
Citation: Kiely, K.; Mase, W.A.;

Hansen, A.R.; Schwind, J. Association

between the Health Belief Model,

Exercise, and Nutrition Behaviors

during the COVID-19 Pandemic. Int.

J. Environ. Res. Public Health 2022, 19,

15516. https://doi.org/10.3390/

ijerph192315516

Academic Editor: Paul B. Tchounwou

Received: 27 October 2022

Accepted: 18 November 2022

Published: 23 November 2022

Publisher’s Note: MDPI stays neutral

with regard to jurisdictional claims in

published maps and institutional affil-

iations.

Copyright: © 2022 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

International  Journal  of

Environmental Research

and Public Health

Article

Association between the Health Belief Model, Exercise, and
Nutrition Behaviors during the COVID-19 Pandemic
Keagan Kiely 1,*, William A. Mase 2, Andrew R. Hansen 2 and Jessica Schwind 3

1 Water’s College of Health Professions, Department of Health Sciences and Kinesiology,
Georgia Southern University, Statesboro, GA 30458, USA

2 Department of Health Policy and Community Health, Jiann-Ping Hsu College of Public Health,
Georgia Southern University, Statesboro, GA 30458, USA

3 Department of Biostatistics, Epidemiology & Environmental Health Sciences, Jiann-Ping Hsu College of
Public Health, Statesboro, GA 30458, USA

* Correspondence: kkiely@georgiasouthern.edu

Abstract: Introduction: The COVID-19 pandemic has affected our nation’s health further than the
infection it causes. Physical activity levels and dietary intake have suffered while individuals grapple
with the changes in behavior to reduce viral transmission. With unique nuances regarding the access
to physical activity and nutrition during the pandemic, the constructs of Health Belief Model (HBM)
may present themselves differently in nutrition and exercise behaviors compared to precautions
implemented to reduce viral transmission studied in previous research. The purpose of this study was
to investigate the extent of exercise and nutritional behavior change during the COVID-19 pandemic
and explain the reason for and extent of this change using HBM constructs (perceived susceptibility,
severity, benefit of action, and barriers to action). Methods: This study used a cross-sectional design to
collect 206 surveys. This survey collected information on self-reported exercise and nutrition changes
during the pandemic and self-reported levels of the HBM constructs. Results: Findings showed
individuals with medium or high exercise behavior change had greater odds of increased HBM
score than individuals with little to no exercise behavior change (OR = 1.117, 95% CI: 1.020–1.223,
SE: 0.0464, p = 0.0175). There was no association between nutritional behavior change and HBM
score (OR = 1.011, 95% CI: 0.895–1.142, p = 08646). Conclusion: Individuals who reported a more
drastic change in either exercise had greater odds of increased feelings of perceived susceptibility
and severity related to COVID-19 and decreased perceived benefits and increased barriers to exercise.
This relationship was not found regarding nutrition behavior change. These results encourage public
health practitioners to understand how an individual’s perceived feelings about a threat may affect
exercise and nutritional behaviors.
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1. Introduction

COVID-19, the disease caused by SARS-CoV-2, has devastated the United States since
the first known case was confirmed at the beginning of 2020. As of 19 September 2022, there
were 92,296,142 confirmed cases and 1,030,010 deaths, demonstrating how the pandemic’s
impact is still being felt in the social, economic, and health sectors [1,2]. There were many
immediate public health initiatives and strategies implemented in the early course of the
pandemic in an attempt to slow the spread of this novel disease. The health safety strategies
that were promoted immediately, such as donning masks and handwashing, required
relatively little additional effort to incorporate into daily living. Other strategies demanded
more extensive behavior change, such as avoiding social gatherings, self-isolation, and
shutting down businesses, especially those deemed ‘high risk’ by the Center for Disease
Control and Prevention [3]. The effects of the virus and its associated public health impact
have not been fully realized and are still being explored [2].
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Gyms and fitness centers were among businesses and operations classified as moderate-
to high-risk for infection [3]. This risk classification prompted many gyms and fitness
centers to reorient operations to align with public health guidance, such as social distancing
patrons by spreading out exercise equipment, mask mandates, and in some cases, complete
closure of the facility. The combination of increased infection risk and operational changes
led to subsequent changes in exercise behaviors of those previously utilizing exercise facili-
ties [4–8]. The presence of disrupted exercise behaviors during the pandemic is inarguable,
but the extent of this effect on exercise patterns has varied [5,6,9–11].

Studies examining physical activity over the past few years have consistently demon-
strated a decrease in physical activity levels during the COVID-19 pandemic [4,6,9,10,12–14].
This change in behavior was observed in all populations when “shelter in place” orders,
change in facility operations, orders to avoid social gatherings, and the overarching fear of
susceptibility in public settings presented new barriers to maintaining previous exercise
levels [4,6,9]. Even younger individuals, more resilient to behavior change, experienced
changes in exercise patterns, with a decrease in physical activity seen on university cam-
puses [5,15]. While most studies have reported a decrease in the total volume of exercise
reflective of less frequency, duration, or intensity, some studies have further identified
changes in training styles and modalities, with a decrease in resistance training and in-
crease in aerobic activities [5,6,10]. Decreases in exercise was associated with other health
implications, especially an individual’s mental health [16–18]. While this shift to increased
aerobic training, may have been driven by the limited access to equipment required for
resistance training, examination of an individual’s motivations to exercise have been shown
to influence the individual’s exercise levels and modalities [10]. This decrease in motiva-
tion to exercise and other concurrent worsening health issues, such as increases in eating
disorders, depression levels, pre-pandemic physical activity levels, and negative situational
perspective, were all probable contributors to a change in exercise [6,10,19–22]. Amongst
the individuals self-reporting changes in exercise behaviors, there was a small portion
reporting increases in exercise during the pandemic, furthering the need to understand the
underlying cause of the variation in exercise behavior change [10,20,22]. The consistent
health guidance to participate in adequate physical activity was interrupted by the new,
more relevant, health safety guidance to minimize virus transmission, placing individuals
in a conundrum of balancing their physical activity level and decreasing their chances
of infection.

Not all businesses could cease operation to slow the spread of this new threat. Certain
workers and operations were designated as “essential” if they “conducted a range of opera-
tions and services in industries that are essential to ensure the continuity of critical functions
in the United States (U.S.)” [23]. Included in the food and agriculture sector were operations
that enabled the selling of human food, animal food, and beverage products at grocery,
pharmacy, and convenience stores [24]. This classification and subsequent concerted effort
to keep grocery stores open, while simultaneously increasing access through delivery and
pick-up services, allowed for continual access to nutritional needs for most with minimal
barriers outside of those presented by the health threat of the virus. Although access to
food was not drastically limited such as that of exercise, research indicated altered eating
habits during the pandemic [10,13,14,25–27]. These studies showed the changes were het-
erogeneous and more nuanced than the documented physical activity and exercise changes.
A few studies captured the increase in alcohol, sugar-sweetened beverages, unhealthy
snacks, and an overall increase in volume of food consumed [14,25,28,29]. While the dietary
habits of many suffered, some individuals appeared to be unaffected or even improved
their nutrition, potentially influenced by the increased time spent at home [26,27,29–31].
Comparable to many of the other effects of this pandemic, this phenomenon was not unique
to the United States, as similar dietary behaviors were found across various populations
in multiple countries [28,32,33]. The provision of grocery and food pick-up and delivery
allowed for continual access to dietary needs for a greater population, an action not ap-
plicable to physical activity. Without the complete dissolution of the food supply, factors
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contributing to changes in nutritional behaviors during COVID-19 may unveil lessons
useful for promoting healthy behaviors in the future.

