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Abstract: Traditional smooth stitching method for the texture seams of remote sensing images is
affected by gradient structure information, leading to poor stitching effect. Therefore, a smooth
stitching method for the texture seams of remote sensing images based on gradient structure infor-
mation is proposed in this research. By matching the feature points of remote sensing images and
introducing a block link constraint and shape distortion constraint, the modified stitching image
is obtained. By using remote sensing image fusion, the smooth stitching image of texture seams is
obtained, and the local overlapping area of the texture is optimized. The main direction of texture
seams is determined by calculating the gradient structure information of texture seams in horizontal
and vertical directions. By selecting the initial point, the optimal stitching line is extracted by using
the minimum mean value of the cumulative error of the smooth stitching line. By using the method
of boundary correlation constraints, matching the feature points of the texture seams of remote
sensing images and selecting the best matching pair, a smooth stitching algorithm for the texture
seams of remote sensing image is designed, which realizes the smooth stitching of the texture seams
of remote sensing images. Experimental results show that the design method has good performance
in stitching accuracy and efficiency in the smooth stitching of the texture seams of remote sensing
images. Specifically, the Liu et al. and the Zhang et al. methods that are the benchmark studies in
the literature are introduced as a comparison, and the stitching experiment is carried out. The test
is carried out according to accuracy and time and the proposed method achieves better results by
almost 25%.

Keywords: gradient structure information; remote sensing image; texture seam; smooth stitching

1. Introduction

The development of image stitching technology has gone through many stages. The
earliest image stitching technology mainly used the principle of gray-scale symbiosis to
obtain the image similarity change matrix through gray to complete the image stitching [1].
Later, more and more texture stitching methods for remote sensing images emerged, among
which the more prominent was the research method based on scale-invariant feature
transform (SIFT) feature points. This kind of method used SIFT feature points to rotate the
remote sensing image to obtain the gradient structure information. The image stitching
was completed through the reorganization of gradient information feature points [2].
However, traditional remote sensing image stitching methods based on SIFT feature points
can no longer complete the stitching of remote sensing images as high-resolution remote
sensing images’ textures contain a lot of information. This research proposes a smooth
stitching method for the texture seams of remote sensing images based on gradient structure
information, which is of great significance for realizing high-resolution image stitching [3].

Liu et al. [4] proposed a smooth stitching method of the texture seams of remote
sensing images based on Oriented FAST and Rotated BRIEF (ORB) features to solve
the problem that high-resolution unmanned aerial vehicle (UAV) remote sensing images
could not be stitched by the traditional scale-invariant feature transform (SIFT) algorithm.
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First, the remote sensing images that needed image stitching were selected, and the ORB
algorithm was used to obtain the feature vectors of the images. Then the remote sensing
image’s threshold was obtained by the neighbor algorithm. After that, fine matching
was performed on the feature points. Finally, the weighted average algorithm was used
to perform smooth stitching on the texture seams of remote sensing images. Compared
with the traditional SIFT algorithm, this method improved the processing speed of remote
sensing image stitching by more than ten times, and the processing effect was better. The
Zhang et al. method [5] proposed an image stitching method to improve the best stitching
line for the phenomenon that the texture seams of moving objects could not be smoothly
stitched. First, the ORB algorithm was used to extract the texture feature points of the
remote sensing images. Then, the trapezoid matrix was arranged based on the feature
points to remove the incorrectly matching items. Then, the difference of the processed
image was corrected, and the improved energy function was used to calculate the stitching
function. Finally, the feature point information of the texture seams was subjected to weight
analysis, and the images were fused based on the result of the weight analysis. This method
could be used for the stitching of high-resolution images.

