
energies

Article

Induction Motor Adaptive Backstepping Control and
Efficiency Optimization Based on Load Observer

Chuanguang Chen, Haisheng Yu *, Fei Gong and Herong Wu

College of Automation, Qingdao University, Qingdao 266071, China; 2018020441@qdu.edu.cn (C.C.);
gong1994fei@163.com (F.G.); wu_hr@163.com (H.W.)
* Correspondence: yhsh_qd@qdu.edu.cn; Tel.: +86-0532-85-953-972

Received: 24 June 2020; Accepted: 16 July 2020; Published: 19 July 2020
����������
�������

Abstract: In this paper, an adaptive load torque observer based on backstepping control is designed,
which achieves accurate load estimation where the load is unknown. Based on this, in order to reduce
the loss of the motor at low load, a smooth switching strategy of rotor flux based on speed error is
designed. According to the real-time speed error of the induction motor, the smooth switching strategy
achieves dynamic flux switching. Firstly, when the uncertain load occurs for the first time in the
recursive design, the adaptive law of the load is designed, and a novel adaptive load torque observer is
obtained, which accurately estimates the uncertain load torque in real time. Secondly, the relationship
between the loss and the rotor flux is established by analyzing the loss model of induction motor,
and the optimal rotor flux is obtained. The smooth switching control strategy based on speed error
is designed to realize the efficiency optimization of induction motor. Finally, the control strategy
proposed in this paper is experimentally verified on the LINKS-RT platform. The results show that
the proposed control strategy has excellent load disturbance attenuation performance and reduces
the energy loss.

Keywords: induction motor; load torque observer; optimal rotor flux; smooth switching;
efficiency optimization

1. Introduction

Induction motors (IMs) are widely used in electric vehicles and industrial robots due to
reliability, high power density and excellent speed regulation performance [1–3]. The conventional
proportional-integral (PI) control strategy has been applied in induction motor (IM) speed control
system, which is easy to implement [4]. However, it is usually operated under rated flux, the loss of
motor is large, and it has a weak performance in load disturbance attenuation. In modern industrial
applications, the variable frequency speed control system of IM requires not only requires excellent
control performance, but also requires the reduction of motor energy loss.

Actually, the control performance of IM drive system is easily affected by compounded
disturbances, including parameters variation and external load disturbance [5–7]. In addition, external
load disturbance can inevitably influence the control performance, bringing out speed fluctuation.
Advanced control schemes have been utilized in speed control of IM drives for obtaining perfect load
disturbance attenuation and speed response, such as sliding mode control [8,9], active disturbance
rejection control [10,11], neural network control [12,13], fuzzy control [14,15], port-controlled
Hamiltonian control [16–18] and so on. The Elman neural network control algorithm is designed
in rotor position of IM drives application, which approximates the parameter uncertainties and
lumped disturbances [12]. In Reference [14], a self-tuning algorithm is proposed to automatically
adjust the output factor of the fuzzy logic speed controller, which improves the control effect of
the fixed parameter fuzzy logic control algorithm in parameter variations and load disturbance.
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Nevertheless, the selection of fuzzy rules depends on human experience, which brings difficulty to
the realization of the algorithm. The sliding mode algorithm is a complex control strategy which
improves the ability of robustness to variable motor parameters and load disturbance attenuation.
It has an attractive application prospect for the design of controllers and observers of motor drive
system, realizing accurate estimation of load disturbance as well as obtaining satisfactory control
performance [19,20]. In Reference [19], the second-order sliding mode disturbance observer is used to
observe the disturbances, including motor parameters change and unmodeled dynamics. The output
of the designed sliding mode disturbance observer is utilized as feedforward compensation to correct
the current error caused by traditional deadbeat predictive current controller. In Reference [20],
the second-order sliding mode control strategy is applied to the IM servo system to overcome the
shortcomings of the first-order sliding mode control. The higher sampling frequency is applied in order
to improve the dynamic performance in drive system, but with the increase of the sampling frequency,
the hardware requirements are higher, which brings difficulty to the later experimental verification.

