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Abstract: This study is focused on communications that come from consumer-to-consumer (C2C)
ecommerce relationships. This topic is directly associated with the electronic word-of-mouth (eWOM)
phenomenon. eWOM is related to the set of positive or negative opinions made by potential, actual,
or former customers about a seller. The present study proposes a structural equation modeling
with partial least squares (PLS-SEM) research model to analyze consumers’ opinions impact on
attitude toward purchasing. This model is based on the Information Adoption Model (IAM) in
combination with an ecommerce satisfaction perspective, comprising five constructs: (1) service
quality, (2) ecommerce satisfaction, (3) argument quality, (4) source credibility and (5) purchase
intention. The model was tested by applying the Smart Partial Least Squares (SmartPLS) software for
which 116 effective data from customers of the Taobao C2C platform were used. The findings reveal
that all of the defined relationships were supported, confirming the positive impact of all the proposed
constructs on the purchase intention. In this respect, the findings suggest that C2C platforms should
strengthen the analyzed connections to grow the business and to promote transactions. Finally,
implications and limitations related to the explanatory capacity and the sample are identified.

Keywords: consumer-to-consumer (C2C); Information Adoption Model (IAM); relationships; ecom-
merce; purchase; electronic word-of-mouth (eWOM); ecommerce satisfaction

1. Introduction

In recent years, many consumer-to-consumer (hereafter, C2C) ecommerce platforms
have emerged [1]. Considering the type of goods, some remarkable examples can be
identified, such as Avancar, SocialCar or Blablacar for car-sharing or rental services; Airbnb
for accommodations; or Wallapop and Taobao for second-hand goods [2,3], among many
others. This phenomenon is also known as collaborative consumption. In fact, some
authors have considered it as a reinvention of traditional markets [4], such as bartering or
exchange. In this manner, collaborative consumption can now be developed on a global
scale thanks to technology [5], promoting the reasonable use of goods [6].

In this context, the success of these platforms is largely determined by the registered
opinion of its users [7]. In this sense, consumers frequently make decisions related to
purchases only under the influence of opinions exposed by other consumers [8]. In fact,
the shopping experience is as important as sharing this shopping experience to influence
the purchase process [9]. Thus, this study is associated with the topic of electronic word-
of-mouth (eWOM) relationships. In this respect, according to [10], eWOM refers to “any
positive or negative statement made by potential, actual, or former customers about a
productor company, which is made available to a multitude of people and institutions via
the Internet”.

In this manner, ref. [11] concluded that it is a platform to obtain trustable and reliability
information about goods and services to support decision-making processes regarding
purchase intentions. In this respect, according to [12], C2C eWOM can modify customer
preferences and behavior toward a specific purchase [13]. Under this premise, consumers
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have become a relevant way for sharing information [14]. Indeed, in C2C purchases, trust
is considered one of the crucial determinants for widespread online exchange relation-
ships [15–17].

Therefore, consumers contribute to increasing the value of these platforms by sharing
information with other consumers. In fact, C2C communications play a relevant role in
brand and service acceptance [18]. In this manner, C2C ecommerce enables tools to facilitate
consumers’ opinions to reduce purchasing uncertainties. Indeed, the use of eWOM on
social media has helped marketing managers to expand sales [19]. In this line, ref. [14]
demonstrated that consumers evaluate a set of trust dimensions for making purchase
decisions, considering all the reviews, reviewers and sites that they encounter as they visit
the marketspace. Based on [20], trust in an eWOM context has a twofold dimension: (1)
cognitive and (2) affective. Consequently, the exchanged information in an eWOM platform
is considered to be more trustworthy among consumers because it transmits directly the
experiences of users without any barriers [21].

According to [22], it is expected that USD 40.2 billion in sales for online platforms will
be reached by 2022. C2C commerce is widely spread in developed countries [23]. In this
respect, China is recognized as one of the countries with the highest growth in C2C [24].
Indeed, according to the report entitled Global Digital Report (2018), the number of internet
users from China has risen to reach 53% of the population. In this way, this report included
Taobao as third in the ranking of top mobile apps, considering two aspects: (1) monthly
active users and (2) number of downloads. Taobao is the leading online platform for C2C
trading in China (owned by Alibaba), providing an electronic platform for small business
and individuals to carry out online sales. Taobao is exclusively available in the Chinese
language and it can be only used by users with a Chinese bank account.

The aim of this study is to analyze how consumer’s opinions influence other con-
sumers regarding their attitude toward purchasing, focusing on the C2C platform Taobao.
Thus, a structural equation modeling with partial least squares (hereafter, PLS-SEM) model
has been proposed based on the Information Adoption Model (hereafter, IAM) developed
by [25], adopting an ecommerce satisfaction perspective. The IAM framework has been
widely used in research for different contexts to explain how individuals adopt and pro-
cess persuasive information in communication platforms. IAM has a dual origin. On the
one hand, this theoretical framework is based on Technology Acceptance Model (TAM),
proposed by [26], and, on the other hand, on the Elaboration Likelihood Model (ELM) to
incorporate aspects related to message persuasiveness. In fact, ELM explains how people
are influenced by received messages in persuasive communication [27]. In particular, the
impact of registered consumers’ opinions and scores in a C2C platform has been analyzed.

