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Abstract

Excessive screen usage and exposure to emotionally charged content are public health
concerns because they correlate with emotional eating and weight gain. This study investi-
gated the relationship between emotionally charged screen content, emotional shifts, and
subsequent food selection. Seventy-two students were randomized to watch happy, sad, or
anxiety-eliciting videos. The Discrete Emotions Questionnaire and Wilcoxon signed-rank
tests measured changes in emotion. Following the post-questionnaire, students were in-
vited to select from pre-packaged food items. Correlation analysis examined relationships
between emotional change and standardized food selection. Use of TikTok and video
streaming platforms was associated with higher odds of overweight (p < 0.05). “Happy”
screen content correlated with increases in happiness, satisfaction, liking (p < 0.01), enjoy-
ment, calm, and relaxation (p < 0.05), and a reduction in sadness (p < 0.05) among students.
“Sad” screen content was associated with increases in sadness (p < 0.001), grief, dread, and
worry (p < 0.05). Positive emotions, such as easygoing, were negatively correlated with
savory food selection (r = −0.95, p < 0.05). Loneliness positively correlated with sweet food
selections (r = 0.99, p < 0.05). Emotive screen content is associated with emotional shifts
that potentially influence food selection. These findings highlight the need for targeted
interventions to address emotional eating among college students.
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1. Introduction
Generation Z individuals (Gen Z), those born between 1997 and 2012, spend a signifi-

cant portion of their daily lives engaged in screen time (ST), utilizing televisions, computers,
smartphones, tablets, and other digital devices to consume entertainment media [1]. The
Gen Z population averages approximately 8.8 h of ST per day [2], most commonly fre-
quenting sites such as YouTube, Instagram, Snapchat, and TikTok [3]. This abundant time
exposed to screens [4], consuming media content, has led to growing concerns about its
impact on the weight and health status of this population. Evidence indicates that ST is
positively associated with elevated Body Mass Index (BMI), due to increased mindless
eating, increased calorie intake, and greater sedentary behavior [5,6]. In a Costigan et al. [7]
meta-analysis, 32 out of 33 studies identified a strong positive relationship between ST and
weight status. In addition, a study by van Ekris et al. [8] found a strong correlation between
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screen use and BMI. An elevated BMI, classified as overweight (BMI 25–29.9) or obesity
(BMI 30–34.9), is associated with an increased risk of many metabolic diseases, including
type 2 diabetes, heart disease, and high blood pressure [9]. With approximately 56% of Gen
Zers, aged 18–25, having a BMI of 25 or higher [10], this cohort is expected to experience a
substantial increase in the burden of metabolic disease in the years ahead [11].

Beyond its impact on weight and metabolic health, ST is a significant concern for the
emotional well-being of Gen Z college students. Excessive ST exposes this generation to an
overwhelming amount of emotionally charged stimuli, which contributes to heightened
negative emotional responses [12]. Research consistently demonstrates a strong correlation
between screen use and poor mental health outcomes [13], with just two hours of daily
screen use being directly linked to increased feelings of anxiety and sadness [7,14–16].
Given that previous studies report alarming rates of mental health struggles among college
students—41% experiencing depression, 36% dealing with anxiety, and 14% seriously
considering suicide during the 2022–2023 school year [17]—it is crucial to identify factors
contributing to this public health crisis.

Multiple studies have demonstrated that feelings of anxiety or sadness among college-
aged individuals are associated with an increased prevalence of emotional eating: the
consumption of food for comfort rather than physiological hunger [18–22]. Notably, emo-
tional eating is not solely correlated with negative emotions; positive emotions, such as
feeling happy, can trigger increased food intake (positive emotional eating), as well [23].
Foods most frequently craved during emotional eating include readily available ultra-
processed foods (UPFs)—industrial formulations containing excessive amounts of sugar,
fat, and calories [24]. The consumption of UPFs is concerning, as substantial evidence has as-
sociated their intake with elevated BMI and the development of metabolic disorders [25,26].
Moreover, evidence indicates that UPFs themselves function as an independent risk factor
for poor emotional health, including heightened symptoms of depression, anxiety, and
emotional dysregulation [27]. This issue is further exacerbated by the disproportionately
high consumption of UPFs among younger individuals, including Generation Z individuals
(Gen Zers) [28]. Therefore, emotional shifts triggered by emotive screen content must be
considered as a factor contributing to emotional eating and the obtainment of UPFs among
this population.

