Intention (BI) F = 3.85; R2 = 0.03, p = 0.01 ∆R2 = 0.00; F = 0.97; p = 0.32
Actual Use (AU) F = 4.70; R2 = 0.03, p = 0.00 ∆R2 = 0.01; F = 4.03; p = 0.05

Note: F—test value F-test; R2—coefficient of multiple determination; p—significance level.

The results also indicate a statistically significant effect of Perceived Usefulness and
Actual Use in interaction with conscientiousness. Specifically, PU contributes an additional
1% to the explanation of the relationship between conscientiousness and the SAP Learning
test. This effect is significant only among participants with lower levels of PU (β = −0.47,
SE = 0.12, t = −3.85, p < 0.01, LLCI = −0.72, ULCI = −0.23), while no significant effect is
observed among those with higher PU scores (β = −0.10, SE = 0.12, t = −0.82, p = 0.41,
LLCI = −0.33, ULCI = 0.13).

The interaction with Actual Use contributes an additional 1% to explaining the link
between conscientiousness and SAP learning performance. A significant effect is observed
only among participants who exhibit lower levels of AU of new technologies (β = −0.44,
SE = 0.12, t = −3.66, p < 0.01, LLCI = −0.68, ULCI = −0.20), but not among those with higher
levels of PU (β = −0.10, SE = 0.12, t = −0.83, p = 0.41, LLCI = −0.34, ULCI = 0.14). Although
participants with higher levels of conscientiousness tend to achieve better outcomes, those
with lower levels of AU score lower on the SAP learning performance test.

Overall, Hypothesis 3 is confirmed by the interactions of extraversion with PeU and
BI, and conscientiousness with PU and AU. Each of these interactions strengthen the
relationship with SAP scores by 1%, thereby supporting Hypothesis 3. However, these
interactions accounted for only an additional 1% of the variance in SAP performance scores,
suggesting that, while the moderating effects are statistically significant, their contribution
to the overall explanation of learning success in SAP S/4HANA software is fairly modest.



Computers 2025, 14, 445 14 of 21

And finally, for the evaluation of Hypothesis 4, a descriptive analysis of the variables
used across student groups was conducted, taking into account the student groups that
participated in the study: Management students and IT students (Table 6).

Table 6. Descriptive statistics and reliability of the variables used—presented by student group.

Information Systems M SD min max Sk Ku

SAP Learning Performance Index 1.68 1.13 0.00 6.00 0.54 0.27
Perceived Usefulness (PU) (TAM) 4.45 1.13 1.00 7.00 0.20 0.21
Perceived Ease of Use (TAM) 4.34 0.88 1.00 7.00 0.49 2.34
Behavioral Intention (TAM) 4.33 1.02 1.00 7.00 −0.05 1.92
Actual Use (TAM) 4.30 0.99 1.00 7.00 −0.02 1.98
Extraversion (BFI) 3.25 0.73 1.13 5.00 −0.01 0.02
Neuroticism (BFI) 3.07 0.60 1.50 5.00 0.09 0.15
Agreeableness (BFI) 3.65 0.66 1.67 5.00 −0.05 −0.47
Conscientiousness (BFI) 3.45 0.67 1.33 5.00 −0.01 −0.04
Openness (BFI) 3.44 0.61 1.50 4.70 0.03 0.27

Management M SD min max Sk Ku

SAP Learning Performance Index 1.57 1.19 0.00 6.00 1.01 1.52
Perceived Usefulness (PU) (TAM) 4.80 1.16 1.00 7.00 −0.12 0.04
Perceived Ease of Use (TAM) 4.47 1.00 1.00 7.00 0.32 1.33
Behavioral Intention (TAM) 4.66 1.13 1.00 7.00 0.09 0.24
Actual Use (TAM) 4.71 1.08 1.00 7.00 0.26 0.43
Extraversion (BFI) 3.56 0.66 1.75 4.75 −0.26 −0.62
Neuroticism (BFI) 3.13 0.59 1.63 4.63 0.18 −0.32
Agreeableness (BFI) 3.79 0.60 2.56 5.00 −0.15 −0.94
Conscientiousness (BFI) 3.64 0.67 1.78 5.00 −0.04 −0.64
Openness (BFI) 3.55 0.58 1.80 4.60 −0.38 −0.32

