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Abstract: The magnitude and frequency of storm events, relative sea-level rise (RSLR), sediment
supply, and anthropogenic alterations drive the morphologic evolution of barrier island systems,
although the relative importance of any one driver will vary with the spatial and temporal scales
considered. To explore the relative contributions of storms and human alterations to sediment
supply on decadal changes in barrier landscapes, we applied Otsu’s thresholding method to multiple
satellite-derived spectral indices for coastal land-cover classification and analyzed Landsat satellite
imagery to quantify changes to the northern Chandeleur Islands barrier system since 1984. This high
temporal-resolution dataset shows decadal-scale land-cover oscillations related to storm–recovery
cycles, suggesting that shorter and (or) less resolved time series are biased toward storm impacts and
may significantly overpredict land-loss rates and the timing of barrier morphologic state changes.
We demonstrate that, historically, vegetation extent and persistence were the dominant controls on
alongshore-variable landscape response and recovery following storms, and are even more important
than human-mediated sediment input. As a result of extensive vegetation losses over the past few
decades, however, the northern Chandeleur Islands are transitioning to a new morphologic state in
which the landscape is dominated by intertidal environments, indicating reduced resilience to future
storms and possibly rapid transitions in morphologic state with increasing rates of RSLR.

Keywords: Landsat; landscape evolution; barrier island; land cover; spectral indices; Otsu thresholding

1. Introduction

Prevailing oceanographic climate, sediment supply, relative sea-level rise (RSLR),
the magnitude and frequency of storm events, and anthropogenic modifications interact
to drive the morphologic evolution of barrier systems at varying spatial and temporal
scales. Understanding the decadal- to centennial-scale evolution of barrier systems is
critical for modeling future barrier change [1]. Whereas recent studies have applied
improved methods and technologies to advance understanding of centennial-scale barrier
evolution [2–7] or explore geologic controls on decadal-scale behavior [8–13], measuring
decadal-scale barrier change is limited to observations from the historical record.

Historical analyses commonly focus on changes to the seaward-facing shoreline po-
sition or beach width and dune morphology [9,14–23]. Less frequently, changes to the
whole-island area are also considered [15,17,21,24–26]. These studies often emphasize
short-term changes induced by extreme storm events [14,15,23,27–29] and most consider
the sandy barrier-island (beach and dune) and back-barrier (marsh and tidal flat) environ-
ments separately. Recent studies, however, demonstrated the importance of whole-system
connectivity to barrier morphology and evolution [30–32] and expanded the scope of
historical analyses to consider the annual- to decadal-scale landscape evolution of barrier
islands [33–39].
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To quantify historical change, researchers often must integrate diverse data sources
of differing ages and with varying collection frequencies. Consequently, change analy-
ses rely on varying methods including reinterpretation of irregularly updated historical
map products that span multiple decades [15,31,37], photointerpretation of historical
panchromatic or natural-color aerial imagery with decadal or longer time gaps between
acquisition dates [15,40], and (or) classification of recent natural-color, color-infrared, or
multispectral aerial and satellite imagery collected at sub-annual to interannual time
scales [15,31,33,34,37,41]. The varying temporal and spatial resolution of these data sources
make it difficult to compare results from different analyses.

The complexity of documenting and understanding historical barrier evolution is illus-
trated by case studies at the Chandeleur Islands, a transgressive deltaic barrier-island sys-
tem [42–44] located about 40 km east of the Louisiana mainland in the northern Gulf of Mex-
ico (Figure 1). Previous research documented severe shoreline erosion and land loss caused
by Hurricane Katrina in 2005 [15,27], post-1996 decadal-scale habitat changes [39,45], and
annual- to decadal-scale land-area changes and vegetative-productivity trends resulting
from redistribution of sediment emplaced in 2010 [37,41]. Collectively, these studies ad-
dressed short-term land-area and land-cover changes after extreme storms and sediment
placement separately, making it difficult to determine whether recent changes are the result
of natural storm–recovery cycles or the addition of new sediment.

The goal of this study is to provide a comprehensive analysis of recent landscape-scale
changes along the northern Chandeleur Islands using a consistent dataset and methodology
to better understand temporal and spatial variability in barrier response to natural and
anthropogenic disturbances over the past few decades, when we expect other drivers of
barrier evolution (e.g., changes in oceanographic climate or SLR) are minimized. Despite
the increasing availability of high-resolution multispectral satellite imagery in the last
decade, medium-resolution (30-m pixel size) Landsat Thematic Mapper (TM; Landsat
5 mission), Enhanced Thematic Mapper Plus (ETM+; Landsat 7) and Operational Land
Imaging (OLI; Landsat 8) imagery continue to be used for local- to global-scale land-cover
classification and change analyses [35,46–53] since the imagery is freely available and
provides a consistent, long-term (since 1984), high temporal resolution (16-day repeat
cycle) and multispectral data source. Recently, automated processing of Landsat data has
also been applied to extract satellite-derived shoreline positions and assess shoreline- and
morphologic-change trends [54–58].

We analyzed Landsat satellite imagery from the northern Chandeleur Islands to
quantify changes to subaerial and intertidal barrier environments resulting from storm
impacts and human-induced sediment input at intra-annual to decadal time scales since
1984. Satellite-derived land-cover metrics were used to explore (1) the extent to which
persistent back-barrier vegetation (marsh) influenced both “instantaneous” and longer-term
morphologic change and recovery following storm events and (2) whether the addition
of significant volumes of sediment to a sediment-starved system promoted greater island
stability and (or) vegetative growth. The methods presented demonstrate the applicability
of automatic thresholding techniques with multiple satellite-derived spectral indices for
coastal land-cover classification and extraction of barrier metrics. Our results document
historical changes at the northern Chandeleur Islands at higher temporal resolution than
previous studies, offering new insight into alongshore variability of and morphologic
controls on barrier-system evolution and providing additional metrics that complement
recent sedimentologic [59], geophysical [60–62], and morphologic [63] analyses at the
northern Chandeleur Islands. Furthermore, our analyses provide insight into drivers of
barrier-island evolution over decadal time scales and how that might influence future
vulnerability to storm events and SLR. The results also have important implications for
resiliency of barrier islands, particularly those that are sediment-starved or exposed to
frequent storm events.
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Figure 1. (a) Regional map showing locations of tropical cyclones that passed within 200 km of
the study area since 1984. Hurricane Frederic (1979) is also shown. Inset satellite image indicates
study-area extent shown in panels (b,c). (b) Landsat 5 satellite image acquired 25-March-1984 and
(c) Landsat 8 satellite image acquired 10-January-2019 show subaerial configuration of the northern
Chandeleur Islands at the beginning and end of the analysis period, respectively. Imagery is overlaid
with study-area subdivisions and maximum as-constructed berm extent. False-color images use
bands 4, 5, 3 (Landsat 5) or 5, 6, 3 (Landsat 8). [Abbreviations: HP, Hewes Point; LST, approximate
latitude of longshore transport node; PI, Palos Island; SC, Smack Channel Cut; WI, Western Islands].

2. Materials and Methods
2.1. Study Area

Part of the Breton National Wildlife Refuge, the Chandeleur Islands provide a crit-
ical habitat for migratory and nesting birds, are an economically important recreational
fishery [64], maintain estuarine conditions in Breton and Chandeleur Sounds and adjacent
mainland wetlands [65], and provide protection to coastal wetlands and human infras-
tructure from both fair-weather and storm-induced waves [66]. In recent decades, the
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Chandeleur Islands narrowed significantly or, as at Curlew and Grand Gosier Islands,
were reduced to ephemeral shoals. Consequently, these islands have become increasingly
vulnerable to both fair-weather and storm-induced land loss [15,43,44,67]. The transgres-
sive submergence of the Chandeleur Islands is largely the result of alongshore processes
that transport much of the sediment eroded from the shoreface to northern and southern
deep-water depositional centers, limiting sediment availability for island roll-over and
back-barrier land building through overwash deposition [44,67–70]. With the exception
of a short-lived fishing settlement in the early 1900s [64] and a 2001 effort to stabilize
unvegetated washover deposits that formed during Hurricane Georges (1998) using plant-
ings of Spartina alterniflora at 10 sites [71], the Chandeleur Islands historically were largely
unaltered by human activities. Between June 2010 and March 2011, however, the State of
Louisiana constructed a 2-m high sand berm extending more than 14 km along the northern
Chandeleur Islands barrier platform (Figure 1) as part of emergency response efforts to
prevent oiling from the Deepwater Horizon oil spill [37,63,72].

The study area encompasses the northern ~38 km of the Chandeleur Islands from
Hewes Point to Palos Island (Figure 1) and includes the modeled longshore transport (LST)
nodal point [68,69]. The western islands (New Harbor, North, and Freemason Islands),
which are not subject to the same open-oceanographic forcing as the fronting barrier-island
arc, were excluded from this analysis. The northern Chandeleur Islands historically formed
a semi-continuous island [66] characterized by small, mostly ephemeral inlets that formed
during storm events but usually re-closed during intervening fair-weather periods [43,73].
Between 1979 and 2019, 17 tropical systems passed within 200 km of the study area
(Figure 1, Table S1), including Hurricanes Frederic (1979), Elena (1985), Georges (1998),
Ivan (2004), Katrina (2005), and Isaac (2012). Hurricanes Frederic, Elena, and Georges
caused beach erosion, breaching, and overwash deposition along the northern Chandeleur
Islands [15,73]. Hurricanes Ivan and Katrina opened more than 60 inlets along the northern
islands [67,71], many of which remained open in 2010 prior to berm construction [43].
Although a weaker system than these preceding storms, Hurricane Isaac impacted the
study area only a year after berm construction was completed and caused significant
offshore-directed cross-shore sediment transport [74]. The islands are extremely low-
lying, with 2005 to 2010 (pre-berm) mean emergent-island elevations ranging from about
0.33 to 0.42 m NAVD88 (0.17 to 0.26 m above mean sea level [MSL]) and maximum (dune)
elevations during the same period varying from about 1.35 to 2.39 m NAVD88 (1.19 to
2.23 m MSL) [37]. The study area is microtidal, with a mean tidal range of 0.42 m. Emergent
habitats are dominated by sandy beaches; low, hummocky dunes; sparsely vegetated
washover fans; and emergent salt marshes [37,71]. To assess alongshore variability in
the evolution of these islands, we divided the study area into five subset areas based on
qualitative observations of island morphology (Figure 1, Table 1).

Table 1. Morphologic subdivision of northern Chandeleur Islands study area.

Subarea Description

1 Fragmented post-Hurricane Georges marsh platform (berm built on submerged barrier platform)
2 Persistent post-Hurricane Katrina marsh platform (berm built in front of or attached to emergent island)

3 Fragmented post-Hurricane Katrina marsh platform, north of longshore-transport (LST) nodal point (berm,
if present, built attached to emergent island)

4 Persistent post-Hurricane Georges marsh platform, south of LST nodal point (south of berm emplacement)
5 Fragmented post-Hurricane Georges marsh platform, south of post-Hurricane Katrina Smack Channel Cut

2.2. Data Sources and Image Pre-Processing

One hundred and ninety-three Landsat TM, ETM+, and OLI images (Worldwide
Reference System 2 [WRS-2] path 21 row 39) acquired between March 1984 and January
2019 were identified that were cloud free and either pre-scan line corrector failure (SLC-off)
or SLC-off gap free (Landsat 7 ETM+) over the study area. To minimize the effects of
water-level variations on land-cover classification [75,76], only images that were collected
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within 2 h of predicted low tide or were collected on a rising tide with predicted water
levels at time of acquisition less than MSL (National Ocean Service [NOS] Center for Oper-
ational Oceanographic Products and Services [CO-OPS] station 8760172, Chandeleur Light,
LA [77]) were analyzed. The resulting dataset consisted of 52 Landsat 5 TM, 10 Landsat 7
ETM+, and 13 Landsat 8 OLI images.

