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Abstract: In the cost–benefit analysis of urban transportation investment, a logsum-based benefit
calculation is widely used. However, it is rarely applied to inter-regional transportation. In this study,
we applied a logsum-based approach to the calculation of benefits for high-speed projects for inter-
regional railways in Korea’s long-term transportation plan. Moreover, we applied a behavioral model
in which an agent travels beyond the zones assumed by an aggregate model. In the case of South
Korea, such a model is important for determining transportation priorities: whether to specialize
in mobility improvement by investing in a high-speed railway project, such as the 300 km/h Korea
Train eXpress (KTX), or to improve existing facilities, such as by building a relatively slower railroad
(150–250 km/h) to enhance existing mobility and accessibility. In this context, if a new, relatively slow
railroad were constructed adjacent to a high-speed railroad, the benefits would be negligible since
the reduction in travel time would not sufficiently reflect accessibility improvements. Therefore, this
study proposes the use of aggregate and agent-based models to evaluate projects to improve intercity
railway service and conduct a case study with the proposed new methodology. A logsum was
selected to account for the benefits of passenger cars on semi-high-speed and high-speed railroads
simultaneously since it has been widely used to estimate the benefits of new modes or relatively slow
modes. To calculate the logsum, this study used input data from both the aggregate and individual
agent-based models, and found that an analysis of the feasibility of inter-regional railroad investment
was possible. Moreover, the agent-based model can also be applied to inter-regional analysis. The
proposed methods are expected to enable a more comprehensive evaluation of the transport system.
In the case of the agent-based model, it is suggested that further studies undertake more detailed
scenario analysis and travel time estimation.

Keywords: aggregate; individual; logsum; agent-based model; benefit

1. Introduction

While the development of the previous transportation system has focused on improv-
ing mobility, recent research into new transportation services that can move people closer
to their destination is in progress. In other words, methods for improving accessibility,
the ultimate goal of a transportation system, are being studied. In this context, several
specialized methods to improve accessibility have been introduced, such as autonomous
cars, the slow transportation mode (Kim et al. [1], Standen et al. [2]), and autonomous
minibuses (Kim et al. [3]), which play an important first-mile and last-mile role in urban
transportation. In a wider sense, these considerations for moving closer to the final destina-
tion are required for intercity transportation as well as interregional train travel. While the
operation of high-speed trains, such as the Korea Train eXpress (KTX) in South Korea, can
dramatically reduce the travel time between regions, they may have lower accessibility to
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the final destination compared to that of moderate-speed trains. Furthermore, since the
construction and operating costs of high-speed trains are comparatively higher, users need
to pay more to use them. Therefore, by improving existing moderate-speed trains, it is
possible not only to reduce travel time, but also provide a low-cost service so that more
people can travel on intercity trains.

In South Korea, the construction of high-speed railways has improved the mobility
of intercity traffic. Recently, however, the issue of whether to construct a new high-speed
railway or improve mobility by upgrading existing moderate-speed railways (MOLIT [4])
has entered the country’s transportation master plan. Of the two objectives, reduced travel
time has traditionally been considered the main benefit. Although many countries have
applied a similar method, the problem of applying it was identified in Germany (Nagel
et al. [5], Winkler [6]), where a long-term transportation plan was established using a
consumer surplus-based benefit estimation method rather than a reduction in travel time.
Furthermore, this method has already been used in the U.S., Netherlands, and U.K. (Ma
et al. [7], Villanueva et al. [8], Geurs et al. [9], Geurs et al. [10], de Jong et al. [11], and UK
DOT [12]).

In addition to the issue of which method to use to estimate the benefit of a transporta-
tion system, there is also the controversial issue of the data used in the benefit estimation.
In general, aggregated data, such as the average travel time between the origin and destina-
tion, are used, but the reliability of travel times has recently come into question; moreover,
few studies have been conducted into estimating benefits using disaggregated data based
on big data (Kuhnel et al. [13]). Most of these mainly focus on urban transportation, while
only a few focus on inter-regional transportation (Bischoff et al. [14]).

This study proposed a methodology for evaluating the impact of an improved inter-
regional railroad in Korea based on two contextual points: the benefit estimation method
and data types. The model developed for the benefit estimation uses the logsum estima-
tion method, which can consider the utility of both high-speed and moderate-speed rail,
including passenger vehicles. It has been already used in cost–benefit comparisons for
urban transportation planning, but has not yet been applied to inter-regional transportation.
Furthermore, this study presented the result of estimated benefits using two different types
of input data, aggregated and individual travel times.

