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Abstract

Family health history (FHH) is an important tool for cancer risk assessment, yet its clinical
utility is undermined by incomplete data, particularly among historically marginalized
communities whose family records have been systematically disrupted by slavery, forced
displacement, and undocumented status. I conducted a cross-sectional online survey of
1885 US adults affected by cancer to examine associations between genealogy engagement
and FHH confidence and to assess variation across sociodemographic subgroups. Ge-
nealogy research was the single strongest modifiable predictor of FHH confidence, with
participants reporting genealogy research more than twice as likely to report high confi-
dence compared to those who did not (OR = 2.07, 95% CI 1.72-2.50), a relationship that
persisted after full adjustment for age, sex, race, income, and education. Despite compara-
ble rates of genealogy engagement, Black and Hispanic respondents reported substantially
lower FHH confidence than White respondents. These findings suggest that while interest
in genealogy is already widespread and self-motivated in the population, current clinical
tools for FHH collection are inadequate to leverage this interest equitably. Next-generation
FHH tools should be designed to reflect the dynamic, collaborative features of genealogy
platforms rather than static medical forms, and their development must be grounded in
community-centered design principles that prioritize populations for whom incomplete
family history poses an added burden.
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1. Introduction

Family health history (FHH) is among the most clinically powerful and cost-effective
tools (Valdez et al. 2010) available for assessing inherited disease risk (Lin et al. 2019) for
rare diseases (i.e., Sickle Cell Disease) (Manswell Butty et al. 2012; Gilpin-Macfoy et al. 2023),
cancer (Lowery et al. 2016), cardiovascular disease and diabetes (Onyenobi et al. 2026).
Clinically FHH is used to refer at-risk patients for targeted screening, earlier initiation of
surveillance and monitoring, and to specialized care (Ginsburg et al. 2019). Also, FHH
informs genomic risk assessments and improves polygenic risk score calculations, with
smaller population assessments achieving accuracy similar to large-scale polygenic risk
scores (Truong et al. 2020; Mars et al. 2022). Despite these benefits of having a clinically
documented FHH, many individuals with these conditions may not feel confident in their
ability to share their FHH with their health care team (Beadles et al. 2014).

In addition to the cost advantages of FHH over other genomic tools, the conversations
within families serve as patient education, improves FHH collection, and provides efficient
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identification of at-risk relatives. Yet millions of Americans, particularly those from histor-
ically marginalized communities, face documentation challenges and structural barriers
(Chavez-Yenter et al. 2022; Lin et al. 2018). Slavery, forced displacement, and decades of
structural exclusion has fractured family records in ways that continue to undermine both
FHH completeness and equitable access to precision medicine today (Gerido 2022). As
more people are interested in documenting their family histories and finding their relatives,
genetic genealogy and direct-to-consumer genetic testing are emerging as an opportunity
for intervention and patient education.

By using genetic genealogy, families are creating documentation of their biological
relationships among their relatives (Steen n.d.). The genetic test results can confirm the
degrees and types of biological relationships and potentially address gaps or discrepancies
in documentation. Consumer platforms like African Ancestry, Inc., AncestryDNA, and
23andMe have made genetic ancestry testing accessible at scale. Communities are increas-
ingly leveraging knowledge of their genetic relatives not only to reconstruct family trees
but to demand accountability and justice. Genetic genealogical research may constitute a
pathway toward greater confidence in the FHH individuals are able to report.

Despite this promise, little is known about whether engagement with genealogy,
through ancestry testing or family tree research, is associated with greater confidence in an
individual’s ability to report FHH during clinical encounters, and whether confidence levels
vary across Black and Hispanic populations already experiencing disparate burdens of
cancer. If genealogy engagement is associated with greater confidence in FHH knowledge,
then we can use those findings to study the subsequent effects on clinical reporting of FHH.
The broader impacts of this research may lend itself to novel, family-centered opportunities
for reducing health disparities in FHH documentation. The purpose of this study is to
explore the relationship between genealogy engagement and FHH confidence in a national
sample of US adults whose lives have been affected by cancer.

