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Abstract

Generative artificial intelligence (GenAI) is rapidly reshaping the audience’s relationship
with journalism, particularly through AI-generated summaries. Building on the observed
patterns of limited visibility of sources, condensed summary presentation, and reduced
contextual depth, we introduce the idea of news sufficiency, in which people encounter
summarised content that feels enough to satisfy their immediate informational needs,
thereby reducing the incentive to access full news articles. Empirically, this study examines
differences between ChatGPT, Gemini, and Google Search when queried in European
Portuguese, using three prompts: (a) asking for the main news of the day, (b) the latest on a
specific news event, and (c) using only a basic keyword for that event. Drawing on a content
analysis, we analysed 72 queries submitted by eight independent users. The results showed
that platforms differ markedly in source attribution, summary structure, and contextual
awareness. ChatGPT consistently provided hyperlinks and often clickable news images,
while Gemini offered summaries only in text without citations. Both chatbots generated
diverse and coherent news headlines capable of satisfying curiosity yet frequently failed
to infer news intent from the basic keyword prompt, providing outdated or irrelevant
information. The absence of Google’s AI Overview results during the observation window
produced a contrast with a classic Google Search, which preserves user agency by requiring
clicks on links. These findings have significant implications for journalistic authorship,
editorial gatekeeping, and the economic sustainability of media, highlighting the need for
AI literacy and platform governance that safeguards information pluralism.

Keywords: generative artificial intelligence; AI overview; zero-click search; journalism;
news consumption; audience behaviour and engagement; AI chatbots; summarisation; AI
literacy; content analysis

1. Introduction
Generative artificial intelligence (GenAI) has introduced Large Language Models

(LLMs) that not only classify or recommend content but can be used to produce apparently
original text, images, audio, and video (Dwivedi et al., 2023; Diakopoulos et al., 2024).

As LLMs become embedded within digital platforms, features such as Google’s AI
Overview and AI Mode, along with AI chatbots like ChatGPT and Gemini, can now
generate instant summaries for almost any topic in response to a user query.

The potential impact of GenAI on news consumption has been compared to earlier
disruptions introduced by search engines and social media, which lowered barriers to
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accessing information and transformed audience pathways to news (Reiss et al., 2026).
In particular, GenAI is reshaping how audiences engage with journalism by creating
alternative routes to news consumption that do not require users to click on an article or
access the original news source.

One immediate consequence is the rise in zero-click searches, where users find answers
directly on the search page and no longer visit the original source. Surveys show that even
individuals who are sceptical toward GenAI acknowledge that roughly half of their queries
are now answered without clicking through to external sites (Sommerfeld et al., 2025).

This shift suggests that search behaviour is moving away from audience exploration
centred on the ranking of links to interaction with AI-generated responses, with profound
implications for the public visibility of professional media.

A growing body of empirical evidence indicates that AI-generated summaries are as-
sociated with declines in publisher traffic, thereby posing challenges to news organisations
reliant on page views for advertising revenue. Data from April 2025, submitted as part
of a legal complaint to the UK Competition and Markets Authority, show that when AI
Overview appears at the top of Google Search results, publishers experience a 47.5% drop
in desktop clicks and a 37.7% drop on mobile ones (Brooker, 2025). Chartbeat data further
reveal that Google Search referrals to news outlets have fallen 33% globally in 2025, based
on metrics from more than 2500 news organisations (Newman, 2026). In this context, many
media executives anticipate losses of up to 43% in the next three years, raising pressing
concerns over the sustainability of journalism (Newman, 2026).

A Pew Research Center analysis of almost 69,000 Google searches over March 2025 sim-
ilarly found that users clicked a link beneath an AI Overview in only 1 out of 100 searches
(Chapekis & Lieb, 2025). However, Google argues that AI Overview improves click quality
by reducing clickbait and ensuring that users who do click are genuinely interested in the
content (L. Reid, 2025).

Interestingly, some SEO analyses suggest that news is not uniformly the most affected
sector (Garanko, 2025), possibly reflecting Google’s strategic limitation of AI Overview in
“hard news” categories (E. Reid, 2024). Yet the thresholds governing the appearance of AI
Overview vary substantially across query types, keywords, languages, and time periods
(Shehata, 2024; Garanko, 2025). Therefore, the loss of traffic on news outlets might be an
effect that is unevenly distributed.

For media organisations whose business models rely heavily on digital advertising
and monetisation based on referral traffic, reductions in access through links represent a
major sustainability risk (Murschetz, 2024; Dodds et al., 2026).

With this study, we address a critical research gap concerning how GenAI systems
mediate access to news in Portugal, an example of a small and concentrated media market
highly dependent on referral traffic that is struggling to maintain online visibility and
revenue amid strong competition from global technology actors (Cardoso et al., 2021).

Despite rapid global deployment of multiple GenAI tools, there is still no empirical
and multi-platform evidence on how these systems present daily news in European Por-
tuguese, how accurately they handle context in moments of national relevance, or how
the specific design features of those platforms’ interfaces might influence pathways to
journalistic content.

Guided by the following questions, we applied content analysis to content produced
by three major platforms: ChatGPT, Gemini, and Google Search.
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RQ1: How do generative AI systems mediate access to daily news in Portugal?

# RQ1a: How do ChatGPT, Gemini, and Google Search differ in source attribution,
summary structure, and contextual awareness?

# RQ1b: To what extent do AI-generated summaries encourage a more passive news-
seeking behaviour?

Our conclusions reveal that an emerging consequence of GenAI summaries on major
platforms is the phenomenon that we describe as news sufficiency, in which people en-
counter summarised content that feels enough to satisfy their immediate informational
needs, thereby reducing the incentive to access full news articles.

2. GenAI in Journalism
Automated Journalism (Diakopoulos, 2019), understood as the algorithmic generation

of news articles, initially only from structured data such as sports scores or financial reports,
has long been evaluated against human-written news. Even before the public release of
ChatGPT in 2022, studies showed that AI-generated texts could be perceived as equal or,
in some cases, better than those written by humans in clarity, conciseness, and objectivity
(Wölker & Powell, 2021; Jung et al., 2017; Haim & Graefe, 2017; B. Liu & Wei, 2019).

Given the recent advancements in LLMs, recent studies demonstrate that both gen-
eral publics and future journalists tend to rate GenAI-generated headlines or articles as
credible, readable, and stylistically journalistic (Baptista et al., 2025; Gherhes, et al., 2025;
Moravec et al., 2024); however, when audiences are told that headlines are AI-generated,
perceived accuracy and willingness to share decline (Altay & Gilardi, 2024).

Existing research, while recognising the potential for newsroom efficiency and au-
dience participation, particularly through personalisation, accessibility, and interactive
storytelling (Chalikiopoulou et al., 2025), highlights several shortcomings of GenAI in
journalism, including bias, hallucinations, inconsistent source attribution, and risks to
editorial transparency (Bartleman et al., 2026; Ioscote et al., 2024; Forja-Pena et al., 2024;
Pavlik, 2023). For example, a study by Fang et al. (2024) revealed that, when using real
headlines as prompts, LLMs produced content with substantial gender and racial bias
compared to the original news articles. There is also evidence of strong geographic im-
balance in the training data of these models, which affects output quality, particularly in
underrepresented non-English contexts (Radcliffe, 2025). In response, many news organisa-
tions have begun adopting responsible guidelines for the professional use of GenAI tools
(Sánchez-García et al., 2025).

Moreover, the integration of AI into journalistic workflows remains uneven. Limited
financial and technical capacity makes it difficult for smaller media markets to compete
with global platforms or to build AI infrastructures internally. Research in Portugal shows
that while individual journalists increasingly experiment with AI tools, structural inte-
gration across the newsroom is limited by resource constraints, gaps in AI literacy, and
concerns over accuracy and editorial control (Vicente et al., 2025; Couraceiro et al., 2025a).
This reality strengthens the argument that supportive public policies are needed to en-
sure that news organisations can innovate responsibly, maintain autonomy, and promote
information pluralism.

