International Journal of
Environmental Research
and Public Health

Article

Digital Intelligence, Emotional Intelligence, Self-Disclosure, and
Fear of Missing Out Among Thai Generation Z:
A Cross-Sectional PLS-SEM Study

Naphat Wuttaphan 1, Hisako Matsuo 2

W) Check for updates

Academic Editors: Isabella

Giulia Franzoi and Gloria Guidetti

Received: 1 June 2026

Revised: 21 July 2026

Accepted: 22 July 2026

Published: 23 July 2026

Copyright: © 2026 by the authors.
Licensee MDPI, Basel, Switzerland.
This article is an open access article
distributed under the terms and
conditions of the Creative Commons
Attribution (CC BY) license.

and Bovornpot Choompunuch 3-4*

Department of Human Resource and Organization Management, Faculty of Management Science,
Pibulsongkram Rajabhat University, Phitsanulok 65000, Thailand; naphat.w@psru.ac.th

Department of Sociology and Anthropology, College of Arts and Sciences, Saint Louis University,

St. Louis, MO 63108, USA; hisako.matsuo@slu.edu

Department of Educational Psychology and Guidance, Faculty of Education, Mahasarakham University,
Sarakham 44000, Thailand

Research Unit of Interdisciplinary and Lifelong Learning, Faculty of Education, Mahasarakham University,
Sarakham 44000, Thailand

*  Correspondence: bovornpot.c@msu.ac.th

Highlights

Public health relevance—How does this work relate to a public health issue?

e  FOMO reflects a growing digital mental health concern among young people who are
constantly exposed to online social comparison.

e Understanding psychological and digital factors associated with FOMO can support
healthier social media use among Generation Z.

Public health significance—Why is this work of significance to public health?

e  The study provides evidence from Thailand, a Southeast Asian context that remains
underrepresented in digital wellbeing research.

e The findings suggest that digital competence alone may not be sufficient to protect
young people from FOMO-related risks.

Public health implications—What are the key implications or messages for practitioners,
policy makers and/or researchers in public health?

e At this stage, the findings should be treated as preliminary and should not be used on
their own to guide digital-wellbeing programs or public health policy.

e  Future studies should refine the measurement model and confirm which dimensions
of digital intelligence are related to FOMO before translating the findings into practice.

Abstract

Fear of missing out (FOMO) has become an important digital mental health concern among
Generation Z, a population highly engaged with social media and online interaction. This
study examined the associations among digital intelligence, emotional intelligence, self-
disclosure, and FOMO among Generation Z individuals in Thailand. A cross-sectional
quantitative study was conducted from December 2025 to January 2026. Data were collected
from 322 participants using self-administered questionnaires and analyzed using descrip-
tive statistics and partial least squares structural equation modeling. The results showed
that digital intelligence was positively associated with FOMO, whereas emotional intel-
ligence and self-disclosure were not significantly associated with FOMO. Self-disclosure
did not mediate the associations between emotional intelligence, digital intelligence, and
FOMO. However, the measurement model showed acceptable internal consistency but
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limited convergent validity, as average variance extracted values were below the conven-
tional threshold for all constructs. Therefore, the structural findings should be interpreted
as preliminary and exploratory. The positive association between digital intelligence and
FOMO may reflect greater exposure to online social activity, social comparison, or possible
overlap between the constructs, rather than a harmful effect of digital intelligence itself.
These findings contribute initial evidence from Thailand but should not be used alone to
guide public health practice or policy. Future studies should refine the measurement instru-
ments, examine individual dimensions of digital intelligence, and confirm the observed
relationships using stronger psychometric and longitudinal designs.

Keywords: digital intelligence; emotional intelligence; fear of missing out; Generation Z;
self-disclosure; social media; Thailand

1. Introduction

Social media has become deeply embedded in the everyday lives of young people,
shaping how they communicate, build relationships, express identity, seek information,
and compare themselves with others [1]. For Generation Z, who grew up alongside
smartphones, digital platforms, and constant online connectivity, social media is not simply
a communication tool but a social environment in which belonging, visibility, and self-
presentation are continuously negotiated [2]. While digital platforms may offer social
support, entertainment, peer connection, and access to information, they may also expose
young users to social comparison, emotional pressure, excessive engagement, privacy risks,
and psychological distress [3]. Recent evidence suggests that the relationship between social
media use and mental health is complex and context-dependent, with adverse outcomes
more likely to emerge when social media use becomes passive, excessive, emotionally
driven, or difficult to regulate [4,5].

