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Abstract: The BeiDou navigation satellite system shows its potential for passive radar vessel target
detection owing to its global-scale coverage. However, the restrained power budget from BeiDou
satellite hampers the detection performance. To solve this limitation, this paper proposes a long-time
optimized integration method to obtain an adequate signal-to-noise ratio (SNR). During the long
observation time, the range migration, intricate Doppler migration, and noncoherence characteristic
bring challenges to the integration processing. In this paper, first, the keystone transform is applied to
correct the range walk. Then, considering the noncoherence of the entire echo, the hybrid integration
strategy is adopted. To remove the Doppler migration and correct the residual range migration, the
long-time integration is modeled as an optimization problem. Finally, the particle swarm optimization
(PSO) algorithm is applied to solve the optimization problem, after which the target echo over the
long observation time is well concentrated, providing a reliable detection performance for the
BeiDou-based passive radar. Its effectiveness is shown by the simulated and experimental results.

Keywords: BeiDou-based passive radar; vessel target detection; maritime surveillance; long-time in-
tegration

1. Introduction

Unlike the conventional active radar system, passive radar system capitalizes on the
signals of opportunity already existing in the environment. The absence of a dedicated
transmitter makes it low-cost and contributes to its anti-jamming capability [1,2]. Besides,
the remarkable advantage of no electromagnetic pollution leads to its extensive applications.
In recent years, with the increasing quantity and variety of opportunistic sources, there is a
significant growth of interest in passive radar system [3].

Many types of terrestrial sources of opportunity have been investigated in passive
radar, such as FM radio, digital audio/video broadcast, and Wi-Fi [4-6]. However, owing to
the confined transmitter positions and their original intentions, the coverages of terrestrial
sources are restrained, which limits their application scenarios of the passive radar system.

Compared with the sources above, the utilization of global navigation satellite sys-
tem (GNSS) availably extends the signal coverage to global scale for the passive radar
system. Thus, GNSS-based passive radar shows its potential for the monitoring of sea
areas which are not fully covered by the terrestrial sources [7]. In addition, GNSS provides
a relatively large signal bandwidth, which is beneficial for the target detection capabil-
ity [6-10]. Moreover, the most unique feature of GNSS is that any point on the Earth is
assured to be simultaneously illuminated by 4-8 satellites in a single GNSS constellation
from different angles. The number can be up to 32 if the four GNSS constellations (i.e.,
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GPS, GLONASS, Galileo, and BeiDou) are fully in service, providing a large selection of
opportunistic transmitters for passive radar system [11].

Due to the limited emitting power and the greatly long irradiation distance, the most
intractable obstruction for the GNSS-based passive radar is its exceedingly low-power
density near the Earth’s surface (as low as —135 dBW/ m? [12]). In order to increase the
signal-to-noise ratio (SNR) for a reliable target detection performance, an effective approach
is to integrate the target energy over a long time. With respect to the GNSS-based passive
radar, the integration time usually needs to be lengthened to several tens of seconds [13],
especially in the case of an extreme SNR such as a low radar cross section (RCS) target or a
large radar detection range. However, this paper focuses on the GNSS-based passive radar
vessel target detection under the condition of such extreme SNR. The target motion leads
to two severe problems that impede the long-time integration. First, the aspect angle of the
target varies with time, which causes the decorrelation throughout a long dwell time. Thus,
the entire long-time echo is no longer coherent. Furthermore, the conspicuous range and
Doppler migrations occur in the echo due to the translation motions of the vessel target and
the satellite transmitter. Particularly, when the integration time is in the order of several tens
of seconds, the migrations become more intricate. In addition, the oscillation and rotation
motions of the vessel target in practice introduce an additional Doppler migration [14].
Usually, the detected vessel target is noncooperative. The inaccessible motion parameters
increase the difficulty in the accurate compensation of the migrations.