As AI-generated news summaries increasingly mediate public understanding of un-
folding events, concerns have emerged regarding the absence of the editorial and account-
ability mechanisms that characterise journalism. This has resulted in sustained criticism
from news organisations, which argue that AI-generated content facilitated by big tech
platforms can undermine public trust in news. Such concerns are particularly salient given
that many AI news features remain experimental and are therefore subject to substantial
changes or discontinuation. For example, Apple suspended its AI-generated news alert

https://doi.org/10.3390/journalmedia7030152

https://doi.org/10.3390/journalmedia7030152


Journal. Media 2026, 7, 152 4 of 28

service after major news organisations, including the BBC and The New York Times, raised
concerns about factual inaccuracies in the summaries it produced (Milmo, 2025).

While a more streamlined information path may benefit straightforward questions, it
raises concerns in complex or sensitive contexts. Google’s introduction of Guided Learning
in Gemini reflects a broader recognition that overreliance on a single response may limit
deeper learning and critical thinking. These concerns are further reflected in disclaimers
warning that AI-generated responses may contain errors.

These deficiencies contribute to public scepticism toward AI-generated news. Survey
research consistently finds that audiences across countries trust news articles written
by journalists more than those produced exclusively by AI (R. Fletcher & Nielsen, 2024;
Armstrong et al., 2024). A similar pattern emerges in Portugal, where twice as many people
are comfortable with news produced primarily by journalists as with news generated by
AI (Couraceiro et al., 2025b). Experimental evidence presented by Nanz et al. (2025) further
suggests that audiences place less trust in news outlets that rely on AI-generated content
than in otherwise similar outlets staffed by journalists, particularly when reporting on
political issues. Such AI outlets are also associated with lower acceptance of advertising,
although willingness to pay was not affected, indicating implications for the business
model of news organisations. In this context, some groups actively resist the integration of
AI into journalism, avoiding using AI tools for news searches and expressing normative
opposition to automated news production (Morosoli et al., 2026).

As one of the first studies to examine the use of GenAI for political information and
news, Reiss et al. (2026) found that in Germany before the 2024 European Parliament
elections, GenAI played only a marginal role in news consumption. Rather than attract-
ing traditionally disengaged audiences, GenAI use for news was more common among
individuals with higher political interest, greater trust in news, and richer news media
diets, suggesting that established patterns of information consumption largely remained
unchanged during this initial phase of adoption. More recent data from the Digital News
Report 2026 points in a similar direction (Ross Arguedas, 2026). Although the proportion
of people using AI chatbots for news has increased globally (from 7% to 10% in one year),
adoption remains concentrated among younger and highly engaged news users, with use
being substantially higher among people with a strong interest in news and intensive news
consumption habits.

Despite persistent scepticism toward AI-generated news, the measurable differences
from authentic journalism narrow as LLMs and their AI summaries improve (J. Fletcher &
Verckist, 2025). In fact, even the computational evaluation of ChatGPT’s performance in
generating news summaries showed results equivalent to those produced by journalists
(Kim et al., 2025). Therefore, the growing capacity of GenAI to summarise, synthesise,
personalise, and reformat news content may profoundly reshape news consumption, poten-
tially reducing dependence on traditional news outlets while increasing the importance of
journalism’s distinctive contributions, such as verification, original reporting, and trusted
relationships with audiences (Rydenfelt et al., 2026).

Meanwhile, social media platforms accelerate this blurring effect by circulating multi-
modal AI-generated content at scale, making people more familiar with synthetic media
and increasing their difficulty in distinguishing authentic from fabricated material (Drols-
bach & Pröllochs, 2025; Moravec et al., 2024; Sahebi & Formosa, 2025). In this sense, GenAI
is not simply entering the media ecosystem; it is reshaping how audiences search for,
interact with, and interpret information (Guzman & Lewis, 2024).

The present challenges do not emerge in a vacuum. AI has long influenced the news
environment through algorithmic curation, recommendation systems, and ranking models
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(Túñez-López et al., 2020). What distinguishes the current moment is the scale and speed
at which GenAI disrupts news access.

For this study, two key theoretical concepts—algorithmic gatekeeping and framing—
are mobilised to bridge the above discussion on the automation of news production with
its consequences when big tech platforms deliver AI summaries.

Algorithmic gatekeeping refers to the process through which the selection and vis-
ibility of online information, such as news, are increasingly governed by algorithmic
systems rather than by human editors and journalists (Gillespie, 2018; Garajamirli, 2025).
While early work on algorithmic gatekeeping focused primarily on social media platforms
(Van Dalen, 2023), more recent scholarship has extended this perspective to GenAI. In this
context, particular attention has been given to how LLMs automatically generate news
content, thereby assuming gatekeeping functions (Voinea, 2025).

Framing theory complements this discussion by emphasising the role of news produc-
ers in constructing social reality through the selection and representation of information
(Tuchman, 1978). Beyond determining which issues receive attention, framing concerns
how events and actors are represented through visual and discursive elements that privi-
lege certain interpretations while marginalising others. As Entman (1993) argues, frames
function by defining problems, attributing causal responsibility, making moral evaluations,
and promoting particular solutions, thereby influencing how audiences understand and
evaluate public issues.

Voinea (2025), in theorising the place of mass communication theories in the AI era,
argues that both framing and gatekeeping have traditionally presupposed human editorial
judgement, grounded in social and deontological values that help define what constitutes
legitimate information. However, these processes are reshaped by opaque algorithmic
logics behind the production of GenAI content. Consequently, power asymmetries and
structural dependencies on big tech platforms are intensified (Simon, 2024), contributing to
the erosion of journalistic authority and the reconfiguration of normative news values into
quantitative engagement metrics and processes of search or generative engine optimisation
(SEO/GEO) that shape what is recognised and circulated as news.

3. Materials and Methods
This study applies content analysis to material produced and presented through

three major AI platforms: ChatGPT (OpenAI, San Francisco, CA, USA), Gemini (Google
LLC, Mountain View, CA, USA), and Google Search (Google LLC, Mountain View, CA,
USA), based on three different prompts and 72 queries by 8 independent users on
10 September 2025, complemented by an exploratory assessment of the Google AI Mode
on 14 October 2025.

The use of content analysis as a method is justified by its capacity for systematic
description and annotation of data, which allows for the drawing of replicable inferences
from content while taking into account the contexts in which it is used and produced
(Krippendorff, 2019). In this sense, content coding, whether more or less complex, depend-
ing on the data and the research objectives, facilitates the identification and subsequent
annotation of characteristics deemed relevant, which may interact with the broader so-
cietal context and are embedded within the analysed content (Coe & Scacco, 2017). As
Schneijderberg et al. (2026) note, particularly in digital contexts such as the GenAI and
search platforms analysed here, communication is framed differently and contains less
contextual information than in face-to-face interactions. At the same time, the structuring of
language and shared meaning within communicational flow, through forms of expression
that follow regular patterns, enables the extraction of meanings from large volumes of text.
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In this study, context was incorporated through consideration of both the prompts
submitted by users and the responses generated by the AI platforms. The platform outputs
were generated in response to predefined prompts by real users, allowing the resulting
content to be interpreted in relation to the communicative scenarios established by the
researchers, situated within specific temporal and geographical contexts, namely Portu-
gal on 10 September 2025. In addition, the responses were analysed using a common
coding framework based on analytical constructs derived from theory and previous re-
search (Krippendorff, 2019; White & Marsh, 2006). This approach enabled a systematic
comparison across platforms while accounting for the contextual influence of the prompts,
the characteristics of real users, and the temporal and geographical constraints. Conse-
quently, the analysis supported the development of inferences regarding specific platform
features and variations across the analytical dimensions, while also facilitating replication
in other contexts.