By comparing the two student groups across the examined variables using an indepen-
dent samples t-test, it was found that differences could be detected for several variables: Per-
ceived Usefulness (PU) (t = −2.97, p < 0.01), Behavioral Intention (BI) (t = −3.03, p < 0.01),
Actual Use (AU) (t = −3.80, p < 0.01), extraversion (t = −4.32, p < 0.01), agreeableness
(t = −2.12, p < 0.05) and conscientiousness (t = −2.77, p < 0.01).

On all of these variables, Management students achieved higher scores compared to
IT students. Management students were more likely to exhibit higher levels of intention to
use new technologies (TAM) and also showed higher levels of extraversion, agreeableness,
and conscientiousness than IT students. No statistically significant differences were found
between the two groups for the remaining variables.

To examine the moderating effects of TAM factors on the relationship between person-
ality traits and SAP learning performance among IT and Management students, the same
statistical principles of moderation and median split were applied. This framework enabled
the comparison of moderating effects across the two student groups, in accordance with
the requirements of Hypothesis 4, and facilitated the assessment of potential differences in
the moderator effects between the two groups of students.

The results of the moderation analysis, as shown in Table 7, revealed no differences
between the two student groups, leading Hypothesis 4 to be rejected.
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Table 7. Moderating effect of intention to use modern technologies (TAM) on the relationship between
personality traits (BFI) and SAP Learning Performance Index across student subgroups.

Extraversion Model Significance Parameters Interaction Significance

Perceived Usefulness × Group F = 1.12; R2 = 0.02; p = 0.35 ∆R2 = 0.00; F = 0.10; p = 0.75
Perceived Ease of Use × Group F = 2.19; R2 = 0.04; p = 0.03 ∆R2 = 0.01; F = 3.44; p = 0.06
Intention to Use × Group F = 1.53; R2 = 0.03, p = 0.16 ∆R2 = 0.00; F = 0.26; p = 0.61
Actual Use × Group F = 1.34; R2 = 0.02, p = 0.33 ∆R2 = 0.00; F = 0.29; p = 0.59

Neuroticism Model Significance Parameters Interaction Significance

Perceived Usefulness × Group F = 0.66; R2 = 0.01; p = 0.77 ∆R2 = 0.00; F = 0.00; p = 0.96
Perceived Ease of Use × Group F = 1.33; R2 = 0.02; p = 0.24 ∆R2 = 0.00; F = 0.61; p = 0.43
Intention to Use × Group F = 0.91; R2 = 0.02, p = 0.50 ∆R2 = 0.00; F = 0.00; p = 0.99
Actual Use × Group F = 0.87; R2 = 0.02, p = 0.53 ∆R2 = 0.00; F = 0.00; p = 0.95

Agreeableness Model Significance Parameters Interaction Significance

Perceived Usefulness × Group F = 2.72; R2 = 0.05; p = 0.01 ∆R2 = 0.00; F = 0.03; p = 0.86
Perceived Ease of Use × Group F = 3.45; R2 = 0.06; p = 0.00 ∆R2 = 0.00; F = 1.12; p = 0.29
Intention to Use × Group F = 2.80; R2 = 0.05, p = 0.01 ∆R2 = 0.00; F = 0.02; p = 0.89
Actual Use × Group F = 2.86; R2 = 0.05, p = 0.01 ∆R2 = 0.00; F = 0.15; p = 0.70

Conscientiousness Model Significance Parameters Interaction Significance

Perceived Usefulness × Group F = 3.04; R2 = 0.05; p = 0.00 ∆R2 = 0.00; F = 0.01; p = 0.92
Perceived Ease of Use × Group F = 3.31; R2 = 0.06; p = 0.00 ∆R2 = 0.01; F = 3.24; p = 0.07
Intention to Use × Group F = 2.28; R2 = 0.04, p = 0.03 ∆R2 = 0.00; F = 0.08; p = 0.78
Actual Use × Group F = 3.16; R2 = 0.05, p = 0.00 ∆R2 = 0.00; F = 0.00; p = 0.99

