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Abstract: The diel cycle is of enormous biological importance in that it imposes temporal structure
on ecosystem productivity. In the world’s oceans, microorganisms form complex communities that
carry out about half of photosynthesis and the bulk of life-sustaining nutrient cycling. How the
functioning of microbial communities is impacted by day and night periods in surface seawater
remains to be elucidated. In this study, we compared the day and night metaproteomes of the
free-living and the particle-attached bacterial fractions from picoplanktonic communities sampled
from the northwest Mediterranean Sea surface. Our results showed similar taxonomic distribution of
free-living and particle-attached bacterial populations, with Alphaproteobacteria, Gammaproteobacteria
and Cyanobacteria being the most active members. Comparison of the day and night metaproteomes
revealed that free-living and particle-attached bacteria were more active during the day and the
night, respectively. Interestingly, protein diel variations were observed in the photoautotroph
Synechococcales and in (photo)-heterotrophic bacteria such as Flavobacteriales, Pelagibacterales and
Rhodobacterales. Moreover, our data demonstrated that diel cycle impacts light-dependent processes
such as photosynthesis and UV-stress response in Synechococcales and Rhodobacterales, respectively,
while the protein regulation from the ubiquitous Pelagibacterales remained stable over time. This
study unravels, for the first time, the diel variation in the protein expression of major free-living and
particle-attached microbial players at the sea surface, totaling an analysis of eight metaproteomes.

Keywords: diel cycle; picoplankton; microbial communities; metaproteomics

1. Introduction

Microorganisms in marine ecosystems are extremely diverse, dominate biomass and
play key roles in biogeochemical processes [1,2]. Picoplankton (i.e., the microorganisms
of a size ranging between 0.2–2 µm) carry out up to half of the world ocean’s primary
production and the bulk of life-sustaining nutrient cycling [3]. Marine picoplanktonic
communities are composed of both free-living and particle-attached microorganisms. A
comparison of these bacterial fractions in coastal environments showed differences in cell
abundance [4], morphology and metabolic activity [5]. In terms of phylogenetic diversity,
studies suggested that free-living and particle-attached communities were fundamentally
different [6–8], while others reported high similarities between both fractions [9–11].

The diel oscillation of solar radiation reaching the Earth’s surface temporally structures
biological events, activities, and physiological processes across all kingdoms of life [12].
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Day/night changes were found to modulate the functioning of sea surface picoplanktonic
communities on the following processes: metabolites consumption [13,14], viral infec-
tion [15], DNA/protein synthesis and dissolved organic carbon distribution [16]. In the
northwest (NW) Mediterranean Sea, under oligotrophic conditions, free-living bacteria
were found to be more abundant than particle-attached bacteria [11]. Moreover, bacterial
activity estimated from 3H-leucine incorporation rates showed that free-living bacteria con-
tributed the most to bacterial activity during the day and night, while higher cell-specific
activity was found in particle-attached bacteria [11].

The development of omics approaches has improved the understanding of marine
microbial assemblages [17]. Environmental metatranscriptomic studies reported distinct
day and night metabolic activities of marine microorganisms from oligotrophic marine en-
vironments [18,19]. Microbial assemblages isolated from the North Pacific subtropical gyre
showed an overabundance of transcripts for photosynthesis, C1 metabolism and oxidative
phosphorylation during the day [18]. However, housekeeping activities, such as amino
acid or vitamin biosynthesis, were overrepresented at night. Transcripts of genes involved
in light-driven processes were found in higher abundance during daytime, in surface
marine picoplankton sampled from the Western English Channel [19]. Diel transcriptional
rhythms in Cyanobacteria were evidenced together with diel oscillations in different het-
erotrophic bacterial groups including photoheterotrophic and proteorhodopsin-containing
bacteria [20]. Phylogenetic analysis of gene transcripts revealed that the composition of
marine microbial assemblages was stable over the day and night periods, especially for
the most abundant taxa [20]. To what extent picoplanktonic communities are collectively
entrained by the day and night periods and rhythmically regulate their protein expression
remains poorly documented.

Metaproteomics allows for the characterization of the total proteins within microbial
communities [21] and, in association with other omics, deciphers the functional complexity
of microbial ecosystems [22]. Since the first environmental metaproteomic study [23], this
method rapidly expanded and broadened our knowledge of marine ecosystems [24]. For
example, marine metaproteomic revealed the extreme microbial competition for nutrients
in oligotrophic systems [25,26], provided insights into the dynamics in organic matter
transformation by microorganisms [27,28] and showed the spatiotemporal variation in
metabolic activities in oceanic plankton communities [29]. Environmental metaproteomics
is a growing discipline, hampered by the inherent complexity of natural microbial assem-
blages [30]. Over the past years, the development of sampling protocols, fast scanning
high-resolution mass spectrometers and protein identification and annotation software
significantly improved the metaproteomic workflow [17,24,31]. Marine oligotrophic waters
still present significant challenges for metaproteomic studies because of (i) the low bacterial
biomass preventing high protein rate recovery, (ii) the difficulty of separating prokaryotes
from microeukaryotes and (iii) the protein inference issue [17,24,30].

In this study, we compared the day and night metaproteomes of both free-living
(0.2–0.8 µm) and the particle-attached (>0.8 µm) bacterial fractions sampled at the surface
of NW Mediterranean Sea in summer. A combined protein search database allowed us to
maximize the number of protein identifications [30]. The protein inference issue, commonly
encountered in metaproteomics, was overcome using taxonomic and functional consensus
protein annotation, providing an accurate assessment of the diel variation [32]. To the
best of our knowledge, this is the first metaproteomics study that depicts day and night
metaproteomes of marine picoplankton.

2. Materials and Methods
2.1. Water Sampling

Seawater sampling was performed in summer (June 2014) at the SOLA station, located
500 m offshore of Banyuls-sur-mer, in the NW Mediterranean Sea (42◦49′ N, 3◦15′ W).
Samples were collected at sunset and sunrise during two consecutive days and consisted
of 70 L of sea surface water each. Water was pre-filtered onto a 5 µm mesh and sequentially
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filtered through 0.8 and 0.2 µm pore-sized filters (polyethersulfone membrane filters, PES,
142 mm, Millipore, Burlington, Massachusetts, United States) to collect the particle-attached
and the free-living bacterial fractions, respectively. A pre-filtration onto a 5 µm mesh was
mandatory to prevent the studied bacterial fractions (0.8 µm and 0.2 µm) from being
contaminated by eukaryotic organisms, which would otherwise alter the metaproteomic
workflow. As a reminder, metaproteomics allows for the characterization of the most
abundant proteins. The eight filters were flash frozen in liquid nitrogen before storage at
−80 ◦C.

The physicochemical parameters were provided by the Service d’Observation en Mi-
lieu Littoral (SOMLIT). On site average temperature and salinity in June were 18.7 ± 0.7 ◦C
and 37.8 ± 0.1 psu, respectively, as provided by SOMLIT. pH was stable, with an average
of 8.26 ± 0.04. Nutrient concentrations averaged 0.03 ± 0.01 µM NH4

+, 0.05 ± 0.03 µM
NO3

−, 0.01 ± 0.001 µM NO2
−, 0.02 ± 0.01 µM PO4

3− and 0.75 ± 0.09 µM Si(OH)4.

2.2. Protein Isolation

The filters were cut using aseptic procedures and suspended in a lysis buffer containing
8 M Urea/2 M Thiourea, 10 mM HEPES and 10 mM dithiothreitol. Filters were subjected
to five freeze–thaw cycles in liquid N2 to release cells from the membrane. Cells were
mechanically broken by sonication on ice (5 cycles of 1 min with tubes on ice, amplitude
40%, 0.5 pulse rate) and subsequently centrifuged at 16,000 g at 4 ◦C for 15 min. To remove
particles that did not pellet during the centrifugation step, the protein suspension was
filtered through a 0.22 µm syringe filter and transferred into a 3 kDa cutoff Amicon Ultra-
15 filter unit (Millipore) for protein concentration. Proteins were precipitated with cold
acetone overnight at −80 ◦C, with an acetone/aqueous protein solution ratio of 4:1. Total
protein concentration was determined by a Bradford assay, using the Bio-Rad Protein
Assay kit (Bio-Rad, Hertfordshire, UK) according to manufacturer’s instructions, with
bovine γ-globulin as a protein standard. Protein samples were reduced with 25 mM
dithiothreitol (DTT) at 56 ◦C for 30 min and alkylated with 50 mM iodoacetamide at room
temperature for 30 min. Gel-free liquid chromatography tandem mass spectrometry was
performed utilizing a trypsic digestion (sequencing grade modified trypsin, Promega,
Madison, Wisconsin, États-Unis) overnight at 37 ◦C, with an enzyme/substrate ratio of 1:25.