Identifying a relationship between emotive screen content, emotional state, and the
subsequent acquisition of ultra-processed foods presents an opportunity to develop tar-
geted interventions that proactively manage mood fluctuations, reduce emotional eating,
and promote healthier dietary choices. Given that college-aged Gen Zers spend significant
screen time exposed to potentially emotive content, frequently report significant mental
health struggles, and are the most prevalent consumers of ultra-processed foods, they
represent an ideal demographic for this investigation. Therefore, the purpose of this study
was to investigate the association between exposure to emotionally charged screen content
and alterations in emotional state, and to evaluate whether these emotional shifts impact
subsequent food choices among Generation Z college students.

2. Materials and Methods
Study subjects were recruited using the Sona Systems® (Bethesda, MD. https://www.

sona-systems.com/contact-us/ (accessed on 1 May 2024)) participation pool at Farmingdale
State College, Farmingdale, NY. Numerous research studies are advertised through this
platform, from which students may randomly select. Students who selected this study
were provided with a general overview of its design before consenting to participate.
Following consent, participants were randomly assigned a day and time to view one of
the four emotionally charged video clips. The Sona Systems® participation pool consists of
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students from the departments of Nutrition, Health and Wellness, Psychology, and Business.
Study involvement was voluntary and equally available to all Sona Systems® enrollees.
Consequently, the final sample size reflected the total number of volunteers who met the
inclusion criteria and completed the study. Incentives for participation included extra credit
and entry into a raffle for a $50 Amazon gift card. Participants were aged 18 to 25 years,
provided informed consent before participating in the study, and were debriefed regarding
study endpoints after completion of the questionnaires. Ethical approval for the study was
obtained from the Institutional Review Board (IRB) at Farmingdale State College.

Figure 1 illustrates the flow of this four-armed study, based on the categorization of
emotions found in the Discrete Emotions Questionnaire (DEQ). The DEQ is a reliable and
validated tool used to identify negative emotions, including sadness (sad, grief, empty,
lonely), anxiety (dread, anxiety, worry, nervous), as well as positive emotions: happi-
ness (happy, enjoyment, liking, satisfaction), and neutrality (easygoing, chilled out, calm,
relaxation) [29].

Figure 1. Four-Arm Study Design.

Upon arrival, participants scanned a QR code to access an anonymous Qualtrics ques-
tionnaire (File S1). After reviewing and signing the informed consent form, participants
completed a questionnaire to collect demographic information, self-reported height, weight,
and screen time usage of various media entertainment platforms. Participants then com-
pleted the 16-item Discrete Emotions Questionnaire and received a random 5-digit number
to use on the post-questionnaire. Upon completion of the survey, students watched one of
the following video clips previously validated for their potential to elicit overall feelings of
sadness, anxiety, happiness, or neutrality [30]:

“Sad Exposure”—a 3 min and 2 s (3:02) video clip from the movie “My Sister’s
Keeper” in which, after a long battle with cancer, a dying teenage girl says goodbye to her
mother [31].

“Happy Exposure”—a 2:59 video clip from the movie “Soul Surfer” based on surfer
Bethany Hamilton as she returns to competition after losing her arm in a shark attack and
surfs an epic wave [32].

“Anxious Exposure”—a 3:20 video clip from “Cast Away” in which a FedEx em-
ployee’s plane crashes into the Pacific Ocean, and he fights to stay afloat [33].

“Neutral Exposure”—a 3:05 video clip demonstrating how to cut fabric for a pillow-
case [34].