Through various registration methods, the overlapping areas of two images can be well
aligned, and the non-overlapping areas usually have serious distortions. Chang et al. [6]
proposed the SPHP algorithm, which corrects the shape of the stitched image, and reduces
the projection distortion. Lin et al. [7] proposed a homography linearization method,
which is also a shape correction problem; the natural appearance of the stitching results is
improved with this method by a level compared with SPHP. Chen et al. [8] proposed the
global similarity prior (GSP) to obtain natural stitching results, which uses line alignment
constraints to set constraint terms. Liao et al. [9] used two single-perspective warps to
register images to produce natural stitching results. Li et al. [10] proposed a novel quasi-
homography to solve the line blending problem between the homography transformation
and the similarity transformation by linearly scaling the horizontal component of the
homography to create a more natural panorama.

Additionally, an UAV image mosaic usually needs additional information, such as
camera calibration parameters, and position and rotation data from the GPS/IMU, ground
control points or a reference map to achieve accurate mosaic results. Xue et al. [11] proposed
a novel image mosaic method without the requirements of camera calibration parameters,
camera poses, or any 3D reconstruction procedure. This method can obtain visually
satisfactory mosaic results automatically using only the raw 2D imagery captured from
an UAV. Liu et al. [12] considered mosaic for low overlap UAV aerial images and found
that the commonly used methods and software were not suitable for this type of data.
Then, a novel adjustment model for mosaic low overlap sweeping images was proposed.
Cai et al. [13] proposed a robust transform estimator based on residual analysis and its
application to UAV aerial images. Estimating the transformation between two images
from the same scene is a fundamental step for image registration, image stitching and
3D reconstruction.

However, none of the above methods consider the gradient information of images,
which leads to poor stitching effects for remote sensing images. For this reason, this paper
proposes a smooth stitching method for the texture seams of remote sensing images based
on gradient structure information.

2. Design of Smooth Stitching Method of the Texture Seams of Remote
Sensing Images
2.1. Local Optimization and Fusion of the Texture Overlapping Area of Remote Sensing Images

In order to optimize and fuse the local features of the texture overlapping area of re-
mote sensing images, and prevent distortion in the stitching process, visual communication
technology is used to perform finite element analysis on remote sensing images [14]. The
finite element meshes are transformed into similar textures. The texture overlapping area
of the transformed remote sensing images is locally distorted. Taking a triangular remote
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sensing image to be stitched as an example, we set three transformation points as V1, V2,
V3, and the relationship between the vertex V1 and the other two points is as follows:

V1 = V2 + u
(
V3 −V2

)
+ v
(
V3 −V2

)
(1)

where the coordinates in the stitching texture coordinate system of the remote sensing
image from the vertex V1 to V1 and V3 are u and v. If the local remote sensing image
texture image Î2 to be optimized and the similarly changed image I2 are not matched
and transformed, the overlapping position of V1 and V2, V3 cannot be calculated, then the
similar texture change formula is:

ES
(
Vi
)
= ws‖V1 −

(
V2 + u

(
V3 −V2

)
+ v
(
V3 −V2

))
‖2 (2)

where ws is the remote sensing image transformation weight. By calculating the local
distortion coefficient ES

(
Vi
)

of similar texture transformation in the finite element grid [15],
the local distortion energy formula of the texture overlapping area of transformed remote
sensing image is obtained.

When using visual communication technology to optimize and fuse the parts of the
texture overlapping area of remote sensing images [16], only the texture of the overlapping
area of a single grid that needs to be optimized is locally similarly transformed, such as
the remote sensing image I1 that needs to be locally optimized and fused. In the process
of local similarity transformation, it is necessary to refer to the texture attributes of the
overlapping area of the image Î2, and then optimize the transformation of each coordinate
point in the horizontal coordinate system and the vertical coordinate system and perform
local distortion constraints on the optimized transformed grid links to make its fusion
degree close to zero. At this time, it means that the texture overlapping area of the two
remote sensing images has the same local optimization. The least squares method is used
to calculate the local fusion optimal solution [17], and the horizontal constraint term of the
remote sensing image texture is obtained:

El1{N5} = sl1

(∣∣∣(2Ṽ6 − Ṽ5

)
−
(

2Ṽ7 − Ṽ6

)∣∣∣2) (3)

where sl1 is the sum of the remote sensing image texture grid block N5 to be stitched and
the adjacent grid block that needs to be fused. Knowing the vertices Ṽ6, Ṽ5 and Ṽ7 in the
remote sensing image, the following formula is used to obtain the vertical constraint term
of the remote sensing image texture:

El2{N5} = sl2

(∣∣∣(2Ṽ8 − Ṽ6

)
−
(

2Ṽ10 − Ṽ8

)∣∣∣2) (4)

where sl2 is the sum of the remote sensing image texture grid block N5 to be stitched and
the lower grid block that needs to be stitched. Knowing the vertices (8, 6 and 10) in the
remote sensing image, the following formula is used to obtain the diagonal constraint term
of the remote sensing image texture:

El3{N5} = sl3

(∣∣∣(2Ṽ11 − Ṽ6

)
−
(

2Ṽ15 − Ṽ11

)∣∣∣2) (5)

where sl3 is the product of the remote sensing image texture grid block N5 that needs to be
fused and the grid block to be stitched with connection relationship, (11, 6 and 15), are the
vertices in the known remote sensing image.

The energy formula ES and grid energy formula El of the remote sensing image texture
constraint term are mixed in operation [18] to realize the local optimization of the remote
sensing image texture:

E = αES + βEl (6)
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where α and β are the weighted thresholds. After fusing the locally optimized remote
sensing images, we can finally obtain the stitched image of the texture overlapping area of
remote sensing images.

By matching the feature points of remote sensing images, block link constraints and
shape distortion constraints are introduced to obtain the corrected stitched image. The
remote sensing image fusion method is used to obtain a smooth stitched image of the texture
seams of remote sensing images, which optimizes the texture of the local overlapping area
of remote sensing images.

2.2. Extraction of the Optimal Stitching Line of the Texture Seams of Remote Sensing Images

The main direction line of the texture overlapping area of the remote sensing images
is divided into a vertical direction line and a horizontal direction line. If Is represents the
initial remote sensing image and It represents the target image, then the main direction
line of the overlapping area is I = Is + It. The principle of gradient structure information
is used [19] to calculate the gradient structure information in the horizontal and vertical
directions, namely:

S1 =

 −1 −2 −1
0 0 0
1 2 1

, S2 =

 −1 0 1
−2 0 2
−1 0 1

 (7)

According to the above formula, the main direction of the texture seams of the remote
sensing images can be determined, as shown in Figure 1.
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Figure 1. Schematic diagram of the main directions of the texture seams of remote sensing images.

By calculating a set of initial points and then deriving them as a starting point, the
optimal stitching line is selected from the smooth stitching lines of the last multiple texture
seams of remote sensing images, thereby saving the calculation time [20]. Taking Figure 1
as an example, we select five candidate initial points on NS. The coordinates of point N,
point U, and point S are (XN , YN), (XU , YU) and (XS, YS), respectively. However, because
the ordinate values of the three candidate initial points are the same, the coordinate
corresponding to the point on NS is

(
Xpn, Ypn

)
, the line from the point Pn to the intersection

point of UR and UT is denoted as qn, and the gradient error can be calculated by:

C(qn) = (1− β)Cg(qn) + βCd(qn), 0 < β < 1 (8)

where β = 0.4, Cg represents the smoothness of the gradient, and Cd represents the similarity.
Using the error calculation formula [21] between the gradient smoothness and the

similarity, the gradient error value of the texture seams of remote sensing images is calcu-
lated. The following formula is used to divide the five candidate initial points on NS into
five groups, namely:

ψm = {qn, n = (m− 1)λ + 0, (m− 1)λ + 2, · · · , mλ} (9)
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gm is used to mark the smallest point in each group, the number of smooth stitching lines
of the texture seams of remote sensing image is m = 1, 2, 3, 4, 5, and five initial points
are calculated.

According to the calculated five smooth stitching lines of the texture seams of remote
sensing images, the minimum cost is the optimal stitching line of the texture seams of
remote sensing images [22]. Assuming that the corresponding coordinate of the point Vc is
(Xc, Yc), one of the three candidate initial points is selected as the next growth point.

