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Abstract

Social interaction plays an increasingly important role in facilitating consumption, and
many e-commerce platforms have incorporated peer information into product interface
design. Given the limited attention paid to action-based information cues, this study
proposes repeat purchase action as an information cue and examines its impact on user
purchase intention. Drawing on social learning theory, we developed a research model
and conducted two online experiments on Credamo, a professional online survey platform
in China. The research model was empirically tested using bootstrapping-based media-
tion analysis. The results showed that both purchase action and repeat purchase action
significantly increased user purchase intention. In addition, the impact of repeat purchase
action on purchase intention was mediated by trust expectation, whereas purchase action
did not elicit users’ trust expectation. These findings add to the literature on information
cues in e-commerce and extend the theoretical explanatory power of social learning theory.
This study also provides managerial implications for e-commerce platforms and sellers in
implementing effective product interface information design and selection strategies.
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1. Introduction

In recent decades, social interaction has received increasing attention and has be-
come increasingly embedded in blogs, social networking services, e-commerce, virtual
communities, and a variety of other online settings where users exchange views and opin-
ions about products [1,2]. Word-of-mouth (WOM) recommendations or comments from
friends and communities enable users to learn about products and form overall opinions
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about the number of products purchased by previous users and suggested that “actions
speak louder than voices” [4]. In other words, providing users with a product’s prior
purchase count is more effective at stimulating purchases than providing product reviews.

As the industry has developed, some platforms have begun to further refine action-
based information cues. As shown in Appendix A, the platform displays information
on the product interface about the “repeat customers” who have purchased the product
more than once. Compared with simply informing users about the quantity of previous
purchases, repeat purchase information can offer additional cues about the outcomes of
prior purchase experiences. Users who make repeat purchases are generally more satisfied
with the overall characteristics of the purchased product and perceive it as providing
the desired value [5]. Therefore, repeat purchase information not only indicates that the
product has been purchased by previous users but also reflects positive feedback on the
product. This endorsement from previous users can reduce uncertainty and perceived
risk in the e-commerce environment, thereby enhancing trust in sellers and products and
assisting users in their decision-making process [6].

Although repeat purchase information offers valuable advantages as an action-based
information cue, it is not yet widely used in e-commerce sales practices. Many platforms still
rely on purchase quantity information as a standardized cue in product sales, without fully
understanding the impact of repeat purchase information on sales performance. Moreover,
individuals have limited cognitive resources, and excessive information can overwhelm
decision-making processes, resulting in decreased decision quality, longer decision times,
and potential errors [7,8]. Information overload and redundancy may arise and disrupt
users’ decision-making if multiple action-based information cues are incorporated into the
purchase process. Therefore, research is needed to address this challenge and provide an
empirical understanding of the importance of action-based information cues and how they
influence user purchase decisions.

Despite a large body of literature focusing on the effectiveness of product reviews
as a form of WOM in influencing user behavior [9-11], several studies have examined
purchase action and demonstrated its superiority over opinion-based information cues.
These studies commonly regard purchase action as a form of observational learning and
explain it through the lens of social learning theory. According to this theory, individual
behavior is shaped by observing the actions of others [12]. Earlier research largely adopted
social learning theory to explain herd behavior observed in online purchasing [13-15].
Subsequent studies drew on insights from consumer behavior research on how consumers
are influenced by the adoption decisions of previous consumers, extending these insights
to the realm of e-commerce and proposing a close association between consumers” pur-
chasing behavior and their observation of prior purchases. For example, Wang and Yu [3]
contend that in the field of social commerce, consumers” acquisition of existing purchase
information can be seen as a form of observing others” actions in social interactions. Such
observation increases purchase intention and can lead to actual purchase behavior. Li and
Wu [16] examined daily-deal vouchers and showed that cumulative voucher sales can act
as an observational learning cue, as buyers who are uncertain about deal value may infer
higher value from deals purchased by a greater number of prior consumers. Thus, as a
form of observational learning, purchase action contains less information than WOM but
explicitly reveals the decisions of others and is therefore perceived as more credible than
WOM [4,17]. Additionally, another important component of social learning theory concerns
the reinforcement of behaviors shaped by observing others’ actions [12]. Observational
learning can be reinforced by the positive or negative consequences that result from the
observed actions of others. In the case of repeat purchase action, users may notice that
previous purchases have yielded favorable outcomes, thereby reinforcing users’ purchase
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motivation. However, current explanations of user purchasing behavior in e-commerce
focus mainly on users’ observational learning from others” purchase actions and pay less
attention to reinforcement learning triggered by repeat purchase action cues.

In this study, we address this gap by identifying a new action-based information cue
called repeat purchase action. Drawing on social learning theory, we can gain a deeper
understanding of the significance of information cues provided by market participants.
When individuals encounter new tasks, they seek input from others, thus reducing the need
for complex cognitive processing in decision-making [12]. This helps explain how purchase
action information from previous users affects users’ purchase decisions. Building on this
logic and prior research on purchase action [3,17,18], we distinguish purchase action as
an observational learning cue from repeat purchase action as a reinforcement-related cue.
In doing so, this study extends prior e-commerce research by examining how previous
users’ publicly observable repeat purchase actions influence user purchase intention and
by comparing the relative effects of different action-based information cues.

Considering prior studies that highlight trust as a crucial factor influencing purchas-
ing behavior in the e-commerce context [19,20], particularly when examining the role of
information cues, we also incorporate this trust-related perspective into the study. We pro-
pose trust expectation toward the product to reflect users’ perceptions during the learning
process and to explain how the two action-based information cues influence user purchase
intention through their mental processes. This study focuses on users’ purchasing decisions
before product use, when they can only infer the product’s quality and fit with their prefer-
ences based on available information cues. Therefore, trust expectation represents a belief
in the product, rather than a general willingness to trust, which aligns with the concept of
individual perceptions in social learning theory. Furthermore, trust expectation may be
more suitable for describing users’ online purchasing processes. Users often meticulously
select products before making a decision, forming expectations about different products
and selecting the one that best aligns with their expectations.

