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Abstract

Digital transformation in commercial banks is a critical enabler of modern financial de-
velopment. While technological advancement and resource allocation are key drivers,
managerial attributes also play a decisive role in shaping transformation trajectories. Man-
agerial myopia—often arising from short-term performance pressures, evolving regulatory
expectations, and cyclical macroeconomic conditions—warrants particular attention. This
study examines how managerial myopia constrains banks’ digital transformation by an-
alyzing its direct impact, underlying behavioral mechanisms, and contingent boundary
conditions. Using panel data from 55 Chinese listed commercial banks from 2010 to 2021,
we construct a text-based measure of managerial myopia through linguistic analysis of
annual reports and employ fixed-effects models for estimation. The results show that a
short-term managerial orientation significantly impedes digital transformation, primarily
by reducing banks’ propensity for proactive risk-taking. However, this inhibitory effect
weakens when managers anticipate longer tenures, management teams exhibit greater
diversity in overseas experience and functional expertise, or the average educational level
is higher. Moreover, the adverse effects are less pronounced in larger banks and those with
stronger corporate governance. Increased external scrutiny and intensified market competi-
tion further mitigate this negative influence. These findings offer actionable insights for
banking stakeholders aiming to strengthen governance, extend managerial time horizons,
and foster an innovation-oriented culture conducive to sustained digital advancement.

Keywords: managerial myopia; digital transformation; proactive risk-taking willingness

1. Introduction
As the cornerstone of the financial system, the digital transformation of commercial

banks represents an inevitable trend and a foundational component of modern finance.
In 2023, the Big Six state-owned banks of China invested a total of CNY 122.8 billion in
fintech, while 25 listed banks collectively reported fintech (or information technology)
investments amounting to CNY 197 billion. Notably, 22 of these banks have consistently
increased their fintech expenditure as a share of operating income—rising from 3.11% in
2021 to 3.50% in 2022 and reaching 3.76% in 2023. Despite this progress, the digital transfor-
mation of commercial banks faces significant challenges, including limited experience and
inadequate resource allocation.

The transformation process is further hindered by multiple structural obstacles: un-
derutilized digital assets, high product homogenization, excessive focus on hardware
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upgrades, and insufficient investment in digital technologies for middle- and back-office
operations (António et al., 2024; Wang et al., 2024). Moreover, digital maturity varies
significantly across bank types. State-owned banks (SOBs) and joint-stock commercial
banks (JSCBs) exhibit relatively advanced digital capabilities, whereas city commercial
banks (CCBs) and rural commercial banks (RCBs) lag behind. Crucially, the gap in strategic
and managerial digitization between these groups has widened annually, with large banks
(LBs) progressing toward intelligent digitalization, while many small and medium-sized
banks (SMBs) remain at the electronic stage. Disparities also exist within the SMB category:
although RCBs trail CCBs in fintech adoption (C. Zhang et al., 2025), they demonstrate
more focused digital business operations. In terms of business-technology alignment, some
SMBs have established mature collaboration mechanisms that enable deep integration of
technology with core business functions, while others lack such frameworks or are still in
nascent stages.

These differences stem not only from variations in digital strategy, technology invest-
ment, and management systems but also from divergent internal cultures, organizational
structures, and employee competencies—even among institutions with similar profiles.

Externally, the success of digital transformation is influenced by market competition,
government policy guidance, and shifts in economic regulations (Ding & He, 2023; Shang
& Niu, 2023; Z. Zhang & Sun, 2025). Internally, key constraints include technological
innovation capacity, levels of IT investment, digital strategy formulation, and leadership’s
understanding of digital imperatives (Park & Mithas, 2020; Guo et al., 2023). Among these,
managerial decision-making plays a pivotal strategic role—it shapes the overall direction
of digitalization, ensures efficient resource allocation during transitions, and maintains
operational stability (Lin et al., 2019). Therefore, this study emphasizes the critical influence
of managers in driving digital transformation. However, driven by career concerns and
external performance pressures, managers may display myopic behavior that undermines
long-term development. First, managerial myopia leads to reduced R&D spending and
diminished long-term investment, which constrains innovation and weakens dynamic
competitive advantages (Yu et al., 2024b). Second, myopic managers often prioritize short-
term profit maximization at the expense of long-term risk considerations, thereby eroding
the institution’s risk culture (Hribar et al., 2017). Given that digital transformation requires
sustained strategic commitment and proactive risk management, the adverse effects of
managerial myopia warrant deeper investigation.

At the same time, given that bank managers may be subject to heightened pres-
sures related to market performance, operate within a stringent regulatory environment,
and experience tenure periods that coincide with financial cycles, their tendency toward
short-termism becomes particularly pronounced, potentially resulting in the delay of or a
reduction in meaningful digital transformation initiatives in banks.

The current research still fails to provide an analysis of the direct consequences and
influencing mechanisms of managers’ myopic behavior for the digital transformation of
banks. Specifically, there is a dearth of in-depth research on the impact, influencing path,
and other factors of managerial myopia on the digital transformation process. Based on
this, this paper takes managerial myopia as the starting point to analyze its influencing
mechanism in the digital transformation process of commercial banks. Meanwhile, from
multiple dimensions such as the characteristics of the management team and the internal
and external environment of the bank, it comprehensively examines the influence of differ-
ent factors on the relationship between managerial myopia and the digital transformation
of commercial banks. To further clarify the negative effects of managerial myopic behavior
on the digital transformation and development of commercial banks, which are the most
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important financial institutions, this paper aims to further explore how to mitigate this
negative impact through the analysis of the influencing mechanism and influencing factors.

This study makes three primary contributions. First, it examines the impact of man-
agerial myopia on commercial banks’ digital transformation through the lens of managerial
psychological cognition, thereby enriching theoretical insights into how short-term orienta-
tion affects long-term strategic planning in banking. Second, it identifies the underlying
mechanism—proactive risk-taking—that mediates the relationship between managerial
myopia and digital transformation outcomes. Third, it explores how contextual factors,
including management team composition, corporate governance quality, market com-
petition intensity, and external oversight mechanisms, moderate the negative impact of
managerial myopia.

2. Literature Review and Hypothesis Development
2.1. Managerial Myopia and Its Motivations

Managerial myopia refers to managers’ strong preference for the present, which leads
to a narrowed decision-making horizon. As a result, they tend to prioritize immediate short-
term gains over strategic decisions that could yield long-term returns (Feng et al., 2025).
Grounded in Temporal Orientation Theory, managers demonstrate subjective temporal
inclinations—toward the past, present, or future—during the strategic decision-making
process (Laverty, 1996; Lumpkin & Brigham, 2011; Stein, 1989). Managerial myopia occurs
when managers place disproportionate emphasis on immediate gratification rather than on
sustained value creation (Lin et al., 2019). Internally, various pressures contribute to myopic
behavior. As corporate agents, managers face principal-agent conflicts in which maximizing
shareholder value may not always be their primary objective. According to Remuneration
Distortion Theory, managers often prioritize enhancing their reputation in the labor market
to secure future career opportunities and higher compensation (Narayanan, 1985; Konadu
et al., 2020). Managerial Entrenchment Theory further suggests that this behavior leads to
an overemphasis on short-term performance and stock prices, often at the expense of long-
term growth (Morck et al., 1988). Externally, pressures from stakeholders also play a critical
role in encouraging short-termism. Stakeholders, especially those focused on immediate
profitability and stock performance, often demand quick results (Nguyen et al., 2020).
Stakeholder Theory posits that managers may compromise long-term strategic interests to
meet short-term expectations, thereby boosting near-term performance and share prices
(Chintrakarn et al., 2016; Cremers et al., 2019). For example, controlling shareholders can
significantly influence managerial decisions through their voting power and investment
horizons. When these shareholders act as short-term investors with brief holding periods,
they primarily focus on immediate financial outcomes.

2.2. Impact of Managerial Myopia on Bank Digital Transformation

Drawing upon Upper Echelons Theory, managerial cognition plays a central role
in determining strategic choices, thereby shaping organizational behavior and outcomes
(Hambrick & Mason, 1984). Within this theoretical framework, managerial myopia emerges
as a critical barrier to the digital transformation of banks.

From the perspectives of high investment and long-term orientation, digital trans-
formation requires sustained and large-scale resource allocation during its initial phase,
subjecting banks to dual pressures of profit margin compression and risk accumulation.
This reality fundamentally conflicts with the short-term performance expectations of my-
opic managers within their tenure. Specifically, first, continuous substantial investments
divert financial resources from daily operations and business expansion, potentially leading
to short-term efficiency declines and impairing overall organizational performance. Sec-
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ond, prolonged capital occupation diminishes decision-making flexibility, limiting banks’
ability to dynamically reallocate resources. This constraint weakens their responsiveness to
emerging opportunities or sudden challenges, thereby increasing exposure to uncertainty.
Third, returns on digital transformation investments typically materialize over the long
term, making it difficult to translate them into immediate performance improvements. In
contrast, rising expenditures on technology upgrades, system maintenance, and employee
training may suppress short-term profitability. Consequently, short-sighted managers—
motivated to avoid accountability for deteriorating financial performance and to preserve
personal reputation and market evaluation—are inclined to curtail investments in digital
transformation (Zona & Zamarian, 2022).

From a high-risk perspective, digital transformation, as a process of disruptive innova-
tion, involves significant financial and operational risks. Firstly, financial risks stem from
substantial investments in digital technology R&D, revenue fluctuations due to market
uncertainty, and sunk costs resulting from potential transformation failures. Secondly,
digital transformation requires the dismantling of traditional operational and structural
boundaries within banking institutions to facilitate the deep integration of existing re-
sources, business frameworks, and operational models with emerging digital technologies
(Rodrigues et al., 2022). As new business ventures and innovative models are explored,
this transformation process inherently introduces operational risks. Managers who exhibit
risk-averse tendencies and prioritize short-term stability are more likely to resist high-risk
transformation initiatives, thereby impeding the progress of digital transformation.

