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Abstract

Considering the high user engagement and collaborative content creation in the digital
cultural industry, we explore how digital platform capabilities (DPCs) enable value co-
creation in corporate innovation ecosystems (VCC-CIE). Drawing on dynamic capability
theory and survey data from 504 employees of Chinese digital cultural enterprises, we
analyze the impact of DPCs on VCC-CIE. DPCs were found to positively affect VCC-CIE,
with organizational structural agility (OSA) and business model innovation (BMI) serving
as mediators. Furthermore, digital business intensity (DBI) not only positively moderates
the direct relationship between DPCs and VCC-CIE but also significantly moderates the
mediating role of OSA, creating a moderated mediation model. This research advances
our understanding of value co-creation in the digital age. Practically, it reveals that digital
cultural enterprises can boost VCC-CIE by enhancing their DPCs, improving OSA, and
adopting BML

Keywords: digital platform capabilities; value co-creation in innovation ecosystems; digital
cultural industries; dynamic capabilities theory; moderation-mediated model

1. Introduction

Empowered by digital technologies, enterprises obtain greater efficiency in resource
allocation and improved innovation capabilities by developing their own innovation ecosys-
tems and integrating them with both internal resources and those of other enterprises [1].
This method of operation promotes industrial upgrading in all aspects by promoting a
value co-creation mechanism among enterprises [2]. In practice, however, due to insuffi-
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slow growth, and strained relations. Similarly, Xiaomi’s ecosystem chain started with
a low-margin strategy, which can help the business to “scale up quickly” but will also
constrain the technology transformation and independent innovation capabilities of its
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from a means of technical support for improving operational efficiency to strategic struc-
tures built around data-driven resource orchestration and ecosystem coordination that
can be the reason for the success or failure of value co-creation in corporate innovation
ecosystems (VCC-CIE) [4]. In this light, studying the way DPCs affect the effectiveness
and sustainability of value co-creation holds substantial conceptual and applied relevance.
Yet, the precise organizational mechanisms that translate platform capabilities into value
co-creation, as well as the contextual conditions that limit or amplify this process, remain
insufficiently conceptualized.

The theory of beneficial collaborative creation in innovative systems is inspired by
the notion of business ecosystems [5], underlining the idea that different actors mutu-
ally maximize value through complementary collaboration. Existing research primarily
explores joint value generation within creative innovation networks from a fluid oper-
ational viewpoint, encompassing collaborative behaviors [6], innovation pathways [2],
and digital technology applications [1]. Influencing factors can be discussed from two
angles: the system level and the participation level of participants. System-level studies
include value co-creation models [6], operational mechanisms, and diversified participant
structures [7]. Stakeholder-level studies include value orientation, interests, and trust [8],
coordination capabilities, and dynamic exchange capability [9]. While system-level studies
emphasize structural enablers and stakeholder-level studies focus on behavioral dynamics,
these two streams have developed in parallel, with limited cross-level integration. This
disconnect creates a theoretical blind spot: the factors identified in each stream can in-
dividually influence the efficiency and sustainability of value co-creation, yet we know
much less about how structural capabilities are translated into actual co-created value
through internal organizational processes. Another emerging trend impacting all aspects
of business operations in recent decades is the popularization and adoption of electronic
systems. Existing research has discovered the critical importance of DPCs as a powerful
enabler, driving innovation [10] in improving collaborative efficiency [11] and strength-
ening corporate performance and adaptability [4]. While these studies have established
the multifaceted value of DPCs, their findings remain largely fragmented across different
functional domains, largely due to the absence of an integrative theoretical lens capable of
capturing the systemic nature of platform-enabled transformation. Consequently, existing
studies tend to examine DPCs in relation to distinct functional outcomes—some emphasize
innovation, others efficiency or adaptability—yet rarely specify the mechanisms through
which DPCs are translated into VCC-CIE outcomes or the conditions under which these
effects are strengthened or weakened. This pattern suggests the existence of underexplored
mediating pathways and moderating contingencies. This gap is particularly pronounced
in research on how DPC-enabled platform capabilities drive VCC-CIE, especially in the
context of the digital cultural industry. The integration of DPCs into traditional cultural
industries has given rise to a distinctive value transformation pathway within ecosystem
governance models [12]. However, despite its growing prevalence, a systematic analytical
framework remains underdeveloped. The complexity inherent in high-frequency user
engagement and diverse-content ecosystems has hindered both theoretical advancement
and empirical inquiry—especially regarding the dynamic mechanisms and core drivers of
value co-creation [13].

To address this gap, this paper draws upon the logic of “mechanism decomposition”
and “boundary specification” to explicate two potential mediating pathways, organiza-
tional structural agility (OSA) and business model innovation (BMI), and a key boundary,
condition digital business intensity (DBI), that may collectively explain how DPCs translate
into VCC-CIE. Specifically, we select OSA and BMI as they represent two distinct yet com-
plementary mechanisms—one focused on internal process reconfiguration and the other
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on external value logic redesign—that are theoretically more proximal to the demands of
the rapidly shifting digital cultural industry than alternatives such as absorptive capacity
or incremental innovation. Likewise, DBl is selected as a moderator because it captures a
firm-internal preparedness that may decisively separate successful platform value conver-
sion from mere platform adoption, a boundary that external environmental moderators
often fail to explain. First, OSA is an enterprise’s ability to repurpose its resources and
processes rapidly—a lower-order operational property capturing the speed of process-
level reconfiguration, distinct from the higher-order, longer-horizon dynamic capabilities
framework—and is likely the key path through which DPCs operate to empower the VCC-
CIE. DPCs boost an enterprise’s intangible capital as well as its internal responsiveness
and, in this way, shape its OSA [14]. Such agility often mediates between technological
competencies and outcomes [15,16] and may thus play the dramatic bridging role between
DPCs and VCC-CIE. Second, BMI serves as a key mechanism for value co-creation and is
likely to be activated by DPCs to facilitate VCC-CIE outcomes. DPCs advantage systemic
value creation by driving strategic flexibility [17]. In an altering circumstance, this business
model innovation, actuated by digital capabilities, is crucial to assembling internal and
external resources together, allowing for organizational learning and transformation, in ad-
dition to the mere accountable VCC-CIE [18]. Finally, DBI reflects the strategic heft that an
enterprise has put into digital technologies and the degree of strategic fittedness. Whether
DPCs can actually be transmuted into VCC-CIE is deeply rooted in this embeddedness and
constitutes a crucial boundary condition. This intensity reflects a firm’s internal readiness
for digital transformation and has been shown to significantly modify the association
between DPCs and outcomes [19]. We position DBI as a moderator rather than a direct
predictor because such readiness conditions the overall translation process rather than
directly generating value co-creation, consistent with prior treatments of digital intensity
as a contextual contingency [20].

