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Abstract

The association between social media use and depression found in correlational research
has prompted widespread concern regarding the consequences of social media use. In
response to this evidence, experimental interventions have been used to evaluate whether
lowering social media use affects depression. This meta-analysis synthesised results of
10 randomized controlled trials (N = 1491) to assess the effect of limiting or refraining
from social media use on severity of depressive symptoms. Studies were included if they
were randomized control trials involving reducing or eliminating use of social media for a
period of time. The results indicate that reducing social media use significantly decreases
depressive symptoms, with an effect size of g = 0.25, 95% CI [0.10, 0.41], p < 0.001, after
adjusting for publication bias. Significant heterogeneity was found between studies, with I2

indicating that 47% of the variability in effect sizes across studies was due to heterogeneity
of true effect size rather than random error. Although interventions aimed at reducing use of
social media had twice the depression effect size of interventions aimed at abstinence from
social media, the difference was not significant. Two other potential moderators of effect
size, intervention length and number of social networks included, were also nonsignificant.
Overall, this meta-analysis suggests that limiting social media use is an effective way to
reduce symptoms of depression. However, more studies with good research methods are
needed to evaluate this conclusion. Also, further research is needed to evaluate long-term
effects of limiting or refraining from social media use.

Keywords: depression; effects; meta-analysis; social media; reducing use

1. Introduction
Social media is a term used to describe the wide array of web-based platforms and

social networking sites that allow users to create and exchange content (Aichner et al., 2021).
These platforms enable easy and instantaneous communication between individuals with
an internet connection (Cunningham et al., 2021). It is estimated that over five billion people
have at least one social media account and that individuals with access to the internet
spend an average of 143 min a day using social media (Dixon, 2024; Petrosyan, 2024).

Researchers have expressed concern regarding the extent social media has become
entrenched in everyday life and how this may affect us (Yoon et al., 2019). Early investiga-
tions into online communication indicate that social networking sites can serve important
interpersonal and relational functions for users (Bryant et al., 2011). Social media use has
been found to benefit individuals by enhancing well-being (Marciano et al., 2024) and cog-
nitive function (Myhre et al., 2017), while also providing social support (Ellison et al., 2011;
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Patel et al., 2015; Primack & Escobar-Viera, 2017). However, social networking sites have
been scrutinised for their potential to promote negative social comparisons (Samra et al.,
2022), bullying (Craig, 2020), addiction (Anderson et al., 2017; Huang, 2020), and eating
disorders (Dopelt & Houminer-Klepar, 2025), and their potential to decrease in-person
social interactions (Vidal et al., 2020). Despite a wide range of findings across differing
populations, research findings overall suggests that l social media use is linked to increased
symptoms of low self-esteem and depression (Cunningham et al., 2021; Saiphoo et al., 2020;
Ulvi et al., 2022).

A causal relationship between social media use and depression is particularly concern-
ing (Cunningham et al., 2021). Depression is the leading global cause of disability, and over
300 million people suffer from a depressive disorder (World Health Organization, 2017).
The disorder correlates with all-cause mortality (Gump et al., 2005), and major depressive
disorder is projected to be the largest single contributor to global disease burden by 2030
(World Health Organization, 2011). Symptoms of depression are characterised by feelings
of low mood, reduced energy, and loss of enjoyment. These problems are often associated
with a range of physical, emotional, and cognitive impairments (Cui, 2015). People who
suffer from depression typically first develop symptoms in adolescence or young adulthood
(Petito et al., 2020). The incidence of depressive disorders has been steadily rising in this
age cohort (Australian Institute of Health and Welfare, 2021; Twenge et al., 2018), and 18-
to 24-year-olds are amongst the highest users of social media (Smith & Anderson, 2018).

1.1. Correlational Research

A significant, small correlation between time spent using social media and depression
was found in various meta-analyses (Cunningham et al., 2021; Ghai et al., 2023; Hancock
et al., 2022; Ivie et al., 2020; Vahedi & Zannella, 2019; Vesal & Rahimi, 2021; Yoon et al., 2019).
These reviews reported a small positive correlation that ranged from r = 0.11 (p < 0.001) to
r = 0.17 (p < 0.001). Liu et al. (2022) also conducted a dose–response meta-analysis which
found that the likelihood of adolescents experiencing symptoms of depression increased
by 13% for each additional hour spent using social media per day (p < 0.001).

The strength and direction of the correlation between social media use and depres-
sion is likely dependent on how social media is used and the quality of the social media
environment (Seabrook et al., 2016). Seabrook et al. (2016) conducted a systematic review
that found experiencing positive interaction, social support, or social connectedness consis-
tently correlated with lower levels of depression, while negative interactions and social
comparison were consistently correlated with higher levels of depression. Keles et al. (2020)
reported in a systematic review that sleep-quality, perceived social support, and rumination
often mediated the association between social media use and depression.

Problematic social media use occurs when maladaptive or excessive use produces
the behavioural and psychological symptoms of addiction (Bányai et al., 2017; Sun &
Zhang, 2020). A meta-analysis by Yigiter et al. (2023) found that the association between
depression and social media use was strong for problematic users (r = 0.32, p < 0.001). An
estimated 17% of all users have a problematic relationship with social media (Karlsson et al.,
2019; Plackett et al., 2023). These individuals often experience a compulsion to use social
networking platforms strong enough to diminish their ability to self-regulate (Reinecke
et al., 2022). A reduced level of functioning negatively impacts their work, health, and
relationships (Henzel & Håkansson, 2021; Sun & Zhang, 2020).

Fruehwirth et al. (2024) used a longitudinal research method to examine the connection
between social media use and various mental health problems. The study found evidence
of social media use being connected to later levels of depression. These results buttress the
results of cross-sectional correlational studies.
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The robust evidence of an association between social media use and depression might
suggest that social media use can contribute to depression, although correlation does not
show causation. The possibility exists that depressive symptoms caused by unrelated issues
could lead to increased social media use (Hartanto et al., 2021). Kardefelt-Winther’s (2014)
theory of compensatory internet use proposes that people may use social media to alleviate
negative feelings or fulfil unmet psychosocial needs. This theory suggests that individuals
suffering from depression may increase their social media use in search of social validation
or as an escape from real life issues.

If social media use does cause depression in some individuals, the mechanism could
involve fear of missing out (FOMO), negative social comparisons, and negative emotions
from efforts to self-regulate. The mechanisms involving FOMO and self-regulation stress
might be made less potent by reducing use rather than by eliminating it.

1.2. Experimental Research

Tromholt (2016) found that fully abstaining from Facebook for 1-week significantly
reduced depressive symptoms and improved affect. The current body of experimental
research has focused on emulating this research design by testing interventions that require
participants to reduce their social media use (Plackett et al., 2023). These interventions
are designed to provide direct evidence on whether reducing social media use causes a
reduction in the severity of depression.