Moreover, as a method with a broad analytical scope (Titscher et al., 2000), content
analysis is not limited to textual data but can be multimodal, extending to visual or
auditory material, as well as to the interplay between different media (Coe & Scacco, 2017).
Although the present study focuses on textual outputs, visual elements such as images
and pictographic resources (e.g., newspaper logos) were occasionally observed across the
analysed platforms, and, as such, formed part of the broader communicative environment
in which the content was presented. While these elements were not systematically coded or
incorporated into the analytical framework, they are reported in the results where relevant,
as they contribute to understanding how information was communicated and presented
across platforms.

The unit of analysis for this study consisted of screenshots that feature the texts,
embedded links, and interface visual elements produced in response to predefined
queries/prompts across three platforms: ChatGPT, Gemini, and Google Search. These
screenshots were stored in a Word document, and the corresponding text was transcribed
and recorded in a structured database (see Supplementary Materials).

Data collection occurred on 10 September 2025. Eight participants from Lisbon were
recruited for the study (see Appendix A). These participants, each using independent ac-
counts on their own laptop, executed a structured set of prompts across the three platforms,
totalling 8 participants × 3 prompts × 3 platforms = 72 outputs.

Participants interacted with the publicly accessible consumer versions of ChatGPT,
Gemini, and Google Search, available on 10 September 2025. ChatGPT responses were
obtained using GPT-4o, and Gemini responses were obtained using the Gemini 2.5 flash.

All participants used their personal accounts, thereby maintaining natural conditions
shaped by each user’s pre-existing search histories and account preferences, which produces
an inherent real-world variability. For ChatGPT and Gemini, each query was submitted in
a fresh conversation, preventing short-term memory effects and ensuring a greater degree
of independence of responses.

Each participant entered the following three prompts/queries on ChatGPT, Gemini,
and Google Search:

• Prompt 1. “Quais as principais notícias do dia?” [What is the main news of the day?]
• Prompt 2. “Quais as últimas notícias sobre o Elevador da Glória?” [What is the latest

news on Glória Funicular.]
• Prompt 3. “Elevador da Glória.” [Glória Funicular.]

These prompts were selected to provide complementary levels of analysis. With
prompt 1, the goal was to receive the most important news headlines, enabling a com-
parison of different systems’ outputs after surfacing top news topics without thematic
constraints. With prompt 2, the focus was to identify how each platform presented news
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information about a specific topic, centred on the highly salient Glória Funicular accident
in Lisbon. Finally, prompt 3 looked for contextual inference in the absence of explicit
news framing, allowing assessment of whether platforms would autonomously prioritise
updated information about the recent tragedy over generic responses based on historical
tourist information.

The Glória Funicular accident in Lisbon was chosen as the focal thematic case due
to its national and international salience. The accident, occurring on 3 September 2025,
resulted in 16 fatalities and more than 20 injuries, affecting both Portuguese citizens and
foreign tourists. The event generated extensive media coverage, political repercussions due
to its proximity to the 2025 municipal elections, and ongoing news updates in Portugal and
abroad throughout the following weeks.

It is worth noting that data collection took place on 10 September 2025, a week after
the accident, at a moment when information about the potential causes and political
responsibilities surrounding the event was still developing. This evolving context makes
the case particularly useful for evaluating how responsive each system is to unfolding news.

The outputs from the search and conversational platforms were analysed according to
three analytical dimensions: source attribution, summary structure, and contextual awareness.

The decision to adopt a model with three dimensions is grounded in both theo-
retical and methodological considerations. Existing research on audience responses to
AI-generated content frequently focuses on evaluative constructs such as readability, in-
formativeness, style, credibility, trust, and acceptance (Baptista et al., 2025; Gondwe, 2025;
Moravec et al., 2024). While valuable, these dimensions primarily capture users’ percep-
tions and are therefore better suited to audience-centred research designs than to content
analyses of platform outputs. Given that our research question examines how GenAI
systems mediate access to news, we adopted a parsimonious framework centred on di-
mensions that are directly observable in AI-generated responses, representing a balance
between theoretical comprehensiveness and empirical operationalisation. However, the
boundaries between dimensions are not rigid, and connections with dimensions not explic-
itly incorporated into the model are understood as an inherent feature of complex social
phenomena (Jabareen, 2009).

Aligned with the assumptions of the content analysis, our three dimensions are derived
primarily from relevant literature.

The first dimension of source attribution captures the role of GenAI systems as algo-
rithmic gatekeepers (Voinea, 2025). By selecting, prioritising, and presenting information
from particular news sources, these systems influence not only the content users encounter
but also the visibility of original news producers. Source attribution is therefore a key
dimension of AI-mediated news access, as it captures the extent to which platforms make
the origins of information transparent and traceable. Previous research has highlighted
concerns regarding inaccurate, incomplete, or distorted source attribution in AI chatbots
(J. Fletcher & Verckist, 2025) and emphasised the importance of source attribution for
verifying the authenticity, origin, and authorship of AI-generated news content as a means
of combating misinformation and disinformation (Luttrell et al., 2025). Source attribution is
thus a central dimension of journalistic transparency and credibility, as the visibility and
traceability of sources fundamentally shape how users assess reliability and authority in
GenAI environments (Luttrell et al., 2025).

The second dimension, regarding the structure of the summary, builds on
Zhang et al. (2024)’s application of framing theory to the analysis of news text summarisa-
tion. Their approach highlights how the presentation of information (e.g., what is selected
and how text and images are organised) influences the audience’s perception and inter-
pretation of the content. The summary structure is therefore particularly relevant to the
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study of AI-mediated news access, as GenAI systems do not merely retrieve information
but actively condense and reorganise news events into hierarchies of relevance and salience
(Liscio et al., 2025). In doing so, they participate in the construction of meaning and news-
worthiness, while potentially preserving, reinforcing, or altering elements of the original
news framing (Zhang et al., 2024). The summary structure is therefore a central dimension
of AI-mediated news access, as it shapes the organisation, salience, meaning, and diversity
of information presented on AI platforms.

Finally, the contextual awareness dimension reflects the premise that meaning in
communication between humans and AI systems is co-constructed through contextual
cues, encompassing linguistic, interactional, and situational factors (Geroimenko, 2026).
In applied domains such as personalised learning, context-aware AI is increasingly de-
fined through the integration of real-time environmental and behavioural data that enable
adaptive outputs (Z. Liu et al., 2026). Regarding news, contextual awareness is particularly
important because audience trust and expectations around AI-generated content depend
not only on the provision of accurate information but also on the system’s ability to inter-
pret user intent and situate responses within the current news environment (Gondwe, 2025;
Simon et al., 2025). This includes providing relevant and updated content that follows
established journalistic conventions (Zhang et al., 2024). Contextual awareness is therefore a
central dimension of AI-mediated news access, as it shapes the contextualisation, relevance,
and interpretability of news information presented on AI platforms.

These analytical dimensions and specific indicators presented in Table 1 follow a
deductive–inductive approach (Schneijderberg et al., 2026), combining theoretical and
empirical work. While existing theory guided the definition of the analytical dimensions a
priori, the final set of indicators was defined and refined through exploration of the data.

Table 1. Analytical dimensions and indicators.

Analytical Dimension Indicators

Source
attribution

• Presence or absence of hyperlinks to news outlets;
• What is the location and visual prominence of links (e.g., presented at the top,

distributed within paragraphs, or placed at the end);
• Whether there are explicit references to identifiable news outlets;
• What are the main news sources resulting from prompt 1 “What are the main news of

the day?”

Summary structure

• What is the format and order in which information is presented;
• What are the main themes resulting from prompt 1 “What are the main news of

the day?”;
• What are the main topics resulting from prompt 2 “What are the latest news of Glória

Funicular?”

Contextual awareness

• Presence of recent and updated news rather than outdated and generic content;
• Whether the summary is written in a journalistic style, with clarity and objectivity;
• Whether prompt 3 “Glória Funicular” is interpreted as a query with news intent rather

than seeking information on a tourist attraction.
Source: own elaboration.

Content analysis followed a sequential coding procedure. An initial coder analysed
the full dataset and, for the qualitative components of the analysis, developed categories
iteratively from the data. A second coder independently reviewed all coded material, with
discrepancies identified and resolved through discussion and consensus.