One psychological construct that has received increasing attention in this context is
fear of missing out (FOMO). FOMO refers to the uncomfortable feeling that others may be
having rewarding experiences from which one is absent, often accompanied by a desire
to stay continuously connected to what others are doing [6]. In digital environments, this
experience may be intensified by real-time updates, curated images, short videos, notifi-
cations, and visible indicators of peer activity [7]. FOMO has been linked to problematic
social media use, social comparison, lower self-esteem, anxiety, depression, loneliness, and
reduced well-being among adolescents and young adults [8]. A recent scoping review
also highlighted that FOMO plays a pivotal role in the association between digital media
use and mental health, supporting the need to examine FOMO as both a psychological
response and a public health concern in highly connected populations [7,8].

Generation Z may be particularly vulnerable to FOMO because social media is closely
tied to their peer relationships, identity formation, and sense of social belonging [1]. As
digital natives, many individuals in this cohort operate within a blended offline-online
environment in which communication, self-expression, and social interaction occur simul-
taneously across multiple platforms [9]. Within these environments, social media serves
as a key space for identity construction, where individuals continuously present them-
selves and receive social feedback from others. Recent studies among young adults and
college students have demonstrated that FOMO is positively associated with problematic
smartphone use [10]. Moreover, FOMO has been linked to broader patterns of social media
addiction and related behavioral risks among student populations [11]. In addition, FOMO
has been shown to contribute to psychological distress, including depressive symptoms
and feelings of social exclusion [12]. However, these associations are not uniform across
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all individuals, as research has identified distinct profiles of FOMO with varying levels of
vulnerability and behavioral outcomes [13].

Digital intelligence is another important construct in understanding FOMO among
young people, particularly in the context of increasingly complex digital environments [14].
Digital intelligence extends beyond basic digital literacy by encompassing the ability to
participate safely, ethically, critically, and responsibly in digital spaces [15]. It includes
competencies such as privacy management, digital identity development, critical think-
ing, screen time regulation, cyberbullying management, cybersecurity awareness, digital
footprint monitoring, and digital empathy [15]. From a public health perspective, digital
intelligence is crucial because young people must not only access digital platforms but also
evaluate information, manage exposure, protect their privacy, regulate online behavior, and
maintain psychological well-being [14]. However, the relationship between digital intelli-
gence and FOMO may not be straightforward, as digital environments can simultaneously
offer protective and risk-enhancing mechanisms [9]. Higher levels of digital intelligence
may promote healthier online behaviors and better self-regulation, reducing problematic
engagement [14]. At the same time, greater digital engagement and awareness of online
activities may increase exposure to social comparison and perceived social exclusion, which
are key drivers of FOMO [9]. Recent research highlights that individual differences in digi-
tal experiences and competencies can shape how users respond to social media, including
their vulnerability to FOMO-related distress [13].

Self-disclosure is also central to young people’s experiences on social media, reflecting
the increasing integration of digital communication into everyday social interaction [16].
Online self-disclosure refers to the sharing of personal information, thoughts, emotions,
experiences, images, and opinions through digital platforms [16]. For Generation Z, self-
disclosure may serve several functions, including identity expression, relationship main-
tenance, peer validation, social support, and a sense of belonging [17]. At the same time,
self-disclosure may increase vulnerability to privacy concerns, negative evaluation, un-
wanted attention, and potential misuse of personal information in online environments [18].
In addition, these risks may contribute to social comparison processes and emotional fa-
tigue, particularly in highly connected social media contexts [19]. Prior research among
students has shown that FOMO and social media fatigue are closely related phenomena,
suggesting that psychological pressures associated with online engagement may shape
users’ disclosure behaviors [20]. Other recent studies further indicate that self-presentation
and FOMO can operate together as mediating mechanisms linking social media use to
problematic or addictive patterns of social media engagement [21].

Although FOMO has been widely studied in relation to social media use and problem-
atic digital behavior, less is known about how emotional intelligence, digital intelligence,
and self-disclosure jointly relate to FOMO among Generation Z in Thailand. This gap
is important because Thailand represents a collectivist cultural context in which social
belonging, peer connection, interpersonal harmony, and online group participation may
shape how young people experience and respond to digital social environments. Existing
research has often examined FOMO as an outcome of social media use or as a predictor of
problematic use, but fewer studies have tested integrated models that include emotional
competencies, digital competencies, and online self-disclosure as interrelated factors. Un-
derstanding these relationships may help inform public health strategies that move beyond
limiting screen time alone and instead promote emotional regulation, digital well-being,
privacy awareness, and healthier online communication.