The backstepping control algorithm constructs the control law of IM by selecting Lyapunov
function, which is applied to ensure the system stability and is widely used in the servo drive
system [21–23]. In Reference [23], the improved backstepping nonlinear technology is equipped with
an observer, which shows the superiority in robustness and speed response. The design idea of
backstepping control technology is to recursively select the appropriate state variables as the virtual
control input of low dimensional subsystem. Each backstepping design step generates a new virtual
control variable, which is represented by the previous design step, and the final Lyapunov function is
the sum of the Lyapunov functions designed in the previous recursive steps [24]. The backstepping
control strategy is combined with the adaptive scheme, which has a superior property [25,26].
In Reference [26], the backstepping control strategy is combined with the adaptive mechanism to
identify the rotor resistance of the induction motor on line. The designed rotor resistance observer
has good performance in load disturbance and speed change, which improves the robustness of the
control system.

IMs have significant efficiency optimization control effects when they are at light load
operations [27,28]. In the traditional field oriented control technique, the rotor flux is constant in
order to realize high dynamic performance, but it is detrimental for efficiency optimization [29].
Among the existing loss minimization control strategies, the loss model control has a faster convergence
speed than the search control and is easy to implement, which has caused extensive research [30,31].
The loss model control establishes the relationship between the total loss and the rotor flux through
the equivalent circuit in the stationary reference frame of the IM, and obtains the optimal rotor flux
when the loss is minimal. In order to improve the system dynamic performance degradation caused
by the optimal rotor flux in the efficiency optimization control, the rotor flux of the drive system is
restored to the given rotor flux when the speed or load changes suddenly [32]. In Reference [28],
low pass filter, torque producing current compensation to speed controller and variable structure speed
controller in model based control of IM drives are discussed. Three control strategies are proposed to
improve the dynamic performance of the system, and to save energy during sudden load transitions.
However, when the motor changes from the optimal rotor flux to the given rotor flux in case of sudden
speed and load torque, it is switched according to the time point of sudden change. In many practical
applications, it is difficult to determine the time point when the running state of the motor changes
(speed or load mutation).

In this paper, a novel adaptive load torque observer based on speed error and load torque
error is proposed inspired from the work investigated in Reference [33]. The load torque adaptive
law is presented in the first recursive design step, and a novel adaptive load torque observer is
obtained compared with the conventional adaptive backstepping control strategy [34]. The designed
observer accurately estimates the unknown load online, and achieves excellent speed control of
IM. The Gaussian smooth switching control method based on the speed error realizes dynamic
flux switching, which improves the efficiency of the motor at low load operation. The LINKS-RT
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experimental platform verifies the effectiveness of the proposed control algorithm in unknown load
torque estimation, speed tracking performance, and smooth switching of rotor flux.

The organization of this paper is described below—Section 2 is devoted to the mathematical
model of IM. Section 3 provides the design of control strategy including rotor flux observer, novel
adaptive backstepping control. Section 4 is devoted to the optimization of efficiency through smooth
switching control of the rotor flux. The experimental results are discussed in Section 5. Section 6
describes the conclusions.

2. Mathematical Model of IM

The mathematical model of IM on the d− q axis can be presented by the following equation under
the field oriented control strategy [26].

i̇sd = υisd + (npω +
LmRr isq

Lrλrd
)isq +

LmRr
σLs L2

r
λrd +

1
σLs

usd

i̇sq = υisq − (npω +
LmRr isq

Lrλrd
)isd −

Lmnpω
σLs Lr

λrd +
1

σLs
usq

λ̇rd = LmRr
Lr

isd − Rr
Lr

λrd

ω̇ = 1
J (Te − TL − Bω),

(1)

where σ = 1 − L2
m
/
(LrLs) is leakage coefficient, υ = −(L2

mRr + L2
r Rs)

/
(σLsL2

r ), and Te =(
3npLmλrdisq

)/
(2Lr) is electromagnetic torque. usd, usq, isd and isq stand for the component of stator

voltage and current on the d− q axis. Lm, J, B, np and TL present mutual inductance, moment of inertia,
friction coefficient, pole pairs and load torque. Ls and Lr are stator inductance and rotor inductance.
λrd and ω are rotor flux and mechanical angular speed of rotor.