A commonly used model to explain one’s proclivity to accepting health promoting
behaviors is the Health Belief Model (HBM). Contained in the HBM are four distinct con-
structs that reflect one’s feeling on the perceived health threat and perceived outcome of
“taking action”: susceptibility, severity, benefits, and barriers [34,35]. These constructs are
independent of each other and their ability to provide explanation of partaking in health
behaviors makes the HBM ideal for investigating various health behaviors during the
pandemic. The HBM is widely used in cross-sectional studies looking at predicting various
health-promoting or disease-preventing behaviors [35]. HBM has been used previously to
examine behavior during the COVID-19 pandemic, indicating a relationship between belief
of perceived threat and having better adherence to health promoting behaviors [36–38].
The inclusion of self-efficacy in the HBM framework has shown to increase an individual’s
likelihood to “take action”, despite low perceived risk [39]. With unique nuances regard-
ing the access to physical activity and nutrition during the pandemic, the constructs of
HBM may present themselves differently in nutrition and exercise behaviors compared to
precautions implemented to reduce viral transmission studied in previous research.

While the literature indicated an evident change in nutrition and exercise behaviors,
there was a paucity of research quantifying the extent of the change in exercise and nutrition
behavior during the pandemic. Further, the elucidation on how various HBM constructs
may have affected someone’s readiness or likelihood to change nutritional and exercise
behaviors could benefit future pursuits to improve these outcomes. Therefore, the purpose
of this study was to investigate the extent of exercise and nutritional behavior change
during the COVID-19 pandemic and explain the reason for and extent of this change using
HBM constructs.

2. Methods
Study Design and Sampling Methods

This study used a cross-sectional design with snowball sampling. Researchers devel-
oped a survey using Google Forms to acquire all information. The survey was piloted by a
small group representative of the study population but unaffiliated with the research project.
All material was reviewed and approved by the Institutional Review Board (#H22104). The
survey was then introduced to university students and faculty members with the directions
to send the survey to other members in the community. The survey was administered
during the timeframe of October 2021 through January 2022.

Among the 206 responses collected, the mean age was 29 years old with a range of
18–81 years of age. Most participants were within healthy BMI range (mean = 25.83 kg/m2,
SD = 5.66). Participants were 66% female (n = 136) 33.5% male (n = 69) and 0.5% chose
not to respond (n = 1). The majority (75.24%) of individuals identified as White (n = 155),
17% identified as Black (n = 35), and approximately 8% identified as another race/ethnicity
(n = 16). A total of 83 reported little to no exercise behavior change, while 62 and 61 reported
medium and high change, respectively. The individuals who self-reported medium to high
changes were statistically significantly more likely to be stressed, have lower number of
healthy habits, lower self-efficacy, and HBM score. Although not statistically significant,
individuals with a greater exercise change were more likely to have a higher BMI and had
a greater proportion of females and black and other races. The distribution of independent
variables across outcome are reflected in Table 1.
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Table 1. Demographic Characteristics of Participants Across Exercise Behavior Change Classifications.

Characteristic Little to No
(n = 83)

Medium
(n = 62)

High a

(n = 61) p-Value

Sex
Male 33 (40.24%) 18 (29.03%) 18 (29.51%)
Female 49 (59.76%) 44 (70.97%) 43 (70.49%) 0.265 c

Race
White 68 (81.93%) 48 (77.42%) 39 (63.93%)
Black 9 (10.84%) 10 (16.13%) 16 (26.23%) 0.137 d

Others 6 (7.23%) 4 (6.45%) 6 (9.84%)
Age 31.48 (14.50) 27.76 (14.40) 28.38 (12.64) 0.225 b

BMI (kg/m2) 24.9 (4.69) 25.7 (5.33) 27.11 (6.91) 0.080
Self-reported Stress 2.95 (1.54) 3.59 (1.27) 4.03 (1.24) <0.0001
Health Belief Model Score 10.33 (3.05) 11.74 (3.19) 12.46 (3.44) 0.0004
Exercise Self-efficacy 5.24 (1.59) 5.55 (1.24) 6.82 (1.64) <0.0001
Healthy Habits 3.23 (0.941) 2.98 (1.016) 2.64 (0.86) 0.0013

a. Exercise Behavior Change Classifications: Little to No = <1, Medium >1 and <3, High >3. b. An analysis of
variance (ANOVA) was used for all continuous variables. c. A chi-square test was used for categorical variable.
d. A Fisher’s exact test was used when cells contained less than 5 observations. Significance was set at alpha = 0.05.

3. Dependent Variables
3.1. Exercise Behavior Change

All changes in exercise behavior were assessed using a Likert scale ranging from 0
(no change) to 5 (drastic change). The questions were worded in a manner that implied
the change was a negative change. Utilizing the same exercise components examined by
Steele et al. [6], face validity was used to create four questions measuring the change in
exercise frequency, intensity, duration, and motivation. The following questions were used
to evaluate the change in exercise frequency, intensity, duration, and motivation:

1. Frequency: Since the onset of the pandemic, the frequency of exercise has decreased.
2. Intensity: Since the onset of the pandemic the intensities of my workouts have decreased.
3. Duration: Since the onset of the pandemic, the durations of my workouts have decreased.
4. Motivation: Since the onset of the pandemic, I have been less motivated to be physi-

cally active.

The (response categories) to the questions were worded in a way that generated a
higher score to represent a larger extent of negative exercise behavior change. The mean
response for all questions was calculated, and the final score was a continuous variable
between 0 and 5. The change in exercise behavior was categorized into the following
categories: 0–1 = little to no change, >1 and ≤3 = moderate change, >3 = high change.

3.2. Nutritional Behavior Change

All changes of nutritional behavior were assessed using a Likert scale ranging from 0
(no change) to 5 (drastic change). Eight questions were generated to gather information on
changes in alcohol, sugar, fast-food, fruits/vegetables, and processed food consumption, as
well as the individuals’ attitude about the “healthfulness” of their diet during COVID-19.
The eight questions were structured based on the lifestyle habit questions produced by
Kumari et al. [40] that were shown to have strong internal validity and consistency.

1. Fruit and vegetable intake: Since the onset of the pandemic, I have decreased the
amount of vegetables and fruits I eat.

2. Healthfulness: Since the onset of the pandemic, my nutritional choices have become
less healthy.

3. Fast-food consumption: The amount of fast-food I eat has gone up.
4. Alcohol consumption: The amount of alcohol I consume has gone up.
5. Diet composition awareness: The awareness of my food consumption has decreased.
6. Energy intake: I consume more daily calories than I did before the pandemic.