For each image acquisition date, top-of-atmosphere (TOA) reflectance (reflective
bands), TOA brightness temperature (BT; thermal infrared [TIR] bands), and surface
reflectance-derived normalized difference vegetation index (NDVI) images were down-
loaded from the U.S. Geological Survey (USGS) Earth Resources Observation and Sci-
ence (EROS) Center Science Processing Architecture (ESPA) On Demand Interface [78].
NDVI, defined as the normalized ratio between the near-infrared (NIR) and visible red (R)
bands [79,80]:

NDVI = (NIR − R)/(NIR + R), (1)

is widely accepted as a measure of vegetation “greenness” and is used both to indicate
presence or absence of vegetated areas [37,81,82] as well as an indicator of vegetation health
or composition [37,52,76,82,83].

All images were batch-processed using Spatial Model Editor in ERDAS IMAGINE®

2016. The TOA and BT bands (Table S2) were stacked to create 7- (TM, ETM+) or 9- (OLI)
band multispectral images and clipped to the study-area extent. Because most of the
images used are Landsat 5 TM products, which do not include a panchromatic band,
images were not pan-sharpened during processing. From these composite images, two
additional spectral indices, the modified normalized difference water index (mNDWI) [84]
and the normalized difference bare land index (NBLI) [85] were calculated, defined as the
normalized ratio between the visible green (G) and shortwave-infrared (SWIR) or visible
red and TIR bands, respectively:

mNDWI = (G − SWIR1)/(G + SWIR1), (2)

NBLI = (R − TIR)/(R + TIR). (3)

mNDWI has been applied to differentiate between land and water areas at local [57] to
regional ([48] scales and was selected for use in this study over the normalized difference
water index (NDWI) [86] because of its previously demonstrated utility at distinguishing
between land and water along Louisiana’s wetland-dominated coastal regions [48]. Origi-
nally developed to differentiate between bare land and other land-cover types, especially
built-up areas, in urban settings, Li et al. (2017) [85] demonstrated that the use of the TIR
band in NBLI also provides good separation of bare land from water and vegetated areas.

2.3. Land-Cover Classification and Feature Extraction

Land-cover classification was performed using successive thresholding of spectral
indices. First proposed by Kuleli et al. (2011) [87], automatic thresholding of water indices
using Otsu’s method [88] has been widely applied to segment satellite images into land
and water areas and delineate shorelines [54–57] as well as for vegetation mapping [83,89].
Estoque and Murayama [90] applied Otsu thresholding to create a binary land-water image
for the purpose of masking water areas from built-up indices. They then applied Otsu
thresholding to the masked built-up datasets to further map the land area into built-up
and non-built-up classes.

We developed a similar workflow to map four land-cover classes (water, bare earth
[sand], vegetated, and intertidal) at the northern Chandeleur Islands (Figure 2a): first,
Otsu’s method was applied to the mNDWI image to create a binary land-water raster for
each image acquisition date (Figure 2b). Second, water area was masked from the NBLI
and NDVI images, and Otsu’s method was applied to the masked images to create binary
sand–“unclassed” and vegetated–“unclassed” rasters (Figure 2c), respectively. Because
thresholding was applied to masked NBLI and NDVI simultaneously, some pixels along
the sand-vegetation boundary were classed as both sand and vegetated in this step. We
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mapped these pixels as sand using the following rule: if NBLI = sand and NDVI = vegetated,
then final = sand. Next, water, sand, and vegetated areas were masked from mNDWI
images with the remaining pixels classed as intertidal, and Otsu’s method was applied to
the masked mNDWI image to further separate “submerged” and “emergent” intertidal
subclasses (Figure 2d). Finally, the binary land-cover images were converted to thematic
rasters, merged, and single-pixel “clumps” were removed using a 3 × 3 majority filter to
create a final land-cover raster dataset. All steps were batch-processed using the Image
Processing toolbox in MATLAB® version R2018a (Otsu thresholding and binary image
creation) or Spatial Model Editor in ERDAS IMAGINE® 2016 (spectral index masking
and generation of classed land-cover rasters). For 15 datasets, thresholding resulted in
misclassification of back-barrier seagrass beds as vegetated. These were identified based
on visual comparison with ancillary datasets as well as vegetation persistence maps and
misclassed extents were manually cleaned from the final datasets.
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Figure 2. (a) Land-cover classification workflow, showing successive thresholding and masking of modified normalized
difference water index (mNDWI), normalized difference bare land index (NBLI), and normalized difference vegetation
index (NDVI) spectral indices to extract (b) water, (c) sand and vegetated, and (d) intertidal subclasses defined in this study.
(e) Vector shoreline, sand, and vegetated extents were extracted by contouring the mNDWI, NBLI, and NDVI images using
the calculated Otsu thresholds. Extent shown in panels (b–e) corresponds to subarea 2 (Figure 1; Table 1) and uses Landsat
5 image acquired 31-January-1986 as example.

Accuracy assessments were performed for 10 classed land-cover datasets from this
study by comparing them to temporally similar Louisiana Barrier Island Comprehensive
Monitoring Program (BICM) [39,45,91] or National Land Cover Dataset (NLCD) [50,92]
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classed data (Table S3). To facilitate the analysis, reference land-cover types were reclassed
to vegetated and bare earth (sand) classes consistent with the land-cover types defined in
this study. The overall, user’s (errors of omission: the probability that a classed land-cover
pixel correctly matches the reference data), and producer’s (errors of commission: how
well the reference data are mapped in the classed data) accuracy for each dataset were
computed from confusion matrices in Esri ArcGIS 10.5.

Vector barrier platform (seaward shoreline and landward limit of the barrier platform,
including back-barrier intertidal areas), sand, and vegetated extents (Figure 2e) were
extracted by contouring the mNDWI and masked NBLI and NDVI images, respectively,
using the calculated Otsu thresholds. Contouring was batch-processed using PythonWin
2.7 with Esri ArcGIS 10.5. Vector features corresponding to a minimum mapping unit of
less than five pixels were excluded. The classed land-cover datasets, vector feature extents,
and complete metadata are available for download from [93].

2.4. Change Analyses

Areal land-cover changes calculated from the classed raster datasets were evaluated
across the entire study area as well as the subset areas (Figure 1, Table 1). Additionally,
for each land-cover dataset, barrier platform, beach, and vegetated (marsh) widths were
calculated from the intersection of the shoreline, sand, and vegetated vectors with transects
spaced 300 m (10 pixels) apart alongshore (Figure S1). The software package AMBUR
(Analyzing Moving Boundaries Using R) [94] was used to extract feature positions along
the transects as well as to calculate shoreline-change rates for the seaward barrier shoreline.

Vegetation persistence was evaluated by reclassifying each land-cover raster such that
vegetated pixels were assigned a value of 1 and all other pixels were assigned a value of
0. The reclassed rasters were then summed, and the pixel values of the resulting raster
represent the number of images for which each pixel was classed as vegetated. Raster
processing was performed using Spatial Model Editor in ERDAS IMAGINE® 2016.

3. Results
3.1. Classification Accuracy

Overall classification accuracy comparing the water, bare earth (sand), and vegetated
classes from land-cover datasets generated in this study with temporally consistent NLCD
and BICM datasets ranged from 50% to 80% (Tables 2 and S4) and was greater than about
70% for 10 of the 14 assessments, which is comparable to classification accuracies reported
for NLCD datasets [50]. For these data, the user’s accuracy was consistently greatest for
water (>93%). User’s accuracy for the sand and vegetated classes was more variable, and
errors of commission usually occurred when water areas in the reference datasets were
represented by sand or vegetated pixels in the classed images. Less commonly, reference
vegetated extents were represented by sand pixels in the classed data.

Table 2. Overall classification accuracy between classed land-cover data from this study and reference datasets comparing
water, bare earth (sand), vegetated, and intertidal classes at the northern Chandeleur Islands. [Abbreviations: NLCD,
National Land Cover Dataset; BICM, Barrier Island Comprehensive Monitoring program; N/A, not applicable].

Classed Data Reference Dataset (NLCD) Overall Accuracy 1 Reference Dataset
(BICM) Overall Accuracy 1 Overall Accuracy 2

17-November-2016 NLCD 2016 69.3% BICM 2016 74.0% 61.8%
18-January-2016 NLCD 2016 80.3% BICM 2016 71.0% 61.0%
24-October-2013 NLCD 2013 71.7% N/A N/A N/A
03-October-2011 NLCD 2011 78.3% N/A N/A N/A
30-January-2009 NLCD 2008 55.7% BICM 2008 70.3% 66.5%
18-October-2005 NLCD 2006 51.0% BICM 2005 50.0% 40.8%
15-October-2004 NLCD 2004 57.3% N/A N/A N/A
31-March-2004 N/A N/A BICM 2004 75.3% 63%

21-September-2001 NLCD 2001 71.0% N/A N/A N/A
17-Febuary-1998 N/A N/A BICM 1998 74.3% 56.5%

1 Compares water bare earth (sand), and vegetated classes only. 2 Compares water, bare earth (sand), vegetated, and intertidal classes
against BICM reference data only.
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Overall classification accuracies less than 60% (Tables 2 and S4) were calculated for
four assessments: comparison of classed images acquired immediately post-hurricanes Ivan
(15-October-2004 Landsat 5 with NLCD 2004 reference data) and Katrina (18-October-2005
Landsat 5 with NLCD 2006 and BICM 2005 reference data) and comparison of a classed
image acquired 30-January-2009 with NLCD 2008 reference data. Confusion matrices
(Table S4) for these datasets indicate that extremely low user’s accuracy (0–34%) for the
sand class contributed significantly to the poorer overall classification accuracy.

NLCD reference datasets map subaerial land cover only, however, the BICM reference
datasets also mapped intertidal extents. Overall classification accuracies for six datasets
comparing water, sand, vegetated, and intertidal classes with BICM reference data (Table S5)
were about 11% lower than comparisons between the same datasets that excluded intertidal
areas (Table 2). The predominant errors driving this varied, and we note that both water
levels and water clarity affect the spectral characteristics of the images, and, therefore, the
spectral differences that separate water from intertidal extents. Additionally, classification
methods differed among the reference datasets (e.g., BICM 1998, 2004, and 2005 [45] vs.
BICM 2008 and 2016 [39]). None of the reference datasets allow for ground-truthing of
the intertidal “submerged” and intertidal “emergent” subclasses. However, comparison
with lidar elevations (Figure S2) shows that for each of the datasets analyzed, intertidal
“submerged” elevations were significantly different (p < 0.05) than intertidal “emergent”
elevations, supporting the separation of these subclasses.