To sum up, the major contributions of this paper can be categorized into two parts.
The first is the rarely employed logsum-based benefit estimation model for inter-regional
transportation; the second is an agent-based travel demand. Paradigms have been shifting
from aggregate to individual data, such as big-data-based traffic demand models that use
Call Detail Record (CDR) data. Recent travel-demand models have attempted to address
individual travel behavior by using an agent-based model, but results are hard to obtain in
a traffic analysis zone (TAZ)-based model.

In the benefit analysis of transportation investment for high-speed inter-regional rail-
ways in Korea’s long-term transportation plan, logsum-based benefit calculation techniques
were successfully applied. Moreover, this study also applied a behavioral model for an
individual agent. In conclusion, the agent-based model provided more specific behavioral
conditions that can be accounted for during the benefit estimation. In other words, it can
be extended to an analysis over specific time periods, such as the pandemic, restrictions
on the use of specific links, and responses to railway accidents in certain locations [15,16].
These are hard to obtain by using the aggregate model alone.

This paper is composed as follows. In Section 2, the authors provide literature reviews
focusing on the logsum-based benefit estimation and case studies. Section 3 introduces the
data, analysis methodology, and scenarios. The results and discussions are explained in
Section 4. Finally, in Section 5, the conclusion and suggestions for further study are described.

2. Previous Reviews

A public transportation investment project needs to go through a cost–benefit analysis
(CBA). During evaluation, most countries adopt reduction of travel time as the great-
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est benefit. For instance, suppose that the government invests in a railroad to alleviate
congestion in a road network where the traffic volume between a certain origin and des-
tination is 1000 people per hour, and travel time when using a passenger car is 30 min.
After the construction of a new railroad, even though the train is slower than the car
(e.g., 40 min), assume that 200 users change from car to rail. The traffic volume of the
roadway decreases to 800 people per hour, and the travel time is also reduced (e.g., to
28 min). In this situation, the total travel time after the construction of new railroad
is 30,400 min (800 people × 28 min + 200 people × 40 min), which is greater than doing
nothing (1000 people × 30 min = 30,000 min). Therefore, although, the road congestion is
reduced, this project might have negative benefits.

Similar methods for calculating benefits have been used for a long time in Korea and
other countries. As described in the previous example, there are several limitations to the
expected benefits. One limitation is the tendency to underestimate the benefits of public
transportation investment. To address this, a methodology using consumer surplus was
developed. The rule-of-half method was used to simplify calculations, but it is limited in its
ability to consider new modes and induced demand. Therefore, new methods of evaluating
the economics of transportation investment by using logsum as a benefit measure are being
applied in the Netherlands and Germany, and the Metropolitan Planning Organization
(MPO) in the United States (Geurs et al. [9], Geurs et al. [10], de Jong et al. [11], Geurs
et al. [17], Nagel et al. [5], and Villanueva et al. [8]).

For example, Geurs et al. [17] proposed the mode–destination choice model for the
complex analysis of land development and transportation development. The advantage of
this model is that by considering both processes at the same time, it excludes the feedback
process between the mode and destination choice. They suggested that the result of the
logsum estimation indicated that accessibility, travel demand, and travel effect can be
analyzed either separately or simultaneously. In the US MPO (Villanueva et al. [8]), this
method has been more commonly applied to various investment policies, such as the
expansion of roadways, construction of new roadways, decrease in transit interval, and
new public transportation routes. In Germany (Nagel et al. [5]), reduced travel time has
been used to evaluate a long-term transportation plan similar to South Korea’s, but the
consumer surplus estimation method based on economic theory was used in the recent
development plan. Handy and Niemeier [18] and Niemeier [19] developed the mode–
destination choice model and analyzed travel behavior in Seattle, Washington. They
compared the consumer surplus before and after the removal of specific transportation
modes or areas. The difference indicated the net benefit.