2.3. Liquid Chromatography Tandem Mass Spectrometry Analysis

Purified peptides from digested protein samples were identified using a label-free
shotgun approach on an UHPLC-HRMS platform composed of an eksigent 2D liquid
chromatograph and an AB SCIEX Triple TOF 5600. Peptides were separated on a 25 cm
C18 column (Acclaim pepmap 100, 3 µm, Dionex, Sunnyvale, Californie, États-Unis) by a
linear acetonitrile (ACN) gradient (5–35% (v/v), in 15 or 120 min) in water containing 0.1%
(v/v) formic acid at a flow rate of 300 nL min−1. Mass spectra (MS) were acquired across
400–1500 m/z in high-resolution mode (resolution >35,000) with 500 ms accumulation
time. Six microliters of each fraction were loaded onto a pre-column (C18 Trap, 300 µm
i.d. × 5 mm, Dionex) using the Ultimate 3000 system, delivering a flow rate of 20 µL/min
loading solvent (5% (v/v) acetonitrile (ACN), 0.025% (v/v) TFA). After a 10 min desalting
step, the pre-column was switched online with the analytical column (75 µm i.d.× 15 cm
PepMap C18, Dionex) equilibrated in 96% solvent A (0.1% (v/v) formic acid in HPLC-grade
water) and 4% solvent B (80% (v/v) ACN, 0.1% (v/v) formic acid in HPLC-grade water).
Peptides were eluted from the pre-column to the analytical column and then to the mass
spectrometer, with a gradient from 4–57% solvent B for 50 min and 57–90% solvent B for
10 min at a flow rate of 0.2 µL min−1 delivered by the Ultimate pump. Positive ions were
generated by electrospray and the instrument was operated in a data-dependent acquisition
mode, described as follows: MS scan range: 300–1500 m/z, maximum accumulation time:
200 ms, ICC target: 200,000. The top 4 most intense ions in the MS scan were selected
for MS/MS in dynamic exclusion mode: ultrascan, absolute threshold: 75,000, relative
threshold: 1%, excluded after spectrum count: 1, exclusion duration: 0.3 min, averaged
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spectra: 5 and ICC target: 200,000. Metaproteomic raw data are available in the iProx
public platform [33] (Project ID: IPX0002008000; Subproject IDs: IPX0002008001 (free-living
fractions), IPX0002008002 (particle-attached fractions)).

2.4. Ocean Sampling Day 2014 Metagenomic Data Set

Metagenomic data from the Ocean Sampling Day 2014 (OSD14) were downloaded from the
EMBL-EBI MGnify platform (Project number: ERP009703, sample: OSD14_2014_06_2m_NPL022,
run ID: ERR771073). Briefly, water was sampled at the same location (42◦49′ N, 3◦15′ W)
and month (June 2014) as our metaproteomic study, using a CTD rosette with Niskin bottles.
Water was filtered on a 0.22 µm pore-sized filter and stored at −80 ◦C until subsequent
DNA extraction and sequencing. Illumina sequencing was performed using an Illumina
MiSeq instrument, and reads were processed using the OSD14 pipeline version 4.0. Briefly,
paired-end overlapping reads were merged using SeqPrep [34] and low-quality sequences
were trimmed using Trimmomatic [35]. Adapter sequences and sequences <100 nucleotides
in length were removed using Biopython [36]. Infernal [37] was used for ncRNAs identifi-
cation and cmsearch deoverlap script was used to remove lower scoring overlaps. Genes
were called using FragGeneScan (short reads) [38] and Prodigal [39]. InterProScan [40] was
used for gene identification and MAPseq for taxonomic annotation [41].

2.5. Databases Creation and Protein Identification

Protein identification was performed with ProteinPilot (ProteinPilot Software 5.0.1;
Revision: 4895; Paragon Algorithm: 5.0.1.0.4874; AB SCIEX, Framingham, MA, USA)
(Matrix Science, London, UK; v. 2.2) (File S1). Paragon searches were conducted using LC
MS/MS Triple TOF 5600 System instrument settings. Other parameters used for the search
were as follows: Sample Type: Identification, Cys alkylation: Iodoacetamide, Digestion:
Trypsin, ID Focus: Biological Modifications and Amino acid substitutions, Search effort:
Thorough ID, Detected Protein Threshold [Unused ProtScore (Conf)] > 0.05 (10.0%).

Three protein search databases (DBs) were created with mPies v. 0.9 [32], using the
OSD14 metagenome as a template. The three DBs were: (i) a non-assembled metagenome-
derived DB (NAM-DB), (ii) an assembled metagenome-derived DB (AM-DB) and (iii) a
taxonomy-derived DB (TAX-DB) [30]. An initial protein search was performed for each
sample against the three DBs individually. Subsequently, each DB was restricted to the
protein sequences identified in the first-round search. The resulting DBs were merged, and
redundant protein sequences were removed, leading to a unique combined DB per sample.
Finally, a second protein search was performed for each sample against their respective
combined DB, except for the 0.8 µm samples, where all combined DB were merged to
increase the identification yield. The identified proteins were selected based on a FDR
threshold of 1%, calculated at the protein level was used for each protein searches (File S2).
Proteins identified with one single peptide spectrum were validated by manual inspection
of the MS/MS spectra, ensuring that a series of at least five consecutive sequence-specific
b-and y-type ions was observed.

2.6. Protein Annotation and Downstream Analyses

Identified proteins were annotated using mPies [32]. The mPies tool used Dia-
monds [42] to align each identified protein sequences against NCBI nr and UniProt DBs,
respectively, and retrieved up to 20 best hits based on alignment score. For taxonomic
annotation, mPies returned the last common ancestor (LCA) among the best NCBI hits
via MEGAN (bit score >80) [43] (File S3). For functional annotation, mPies returned the
most frequent protein name, with a consensus tolerance threshold above 80% similarity
amongst the 20 best UniProt hits. Proteins annotated with a score below this threshold
were manually validated (File S4).
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3. Results
3.1. Diel Structure of the Microbial Communities

The reads encoding for the 16S rRNA were extracted from the OSD14 metagenome
and reflected the abundance of each operational taxonomic unit (OTU) in the studied
bacterial communities. The metagenome taxonomic structure showed that Proteobacteria
was the most abundant phylum, with 66.89% of the total detected 16S rRNA bacterial reads,
followed by Bacteroidetes (15.51%) and Cyanobacteria (12.22%) (Table 1). Alphaproteobacteria
was the class with the highest representation (47.35%), followed by Gammaproteobacteria
(17.77%), Flavobacteriia (14.32%) and unclassified Cyanobacteria (12.33%) (Table 1). At order
level, Pelagibacterales reads were dominant (28.85%), followed by Flavobacteriales (16.48%)
and, to a lesser extent, Rickettsiales (10.99%), Oceanospirillales (8.85%), Rhodobacterales (7.17%)
and Cellvibrionales (6.10%) (Figure 1).

Table 1. Structure of the bacterial communities obtained by metagenomic and major bacterial players—active taxa—obtained
by metaproteomics at phylum and class levels. Metagenomic data consisted of the percentage of total 16S rRNA bacterial
reads observed over the OSD14 sampling effort (day for 0.2 µm pore-sized fraction). Metaproteomic data consisted of the
average percentage of total unique bacterial peptide spectra detected per phylum or class for each metaproteome (day
(yellow) and night (black) for both 0.2 and 0.8 µm pore-sized fractions, n = 2). The least abundant taxa (<1% of total reads or
peptide spectra) were classified in “Other” category. Significative differences between day and night samples are shown
with a * (p value ≤ 0.1) or ** (p value ≤ 0.05) and were calculated with a paired t-test.