With respect to the vessel target detection, currently, many researchers focus on
the artificial intelligence (Al)-based detection methods [15-19]. The vessel detection is
performed on synthetic aperture radar (SAR) or optical remote sensing imagery, and the
vessel target is recognized and classified via a deep learning algorithm. In the field of
radar target detection, there are also several literatures on the detection of vessel using the
GNSS-based passive radar, which try to achieve the long-time integration of target echo
after properly handling the aforementioned problems. First, to cope with the noncoherence
characteristic of the entire echo, an effective approach is to adopt the hybrid integration
strategy, which is commonly used in the pre-existing literature and in this paper. That
is, the entire echo is segmented into temporal frames with frame duration in the order of
2-3 5[13]. The signal inside each frame is regard as correlated, thus coherent integration can
be performed, followed by the noncoherent integration of multiple frames. In reference [20],
a long-time integration method based on the keystone transform and the fractional Fourier
transform (FrFT) is proposed for the target moving with a constant velocity. However,
only the linear range migration and linear Doppler migration over the entire echo can
be well compensated by means of these two transforms. In reference [21], the coherent
integration of each frame is performed by means of the Fourier transform along the azimuth
direction. After compensation of the range and Doppler migrations with a tested Doppler
frequency rate (DFR) value, the noncoherent integration of the multiple frames is performed.
Nevertheless, the range and Doppler migrations are regarded as negligible inside frame
duration, and only the linear Doppler migration is considered over the entire integration
time. Therefore, the integration effectiveness of this method is possibly unsatisfactory. In
reference [22], the coherent integration performed in the same way with [21]. In addition,
the compensation of range and Doppler migrations between different frames is achieved in
the local plane with a tested target velocity. However, this method suffers for an ambiguity
problem between the target’s position and velocity.

In this paper, we focus on the vessel target detection using BeiDou-based passive radar
consisting of a BeiDou satellite of opportunity and a fixed receiver. The hybrid constellation
of BeiDou system provides more options on opportunistic illuminator for the passive radar
system [23]. It is observed that in the pre-existing integration methods, only the low-
order range and Doppler migrations can be corrected, which constrains the integration
time of the target echo and limits the target detection application. By contrast, this paper
proposes a long-time optimized integration method for BeiDou-based passive radar vessel
target detection, which aims at accurately compensating the high-order migrations and
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maximizing the SNR. First, the keystone transform is applied to eliminate the range walk.
To cope with the noncoherence of entire target, the range migration-corrected data are
then segmented into temporal frames and the hybrid integration strategy is adopted. In
order to remove the residual range migration, and simultaneously correct the Doppler
migration inside each frame and compensate for the Doppler shift at different frames, the
long-time integration is modeled as an optimization problem, where the decision variables
are the corresponding Doppler centroids (DCs) and DFRs of multiple frames. Finally, the
optimization problem is solved by the particle swarm optimization (PSO) algorithm. After
that, the final integrated result provides a reliable vessel target detection performance.

The remaining parts of the paper are organized as follows. The echo model of the
vessel target is deduced in Section 2. The proposed method is presented in Section 3. The
effectiveness of the method is demonstrated via the simulated and experimental results in
Section 4. Finally, in Section 5, we draw our conclusions.

2. Echo Model and Characteristic Analysis

The geometry of the BeiDou-based passive radar is shown in Figure 1 with reference
to the vessel target detection. The system is composed of a BeiDou satellite of opportunity
and a fixed receiver. Ty is the satellite transmitter of opportunity, and Ry is the fixed receiver
on the coast. R, is the baseline between T, and Ry. Ry and Ry are the distances from the
vessel target to Ty and Ry, respectively.

Beidou Satellite =%~
//’ E

-

Figure 1. Reference surveillance scenario.