The above theoretical mechanism requires testing in a real case with complex ecological
characteristics. China’s vast and innovative digital cultural industry offers a suitable “natu-
ral setting”. In 2024, China’s cultural and related industries generated over CNY 19 trillion,
of which 16 sub-industries featuring new cultural formats contributed CNY 6.66 trillion
(up 12.4% year-on-year; National Bureau of Statistics). Within this dynamic ecosystem,
global platforms such as Alibaba, Tencent, and Douyin have emerged, heavily relying
on user participation, content co-creation, and ecosystem synergy. Thus, we can observe
explicit samples to examine the relationships among our core variables. Accordingly, this
study focuses on China’s digital cultural industry to answer three questions: How do DPCs
drive VCC-CIE? What are the mechanisms and boundary conditions and, specifically, what
are the roles of OSA, BMI, and DBI as mediators or moderators? We empirically test these
effects via a questionnaire survey of employees in China’s digital cultural industry, aiming
to provide theoretical and practical insights.

Contrasting with prior work, the incremental contributions of this study are reflected
in the following: (1) Investigating how digital platform capabilities affect value co-creation
in corporate innovation ecosystems, and extending the literature to the digital cultural
industry, an area less studied than general industries; (2) empirically verifying the dual
mediating roles of organizational structural agility and business model innovation, thereby
clarifying the “black box” through which digital platform capabilities drive value co-
creation, enriching interdisciplinary research on platform capabilities and ecosystem value
co-creation, and offering evidence for the “platform empowerment — mediating mecha-
nism — value co-creation” logic in the digital cultural industry; and (3) introducing digital
business intensity as a moderator to capture the heterogeneous effects of different digi-
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tization levels, providing theoretical and practical references for policymakers to design
differentiated support policies and advance the digital cultural industry.

This study is structured as follows: Part One is the introduction, Part Two is the theory
and hypothesis, Part Three is the design, Part Four is the results, Part Five is the discussion,
and, finally, Part Six is the conclusion.

2. Theoretical Basis and Hypothesis

2.1. The Impact of Digital Platform Capabilities on Value Co-Creation in Corporate
Innovation Ecosystems

DPCs are the realization of an adaptive competency framework within an electronic
environment. By more acutely sensing, efficiently utilizing, and flexibly reconfiguring via
digital means, they enable enterprises to improve their capacity for VCC-CIE [21]. This is
an essential basis for competitive advantage in the context of the rapidly shifting tastes of
users in the digital culture industry among widely dispersed creative resources.

First, DPCs underpin technological support and data processing foundations for
VCC-CIE by integrating both internal and external resources. Within this interdependent
ecosystem, platforms rapidly collect and analyze data for accurate market insights [11,22];
integrate big data to enable free flow and collaboration of text, audio, and video [23];
and reduce resource idleness through data standardization, thereby enhancing the value
co-creation currency of ecosystem resources [4].

Second, DPCs promote adaptability by increasing the ability of enterprises and ecosys-
tem participants to interact and work with one another, enhancing VCC-CIE. Accelerating
the co-evolution of the corporate innovation ecosystem, platforms connect internal and
external processes via open interfaces for collaboration [24,25], facilitate multi-party collab-
oration to tailor offerings to technological and market changes [9], and reduce transaction
costs to deepen value co-creation, thereby upgrading content outcomes, user experience,
and the creative ecosystem [10].

Finally, DPCs build trustworthy bases for contribution to collaborative creation in VCC-
CIE by elevating data governance and security. Within corporate innovation ecosystems,
where trust reduces relational risk and encourages resource sharing, decentralized data
sharing enhances collaboration security, blockchain and smart contracts enforce rules to
foster sharing depth [26], and privacy computing integrated with blockchain supports
secure data circulation, creating a trusted site for fusion innovation around cultural contents
and user data [27].

To conclude, the current work advances the subsequent hypothesis:

H1. DPCs exert a favorable influence on VCC-CIE.

2.2. The Mediating Role of Organizational Structural Agility

Dynamic capability theory accentuates that organizations need to adjust to change
through flexible alterations [28]. In the context of the digital cultural industry, DPCs via
their application are the core technological embodiment of dynamic capabilities within the
corporate innovation ecosystem. DPCs shape firms” OSA, which is a key facilitator of joint
value generation in innovation networks.