The angular speed of d− q axis ωe, the slip angular frequency ωs and the electrical angular speed
ωr of IM are presented as [23]

ωe = ωs + ωr =
LmRr

Lrλrd
isq + npω. (2)

The block diagram of IM drive system based on the novel adaptive load torque observer is shown
in Figure 1. ω∗ and λ∗r are the given speed and rotor flux. T̂L and λ̂rd are the estimations of T̂L and λrd.
is is the stator current, and is = [ isd isq ]T . θ̂r is the estimated value of the rotor flux position of the
motor, which will be used for Clark transformation and Park transformation.
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Figure 1. Block diagram of induction motor (IM) drive system.
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3. Design of Control Strategy

3.1. Rotor Flux Observer

It can be obtained from the rotor flux formula in Equation (1) that the rotor flux observer can be
estimated from the stator current isd.

˙̂λrd =
LmRrisd

Lr
− Rrλ̂rd

Lr
. (3)

Define the rotor flux error eλ = λrd − λ̂rd, then ėλ = − Rreλ
Lr

. Choosing Lyapunov function
V1 = e2

λ

/
2, and the derivative of it is expressed as

V̇1 = eλ ėλ = −
Rre2

λ

Lr
≤ 0, (4)

if and only if eλ = 0, V̇1 = 0. According to the Lyapunov stability theory and the LaSalle invariant
theory, the rotor flux observer is asymptotically stable.

3.2. Novel Adaptive Backstepping Controller

In order to achieve the goal of remarkable performance speed control, the backstepping control
scheme is adopted. Considering the uncertain load disturbance, the novel adaptive load torque
observer is designed to accurately estimate the change of load torque in real time based on the
principle of backstepping control. The novel load adaptive law is different from the convention,
which is presented when the load torque first appears.

Define speed error, rotor flux error and their time derivative{
eω = ω∗ −ω

eλ = λ∗rd − λ̂rd
(5)

{
ėω = ω̇∗ − ω̇

ėλ = λ̇∗rd −
˙̂λrd.

(6)

Consider the Lyapunov function

V2 =
1
2
(e2

ω + e2
λ + a−1T̃2

L), labeleq7 (7)

where parameter a > 0. T̃L = TL − T̂L, T̃L and T̂L are the error value and estimated value of load
torque. The time derivative of V2 is

V̇2 = eω ėω + eλ ėλ + a−1T̃L
˙̃TL = eω(ω̇

∗ − ω̇) + eλ(λ̇
∗
rd −

˙̂λrd)− a−1T̃L
˙̂TL. (8)

The q-axis current error eiq and the virtual control current i∗sq are derived as{
eiq = i∗sq − isq

i∗sq = 2JLr
3np Lmλ̂rd

(ω̇∗ − κ), (9)

where κ is a function, which is given in Equation (11).



Energies 2020, 13, 3712 5 of 16

Combining Equations (1), (8) and (9), the Equation (8) can be rewritten as

V̇2 =
3npLmλ̂rd

2JLr
eωeiq + eω(κ +

T̂L
J
+

Bω

J
) + eλ(λ̇

∗
rd −

LmRr

Lr
isd +

Rr

Lr
λ̂rd) + T̃L(

eω

J
− a−1 ˙̂TL)

=
3npLmλ̂rd

2JLr
eωeiq − k1e2

ω − k2e2
λ − k3T̃2

L,

(10)

where ki > 0(i = 1, 2, 3). Then the function κ, q-axis virtual control current i∗sq and load torque adaptive
law are designed as 

κ = −k1eω − T̂L
J −

Bω
J

i∗sd = Lr
LmRr

(λ̇∗rd +
Rr
Lr

λ̂rd + k2eλ)
˙̂TL = ak3T̃L + a eω

J .