Film clips are commonly used to elicit subjectively experienced emotional states for
many research purposes [35,36].
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Subsequently, participants were redirected to the Qualtrics questionnaire to enter their
unique 5-digit number and complete the 16-item discrete emotion checklist anew. After
completing the survey a second time, the study coordinator exposed a previously covered
table containing pre-quantified packaged foods. Students were invited to choose any and
as many of the food items as desired. To avoid confounders, the foods were presented
similarly to each exposure group, and the study coordinator left the room when students
made their food selections. Therefore, neither individual food selections nor consumption
of the selected foods by participants were observed or recorded. In addition, all four
exposures were performed between 1:30 and 2:30 PM (after lunchtime) to control hunger-
driven food choices. Participants were allowed unrestricted access to a variety of savory
and sweet foods. Savory items included chicken-flavored ramen noodles, cheese sticks,
salted cashews, and potato chips, whereas sweet items included fruit-flavored gummies,
mini muffins, cereal, and milk chocolate. The foods included in the present study were
intentionally selected based on prior research demonstrating a meaningful relationship
between emotional states and corresponding food-selection behaviors; a significant correla-
tion between negative emotional states and the increased consumption of calorie-dense,
low-nutrient snack-type foods and sweet “comfort” foods [37] has been demonstrated.
Chocolate, specifically, was shown to be frequently craved and consumed among those
experiencing negative mood states [38]. In addition to chocolate, van Strien et al. [39]
utilized salty nuts, chips, jellies, and sugary cereal to measure study subjects’ emotionally
driven food choices. After all participants departed the exposure room, the remaining
packaged food items were tallied for differential analysis. Students were unaware that food
selection was an endpoint of the study until debriefing.

Within two hours of the final study session, participants received a debriefing via
SONA, disclosing that the food choices were an actual endpoint of the experiment. Students
were then given the option to remove their data from the study while remaining eligible to
acquire the aforementioned incentives.

Data analysis was conducted using R programming (R 4.4.1), with a series of statistical
tests applied to explore differences among groups, associations between variables, and
patterns in response to experimental manipulations. We first summarized descriptive
statistics for demographic characteristics (e.g., age, gender, ethnicity) and baseline variables
across the four exposure groups and examined group differences in the four exposure
groups. For continuous variables, baseline group differences were tested using the Kruskal–
Wallis test, due to its suitability for non-parametric data. Chi-squared tests were used
to compare categorical variables among the groups. We conducted a logistic regression
analysis to investigate the association between social media usage and overweight sta-
tus [40]. In this model, overweight status (Y) served as the binary dependent variable,
where Y = 1 indicates that the participant has overweight (defined as BMI ≥ 25), and Y = 0
indicates otherwise. The probability of developing overweight (P(Y = 1)) is modeled as
a function of social media screen time (in hours) and demographic covariates using the
following equation:

logit(P(Y = 1)) = log
(

P(Y=1)
1−P(Y=1)

)
= β0 + β1 Age + β2Gender + β3Ethnicity + β4TikTokFreq

+β5 InstagramFreq + β6SnapchatFreq + β7YouTubeFreq

+β8FacebookFreq + β9StreamingFreq

In this equation, P(Y = 1) is the probability of developing overweight, β0 is the intercept
term, and β1, β2, . . ., β9 are the coefficients of each independent variable. Screen time
for each social media platform (e.g., TikTok, Instagram, Snapchat, YouTube, Facebook,
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and other social media and streaming services) was included as an independent ordinal
variable, and additional covariates (age, gender, ethnicity) were controlled for. The model
estimates these coefficients (β) to quantify the effect of each predictor on the log odds of
overweight status. The exponentiated coefficients (eβ) represent the odds ratios, which
indicate the relative change in the odds of overweight associated with a one-unit increase
in each predictor variable. Model fit was assessed using metrics such as McFadden’s R2 to
evaluate explanatory power.