Overall, this paper addresses the following research questions:

1. How do the two action-based information cues, purchase action and repeat purchase
action, influence user purchase intention?

2. What are the underlying mechanisms through which these two action-based infor-
mation cues affect user purchase intention?

3. Which type of action-based information cue has a stronger impact on user
purchase intention?

To address these questions raised from the literature, we develop a theoretical model
based on social learning theory. Using data from online experiments, the current study
contributes to the e-commerce literature by exploring previously unexamined information
cues and to social learning theory by extending its explanatory power. The rest of this paper
is organized as follows: Section 2 presents the theoretical foundation, and Section 3 develops
the hypotheses and presents the research model. Section 4 describes the experimental
procedure and reports the main results. Section 5 presents an additional experiment that
further examines the advantage of repeat purchase action. Section 6 discusses the findings,
implications, limitations, and future research directions.

2. Theoretical Foundation

Broadly, we situate our work in the context of electronic commerce, focusing on
users’ trust beliefs and their impact on user purchase intention. Trust, which has been
widely studied in online purchasing research, effectively helps users reduce fears and
concerns about potential disadvantages in the marketplace and promotes purchasing
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behavior [21,22]. To establish a high level of trust expectation among users, businesses
carefully provide and present information cues to users.

Within this broad context, our specific goal is to explore how information cues influ-
ence users’ trust expectation, thus driving their behavioral intention. In particular, this
study focuses on a specific category of cues, namely action-based information cues, which
reflect whether and how often users buy a product in an online marketplace. By using
social learning theory, our study intends to investigate the path mechanisms and conditions
of the relationship between action-based information cues and purchase intention. To this
end, our work builds the theoretical foundation by drawing upon prior literature in three
main areas: (1) social learning, (2) information cues, and (3) trust expectation.

2.1. Social Learning Theory

Social learning theory, proposed by Bandura [12], explains how learning occurs in
the context of social interaction. The underlying concept concerns acquiring new abilities
through observing the actions of others. According to Bandura [12], people learn to guide
their own behavior by observing how others act in social encounters. Social learning theory
adopts a broad perspective involving three intertwined and interacting components: behav-
iors, personal internal cognitive structures, and environments. E-commerce research has
primarily used social learning theory to explain how social interaction-related information
cues influence users’ purchase behavior.

As Figure 1 shows, existing information cues shape users’ purchasing environment,
assisting users in evaluating products and forming expectations about product quality
and preference fit. Based on these expectations, users make purchasing decisions and
complete their purchases. After consumers complete a purchase, their purchase behavior
becomes an observable cue for subsequent consumers and updates the online shopping
environment by adding behavioral information. When subsequent consumers use these
visible actions to infer product value, they engage in observational learning in the sense
of social learning theory. Prior e-commerce and social commerce research have similarly
treated observable user actions, such as prior purchase counts, as action-based information
cues that help consumers make purchase decisions [3,23]. When information is limited,
observing other users’ purchase actions can weaken users’ reliance on their own prior
judgments (i.e., private information), ultimately leading to an information cascade [24].
As a result, consumers may follow the choices of others and exhibit a herding effect.
Information cues that present users’ purchase action not only enhance users’ purchase
motivation through quantitative signals but also have advantages in terms of information
credibility [17]. This suggests that users’ expectations about the product increase when
they see that more prior consumers have purchased it. A common example is that users do
extensive research to choose a restaurant but end up choosing a crowded one.

Furthermore, reinforcement plays an important role in the social learning process.
When observers see others receive rewards, praise, or other positive outcomes for per-
forming certain behaviors, their own tendency to perform similar behaviors may also
be reinforced [25]. While observational learning reflects users’” purchase actions at the
purchase stage, it does not reveal what happens after the product is purchased. Thus, it
is difficult to infer the product quality and preference fit from previous users’ purchase
actions, indicating that trust in the product still relies on inference. If the observational
learning process is supplemented with post-purchase feedback from previous users, the
credibility of the information is likely to increase substantially. Building on this logic,
this study proposes repeat purchase action as an extension of action-based information
cues. Users are likely to continue buying when their expectations about the product are
confirmed after use [26,27]. Revealing the number of repeat purchases indicates that pre-
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vious buyers’ experiences met their expectations and that they were satisfied enough to
buy again. This positive outcome signal can reinforce subsequent consumers’ purchase
intention. For example, when browsing a product page on an e-commerce platform, a
user who finds that many previous buyers have repurchased the product may infer that
these buyers’ post-purchase experiences met their expectations, thereby reinforcing the
user’s own purchase intention. In the following section, this study examines how pur-
chase action and repeat purchase action differentially influence user trust expectation and
purchase intention.

Environment Person Behavior

Information environment
(Cues)

Perception Purchase
(Expectation) (Action)

Reinforcement learning

S

Observational learning
Figure 1. The process of social learning in electronic commerce.

2.2. Information Cues in Electronic Commerce

Information technology has made it easier for traditional commerce to operate online
by removing time and space barriers between buyers and sellers, but it has also weakened
customers’ direct connection with products. The resulting information asymmetry is a criti-
cal challenge that impairs product sales and business growth. As a result, in an e-commerce
context, sellers generally use information cues or signals to assist consumers in understand-
ing and evaluating products [28]. From the perspective of signaling theory, information
cues are able to compensate for the disparity in the amount of information received by
multiple parties in an online marketplace transaction, supporting vendors in providing
users with information about product quality and fit with customer preferences [29].