(11)

By substituting (1) into (11), the load torque adaptive law is rewritten as

˙̂TL = −ak3 Jω̇ +
a
J

eω + ak3

(
3npLmλ̂rd

2Lr
isq − T̂L − Bω

)
. (12)

According to Equation (12), the novel adaptive load torque observer can be expressed as

T̂L = −ak3 J
∫ ω(t)

ω(0)
dω + a

∫ t

0

[
eω

J
+ k3

(
3npLmλ̂rd

2Lr
isq − T̂L − Bω

)]
dt. (13)

Substituting function κ and (6) into (9), it can obviously get that

ėω =
3npLmλ̂rd

2JLr
eiq − k1eω +

1
J

T̃L (14)

i∗sq =
2JLr

3npLmλ̂rd

[
k1(ω

∗ −ω)+
1
J

T̂L + ω̇∗ +
Bω

J

]
. (15)

Combining Equations (14) and (15), V̇2 can be described as

V̇2 = −k1e2
ω − k2e2

λ − k3T̃2
L < 0. (16)

Choosing the Lyapunov function

V3 = V2 +
e2

iq

2
. (17)

Then, the time derivative of V3 is given by

V̇3 = −k1e2
ω − k2e2

λ − k3T̃2
L +

2Lr

3npLmλ̂rd
(k1 + ak3 −

B
J
)eiqT̃L + eiq(

3npLmλ̂rd

2JLr
eω

+
2JLr

3npLmλ̂rd
k1ω̇∗ − k1isq +

2k1Lr

3npLmλ̂rd
T̂L +

2Lr

3npLmλ̂rd
Bω +

B
J

isq

+
2Lr

3JnpLmλ̂rd
aeω +

2JLr

3npLmλ̂rd
ω̈∗ − υisq −

2LrB
3np JLmλ̂rd

T̂L −
2LrB2

3np JLmλ̂rd
ω

− υisq + ωeisd +
Lmωr

σLsLr
λ̂rd −

1
σLs

usq)

= −k1e2
ω − k2e2

λ − k3T̃2
L − k4e2

iq,

(18)
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where k4 > 0. Equation (18) shows that the output usq of controller is

usq =σLs(k4eiq +
3npLmλ̂rd

2JLr
eω+

2JLr

3npLmλ̂rd
k1ω̇∗ +

2Lr

3npLmλ̂rd
Bω +

B
J

isq

− k1isq +
2k1Lr

3npLmλ̂rd
T̂L +

2Lr

3JnpLmλ̂rd
aeω −

2LrB
3np JLmλ̂rd

T̂L −
2LrB2

3np JLmλ̂rd
ω

+
2JLr

3npLmλ̂rd
ω̈∗ − υisq + ωeisd +

Lmωr

σLsLr
λ̂rd).

(19)

Substituting (19) into (18) results in

V̇3 =− k1e2
ω − k2e2

λ − k4e2
iq − (

√
k3√
2

T̃L −
c√
2k3

eiq)
2 − (

√
k3√
2

T̃L −
b√
2k3

eiq)
2 − (k4 −

b2 + c2

2k3
)e2

iq (20)

where b = Lr
np Lmλ̂rd

k1, c = Lr
np Lmλ̂rd

(
ak3 − B

J

)
.

Define current error of d-axis as eid = i∗sd − isd, choose the Lyapunov function as

V4 =
e2

id
2

. (21)

Obviously, V̇4 can be written as

V̇4 = eid ėid = eid(i̇∗sd − υisd −ωeisq −
LmRr

σLsL2
r

λ̂rd −
1

σLs
usd) = −k5e2

id, (22)

where k5 > 0. Then construct the control law usd

usd = σLs(k5eid + i̇∗sd − υisd −ωsisq −
LmRr

σLsL2
r

λ̂rd). (23)

Substituting (23) into (22) results in

V̇4 = −k5e2
id < 0. (24)