3.2. Temporal Land-Cover Changes

From a whole-island perspective, significant decreases (p < 0.01; Table S6) in sand,
vegetated, total island (sand plus vegetated), and barrier platform (sand plus vegetated
plus intertidal) extents (Figure 3a,b) and percent vegetated cover (Figure 3c) were observed
after hurricanes Georges (28-September-1998) and Katrina (29-August-2005) impacted the
study area. Dividing the analysis extent into subareas (Table 1) allowed us to explore
variability in that response and revealed that the magnitude and timing of land-cover
changes varied alongshore (Figures 4 and 5). For example, post-Georges vegetation losses
in the central study area (subareas 2 and 3; Figure 4b,c) were less extensive than elsewhere,
barrier-platform area was relatively stable, and vegetated extents remained the dominant
land-cover type (Figure 5b,c). In the northern and southern study area, intertidal extents
became increasingly important to the barrier-platform area (Figure 5a,d,e). Subareas 1 and
5 experienced post-Georges vegetation losses that contributed to observed decreases in
barrier-platform area (Figure 4a,e). Immediately south of the longshore transport (LST)
node, barrier-platform area in subarea 4 (Figure 4d) was relatively stable until 2005, but
percent vegetated cover decreased significantly following Hurricane Georges (Figure 5d).
Together, these observations suggest the onset of a transition from emergent vegetation to
unvegetated back-barrier tidal flats across much of the study area. Following Hurricane
Katrina, vegetation, although reduced in total extent, remained the dominant land-cover
type only in subarea 2 (Figures 4b and 5b). In the northern study area (subarea 1) and south
of the LST node (subareas 4 and 5), the barrier platform was mostly submerged following
Hurricane Katrina, and land cover was dominated by tidal flats.
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Figure 3. Temporal changes in (a,b) land-cover area, (c) land-cover extent as a percent of total barrier-platform (sand plus
vegetated plus intertidal) area, and (d) ratio of intertidal to total island (sand plus vegetated) extents across the entire
study area. After 2010, the barrier platform was dominated by intertidal areas, indicated by values in (d) that are greater
than 1 (horizontal dashed line). The timing of berm construction (brown vertical lines) and tropical cyclones (gray vertical
lines) that passed within 200 km of the northern Chandeleur Islands are shown. Significant decreases in sand, vegetated,
total island (sand plus vegetated), and barrier platform (sand plus vegetated plus intertidal) extents were observed after
Hurricanes Georges (28-September-1998) and Katrina (29-August-2005) (black vertical lines); long-term changes show
somewhat cyclical trends, indicated by dashed lines in (b), that can be related to storm–recovery cycles.
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Figure 4. Temporal changes in land-cover extents for (a) subset area 1, (b) subset area 2, (c) subset area 3, (d) subset area 4,
and (e) subset area 5 illustrates alongshore-variable response of the northern Chandeleur Islands to perturbations such as
tropical cyclones (gray vertical lines), including Hurricanes Georges (28-September-1998) and Katrina (29-August-2005)
(black vertical lines), and berm construction (brown vertical lines). See Table 1 for description of study area subdivisions.
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Figure 5. Temporal changes in land-cover extents as a percent of total barrier-platform (sand plus vegetated plus intertidal)
area at the time of image acquisition for (a) subset area 1, (b) subset area 2, (c) subset area 3, (d) subset area 4, and (e) subset
area 5 illustrates alongshore-variable response of the northern Chandeleur Islands to perturbations such as tropical cyclones
(gray vertical lines), including Hurricanes Georges (28-September-1998) and Katrina (29-August-2005) (black vertical lines),
and berm construction (brown vertical lines). See Table 1 for description of study area subdivisions.
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Since 2010 and following berm construction, increases in barrier-platform area were
observed along the length of the barrier-island chain (Figure 4). In subareas 1, 4, and
5, these gains reflect increases in sandy and intertidal extents with minimal changes in
post-Katrina vegetated extents. In the central study area (subareas 2 and 3), increases in
both total and percent vegetation cover were observed (Figures 4b,c and 5b,c), although
increases in intertidal extents contributed more than vegetation to gains in subarea 3
(Figures 4c and 5c). Except for subarea 2, the post-2010 landscape was dominated by
intertidal areas (Figure 3d).

Land-cover changes can be related to storm–recovery cycles (Figure 3b): between 1984
and ~1989, vegetated and total island extents increased, which we interpret as recovery
following Hurricanes Frederic and Elena. Between 1989 and April 1998, when storms
were infrequent, total island area stabilized. Following Hurricane Georges, total island
and barrier-platform areas decreased, largely caused by declines in vegetated extent.
Significant decreases in all land-cover extents were observed beginning in October 2005,
immediately after Hurricane Katrina. Minimal recovery was observed until 2010, when
both sandy and vegetated extents began to increase. Abrupt increases in sandy extents,
especially in subarea 1 (Figures 4a and 5a), can be attributed to berm construction. Post-
2010 vegetated extents increased gradually, similar to post-storm recovery trends observed
between 1984 and 1989, although vegetated and total island extents have not recovered to
pre-Georges levels.

3.3. Barrier Metrics

Barrier metrics (feature positions and widths) were evaluated for four time periods
(Table 3), corresponding to natural (storm) and anthropogenic (berm construction) events
that affected historical land-cover changes (Figures 2–4). Figure 6 shows the distribution of
the back-barrier platform and sea shoreline positions along each transect relative to the
offshore baseline and 1984 barrier footprint (Figure S1). The barrier platform retreated
landward along the length of the northern Chandeleur Islands during the study period;
however, landward translation of both the sea shoreline (Figure 6b) and the back-barrier
platform extent (Figure 6a) increased in magnitude south of subarea 2, with the highest
magnitudes of change south of the LST nodal point. For example, following Hurricane
Georges, the sea shoreline (Figure 6b, brown bars) south of transect 24 in subarea 5 had
retreated almost completely landward of the 1984 back-barrier platform extent, a trend that
was observed along most of the length of the barrier-island chain south of the LST node
(subareas 4 and 5) after Hurricane Katrina. In subarea 2, where vegetation remained the
dominant land-cover even following Hurricane Katrina, the position of the back-barrier
platform was relatively stable throughout the analysis period (Figure 6a). Sea shoreline-
change rates (Table 4, Figure S3) show similar trends: the highest shoreline-erosion rates
generally occurred south of the LST node (subareas 4 and 5) and shoreline-erosion rates
increased dramatically following Hurricane Katrina throughout the study area except for
subarea 2. Between 2010 and 2019, shoreline erosion occurred south of subarea 1, with
particularly high rates south of the LST node (subareas 4 and 5). Apparent shoreline
accretion associated with subaerial emergence within the historic (1984) subarea barrier-
platform footprint during the same period likely reflects redistribution of berm sediment
(Figures 6b and S3, blue bars).

Table 3. Analysis time periods based on natural and anthropogenic events that affected land-cover changes in the northern
Chandeleur Islands, with the number of images analyzed per period.

Time Period Description Number of Images

25-March-1984 to 22-April-1998 Pre-Hurricane Georges 1 (14.1 years) 27
10-January-1999 to 24-March-2005 Pre-Hurricane Katrina 2 (6.2 years) 23

18-October-2005 to 18-Febuary-2010 Post-Hurricane Katrina 2 (4.3 years) 8
3-December-2010 to 19-January-2019 Post-berm construction 3 (8.1 years) 17

1 28-September-1998; 2 29-August-2005; 3 June-2010 to March-2011.
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Table 4. Linear regression sea-shoreline change rates in m/y at the northern Chandeleur Islands averaged by subarea
and analysis period, with outliers removed. The total number of transects in each subarea (Figure S1) is listed; 1σ “error”
represents spatial variability in change rates among transects within each subarea.

Subarea Number of Transects 1984–1998 1999–2005 2005–2010 2010–2019

1 33 −1.2 ± 1.6 1.9 ± 19.7 −115.8 ± 60.3 5.7 ± 12.2
2 19 −3.2 ± 1.2 −2.8 ± 1.7 7.8 ± 20 −11.2 ± 4.8
3 25 −3.6 ± 1.1 −1.1 ± 5.9 −16.8 ± 38.6 −9.8 ± 5
4 18 −5.5 ± 1.8 −7.4 ± 7 −58.6 ± 61.7 −31.5 ± 14.3
5 37 −13.9 ± 4.3 −25.6 ± 23.6 −116.2 ± 18.4 −45.5 ± 24.3
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Figure 6. Boxplot showing distribution of (a) back-barrier platform and (b) sea-shoreline positions
along cross-shore transects spaced 300 m alongshore relative to offshore baseline (Figure S1) at
the northern Chandeleur Islands for 25-March-1984 to 22-April-1998 (pre-Hurricane Georges), 10-
January-1999 to 24-March-2005 (pre-Hurricane Katrina), 18-October-2005 to 18-Febuary-2010 (post-
Hurricane Katrina), and 3-December-2010 to 19-January-2019 (post-berm construction). 25-March-
1984 barrier-platform extent is delineated by gray line; dashed horizontal lines indicate study area
subdivision boundaries.
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The average width of the barrier platform and vegetated extents along each transect
are shown in Figure 7. Throughout the analysis period, barrier platform and vegetated
widths in the central part of the study area (subarea 2) were relatively stable or narrowed
only slightly. Elsewhere, the timing of narrowing or loss of the vegetated platform varied
alongshore. Following Hurricane Georges, the formerly continuous back-barrier vegetation
in the northern- and southern-most study area (subareas 1 and 5) became fragmented, and
vegetation extents in subarea 4 narrowed relative to pre-Georges extents (Figure 7b). Fol-
lowing Hurricane Katrina, the subarea 3 vegetated platform became fragmented, remnant
vegetation in subareas 1, 4, and 5 was mostly removed, and the barrier platform narrowed
along most of the study area (Figure 7c).
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Figure 7. Plot showing barrier-platform (colored bars) and vegetated (gray bars) widths averaged
along cross-shore transects spaced 300 m alongshore (Figure S1) at the northern Chandeleur Islands
for (a) 25-March-1984 to 22-April-1998 (pre-Hurricane Georges), (b) 10-January-1999 to 24-March-
2005 (pre-Hurricane Katrina), (c) 18-October-2005 to 18-Febuary-2010 (post Hurricane Katrina), and
(d) 3-December-2010 to 19-January-2019 (post-berm construction). Bars represent average feature
width based a minimum of 3 observations per transect per period; no bar indicates 0 (not present), 1,
or 2 observations per transect per time period. Dashed horizontal lines indicate study area subdivision
boundaries. Feature widths were not calculated along transect 57, where the oblique nature of the
back-barrier marsh island, coupled with a change in baseline orientation, caused inconsistencies in
delineating feature extents.
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Notably, the smallest post-Katrina decreases in barrier-platform width occurred in
subarea 2 (Figure 7c), where pre-Katrina (post-Georges) vegetated widths (Figure 7a)
were higher. This is consistent with island-wide trends, in which the barrier platform is
generally widest where the vegetated platform is also widest. In Figure 8, linear regression
analysis shows that since 2010, barrier-platform and vegetated widths were not as strongly
correlated as during earlier time periods, likely reflecting increased dominance of intertidal
areas (Figures 3–5 ) and losses to the persistent vegetated (marsh) platform through time
(discussed below and shown in Figures 9 and 10).
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Figure 8. Linear regression plots of barrier-platform versus vegetated width along cross-shore transects spaced 300 m
alongshore (Figure S1) at the northern Chandeleur Islands for (a) 25-March-1984 to 22-April-1998 (pre-Hurricane Georges),
(b) 10-January-1999 to 24-March-2005 (pre-Hurricane Katrina), (c) 18-October-2005 to 18-Febuary-2010 (post Hurricane
Katrina), and (d) 3-December-2010 to 19-January-2019 (post-berm construction). Individual observations (light gray
crosses) are overlaid with values averaged along cross-shore transects for each period; dashed lines indicate regression 95%
confidence bounds.
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Figure 9. Vegetation persistence plot for the northern Chandeleur Islands represents the percent of classed land-cover
images from this study for which each pixel was classed as vegetated for the entire analysis period (25-March-1984 to
19-January-2019; N = 75). Imagery is overlaid with study-area subdivisions (Table 1); 25-March-1984 barrier-platform extent
is shown for reference.
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Figure 10. Vegetation persistence plots for the northern Chandeleur Islands represent the percent of
classed land-cover images from this study for which each pixel was classed as vegetated for (a) 25-
March-1984 to 22-April-1998 (pre-Hurricane Georges; N = 27), (b) 10-January-1999 to 24-March-2005
(pre-Hurricane Katrina; N = 23), (c) 18-October-2005 to 18-Febuary-2010 (post Hurricane Katrina;
N = 8), and (d) 3-December-2010 to 19-January-2019 (post-berm construction; N = 17). Imagery is
overlaid with study-area subdivisions (Table 1); 25-March-1984 barrier-platform extent is shown
for reference.
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3.4. Vegetation Persistence

Vegetation persistence was analyzed for the entire analysis period as well as the
time periods defined in Table 3. Analysis of all 75 images acquired between 1984 and
2019 (Figure 9) demonstrates the occurrence of a persistent vegetated (marsh) platform
in subarea 2 compared with the rest of the study area. Temporal changes in vegetation
occurrence and persistence are shown in Figure 10. Along the length of the study area, the
vegetated platform narrowed from the seaward edge, although the timing of vegetation loss
varied alongshore. In subareas 1 and 5, post-Hurricane Georges vegetation losses occurred
where pre-Georges vegetation persistence was lowest (Figure 10a), and the remaining
vegetated platform narrowed and became fragmented (Figure 10b). Following Hurricane
Katrina (Figure 10c), vegetation losses in subareas 1, 4, and 5 were extensive, the vegetated
platform in subareas 2 and 3 narrowed and, in subarea 3, became highly fragmented. By
2010 (Figure 10d), except for subarea 2, very little vegetated area persisted within the 1984
barrier-platform footprint. Between 2010 and 2019, newly vegetated areas emerged in
subareas 3, 4, and 5, in most cases well behind the 1984 back-barrier shoreline.