The proposed conceptual framework was informed by the view that FOMO emerges
from both individual psychological capacities and social behaviors in digital environments.
Emotional intelligence may help individuals recognize and regulate feelings of exclusion,
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comparison, and anxiety when exposed to others” online activities. Digital intelligence
may shape how young people manage privacy, screen time, digital identity, and social
interaction, although greater digital competence may also reflect higher exposure to online
social cues. Self-disclosure was positioned as a potential mediating factor because sharing
personal information online may reflect how young people seek belonging, validation, and
social connection. In this sense, self-disclosure may serve as a behavioral pathway through
which emotional and digital competencies are expressed in social media environments and
may influence FOMO.

Therefore, this study aimed to examine the direct and indirect associations among
emotional intelligence, digital intelligence, self-disclosure, and FOMO among Generation Z
individuals in Thailand. Specifically, we tested whether emotional intelligence and digital
intelligence were directly associated with FOMO and whether self-disclosure functioned as
a mediating factor in these relationships. Based on the conceptual framework (Figure 1), we
proposed the following hypotheses: H1: emotional intelligence is significantly associated
with FOMO; H2: digital intelligence is significantly associated with FOMO; H3: emotional
intelligence is significantly associated with self-disclosure; H4: digital intelligence is sig-
nificantly associated with self-disclosure; H5: self-disclosure is significantly associated
with FOMO; Hé: self-disclosure mediates the association between emotional intelligence
and FOMO; and H7: self-disclosure mediates the association between digital intelligence
and FOMO. By focusing on psychological and digital competencies within a Generation Z
sample, this study contributes to the growing public health literature on digital well-being
and youth mental health. The findings may inform future measurement development and
confirmatory research on digital wellbeing and youth mental health.

EQ

H1

H3
H5
D N FOMO
-

DQ ///’

H2

Figure 1. Conceptual framework of emotional intelligence (EQ), digital intelligence (DQ), self-
disclosure (SD), and fear of missing out (FOMO).

2. Materials and Methods
2.1. Study Design and Participants

We employed a cross-sectional quantitative research design to examine factors as-
sociated with fear of missing out (FOMO) among Generation Z individuals. The target
population consisted of young people in Thailand born between 1995 and 2010 who re-
ported active use of social media and digital platforms. A non-probability convenience
sampling approach was used to recruit participants. Based on Cochran’s formula [22] for
sample size estimation at a 95% confidence level, 400 participants were initially targeted.
A total of 400 questionnaires were distributed, and 322 valid responses were retained after
data screening for completeness and consistency. This final sample size was considered
adequate for PLS-SEM analysis based on the complexity of the proposed model and the
number of structural paths examined.
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2.2. Data Collection Procedure

Data were collected between December 2025 and January 2026 using a structured
self-administered questionnaire. Both online and paper-based formats were used to reach
participants with different access preferences. The online questionnaire was distributed
through social media platforms, whereas the paper-based questionnaire was administered
in educational settings. Before completing the questionnaire, participants received infor-
mation about the study purpose, voluntary participation, confidentiality, and their right
to withdraw from the study at any time without penalty. Informed consent was obtained
prior to participation. For participants aged below 18 years, written informed consent was
obtained from a parent or legal guardian, and assent was obtained from the participant
before participation. Participants aged 18 years or older provided their own informed
consent. To protect confidentiality, responses were de-identified before analysis, and no
names or student identification numbers were entered into the analytic dataset. Paper
questionnaires were stored securely, and any information used for recruitment or distribu-
tion was kept separately from survey responses. Participants completed the questionnaire
within approximately 20-30 min on average. Some participants required up to 45 min
because the questionnaire included several multidimensional scales.

2.3. Measures

Emotional Intelligence (EQ) was measured using a multidimensional scale adapted
from the Thailand Department of Mental Health framework [23], comprising 36 items
covering self-regulation, empathy, responsibility, self-motivation, problem-solving, inter-
personal relationships, self-esteem, life satisfaction, and post-traumatic growth. Responses
were rated on a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly
agree). Content validity was assessed using the IOC method, with all items achieving
acceptable IOC values. The reliability of the EQ scale was high, with a Cronbach’s alpha
coefficient of & = 0.93.

Digital Intelligence (DQ) was assessed using the DQ Institute framework [24], which
comprises 32 items across eight dimensions: digital identity, screen time management,
cyberbullying management, cybersecurity, privacy management, critical thinking, digital
footprint awareness, and digital empathy. Responses were rated using a five-point Likert
scale ranging from 1 (strongly disagree) to 5 (strongly agree). Content validity was con-
firmed through the IOC method, with all items exceeding the recommended threshold
of 0.96. The reliability of the DQ scale was high, with a Cronbach’s alpha coefficient of
o =0.95.