The receiver is equipped with two antennas, i.e., the reference antenna and the surveil-
lance antenna. The former is steered toward the BeiDou satellite to acquire the direct signal,
while the latter is utilized to collect the reflected signal from the detection area. Despite the
fact that these signals are continuous in time, they can be formatted into two-dimensional
fast-time and slow-time domain according to an equivalent pulse repetition interval (PRI)
Tpri- T € [—Tpri/2, Tpri/2] denotes the fast-time, and n € [—T,/2, T,/2] denotes the
slow-time, where T, is the entire dwell time. The equivalent PRI is selected as long as the
duration of the transmitted ranging code from the BeiDou satellite, where the typical value
is 1 ms.

By the cross-correlation of reflect signal and the reference signal (which can be gen-
erated from the direct signal [21]), the range compression as well as the synchronization
can be accomplished. The range-compressed data in fast-time and slow-time domain are
modeled as [20]:

s(T,17) = oyp [T - R(C")} rect(gﬂ) -eXp{—jsz(v)}, 1)
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where j denotes the imaginary number, and the operator rect(-) denotes the rectangular
window, p(+) is the cross-correlation function, c is the light speed, A is the wave length,
0y is the complex reflectivity of the target which changes with slow-time, and R(7) is the
bistatic range expressed as:

R(n) = Rr(n) + Rr(17) — Ry(n), 2)

The corresponding Doppler frequency is obtained as the derivative of the bistatic
range with respect to the slow-time variable, i.e.,

fa(n) = —iag;”), )

Then the bistatic range is precisely expanded into Taylor series as:

N
R(n) =) aun", (4)
n=0

where a;, is the expansion coefficient. In addition, the echo model in (1) can be rewritten as:

N N
e =apfe (B efea() eof A o). o
n=0 a =0

The range and Doppler migrations are intuitively exhibited in (2) and (3). Despite the
fact that the vessel target is generally not maneuvering, a long dwell time in the order of tens
of seconds still leads to the complicated migrations. In order to analyze the compositions
of the range and Doppler migrations, a simulation is conducted with the target motion
parameters listed in Table 1, where these values conform with a typical vessel. It is noted
that the all the parameters are described inside the east-north-up (ENU) coordinate system,
where a fixed receiver is its origin. In response to the case of an extremely low SNR, the
dwell time on the target is set to 105 s.

Table 1. Motion parameters.

Parameters Value
Target position (1000, 0, 0) m
Target velocity (3.08,5.35,0) m/s

Target acceleration (0.028,0,0) m/ 2

Dwell time 105s

The bistatic range history is expanded into Taylor series with different orders. The
fitting errors concerning the bistatic range and the Doppler frequency are presented in
Figure 2. First, considering the BeiDou signal with the largest bandwidth (i.e., B3I), the
passive radar provides a range resolution of 15 m [21]. Thus, it can be observed from
Figure 2a that second-order expansion is sufficient for the bistatic range since the fitting
error is smaller than the range resolution even the dwell time is lengthened into 105 s.
Then, with respect to the Doppler error presented in Figure 2b, the Doppler resolution is
associated with the coherent processing interval Tcp;, and its value is 1/ Tcp;. The Tepg
for a typical vessel target is in the order of 2-3 s [13], and hereinafter the value is set equal
to 3 s as a rigorous premise. It is seen from the curves in the figure that the fourth-order
Taylor expansion cannot fulfill the model precision of the Doppler frequency. A high-order
expansion is prerequisite under the condition of such a long dwell time, which goes to
indicate an intricate Doppler migration. Moreover, the oscillation and rotation motions
of the vessel target in practice can make the Doppler migration more complicated [14].
Finally, the corresponding Doppler error inside the coherent processing interval is shown
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in the bottom box of Figure 2b. It can be deduced that only the linear Doppler migration is
considerable within the Tcp; while the high-order components can be neglected.
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Figure 2. The fitting errors with different Taylor expansion orders: (a) range error; (b) Doppler error.