Metagenome
Taxo-

nomic
Structure

Metaproteome
Taxonomic Structure

0.2 µm Size-Fraction 0.8 µm Size-Fraction
OSD

June 2014 Day SD Night SD Day SD Night SD

Total
reads/proteins 761 550 ±49 452 ±4 123 ±28 170 ±28

Phylum
Proteobacteria 66.89 ** 89.34 ±1.62 ** 92.43 ±1.19 34.75 ±7.92 33.19 ±6.02
Bacteroidetes 15.51 6.48 ±0.61 5.48 ±0.40 2.71 ±1.35 4.47 ±0.84
Cyanobacteria 12.22 2.30 ±1.83 0.43 ±0.15 60.52 ±8.06 60.83 ±6.60

Rhodothermaeota 1.84 0.69 ±0.22 0.56 ±0.61
Planctomycetes 0.13 0.03 ±0.05 0.75 ±0.79 0.46 ±0.03
Other (<1%) 3.42 1.19 1 1.26 1.05

Class
Alphaproteobacteria 47.35 * 67.06 ±2.88 * 71.54 ±4.87 20.88 ±2.04 20.86 ±4.04
Gammaproteobacteria 17.77 23.29 ±0.69 21.57 ±4.01 12.79 ±4.64 11.41 ±0.97

Flavobacteriia 14.32 4.77 ±0.75 4.94 ±0.75 ** 0.10 ±0.14 ** 1.46 ±0.10
Unclassified
Cyanobacteria 12.33 0.54 ±0.77 0.45 ±0.16 60.25 ±7.55 60.26 ±5.63

Bacteroidia 0.13 0.68 ±0.47 0.51 ±0.32 2.27 ±1.95 2.65 ±0.86
Deltaproteobacteria 0.06 ±0.08 * 0.43 ±0.03 * 0.78 ±0.21

Oligoflexia 0.06 ±0.09 0.07 ±0.09 0.87 ±0.66 0.44 ±0.29
Planctomycetia 0.03 ±0.05 0.77 ±0.80 0.49 ±0.03
Other (<1%) 8.09 3.54 0.9 1.64 1.64
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Figure 1. Order distribution of the bacterial communities obtained by metagenomics, and diel variability of active orders
obtained by metaproteomics. Metagenomic data consisted of the percentage of total 16S rRNA reads observed over the
OSD14 sampling effort (day for 0.2 µm pore-sized fraction). Metaproteomic data consisted of the average percentage of total
unique peptide spectra detected per order for each metaproteome (day (yellow) and night (black) for both 0.2 and 0.8 µm
size-fractions, n = 2). The least abundant taxa (<2% of reads and <1 or 2% of peptide spectra) were classified in “Other”
category. Significative differences between day and night samples are shown with a * (p value ≤ 0.1) or ** (p value ≤ 0.05)
and were calculated with a paired t-test.
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The metaproteomic analyses were performed on duplicate day and night samples
and showed that the average number of identified bacterial proteins on the four 0.2 µm
pore-sized filters was 550 ± 49 in the day (n = 2) and 452 ± 4 at night (n = 2) (Table 1).
The active taxa of this bacterial fraction were largely characterized as Proteobacteria (av-
erage relative protein abundance during the day (D): 89.34 ± 1.62%, during the night
(N): 92.43 ± 1.19%), followed by Bacteroidetes (D: 6.48 ± 0.61%, N: 5.48 ± 0.40%). Few
Cyanobacteria proteins (D: 2.30 ± 1.83%, N: 0.43 ± 0.15%) were also observed (Table 1).
At class level, Alphaproteobacteria, Gammaproteobacteria and Flavobacteriia were found to be
the most represented (Table 1). At order level, Pelagibacterales proteins (D: 39.8 ± 11.9%,
N: 49.6 ± 13.1%) were dominant, especially during the night (p value = 0.03), followed
by Rhodobacterales (D: 21.1 ± 8.1%, N: 15.1 ± 6.1%). Rhodobacterales and Sphingomonadales
proteins were represented more during the day (p values = 0.08 and 0.07, respectively)
(Figure 1).

On the four 0.8 µm pore-sized filters, an average of 123± 28 (n = 2) and 170± 28 (n = 2)
bacterial proteins were identified at day and at night, respectively (Table 1). Cyanobacteria
(D: 60.25 ± 7.55%, N: 60.83 ± 6.60%) were the most abundant active players of this fraction,
followed by Proteobacteria (D: 34.75 ± 7.92%, N: 33.19 ± 6.02%). Classes were mainly
represented by unclassified Cyanobacteria and, to a lesser extent, by Alphaproteobacteria
and Gammaproteobacteria (Table 1). At order level, Rhodobacterales proteins (D: 22.6 ± 2.1%,
N: 26.9 ± 7.4%) were dominant during the day and the night (Figure 1). Proteins from
Pseudomonadales were more abundant in the day (p value = 0.05), and Alteromonadales and
Flavobacteriales at night (p values = 0.03 and 0.01, respectively) (Figure 1).

Cyanobacteria were more represented on the 0.8 µm pore-sized filters (D: 60.52 ± 8.06%,
N: 60.83± 6.60%) compared to the 0.2 µm pore-sized filters (D: 2.30± 1.83%, N: 0.43 ± 0.15%)
(Table 1), due to their rod-shaped morphology (>0.2 µm in length) [44]. Therefore, all
identified cyanobacterial proteins were grouped for clarity purposes and compared with
free-living and particle-attached bacteria (Figure 1). Cyanobacteria were exclusively charac-
terized as Synechococcales, which represented 20.4 ± 13.3% (D) and 29.6 ± 14.6% (N) of the
total identified proteins in both 0.2 and 0.8 µm fractions (Figure 1). The total Synechococcales
proteins were significantly more abundant at night (p value = 0.03).

3.2. Diel Functioning of the Microbial Communities

The proteins characterized in the eight metaproteomes were grouped into five func-
tional categories: (i) Protein folding and stress response, (ii) energy metabolism and
compound biosynthesis, (iii) replication, transcription, and translation, (iv) transport and
(v) cell mobility, structure, and division. Overall, the protein functions detected in the
free-living bacterial community were found to be stable despite the diel variation, with
only two proteins—the glyceraldehyde-3-phosphate dehydrogenase and the actin-like
protein—being significantly more represented at day and at night, respectively (Table 2). In
contrast, the proteins expressed by the particle-attached bacteria and Cyanobacteria showed
more important diel changes, mainly in energy metabolism and compound biosynthesis
processes (Table 2).



Microorganisms 2021, 9, 2621 8 of 18

Table 2. Diel variation in protein function abundances in free-living and particle-attached bacterial fraction and Cyanobacteria revealed by metaproteomics. Values consisted of the average
percentage of total unique peptide spectra detected per protein function in free-living bacteria, particle-attached bacteria, and all Cyanobacteria during both day (yellow, n = 2) and night
(black, n = 2). The least abundant functions (<1% of peptide spectra) were classified in “Other” category. Significative differences between day and night samples are shown with a
* (p value ≤ 0.1) or ** (p value ≤ 0.05) and were calculated with a paired t-test.

Free-Living Bacteria Particle-Attached Bacteria Cyanobacteria
Protein folding/ Stress response Day SD Night SD Day SD Night SD Day SD Night SD

10 kDa chaperonin 5.36 ±0.22 5.52 ±0.74 3.48 ±1.66 4.64 ±1.32 0.94 ±1.33 5.91 ±3.97
60 kDa chaperonin 32.46 ±1.19 30.29 ±5.42 ** 20.54 ±6.29 ** 25.52 ±6.96 13.02 ±6.48 17.02 ±2.24

ATP-dependent Clp protease proteolytic subunit 1.11 ±0.62
Chaperone protein DnaK 3.29 ±0.04 3.72 ±0.62 5.77 ±3.22 4.01 ±1.01 1.20 ±1.70 1.68 ±2.37

Cold shock protein 0.66 ±0.05 0.97 ±0.31
Rubrerythrin 1.35 ±0.17 1.98 ±0.84

Energy metabolism/Compounds biosynthesis
ATP synthase 3.43 ±0.23 2.97 ±0.01 ** 18.23 ±6.28 ** 11.68 ±5.59 * 7.75 ±4.15 * 16.55 ±6.96

Aconitate hydratase B 0.12 ±0.16 1.74 ±2.46
Cysteine synthase * 0.31 ±0.44 * 1.39 ±0.87

Fructose-1,6-bisphosphatase 1.72 ±2.42
Glutamine synthetase 2.56 ±0.21 2.17 ±0.44 ** 1.44 ±1.21 ** 1.27 ±1.22 *2.14 ±0.36 * 1.44 ±0.14