4. Discussion
4.1. Automatic Thresholding of Mulitple Spectral Indices for Rapidly Assessing Coastal Metrics

Our work demonstrates the applicability of performing automated thresholding with
multiple spectral indices for delineating land-cover classes and feature extents. Com-
pared with the use of static thresholds [37,81,82,84], dynamic histogram thresholds reduce
classification uncertainties stemming from spectral variability related to changes in in-
strumentation and/or differences in atmospheric or seasonally-variable hydrologic and
phenologic conditions between acquisition dates [95,96]. Further, the methods described
here allow for rapid classification and delineation of barrier-island extents from a large
number of source images relative to more time-consuming object-based [39,97], super-
vised [38], and unsupervised [35] classification techniques, which require training data
to guide the classification and (or) “expert knowledge” to group similar clusters. Our
resulting multi-decadal, high temporal resolution dataset provides a basis for better under-
standing the timing, nature, and potential drivers of landscape change [98] compared with
assessments that quantify discrete changes between just a few points in time [38,39,91].

Overall classification accuracy comparing water, bare earth (sand), and vegetated
classes for most of the datasets considered was comparable to accuracies reported for
NLCD datasets (≥ 70%) [50]. Table S4 and visual comparison of the reference data with
source imagery and results from this study (Figures S4 and S5) identify sources of apparent
classification error for four assessments with overall classification accuracies less than 60%.
Figure S4b,c, for example, show that NLCD 2004 mapped a more continuous sandy (beach)
extent than our methods from the same source image. In contrast, NLCD 2006 and NLCD
2008 include sandy extents that are seaward of emergent land areas visible in the source
imagery (Figures S4d,e and S5b,c). This is likely related to the fact that NLCD classification
algorithms were developed across broad, regional extents of the conterminous United
States [50] and, therefore, may not be as accurate at the barrier-island scale [97]. We find
this is particularly true when the timing of NLCD datasets coincides with the impacts of
extreme storms in this highly dynamic coastal system. Compared with NLCD 2006, which
mapped discontinuous sandy extents seaward of our satellite-derived seaward shoreline,
the 2005 BICM data [45,91] included only minimal sandy extents along the length of the
northern Chandeleur Islands (Figure S4f,g). Consequently, both the user’s and producer’s
accuracy for the bare earth (sand) land-cover class was 0%. This may be a function of
spectral differences and pixel resolution between Landsat and the source 4-band CIR
ortho-imagery used by BICM (Figure S4d,f) as well as differences in classification methods.

Overall classification accuracies comparing water, sand, vegetated, and intertidal
classes were about 11% lower than comparisons that excluded intertidal areas. The predom-
inant errors driving this varied among the datasets analyzed, illustrating the complexity of
mapping intertidal extents. For example, Enwright et al. [39,97] used a rule-based classifi-
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cation methodology that incorporated tidal and elevation data, probability analyses, image
segmentation, and photointerpretation to map intertidal extents from high-resolution aerial
imagery in the northern Gulf of Mexico, whereas Wang et al. [99] applied an algorithm
that evaluated Landsat-derived mNDWI concurrently with vegetation indices and utilized
frequency maps to account for variations in tidal levels and phenology to map annually-
averaged tidal-flat extents across coastal China. Although we tried to minimize water-level
effects by using images acquired under predicted low water conditions, both actual water
levels and water clarity affect the intertidal extents and subclasses mapped using the
methods described in this paper. Upon visual inspection, the thresholding results compare
well with the source imagery (Figure 2), with “submerged” intertidal extents appearing
spectrally more similar to open water pixels and “emergent” intertidal extents appearing
spectrally more like bare earth (sand) pixels. Comparison with elevation data (Figure S2)
provides additional support that the classification is valid: most elevations mapped to
intertidal pixels fall between mean lower low water (MLLW) and mean high water (MHW),
and there is good separation between the “submerged” and “emergent” subclass elevations.
We interpret that the “submerged” and “emergent” subclasses are similar to the irregularly
exposed bottoms and regularly flooded bottoms [100] habitat classes mapped by Suir et al.
and Suir and Sasser [37,41].

It is important to note that the methods presented here could not separate emergent
wetlands from vegetated tidal flats or dune vegetation. In part, this is a function of
spatial resolution; 30-m resolution products are too coarse to map barrier habitats such
as dune vegetation that may be only a few pixels wide [97]. Consequently, there is a
fundamental difference between the high temporal resolution, landscape-scale land-cover
products described in this study and detailed, high spatial resolution habitat maps that
commonly integrate multiple data sources (e.g., field, tidal, and elevation data as well
as high-resolution imagery) but are updated only infrequently [33,34,39,97]. Our results
suggest, however, that the use of data that accounts for temporal continuity such as
vegetation persistence maps (Figures 9 and 10) or frequency maps [99] can be used to
differentiate between ephemerally vegetated tidal flats and persistent marsh platform and
could help refine definition and classification of intertidal extents.

Finally, the positional accuracy of the vector shoreline, sand, and vegetated extents
generated by thresholding and contouring spectral indices was not evaluated in this study.
There are no contemporaneous field measurements of shoreline position from the northern
Chandeleur Islands against which the satellite-derived sea shorelines could be compared,
unlike analyses presented by Hagenaars et al., Pardo-Pascual et al., Nelson and Miselis, or
Vos et al. [54,56–58]. Positional accuracies reported in these studies for medium-resolution
Landsat and Sentinel satellite-derived shorelines along sandy coastlines are less than
about one-half to one pixel seaward of the GPS shoreline, which is consistent with visual
comparison of Landsat-derived sea shorelines from this study with reference datasets
and available high-resolution aerial imagery. Although there is an extensive database of
lidar-derived sea-shoreline data from the study area [18], direct comparison cannot be
made between these data, which represent MHW shoreline positions, and the shorelines
presented here, which were derived from Landsat source imagery acquired at or near
low tide.

4.2. Implications for Barrier-Island Evolution and Resiliency

This work quantifies changes to the whole barrier system, including sandy (beach)
and back-barrier (marsh and tidal flat) components, at annual to decadal scales, addressing
knowledge gaps in decadal-scale barrier changes that result from incomplete historical
records as well as the historical bias for focusing on shoreline and beach components
without explicitly including the connectivity among barrier environments [1,101]. In doing
so, we provide metrics that help better capture the timing and controls on the morphologic
evolution of the northern Chandeleur Islands. The number of images and the span of
time analyzed (75 images analyzed over 35 years) represent an improvement over recent
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studies that have also measured landscape-scale changes to barrier systems [33–39]. This
increased resolution has allowed for more robust estimates of landscape-change rates,
insight into deviations from past storm and recovery cycles, assessment of the contribution
of anthropogenic addition of sediment, and improved understanding of the timing and
extent of transitions between barrier island morphologic states.

The spatial and temporal scope of this analysis allowed us to put storm response
and recovery at the northern Chandeleur Islands in historical context. Consistent with
earlier studies [15,27,37], we measure significant sea-shoreline retreat and substantial
decreases in land-cover extents and total island area following Hurricanes Georges and
Katrina. Fearnley et al. [15] attributed accelerated land loss and shoreline erosion at the
Chandeleur Islands between 1996 and 2005 to increased tropical storm activity, culminating
with extreme shoreline retreat and reductions in land area after Hurricanes Ivan (2004) and
Katrina (2005) impacted the islands. The expanded temporal and spatial coverage of our
data provides a new perspective. First, changes to total island area described in this study
do not show clear linear land-loss trends similar to those described by [15]. Instead, island-
area changes show somewhat cyclical trends during the study period that can be related to
storm–recovery cycles in which sand is removed from beach and shoreface environments
during storms and then gradually returns during quiescent periods. This cyclicity can
lead to overestimates of land-area changes when only a portion of the cycle is considered.
For example, based on linear regression of 5 island-area measurements between 1996 and
2005, Fearnley et al., (2009) [15] determined a land-loss rate of −1.01 km2/y (r2 = 0.77).
Using all of our satellite-based data during the same period (29 images) results in a total
island-area (sand plus vegetated extents) loss rate of −0.69 km2/y (r2 = 0.52), highlighting
the importance of increased temporal resolution for calculating accurate short-term land-
area change rates. Further, if we expand the regression to include the entire study period,
effectively ignoring shorter-term storm-recovery cycles, we find the long-term, multi-
decadal total-island loss rate is −0.39 km2/y (r2 = 0.65). These differences suggest that
land-area time series that are biased toward storm impacts may significantly overpredict
land-loss rates and the timing of barrier-island morphologic state changes.

Simultaneous assessment of marsh persistence and shoreline change underscores the
importance of back-barrier vegetation as a control on barrier island morphologic evolu-
tion [30,31,102] and, more specifically, storm-recovery cycles. For example, our analysis
shows that changes to total island and barrier-platform areas closely follow changes in veg-
etated extents (Figure 3b). Additionally, where the barrier island is backed by a persistent
marsh platform, the seaward shoreline underwent the least amount of overall shoreline
retreat during the study period and the location of the back-barrier platform edge was
relatively stable where controlled by the back-barrier vegetation extent (Figure S6b). After
Hurricanes Georges and Katrina, vegetation losses mostly occurred where the vegetated
extent was narrow and pre-storm emergent vegetation was less persistent, resulting in
conversion of emergent vegetation to unvegetated intertidal areas (Figure S6c). Narrow-
ing of vegetated extents also occurred through erosion of the seaward marsh platform
(Figure S6d). The spatial distribution of vegetation loss and persistence are reflected in
alongshore shoreline-change trends: following Hurricanes Georges and Katrina, the highest
shoreline-erosion rates occurred where the vegetated platform incurred the greatest losses.
Conversely, net shoreline accretion was observed along transects backed by or adjacent
to persistent, remnant marsh platforms, consistent with accretion of sediment of upper
shoreface and beach sediment through welding of nearshore sand bars to the marsh-backed
barrier platform [27,102]. Our results are consistent with recent modeling studies that
emphasize the coupling of sandy and marsh environments in barrier evolution [30,103]
and suggest that restoration efforts that consider this connectivity in the restoration design
may be more likely to achieve increased barrier-island resiliency.