Self-Disclosure (SD) was measured as a mediating variable reflecting the amount and
depth of personal information shared on social media platforms. The items were adapted
from prior research on self-disclosure [25] and social penetration theory [26], which had
20 items. Responses were rated on a six-point scale ranging from “absolutely not true” to
“absolutely true,” with higher scores indicating greater self-disclosure. Content validity
was established using the IOC method, with all values above 0.96. The reliability of the
self-disclosure scale was high, with a Cronbach’s alpha coefficient of « = 0.94.

Fear of Missing Out (FOMO) was measured as the dependent variable using a 15-item
scale adapted from existing validated instruments [27]. The scale assessed the extent to
which individuals experience concern about missing social experiences and the need to
remain continuously connected with others. Responses were rated on a five-point Likert
scale ranging from 1 (strongly disagree) to 5 (strongly agree). Content validity was verified
using the IOC method, with all items achieving acceptable IOC values. The reliability of
the FOMO scale was high, with a Cronbach’s alpha coefficient of « = 0.89.
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All instruments were reviewed for appropriateness in the Thai context before data
collection. The wording of the items was checked to ensure conceptual consistency with
the original constructs and clarity for Thai Generation Z participants. Content validity was
assessed by experts using the item-objective congruence (IOC) method. Minor wording
adjustments were made to improve readability and cultural relevance while preserving the
meaning of the original constructs. A pilot reliability assessment was also conducted before
the main data collection, and all scales demonstrated acceptable to high internal consistency.

Demographic information collected in this study included gender, age, educational
level, marital status, and religion.

2.4. Data Analysis

Data were analyzed using descriptive statistics and partial least squares structural
equation modeling (PLS-SEM). Frequencies and percentages were used to summarize
participant characteristics, whereas means and standard deviations were used to describe
the study variables. Before the PLS-SEM analysis, the dataset was screened for missing
values, implausible response patterns, data-entry errors, and univariate outliers. The
direction and coding of all questionnaire items were also reviewed before scale scores and
indicators were entered into the model.

PLS-SEM was conducted using SmartPLS version 4.0. This approach was selected
because the proposed model included multiple latent constructs, simultaneous direct
and indirect associations, and an exploratory, prediction-oriented objective. The analysis
followed a two-stage procedure in which the measurement model was assessed before
interpretation of the structural model.

The measurement model was evaluated using indicator loadings, Cronbach’s alpha,
rho_A, average variance extracted (AVE), and the heterotrait-monotrait ratio of correla-
tions (HTMT). Outer loadings of approximately 0.70 or higher were considered preferable.
Indicators with loadings between 0.40 and 0.70 were reviewed in relation to their the-
oretical relevance, content coverage, and effects on construct reliability and convergent
validity. Indicators were not removed solely to improve statistical criteria when their
removal would substantially narrow the conceptual coverage of the multidimensional
measures. Internal consistency was considered acceptable when reliability coefficients
were at least 0.70. Convergent validity was assessed using AVE, with values of 0.50 or
higher considered desirable. Discriminant validity was evaluated using HTMT, with values
below 0.85 or 0.90 considered acceptable.

Because the AVE values for the four constructs remained below the conventional
0.50 threshold, convergent validity was considered limited. High internal consistency
was not interpreted as compensating for inadequate convergent validity. Consequently,
the structural-model findings were treated as preliminary and exploratory rather than as
confirmatory estimates.

The structural model was assessed using standardized path coefficients, t-values,
p-values, coefficients of determination (R?), effect sizes (f2), and predictive relevance (Q?).
Direct and indirect effects were evaluated using two-tailed bootstrapping with 5000 resam-
ples. Statistical significance was determined using p < 0.05 and 95% bootstrap confidence
intervals, with an indirect effect considered statistically significant when its confidence
interval did not include zero.

Given the comparatively strong association between digital intelligence and FOMO,
this path was interpreted together with the measurement-model results, discriminant-
validity assessment, and the possibility of shared digital-context variance or incomplete
empirical separation between the constructs. Common method bias was examined using
Harman's single-factor test; however, because the variables were measured using self-report
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questionnaires during the same data-collection period, potential common method bias and
response fatigue were retained as study limitations. Age was analyzed descriptively and
was not used for subgroup PLS-SEM analysis because the age groups were unequal in size
and the study was not designed or powered for between-group structural comparisons.