Thus, we propose Hypothesis 1:

Hypothesis 1. Managerial myopia inhibits the digital transformation of commercial banks.

2.3. Mechanism of Managerial Myopia on Bank Digital Transformation

The essence of digital transformation lies in harnessing digital technologies to drive
business process reengineering, organizational restructuring, and innovation in busi-
ness models, thereby reshaping value creation (Bharadwaj et al., 2013). At its core,
digital transformation entails a strategic shift from passive risk avoidance to proactive
risk restructuring—transforming traditional risks into distinctive competitive advantages
through deliberate risk-taking (Luo et al., 2024). Proactive risk-taking refers to banks delib-
erately engaging in high-uncertainty domains with long-term strategic value, guided by
their operational strategies, risk appetite, and resource endowments. However, managerial
myopia impedes proactive risk-taking through a tripartite mechanism, ultimately hindering
digital transformation progress (Xu et al., 2025).

First, at the strategic decision-making level, myopic managers’ biased perceptions
of risk significantly impede banks’ willingness to engage in proactive risk-taking. This
phenomenon is characterized by dual cognitive distortions: an underestimation of the
long-term strategic value of digital transformation in enhancing core competitiveness,
customer experience, and profitability, and an overemphasis on short-term risks such as
technological failures and reputational damage. These cognitive biases directly diminish
the willingness to embrace digitalization-related risks, resulting in a resource allocation bias
toward legacy operations and causing banks to forgo critical opportunities for technological
innovation (Wen et al., 2025). Furthermore, even when digital transformation is initiated
under regulatory or policy pressure, risk-averse managers often develop path dependencies
by indiscriminately replicating existing models, leading to solutions that are incongruent
with the bank’s unique operational profile. This superficial approach not only diverges from
market demands and institutional positioning but also exacerbates digital homogenization
across the banking industry.
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Second, at the implementation level, the diminished willingness for proactive risk-
taking resulting from managerial myopia directly leads to weak strategic commitment
and risk-averse behavior during execution. Digital transformation is fundamentally a
process through which banks attain long-term competitive advantages by embracing
strategic risks. It requires sustained investment in research and development, system
modernization, and talent cultivation. However, short-sighted managers, excessively
focused on short-term financial performance, are inclined to avoid high-sunk-cost, high-risk,
and long-horizon initiatives, thereby limiting investment in digital transformation. Even
when initial resources are allocated, myopic managers often reduce or withdraw funding
prematurely when short-term returns or key milestones fail to meet expectations. This
tendency highlights their reluctance to engage in proactive risk-taking in transformative
endeavors. Consequently, such behavior results in insufficient resources for digitalization
initiatives and delays in technological upgrades, which may give rise to risks such as
technological obsolescence and data security vulnerabilities, ultimately hindering the
continuous progress of digital transformation.

Third, at the organizational culture level, a risk-avoidant culture undermines the
endogenous motivation for proactive risk-taking. Grounded in Signaling Theory (Beecher,
1989), short-sighted managerial practices convey risk-averse signals through strategic plan-
ning, resource allocation, and performance evaluation systems. These signals discourage
employee innovation and reduce risk tolerance, thereby weakening the organization’s
intrinsic drive for proactive risk engagement. This risk-avoidant culture pervades all levels
of banking operations, constraining organizational learning and adaptability. As a result,
banks lack key components essential for digital transformation—innovation-supportive en-
vironments and error-tolerant mechanisms. Consequently, the exploration of new business
models and the adoption of emerging technologies are hindered, fundamentally eroding
the internal impetus for digitalization.

Therefore, we propose Hypothesis 2:

Hypothesis 2. Managerial myopia inhibits commercial banks’ digital transformation by reducing
proactive risk-taking willingness.

2.4. Factors Influencing Managerial Myopia in Bank Digital Transformation

Building on the analytical framework of “managerial myopia, willingness to take
proactive risks, and digital transformation of banks,” this study further examines additional
factors influencing the effectiveness of this transmission mechanism, thereby uncovering
the full pathway through which managerial myopia constrains the digital transformation
of banks.

2.4.1. Influencing Factors Related to Managers and Their Team Characteristics

Management teams play a critical role in shaping corporate decisions and behaviors,
with their effectiveness influenced by members’ demographic characteristics and team
heterogeneity (Hambrick & Mason, 1984). Key factors such as expected tenure, overseas
experience, diversity in functional expertise, and the average educational level of team
members affect managers’ engagement in digital transformation initiatives within banks
(Sahaym et al., 2016).

Expected tenure. Expected tenure refers to the estimated or anticipated duration of a
manager’s future tenure. It is a forward-looking concept directly linked to a manager’s
risk preferences, strategic priorities, and decision-making horizon (Hambrick & Gregory,
1991). Managers with shorter expected tenure tend to display more short-term orientation
and demonstrate lower commitment to digital transformation. As their tenure decreases,
their personal career and financial interests become less aligned with the firm’s long-term
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performance, leading to reduced investment in long-cycle, high-risk digital projects and
hindering the progress of digital transformation (Z. Gao et al., 2023).

Management team heterogeneity refers to the diversity in members’ cognitive frame-
works, expertise, and values, which enhances decision-making quality through complemen-
tary knowledge and multidimensional perspectives (Cui et al., 2019), while also expanding
external resource networks.

Overseas experience heterogeneity. Overseas experience heterogeneity contributes
to management teams in multiple ways. First, diverse overseas backgrounds enhance
innovation receptiveness and risk tolerance, optimize corporate governance, reduce man-
agerial myopia, and strengthen the focus on long-term digital strategies (Gu, 2022; Xiang
& Yi, 2022). Second, significant differences in overseas experiences among team members
enrich the bank’s international relationship networks, facilitating partnerships with global
financial institutions. This not only broadens the bank’s access to external resources but
also introduces overseas digital transformation practices, offering valuable references for
advancing digital transformation (G. Li & Shao, 2023).

Functional expertise diversity. First, functional expertise diversity stimulates the
clash and integration of diverse knowledge, skills, and cognitive styles. This dynamic
reduces decision-making parochialism and fosters innovative thinking, thereby enhancing
the comprehensiveness of digital strategies. Second, management teams characterized by
high functional expertise heterogeneity can establish extensive social and external resource
networks, broadening access to critical resources and mitigating scarcity-induced myopia.

Average educational level. First, management teams with higher educational attain-
ment demonstrate broader strategic perspectives and employ more rigorous decision-
making methodologies. These attributes help curb self-interest-driven decisions and priori-
tize sustainable digital strategies (He et al., 2021). Second, their enhanced capabilities in
information acquisition and processing enable them to swiftly identify digital opportunities,
accurately formulate digital transformation strategies, and systematically implement them
(Clemente-Almendros et al., 2024; Yang & Xiao, 2024; D. Gao & Li, 2025).

Based on this, the following Hypothesis 3 is proposed:

Hypothesis 3. Longer manager expected tenure, greater management team heterogeneity, and
higher managerial education levels jointly mitigate the inhibitory effect of managerial myopia on
bank digital transformation.

2.4.2. Factors at the Bank Level

(1) Bank size. The inhibitory effect of managerial myopia on digital transformation varies
significantly by bank size, with a more pronounced suppression effect observed in
small and medium-sized banks (SMBs) compared to larger institutions. This diver-
gence can be attributed to two key factors. First, large banks benefit from economies of
scale, enabling them to spread substantial R&D expenditures across diversified asset
portfolios, thereby lowering per-unit technology acquisition costs. These advantages
facilitate their access to digital transformation technologies and encourage proactive
investment in digital innovation. In contrast, SMBs, with their limited operational
scale, cannot absorb such initial costs, which imposes significant financial pressure
during the early stages of transformation. This exacerbates managerial myopia and
restricts investment in digital capabilities (Xiang & Jiang, 2023). Furthermore, SMBs
often face competitive disadvantages that drive them toward short-term goals such
as market share and profitability. At the same time, their relatively weaker data
governance frameworks, lower risk resilience, and limited resource reserves hinder
the development of long-term digital capacities.
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(2) Corporate governance. Corporate governance plays a critical role in mitigating the
negative effects of myopia through three key mechanisms. First, improved decision-
making transparency reduces information asymmetry, curbing self-interested short-
term behavior and aligning strategic decisions with long-term objectives (D. Y. Zhang,
2013). Second, banks with strong governance frameworks have robust risk assess-
ment and response systems. These enable them to promptly identify risks during
digital transformation (Boubakri et al., 2013) and implement targeted mitigation strate-
gies. Furthermore, by leveraging their competitive advantages and market positions,
these institutions can establish clear strategic directions and transformation pathways,
thereby avoiding operational risks stemming from poor decision-making or blind
trend-following. Third, enhanced governance standards lead to more scientifically
designed incentive mechanisms. These mechanisms motivate managers to prioritize
long-term value creation over short-term financial performance (Yi, 2023), encourag-
ing greater investment of time and resources into strategic initiatives such as digital
transformation. Importantly, the presence of multiple large and monitoring share-
holders enhances governance effectiveness. Through active oversight and ownership
checks and balances, they help optimize equity structures, reduce managerial myopia,
and create an environment conducive to successful digital transformation.

Hypothesis 4 is proposed:

Hypothesis 4. Greater bank scale and improved corporate governance weaken the negative impact
of managerial myopia on digital transformation.