At the same time, ecommerce satisfaction has been studied widely [28], although few
literatures have combined this topic with the IAM framework. This aspect is identified as
the main novelty of the present article. In this manner, this article is an attempt to fill this
gap. Specifically, the present article proposes to define a model that integrates both points
of view to enrich knowledge in this field. To address this gap, we believe that ecommerce
satisfaction can reinforce the IAM theoretical framework since satisfaction is crucial to
obtain positive comments and responses in eWOM contexts. Indeed, this is our main
contribution. Based on this premise, we have defined the following research question:

RQ. Can an IAM framework, in combination with an ecommerce satisfaction perspec-
tive, explain the eWOM communications’ impact on purchase intention in C2C platforms?

The rest of this article is divided into six sections. Section 2 shows a literature review
related to the topic of the research question. Section 3 exposes the theoretical frameworks
and the hypotheses incorporated into the research model; Section 4 provides the method;
Section 5 shows the findings and Section 6 discusses these findings. Finally, Section 7
includes the conclusions, indicating the limitations and the implications from the findings.
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2. Literature Review

Sharing information in ecommerce is an essential factor to increase consumer trust [29].
In the last decade, this information sharing has been moved from offline to online as a
consequence of the development of Information and Communication Technologies (ICT),
mainly social networks [30]. Companies, aware of this fact, are promoting ecommerce
communication [18].

In this context, eWOM has played a key role in this transformative process as a way
of consolidating the sharing of consumption emotions [31]. According to [32], emotions
are one of the most influential factors in decision-making processes; eWOM is identified as
a relevant medium to indicate emotions in virtual contexts. In this line, ref. [33] showed
that consumers use eWOM to avoid risk associated with buying a product online. In this
sense, increasing eWOM use is observed, while at the same time, there is growth in the
skepticism toward advertising campaigns [34].

Thus, eWOM has been widely analyzed by studies related to purchase intention [35–42].
In this line, one of the first studies that addresses this relationship was conducted by [40].
These authors showed that eWOM has an indirect impact on purchase intention through the
value co-creation dimension (the process by which companies and consumers collaborate to
reach additional values). Therefore, the adopted point of view assumes that consumers are
motivated by obtaining collective benefits. Therefore, this perspective largely omits the fact
that consumers buy products or services mainly to satisfy needs.

In this manner, eWOM platforms collect positive and negative opinions from con-
sumers as a reflection of the positive and negative emotions that come after purchasing
products or services [33]. According to [43] nine positive emotions can be identified in
eWOM: (1) amusement, (2) awe, (3), compassion, (4), contentment, (5) gratitude, (6) hope,
(7) joy, (8) love and (9) pride. This study differs from [40]. It considers eWOM as a platform
not only to share objective information about products and services, but also to manage
emotions. In a similar way, ref. [44] demonstrated that negative contents in eWOM impact
the cognition, reliability, and trust of consumers.

From this study, there have been many other works focused on eWOM and ecommerce,
which can be classified into two groups [45]: (1) the amount of eWOM generated and (2)
the effects of eWOM on some corporate dimensions, such as trust or loyalty. In addition,
most of these studies are focused on eWOM use in B2C (business to consumer) or B2B
(business to business) contexts [46]. In this manner, few investigations are identified related
to the C2C context, and some of them with disparate results.

Considering that, ref. [12] developed an eight constructs research model based on IAM
to analyze the impact of variables, such as, (1) Perceived informativeness, (2) Perceived
persuasiveness, (3) Source expertise, (4) Source trustworthiness, (5) eWOM usefulness, (6)
eWOM credibility and (7) eWOM adoption. Thus, this work would be included in the
group of studies that try to measure the effect of eWOM adoption. This model is focused
on social networking sites applied to cosmetics consumers. However, this study does not
incorporate satisfaction with the ecommerce process. At the same time, an investigation
associated with eWOM and C2C conducted by [47] is identified. They do not find eWOM
impact on customer repurchase intentions, although it influences customer perceptions of
product value and the likelihood to recommend the product.

In addition, according to [48], satisfaction “is a post-activity measuring index that
measures the interior state of the customer’s feelings about past purchases and experiences
of shopping”. In this manner, satisfaction can be expressed in eWOM platforms in a simi-
lar way as emotions. Ecommerce satisfaction is considered a central dimension that can
influence purchase processes [49]. According to [50], the use of this dimension provides an
appropriate explanation for measuring ecommerce success. In this respect, ref. [51] identi-
fied a positive connection between ecommerce satisfaction and spending. Reference [52]
demonstrated that trust influences ecommerce satisfaction, leading to purchase intention.

Considering the previous point, the present study proposed a model to test the eWOM
impact on purchase intention based on IAM, where the ecommerce satisfaction is included
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as a determinant factor in ecommerce success. In the following, we expose the theoretical
frameworks and hypotheses foundations.