2. Methods

This is a cross-sectional, semi-structured online survey of US adults whose lives have
been affected by cancer, either through a personal cancer diagnosis or having a relative
with cancer. FHH functions as a clinically relevant risk indicator, reflecting not only
shared genetic susceptibility but also shared environmental exposures, behavioral patterns,
and social determinants of health that often aggregate within families. Cancer-affected
individuals were therefore selected as the study population because FHH is clinically
actionable for this group regardless of whether their cancer history reflects hereditary,
environmental, or multifactorial etiology.

Data collection occurred in two recruitment waves using a third-party online recruit-
ment platform, Centiment LLC (Centiment). The survey was administered via Qualtrics
between 26 April 2023 and 1 June 2023. Centiment recruited participants from its registry
and directed eligible individuals to the Qualtrics survey via the Centiment platform. Re-
cruitment occurred in two sequential waves. In the first wave, eligibility criteria were
purposively restricted to respondents who self-identified as Black in order to increase rep-
resentation of a population that experiences a disproportionate burden of cancer mortality
(Siegel et al. 2025). In the second wave, recruitment targeted a sample intended to more
closely reflect the demographic distribution of the US adult population.

Before beginning survey questions, participants were provided with study information
describing the Connected Families study purpose, procedures, voluntary participation,
and the nature of the data collected. Individuals indicated consent to participate prior to
proceeding. The student research team and I did not have access to personally identifying
information at any time and the dataset used for analysis was deidentified. Participant

https:/ /doi.org/10.3390/ genealogy10030076


https://doi.org/10.3390/genealogy10030076

Genealogy 2026, 10, 76

30f13

incentives were administered by Centiment through its platform in accordance with its
standard participant compensation procedures.

Data quality was addressed through a two-stage process. In the first stage, Centiment
LLC and I conducted quality control during the recruitment phase, refining recruitment
strategy and filtering suspected bots and fraudulent accounts prior to data collection. In
the second stage, the student research team and I reviewed all remaining responses and
excluded those with incomplete data or identifiable patterns of nonsensical or gibberish
responses in open-ended items. Of the 5188 total responses collected across both recruitment
waves, 3303 were excluded through these combined procedures, achieving a final analytic
sample size of N = 1885.

2.1. Measures

Primary outcome: Confidence in family health history (FHH) knowledge was as-
sessed with a 5-point Likert item, ‘How confident are you that you could complete a summary of
your family health history on a medical form?” and analyzed as an ordinal outcome (1 = Not
confident at all, 2 = A little confident, 3 = Somewhat confident, 4 = Very confident, 5 = Com-
pletely confident). For descriptive summaries, a “high confidence” indicator was derived
corresponding to the upper two categories (Very confident/Completely confident).

Key predictors: Primary predictors reflected engagement with genealogy and genetic
testing, including (1) self-reported genealogy research, assessed with the item “Have you
ever done research on your family tree?” (Yes/No) and (2) having taken a genetic ancestry
test, assessed with the item “Did you take an ancestry test?” (Yes/No). The ancestry test
item was presented within a dedicated genetic testing section of the survey, preceded by
brief descriptions of three types of direct-to-consumer genetic tests to orient respondents
to the specific test type being referenced: paternity testing (‘used to determine biological
fatherhood’), ancestry testing (“used to explore clues about the origins of ancestors’), and
clinical testing (‘used by health care providers to medically assess disease risk’).

Sociodemographic covariates: Age was converted from text to numeric and cate-
gorized into three groups: 18-49, 50-64, and 65 or older. Sex was analyzed as a binary
variable (Male/Female). For race and ethnicity, the analytic categories of White, Black,
and Hispanic were defined as single-race and single-ethnicity responses, including only
respondents who selected that category alone and no others. Respondents who selected
more than one racial or ethnic category were retained in descriptive analyses as a separate
multiracial group. Categories with very small cell sizes, including Native Hawaiian/Pacific
Islander and Middle Eastern North African (MENA), were retained for descriptive char-
acterization but excluded from inferential analyses to reduce sparse-cell bias and protect
interpretability. Household income was categorized into four levels (<$19,999; $20,000—
$39,999; $40,000-$59,999; >$60,000) and education into five levels (less than high school;
high school; post-high school training or some college; college graduate; postgraduate).