To assess the impact of exposure to different video clips on emotion change, we
first performed Wilcoxon signed-rank tests within each exposure group to assess pre-post
changes in emotion scores, serving as manipulation checks for the emotion-eliciting stimuli.
Then, to examine whether the four video clips differed in their overall emotional impact,
we conducted a MANOVA, which allowed for intercorrelations among emotions and
provided a multivariate test of between-group differences. Finally, ANOVA tests were used
for individual emotions to identify the specific impact of video exposure on emotional
responses. To explore the relationship between emotional change and food selection,
we standardized food selection measures for savory and sweet foods by dividing total
selection by group size, because food selection was recorded at the group level rather than
the individual level for privacy concerns and group sizes differed slightly. This produced a
per capita food selection estimate that allowed comparable analysis across the four exposure
groups. Correlation analyses were then conducted to examine the associations between
changes in specific emotions and standardized food selection measures.

3. Results
3.1. Demographics, Anthropometry & Screen Time

Table 1 presents the demographic and baseline characteristics of participants across
the four exposure groups: Anxious (n = 21), Happy (n = 21), Neutral (n = 15), and Sad
(n = 15). The distribution of race across groups was predominantly White, followed by
Black or African American, Hispanic, and Other. Chi-square tests indicated no significant
differences in race distribution among the groups (p = 0.1627). In terms of ethnicity, the
majority of participants identified as non-Hispanic or Latino, with no statistically significant
difference across the groups. The gender distribution was similarly balanced across groups,
with no significant variation. The mean age of participants was approximately 21 years,
and the mean BMI ranged from 25.67 to 30.20 across the groups. Kruskal–Wallis tests
indicated no significant differences in age or BMI among the four groups. Screen usage was
reported across platforms, including TikTok, Instagram, Snapchat, YouTube, Facebook, and
other social media and streaming services. Usage rates did not differ significantly among
the exposure groups for any of these platforms, as indicated by the chi-square test results
(all p > 0.05).

Table 1. Descriptive Statistics of Study Subjects.

Anxious Happy Neutral Sad p Test Statistics

n 21 21 15 15
Race (%) 0.1627 20.2450

White 18 (85.7) 8 (38.1) 7 (46.7) 9 (60.0)
Black or African American 1 (4.8) 6 (28.6) 6 (40.0) 2 (13.3)

Hispanic 1 (4.8) 1 (4.8) 0 (0.0) 1 (6.7)
Asian 0 (0.0) 1 (4.8) 1 (6.7) 0 (0.0)
Other 1 (4.8) 1 (4.8) 1 (6.7) 1 (6.7)

I prefer not to respond 0 (0.0) 4 (19.0) 0 (0.0) 2 (13.3)
Ethnicity (%) 0.3995 2.9491
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Table 1. Cont.

Anxious Happy Neutral Sad p Test Statistics

Non-Hispanic or Latino 14 (66.7) 9 (42.9) 7 (46.7) 9 (60.0)
Hispanic or Latino 7 (33.3) 12 (57.1) 8 (53.3) 6 (40.0)

Female (%) 15 (71.4) 13 (61.9) 13 (86.7) 10 (66.7) 0.4301 2.7601
Age (mean (SD)) 21.48 (3.94) 21.86 (2.89) 21.67 (4.25) 22.00 (2.54) 0.4814 2.4664
BMI (mean (SD)) 26.86 (6.19) 25.67 (5.29) 26.80 (4.62) 30.20 (8.01) 0.3515 3.2721
Using TikTok (%) 13 (61.9) 14 (66.7) 11 (73.3) 13 (86.7) 0.4150 2.8523

Using Instagram (%) 20 (95.2) 16 (76.2) 13 (86.7) 13 (86.7) 0.3620 3.1985
Using Snapchat (%) 15 (71.4) 14 (66.7) 8 (53.3) 10 (66.7) 0.7231 1.3253
Using YouTube (%) 15 (71.4) 11 (52.4) 8 (53.3) 8 (53.3) 0.5527 2.0963

Using Facebook and other
social media (%) 5 (23.8) 7 (33.3) 5 (33.3) 7 (46.7) 0.5606 2.0571

Using Streaming Services (%) 16 (76.2) 16 (76.2) 11 (73.3) 9 (60.0) 0.6925 1.4558
To test for differences among the four exposure groups, Kruskal–Wallis tests were conducted for continuous
variables (Age and BMI), and chi-square tests were applied to categorical variables (e.g., race, ethnicity, gender,
and social media usage).