3. Research Hypotheses and Proposed Model

The Information Adoption Model (IAM) was developed by [25]. This model tries to
explain how people assume information to modify their intentions and behaviors within
computer-mediated communication platforms [53]. This model arises from a combination
of other theoretical frameworks, such as TAM or ELM. On the one hand, TAM is one of the
most influential theoretical frameworks to explain ICT acceptance and to study the usage
intention based on the principles proposed by [54] in the Theory of Reasoned Action (TRA).
Thus, from TAM, it is extracted that attitude and individual internal belief of perceived
usefulness jointly determine individual behavior intention [55]. On the other hand, ELM
was developed by [56] to understand the effectiveness of persuasive communications [56].
In this manner, EML considers that an individual transforms its attitude and behavior
through two routes [57]: (1) central and (2) peripheral. A central route is taken when a
person possesses high motivation to obtain relevant information, while a peripheral route
is activated with low motivations and abilities, applying simple heuristic cues to adopt
a quick and easy position about an issue. In this manner, this second route requires less
cognitive effort to process a message [58,59].

IAM is composed by four constructs [39]: (1) argument quality, (2) source credibility,
(3) information usefulness and (4) information adoption. According to [12], “consumers
screen and critique a certain piece of information centrally and peripherally to determine
whether to follow the related recommendation, evaluating its usefulness”. This framework
has been widely applied in the ICT field. In this manner, ref. [60] used IAM to identify
factors that encourage the adoption of online opinions for consuming goods or services.
Similar research has applied this theory, sometimes integrating it with other frameworks in
order to explain how people process persuasive information to make decisions [55,61,62].
In fact, according to IAM foundations [25], communication influences consumers’ decision
making when persuasive information is used.

Based on the prior literature, the present study tries to examine the effects of positive
and negative feedback on purchase decision-making processes. Therefore, this article
integrates (1) the IAM framework and (2) the ecommerce satisfaction framework to propose
the research model as shown in Figure 1. According to both perspectives, the constructs
that could have an impact on the purchase decision are analyzed as follows.

In this manner, this theoretical integration has excluded from the research model the
constructs of information usefulness and information adoption proposed by [25]. Based on
investigations, such as [12,39], eWOM information impacts purchase intention. Therefore,
according to [63], marketing campaigns “should be developed with high argument quality,
followed by high source credibility and a large amount of information on social media”.
Thus, we have defined direct connections between the constructs of argument quality
and source credibility with purchase intention. The justifications for the definition of the
hypotheses are shown in the next epigraphs.
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Figure 1. IAM-based research model.

3.1. Service Quality and Ecommerce Satisfaction

According to [64], service quality is refers to “a contrast of perceptions and expecta-
tions of customers about the service”. In this way, service quality depends on an individ-
ual’s evaluation of the online service, including factors such as reliability, responsiveness,
assurance, personalization [65] and types of message [66]. Thus, service quality is one of
the most important dimensions when companies try to assess customer relationships [67].
In fact, the existence of models, such as E-S-QUAL, is an attempt to measure electronic
service quality, especially for collaborative consumption [68], which is focused on four
quality factors: (1) efficiency, (2) fulfilment, (3) system availability and (4) privacy [69].
Many investigations have analyzed service quality in C2C platforms. In this line, ref. [70]
determined that a way of reaching service quality in sharing economy platforms could
be to implement platform-mediated rating for reputation systems. In fact, based on [71],
currently, platform service quality management has become an important research topic.

In addition, recent studies have shown the need to investigate the relationship between
eWOM satisfaction and purchase behaviors [13]. Indeed, knowing the level of ecommerce
satisfaction is one of the most important tasks of digital marketing [72]. In a general way,
eWOM contexts generate a positive effect on ecommerce satisfaction [73]. In particular,
ref. [74] an individual’s satisfaction with C2C commerce is influenced by some dimensions
related to service quality, such as empathy, responsiveness, reliability, and assurance. In this
same line, ref. [75] highlighted the reliability dimension as the one capable of reinforcing
satisfaction or trust. In a similar way, ref. [76] identified reliability as the most critical factor
for assessing the perceived value and satisfaction with online retailers. In this respect, it is
convenient to differentiate the concepts of perceived value and satisfaction. While the first
refers to the balance between the perceived benefit and cost, the second is the perception of
the experience after consuming a good or service [77,78].

In addition, positive emotions have a positive effect on customer satisfaction [79].
Thus, obtaining satisfaction positively affects trust, especially in virtual contexts [7]. Ac-
cording to [80], C2C-platform trust is more complex than that of other ecommerce models
due to the detection of two factors: (1) the identities of sellers and buyers are not very
transparent, and (2) the presence of information asymmetry. Delving into this idea, ref. [81]
demonstrated the relationships between service quality, satisfaction, and loyalty in online
services. Hence, this study proposes that service quality is one of the main factors that
determine ecommerce satisfaction and this, in turn, impacts purchase intention. In this
sense, the following hypotheses are suggested:

Hypothesis 1 (H1). Service quality positively impacts ecommerce satisfaction.
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Hypothesis 2 (H2). Ecommerce satisfaction positively impacts purchase intention.