In addition to the development of models for estimating benefits, studies of the
influence of travel time uncertainty have been conducted with different data types based
on an aggregation level. In general, the average travel time between zones is used as the
input data of an urban transportation or inter-regional transportation planning model.
However, since traditional models use aggregated data, such as average travel time, their
limitation is that they cannot analyze the travel time uncertainty, especially for inter-
regional transportation because it covers longer distances than does urban transportation.
Therefore, inter-regional traffic has a higher uncertainty probability. Some studies have been
conducted to address this problem by combining cell phone data to the origin–destination
matrix. In addition, some studies used agent-based modeling to compare the difference
between using aggregated travel time and disaggregated travel time (Kuhnel et al. [13]).
This study used individual travel time data collected from an agent-based simulation
program instead of an average travel time.

3. Data and Methodology
3.1. Study Area

This study applied the proposed methodology over all of South Korea, which has a
population of about 50 million. It has seven metropolitan cities and eight provinces and can
be subdivided into 250 Traffic Analysis Zones (TAZs). The government of South Korea is
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considering a long-term investment plan to increase from 50 to 80% the number of people
able to travel over all the regions within three hours by 2040 (MOLIT, 2021). According to
this plan, the current highway will be expanded from 4848 to 6750 km, and the railway from
5366 to 7599 km. For the railway, the construction of semi-high-speed rail is a significant
portion of the investment. Current and future intercity high-speed roadway and railway
network of Korea are shown in the below Figure 1.
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Although the effect on travel time reduction from railway investment is promising, the
cost–benefit feasibility is somewhat questionable. Therefore, the proposed method should
be reviewed using economics-based consumer surplus.

3.2. Data
3.2.1. Basic Input Data and Data Conversion Process

For input data, this study used the Korea Transport Database (KTDB) (KOTI [20]),
which contains traffic volume data between TAZs subdivided into around 250 sections by
mode: passenger car, bus, moderate-speed railroad, and high-speed railroad. In addition,
KTDB provides not only traffic volume data but also transportation network analysis and
parameters for volume delay function (VDF); thus, travel time for each origin–destination
pair can be estimated. In this study, the base year for estimating the benefits of transporta-
tion projects is 2016, and the future year is 2040. The total number of trips in the base year
is 85 million trips/day.

Estimating railway travel time requires information on stations, routes, operating pat-
terns, timetables, and road networks for access to railroad links in the network data, which
contains information on the length of the link and type of railway: subway, metropolitan
railway, general railway, or high-speed railway. Each link in the road network data con-
tains information such as link length, number of lanes, lane capacity, and toll road weight.
Railway operation data provide information such as vehicle type, the number of operations,
average operation speed, stopped/unstopped station, arrival and departure times, and
operation interval. Finally, train operation data provide information for each stop pattern
even on the same route.

This study used two different types of travel time estimations. First, this study adopted
EMME4 (INRO [21]), a multimodal transport planning software program traditionally used
in traffic demand analysis to estimate macroscopic-level travel time, which is aggregated
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average travel time. The other method was to estimate agent-level travel time using
MATSim (Horni et al. [22]), an open-source framework for implementing agent-based
transport simulations. The network and transit schedule data provided by KTDB were
in the form of EMME inputs, so data conversion to EMME format was not necessary. To
estimate travel time using MATSim, the data provided by the KTDB had to be converted
into MATSim input data. Basically, it consisted of network data, transit schedule data, and
an individual person’s trip plan.

3.2.2. Rail Travel Time Generation

This study defined travel time as the total time from origin to final destination. If
someone is mainly traveling by rail, total travel time can be divided into four categories,
(1) access time from the departure point to the railroad station, (2) waiting time at the
railroad, (3) in-vehicle travel time, and (4) access time from the railroad station to the
final destination.

To estimate each category, this study proceeded as follows. First, the in-vehicle travel
time may have different values, even for the same route, depending on the performance of
the train and the number of stops. Fortunately, as mentioned above, the train operation data
provides detailed information such as train type and train stopping pattern. In addition, an
important factor in the in-vehicle travel time is the route choice. Although there are various
path selection methods, in this analysis an optimal strategy model was applied to the
aggregate-level analysis, and a co-evolutionary algorithm to the individual-level analysis.

Second, the waiting time at the railroad is related to the train interval. The KTDB train
operation data contains information on the number of train operations, and the average
interval of the train, which in this study was applied to waiting time.