3.2. Association Between Screen Time Usage and Overweight

Figure 2 and Table 2 present the association between time spent on social media
platforms and the prevalence of overweight (BMI ≥ 25), controlling for age, gender,
and ethnicity.

Figure 2. Forest Plot Depicting Odds Ratios for Social Media Screen Time and Risk of Overweight.
Blue dots represent the estimated odds ratios, and the horizontal black lines indicate the corre-
sponding 95% confidence intervals. The red dashed vertical line at OR = 1 represents the null value,
indicating no association between screen time and the risk of overweight.

Age was positively associated with BMI, with each additional year of age increasing
the odds of overweight by 24% (OR = 1.24, 95% CI: 1.01–1.68, p = 0.0896). Although
this effect was marginally significant, it suggests a potential trend of increased risk of
overweight with age. Gender showed a significant association with BMI, as well. Female
participants had about 90% lower odds of overweight compared to males (OR = 0.10, 95%
CI: 0.02–0.49, p < 0.01). However, since body composition was not measured, the authors
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cannot conclude whether the elevated BMI among men was due to adiposity or lean
muscle mass. Ethnicity (Hispanic vs. Non-Hispanic) was not significantly associated with
overweight status (OR = 1.56, 95% CI: 0.48–5.20, p = 0.4563). Screen time spent on TikTok
was significantly associated with higher odds of having overweight; each unit increase in
TikTok usage raised the odds by approximately 70% (OR = 1.70, 95% CI: 1.14–2.70, p < 0.05).
Streaming services usage was also positively associated with overweight status, with each
additional level of streaming hours increasing the odds by about 55% (OR = 1.55, 95%
CI: 1.07–2.39, p < 0.05). Alternatively, Snapchat usage was significantly associated with
lower odds of overweight—for each unit increase in Snapchat usage, the odds decreased by
approximately 43% (OR = 0.57, 95% CI: 0.33–0.95, p < 0.05). Screen time spent on Instagram,
YouTube, Facebook, and other social media platforms was not significantly associated
with BMI. The logistic regression model demonstrated a moderate fit with a McFadden’s
R2 of 0.2357, indicating that the predictors explain approximately 23.6% of the variance
in the likelihood of overweight. While this suggests that the model captures important
BMI-related factors, additional unmeasured variables contributing to this outcome must
also be considered. To assess potential multicollinearity among predictors, including age,
gender, and platform-specific screen use, we calculated variance inflation factors (VIFs).
All VIFs ranged from 1.10 to 1.85, indicating low collinearity and supporting the stability
of the regression estimates.

Table 2. Logistic Regression Analysis of the Association Between Social Media Screen Time and
Overweight Status.

Predictor Estimate Standard Error Z p-Value Odds Ratio
95% CI

Lower Upper

(Intercept) −4.2908 3.0558 −1.4042 0.1603 0.0137 0.0000 2.5246
Age 0.2182 0.1286 1.6974 0.0896 1.2438 1.0079 1.6761
Female (ref: Male) −2.2963 0.8712 −2.6358 0.0084 ** 0.1006 0.0151 0.4905
Hispanic (ref: Non-Hispanic) 0.4464 0.5993 0.7449 0.4563 1.5627 0.4831 5.2005
ST of TikTok Usage 0.5321 0.2166 2.4573 0.0140 * 1.7026 1.1393 2.6987
ST of Instagram Usage −0.0655 0.2607 −0.2512 0.8017 0.9366 0.5506 1.5561
ST of Snapchat Usage −0.5546 0.2684 −2.0665 0.0388 * 0.5743 0.3257 0.9535
ST of YouTube Usage 0.2364 0.2578 0.9170 0.3591 1.2667 0.7615 2.1309
ST of Facebook and other
Social Media Usage −0.1778 0.2481 −0.7167 0.4735 0.8371 0.5090 1.3821

ST of Streaming Service Usage 0.4379 0.2030 2.1577 0.0310 * 1.5495 1.0665 2.3935

ST = Screen Time; model fit summary: null deviance is 97.804 on 71 degrees of freedom; residual deviance is
74.749 on 62 degrees of freedom; AIC is 94.749. * p < 0.05, ** p < 0.01.