Openness Model Significance Parameters Interaction Significance

Perceived Usefulness × Group F = 1.58; R2 = 0.03; p = 0.14 ∆R2 = 0.00; F = 0.79; p = 0.37
Perceived Ease of Use × Group F = 1.97; R2 = 0.03; p = 0.06 ∆R2 = 0.00; F = 0.78; p = 0.38
Intention to Use × Group F = 1.48; R2 = 0.03, p = 0.17 ∆R2 = 0.00; F = 0.62; p = 0.43
Actual Use × Group F = 1.42; R2 = 0.03, p = 0.20 ∆R2 = 0.00; F = 0.33; p = 0.57

4. Discussion
The findings of this study present clear evidence that personality traits have an impact

on technology acceptance. Conscientiousness and openness were positively associated
with SAP knowledge acquisition, supporting prior findings on their relevance for academic
and professional success [31,32]. However, the expected negative correlation between
neuroticism and SAP performance was not observed, diverging from studies linking
neuroticism to lower academic achievement and reduced technology adoption [13,35,41].
This may be due to the brief exposure to SAP/ERP (45 min, one module), which likely
did not elicit sufficient stress for neuroticism-related effects to emerge. The unexpected
finding—the negative correlation between agreeableness and the SAP Learning Perfor-
mance Index—contrasts with the majority of prior research in the fields of technology
acceptance [37,65] and academic achievement [32]. This result suggests that students with
lower levels of agreeableness—typically more individualistic and competitive—may be
more prone to adopting a proactive approach to learning SAP, leading to better outcomes.
It may also be attributed to the specific nature of SAP/ERP software, which requires a
high degree of self-sufficiency. These insights underscore the relevance of interpersonal
traits, and they open avenues for further research into their impact on the acquisition of
technological skills.

The interaction of extraversion with Perceived Ease of Use (PeU) and Behavioral
Intention (BI), as well as the interaction of conscientiousness with Perceived Usefulness
(PU) and Actual Use (AU), each contributed to a 1% increase in SAP performance scores.
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Despite being statistically significant, these effects explained only an additional 1% of the
total variance in SAP learning outcomes, indicating that their overall influence on learning
success within SAP software is marginal.

Finally, our results suggest that IT and Management students show no significant dif-
ferences in the way technology acceptance moderates the relationship between personality
traits and SAP learning performance. This may be a consequence of the nature of SAP/ERP
software, which requires specific prior business and technical knowledge [19,57] that may
present similar challenges for both student groups, given that they are first-year students.

5. Practical Implications
The initial aim of this study was to contribute to the existing theoretical frame-

work by enhancing our understanding of student characteristics in the context of ERP
technology acceptance.

The findings support the possibility of designing tailor-made training programs dur-
ing the SAP/ERP education process, which would be adapted to users’ personality traits
in order to facilitate more efficient and accessible learning. More contemporary training
approaches—such as gamified learning—could be employed, especially considering that
game-based methods have proven to be more effective than traditional training in enhanc-
ing user motivation to adopt new IT systems [66]. Furthermore, according to the same
study, Perceived Ease of Use also had a stronger influence on users’ intention to adopt the
system among individuals who undertook game-based training [66].

For example, since extroverted individuals often prefer learning through interaction
and hands-on experiences, training in the form of interactive SAP gaming is recommended
for this type of user, as it provides a sufficiently stimulating environment. This approach
includes group-based processes, various types of simulations and interactive challenges
within the SAP context, which can lead to improved learning performance through the
kinds of team interaction and experiential engagement that suit extroverted individuals.
Extraverted individuals often favor learning through interaction and hands-on experiences,
whereas mastering ERP systems typically demands high levels of focus and analytical
thinking, and may represent a less stimulating environment for them. This pattern aligns
with theoretical frameworks linking extraversion to a preference for external stimuli and
social interactions [33,34,62].