Finally, the approach time from the departure point to the railway station and the
access time from the railway station to the destination can have a great influence on the
approach time depending on the method used. Moreover, depending on whether the
station is located in a downtown or suburban area, the difference in access time may be
large. However, since the KTDB provides information only on the main mode, this study
assumed an access time of 30 min for the aggregate analysis (EMME). In the individual
analysis (MATSim), the time the agent took to approach the railway station was individually
analyzed and applied.

3.3. Methodology
3.3.1. Model and Estimation Process

Residence and workplace relocations were generally described in the literature as
spatial interactions. Numerous studies on spatial interactions in human behavior have
examined shopping and work trip flow, human migration, residence location, firm location,
recreational sites, and freight flow. In the transportation planning field, destination choice
models were used when analyzing each traveler’s destination.

McFadden [23] employed a well-known disaggregate multinomial logit model. Unlike
most discrete choice studies, which are based on limited alternative choice sets, location
choice studies include alternative choice sets. McFadden [24] suggested that in residence
location studies the simplified multinomial logit model could be estimated using a ran-
domly selected choice set. McFadden [24] and Daly [25] introduced aggregate destination
choice modelling by incorporating size variables (e.g., employment, area, population, and
accessibility by TAZ) as destination attributes.

The first step to calculating the logsum is to establish the mode–destination choice
model. In this study, the model was derived using origin–destination traffic data by mode.
To build the input data for model development, 4000 trips were randomly sampled from
total trip data (85 million trips/day). The selected data consist of origin, destination,
and mode. From these datasets, 10 alternatives (destination–mode pairs) were randomly
selected based on each corresponding origin zone. Some studies suggest that choice sets
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with random selected elements can provide reasonable results in situations with many
alternative choices (Niemeier [19] and McFadden [24]).

The next step was to calculate travel time and cost by modes, and the attraction for
each alternative including the information whether selected or not. Although this study
did not consider all possible alternatives, according to the recent studies the model is not
biased because the alternatives were randomly sampled. Due to the simplicity of the choice
set, the alternative specific constant term and alternative specific variables could not be
included in the formula. Only generic variables such as travel time and size variables could
be accommodated. Here, assuming a Gumbel distribution of the error term (ε), the utility
(U) of an individual choosing TAZ j by an individual in TAZ i may be expressed as:

Uij = Vij + εij (1)

Vij = αXij + βSj (2)

where α and β are estimated parameters; Xij are the generic variables (travel time and cost)
between TAZ i and TAZ j; and Sj are the size variables (total destination trips) by TAZ j.

3.3.2. Logsum Benefit Estimation

After the development of the two models, aggregated and non-aggregated, the consumer
surplus (expected benefit of the proposed project) can be estimated. The estimation of mode–
destination choice models are shown in the below Sections 4.1 and 4.2. To calculate the
benefits, origin–destination (O–D) trip tables of the base and future years are required, for
which this study used the KTDB. In addition, travel time and cost by modes between regions
in the base and future year were estimated. By applying Equations (1) and (2) above and
Equations (3) and (4) below at the same time, the logsum-based benefits were calculated.

The logsum-based method can simultaneously account for the benefits of passenger
car, semi-high-speed rail, and high-speed rail since it has been widely used to estimate the
benefits of new modes or relatively slow modes.

To estimate consumer surplus, logsum (Li) and travel demand (Oi) for both base and
future years were calculated. After that, the logsum difference between the base and the
future year, considering travel demand, was estimated. Finally, the consumer surplus was
estimated by multiplying the logsum difference by the value of travel time. The estimation
of consumer surplus is shown in Equations (3) and (4). The subscripts “before” and “after”
indicate the base and future year, respectively. This study assumed that the travel demands
of both years were identical. The following Section 4 introduces the results in detail.

Li = log(∑j exp
(
Vij

)
) (3)

CS = VOT × {[Oi × log (∑
j

exp
(
Vij

)
]

A f ter

− [Oi × log (∑
j

exp
(
Vij

)
]

Be f ore

} (4)

3.3.3. MATSim Application for Benefit Estimation

A simulation methodology based on the autonomous car and minibus was applied,
and it evolved a simulation which was used to estimate changes resulting from the introduc-
tion of an autonomous vehicle-based transportation system. An unmanned, autonomous
taxi was selected as the target service, and MATSim was selected as the simulation tool.
MATSim was developed as open source implemented in Java, so it is easier to use for
various research purposes than other simulation tools.