For several decades, diverse information cues have emerged with the transformation
of e-commerce (see Table 1). In the early stage of e-commerce, information cues were
primarily divided into two categories, website-related cues and product-related cues. The
website or platform-related information cues include technological characteristics and
design features. Technological characteristics mainly concern how a website or platform
can be developed to provide users with more information, such as software reliability,
delivery date credibility [30], online reputation systems [31], information quality and
system quality [32], and other factors. In addition, some cues focus on the design of
interface information. For example, incorporating trust-assuring messages into an online
store’s interface design can enhance user trust and increase purchase intention [33]. Another
category of information cues concerns product characteristics. Product-specific descriptions,
such as warranty information and product specifications, can enhance user perceptions of
product quality and performance [34]. Moreover, price, distinctiveness, and other product
characteristics are also important factors that determine user purchases [35].

As online connectivity and social interaction have driven the evolution of e-commerce
into various business models such as social commerce and live-streaming commerce,
information cues have also become connected to social elements and are broadly classified
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into two types: opinion-based information cues, which reflect users’ subjective evaluations
of products (e.g., reviews and ratings), and action-based information cues, which reflect
users’ observable purchasing behaviors (e.g., purchase counts) [17]. Word-of-mouth is
considered one of the most influential factors affecting users” product purchase decisions,
with reviews, likes, shares, ratings, and so on identified as typical social signals [10,23]. A
considerable number of studies show that these social information cues are significantly
associated with product sales [36,37]. Taking reviews as an example, Clemons et al. [38] find
that strongly positive reviews can influence product sales growth, while Chen et al. [39]
indicate that the quality of reviews is also related to sales. Moreover, Mudambi and
Schuff [40] adopt review helpfulness as a measure of review quality and reveal that it
is impacted by review extremity, review depth, and product category. In particular, Li
et al. [41] focus on a specific type of review, repeat purchase reviews, in which users share
their rebuying experiences. These reviews are viewed through the lens of observational
learning, as the repeat purchase information provided can aid in analyzing word-of-mouth,
thereby increasing users’ perceived value and purchase intention.

In addition to the aforementioned opinion-based information cues, action-based in-
formation cues have also been examined and shown to significantly drive user purchases.
Chen, Wang and Xie [17] describe information about other users” purchase behavior as
observational learning, referring to the total number of existing user actions—essentially
the total number of prior purchases. Cheung, Xiao and Liu [4] and Wang and Yu [3] identify
these action-based information cues as the number of purchases by prior users and find
that they are more likely to drive purchases than opinion-based information cues, such as
reviews and likes. So far, the literature has remained at the observational learning stage,
while overlooking the extension from purchase action to repeat purchase action. In other
words, cues that reinforce action-based information are omitted.

Table 1. Review of information cues on electronic commerce research.

Category

Information Cues Sources

Website or Platform

Technological characteristics

Fogg, et al. [42]; Wells, Valacich and Hess [32]; Gregg and
Scott [31]

Design features

Gregg and Walczak [43]; Kim and Benbasat [33]; Kim and
Benbasat [44]

Product Characteristics description (price, Dimoka, et al. [45]; Bao, Bao and Sheng [35]; Richardson,
warranty, product specifications, etc.) Dick and Jain [34]
Fang, Liu, Hossin, Wen and Xia [10]; Zafar, Qiu, Li, Wang
Review and Shahzad [23]; Davis and Khazanchi [46]; Liu [47];
Maslowska et al. [48]; Kim, Maslowska and Malthouse [11];
Anderson and Simester [9]; Li, Chen and Chen [41]
Like Zafar, Qiu, Li, Wang and Shahzad [23]; Coursaris et al. [49];
Naylor et al. [50]; Bhattacharyya and Bose [36]
Social Share Zafar, Qiu, Li, Wang and Shahzad [23]; Leong et al. [51];
Rating Bhattacharyya and Bose [36]; Flanagin, Metzger, Pure,

Markov and Hartsell [37]; Xia et al. [52]

Purchase action

Cheung, Xiao and Liu [4]; Chen, Wang and Xie [17]; Wang
and Yu [3]

Repeat purchase action None

2.3. Trust Expectation

In e-commerce, the concept of trust is commonly used. In earlier research, trust
was mainly used to describe how users regarded the reliability of sellers or third-party
organizations [53]. Because users cannot physically experience the online environment,
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they are regularly concerned about whether the purchasing process is secure [54]. Thus, the
development of trust indicates that users have confidence to take on the risk and uncertainty
associated with transactions with a seller or third-party organization. For instance, the
degree of perceived financial risk relies on the user’s ability to return a product after buying
it, which influences their level of confidence in the product sales process [55].

Information cues offer a means of coping with information asymmetry in online
purchases to increase user trust; however, it is challenging for customers to obtain com-
prehensive knowledge of the market [28]. They can only determine whether a product
is worth purchasing based on information cues and then form an expectation in their
minds. The inferential process enables customers to develop expectations for the product,
helping them assess whether the product’s quality and fit with their preferences meet their
needs. In prior research, trust is typically studied after consumers have already identified a
specific seller with whom they intend to transact. Under such circumstances, consumers
evaluate the extent to which purchasing a particular product from that seller is trustworthy.
In contrast, in the trust formation process described in this study, consumers have not
yet decided which seller to purchase from and therefore do not possess a clearly defined
trust relationship with any particular seller. Consequently, this study approaches trust as
an expected evaluation. Following the general definition of trust proposed by Chai and
Kim [56], users” willingness to engage in purchase behavior is based on the expectation
that other parties will perform specific actions that are important to users, even when users
cannot monitor or control those parties. The purpose of user participation in e-commerce
is to purchase products. Users develop a desire for a product in an environment where
information cues are presented, expecting it to be as described online. This expectation
leads them to make a purchase, as shown in Figure 1.