A systematic review conducted by Plackett et al. (2023) identified seven random-
ized controlled trials (RCTs) that measured the effect reducing social media use had on
depression. They found that five out of the seven RCTs significantly reduced the severity
of depressive symptoms. They concluded that these interventions could be placed in
two distinct categories: full abstinence interventions and limited use interventions. Full
abstinence interventions require the experimental group to completely forgo the use of
at least one social media platform. Limited use interventions require the experimental
group to reduce their total time spent using specific or all social media platforms but still
allow for some amount of use. Results seem mixed for the two types of intervention,
e.g., with de Hesselle and Montag (2024) finding no positive effect for a total-abstinence
intervention and Chlupová and Lukavská (2023) finding a significant positive effect for a
reduction intervention.

When completed as part of an RCT, interventions can be assessed against a control
group that use social networking sites as normal. Possible moderators of effect size include
type of intervention (abstinence vs. reduction), intervention length, and number of social
networks targeted.

Ramadhan et al. (2024) conducted the only meta-analysis that assessed the effect
reducing social media use has on depression, as well as other outcomes. The researchers
included three randomised controlled trials and found that full abstinence from social media
significantly reduced level of depression. One of the three included studies (Reed et al.,
2023) reported only baseline depression levels, and the meta-analysis used those as post-
intervention scores. Hence, the depression results of the meta-analysis are not convincing.

1.3. Aims of the Present Meta-Analysis

It remains to be seen whether reducing or refraining from social media use leads to
less depression. A meta-analysis of a sizeable number of randomized control trials on
the topic could provide useful information. We therefore conducted a meta-analysis of
RCTs that measured the effect that reducing social media use had on depression. The
main aim was to determine whether reducing or refraining from social media use would
decrease levels of depression. We hypothesised that limited-use interventions would be
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more effective than full-abstinence interventions in reducing depressive symptoms. This
prediction was made because there are positive social effects of using social media that
would be removed by full-abstinence interventions (e.g., Myhre et al., 2017). Also, for
adherence and for positive effects on depression, participant autonomy could be important,
as it is one of three motivating components of Self-Determination Theory (Deci & Ryan,
2012). We also hypothesised that the longer the intervention and the more social networks
it targeted, the more effective it would be in reducing the severity of depressive symptoms.
We had no basis for these latter two moderator hypotheses other than the general idea that
the more comprehensive an intervention, the more likely it is to have a positive effect.

2. Methods
2.1. Protocol and Registration

This meta-analysis was completed in accordance with the Preferred Reporting Items
for Systematic Reviews and Meta-Analyses (PRISMA) guidelines (Page et al., 2021). The
protocol for this study was registered with PROSPERO, https://www.crd.york.ac.uk/
prospero/display_record.php?RecordID=531956 (accessed on 1 June 2024).

2.2. Eligibility Criteria

Studies were eligible for inclusion in this meta-analysis if they: (a) conducted an
intervention that explicitly aimed to reduce (or end) social media use, (b) did not conduct
any other intervention in conjunction with social media use reduction, (c) compared the
intervention group to a control group with randomised group allocation (RCT study
design), (d) assessed pre and post level of depression in both the intervention and control
groups using a reliable and valid measure of depression, (e) provided the prerequisite data
for effect size calculation. No studies were excluded based on language, date of publication
or sample characteristics. Only RCTs were included as they are the gold-standard for
evaluating causal relationships and the efficacy of interventions (Hariton & Locascio, 2018).

2.3. Information Sources

Eligible studies were identified from multiple sources. A systematic search of the
electronic databases ProQuest, PubMed, Scopus and EBSCOhost was conducted. We
reviewed the reference list of each identified study and of a previous review (Plackett et al.,
2023). Forward citation searching was completed for these studies using Google Scholar.
The search for eligible studies concluded in September 2024.

2.4. Search Strategy

We searched the titles and abstracts of all studies found in each electronic database
using the following search terms: (Facebook OR Twitter OR Instagram OR WhatsApp OR
YouTube OR Twitter OR Reddit OR TikTok OR Snapchat OR WeChat OR Weibo OR “social
media” OR “online social network*” OR “social network* site*”) AND (Depress*) AND
(“Randomised controlled trial” OR “Randomized controlled trial” OR RCT OR Random*
OR Trial* OR Experiment* OR Intervention) AND (Addict* OR Excessi* OR Restrict* OR
Quit* OR Withdraw* OR Abstin* OR Abstain OR Treat* OR Reduc* OR Eliminat*).

2.5. Study Selection Process

Two researchers independently completed the systematic search of electronic databases
using the selected search terms. We ensured the accuracy of the search by comparing the
total number of results from each search. All disagreements were discussed until a mutual
consensus was reached. The eligibility of these studies was then assessed using web-based
review management software called Covidence (Veritas Health Innovation, 2024). Both

https://www.crd.york.ac.uk/prospero/display_record.php?RecordID=531956
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researchers used this software independently to screen the title and abstracts, followed by
the full text of the articles. Any disagreements regarding the eligibility of a study were
resolved by discussion.

The following data was coded regarding effect size: study author and publication year,
pre- and post-intervention means and standard deviations for experimental and control
groups, experimental and control group final sample size, pre-post correlation and effect
direction. Thai et al. (2021) did not provide pre- and post-intervention data; instead an F
value and sample size was coded to calculate effect size. The following descriptive data
was coded for each study: overall sample size, average participant age, female percentage,
the country the study was conducted in, intervention type, duration of the intervention
in days, duration from baseline assessment to final assessment in days, number of social
media platforms targeted by the intervention.

If a study had multiple experimental groups, data was coded for the experimental
group that only required participants to reduce or refrain from social media use. We did not
include analyses of interventions that combined social media reduction or refraining from
use and another intervention. When a study did not publish the necessary data to code
the above items, we contacted the author of the study to obtain the missing information or
raw data files. All data conversions were completed using formulas from the Cochrane
Handbook for Systematic Reviews of Interventions (Li et al., 2024). An example of this was
that we used the standard error and sample size statistics reported in Faulhaber et al. (2023)
to calculate standard deviation. If the necessary data to calculate effect size could not be
coded, the study was excluded from analysis.

If a relevant study report lacked information needed for the meta-analysis, we wrote
to the corresponding author and asked for the needed information. In one case, de Hesselle
and Montag (2024), we obtained the data file and used that to calculate effects on depression.
We used the two depression items and excluded the anxiety items.

2.6. Moderator Selection and Coding Process

We coded a total of three moderator variables in this meta-analysis. Each of these vari-
ables was present in all studies, demonstrated variance, and could inform the development
of future interventions if found to be significant. The first was intervention type, which was
coded as either full abstinence or limited use. The second was length of intervention, which
was coded as the number of days the experimental group members were required to reduce
their social media use. The third was total number of social networking sites targeted.