2.2. Data Preparation and Statistical Analysis

Survey data were cleaned and recoded in IBM SPSS Statistics version 30, with string
responses converted to numeric variables and “Prefer not to answer” responses treated as
missing. Race categories with very small cell counts were excluded or collapsed prior to
inferential analyses. All analyses were conducted on the complete-case analytic dataset
(N = 1885) using two-sided tests at o« = 0.05.

Analyses proceeded in three stages. First, I described sample characteristics using
frequencies and proportions, and evaluated bivariate associations between FHH confidence
and key predictors using cross-tabulations and Pearson chi-square tests, with Cramer’s V
reported as an effect size measure. Second, I fit proportional-odds ordinal logistic regression
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models to estimate adjusted associations with FHH confidence, with primary predictors
of genealogy research and genetic ancestry test-taking and covariate adjustment for age,
sex, race, income, and education. I verified the proportional odds assumption using the
Test of Parallel Lines and reported adjusted effects as odds ratios with 95% confidence
intervals. Third, to improve interpretability, I derived model-based predicted probabilities
of high FHH confidence, defined as P(Very confident/Completely confident), from the fully
adjusted model and summarized these across key subgroups.

3. Results
3.1. Sample Population Characteristics

Table A1 summarizes the analytic sample (N = 1885). The sample was roughly evenly
split across age groups, with approximately half of respondents ages 18-49 (50.6%), one
quarter ages 50-64 (25.9%), and nearly one quarter ages 65 or older (23.6%). Nearly half
reported conducting genealogy research (49.3%), while fewer than one in four reported
having taken a genetic ancestry test (23.1%). The racial composition of the analytic sample
was 49.5% Black, 37.1% White, 6.0% multiracial, 4.5% Hispanic, and 2.8% Asian, with very
small representation from Indigenous populations. Racial and ethnic categories smaller
than 2% were removed from inferential analyses. Women comprised 59.6% of the sample
and men 40.4%. Income and education distributions for the complete-case modeling sample
are shown in Table Al.

3.2. Bivariate Associations with FHH Confidence

In bivariate analyses (Table A2), genealogy research showed the strongest association
with FHH confidence. Respondents reporting genealogy research were substantially more
likely to report high confidence (Very confident/Completely confident: 57.9%) than those
not reporting genealogy research (36.0%), x*(4) = 110.20, p < 0.001, V = 0.24. Having taken
a genetic ancestry test was also associated with higher confidence (high confidence: 54.8%
among test-takers vs. 44.4% among non-test-takers), x%(4) = 28.15, p <0.001, V = 0.12.
Confidence varied across demographic subgroups, increasing with age (40.8% in ages
18-49; 49.1% in 50-64; 57.2% in 65+; x*(8) = 41.26, p < 0.001, V = 0.11) and differing by
race/ethnicity (x2(16) = 62.12, p < 0.001, V = 0.09), with the highest prevalence of high
confidence among White respondents (56.2%) and lower prevalence among Black (40.6%)
and Hispanic respondents (34.1%). Socioeconomic gradients were evident for both income
(33.4% high confidence in <$19,999 vs. 56.5% in $60,000+; x2(12) = 70.71, p < 0.001, V = 0.11)
and education (25.5% in <High School vs. 63.9% in Postgraduate; x2(16) =76.42,p <0.001,
V =0.10). Sex differences were comparatively small (48.4% high confidence among females
vs. 44.5% among males) and not statistically significant in the omnibus chi-square test
(x*(4) = 7.90, p = 0.095).