The placement of approximately 3.1 million m3 of sediment [72] between June 2010
and March 2011 during berm construction was a notable departure from historical vegeta-
tive controls on barrier-system morphologic behavior. Since berm sediment was not placed
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for barrier restoration, we cannot evaluate the “success” of placement, but we can identify
changes that likely resulted from the addition of sediment. After construction, reworking
of berm sediment by both fair-weather and storm-driven wind and waves resulted in
significant alongshore and cross-shore sediment transport [37,41,59,60,63,74]. Although
our dataset includes a two-year gap between useable images acquired 3-October-2011 and
24-October-2013, visual assessment of SLC-off gapped Landsat 7 and SPOT satellite images
indicate that by August-2012, no subaerial expression of the northern berm remained,
consistent with observations by Plant and Guy [104,105] and Suir and Sasser [37]. Similar
to Suir et al. and Suir and Sasser [37,41], we observed post-2010 increases in intertidal
and emergent land areas, including vegetative cover, adjacent to and north of berm em-
placement. Based on increases in sandy extents we observed in subarea 1, where the
berm was constructed on the submerged barrier platform, and observations reported by
Miselis et al. (2021) [62], it seems unlikely that the magnitude of subaerial re-emergence
observed would have been possible without the addition of berm sediment to the sys-
tem. The rapid reconfiguration and degradation of the original berm (Figure S7b,c) is
likely responsible for increases in shoreline-erosion rates in subarea 2 after 2010; since
2013, the sea-shoreline position along this extent has been relatively stable (Figure S7d,e).
Comparison of 2010–2019 shoreline positions and shoreline-change rates show increased
barrier-island stability where berm sediment was placed on the emergent island relative to
locations south of berm construction. In total, berm emplacement seems to have buffered
sea-shoreline position in the central part of the study area and contributed to increases in
barrier-platform area in the northern part of the study area. Much of this, however, consists
of unvegetated tidal flats and sandy extents that are readily reconfigured during storms,
making temporary any sub-aerial ecosystem services it might provide.

Additionally, analysis of island responses south of berm placement suggests that natu-
ral post-storm barrier recovery was occurring simultaneously with berm-related changes
described above, suggesting that not all post-2010 changes can be attributed to sediment
placement alone. Compared with the previous analysis period, we observed post-2010
increases in intertidal and sandy extents as well as newly vegetated areas south of berm
emplacement where little to no deposition of berm sediment was expected due to the
dominant northward direction of LST along the berm extent [68,69]. These trends suggest
that berm sediment enhanced natural recovery processes that were already taking place,
making it difficult to quantify the contributions of berm sediment alone.

The narrowing of vegetated environments after Hurricane Katrina compared to previ-
ous time periods (1984–1998 and 1999–2005) and the weaker dependence of total barrier-
platform width on vegetated extent since 2010 suggests that future storm-related land losses
may be more extensive than in the past and could further threaten what vegetated cover
still exists. Since increases in vegetated extent are lagged with respect to sandy extents,
increases in storm frequency and intensity that might occur with climate change [106–108]
could further reduce existing vegetated extents and deter revegetation processes, reducing
island stability and prolonging recovery cycles. Also, the increased dominance of inter-
tidal areas and the modest recovery observed since Hurricane Katrina indicates that the
Chandeleur Islands might be in transition to a new morphologic state in which more of the
available sediment is submerged. This could be interpreted as a transition to a submerged
shoal, as suggested by other authors [15,44,102], but the temporal and spatial scope of our
dataset captures response modes with more complexity. The region south of the LST node
has degraded and reformed several times, each time occupying a footprint more landward
of the one before it (Figure S8b). Importantly, despite narrowing and back-stepping over
the study period, the newly emergent areas do become vegetated, suggesting that over-
wash fluxes and vegetation-aggradation rates may be in balance or very close [30,109].
In contrast, the northern-most portion of the study area was submerged and, assisted
by the addition of berm sediment, has reemerged within the historical barrier-platform
footprint (Figure S8c) but has remained largely unvegetated. The repeated reemergence
of the island within the 1984 footprint suggests that accommodation (the space available
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for sediment accumulation) is sufficiently filled to promote sub-aerial emergence. This
could be related to shoreface sediment supplies, which are relatively high in comparison
to the southern part of the study area [70,110], or the recent anthropogenic addition of
sediment. Regardless, sediment supplies are too low to stabilize the barrier platform
enough to promote vegetation growth. Finally, the positional stability of the central portion
of the study area (Figure S8c), which is backed by a stable marsh platform, is consistent
with modeled long-term barrier behavior (e.g., 102–103 y), in which back-barrier marshes
slow down the rate of landward barrier-island migration by filling up accommodation in
the back-barrier lagoon [30,109]. These differences in historical response have important
implications for future barrier island response to RSLR, particularly since so many regions
of the study area seem to be very close to crossing morphologic thresholds. Assuming no
other human alterations to the barrier system, we expect that rapid increases in RSLR will
increase the rate at which behaviors observed in the more dynamic portions of the barrier
island cascade to areas of historical stability [111] and that observed spatial variability in
vegetation persistence and sediment supply will continue to control the nature and timing
of barrier island morphologic state transitions in the future.

5. Conclusions

The results presented in this study demonstrate that automated thresholding algo-
rithms can be applied to multiple spectral indices derived from medium-resolution Landsat
satellite imagery to rapidly delineate land-cover classes and barrier-island extents at the
landscape scale. Analysis of this high temporal-resolution dataset provides better under-
standing of barrier response to past perturbations, revises previous interpretations of the
response at the study site, and provides insight to the potential future evolution of the
northern Chandeleur Islands. Our results reveal alongshore-variable patterns of landscape
response to both natural (storm) and anthropogenic (berm emplacement) perturbations
at annual to decadal scales and provide new data that demonstrate the importance of
vegetative controls on barrier shoreline change, transgression, and landscape evolution:

• Land-cover changes show decadal-scale oscillations related to storm–recovery cycles.
Linear trends derived from shorter and (or) less resolved time series are biased toward
storm impacts and may significantly overpredict land-loss rates and the timing of
barrier morphologic state changes.

• Patterns of landscape change and recovery following storms varied alongshore and
were directly related to vegetation extent and persistence trends. Although redistri-
bution of emplaced berm sediment contributed to post-2010 increases in intertidal
and emergent land areas, natural post-storm barrier recovery was occurring simulta-
neously with berm-related changes, making it difficult to decouple the natural and
anthropogenic contributions.

• We show a transition from a persistent, emergent vegetated (marsh) platform to newly
vegetated back-barrier flats landward of the historic barrier footprint and interpret that
this implies increased vulnerability of the extant landscape to future storms and RSLR.

Supplementary Materials: The following are available online at http://www.mdpi.com/s1. Table S1:
Tropical systems that passed within 200 km of the study area between 1979 and 2019; Table S2:
Spectral bands for Landsat 5 Thematic Mapper (TM), 7 Enhanced Thematic Mapper Plus (ETM+),
and 8 Operational Land Imaging (OLI) sensors used in this study; Table S3: Source image-acquisition
dates used to create reference datasets used in accuracy assessment; Tables S4 and S5: Confusion
matrices showing results of accuracy assessment; Table S6. Land-cover areas for the entire northern
Chandeleur Islands study area averaged for time periods corresponding to natural (storm) and
anthropogenic (berm construction) events that affected historical land-cover changes; Figure S1:
Study-area map showing cross-shore transects used to calculate barrier metrics and shoreline-change
rates; Figure S2: Boxplot showing distribution of elevations extracted from temporally consistent
lidar datasets for intertidal “submerged” and intertidal “emergent” subclasses; Figure S3: Linear-
regression shoreline-change rates along cross-shore transects spaced 300 m alongshore; Figures S4
and S5: Maps comparing reference data and source imagery with classed results from this study;
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Figures S6–S8: Maps showing vector shoreline positions and feature extents demonstrating changes
that occurred during the study period.

Author Contributions: Conceptualization, J.C.B.; methodology and validation, J.C.B.; formal analy-
sis, J.C.B. and J.L.M.; data curation, J.C.B.; writing—original draft preparation, J.C.B.; writing—review
and editing, J.C.B., J.L.M., and N.G.P.; visualization, J.C.B.; supervision, J.L.M.; project administration
and funding acquisition, J.L.M. and N.G.P. All authors have read and agreed to the published version
of the manuscript.

Funding: This research was funded by the U.S. Geological Survey Coastal and Marine Hazards and
Resources Program.

Data Availability Statement: Data generated during this study are available as a U.S. Geological
Survey data release (Bernier, 2021, “Coastal Land-Cover and Feature Datasets Extracted from Land-
sat Satellite Imagery, Northern Chandeleur Islands, Louisiana, https://doi.org/10.5066/P9HY3
HOR”) [93].

Acknowledgments: The authors thank Tim Nelson for reviewing the methodology and data products
that that accompany this manuscript. Scientific reviews by Dan Ciarletta, Kathryn Weber, and
2 anonymous reviewers provided constructive feedback that improved the manuscript. Any use of
trade, firm, or product names is for descriptive purposes only and does not imply endorsement by
the U.S. Government.

Conflicts of Interest: The authors declare no conflict of interest. The funding agency had no role in
the design of the study, in the analyses or interpretation of data, in the writing of the manuscript; or
in the decision to publish the results.

References
1. Cooper, J.A.G.; Green, A.N.; Loureiro, C. Geological Constraints on Mesoscale Coastal Barrier Behaviour. Glob. Planet. Chang.

2018, 168, 15–34. [CrossRef]
2. Rink, W.J.; López, G.I. OSL-Based Lateral Progradation and Aeolian Sediment Accumulation Rates for the Apalachicola Barrier

Island Complex, North Gulf of Mexico, Florida. Geomorphology 2010, 123, 330–342. [CrossRef]
3. Dougherty, A.J. Extracting a Record of Holocene Storm Erosion and Deposition Preserved in the Morphostratigraphy of a

Prograded Coastal Barrier. Cont. Shelf Res. 2014, 86, 116–131. [CrossRef]
4. Raff, J.L.; Shawler, J.L.; Ciarletta, D.J.; Hein, E.A.; Lorenzo-Trueba, J.; Hein, C.J. Insights into Barrier-Island Stability Derived from

Transgressive/Regressive State Changes of Parramore Island, Virginia. Mar. Geol. 2018, 403, 1–19. [CrossRef]
5. Wright, E.; Kruse, S.; Forman, S.L.; Harris, M.S. Millennial Scale Development of a Southeastern United States Spit. J. Coast. Res.

2018, 34, 255–271. [CrossRef]
6. Kennedy, D.M.; Oliver, T.S.N.; Tamura, T.; Murray-Wallace, C.V.; Thom, B.G.; Rosengren, N.J.; Ierodiaconou, D.; Augustinus, P.;

Leach, C.; Gao, J.; et al. Holocene Evolution of the Ninety Mile Beach Sand Barrier, Victoria, Australia: The Role of Sea Level,
Sediment Supply and Climate. Mar. Geol. 2020, 430, 106366. [CrossRef]

7. Torres, J.; Kulp, M.; FitzGerald, D.; Georgiou, I.; Lepper, K. Geomorphic and Temporal Evolution of a Mississippi Delta Flanking
Barrier Island: Grand Isle, LA. Mar. Geol. 2020, 430, 106341. [CrossRef]

8. Miselis, J.L.; McNinch, J.E. Calculating Shoreline Erosion Potential Using Nearshore Stratigraphy and Sediment Volume: Outer
Banks, North Carolina. J. Geophys. Res. Earth Surf. 2006, 111, 1–15. [CrossRef]

9. Hapke, C.J.; Lentz, E.E.; Gayes, P.T.; McCoy, C.A.; Hehre, R.; Schwab, W.C.; Williams, S.J. A Review of Sediment Budget
Imbalances along Fire Island, New York: Can Nearshore Geologic Framework and Patterns of Shoreline Change Explain the
Deficit? J. Coast. Res. 2010, 2010, 510–522. [CrossRef]

10. Hapke, C.J.; Plant, N.G.; Henderson, R.E.; Schwab, W.C.; Nelson, T.R. Decoupling Processes and Scales of Shoreline Morphody-
namics. Mar. Geol. 2016, 381, 42–53. [CrossRef]

11. Lentz, E.E.; Hapke, C.J. Geologic Framework Influences on the Geomorphology of an Anthropogenically Modified Barrier Island:
Assessment of Dune/Beach Changes at Fire Island, New York. Geomorphology 2011, 126, 82–96. [CrossRef]

12. Twichell, D.C.; Flocks, J.G.; Pendleton, E.A.; Baldwin, W.E. Geologic Controls on Regional and Local Erosion Rates of Three
Northern Gulf of Mexico Barrier-Island Systems. J. Coast. Res. 2013, 63, 32–45. [CrossRef]

13. Cowell, P.J.; Kinsela, M.A. Shoreface Controls on Barrier Evolution and Shoreline Change. In Barrier Dynamics and Response to
Changing Climate; Moore, L.J., Murray, A.B., Eds.; Springer International Publishing: New York, NY, USA, 2018; pp. 243–275,
ISBN 978-3-319-68086-6.