2.7. Study-Method Risk Assessment

Liebherz et al. (2016) found that most standardised quality assessment checklists lack
vital criteria or include items that lack relevance, and they suggested researchers create
their own specific criteria set to ensure that each item is suitable. We used the Cochrane
Collaboration’s tool for assessing risk of bias in randomised trials (Higgins et al., 2011) to
design a bias-risk assessment checklist that evaluated the internal validity of each study.
The assessment criteria were: (a) whether the sample was from the general community or a
university student convenience sample; (b) whether there was a significant difference in
baseline depression between intervention and control groups; (c) whether participants were
required to meet a depression level threshold; (d) whether non-compliers were included in
the analysis; (e) whether there was a high attrition rate in the intervention group between
pre- and post-measurement; and (f) whether participants were compensated for being
part of the study. Any criteria that were missing from a particular study were coded as
‘not reported’.
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2.8. Statistical Methods

We performed the data analysis using Comprehensive Meta-Analysis Software Version
4 (Borenstein, 2022). Effect size was calculated using Hedges’ g, which is the standardised
mean difference corrected for bias in small samples (Hedges, 1981). Hedges’ g was used
because it is the most accurate effect size estimate when equal variance assumptions are
violated (Marfo & Okyere, 2019). A random-effects model was used to calculate effect size
as heterogeneity in sample characteristics and study design likely produces variance in
true effect size between studies (Borenstein et al., 2010). Heterogeneity of effect sizes was
evaluated using Cochran’s Q test, the I2 statistic and the tau2 estimate of variance (Higgins,
2008). We performed a one-study-removed analysis to assess if removing any single study
had a significant influence on the total weighted effect size. We used Egger’s test for funnel
plot asymmetry (Egger et al., 1997) and Duval and Tweedie’s trim-and-fill method (Duval
& Tweedie, 2000) to test for publication bias. We used multivariate meta-regression and
sub-group analyses to test for significant moderator effects.

3. Results
3.1. Search

The study selection PRISMA chart is presented in Figure 1. The study search yielded
a total of 1643 results. A total of 1610 results were deemed ineligible for inclusion after
the removal of duplicates and initial screening of titles and abstracts. The remaining
23 articles were obtained for full-text assessment. Thirteen studies were excluded after
full-text assessment, and 10 studies were included in the final analysis. Six of the thirteen
excluded studies did not publish sufficient data to be included in the analysis. Reed et al.
(2023), mentioned above, was one of those. Authors of these studies were contacted but
did not reply to requests for further information.

3.2. Study Characteristics

Table 1 shows the key characteristics of included studies. Across the 10 studies, there
were 1491 participants (75.39% female) with a mean age of 24.2.

Table 1. Key Characteristics of Included Studies.

Study Name
(Author) N Mean Age % Female Country Intervention

Type
Intervention

Length (Days)
Baseline to

Final (Days)
Number of

SM Targeted

Brailovskaia et al.
(2020) 286 24.75 77.8 Germany Limited use 14 106 1

Brailovskaia et al.
(2022) 322 25.76 76.78 Germany Limited use 14 198 All

Chlupová and
Lukavská (2023) 48 21.96 72.92 Czechia Limited use 21 21 1

Faulhaber et al.
(2023) 230 22 73 US Limited use 14 14 3

de Hesselle and
Montag (2024) 90 23.750 85.56 Germany Full

abstinence 14 28 5

Hunt et al. (2023) 35 N/R N/R US Limited use 21 21 5

Lambert et al.
(2022) 140 28.93 61.69 UK Full

abstinence 7 7 4

Schwarz et al.
(2023) 185 21.87 80 Germany Full

abstinence 7 7 1
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Table 1. Cont.

Study Name
(Author) N Mean Age % Female Country Intervention

Type
Intervention

Length (Days)
Baseline to

Final (Days)
Number of

SM Targeted

Thai et al. (2021) 38 18 67 Canada Limited use 21 21 7

Wolgast et al.
(2023) 117 N/R N/R Sweden Limited use 21 21 5

Note. N = sample size; % Female = percentage of females in sample; Country = Country that experiment was
conducted; Number of SM Targeted = Number of social media platforms targeted by the intervention; SM Targeted
= Which social networking sites were targeted by the intervention; Baseline to final (days) = baseline to final
assessment duration in days; N/R = Not reported.

Figure 1. PRISMA Flow Diagram of Study Selection.
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3.3. Inclusion of Non-Compliers in Analysis and Overall Assessment of Study-Method Bias

Table 2 presents the results of a comparison of studies that included non-compliers and
studied that did not. Table 3 presents the results of an assessment of risk of study-method
bias involving whether non-compliers were included in the analysis.

Table 2. Effect Size of Studies That Included Non-Compliers in Data-Analysis vs. Those That Did Not.

Were Non-Compliers Included in Final Analysis? k Hedges’ g SE 95% CI p

No 6 0.33 0.07 0.19, 0.47 <0.001
Yes 4 0.25 0.20 −0.14, 0.64 0.205

Table 3. Assessment of Study-Method Bias.

Study Author
(Year)

Measure of
Depression Sample Type

Were
Differences in

Baseline
Depression

Between-
Groups

Significant?

Were Non-
Compliers

Included in
Analysis?

Were
Participants
Required to

Meet a
Depression
Threshold?

Attrition Rate
of the

Intervention
Group

Between Pre-
and Post-

Measurement

Were
Participants

Compensated
for Being Part

of the
Experiment?

Brailovskaia
et al. (2020) DASS-21 Commun No Yes No Not reported Yes

Brailovskaia
et al. (2022) DASS-21 Commun No No No Not reported Yes

Chlupová and
Lukavská
(2023)

BDI-II Commun No Yes No 4.17% No

Faulhaber et al.
(2023) CES-D University No No No Not reported Yes

de Hesselle
and Montag
(2024)

PHQ-2-D Commun No Yes No 15.25% Yes

Hunt et al.
(2023) BDI-II University No No Yes Not reported Yes

Lambert et al.
(2022) PHQ-8-D Commun No Yes No 8.64% No

Schwarz et al.
(2023) CES-D University No No No Not reported No

Thai et al.
(2021) CES-D University No No No 20% Yes

Wolgast et al.
(2023) DASS-21 University No No No 13.24% No

Note. Sample Type = Whether a study sampled the general community (Community) or from a university
student convenience sample (university); CES-D = Center for Epidemiologic Studies Depression Scale (Radloff,
1977); DASS-21 = Depression Anxiety Stress Scales—21 items; BDI-II = Beck Depression Inventory (Beck et al.,
1996)—Second Edition; PHQ-2 = Patient Health Questionnaire—2 depression items (Kroenke et al., 2001);
PHQ-8 = Patient Health Questionnaire—8 Depression (Kroenke et al., 2001). Commun = Community.

3.4. Meta-Analysis Results

The random-effects model showed that reducing social media use significantly reduced
the severity of depressive symptoms, overall effect size g = 0.28, 95% CI [0.13, 0.43], k = 10,
p < 0.001. Figure 2 shows the forest plot of the effect reducing social media use had on
depression symptoms in each study. Heterogeneity analysis found that there was significant
heterogeneity in effect sizes in the included studies (Q (9) = 17.24, p = 0.045, I2 = 47.29%,
tau2 = 0.026).
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Figure 2. Forest Plot of Effect Sizes for Interventions That Reduce Social Media Use (Brailovskaia
et al., 2020, 2022; Chlupová & Lukavská, 2023; de Hesselle & Montag, 2024; Hunt et al., 2023; Schwarz
et al., 2023; Lambert et al., 2022; Thai et al., 2021; Wolgast et al., 2023).