On the other hand, students with lower levels of agreeableness [36], characterized by
higher tendencies toward disagreeableness, egocentrism, and competitiveness, may exhibit
greater intrinsic motivation to independently engage with and acquire new technologies
such as SAP. For these individuals, engaging tasks would include individual assignments
and competitive problem-solving activities without necessarily relying on peer collabora-
tion. Self-paced training with a variety of learning resources, available in multiple formats
and hands-on exercises within live SAP training systems, would be recommended for them.

A second practical implication emerging from this study concerns the acceptance and
learning of SAP/ERP systems. Specifically, the findings suggest that general SAP/ERP
training standardized in terms of content and information delivery and designed inde-
pendently of students’ academic background could be adapted to individual personality
traits. As demonstrated by this research, personality traits have a greater impact than the
specific academic major on knowledge acquisition related to SAP/ERP systems. These
findings are relevant only to students in the fields of Information Systems and Technology,
Organizational Sciences, and Management.

The third practical implication refers to applying insights from this study to help
organizations tailor training programs to better match employee characteristics during the
implementation of SAP ERP systems, although this may potentially limit the generalizabil-
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ity of the findings to broader employee populations beyond the study sample [13,67]. As
employee frustration often stems from insufficient IT knowledge and skills, end-user train-
ing plays a key role in shaping attitudes toward technology. Failures in its adoption can lead
to reduced productivity and a loss of competitive advantage [68,69]. Therefore, tailor-made
training solutions according to individual differences could be valuable solution.

6. Conclusions
The results of this study offer valuable contributions to our understanding of the role

of personality traits and technology acceptance among first-year university students in the
context of SAP/ERP system learning, emphasizing the critical importance of individual
personality differences across academic disciplines. Specifically, the results demonstrate
that lower levels of agreeableness emerge as a significant predictor of SAP/ERP learning
success, accounting for 4% of the explained variance.

The intention to use new technology, as defined by TAM, influenced the strength of the
relationship between personality traits and the SAP Learning Performance Index. However,
the effect was marginal, indicating that the overall contribution of these factors to learning
outcomes remains limited.

Ultimately, IT and Management students showed no notable differences in how tech-
nology acceptance intentions influenced the relationship between personality traits and
SAP learning, suggesting that this effect remains consistent across academic disciplines.

Overall, considering the results obtained in this study, the findings have practical im-
plications for the design of educational programs, highlighting the importance of tailoring
learning methods to individual personality characteristics. Aligning instructional strategies
with these traits may enhance the effectiveness of SAP learning and foster greater user
engagement with ERP technologies.

7. Limitations
Certain limitations should be considered when interpreting these findings. The use of

student samples in information system (IS) research remains a frequently debated method-
ological choice, potentially limiting the generalizability of findings [13,67]. However, within
the context of this study, the convenience sample consisting of first-year IT and Manage-
ment students may be considered appropriate, as it was their first exposure to an enterprise
technology, such as SAP/ERP, that aligns with their selected academic and professional
fields. However, it must be noted that the participants were at the very beginning of their
studies (freshmen in the early second semester), and thus may not yet have possessed the
necessary prior business knowledge—particularly regarding sales processes—that would
facilitate a deeper understanding and easier adoption of the system [19,61]. Moreover, the
sample was restricted to students from IT and Management groups, thereby excluding
other academic and professional groups that may exhibit different learning patterns and
technology acceptance behaviors [54].

8. Recommendations for Future Studies
Due to the time limitations of this research design, the inclusion of additional SAP mod-

ules was not feasible. Consequently, future research could expand upon these findings by
incorporating multiple SAP modules and including other factors, such as the digital compe-
tencies of students, which may further influence the process of ERP technology acceptance.