3.3. Exposure to Emotionally Charged Screen Time & Change in Emotional State

The impact of video clips on participants’ emotions was assessed by examining
changes in emotion scores from baseline to endpoint across the four exposure groups.
The Wilcoxon signed-rank tests revealed significant within-group changes for several emo-
tions across the exposure groups (Figure 3 and Table 3). In particular, the group exposed to
the “happy” video clip exhibited significant increases in feeling happy, satisfaction, liking
(all p < 0.01), enjoyment, calm, and relaxation (all p < 0.05). Exposure to the “sad” video clip
revealed significant increases in feeling sad (p < 0.001), grief, dread, and worry (all p < 0.05).
The group exposed to the “anxiety” inducing video content also showed increases in feeling
dread, anxiety, worry, grief, nervous orsad, though not statistically significant.
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Figure 3. Average Change in Emotion for Each Exposure Group. * p < 0.05, ** p < 0.01, *** p < 0.001.

Table 3. Wilcoxon Signed-Rank Test: Within-Group Change in Emotional State.

Emotion Anxious Happy Neutral Sad
MC Statistic p-Value MC Statistic p-Value MC Statistic p-Value MC Statistic p-Value

Dread 0.33 41.5 0.1449 −0.52 4.0 0.0247 * −0.13 8.0 0.6653 0.60 21.0 0.0320 *
Anxiety 0.38 47.0 0.2207 −0.38 12.5 0.1246 0.00 21.5 0.9515 0.33 21.5 0.2186
Nervous 0.48 76.5 0.1308 −0.29 6.0 0.1934 −0.40 21.0 0.2918 0.00 5.0 1.0000

Worry 0.62 83.0 0.0549 −0.19 3.5 0.1294 −0.33 12.0 0.2117 0.67 41.0 0.0247 *
Sad 0.52 68.0 0.1139 −0.24 20.0 0.2362 −0.53 3.5 0.0401 * 1.73 105.0 0.0009 ***

Grief 0.38 51.5 0.0940 0.00 5.0 1.0000 −0.07 2.5 1.0000 1.53 72.0 0.0100 *
Lonely −0.24 12.0 0.2117 −0.24 0.0 0.0890 −0.60 0.0 0.0975 0.07 17.5 0.5877
Empty −0.29 12.0 0.2261 −0.43 8.0 0.0437 * −0.20 8.0 0.6707 0.53 37.5 0.0776
Happy −0.67 8.0 0.0141 * 0.71 116.5 0.0090 ** −0.47 4.0 0.0418 * −0.67 8.0 0.0901

Satisfaction −0.38 18.0 0.0950 0.95 147.5 0.0060 ** −0.20 9.0 0.4290 −0.80 11.5 0.0568
Enjoyment −0.62 14.0 0.0950 0.86 84.0 0.0480 * −0.47 8.5 0.1997 −1.13 9.5 0.0107 *

Liking −0.62 17.5 0.0936 1.19 129.0 0.0015 ** −0.67 11.0 0.0946 −0.87 10.5 0.0888
Easygoing −0.62 20.0 0.0392 * 0.19 62.5 0.5275 −0.60 13.5 0.0806 −1.13 16.5 0.0443 *
Chilled out −0.24 32.5 0.3363 0.43 78.0 0.1038 0.13 12.5 0.7498 −1.47 0.0 0.0032 **

Calm −0.57 17.5 0.0935 0.43 56.0 0.0330 * 0.07 14.0 1.0000 −0.80 5.0 0.0412 *
Relaxation −0.48 15.5 0.0581 0.67 90.0 0.0164 * 0.13 20.0 0.8211 −0.53 9.0 0.1156

MC: Mean Change; * p < 0.05, ** p < 0.01, *** p < 0.001.

Table 4 reveals a significant multivariate effect of emotionally charged video content
on changes in emotion scores (Pillai’s Trace = 1.179, F (48, 165) = 2.227, p < 0.001), suggesting
that the video clips influenced the overall pattern of emotional responses across multiple
emotion domains.