3.2. Argument Quality

Based on IAM principles [25], the information quality conditions the degree of infor-
mation influence. Thus, argument quality has been widely applied in studies that analyze
the informational influence in C2C contexts [12,64,82]. According to [82], argument refers
to the set of shopping advice from other consumers, which are considered for purchase
decision making. In this manner, two dimensions are identified [12]: (1) informativeness,
which includes aspects such as comprehensiveness, timeliness, and relevance of the re-
ceived information, and (2) persuasiveness. Indeed, argument has a greater impact on
attitude change [83]. In this line, ref. [84] insisted in the presence of positive and negative
messages in eWOM. These authors proposed that ecommerce platform managers should
incentivize the sharing of more positive factual information and sort them by the subject
matter. In this sense, argument quality is linked with substantial strength to argue with a
message [64].

In a virtual context, such as C2C platforms, argument quality can be reinforced with
visual contents, such as image or video [85]. This type of information should support a
more efficient decision-making process regarding the purchase of goods or services [86]. In
this respect, it is relevant to consider that a message with strong arguments persuades better
than a message with weak arguments [87]. According to [88], argument quality significantly
impacts on purchase dimensions, such as, consumers’ likes and share intentions. In this
respect, it should be clarified that this impact could be different depending on whether they
are utilitarian or hedonic goods [89]. Thus, the argument quality construct is associated
with utilitarian product purchases because they require a lot of cognitive effort to process a
message [90], which would be related to the central route in ELM. In this manner, argument
quality is considered an important central cue in a persuasive information process [82].
Therefore, it is expected that the argument quality of the messages in C2C platforms
influences purchase intention. In this manner, the following hypothesis is proposed:

Hypothesis 3 (H3). Argument quality positively impacts purchase intention.

3.3. Source Credibility

Along with argument quality, source credibility is a qualified dimension to understand
information adoption. Thus, source credibility is related to the receiver’s trust toward the
source of the information [64]. In the IAM framework, source credibility is considered
a peripherical route [91], which behaves as a contextual and less-important dimension
in message persuasion [92]. In this manner, according to [93], source credibility has a
high impact on consumers’ opinions. In fact, previous literature has shown the credibility
impact on consumer purchase intention [94,95].

In particular, source credibility plays a relevant role in an eWOM context. According
to [96], recommendation sidedness and the volume of recommendations are the two most
studied stimulus cues in eWOM. In a similar way, ref. [97] considered that eWOM credibility
has a positive impact on e-WOM adoption. In fact, online discussions and opinions
between consumers may generate more credibility and empathy than marketer-generated
web content [44]. eWOM is a way to help other consumers to make good purchase
decisions [98]. However, ref. [99] demonstrated that consumers with low confidence in
online recommendations consider only non-paid, genuine reviews as credible. Source
credibility of the message in C2C platforms impacts purchase intention, and the following
hypothesis is formulated:

Hypothesis 4 (H4). Source credibility positively impacts purchase intention.
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3.4. Individual Moderators

Some variables have been incorporated into the analysis, which moderate the rela-
tionships previously described in the hypotheses from H1 to H4. In this respect, many
PLS-SEM-based investigations frequently omit the moderating impacts of individual di-
mensions. At the same time, many studies have highlighted the importance of included
moderator variables to enrich the understanding of a field. Thus, gender and age have been
extensively analyzed as a core moderator variable in PLS-SEM-based models. Specifically,
focusing on IAM-based investigations, gender and age have provided significant evidence
to extract findings through which knowledge in the field has been improved.

In this respect, age is frequently incorporated when considering different age groups
or age ranges [100] to obtain disparate findings. In a general way, age has a significant
impact on virtual contexts [101]. For example, ref. [82], after completing a moderator
analysis, confirmed that different age groups have specific moderating effects on mobile
health services adoption. Reference [102] demonstrated the moderating effect of age on
internet use for banking operations. However, some investigations are identified that have
not could demonstrated this moderator effect. This is the case of the study conducted
by [103] which did not observe the significant impact of age on internet banking services.

In a similar way, gender is a classic moderating variable in studies related to ICT, es-
pecially in electronic-based technologies [104]. Traditionally, gender has been incorporated
in ecommerce studies in order to analyze the differences by sex, particularly to support
marketing strategies [105]. Prior literature has determined that men and women behave
differently in electronic contexts [106]. Concretely, ref. [107] revealed that women are more
risk-averse than males in an online-based economy context, but women possess a purchase
competitive nature. Therefore, the following hypotheses have been formulated, describing
the moderating effect of gender and age on the relationships between independent and
dependent variables:

Hypothesis 5 (H5). Purchase intention is different depending on gender.

Hypothesis 6 (H6). Purchase intention is different depending on age.

The proposed hypotheses are summarized in Table 1. In this table, the constructs
included in each hypothesis are shown, using the short name that will be employed in
the analysis.

Table 1. Summary of hypotheses.