2.4.3. External Factors

External factors such as media and public attention, as well as market competition,
primarily mitigate the inhibitory effect of managers’ short-sighted behavior by increasing
their opportunistic costs and fostering a market environment with broad development
prospects. Heightened external attention raises banks’ opportunistic costs, curbing myopic
behaviors while encouraging greater resource allocation to digital transformation for brand
enhancement and competitive positioning. Crucially, public attention—a core component
of market scrutiny—enables stakeholders to rapidly access corporate information through
search engines, news platforms, and social media, thereby reducing information asymmetry
and distortion. This creates pervasive social oversight that diminishes the constraining
impact of myopia and supports sustained digital advancement (Q. Wu et al., 2024).

Simultaneously, intensified market competition driven by fintech firms provides banks
with external technological resources while exerting crowding-out effects on traditional
services (L. Li et al., 2023). This pressure compels managers to accelerate digital technology
R&D and application, counteracting the negative influence of myopia. Moreover, to main-
tain intra-industry competitiveness, managers continuously expand digital applications
across business models, customer experiences, and risk management capabilities. This pro-
gressive technological innovation enhances operational efficiency and mitigates myopia’s
detrimental impact on digital transformation (Coskun-Setirek & Tanrikulu, 2021).

Finally, Hypothesis 5 is proposed:

Hypothesis 5. From an external perspective, the inhibitory effect of managerial myopia on the
digital transformation of commercial banks becomes more pronounced in environments characterized
by low public scrutiny and limited market competition.
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3. Research Design
3.1. Sample Selection and Data Sources

The data on the digital transformation of commercial banks used in this study were
obtained from the Institute of Digital Finance at Peking University (Xie & Wang, 2023).
Given that the dataset is compiled up to 2021, the sample period of this study is set from
2010 to 2021. Initially, all commercial banks covered by the dataset were selected as potential
research subjects. However, banks with missing financial indicators were excluded from
the sample, and only listed commercial banks were ultimately included in the analysis.
The final sample comprises 55 banks, resulting in a total of 432 observations1. The specific
composition of the sample banks is presented in Appendix A Table A1, and the asset
details of the sample banks are presented in Appendix A Table A2. The financial data
of these banks is primarily sourced from the CNRDS and CSMAR databases. Regional
control variables are constructed based on data from the City Statistical Yearbook, the
National Bureau of Statistics, and the CSMAR database. To mitigate the influence of
extreme values on the empirical results, all continuous variables are winsorized at the 1%
and 99% percentiles.

3.2. Main Variables
3.2.1. Independent Variable

The core independent variable in this study is managerial myopia (Myopia). Existing
research frequently employs proxy variables to indirectly assess the degree of managerial
myopia, including reductions in R&D expenditures, CEO age, stock turnover rate, the
proportion of short-term investments, expected tenure, and shareholder equity ratio (Antia
et al., 2010; Jain et al., 2016; Lundstrum, 2002). These indicators primarily capture the
external manifestations or potential antecedents of managerial myopia, rather than directly
reflecting the underlying psychological tendency of managers to prioritize short-term gains
over long-term organizational development.

The Management Discussion and Analysis (MD&A) is a critical component of annual
reports, offering an overview of the firm’s operational performance and strategic outlook
(Mayew et al., 2015). It constitutes a critical section of a company’s annual report. It
provides management’s authoritative assessment of the firm’s operational performance,
financial condition, and strategic outlook. As a mandatory disclosure under securities
regulations, the MD&A is formally prepared and jointly signed by senior executives, thereby
reflecting both institutional accountability and collective managerial judgment. Given its
origin in direct managerial communication and its substantive, language patterns in this
section can reveal individual differences in cognitive depth, preferences, and personality.
Therefore, by examining the types and frequencies of words used in the MD&A, we can
infer and illuminate the psychological traits of corporate management. To accurately
measure Myopia from their psychological level, this study refers to the method proposed
by Hu et al. (2021). It uses a set of “myopia-related words,” including 10 seed words such
as “in the next few days,” “within the month,” “immediately,” and “right away,” as well
as 33 extended words like “opportunity,” “moment,” “pressure,” and “challenge,” and
calculates the frequency of these words within the MD&A section relative to the total word
count. This frequency is then multiplied by 100 to represent the managerial myopia index.
A higher index indicates a greater degree of managerial myopia.

To construct Myopia, the following steps were taken in processing the annual report
text data:

Step 1: PDF files were converted to TXT format using Python (version 3.12 within
the PyCharm IDE 2024.3.4.). For encrypted and image-based PDFs, OCR technology was
applied to extract the text.
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Step 2: In Python, two methods were used to extract the MD&A section: First, the
directory of each annual report was located to identify the page numbers of the MD&A
section, which were then used to extract the relevant content. Second, for reports without a
directory, regular expressions were applied to directly match the “Management Discussion
and Analysis” in the full TXT document.

Step 3: Punctuation, English letters, and stop words were removed, and all traditional
Chinese characters were converted to simplified Chinese.

Step 4: Use the Jieba package in Python (version 3.12 within the PyCharm IDE 2024.3.4.)
to divide Chinese text into meaningful words, and then calculate the frequency of words
corresponding to the myopia-related word list.

3.2.2. Dependent Variable

The dependent variable in this study is the digital transformation of commercial banks
(Digital). To measure this variable, the study adopts the index published by Peking Univer-
sity, which encompasses three core dimensions—strategic digitalization (CDI), business
digitalization (PDI), and management digitalization (ODI),—along with eight secondary
indicators (Xie & Wang, 2023)2. Compared to earlier approaches that relied on analyzing
keyword frequencies in textual data, this index effectively mitigates the bias associated
with focusing exclusively on digital technologies. It therefore offers a more comprehensive,
systematic, and scientifically grounded evaluation of the level of digital transformation.

3.2.3. Control Variables

This study controls for several factors that may influence the relationship between
managerial myopia and the digital transformation of banks: (1) Bank assets (Size), return
on assets (ROA), non-performing loan ratio (NPA), and financial leverage (Lev), which
reflect the financial condition, resource reserves, and risk management capability of the
bank, and thus influence its capacity and willingness to pursue digitalization. (2) Bank
age (Age): In the early stages of a bank’s establishment, greater emphasis is placed on
stable operations and business continuity, resulting in a relatively lower willingness to
adopt digital transformation. As the bank matures and accumulates resources, its incli-
nation toward digital transformation tends to increase. (3) Bank organizational structure,
represented by the proportion of independent directors (Indep) and board size (Bn), which
reflects corporate governance characteristics and affects the quality of strategic decisions
regarding digital transformation. (4) Whether the bank has implemented a deferred com-
pensation system (Delay), which aligns managerial economic incentives with the bank’s
long-term development, thereby encouraging a strategic focus on digital transformation.
(5) Text length (Allwords): This variable is controlled to mitigate potential distortions in
the managerial myopia index caused by variations in text length, ensuring the reliability
of regression results. (6) Managerial tenure (Tenure). Tenure refers to the actual length
of service, meaning the years that management has completed in their positions. It is an
objective metric. (7) Regional characteristics, including per capita GDP (Lgdp) and internet
penetration rate (Internet), which represent the economic development level and digital
infrastructure in a region, influencing the external environment for digital transformation
in banks. The definitions of the main variables are shown in Table 1.
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Table 1. Variable definitions.

Variable Name Symbol Definition

Bank Digital
Transformation Digital Peking University’s Overall Index of Bank

Digital Transformation

Managerial Myopia Myopia The ratio of short-sighted terms in the annual
report to the total word count

Bank Size Size The natural logarithm of the bank’s total assets

Bank Age Age The number of years since the bank’s
establishment, plus 1

Return on Assets ROA Net profit/Total assets

Non-performing Loan
Ratio NPA (Non-performing loan balance/Total loan

balance) * 100

Financial Leverage Lev Total liabilities/Total assets

Independent Director
Ratio Indep The number of independent directors/Total

board members

Board Size Bn Total number of board members

Implementation of
Deferred

Compensation
Delay

A dummy variable that equals “1” if deferred
compensation is implemented in the given year,
and “0” otherwise

Text Length Allwords
The logarithm of the total word count of the
“Management Discussion and Analysis” section
after text segmentation using Jieba

Managerial Tenure Tenure The average tenure of the management team

Per Capita GDP Lgdp The natural logarithm of the city’s per
capita GDP

Internet Penetration
Rate Internet The number of internet broadband users per

100 residents in the city

3.3. Empirical Model

The study employs the two-way fixed effect regression model of panel data to examine
the impact of managerial myopia on the digital transformation of banks.

Digitali,t = β0 + β1Myopiai,t + βx∑ Controli,t + δi + ηt + εi,t (1)

In Model (1), Digitali,t is the dependent variable, capturing the extent of digital transfor-
mation for the i-th commercial bank in year t. Myopiai,t serves as the core explanatory variable,
measuring the level of short-sighted behavior exhibited by the same bank in year t. Controli,t
denotes the vector of control variables included in the model; δi represents bank-specific fixed
effects; ηt captures time fixed effects; and εi,t denotes the random error term.

3.4. Descriptive Statistics

Table 2 presents the descriptive statistics of the main variables used in this study. The
digital transformation index of banks (Digital) has a standard deviation of 41.94, with a
minimum value of 3 and a maximum value of 163.8, indicating substantial variation in the
pace of digital transformation across banks. Managerial myopia (Myopia) has a mean of
0.117 and a standard deviation of 0.0640, with values ranging from 0 to 0.326, suggesting
notable differences in the degree of myopia among bank managers. These descriptive
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results lay the groundwork for investigating the underlying factors contributing to such
variations. This study seeks to conduct an in-depth examination of the determinants
behind these differences, providing both theoretical insights and practical implications for
promoting digital transformation in the banking industry and enhancing the quality of
managerial decision-making.