3.5. Sensitivity and Publication Bias Analyses

The sensitivity analysis using the one-study-removed method showed that removing
any single study from the meta-analysis produced a weighted effect size between g = 0.24
and g = 0.32. These values fall within the 95% confidence interval of the total pooled
weighted effect size [0.13, 0.43]. Therefore, no single study would be considered an outlier
with significant influence on the results of the meta-analysis.

Figure 3 shows the funnel plot of effect sizes for the 10 included studies. Visual
inspection of the funnel plot indicated symmetry, and Egger’s test for asymmetry of
the funnel plot was non-significant (p = 0.85). Both results suggested the absence of
publication bias.
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Figure 3. Funnel plot of standard error by Hedges’ g.
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Duval and Tweedie’s trim and fill indicated that one study would be imputed to adjust
for potential publication bias. This adjustment decreased the estimated effect size of the
intervention from g = 0.28 to 0.25 (95% CI [0.10, 0.41]). The reduction in the effect size after
adjustment indicates that publication bias may have had a small impact on the results of
the meta-analysis.

3.6. Moderator Analysis

The effect size of limited use interventions did not significantly differ from the effect
size of full abstinence interventions (Q (1) = 0.85, p = 0.36). However, a sub-group analyses
of intervention type found that only the effect size for limited use interventions was
significant. Table 4 presents the results of the subgroup analyses that compared the effect
of full abstinence and limited use interventions.

Table 4. Categorical Moderator Subgroup Analysis of Intervention Type.

Intervention Type k Hedges’ g SE 95% CI p

Limited use 7 0.33 0.09 0.16, 0.51 <0.001
Full abstinence 3 0.15 0.17 −0.18, 0.49 0.369

Table 5 shows the output of the multivariate meta-regression of continuous moderators
used to assess whether effect size was moderated by the length of the intervention or
number of social networking sites targeted. The length of intervention was a nonsignificant
moderator of effect. The number of social networks targeted by an intervention was also a
nonsignificant moderator of effect.

Table 5. Multivariate Meta-Regression of Continuous Moderators.

Covariate Coefficient SE 95% CI p (Two-Tailed)

Intervention length
(days) 0.004 0.020 −0.34, 0.04 0.84

Number of social
networks targeted 0.008 0.044 −0.08, 0.09 0.85

4. Discussion
This meta-analysis investigated the effects on depression of interventions that ask

participants to reduce their social media use. The hypothesis that interventions reducing
social media use would be significantly more effective than a neutral comparison group was
supported (g = 0.28, p < 0.001). According to Cohen’s (1988) guidelines for interpretation,
reducing social media use had a small effect on symptoms of depression. Significant
heterogeneity was found between studies, with I2, indicating that 47.29% of the variability
in effect sizes across studies was due to heterogeneity of true effect size rather than random
error (Huedo-Medina et al., 2006). Sensitivity analyses found no individual study exerted
undue influence on the overall results. Duval and Tweedie’s trim and fill method suggested
imputing an additional study to adjust the effect size for publication bias. This change
produced an adjusted meta-analytic effect size that still supported the main hypothesis of
an effect on depression (g = 0.25, 95% CI [0.10, 0.41]).

Moderator analyses found no significant moderators of effect, despite the heterogene-
ity of effect sizes. The hypotheses that longer interventions and interventions that targeted
more social networks would be more effective were not supported. The hypothesis that
limited-use interventions would be more effective than full-abstinence interventions in
reducing depressive symptoms was also not supported. Sub-group analysis found that
the full abstinence interventions had a nonsignificant effect on depression. However, the
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pooled effect size for limited-use interventions was significant (g = 0.33, p < 0.001, k = 7).
Other possible moderators of effect size were not examined in the meta-analysis because
they typically were not examined in the included studies. These others include the base-
line level of social media use, effect mechanisms targeted by the intervention, and what
activities replaced use of social media.

The main finding of this meta-analysis was that limiting social media use significantly
reduced level of depression. This result is consistent with the conclusions of previous
reviews (Plackett et al., 2023; Ramadhan et al., 2024). The systematic review by Plackett et al.
(2023) did not calculate an effect size but concluded that most interventions significantly
reduced symptoms of depression. The meta-analysis of Ramadhan et al. included only
three studies of depression effects, and one of those had an important error. The present
findings provide an effect size based on 10 studies and a comparison of reduced use
versus abstinence. The current finding that limiting social media use significantly reduces
depression is consistent with a large body of observational research that reports time spent
on social media was significantly correlated with depression (e.g., Cunningham et al., 2021;
Ghai et al., 2023).

This meta-analysis was the first study to provide a robust estimate of the effect of
reducing social media use on symptoms of depression, by including numerous studies
with sufficient internal validity. The results demonstrate that limiting social media has a
significant effect on depression across methods, measures, and research groups.

A valuable finding was that full abstinence is not required to reduce symptoms of
depression and that only limiting the time one spends using social media can still produce
a significant effect. This is useful information for any individuals who would struggle
to completely remove themselves from social media for longer periods. Schwarz et al.
(2023) found that participants struggled to fully abstain from Instagram for one-week.
They reported that participants in the experimental group were significantly more likely
to drop-out of the study than participants in the control group F(2,572) = 3.83, p = 0.02,
η2 = 0.013. It could be that limiting use rather than stopping it minimized fear of losing out
and reduced the stress of self-control, while still reducing social comparison.

5. Conclusions
The results suggest that reducing social media involvement reduces depression. More

RCTs with good research methods would be useful for evaluating the depression effect
with different populations.

6. Limitations
The quality assessment identified multiple potential threats to internal validity that

limit the generalisability of the present meta-analysis. It indicated that only four out of
10 studies included data from non-compliers in their analysis. RCTs that include non-
compliers measure the effectiveness of offering the intervention rather than just the inter-
vention itself. Excluding non-compliers undermines randomisation effects by violating
the assumption that the probability a participant engages with the intervention is random
for all predictors of the outcome (Hewitt et al., 2006). The quality analysis also found
that half the included studies did not report attrition rates. Researchers have found that
bias is likely introduced when the attrition rate of an RCT is more than 20% (Moher et al.,
2001). No studies that reported attrition surpassed this number; however, it is possible
that the data from RCTs which did not report attrition was impacted by bias. Another
important finding of the quality assessment was that nine out of 10 studies did not require
participants to meet a baseline threshold for level of depression. The one study that did
require a showing of depression to enter the study (Hunt et al., 2023) showed the largest
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effect size of all the studies, g = 0.86. Individuals with differences in baseline depression can
often be affected in different ways by interventions targeting depression (Hengartner, 2019).
Study design and the reliability and validity of depression measures were not included in
the quality assessment as they were criteria for inclusion in the meta; all included studies
were RCTs and used reliable, valid measure of depression. Despite the findings of the
quality assessment, the strict eligibility criteria for studies in this meta-analysis protected
against many threats to internal validity.

The meta-analysis did not include enough studies to evaluate whether interventions to
reduce or to eliminate use of social media had more positive effects on depression in some
populations versus others. Hence, the best target for the interventions remains unknow.