3. Results
3.1. Demographic Characteristics

A total of 322 valid responses were included in the analysis. Slightly more than half
of the participants were female (50.30%), and most were aged 19-21 years (53.31%). The
largest proportion held a bachelor’s degree (37.27%), while most participants were single
(85.72%) and identified as Buddhist (86.02%). These findings indicate that the sample was
predominantly young, single, Buddhist, and enrolled in or had completed undergraduate-
level education (see Table 1).

Table 1. Demographic characteristics of the participants.

Demographic Characteristics n (%)
Gender
Male 140 (43.50)
Female 162 (50.30)
LGBTQ+ 20 (6.20)
Age
16-18 43 (13.48)
19-21 172 (53.31)
22-24 107 (33.21)
Education Level
Lower Secondary School 46 (14.29)
Upper Secondary School/ Vocational Certificate 65 (20.19)
Diploma/Higher Vocational Certificate 75 (23.29)
Bachelor’s Degree 120 (37.27)
Master’s Degree 16 (4.96)
Marital Status
Single 276 (85.72)
Married 42 (13.04)
Separated /Divorced/Widowed 4 (1.24)
Religion
Buddhism 277 (86.02)
Christianity 40 (12.42)
Islam 5 (1.56)

3.2. Measurement Model Assessment

The measurement model was re-evaluated by examining indicator loadings, inter-
nal consistency reliability, convergent validity, and discriminant validity. The observed
indicator-loading ranges were 0.426-0.642 for emotional intelligence, 0.522-0.752 for digi-
tal intelligence, 0.231-0.838 for self-disclosure, and 0.113-0.810 for FOMO. These ranges
show that several indicators, particularly within self-disclosure and FOMO, were weak.
No additional indicators were removed during the revision because selective post hoc
deletion based solely on statistical performance could reduce the conceptual breadth of the
multidimensional scales. Appendix A, Table A1, summarizes the original scale lengths,
available loading ranges, and the item-retention decision.

As shown in Table 2, Cronbach’s alpha and rho_A exceeded 0.70 for all constructs,
indicating high internal consistency. In contrast, AVE ranged from 0.300 to 0.452 and
was below the conventional 0.50 threshold for every construct. Convergent validity was
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therefore not established. HTMT values in Appendix A, Table A2 were below the commonly
used cutoffs; however, this evidence of empirical distinction does not resolve the weak
convergent validity. The structural findings are consequently presented as preliminary,
exploratory estimates and should not be interpreted as a confirmed measurement or
causal model.

Table 2. Construct-Level Reliability and Convergent Validity.

Construct Cronbach’s Alpha Rho_A AVE
Emotional Intelligence (EQ) 0.934 0.927 0.300
Digital Intelligence (DQ) 0.953 0.956 0.407
Self-disclosure (SD) 0.937 0.899 0.452
Fear of Missing Out (FOMO) 0.900 0.922 0.448

Note: EQ = Emotional Intelligence; DQ = Digital Intelligence; SD = Self-Disclosure; FOMO = Fear of Missing Out
in social media. AVE = average variance extracted.

3.3. Structural Model and Hypothesis Testing

The structural model was evaluated using standardized path coefficients, t-values, and
p-values. Digital intelligence was positively associated with FOMO (3 = 0.717, p < 0.001),
whereas emotional intelligence was not significantly associated with FOMO (3 = —0.065,
p = 0.233; Table 3). Given the limitations of the measurement model, these estimates
should be interpreted as preliminary associations rather than confirmatory effects. H2 was
supported within the exploratory model, while H1 was not supported.

Table 3. Significance testing results of the direct effects of EQ and DQ on FOMO.

Hypothesis Path Path Coefficients STDEV t-Value p-Value Result
H1 EQ — FOMO —0.065 0.054 1.193 0.233 Not Supported
H2 DQ — FOMO 0.717 0.034 21.167 <0.001 Supported

Note: EQ = Emotional Intelligence; DQ = Digital Intelligence; FOMO = Fear of Missing Out in social media.

3.4. Mediation Analysis

Mediation analysis was conducted to examine whether self-disclosure mediated the
associations between emotional intelligence, digital intelligence, and FOMO. The results
showed that emotional intelligence was not significantly associated with self-disclosure
(B =0.155, p = 0.451). Similarly, digital intelligence was not significantly associated with
self-disclosure (3 = 0.004, p = 0.969). Self-disclosure also did not have a significant direct
association with FOMO (3 = —0.044, p = 0.330) (Figure 2).