3. Long-Time Optimized Integration for Vessel Target Detection

It is known that the scattering mechanism of a target is related to its aspect angle [24].
Owing to the motion of the vessel target, the variation of aspect angle causes the spatial
decorrelation within the entire dwell time in the order of several tens of seconds. Thus,
the long-time echo is no longer coherent. In addition, the range and Doppler migrations
detailed in Section 2 increase the difficulty of the long-time integration. In order to obtain
an adequate SNR for a reliable BeiDou-base passive radar vessel target detection perfor-
mance, an optimized long-time integration method via the keystone transform and iterative
optimization is proposed in this section.

Transforming the range-compressed signal in (5) into the fast-frequency domain,

we have:
_ Ui fr+ fe
Spe(fr, 1) = oy (fr)rect(T ) expl —jem—2°t ; Z ann” (6)

where f. is the carrier frequency, P(+) is the Fourier transform of p(-), and f is the fast-
frequency. The couplings between f; and # in the exponent imply the range migration.

In order to correct the range walk, first, the keystone transform expressed as
1 = fe/(fr + feo)nm is applied to (6), where 7, is the new slow-time variable. Replace 7,
with 7, and the signal becomes:

=0 rect( 21 ) ex T— Noc fe
Srlfern) = onPlfo) t(n>ep{ ” (g et S 1”>} ?

For the BeiDou-based passive radar, since fr < f, the following approximation

is valid: : - -
(7)) =) (”‘”<f>f“ ®)

Substituting (8) into (7), the signal becomes:

n=0 n=0

N
Skr(fe, 1) = U,IP(fT)rect(;Za> exp{—j2n<z Eann Z (n— 1)%04,117 ) } )
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It is concluded from Section 2 that the high-order (higher than second-order) couplings
between f; and 7 can be neglected as the introduced range migration is smaller than a
range resolution. Then, the inverse Fourier transform is applied to (9). For the sake of
intuitiveness, «g is replaced with Ry, which denotes the bistatic range at the reference
instant. In addition, we obtain:

2 Y
skr(T, 1) = 0’,7‘0[1’ - (RO - 0(2172) /c} rect(,?a) ~exp{—]; Z;()an;y”}, (10)

It is observed that the undesired range curvature as well as the intricate Doppler
migration still retains in (10), which need to be well handled by the subsequent steps.

To cope with the noncoherence of the long-time echo, as the previous works [20-22],
the hybrid integration strategy is performed. The entire echo is segmented into consecutive
frames with the duration of Tcp;. The target’s reflectivity can be reasonably regarded as
constant within the Tcp;. Thus, the coherent integration of each frame is achieved, followed
by the noncoherent summation of the multiple frames. After the azimuth segmentation
of the data in (10), the m-th (n = — (M —1)/2,...,(M —1)/2,M = T,/ Tcp;) frame can be
written as:

N

—mT, 2 "
Sm(T, 1) = Omp [‘L’— (RO —rme) /C} rect(UY{?PICH) -exp{—])itz Xl }, (11)

where 03, is the constant complex reflectivity inside the m-th frame.
Define a new slow-time variable as 1’ = 7 — mTcpy, and (11) can be rewritten as:

sm(T,n') = omp [T - (Ro —aa(y’ + mTCPI)2) /C}

/ . N n e , (]2)
rect(TZm) exp{ —]27”;20 IEO anC,’;(iy’) k(mTCPI)k}

where CK k‘(n k) denotes the combination number.

Owing to the short frame duration, the range curvature inside each frame can be
neglected. Besides, as analyzed in Section 2, only the linear Doppler migration is considered
within such short frame duration. Thus, the m-th frame is approximated as:

sm(T, 1) = omp|T— (Ro —wz,o(mTcpz)z) /c]

/ (13)
rect Tsz) exp{ —]27” (ao,m +armn’ + zxz,m77/2) }
where
N -1 al 2 n—2
aom = Y an(mTepr)", m, Z anCh(mTepr)" ™ aom = Y 0nCa(mTcpy)" ™2, (14)
n=0 n=2

denote the expansion coefficients pertaining to the m-th frame. Then the DC and DFR
parameters of the m-th frame can be expressed as 7dc,m = =1,/ A, ?dr,m = =201,/ A.
Apparently, the Doppler parameters vary with the frame index m.