Int. J. Environ. Res. Public Health 2022, 19, 15516 5 of 14

7. Processed food consumption: The amount of processed foods has increased.
8. Sugar-sweetened beverages: The amount of sugar sweetened beverages I consume

has increased.

The questions were worded in a way that generated a higher score to represent a larger
extent of negative nutrition behavior change. The mean response for all questions was
calculated, and the final score was a continuous variable between 0 and 5. Based on the
data and context, researchers dichotomized nutrition change into 0–1 = little to no change
and >1 = moderate to significant change.

4. Independent Variables
4.1. Demographics

Participants were asked to provide information on their age in years, height in inches,
weight in pounds, race, and their sex. Height and weight information were used to generate
the individual’s body mass index (BMI). Age and BMI were treated as continuous variables
in the analysis, while race was categorized as White, Black, and Other.

4.2. Health Belief Model

Four questions investigated the following aspects of the HBM: susceptibility, severity,
benefit, and barriers [35]. The questions created to examine perceived severity and sus-
ceptibility were generated using the modified WHO Cosmo protocol questionnaire [41].
Questions were based on a 0–5 Likert scale and were worded in a way that higher scores
would reflect greater health beliefs related to COVID-19. The questions were as follows:

1. Perceived susceptibility: I believe I am susceptible to contracting COVID-19 (If you
have been vaccinated, this question refers to before vaccination). (0 = I am not
susceptible, 5 = I am highly susceptible).

2. Perceived severity: I believe if I become infected with COVID-19 I will have a severe
infection (If you have been vaccinated, this question refers to before vaccination).
(0 = I will not have a reaction, 5 = I will have a very severe reaction).

3. Perceived benefits: I believe that exercise during the pandemic has large benefits in
decreasing my risk of COVID-19. (0 = It will not benefit me, 5 = Exercise will benefit
me against the risk of COVID-19.

4. Perceived Barriers: I believe that COVID-19 pandemic has presented many barriers to
exercise. (0 = There have been no barriers, 5 = There have been many barriers).

The responses were recorded as a continuous variable and individual questions were
summed to derive a HBM score (range: 0–20). The higher the score corresponded to higher
of the individual’s perceived severity, susceptibility, barriers, and a lesser benefit of exercise.
Research showed high levels of these constructs correspond to greater participation in
health-promoting behaviors [36]. In the context of this study the health-promoting behav-
iors associated with high levels of these constructs were behaviors that decreased likelihood
of transmission, such as high-risk facilities or avoiding situations in which social distancing
or donning a mask was difficult. These behaviors may be health-promoting in one context
but may also negatively affect one’s exercise and nutritional behaviors.

4.3. Exercise Self-Efficacy

Self-efficacy is defined as one’s confidence in their abilities to successfully perform a
particular behavior and is associated with one’s ability to engage in behavior change [42].
Individuals who focus on self-efficacy within the framework of Social Cognitive Theory
(SCT) believe both knowledge and confidence are important factors in behavior change [43].
The two questions were generated to evaluate the knowledge and confidence needed to
effectively adapt exercise behaviors to the new COVID-19 environment.

1. Confidence: I have not felt confident in my ability to adapt my exercise routine to the
changing environment that COVID-19 has presented.
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2. Knowledge: I feel I have a good amount of knowledge about exercise which helps me
participate in exercise.

The first question was asked to assess the individual’s confidence to adapt their
exercise behaviors to the COVID-19 environment. The second question was used to assess
the individual’s knowledge of exercise. The scores of the second question were reverse
coded so the scores of the questions could be added together with a high score representing
lower exercise self-efficacy. Both questions used a 0–5 Likert scale in which higher numbers
on the scale were associated with lower confidence and knowledge, after the reverse coding.
The responses of both questions were used to generate a score of exercise self-efficacy.

4.4. Pre-Pandemic Physical Activity

One question recorded the participants’ pre-pandemic physical activity. The partici-
pant was asked to choose one of the following choices that best described their physical
activity levels prior to March 2020.

1. Below recommendation: Less than 150 min of moderate to vigorous activity a week
or 1–2 workouts.

2. Meets recommendation: 150–300 min of moderate to vigorous activity a week or
3–5 workouts.

3. Exceeds recommendation: Over 300 min of moderate to vigorous activity a week or
over 5 workouts.

Physical activity was defined as “any bodily movement produced by skeletal muscle
that requires energy” and is not restricted to only intentional exercise within a fitness
setting [41]. This variable was dichotomized as either did not meet recommended or
met/exceeded recommended levels of physical activity. Met and exceed expectations were
combined due to the low observation of those who exceeded the recommendation, allowing
for better statistical efficiency.

4.5. Healthy Habits

Individuals were asked to choose healthy habits that were a part of their lifestyle. The
four healthy habits consisted of:

4. I do not smoke.
5. I do not consume more than 2 alcoholic beverages a day (12 ounces of regular beer,

5 ounces of wine, 1.5 ounces of distilled spirits).
6. I get 150 min of moderate to vigorous physical activity a week.
7. I consume at least 1 serving of fruit or vegetables a day (1 serving is equal to a cup or

the size of an adult closed fist).

The summation of total number of healthy habits chosen were used to create a discrete
variable reflecting the total number of healthy habits but the specific healthy habits were
undistinguishable.

4.6. Stress

To identify the level of self-reported stress the individual experienced during the
pandemic a single question using a Likert-scale was used to gauge stress from 0 (no stress)
to 5 (dramatically increased stress).

1. The COVID-19 pandemic has added stress to my life.

This variable was dichotomized with responses of 0–2 representing “no to low stress”
and 3–5 representing “mild to high stress”. This dichotomization allowed for greater
statistical efficiency due to the small sample sizes observed across some levels.

5. Statistical Analysis

Descriptive statistics stratified across outcome variables were compared using the
chi-square test for categorical variables and analysis of variance (ANOVA) for continu-
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ous variables across the three groups. Ordinal logistic regression was used to examine
the association between the HBM score (summation of all four constructs), and exercise
behavior change across the three categories. Logistic regression was used to examine the
association between the HBM score and the nutritional behavior change outcome. Another
logistic regression was run to evaluate which of the four individual HBM construct had the
greatest association with the outcome variable. The Hosmer and Lemeshow method for
variables selection was used for all models [44]. All independent variables were included
in the initial model and variables with a p-value > 0.25 were removed from the model.
Backwards selection was then used by eliminating any variable that was not associated to
the outcome with a p-value < 0.05. If the removal of a variable caused another variable’s
coefficients to change more than 10%, then the latter variable was retained as the model
was sensitive to its inclusion. All variables were tested for interaction and collinearity.
All model assumptions were met, and all statistical tests were performed using SAS 9.4
software with statistical significance set at p < 0.05.