The indirect effects were also not statistically significant. The indirect effect of
emotional intelligence on FOMO through self-disclosure was small and non-significant
(B =—-0.007, p=0.601). Similarly, the indirect effect of digital intelligence on FOMO
through self-disclosure was extremely small and non-significant (3 = —0.0002, p = 0.977).
These findings indicate that self-disclosure did not mediate the associations between emo-
tional intelligence, digital intelligence, and FOMO.

The results of hypothesis testing are summarized in Table 4. Within this exploratory
model, digital intelligence was the only construct significantly associated with FOMO. Emo-
tional intelligence and self-disclosure showed no significant direct or indirect associations.
These findings remain provisional because convergent validity was not established.

Additional model diagnostics are presented in Appendix A. The model explained
2.4% of the variance in self-disclosure (R? = 0.024) and 52.5% of the variance in FOMO
(R? = 0.525). Although the HTMT, 2, and Q? results are provided in Appendix A, Ta-
ble A3, they do not offset the low AVE values; therefore, model performance should be
interpreted cautiously.
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EQ ~0.065 (0.233)
0.155 (0.451) 0.525
SD
> FOMO
0.004 (0.969) —0.044 (0.330)
DQ
0.717 (0.000)

Figure 2. Structural model showing standardized path coefficients, p-values, and explained variance

for emotional intelligence (EQ), digital intelligence (DQ), self-disclosure (SD), and fear of missing out

(FOMO). Note. Values on the arrows represent standardized path coefficients, with p-values shown

in parentheses. Values above endogenous constructs represent coefficients of determination (R?).

Table 4. Summary of Hypothesis Testing.

Hypothesis Path Standardized Estimate t-Value p-Value Result

H1 EQ — FOMO —0.065 1.193 0.233 Not Supported
H2 DQ — FOMO 0.717 21.167 <0.001 Supported
H3 EQ — SD 0.155 0.754 0.451 Not Supported
H4 DQ — SD 0.004 0.039 0.969 Not Supported
H5 SD — FOMO —0.044 0.974 0.330 Not Supported
Ho6 EQ — SD — FOMO -0.007 0.522 0.601 Not Supported
H7 DQ — SD — FOMO —0.0002 0.029 0.977 Not Supported

Note: EQ = Emotional Intelligence; DQ = Digital Intelligence; SD = Self-Disclosure; FOMO = Fear of Missing Out
in social media.

4. Discussion

The present study examined the relationships among Emotional Intelligence (EQ),
Digital Intelligence (DQ), self-disclosure (SD), and fear of missing out (FOMO) among
Generation Z in Thailand. The findings provide preliminary evidence regarding the
relationships among these constructs in a Thai Generation Z sample.

First, the results indicated that Emotional Intelligence (EQ) was not significantly asso-
ciated with FOMO. This finding contrasts with prior research suggesting that emotional
intelligence plays a protective role in adolescent well-being and socioemotional function-
ing [4,14]. Additional evidence highlights that higher emotional intelligence is generally
associated with better psychological adjustment and reduced negative affect among ado-
lescents. However, our results suggest that the protective effect of EQ may be reduced
in highly interactive and algorithm-driven digital contexts, where external stimuli such
as notifications, curated content, and peer activity continuously demand attention [7,9].
Recent work also indicates that adolescents with higher emotional intelligence may still
engage heavily with digital technologies depending on contextual and environmental
influences. Thus, even individuals with strong emotional regulation skills may remain vul-
nerable to FOMO due to persistent exposure to online social comparison and connectivity
pressures [28,29].

Second, digital intelligence showed a strong positive association with FOMO
(B =0.717; £2 = 0.700). Although these constructs are conceptually distinct, they are both
situated within the same digital environment. Digital intelligence refers to the competen-
cies needed to engage with digital technologies safely, critically, and responsibly, whereas
FOMO reflects concern that others may be having rewarding experiences elsewhere and
a desire to remain continuously connected. The magnitude of the observed path may
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therefore represent a genuine relationship, shared variance arising from the common digi-
tal context, incomplete empirical separation between the measures, or a combination of
these factors. Although the HTMT value for digital intelligence and FOMO was below
the conventional threshold, this finding does not resolve the concerns created by the low
AVE values. Accordingly, the association should be interpreted as a preliminary finding
that requires replication with more psychometrically robust measures rather than as a
stable estimate.

One possible substantive explanation is that individuals with greater digital com-
petence may also be more active, attentive, and frequent users of digital platforms. This
greater engagement could increase exposure to real-time updates, peer activities, and oppor-
tunities for social comparison [8,9]. However, the present study cannot clearly distinguish
this explanation from the limitations of the measurement model. Future research should
examine the dimensions of digital intelligence separately, test alternative measurement
structures, and determine whether the association persists after accounting for the intensity,
frequency, and pattern of digital-platform use.