Glyceraldehyde-3-phosphate dehydrogenase * 0.20 ±0.04 * 0.09 ±0.00 3.77 ±3.70 4.35 ±4.32 *2.46 ±0.07 * 1.78 ±0.32
Isocitrate dehydrogenase [NADP] 0.87 ±1.23 2.49 ±2.30

Molybdopterin molybdenumtransferase 1.73 ±0.80 0.41 ±0.58
Phycoerythrin * 9.30 ±4.63 * 0.33 ±0.47

Allophycocyanin * 1.54 ±0.48 * 0
Carbon dioxide-concentrating mechanism protein CcmK 0.04 ±0.05 0.05 ±0.07 0.94 ±1.33 0.34 ±0.47

Formate dehydrogenase 0.72 ±0.40 0.74 ±0.91
Glucose-1-phosphate adenylyltransferase 0.31 ±0.44 0.72 ±0.07

Replication/Transcription/Translation
30S ribosomal protein 2.91 ±0.39 2.66 ±0.81 0.31 ±0.44 1.11 ±0.62
50S ribosomal protein 13.47 ±1.37 12.86 ±4.44 2.32 ±1.65 10.40 ±7.14 2.52 ±3.55 7.23 ±0.73

DNA-binding protein HU 7.16 ±0.09 7.69 ±0.63
DNA-directed RNA polymerase 0.54 ±0.10 0.76 ±0.23 7.77 ±8.51 9.52 ±4.73 0.31 ±0.44 0.67 ±0.94

Elongation factor 5.62 ±0.47 6.77 ±2.98 6.94 ±0.05 9.40 ±3.58 7.36 ±1.51 17.43 ±3.82
Histone-like protein 0.16 ±0.10 0.15 ±0.07 * 11.25 ±5.22 * 3.80 ±1.89
Glycine-tRNA ligase 1.44 ±1.21 1.25 ±0.55

Ribosomal protein S12 methylthiotransferase RimO 1.07 ±1.51
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Table 2. Cont.

Free-Living Bacteria Particle-Attached Bacteria Cyanobacteria
Protein folding/ Stress response Day SD Night SD Day SD Night SD Day SD Night SD

Transport
Amino-acid ABC transporter-binding protein 5.61 ±0.74 6.31 ±0.36

Fructose import binding protein FrcB 1.13 ±0.50 1.26 ±0.60
Phosphate-binding protein 0.28 ±0.15 0.29 ±0.28 44.56 ±23.88 23.09 ±15.58

Cell motility, structure, and division
Cell division protein FtsZ 0.94 ±1.33 0.78 ±1.09

Actin-like protein * 0.70 ±0.23 * 0.90 ±0.15
Tubulin 3.77 ±2.07 2.57 ±3.04

Peptidoglycan-associated lipoprotein 0.37 ±0.02 0.75 ±0.63
Flagellin 4.26 ±0.41 5.37 ±0.40 4.91 ±1.18 3.58 ±0.40

Other (<1%) 7.60 5.72 4.03 2.30 4.03 1.40
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3.2.1. Protein Folding and Response to Stress

Proteins involved in protein folding were detected in the eight metaproteomes, with
the 60 kDa chaperonin being the major protein function, followed by the 10 kDa chaperonin
and the chaperone protein DnaK (Table 2). While the protein folding process was equally
expressed in the Cyanobacteria Synechococcales (Figure 2), diel variations in chaperonin
expression were observed in some free-living and particle-attached bacterial orders: during
the day, the 60 kDA chaperonin was more abundant in particle-attached Rhodobacterales
(p value = 0.10) and in free-living Rhizobiales (p value = 0.04), and the chaperone protein
DnaK was more represented in particle-attached Rhizobiales (p value = 0.02) and free-living
Pelagibacterales (p value = 0.02) (Figures 3 and 4). Interestingly, the 10 kDa chaperonin
was found to be differentially regulated over time among free-living and particle-attached
Sphingomonadales (p values = 0.09 and 0.09, respectively), as the trends in protein abundance
were higher during the day and night, respectively (Figures 3 and 4).
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Figure 3. Representation of the cellular processes in particle-attached bacteria revealed by metaproteomic analyses. Values
consisted of the average percentage of total unique peptide spectra detected per protein function detected during day
(yellow, n = 2) and night (black, n = 2) in all particle-attached bacteria characterized in the 0.8 µm fractions. Significant
differences between day and night samples are shown with a * (p value ≤ 0.1) or ** (p value ≤ 0.05) and were calculated
with a paired t-test.

Proteins involved in stress response processes were exclusively characterized in a few
free-living bacterial orders, including Rhodobacterales, Pelagibacterales, Flavobacteriales and
Cellvibrionales (Table 2, Figure 4). Interestingly, the catalase-peroxidase and superoxide
dismutase [Fe], which both take part to the oxidative stress response, were exclusively
detected during the day in Rhodobacterales (Figure 4). In contrast, the thioredoxin was only
observed during the day in Flavobacteriales and during the night in Cellvibrionales (Figure 4),
while the rubrerythrin and the cold-shock protein were expressed by Pelagibacterales during
both the day and the night (Figure 4).
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Figure 4. Representation of the cellular processes in free-living bacteria revealed by metaproteomic analyses. Values consisted of the average percentage of total unique peptide spectra
detected per protein function detected during day (yellow, n = 2) and night (black, n = 2) in all particle-attached bacteria characterized in the 0.2 µm fractions. Significant differences
between day and night samples are shown with a * (p value ≤ 0.1) or ** (p value ≤ 0.05) and were calculated with a paired t-test.
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3.2.2. Replication, Transcription, and Translation

Replication, transcription, and translation processes, mainly represented by the DNA-
directed RNA polymerase, the 30S and 50S ribosomal proteins and the elongation factor,
were characterized in both day and night metaproteomes (Table 2). These biological
processes were equally represented during the day and at night in Synechococcales (Figure 2).
Within the attached bacterial fraction, translational proteins (i.e., 50S ribosomal protein
and elongation factor) were over-represented at night in Rhodobacterales, Bacteroidales or
Flavobacteriales, while the abundance of the DNA-directed RNA polymerase was similar
during both day and night (Figure 3). The 30S and 50S ribosomal proteins, the elongation
factor, the DNA-binding protein HU and the DNA-directed RNA polymerase were also
characterized in numerous free-living bacterial orders (Figure 4). These proteins were not
impacted by the diel cycle except in Rhodobacterales, Rhizobiales and Pseudomonadales, where
the translation process seemed more important during the night (Figure 4).

3.2.3. Energy Metabolism and Compounds Biosynthesis

Energy metabolism and compound biosynthesis accounted for the most diverse func-
tional category and was particularly represented in the particle-attached bacteria and in
Cyanobacteria metaproteomes (Table 2). The ATP synthase was the dominant protein and
showed diel variation in both the particle-attached bacterial community (p value = 0.02)
and in Cyanobacteria (p value = 0.07), while it was stable in the free-living bacterial fraction
(Table 2). Other proteins related to the energy metabolism and involved in the pentose
phosphate pathway, the glycolysis or the pyruvate metabolism were found to be regu-
lated over time in Cyanobacteria (Table 2). Photosynthesis proteins such as the phycoery-
thrin and the allophycocyanin were clearly synchronized with daytime in Synechococcales
(p value = 0.10 and 0.07, respectively) (Figure 2).

3.2.4. Transport and Cell Division, Structure, and Mobility

Interestingly, the amino acid biosynthesis pathway was represented in all metapro-
teomes by the glutamine synthase, involved in glutamine metabolism via the incorporation
of ammonium ion into glutamate [45] (Table 2). This protein displayed diel variations in
Synechococcales (p value = 0.07) and in free-living Rhodobacterales (p value = 0.06), where
it was dominant at day and night, respectively (Figures 2 and 4). In Synechococcales, the
amino acid biosynthesis pathway was also characterized by the cysteine synthase, which
showed contrasting diel variability with the glutamine synthase as it peaked at night
(p value = 0.09) (Figure 2).

Numerous amino acid/peptides, carbohydrate and phosphorous transporters were
observed in free-living bacterial metaproteomes (Figure 4). The phosphorous transporters
were the major proteins identified in Cyanobacteria (Figure 2). In contrast, no transport
related protein was detected in the particle-attached fraction. While the phosphorous trans-
porters in Synechococcales were over expressed during the day (p value = 0.08) (Figure 2),
no diel variation was observed in transporter abundance of free-living bacteria (Figure 4).