As seen in Table 5, highly significant differences in feeling sad, grief, happy, satisfaction,
enjoyment, liking, and chilled out (all p < 0.001) were observed. Significant differences for
dread, worry, calm, relaxation (all p < 0.01), and easygoing (p < 0.05) were observed, as well.
These findings suggest that the emotional content of the video clips elicited a significant
change in the discrete emotions of the study subjects.

https://doi.org/10.3390/dietetics5030045

https://doi.org/10.3390/dietetics5030045


Dietetics 2026, 5, 45 9 of 14

Table 4. MANOVA Results for Changes in Emotion Scores Following Video Exposure.

Df Pillai’s Trace Approx. F Num Df Den Df p-Value

Exposure 3 1.1794 2.2268 48 165 0.0001 ***
Residuals 68 - - - - -

*** p < 0.001.

Table 5. Observed Emotional Shifts Following Video Exposures.

Emotion F p-Value

dread 5.0476 0.0032 **
anxiety 1.9265 0.1335
nervous 2.4646 0.0697
worry 4.7470 0.0046 **

sad 14.4553 0.0000 ***
grief 7.9685 0.0001 ***

lonely 1.4550 0.2346
empty 2.4547 0.0706
happy 7.6773 0.0002 ***

satisfaction 8.0392 0.0001 ***
enjoyment 6.4089 0.0007 ***

liking 8.6750 0.0001 ***
easygoing 2.9727 0.0377 *
chilled out 9.1359 0.0000 ***

calm 4.3688 0.0071 **
relaxation 5.0496 0.0032 **

* p < 0.05, ** p < 0.01, *** p < 0.001.

3.4. Change in Emotional State & Food Selection

The relationship between group-level average emotional changes and food selection
(savory vs. sweet) was analyzed using correlation analysis (Table 6 and Figure S1).

Table 6. Correlational Analysis Results of Group-Level Emotional Change and Food Selection.

Emotion
Savory Food Selection Sweet Food Selection

Correlation p-Value Correlation p-Value

Dread 0.7844 0.2156 0.6398 0.3602
Anxiety 0.6821 0.3179 0.4136 0.5864
Nervous 0.0443 0.9557 0.3669 0.6331

Worry 0.4387 0.5613 0.7655 0.2345
Sad 0.6434 0.3566 0.9384 0.0616

Grief 0.7384 0.2616 0.9232 0.0768
Lonely 0.2808 0.7192 0.9852 0.0148 *
Empty 0.8954 0.1046 0.7712 0.2288
Happy −0.7928 0.2072 −0.1795 0.8205

Satisfaction −0.8966 0.1034 −0.3922 0.6078
Enjoyment −0.9074 0.0926 −0.3888 0.6112

Liking −0.8557 0.1443 −0.1551 0.8449
Easygoing −0.9508 0.0492 * −0.4729 0.5271
Chilled out −0.8392 0.1608 −0.8379 0.1621

Calm −0.7290 0.2710 −0.6542 0.3458
Relaxation −0.7178 0.2822 −0.5111 0.4889

Spearman’s rank-order correlation was conducted to examine the association between group-level emotional
change and food selection. * p < 0.05.

Correlation analysis identified only a small number of statistically significant asso-
ciations. Savory food selection was negatively associated with the emotion “easygoing”

https://doi.org/10.3390/dietetics5030045

https://doi.org/10.3390/dietetics5030045


Dietetics 2026, 5, 45 10 of 14

(r = −0.95, p < 0.05), indicating that increases in this positive emotion corresponded with
lower savory food intake. For sweet foods, loneliness showed a significant positive cor-
relation (r = 0.99, p < 0.05). All other correlations were non-significant, although several
negative emotions (e.g., grief, dread, sadness) showed positive, but imprecise, associations
with both savory and sweet food selection, reflecting the exploratory nature of this analysis
and the limited group-level sample size.