The small number of RCTs that have investigated the effect of reducing or refraining
from social media use on depression limited the findings of this meta-analysis in multiple
ways. Because the meta-analysis did not have a large number of included studies, it did
not have much statistical power to identify significant moderators of effect.

None of the included RCTs investigated the effect interventions had on problematic
users. The lack of studies on problematic users limits the generalisability of results to these
potentially vulnerable populations. The external validity of the results was also limited by
a lack of long-term follow-up data. No intervention was longer than three weeks and only
three studies measured depression later than post-intervention.

7. Future Research
Future researchers could continue to investigate how different elements of intervention

affect outcomes, focusing on limiting use rather than ending use. Focus would best be
placed on investigating how interventions affect those who have a problematic relationship
with social media or suffer from a depressive disorder. Future research could investigate
whether the length of the intervention affects depression and whether the effects of these
interventions on depression symptoms persist after long-term follow-up. Analysis with all
participants, along with reporting of attrition level, would be appropriate.

Future interventions might aim to reduce use of social media along with efforts to
reduce the amount of social comparison. By allowing participants to continue to engage
with social media at a reduced level, the autonomy allowed by the interventions might
have the greatest long-term impact. The interventions might also aim to not just decrease
deleterious use of social media but also to promote using the newly available time for
adaptive purposes.

Future research could address whether changing the nature of use of social media has
a positive effect on depression. It could be that changing the nature of the use, including
which sites are accessed and whether social comparisons are made, might have a positive
effect on depression (see Seabrook et al., 2016). Further, it could be instructive to assess as
possible mediators proposed mechanisms of change. For instance, what do participants
do with their time if not engaging with social media? The research findings of Jiang et al.
(2025) show that online activities can have a positive effect involving informal learning.

Author Contributions: Conceptualization, J.M.M.; methodology, J.M.M. and J.M.; validation, W.M.
and J.M.; formal analysis, W.M., investigation, W.M. and J.M.; data curation, W.M.; writing—original
draft, W.M., writing—review, J.M.M.; supervision, J.M.M. and J.M.; project administration, W.M. All
authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.



Eur. J. Investig. Health Psychol. Educ. 2025, 15, 222 13 of 16

Data Availability Statement: The data file is openly available at https://doi.org/10.17605/OSF.IO/
Q7JFV.

Conflicts of Interest: The authors declare no conflicts of interest.

References
Aichner, T., Grünfelder, M., Maurer, O., & Jegeni, D. (2021). Twenty-five years of social media: A review of social media applications

and definitions from 1994 to 2019. Cyberpsychology, Behavior, and Social Networking, 24(4), 215–222. [CrossRef]
Anderson, E. L., Steen, E., & Stavropoulos, V. (2017). Internet use and problematic internet use: A systematic review of longitudinal

research trends in adolescence and emergent adulthood. International Journal of Adolescence and Youth, 22(4), 430–454. [CrossRef]
Australian Institute of Health and Welfare. (2021). Australia’s youth: Mental illness. Australian Institute of Health and Welfare; Australian

Government. Available online: https://www.aihw.gov.au/reports/children-youth/mental-illness (accessed on 1 June 2024).
Bányai, F., Zsila, Á., Király, O., Maraz, A., Elekes, Z., Griffiths, M. D., Andreassen, C. S., & Demetrovics, Z. (2017). Problematic social

media use: Results from a large-scale nationally representative adolescent sample. PLoS ONE, 12(1), e0169839. [CrossRef]
Beck, A. T., Steer, R. A., & Brown, G. K. (1996). Manual for the beck depression inventory-II. Psychological Corporation.
Borenstein, M. (2022). Comprehensive meta-analysis software. In Systematic reviews in health research (pp. 535–548). John Wiley &

Sons Ltd. [CrossRef]
Borenstein, M., Hedges, L. V., Higgins, J. P. T., & Rothstein, H. R. (2010). A basic introduction to fixed-effect and random-effects models

for meta-analysis. Research Synthesis Methods, 1(2), 97–111. [CrossRef] [PubMed]
Brailovskaia, J., Ströse, F., Schillack, H., & Margraf, J. (2020). Less Facebook use—More well-being and a healthier lifestyle? An

experimental intervention study. Computers in Human Behavior, 108, 106332. [CrossRef]
Brailovskaia, J., Swarlik, V. J., Grethe, G. A., Schillack, H., & Margraf, J. (2022). Experimental longitudinal evidence for causal role of

social media use and physical activity in COVID-19 burden and mental health. Journal of Public Health, 31, 1885–1898. [CrossRef]
Bryant, E. M., Marmo, J., & Artemio Ramirez, A., Jr. (2011). A functional approach to social networking sites. Digital Commons @ Trinity.

Available online: https://digitalcommons.trinity.edu/hct_faculty/14/ (accessed on 1 June 2024).
Chlupová, B., & Lukavská, K. (2023). Vliv redukce užívání instagramu na psychické zdraví a well-being. E-psychologie, 17(2), 16–40.

[CrossRef]
Cohen, J. (1988). Statistical power analysis for the behavioral sciences (2nd ed.). Routledge.
Craig, W. (2020). Social media use and cyber-bullying: A cross-national analysis of young people in 42 countries. Journal of Adolescent

Health, 66(6), S100–S108. [CrossRef]
Cui, R. (2015). A systematic review of depression. Current Neuropharmacology, 13(4), 480. [CrossRef]
Cunningham, S., Hudson, C. C., & Harkness, K. (2021). Social media and depression symptoms: A meta-analysis. Research on Child and

Adolescent Psychopathology, 49(2), 241–253. [CrossRef] [PubMed]
Deci, E. L., & Ryan, R. M. (2012). Self-determination theory. In Handbook of theories of social psychology (Vol. 1, pp. 416–436).

Sage Publications.
de Hesselle, L., & Montag, C. (2024). Effects of a 14-day social media abstinence on mental health and well-being: Results from an

experimental study. BMC Psychology, 12(1), 141. [CrossRef] [PubMed]
Dixon, S. J. (2024, April 10). Daily time spent on social networking by internet users worldwide from 2012 to 2024. Statista. Available online:

https://www.statista.com/statistics/433871/daily-social-media-usage-worldwide/ (accessed on 1 June 2024).
Dopelt, K., & Houminer-Klepar, N. (2025). The impact of social media on disordered eating: Insights from Israel. Nutrients, 17(1), 180.

[CrossRef]
Duval, S., & Tweedie, R. (2000). Trim and fill: A simple funnel-plot-based method of testing and adjusting for publication bias in

meta-analysis. Biometrics, 56(2), 455–463. [CrossRef] [PubMed]
Egger, M., Smith, G. D., Schneider, M., & Minder, C. (1997). Bias in meta-analysis detected by a simple, graphical test. BMJ, 315(7109),

629–634. [CrossRef]
Ellison, N. B., Steinfield, C., & Lampe, C. (2011). Connection strategies: Social capital implications of Facebook-enabled communication

practices. New Media & Society, 13(6), 873–892. [CrossRef]
Faulhaber, M. E., Lee, J. E., & Gentile, D. A. (2023). The effect of self-monitoring limited social media use on psychological well-being.