The MATSim simulation process consists of five modules: initial demand (Module 1),
simulation (Module 2), scoring (Module 3), analysis (Module 4), and replanning (Module
5), which are optimized through repeated computations [22].

MATSim uses a co-evolutionary algorithm to optimize the plan for each agent’s activity
and trip. This algorithm executes the agent’s plan and searches for alternatives that can
be improved according to the constraints. It then maintains a stable state when it can no
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longer be improved. The algorithm is also composed of a queue-based traffic simulation to
increase efficiency for large-scale scenario analysis.

An agent’s travel time for model estimation and average travel time for benefit cal-
culation were extracted using MATSim. For model estimation, this study used the travel
time and cost between origin and destination by modes for each individual. Further, the
average value of travel time and cost by mode between origin and destination was used for
benefit estimation. To extract travel time, the event file generated by MATSim was used.
The travel time of all agents was extracted from the event file, using Python. To reduce the
burden of excessive calculation, this study randomly sampled 4000 people, and the number
of simulation iterations was limited to 50.

4. Results and Discussions
4.1. Estimating the Benefit of Intercity Rail Speed Increase: Conventional Method

The result of the mode–destination choice model is presented in Table 1. Considering
the travel diary survey, the number of samples this study extracted (4000) was sufficient to
estimate a significant model (NLOGIT6 [26]). The variables used in the model estimation
were travel time and cost, whether or not the person arrived in Seoul (CBD), and attraction
(total destination trips). This study used NLOGIT6 to estimate the mode–destination choice
model, and the result is presented in Table 1. Considering maximum likelihood estimates
(MLEs) between before and after convergence, the estimated model was statistically signifi-
cant. In addition, as shown in Table 1, the model was logically significant for the sign of
the coefficient. As travel time and cost decreased, utility increased, and the coefficient of
attraction was positive. Therefore, the estimated model is significant.

Table 1. Estimated parameters of mode and destination choice model (conventional).

Coeff. Std. Err. t-Ratio p-Value

TIME −0.02442 0.00094 −26.08 0.000
COST −0.00003 0.00001 −4.03 0.000
CBD −0.28736 0.06031 −4.76 0.000

ATTRACT 0.00001 0.00000 10.31 0.000

Note: Log likelihood value at convergence is −8109.9, Log likelihood value at zero is −9210.3, and ρ2 = 0.1195.

Using the estimated mode–destination choice model, the logsum of the base year and
future year were calculated, and the consumer surplus was calculated by applying the
value of time and is presented in Table 2. The benefit can be calculated by comparing
consumer surplus between the base and the future years. This study assumed that the total
traffic volume in the base year and the future year would be the same. As shown in Table 2,
the annual benefit from Korea’s intercity rail speed increase is estimated at 76 billion USD.
Therefore, the proposed method in this study, estimating the benefit by using logsum, is
applicable to the evaluation of Korea’s intercity railroad. As shown in Table 2, the mixed
consumer surplus indicates the benefit from simultaneous road and railroad improvements.
The net consumer surplus indicates the benefit from when only either the road or railroad
was improved.

Table 2. The benefits of intercity rail speed increase project (Conventional).

Benefits (USD)

Mixed Benefits 111 billion
Net Benefits (rail) 76 billion

4.2. Estimating the Benefit of Intercity Rail Speed Increase: Abm Method

Table 3 shows that the disaggregated model estimation result using individual travel
time selected from MATSim. Considering the large difference between MLEs before and
after convergence, the estimated model was statistically significant. Furthermore, the sign
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of the coefficients was also reasonable. The coefficient of time and cost had negative values
and attraction was positive. These results were consistent with those in Section 4.1.

Table 3. Estimated parameters of mode and destination choice model (ABM).

Coeff. Std. Err. t-Ratio p-Value

TIME −0.01027 0.00057 −18.04 0.000
COST −0.00010 0.00001 −13.42 0.000
CBD −0.37724 0.05761 −6.55 0.000

ATTRACT 0.00001 0.00000 8.97 0.000

Note: Log likelihood value at convergence is −8319.3, Log likelihood value at zero is −9210.3, and ρ2 = 0.09674.