After the core data collection for the three platforms had been completed, Google in-
troduced a new experimental feature in Portugal called AI Mode. Because this functionality
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emerged only later, it was not integrated into the primary comparative analysis. Instead, it
was examined exploratorily to further discuss its implications.

Given the preceding discussion, the following analytical framework (Figure 1) is
designed to operationalise the core concepts and relate them to the research questions.
Within this study, news searching is divided into two main categories: (i) a traditional
search via Google Search, and (ii) a search within AI chatbots. Positioned between these
are hybrid features such as Google AI Overview and AI Mode, which, despite relying on
generative AI, remain integrated in the traditional search engine. Accordingly, the analysis
of our three analytical dimensions seeks to identify the specific characteristics of each
platform and situate them within broader discussions of audience behaviour. Ultimately,
this framework aims to address the concept of “unintentional news sufficiency”, which is
developed in the conclusion of this article.

Figure 1. Analytical framework.

4. Results
We now present the results of the analysis of source attribution, summary structure,

and contextual awareness for ChatGPT, Gemini, and Google Search from three different
prompts and eight users conducted on 10 September. In the case of Google Search, these
results are shaped by the absence of AI Overview across the three prompts, and the
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emergence of Google AI Mode, with those two points being further examined at the end of
this section.

4.1. Source Attribution

Within the analysed corpus, ChatGPT, Gemini, and Google Search reveal sharply
divergent approaches to source attribution (as summarised in Table 2). Across all prompts
and users, ChatGPT consistently includes active hyperlinks to original news sources,
offering at least one verifiable source per summarised item and thereby enabling traceability
to news outlets. The hyperlinks generated by ChatGPT are typically concentrated at the end
of each summarised item or paragraph, occupying a peripheral position but maintaining
a uniform and visually distinct formatting structure with an explicit reference to news
outlets’ names. Although the link format itself remains consistent across outputs, and a
final sources option is available for consultation, there is notable variation in the specific
sources attributed to different users. Additionally, explicit direct or indirect citations of
identifiable news outlets within the body of the text does not occur.

Table 2. Indicators of source attribution.

Indicator ChatGPT Gemini Google Search

Presence of hyperlinks Includes active hyperlinks to
news sources.

No hyperlinks present
in any output,

as summaries are only
in text.

Includes active hyperlinks to
news sources

(traditional search results).

Location and visual
prominence of links

Links grouped at the end of each
summarised item, visually

separated. Sometimes appears as
flashcards highlighting specific

news and its source.

No links provided.

The hyperlink appears
immediately above each headline

in the traditional results list.
Sometimes a box with “top

stories” appears at the top of
search results.

Explicit references to
identifiable news outlets

Consistent explicit naming of
outlets at the end of each

summarised item (e.g., Notícias
ao Minuto, Reuters, RTP).

No identifiable
sources provided.

Explicit references inherent to
Google’s traditional results

(including “top stories”) with
outlet logo and name displayed

above the headline text.

Main new sources
(based on prompt 1: main

news of the day)

Notícias ao Minuto (24 mentions);
99Bitcoins (12);

RTP (11);
Reuters (8)

No identifiable
sources provided.

Correio da Manhã
(8 times in top five results);

Lusa (7);
Diário de Notícias (7);

Google News (7)

A distinctive pattern emerged in responses generated to most users across prompts, in
which, before delivering the usual text summary, ChatGPT displayed highlighted news
items in a flashcard format, each featuring a clickable image linked to the corresponding
article. Gemini, by contrast, systematically omits hyperlinks and any other mechanism
for identifying the provenance of information, such as explicit mentions of sources, visual
markers, or a references list, providing summaries only in text that are opaque, leaving
users unable to identify the origin of the information. Google Search largely maintains
its conventional structure, in which hyperlinks and outlet names associated with the
headlines function as the primary visual anchors of the results page. However, the sporadic
appearance of the “Top stories” box for some users in prompts 2 and 3 introduces a notable
degree of variability in the Google Search display. Importantly, it does not compromise
source attribution itself as the “Top stories” box continues to present identifiable outlets
and the associated images correspond to the original articles.
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The profile and distribution of sources resulting from prompt 1 (What are the main
news of the day?) further underscores differences between platforms, particularly ChatGPT
and Google Search (see Appendix B.1). ChatGPT surfaces a broad range of news outlets,
although the distribution is uneven, with a small number of sources disproportionately
represented. Notícias ao Minuto appears most frequently (24 mentions), followed by
99Bitcoins (12), RTP (11), and Reuters (8). Together, these four sites account for approxi-
mately three-quarters of all citations generated across users. A notable aspect of ChatGPT’s
sourcing behaviour is the absence of paywalled outlets such as Público, Expresso, or Obser-
vador. This might be a result of accessibility constraints because it cannot access up-to-date
paywalled content; it gravitates toward news outlets or sites openly available, which is
reflected in the use of Notícias ao Minuto, RTP, and Reuters as main sources. Similarly, in
our dataset, the model did not cite specialist sports newspapers such as A Bola or Record
that are paywalled. Instead, it privileges generalist outlets (e.g., Notícias ao Minuto) or
non-journalistic sports sites such as Transfermarkt (three mentions). The appearance of
99Bitcoins for half of the users also suggests that, beyond editorial quality, the mere avail-
ability and accessibility of content, alongside previous users’ interactions, plays a decisive
role in ChatGPT’s source selection.

In contrast, Google Search produces a markedly different sourcing landscape. The
variety of sources is wider and less constrained by paywall limitations, with Correio da
Manhã appearing among the top five results eight times each across the dataset, and Lusa
news agency and Dirário de Notícias seven times. A further notable distinction is the
visibility of Google News (seven occurrences) in the search results, with its appearance
suggesting that Google Search promotes its own news aggregator site as an intermediary
for news consumption.

4.2. Summary Structure

When evaluated through the analytical dimension of summary structure, the three
platforms exhibit clear differences in how they organise and prioritise information (Table 3),
which can be substantially different between users. ChatGPT stands out for adopting a com-
paratively elaborate and multi-layered structure (see Appendix B.2), particularly given that
most users received an initial set of clickable images redirecting to news articles (flashcards)
functioning as a visual entry point into the main news stories. This introductory layer is
followed by the model’s standard structure, a categorised textual summary organised by
thematic domains, which remain stable across prompts and users. In some cases, the sum-
mary concludes with a table synthesising the main points. Gemini, in contrast, maintains a
markedly minimalist and uniform format, producing continuous text blocks segmented by
themes, with a sequential ordering prioritising simplicity and brevity (see Appendix B.3).
It is worth noticing that the table presented by ChatGPT may be considered redundant, as
it summarises content that has already been summarised before. Nevertheless, it does offer
the user another structured visual representation of the information requested, a feature
not found in Gemini, which displays only text, without diagrams or tables.

Google Search preserves its long-established layout of ranked hyperlinks, with the
results reflecting typical SEO ranking and news indexing patterns, rather than any sum-
marising mechanism. However, in prompts 2 and 3, the system occasionally activated the
“Top Stories” feature, which restructures the hierarchy of results by elevating selected news
articles to a visually prominent position in a box at the top of the page, adding images to
the headlines and altering the order of sources relative to standard search results.
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Table 3. Indicators of summary structure.