Among the last protein functions observed, the cell division protein (FtsZ) was present
in Synechococcales metaproteomes, and its expression was not affected by the diel cycle
(Figure 2). Flagellin protein, expressed by Cellvibrionales, showed contrasting diel regulation
depending on the bacterial lifestyle as it was stable over time in the free-living fraction and
peaked during the day in the particle-attached fraction (p value = 0.08) (Figures 3 and 4).
This protein was also detected in free-living Rhodobacterales where no diel variation was
observed (Figure 4). However, proteins associated with the chemotaxis system in free-
living Rhodobacterales were found to express at day only (p value = 0.07) (Figure 4). Finally,
the major capsid protein and the rod shape-determining protein MreB were characterized
in free-living Pelagibacterales during both the day and the night (Figure 4).
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4. Discussion

This study compared day and night protein abundance between free-living and
particle-attached bacteria from an oligotrophic marine surface environment. Metaproteomic
analyses were performed on duplicate filters for both conditions (day/night) and pore-sized
fractions (0.2/0.8 µm). Although we appreciate that more replicates could be performed, the
low standard deviation of our samples allowed us to provide the first overview of protein
diel variations at the sea surface. The total identified proteins of both bacterial fractions
were consistent with previous metaproteomic studies conducted in marine oligotrophic
surface waters [25,46–48] (Table 1). The taxonomic distribution of the OSD14 metagenome
showed that the most abundant members of the community were Proteobacteria, followed by
Bacteroidetes and Cyanobacteria (Table 1). These taxa were previously reported as numerically
abundant in coastal marine oligotrophic environments, such as the Mediterranean Sea [49],
the Antarctic [47,48] and Atlantic [29,50] surface waters. The metaproteome taxonomic
structure was found to be similar to that of OSD14 metagenome (Table 1), indicating a
correlation between abundant vs. metabolically active community members. Moreover,
free-living and particle-attached metaproteomes showed high similarities in taxonomic
distribution. Overlaps in the structure of both bacterial fractions were previously reported
within microbial assemblages of the Mediterranean Sea, where the colonization of particles
was suggested to be largely mediated by free-living bacteria present in the surrounding
water [9–11].

Interestingly, the representation of Cyanobacteria was higher in the metaproteomes than
in the OSD14 metagenome (Table 1). All identified Cyanobacteria proteins were classified
as Synechococcales (Figure 1), which is a main contributor to the primary production in
oligotrophic water during summer [51]. In contrast, Bacteroidetes, mainly characterized as
Flavobacteriia, were less represented in the metaproteomes (Table 1). Flavobacteriia are bloom-
associated bacteria known for degrading phytoplankton-derived compounds [52]. The
NW Mediterranean Sea is characterized by spring and autumnal phytoplankton blooms
separated by an oligotrophic summer [53], which could explain why this group was less
abundant at the protein level at the sampling time.

Comparison of day and night metaproteomes revealed differences between free-
living and particle-attached bacteria (Figure 1). Proteins of free-living bacteria were the
most represented in all samples and peaked during the day, while proteins expressed by
particle-attached bacteria showed higher abundance during the night (Table 1). Similar
observations were reported for the bacterial activity measured by 3H-leucine incorporation
in the NW Mediterranean Sea in summer [11]. The activity of attached bacteria depends
on the nature and concentration of aggregates and suspended particles, which represent
hot-spots for microbial processes [5]. In the upper layer of the NW Mediterranean Sea
during summer, the release of organic material from photosynthetic microorganisms and
zooplankton was suggested to be a major factor driving the diel variation in particle-
attached bacterial activity [11]. In this study, metaproteomic analyses showed that particle-
attached Flavobacteriales proteins were more abundant at night (Figure 1). Therefore, the
representation of Flavobacteriales could increase at night in response of zooplankton feeding
on phytoplankton and releasing organic matter [11].

Time-keeping mechanisms in Synechococcales are well described and show that cir-
cadian clock regulates patterns of genetic expression throughout the day using external
variable clues (e.g., light, temperature and/or redox cycles) to scale to the environment [54].
Distinct diel profiles of protein abundance were observed between metaproteomes in Syne-
chococcales (Figure 1). Proteins involved in photosynthesis and phosphate transport showed
a clear trend in abundance that was higher in the day than at night (Table 2, Figure 2).
These results confirmed previous comparative day/night (meta)-transcriptomic studies
that showed a higher abundance of transcripts for photosynthesis during the day compared
with the night [18,20]. In contrast, proteins involved in housekeeping functions such as
protein folding, translation, transcription, and cell division displayed similar abundances
in both day and night samples (Table 2, Figure 2). Proteins involved in catabolic pathways
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including glycolysis, pyruvate metabolism and respiration were also observed in similar
abundance in the day and at night, except for the ATP synthase, which was twice more
represented during the night (Figure 2). This suggested that Synechococcales maintained
housekeeping activity independently of diel variation but increased ATP production during
the night when photosynthesis is shut down.

Chaperonin proteins, which are characterized as ubiquitous in many marine ecosys-
tems [25,48,55], were highly represented in both day and night community metaproteomes
(Table 2). During summer, bacteria in the euphotic layer are exposed to high UV radiation,
altering both proteins and DNA structure. Mechanisms such as protein folding, reactive
oxygen species reduction and protein biosynthesis are essential for coping with protein
damage and maintaining proper cellular functions [56]. Chaperonin abundance was not
impacted by diel cycle in most bacterial orders, with a few exceptions including Rhodobac-
terales, Sphingomonadales, Rhizobiales and Pelagibacterales (Figures 2 and 3). Proteins involved
in protein biosynthesis (i.e., ribosomal protein and elongation factor) were more abundant
at night in free-living and particle-attached Rhodobacterales (Figures 3 and 4). Interestingly,
proteins involved in oxidative stress response such as the catalase-peroxidase and the
superoxide dismutase [Fe] were only observed during the day in free-living Rhodobacterales
(Figure 4). Thioredoxin was exclusively detected in the day in Flavobacteriales and at night
in Cellvibrionales (Figure 4). In contrast, rubrerythrin and cold shock protein were present
in Pelagibacterales during both the day and night (Figure 4). These observations suggested
that protein regulation in response to environmental stress is taxa-specific and depends on
lifestyle (free-living vs. particle-attached). Protein regulation in a protein repair system
could be time-gated in bacterial orders such as Rhodobacterales or constitutive in other such
as Pelagibacterales.

Proteins involved in compounds transport were detected in free-living bacteria and
Cyanobacteria during both the day and the night (Table 2). Glutamine synthetase, involved
in nitrogen metabolism, was detected in all bacterial fractions (Table 2, Figures 2 and 4).
The abundance of transporters in the free-living fraction and the overall characterization
of glutamine synthetase suggested an adaptation to an oligotrophic environment, where
a strong competition for limiting nutrients such as nitrogen and phosphorous was re-
ported [14,26,57]. Interestingly, no transporter was identified in the attached-bacterial
fraction (Table 2, Figure 3). This suggested lesser environmental pressure for the expression
of nutrient transporters in attached bacteria since nutrients are more readily available in
the particle microenvironment. In contrast, free-living bacteria and Cyanobacteria could
depend on constitutive expression of transporters for efficient nutrient scavenging [26].

Pelagibacterales dominated the free-living bacterial community, in both the metagenome
and the metaproteomes (Figure 1). Pelagibacterales include proteorhodopsin-containing
photoheterotrophs such as Pelagibacter (SAR11), which is known to be abundant and highly
active in the ocean [46]. Metatranscriptomic studies showed evidence of diel periodicity
in many of their gene transcripts [20]. Here, proteins involved in protein folding, stress
response and replication, transcription and translation were the main functions charac-
terized in Pelagibacterales metaproteomes (Figures 3 and 4). Despite the higher trend in
protein abundance of free-living Pelagibacterales at night (Figure 1), no significant change
was observed in the aforementioned biological processes (Figure 1). This suggests that
Pelagibacterales constitutively express diverse housekeeping genes required for the main-
tenance of basal cellular functions that are essential to protect the cell against molecular
damage and environmental changes. Protein expression regulation could take place at
transcript level, thus limiting energy losses from diel protein turnover [58].