First, DPCs positively promote OSA by breaking organizational response barriers
in the interdependent ecosystem. Platforms realign internal and external data exposure
through a joint interface, breaking down hierarchical barriers between reporting and the
market [29]. Real-time user behavior data (e.g., reading metrics) allow enterprises to
identify opportunities. For intelligent forecasting, platforms” Al analytics capabilities
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promote proactive agility [1]. This forecasting ability helps anticipate cultural consumption
trends, enabling enterprises to build high-order agility across the innovation ecosystem.

Second, OSA is critical for VCC-CIE. Through dynamic resource integration, agile
firms coordinate internal and external resources, enabling stakeholders to collaborate
and enhance co-creation capabilities [30]. By accelerating ecosystem co-evolution, they
facilitate cross-boundary knowledge flow and open innovation, allowing better learning
and absorption of creative ideas [15]. In the digital creative sector, this enables enterprises
to rapidly assemble creators, technology, and operations; run product experiments based on
user preferences; and continuously seize co-creation opportunities with ecosystem partners,
thereby driving the breadth and depth of value co-creation.

In summary, this study advances the subsequent hypothesis:

H2. OSA mediates the relationship between DPCs and VCC-CIE.

2.3. The Mediating Role of Business-Model Innovation

BMI enables enterprises to create competitive advantages through the systematic
transformation of their value activities [31]. Informed by the framework of adaptive com-
petencies [28], our study contends that in the content-driven, high-user-engagement digital
cultural industry, DPCs as a dynamic capability can successfully integrate and reconfigure
resources such as content, creator relationships, and value distribution, resulting in enter-
prise paradigm breakthrough and fostering joint benefit creation among a variety of actors
within the corporate innovation ecosystem.

First, DPCs positively influence BML By integrating data, platforms pool internal and
external information to form a knowledge base [32], enabling firms to redesign business
models and optimize content formats and IP operations via real-time interactive data. Plat-
forms also enable dynamic resource reconfiguration for systematic advancement of value
generation, transmission, and acquisition [33]. Furthermore, strong platform capabilities
drive business models toward digitalization, platformization, and ecosystemization [10],
expanding the depth and sustainability of co-creation in the digital cultural industry.

Second, BMI is positively associated with VCC-CIE. By restructuring value networks,
rebuilding cooperation mechanisms, and increasing system openness, it incentivizes stake-
holder value exchange [34]. Examples in the digital cultural industry include flexible
co-creation networks such as platform-based creation and IP-linked profit sharing, which
enable resource circulation and expertise restructuring [35]. This facilitates quicker ecosys-
tem response to market demands [36] and initiates stepwise cyclical breakthroughs and
mutual value construction.

In summary, this research propels the following proposition:

H3. BMI mediates the relationship between DPCs and VCC-CIE.

2.4. The Modulating Role of Digital Business Intensity

Guided by the dynamic capability theory of enterprises adopting and recombining
resources to adjust to environmental changes, DBI illustrates the extent of application and
exploration of digital technologies [19]. In the fast-changing digital cultural industry, where
technology and demand vary rapidly, we conjecture that DBI might moderate the impact
of technological system features on shared value creation in such innovation ecosystems,
characterized by resource interdependence and co-evolution, impacting overall efficacy
while also moderating the significant mediating role of the organizational structural agility
embedded in this process.
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DBI moderates the effect of DPCs on VCC-CIE through three channels. In resource
integration, high DBI means that denser data flows [37] help firms assimilate dispersed
creative assets, enhancing the ability of platforms to improve integration and co-creation
outcomes [4]. In fostering collaboration, high DBI reduces friction in system integration [38],
enabling digital cultural enterprises to link creators, developers, and channels more id-
iosyncratically, leading to agile project formations and unlocking collaborative innovation
value [25]. In trust building, high DBI implies deeper data security investments [20], mak-
ing partners more comfortable sharing data [27] and translating platform trustworthiness
into co-creation outcomes. Consequently, the following proposition is advanced:

H4. DBI moderates the relationship between DPCs and VCC-CIE.

The moderating effect of DBI on the extent to which DPCs enhance OSA within corpo-
rate innovation ecosystems appears in two forms. First, high DBI indicates a developed
digital infrastructure [39], enabling firms to transfer platform-integrated behavioral data
into cross-departmental actions, thus allowing DPCs to cut through information silos and
enhance agility. Second, high DBI supports modular platform architecture [40], allowing
predictions of consumption patterns and cultural creation points to be swiftly transformed
into resource allocation for content production and IP matchmaking, thereby reinforcing
the impact of DPCs on corporate transformation. Thus, DBI is expected to strengthen the
positive relationship between DPCs and OSA. Given that OSA is proposed as a key mediat-
ing mechanism through which DPCs translate into VCC-CIE (as proposed in H2) and that
DBI strengthens the DPC-OSA relationship, we further reason that this moderating effect
should extend to the entire indirect pathway. Specifically, when DBI is high, the enhanced
effect of DPCs on OSA is more likely to be channeled into VCC-CIE outcomes, thereby
amplifying the overall mediating effect. Accordingly, we propose the following;:

H5. The indirect effect of DPCs on VCC-CIE via OSA is positively moderated by DBI, such that
the mediating effect becomes stronger as DBI increases.

The conceptual paradigm constructed within the current investigation is presented in
Figure 1.

Digital platform
capabilities
(DPCs)

Organizational Value co-creation in
structural corporate innovation
agility(O5SA) ecosystems(VCC-CIE)

b

H3(+)

\, Business model

H5{+) innovation(BMI)

A

H4(+) H1(+)

in

Digital business

tensity(DBI)

Figure 1. Theoretical model and assumptions. Arrows indicate hypothesized positive relationships.
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3. Research Design
3.1. Research Variables and Research Tools

For DPCs, the digital platform capability measure developed by Jiang et al. and
Cenamor et al. [11,21] was adopted in this study. It is broadly used in digital innovation
research to assess digital “core functions,” focusing on resource coordination and adaptive
environmental interactions. The eight items closely match the operational definition of
digital platform capability used in this study.