Following the above logic on trust, Hong [57] proposes the concept of trust expectation,
which is defined as “the extent to which a consumer expects a future merchant to be capable
of successfully addressing the risk elements associated with the purchase of a product.”
Thus, trust expectation describes the merchant’s trustworthiness in dealing with anticipated
threats in the online environment. In e-commerce settings, however, users tend to focus
directly on the products they are considering during the purchase process. On the one
hand, they are concerned about whether the product can accurately perform the functions
described online while also demonstrating excellent quality in actual use. On the other
hand, users expect the product to be consistent with their own preferences, thereby avoiding
a mismatch during product use. Based on Hong [57]’s research, we can also derive a three-
stage process through which users choose a product. Initially, users identify product goals
and select the overall product scope and category before committing to a purchase. Then,
they assess products through information cues, shaping expectations about the product in
their minds. Ultimately, they opt for a product that best aligns with their trust expectation.
As such, we use trust expectation to reflect users’ internal perceptual shifts and define it
as the extent to which a user expects a product being considered to have high quality and
preference fit as described online.

3. Hypothesis Development

Figure 2 depicts the research model for this study. We posit that action-based informa-
tion cues, including purchase action and repeat purchase action, have significant impacts
on user purchase intention, and that these impacts are mediated by trust expectation. Fur-
thermore, based on social learning theory, it is expected that repeat purchase action is more
effective in building trust expectation than purchase action.
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Figure 2. Research model.

3.1. The Impact of Information Cues

There is abundant evidence from earlier studies that an individual’s behavior is influ-
enced by the actions of other individuals or groups [24,58]. For example, the availability of
voting information is related to subsequent voter decisions in political elections [59]. At the
organizational level, Swanson and Ramiller [60] show that IT-related innovation behavior
can be influenced by other actors in the broader innovation community.

In the context of e-commerce, users may be affected by the herding effect, change their
preferences, and thus follow the purchase choices of other users in the marketplace [61].
This suggests that users tend to infer product-related information from others’ behavior
because they have incomplete information. Chen, Wang and Xie [17] consider observing
other users’ purchase actions as observational learning and note their ability to promote
product sales. In addition, Cheung, Xiao and Liu [4] clearly state that prior purchase
action (i.e., the number of products added to the buy-lists of a member’s reference persons)
functions as a social information cue in social commerce. Indeed, observing other users’
actions can supplement product knowledge, change the perception of risk and uncertainty
in the transactional environment, and provide clues for more accurate purchase decisions.
This process facilitates information processing and may reduce cognitive dissonance by
allowing users to observe other users’ actual purchases to increase their confidence in
purchasing the product. Therefore, two types of action-based information cues, purchase
action and repeat purchase action, are expected to increase users’ purchase intention:

Hypothesis 1a. Purchase action will positively influence user purchase intention.
Hypothesis 1b. Repeat purchase action will positively influence user purchase intention.

Viewing the social learning process in e-commerce, two action-based information
cues alter the online transaction environment and influence users’ perceptions. Research
indicates that the initial transaction environment consists of product-related information
posted by sellers as well as comments made by other users. Despite having access to
product-related information, users may find it less helpful or less trustworthy because
sellers would show products based on their interests [45], and fake online reviews exist [62].
On the one hand, action-based information cues assist users in inferring product quality
and building a stronger belief that the product can meet their needs. On the other hand,
they can help users assess whether product attributes, such as flavor, size, and material,
match most users’ preferences during actual usage, which improves perceived product fit.
As a result, users can form a holistic perception of the product, increasing their confidence
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in selecting it. Empirical investigation also shows that users adjust their expectations as
they acquire new information [63]. In this regard, we propose the following hypotheses:

Hypothesis 2a. Purchase action will positively influence user trust expectation.

Hypothesis 2b. Repeat purchase action will positively influence user trust expectation.

3.2. Observational Learning Versus Reinforcement Learning

As mentioned earlier, action-based information cues provide a strong signal of product
quality and preference fit that encourages customers to imitate the purchase behavior of
their predecessors. Previous literature argues that actions speak louder than words and
investigates the relative impact of observational learning and reviews on user purchase
decisions, while the effects of different types of action-based information cues remain
unclear [64]. According to social learning theory, people acquire much of their knowledge
by observing others. That is, people observe the actions of others and then engage in
specific behaviors to avoid errors [65]. Furthermore, reinforcement learning occurs when
the outcomes of others’ actions are seen during observational learning [66]. For instance,
Cheung, Liu and Lee [64] find that in social shopping communities, observing other users’
posting behavior enhances their information contribution behavior (i.e., posting), and this
posting behavior is reinforced when they receive feedback in the form of comments on their
posts. Similarly, users develop expectations about products and make purchase decisions
by observing the purchase actions of others. If information about others’ repeat purchases
is revealed, users may become aware that previous purchases yielded positive outcomes.
In accordance with expectation confirmation theory, only users whose expectations are con-
firmed experience high satisfaction and engage in continued purchase behavior. Therefore,
when users receive positive feedback about a product from others, their expectations of
that product will be reinforced. We formulate the following hypothesis:

Hypothesis 3. Repeat purchase action will exert a stronger influence on user trust expectation
than purchase action.

3.3. The Impact of Trust Expectation

Social learning theory posits that individuals” expectations shape the development of
their behavior. Users tend to combine information about product quality and preference fit
to generate a perception of the product that drives their purchase behavior. For example,
Zeithaml [67] proposes the value-intention model, which suggests that users initially
perceive the quality and price of the product, and then form an overall assessment of
product value, leading to purchase behavior. In the e-commerce purchase process, users
expect to obtain the optimal product. They choose the product that appears most credible
based on information cues and expect it to perform effectively in practice. We propose
that the higher the level of trust expectation for a product, the more likely the user is to
purchase it.

Hypothesis 4. Trust expectation will positively influence user purchase intention.