6. Results

The final logistic regression model chosen using Hosmer and Lemeshow’s intentional
variable selection demonstrated a statistically significant relationship between exercise be-
havior change and HBM scores after adjusting for self-reported stress, exercise self-efficacy,
and nutrition behavior change (X2 (4) 70.7611, p < 0.0001). While controlling for other
variables, it was observed that individuals with medium or high exercise behavior change
had greater odds of increased HBM score than individuals with little to no exercise behavior
change (OR = 1.117, 95% CI: 1.020–1.223, p = 0.0175). There were also increased odds of
exercise behavior change with increasing stress (OR: 1.245, 95% CI: 1.003–1.544, p = 0.0467),
increasing self-efficacy score (representing lower self-efficacy levels) (OR: 1.509, 95% CI
1.255–1.814, p < 0.0001), and nutrition behavior change (OR: 2.371, 95% CI 1.800–3.123,
p < 0.0001). All other variables were not included due to lack statistical significance and
little to no impact on the coefficients of other variables after removal of these variables. The
model is shown in Table 2.

Table 2. Health Belief Model and Exercise Behavior Change: Ordinal Logistic Regression Model.

Adjusted Odds Ratio 95% CI p-Value

Health Belief Model Score 1.117 1.020–1.223 0.0175 *

Self-reported Stress 1.245 1.003–1.544 0.0467

Exercise Self-efficacy 1.509 1.255–1.814 <0.0001

Nutrition Score 2.371 1.800–3.123 <0.0001
* Significance was set at alpha = 0.05.

The binary regression model was statistically significant after adjusting for self-
reported stress, age, healthy habits, pre-pandemic physical activity level, and exercise
behavior change (X2 (6) 49.8328, p < 0.0001). After controlling for other variables, there was
no association between nutritional behavior change and HBM score (OR = 1.011, 95% CI:
0.895–1.142, p = 08646). There was a statistically significant positive relationship in which
those who reported greater changes in exercise had greater odds of higher levels of stress
(OR: 1.395, 95% CI: 1.065–1.826, p = 0.0154) and exercise behavior change (OR: 1.168, 95% CI:
1.093–1.248, p < 0.0001). A negative relationship was found between age (OR: 0.929, 95% CI:
0.900–0.959, p < 0.0001), health habits (OR: 0.674, 95% CI: 0.451–1.008, p = 0.0547), and
pre-pandemic physical activity levels (OR: 0.221, 95% CI: 0.095–0.515, p = 0.0005). These
findings are reflected in Table 3.
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Table 3. Health Belief Model and Nutrition Behavior Change: Binary Logistic Regression Model.

Adjusted Odds Ratio 95% CI p-Value

Health Belief Model Score 1.011 0.089–1.142 0.865 *

Self-reported Stress 1.395 1.065–1.826 0.015

Age 0.929 0.900–0.959 <0.0001

Healthy Habits 0.674 0.451–1.008 0.055

Pre-pandemic Physical Activity 0.221 0.095–0.515 0.0005

Exercise Score 1.168 1.093–1.248 <0.0001
* Significance was set at alpha = 0.05.

An ordinal logistic regression was used to distinguish which component of the HBM
accounted for the largest proportion of variability in exercise behavior change. All four
components of the HBM (susceptibility, severity, benefits, and barriers) were included
in a single model. Due to the specific interest in these four variables, no other variables
were included in the model. The overall model was statistically significant (X2 (4) 43.5539,
p < 0.0001) but within the model, barriers was the only variable found to be statistically
significant, indicating those with a greater change in negative exercise behaviors had a
greater odds of reporting higher levels of perceived barriers to exercise (OR: 1.977, 95% CI:
1.609–2.428, p < 0.0001). The output is reflected in Table 4.

Table 4. Health Belief Model Components and Exercise Behavior Change: Ordinal Logistic Regres-
sion Model.

Adjusted Odds Ratio 95% CI p-Value

Susceptibility 1.012 0.821–1.249 0.908 *

Severity 1.000 0.792–1.262 0.999

Benefits 0.947 0.789–1.136 0.557

Barriers 1.977 1.609–2.428 <0.0001
* Significance was set at alpha = 0.05.

7. Discussion

The purpose of this study was to investigate the extent of negative changes in exercise
and nutrition behavior during the COVID-19 pandemic and further describe the extent of
this change using HBM constructs. We observed that those who reported a more drastic
change in either exercise intensity, duration, frequency, and/or motivation had greater
odds of increased feelings of perceived susceptibility and severity related to COVID-19
and decreased perceived benefits and increased barriers to exercise. The racial distribution
across outcome groups varied with a greater proportion of individuals that had a high
degree of change in exercise behaviors change begin Black or a race other than White
(p = 0.137). A greater proportion of individuals who reported medium to high exercise
change were females (p = 0.265). Individuals with greater negative change in exercise
behaviors were also more likely to have higher self-reported stress and BMI (p < 0.0001 and
p < 0.08, respectively). The odds of 0.929 decreased with increasing age, and only remained
statistically significant in reference to nutritional behavior change. This finding may be
explained by younger individuals (18–30 years old) who tend to report lower perceived
threat from COVID-19 [45]. Males were also less likely to report behavior change compared
to females, which aligns with gender differences seen in adherence to health precautions
throughout the pandemic [46–49]. Individuals with a BMI classified as overweight/obese
were more likely to report a change in exercise behavior. This finding may reflect the
abundant precautions taken by overweight/obese individuals due to the increased severity
of infection in overweight/obese individuals [50–52].
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Within our study, 60% of respondents had moderate to high levels of exercise behavior
change and 40% had little to no change. This proportion varied among studies which may
be due to populations and cut-off differences [4,6,9,13,14,22]. As stated earlier, this decrease
in physical activity could have deeper effects on an individual’s physical and mental
health [16–18]. We observed that with each increase in HBM score the odds of a greater
extent of exercise behavior change increased by 11.7%. This association was influenced by
an individual’s self-reported stress, exercise self-efficacy, and nutrition behavior, so these
variables were included in the final model. Exercise frequency was the most impacted due to
COVID-19, with 74% of participants stating they had some degree of change. Steele et al. [6]
found that individuals who exercise 4–5 days per week had the greatest decrease in exercise
frequency compared to pre-pandemic periods. Similarly, Brand et al. [20] found that
pandemic exercise frequency was dependent on pre-pandemic levels, while our study
showed no relationship between the two. This absence of an association in our study
may be explained, in theory, by individuals working out >5 days a week have a habitual
routine they strive to maintain and others with <3 days a week may continue to seldomly
work out when possible. Exercise duration, compared to intensity and frequency, had the
greatest number of responses stating individuals had no change during the pandemic. This
finding suggests that once someone was able to adapt their exercise routine to the changing
situation, they continued with the same intensity and duration, leading to only a small
proportion of respondents reporting changes in these areas. In some studies, nonactive
individuals increased their exercise [10,20,22]. Since we did not allow for individuals to
mention if they had increased exercise, we were unable to observe this phenomenon.