Indicator ChatGPT Gemini Google Search

Format and order of
presentation

Presents thematically
organised paragraphs as the
standard layout. A synthesis
table at the bottom appears
sometimes; for most users,

outputs begin with flashcards
at the top. Information is
coherent and ordered in a

clear hierarchy from the most
salient to secondary issues

Linear text presentation with
thematically organised

paragraphs. Information is
coherent and ordered in a

clear hierarchy from the most
salient to secondary issues

Maintains a traditional list of
ranked hyperlinks. Ordering
follows SEO relevance rather

than summarisation
mechanism. For some users in

prompts 2 and 3, a “Top
Stories” box may appear at

the top, adding images to the
headlines

Main themes
(based on prompt 1:

main news of the day)

Soccer (15 mentions);
economics/finance (10);

cryptocurrency (5)

International politics (16
mentions);

Israel–Hamas conflict (8);
Ukraine war (7);

housing and cost of living (6)

Ukraine war
(9 times in top five results);

international politics (5);
soccer (4)

Main topics
(based on prompt 2:

Glória Funicular accident)

Four consistent sub-topics:
(i) accident causes;

(ii) victims’ information;
(iii) investigations and

accountability;
(iv) governmental/municipal

responses

Four consistent sub-topics:
(i) accident causes;

(ii) victims’ information;
(iii) investigations and

accountability;
(iv) governmental/municipal

responses

Besides the four consistent
sub-topics, a fifth emerges:

(i) accident causes;
(ii) victims’ information;
(iii) investigations and

accountability;
(iv) governmental/municipal

responses;
(v) responsibility of the
maintenance company

The platforms also differ meaningfully in the identification of main themes associated
with prompt 1 “What are the main news of the day?” (see Appendix C). ChatGPT’s
outputs display a marked emphasis on sports, with soccer emerging as the most frequently
mentioned theme (15 occurrences). This is followed by economics and finance (10) and
cryptocurrency-related topics (5). Gemini presents a markedly different thematic landscape,
with international politics appearing most frequently (16 mentions), followed by news
related to the Israel–Hamas conflict (8), the Ukraine war (7) and issues related to housing
and the cost of living (6). This pattern aligns more closely with Google’s broader news
ranking logic, privileging geopolitical developments and macro-level public affairs. Google
Search, meanwhile, exposes users to a more heterogeneous and professionally curated
set of topics, with the Ukraine war being the most recurrent theme (nine appearances in
the top five results), followed by international politics (five occurrences) and soccer (four
occurrences). Compared with ChatGPT, Gemini, and Google Search show less news related
to sports and none about cryptocurrencies, signalling a different interpretation of what
constituted the news salience of 10 September.

When examining the responses generated for prompt 2 (“what are the latest news of
Glória Funicular?”), the differences in the identification of main themes across ChatGPT,
Gemini, and Google Search become more subtle than in prompt 1, yet they remain analyti-
cally significant. All three platforms identify the same core set of sub-topics: (i) preliminary
accident causes, (ii) victim information, (iii) maintenance problems, and (iv) governmen-
tal/municipal responses, indicating a shared baseline understanding of the event’s key
news dimensions. However, the frequency and relative prominence of each sub-topic vary
across platforms (Appendix C), revealing distinct patterns in how each system structures
and prioritises event-specific information, with ChatGPT more aligned with Gemini. It
is worth noticing that Google Search most prominently presents information that is more
about victims, and also places strong emphasis on the responsibility of the maintenance
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company, a theme largely absent from GenAI outputs that give more attention to the
preliminary causes of the accident.

4.3. Contextual Awareness

The analysis of contextual awareness across ChatGPT, Gemini, and Google Search
highlights some points of convergence as well as substantial variations in the systems’
ability to produce coherent, contextually appropriate, and journalistically aligned responses
(Table 4).

Table 4. Indicators of contextual awareness.

ChatGPT Gemini Google Search

Presence of recent and
updated news

In most cases, presents recent
and up-to-date information.
Provides rich informational

depth with contextual
elements (causes,

consequences, actors
involved). However, for some
users using prompt 3 (“Glória
Funicular”), the results were

generic and outdated.

In most cases, presents recent
and up-to-date information.
Contextual depth is more
limited, with summaries
remaining concise and
minimally elaborated.

However, for some users
using prompt 3 (“Glória

Funicular”), the results were
generic and outdated.

Presents recent and up-to-date
information. When “Top
stories” is triggered, the

publishing time of the selected
articles is visible.

Journalistic style, clarity,
and objectivity

In most cases, adopts a
journalistic style, with clarity

and objectivity. However,
occasionally introduces
affective or empathetic

language (e.g.,
“unfortunately”) when
addressing the Glória

Funicular tragedy (prompt 2).

In most cases, adopts a
journalistic style, with clarity

and objectivity. However,
occasionally introduces
affective or empathetic

language (e.g.,
“unfortunately”) when
addressing the Glória

Funicular tragedy (prompt 2).

Provides links to
professionally written news

content, ensuring journalistic
clarity and objectivity by
default. Headlines and

snippets reflect the style of
established news outlets.

Interpretation of prompt 3
(“Glória Funicular”) as

news intent

Misinterprets the prompt as
referring to the funicular as a

tourist attraction. Provides
outdated or generic

information (history, ticket
prices, schedules), and often

responds in English.

Misinterprets the prompt as
referring to the funicular as a

tourist attraction. Provides
outdated or generic

information (history, ticket
prices, schedules), and often

responds in English

Correctly interprets the
prompt as related to news by

providing relevant and
updated links. Sometimes

provides “Top stories” at the
top of the page.

Both ChatGPT and Gemini exhibit a structured approach when responding to prompt
1 (What are the main news of the day?”) and prompt 2 (“What are the latest news about
the Glória Funicular?”). Both extract and condense the dominant issues circulating in
the news ecosystem, offering the user an accessible overview of key developments, al-
though raising doubts regarding their reliability, as both AI chatbots present warnings
about possible errors. Their summaries present clear thematic segmentation and adequate
informational depth, generally capturing the essential elements of each news item. The
clarity with which top stories are summarised indicates that both AI chatbots can recognise
the informational expectations associated with a request for “main news of the day” and
respond with summaries that demonstrate internal consistency. ChatGPT often integrates
supplementary contextualisation, for example, identifying main actors or causal factors,
whereas Gemini tends to prioritise concision, providing core facts but fewer interpretive
cues. Both conversational platforms end their summary with an incentive for users who
wish to explore a topic in greater depth by doing so through a follow-up question. Google
Search, while not operating as a summarisation tool, reflects the informational priorities of
the broader news environment through the outlets it ranks most visibly.
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For prompt 1, both ChatGPT and Gemini tend to adopt a style that approximates
journalistic conventions, characterised by conciseness and an emphasis on factual report-
ing. However, deviations occur in prompt 2 (“What are the latest news about the Glória
Funicular?”), where both systems occasionally introduce affective or empathetic language,
such as the inclusion of evaluative terms like “unfortunately”, in an apparent attempt to
adjust the tone given the sensitive nature of the event. While such phrasing may signal
a contextualisation effort, it departs from conventional norms of journalistic neutrality
and objectivity. These stylistic shifts suggest that, despite otherwise coherent summaries,
GenAI systems may dynamically balance factual reporting with empathetic framing when
confronted with socially delicate or tragic topics.

Moreover, some inconsistencies were also observed both in ChatGPT and Gemini in the
Portuguese used in the output, sometimes alternating between European and Brazilian vari-
ants and at least once incorporating Spanish terms (e.g., “destaques clave”), which detracts
from the clarity and linguistic uniformity expected from news produced by journalists.

The most pronounced limitations arise in determining whether the chatbots interpret
prompt 3 (“Glória Funicular”) as a news-oriented query rather than a tourism-related
request. Both ChatGPT and Gemini displayed systematic misinterpretation of user intent
when the query was reduced to the name alone. Instead of recognising the prompt as a news-
oriented task, considering the aftermath of a major media event, both platforms reverted to
generic or outdated descriptions of the Glória Funicular as a tourist attraction. This included
providing historical background, ticket prices, and operating schedules, even though the
funicular had been out of service following the tragedy. In some cases, the responses were
produced in English, presumably due to the globally recognisable nature of the attraction,
which further illustrates the systems’ reliance on generic search or touristic information
rather than situational awareness of recent events or the linguistic expectations set by the
prompt. In contrast, Google Search demonstrated far stronger contextual awareness for
the same minimal query (“Glória Funicular”); the system consistently surfaced up-to-date
news links, completed with “Top stories” at the top of the page, thus correctly interpreting
user intent as news-related rather than touristic information.