Hypothesis Construct 1 Construct 2 Description

H1 Service Quality Ecommerce Satisfaction SQ » SF: SQ impacts positively SF
H2 Ecommerce Satisfaction Purchase Intention SF » PI: SF impacts positively PI
H3 Argument Quality Purchase Intention AQ » PI: AQ impacts positively PI
H4 Source Credibility Purchase Intention SC » PI: SC impacts positively PI
H5 Gender Purchase Intention GEN » PI: PI is different depending on GEN
H6 Age Purchase Intention AGE » PI: PI is different depending on AGE

4. Methods

The study was conducted in the first semester of 2020. It used a self-administered
web-based questionnaire. The main survey questionnaire employed a random sample
of Taobao consumers. The participants were previously informed of the research aims.
The web-based questionnaire was supported by Google Form. In addition, this question-
naire was defined considering evidence from prior research on the IAM framework and
ecommerce satisfaction literature. Specifically, the measuring scale for the constructs in-
cluded in the research model was defined with the measures from the sources shown in the
Appendix A. In fact, the measurement scale was developed based on [7,12,50,82,108,109].
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Specifically, the questionnaire was structured into two sections. In the first one, responders
provided demographic information (Table 2). In the second part, participants indicated
their agreement or disagreement with 17 items, using a five-point Likert-type scale, rang-
ing from “not at all/strongly disagree” (1) to “exactly/strongly agree” (5). The 17 items
(Appendix A) were grouped into the five constructs of the model. In this respect, a total of
129 consumers completed the survey. Finally, 116 responses were valid. Thus, 13 responses
were excluded because they were not properly filled.

Table 2. Demographic profile of the participants.

Variable Characteristic N %

Gender (GEN)
Male 56 48.28%

Female 60 51.72%
Total 116 100.00%

Age (AGE)

18–20 25 21.55%
20–24 27 23.28%
25–29 21 18.10%
30–34 11 9.48%
35–39 11 9.48%
40–44 8 6.90%
+45 13 11.21%

Total 116 100.00%

The quantitative data analysis included two processes: (1) an analysis of the de-
scriptive statistics and the reliability of the measurement, using the SPSS v. 24 statistical
software; and (2) PLS-SEM testing. In this respect, the software Smart PLS v. 3.3.2. allowed
to evaluate the correlation coefficient between variables in factor analysis and the path
analysis of the equation model. A detailed explanation of the application of both analytical
procedures and results is given in Section 5.

5. Results

Before testing the model, it is crucial to assess the fit model. Thus, a twofold analysis
was completed to test the validity of the measurement model: (1) evaluating the reliability
and (2) studying the discriminant and convergent validity. In addition, the common
method bias (CMB) was used to analyze the collinearity inside the model.

5.1. Internal Consistency Reliability and Validity

On the one hand, the Cronbach’s alpha and composite reliabilities were used to assess
the item loadings and internal consistency reliability. On the other hand, the convergent va-
lidity and discriminant validity for the latent constructs were evaluated with a confirmatory
factor analysis (Table 3).

Table 3. Item loadings and measurement reliability.

Construct Item Item Reliability
(Loading)

Cronbach’s
Alpha

Composite
Reliability

Average Variance
Extracted (AVE)

Service
quality

(CQ)

0.876 0.922 0.798
SQ1 0.862
SQ2 0.912
SQ3 0.905

Ecommerce
satisfaction

(SF)

0.861 0.915 0.782
SF1 0.864
SF2 0.904
SF3 0.884
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Table 3. Cont.

Construct Item Item Reliability
(Loading)

Cronbach’s
Alpha

Composite
Reliability

Average Variance
Extracted (AVE)

Argument
Quality

(AQ)

0.918 0.942 0.802
AQ1 0.926
AQ2 0.909
AQ3 0.840
AQ4 0.907

Source
Credibility

(SC)

0.869 0.909 0.715
SC1 0.789
SC2 0.872
SC3 0.856
SC4 0.864

Purchase
intention

(PI)

0.895 0.935 0.827
PI1 0.938
PI2 0.932
PI3 0.856

In this way, the convergent validity was evaluated, observing the item factor loadings.
In this respect, in a first step, two thresholds must be exceeded to affirm the convergent
validity: (1) all item factor loadings must be greater than 0.70, and (2) all composite
reliabilities for each construct in the model must be well above 0.70. In this sense, both
restrictions were overcome. Additionally, the Average Variance Extracted (AVE) must
exceed 0.50 for each construct [110] to definitively affirm the convergent validity, and
the loadings for all constructs with reflective measures have to be greater than 0.70 and
statistically significant in 0.001 [111]. In this manner, these two conditions are also met. In
particular, the AVE values ranged from 0.715 to 0.827, well above 0.50.

Otherwise, discriminant validity measures the degree to which a construct is different
from the other constructs. It is important to establish discriminant validity to ensure that
the result is robust and there are no statistical discrepancies in the results. Thus, to affirm
the discriminant validity, the following two conditions must be met: (1) the square root of
the AVE should be larger than the inter-construct correlations and (2) the factor loadings
must be greater in the representative constructs than any other in the model [112].