4. Efficiency Optimized through Smooth Switching Control of Rotor Flux

The loss of IM includes stator iron loss, stator copper loss, rotor iron loss, and rotor copper
loss. The rotor iron loss is ignored because it is small relative to the stator iron loss. The stator iron
loss is represented by iron loss equivalent resistance RFe, iFed and iFeq are the currents through the
resistance RFe. The stable state equivalent circuit of IM can be shown in Figure 2 [27,35].

sdu

sRsdi

FeR

s sq 
1 rq 

rRmL
rdiFedi

(a) d-axis equivalent circuit.

squ

sRsqi

FeR

s sd 
1 rd 

rR
mL rqiFeqi

(b) q-axis equivalent circuit.

Figure 2. Equivalent circuit of IM.
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In the synchronous rotating coordinate system, the current of the d− q axis is direct current, so the
voltage of the two ends of mutual inductance Lm in Figure 2 is zero. Based on the principle of rotor
flux orientation, we have {

iFed = isd
iFeq = isq + irq

(25)

{
λsd = λrd
λsq = λrq = 0,

(26)

where iFed and iFeq are the d-q axis components of the current flowing through the equivalent resistance
RFe, λsd and λsq are stator flux of d − q axis, λrd and λrq are rotor flux of d − q axis. As shown in
Figure 2, we have

iFeq =
ωeλsd

RFe
=

ωeλrd
RFe

(27)

irq = −ωsλrd
Rr

, (28)

then

ωs = −
irqRr

λrd
=

Rr

λrd
(isq − iFeq) = (

isq

λrd
− ωr

RFe
)

RrRFe

Rr+RFe
. (29)

The stator and rotor copper loss of IM can be expressed as

PCus = Rs(i2sd + i2sq) (30)

PCur = Rri2rq =
Rr

(Rr + RFe)
2 (RFeisq −ωrλrd)

2. (31)

where PCus and PCur are stator and rotor copper loss. According to Equation (29), stator iron loss can
be written as

PFe = RFei2Feq =
ω2

e
RFe

λ2
rd =

RFe

(Rr + RFe)
2 (R2

r i2sq + 2Rrisqωrλrd + ω2
r λ2

rd), (32)

where PFe is stator iron loss. Combining Equations (30)–(32), the total loss Ploss of IM is given by

Ploss = PCus+PCur+PFe=(
Rs

L2
m
+

1
Rr + RFe

ω2
r )λ

2
rd + (

L2
r

n2
pL2

m
Rs +

L2
r RrRFe

n2
pL2

mRr + n2
pL2

mRFe
)

T2
e

λ2
rd

. (33)

The efficiency of IM can be expressed as

η =
ωrTe

ωrTe + Ploss
, (34)

where η is the operating efficiency of the motor.
Equation (33) shows that the loss of IM is a function of the rotor flux at a certain speed and

electromagnetic torque. In order to reduce the loss in stable state, the purpose of efficiency optimization
can be achieved by controlling the rotor flux. Let the first derivative of Ploss to the rotor flux to be zero,
we have

λ∗ropt =
4

√
L2

r [RrRFe + Rs(Rr + RFe)]

n2
p[Rs(Rr + RFe) + ω2

r L2
m]

√
Te, (35)

where λ∗ropt is the given value of the optimal rotor flux.
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The Gaussian function based on speed error is used as the rotor flux coordination controller,
which can dynamically switch the given flux. The smooth switching function is designed as

f (eω) = 1− e−(eω/Sd)
2
, (36)

where Sd is positive parameter. Adjust the Sd to control the speed of smooth switching. Figure 3 shows
the block diagram of the rotor flux smooth switching strategy. The output of rotor flux smoothing
switching controller is designed as

λ∗rnew = f (eω)λ
∗
r + [1− f (eω)]λ

∗
ropt, (37)

where λ∗rnew is the value of the given flux calculated by the coordinated controller.

r

rd

si

r

ropt

rnew

Figure 3. Block diagram of rotor flux smooth switching strategy.