For VCC-CIE, we adopted the Benefit Joint Creation Scale by Ranjan and Read [41].
This classic measure of value co-creation was developed in the context of service-dominant
logic. We adapted it to our corporate innovation ecosystem context, using five positively
worded items that measure value co-creation behaviors from different perspectives.

For OSA, we employed the Corporate Adaptive Capability Instrument by Cegarra-
Navarro et al. [42]. This scale, centered on core organizational capabilities for dynamic
responsiveness, effectively measures an enterprise’s adaptive and responsive characteristics
in fast-paced environments using six items, fitting our study’s framework for evaluating
organizational agility from the perspective of adaptive capability theory.

For BMI, we used Zott and Amit’s [43] Corporate Framework Blueprint Scale, an im-
portant and influential scale in the fields of entrepreneurship and strategy with solid theoret-
ical foundations. We adapted it to our research context, resulting in eight positively worded
items to measure firms’ business model design and its impact on corporate performance.

For DBI, we employed a scale developed by Nwankpa and Datta [44] that measures the
depth of strategic commitment to technology adoption in enterprises. The scale comprises
four positively worded items aimed at measuring strategic commitment to emerging and
innovative digital technologies.

Control Variables: We controlled for enterprise size, age, and type, as these firm-level
characteristics have been shown to influence innovation and collaborative outcomes [45].
Respondent demographics (gender, age, education, and position) were also included to
account for individual-level perceptual variations, consistent with established practices in
survey-based research [46].

3.2. Research Methodology and Subject Population

First, taking a cue from existing scales, the five research variables were integrated
to create the “Survey on the effect of virtual system features on benefit Co-creation in
Corporate Innovation Ecosystems.” The first part of this questionnaire obtained data on
respondents” gender, age, education level, current position, enterprise type, enterprise age,
and enterprise size. In the second part, the five scales—DPCs, VCC-CIE, OSA, BMI, and
DBI—were revised and adapted to the context of China’s digital cultural industry. For
the questionnaire, the five-tiered Likert-type continuum was modified from 1, ‘Vigorously
Reject’, to 5, ‘Fully Endorse.’

Second, national-scale experts were invited to comment on the scientific merit and
authority of each scale. Third, a unified translation-back-translation was adopted to
translate/modify proofreading each item of this scale, ensuring that the material of this
survey maintained the original core information of the scale. After the questionnaire
was roughly established, an online pre-survey was conducted in early July 2025, aiming
for 30 valid questionnaires filled by experts in statistics and employee representatives of
digital cultural industry enterprises. According to the pre-survey results, this questionnaire
received two modifications: first, the wording of items was simplified and optimized to
facilitate maximum understanding and allow for “controlling the response time” as a
behavioral indicator and, second, vague expressions were corrected.
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The structured investigation was carried out from 20 July to 8 August. To boost the
reliability of our survey responses, we operationally defined respondents as digital cultural
enterprise practitioners with insight into corporate digital platform innovation ecosystems.
In the questionnaire design, we utilized “role screening” questions to concentrate on respon-
dents such as “senior management”, “middle management”, and “frontline managers”, in
addition to “core employees”, who are perhaps not in managerial titles but cater to the main
operations. We used a categorized selection procedure to initially classify participants via
“management level”, “enterprise size”, and “region” and then performed random sampling
within each stratum to ensure representation across diverse groups and enterprise types.
Our survey ultimately encompassed 91 prefecture-level cities across 26 provinces in China.
We used a hybrid approach model of “in-house research + relying on and commissioning
professional research firms” and concluded with a total of 568 valid responses. In light
of the “common method bias”, we implemented tight controls in key procedural areas of
questionnaire design and distribution. First, we employed “reverse scoring” in some scale
items in the questionnaire design. Second, in our distribution of the questionnaire, we
assured participants of the purpose of the survey, its anonymity and confidentiality, and
its derived academic significance, and encouraged truthful answers. Validation through
reverse-scoring verification and extreme score screening enabled us to eliminate invalid
samples, resulting in 504 valid questionnaires. We achieved an average response rate of
88.7%, and the over fivefold response from societies compared to the count of elements in
the questionnaire gave downweight data support for the analysis [47].

3.3. Data Analysis Approach

Data were analyzed using SPSS 27.0 and AMOS 28.0 software in five stages: reliability
testing, validity analysis, common method bias analysis, model fit tests, and hypothesis
testing. More specifically, we calculated Cronbach’s alpha coefficient for reliability testing,
in addition to KMO for sampling adequacy tests and Bartlett’s sphericity test for validity.
Our next step was to perform a validating component examination to examine integrated
consistency and unified validity, determine the validity of our hypothesized model linking
digital platform capabilities along with collaborative value generation within the innovative
community of enterprises, and eliminate substantial common method bias. Our last step
was to explore the scholarly postulates by examining the interconnections among observed
and latent variables.