4.4. The Absence of Google’s AI Overview

The analysis revealed an unexpected absence of Google’s AI Overview during the
formal data collection of 10 September 2025 despite being available since March 2025 and
its earlier appearance in an exploratory test conducted on 22 August 2025 regarding the
topic of fire season in Portugal.

According to Google’s Help Center, AI Overviews only appear when the system
determines that generative summaries would be “especially helpful—for example, when
you want to quickly understand information from a range of sources.” (Google, n.d.).
Moreover, following the USA release in May 2024, Google stated in its blog that it aims “to
not show AI Overviews for hard news topics, where freshness and factuality are important”
(E. Reid, 2024). Independent SEO analyses further indicate that AI Overviews remained
limited, with their visibility fluctuating as Google continually adjusts triggering thresholds
and refines when the feature should be displayed, resulting in noticeable swings identified
during 2024 and 2025 (Shehata, 2024; Garanko, 2025).

These factors provide plausible explanations for why prompt 1 (regarding the news
of the day), which might include hard news, did not trigger an AI Overview and for why
it also does not appear with the specific queries referring to the Glória Funicular tragedy
(prompts 2 and 3), particularly given the initial circulation of incorrect official information
regarding the number and identity of victims.
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4.5. Exploratory Assessment of Google AI Mode

On 5 March 2025, Google announced on its blog a new AI Mode, Google AI Mode, justi-
fied by “power users” that “want AI responses for even more of their searches” (Stein, 2025).
This feature was only introduced in Portugal on 7 October (Cattaruzzi, 2025).

Google AI Mode operates through a dedicated interface within Google Search, in
contrast to AI Overview, which appears embedded directly within the primary results page.
Accessing it requires users to select the “AI Mode” within the Google Search results page,
after which the system automatically re-runs the user’s initial query within a conversational
environment. Functionally, AI Mode resembles ChatGPT or Gemini, as it enables follow-up
questions and sustained interaction. It therefore occupies a hybrid position, as it is triggered
from the search engine but transitions the user into a separate dialogic space that blends
GenAI content with an input initiated by a traditional Google search.

For the exploratory assessment conducted on 14 October 2025, only prompt 1 (“What
are the main news of the day?”) was used (see Appendix D). Several preliminary tendencies
emerged in relation to our analytical framework. First, AI Mode does not provide source
attribution within the text, aligning it more closely with Gemini than with ChatGPT’s
explicit linking practices. The absence of citation or reference within the body of the sum-
mary limits users’ capacity to verify the provenance of the information. However, unlike
Gemini, AI Mode places a set of image cards linking to news (like ChatGPT flashcards) on
the right-hand side of the interface, corresponding to the topics included in the summary.
These links offer additional visual salience and serve as an external verification pathway,
partially compensating for the lack of explicit source citation in the text.

Second, the structure of AI Mode’s text summaries is notably simple and resembles
Gemini’s linear textual format, with the system presenting a concise overview of the main
developments of the day across different paragraphs thematically grouped. Third, the
writing style conforms to a journalistic style, marked by clarity and objectivity, as in this
prompt 1, the tone remained factual and balanced. Given the scope of the exploratory
exercise, it was not possible to determine whether AI Mode would exhibit the empathetic
nuances observed in ChatGPT and Gemini when responding to sensitive prompts such as
the Glória Funicular accident (prompt 2).

Overall, although preliminary, these observations suggest that AI Mode reflects
Google’s attempt to integrate generative capabilities while preserving continuity with
its established search paradigm.

5. Discussion
The comparison between ChatGPT and Gemini reveals differences in how information

is presented that have implications for the credibility and perceived trustworthiness of
their news outputs. ChatGPT generally provides summaries accompanied by explicit
source attribution, offering hyperlinks that allow users to trace the provenance of the
information. Gemini, by contrast, produces only summaries in text without any reference
to original sources.

These findings are consistent with studies that show substantial variations in accuracy
and sourcing quality across GenAI systems. An investigation by BBC involving journalists
evaluating news summaries found that all major AI chatbots produced distorted or factu-
ally incorrect summaries (BBC, 2025). A broader European study with 22 public service
media organisations similarly showed systemic sourcing failures, identifying significant
problems in 72% of Gemini’s responses, more than triple the rate observed in other chatbots
(J. Fletcher & Verckist, 2025). These attributional weaknesses mean that while the GenAI
systems generate linguistically coherent outputs, their reliability diverges substantially.
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Google Search stands somewhat apart in this GenAI ecosystem. Its conventional
presentation of ranked links ensures accurate source identification by design, a pattern at
least partially supported by Google’s commitment to suppress AI Overview for queries
related to hard news in order to avoid misrepresentation (E. Reid, 2024). However, in early
2026, Google began testing AI-generated headline replacements, even in traditional search
results, effectively rewriting journalistic headlines with AI alternatives that may distort
tone or meaning without publisher consent (Hollister, 2026). As Memon and West (2024)
argue, the incorporation of GenAI into search engines carries an “unwarranted sense of
credibility” while simultaneously eroding transparency and source traceability, a dynamic
clearly reflected in Google’s recent experiments.

These issues intersect with a wider body of research on hallucination risks in LLM
outputs, especially when summarising dynamic and evolving events (Sun et al., 2024;
Cao et al., 2024), as is the case with the Glória Funicular.

Across the content analysis, it became evident that the persuasive fluency of GenAI
outputs can obscure factual errors, leading users to interpret AI-generated summaries as
journalistic in tone and therefore inherently trustworthy (Moravec et al., 2024).

The journalistic style was clear in the response to the first prompt, where both ChatGPT
and Gemini consistently produced outputs that resembled professional news writing, being
concise and apparently neutral and objective. The structural organisation of the summaries,
including systematic segmented thematic paragraphs and ChatGPT’s occasional use of
tables, further reinforced the impression of an orderly and “journalistic” mode of presen-
tation based on facts. This interplay between linguistic clarity and structured formatting
constructs a discourse of epistemic authority despite the underlying quality or accuracy of
the content.

The neutrality of the first two prompts (“main news of the day” and “latest news about
the Glória Funicular”) also contributed to this effect. Their direct, unambiguous phrasing,
combined with their formulation in Portuguese, led the AI models to adopt an expected
journalistic register and to anchor their responses in national news frames. However,
notable differences emerged as Gemini tended to give more prominence to international
news, whereas ChatGPT placed greater emphasis on soccer.

The analysis also revealed that stylistic consistency is only superficial, and it breaks
down in contexts involving sensitive events. In prompt 2, both ChatGPT and Gemini
occasionally introduced affective expressions such as “unfortunately”, deviating from the
objectivity traditionally associated with news reporting. This shift aligns with the broader
tendency of LLMs to optimise for empathic engagement, adjusting tone in response to
perceived emotional salience as a way of fostering user affinity (Chen et al., 2025). As
a result, the “persona” projected by these GenAI systems oscillates between journalistic
detachment and conversational empathy, with variations observed not only across prompts
but also across users, likely reflecting differences in prior interactions.

A more pronounced limitation emerged in prompt 3 (“Glória Funicular”), where both
ChatGPT and Gemini consistently failed to recognise the news intent of the query. Instead
of contextualising the prompt within the ongoing accident coverage, as would be expected
from a system with robust contextual reasoning, they reverted to generic tourist descriptions
of the funicular, including outdated operational schedules and ticket prices despite the fact
that the attraction had been closed following the tragedy. This inconsistency in how GenAI
systems mobilise contextual cues suggests that LLMs possess limited contextual awareness,
particularly when user intent must be inferred rather than explicitly stated. By contrast,
Google Search’s architecture appears better suited to maintaining contextual relevance
across queries, at least in highly salient news events.
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This fundamental limitation of LLMs can be explained because they generate text
by predicting statistically likely sequences, and so they cannot inherently distinguish
accurate from false information, revealing vulnerabilities in contextual reasoning, safety
mechanisms, and training data (Akpan, 2025). The result is a form of contextual myopia
in which the system defaults to the most statistically common interpretation of a noun
phrase (“Glória Funicular”) rather than integrating contextual awareness based on recent
news events.