Perceived barriers had the greatest influence on exercise behavior change. However,
perceived susceptibility, severity, and benefits did not have any statistical significance
association with exercise behavior change. Our finding that barriers provided the greatest
influences on exercise behavior change does not come with much surprise. Steele et al. [6]
reported just how much of an impact the closure of fitness and recreational facilities had on
exercise behaviors during the “lockdown” period highlighted. Further, Gildner et al. [19]
found that over 90% of respondents were currently “sheltered in place”, which the authors
believed was the underlying cause of decreased exercise behavior. Perceived barriers
was shown in previous cross-sectional and prospective studies to be the most powerful
hinderance in the acceptance of other healthy behaviors [35,45,53], and susceptibility to the
health threat was a poor predictor of health behaviors [35,45,53]. Trifiletti et al. [54] further
supported this observation in the current pandemic with finding that the combination
of susceptibility and severity, often referred to as perceived threat, did not have a strong
association with hand washing and social distancing adherence. Moreover, studies prior to
the pandemic elucidated the weak association of perceived severity and behavior change,
possibly further weakened in our study by the low perceived severity and susceptibility of
COVID-19 in younger generations [15,35,37,52]. Though, it is important to note high levels
of self-efficacy can promote healthy behaviors, despite the perception of low risk or suscep-
tibility [11,39]. The weak association between perceived threat of a highly transmissible
and deadly disease is puzzling and may have valuable public health implications in efforts
to produce behavior change.

This study observed that individuals with the greatest decrease in exercise had greater
odds of lower self-reported self-efficacy. These findings reiterate previous research that
demonstrated increased self-efficacy had a significant positive effect on a breadth of health
outcomes in various populations [52]. Von ah and colleagues [45] reported the adaptability
of self-efficacy to be a mediating or moderating variable in the association of barriers
and health behaviors, highlighting the importance of its inclusion in depictions of health
behaviors. Naturally, if one feels competent in one’s ability, they will have a higher
probability of positive behavior change when faced with an obstacle or barrier, because
they are confident they can perform the desired behavior. This observation may explain why
individuals in our sample who maintained and did not reduce their exercise, had a greater
odds of exercise self-efficacy. Unlike early adapted precautions of the pandemic, self-efficacy
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cannot be enhanced instantly and requires various influences (e.g., vicarious experiences
and learned knowledge) to build over time. This finding supports the need for methods of
creating self-efficacy of health-promoting behaviors throughout an individual’s lifetime.

The current study observed approximately 50% of respondents had dietary changes
reflecting a change in alcohol, fruit, vegetable, and sugar-sweetened beverage consumption
and an overall increase in the volume of food intake. The current body of literature showed
a similar proportion of nutritional change [10,13,14,25–27]. The most affected aspects of diet
seemed to be healthfulness of diet, fast-food consumption, and overall calories consumed,
with the latter two aspects likely driving the overall decreased healthfulness. Our results
demonstrated that 70% of respondents reported their dietary changes as unhealthy, which
was a distinct difference to the 19% of individuals who reported unhealthy changes in
Park and colleagues [25]. Phillipou et al. [13] found a majority of people had relatively
unchanged eating habits during the pandemic, but 35% of individuals experienced in-
creased binge eating, a troubling trend our study did not investigate. Along with the
aforementioned nutritional changes, Chen et al. [14] showed an increase in eating out and
alcohol consumption in young adults, an age group reflective of a large proportion of our
sample. A similar proportion of participants reported changes in exercise behaviors and
may explain the moderate correlation between exercise and nutrition scores (r = 0.538).
Interestingly, HBM did not have a significant association with nutrition behavior. This
difference may be because the same barriers that were imposed on exercise behaviors were
not imposed on nutrition behaviors.

The current study observed that the total number of reported healthy habits acted
as a protective factor for nutrition change, further supporting the protective relationship
between pre-pandemic habits and resistance to drastic nutritional changes during the
pandemic. This finding adds to the literature as other studies reviewed did not examine
pre-pandemic healthy habits. We also observed a protective effect of pre-pandemic physical
activity levels among respondents who had little to no change in nutrition behavior having
greater odds of meeting physical activity recommendation pre-pandemic. Combined with
the results of self-efficacy, it seems vital that individuals strive to create and maintain
healthy lifestyle behaviors, for the immediate benefits as well as the benefit of increased
resilience when exposed to situations or environments that make healthy physical activity
and nutrition behaviors more challenging to achieve.

8. Strengths

The strength of this study lies in the examination of exercise behavior change in regard
to an individual’s perceived susceptibility and severity of COVID-19, benefits and barriers
to exercise. This study effectively showed how changes in these factors were associated
with a negative change in exercise behaviors. A unique characteristic of this study was the
association of healthy habits and their protective factors on exercise behaviors. Previous
research has shown that healthy habits (i.e., vegetable consumption, adequate exercise
levels, etc.) were shown to have significant health benefits regardless of an individual’s
BMI [55,56]. Although small, the sample contained a wide range of ages and BMIs, and
gender and race had adequate distribution across outcome categories.

9. Limitations

There are study limitations to consider when interpreting the results. The proportion
of various demographic variables, specifically the average age of the sample, restrict the
generalizability of the results as this may influence the perceived threat of the virus [37]
With all research, the results should always be interpreted and generalized in the context
of the sample in the study. Specific to our study, the sample contained a relatively high
proportion of young adults. This study also did not allow for the capturing of individuals
who may have improved nutrition and exercise behaviors during the pandemic. The
questions in the survey only allowed for two options, no change, or some extent of negative
change. Although this was done with the intention of examining the possible factors
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that contributed to a decrease in healthy lifestyle behaviors, it may have introduced bias
if individuals did not feel like their behavior change was adequately represented in the
response choices. Lastly, the self-reporting of “health” may be distorted due to the absence
of a well-defined, objective parameter. For example, a large portion of people in this
study reported their diet became less healthy. We cannot deduce from this finding what
was unhealthy about their nutritional decisions and what, if any, health implications
this unhealthfulness would present. Without the objective metric, the reporting of less
healthy nutritional habits was subject to the individual’s perceptions, feelings, and ideas of
healthy nutrition.

10. Public Health Implications

From the initial onset of the COVID-19 pandemic, public health authorities opera-
tionalized the precautionary principle with respect to population health recommendations.
Traditional communicable disease risk reduction strategies of social distancing, hand wash-
ing, masking, covering coughing, and syndromic surveillance were employed, but were
often not enough to reduce the epidemic curve. During the initial year of the pandemic, case
fatality rates were high, and hospital and healthcare workforce capacity was insufficient
to keep up with the demand for healthcare services. With this insufficient infrastructure,
greater emphasis was stressed on “at-risk” individuals isolating and reducing risk of in-
fection. The same comorbidities putting these individuals at risk were highly prevalent
in individuals who lacked proper physical activity levels and dietary habits. This study
illustrates the need to promote dynamic, evidence-based health promotion policy imple-
mentation, educating the public as to risks and benefits to pro-health behavior change and
decision-making. Health behavior change, as illustrated by these analyses, needs to be im-
plemented through a careful consideration of both costs and benefits with a future-focused
lens for the downstream effects resulting from health policy implementation.