5. Conclusions

This study provided the first overview on the picoplanktonic response to diel variation
at the protein level and demonstrated taxa-specific diel protein regulation from surface
marine microbial communities. Taxonomic overlaps were observed between free-living
and particle-attached bacteria, where protein abundance peaked at day and at night,
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respectively. The photoautotrophs Synechococcales showed distinct diel protein profiles with
light-dependent functions synchronized with daytime. Similarly, diel variations in (photo)-
heterotrophic bacteria were observed, thus revealing distinct adaptation strategies with
essential regulations in environmental stress response. This study provided preliminary
results reinforcing the hypothesis that the functioning of free-living and particle-attached
communities could be time-gated. Additional work, including observational studies
with more sampling replicates and laboratory-based investigations, is needed to further
understand the response of these communities to diel changes and to decipher the cellular
mechanisms involved in the diel adaptation of (photo)-heterotroph microorganisms.
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File S4: functional protein annotation reports (mPies v. 0.9).

Author Contributions: Conceptualization, S.M.-S.; Data Curation, A.G. and S.M.-S.; Formal Analysis,
A.G. and S.M.-S.; Funding Acquisition, S.M.-S., R.W. and P.L.; Methodology, S.M.-S. and R.W.; Project
Administration, S.M.-S.; Resources, S.M.-S., R.W. and P.L.; Software, J.W. and S.M.-S.; Supervision,
S.M.-S. and R.W.; Visualization, A.G., J.W. and S.M.-S.; Writing—Original Draft, A.G. and S.M.-S.;
Writing—Review and Editing, S.M.-S., J.W. and R.W. All authors have read and agreed to the
published version of the manuscript.

Funding: This research was funded by the Royal Society, UK (RG160594) and the Belgian Fund for
Scientific Research (Grand equipment-F.R.S-FNRS). The bioprofiling platform used for the metapro-
teomic analysis was supported by the European Regional Development Fund and the Walloon
Region, Belgium. The APC was funded by the University of Stirling. The funders had no role in
the study design, data collection and analysis, decision to publish, or preparation of the manuscript.
Augustin Géron is the recipient of a 50/50 match funding scholarship between the University of
Stirling (Scotland, UK) and the University of Mons (Belgium).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The metaproteomic raw data are available in the iProx public platform
(Project ID: IPX0002008000; Subproject IDs: IPX0002008001 (free-living fractions), IPX0002008002
(particle-attached fractions)). The physicochemical data are available from SOMLIT on request. The
metagenomic data are available from EBI (Project number: ERP009703, Ocean Sampling Day 2014,
sample: OSD14_2014_06_2m_NPL022, run ID: ERR771073).

Acknowledgments: The authors acknowledge the use of de.NBI cloud and the support by the High
Performance and Cloud Computing Group at the Zentrum für Datenverarbeitung of the University
of Tübingen and the Federal Ministry of Education and Research (BMBF) through grant no 031
A535A. The authors would like to kindly thank Fabien Joux, Wade Jeffrey and Sapna Chitlapilly Dass
for helping SMS with water sampling for the first trials of the metaproteomics optimization, and
Pierre Galand for his assistance with the SOMLIT data.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Hedges, J.; Oades, J. Comparative organic geochemistries of soils and marine sediments. Org. Geochem. 1997, 27, 319–361.

[CrossRef]
2. Kujawinski, E.B. The Impact of Microbial Metabolism on Marine Dissolved Organic Matter. Annu. Rev. Mar. Sci. 2011, 3, 567–599.

[CrossRef] [PubMed]
3. Cole, J.J.; Findlay, S.; Pace, M.L. Bacterial production in fresh and saltwater ecosystems: A cross-system overview.

Mar. Ecol. Prog. Ser. 1988, 43, 1–10. [CrossRef]
4. Turley, C.M.; Stutt, E.D. Depth-related cell-specific bacterial leucine incorporation rates on particles and its biogeochemical

significance in the Northwest Mediterranean. Limnol. Oceanogr. 2000, 45, 419–425. [CrossRef]
5. Simon, M.; Grossart, H.; Schweitzer, B.; Ploug, H. Microbial ecology of organic aggregates in aquatic ecosystems.

Aquat. Microb. Ecol. 2002, 28, 175–211. [CrossRef]

https://www.mdpi.com/article/10.3390/microorganisms9122621/s1
https://www.mdpi.com/article/10.3390/microorganisms9122621/s1
http://doi.org/10.1016/S0146-6380(97)00056-9
http://doi.org/10.1146/annurev-marine-120308-081003
http://www.ncbi.nlm.nih.gov/pubmed/21329217
http://doi.org/10.3354/meps043001
http://doi.org/10.4319/lo.2000.45.2.0419
http://doi.org/10.3354/ame028175


Microorganisms 2021, 9, 2621 17 of 18

6. DeLong, E.F.; Franks, D.G.; Alldredge, A.L. Phylogenetic diversity of aggregate-attached vs. free-living marine bacterial
assemblages. Limnol. Oceanogr. 1993, 38, 924–934. [CrossRef]

7. Acinas, S.G.; Antón, J.; Rodríguez-Valera, F. Diversity of free-living and attached bacteria in offshore western Mediterranean
waters as depicted by analysis of genes encoding 16S rRNA. Appl. Environ. Microbiol. 1999, 65, 514–522. [CrossRef]

8. Crump, B.C.; Armbrust, E.V.; Baross, J.A. Phylogenetic analysis of particle-attached and free-living bac-terial communities in the
Columbia River, its estuary, and the adjacent coastal ocean. Appl. Environ. Microbiol. 1999, 65, 3192–3204. [CrossRef]

9. Hollibaugh, J.; Wong, P.; Murrell, M. Similarity of particle-associated and free-living bacterial communities in northern San
Francisco Bay, California. Aquat. Microb. Ecol. 2000, 21, 103–114. [CrossRef]

10. Moeseneder, M.M.; Winter, C.; Herndl, G.J. Horizontal and vertical complexity of attached and free-living bacteria of the eastern
Mediterranean Sea, determined by 16S rDNA and 16S rRNA fingerprints. Limnol. Oceanogr. 2001, 46, 95–107. [CrossRef]

11. Ghiglione, J.F.; Mevel, G.; Pujo-Pay, M.; Mousseau, L.; Lebaron, P.; Goutx, M. Diel and seasonal variations in abundance, activity,
and community structure of particle-attached and free-living bacteria in NW Medi-terranean Sea. Microb. Ecol. 2007, 54, 217–231.
[CrossRef] [PubMed]

12. Ditty, J.L.; Mackey, S.R.; Johnson, C.H. Bacterial Circadian Programs; Springer Science & Business Media: Berlin/Heidelberg,
Germany, 2009.

13. Galí, M.; Simó, R.; Vila-Costa, M.; Ruiz-González, C.; Gasol, J.M.; Matrai, P. Diel patterns of oceanic di-methylsulfide (DMS)
cycling: Microbial and physical drivers. Glob. Biogeochem. Cycles 2013, 27, 620–636. [CrossRef]

14. Kuipers, B.; Van Noort, G.; Vosjan, J.; Herndl, G. Diel periodicity of bacterioplankton in the euphotic zone of the subtropical
Atlantic Ocean. Mar. Ecol. Prog. Ser. 2000, 201, 13–25. [CrossRef]

15. Winter, C.; Herndl, G.; Weinbauer, M. Diel cycles in viral infection of bacterioplankton in the North Sea. Aquat. Microb. Ecol. 2004,
35, 207–216. [CrossRef]

16. Gasol, J.; Doval, M.D.; Pinhassi, J.; Calderón-Paz, J.; Guixa-Boixareu, N.; Vaqué, D.; Pedrós-Alió, C. Diel variations in bacterial
heterotrophic activity and growth in the northwestern Mediterranean Sea. Mar. Ecol. Prog. Ser. 1998, 164, 107–124. [CrossRef]

17. Matallana-Surget, S.; Jagtap, P.D.; Griffin, T.J.; Beraud, M.; Wattiez, R. Comparative Metaproteomics to Study Environmental
Changes. Metagenomics 2018, 327–363. [CrossRef]

18. Poretsky, R.S.; Hewson, I.; Sun, S.; Allen, A.E.; Zehr, J.P.; Moran, M.A. Comparative day/night meta-transcriptomic analysis of
microbial communities in the North Pacific subtropical gyre. Environ. Microbiol. 2009, 11, 1358–1375. [CrossRef]

19. Gilbert, J.A.; Field, D.; Swift, P.; Thomas, S.; Cummings, D.; Temperton, B.; Weynberg, K.; Huse, S.; Hughes, M.; Joint, I. The
taxonomic and functional diversity of microbes at a temperate coastal site: A ‘multi-omic’ study of seasonal and diel temporal
variation. PLoS ONE 2010, 5, e15545. [CrossRef]