Then, to implement the coherent integration of the intraframe signal, the dechirp
Fourier transform with a specific DFR value f; ,, expressed as

+00 . . )
S (T, fi farm) = /_ _ su(w ) exp{—j2rfyn} exp{ —jnfaun’ fdn,  (15)

is applied to (13), where f; is the Doppler frequency. The corresponding coherent integra-
tion result of (15) can be derived based on the principle of stationary phase (POSP) [25].
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Converting the fast-time variable into bistatic range variable as R = 7 - ¢, the result in range
and Doppler (RD) domain is given as:

Su(R, fy; farm) = omp {R - (Ro + %fdr,o(mTcpl)z)}TECt [W]

|J7dr,m 7fdr,m | TCPI

L o Faen)  2n
|7dr,m _fdr,m| exp{ ]n ?dr,mffdr,m ] A RO,m

(16)

The Doppler migration inside frame is well corrected if the estimated DFR value
exactly equals the actual value, i.e., fg.,, = fdr,m. With respect to this opportune DFR
value, it is observed from (16) that the intraframe signal can be coherently integrated at the
specific position (Ro + % farp(mTcp I)zjdc,m> in the m-th RD plane.

Next, a noncoherent integration of multiple frames is performed to increase the
integration time. Due to the fluctuant DC values and the residual range curvature, the
coherent integrated peaks of multiple frames are located at different positions, which
indicates that a compensation operation is indispensable. We take the central frame as the
reference, and after range and Doppler shifts compensation, the multi-frame summation
can be expressed as:

1

SR, fy) = 31 L. .

S (R + %fdr,O(mTCPl)zrfU - (fdc,m - fdc,o)?fdr,m>

The target echo is well concentrated after the above processes. However, since the
vessel target is usually noncooperative, the multiple DC and DFR values are inaccessible.
Thereby the coherent integration in (16) and the noncoherent integration in (17) cannot
be simply implemented. Here, we achieve the long-time integration by transforming it
into an optimization problem. To correct the Doppler migration of M frames, the DFR
values of consecutive M frames are required. In addition, the DFR value of the central
frame can be used to correct the residual range curvature in parallel. To compensate for the
Doppler shifts, M — 1 decision variables representing the Doppler shift values are required.
Therefore, we define the decision vector with 2M — 1 variables as:

fp = (fdr,—(M—l)/Z/"'ffdr,(M—l)/ZrAfdc,—(M—l)/Zr-~-rAfdc,—erfdc,lr-~~1A]?dc,(M—1)/2>r (18)

where the fdr,m and A fdc’m are the estimated DFR value and Doppler shift of the m-th frame.
In addition, the corresponding integration result is:

S(R, fy:fp) = Al/[{mgolsm (R + 4 faro(mTepr)?, fy — Afdc,m;fdr,m)‘ + ‘50 (R,fn;fdr,o> ’ } (19)

Taking the SNR as the objective function, the maximization optimization problem is
expressed as:
maXF(fp> = Psignal (fp) /Pnoise (fp)/ (20)

where Pg;gnq and P are the signal power and noise power of the integration result
presented in (19). In practice, the signal power is estimated as the peak power contributed
by the vessel target of the integrated result, and the noise power is evaluated by the mean
power of the region containing the noise contribution only.

To solve this optimization problem, an evolutionary algorithm named particle swarm
optimization (PSO) [26] is employed. It is a population-based stochastic optimization
algorithm, which is inspired by the behavior of bird flocking. The PSO population with
particles intends to search for the optimized solution by updating their positions. After the
random population initialization, each particle will fly toward the direction guided by its
personal best (pBest) and the global best (gBest). As a result, all the particles will converge
to a specific point, whose position represents the optimized solution. The procedure of the
PSO-based long-time integration is given in Algorithm 1. In theory, the components of
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optimized solution are the actual Doppler shift and DFR values. Thus, the echo energy can
be completely gathered, which is able to provide an integration result in RD domain with
maximum SNR.