5. Experimental Results

In order to verify the effectiveness of the proposed control strategy in this paper, the experiment
is carried out on the experimental setup developed by Beijing Links Corporation. The experimental
setup is displayed in Figure 4. The experimental setup mainly consists of two servo drives (R&D
servo drive and universal servo drive), two 1.5 KW squirrel cage IMs (drive motor and load motor),
LINKS-RT real-time simulator and PC. The overall structure of the experiment is shown in Figure 5.
The parameters of IM are shown in Table 1. The switching frequency of the inverter is 10 kHz, and the
sampling time of the control system is 0.0002 s. The parameters of novel adaptive load torque observer
based on backstepping control are k1 = 150, k2 = 100, k3 = 3500, k4 = 1150, k5 = 2500, a = 0.001.

Braking resistor

R & D servo drive

LINKS-RT 

simulator

Load 

motor
IM

Figure 4. Experimental setup.
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*

*

rd

Figure 5. Overall structure of the experiment.

Table 1. Parameters of IM.

Description Value Unit

Rated power 1.5 kW
Rated torque 9.6 Nm
Rated speed 1500 rpm

Stator resistance 0.96 Ω
Rotor resistance 0.93 Ω

Iron loss resistance 0.9 Ω
Stator inductance 0.11832 H
Rotor inductance 0.11867 H

Mutual inductance 0.11223 H
Moment of inertia 0.0038 kg ·m2

Friction coefficient 0.001 -
Pole pairs 2 -

Case 1: At reference speed of 200 rpm, 600 rpm, 1000 rpm, and 1500 rpm, the robustness of the
proposed control strategy under unknown load disturbances is tested, and the initial load torque is
1 Nm. 1 Nm load disturbance is added at t = 5 s and the load torque recovers to 1 Nm at t = 10 s.
The given rotor flux is 0.2 Wb.

The detailed experimental curves are shown in Figures 6–9. Figures 6a, 7a, 8a and 9a show
that the proposed algorithm can quickly converge to a given speed, and when the load suddenly
increases (t = 5 s) and decreases (t = 10 s), the motor speed returns to the given speed after a short
period of adjustment. Compared with the PI control method, the backstepping control method with
the novel adaptive load torque observer (AB + LOB) has a shorter setting time and less overshoot.
As shown in Figures 6b, 7b, 8b and 9b the rotor flux observer can rapidly track the given rotor flux
value under different speeds. Figures 6c, 7c, 8c and 9c show the response curves of electromagnetic
torque and load estimation. It can be seen that the proposed load observer can accurately estimate the
value of uncertain load in real time. The A-phase current curves at different speeds are presented in
Figures 6d, 7d, 8d and 9d. From these figures, it can be seen that the amplitude of the A-phase current
increases with the increase of the load torque.

Table 2 shows the detailed data comparison of Case 1. S.F. and A.T. represent speed fluctuation
and adjustment time, respectively. From the experimental results of Case 1, the AB + LOB method
realizes precise speed control, and has excellent load disturbance attenuation.
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Figure 9. Response curves at 1500 rpm.
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Table 2. The detailed data comparison of Case 1.

Speed Method Setting Time Load up
S.F./A.T.

Load down
S.F./A.T.

200 rpm AB + LOB 0.18 s 53 rpm/0.28 s 40 rpm/0.31 s
PI 0.22 s 71 rpm/0.31 s 42 rpm/0.33 s

600 rpm AB + LOB 0.16 s 65 rpm/0.28 s 47 rpm/0.31 s
PI 0.19 s 83 rpm/0.30 s 50 rpm/0.32 s

1000 rpm AB + LOB 0.24 s 71 rpm/0.25 s 53 rpm/0.31 s
PI 0.26 s 110 rpm/0.28 s 61 rpm/0.32 s

1500 rpm AB + LOB 0.31 s 81 rpm/0.27 s 66 rpm/0.31 s
PI 0.37 s 82 rpm/0.79 s 68 rpm/0.75 s

Case 2: The actual values of IM parameters (such as resistance, inductance and moment of inertia)
are difficult to obtain. In order to analyze the robustness of the proposed control strategy under
parameter changes, the following experiments are completed at a given speed of ω∗ = 600 rpm.