Technology, Mind, and Behavior, 4(2), 1–10. [CrossRef]
Fruehwirth, J. C., Weng, A. X., & Perreira, K. M. (2024). The effect of social media use on mental health of college students during the

pandemic. Health Economics, 33(10), 2229–2252. [CrossRef]
Ghai, S., Fassi, L., Awadh, F., & Orben, A. (2023). Lack of sample diversity in research on adolescent depression and social media use:

A scoping review and meta-analysis. Clinical Psychological Science, 11(5), 216770262211148. [CrossRef]
Gump, B. B., Matthews, K. A., Eberly, L. E., & Chang, Y. (2005). Depressive symptoms and mortality in men. Stroke, 36(1), 98–102.

[CrossRef]

https://doi.org/10.17605/OSF.IO/Q7JFV
https://doi.org/10.17605/OSF.IO/Q7JFV
https://doi.org/10.1089/cyber.2020.0134
https://doi.org/10.1080/02673843.2016.1227716
https://www.aihw.gov.au/reports/children-youth/mental-illness
https://doi.org/10.1371/journal.pone.0169839
https://doi.org/10.1002/9781119099369.ch27
https://doi.org/10.1002/jrsm.12
https://www.ncbi.nlm.nih.gov/pubmed/26061376
https://doi.org/10.1016/j.chb.2020.106332
https://doi.org/10.1007/s10389-022-01751-x
https://digitalcommons.trinity.edu/hct_faculty/14/
https://doi.org/10.29364/epsy.467
https://doi.org/10.1016/j.jadohealth.2020.03.006
https://doi.org/10.2174/1570159X1304150831123535
https://doi.org/10.1007/s10802-020-00715-7
https://www.ncbi.nlm.nih.gov/pubmed/33404948
https://doi.org/10.1186/s40359-024-01611-1
https://www.ncbi.nlm.nih.gov/pubmed/38481298
https://www.statista.com/statistics/433871/daily-social-media-usage-worldwide/
https://doi.org/10.3390/nu17010180
https://doi.org/10.1111/j.0006-341X.2000.00455.x
https://www.ncbi.nlm.nih.gov/pubmed/10877304
https://doi.org/10.1136/bmj.315.7109.629
https://doi.org/10.1177/1461444810385389
https://doi.org/10.1037/tmb0000111
https://doi.org/10.1002/hec.4871
https://doi.org/10.1177/21677026221114859
https://doi.org/10.1161/01.STR.0000149626.50127.d0


Eur. J. Investig. Health Psychol. Educ. 2025, 15, 222 14 of 16

Hancock, J., Liu, S. X., Luo, M., & Mieczkowski, H. (2022). Psychological well-being and social media use: A meta-analysis of
associations between social media use and depression, anxiety, loneliness, eudaimonic, hedonic and social well-being. SSRN
Electronic Journal, 24(9). [CrossRef]

Hariton, E., & Locascio, J. J. (2018). Randomised controlled trials—The gold standard for effectiveness research. BJOG: An International
Journal of Obstetrics & Gynaecology, 125(13), 1716. [CrossRef]

Hartanto, A., Quek, F. Y. X., Tng, G. Y. Q., & Yong, J. C. (2021). Does social media use increase depressive symptoms? A reverse
causation perspective. Frontiers in Psychiatry, 12, 641934. [CrossRef]

Hedges, L. V. (1981). Distribution theory for glass’s estimator of effect size and related estimators. Journal of Educational Statistics, 6(2),
107–128. [CrossRef]

Hengartner, M. P. (2019). Is there a genuine placebo effect in acute depression treatments? A reassessment of regression to the mean
and spontaneous remission. BMJ Evidence-Based Medicine, 25(2), 46–48. [CrossRef]

Henzel, V., & Håkansson, A. (2021). Hooked on virtual social life. Problematic social media use and associations with mental distress
and addictive disorders. PLoS ONE, 16(4), e0248406. [CrossRef]

Hewitt, C. E., Torgerson, D. J., & Miles, J. N. V. (2006). Is there another way to take account of noncompliance in randomized controlled
trials? CMAJ: Canadian Medical Association Journal, 175(4), 347. [CrossRef]

Higgins, J. P. T. (2008). Commentary: Heterogeneity in meta-analysis should be expected and appropriately quantified. International
Journal of Epidemiology, 37(5), 1158–1160. [CrossRef]

Higgins, J. P. T., Altman, D. G., Gotzsche, P. C., Juni, P., Moher, D., Oxman, A. D., Savovic, J., Schulz, K. F., Weeks, L., & Sterne, J. A.
C. (2011). The Cochrane Collaboration’s tool for assessing risk of bias in randomised trials. BMJ, 343(343), d5928. [CrossRef]
[PubMed]

Huang, C. (2020). A meta-analysis of the problematic social media use and mental health. International Journal of Social Psychiatry, 68(1),
12–33. [CrossRef] [PubMed]

Huedo-Medina, T. B., Sánchez-Meca, J., Marín-Martínez, F., & Botella, J. (2006). Assessing heterogeneity in meta-analysis: Q statistic or
I2 index? Psychological Methods, 11(2), 193–206. [CrossRef] [PubMed]

Hunt, M. G., Xu, E., Fogelson, A., & Rubens, J. (2023). Follow friends one hour a day: Limiting time on social media and muting
strangers improves well-being. Journal of Social and Clinical Psychology, 42(3), 187–213. [CrossRef]

Ivie, E. J., Pettitt, A., Moses, L. J., & Allen, N. B. (2020). A meta-analysis of the association between adolescent social media use and
depressive symptoms. Journal of Affective Disorders, 275(1), 165–174. [CrossRef]

Jiang, H., Chugh, R., Turnbull, D., Wang, X., & Chen, S. (2025). Exploring the effects of technology-related informal mathematics
learning activities: A structural equation modeling analysis. International Journal of Science and Mathematics Education, 23(1), 49–69.
[CrossRef]

Kardefelt-Winther, D. (2014). A conceptual and methodological critique of internet addiction research: Towards a model of compen-
satory internet use. Computers in Human Behavior, 31(1), 351–354. [CrossRef]

Karlsson, J., Broman, N., & Håkansson, A. (2019). Associations between problematic gambling, gaming, and internet use: A cross-
sectional population survey. Journal of Addiction, 2019, 1464858. [CrossRef]

Keles, B., McCrae, N., & Grealish, A. (2020). A systematic review: The influence of social media on depression, anxiety and psychological
distress in adolescents. International Journal of Adolescence and Youth, 25(1), 79–93. [CrossRef]

Kroenke, K., Spitzer, R. L., & Williams, J. B. W. (2001). The PHQ-9: Validity of a brief depression severity measure. Journal of General
Internal Medicine, 16(9), 606–613. [CrossRef]

Lambert, J., Barnstable, G., Minter, E., Cooper, J., & McEwan, D. (2022). Taking a one-week break from social media improves well-being,
depression, and anxiety: A randomized controlled trial. Cyberpsychology, Behavior, and Social Networking, 25(5), 287–293. [CrossRef]
[PubMed]

Li, T., Higgins, J. P. T., & Deeks, J. J. (2024). Chapter 5: Collecting data [last updated October 2019]. In J. P. T. Higgins, J. Thomas, J.
Chandler, M. Cumpston, T. Li, M. J. Page, & V. A. Welch (Eds.), Cochrane handbook for systematic reviews of interventions. version 6.5.
Cochrane. Available online: www.training.cochrane.org/handbook (accessed on 1 June 2024).