4. Research Findings
4.1. Descriptive Statistical Analysis

Table 1 shows the subset dispersion attributes. Most data came from frontline man-
agers with direct knowledge of daily operations. Participants” high education levels ensured
response quality. Sample enterprises were 6-10 years old with 300499 employees, repre-
senting a normal developmental stage where firms consider digital platform capabilities
and begin ecosystem-based value co-creation. This provides reliable empirical evidence
for analysis. The sample covers 26 provinces and 91 prefecture-level cities across China,
with diverse enterprise types and sizes represented. The broad geographic coverage and
stratified sampling design enhance the representativeness of our sample for the digital
cultural industry in China. In summary, the sample broadly describes the target population
and provides effective empirical evidence.
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Table 1. Sample distribution characteristics.
Variable Category N Perceontage Variable Category N Perceontage
(%) (%)
Male 216 429 Private enterprise 159 31.5
Gender Female 288 57.1 itjf;ﬁg;‘ﬁfeﬁ ;ﬁ;ﬁ 129 25.6
Under 25 73 145 Erll\tlzﬁ?ese Foreign-funded 106 21
enterprise
25-35 179 35.5 Joint-stock enterprise 79 15.7
Age 36-45 125 24.8 Other 31 6.2
46-55 94 18.7 Less than 100 83 16.5
56 and above 33 6.5 100~299 120 23.8
High School or Below 33 6.5 Engeczlfl’zise 300~499 152 30.2
Highest College Diploma 160 31.7 500~999 107 21.2
Education Bachelor’s Degree 269 53.4 1000 or above 42 8.3
Master’s Degree or Above 42 8.3 Less than 3 40 7.9
Senior Management 24 4.8 Enterprise 3~5 84 16.7
Current Middle Management 66 13.1 Age 6~10 249 494
Position Junior Management 324 64.3 More than 10 131 26
Other 90 17.9
Subtotal 504 100 Subtotal 504 100

4.2. Correlation Tests in Structural Equation Modeling
4.2.1. Validity and Reliability Testing

In this study, we computed Cronbach’s o coefficients to examine the reliability and
internal consistency of the scales developed and analyzed. The estimation results are
displayed in Table 2. Cronbach’s « coefficients for the DPCs, VCC-CIE, OSA, BMI, and
DBI scales were 0.918, 0.888, 0.909, 0.927, and 0.875, respectively. All of the values above
0.7 indicate acceptable internal consistencies; thus, the entire model is deemed to be robust,
with high reliability and validity.

Table 2. Variables and results of reliability and validity analysis.

Variable @ CR AVE
DPCs 0.918 0.9184 0.5846
VCC-CIE 0.888 0.8880 0.6135
OSA 0.909 0.9092 0.6257
BMI 0.927 0.9273 0.6147
DBI 0.875 0.8754 0.6372

Using SPSS 27, the content validity test showed a KMO of 0.937 (above 0.7) and
Bartlett’s sphericity test demonstrated significance (p < 0.001), confirming the question-
naire’s content validity.

To establish convergent validity, confirmatory factor analysis was performed. As can
be seen in Table 2, the composite reliability (CR) for each variable was 0.9184, 0.888, 0.9092,
0.9273, and 0.8754, respectively, each surpassing 0.7, and the mean variance captured per
variable (AVE) was 0.5846, 0.6135, 0.6257, 0.6147, and 0.6372, respectively, each higher than
0.5, signifying acceptable consistent accuracy regarding each latent variable. Additionally,
as presented in Table 3, the factor loadings for each observed variable ranged from 0.736 to
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0.831, all exceeding the recommended threshold of 0.5, further supporting the convergent
validity of the measures.

Table 3. Standardized factor loadings for all measurement items.

Construct Item Loading

DPCs
DPCsl 0.736
DPCs2 0.745
DPCs3 0.772
DPCs4 0.770
DPCs5 0.788
DPCs6 0.778
DPCs7 0.785
DPCs8 0.741

VCC-CIE

VCC-CIE1 0.768
VCC-CIE2 0.802
VCC-CIE3 0.764
VCC-CIE4 0.813
VCC-CIE5 0.768

OSA
OSA1 0.763
OSA2 0.795
OSA3 0.831
OSA4 0.798
OSA5 0.810
OSA6 0.746

BMI
BMI1 0.791
BMI2 0.790
BMI3 0.804
BMI4 0.769
BMI5 0.754
BMlI6 0.794
BMI7 0.774
BMIS8 0.795

DBI
DBI1 0.796
DBI2 0.792
DBI3 0.797
DBI4 0.808

As seen in Table 4, each of the variables’ square roots of the mean variance extracted are
0.7646, 0.791, 0.7840, 0.7833, and 0.7982, which all exceed the association metrics between
them and alternative parameters. This reveals that each of the variables possesses good
discriminant validity.

4.2.2. Common Method Bias

To assess the potential threat of common method bias, we conducted Harman'’s single-
factor test. Five factors with eigenvalues above 1 emerged, explaining 67.66% of the
variance, with the first factor accounting for 17.18%. According to Podsakoff et al. [48],
if a single factor explains less than 50% of the total variance, common method bias is
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unlikely to threaten the validity of conclusions. However, as Harman’s test is a relatively
conservative diagnostic approach, we acknowledge that it does not fully eliminate the
possibility of common method bias. We therefore discuss this limitation further in the
Research Limitations and Future Directions subsection.

Table 4. Pearson correlation analysis and AVE root mean square values.

Variable DPCs OSA BMI VCC-CIE DBI
DPCs 1
OSA 0.338 1
BMI 0.335 0.491 1
VCC-CIE 0.312 0.405 0.426 1
DBI 0.350 0.422 0.449 0.446 1

The square root of AVE 0.7646 0.7910 0.7840 0.7833 0.7982

4.2.3. Model Fit Test

This study uses structural equation modeling (SEM) due to its methodological fit: First,
SEM handles multiple latent variables and their path relationships simultaneously [49],
fitting the theoretical framework. Second, by jointly estimating measurement and structural
models, it directly examines causal relationships while controlling measurement error,
yielding more accurate estimates than traditional regression [50]. Third, SEM provides
overall model fit indices to thoroughly evaluate how well the conceptual framework
matches the data, offering a global validity criterion.