According to the calculated cumulative gradient error, the iteration point is determined
as Vn. Let the cumulative gradient errors of the three candidate initial points be A(V1),
A(V2) and A(V3), respectively, then the error calculation formula for each candidate initial
point is: 

A(V1) =
7
∑

j=1
C
(
Vej
)

A(V2) =
8
∑

j=2
C
(
Vej
)

A(V3) =
9
∑

j=3
C
(
Vej
) (10)

where the number of neighboring points of the candidate initial point is j = 1, · · · , 9,
A(V1) represents the cumulative point composed of the point V1 and six adjacent points.
If (Xc− 4 + j, Yc + 1) is the coordinate of the point Vej, then the point with the smallest
cumulative value can be selected according to the above formula. It can be obtained from
the above formula that when the accumulated values of two points are equal, the priority
is sorted as Vn2, Vn1 and Vn3.

Therefore, the conditions for the selection of candidate points of the point Vn are
deduced and expressed as:

Vn =


Vn2, A(Vn2) > min{A(Vn1), A(Vn3)}
Vn3, A(Vn3) < min{A(Vn1), A(Vn2)}

Vn1, A(Vn3) = min{A(Vn1), A(Vn2)}
(11)

According to the obtained five smooth stitching lines of the texture seams of remote
sensing images, it is supposed that the mth smooth stitching line of the texture seams of
remote sensing images contains jm points, and the coordinate of the jth point is Vn(m, j),
then the mean value of the minimum cumulative error of the smooth stitching lines can be
calculated by:

L(m) =
jm

∑
j=1

A(Vn(m, j))/jm (12)

The mean value L(m) of minimum cumulative error calculated in the above formula
is the optimal stitching line of the texture seams of remote sensing images, which can
smoothly pass through the remote sensing image and optimize the removal effect of the
smooth stitching line of the texture seams of remote sensing images [23].

By calculating the gradient structure information of the texture seams of remote
sensing images in the horizontal and vertical directions, the main direction of the texture
seams is determined, the initial point is selected, and the mean value of the minimum
cumulative error of the smooth stitching line is used, and finally, the optimal stitching line
is extracted.

2.3. Design of a Smooth Stitching Algorithm for the Texture Seams of Remote Sensing Images

It is supposed that the texture feature point cluster after the local optimization of
the remote sensing image texture overlapping area is (Ai, Bi), Ai is on the remote sensing
image texture L, Bi is on the remote sensing image texture R′. Then, we can calculate the
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distance from any feature point AK to the feature point L of remote sensing image texture,
and the texture local feature vector of AK and BK, as follows:{

DAK =
(

A1 AK, A2 AK, · · · , Ai AK
)

DBK =
(

B1BK, B2BK, · · · , BiBK
) (13)

We then calculate the relationship function between two local feature vectors of remote
sensing image textures:

R(DAK, DBK) =
A1 AK × B1BK + · · ·+ Ai AK × BiBK√

A1 A2
K + · · ·+ Ai A

2
K

√
B1B2

K + · · ·+ BiB
2
K

(14)

It is supposed that the matching threshold for remote sensing image texture is ε,
and the texture feature points larger than this threshold have better similarity and trans-
formation, so this point is the best texture stitching point. In the process of stitching
remote sensing image textures, texture feature points are the core elements of stitching [24].
Through the spatial summation method, the distribution of each feature point in the remote
sensing image texture is described. The stitching of the remote sensing image textures is
completed through the fusion of the texture feature points. This method does not consider
the sequence relationship, so the result is not accurate enough [25]. For the problem that the
remote sensing image cannot realize the smooth stitching of texture seams, a new texture
stitching method is proposed. This method uses vi as a feature transformation reference
point and rebuilds a new texture feature point matrix according to the order relationship of
the remote sensing image textures [26].