3.3. Multivariable Ordinal Regression Predicting FHH Confidence (Odds Ratios)

The proportional-odds ordinal logistic regression models (logit link) predicting higher
FHH confidence were adjusted for genealogy research, genetic ancestry test-taking, age
group, sex, race, income, and education. The proportional odds assumption was met (Test
of Parallel Lines p = 0.476). For genetic ancestry test-taking and genealogy research, the
modeled reference categories were oriented such that OR > 1 indicated higher confidence,
requiring no re-expression; the corresponding odds ratios from the fully adjusted model
are reported in Table A3. Table A4 presents the complete fully adjusted model, with all
remaining predictors re-expressed so that OR > 1 uniformly reflects higher confidence.

In the fully adjusted model (Table A4), genealogy research remained strongly associ-
ated with higher FHH confidence (Yes vs. No OR = 2.07, 95% CI 1.72-2.50, p < 0.001). Race
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disparities persisted after adjustment: compared with White respondents, Black respon-
dents (OR = 0.60, 95% CI 0.50-0.73, p < 0.001) and Hispanic respondents (OR = 0.52, 95%
CI0.34-0.78, p = 0.002) had lower odds of higher confidence. Respondents ages 18-49 had
lower odds of higher confidence than respondents ages 65+ (OR = 0.77, 95% CI 0.62-0.96,
p = 0.020). Sex differences were modest but statistically significant after full adjustment
(Male vs. Female OR = 0.82, 95% CI 0.69-0.97, p = 0.023).

Socioeconomic measures were strongly associated with FHH confidence. Relative to
respondents with household income >$60,000, those with income <$19,999 (OR = 0.56,
95% CI10.43-0.72, p < 0.001) and $20,000-$39,999 (OR = 0.64, 95% CI 0.51-0.80, p < 0.001)
had lower odds of higher confidence. Relative to respondents with postgraduate edu-
cation, respondents with less than high school education (OR = 0.39, 95% CI 0.22-0.68,
p = 0.001), high school education (OR = 0.67, 95% CI 0.49-0.93, p = 0.018), and post-high
school training/some college (OR = 0.65, 95% CI 0.48-0.88, p = 0.005) had lower odds of
higher confidence. Having taken a genetic ancestry test showed a smaller and borderline
association with FHH confidence after full adjustment (Yes vs. No OR = 1.22, 95% CI
0.99-1.52, p = 0.067).

3.4. Model-Adjusted Predicted Probabilities of High FHH Confidence

To improve interpretability, we derived model-based predicted probabilities of high
confidence, defined as P(Very confident/Completely confident) from the fully adjusted ordi-
nal model, and summarized marginal predicted probabilities across subgroups (Table A5).
Predicted high confidence was substantially higher among respondents reporting genealogy
research (57.1%) compared with those not reporting genealogy research (36.0%). Predicted
high confidence varied by race, with the highest probabilities among White respondents
(55.7%) and lower probabilities among Black (40.5%) and Hispanic respondents (34.9%).
Predicted high confidence increased with age (42.2% for ages 18-49; 47.3% for 50-64; 54.3%
for 65+), income (34.2% for <$19,999 vs. 56.2% for $60,000+), and education (26.8% for
less than high school vs. 62.1% for postgraduate). Sex differences were modest (47.7% for
females vs. 44.4% for males).

4. Discussion

This study examined associations between genealogy engagement and confidence in
family health history (FHH) knowledge among US adults affected by cancer. Our most
striking finding was that genealogy research was strongly and independently associated
with higher FHH confidence. Adults who reported conducting genealogy research were
more than twice as likely to report high FHH confidence compared to those who did
not (OR = 2.07), a relationship that persisted after adjustment for age, sex, race, income,
and education. This finding is consistent with emerging evidence that engagement with
family history cultivates structured knowledge of kinship networks, health patterns, and
intergenerational relationships that may support greater capacity to report FHH in clinical
settings (Mitchell and Kim 2024; Cramm et al. 2025). The act of genealogical inquiry may
help individuals to organize family information in ways that make health patterns more
visible, more communicable, and more clinically useful. FHH can be “passed on to future
generations, providing a foundational risk profile for immediate family and their progeny
for generations to come” (Ginsburg et al. 2019).