20. Ottesen, E.A.; Young, C.R.; Gifford, S.M.; Eppley, J.M.; Marin, R.; Schuster, S.C.; Scholin, C.A.; Delong, E.F. Multispecies diel
tran-scriptional oscillations in open ocean heterotrophic bacterial assemblages. Science 2014, 345, 207–212. [CrossRef]

21. Wilmes, P.; Bond, P. The application of two-dimensional polyacrylamide gel electrophoresis and downstream analyses to a mixed
community of prokaryotic microorganisms. Environ. Microbiol. 2004, 6, 911–920. [CrossRef] [PubMed]

22. Franzosa, E.A.; Hsu, T.; Sirota-Madi, A.; Shafquat, A.; Abu-Ali, G.; Morgan, X.; Huttenhower, C. Sequencing and beyond:
Integrating molecular ’omics’ for microbial community profiling. Nat. Rev. Genet. 2015, 13, 360–372. [CrossRef] [PubMed]

23. Kan, J.; Hanson, T.E.; Ginter, J.M.; Wang, K.; Chen, F. Metaproteomic analysis of Chesapeake Bay microbial communities.
Saline Syst. 2005, 1, 7. [CrossRef] [PubMed]

24. Saito, M.A.; Bertrand, E.M.; Duffy, M.E.; Gaylord, D.A.; Held, N.A.; Hervey, W.J., IV; Hettich, R.L.; Jagtap, P.D.; Janech, M.G.;
Kinkade, D.B.; et al. Progress and challenges in ocean metaproteomics and proposed best practices for data sharing. J. Proteome Res.
2019, 18, 1461–1476. [CrossRef] [PubMed]

25. Sowell, S.M.; Wilhelm, L.J.; Norbeck, A.D.; Lipton, M.S.; Nicora, C.D.; Barofsky, D.F.; Carlson, C.A.; Smith, R.; Giovanonni, S.J.
Transport functions dominate the SAR11 metaproteome at low-nutrient extremes in the Sargasso Sea. ISME J. 2008, 3, 93–105.
[CrossRef] [PubMed]

26. Williams, T.J.; Cavicchioli, R. Marine metaproteomics: Deciphering the microbial metabolic food web. Trends Microbiol. 2014, 22,
248–260. [CrossRef]

27. Hawley, A.K.; Brewer, H.M.; Norbeck, A.D.; A-Toli, L.P.; Hallam, S.J. Metaproteomics reveals differential modes of metabolic
coupling among ubiquitous oxygen minimum zone microbes. Proc. Natl. Acad. Sci. USA 2014, 111, 11395–11400. [CrossRef]

28. Bergauer, K.; Fernandez-Guerra, A.; Garcia, J.A.L.; Sprenger, R.; Stepanauskas, R.; Pachiadaki, M.; Jensen, O.N.; Herndl, G.J.
Organic matter processing by microbial communities throughout the Atlantic water column as revealed by metaproteomics.
Proc. Natl. Acad. Sci. USA 2017, 115, E400–E408. [CrossRef]

29. Georges, A.A.; El-Swais, H.; Craig, S.E.; Li, W.K.; Walsh, D.A. Metaproteomic analysis of a winter to spring succession in coastal
northwest Atlantic Ocean microbial plankton. ISME J. 2014, 8, 1301–1313. [CrossRef]

30. Géron, A.; Werner, J.; Wattiez, R.; Lebaron, P.; Matallana Surget, S. Deciphering the functioning of mi-crobial communities:
Shedding light on the critical steps in metaproteomics. Front. Microbiol. 2019, 10, 2395. [CrossRef]

31. Heyer, R.; Schallert, K.; Zoun, R.; Becher, B.; Saake, G.; Benndorf, D. Challenges and perspectives of met-aproteomic data analysis.
J. Biotechnol. 2017, 261, 24–36. [CrossRef]

32. Werner, J.; Géron, A.; Kerssemakers, J.; Matallana-Surget, S. mPies: A novel metaproteomics tool for the creation of relevant
protein databases and automatized protein annotation. Biol. Direct 2019, 14, 21. [CrossRef]

http://doi.org/10.4319/lo.1993.38.5.0924
http://doi.org/10.1128/AEM.65.2.514-522.1999
http://doi.org/10.1128/AEM.65.7.3192-3204.1999
http://doi.org/10.3354/ame021103
http://doi.org/10.4319/lo.2001.46.1.0095
http://doi.org/10.1007/s00248-006-9189-7
http://www.ncbi.nlm.nih.gov/pubmed/17345139
http://doi.org/10.1002/gbc.20047
http://doi.org/10.3354/meps201013
http://doi.org/10.3354/ame035207
http://doi.org/10.3354/meps164107
http://doi.org/10.1016/b978-0-08-102268-9.00017-3
http://doi.org/10.1111/j.1462-2920.2008.01863.x
http://doi.org/10.1371/journal.pone.0015545
http://doi.org/10.1126/science.1252476
http://doi.org/10.1111/j.1462-2920.2004.00687.x
http://www.ncbi.nlm.nih.gov/pubmed/15305916
http://doi.org/10.1038/nrmicro3451
http://www.ncbi.nlm.nih.gov/pubmed/25915636
http://doi.org/10.1186/1746-1448-1-7
http://www.ncbi.nlm.nih.gov/pubmed/16176596
http://doi.org/10.1021/acs.jproteome.8b00761
http://www.ncbi.nlm.nih.gov/pubmed/30702898
http://doi.org/10.1038/ismej.2008.83
http://www.ncbi.nlm.nih.gov/pubmed/18769456
http://doi.org/10.1016/j.tim.2014.03.004
http://doi.org/10.1073/pnas.1322132111
http://doi.org/10.1073/pnas.1708779115
http://doi.org/10.1038/ismej.2013.234
http://doi.org/10.3389/fmicb.2019.02395
http://doi.org/10.1016/j.jbiotec.2017.06.1201
http://doi.org/10.1186/s13062-019-0253-x


Microorganisms 2021, 9, 2621 18 of 18

33. Ma, J.; Chen, T.; Wu, S.; Yang, C.; Bai, M.; Shu, K.; Li, K.; Zhang, G.; Jin, Z.; He, F.; et al. iProX: An integrated proteome resource.
Nucleic Acids Res. 2018, 47, D1211–D1217. [CrossRef]

34. John, J.S. SeqPrep: Tool for Stripping Adaptors and/or Merging Paired Reads with Overlap into Single Reads. 2011. Available
online: https://githubcom/jstjohn/SeqPrep (accessed on 8 November 2021).

35. Bolger, A.M.; Lohse, M.; Usadel, B. Trimmomatic: A flexible trimmer for Illumina sequence data. Bioinformatics 2014, 30, 2114–2120.
[CrossRef]

36. Cock, P.J.A.; Antao, T.; Chang, J.T.; Chapman, B.A.; Cox, C.J.; Dalke, A.; Friedberg, I.; Hamelryck, T.; Kauff, F.; Wilczynski, B.;
et al. Biopython: Freely available Python tools for computational molecular biology and bioinformatics. Bioinformatics 2009, 25,
1422–1423. [CrossRef]

37. Nawrocki, E.P.; Kolbe, D.L.; Eddy, S.R. Infernal 1.0: Inference of RNA alignments. Bioinformatics 2009, 25, 1335–1337. [CrossRef]
38. Rho, M.; Tang, H.; Ye, Y. FragGeneScan: Predicting genes in short and error-prone reads. Nucleic Acids Res. 2010, 38, e191.

[CrossRef] [PubMed]
39. Hyatt, D.; Chen, G.-L.; Locascio, P.F.; Land, M.L.; Larimer, F.W.; Hauser, L.J. Prodigal: Prokaryotic gene recognition and translation

initiation site identification. BMC Bioinform. 2010, 11, 119. [CrossRef]
40. Jones, P.; Binns, D.; Chang, H.Y.; Fraser, M.; Li, W.; McAnulla, C.; McWilliam, H.; Maslen, J.; Mitchell, A.; Nuka, G.; et al.