Using the model presented in Table 4, the consumer surplus (benefit) from Korea’s
intercity rail speed increase project was estimated at 73 billion USD. Therefore, this result
shows that the method based on disaggregated travel time was also applicable to the
evaluation of inter-regional transportation. However, it was found that the value of the
parameter affecting the benefit and the amount of the benefit was different.

Table 4. The benefits of intercity rail speed increase project (ABM).

Benefits (USD)

Mixed Benefits 94 billion
Net Benefits (rail) 73 billion

4.3. Comparison between Aggregated and Disaggregated Models
4.3.1. Comparison of Travel Time

Before the analysis of consumer surplus, this study investigated travel times by differ-
ent methods of estimation. This study estimated travel time using three methods: EMME
4, MATsim, and open API. The results showed that the distributions of average travel
time were comparable. However, although the origin and destination were identical, the
estimated travel time using MATsim and open API (Daum [27]) were slightly different
as shown in Figure 2. In this figure, the horizontal and vertical axes indicate the travel
distance and the travel time, respectively.
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Figure 2. Scatter gram for travel time (minutes) for selected origin–destination pairs.

4.3.2. Results of the Estimated Parameters and Benefits

Tables 1 and 3 show that the goodness of fit of the aggregated model outperformed that
of the disaggregated model in this case study. The reason was that this study used a very
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large-scale intercity transportation model, so it is suspected that the MATSim limitation of
50 iterations to reduce the run time affected the predictive power of travel time. Further
studies are needed on this limitation.

To estimate the benefit of the railroad improvement plan, traditional multi-modal aver-
age travel time and multi-modal average travel time from individual data were employed
for an aggregated model (using EMME 4) and a disaggregated model (using MATSim),
respectively. The results showed that the estimated benefits from each model were slightly
different. The difference was not significant in the case of the rail project, but was significant
for the total benefits of the road and rail project. Therefore, it is noteworthy that travel time
was the significant input data of benefit estimation. Furthermore, the results showed the
importance of accurate estimated travel time, and it is emphasized that research into the
development of a multi-modal travel time estimation method is needed.

5. Discussions

In the cost–benefit analysis of urban transportation investment, the logsum-based
benefit calculation has been widely used. However, it is rarely applied to inter-regional
transportation. This study applied it to the calculation of benefits for high-speed projects
for inter-regional railways in Korea’s long-term transportation plan. Moreover, this study
attempted to apply a behavioral model in which an individual agent traveled beyond the
zonal assumptions of an aggregate model. It was a successful experiment in some respects.
First, the results showed that it was possible to analyze the feasibility of inter-regional
railroad investment with both aggregate and agent-based models. This indicated that the
agent-based model can also sufficiently account for inter-regional analysis and be applied
to it.

However, some limitations were found. In the case of an agent-based model, the
number of iterations had to be limited to 50 to reduce the computational burden; thus,
a travel time value with insufficient stabilization might be used. While the net benefits
of railroad investment were similarly calculated, the mixed benefits of road and railroad
investment differed greatly, and it is necessary to clarify the difference. Therefore, in the
case of the agent-based model, it was suggested that more detailed scenario analysis, travel
time estimation, and further studies are recommended on route and path analysis by mode.

From the application perspective, the agent-based models enabled the analysis of
positive or negative benefits for more behavioral situations. In other words, it can be
extended to research in areas such as specific time periods, restrictions on the use of specific
links, and responses to railway accidents in certain locations. Since travel behavior can be
affected by these events, the proposed methodology, which considers individual behavior,
would be suitable to assess these effects.

6. Conclusions

Many countries are improving mobility by enhancing existing facilities, and the
benefit estimate from a traffic system improvement project has become an important
issue in evaluating intracity and intercity transportation systems. This study proposes a
methodology for estimating the benefit from a transportation system improvement project
and evaluated Korea’s railroad speed increase project using the proposed method. The
model developed for the benefit estimation was derived from a change in consumer surplus
using logsum, which accounts simultaneously for the benefits of passenger car, low-speed
railroad, and high-speed railroad.

To analyze the effect of travel time, two types of data were used: traditional aggregated
data of inter-zone travel time, and individual travel time information obtained from an
agent-based model. From our analysis, it was found that the benefits in intercity and
intracity transportation can be estimated by the logsum method.