In addition, the diagonal elements of the correlation matrix (Table 4) have been
replaced by the square root of the AVE (in bold) for comparison purposes. On the one hand,
in all the cases, the square roots of the AVE were larger than the inter-construct correlations,
and all shared variances between any two different constructs were less than the amount of
variance extracted by one of the two constructs [113]. On the other hand, all items loaded
more strongly on their corresponding constructs than on other constructs [112]. Therefore,
these results confirm the discriminant validity of all constructs. In addition, the heterotrait–
monotrait (HTMT) criterion was analyzed (Table 4). The HTMT is the evaluation of the
correlation of indicators across concepts measuring different phenomenon [112]. The
discriminant validity is established if the value of HTMT is less than 0.9 [112]. In this
manner, Table 4 shows the output from the HTMT analysis, confirming the discriminant
validity of the items.

Table 4. Correlation matrix and heterotrait–monotrait criterion. Text in bold is the diagonal elements of the correlation matrix.

Correlation Matrix Heterotrait–Monotrait (HTMT)

SQ SF AQ SC PI SQ SF AQ SC PI

Service quality (SQ) 0.893
Ecommerce satisfaction (SF) 0.239 0.884 0.270

Argument Quality (AQ) 0.230 0.342 0.895 0.254 0.380
Source Credibility (SC) 0.278 0.281 0.540 0.845 0.322 0.333 0.602
Purchase Intention (PI) 0.013 0.276 0.371 0.331 0.909 0.056 0.310 0.401 0.364
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5.2. Common Method Bias (CMB)

The common method bias (CMB) tries to measure the shared common variation
between indicators. This analysis of the collinearity is recommended when the same source
of data is used for the independent and dependent variables in a PLS-SEM model. In this
manner, a full collinearity test based on variance inflation factors (VIFs) was applied to
assess vertical and lateral collinearity [114,115]. In particular, pathological collinearity can
be affirmed when the VIF values are above 3.3 [114]. Considering that threshold, it can be
affirmed that the present study lacks CMB (Table 5).

Table 5. Inner VIF values.

Construct VIF

AQ 1317
PI 1170
PS 1178
SC 1087
SQ 1118

5.3. Model Test

The path coefficients of the model were estimated with the Smart PLS software v. 3.3.2.
The bootstrapping procedure with 5000 samples was used to generate the path coefficient
relationships in the proposed model, t-value, standards errors, and the variance explained
for the dependent variables (Figure 2 and Table 6).

Figure 2. Test model. * p < 0.05 t(0.05; ∞) = 1.9670; ** p < 0.01 t(0.01; ∞) = 2.5904.

Table 6. Results of hypothesis testing.

Hypothesis (Path) Path Coefficient (β) Supported Women (β) Men (β) Younger (β) Older (β)

H1: SQ » SF 0.239 ** Yes 0.439 *** 0.168 0.214 0.282
H2: SF » PI 0.151 * Yes 0.289 0.074 0.016 0.292 **
H3: AQ » PI 0.231 ** Yes 0.324 *** 0.204 * 0.305 * 0.210 *
H4: SC » PI 0.163 * Yes 0.13 0.209 0.287 ** 0.104

Note: Significant at: * p < 0.05 t(0.05; ∞) = 1.9670; ** p < 0.01 t(0.01; ∞) = 2.5904; *** p < 0.001 t(0.001; ∞) = 3.3195.
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These results demonstrate that all the hypotheses were supported as the defined
relationships. As shown in Figure 2, the proposed research model explains 21.2% of the
purchase intention. Particularly, ecommerce satisfaction (β = 0.151 p < 0.05), argument
quality (β = 0.231, p < 0.01) and source credibility (β = 0.163, p < 0.05) are significant
predictors of purchase intention. Additionally, this study identified that service quality
explains the 7.3% of ecommerce satisfaction, having good significance (β = 0.239, p < 0.01).

5.4. Moderator Effects

The hypotheses about the moderator effects were tested by comparing the path coef-
ficients for the formed groups in each moderator variable. In this respect, a multi-group
analysis was applied to test the moderator effects of gender and age. Thus, respondents
were divided into two groups: (1) male–female consumers and (2) younger–older con-
sumers. Regarding the age, the group of younger people comprises consumers up to 24
years of age, while the other group is made up of consumers aged 25 and over. Based
on these groups, four models were examined to analyze their moderator effects on the
purchase intention construct. All the models obtained significant results. Table 6 shows the
results of the path coefficient comparisons.

Considering the results by gender, they demonstrate that the path coefficients had
different behaviors for males and females. On the one hand, all the hypotheses for male
consumers have not been met, excepting H3, although this relationship had little signifi-
cance (β = 0.204, p < 0.05). In this manner, argument quality was the only construct that
had a positive impact on purchase intention. However, the model for females reached
results that were more significant. Thus, the last hypotheses H1 and H2 were met widely
(β = 0.439, p < 0.001 and β = 0.324, p < 0.001, respectively), indicating that women pay
more attention to consumers’ opinions than men, especially to those aspects related to the
quality, either about the services or about the arguments.