A secondary but theoretically important finding concerns the differential associations
of genealogy research and direct-to-consumer (DTC) genetic ancestry testing with FHH
confidence. In bivariate analyses, both predictors were associated with higher confidence.
However, in the fully adjusted model, genealogy research remained a strong and statistically
robust predictor (OR = 2.07, p < 0.001), while having taken a genetic ancestry test showed
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a weaker association that did not reach conventional significance (OR = 1.22, p = 0.067).
This pattern is consistent with the interpretation that it is the active process of genealogical
inquiry, seeking out records, reconstructing kinship networks, and engaging deliberately
with family history, that is most strongly associated with the kind of organized family
knowledge that supports FHH confidence. This distinction has practical implications for
how clinicians and public health practitioners think about leveraging genetic genealogy
tools for FHH improvement: simply encouraging patients to take ancestry tests may be
insufficient if the goal is to build actionable family health knowledge. These interpretations
will require future longitudinal research directly comparing active genealogical research
with passive DTC test-taking on FHH outcomes to test this hypothesis rigorously.

Despite comparable rates of genealogy engagement, Black and Hispanic respondents
reported substantially lower FHH confidence than White respondents, and these disparities
persisted in fully adjusted models. This pattern cannot be explained by individual behavior
or motivation alone. For communities whose family records were systematically suppressed
or never created, the structural conditions that produced these gaps have deep historical
roots and present-day ramifications. The legal exclusion of enslaved people from records
that affirmed kinship and personhood was enforced through law, labor discipline, and
the deliberate fragmentation of family units. It created archival absences that genealogical
research cannot easily overcome (Rierson 2019; Miiller 2018). These historical patterns
find a contemporary parallel in the experiences of undocumented immigrant families, for
whom engagement with institutional record-keeping systems carries significant legal risk
and whose family members may span multiple countries, languages, and documentation
regimes (Rierson 2019; Segarra and Prasad 2024). In both historical and contemporary
contexts, the state of being undocumented is not an accident or an oversight. It impacts
generations and is a persistent and compounding deficit in the family records that both
genealogical research and FHH collection depend upon.

FHH remains an important tool for cancer risk assessment, informing referral decisions,
eligibility for genetic counseling, and insurance coverage for clinical genetic testing (Cramm
et al. 2025; Pandya et al. 2025). It is important to distinguish, however, between the construct
measured in this study, self-reported confidence in one’s ability to report FHH, and the clinical
completeness and accuracy of FHH that is documented in the medical record. This study
establishes that genealogy engagement is associated with greater confidence but it does not
establish that greater confidence produces more complete or accurate clinical FHH reporting.
That relationship is a plausible hypothesis, but it requires direct empirical testing before causal
claims can be made. Nevertheless, the limitation of relying on self-reported FHH without
independent verification of accuracy is recognized across the literature; Ricks-Santi et al. (2016)
identified the same constraint in their study of self-reported family health history of breast
cancer among minority populations, noting that family histories carefully and systematically
obtained have demonstrated a sensitivity of 75% and moderately good agreement with cancer
registry records (Ricks-Santi et al. 2016). This evidence suggests that the quality of self-reported
FHH is not fixed. Future research should prioritize the examination of genealogy-influenced
confidence and whether it produces greater clinical accuracy and utility. FHH collection is
underscored by mounting evidence that current clinical tools are systematically failing to
capture complete and accurate family health information. Studies using genetically defined
kinship data have demonstrated that cancer family histories recorded in electronic health
records are substantially incomplete, with significant implications for identifying patients
who carry hereditary cancer risk (Kiser et al. 2025). This incompleteness has measurable
downstream consequences: patients with incomplete family histories are less likely to meet
algorithmic criteria for referral to genetic evaluation for hereditary cancer, even when their
true family history would qualify them (Harris et al. 2025). The processes by which family
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cancer history is collected in clinical settings have been identified as a significant point of
failure, with workflow limitations, time constraints, and the inadequacy of standard intake
instruments all contributing to gaps that may go undetected and uncorrected (Andrusko and
Paradiso 2022; Allen et al. 2023).