Moreover, it was found that the effect on the benefits of travel time and cost and
destination trip volume was considerable. The impact was found to be large for aggregated
data but less for disaggregated data. The net benefit of railroad investment was similarly
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calculated as 76 billion USD for the aggregated model and 73 billion USD for the agent-
based model, while the mixed benefits of road and railroad investment differed greatly.
Therefore, comparative studies are recommended for various scenarios, such as differences
in a route. In addition, in the case of the agent-based model, although the travel time
extracted after setting the number of simulations to 50 was used, it is suggested that further
studies are needed to analyze the effect of the number of iterations.

In the benefit analysis of transportation investment for high-speed projects for inter-
regional railways in Korea’s long-term transportation plan, logsum-based benefit calcula-
tion techniques were applied as was an agent behavioral model. The results of this study
are not conclusive, but challenging. In the future, we propose further study to account
for the reliability of travel time when estimating the mode–destination choice model in
intercity travel. In addition, it is also recommended that a model be developed to account
for various travel purposes and income levels.

Author Contributions: The authors confirm contribution to the paper as follows: conceptualization:
C.K., methodology: C.K.; software: D.O.; formal analysis: C.K., D.O.; writing—original draft prepara-
tion: C.K., H.R., D.K.; writing—review and editing: C.K., H.R.; visualization: D.K., D.O.; supervision:
C.K.; project administration: C.K., D.O. All authors have read and agreed to the published version of
the manuscript.

Funding: This research was funded by The R&D Convergence Program of the National Research
Council of Science & Technology of the Republic of Korea (CAP-16-02-KIST and CRC-20-02-KIST).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Kim, C.; Jin, Y.; Park, J.; Kang, D. The influence of an autonomous driving car operation on commuters’ departure times. Procedia

Comput. Sci. 2019, 151, 85–91. [CrossRef]
2. Standen, C.; Greaves, S.; Collims, A.; Crane, M.; Rissel, C. The value of slow travel: Economic appraisal of cycling projects using

the logsum measure of consumer surplus. Transp. Res. Part A 2019, 123, 255–268. [CrossRef]
3. Kim, C.; Jin, Y.; Park, J.; Kang, D. A case study of a last-mile solution in a high-density residential neighbourhood. Procedia

Comput. Sci. 2019, 151, 132–138. [CrossRef]
4. Ministry of Land, Infrastructure and Transport (MOLIT). Long Range National Transport Master Plan; MOLIT: Sejong City, Korea, 2021.
5. Nagel, K.; Kickhofer, B.; Winter, M. Reverse-engineering of the rule-of-half in order to retrofit an assessment procedure based on

resource consumption. Z. Verkehrswiss. 2015, 86, 219–239.
6. Winkler, C. Evaluating transport user benefits: Adjustment of logsum difference for constrained travel demand models. Transport.

Res. Record 2016, 2564, 118–126. [CrossRef]
7. Ma, S.; Kockelman, K.; Fagnant, D. Welfare analysis using logsum differences versus rule of half. Transp. Res. Record 2015, 2530,

73–83. [CrossRef]
8. Villanueva, K.; Zorn, L.; Ory, D.; Vautin, D. The pros and cons of using the change in destination choice logsums as a practical

measure of user benefits. Transp. Res. Record 2018, 2672, 64–72. [CrossRef]
9. Geurs, K.; Halden, D. Accessibility: Theory and practice in the Netherlands and UK. In Handbook on Transport and Development;

Hickman, R., Givoni, M., Bonilla, D., Banister, D., Eds.; Edvard Elgar Publishing: Northampton, MA, USA, 2015.
10. Geurs, K.; van Wee, B. Accessibility evaluation of land-use and transport strategies: Review and research directions. J. Transp.

Geogr. 2004, 12, 127–140. [CrossRef]
11. de Jong, G.; Daly, A.; Pieters, M.; van der Hoorn, T. The Logsum as an Evaluation Measure: Review of the Literature and New

Results. Transp. Res. Part A 2007, 41, 874–889. [CrossRef]
12. UK DOT. New Approach to Appraisal Manual (NATA); UK DOT: London, UK, 2011.
13. Kuhnel, N.; Ziemke, D.; Nagel, K. The end of travel time matrices? Individual travel times in integrated land use/transport

models. J. Transp. Geogr. 2020, 88, 102862. [CrossRef]
14. Bischoff, J.; Márquez-Fernández, F.; Domingues-Olavarría, G.; Maciejewski, M.; Nagel, K. Impacts of vehicle fleet electrification in