For future research, it is recommended to include students from higher years of
study, who possess broader business and technical knowledge, as well as students from
diverse academic disciplines. Such an approach would provide deeper insights into how
these relationships vary across different fields of study and how they evolve over time,
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following the processes of adaptation to and adoption of SAP/ERP systems. Moreover, the
experimental design should be further refined to incorporate additional factors that may
influence learning success and technology acceptance.
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61. Bošković, D. Model prihvatanja tehnologije i primena na komunikacione platforme. In Doctoral Dissertation; University of Novi

Sad: Novi Sad, Serbia, 2021.
62. DeCoster, J.; Gallucci, M.; Iselin, A.M.R. Best Practices for Using Median Splits, Artificial Categorization, and Their Continuous

Alternatives. J. Exp. Psychopathol. 2011, 2, 197–209. [CrossRef]
63. Tabachnick, B.G.; Fidell, L.S.; Ullman, J.B. Using Multivariate Statistics, 7th ed.; Pearson: Boston, MA, USA, 2019.
64. Hayes, A.F. Introduction to Mediation, Moderation, and Conditional Process Analysis: A Regression-Based Approach; Guilford Publica-

tions: New York, NY, USA, 2017.

https://doi.org/10.1016/j.paid.2008.06.013
https://doi.org/10.1080/0144929X.2011.553740
https://doi.org/10.1016/j.chb.2012.05.019
https://doi.org/10.1037/0021-9010.91.4.927
https://doi.org/10.1037/bul0000226
https://doi.org/10.2307/30036540
https://doi.org/10.1016/j.jrp.2009.11.002
https://doi.org/10.1111/j.1744-6570.1991.tb00688.x
https://doi.org/10.1111/j.1744-6570.2005.00301.x
https://doi.org/10.1037/0021-9010.87.4.797
https://doi.org/10.1027/1016-9040/a000236
https://doi.org/10.1111/j.1744-6570.2000.tb00214.x
https://doi.org/10.1037/0003-066X.54.7.493
https://doi.org/10.1016/S0191-8869(01)00171-4
https://doi.org/10.1017/psrm.2017.14
https://doi.org/10.1016/j.chb.2016.09.061
https://doi.org/10.1080/07421222.2003.11045776
https://doi.org/10.5267/j.ijdns.2022.6.013
https://doi.org/10.5127/jep.008310


Computers 2025, 14, 445 21 of 21

65. McElroy, J.C.; Hendrickson, A.; Townsend, A.M.; DeMarie, S.M. Dispositional factors in internet use: Personality versus cognitive
style. MIS Q. 2007, 31, 809–820. [CrossRef]

66. Venkatesh, V.; Speier, C. Computer Technology Training in the Workplace: A Longitudinal Investigation of the Effect of Mood.
Organ. Behav. Hum. Decis. Process. 1999, 79, 1–28. [CrossRef]

67. Compeau, D.; Marcolin, B.; Kelley, H.; Higgins, C. Research Commentary—Generalizability of Information Systems Research
Using Student Subjects: A Reflection on Our Practices and Recommendations for Future Research. Inf. Syst. Res. 2012, 23,
1093–1109. [CrossRef]

68. Chen, C.C.; Law, C.C.; Yang, S.C. Managing ERP Implementation Failure: A Project Management Perspective. IEEE Trans. Eng.
Manag. 2009, 56, 157–170. [CrossRef]

69. Rouhani, S.; Mehri, M. Empowering Benefits of ERP Systems Implementation: Empirical Study of Industrial Firms. J. Syst. Inf.
Technol. 2018, 20, 54–72. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.2307/25148821
https://doi.org/10.1006/obhd.1999.2837
https://doi.org/10.1287/isre.1120.0423
https://doi.org/10.1109/TEM.2008.2009802
https://doi.org/10.1108/JSIT-05-2017-0038

	Introduction 
	The Importance of Technology Acceptance Theories in Contemporary IS Research 
	Innovative ERP Learning for Students Using SAP S/4HANA 
	Student Adoption of Technology: The Role of Personal Differences and the TAM Framework 
	Hypothesys Development 

	Research Method 
	Results 
	Descriptive Statistics and Reliability Analysis of Variables 
	Analysis of Interrelationships Among Variables 

	Discussion 
	Practical Implications 
	Conclusions 
	Limitations 
	Recommendations for Future Studies 
	References