Table 2. Descriptive statistics.

Variable Obs. Mean Std. Dev. Min p50 Max

Digital 432 81.8135 41.9354 3.0002 82.0398 163.8000

Myopia 432 0.1169 0.0643 0.0000 0.1093 0.3260

Size 432 27.7193 1.6627 25.0067 27.5202 30.8500

Age 432 19.6019 7.6218 0.0000 20.0000 38.0000

ROA 432 0.0091 0.0022 0.0026 0.0090 0.0142

NPA 432 1.2752 0.4344 0.3800 1.2700 2.4700

Lev 432 0.9305 0.0121 0.9032 0.9314 0.9570

Indep 432 0.3498 0.0622 0.1111 0.3571 0.4670

Bn 432 14.2847 2.3410 9.0000 14.0000 20.0000

Delay 432 0.7731 0.4193 0.0000 1.0000 1.0000

Allwords 432 3.8905 0.2479 3.1193 3.9230 4.2740

Tenure 432 2.7332 1.7853 0.0000 2.6742 7.2500

Lgdp 432 11.5943 0.3920 10.3645 11.6497 12.1400

Internet 432 51.3371 28.3924 9.9786 45.84 188.1000

4. Empirical Results
4.1. Baseline Results

Table 3 presents the baseline regression results examining the relationship between
Myopia and the Digital in column (1); where only bank and time fixed effects are controlled,
the estimation of Myopia indicates that managerial myopia has a negative influence on the
digital transformation of banks. After including control variables, this negative association
remains statistically significant at the 5% level, as shown in Column (2). In terms of
economic significance, a one standard deviation increase in Myopia (0.0643) corresponds
to a 0.0605 standard deviation decrease in Digital, suggesting a practically meaningful
effect. These findings support Hypothesis 1. Furthermore, we examine the specific impact
of Myopia on Digital across three dimensions: strategic digitalization (CDI), business
digitalization (PDI), and operational digitalization (ODI). The regression results in Columns
(3) to (5) show that the coefficients for CDI and PDI are significantly negative at the 5%
level, while the coefficient for ODI is not statistically significant. These results suggest
that managerial myopia primarily constrains banks’ digital transformation by affecting
strategic cognition and business service. On one hand, such myopia may lead to an
insufficient understanding of digital technologies, preventing managers from identifying
digital transformation opportunities and formulating long-term strategic plans that align
with market dynamics and the bank’s unique operational characteristics. On the other
hand, it may also hinder the integration and innovation of digital technologies in service
channels and product development, thereby slowing the progress of digital transformation
in banking operations.
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Table 3. The impact of managerial myopia on bank digital transformation.

Variable (1) (2) (3) (4) (5)
Digital Digital CDI PDI ODI

Myopia −30.099 * −39.476 ** −123.956 ** −39.265 ** −14.809
(−1.93) (−2.35) (−2.36) (−2.08) (−0.77)

Size 6.400 11.482 33.905 *** −9.801
(0.97) (0.51) (4.40) (−0.91)

Age −7.104 ** −16.027 −6.661 −5.123 **
(−2.64) (−1.37) (−1.18) (−2.44)

ROA −554.517 2098.419 −542.163 −1312.058
(−0.52) (0.58) (−0.34) (−1.12)

NPA 5.510 −3.398 −0.903 11.626 **
(1.32) (−0.28) (−0.19) (2.22)

Lev −436.763 * −630.210 −592.150 ** −279.174
(−1.99) (−1.05) (−2.45) (−1.42)

Indep 7.440 −174.096
*** 45.360 33.564

(0.36) (−2.94) (1.60) (1.56)
Bn 1.057 0.923 1.588 ** 0.875

(1.51) (0.47) (2.36) (1.05)
Delay −2.752 8.378 −5.149 −4.161

(−0.76) (0.76) (−1.04) (−1.02)
Allwords 1.161 21.008 −3.324 −1.960

(0.17) (1.01) (−0.37) (−0.29)
Tenure 0.602 −2.643 2.013 ** 0.680

(0.71) (−0.84) (2.06) (0.71)
Lgdp 18.383 ** 82.795 ** 9.477 2.433

(2.14) (2.15) (1.01) (0.17)
Internet −0.257 *** −0.910 *** −0.273 *** −0.099

(−5.06) (−3.30) (−4.88) (−1.00)
Constant 17.968 *** 140.938 −401.588 −345.656 570.317 *

(5.70) (0.76) (−0.45) (−1.38) (1.84)
Observations 525 432 432 432 432

R-squared 0.848 0.880 0.754 0.823 0.740
Bank FE Y Y Y Y Y
Year FE Y Y Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively. Column (1) reports results without control variables, with 525 observa-
tions, while columns (2)–(5) include control variables, and the number of observations decreases to 432 due to
missing values in some variables.

4.2. Endogeneity and Robustness Tests

To address potential endogeneity issues stemming from reverse causality and un-
observed confounding factors, this study employs two-stage residual inclusion (2SRI)
regression and propensity score matching (PSM) techniques to test for endogeneity. Fur-
thermore, the robustness of the findings is verified through alternative measures of bank
digital transformation, an expanded sample scope, and the inclusion of controls for man-
agerial strategic disclosure behaviors.

4.2.1. 2SRI

This study uses the two-stage residual inclusion (2SRI) method as a robustness
check. Although this method does not directly introduce instrumental variables for
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causal identification, it can still effectively address the endogeneity issue of the model
through the introduction of residual terms. Following Chen et al. (2013), we include the
first-stage residual—capturing the part of managerial myopia unexplained by observable
variables—as a control in the main regression. This residual absorbs correlation between
myopia and unobserved confounders, thereby purging Myopia of its endogenous com-
ponent. The resulting coefficient on Myopia thus reflects its net effect on bank digital
transformation, controlling for bias from unmeasured drivers of myopia.

As shown in Column (2) of Table 4, the coefficient on incremental managerial myopia
remains negative and statistically significant, consistent with prior findings. This confirms
that the inhibitory effect of managerial myopia persists after accounting for potential
endogeneity, thereby reinforcing the robustness of the baseline regression results.

Myopiai,t = η0 + ηx∑ Controli,t + δi + ηt + εi,t (2)

Table 4. Endogeneity.

2SRI PSM
Variable (1) (2) (3)

First Stage Second Stage
Myopia Digital Digital

Myopia −40.463 **
(−2.02)

residual −39.476 **
(−2.35)

Size −0.100 10.360 1.505
(−1.55) (1.53) (0.23)

Age 0.005 −7.296 *** −8.010 ***
(0.48) (−2.73) (−2.91)

ROA 0.550 −576.245 −170.741
(0.16) (−0.54) (−0.13)

Npa −0.003 5.615 8.105
(−0.15) (1.35) (1.51)

Lev 1.384 * −491.387 ** −319.092
(1.71) (−2.25) (−1.44)

Indep 0.020 6.666 −9.829
(0.23) (0.32) (−0.42)

Bn −0.002 1.125 0.675
(−0.57) (1.60) (0.81)

Delay −0.038 ** −1.235 −4.133
(−2.01) (−0.35) (−1.10)

Allwords 0.098 *** −2.696 5.258
(2.77) (−0.40) (0.72)

Tenure 0.007 0.335 1.441
(1.50) (0.38) (1.48)

Lgdp −0.031 19.608 ** 18.870 *
(−0.47) (2.26) (1.89)

Internet 0.000 −0.261 *** −0.289 ***
(0.49) (−5.13) (−4.28)

Constant 1.448 83.773 154.352
(0.82) (0.43) (0.65)

Observations 432 432 318
R-squared 0.131 0.880 0.878
Bank FE Y Y Y
Year FE Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.
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4.2.2. PSM

This study utilizes PSM to mitigate potential omitted variable bias and sample se-
lection bias associated with both Myopia and Digital. Initially, the sample is stratified
into two groups according to the median value of Myopia, where individuals with high
Myopia are designated as the treatment group and those with low Myopia as the control
group. Covariates for the matching process are derived from the baseline regression control
variables. A 1:1 nearest-neighbor matching algorithm is employed to pair each treated unit
with a control unit exhibiting similar observable characteristics. Subsequently, the matched
sample is used to conduct regression analysis.

Second, we conduct the common support assumption assessment and balance tests.
To evaluate the common support assumption, kernel density plots are utilized. As shown
in Figure 1, the overlap between the two groups increases substantially after matching,
and their distributions become more similar. This indicates that the matching procedure
has effectively minimized potential confounding factors, thereby satisfying the common
support assumption. Next, we perform the balance test, which requires that there be no
statistically significant differences in the mean values between the treatment and control
groups after matching. The results, presented in Table 5, show that the mean differences
for all variables are no longer statistically significant after matching, suggesting that the
matching process has largely improved the balance between the groups.

Table 5. Balance Test.