14. Houser, C.; Hapke, C.; Hamilton, S. Controls on Coastal Dune Morphology, Shoreline Erosion and Barrier Island Response to
Extreme Storms. Geomorphology 2008, 100, 223–240. [CrossRef]

15. Fearnley, S.M.; Miner, M.D.; Kulp, M.; Bohling, C.; Penland, S. Hurricane Impact and Recovery Shoreline Change Analysis of the
Chandeleur Islands, Louisiana, USA: 1855 to 2005. Geo-Mar. Lett. 2009, 29, 455–466. [CrossRef]

https://doi.org/10.5066/P9HY3HOR
https://doi.org/10.5066/P9HY3HOR
http://doi.org/10.1016/j.gloplacha.2018.06.006
http://doi.org/10.1016/j.geomorph.2010.08.001
http://doi.org/10.1016/j.csr.2013.10.014
http://doi.org/10.1016/j.margeo.2018.04.007
http://doi.org/10.2112/JCOASTRES-D-16-00005.1
http://doi.org/10.1016/j.margeo.2020.106366
http://doi.org/10.1016/j.margeo.2020.106341
http://doi.org/10.1029/2005JF000389
http://doi.org/10.2112/08-1140.1
http://doi.org/10.1016/j.margeo.2016.08.008
http://doi.org/10.1016/j.geomorph.2010.10.032
http://doi.org/10.2112/SI63-004.1
http://doi.org/10.1016/j.geomorph.2007.12.007
http://doi.org/10.1007/s00367-009-0155-5


Remote Sens. 2021, 13, 3779 24 of 27

16. Lentz, E.E.; Hapke, C.J.; Stockdon, H.F.; Hehre, R.E. Improving Understanding of Near-Term Barrier Island Evolution through
Multi-Decadal Assessment of Morphologic Change. Mar. Geol. 2013, 337, 125–139. [CrossRef]

17. Terrano, J.F.; Flocks, J.G.; Smith, K.E.L. Analysis of Shoreline and Geomorphic Change for Breton Island, Louisiana, from 1869 to 2014;
Open-File Report 2016-1039; U.S. Geological Survey: Reston, VA, USA, 2016; Volume 2016-1039, pp. 1–43.

18. Doran, K.J.; Long, J.W.; Birchler, J.J.; Brenner, O.T.; Hardy, M.W.; Morgan, K.L.M.; Stockdon, H.F.; Torres, M.L. Lidar-Derived Beach
Morphology (Dune Crest, Dune Toe, and Shoreline) for U.S. Sandy Coastlines (Ver. 4.0, October 2020) 2017; USGS: St. Petersburg, FL,
USA, 2017.

19. Brenner, O.T.; Lentz, E.E.; Hapke, C.J.; Henderson, R.E.; Wilson, K.E.; Nelson, T.R. Characterizing Storm Response and Recovery
Using the Beach Change Envelope: Fire Island, New York. Geomorphology 2018, 300, 189–202. [CrossRef]

20. Byrnes, M.R.; Berlinghoff, J.L.; Griffee, S.F.; Lee, D.M. Louisiana Barrier Island Comprehensive Monitoring Program (BICM): Phase
2—Updated Shoreline Compilation and Change Assessment, 1880s to 2015; Louisiana Coastal Protection and Restoration Authority:
Metairie, LA, USA, 2018; pp. 1–46.

21. Conery, I.; Walsh, J.P.; Reide Corbett, D. Hurricane Overwash and Decadal-Scale Evolution of a Narrowing Barrier Island,
Ocracoke Island, NC. Estuaries Coasts 2018, 41, 1626–1642. [CrossRef]

22. Do, A.T.K.; de Vries, S.; Stive, M.J.F. Beach Evolution Adjacent to a Seasonally Varying Tidal Inlet in Central Vietnam. J. Coast. Res.
2018, 34, 6–25. [CrossRef]

23. Hapke, C.J.; Brenner, O.; Hehre, R.; Reynolds, B.J. Coastal Change from Hurricane Sandy and the 2012–13 Winter Storm Season: Fire
Island, New York; Open-File Report 2013-1231; U.S. Geological Survey: Reston, VA, USA, 2013; pp. 1–37.

24. Levine, N.S.; Kaufman, C.C. Land Use, Erosion, and Habitat Mapping on an Atlantic Barrier Island, Sullivan’s Island, South
Carolina. J. Maps 2008, 4, 161–174. [CrossRef]

25. Waqas, M.; Nazeer, M.; Shahzad, M.I.; Zia, I. Spatial and Temporal Variability of Open-Ocean Barrier Islands along the Indus
Delta Region. Remote Sens. 2019, 11, 437. [CrossRef]

26. Morton, R.A. Historical Changes in the Mississippi-Alabama Barrier Islands and the Roles of Extreme Storms, Sea Level, and Human
Activities; Open-File Report 2020-1030; U.S. Geological Survey: Reston, VA, USA, 2007; pp. 1–38.

27. Sallenger, A.H.; Wright, C.W.; Howd, P.; Doran, K.; Guy, K.; Lavoie, D. Extreme coastal changes on the Chandeleur Islands,
Louisiana, during and after Hurricane Katrina. In Sand Resources, Regional Geology, and Coastal Processes of the Chandeleur
Islands Coastal System—An Evaluation of the Breton National Wildlife Refuge; U.S Geological Survey Scientific Investigations Report
2009-5252; U.S. Geological Survey: Reston, VA, USA, 2009; pp. 27–36.

28. Sopkin, K.L.; Stockdon, H.F.; Doran, K.S.; Plant, N.G.; Morgan, K.L.M.; Guy, K.K.; Smith, K.E.L. Hurricane Sandy: Observations and
Analysis of Coastal Change; Open-File Report 2014-1088; U.S. Geological Survey: Reston, VA, USA, 2014; pp. 1–64.

29. Matias, A.; Carrasco, A.R.; Loureiro, C.; Almeida, S.; Ferreira, Ó. Nearshore and Foreshore Influence on Overwash of a Barrier
Island. J. Coast. Res. 2014, 70, 675–680. [CrossRef]

30. Walters, D.; Moore, L.J.; Vinent, O.D.; Fagherazzi, S.; Mariotti, G. Interactions between Barrier Islands and Backbarrier Marshes
Affect Island System Response to Sea Level Rise: Insights from a Coupled Model. J. Geophys. Res. Earth Surf. 2014, 119, 2013–2031.
[CrossRef]

31. Deaton, C.D.; Hein, C.J.; Kirwan, M.L. Barrier Island Migration Dominates Ecogeomorphic Feedbacks and Drives Salt Marsh
Loss along the Virginia Atlantic Coast, USA. Geology 2017, 45, 123–126. [CrossRef]

32. Zinnert, J.C.; Stallins, J.A.; Brantley, S.T.; Young, D.R. Crossing Scales: The Complexity of Barrier-Island Processes for Predicting
Future Change. BioScience 2017, 67, 39–52. [CrossRef]

33. McCarthy, M.J.; Halls, J.N. Habitat Mapping and Change Assessment of Coastal Environments: An Examination of WorldView-2,
QuickBird, and IKONOS Satellite Imagery and Airborne LiDAR for Mapping Barrier Island Habitats. ISPRS Int. J. Geo-Inf. 2014,
3, 297–325. [CrossRef]

34. Anderson, C.P.; Carter, G.A.; Funderburk, W.R. The Use of Aerial RGB Imagery and LIDAR in Comparing Ecological Habitats
and Geomorphic Features on a Natural versus Man-Made Barrier Island. Remote Sens. 2016, 8, 602. [CrossRef]

35. Douglas, S.H.; Bernier, J.C.; Smith, K.E.L. Analysis of Multi-Decadal Wetland Changes, and Cumulative Impact of Multiple
Storms 1984 to 2017. Wetl. Ecol. Manag. 2018, 26, 1121–1142. [CrossRef]

36. Halls, J.N.; Frishman, M.A.; Hawkes, A.D. An Automated Model to Classify Barrier Island Geomorphology Using Lidar Data
and Change Analysis (1998–2014). Remote Sens. 2018, 10, 1109. [CrossRef]

37. Suir, G.M.; Sasser, C.E. Redistribution and Impacts of Nearshore Berm Sediments on the Chandeleur Barrier Islands, Louisiana.
Ocean Coast. Manag. 2019, 168, 103–116. [CrossRef]

38. Zinnert, J.C.; Via, S.M.; Nettleton, B.P.; Tuley, P.A.; Moore, L.J.; Stallins, J.A. Connectivity in Coastal Systems: Barrier Island
Vegetation Influences Upland Migration in a Changing Climate. Glob. Chang. Biol. 2019, 25, 2419–2430. [CrossRef]

39. Enwright, N.M.; SooHoo, W.M.; Dugas, J.L.; Conzelmann, C.P.; Laurenzano, C.; Lee, D.M.; Mouton, K.; Stelly, S.J. Louisiana Barrier
Island Comprehensive Monitoring Program: Mapping Habitats in Beach, Dune, and Intertidal Environments along the Louisiana Gulf of
Mexico Shoreline, 2008 and 2015–16; Open-File Report 2020-1030; U.S. Geological Survey: Reston, VA, USA, 2020; pp. 1–57.

40. Schieder, N.W.; Walters, D.C.; Kirwan, M.L. Massive Upland to Wetland Conversion Compensated for Historical Marsh Loss in
Chesapeake Bay, USA. Estuaries Coasts 2018, 41, 940–951. [CrossRef]

http://doi.org/10.1016/j.margeo.2013.02.004
http://doi.org/10.1016/j.geomorph.2017.08.004
http://doi.org/10.1007/s12237-018-0374-y
http://doi.org/10.2112/JCOASTRES-D-16-00208.1
http://doi.org/10.4113/jom.2008.1016
http://doi.org/10.3390/rs11040437
http://doi.org/10.2112/SI70-114.1
http://doi.org/10.1002/2014JF003091
http://doi.org/10.1130/G38459.1
http://doi.org/10.1093/biosci/biw154
http://doi.org/10.3390/ijgi3010297
http://doi.org/10.3390/rs8070602
http://doi.org/10.1007/s11273-018-9635-6
http://doi.org/10.3390/rs10071109
http://doi.org/10.1016/j.ocecoaman.2018.10.029
http://doi.org/10.1111/gcb.14635
http://doi.org/10.1007/s12237-017-0336-9


Remote Sens. 2021, 13, 3779 25 of 27

41. Suir, G.M.; Jones, W.R.; Garber, A.L.; Gailani, J.Z. Landscape Evolution of the Oil Spill Mitigation Sand Berm in the Chandeleur Islands,
Louisiana; Technical Report ERDC TR-16-15; U.S. Army Engineer Research and Development Center: Lafayette, LA, USA, 2016;
pp. 1–41.

42. Penland, S.; Boyd, R.; Suter, J.R. Transgressive Depositional Systems of the Mississippi Delta Plain; a Model for Barrier Shoreline
and Shelf Sand Development. J. Sediment. Res. 1988, 58, 932–949. [CrossRef]

43. Otvos, E.G.; Carter, G.A. Regressive and Transgressive Barrier Islands on the North-Central Gulf Coast—Contrasts in Evolution,
Sediment Delivery, and Island Vulnerability. Geomorphology 2013, 198, 1–19. [CrossRef]

44. Moore, L.J.; Patsch, K.; List, J.H.; Williams, S.J. The Potential for Sea-Level-Rise-Induced Barrier Island Loss: Insights from the
Chandeleur Islands, Louisiana, USA. Mar. Geol. 2014, 355, 244–259. [CrossRef]

45. Fearnley, S.; Brien, L.; Martinez, L.; Miner, M.; Kulp, M.; Penland, S. Louisiana Barrier Island Comprehensive Monitoring Program
(BICM) Volume 5—Chenier Plain, South-Central Louisiana, and Chandeleur Islands, Habitat Mapping and Change Analysis 1996 to 2005,
Part 1—Methods for Habitat Mapping and Change Analysis 1996 to 2005; University of New Orleans, Pontchartrain Institute for
Environmental Sciences: New Orleans, LA, USA, 2009; pp. 1–11.