Algorithm 1 Long-time optimized integration method

Input: M signal frames after keystone transform

Output: Actual Doppler shift and DFR values of the M frames

1. Model the optimization problem as given in (20).

2. Initialize the population size I, generation number G, search space S*M~1.,
3. Randomly initialize f, ; of the i-th particle in §2M-1,

4. Evaluate the initial objective value of the function F;(f; ;).
5. Initialize the personal archive and global archive.

6. Forg=1to G

7. Select gBest from global archive.

8. Adjust iteration parameters.

9. Fori=1tol!

10. Select pBest from personal archive.

11. Update velocity and position of the i-th particle.

12. Evaluate the objective value F(f} ;).

13. Update personal archive.

14. Update global archive.

15. End For

16. End For

17. Return particle position.

In summary, the mentioned problems are well solved after the procedures, providing
an effective target echo integration result for the BeiDou-based passive radar vessel target
detection. The flowchart of the proposed integration method is shown in Figure 3.

reflected signal

Pre-procejsing

direct signal

____________ ————1

Reference signal generation

: i

Cross-correlation |

Range Walk Correction

Range Fourier transform |

v

v

|
|
|
|
Keystone transform | :
|
|
|
|

| Range inverse Fourier transform |

Doppler Migration Correction and QP Shifts Compensation

Dwell time segmentation |

v

v

v

PSO-based PSO-based PSO-based

dechirp FT dechirp FT dechirp FT

PSO-based PSO-based PSO-based
range and DC range and DC range and DC
compensation compensation compensation

v

v

v

|
|
|
i
|
| 3
|
:
|
|
|
|

Noncoherent integration

|
|
[
|
|
|
[
v [
|
[
[
[
[
|
[

Final integrated result

—_—— e ——— —

Figure 3. Proposed integration method flowchart.
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4. Results

In this section, simulated and experimental results are presented to illustrate the
proposed optimized long-time integration method and verify its effectiveness on the
BeiDou-based passive radar vessel target detection.

4.1. Simulated Results

In the simulation, a point-like vessel target is considered in the surveillance area. As
shown in Figure 4, the target consists of twenty point scatterers, where two adjacent point
scatterers are 10 m apart. The receiver is fixed at origin of the Cartesian reference system,
and the motion parameters of the vessel target stay the same as those in Table 1. With
respect to the opportunistic transmitter, the corresponding parameters are in agreement
with those in the experiment presented in the next subsection. The BeiDou signal with
chip-rate of 10.23 MHz is considered to be recorded by the fixed receiver. The trajectory of
the satellite transmitter is generated according to the actual ephemeris parameters of the
BeiDou satellite C41 in medium Earth orbit (MEO). The dwell time on the target is set to
be 105 s in the simulation as an extreme condition, and the sampling rate is 50 MHz. An
adaptive Gaussian noise occupying in the useful signal bandwidth is considered as the
disturbance background. In order to illustrate the overall process of the proposed method,
the SNR after the range compression is about —22 dB, where the target detection is still a
challenging task.

200

150

100

..
® o
50 o o
Py ® o
€ * o
= ® o
® o
o o
-50 e o
..

-100

-150

-200
800 850 900 950 1000 1050 1100 1150 1200

X (m)

Figure 4. Point-like vessel target.