Panel A: Before Matching

Variables G1 (0) Mean1 G2 (1) Mean2 MeanDiff p-Value

Size 263 27.68 262 27.44 0.239 0.0828 *
Age 263 20.04 262 18.64 1.393 0.0261 **
ROA 263 0.00850 262 0.00900 −0.000500 0.0253 **
Npa 263 1.361 262 1.291 0.0705 0.0969 *
Lev 263 0.930 262 0.930 −0.000700 0.520

Indep 263 0.351 262 0.350 0.00150 0.780
Bn 263 14.04 262 14.25 −0.210 0.295

Delay 263 0.837 262 0.718 0.119 0.0010 ***
Allwords 263 3.882 262 3.898 −0.0158 0.451

Tenure 221 2.774 211 2.690 0.0842 0.625
Lgdp 263 11.58 262 11.50 0.0829 0.0206 **

Internet 263 50.30 262 48.05 2.251 0.343

Panel B: After Matching

Variables G1 (0) Mean1 G2 (1) Mean2 MeanDiff p-Value

Size 108 27.62 210 27.58 0.0375 0.846
Age 108 19.16 210 18.88 0.277 0.748
ROA 108 0.00920 210 0.00930 0 0.903
Npa 108 1.282 210 1.255 0.0266 0.619
Lev 108 0.930 210 0.931 −0.000500 0.734

Indep 108 0.340 210 0.349 −0.00960 0.204
Bn 108 14.48 210 14.33 0.153 0.578

Delay 108 0.778 210 0.705 0.0730 0.166
Allwords 108 3.883 210 3.902 −0.0186 0.507

Tenure 108 2.687 210 2.694 −0.00680 0.975
Lgdp 108 11.58 210 11.56 0.0269 0.571

Internet 108 50.65 210 50.76 −0.114 0.973
Notes: G1 (0) represents the sample size of the control group, and G2 (1) represents the sample size of the
experimental group; The symbols ***, **, and * indicate statistical significance at the 1%, 5%, and 10% levels,
respectively.
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(a) (b) 

Figure 1. Sample kernel density function before and after matching. (a) Before Matching. (b) After
Matching.

Finally, the baseline model is re-estimated using the after-matching sample, with the
results presented in column (3) of Table 4. The coefficient of Myopia remains significantly
negative, proving the robustness and reliability of the baseline regression results.

4.2.3. Robustness Tests

The core explained variable is replaced. To further enhance the robustness of the
results, this study employs a textual analysis approach to offer an alternative measure of
Digital. Specifically, we construct a keyword database related to digital transformation and
apply tokenization and filtering to the Management’s Discussion and Analysis (MD&A)
section of bank annual reports. The frequency of the selected keywords is calculated to
operationalize the Digital variable. Two approaches are employed to construct the feature
word dictionary. First, following F. Wu et al. (2021), keywords closely associated with
digital transformation are identified and aggregated based on content from seminal aca-
demic literature, policy documents, and research reports, yielding a digital transformation
indicator labeled Digital1. Second, drawing on Yuan et al. (2021), a dictionary is constructed
using 30 national-level policy documents related to the digital economy, resulting in an
alternative indicator labeled Digital2. The regression results are summarized in Table 6.
Columns (1) and (2) indicate that the coefficient of Myopia remains significantly negative,
suggesting that the core findings hold even after substituting the measurement of the
dependent variable.

We narrow the sample range. To mitigate the potential confounding effects of public
health events on bank digitalization and managerial decision-making, this study excludes
the 2020–2021 sample periods and re-estimates the model using data from 2010 to 2019. As
shown in column (3) of Table 6, the coefficient on managerial myopia remains statistically
significant and negative at the 10% level, with a magnitude comparable to that of the
baseline regression. This suggests that the inhibitory effect of managerial myopia on digital
transformation is robust under normal economic conditions.
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Table 6. Robustness.

Variable (1) (2) (3) (4) (5)

Replacing the Core Explained
Variable

Narrow the
Sample Range

Controlling for
Managers’ Strategic
Disclosure Behavior

Lagged
Explanatory

Variable
Digital1 Digital2 Digital Digital Digital

Myopia −25.849 ** −83.826 *** −32.575 * −43.144 **
(−2.46) (−3.48) (−1.82) (−2.60)

L.Myopia −48.970 **
(−2.30)

Size 10.402 −52.306 *** 9.408 6.641 4.130
(1.68) (−5.15) (1.15) (1.03) (0.53)

Age −13.622 −6.772 −9.630 *** −7.794 ** −7.082 *
(−1.66) (−0.51) (−3.30) (−2.56) (−1.78)

ROA −1828.251 264.333 −565.682 −465.669 −1100.834
(−1.38) (0.11) (−0.51) (−0.40) (−0.87)

Npa 9.717 *** 2.658 4.732 3.496 5.584
(3.74) (0.31) (1.00) (0.77) (1.02)

Lev −318.177 ** −230.137 −482.400 ** −400.217 * −435.565 *
(−2.38) (−0.87) (−2.15) (−1.91) (−1.73)

Indep 15.421 −102.990 *** 9.682 2.239 3.401
(1.04) (−2.70) (0.40) (0.09) (0.15)

Bn 0.062 2.348 * 1.041 0.409 1.241
(0.15) (1.86) (1.37) (0.53) (1.65)

Delay 1.604 −9.175 * −2.593 −2.716 −2.178
(0.48) (−1.69) (−0.62) (−0.74) (−0.55)

Allwords 0.517 85.495 *** −1.605 −12.195 −5.424
(0.15) (5.35) (−0.21) (−1.40) (−0.73)

Tenure 1.453 −2.685 * 0.185 0.700 0.313
(1.40) (−1.98) (0.19) (0.83) (0.32)

Lgdp 15.314 4.471 27.486 ** 15.420 * 13.924
(1.34) (0.18) (2.28) (1.71) (1.56)

Internet −0.026 −0.715 *** −0.270 *** −0.231 *** −0.267 ***
(−0.63) (−6.11) (−5.14) (−3.85) (−4.44)

FuLianCi_Density 0.856
(0.24)

Often_Worddensity 0.016
(1.28)

Sub_Worddensity −0.421
(−0.76)

Tone 0.010 **
(2.47)

Constant 49.337 1402.922 *** 48.164 188.557 300.044
(0.22) (3.52) (0.24) (0.96) (1.32)

Observations 245 422 354 401 370
R-squared 0.452 0.771 0.844 0.885 0.869
Bank FE Y Y Y Y Y
Year FE Y Y Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.

We control for managers’ strategic disclosure behavior. Textual information in the an-
nual report is a significant part of the document and serves as the primary channel through
which managers communicate with shareholders and external stakeholders. However,
this information may be subject to manipulation by managers for self-interested purposes,
such as securing higher compensation, boosting market valuation, concealing negative
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behaviors, attracting investment, or obtaining policy support (F. Li, 2008; Huang et al.,
2014). Such manipulation could reduce the readability of the annual report and, in turn,
compromise the accuracy of the managerial myopia indicator. To ensure that the indicator
reflects managers’ true psychological tendencies, rather than exaggerated or concealed
results, we control strategic disclosure behavior by adding relevant control variables. These
include the tone of the annual report (Tone) and measures of textual complexity, such as the
proportion of adverbs and conjunctions (FuLianCi_Density), and the frequency of common
and less common words per 1000 words (Often_Worddensity and Sub_Worddensity). The
tone data is sourced from the CSMAR database, while the textual complexity metrics are
drawn from the CNRDS database. The results in Table 6, column (4), show that the Myopia
coefficient is significantly negative at the 1% level, suggesting that strategic disclosure
behavior has minimal impact on the findings.

We examine the lagged explanatory variable. Given the potential time-lagged effect of
managerial myopia on digital transformation, this study re-estimates the regression model
using a one-period lagged version of the core explanatory variable, managerial myopia
(L.Myopia). As shown in column (5) of Table 6, the lagged measure remains statistically
significant and negatively associated with current bank digital transformation, indicating a
persistent inhibitory effect. This finding underscores the robustness of the baseline results
and further supports the theoretical prediction that managerial myopia constrains banks’
digital transformation.

4.3. Impact Mechanism

Based on the preceding theoretical analysis, managerial myopia inhibits banks’ proac-
tive risk-taking willingness, thereby impeding digital transformation. To substantiate this
mechanism, we empirically examine myopia’s impact on proactive risk-taking. We use
Model (3) and Model (4) to test this mechanism.

Mi,t = β0 + β1Myopiai,t + βx∑ Controli,t + δi + ηt + εi,t (3)

Digitali,t = γ0 + γ1Myopiai,t + γ2Mi,t + γx∑ Controli,t + δi + ηt + εi,t (4)

Mi,t denotes banks’ proactive risk-taking willingness. As a primary metric for com-
mercial banks’ risk asset allocation scale, risk-weighted assets reflect strategic adjustments
in risk exposure, whereby banks proactively recalibrate their risk asset portfolios based on
operational strategies and risk-taking inclinations.

We assess banks’ willingness to proactively take on risk (Mi,t) using two complemen-
tary indicators: (1) the Risk-Weighted Asset Ratio (RWA), calculated as risk-weighted
assets divided by total assets, which reflects banks’ relative preference for risky assets in
portfolio allocation, and (2) the natural logarithm of net risk-weighted assets (RWAL), an
absolute-scale measure that captures trends in the expansion or contraction of risk-oriented
business activities (Fang et al., 2012; Jiang et al., 2021). The mechanism test results are
presented in Table 7. As shown in Columns (1) and (3), the coefficients for Myopia are
negative and statistically significant at the 5% level across both metrics. This indicates that
managerial short-term orientation significantly dampens banks’ willingness to take risks,
leading to a measurable reduction in risk-taking behavior, a contraction in the allocation
and intensity of risk assets, and a weakened capacity to bear portfolio risk. In Columns (2)
and (4), the coefficients for RWA and RWAL are both significantly positive at the 5% level,
indicating that increased risk-taking levels contribute to banks’ digital transformation. It
can thus be concluded that Managerial Myopia leads to a reduction in their willingness to
take proactive risks, causing banks to significantly cut investments in digital transformation
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initiatives—such as fintech R&D and online business expansion—thereby hindering the
overall progress of digital transformation. Therefore, Hypothesis 2 is supported.

Table 7. Impact mechanism analysis.