Liebherz, S., Schmidt, N., & Rabung, S. (2016). How to assess the quality of psychotherapy outcome studies: A systematic review of
quality assessment criteria. Psychotherapy Research, 26(5), 573–589. [CrossRef]

Liu, M., Kamper-DeMarco, K. E., Zhang, J., Xiao, J., Dong, D., & Xue, P. (2022). Time spent on social media and risk of depression
in adolescents: A dose–response meta-analysis. International Journal of Environmental Research and Public Health, 19(9), 5164.
[CrossRef] [PubMed]

Marciano, L., Lin, J., Sato, T., Saboor, S., & Viswanath, K. (2024). Does social media use make us happy? A meta-analysis on social
media and positive well-being outcomes. SSM-Mental Health, 6(1), 100331. [CrossRef]

Marfo, P., & Okyere, G. A. (2019). The accuracy of effect-size estimates under normals and contaminated normals in meta-analysis.
Heliyon, 5(6), e01838. [CrossRef]

https://doi.org/10.2139/ssrn.4053961
https://doi.org/10.1111/1471-0528.15199
https://doi.org/10.3389/fpsyt.2021.641934
https://doi.org/10.3102/10769986006002107
https://doi.org/10.1136/bmjebm-2019-111161
https://doi.org/10.1371/journal.pone.0248406
https://doi.org/10.1503/cmaj.051625
https://doi.org/10.1093/ije/dyn204
https://doi.org/10.1136/bmj.d5928
https://www.ncbi.nlm.nih.gov/pubmed/22008217
https://doi.org/10.1177/0020764020978434
https://www.ncbi.nlm.nih.gov/pubmed/33295241
https://doi.org/10.1037/1082-989X.11.2.193
https://www.ncbi.nlm.nih.gov/pubmed/16784338
https://doi.org/10.1521/jscp.2023.42.3.187
https://doi.org/10.1016/j.jad.2020.06.014
https://doi.org/10.1007/s10763-024-10456-4
https://doi.org/10.1016/j.chb.2013.10.059
https://doi.org/10.1155/2019/1464858
https://doi.org/10.1080/02673843.2019.1590851
https://doi.org/10.1046/j.1525-1497.2001.016009606.x
https://doi.org/10.1089/cyber.2021.0324
https://www.ncbi.nlm.nih.gov/pubmed/35512731
www.training.cochrane.org/handbook
https://doi.org/10.1080/10503307.2015.1044763
https://doi.org/10.3390/ijerph19095164
https://www.ncbi.nlm.nih.gov/pubmed/35564559
https://doi.org/10.1016/j.ssmmh.2024.100331
https://doi.org/10.1016/j.heliyon.2019.e01838


Eur. J. Investig. Health Psychol. Educ. 2025, 15, 222 15 of 16

Moher, D., Schulz, K. F., & Altman, D. G. (2001). The CONSORT statement: Revised recommendations for improving the quality of
reports of parallel-group randomised trials. The Lancet, 357(9263), 1191–1194. [CrossRef]

Myhre, J. W., Mehl, M. R., & Glisky, E. L. (2017). Cognitive benefits of online social networking for healthy older adults. The Journals of
Gerontology. Series B, Psychological Sciences and Social Sciences, 72(5), 752–760. [CrossRef] [PubMed]

Page, M. J., McKenzie, J. E., Bossuyt, P. M., Boutron, I., Hoffmann, T. C., Mulrow, C. D., Shamseer, L., Tetzlaff, J. M., Akl, E. A., Brennan,
S. E., Chou, R., Glanville, J., Grimshaw, J. M., Hróbjartsson, A., Lalu, M. M., Li, T., Loder, E. W., Mayo-Wilson, E., McDonald, S., &
McGuinness, L. A. (2021). The PRISMA 2020 statement: An updated guideline for reporting systematic reviews. British Medical
Journal, 372(71), n71. [CrossRef] [PubMed]

Patel, R., Chang, T., Greysen, S. R., & Chopra, V. (2015). Social media use in chronic disease: A systematic review and novel taxonomy.
The American Journal of Medicine, 128(12), 1335–1350. [CrossRef]

Petito, A., Pop, T. L., Namazova-Baranova, L., Mestrovic, J., Nigri, L., Vural, M., Sacco, M., Giardino, I., Ferrara, P., & Pettoello-
Mantovani, M. (2020). The burden of depression in adolescents and the importance of early recognition. The Journal of Pediatrics,
218, 265–267. [CrossRef]

Petrosyan, A. (2024, October 10). Number of internet and social media users worldwide as of July 2024. Statista. Available online:
https://www.statista.com/statistics/617136/digital-population-worldwide/ (accessed on 1 June 2024).

Plackett, R., Blyth, A., & Schartau, P. (2023). The impact of social media use interventions on mental well-being: Systematic review.
Journal of Medical Internet Research, 25(1), e44922. [CrossRef]

Primack, B. A., & Escobar-Viera, C. G. (2017). Social media as it interfaces with psychosocial development and mental illness in
transitional age youth. Child and Adolescent Psychiatric Clinics of North America, 26(2), 217–233. [CrossRef] [PubMed]

Radloff, L. S. (1977). The CES-D scale: A self-report depression scale for research in the general population. Applied Psychological
Measurement, 1(3), 385–401. [CrossRef]

Ramadhan, R. N., Rampengan, D. D., Yumnanisha, D. A., Setiono, S. B. V., Tjandra, K. C., Ariyanto, M. V., Idrisov, B., & Empitu,
M. (2024). Impacts of digital social media detox for mental health: A systematic review and meta-analysis. Narra J, 4(2), e786.
[CrossRef]

Reed, P., Fowkes, T., & Khela, M. (2023). Reduction in social media usage produces improvements in physical health and wellbeing:
An RCT. Journal of Technology in Behavioral Science, 8, 140–147. [CrossRef]

Reinecke, L., Gilbert, A., & Eden, A. (2022). Self-regulation as a key boundary condition in the relationship between social media use
and well-being. Current Opinion in Psychology, 45, 101296. [CrossRef]

Saiphoo, A. N., Dahoah Halevi, L., & Vahedi, Z. (2020). Social networking site use and self-esteem: A meta-analytic review. Personality
and Individual Differences, 153, 109639. [CrossRef]

Samra, A., Warburton, W. A., & Collins, A. M. (2022). Social comparisons: A potential mechanism linking problematic social media use
with depression. Journal of Behavioral Addictions, 11(2), 607–614. [CrossRef] [PubMed]

Schwarz, D., Steinau, K., Kraus, L., & In-Albon, T. (2023). The effect of a 1-week abstinence from Instagram on mental health in youth
and young adults. Kindheit Und Entwicklung, 31(4), 200–210. [CrossRef]

Seabrook, E. M., Kern, M. L., & Rickard, N. S. (2016). Social networking sites, depression, and anxiety: A systematic review. JMIR
Mental Health, 3(4), e5842. [CrossRef] [PubMed]

Smith, A., & Anderson, M. (2018). Social media use in 2018. Pew Research Center: Internet, Science & Tech. Available online:
https://www.pewresearch.org/internet/2018/03/01/social-media-use-in-2018/ (accessed on 1 June 2024).