Additionally, the populations most overrepresented in forensic genetic databases are
frequently the same populations underrepresented in clinical genetic services and most
likely to report low FHH confidence in this study. The acceleration of forensic applications
without a parallel development of health-oriented tools for these communities continues a
disconcerting pattern in which genetic methods are more readily deployed in contexts of
law enforcement than in contexts of care, prevention, and community empowerment. This
pattern has historical antecedents that the genetic genealogy research community cannot
afford to ignore. The collection of biological and familial data, from Black, Hispanic, and
other marginalized communities, has not always served the interests of those communities,
and the memory of that history. From the exploitation of Henrietta Lacks, which left
enduring ethical questions about research autonomy and consent (Wolinetz and Collins
2020) to the use of genetic data in immigration enforcement (Zaretsky 2021), shapes how
these communities reasonably approach institutions asking for their biological information.
Trust, once broken at a structural level, is not repaired by institutional innovation alone
(Creary and Gerido 2023).

Addressing this challenge requires a commitment to community-centered solutions
that position affected people as architects of the interventions being built. The community-
centered genealogical projects that have emerged in response to histories of oppression
and displacement offer instructive models for what this kind of community-centered
approach can look like in practice. The Georgetown University 272 project, the 1921 Tulsa
Race Massacre Identification Project, the 10 Million Names, and countless genetic family
reunification programs (Gelatt 2024) each demonstrate that communities whose family
records were most severely disrupted are also among the most motivated and organized
to reconstruct them. When genealogical methods are deployed in service of community-
defined goals, they can become powerful instruments of identity, healing, and justice. These
projects also illustrate the scale of the methodological and relational infrastructure required
to do this work responsibly. The genetic genealogy research community is uniquely
positioned to help translate these lessons into the design of health-oriented tools.

Limitations and Future Directions

This study has several limitations that warrant consideration. The cross-sectional
design precludes causal inference; the associations observed between genealogy research
and FHH confidence reflect relationships in the data but cannot establish directionality or
rule out unmeasured or residual confounding, which is not accounted for by the covariates
included in the fully adjusted model. Genealogy engagement and genetic genealogy uptake
were assessed with two single binary items, which capture whether respondents have
engaged in any genealogical inquiry or have taken an ancestry test but does not distinguish
depth, recency, or outcomes; future studies should employ multi-item measures that can
differentiate casual from sustained genealogical activity and assess whether dose-response
relationships exist with FHH confidence. Longitudinal and retrospective designs will be
necessary to determine whether genealogy engagement precedes and produces gains in
FHH confidence or whether individuals with greater existing family knowledge are more
likely to pursue genealogical research. Additionally, this study measured self-reported
genealogy engagement without assessing the quality or accuracy of the family information
participants obtained through that research. This study measured self-reported confidence
in FHH knowledge but did not assess the reliability of the information on which that
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confidence is based. Family health histories are subject to multiple, compounding sources of
inaccuracy. These include: historical misdiagnosis or non-recognition of cancer in previous
generations, particularly for cancers that were poorly understood or underdiagnosed in
earlier eras; the transmission of imprecise or incomplete information through family oral
histories and lore, where diagnoses may be misremembered, generalized, or lost across
generations; the use of shared, user-generated genealogical databases, which may contain
substantial numbers of unverified entries and errors in documented relationships. A
participant may report high confidence in FHH that is itself incomplete or inaccurate for
any of these reasons. Future research should therefore assess not only FHH confidence
but the concordance between self-reported family histories and independently verified
records, and should develop tools capable of capturing the full contextual complexity that
comprehensive FHH collection requires.