46. Murray, N.J.; Phinn, S.R.; Clemens, R.S.; Roelfsema, C.M.; Fuller, R.A. Continental Scale Mapping of Tidal Flats across East Asia
Using the Landsat Archive. Remote Sens. 2012, 4, 3417–3426. [CrossRef]

47. Murray, N.J.; Phinn, S.R.; DeWitt, M.; Ferrari, R.; Johnston, R.; Lyons, M.B.; Clinton, N.; Thau, D.; Fuller, R.A. The Global
Distribution and Trajectory of Tidal Flats. Nature 2019, 565, 222–225. [CrossRef]

48. Couvillion, B.R.; Beck, H.; Schoolmaster, D.; Fischer, M. Land Area Change in Coastal Louisiana (1932 to 2016); Scientific Investigations
Map 3381; U.S. Geological Survey: Reston, VA, USA, 2017; pp. 1–16.

49. Mentaschi, L.; Vousdoukas, M.I.; Pekel, J.-F.; Voukouvalas, E.; Feyen, L. Global Long-Term Observations of Coastal Erosion and
Accretion. Sci. Rep. 2018, 8, 12876. [CrossRef] [PubMed]

50. Yang, L.; Jin, S.; Danielson, P.; Homer, C.; Gass, L.; Bender, S.M.; Case, A.; Costello, C.; Dewitz, J.; Fry, J.; et al. A New Generation
of the United States National Land Cover Database: Requirements, Research Priorities, Design, and Implementation Strategies.
ISPRS J. Photogramm. Remote Sens. 2018, 146, 108–123. [CrossRef]

51. Li, N.; Li, L.; Lu, D.; Zhang, Y.; Wu, M. Detection of Coastal Wetland Change in China: A Case Study in Hangzhou Bay. Wetl. Ecol.
Manag. 2019, 27, 103–124. [CrossRef]

52. Lopes, C.L.; Mendes, R.; Caçador, I.; Dias, J.M. Evaluation of Long-Term Estuarine Vegetation Changes through Landsat Imagery.
Sci. Total Environ. 2019, 653, 512–522. [CrossRef]

53. Zhao, Y.; Feng, D.; Yu, L.; Cheng, Y.; Zhang, M.; Liu, X.; Xu, Y.; Fang, L.; Zhu, Z.; Gong, P. Long-Term Land Cover Dynamics
(1986–2016) of Northeast China Derived from a Multi-Temporal Landsat Archive. Remote Sens. 2019, 11, 599. [CrossRef]

54. Hagenaars, G.; de Vries, S.; Luijendijk, A.P.; de Boer, W.P.; Reniers, A.J.H.M. On the Accuracy of Automated Shoreline Detection
Derived from Satellite Imagery: A Case Study of the Sand Motor Mega-Scale Nourishment. Coast. Eng. 2018, 133, 113–125.
[CrossRef]

55. Luijendijk, A.; Hagenaars, G.; Ranasinghe, R.; Baart, F.; Donchyts, G.; Aarninkhof, S. The State of the World’s Beaches. Sci. Rep.
2018, 8, 6641. [CrossRef]

56. Nelson, T.R.; Miselis, J.L. Method for observing breach geomorphic evolution: Satellite observation of the Fire Island wilderness
breach. In Coastal Sediments 2019; World Scientific: Singapore, 2019; pp. 71–84.

57. Vos, K.; Harley, M.D.; Splinter, K.D.; Simmons, J.A.; Turner, I.L. Sub-Annual to Multi-Decadal Shoreline Variability from Publicly
Available Satellite Imagery. Coast. Eng. 2019, 150, 160–174. [CrossRef]

58. Pardo-Pascual, J.E.; Sánchez-García, E.; Almonacid-Caballer, J.; Palomar-Vázquez, J.M.; Priego de los Santos, E.; Fernández-Sarría,
A.; Balaguer-Beser, Á. Assessing the Accuracy of Automatically Extracted Shorelines on Microtidal Beaches from Landsat 7,
Landsat 8 and Sentinel-2 Imagery. Remote Sens. 2018, 10, 326. [CrossRef]

59. Bernier, J.C.; Miselis, J.L.; Buster, N.A.; Flocks, J.G. Application of sediment end-member analysis for understanding sediment
fluxes, northern Chandeleur Islands, Louisiana. In Coastal Sediments 2019—Procedsings of the 9th International Conference, Tampa/St.
Petersburg, FL, USA,27–31 May 2019; Wang, P., Rosati, J.D., Vallee, M., Eds.; World Scientific Publishing: Singapore, 2019; pp. 25–38.

60. Miselis, J.L.; Long, J.W.; Dalyander, P.S.; Flocks, J.G.; Buster, N.A.; Mickey, R.C. Integrating geophysical and oceanographic data
to assess interannual variability in longshore sediment transport. In Proceedings of the Coastal Sediments 2015, San Diego,
CA, USA, 11–15 May 2015; Wang, P., Rosati, J.D., Cheng, J., Eds.; World Scientific Publishing: Singapore, 2015; pp. 113–126,
ISBN 978-981-4689-96-0.

61. Buster, N.A.; Bernier, J.C.; Miselis, J.L.; Plant, N.G. Integrated Terrestrial and Submerged Sediment Flux Assessment along the
Northern Chandeleur Islands, Louisiana, USA. In Proceedings of the Coastal Sediments 2019, Tampa/St. Petersburg, FL, USA,
27–31 May 2019.

62. Miselis, J.L.; Dalyander, P.S.; Long, J.W.; Buster, N.A.; Mickey, R.C.; Bernier, J.C.; Plant, N.G. Natural and Human-Related
Variability in Sediment Flux at the Chandeleur Islands, Louisiana. In Proceedings of the State of the Coast Conference, Virtual,
2–4 June 2021.

63. Plant, N.G.; Flocks, J.; Stockdon, H.F.; Long, J.W.; Guy, K.; Thompson, D.M.; Cormier, J.M.; Smith, C.G.; Miselis, J.L.; Dalyander,
P.S. Predictions of Barrier Island Berm Evolution in a Time-Varying Storm Climatology. J. Geophys. Res. Earth Surf. 2014, 119,
300–316. [CrossRef]

http://doi.org/10.1306/212F8EC2-2B24-11D7-8648000102C1865D
http://doi.org/10.1016/j.geomorph.2013.05.015
http://doi.org/10.1016/j.margeo.2014.05.022
http://doi.org/10.3390/rs4113417
http://doi.org/10.1038/s41586-018-0805-8
http://doi.org/10.1038/s41598-018-30904-w
http://www.ncbi.nlm.nih.gov/pubmed/30150698
http://doi.org/10.1016/j.isprsjprs.2018.09.006
http://doi.org/10.1007/s11273-018-9646-3
http://doi.org/10.1016/j.scitotenv.2018.10.381
http://doi.org/10.3390/rs11050599
http://doi.org/10.1016/j.coastaleng.2017.12.011
http://doi.org/10.1038/s41598-018-24630-6
http://doi.org/10.1016/j.coastaleng.2019.04.004
http://doi.org/10.3390/rs10020326
http://doi.org/10.1002/2013JF002871


Remote Sens. 2021, 13, 3779 26 of 27

64. U.S. Fish and Wildlife Service Comprehensive Conservation Plan. Delta and Breton National Wildlife Refuges, St. Bernard and
Plaquemines Parishes, Louisiana; U.S. Fish and Wildlife Service: Atlanta, GA, USA, 2008; pp. 1–140.

65. Reyes, E.; Georgiou, I.; Reed, D.; McCorquodale, A. Using Models to Evaluate the Effects of Barrier Islands on Estuarine
Hydrodynamics and Habitats: A Numerical Experiment. J. Coast. Res. 2005, 44, 176–185.

66. FitzGerald, D.M.; Georgiou, I.; Kulp, M. Restoration of the Chandeleur Barrier Arc, Louisiana. J. Coast. Res. 2016, 75, 1282–1286.
[CrossRef]

67. Miner, M.D.; Kulp, M.; Weathers, H.D.; Flocks, J. Historical (1869–2007) Seafloor Evolution and Sediment Dynamics along
the Chandeleur Islands. In Sand Resources, Regional Geology, and Coastal Processes of the Chandeleur Islands Coastal System—An
Evaluation of the Breton National Wildlife Refuge; Lavoie, D., Ed.; U.S Geological Survey Scientific Investigations Report 2009-5252;
U.S. Geological Survey: Reston, VA, USA, 2009; pp. 47–74.

68. Georgiou, I.Y.; Schindler, J.K. Wave Forecasting and Longshore Sediment Transport Gradients along a Transgressive Barrier
Island: Chandeleur Islands, Louisiana. Geo-Mar. Lett. 2009, 29, 467–476. [CrossRef]

69. Ellis, J.; Stone, G.W. Numerical Simulation of Net Longshore Sediment Transport and Granulometry of Surficial Sediments along
Chandeleur Island, Louisiana, USA. Mar. Geol. 2006, 232, 115–129. [CrossRef]

70. Twichell, D.; Pendelton, E.; Baldwin, W.; Flocks, J. Geologic mapping of distribution and volume of potential resources. In Sand
Resources, Regional Geology, and Coastal Processes of the Chandeleur Islands Coastal System—An Evaluation of the Breton National Wildlife
Refuge; Lavoie, D., Ed.; U.S Geological Survey Scientific Investigations Report 2009-5252; U.S. Geological Survey: Reston, VA,
USA, 2009; pp. 75–98.

71. Hymel, M.K. 2007 Operations, Maintenance, and Monitoring Report for Chandeleur Islands Marsh Restoration (PO-27); Louisiana
Department of Natural Resources: New Orleans, LA, USA, 2007; pp. 1–57.

72. Coastal Planning & Engineering, Inc. Chandeleur Island Emergency Berm 180-Day Monitoring Report; Louisiana Coastal Protection
and Restoration Authority: Baton Rouge, LA, USA, 2012; pp. 1–62.

73. Kahn, J.H. Geomorphic Recovery of the Chandeleur Islands, Louisiana, after a Major Hurricane. J. Coast. Res. 1986, 2, 337–344.
74. Sherwood, C.R.; Long, J.W.; Dickhudt, P.J.; Dalyander, P.S.; Thompson, D.M.; Plant, N.G. Inundation of a Barrier Island

(Chandeleur Islands, Louisiana, USA) during a Hurricane: Observed Water-Level Gradients and Modeled Seaward Sand
Transport. J. Geophys. Res. Earth Surf. 2014, 119, 1498–1515. [CrossRef]

75. Jensen, J.R.; Cowen, D.J.; Althausen, J.D.; Narumalani, S.; Weatherbee, O. The Detection and Prediction of Sea Level Changes on
Coastal Wetlands Using Satellite Imagery and a Geographic Information System. Geocarto Int. 1993, 8, 87–98. [CrossRef]

76. Sun, C.; Fagherazzi, S.; Liu, Y. Classification Mapping of Salt Marsh Vegetation by Flexible Monthly NDVI Time-Series Using
Landsat Imagery. Estuar. Coast. Shelf Sci. 2018, 213, 61–80. [CrossRef]

77. NOAA Tides and Currents. Available online: https://tidesandcurrents.noaa.gov/ (accessed on 5 June 2019).
78. ESPA—LSRD. Available online: https://espa.cr.usgs.gov/ (accessed on 5 June 2019).
79. Rouse, J.W. Monitoring Vegetation Systems in the Great Plains with ERTS; NASA: Washington, DC, USA, 1974.
80. Tucker, C.J. Red and Photographic Infrared Linear Combinations for Monitoring Vegetation. Remote Sens. Environ. 1979, 8,

127–150. [CrossRef]
81. Frohn, R.C.; D’Amico, E.; Lane, C.; Autrey, B.; Rhodus, J.; Liu, H. Multi-Temporal Sub-Pixel Landsat ETM+ Classification of

Isolated Wetlands in Cuyahoga County, Ohio, USA. Wetlands 2012, 32, 289–299. [CrossRef]
82. Mazzarino, M.; Finn, J.T. An NDVI Analysis of Vegetation Trends in an Andean Watershed. Wetl. Ecol. Manag. 2016, 24, 623–640.