Regarding the age, the model obtained different results for younger and older people.
In this way, both groups have considered argument quality as a predictor of purchase
intention (β = 0.305, p < 0.05 for younger and β = 0.210, p < 0.05) for older. However,
ecommerce satisfaction is a good predictor of purchase intention for older people (β =
0.292, p < 0.01) but not for younger people. In a similar way, source credibility is a good
predictor of purchase intention for younger people (β = 0.287, p < 0.01), but not for older
consumers. The relationship between service quality and ecommerce satisfaction was not
significant for both groups.

6. Discussions

This study carried out an investigation about the connections between consumer
relationships and purchase intention in C2C contexts. Concretely, the significance of the
constructs’ service quality, ecommerce satisfaction, argument quality, and source credibility
with purchase intention was analyzed. Considering this purpose, the IAM framework was
applied in combination with an ecommerce satisfaction perspective.

In this manner, the IAM foundations allowed to define a model capable of achieving
the research aim. Specifically, this model clarified the relevance of peer communications
and relationships in C2C purchases. In addition, it identified some dimensions to examine
some motivations to use these types of ecommerce platforms to satisfy needs. Based on [25],
communication processes impact consumer decision-making processes through persuasive
information. In this respect, according to [12], consumers have the ability to filter the
information that they receive based on its usefulness.

Based on these principles, the present study makes some contributions under a the-
oretical perspective. Table 7 summarizes them. First, it defined a comprehensive model
that enhance knowledge about the main predictors that stimulate consumption via C2C
platforms. In fact, the results noted the dimensions that condition C2C online purchases.
Second, these findings allow to improve the understanding of the purchase intention in
C2C platforms. In this manner, the dataset provided a solid endorsement of the model,



J. Theor. Appl. Electron. Commer. Res. 2021, 16 1623

which was proposed after analyzing the background of the field. Specifically, as expected,
all the proposed hypotheses were supported.

Table 7. Summary of findings by hypothesis.

Hypothesis Description Findings, Theoretical Contributions and Management Implications

H1 SQ » SF: SQ impacts
positively SF

• It was supported by the findings. Thus, service quality (SQ) influences
ecommerce satisfaction (SF).

• The findings ratify the defined relationship in contexts related to C2C
platforms.

• Individual’s satisfaction in C2C commerce is influenced by service
quality.

• These findings are in line with prior studies, such as [75–77].

H2 SF » PI: SF impacts
positively PI

• It was supported by the findings. Thus, ecommerce satisfaction (SF)
influences purchase intention (PI).

• The ecommerce satisfaction supports the growth of sales [19].
• These findings allow affirming that consumers consider dimensions

related to satisfaction to make decisions related to purchases.

H3 AQ » PI: AQ impacts
positively PI

• It was supported by the findings. Thus, argument quality (AQ)
influences purchase intention (PI).

• Argument quality is considered an important central cue in a persuasive
information process in C2C platforms.

• The relevance of the role of information transmission coming from
communications in online (C2C) relationships was demonstrated.

H4 SC » PI: SC impacts
positively PI

• It was supported by the findings. Thus, source credibility (SC) influences
purchase intention (PI).

• SC was identified as a qualified dimension to understand the purchase
intention in C2C platforms.

• SC is related to the receiver trust toward the source of information,
impacting on consumers’ opinions.

• This result is in line with previous literature [91–94].

H5 GEN » PI: PI is different
depending on GEN

• The model demonstrates that the path coefficients have had different
behavior for males and females.

• Argument quality was the only construct that had a positive impact on
purchase intention for male.

• The model for female reached results more significant.
• Women pay more attention to other consumers’ opinions than men.

H6 AGE » PI: PI is different
depending on AGE

• The model obtained different results for younger or older people.
• Both groups considered argument quality as a predictor of purchase

intention.
• Ecommerce satisfaction is a good predictor of purchase intention for

older people, but not for younger people.
• Source credibility is good predictor of purchase intention for younger

people.
• The relationship between service quality and ecommerce satisfaction was

not significant in both groups.

In this respect, according to [67], service quality is one of the most important dimen-
sions when companies try to assess customer relationships. In addition, ref. [74] identified
that the individual’s satisfaction in C2C commerce is influenced by service quality. In
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fact, ref. [81] demonstrated the relationships between service quality and satisfaction in
electronic contexts. Thus, the findings ratify this relationship in C2C platforms, adopting
some likenesses regarding the prior research [75–77]. In this manner, hypothesis H1 was
met as supposed. In a similar way, this ecommerce satisfaction impacted purchase intention
in C2C platforms, meeting H2. As was described in Section 3.1, obtaining satisfaction
positively affects trust, especially in virtual contexts [7], although C2C-platform trust is
more complex than other ecommerce methods [80]. In this respect, the prior literature
showed that, in a general way, the use of eWOM supports the growth of sales [19]. At the
same time, these findings allow to affirm that consumers consider the trust dimension to
make decisions related to purchases [14], such as satisfaction. From this, it can be deduced
that the exchange of information using eWOM platforms is considered more trustworthy
than other ways or sources. This idea is shared with previous research [21].