Table 5 below shows the model fit indices for this study. The results were as follows:
CMIN/DF = 2.386 (<3.0), CFI = 0.948 (>0.90), TLI = 0.943 (>0.90), NFI = 0.914 (>0.90), and
RMSEA = 0.052 (<0.08), indicating acceptable fit for the majority of indices [51]. The SRMR
is 0.0907, which is slightly above the recommended cutoff of 0.08. Regarding GFI (0.884)
and AGFI (0.862), while values above 0.90 are generally considered indicative of good fit,
Hair et al. [52] suggest that values in the range of 0.80-0.89 may be considered acceptable
(i.e., marginal fit), particularly when other fit indices demonstrate strong performance.
Given that the majority of fit indices—particularly the more robust ones such as CFI, TLI,
and RMSEA—fall within acceptable ranges, we interpret the overall model fit as acceptable,
with some marginal indices. In line with the recommendation that model fit evaluation
should be based on a comprehensive assessment of multiple indicators rather than a single
index, we adopt a cautious interpretation of the overall model fit.

Table 5. Model fit.

Goodness-of-Fit Absolute Fit Indices Incremental Fit Indices Parsimonious Fit Indices
Indices GFI AGFI SRMR RMSEA NFI RFI TLI CFI PNFI PCFI CMIN/DF
Recommended Value >0.80 >0.80 <0.08 <0.08 >090 >090 >090 >090 >050 >050 1<NC<3
Model Value 0.884 0.862 0.0907 0.052 0914 0905 0943 0948 0.831 0.862 2.386

4.3. Interpretation of Model Results
4.3.1. Hypothesis Path Testing

We used AMOS 28 to construct the structural equation model and evaluate the results.
As shown in Table 6, DPCs have a significant positive effect on VCC-CIE ( = 0.141,
p < 0.01), indicating that the development of DPCs contributes to VCC-CIE, thus supporting
hypothesis H1. DPCs also have a significant positive effect on OSA (3 = 0.350, p < 0.001),
suggesting that improving DPCs helps enterprises build more flexible organizational agility.
OSA, in turn, has a significant positive effect on VCC-CIE (3 = 0.229, p < 0.001), showing
that agile adjustment enhances the ability of enterprises to collaborate and create value
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with ecosystem participants, thereby supporting hypothesis H2. Furthermore, DPCs have
a significant positive effect on BMI (3 = 0.354, p < 0.001), indicating that enhancing DPCs
gives enterprises greater capacity to promote BMI. BMI exerts a significant positive effect
on VCC-CIE (p = 0.266, p < 0.001), demonstrating that BMI effectively promotes value
co-creation among multiple stakeholders in the innovation network, thus supporting
hypothesis H3.

Table 6. Results of hypothesis tests.

Path Unstd. Estimate  Std. Estimate S.E. C.R. p Test Results
DPCs — BMI 0.354 0.347 0.050 7.051 o Supported
DPCs — OSA 0.350 0.350 0.050 6.984 i Supported
DPCs — VCC-CIE 0.141 0.145 0.051 2.775 ** Supported
BMI — VCC-CIE 0.266 0.278 0.048 5.569 ot Supported
OSA — VCC-CIE 0.229 0.235 0.049 4.692 o Supported

Note: Arrows indicate hypothesized path directions. ** indicates p < 0.01, *** indicates p < 0.001.

While the direct effect of DPCs on VCC-CIE is significant (3 = 0.145), the notably
larger effects on OSA (3 = 0.350) and BMI (3 = 0.347) suggest that in the digital cultural
industry, DPCs create value primarily by enabling these mediating pathways, with the
direct pathway playing a secondary yet still meaningful role.

4.3.2. Mediation Effect Test

Using the Bootstrap sampling method of AMOS 28, we examined the mediating roles
of OSA and BMI in the relationship between DPCs and VCC-CIE. The results (Table 7) show
that the direct effect of DPCs on VCC-CIE was significant (unstd. estimate = 0.141, 95%
CI [0.04, 0.249], not including zero), supporting H1. The indirect effect through OSA was
significant (unstd. estimate = 0.08, 95% CI [0.041, 0.122], excluding zero), accounting for
25.39% of the total effect (0.082/0.323) and thus confirming H2. The indirect effect through
BMI was also significant (unstd. estimate = 0.094, 95% CI [0.053, 0.136], not containing
zero), accounting for 30.03% (0.097/0.323) and supporting H3. The total indirect effect
was 0.174 (95% CI [0.123, 0.228], not including zero), representing 55.42% of the total effect
(0.179/0.323), while the total effect of DPCs on VCC-CIE was 0.315 (95% CI [0.214, 0.420]).

Table 7. Analysis of direct and mediating effects.

95% Confidence Interval

Path Std. Estimate Unstd. Estimate 14 Lower Upper

Direct effect

DPCs — VCC-CIE 0.144 0.141 0.006 0.040 0.249
Indirect effects
DPCs — OSA — VCC-CIE 0.082 0.080 0.001 0.041 0.122
DPCs — BMI — VCC-CIE 0.097 0.094 0.001 0.053 0.136
Total indirect effect 0.179 0.174 0.001 0.123 0.228
Total effect 0.323 0.315 0.001 0.214 0.420
Difference

Indirect effect (OSA vs. BMI) —0.014 0.677 —0.079 0.056

Note: Arrows indicate hypothesized path directions.

Our findings demonstrate that OSA and BMI serve as parallel mediators in the rela-
tionship between DPCs and VCC-CIE. Specifically, higher DPCs enhance either OSA or
BMI, which, in turn, increases VCC-CIE. The difference between the two standardized
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indirect effects was —0.014 (p = 0.677), with a 95% confidence interval [—0.079, 0.056] that
included zero, indicating no significant difference between the two mediation paths.