11. Conclusions

Our research sought to examine if differing levels of self-reported HMB constructs
had a negative impact on exercise and nutrition behaviors during the COVID-19 pandemic.
Our study demonstrates the effects that self-reported HBM constructs have on exercise
and nutrition behaviors during the COVID-19 pandemic. Higher perceived susceptibility,
severity, and barriers combined with a decreased belief in the benefit of exercise was
associated with greater decreases in exercise behavior but not dietary intake. Higher levels
of exercise self-efficacy were shown to be protective against negative changes in exercise
behaviors. As the pandemic continues and other health threats appear, understanding
an individual’s perceived threats and barriers to engaging in physical activity is vital to
identify individuals that may be vulnerable to a decreased physical activity level. This
study, and the pool of literature in which it adds to, demonstrates the need for a concerted
effort of public health, fitness, and wellness practitioners to form a concerted effort to
increase access and adherence physical activity during times of increased barriers and
worries of a health threat. This needs to be addressed as it has a far-reaching impact on
many different aspects of an individual’s and communities’ health and well-being.

Author Contributions: K.K. and W.A.M. were ones who conceptualized the project. K.K. led the
creating the literature background, IRB application, and all statistical analysis. All authors contributed
equally to data collection and writing and editing of manuscript. All authors have read and agreed to
the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki and approved by the Institutional Review Board of Georgia Southern University project
labelled H22104 approved on 11/19/21.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.



Int. J. Environ. Res. Public Health 2022, 19, 15516 12 of 14

Data Availability Statement: The data presented in this study are available on request from the
corresponding author.

Acknowledgments: We would like to give a very special thanks to all that helped distribute the
survey and helped collect the data to allow us to generate results for this project, as well as Jiann-Ping
Hsu College of Public Health for providing phenomenal education and mentors.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Centers for Disease Control and Prevention. COVID Data Tracker; US Department of Health and Human Services, CDC: Atlanta,

GA, USA, 2022. Available online: https://covid.cdc.gov/covid-data-tracker (accessed on 11 August 2022).
2. Shah, G.H.; Shankar, P.; Schwind, J.S.; Sittaramane, V. The detrimental impact of the COVID-19 crisis on health equity and social

determinants of health. J. Public Health Manag. Pract. 2020, 26, 317–319. [CrossRef] [PubMed]
3. Centers for Disease Control and Prevention. Understanding Exposure Risks; Centers for Disease Control and Prevention: Atlanta,

GA, USA, 2022. Available online: https://www.cdc.gov/coronavirus/2019-ncov/your-health/risks-exposure.html (accessed on
17 August 2022).

4. Hasson, R.; Sallis, J.F.; Coleman, N.; Kaushal, N.; Nocera, V.G.; Keith, N. COVID-19: Implications for physical activity, health
disparities, and health equity. Am. J. Lifestyle Med. 2022, 16, 420–433. [CrossRef]

5. Kiely, K.; Mase, W.; Melton, B.F. Campus Recreation and Fitness Center Utilization During the COVID-19 Pandemic. J. Ga. Public
Health Assoc. 2021, 8, 2. [CrossRef]

6. Steele, J.; Androulakis-Korakakis, P.; Carlson, L.; Williams, D.; Phillips, S.; Smith, D.; Schoenfeld, B.; Loenneke, J.; Winett, R.;
Abe, T.; et al. The impact of public-health measures to limit the spread of Coronavirus on training behaviours of individuals
previously participating in resistance training: A cross-sectional survey study. SportRxiv 2020. [CrossRef]

7. Parnell, D.; Widdop, P.; Bond, A.; Wilson, R. COVID-19, networks and sport. (Special Issue: Managing sport and leisure in the era
of COVID-19). Manag. Sport Leis. 2022, 27, 72–78.

8. Amagasa, S.; Machida, M.; Ding, D.; Inoue, S. Preventing infectious diseases outbreaks at exercise facilities. Manag. Sport Leis.
2022, 27, 22–25. [CrossRef]

9. Christensen, A.; Bond, S.; McKenna, J. The COVID-19 conundrum: Keeping safe while becoming inactive. A rapid review of
physical activity, sedentary behaviour, and exercise in adults by gender and age. PLoS ONE 2022, 17, e0263053. [CrossRef]

10. Breiner, C.E.; Miller, M.L.; Hormes, J.M. Changes in eating and exercise behaviors during the COVID-19 pandemic in a community
sample: A retrospective report. Eat. Behav. 2021, 42, 101539. [CrossRef]

11. Wang, X.; Hegde, S.; Son, C.; Keller, B.; Smith, A.; Sasangohar, F. Investigating mental health of US college students during the
COVID-19 pandemic: Cross-sectional survey study. J. Med. Internet Res. 2020, 22, e22817. [CrossRef]

12. Ammar, A.; Brach, M.; Trabelsi, K.; Chtourou, H.; Boukhris, O.; Masmoudi, L.; Bouaziz, B.; Bentlage, E.; How, D.; Ahmed, M.; et al.
Effects of COVID-19 Home Confinement on Eating Behaviour and Physical Activity: Results of the ECLB-COVID19 International
Online Survey. Nutrients 2020, 12, 1583. [CrossRef]

13. Phillipou, A.; Meyer, D.; Neill, E.; Tan, E.J.; Toh, W.L.; Van Rheenen, T.E.; Rossell, S.L. Eating and exercise behaviors in eating
disorders and the general population during the COVID-19 pandemic in Australia: Initial results from the COLLATE project. Int.
J. Eat. Disord. 2020, 53, 1158–1165. [CrossRef] [PubMed]

14. Chen, L.; Li, J.; Xia, T.; Matthews, T.A.; Tseng, T.S.; Shi, L.; Su, D. Changes of exercise, screen time, fast food consumption, alcohol,
and cigarette smoking during the COVID-19 pandemic among adults in the United States. Nutrients 2021, 13, 3359. [CrossRef]
[PubMed]

15. Wilson, O.W.; Holland, K.E.; Elliott, L.D.; Duffey, M.; Bopp, M. The impact of the COVID-19 pandemic on US college students’
physical activity and mental health. J. Phys. Act. Health 2021, 18, 272–278. [CrossRef]

16. Maugeri, G.; Castrogiovanni, P.; Battaglia, G.; Pippi, R.; D’Agata, V.; Palma, A.; Musumeci, G. The impact of physical activity on
psychological health during COVID-19 pandemic in Italy. Heliyon 2020, 6, e04315. [CrossRef] [PubMed]

17. Martinez-Ferran, M.; de la Guía-Galipienso, F.; Sanchis-Gomar, F.; Pareja-Galeano, H. Metabolic impacts of confinement during
the COVID-19 pandemic due to modified diet and physical activity habits. Nutrients 2020, 12, 1549. [CrossRef] [PubMed]

18. Pieh, C.; Budimir, S.; Probst, T. The effect of age, gender, income, work, and physical activity on mental health during coronavirus
disease (COVID-19) lockdown in Austria. J. Psychosom. Res. 2020, 136, 110186. [CrossRef] [PubMed]

19. Gildner, T.E.; Laugier, E.J.; Thayer, Z.M. Exercise routine change is associated with prenatal depression scores during the
COVID-19 pandemic among pregnant women across the United States. PLoS ONE 2020, 15, e0243188. [CrossRef]

20. Brand, R.; Timme, S.; Nosrat, S. When pandemic hits: Exercise frequency and subjective well-being during COVID-19 pandemic.
Front. Psychol. 2020, 11, 2391. [CrossRef]