Sun, Y., & Zhang, Y. (2020). A review of theories and models applied in studies of social media addiction and implications for future
research. Addictive Behaviors, 114(1), 106699. [CrossRef]

Thai, H., Davis, C. G., Stewart, N., Gunnell, K. E., & Goldfield, G. S. (2021). The effects of reducing social media use on body esteem
among transitional-aged youth. Journal of Social and Clinical Psychology, 40(6), 481–507. [CrossRef]

Tromholt, M. (2016). The Facebook experiment: Quitting Facebook leads to higher levels of well-being. Cyberpsychology, Behavior, and
Social Networking, 19(11), 661–666. [CrossRef]

Twenge, J. M., Joiner, T. E., Rogers, M. L., & Martin, G. N. (2018). Increases in depressive symptoms, suicide-related outcomes, and
suicide rates among U.S. adolescents after 2010 and links to increased new media screen time. Clinical Psychological Science, 6(1),
3–17. [CrossRef]

Ulvi, O., Karamehic-Muratovic, A., Baghbanzadeh, M., Bashir, A., Smith, J., & Haque, U. (2022). Social media use and mental health: A
global analysis. Epidemiologia, 3(1), 11–25. [CrossRef] [PubMed]

Vahedi, Z., & Zannella, L. (2019). The association between self-reported depressive symptoms and the use of social networking sites
(SNS): A meta-analysis. Current Psychology, 40(5), 2174–2189. [CrossRef]

Veritas Health Innovation. (2024). Covidence systematic review software. Covidence. Available online: http://www.covidence.org
(accessed on 1 June 2024).

Vesal, M., & Rahimi, C. (2021). The effect of social media use on depression in adolescents: A systematic review and meta-analysis.
Journal of Arak University Medical Sciences, 24(1), 2–23. [CrossRef]

https://doi.org/10.1016/S0140-6736(00)04337-3
https://doi.org/10.1093/geronb/gbw025
https://www.ncbi.nlm.nih.gov/pubmed/26984523
https://doi.org/10.1136/bmj.n71
https://www.ncbi.nlm.nih.gov/pubmed/33782057
https://doi.org/10.1016/j.amjmed.2015.06.015
https://doi.org/10.1016/j.jpeds.2019.12.003
https://www.statista.com/statistics/617136/digital-population-worldwide/
https://doi.org/10.2196/44922
https://doi.org/10.1016/j.chc.2016.12.007
https://www.ncbi.nlm.nih.gov/pubmed/28314452
https://doi.org/10.1177/014662167700100306
https://doi.org/10.52225/narra.v4i2.786
https://doi.org/10.1007/s41347-023-00304-7
https://doi.org/10.1016/j.copsyc.2021.12.008
https://doi.org/10.1016/j.paid.2019.109639
https://doi.org/10.1556/2006.2022.00023
https://www.ncbi.nlm.nih.gov/pubmed/35895606
https://doi.org/10.1026/0942-5403/a000392
https://doi.org/10.2196/mental.5842
https://www.ncbi.nlm.nih.gov/pubmed/27881357
https://www.pewresearch.org/internet/2018/03/01/social-media-use-in-2018/
https://doi.org/10.1016/j.addbeh.2020.106699
https://doi.org/10.1521/jscp.2021.40.6.481
https://doi.org/10.1089/cyber.2016.0259
https://doi.org/10.1177/2167702617723376
https://doi.org/10.3390/epidemiologia3010002
https://www.ncbi.nlm.nih.gov/pubmed/36417264
https://doi.org/10.1007/s12144-019-0150-6
http://www.covidence.org
https://doi.org/10.32598/jams.24.1.6099.1


Eur. J. Investig. Health Psychol. Educ. 2025, 15, 222 16 of 16

Vidal, C., Lhaksampa, T., Miller, L., & Platt, R. (2020). Social media use and depression in adolescents: A scoping review. International
Review of Psychiatry, 32(3), 235–253. [CrossRef]

Wolgast, M., Lundberg, K., Palmqvist, E., & Wolgast, S. (2023). Effects of reduced and altered use of social networking sites—A
randomized controlled study. Journal of Social and Clinical Psychology, 42(6), 558–580. [CrossRef]

World Health Organization. (2011). Global burden of mental disorders and the need for a comprehensive, coordinated response from health and
social sectors at the country level. Available online: https://apps.who.int/gb/ebwha/pdf_files/EB130/B130_9-en.pdf (accessed on
1 June 2024).

World Health Organization. (2017). Depression and other common mental disorders global health estimates. Available online: https://
iris.who.int/bitstream/handle/10665/254610/WHO-MSD-MER-2017.2-eng.pdf?sequence=1 (accessed on 1 June 2024).

Yigiter, M. S., Demir, S., & Dogan, N. (2023). The relationship between problematic social media use and depression: A meta-analysis
study. Current Psychology, 43(9), 7936–7951. [CrossRef]

Yoon, S., Kleinman, M., Mertz, J., & Brannick, M. (2019). Is social network site usage related to depression? A meta-analysis of
Facebook–depression relations. Journal of Affective Disorders, 248, 65–72. [CrossRef] [PubMed]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1080/09540261.2020.1720623
https://doi.org/10.1521/jscp.2023.42.6.558
https://apps.who.int/gb/ebwha/pdf_files/EB130/B130_9-en.pdf
https://iris.who.int/bitstream/handle/10665/254610/WHO-MSD-MER-2017.2-eng.pdf?sequence=1
https://iris.who.int/bitstream/handle/10665/254610/WHO-MSD-MER-2017.2-eng.pdf?sequence=1
https://doi.org/10.1007/s12144-023-04972-9
https://doi.org/10.1016/j.jad.2019.01.026
https://www.ncbi.nlm.nih.gov/pubmed/30711871

	Introduction 
	Correlational Research 
	Experimental Research 
	Aims of the Present Meta-Analysis 

	Methods 
	Protocol and Registration 
	Eligibility Criteria 
	Information Sources 
	Search Strategy 
	Study Selection Process 
	Moderator Selection and Coding Process 
	Study-Method Risk Assessment 
	Statistical Methods 

	Results 
	Search 
	Study Characteristics 
	Inclusion of Non-Compliers in Analysis and Overall Assessment of Study-Method Bias 
	Meta-Analysis Results 
	Sensitivity and Publication Bias Analyses 
	Moderator Analysis 

	Discussion 
	Conclusions 
	Limitations 
	Future Research 
	References