4. Methodology
4.1. Pretest

This study aims to investigate the impact of action-based information cues on user
purchase intention with trust expectation as the mediator. Previous research has used
cosmetic products and digital cameras as experimental stimuli [4,17]. We suspected that
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participants’ age and gender distribution might vary due to the use of cosmetic products,
while digital cameras were no longer appropriate, given the present state of e-commerce.
Following the approach of Chen, Wang and Xie [17], snack food was chosen as the exper-
imental stimulus for the empirical study. First, as one of the most commonly consumed
and widely accessible product categories in daily life, snack food is familiar to most people
and attracts broad interest. Second, most snack food products are relatively inexpensive.
People are thus likely to be motivated to purchase them by information cues. Third, snack
food is an experience product with a high degree of uncertainty that can only be evaluated
accurately after purchase and experience. Information cues are crucial in influencing users’
decision-making. Therefore, information about previous purchases and repeat purchases
could be effective in influencing users’ purchase decisions.

Before examining the effectiveness of purchase action and repeat purchase action as
information cues, a separate analysis was conducted to identify the number of actions
appropriate for online shopping. We considered that the number of actions should reach
users’ purchase threshold to reduce individual differences. Thus, we conducted a pretest
on Credamo (www.credamo.com), a professional questionnaire crowdsourcing platform
in China. It functions like Amazon Mechanical Turk and has supported many studies
published in top journals. We collected data through the platform’s respondent panel,
which consists of hundreds of thousands of users with diverse demographic characteristics,
including gender, age, and educational background. The platform allowed researchers to
recruit participants according to specific sampling criteria. Given that our target population
comprised consumers of e-commerce platforms, we did not impose any demographic
restrictions on participant selection. Instead, the survey was distributed randomly across
the members of the panel until the desired sample size was achieved.

We first informed participants that this study was conducted in collaboration with
McMix, a professional e-commerce platform that sells snack food. To improve user engage-
ment, the platform aimed to test how page design might improve the user experience in
practice. Participants were then given the following statement: “Imagine you are searching
for and buying a product (Note: At the beginning of the experiment, we tried to present a
specific product by showing them a picture of an Indonesian food product (i.e., Maitos, a
tortilla chip brand). In the pretest, the result indicated that the impact of product familiarity
was not important (F(1, 58) = 0.25, p = 0.62). However, the results of the main experiment
were unsatisfactory. We speculated that this may be caused by variations in user prefer-
ences for particular products. As a result, we did not restrict it to a single product, but
rather to a broad category of snack food. One is that most users will buy frequently on a
daily basis, and the other is that snack food possesses a high degree of uncertainty, thus
requiring users to rely on information cues from previous users for evaluation.) on the
McMix platform. After you click on the search button, you discover that the price of the
product is basically the same in each store, but the number of purchases/repeat purchases
varies.” A total of 64 participants took part in the pretest and received $0.30. After reading
the background, they were required to answer two questions designed to measure the
quantities of two actions: “How many purchasers/repeat purchasers in the store could let you
choose to buy this product? Please write down the number (Unit: person).”

Table 2 presents the descriptive statistics for our pretest. We considered these criteria
together. The mean was used as a reference to obtain an overall quantitative benchmark.
Because the standard deviations were large, we considered the medians and 75th percentiles
together with the means. For purchase action, the 75th percentile was 9500, indicating
that this purchase volume would motivate most participants to buy. We therefore set
the number at 10,000. For repeat purchase action, the 75th percentile was 1000, and the
mean was 1500, suggesting that a repeat-purchase volume of around 1500 could provide
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an effective signal. We set the repeat-purchase number at 2000 to provide a salient cue
while preserving the realistic expectation that repeat purchases are normally fewer than
total purchases.

Table 2. The descriptive statistics.

Purchase Action Repeat Purchase Action
Mean 7409 1500
Median 1000 175
St. Dev 20,133 2961
75th Percentile 9500 1000

4.2. Experimental Design of Study 1

Similar to the pretest, we designed an online experiment on the Credamo platform
to study which of the two action-based information cues, namely purchase action (the
number of previous purchasers) and repeat purchase action (the number of previous repeat
purchasers), would more strongly increase user purchase intention. In the experiment,
participants read a short introduction about McMiyx, after which they were asked to imagine
the following scenario: “This weekend, you intend to relax at home by watching a famous drama,
but you feel like you will be unable to do it without snacks. At that point, you remember and access
the McMix platform mentioned by your colleague, where you search for the casual snacks you wish
to buy, and the following information appears.” Then, participants were randomly assigned to
one of three experimental groups and were presented with the following statements (see
Appendix B):

No Information (Control—C): “High quality, low price, irresistible deliciousness. Come
and buy it now!”

Information about purchase action (Treatment 1—T1): “High quality, low price, irre-
sistible deliciousness—over 10,000 customers have already ordered this product. Come and buy
it now!”

Information about repeat purchase action (Treatment 2—T2): “High quality, low price,
irresistible deliciousness—over 2000 customers have already made multiple repeat purchases. Come
and buy it now!”

Afterward, participants were asked to rate their likelihood of purchase (1 = Not likely
at all, 10 = Very likely). They were also asked to respond to questions regarding trust
expectation. The measurement of trust expectation was based on Hong [57], who considers
trust in online merchants as an expectation of users. In this study, trust expectation is
defined as the extent to which a user expects a product being considered to have perfect
quality and preference fit as described online. Consistent with our definition, 6 items were
used to measure this variable, including items related to product quality and preference
fit [68]. The statements were as follows “the product would look the same in real life from

Zai

how it looks on the website description”, “the product would function as well as it was

A7

introduced on the website”, “the product would perform as I expected it to perform”,
“the product would match my requirements”, “the product would match my tastes”, and
“the product would match my preferences”. We tested the reliability and validity of the
measurement scales, and the results indicated that trust expectation was well measured
(average variance extracted > 0.5, composite reliability > 0.7, Cronbach’s alpha > 0.7, factor
loadings > 0.7, and factor loadings for all items ranged from 0.76 to 0.81) [69].