After the range compression and the keystone transform, the entire echo is segmented
into consecutive 35 frames with the coherent processing interval of 3 s. Figure 5 gives
the coherent integration results of the first, central, and last frames when the dechirp
Fourier transform is performed with their actual DFR values. Hereinafter, the color scale
is in dB, where 0 dB represents mean noise power. In the three maps, the vessel target is
highlighted by the red rectangles. It can be observed that the target energy over a single
frame cannot provide a credible detection performance. It implies the necessity of the
subsequent combination of the multiple frames, which helps to reduce the noise fluctuation.
In addition, the target is located at different bistatic ranges in these RD maps as a result of
the residual range curvature after the keystone transform. In addition, the difference in
Doppler frequency between different frames is also evident from the maps. Thus, the range
and Doppler compensations are requisite before multi-frame integration, which squares
with the analyses in Sections 2 and 3.
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Figure 5. Coherent integration result of a single frame in RD domain: (a) first frame, (b) central frame, and (c) last frame.

|
]
[

Then, the long-time integration based on PSO is performed. After iterative optimiza-
tion, the DFR values of multiple frames are obtained, implementing the well coherent
integration of frames. The DFR value of the central frame is simultaneously used to correct
the residual range curvature. In addition, the Doppler shifts are obtained concurrently,
effectively realizing the Doppler compensation and the subsequent noncoherent integra-
tion. The final integrated RD map is presented in Figure 6. The strong peak shows that
the signal energy is well gathered via the proposed procedure and offers a reliable vessel
target detection capability for the BeiDou-based passive radar.

15

700

800

900

1000

1100

range (m)

1200

1300

1400

1500 0

80 -60 -40 -20 0 20 40 60 80
Doppler frequency (Hz)

Figure 6. Final RD map after PSO-based long-time integration.

Then, the comparison of the target detection performance between the proposed
method and the existing method is carried out. The main steps of the existing method
in [21] comprise the Fourier transform (FT) and the target motion compensation (TMC).
After performing the existing method on the same simulated data, the corresponding result
in the RD domain is shown in Figure 7. Owing to the relatively large SNR of the original
target echo, the vessel is also visible in this RD map. To compare the two integrated results
intuitively, the range and Doppler cross-sections of the two RD maps in Figures 6 and 7
around their peaks are given in Figure 8. The legend ‘KT+PSO’ denotes the proposed
method, and ‘FT+TMC’ denotes the existing method. It is observed that the final SNR
provided by the proposed method is larger than that obtained by the existing method
(more than 3 dB). That is because only the low-order range and Doppler migrations can be
corrected via the existing method, whereas the intricate migrations (including the high-
order terms) are able to be compensated by means of the proposed method. Thus, the
proposed method provides a better vessel detection performance than the existing method.
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Figure 7. The long-time integration results in RD domain using the existing method.
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Figure 8. Cross-sections of the RD maps: (a) range cross-sections and (b) Doppler cross-sections.

Finally, the vessel detection performance of the proposed method is evaluated via
the Monte Carlo simulations. The false alarm probability is set as 10~%. The tested SNRs
of the range-compressed data are set as [-50:1:—10] dB, and the other parameters stay
the same as above. After the Monte Carlo simulations, the detection probability via the
proposed method is shown in Figure 9 (see the red curve). Meanwhile, the target detection
is also performed via the existing method in [21]. The detection curve is simultaneously
shown in Figure 9 (see the blue curve). Apparently, the proposed method shows a superior
detection probability owing to its ability to compensate for the intricate range and Doppler
migrations. Thus, it provides the capability to detect a vessel target with a smaller RCS or
a larger detection distance.
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Figure 9. Detection probability of the proposed method and the existing method.

4.2. Experimental Results

A maritime experiment using BeiDou satellite as opportunistic transmitter was con-
ducted at Lianyungang Port in China. As the authors know, this is the world’s first
BeiDou-based passive radar vessel target detection experiment. As shown in Figure 10a,
during the data acquisition, the passive receiver was placed in the coastal area. The receiver
is equipped with two antennas (i.e., reference antenna and surveillance antenna), severally
recording the direct signal and the reflected signal from the BeiDou satellites. Both of the
antennas provide the gain of 5 dB. For the verification purpose, a large container vessel
[see Figure 10b] was designedly treated as the target of opportunity.

vessel target

(b)

Figure 10. Maritime experiment: (a) receiving system, (b) vessel target.