The analytic sample was demographically diverse but failed to represent the diver-
sity the rich diversity that exists within and between each of the groups that have been
singularly described (i.e., Asian, Black, Hispanic, White). Future research may employ
frameworks to better reflect the presence of biracial, multiracial, and mixed individuals
and families. Also, the sample was drawn entirely from adults whose lives have been
affected by cancer. This shared characteristic limits generalizability to the broader popula-
tion, and future studies should include individuals without cancer experience to establish
whether the observed associations hold across a wider range of FHH engagement con-
texts. Finally, recruitment through an online survey platform likely introduced selection
bias toward individuals comfortable completing surveys in digital environments, poten-
tially underrepresenting populations who would be more reachable through telephone or
paper-based survey modalities. Future research should employ mixed-mode recruitment
strategies to ensure adequate representation of populations least likely to engage through
online platforms.

5. Conclusions

Genealogy research is strongly associated with greater confidence in FHH knowledge
and represents a largely untapped resource that warrants consideration as a potential lever
for improving clinical FHH collection, yet its benefits remain unevenly distributed across
the populations that need them most. Addressing these disparities will require more than
encouraging individuals to research their family histories. It will require building the tools,
systems, and community partnerships that make that work possible, accessible, and safe.
Because these communities have a legitimate and historically grounded mistrust toward
institutions misusing their biological and familial data, safety must be more than a technical
requirement or a procedural standard. As discussed above, the populations most likely
to benefit from genealogical tools for FHH are frequently the same populations whose
health and family data have historically been weaponized for surveillance and exploitation
rather than care. Building tools that are genuinely safe for these communities means
earning trust through transparent data governance, community ownership of research
processes, and a demonstrated commitment to deploying genetic methods in service of
community-defined health goals. By integrating the expertise of the genetic genealogy
research community with health informatics, clinical practice, and the communities most
affected by incomplete family records, we can build next-generation tools that are co-
designed to serve the populations that need them most.
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Appendix A

Table Al. Sample population characteristics.

Characteristic n %
Total analytic sample 1885 100.0
Genealogy research
No 955 50.7
Yes 930 49.3
Has taken genetic ancestry test
No 1449 76.9
Yes 436 23.1
Age group
18-49 953 50.6
50-64 488 259
65+ 444 23.6
Race t
More than one 113 6.0
Asian 52 2.8
Black 926 49.5
Hispanic 85 4.5
White 694 37.1
Sex
Male 753 404
Female 1113 59.6
Household income §
<$19,999 348 194
$20,000-$39,999 477 26.6
$40,000-$59,999 367 20.4
$60,000+ 604 33.6
Characteristic n %
Education (edugrp5) §
Less than High School 52 29
High School 385 214
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Table Al. Cont.

Post-HS Training/Some College 640 35.6
College Graduate 510 28.4
Postgraduate 209 11.6

t Race denominator: N = 1870 (analytic race variable excludes small-count categories). Percentages are within
N =1870. } Sex denominator: N = 1866 (binary analytic sex excludes non-binary/prefer-not categories). Per-
centages are within N = 1866. § Income/Education denominator: N = 1796 (complete-case set used for the fully
adjusted ordinal model and predicted probabilities). Percentages are within N = 1796.

Appendix B

Table A2. Bivariate associations between FHH confidence and key predictors/covariates. Outcome:

fhheonfidence_n (5 levels). High confidence defined as Very confident/Completely confident.

N Cramer’s High Confidence (Very
Predictor (Valid) Pearson x* (df)  p-Value v Confident/Completely
Confident), % by Group
Genealogy research (Yes/No) 1885 110.20 (4) <0.001 0.24 No: 36.0%; Yes: 57.9%
Has taken genetic ancestry test 1885 28.15 (4) <0.001 0.12 No: 44.4%; Yes: 54.8%
(Yes/No)

Age group (18-49, 50-64, 65+) 1885 41.26 (8) <0.001 0.11 18-49:40.8 /""55;02‘54: 49.1%; 65+:
Sex (Male/Female; binary analytic) 1881 7.90 (4) 0.095 0.07 Male: 44.5%; Female: 48.4%
Race (analytic categories; excludes White: 56.2%; Black: 40.6%;