21. Kaur, H.; Singh, T.; Arya, Y.K.; Mittal, S. Physical fitness and exercise during the COVID-19 pandemic: A qualitative enquiry.
Front. Psychol. 2020, 11, 2943. [CrossRef]

22. Robertson, M.; Duffy, F.; Newman, E.; Bravo, C.P.; Ates, H.H.; Sharpe, H. Exploring changes in body image, eating and exercise
during the COVID-19 lockdown: A UK survey. Appetite 2021, 159, 105062. [CrossRef]

https://covid.cdc.gov/covid-data-tracker
http://doi.org/10.1097/PHH.0000000000001200
http://www.ncbi.nlm.nih.gov/pubmed/32433385
https://www.cdc.gov/coronavirus/2019-ncov/your-health/risks-exposure.html
http://doi.org/10.1177/15598276211029222
http://doi.org/10.20429/jgpha.2021.080202
https://doi.org/10.31236/osf.io/b8s7e
http://doi.org/10.1080/23750472.2020.1779116
http://doi.org/10.1371/journal.pone.0263053
http://doi.org/10.1016/j.eatbeh.2021.101539
http://doi.org/10.2196/22817
http://doi.org/10.3390/nu12061583
http://doi.org/10.1002/eat.23317
http://www.ncbi.nlm.nih.gov/pubmed/32476163
http://doi.org/10.3390/nu13103359
http://www.ncbi.nlm.nih.gov/pubmed/34684357
http://doi.org/10.1123/jpah.2020-0325
http://doi.org/10.1016/j.heliyon.2020.e04315
http://www.ncbi.nlm.nih.gov/pubmed/32613133
http://doi.org/10.3390/nu12061549
http://www.ncbi.nlm.nih.gov/pubmed/32466598
http://doi.org/10.1016/j.jpsychores.2020.110186
http://www.ncbi.nlm.nih.gov/pubmed/32682159
http://doi.org/10.1371/journal.pone.0243188
http://doi.org/10.3389/fpsyg.2020.570567
http://doi.org/10.3389/fpsyg.2020.590172
http://doi.org/10.1016/j.appet.2020.105062


Int. J. Environ. Res. Public Health 2022, 19, 15516 13 of 14

23. Centers for Disease Control and Prevention. Categories of Essential Workers: COVID-19 Vaccination; Centers for Disease Control and
Prevention: Atlanta, GA, USA, 2021; para., 1. Available online: https://www.cdc.gov/vaccines/covid-19/categories-essential-
workers.html (accessed on 11 August 2022).

24. Identifying Critical Infrastructure during COVID-19; Cybersecurity and Infrastructure Security Agency CISA: Rosslyn, VI, USA,
2022. Available online: https://www.cisa.gov/identifying-critical-infrastructure-during-covid-19 (accessed on 11 August 2022).

25. Park, S.; Lee, S.H.; Yaroch, A.L.; Blanck, H.M. Reported Changes in Eating Habits Related to Less Healthy Foods and Beverages
during the COVID-19 Pandemic among US Adults. Nutrients 2022, 14, 526. [CrossRef] [PubMed]

26. Cosgrove, K.; Wharton, C. Predictors of COVID-19-related perceived improvements in dietary health: Results from a US
cross-sectional study. Nutrients 2021, 13, 2097. [CrossRef] [PubMed]

27. Jaeger, S.R.; Vidal, L.; Ares, G.; Chheang, S.L.; Spinelli, S. Healthier eating: COVID-19 disruption as a catalyst for positive change.
Food Qual. Prefer. 2021, 92, 104220. [CrossRef]

28. Yang, G.Y.; Lin, X.L.; Fang, A.P.; Zhu, H.L. Eating habits and lifestyles during the initial stage of the COVID-19 lockdown in
China: A cross-sectional study. Nutrients 2021, 13, 970. [CrossRef]

29. Pellegrini, M.; Ponzo, V.; Rosato, R.; Scumaci, E.; Goitre, I.; Benso, A.; Bo, S. Changes in weight and nutritional habits in adults
with obesity during the “lockdown” period caused by the COVID-19 virus emergency. Nutrients 2020, 12, 2016. [CrossRef]
[PubMed]

30. Huber, B.C.; Steffen, J.; Schlichtiger, J.; Brunner, S. Altered nutrition behavior during COVID-19 pandemic lockdown in young
adults. Eur. J. Nutr. 2021, 60, 2593–2602. [CrossRef] [PubMed]

31. Bhutani, S.; Vandellen, M.R.; Cooper, J.A. Longitudinal weight gain and related risk behaviors during the COVID-19 pandemic in
adults in the US. Nutrients 2021, 13, 671. [CrossRef]

32. Rodrigues, J.F.; dos Santos Filho, M.T.C.; de Oliveira, L.E.A.; Siman, I.B.; de Fátima Barcelos, A.; Ramos, G.L.D.P.A.; Arriel, R.A.
Effect of the COVID-19 pandemic on food habits and perceptions: A study with Brazilians. Trends Food Sci. Technol. 2021, 116,
992–1001. [CrossRef]

33. Alhusseini, N.; Alqahtani, A. COVID-19 pandemic’s impact on eating habits in Saudi Arabia. J. Public Health Res. 2020, 9,
jphr-2020. [CrossRef] [PubMed]

34. Harrison, J.A.; Mullen, P.D.; Green, L.W. A meta-analysis of studies of the health belief model with adults. Health Educ. Res. 1992,
7, 107–116. [CrossRef]

35. Abraham, C.; Sheeran, P. The health belief model. Predict. Health Behav. Res. Pract. Soc. Cogn. Model. 2015, 2, 30–55.
36. Jose, R.; Narendran, M.; Bindu, A.; Beevi, N.; Manju, L.; Benny, P.V. Public perception and preparedness for the pandemic

COVID-19: A health belief model approach. Clin. Epidemiol. Glob. Health 2021, 9, 41–46. [CrossRef]
37. Badr, H.; Oluyomi, A.; Woodard, L.; Zhang, X.; Raza, S.A.; Adel Fahmideh, M.; Amos, C.A. Sociodemographic and health belief

model factors associated with nonadherence to COVID-19 mitigation strategies in the United States. Ann. Behav. Med. 2021, 55,
677–685. [CrossRef]

38. Al-Sabbagh, M.Q.; Al-Ani, A.; Mafrachi, B.; Siyam, A.; Isleem, U.; Massad, F.I.; Abufaraj, M. Predictors of adherence with home
quarantine during COVID-19 crisis: The case of health belief model. Psychol. Health Med. 2022, 27, 215–227. [CrossRef] [PubMed]

39. Fathian-Dastgerdi, Z.; Tavakoli, B.; Jaleh, M. Factors associated with preventive behaviors of COVID-19 among adolescents:
Applying the health belief model. Res. Soc. Adm. Pharm. 2021, 17, 1786–1790. [CrossRef] [PubMed]

40. Kumari, A.; Ranjan, P.; Vikram, N.K.; Kaur, D.; Sahu, A.; Dwivedi, S.N.; Goel, A. A short questionnaire to assess changes in
lifestyle-related behaviour during COVID 19 pandemic. Diabetes Metab. Syndr. Clin. Res. Rev. 2020, 14, 1697–1701. [CrossRef]

41. WHO Regional Office For Europe. COVID-19 Snapshot MOnitoring (COSMO Standard): Monitoring Knowledge, Risk Perceptions,
Preventive Behaviours, and Public Trust in the Current Coronavirus Outbreak—WHO Standard Protocol; PsychArchives, 2020. [CrossRef]

42. Glanz, K.; Rimer, B.K.; Viswanath, K. (Eds.) Health Behavior and Health Education: Theory, Research, and Practice; John Wiley & Sons:
Hoboken, NJ, USA, 2008.