The new texture stitching method has the same principle as the initial process-
ing method, and the coordinates of the reference point vi for feature transformation
are obtained:

l
(
vi, vj

)
= li,j =

(
vi, vj

)
, j = 1, 2, · · · , N; j 6= i (15)

According to the texture natural relationship in the remote sensing image texture
feature points (Equation (14)), we change li,j to matrix Li:

Li = (li,i+1, li,i+2, · · · , li,N , li, · · · , li,i−2, li,i−1)
T (16)

The above formula is a new remote sensing image texture description. Compared with
the initial remote sensing image texture description, the new method has a more correct
sequence relationship, and can accurately see all the information points of the remote
sensing image texture without performing multiple segmentation calculations on a 2D
image, which improves the stitching efficiency [27].

The new remote sensing image texture description is processed uniformly to ensure
that the original feature vector remains unchanged, and the feature points of the remote
sensing image texture are arranged according to the description Li to form a trapezoidal
structure information matrix (N − 1)× N:

A = A(V) = [L1L2L3 · · · LN−1N] (17)

Unified processing is performed on each row of the trapezoidal structure matrix:

L(j)
i =

l(j)
i

maxi=1,2,··· ,N‖l
(j)
i ‖

(18)

where the structure information point in the trapezoidal structure matrix ‖l(j)
i ‖ =

√
x2

j + y2
j

is li,j. Through the processing in Equation (17), the new remote sensing image texture
stitching method has better fusion effect.
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In order to improve the stability of the proposed method, the texture seams are
smoothly stitched:

Li =
(

l1
i , l2

i , · · · , lN−1
i ,

)T
(19)

where the sequence N− 1 can be split into several mutually restricted trapezoidal structure
sequences [1, t], [t + 1, 2t] and [2t + 1, 3t], where t is the smooth stitching coefficient of
texture seams. Weighted analysis is performed on each sequence, respectively, to find the
average value:

g(j)
i =

1
t

ct

∑
c=(r−1)t+1

l(j)
i (20)

where c = 1, 2, · · · , W, c is the sequence number of the cth ladder structure in the sorted
ladder structure sequence. We have W = (N − 1)/t.

After feature extraction and processing of remote sensing image textures, the remote
sensing image textures to be stitched have corresponding texture transformation points,
and the minimum variance calculation is used to obtain the best stitching point of remote
sensing images [28].

Taking the central feature point of the remote sensing image texture as the reference
point of similar transformation, the coordinate transformation formulas of A and B can be
obtained as:

X =
[
1, X′, Y′

] α0
α1
α2

, Y =
[
1, X′, Y′

] β0
β1
β2

 (21)

where (X′, Y′) and (X′′ , Y′′ ) are the coordinates of the reference point of similar transfor-
mation in A and B, respectively. Equation (21) can be solved by a linear equation set in
three unknowns, and the equation only needs to be solved for the transformed reference
point; finally, the stitching situation of the remote sensing images is verified.

The texture feature point fusion of remote sensing images is the final work in the
entire image stitching process. The smooth fusion of the texture seams is carried out by
using the gradient structure information transformation method. Generally, images are
divided into original remote sensing images and improved remote sensing images. The
improved remote sensing image is rotated to obtain the rotation angle, and the improved
remote sensing image after the rotation is overlapped with the original remote sensing
image, and the effect of the smooth stitching is examined. The specific operation is shown
in Figure 2.
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Figure 2. The fusion process of remote sensing images.

The coordinate system XOY and the coordinate system XaOaYa are the coordinate
systems of the remote sensing image one and the remote sensing image two, respectively.
The start and end points of the remote sensing image two are obtained by the method
of line segment cutting, so that the relationship between the overlapping area and the
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point can be calculated after the coordinate conversion. Then the difference method is
used to obtain the converted pixel color of the remote sensing image, and finally the linear
transition is used to fuse the stitched remote sensing images. In summary, the boundary
correlation constraint method is used to match the feature points of the texture seams of
remote sensing images, the best matching pair is selected, and a smooth stitching algorithm
is designed for the texture seams of remote sensing images to achieve the smooth stitching
of the texture seams.