Additionally, argument is referred to as the shopping advice from other consumers,
influencing making purchase decisions [82], with informativeness and persuasiveness being
two essential attributes [12]. Argument quality in eWOM contexts is linked with substantial
strength to argue with a message [64]. Specifically, argument quality is considered an
important central cue in a persuasive information process in C2C platforms [82]. In
this manner, as expected, this relationship was supported by the dataset. The model
tested that C2C argument quality has an impact on purchase intention, demonstrating the
relevance of the role played by information transmission coming from communications
in C2C relationships. Similarly, based on the results, source credibility was identified as
a qualified dimension for understanding purchase intention in C2C platforms. In this
manner, according to [64], source credibility is related to the receiver’s trust toward the
source of information, impacting consumers’ opinions. In fact, the previous literature has
shown the influence of credibility on consumer purchase intentions [94]. Therefore, the
hypotheses H3 and H4 were met.

7. Conclusions

The present work was an attempt to test the purchase intention in C2C platforms,
mainly applying the IAM framework. In this respect, the definition of a PLS-SEM model
allowed to draw relevant conclusions about the role of information transmission coming
from online communications in C2C relationships. In addition, based on the findings
obtained, it was possible to identify the factors that, within the C2C, incentivize purchase
intention. They include (1) service quality, (2) ecommerce satisfaction, (3) argument quality
and (4) source credibility. In fact, the findings have provided useful data for clarifying
the most relevant factors that impact purchase intentions. Overall, the present analysis
clearly confirms that the success of C2C platforms could be determined by dimensions
related to the direct relationships between consumers, which allow generating trust to
complete a purchase. In a similar way, in answering the research question, we can affirm
the validity of IAM to explain the eWOM impact on purchase intention in combination
with an ecommerce satisfaction perspective.

In this manner, the C2C ecommerce field can benefit from these findings. In fact, some
implications are proposed. First, this study extended knowledge about C2C ecommerce. In
this way, additional empirical evidence has been provided for ulterior research to evaluate
the purchase intention in C2C enabling new advances in the field. Second, adopting
a managerial view, comprehending the dimensions associated with online purchases
is profitable for the C2C online platforms. In this manner, these findings suggest that
C2C platforms should strengthen the analyzed connections to grow the business and to
promote transactions. Particularly, the results may be helpful for C2C online platforms in
determining the requirements to preserve their users and enhance the purchase experience.

Based on these implications, companies should comprehend the relevance of manag-
ing eWOM communications as one of the most influential dimensions in C2C purchases.
In this respect, companies should pay attention to ecommerce user satisfaction since it is
considered a central dimension that can influence purchase intention. Thus, we recommend
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companies to invest in improving their ecommerce service quality to bolster consumers’
positive opinions and emotions after buying products or services. Moreover, eWOM could
boost the C2C development as a way to enhance a collaborative economy. From this
point of view, eWOM would assume an important social role in the better management of
economic resources.

In addition, some limitations are identified in the present research. The first limitation
is related to the explanatory capacity of the model. In this respect, the percentage of the
explained variance for purchase intention could have improved with the incorporation of
other dimensions associated with consumers’ perceptions and motivations. The second
weakness is linked to the sample. On the one hand, the findings are limited to the case of
Taobao. In this manner, it would be advisable to design studies that include the consumer
opinions of other C2C platforms. On the other hand, although the results were statistically
significant, a larger sample size would have contributed to more robust conclusions.
Finally, a third limitation is related to the small number of moderate variables. Additional
individual moderators could be added, such as education level, income level and marital
status, among others.

Considering these limitations and the findings, some future work can be addressed.
The first direction is related to a comparative study between the individual consumers from
different countries or regions, incorporating more moderators. This study could enrich
our knowledge about this topic. Finally, it would be interesting to develop these types of
studies by combining them with new tendencies in ecommerce, for example, we refer to
the possibility of combining the eWOM analysis with the analysis of consumers’ behaviors
when they navigate ecommerce websites with eye-tracking technologies [116].
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Appendix A

Table A1. Questionnaire.

Construct Item Source

Service quality (SQ)

Taobao stands out for having an adequate:

[117]
SQ1 Transmission (order) time
SQ2 Easiness of searching information
SQ3 Solving customer’s inconvenience

Ecommerce
satisfaction (SF)

Overall, I consider this ecommerce satisfaction items when I am purchasing in Taobao:
SF1 Seller reputation

[50,108,109]SF2 Comments of other buyers
SF3 Satisfaction of other buyers
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Table A1. Cont.

Construct Item Source

Argument Quality
(AQ)

Overall, the information provides during the process of purchase in Taobao is:
AQ1 Informative

[82]
AQ2 Valuable
AQ3 Persuasive
AQ4 Helpful

Source Credibility
(SC)

Overall, sellers who use Taobao are:

[82]
SC1 Knowledgeable
SC2 Credible
SC3 Expert
SC4 Trustworthy

Purchase intention
(PI)

In the future:

[7,12,82]PI1 Based on the chance, I would consider purchasing goods using
Taobao in the future

PI2 Based on the opportunity, I intend to purchase good using Taobao
PI3 Probably, before buying a good, I will look for it in Taobao
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