4.3.3. Moderation Effect Test

Following the previous step, we further assessed the moderating effect of DBI on the
relationship between DPCs and VCC-CIE. The results of the moderation effect model are
presented in Table 8. The coefficient of the interaction term (DPCs x DBI) was 0.013, which
is positive, with p = 0.044, which is less than 0.05, indicating statistical significance. This
suggests that DBI acts as a positive moderator between DPCs and VCC-CIE. In other words,
higher DBI strengthens the positive effect of DPCs on VCC-CIE. Thus, hypothesis H4
is supported.

Table 8. Moderating effect analysis.

Path Estimate S.E. CR. P Label

DPCs — VCC-CIE 0.105 0.025 4.234 o par_1
DBI — VCC-CIE 0.395 0.048 8.267 e par_2
DPCs x DBI — VCC-CIE 0.013 0.006 2.018 * par_3

Note: Arrows indicate hypothesized path directions. * indicates p < 0.05, *** indicates p < 0.001.

4.3.4. Moderated Mediation Analysis

To test the moderated mediation hypothesis, we conducted a conditional process
analysis using PROCESS Model 7 Hayes [53] with 5000 bootstrap resamples, including
both OSA and BMI as parallel mediators to control for their intercorrelation and isolate
the specific indirect effect. The results showed that the interaction term (DPCs x DBI) on
OSA was significant (coeff = 0.0198, p = 0.011). As shown in Table 9, the index of moder-
ated mediation for the hypothesized OSA pathway was 0.0035 (95% CI = [0.0005, 0.0067]),
excluding zero, indicating a significant moderated mediation effect. In contrast, the par-
allel BMI pathway yielded an index of 0.0028 (95% CI = [-0.0007, 0.0067]), suggesting
that the moderating effect is specific to the OSA-mediated mechanism. Table 10 further
displays the conditional indirect effects via OSA. The indirect effect was not significant
at low DBI (effect = 0.0109, 95% CI includes 0) but became significant and progressively
stronger at medium (effect = 0.0281, 95% CI = [0.0141, 0.0447]) and high (effect = 0.0426,
95% CI =[0.0212, 0.0683]) DBI levels. These results support the moderated mediation
hypothesis (H5), indicating that higher digital business intensity enhances the mediating
role of organizational structural agility.

Table 9. Index of moderated mediation.

Pathway Index Index BootSE BootLLCI BootULCI
DPCs — OSA — VCC-CIE 0.0035 0.0016 0.0005 0.0067
DPCs — BMI — VCC-CIE 0.0028 0.0019 —0.0007 0.0067
Note: Arrows indicate hypothesized path directions.
Table 10. Conditional indirect effects at different levels of DBI.
Pathway DBI Level Effect BootSE BootLLCI BootULCI
Low (—1SD) 0.0109 0.0088 —0.0051 0.0293
DPCs — OSA — VCC-CIE  Medium (Mean) 0.0281 0.0078 0.0141 0.0447
High (+1 SD) 0.0426 0.0122 0.0212 0.0683

Note: Arrows indicate hypothesized path directions.
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5. Discussion

This study finds that DPCs have a positive impact on VCC-CIE, thus confirming
research hypothesis H1. In line with dynamic capability theory and more recent evidence,
this study finds support for the expectation that digital platforms facilitate collaborative
innovation through the integration of resources, harnessing of synergies, and develop-
ment of trust [9,11]. Nevertheless, existing research on platforms has primarily focused
on the manufacturing and consumer internet sectors, and, here, we further empirically
examine the unique operational mechanisms in the digital cultural industry. Our findings
demonstrate that DPCs are more than mere technological facilitators in the cultural and
creative sector. More significantly, they are deeply embedded in the character of cultural
content, significantly increasing the efficiency of VCC-CIE for non-standardized creative
resources. This finding further extends the use of the platform—-industry fit theory to the
cultural sector, underlining the importance of “creative fit”. Although reverse causality
cannot be fully excluded—more innovative firms may inherently possess stronger platform
capabilities—our theoretical grounding in dynamic capability logic and statistical controls
for firm-level heterogeneity partially mitigate this concern.

This study confirms that OSA plays a positive mediating role between DPCs and VCC-
CIE, thereby verifying research hypothesis H2. Although this result is largely consistent
with existing research [54], from a dynamic capabilities perspective, our study provides
a deeper explanation of the mechanism: DPCs enhance VCC-CIE by improving OSA
through restructuring organizational response patterns. Specifically, digital platforms
“normalize” the breaking of information barriers inside the organization through real-
time data interaction and Al analytics, moving enterprises from “passive adaptation” to
“proactive agility” [1,55]. We further demonstrate the importance of this mechanism in the
digital cultural industry innovation ecosystem, showing that DPCs enhance synergy and
resource integration efficiency among diverse actors by boosting intellectual capital and
increasing process responsiveness, thus enabling value co-creation.

The study also discovered that BMI has a positive mediating role between DPCs and
VCC-CIE, confirming research hypothesis H3. In this study, the theoretical foundation
is drawn from the dynamic capability perspective and is also consistent with existing
research [56]. Our study expands the explanatory boundaries of existing theory in the
context of the digital cultural industry by revealing the bridging function of BMI between
DPCs and VCC-CIE. Specifically, DPCs drive VCC-CIE through BMI by reconstructing the
logics of value creation, and the integration/reconfiguration capabilities associated with
digital platforms lay the basis for business model innovation.