43. Conner, M.; Norman, P. EBOOK: Predicting and Changing Health Behaviour: Research and Practice with Social Cognition Models;
McGraw-Hill Education: New York, NY, USA, 2015.

44. Hosmer, D.W., Jr.; Lemeshow, S.; Sturdivant, R.X. Applied Logistic Regression; John Wiley & Sons: Hoboken, NJ, USA, 2013;
Volume 398.

45. Von Ah, D.; Ebert, S.; Ngamvitroj, A.; Park, N.; Kang, D.H. Predictors of health behaviours in college students. J. Adv. Nurs. 2004,
48, 463–474. [CrossRef]

46. Yan, A.P.; Howden, K.; Mahar, A.L.; Glidden, C.; Garland, S.N.; Oberoi, S. Gender differences in adherence to COVID-19
preventative measures and preferred sources of COVID-19 information among adolescents and young adults with cancer. Cancer
Epidemiol. 2022, 77, 102098. [CrossRef]

47. Hearne, B.N.; Niño, M.D. Understanding how race, ethnicity, and gender shape mask-wearing adherence during the COVID-19
pandemic: Evidence from the COVID impact survey. J. Racial Ethn. Health Disparities 2022, 9, 176–183. [CrossRef] [PubMed]

48. Okten, I.O.; Gollwitzer, A.; Oettingen, G. Gender differences in preventing the spread of coronavirus. Behav. Sci. Policy 2020, 6,
109–122. [CrossRef]

49. Pollak, Y.; Dayan, H.; Shoham, R.; Berger, I. Predictors of adherence to public health instructions during the COVID-19 pandemic.
MedRxiv 2020, 74, 602–604. [CrossRef]

https://www.cdc.gov/vaccines/covid-19/categories-essential-workers.html
https://www.cdc.gov/vaccines/covid-19/categories-essential-workers.html
https://www.cisa.gov/identifying-critical-infrastructure-during-covid-19
http://doi.org/10.3390/nu14030526
http://www.ncbi.nlm.nih.gov/pubmed/35276885
http://doi.org/10.3390/nu13062097
http://www.ncbi.nlm.nih.gov/pubmed/34205306
http://doi.org/10.1016/j.foodqual.2021.104220
http://doi.org/10.3390/nu13030970
http://doi.org/10.3390/nu12072016
http://www.ncbi.nlm.nih.gov/pubmed/32645970
http://doi.org/10.1007/s00394-020-02435-6
http://www.ncbi.nlm.nih.gov/pubmed/33258996
http://doi.org/10.3390/nu13020671
http://doi.org/10.1016/j.tifs.2021.09.005
http://doi.org/10.4081/jphr.2020.1868
http://www.ncbi.nlm.nih.gov/pubmed/33024727
http://doi.org/10.1093/her/7.1.107
http://doi.org/10.1016/j.cegh.2020.06.009
http://doi.org/10.1093/abm/kaab038
http://doi.org/10.1080/13548506.2021.1871770
http://www.ncbi.nlm.nih.gov/pubmed/33427487
http://doi.org/10.1016/j.sapharm.2021.01.014
http://www.ncbi.nlm.nih.gov/pubmed/33558153
http://doi.org/10.1016/j.dsx.2020.08.020
http://doi.org/10.23668/PSYCHARCHIVES.2782
http://doi.org/10.1111/j.1365-2648.2004.03229.x
http://doi.org/10.1016/j.canep.2022.102098
http://doi.org/10.1007/s40615-020-00941-1
http://www.ncbi.nlm.nih.gov/pubmed/33469866
http://doi.org/10.1353/bsp.2020.0022
http://doi.org/10.1111/pcn.13122


Int. J. Environ. Res. Public Health 2022, 19, 15516 14 of 14

50. Kwok, S.; Adam, S.; Ho, J.H.; Iqbal, Z.; Turkington, P.; Razvi, S.; Syed, A.A. Obesity: A critical risk factor in the COVID-19
pandemic. Clin. Obes. 2020, 10, e12403. [CrossRef]

51. Caussy, C.; Pattou, F.; Wallet, F.; Simon, C.; Chalopin, S.; Telliam, C.; Disse, E. Prevalence of obesity among adult inpatients with
COVID-19 in France. Lancet Diabetes Endocrinol. 2020, 8, 562–564. [CrossRef] [PubMed]

52. Alberca, R.W.; Oliveira, L.D.M.; Branco, A.C.C.C.; Pereira, N.Z.; Sato, M.N. Obesity as a risk factor for COVID-19: An overview.
Crit. Rev. Food Sci. Nutr. 2021, 61, 2262–2276. [CrossRef]

53. Champion, V.L.; Skinner, C.S. The health belief model. Health Behav. Health Educ. Theory Res. Pract. 2008, 4, 45–65.
54. Trifiletti, E.; Shamloo, S.E.; Faccini, M.; Zaka, A. Psychological predictors of protective behaviours during the COVID-19 pandemic:

Theory of planned behaviour and risk perception. J. Community Appl. Soc. Psychol. 2022, 32, 382–397. [CrossRef] [PubMed]
55. Loef, M.; Walach, H. The combined effects of healthy lifestyle behaviors on all cause mortality: A systematic review and

meta-analysis. Prev. Med. 2012, 55, 163–170. [CrossRef] [PubMed]
56. Matheson, E.M.; King, D.E.; Everett, C.J. Healthy lifestyle habits and mortality in overweight and obese individuals. J. Am. Board

Fam. Med. 2012, 25, 9–15. [CrossRef]

http://doi.org/10.1111/cob.12403
http://doi.org/10.1016/S2213-8587(20)30160-1
http://www.ncbi.nlm.nih.gov/pubmed/32437642
http://doi.org/10.1080/10408398.2020.1775546
http://doi.org/10.1002/casp.2509
http://www.ncbi.nlm.nih.gov/pubmed/33967569
http://doi.org/10.1016/j.ypmed.2012.06.017
http://www.ncbi.nlm.nih.gov/pubmed/22735042
http://doi.org/10.3122/jabfm.2012.01.110164

	Introduction 
	Methods 
	Dependent Variables 
	Exercise Behavior Change 
	Nutritional Behavior Change 

	Independent Variables 
	Demographics 
	Health Belief Model 
	Exercise Self-Efficacy 
	Pre-Pandemic Physical Activity 
	Healthy Habits 
	Stress 

	Statistical Analysis 
	Results 
	Discussion 
	Strengths 
	Limitations 
	Public Health Implications 
	Conclusions 
	References