From a broader perspective, these findings illustrate a “digital intelligence paradox”:
although digital skills are designed to enable safe and responsible technology use [14,15],
increased engagement may also expose individuals to heightened psychological risks. This
is consistent with recent public health reports emphasizing that digital technologies simulta-
neously provide benefits (connection, self-expression) and risks (comparison, overexposure,
mental health concerns) for young people. Therefore, the role of digital intelligence should
be reconsidered not only as a protective factor but also as a potential amplifier of digital
exposure [30].

Third, self-disclosure (SD) did not have a significant direct effect on FOMO and did not
mediate the relationships between EQ, DQ, and FOMO. Although self-disclosure is widely
recognized as a central mechanism for identity development and relationship building
in digital environments [16,17], it also involves complex trade-offs. On one hand, self-
disclosure can enhance social capital, belonging, and interpersonal trust. On the other
hand, it may increase vulnerability to privacy risks, social evaluation, and emotional
fatigue [18,19]. Recent studies also indicate that online self-disclosure behaviors may be
influenced by platform design, privacy concerns, and perceived social norms, which can
complicate their effects on psychological outcomes [31,32].

Moreover, research suggests that FOMO is more strongly related to passive social
media consumption and social comparison rather than active content sharing. This helps
explain why self-disclosure did not emerge as a significant predictor in our model. Addi-
tionally, FOMO has been shown to act as a driver of social media fatigue and compulsive
engagement, indicating that it may function more as an outcome of exposure rather than
disclosure behavior [33,34].

Fourth, the mediation analysis revealed that self-disclosure did not function as a
pathway linking EQ or DQ to FOMO. These findings challenge assumptions that self-
presentation and disclosure are primary mechanisms through which social media influ-
ences psychological outcomes [21]. Instead, recent studies suggest that exposure-related
processes—such as constant monitoring of others’” activities, algorithmic amplification,
and perceived social exclusion—play a more central role in FOMO development. Fur-
thermore, large-scale studies of Generation Z highlight that technology-related factors,
including screen time and continuous information updates, are key contributors to FOMO
and reduced well-being [35,36].

These non-significant findings and the strong digital intelligence-FOMO path must be
interpreted in light of the measurement limitations. High internal consistency does not by
itself demonstrate construct validity, and the low AVE values indicate that substantial indi-
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cator variance was not captured by the intended constructs. In addition, several indicators
showed suboptimal loadings, and further post hoc deletion was not undertaken because
extensive item removal could have reduced the conceptual coverage of the multidimen-
sional measures. The results are therefore exploratory and hypothesis-generating. Future
studies should use shorter or more clearly dimensional instruments, report all item-level
loadings and deletion decisions, and confirm the measurement model before evaluating
structural relationships.

Overall, the findings underscore the complexity of digital well-being among Gen-
eration Z. Social media engagement is deeply embedded in this generation’s daily lives,
shaping identity, communication, and social dynamics [1,2]. However, increasing evidence
suggests that the mental health effects of social media are not uniform but depend on
patterns of use, individual differences, and contextual factors [4,5]. For example, high-
frequency use, exposure to idealized content, and comparison-oriented behaviors are
consistently associated with poorer mental health outcomes. Taken together, our results
align with a growing body of literature emphasizing that FOMO reflects a broader interac-
tion between individual psychological factors and external digital environments. Rather
than being driven by a single factor, FOMO appears to emerge from a combination of social
comparison, connectivity pressures, digital exposure, and perceived social exclusion.

4.1. Implications for Public Health and Practice

From a public health perspective, the study identifies questions that warrant further
investigation rather than providing a direct basis for intervention or policy. The preliminary
results suggest that digital competence and FOMO may be linked in ways that are not
captured by technical literacy alone. Before programs are designed around this relationship,
future studies should refine the measures, replicate the model, and examine specific forms of
digital engagement, social comparison, and emotional regulation. At present, the findings
are most useful for guiding instrument development and confirmatory research.