3. Experiment and Results Analysis

In order to verify the effectiveness of the smooth stitching method of the texture
seams of remote sensing image based on gradient structure information in the application,
simulation experiments needed to be designed. The operating system of the simulation
experiment selected a Windows 7 system computer with 8 GB memory and 3.5 GHz
frequency, and used MFC to write the simulation program. The calculation operation of the
experiment was completed by the MATLAB compiler to convert the simulation program
into a file that can be executed.

3.1. Experimental Setup

During the experiment, three groups of different remote sensing images were selected
as the test objects of the simulation experiment. The remote sensing images used in
Experiment 1 and Experiment 2 were from two remote sensing images with overlapping
areas from different locations. The remote sensing images of Experiment 2 were set to
30 degrees. Rotation angle, the remote sensing image in experiment 3, contained a 5 dB
low-noise image.

The Liu et al. method [4] and the Zhang et al. method [5] were introduced as a
comparison, and the stitching experiment was carried out. The test was carried out
according to the accuracy and time. The results are as follows.

3.2. Analysis of Experimental Results

Table 1 shows the accuracy of three smooth stitching methods for the texture seams of
remote sensing images.

Table 1. Accuracy of three smooth stitching methods for the texture seams of remote sensing images.

Experiment
Number

Accuracy of Stitching

Liu et al. Method [4] Zhang et al. Method [5] Proposed Method

Experiment 1 75.60% 86.40% 98.50%
Experiment 2 65.10% 75.80% 90.60%
Experiment 3 98.60% 94.80% 98.10%

From the results in Table 1, it can be seen that in the three experiments, the stitching
accuracy by the Zhang et al. method [5] method was higher than the Liu et al. method [4],
but lower than the proposed method. In order to ensure the accuracy of the experimental
results, each group of remote sensing images was subjected to 10 experiments to obtain the
average value of the smooth stitching accuracy. The results are shown in Figure 3.

It can be seen from the results in Figure 3 that with the increase in the number of remote
sensing images, the average accuracy of the three methods was gradually decreasing, and
the accuracy of the proposed method was significantly higher than that of the other two
methods.

The running time of three smooth stitching methods are shown in Figure 4.
It can be seen from the results in Figure 4 that with the increase in the number of

experiments, the running time of the Liu et al. method [4] increased significantly (almost
23–25%). When the number of experiments reached 100, the smooth stitching time of
the texture seams of the remote sensing images was 27.8 and 29 s, respectively, and the
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stitching time of the proposed method changed slowly. When the number of experiments
reached 100, the smooth stitching time by the proposed method was 9 s, indicating that
the proposed method could speed up the smooth stitching of the texture seams of remote
sensing images, thereby improving the efficiency of smooth stitching of the texture seams
of remote sensing images.
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4. Conclusions

Taking into account the problems of the traditional smooth stitching methods for
the texture seams of remote sensing images, the local texture overlapping area of remote
sensing images was optimized and fused, and the optimal stitching line of the texture
seams was extracted. By designing a smooth stitching method for the texture seams of
remote sensing images, this research realized the smooth stitching of the texture seams of
remote sensing images. The results show that the proposed method has great advantages
in stitching effect and is suitable for widespread use. The test was carried out according to
accuracy and time and the proposed method achieved better results by almost 25%.

On the other hand, the proposed image stitching method mainly solves the problem
of improving registration accuracy by designing a good transformation function. For UAV
remote sensing image mosaics, additional information is usually needed, such as camera
calibration parameters, or position and rotation data obtained from the GPU/IMU, ground
control points, or a reference map, to achieve accurate mosaic results. However, these
additional parameters do not focus on the ghost phenomenon caused by moving objects,
and the ghosts cannot be eliminated by a transform function. The smooth image stitching
method can alleviate these problems to a certain extent. However, there are still limitations
in dealing with ghosts due to the following reasons: first, when there is a moving object in
the stitched image, the seam may cut or copy the object; secondly, the seam-driven method
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selects one of the multiple seams as the final seam, and if there are fast-moving objects in
the stitched images, the process of seam finding method becomes challenging.