In total, 227 valid responses were collected. Among them, 58.6% were female, 55.5%
were 25-34 years old, more than 70% held a bachelor’s degree or above, 64.8% earned
more than 5000 RMB, over 60% had used the platform for less than three years, and 64%

purchased fewer than 5 times per month. The descriptive statistics are shown in Table 3.
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The differences in demographic variables among the groups were not significant, indicating
successful random assignment of participants.

Table 3. Descriptive statistics for the main study.

Mean Control Treatment1  Treatment 2 ANOVA
Variables Range
(N =227) (N =175) (N =75) (N =77) F p
Age 1-5 2.19 2.15 2.24 2.17 0.18 0.83
Gender 1-2 1.59 1.56 1.63 1.57 0.39 0.68
Education 14 2.88 2.84 2.92 2.88 0.27 0.76
Income 1-5 434 4.33 4.33 4.35 0.01 0.99
Duration of use 1-5 3.94 3.80 4.05 3.96 1.22 0.30
Freq. of use 14 3.01 3.04 2.97 3.03 0.13 0.88

4.3. Results of Study 1

To examine our hypotheses and the relationships among constructs, mediation analysis
was performed using the PROCESS macro (version 3.0) in IBM SPSS Statistics 26 [70]. We
used PROCESS Model 4 with 5000 bootstrap samples to assess the significance of the path
model and obtain p-values.

As shown in Table 4, the estimated coefficients for Treatment 1 and Treatment 2
on purchase intention were 0.34 (p = 0.04) and 0.51 (p = 0.00), providing evidence to
support Hla and Hlb. In addition, the significant coefficient for Treatment 2 on trust
expectation (b = 0.29, p = 0.02) indicated that repeat purchase action increased users’
trust expectation, supporting H2b. However, the coefficient for Treatment 1 on trust
expectation was 0.04 (p = 0.78), showing that purchase action did not have a significant
impact on trust expectation. Thus, our results did not support H2a. Moreover, we found
that trust expectation significantly influenced user purchase intention (b = 1.21, p = 0.00),
supporting H4.

Table 4. Estimation results for the linear regression model (N = 227).

Trust Expectation Purchase Intention
b p b p

Constant 4.75 0.00 0.88 0.20
Treatment 1 0.04 0.78 0.34 0.04
Treatment 2 0.29 0.02 0.51 0.00
Trust expectation 1.21 0.00
Treatment 2 versus Treatment 1 0.25 0.05 0.17 0.29
R-squared 0.24 0.74

Adj. R-squared 0.06 0.55

Note: Bold values indicate statistically significant results at p < 0.05.

We further compared the effects of the two action-based information cues on trust
expectation when Treatment 1 was used as the baseline. The results indicated that repeat
purchase action increased trust expectation more than purchase action (b = 0.25, p = 0.05),
supporting H3.

We also tested the indirect effects of the action-based information cues on purchase
intention as presented in Table 5. The results showed a significant indirect effect of repeat
purchase action on purchase intention through trust expectation (the 90% confidence
interval did not include 0), but the indirect effect of purchase action on purchase intention
was nonsignificant (the 90% confidence interval included 0). Moreover, the indirect effect
of repeat purchase action on purchase intention was stronger than that of purchase action
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when Treatment 1 was used as the baseline. These findings provided further confirmation
of our hypotheses.

Table 5. Indirect effects of action-based information cues on purchase intention.

Bootstrap 90% CI

Baseline Comparison b se
LLCI ULCI
Treatment 1 0.04 0.17 —-0.27 0.39
Control  Troatment 2 0.35 0.17 0.04 0.70
Control —0.04 0.17 —0.38 0.27
Treatment1 oo tment2 0.31 0.15 0.02 0.61

Notes: The indirect effect path is Comparison vs. Baseline — Trust expectation — Purchase intention. Bold values
indicate statistically significant indirect effects, as the bootstrap 90% confidence intervals do not include zero.

5. Effectiveness Test
5.1. Experiment 2: Advantage of Repeat Purchase Action

Although our findings provided evidence that repeat purchase action enhances users’
trust expectation, this effect may not apply directly to purchase action. We speculated that
repeat purchase action contains specific signals that reinforce users’ confidence in making
purchases, a characteristic not present in purchase action. Following this rationale, we
tested the underlying logical relationship in our hypothesis framework using additional
variables and analyzed the differences between the two action-based information cues.

Generally, loyal customers tend to buy products from a specific platform or seller
more frequently and consistently [71]. Repeat purchase action is intrinsically connected to
customer loyalty. Thus, we reviewed the literature on customer loyalty to identify factors
that could influence users’ continued purchase behavior. In the context of e-commerce,
Srinivasan et al. [72] identified eight potential factors influencing loyalty and classified
them as the “8Cs.” Pan et al. [73], from another perspective, investigated customer-related
and product-related factors. Specifically, Toufaily et al. [74] systematically organized these
variables influencing customer loyalty into five main categories: customer characteristics,
environmental characteristics, product/service attributes, company /retailer characteris-
tics, and website characteristics. Due to the comparative nature of our research scenario,
which focuses on comparing two types of action-based information cues, we selected
relevant variables from both the product and seller perspectives for testing and explanation.
Specifically, the advantage of repeat purchase action might stem from users’ inference
that prior purchasers were probably satisfied with their purchases based on information
about repeat purchase action. This satisfaction could take two forms: first, in terms of the
product itself, users may view it as being of high quality during the post-purchase usage
phase [75]. Second, the seller may have provided exceptional service support throughout
the post-sale process, continuously enhancing users’ post-purchase journey, resulting in
a favorable overall view of the seller. Users may perceive the seller’s care and reputation
more favorably [72]. As a result, Experiment 2 was conducted following the framework
illustrated in Figure 3.

5.2. Experimental Design of Study 2

Following the previous experimental design, we evenly allocated Credamo partici-
pants across the control group, Treatment 1, and Treatment 2. The experimental procedure
remained unchanged. The difference was that after participants read the statements, they
were asked to respond to questions regarding their perceptions of the product and seller.
We collected a total of 157 responses, and after excluding participants who failed the
attention-check questions (e.g., those who were explicitly instructed to select “1” but failed
to do so) or provided incomplete responses, we retained 144 valid responses.
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Figure 3. Research model for potential effect.