Variable (1) (2) (3) (4)
RWA Digital RWAL Digital

Myopia −0.137 ** −31.593 −0.226 ** −30.180
(−2.48) (−1.54) (−2.53) (−1.47)

RWA 75.149 **
(2.29)

RWAL 49.419 **
(2.44)

Size 0.002 9.412 *** 1.009 *** −39.948 **
(0.06) (3.23) (19.23) (−2.03)

Age −0.007 2.265 *** −0.007 2.254 ***
(−0.63) (3.38) (−0.45) (3.36)

ROA 3.910 −3357.775 *** 6.784 −3437.610 ***
(1.53) (−3.84) (1.60) (−3.88)

Npa 0.021 1.016 0.027 0.862
(1.56) (0.27) (1.15) (0.23)

Lev −2.111 *** −732.760 *** −3.536 *** −725.861 ***
(−4.79) (−3.94) (−4.62) (−3.94)

Indep 0.088 −21.923 0.164 * −23.260
(1.54) (−0.97) (1.80) (−1.03)

Bn −0.001 −0.871 −0.002 −0.869
(−0.92) (−1.00) (−0.83) (−1.00)

Delay −0.005 5.112 −0.004 4.920
(−0.38) (1.18) (−0.19) (1.13)

Allwords −0.026 12.925 −0.042 13.073
(−1.22) (1.47) (−1.20) (1.48)

Tenure 0.009 *** 0.181 0.014 *** 0.134
(2.90) (0.19) (2.80) (0.14)

Lgdp 0.069 44.692 *** 0.110 44.503 ***
(1.45) (5.90) (1.32) (5.84)

Internet 0.000 −0.242 *** 0.001 −0.245 ***
(1.20) (−3.35) (1.32) (−3.41)

Constant 1.844 −94.672 1.390 −28.836
(1.65) (−0.48) (0.80) (−0.15)

Observations 379 379 379 379
R-squared 0.652 0.837 0.989 0.838
Bank FE Y Y Y Y
Year FE Y Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.

4.4. The Influencing Factors

This study examines the differentiated impact of managerial myopia on the dig-
ital transformation of banks under various internal and external factors, focusing on
three levels: management team characteristics, bank-level factors, and external factors.

4.4.1. Management Team Characteristics

(1) Expected Tenure (ETenure). Following Antia et al. (2010), this study estimates ex-
pected tenure using Equation (5). Tenurei,t denotes the tenure of the management
team in bank i in year t, while Tenureind,t represents the industry-average level of
tenure for banks of the same type. The difference between these two values captures
the deviation in managerial tenure relative to peers, reflecting expected tenure along
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the tenure dimension. Similarly, Mnlind,t refers to the average age of the manage-
ment team in bank i in year t, and Mnlind,t denotes the corresponding peer-group
mean. The difference between these two measures captures the age-related deviation
from the norm, representing expected tenure along the age dimension. The over-
all expected tenure of a bank’s management team is computed as the sum of these
two components—tenure-based and age-based expected tenure.

ETenurei,t = (Tenureind,t − Tenurei,t) + (Mnlind,t − Mnli,t) (5)

To rigorously examine the impact of the expected tenure of managers (ETenure) in
the relationship between managerial myopia and bank digital transformation, this study
divides the sample into two groups—long and short expected tenure—based on the mean
value of ETenure. As shown in Columns (1) and (2) of Table 8, the inhibitory effect of
managerial myopia is significantly negative only in the short-ETenure group. This indicates
that a longer expected tenure of managers partially mitigates the adverse impact of myopic
behavior on banks’ digital transformation process.

Table 8. Testing the impact of management team characteristics.

(1) (2) (3) (4) (5) (6) (7) (8)
Long

ETenure
Short

ETenure
High

Hoverseas
Low

Hoverseas
High

Hcareer Low Hcareer High Edu Low Edu

Variable Digital Digital Digital Digital Digital Digital Digital Digital

Myopia −29.463 −95.556 *** −11.828 −57.674 ** −44.498 *** −50.514 * −27.127 −48.966 *
(−1.39) (−4.01) (−0.38) (−2.65) (−2.79) (−1.99) (−1.63) (−1.95)

Size 25.683 * 1.320 −5.391 14.881 * 15.402 9.272 20.308 −14.270
(1.96) (0.15) (−0.43) (1.85) (0.99) (0.91) (1.56) (−0.74)

age −3.562 * −8.053 −10.396 ** −4.674 * −20.840 *** −5.267 −6.938 *** −7.362 **
(−1.79) (−0.84) (−2.14) (−1.72) (−3.94) (−1.39) (−2.86) (−2.50)

ROA −479.633 −31.726 901.556 −567.300 2573.306 * −3999.921 *** −97.803 −1431.076
(−0.32) (−0.02) (0.43) (−0.54) (1.93) (−3.28) (−0.09) (−0.83)

Npa 0.792 7.104 20.647 ** 2.998 14.883 ** −1.580 3.879 5.229
(0.14) (1.18) (2.12) (0.83) (2.02) (−0.29) (0.44) (0.85)

Lev −482.888 * −157.316 111.896 −558.711 ** −255.118 −1010.803 *** −575.919 ** −410.497
(−1.75) (−0.87) (0.19) (−2.31) (−1.48) (−2.71) (−2.19) (−1.17)

Indep −16.761 60.577 ** −20.506 32.755 −1.281 −1.522 −10.526 41.069 *
(−0.57) (2.30) (−0.45) (1.63) (−0.04) (−0.05) (−0.43) (1.79)

Bn 0.618 2.183 * 0.150 1.924 ** 1.433 0.636 0.312 1.516 **
(0.60) (1.96) (0.17) (2.47) (1.22) (0.85) (0.36) (2.18)

Delay 4.457 −10.323 * −0.043 −6.112 −2.117 0.722 1.003 −9.558
(0.98) (−1.81) (−0.00) (−1.45) (−0.54) (0.12) (0.23) (−1.10)

Allwords −8.315 6.456 11.075 0.368 −4.282 −0.475 2.364 −3.626
(−1.13) (0.44) (1.02) (0.04) (−0.47) (−0.03) (0.25) (−0.40)

Tenure −0.643 −1.443 2.037 −0.408 0.603 2.122 ** 0.350 0.542
(−0.40) (−0.97) (1.39) (−0.42) (0.56) (2.11) (0.31) (0.34)

Lgdp 3.595 23.173 * 10.829 14.561 * 11.913 16.804 10.565 16.204
(0.32) (1.76) (0.36) (1.81) (1.23) (0.82) (0.72) (1.49)

Internet −0.152 −0.326 *** −0.177 −0.378 *** −0.164 *** −0.398 *** −0.135 *** −0.681 **
(−1.64) (−4.13) (−1.58) (−5.17) (−2.87) (−2.82) (−3.16) (−2.33)

Constant −164.261 −74.364 55.161 31.372 −9.759 642.946 −4.274 666.594 *
(−0.44) (−0.25) (0.08) (0.17) (−0.02) (1.40) (−0.01) (1.81)

Observations 217 215 136 296 240 192 253 179
R-squared 0.892 0.896 0.897 0.901 0.880 0.874 0.904 0.860
Bank FE Y Y Y Y Y Y Y Y
Year FE Y Y Y Y Y Y Y Y

Notes: The difference between the high and low hcareer groups is tested using the Chow test, with a statistically
significant result. Clustered robust standard errors are in parentheses. The symbols ***, **, and * indicate statistical
significance at the 1%, 5%, and 10% levels, respectively.

https://doi.org/10.3390/ijfs14030056

https://doi.org/10.3390/ijfs14030056


Int. J. Financial Stud. 2026, 14, 56 20 of 30

(2) Management team heterogeneity. The Herfindahl index is employed to quantify the
heterogeneity of the management team (Yu et al., 2024a), as presented in Equation (6).
In this formulation, Pi denotes the proportion of the i-th category of overseas experi-
ence (Hoverseas) or functional expertise (Hcareer) relative to the total number of such
experiences or backgrounds within the team, and N represents the total number of
distinct overseas experience or functional expertise types. The index ranges between
0 and 1, with higher values indicating greater levels of team heterogeneity3.

Hcareer/Hoverseas = 1 − ∑N
I=1 P2

I (6)

We categorize the sample into high- and low-Hoverseas groups based on its mean
value, and grouped regressions are performed. As presented in Columns (3) and (4) of
Table 8, the coefficient for Myopia remains significantly negative within the low-Hoverseas
subgroup. This suggests that, in banks where the management team exhibits lower hetero-
geneity in overseas backgrounds, the negative influence of managerial myopia on digital
transformation is more pronounced. In other words, greater diversity in the overseas
experiences of management teams may partially mitigate the adverse effects of managerial
myopia on the digital transformation of banks.

We look at functional expertise heterogeneity (Hcareer). The sample is divided into
banks with high and low functional expertise heterogeneity based on the median of Hcareer.
Group regression tests are then conducted. The regression results, reported in Table 8
columns (5) and (6), show significant negative correlations for both groups. However, the
absolute value of the regression coefficient of the low occupational status group was larger,
and the difference between the two groups was statistically significant and passed the
Chow test.

(3) Average education level (Edu). Different educational levels are assigned specific scores
as follows (Liu & Guo, 2017): postdoc = 6; doctor = 5; master = 4; undergraduate = 3;
college = 2; and technical secondary school and below = 1. The weighted average
education level of the managerial team is then calculated based on these scores.
Subsequently, banks are classified into high- and low-education level groups based
on the sample mean of Edu. Grouped regression analysis is then conducted, as
shown in Table 8, columns (7) and (8). The results indicate that the inhibitory effect
of managerial myopia on digital transformation is more pronounced in banks with
lower average education levels among their managerial teams. Thus, Hypothesis 3
is confirmed.