In short, the proposed method cannot deal with all the challenges of eliminating
ghosts, and ghost elimination is an urgent problem. In particular, when shooting images
that are generally used for stitching, they may be at the same position or have a small
rotation. However, when the UAV’s bird’s-eye view camera captures images, important
factors are not only translation and rotation, but also the distance between the camera
and the object, and the level of shaking, resulting in small objects in UAV remote sensing
images and poor image quality, which in turn increases the difficulty of image stitching
and the removal of ghosts.

In future work, an adaptive threshold adjustment method will be designed to select
an appropriate threshold for each group of test images to improve the robustness of the
method. Additionally, a method to stitch UAV remote sensing images while eliminating
ghosts without a seam finding process will be investigated.

Funding: This research received no external funding.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Song, Z.K.; Xu, C.; Wang, X.; Zhang, W.; Wang, Y.; Wu, H. Study of Infrared Image Mosaic Technology Applied to a UAV Platform.

Infrared Technol. 2018, 40, 355–361.
2. Wu, W.-S.; Feng, H.-J.; Xu, Z.-H.; Li, Q. Optical Image Mosaic Methods Based on MEMS Gyroscope. Acta Photonica Sin. 2018, 47,

127–135.
3. Zhang, J.J.; Zhai, D.H.; Huang, L.Z.; Yu, Q. Parallax Image Stitching Algorithm Based on Feature Blocking. Comput. Eng. 2018, 44,

220–226.
4. Liu, T.; Zhang, J. Improved mosaic algorithm of UAV remote sensing images based on ORB feature. Comput. Eng. Appl. 2018, 54,

193–197.
5. Zhang, X.; Wang, W.; Xiao, D. Image mosaic method based on improved best seam-line. Comput. Eng. Des. 2018, 39, 1964–1970.
6. Chang, C.H.; Sato, Y.; Chuang, Y.Y. Shape-Preserving Half-Projective Warps for Image Stitching. In Proceedings of the IEEE

International Conference on Computer Vision and Pattern Recognition, Columbus, OH, USA, 23–28 June 2014; pp. 3254–3261.
7. Lin, C.C.; Pankanti, S.U.; Ramamurthy, K.N.; Aravkin, A.Y. Adaptive as-natural-as-possible image stitching. In Proceedings of the

IEEE International Conference on Computer Vision and Pattern Recognition, Boston, MA, USA, 7–12 June 2015; pp. 1155–1163.
8. Chen, Y.S.; Chuang, Y.Y. Natural Image Stitching with the Global Similarity Prior. In Proceedings of the European Conference on

Computer Vision, Amsterdam, The Netherlands, 11–14 October 2016; pp. 186–201.
9. Liao, T.; Li, N. Single-Perspective Warps in Natural Image Stitching. IEEE Trans. Image Process. 2020, 29, 724–735. [CrossRef]

[PubMed]
10. Li, N.; Xu, Y.; Wang, C. Quasi-Homography Warps in Image Stitching. IEEE Trans. Multimed. 2018, 20, 1365–1375. [CrossRef]
11. Xu, Y.; Ou, J.; He, H.; Zhang, X.; Mills, J. Mosaicking of Unmanned Aerial Vehicle Imagery in the Absence of Camera Poses.

Remote Sens. 2016, 8, 204. [CrossRef]
12. Liu, J.; Gong, J.; Guo, B.; Zhang, W. A Novel Adjustment Model for Mosaicking Low-Overlap Sweeping Images. IEEE Trans.

Geosci. Remote Sens. 2017, 55, 4089–4097. [CrossRef]
13. Cai, G.; Su, S.Z.; Leng, C.; Wu, Y. A Robust Transform Estimator Based on Residual Analysis and Its Application on UAV Aerial

Images. Remote Sens. 2018, 10, 291. [CrossRef]
14. Li, J.; Hou, T.; Gao, W.; Cheng, N. Image Mosaic System Based on FPGA and DSP. Instrum. Tech. Sens. 2018, 7, 46–49.
15. Wang, W.; Zhang, Y.; Chen, Y.; Ding, W. Wide Field-of-View Image Stitching Algorithm Based on Depth Sequence of Light Field.