In our analysis, ChatGPT consistently emerges as visually more effective than Gemini.
Its presentation of news “flashcards” at the top of the response, combined with explicit
source links embedded at the end of each summary item, enhances informational trans-
parency and strengthens perceived epistemic legitimacy. Gemini, by contrast, offers an
interface centred exclusively on text. While such minimalism may align with dialogic
interaction norms present in traditional chatbots, it limits opportunities for clicking on
the underlying sources, raising questions about whether users perceive the information
presented as sufficiently supported or authoritative.

Differences in thematic emphasis across platforms further reinforce these divergences.
Gemini’s outputs appear broadly aligned with the thematic weighting observed in Google
Search, which is unsurprising given their shared Google infrastructure.

ChatGPT, by contrast, does not reflect the top sources surfaced by Google Search and
tends to rely more on international news such as Reuters. This pattern may reflect its En-
glish bias and the need for public access sources. Additionally, soccer and cryptocurrency
were also more prominent in ChatGPT, which may be the result of particular users’ prefer-
ences regarding sports and cryptocurrencies rather than their relative newsworthiness. A
noteworthy distinction is that ChatGPT does not cite paywalled outlets, whereas Google
Search regularly features such sources prominently in its top results. This discrepancy may
influence users’ perceptions of the value of paid journalism and could further marginalise
outlets whose content requires subscription access. Such divergences matter as they may
subtly reshape users’ perceptions of what counts as “important” news, thereby influencing
media diets and agenda-setting effects across platforms.

Overall, the observed variations across platforms and prompts suggest that source
attribution, summary structure, and contextual awareness can be understood as more than
technical or stylistic features. They may also be interpreted as communicative affordances,
reflecting the relationship between the technology itself and the social contexts in which it
is used (Majchrzak et al., 2013), particularly given that AI outputs are shaped by training
data produced by humans and patterns of user interaction. Differences in these dimensions,
therefore, may shape how users read, navigate, and ultimately evaluate news content.

These contrasts also highlight important behavioural implications, pointing towards
an increasing passivity in news consumption. Traditional search engines, such as con-
ventional Google Search, encourage more active audiences, as individuals must compare
multiple links, exercise editorial judgement, and select preferred sources, which maintains a
degree of agency and exposes them to a wider range of news outlets. GenAI systems invert
this process by delivering a single and authoritative answer, with no choice needed beyond
the initial user query/prompt, reducing deliberation time and potentially diminishing
exposure to diverse viewpoints. While this may benefit users seeking quick factual an-
swers, scholars warn that it may erode critical thinking, increase vulnerability to errors and
disinformation, and weaken the relationship between audiences and primary journalistic
sources (R. Fletcher & Nielsen, 2024; Guzman & Lewis, 2024).

Whether these AI-generated summaries meet audiences’ expectations for their news
diet might depend on individual informational needs and preferences. However, the find-
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ings suggest that, at a headline level, to know “what happened in the news”, the thematic
range and information details offered by GenAI systems may be perceived as sufficient.

It is in this empirical context that we introduce the idea of news sufficiency. Building
on the observed patterns of limited visibility of sources, condensed summary presentation,
and reduced contextual depth, this concept refers to situations in which AI-generated sum-
maries provide a level of information that users perceive as “enough”, thereby diminishing
the incentive to access full news articles.

Evidence from the Digital News Report 2026 offers additional support for this theoretical
proposition. While AI chatbots are still used for news by a relatively small share of the
population, current users—who tend to be younger, highly interested in news, and intensive
news consumers—already display behavioural patterns consistent with the logic of news
sufficiency. Compared with users of search engines and social media, AI chatbot users are
less likely to report clicking through to original news sources because they want additional
detail. Ross Arguedas (2026) suggests that this difference may indicate that users are
“more satisfied with the amount of information provided within chatbot environments”. In
other words, AI-generated responses may increasingly fulfil informational needs without
requiring them to consult the original news article, illustrating the mechanism that the
concept of news sufficiency seeks to capture.

In our conceptualisation, news sufficiency occurs when audiences encounter a succinct
and seemingly complete synthetic response whether in a search engine, IA chatbot, or other
AI interface, and the perceived need to consult the original sources is reduced or eliminated.

This concept extends existing debates on zero-click searches, which describe situations
in which users do not access external links. However, zero-click searches are primarily
focused on traffic outcomes at the platform level. By contrast, news sufficiency shifts atten-
tion to the communicative effects underlying this behaviour. Rather than merely describing
the absence of clicks, it captures the conditions under which AI-generated summaries are
perceived as sufficiently complete to satisfy audiences’ immediate informational needs.

News sufficiency shares similarities with both news avoidance and the news-finds-
me perception, yet it remains conceptually distinct from each. On the one hand, news
avoidance is typically understood as the intentional or habitual reduction in news con-
sumption driven by factors such as information overload, distrust, or lack of interest
(Ksiazek et al., 2010; Skovsgaard & Andersen, 2020). By contrast, news sufficiency does not
presuppose disengagement from news, as individuals may actively seek information and
still perceive an AI-generated summary as sufficient. On the other hand, the news-finds-me
perception captures the belief that active news seeking is unnecessary because news will
reach individuals through social media, interpersonal networks, or incidental exposure
(Gil de Zúñiga et al., 2017; Strauß et al., 2021). By contrast, news sufficiency captures the
perception that further news seeking is unnecessary. Thus, whereas news avoidance reflects
a motivation to disengage from news and the news-finds-me perception reflects a belief
about how news is acquired, news sufficiency reflects a judgement that the information
already obtained (through an AI-generated summary) is sufficient, reducing the perceived
value of consulting original journalistic sources.

The growing AI integration in search engines is particularly visible, allowing it to
provide results more quickly, with greater precision, and in ways that are adapted to the
individual user (Alalaq, 2025). However, compared to AI chatbots such as ChatGPT or
Gemini, the integration of GenAI into Google Search introduces a distinctive challenge
because it operates involuntarily from an audience perspective. AI Overview cannot be
disabled by users, and its presence is triggered automatically for many queries. This raises
ethical questions regarding autonomy (Catena, 2026) and echoes longer debates concerning
privacy, transparency, consent for data usage (Akakpo et al., 2025), and environmental sus-
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tainability (Pachot & Patissier, 2023), as users may not intend to engage with AI-generated
content but encounter it regardless.

The distinction between conversational AI platforms such as ChatGPT and Gemini,
which users access deliberately, and Google AI Overview, which may be automatically dis-
played during information searches, suggests that news sufficiency may be unintentional in
certain circumstances. Some individuals may consciously regard AI-generated summaries
as sufficient to meet their informational needs, whereas others may arrive at the same
outcome without having previously considered whether further engagement with original
news sources is necessary. In the latter case, the perceived sufficiency of the summary
emerges as an unintended consequence of the interaction itself, reducing or eliminating the
perceived need to consult the original source.

Consequently, unintentional forms of news sufficiency may contribute to inequalities
in news consumption by disproportionately affecting users with lower levels of media
literacy, trust, or interest (Reiss et al., 2026).

6. Conclusions
The present study contributes by showing how source attribution, summary structure,

and contextual awareness may produce news sufficiency that reduces the need for access
to news outlets.

Although the present study does not directly measure audiences’ behaviour, its find-
ings provide empirical indications of the conditions under which news sufficiency may
emerge, particularly as LLMs continue to improve and familiarity with these technologies
increase. In this respect, news sufficiency should be understood as a communicative effect,
arising from the interaction between audiences’ perceptions and the design characteristics
of AI-generated summaries rather than solely from individual preferences.

This news sufficiency, in which people encounter summarised content that feels
enough to satisfy their immediate informational needs, thereby reducing the incentive to
access full news articles, threatens not only audience engagement but also the economic
model of news organisations that depend on traffic for revenue. More broadly, it risks
normalising a more superficial relationship with news that is less anchored in detail, context,
or critical thinking.