Native American, MENA, NHPI) 1870 62.12 (16) <0.001 0.09 Hispanic: 34.1%; Asian: 44.2%;
More than one: 48.7%
<$19,999: 33.4%; $20-39,999:
Household income (4 categories) 1816 70.71 (12) <0.001 0.11 44.8%; $40-59,999: 45.3%;
$60,000+: 56.5%
<HS: 25.5%; HS: 42.3%; Some
Education (5 categories) 1880 76.42 (16) <0.001 0.10 college: 41.9%; College grad:

51.5%; Postgrad: 63.9%

Notes. x? values are Pearson chi-square tests from cross-tabulations of each predictor with fhhconfidence_n. Race
categories were restricted as noted to support adequate expected counts for inference. Cramer’s V is reported as
an effect size.

Appendix C
Table A3. Key predictors in the “positive direction” (higher confidence).
Predictor (Comparison) OR 95% CI p
Has taken genetic ancestry test: Yes vs. No 1.22 0.99-1.52 0.067
Genealogy research: Yes vs. No 2.07 1.72-2.50 <0.001

Table A4. Full model re-expressed so OR > 1 indicates higher confidence.

Predictor (Comparison) OR 95% CI p
Has taken genetic ancestry test: Yes vs. No 1.22 0.99-1.52 0.067
Genealogy research: Yes vs. No 2.07 1.72-2.50  <0.001
Age: 65+ vs. 18-49 1.30 1.04-1.61 0.020
Age: 65+ vs. 50-64 1.11 0.87-1.41 0.414
Sex: Female vs. Male 1.22 1.03-1.45 0.023
Race: White vs. More than one 1.18 0.81-1.72 0.377
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Table A4. Cont.

Predictor (Comparison) OR 95% CI p
Race: White vs. Asian 1.59 0.94-2.63 0.082
Race: White vs. Black 1.67 1.37-2.00  <0.001
Race: White vs. Hispanic 1.92 1.28-2.94 0.002
Income: $60,000+ vs. <$19,999 1.79 1.39-2.33  <0.001
Income: $60,000+ vs. $20,000-$39,999 1.56 125-196  <0.001
Income: $60,000+ vs. $40,000-$59,999 1.25 0.98-1.59 0.066
Education: Postgraduate vs. <High School 2.56 1.47-4.55 0.001
Education: Postgraduate vs. High School 1.49 1.08-2.04 0.018
Education: Postgraduate vs. Post-HS/Some College 1.54 1.14-2.08 0.005
Education: Postgraduate vs. College Graduate 1.22 0.90-1.64 0.195

Appendix D

Table A5. Adjusted predicted probability of high FHH confidence (Very confident/Completely
confident). Model-adjusted predicted probability computed as P(Very confident/Completely confident) =
EST4_1 + EST5_1 from the fully adjusted ordinal logistic regression. Values shown as proportions (and %).

Domain Category Adjusted P(Very Confident/Completely Confident) N
Genealogy research No 0.3597 (36.0%) 908
Yes 0.5705 (57.1%) 888

iﬁfﬁgﬁf E;?PVI‘; More than one 0.4776 (47.8%) 107

Asian 0.4316 (43.2%) 51

Black 0.4050 (40.5%) 887

Hispanic 0.3488 (34.9%) 84

White 0.5571 (55.7%) 667

Age group 18-49 0.4224 (42.2%) 912
50-64 0.4726 (47.3%) 454

65+ 0.5429 (54.3%) 430

Household income <$19,999 0.3418 (34.2%) 348
$20,000-$39,999 0.4301 (43.0%) 477

$40,000-$59,999 0.4630 (46.3%) 367

$60,000+ 0.5617 (56.2%) 604

Education Less than High School 0.2677 (26.8%) 52
High School 0.4100 (41.0%) 385

Post-HS Training/Some 0.4199 (42.0%) 640

College

College Graduate 0.5154 (51.5%) 510

Postgraduate 0.6215 (62.1%) 209

Sex Male 0.4443 (44.4%) 732
Female 0.4775 (47.7%) 1064
Total 0.4639 (46.4%) 1796
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