4. Discussion
Screen time (ST) usage, such as TikTok and streaming services, is predicted to increase

in the upcoming years [41]. This trend is a concerning public health issue, as the present
study provides evidence that screen time usage is associated with altered weight status,
and time spent exposed to emotionally charged screen content induces significant shifts in
emotional state and subsequent food choices, among Generation Z college students.

Regarding weight status, greater time spent on TikTok and streaming platforms was
associated with increased odds of overweight (BMI ≥ 25) after controlling for age, gender,
and ethnicity, indicating an independent association between these forms of screen use and
weight status. These findings are concerning given that an elevated BMI is associated with
an increased risk of metabolic and chronic diseases, including cardiovascular disease and
type 2 diabetes, as well as adverse mental health outcomes [9].

When considering the emotive content of the entertainment media, significant in-
creases in feelings of happiness, satisfaction, liking, enjoyment, calm, and relaxation were
noted after participants watched the “Soul Surfer” video clip, previously validated to
induce feelings of happiness. Participants exposed to “My Sister’s Keeper” reported signifi-
cant increases in sadness, grief, dread, and worry, consistent with the intended emotional
tone of the video [30]. Lastly, although not significant, increases in feelings of dread,
anxiety, nervousness, worry, sadness, and grief were noted among those watching the
anxiety-provoking “Cast Away” clip. These results are in line with previous findings that
emotionally charged screen content can elicit emotional change [35,36].

Further, certain changes in emotive state were significantly correlated with subsequent
food selection: increases in “easygoing” (a positive emotion) were associated with lower
savory food intake, while feelings of loneliness (a negative emotion) positively correlated
with sweet food selections, supporting the hypothesis that emotional state can influence
food choices. These findings are particularly troubling, as the Healthy Minds Study [42]
revealed that many college students struggle with their mental health—more than 60%
report not “thriving”. Specifically, 57% of enrolled college students report feelings of
loneliness, suggesting that a large segment of this population may be vulnerable to the
adverse emotional and behavioral outcomes observed in the present study [43]. Moreover,
results from the present study suggest that participants experiencing greater feelings of
loneliness were more likely to obtain ultra-processed foods (UPFs), highlighting a potential
link between negative emotional states and unhealthy food-related behaviors. Therefore,
the co-occurrence of loneliness and exposure to entertainment media that may intensify
negative emotional states, including feelings of loneliness, warrants greater public health
attention given its potential association with weight gain among college students [44].
These findings support prior research linking screen time to increased BMI and build
upon the existing literature by identifying specific media platforms with overweight. In
conclusion, these findings highlight the complex interplay between entertainment media
use, emotional responses, food selection, and their potential impact on weight status,
emphasizing the need for greater awareness of how specific media platforms may influence
health and mental well-being among Generation Z college students.
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The findings of the current study have important implications for public health ini-
tiatives aimed at reducing the risk of elevated BMI among Generation Z college students.
Given the widespread use of entertainment media and social media within this population,
interventions should extend beyond simply reducing screen time and instead promote
healthier patterns of media engagement. Campus wellness staff can provide support to
students to help them recognize how emotionally evocative content may influence their
food choices and subsequent eating behaviors.

A major limitation of this study is that all foods offered to participants were UPFs.
This design choice restricts interpretation of the results, as it is unclear whether emotional
shifts would similarly influence the selection of minimally processed or whole foods. The
exclusive use of UPFs may have amplified the observed associations between negative emo-
tions and the selection of calorie-dense, low-nutrient foods. Future studies should include
a broader spectrum of food choices to provide a more comprehensive understanding of
how emotional fluctuations affect food choice. Additionally, food selection was measured
at the group level rather than individually, and actual consumption was not tracked. These
factors limit the ability to conclude individual behavior and the direct impact of emotion
on food intake. A larger sample size and diversifying the Gen Z cohort would improve
generalizability and allow for subgroup analyses. The findings suggest that interventions
aimed at reducing exposure to emotionally charged screen content, or at least increasing
awareness of its impact, may help mitigate emotional eating and the risk of overweight in
college populations. However, recommendations for interventions should be considered
preliminary and beyond the scope of this study.
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