[CrossRef]
83. Xu, R.; Zhao, S.; Ke, Y. A Simple Phenology-Based Vegetation Index for Mapping Invasive Spartina Alterniflora Using Google

Earth Engine. IEEE J. Sel. Top. Appl. Earth Obs. Remote Sens. 2021, 14, 190–201. [CrossRef]
84. Xu, H. Modification of Normalised Difference Water Index (NDWI) to Enhance Open Water Features in Remotely Sensed Imagery.

Int. J. Remote Sens. 2006, 27, 3025–3033. [CrossRef]
85. Li, H.; Wang, C.; Zhong, C.; Su, A.; Xiong, C.; Wang, J.; Liu, J. Mapping Urban Bare Land Automatically from Landsat Imagery

with a Simple Index. Remote Sens. 2017, 9, 249. [CrossRef]
86. McFeeters, S.K. The Use of the Normalized Difference Water Index (NDWI) in the Delineation of Open Water Features. Int. J.

Remote Sens. 1996, 17, 1425–1432. [CrossRef]
87. Kuleli, T.; Guneroglu, A.; Karsli, F.; Dihkan, M. Automatic Detection of Shoreline Change on Coastal Ramsar Wetlands of Turkey.

Ocean Eng. 2011, 38, 1141–1149. [CrossRef]
88. Otsu, N. A Threshold Selection Method from Gray-Level Histograms. IEEE Trans. Syst. Man Cybern. 1979, 9, 62–66. [CrossRef]
89. Duarte, A.; Acevedo-Muñoz, L.; Gonçalves, C.I.; Mota, L.; Sarmento, A.; Silva, M.; Fabres, S.; Borralho, N.; Valente, C. Detection of

Longhorned Borer Attack and Assessment in Eucalyptus Plantations Using UAV Imagery. Remote Sens. 2020, 12, 3153. [CrossRef]
90. Estoque, R.C.; Murayama, Y. Classification and Change Detection of Built-up Lands from Landsat-7 ETM+ and Landsat-8

OLI/TIRS Imageries: A Comparative Assessment of Various Spectral Indices. Ecol. Indic. 2015, 56, 205–217. [CrossRef]
91. Fearnley, S.; Brien, L.; Martinez, L.; Miner, M.; Kulp, M.; Penland, S. Louisiana Barrier Island Comprehensive Monitoring Program

(BICM) Volume 5: Chenier Plain, South-Central Louisiana, and Chandeleur Islands, Habitat Mapping and Change Analysis 1996 to 2005
Part 4: Results and Interpretations of the Habitat Mapping and Change Analysis 1996 to 2005; University of New Orleans, Pontchartrain
Institute for Environmental Sciences: New Orleans, LA, USA, 2009; pp. 1–28.

http://doi.org/10.2112/SI75-257.1
http://doi.org/10.1007/s00367-009-0165-3
http://doi.org/10.1016/j.margeo.2006.05.001
http://doi.org/10.1002/2013JF003069
http://doi.org/10.1080/10106049309354432
http://doi.org/10.1016/j.ecss.2018.08.007
https://tidesandcurrents.noaa.gov/
https://espa.cr.usgs.gov/
http://doi.org/10.1016/0034-4257(79)90013-0
http://doi.org/10.1007/s13157-011-0254-8
http://doi.org/10.1007/s11273-016-9492-0
http://doi.org/10.1109/JSTARS.2020.3038648
http://doi.org/10.1080/01431160600589179
http://doi.org/10.3390/rs9030249
http://doi.org/10.1080/01431169608948714
http://doi.org/10.1016/j.oceaneng.2011.05.006
http://doi.org/10.1109/TSMC.1979.4310076
http://doi.org/10.3390/rs12193153
http://doi.org/10.1016/j.ecolind.2015.03.037


Remote Sens. 2021, 13, 3779 27 of 27

92. U.S. Geological Survey NLCD 2016 Land Cover (CONUS). Available online: https://www.mrlc.gov/data/nlcd-2016-land-cover-
conus (accessed on 4 December 2020).

93. Bernier, J.C. Coastal Land-Cover and Feature Datasets Extracted from Landsat Satellite Imagery, Northern Chandeleur Islands, Louisiana;
U.S. Geological Survey Data Release; U.S. Geological Survey: Reston, VA, USA, 2021. [CrossRef]

94. Jackson, C.W.; Alexander, C.R.; Bush, D.M. Application of the AMBUR R Package for Spatio-Temporal Analysis of Shoreline
Change: Jekyll Island, Georgia, USA. Comput. Geosci. 2012, 41, 199–207. [CrossRef]

95. Marcello, J.; Eugenio, F.; Medina, A. Analysis of Regional Vegetation Changes with Medium and High Resolution Imagery.
In Proceedings of the Remote Sensing for Agriculture, Ecosystems, and Hydrology XIV, International Society for Optics and
Photonics, Edinburgh, UK, 23 October 2012; Volume 8531, p. 85311R.

96. Li, W.; Du, Z.; Ling, F.; Zhou, D.; Wang, H.; Gui, Y.; Sun, B.; Zhang, X. A Comparison of Land Surface Water Mapping Using the
Normalized Difference Water Index from TM, ETM+ and ALI. Remote Sens. 2013, 5, 5530–5549. [CrossRef]

97. Enwright, N.M.; Wang, L.; Borchert, S.M.; Day, R.H.; Feher, L.C.; Osland, M.J. Advancing Barrier Island Habitat Mapping Using
Landscape Position Information. Prog. Phys. Geogr. Earth Environ. 2019, 43, 425–450. [CrossRef]

98. Woodcock, C.E.; Loveland, T.R.; Herold, M.; Bauer, M.E. Transitioning from Change Detection to Monitoring with Remote
Sensing: A Paradigm Shift. Remote Sens. Environ. 2020, 238, 111558. [CrossRef]

99. Wang, X.; Xiao, X.; Zou, Z.; Chen, B.; Ma, J.; Dong, J.; Doughty, R.B.; Zhong, Q.; Qin, Y.; Dai, S.; et al. Tracking Annual Changes
of Coastal Tidal Flats in China during 1986–2016 through Analyses of Landsat Images with Google Earth Engine. Remote Sens.
Environ. 2020, 238, 110987. [CrossRef]

100. Cowardin, L.M.; Carter, V.; Golet, F.C.; Laroe, E.T. Classification of Wetlands and Deepwater Habitats of the United States; U.S.
Department of the Interior Fish and Wildlife Service: Washington, DC, USA, 1979; pp. 1–131.

101. Ciarletta, D.J.; Miselis, J.L.; Shawler, J.L.; Hein, C.J. Quantifying Thresholds of Barrier Geomorphic Change in a Cross-Shore
Sediment-Partitioning Model. Earth Surf. Dyn. 2021, 9, 183–203. [CrossRef]

102. FitzGerald, D.M.; Hein, C.J.; Hughes, Z.; Kulp, M.; Georgiou, I.; Miner, M. Runaway Barrier Island Transgression Concept:
Global Case Studies. In Barrier Dynamics and Response to Changing Climate; Moore, L.J., Burray, A.B., Eds.; Springer International
Publishing: New York, NY, USA, 2018; pp. 3–56.

103. Lauzon, R.; Murray, A.B.; Moore, L.J.; Walters, D.C.; Kirwan, M.L.; Fagherazzi, S. Effects of Marsh Edge Erosion in Coupled
Barrier Island-Marsh Systems and Geometric Constraints on Marsh Evolution. J. Geophys. Res. Earth Surf. 2018, 123, 1218–1234.
[CrossRef]

104. Plant, N.G.; Guy, K.K. Change in the Length of the Northern Section of the Chandeleur Islands Oil Berm, September 5, 2010, through
September 3, 2012; Open-File Report 2013-1074; U.S. Geological Survey: Reston, VA, USA, 2013; pp. 1–9.

105. Plant, N.G.; Guy, K.K. Change in the Length of the Middle Section of the Chandeleur Islands Oil Berm, November 17, 2010, through
September 6, 2011; Open-File Report 2013-1075; U.S. Geological Survey: Reston, VA, USA, 2013; pp. 1–8.

106. Bender, M.A.; Knutson, T.R.; Tuleya, R.E.; Sirutis, J.J.; Vecchi, G.A.; Garner, S.T.; Held, I.M. Modeled Impact of Anthropogenic
Warming on the Frequency of Intense Atlantic Hurricanes. Science 2010, 327, 454–458. [CrossRef]

107. Knutson, T.R.; McBride, J.L.; Chan, J.; Emanuel, K.; Holland, G.; Landsea, C.; Held, I.; Kossin, J.P.; Srivastava, A.K.; Sugi, M.
Tropical Cyclones and Climate Change. Nat. Geosci. 2010, 3, 157–163. [CrossRef]

108. Emanuel, K.A. Downscaling CMIP5 Climate Models Shows Increased Tropical Cyclone Activity over the 21st Century. Proc. Natl.
Acad. Sci. USA 2013, 110, 12219–12224. [CrossRef]

109. Lorenzo-Trueba, J.; Mariotti, G. Chasing Boundaries and Cascade Effects in a Coupled Barrier-Marsh-Lagoon System. Geomorphol-
ogy 2017, 290, 153–163. [CrossRef]

110. Twichell, D.; Pendleton, E.; Baldwin, W.; Flocks, J. Subsurface Control on Seafloor Erosional Processes Offshore of the Chandeleur
Islands, Louisiana. Geo-Mar. Lett. 2009, 29, 349–358. [CrossRef]

111. Psuty, N.P.; Silveira, T.M. Global Climate Change: An Opportunity for Coastal Dunes? J. Coast Conserv. 2010, 14, 153–160.
[CrossRef]

https://www.mrlc.gov/data/nlcd-2016-land-cover-conus
https://www.mrlc.gov/data/nlcd-2016-land-cover-conus
http://doi.org/10.5066/P9HY3HOR
http://doi.org/10.1016/j.cageo.2011.08.009
http://doi.org/10.3390/rs5115530
http://doi.org/10.1177/0309133319839922
http://doi.org/10.1016/j.rse.2019.111558
http://doi.org/10.1016/j.rse.2018.11.030
http://doi.org/10.5194/esurf-9-183-2021
http://doi.org/10.1029/2017JF004530
http://doi.org/10.1126/science.1180568
http://doi.org/10.1038/ngeo779
http://doi.org/10.1073/pnas.1301293110
http://doi.org/10.1016/j.geomorph.2017.04.019
http://doi.org/10.1007/s00367-009-0150-x
http://doi.org/10.1007/s11852-010-0089-0

	Introduction 
	Materials and Methods 
	Study Area 
	Data Sources and Image Pre-Processing 
	Land-Cover Classification and Feature Extraction 
	Change Analyses 

	Results 
	Classification Accuracy 
	Temporal Land-Cover Changes 
	Barrier Metrics 
	Vegetation Persistence 

	Discussion 
	Automatic Thresholding of Mulitple Spectral Indices for Rapidly Assessing Coastal Metrics 
	Implications for Barrier-Island Evolution and Resiliency 

	Conclusions 
	References