As demonstrated in our content analysis, both ChatGPT and Gemini exhibit strong
capacities for generating coherent summaries and organising complex information into
accessible formats. These affordances help explain the growing adoption of AI tools in
everyday news practices and suggest their potential as assistance tools to professional
journalism rather than outright replacements.

At the same time, our study reveals clear limits in GenAI contextual reasoning. When
prompts carry ambiguity, GenAI systems can misinterpret user intent, as seen in the
repeated failure to recognise “Glória funicular” as a news prompt during a period of
intense media coverage of the accident. Such errors undermine trust and illustrate why, at
least for now, human oversight remains indispensable in news contexts.

This study also highlights a stylistic dimension that deserves further attention. For
prompt 2 asking for the latest news on the Glória Funicular accident, AI chatbots shifted
between apparent objective and empathetic tones. While such discourse adjustments may
reflect attempts to meet perceived user expectations, they blur the boundary between
journalistic detachment and conversational empathy. Therefore, future research could
explore how these hybrid “personas” influence user trust, preferences for news tone, and
perceptions of journalistic authority.

The variability observed across platforms, along with the absence of Google’s AI
Overview in our analysis and the appearance of AI Mode, illustrates just how quickly search
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infrastructures and GenAI systems are evolving. Consequently, our findings are necessarily
time-bounded, as the same experiment conducted today would likely produce different
results. Real-world interactions are also more complex than the results that our set of
prompts capture, with users interacting with LLMs in highly diverse ways, often including
news-related requests within broader exploratory dialogues about politics, science, or
local events (Hagar, 2024). In this sense, GenAI is not merely an information retriever
but a medium for conversational news consumption, involving multi-step interactions
beyond directly asking for news, such as article summarisation, clarification, verification,
or comparison between sources (Hagar, 2024; Ross Arguedas, 2026).

As GenAI becomes increasingly embedded in both search infrastructures and conver-
sational platforms, future research should extend beyond the present analysis to examine
how users interpret, negotiate, and experience AI-mediated news environments. In this
regard, interviews and focus groups could help explore questions related to trust and user
agency, while semiotic and discursive analyses may provide additional insights into the
meanings and power dynamics that shape these interactions.

Finally, it is also important to consider the limitations of this study. First, the results
are sensitive to prompt design, as even small variations in wording may lead to different
system outputs. This is particularly relevant to the interpretation of findings related to
summary structure and contextual awareness. However, as Fang et al. (2024, p. 2) note,
“it is necessary to analyse the bias of AI-generated content under biased prompts.” In this
sense, variability induced by the chosen prompts should be considered a central method-
ological constraint in studies of generative AI systems. Second, analysing outputs from
accounts with prior platform activity and a predominantly male sample may introduce
bias, even though the aim was to capture real users, as both previous interactions and
sociodemographic factors could influence the generated outputs. Third, while the three
analytical dimensions capture key aspects of AI-mediated news access, they do not ex-
haust the range of potentially relevant dimensions that could reveal other facets of the
phenomenon. For example, although source attribution was included as a central analytical
dimension because of its established relevance in previous research, our analysis focuses
on whether and how attribution is provided across AI systems rather than on its effects
on audiences. Investigating these effects therefore remains an important avenue for future
research and could further advance understanding of how GenAI mediates access to news.

Taken together, these limitations suggest that the findings should be interpreted as
dependent on the characteristics and context of this study, especially given the rapid
evolution of AI platforms.

Supplementary Materials: The following supporting information can be downloaded at: https://
www.mdpi.com/article/10.3390/journalmedia7030152/s1. Text transcriptions of responses gen-
erated by ChatGPT, Gemini, and Google Search for each of the three predefined prompts used in
the study.
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Appendix A

Table A1. Participants’ sociodemographic characteristics.

Gender Age Education

User 1 Male 38 Master’s
User 2 Male 27 Master’s
User 3 Male 31 Bachelor’s
User 4 Female 28 Master’s
User 5 Male 26 Bachelor’s
User 6 Male 38 Master’s
User 7 Male 33 Master’s
User 8 Male 31 Master’s

Appendix B
Appendix B.1

Table A2. Distribution of sources between ChatGPT and Google Search resulting from query/prompt
1 (What is the main news of the day?).

ChatGPT Google Search *

Notícias ao Minuto 24 4
99 Bitcoin 12 -

RTP 11 -
Reuters 8 -

Dnotícias (Madeira) 3 -
Trasnfermarket 3 -

Jornal Económico 2 -
Lusa 2 7

The Portugal News 2 -
UOL 2 -
Terra 1 -
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Table A2. Cont.

ChatGPT Google Search *

Trending View 1 -
UEFA.com 1 -

Correio da Manhã - 8
Diário de Notícias - 7
Google Notícias - 7

Público - 2
Jornal de Notícias - 2

Expresso - 1
Sapo - 1

Notíciasagora.pt - 1
* Note: For Google Search, only the first five links shown on the results page were counted.
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Figure A1. Screenshot of user 5 from ChatGPT response to prompt 1 (What is the main news of the 

day?) on 10 September 2025. The figure reproduces the original output in Portuguese. The purpose 

is to illustrate the organisation and presentation of information, rather than the specific textual con-
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Table A3. Distribution of themes between ChatGPT, Gemini, and Google Search resulting from 

query/prompt 1 (What is the main news of the day?). 

 ChatGPT Gemini Google Search * 

Soccer 15 4 4 

Economics and finance 10 3 - 

Criptocurrency 5 - - 

Domestic policy 4 3 3 

Housing and cost of living 3 6 - 

Security (Portugal) 2 - 1 

Technology 2 2 1 

Eelvador da Glória 1 2 - 

International politics 1 16 5 

Israel-Hamas conflict 1 8 1 

Justice (Portugal) 1 1 1 
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Health 1 2 - 

Ukraine war - 7 9 

Bolsonaro court case in Brazil - 3 - 

Others 4 5 - 

* Note: For Google Search, only the first five links shown on the results page were counted. 

Table A4. Distribution of themes between ChatGPT, Gemini, and Google Search resulting from 

query/prompt 2 (What is the latest news on Glória Funicular?). 

 ChatGPT Gemini Google Search * 

Preliminary causes and police investigation 14 11 5 

Information about victims 11 10 14 

Maintenance problems 9 7 11 

Figure A2. Screenshot of user 8 from Gemini response to prompt 1 (What is the main news of the
day?) on 10 September 2025. The figure reproduces the original output in Portuguese. The purpose is
to illustrate the organisation and presentation of information, rather than the specific textual content.

Appendix C

Table A3. Distribution of themes between ChatGPT, Gemini, and Google Search resulting from
query/prompt 1 (What is the main news of the day?).

ChatGPT Gemini Google Search *

Soccer 15 4 4
Economics and finance 10 3 -

Criptocurrency 5 - -
Domestic policy 4 3 3

Housing and cost of living 3 6 -
Security (Portugal) 2 - 1

Technology 2 2 1
Eelvador da Glória 1 2 -

International politics 1 16 5
Israel-Hamas conflict 1 8 1

Justice (Portugal) 1 1 1
Immigration 1 - 1

Health 1 2 -
Ukraine war - 7 9

Bolsonaro court case in Brazil - 3 -
Others 4 5 -

* Note: For Google Search, only the first five links shown on the results page were counted.
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Table A4. Distribution of themes between ChatGPT, Gemini, and Google Search resulting from
query/prompt 2 (What is the latest news on Glória Funicular?).

ChatGPT Gemini Google Search *

Preliminary causes and police investigation 14 11 5
Information about victims 11 10 14

Maintenance problems 9 7 11
Governmental/municipality responses 8 8 6

Plans for a new security system 4 6 6
Political consequences 3 6 -

Responsibility of maintenance company - - 13
* Note: For Google Search, only the first five links shown on the results page were counted.
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