Sweden—A simulation-based assessment of long-distance trips. In Proceedings of the 6th International Conference on Models
and Technologies for Intelligent Transportation Systems (MT-ITS), Cracow, Poland, 5–7 June 2019; pp. 1–7. [CrossRef]

15. Joubert, J.W. Using MATSim to test sensitivity towards vehicle ban restrictions. Procedia Comput. Sci. 2019, 151, 794–799. [CrossRef]

http://doi.org/10.1016/j.procs.2019.04.015
http://doi.org/10.1016/j.tra.2018.10.015
http://doi.org/10.1016/j.procs.2019.04.021
http://doi.org/10.3141/2564-13
http://doi.org/10.3141/2530-09
http://doi.org/10.1177/0361198118798456
http://doi.org/10.1016/j.jtrangeo.2003.10.005
http://doi.org/10.1016/j.tra.2006.10.002
http://doi.org/10.1016/j.jtrangeo.2020.102862
http://doi.org/10.1109/MTITS.2019.8883384
http://doi.org/10.1016/j.procs.2019.04.108


Modelling 2022, 3 104

16. Leng, N.; Corman, F. How the issue time of information affects passengers in public transport disruptions: An gent based
simulation approach. Procedia Comput. Sci. 2020, 170, 382–389. [CrossRef]

17. Geurs, K.; Zondag, B.; de Jong, G.; de Bok, M. Accessibility appraisal of land-use/transport policy strategies: More than just
adding up travel time savings. Transp. Res. Part D 2010, 15, 382–393. [CrossRef]

18. Handy, S.L.; Niemeier, D.A. Measuring Accessibility: An Exploration of Issues and Alternatives. Environ. Plan. A 1997, 29,
1175–1194. [CrossRef]

19. Niemeier, D. Accessibility: An evaluation using consumer welfare. Transportation 1997, 24, 377–396. [CrossRef]
20. Korea Transport Institute (KOTI); Korea transport database (KTDB). Korea’s Passenger Origin-Destination Trip Tables; KOTI: Sejong

City, Korea, 2017.
21. INRO Software. Emme4 User Manual; INRO: Westmount, QC, Canada, 2013.
22. Horni, A.; Nagel, K.; Axhausen, K. The Multi-Agent Transport Simulation MATSim; Ubiquity: London, UK, 2016.
23. McFadden, D.L. Conditional logit analysis of qualitative choice behavior. In Frontiers in Econometrics; Zarembka, P., Ed.; Academic

Press: New York, NY, USA, 1974; pp. 105–142.
24. McFadden, D.L. Modelling the Choice of Residential Location. In Spatial Interaction Theory and Planning Models; Karlqvist, A.,

Lundqvist, L., Snickars, F., Weibull, J., Eds.; North-Holland Publishing Company: Amsterdam, The Netherlands, 1978; pp. 75–96.
25. Daly, A. Estimation choice models containing attraction variables. Transp. Res. 1982, 16, 5–14. [CrossRef]
26. NLOGIT. Econometric Software; NLOGIT Inc.: Plainview, NY, USA, 2016.
27. Daum. Available online: https://map.kakao.com/ (accessed on 14 September 2021).

http://doi.org/10.1016/j.procs.2020.03.068
http://doi.org/10.1016/j.trd.2010.04.006
http://doi.org/10.1068/a291175
http://doi.org/10.1023/A:1004914803019
http://doi.org/10.1016/0191-2615(82)90037-6
https://map.kakao.com/

	Introduction 
	Previous Reviews 
	Data and Methodology 
	Study Area 
	Data 
	Basic Input Data and Data Conversion Process 
	Rail Travel Time Generation 

	Methodology 
	Model and Estimation Process 
	Logsum Benefit Estimation 
	MATSim Application for Benefit Estimation 


	Results and Discussions 
	Estimating the Benefit of Intercity Rail Speed Increase: Conventional Method 
	Estimating the Benefit of Intercity Rail Speed Increase: Abm Method 
	Comparison between Aggregated and Disaggregated Models 
	Comparison of Travel Time 
	Results of the Estimated Parameters and Benefits 


	Discussions 
	Conclusions 
	References