4.4.2. Bank-Level Influencing Factors

(1) Bank size. To examine whether the impact of managerial myopia on bank digital trans-
formation varies significantly across different size, this study computes the annual
arithmetic mean of asset sizes for each category of sample banks. The results show
that, over the sample period, state-owned banks and joint-stock banks consistently
exhibit asset sizes above the industry average, whereas urban commercial banks and
rural commercial banks generally fall below this benchmark. Based on this observa-
tion, the former two categories are classified as large banks, and the latter as small
and medium-sized banks (SMBs). A subgroup regression analysis is then conducted
to assess the moderating role of bank size. As shown in columns (1) and (2) of Table 9,
bank size exerts a significant moderating effect on the negative relationship between
managerial myopia and digital transformation. Specifically, the inhibitory effect of
managerial myopia is more pronounced in small and medium-sized banks, indicating
heterogeneous progress in digital transformation across banks of different size.
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Table 9. Examination of influencing factors: bank size, major shareholders, and supervisory
shareholders.

Variable (1) (2) (3) (4) (5) (6)
Large Banks SMBs More Bsh Fewer Bsh High Suphold Low Suphold

Digital Digital Digital Digital Digital Digital

Myopia −13.446 −44.128 ** −29.061 −72.668 *** −12.263 −62.168 **
(−0.56) (−2.39) (−1.26) (−3.19) (−0.59) (−2.38)

Size 5.543 13.508 −0.217 4.547 16.667 28.890 **
(0.57) (1.00) (−0.02) (0.59) (1.38) (2.38)

Age −5.385 *** −8.275 ** −9.899 *** −3.916 ** −4.849 −12.793 ***
(−2.99) (−2.12) (−2.82) (−2.16) (−1.64) (−4.31)

ROA 2688.165 −1323.535 −432.665 −209.337 −721.798 2448.174 *
(1.70) (−0.94) (−0.24) (−0.15) (−0.59) (1.77)

NPA 0.427 5.827 7.817 * −0.275 4.430 19.895 **
(0.06) (1.09) (1.76) (−0.05) (0.94) (2.65)

Lev 307.318 −643.509 ** −599.863 ** −242.861 −626.071 ** −656.627 **
(0.76) (−2.56) (−2.10) (−1.09) (−2.58) (−2.51)

Indep −57.535 ** 24.359 32.217 7.482 17.413 −42.948
(−2.42) (0.98) (1.06) (0.25) (0.68) (−1.14)

Bn −0.126 1.628 * 1.960 * 0.965 1.341 0.978
(−0.13) (1.75) (1.74) (1.00) (1.46) (1.04)

Delay −4.756 −1.344 0.693 −7.667 1.271 0.853
(−1.42) (−0.27) (0.11) (−1.68) (0.28) (0.16)

Allwords 13.054 −3.352 −3.373 13.722 −4.319 7.724
(1.38) (−0.47) (−0.28) (1.36) (−0.43) (0.57)

Tenure −0.087 0.896 3.148 *** −1.141 0.148 1.549
(−0.07) (0.74) (3.41) (−1.12) (0.15) (1.24)

Lgdp 35.251 ** 9.655 0.068 28.504 ** 39.582 *** 20.319
(2.90) (1.10) (0.01) (2.33) (2.97) (1.62)

Internet −0.208 *** −0.484 ** −0.346 *** −0.271 *** −0.329 *** −0.243 *
(−3.32) (−2.54) (−3.24) (−4.69) (−5.64) (−2.02)

Constant −748.763 243.902 701.501 ** −180.841 −214.638 −240.754
(−1.23) (1.06) (2.40) (−0.80) (−0.63) (−1.00)

Observations 174 258 180 252 253 179
R-squared 0.927 0.864 0.881 0.891 0.898 0.890
Bank FE Y Y Y Y Y Y
Year FE Y Y Y Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.

(2) Corporate governance. Number of large shareholders (Bsh). The coexistence of
multiple large shareholders may provide checks and balances on managerial power.
In this study, shareholders holding more than 5% of a bank’s shares are defined as
large shareholders. The number of large shareholders among the top ten shareholders
(Bsh) is counted annually, and the sample is divided into two groups based on the
mean value of Bsh. As shown in columns (3) and (4) of Table 9, the presence of multiple
large shareholders enhances corporate governance. Their effective oversight mitigates
the negative impact of managerial myopia and facilitates digital transformation.

Proportion of oversight shareholders (Suphold). Private and individual shareholders,
who are primarily motivated by profit, have a stronger incentive to monitor corporate
management. Accordingly, private enterprise shareholders and individual shareholders
among the top ten shareholders are categorized as supervisory shareholders (Suphold).
The total shareholding proportions of supervisory shareholders across banks are calculated
annually, and the sample is subsequently divided based on the mean value. Grouped
regression analysis is then conducted, as presented in Table 9, columns (5) and (6). The
findings indicate that in banks with a higher proportion of supervisory shareholders,
the coefficient for Myopia is significantly negative. This implies that the presence of
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supervisory shareholders contributes positively to corporate governance. Through effective
monitoring of management, supervisory shareholders help alleviate the adverse effects
of managerial myopia on the digital transformation of commercial banks. Therefore,
Hypothesis 4 is supported.

4.4.3. External Factors Influencing Banks

(1) Public Attention (Attention). To quantify the impact of public attention on managerial
myopia and digital transformation in banks, this study employs the Web Search
Volume Index of Chinese Listed Companies (WSVI), obtained from the CNRDS
database, as a proxy for public attention (Cheng & Liu, 2018). Based on Baidu platform
data, the WSVI captures online search activities conducted by internet users using
stock codes, full company names, or abbreviations as keywords. This index reflects
both the intensity of public searches and the level of public sentiment toward listed
companies. A higher WSVI indicates greater public attention directed toward a
specific company. Banks are divided into high- and low-attention groups according to
the mean value of Attention. According to the results in Table 10, columns (1) and (2),
the inhibitory effect of managerial myopia is only significant in the group with lower
attention. These findings suggest that in an environment with high public attention,
external oversight can effectively mitigate the negative impact of managerial myopia
on digital transformation.

Table 10. Examination of influencing factors—external factors.

Variable (1) (2) (3) (4)
High Attention Low Attention High Competition Low Competition

Digital Digital Digital Digital

Myopia −18.011 −65.356 ** −23.466 −50.747 *
(−0.89) (−2.06) (−1.43) (−1.76)

Size 6.669 −3.065 12.081 −14.400 *
(0.57) (−0.10) (0.73) (−1.87)

Age −5.348 ** 7.093 6.866 ** 11.779 ***
(−2.04) (1.01) (2.16) (5.70)

ROA −1226.305 −420.432 1267.643 −749.318
(−0.90) (−0.18) (0.99) (−0.65)

NPA 3.945 2.024 21.655 *** −2.860
(0.68) (0.18) (3.10) (−0.69)

Lev −427.022 −419.688 −433.251 −238.018
(−1.38) (−1.10) (−1.31) (−1.07)

Indep 34.871 −2.470 −13.445 29.096
(1.49) (−0.05) (−0.35) (1.23)

Bn −0.165 1.175 1.798 ** 0.962
(−0.21) (0.79) (2.07) (0.90)

Delay 3.036 0.983 3.749 −3.695
(0.55) (0.15) (0.76) (−0.53)

Allwords −6.258 −4.165 −1.481 −0.897
(−0.62) (−0.30) (−0.13) (−0.08)

Tenure 0.401 3.228 1.381 −0.021
(0.42) (1.29) (1.15) (−0.02)

Lgdp 10.297 49.880 * 9.524 23.019 *
(0.99) (1.72) (0.98) (1.75)

Internet −0.243 *** −0.406 −0.213 *** −0.285
(−3.75) (−1.25) (−3.04) (−1.12)

Constant 246.663 −141.614 −143.521 218.268
(0.87) (−0.18) (−0.62) (0.88)

Observations 282 150 242 190
R-squared 0.845 0.861 0.872 0.889
Bank FE Y Y Y Y
Year FE Y Y Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.
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(2) Bank competition (HHI). Bank competition, as a direct manifestation of market compe-
tition, exerts a significant influence on banks’ motivation to innovate and the urgency
of their digital transformation. In this study, drawing on financial license informa-
tion provided by the National Financial Regulatory Administration, we calculated
the number of branches for each bank in the respective city of the sample for each
year. Subsequently, we computed the Herfindahl–Hirschman Index (HHI) of branch
distribution in each city and year to measure the level of competition within the local
banking sector, as presented in Equation (7).

HHI = ∑N
I=1 P2

i (7)

Pi represents the proportion of bank i’s branches to the total branches of local banks
in a city. This index is an inverse measure of market competition intensity. A higher HHI
value indicates a lower degree of competition. This is because a high degree of market
concentration often implies that a small number of banks possess significant market power,
thus lacking the pressure of sufficient competition. Conversely, a lower index indicates a
fragmented market structure, where banks generally face more intense competition. Using
the mean HHI as a threshold, the sample was divided into two groups. As presented in
Table 10, columns (3) and (4), the results show that when market competition is intense, the
negative impact of managerial myopia on digital transformation is significantly weakened.
This suggests that a highly competitive market environment creates favorable external
conditions that support banks’ digital transformation efforts. Therefore, Hypothesis 5
is supported.

4.5. Moderating Role of Regulatory Oversight

Banks operating within stringent regulatory environments exhibit significantly
stronger inhibitory effects of managerial myopia on digital transformation compared
to those in more permissive settings. This amplification stems from dual regulatory mecha-
nisms: stringent regulatory frameworks substantially elevate compliance costs and increase
operational risk uncertainty, thereby triggering managerial risk aversion. Driven by this
aversion, myopic managers proactively reduce resource allocation to digital transformation
initiatives. Concurrently, constrained business activities under tight regulation incentivize
managers to adopt conservative operational strategies aimed at avoiding regulatory penal-
ties and reputational damage. This results in a systematic reallocation of resources from
high-risk digital innovation to conventional business lines, further impeding the bank’s
digital transformation trajectory.