The measurement of product quality was derived from Wells, Valacich and Hess [32]
and included 3 items: “I perceive the product offered to be durable”, “The product appears
to me to be well crafted”, and “I perceive the product offered to be of high quality”.
Care was measured using 5 items from Srinivasan, Anderson and Ponnavolu [72], and
the statements were “I have not experienced problems with billing after purchasing the
product”, “The goods that I purchased were delivered on time”, “I feel that the seller is
responsive to any problems that I encounter”, “The after-sale quality is customer friendly”,
and “I believe that the seller takes good care of its customers”. Reputation was evaluated
by asking participants about their attitudes toward the seller’s reputation, as suggested
by Pan et al. [76]. All items were assessed using a seven-point Likert scale, ranging from 1
(“strongly disagree”) to 7 (“strongly agree”). Furthermore, we established the reliability
and validity of these variables (average variance extracted > 0.5, composite reliability > 0.8,
Cronbach’s alpha > 0.7, all factor loadings > 0.7, and factor loadings for all items ranged
from 0.72 to 0.87) [69].

5.3. Results of Study 2

We employed one-way ANOVA in SPSS to examine the differences in the effects of
the two action-based information cues on users’ perceptions of product- and seller-related
factors, as shown in Figure 4. Compared to purchase action, repeat purchase action led
users to perceive higher product quality (F(2,141) = 4.45, p < 0.05). Users perceived greater
care from the seller when repeat purchase action was provided (F(2,141) = 3.79, p < 0.05).
Moreover, users perceived the seller’s reputation more positively under repeat purchase
action than under purchase action (F(2,141) = 4.87, p < 0.01).
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Figure 4. The effect of action-based information cues on potential factors: (a) product quality; (b) care;
(c) reputation. Error bars represent standard errors. Different lowercase letters above the bars indicate
significant differences between groups; bars sharing the same letter are not significantly different.
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We also conducted a mediation analysis using PROCESS to further explore the impacts
of these variables. Our findings indicated that product quality (b = 0.10, LLCI = 0.03,
ULC =0.18), care (b = 0.13, LLCI = 0.04, ULCI = 0.24), and reputation (b = 0.10, LLCI = 0.02,
ULCI = 0.18) all acted as significant mediators in the relationship between repeat purchase
action and trust expectation, compared with purchase action. These results indicated that
repeat purchase action had a clear advantage in reinforcing users’ favorable perceptions of
both the product and the seller, an effect not achieved through purchase action.

6. Discussion

Building on previous research on the role of purchase action, this paper proposes
repeat purchase action as a key factor in enhancing user trust expectation and purchase
intention in e-commerce. We then developed a theoretical model grounded in social
learning theory to investigate the impact of these two types of action-based information
cues on purchase intention through the mediation of trust expectation. Using data obtained
from online experiments on the Credamo platform, we conducted a mediation analysis
using PROCESS and obtained empirical evidence.

This study shows that both types of action-based information cues can enhance users’
purchase intention. The finding that purchase action has an impact on purchase intention is
consistent with findings from earlier studies. Purchase action provides public signals that
weaken users’ reliance on their own private information, leading to an information cascade.
Thus, purchase action reflects users” observational learning process [17]. Whether a person
chooses to follow the actions of others depends heavily on the strength of the observed
behavioral signal. For example, some restaurants hire people to line up outside their stores.
This creates an environment that suggests a high level of purchase activity, which drives
users to alter their beliefs and ultimately opt to make a purchase [77]. In addition, this
study finds that repeat purchase action can also enhance user purchase intention. Repeat
purchase action builds on observational learning by informing users not only about prior
purchase decisions but also about implied post-purchase outcomes, thereby helping users
infer product quality and preference fit.

The above findings demonstrate the effectiveness of observational learning and re-
inforcement learning in shaping individual purchase behavior. This study confirms that
the effect of repeat purchase action on purchase intention is mediated by trust expectation.
The results point to a strong effect of repeat purchase action on users’ trust expectation,
suggesting that the reinforcement signal conveyed by repeat purchase action provides
stronger cues about product quality and preference fit. Our results also reveal how pur-
chase action and repeat purchase action operate through different learning mechanisms.
Compared with purchase action information, repeat purchase action information enhances
users’ trust expectation toward the product, thereby increasing purchase intention. This is
largely because repeat purchase action implies post-purchase outcomes, offering additional
information cues that help users form a holistic perception of the product.

However, the purchase action fails to elicit users’ trust expectation. A potential expla-
nation for the nonsignificant result is that users engaging in observational learning simply
follow the actions of others. This process increases the influence of public observational
information while weakening users’ reliance on their own private information in their
overall assessment of the product, thereby limiting their ability to judge the product and
form trust expectation before purchase. The findings from Experiment 2 provide evidence
for this speculation. Purchase action failed to help users improve their confidence in judg-
ing product quality and the seller’s after-sales service; however, repeat purchase action
did help users do so. This further supports the advantage of repeat purchase action, as
suggested in Hypothesis 3.
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As discussed above, one possible reason why purchase action increases purchase
intention but fails to elicit trust expectation is that consumers tend to follow others through a
herding mechanism rather than actively process and evaluate information. This observation
leads us to speculate that trust expectation may be more readily formed in contexts where
information evaluation is less demanding. For example, in the case of search goods,
consumers face relatively low levels of information uncertainty. Under such circumstances,
observing the purchase behavior of other consumers may be sufficient to quickly generate
trust expectation [78]. Similarly, for low-involvement products characterized by simple
decision-making processes, habitual purchasing, and limited information processing, trust
expectation may be internalized through habit or brand loyalty and therefore does not
need to be re-established with each purchase. In these situations, information conveyed
through others’ purchase action can readily trigger the formation of trust expectation [79].
In contrast, we also speculate that purchase volume may be driven by online promotional
campaigns [80] or new product launches [81]. Although these activities may boost sales
volume, they do not necessarily provide reliable information about product quality or the
seller’s post-sale performance. Future research could examine the boundary conditions of
this effect.