InterProScan 5: Genome-scale protein function classification. Bioinformatics 2014, 30, 1236–1240. [CrossRef] [PubMed]
41. Matias Rodrigues, J.F.; Schmidt, T.S.; Tackmann, J.; von Mering, C. MAPseq: Highly efficient k-mer search with confidence

estimates, for rRNA sequence analysis. Bioinformatics 2017, 33, 3808–3810. [CrossRef]
42. Buchfink, B.; Xie, C.; Huson, D.H. Fast and sensitive protein alignment using DIAMOND. Nat. Methods 2014, 12, 59–60. [CrossRef]

[PubMed]
43. Huson, D.H.; Beier, S.; Flade, I.; Górska, A.; El-Hadidi, M.; Mitra, S.; Ruscheweyh, H.-J.; Tappu, R. MEGAN community

edi-tion-interactive exploration and analysis of large-scale microbiome sequencing data. PLoS Comput. Biol. 2016, 12, e1004957.
[CrossRef]

44. Yu, J.; Liberton, M.; Cliften, P.F.; Head, R.D.; Jacobs, J.M.; Smith, R.D.; Koppenaal, D.W.; Brand, J.J.; Pakrasi, H.B. Synechococcus
elongatus UTEX 2973, a fast growing cyanobacterial chassis for biosynthesis using light and CO2. Sci. Rep. 2015, 5, 8132.
[CrossRef] [PubMed]

45. Forchhammer, K. Glutamine signalling in bacteria. Front. Biosci. 2007, 12, 358–370. [CrossRef]
46. Morris, R.M.; Rappé, M.S.; Connon, S.A.; Vergin, K.L.; Siebold, W.A.; Carlson, C.A.; Giovannoni, S.J. SAR11 clade dominates

ocean surface bacterioplankton communities. Nature 2002, 420, 806–810. [CrossRef]
47. Williams, T.J.; Wilkins, D.; Long, E.; Evans, F.; DeMaere, M.Z.; Raftery, M.J.; Cavicchioli, R. The role of planktonic Flavobacteria in

processing algal organic matter in coastal East Antarctica revealed using metagenomics and metaproteomics. Environ. Microbiol.
2013, 15, 1302–1317. [CrossRef] [PubMed]

48. Williams, T.J.; Long, E.; Evans, F.; DeMaere, M.Z.; Lauro, F.M.; Raftery, M.J.; Ducklow, H.; Grzymski, J.J.; Murray, A.E.; Cavicchioli,
R. A metaproteomic assess-ment of winter and summer bacterioplankton from Antarctic Peninsula coastal surface waters. ISME J.
2012, 6, 1883–1900. [CrossRef]

49. Feingersch, R.; Suzuki, M.T.; Shmoish, M.; Sharon, I.; Sabehi, G.; Partensky, F.; Béjà, O. Microbial community genomics in eastern
Mediterranean Sea surface waters. ISME J. 2009, 4, 78–87. [CrossRef] [PubMed]

50. Morris, R.M.; Nunn, B.; Frazar, C.; Goodlett, D.R.; Ting, Y.; Rocap, G. Comparative metaproteomics reveals ocean-scale shifts in
microbial nutrient utilization and energy transduction. ISME J. 2010, 4, 673–685. [CrossRef]

51. Mella-Flores, D.; Mazard, S.; Humily, F.; Partensky, F.; Mahé, F.; Bariat, L.; Courties, C.; Marie, D.; Ras, J.; Mauriac, R.; et al. Is the
distribution of Prochlorococcus and Synechococcus ecotypes in the Mediterranean Sea affected by global warming? Biogeosciences
2011, 8, 2785–2804. [CrossRef]

52. Buchan, A.; LeCleir, G.R.; Gulvik, C.A.; Gonzalez, J.M. Master recyclers: Features and functions of bacteria associated with
phytoplankton blooms. Nat. Rev. Microbiol. 2014, 12, 686–698. [CrossRef]

53. Mayot, N.; d’Ortenzio, F.; Taillandier, V.; Prieur, L.; De Fommervault, O.P.; Claustre, H.; Bosse, A.; Testor, P.; Conan, P. Physical
and biogeochemical controls of the phytoplankton blooms in North Western Mediterranean Sea: A multiplat-form approach over
a complete annual cycle (2012–2013 DEWEX experiment). J. Geophys. Res. Ocean. 2017, 122, 9999–10019. [CrossRef]

54. Cohen, S.E.; Golden, S.S. Circadian rhythms in cyanobacteria. Microbiol. Mol. Biol. Rev. 2015, 79, 373–385. [CrossRef] [PubMed]
55. Sowell, S.M.; Abraham, P.E.; Shah, M.; Verberkmoes, N.C.; Smith, D.P.; Barofsky, D.F.; Giovannoni, S.J. Environmental proteomics

of microbial plankton in a highly productive coastal upwelling system. ISME J. 2010, 5, 856–865. [CrossRef] [PubMed]
56. Matallana-Surget, S.; Cavicchioli, R.; Fauconnier, C.; Wattiez, R.; Leroy, B.; Joux, F.; Raftery, M.J.; LeBaron, P. Shotgun Redox

Proteomics: Identification and Quantitation of Carbonylated Proteins in the UVB-Resistant Marine Bacterium, Photobacterium
angustum S14. PLoS ONE 2013, 8, e68112. [CrossRef] [PubMed]

57. Hoch, M.P.; Snyder, R.A.; Jeffrey, W.H.; Dillon, K.S.; Coffin, R.B. Expression of glutamine synthetase and glutamate dehydrogenase
by marine bacterioplankton: Assay optimizations and efficacy for assessing ni-trogen to carbon metabolic balance in situ.
Limnol. Oceanogr. Methods 2006, 4, 308–328. [CrossRef]

58. Waldbauer, J.R.; Rodrigue, S.; Coleman, M.L.; Chisholm, S.W. Transcriptome and proteome dynamics of a light-dark synchronized
bacterial cell cycle. PLoS ONE 2012, 7, e43432. [CrossRef]

http://doi.org/10.1093/nar/gky869
https://githubcom/jstjohn/SeqPrep
http://doi.org/10.1093/bioinformatics/btu170
http://doi.org/10.1093/bioinformatics/btp163
http://doi.org/10.1093/bioinformatics/btp157
http://doi.org/10.1093/nar/gkq747
http://www.ncbi.nlm.nih.gov/pubmed/20805240
http://doi.org/10.1186/1471-2105-11-119
http://doi.org/10.1093/bioinformatics/btu031
http://www.ncbi.nlm.nih.gov/pubmed/24451626
http://doi.org/10.1093/bioinformatics/btx517
http://doi.org/10.1038/nmeth.3176
http://www.ncbi.nlm.nih.gov/pubmed/25402007
http://doi.org/10.1371/journal.pcbi.1004957
http://doi.org/10.1038/srep08132
http://www.ncbi.nlm.nih.gov/pubmed/25633131
http://doi.org/10.2741/2069
http://doi.org/10.1038/nature01240
http://doi.org/10.1111/1462-2920.12017
http://www.ncbi.nlm.nih.gov/pubmed/23126454
http://doi.org/10.1038/ismej.2012.28
http://doi.org/10.1038/ismej.2009.92
http://www.ncbi.nlm.nih.gov/pubmed/19693100
http://doi.org/10.1038/ismej.2010.4
http://doi.org/10.5194/bg-8-2785-2011
http://doi.org/10.1038/nrmicro3326
http://doi.org/10.1002/2016JC012052
http://doi.org/10.1128/MMBR.00036-15
http://www.ncbi.nlm.nih.gov/pubmed/26335718
http://doi.org/10.1038/ismej.2010.168
http://www.ncbi.nlm.nih.gov/pubmed/21068774
http://doi.org/10.1371/journal.pone.0068112
http://www.ncbi.nlm.nih.gov/pubmed/23874515
http://doi.org/10.4319/lom.2006.4.308
http://doi.org/10.1371/journal.pone.0043432

	Introduction 
	Materials and Methods 
	Water Sampling 
	Protein Isolation 
	Liquid Chromatography Tandem Mass Spectrometry Analysis 
	Ocean Sampling Day 2014 Metagenomic Data Set 
	Databases Creation and Protein Identification 
	Protein Annotation and Downstream Analyses 

	Results 
	Diel Structure of the Microbial Communities 
	Diel Functioning of the Microbial Communities 
	Protein Folding and Response to Stress 
	Replication, Transcription, and Translation 
	Energy Metabolism and Compounds Biosynthesis 
	Transport and Cell Division, Structure, and Mobility 


	Discussion 
	Conclusions 
	References