Acta Opt. Sin. 2018, 38, 260–267.
16. Song, W.; Wang, Y.; Zhang, P. An improved UAV image stitching algorithm based on AKAZE feature. Comput. Eng. Sci. 2019, 41,

873–878.
17. Zhang, S.; Wu, H.; Wu, Q.; Mu, Y.; Heu, Y.; Wang, H. Research on hyper-spectral image splicing based on multi-source information

fusion. Laser J. 2020, 41, 114–118.
18. Luo, Y.; Wang, Y.; Zhang, H. Image-stitching Algorithm by Combining the Optimal Seam and an Improved Gradual Fusion

Method. Infrared Technol. 2018, 40, 382–387.
19. Huang, Y.; Yin, C.; Liu, B.; Han, M.; Chen, M.; Zhang, D.; Liang, Q. Image Mosaic Algorithm Based on Improved Fast Shi-Tomasi

Feature Points Detection Algorithm. Mach. Des. Res. 2018, 34, 70–73.

http://doi.org/10.1109/TIP.2019.2934344
http://www.ncbi.nlm.nih.gov/pubmed/31425074
http://doi.org/10.1109/TMM.2017.2771566
http://doi.org/10.3390/rs8030204
http://doi.org/10.1109/TGRS.2017.2688385
http://doi.org/10.3390/rs10020291


Processes 2021, 9, 1689 11 of 11

20. Zhang, D.; Lu, X.; Zhang, H.; Zeng, Z.; Muo, Y.; Li, H. A method of UAV image mosaic based on minimum spanning tree. Comput.
Eng. Sci. 2020, 45, 42–48.

21. Zhao, H.; Zhao, X.; Zhu, X.; Li, Y. Analysis on Susceptibility of Vegetation Canopy Spectra in Coal Mining Area to Land
Reclamation. Spectrosc. Spectr. Anal. 2019, 39, 1858–1863.

22. Qi, X.; Wang, J. Large Parallax Image Stitching Algorithm for Mesh Deformation Subdivision. Comput. Eng. 2020, 46, 236–242.
23. Lu, P.; Lu, Q.; Zou, G.; Gou, X.; Zang, H. Research on Time Series Image Mosaic Method Based on Improved SIFT. Comput. Eng.

Appl. 2020, 56, 196–202.
24. Luo, X.; Huo, H.; Wang, M.; Chen, Y. Passive Image-splicing Detection Based on Multi-residual Markov Model. Comput. Sci. 2018,

45, 173–177.
25. Fu, Z.; Zhang, X.; Yu, C.; Liang, D.; Liang, D. Cylindrical image mosaic method based on fast camera calibration in multi-scene.

Opto-Electron. Eng. 2020, 47, 72–84.
26. Yang, M.; Shi, Y.; Hua, Y.; Zhu, J. Low-error and fast image stitching algorithm based on merging match strategies. Appl. Res.

Comput. 2019, 36, 1222–1227.
27. Fan, Y.; Li, H.; Chu, D. Parallax image stitching using line-constraint moving least squares. J. Image Graph. 2019, 24, 23–30.
28. Heng, B.; Xiao, D.; Zhang, X. Night color image mosaic algorithm combined with MSRCP. Comput. Eng. Des. 2019, 40,

3200–3204, 3211.


	Introduction 
	Design of Smooth Stitching Method of the Texture Seams of Remote Sensing Images 
	Local Optimization and Fusion of the Texture Overlapping Area of Remote Sensing Images 
	Extraction of the Optimal Stitching Line of the Texture Seams of Remote Sensing Images 
	Design of a Smooth Stitching Algorithm for the Texture Seams of Remote Sensing Images 

	Experiment and Results Analysis 
	Experimental Setup 
	Analysis of Experimental Results 

	Conclusions 
	References