6.1. Implications

This paper provides several valuable theoretical contributions to the literature. First,
this study adds to the body of knowledge about information cues in e-commerce. We
provide strong empirical support for existing findings regarding the impact of purchase
action on user purchase intention. More importantly, our study advances research on
action-based information cues. Whereas previous literature has focused on identifying
action-based information cues in terms of previous users’ purchase action and exploring
their differences from opinion-based cues (i.e., word-of-mouth), we go a step further by
offering an early attempt to introduce repeat purchase action as a distinct action-based
information cue and examine its impact on purchase intention, as well as its differences
from purchase action.

Second, this study offers a more in-depth perspective on how social learning theory is
applied in an e-commerce context. On the one hand, we extend the learning process of user
purchase in e-commerce. Numerous studies have noted the part that users’ observational
learning plays in their online purchases, but few researchers have gone further to examine
the role that reinforcement plays in the learning process. Our study examines both observa-
tional and reinforcement learning mechanisms within social learning theory, comparing
and contrasting their roles in promoting online transactions. On the other hand, we refine
the user learning process in the context of e-commerce, thereby enhancing the theoretical
explanatory power of this theory.

Finally, we identify the mechanism through which action-based information cues influ-
ence user purchase intention. Trust expectation captures the perceptions and expectations
that users form during the social learning process. Drawing on Hong [57]'s understanding
of trust expectation regarding sellers, we propose trust expectation for products, which
reflects the psychological process triggered by changes in the information environment
during the product purchase process. The findings of this study add to our understanding
of trust expectation and provide insight into the pathways through which action-based
information cues operate.

The significance of this research for practitioners is clear. With the widespread inte-
gration of social elements in e-commerce, social information cues have become a means
for users to make purchase decisions. Understanding how social information cues influ-
ence user purchase decisions is crucial for companies that use previous users’ purchase
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action information to promote their products and services. Our research findings can
help formulate guidelines and create more effective online marketing strategies. Since
both purchase action and repeat purchase action can increase users’ purchase intention,
e-commerce platforms or websites may consider retaining the display functions of both
types of action-based information cues, while sellers may choose their information display
strategy according to their own sales scenarios when developing and designing product
interfaces. Our findings can therefore assist e-commerce platforms in developing systems
for organizing and designing sales interfaces more efficiently.

In the online transaction environment, information asymmetry exists between buyers
and sellers, and buyers cannot accurately obtain information about products, leading
to uncertainty regarding product quality and preference fit. Faced with high product
uncertainty, users may perceive more risk in the purchase process, leading to lower trust
expectation toward the product. Our research findings suggest a more effective approach to
addressing this issue by leveraging action-based information cues. This approach can assist
sellers in adopting appropriate strategies to enhance users’ confidence in the product. The
study reveals that users may have difficulty developing trust expectation toward products
by observing previous users’ purchase action, and this process may require reinforcement
from positive post-purchase outcomes. Repeat purchase action suggests that many users
acknowledge, through their actual buying behavior, that their previous purchases met their
expectations. Sellers can therefore indirectly convey previous users’ overall evaluation
of the product through repeat purchase action information. Additionally, users may
experience information overload when faced with excessive information, and sometimes
excessive information cues in product interfaces can disrupt user judgments. Therefore, in
such cases, sellers may consider displaying only previous users’ repeat purchase action
information as a way to reinforce users’ trust in the product and select appropriate interface
development strategies accordingly.

6.2. Limitations and Future Research

This study also has some limitations. First, we used scenario-based experiments
to measure the impact of purchase action and repeat purchase action on users. Even
though we conducted the experiment using the name of the McMix platform and added
the scenario description to create as realistic an environment for participants as possible,
participants may still have perceived the setting as somewhat removed from a real shopping
environment. Therefore, to make the experimental scenarios more realistic and thereby
better analyze and validate the research model presented in this paper, future research
could use field experiments or natural experiments. Second, our sample and data were
obtained from a Chinese crowdsourcing platform. Future studies could examine samples
from different countries and regions to collect more diverse data. Third, in light of the
role of information cues in reducing information asymmetry, this paper conducted an
experiment with snack food, a product category with high uncertainty regarding quality
and preference fit. Whether the same effect exists for other product categories, such as
clothing and cosmetics, can also be examined in future studies. Finally, we propose trust
expectation as a potential mechanism to describe user perceptions in accordance with
the learning process of social learning theory. It would be interesting to investigate other
factors that may be influenced by information cues and may capture users’ psychological
mechanisms. Future research may also attempt to identify and measure additional suitable
mediating variables using quantitative methods.
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Appendix A. A Sample of Information Cues in Product Interface
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Appendix B. Experimental Materials

Table A1l. Textual and visual materials.

No Information Purchase Action Repeat Purchase Action

High quality, low price, irresistible High quality, low price, irresistible

High quality, low price, irresistible  deliciousness—over 10,000 customers  deliciousness—over 2000 customers

deliciousness. Come and buy it now!  have already ordered this product. have already made multiple repeat

Come and buy it now! purchases. Come and buy it now!

EDERET OMaitos KK ENE AT # OMaitos EXH
EERFEE# OMaitos EXE (Product Information: Imported Maitos (Product Information: Imported Maitos
{Product Information: Imported Maltos tortilla chips from Indonesia) tortilla chips from Indonesia )
tortilla chips from Indonesia ) ¥9.5 E#10000+ AR ¥9.5 E%52000+"E k%"
s S =k P
(Price: CNY 9.5) product) multiple repeat purchases)
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