Considering that the actual parameters of IM cannot be changed arbitrarily, this paper verifies
the robustness of the proposed algorithm to the parameters by changing the motor parameters used
in the AB + LOB method. Suppose X = Xn(1 + ∆X), X = (Rs, Rr, Ls, Lr, Lm, J), where X, Xn and ∆X
represent the actual value, nominal value and parameter variation degree of the motor parameters
respectively. ∆X changes from 0% to the given degree of variation at t = 4 s. Figures 10–13 show the
experimental curves of parameters variation.
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Figure 10. Speed response curves when the stator resistance value changes suddenly.
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Figure 11. Speed response curves when the rotor resistance value changes suddenly.
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Figure 12. Speed response curves when the inductance value changes suddenly.
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Figure 13. Speed response curves when the moment of inertia value changes suddenly.

Figures 10 and 11 show the speed curves of the motor under the proposed controller, in which the
stator resistance value and the rotor resistance value change suddenly. Figure 10 shows that in the case
where the stator resistance value is reduced by 50% and increased by 100%, the speed fluctuations
are 1 rpm and 5 rpm, respectively. Figure 11 shows that in the case where the rotor resistance value is
reduced by 50% and increased by 100%, the speed fluctuations are 1 rpm and 3 rpm, respectively.

Figures 12 and 13 show the proposed motor speed curve under the controller when the inductance
value and the moment of inertia value change suddenly. Figure 12 shows that in the case where the
inductance value is reduced by 20% and increased by 20%, the speed fluctuations are 5 rpm and
17 rpm, respectively. Figure 13 shows that when the moment of inertia value is reduced by 50% and
increased by 50%, the speed fluctuations are 50 rpm and 20 rpm, respectively.

From the experimental results in Figures 11–13, it can be concluded that the proposed speed
controller has strong robustness for parameters variation.

Case 3: At reference speed of 600 rpm, the proposed smooth switching strategy for rotor flux based
on a Gaussian function is verified. The load torque is 1 Nm at t = 0–10 s, and 1 Nm load disturbance is
added at t = 10 s. The given rotor flux is 0.2 Wb. The positive parameter Sd of the Gaussian function is
chosen as 4.

As can be seen from Figure 14e, when the motor is at 600 rpm and the load torque is 1 Nm,
the loss of the motor is 350 W. According to Equation (34), it can be calculated that η ≈ 77.4%.
From Figure 14d,f, after applying the efficiency optimization control algorithm, the flux is 0.12 Wb
and the loss of the motor is 180 W. According to Equation (34), it can be calculated that η ≈ 86.9%.
When t = 10 s, the load torque increases to 2 Nm. From Figure 14b, the smooth switching algorithm
still has a good speed response. From Figure 14e,f, it can be calculated that the efficiency of the motor
before and after optimization is 86% and 89.2% respectively.
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efficiency optimization.
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Figure 14. The response curve before and after efficiency optimization at 600 rpm.

The experimental results in Case 3 verify the effectiveness of Gaussian function smooth switching
control algorithm based on speed error. The proposed algorithm has a good speed response and
reduces motor loss.

6. Conclusions

In this paper, a novel adaptive load torque observer and the smooth switching control strategy
are proposed. The proposed load observer realizes accurate online estimation of unknown load
disturbance. The proposed Gaussian smooth switching control method realizes the dynamic flux
switching, and reduces the energy loss during the operation of the motor. The experimental results
verify the effectiveness of the proposed method. With AB + LOB method, the motor speed control
system has good dynamic and steady-state performance, and is robust to unknown load disturbance
and parameters variation. With Gaussian smooth switching strategy, the running efficiency of the motor
is improved under low load operation. However, the mismatch disturbances are not considered in this
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paper. Therefore, the future work will focus on eliminating the influence of mismatch disturbance on
the motor system.
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