The moderating effect of DBl is positive, both between DPCs and VCC-CIE (H4) and be-
tween DPCs and the mediating variable OSA (H5), thus validating the research hypotheses.
While this finding is consistent with the complementarity rationale of digital capability [57],
our study further clarifies the generative mechanism: deep digital business integration
builds an efficient “operating channel” for enterprises, strengthening the dynamic capabili-
ties to integrate technology and reconfigure resources [58]. The barriers faced by DPCs in
creating organizational agility and cross-boundary collaborative innovation change from
the friction of “Value Co-Creation Base — Operational Channel” (OBC) to the friction of
OSA — OBC. Additionally, unlike prior studies that mainly emphasize the necessity of
digital matching, we distinguish two pathways—complementary synergy and operational
empowerment—through which DBI promotes platform co-creation effectiveness, thereby
deepening the application of dynamic capability theory within digital ecosystems. Our
findings also provide significant practical implications for cultural enterprises to coordinate
platform development and business digitalization.
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6. Conclusions
6.1. Theoretical Contributions

This study makes three contributions. First, it extends DPC research to the digital
cultural industry, introducing “creative fit” to platform-industry fit theory. Second, it opens
the black box of capability translation by identifying OSA and BMI as dual mediators:
internal process reconfiguration and external value logic redesign. Third, it identifies
DBI as a boundary condition, distinguishing two pathways (complementary synergy and
operational empowerment) through which internal digital readiness moderates platform
value conversion.

6.2. Practice Insights

For knowledge-intensive, platform-mediated industries (e.g., digital cultural compa-
nies), our findings confirm that DPCs positively affect VCC-CIE. Building on the three
theoretical pathways underlying this effect—technological integration, collaborative in-
teraction, and data governance—enterprises can advance value co-creation through three
complementary approaches. First, they can reinforce the technological foundation of
platforms, concentrating mainly on core areas such as digital content generation and the op-
timization of immersive interactive experiences. Thus, enterprises can follow the technical
path of the Dunhuang Academy’s “Digital Grotto of Buddhist Scriptures” to transform R&D
investment into a reusable tool for digital content production. Second, they can improve
the ecosystem collaboration mechanism. By learning from the experience of Meituan’s
“Green Mountain Plan” and adopting a “basic service fee + innovation incentive”, model
enterprises can lower the threshold for participation of small and micro-enterprises. Fi-
nally, enterprises can deepen data-empowered applications. The implementation of digital
watermarking and encryption technologies for data security will empower ecosystem
participants with precise decision support for boosting their co-creation capabilities.

Consistent with the significant mediating roles of OSA and BMI identified in our
results, enterprises can promote these mechanisms in two aspects. In organizational
structures, breaking departmental barriers to establish cross-departmental matrix teams [59]
enables better response to user needs and platform opportunities. For example, in film
and TV IP development, cross-team collaboration of creative and technical staff enhances
responsiveness, while a dynamic resource allocation mechanism uses platform feedback
data (e.g., short-video production and traffic) to optimize shooting resources and adjust
dynamically. In business models, platforms can gather scattered cultural resources to
derive “IP incubation + multi-channel monetization” models. For example, cooperation
with authors, painters, and producers to extend literary IPs into comics, dramas, and
merchandise while establishing a dynamic optimization mechanism for value distribution
and profit models—continuously adjusting split parameters based on user curation and
partner interactions—can contribute to making the ecosystem’s overall IP more creative
and diverse.

The moderating role of DBI suggests that firms with higher digital readiness derive
greater benefits from DPCs. To operationalize this, organizations can leverage DBI by
calibrating effects on three dimensions. The first is strengthening the direct path: organi-
zations could establish light-footed connective mechanisms between digital investment
and co-created value. This can be achieved by creating explicit digital budgets for tech-
nologies such as “Al creative assistants” that spur user engagement, and measuring how
such technologies link to paid conversion probability. Furthermore, organizations can
devise a value assessment mechanism for co-created digital projects as a gating metric for
acceptable projects. Second, they can mobilize the intermediary pathway by creating a
data-driven agile operations system. The implementation of “data dashboards” (e.g., in
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short videos) could empower operations teams with real-time monitoring and resource
allocation authority, enabling rapid autonomous intervention when metrics veer off course.
In addition, they could create a “1124” agile response mechanism and weave “response
efficiency” into performance metrics to ensure that digital capabilities translate into agility.
Finally, organizations can help teams cross-pollinate and engage by explaining the benefit
of tiling cross-dimensional contributions into project metrics, showing synergy greater
than the sum of parts. They can drive trust through the integration of technology, content,
and operations.

6.3. Research Limitations and Future Directions

This study provides useful theoretical implications and empirical evidence on
how DPCs lead to VCC-CIE. However, it has several limitations that future research
could address.

First, our examined mediating mechanism does not incorporate network capabilities,
which are crucial for accessing external resources and driving value co-creation. Future
work should include this dimension to uncover more pathways of DPC influence.

Second, we focused on China’s digital cultural industry; generalization to other
institutional or industry contexts remains unclear. Extending to other countries and sectors
would test the model’s universality and robustness.

Third, cross-sectional data prevented capturing dynamic variable evolution and may
raise common method bias concerns. Longitudinal data could describe changing dynamics,
clarify causal relationships, and better address such biases.

Beyond these limitations, several directions could further extend this research agenda.
Future studies might enrich the theoretical framework by integrating complementary
perspectives such as platform governance or service-dominant logic. Methodologically,
mixed-method designs and multi-source data would further reduce common method
bias and deepen understanding of co-creation mechanisms. Contextual extensions could
differentiate platform types and incorporate additional mediators or moderators. The de-
velopment of maturity models for digital platform capabilities also represents a promising
practical direction. We hope that these suggestions inspire future inquiry in this area.
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