This study employs regional financial supervision expenditure (Supervision) as a
proxy indicator to assess the regional financial regulatory environment. To account for
differences in regional economic scale, the supervision expenditure is further standardized
by the regional added value of the financial sector. Subsequently, banks are categorized into
groups based on the median values of Supervision, respectively, and regression analyses
are conducted. Consistent with theoretical predictions, the results in Table 11 reveal
significantly negative coefficients for Myopia exclusively in the groups characterized by
stringent regulatory environment.
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Table 11. The moderating effect of the regulatory environment.

Variable (1) (2)
Stringent Regulatory

Environments
Permissive Regulatory

Environment
Digital Digital

Myopia −47.483 ** −40.996
(−2.17) (−1.43)

Size −2.794 9.106
(−0.18) (1.26)

Age −8.817 *** −6.672 **
(−2.96) (−2.67)

ROA −1482.635 1860.053
(−1.37) (1.29)

Npa 6.189 9.802
(1.07) (1.28)

Lev −527.249 ** −432.548
(−2.23) (−0.96)

Indep 23.245 −12.149
(1.04) (−0.35)

Bn −0.254 1.302
(−0.35) (1.32)

Delay −2.402 −2.164
(−0.36) (−0.53)

Allwords 8.289 −0.891
(0.85) (−0.09)

Tenure 1.210 0.044
(1.41) (0.04)

Lgdp 16.160 18.688
(0.80) (1.45)

Internet −0.369 *** −0.474 *
(−7.90) (−1.92)

Constant 479.310 66.023
(1.21) (0.14)

Observations 194 238
R-squared 0.884 0.891
Bank FE Y Y
Year FE Y Y

Notes: Clustered robust standard error in parentheses. The symbols ***, **, and * indicate statistical significance at
the 1%, 5%, and 10% levels, respectively.

5. Conclusions
5.1. Main Conclusions

The digital transformation pathways of commercial banks vary significantly. To
uncover the underlying causes, this study integrates Temporal Orientation Theory and
Upper Echelons Theory, using panel data from 55 Chinese listed banks between 2010 and
2021. We systematically examine how managerial myopia hinders digital transformation
and identify the conditions that weaken or strengthen this effect. Our findings offer the
following integrated theoretical insights:

First, the key contribution of this paper lies in uncovering a sequential linkage from
“cognition to behavior to outcome.” Managerial myopia—a cognitive bias that prioritizes
short-term gains over long-term value—is associated with a lower willingness among banks
to take proactive risks, which in turn correlates with a reduced capacity to advance digital
transformation. This suggests that, in an environment of high technological uncertainty,
managerial patience and risk appetite may serve as important behavioral foundations for
sustained digital progress.
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Second, we identify boundary conditions at three levels that influence this relation-
ship. At the team level, longer expected tenure, greater diversity in background and
expertise, and higher overall education help teams recognize the long-term value of digital
transformation, enabling collective decisions that offset individual short-term tendencies.
At the organizational level, larger banks show more resilience due to greater resources
and stronger governance structures, which buffer against myopic behavior. Addition-
ally, governance improvements—such as having multiple major shareholders or active
supervisory shareholders—enhance oversight and accountability, curbing managerial short-
termism. At the external level, public scrutiny acts as a monitoring mechanism, while
market competition creates performance pressure, both pushing banks toward digital
responsiveness. Importantly, we find that strict regulatory oversight does not alleviate but
actually strengthens the inhibitory effect of managerial myopia on digital transformation.
This is because high compliance burdens and associated risk aversion narrow managerial
focus and discourage exploratory investment, showing that regulation can cognitively
reinforce short-termism rather than merely constrain behavior.

In summary, this study goes beyond documenting a simple negative relationship. It
theorizes and empirically demonstrates how managerial myopia obstructs digital trans-
formation through a specific behavioral mechanism, and explains when and why this
obstruction varies across different institutional layers. By integrating micro-level cognition,
meso-level governance, and macro-level environmental factors into a coherent framework,
our work advances a multi-level, context-aware theory of strategic adaptation in financial
institutions facing technological disruption.

5.2. Policy Recommendations

Based on the research findings, this study proposes practical implications for commer-
cial banks to mitigate managerial myopia and advance digital transformation.

In terms of management, implement long-term performance metrics tied to equity
incentives to align leadership with digital goals. Build diverse leadership teams with
cross-functional and international expertise to improve strategic foresight.

Regarding governance, strengthen board oversight by engaging tech-savvy long-term
investors. Encourage small and medium-sized banks pursue focused digital strategies
supported by dedicated transformation funds.

For external collaboration, regularly publish transformation progress to leverage
public accountability. Partner with fintech firms through joint initiatives to share costs and
accelerate innovation.

On regulation, integrate tangible digital outcomes into supervisory assessments. Re-
ward high performers with pilot privileges while curbing superficial compliance.

Through aligned incentives, balanced governance, open collaboration, and smart
regulation, managerial short-termism can be reduced to enable sustainable digital
transformation.

6. Limitations and Future Research
Despite its contributions, this study has several limitations that point to avenues for

future research. First, the sample is confined to listed commercial banks in China. While
this provides a controlled setting, it limits the generalizability of the findings to non-listed,
smaller, or non-Chinese financial institutions. Future studies could expand the sample to
include a wider array of banks and cross-country contexts to enhance external validity.
Second, while we employ established textual analysis methods to measure managerial
myopia, these proxies may not capture all nuances of the constructs. Alternative measure-
ment approaches, such as survey-based measures of managerial cognition, could be used
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to validate and extend our findings. Finally, the digital transformation process is dynamic.
A fruitful direction for future research would be to employ longitudinal or case-study
methodologies to trace how the relationship between managerial cognition, risk-taking,
and digital outcomes evolves over time, especially through different phases of the economic
or technological cycle.
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Appendix A

Table A1. Sample composition.

Bank Type N Bank Name

State-owned
Commercial Banks 6

Agricultural Bank of China, Industrial and Commercial Bank of
China, China Construction Bank, Postal Savings Bank of China,
Bank of China, Bank of Communications

Joint-stock
Commercial Banks 10

Shanghai Pudong Development Bank, China CITIC Bank, China
Everbright Bank, China Minsheng Bank, Industrial Bank, Huaxia
Bank, Ping An Bank, China Merchants Bank, China Zheshang
Bank, Bohai Bank

City Commercial
Banks 28

Bank of Shanghai, Zhongyuan Bank, Bank of Jiujiang, Bank of
Lanzhou, Bank of Beijing, Bank of Nanjing, Bank of Xiamen, Bank
of Harbin, Bank of Tianjin, Weihai City Commercial Bank, Bank
of Ningbo, Huishang Bank, Bank of Chengdu, Jinshang Bank,
Bank of Hangzhou, Bank of Jiangsu, Bank of Jiangxi, Bank of
Gansu, Shengjing Bank, Bank of Suzhou, Bank of Xi’an, Bank of
Guiyang, Bank of Zhengzhou, Bank of Chongqing, Bank of
Jinzhou, Bank of Changsha, Bank of Qingdao, Qilu Bank

Rural Commercial
Banks 11

Shanghai Rural Commercial Bank, Guangzhou Rural Commercial
Bank, Wuxi Rural Commercial Bank, Jiangsu Changshu Rural
Commercial Bank, Jiangsu Zhangjiagang Rural Commercial Bank,
Jiangsu Jiangyin Rural Commercial Bank, Jiangsu Zijin Rural
Commercial Bank, Zhejiang Shaoxing Ruifeng Rural Commercial
Bank, Qingdao Rural Commercial Bank, Chongqing Rural
Commercial Bank, Jiangsu Suzhou Rural Commercial Bank

Table A2. The Proportion of the total assets of the sample banks in the total assets of China’s banking
industry.

Year Sample Bank Assets
(Trillion)

Total Banking Assets
(Trillion) Proportion

2010 66.0 94.26 70.02%
2011 76.9 111.5 68.97%
2012 91.3 133.6 68.34%
2013 101.0 151.35 66.73%
2014 114.0 172.3 66.16%
2015 132.0 199.3 66.23%
2016 159.0 232 68.53%
2017 171.0 252 67.86%
2018 181.0 261.4 69.24%
2019 198.0 290 68.28%
2020 218.0 319.7 68.19%
2021 235.0 344.76 68.16%

Notes: The data for “Sample Bank Assets” is sourced from the CSMAR database, while the data for “Total
Banking Assets” is manually compiled from the People’s Bank of China and the National Financial Regulatory
Administration; proportion = Sample Bank Assets/Total Banking Assets.

Notes
1 To ensure the reliability and validity of the text analysis–based “managerial myopia” index, sample selection adheres to

two criteria: publicly accessible annual reports and standardized, detailed MD&A disclosures. Accordingly, 55 domestic
commercial banks are selected as the benchmark sample. These banks, according to data from the People’s Bank of China and
the National Financial Regulatory Administration, collectively account for approximately 70% of total banking assets in China,
reflecting substantial industry representation and enabling a robust characterization of the sector. Sample composition and
annual asset share are provided in Appendix A Tables A1 and A2.

2 Secondary indicators include: digital technology keywords, digital channels, digital products, digital R&D, digital architecture,
IT directors, IT executives, and digital partnerships.
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3 The overseas experiences within the sample are categorized into four distinct types: prior overseas work experience, prior overseas
study experience, a combination of both overseas work and study experiences, and no overseas background, corresponding
to N = 4. Functional backgrounds are classified into nine categories: production, research and development, design, human
resources, management, marketing, finance, accounting, and law, corresponding to N = 9.
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