4.2. Strengths and Limitations

This study integrates emotional, digital, and behavioral constructs within one model,
but several limitations substantially restrict interpretation. First, the cross-sectional design
does not establish directionality or causality. Second, AVE was below 0.50 for all constructs,
indicating that convergent validity was not established. Third, several indicators showed
suboptimal loadings, and no additional items were removed during the revision because
extensive post hoc deletion could have reduced the conceptual coverage of the multidi-
mensional measures. Fourth, the strong digital intelligence-FOMO path may partly reflect
construct overlap or shared digital-context measurement. Fifth, the lengthy self-report
questionnaire may have introduced response fatigue and common method bias. Sixth,
convenience sampling limits generalizability, and age-group differences were not exam-
ined because group sizes were unequal. These limitations mean that the structural results
should be considered preliminary and exploratory until replicated with a fully validated
measurement model.

5. Conclusions

This study examined the associations among emotional intelligence, digital intelli-
gence, self-disclosure, and fear of missing out among Generation Z individuals in Thailand.
Digital intelligence showed a strong positive association with FOMO, whereas emotional in-
telligence and self-disclosure were not significantly associated with FOMO. Self-disclosure
also did not mediate the associations between emotional intelligence, digital intelligence,
and FOMO. These findings should be interpreted cautiously. Although the constructs

https:/ /doi.org/10.3390/ijerph23080948


https://doi.org/10.3390/ijerph23080948

Int. J. Environ. Res. Public Health 2026, 23, 948 12 of 15

demonstrated acceptable internal consistency, the AVE values were below the conventional
threshold, indicating limited convergent validity. The strong association between digital
intelligence and FOMO may reflect a substantive relationship, shared variance arising
from the common digital context, incomplete empirical separation of the measures, or a
combination of these explanations. Accordingly, the results should be regarded as prelim-
inary and hypothesis-generating rather than as stable estimates that can directly inform
public health practice or policy. The study nevertheless highlights the need to examine
digital wellbeing among young people using measures that clearly distinguish digital
competence from psychological responses to online engagement. Future research should
refine the measurement model, report item-level performance, examine the dimensions
of digital intelligence separately, and account for the frequency, intensity, and pattern of
social media use. Longitudinal and mixed-methods studies are also needed to determine
whether the observed associations persist over time and to clarify how digital competence,
social comparison, and FOMO interact in everyday digital life.
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PLS-SEM  Partial Least Squares Structural Equation Modeling

SD Self-Disclosure

SEM Structural Equation Modeling
SNSs Social Networking Sites
Appendix A

Appendix A.1. Measurement Inventory and Item-Retention Summary

Table Al. Measurement Inventory and Item-Retention Decisions.

Construct Original Observed Additional Items Removed Construct-Level Reliability and
Items Loading Range During Revision Validity
EQ 36 0.426-0.642 None o =0.934; rho_A = 0.927; AVE = 0.300
DQ 32 0.522-0.752 None o =0.953; tho_A = 0.956; AVE = 0.407
SD 20 0.231-0.838 None o =0.937; rho_A = 0.899; AVE = 0.452
FOMO 15 0.113-0.810 None a =0.900; tho_A = 0.922; AVE = 0.448
Note. No additional indicators were removed during the present revision because item deletion based solely on
statistical performance could have reduced the conceptual coverage of the multidimensional measures. The table
reports the observed indicator-loading ranges and construct-level reliability and validity results. Because the
AVE values remained below the conventional threshold of 0.50, convergent validity was not established, and the
structural findings were interpreted as preliminary and exploratory.
Appendix A.2. Discriminant Validity Assessment Using HTMT
Table A2. Discriminant validity assessment using the heterotrait-monotrait ratio of correlations (HTMT).
Construct EQ DQ SD FOMO
EQ -
DQ 0.62 -
SD 0.55 0.48 -
FOMO 0.41 0.78 0.39 -
Note. EQ = Emotional Intelligence; DQ = Digital Intelligence; SD = Self-Disclosure; FOMO = Fear of Missing Out.
HTMT values below 0.85 or 0.90 indicate acceptable discriminant validity.
Appendix A.3. Structural Model Quality Indicators
Table A3. Structural model quality indicators.
Endogenous Construct R? Q? Predictor  f? Interpretation
FOMO 0.525 0.210 EQ 0.010 Very small
FOMO 0.525 0.210 DQ 0.700 Large
FOMO 0.525 0.210 SD 0.003 Very small
SD 0.024 0.006 EQ 0.020 Small
SD 0.024 0.006 DQ 0.000 Very small
Note. R? = coefficient of determination; Q2 = predictive relevance; 2 = effect size. R? values of 0.25, 0.50, and 0.75
may be interpreted as weak, moderate, and substantial explanatory power, respectively. Q? values greater
than 0 indicate predictive relevance. 2 values of 0.02, 0.15, and 0.35 indicate small, medium, and large effect
sizes, respectively.
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