As presented in the introduction, the signals from multiple BeiDou in view can
simultaneously be collected by the receiver. The signal from a specific satellite can be
extracted via the matched filter since the code division multiple access (CDMA) technique
is employed in BeiDou system. Hereinafter, the B3I signals transmitted from BeiDou
satellite C41 are extracted and processed, and the corresponding experimental parameters
are listed in Table 2.
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Table 2. Experimental parameters.

Parameters Value
Satellite number C41
Satellite orbit Medium Earth orbit
Signal type B3I
Carrier frequency 1268.520 MHz
Signal chip rate 10.23 MHz
Sampling rate 50 MHz
Equivalent PRI 1ms

In order to demonstrate the long-time integration method, a data stream of 105 s
is chosen from the entire acquisition, which is in keeping with the long dwell time in
the simulation After the range compression, the data of the first 5 s in bistatic range and
slow-time domain are presented in Figure 11. The visible peak along the zero bistatic range
line is the compressed direct signal recorded in the surveillance antenna. By contrast, it
is observed that the vessel target is still invisible after the range compression due to the
extremely low SNR, illustrating the necessity of long-time integration processing.

N Direct signal

1000 G

1500 B

bistatic range (m)

2000 [

2500 g

25 -2 15 A 0.5 0 0.5 1 15 2 25
slow time (s)

Figure 11. Range-compressed data of satellite C41.

To maximum the SNR, the long-time integration based on PSO is performed on the
range-compressed data. The entire signal is still segmented into 35 frames with frame
duration of 3 s. It should be pointed out here that, since the direct signal simultaneously
exists in the surveillance antenna, if the PSO-based integration processing is directly per-
formed, the obtained decision vector after PSO will correspond to the Doppler parameters
of the direct signal. It can be observed that the direct signal is certainly located at zero
bistatic range line, and it should be a single-frequency signal along the azimuth direction.
Thus, the direct signal will be integrated at (0 m, 0 Hz) in the RD domain if the proposed
method is directly performed, where the obtained decision vector is the zero vector. By
contrast, the target energy is still diffused with this decision vector. In order to suppress
the interference from the direct signal on the vessel target detection, in this paper, we take
advantage of the certain position of the direct signal in the RD domain. During the data
processing, the direct signal along the zero bistatic range line and zero Doppler frequency
line in the RD domain is firstly filtered out to remove its influence. In addition, then the
integrating processing is performed on the data without the direct signal. As a result, the
obtained peak in the integrated map is completely contributed by the moving vessel target,
which conduces to provide a reliable target detection performance.
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After iterative optimization, the long-time integration result in RD domain is shown in
Figure 12. The visible points located at the zero range line are generated by the direct signal,
which is retained to show the difference between the vessel and the direct signal. More
importantly, the vessel target can be apparently observed in the red rectangle. For sake of
better visualization, the zoom of the region containing the target is presented in the bottom
box. The strong peak demonstrates the effectiveness of the proposed long-time integration
method. The final SNR of the vessel target reaches 14.4 dB, which provides a reliable target
detection performance. Finally, the range profile around the peak of Figure 12 is depicted
in Figure 13. To intuitively demonstrate the superiority of the PSO-based integration, the
integration is also performed by the conventional method based on the Fourier transform
and directly noncoherent summation without any compensation, and the corresponding
range profile is also presented in Figure 13. It is observed that the PSO operation provides
a conspicuous SNR improvement, proving the necessity of the PSO-based dechirp Fourier
transform and the PSO-based RD compensation.
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Figure 12. Final RD map for the maritime experiment.
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Figure 13. Range profiles of the final integrated results.
In order to make full use of the experimental data and verify the proposed method

as comprehensively as possible, the signals pertaining to different BeiDou satellites have
been processed. During the maritime experiment, the transmitted signals from the other
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BeiDou satellites C27, C38, and C40 have simultaneously been recorded by the receiver.
It is pointed out that the BeiDou system is a hybrid constellation. The satellites C27 and
C41 are in MEO, while C38 and C40 are in inclined geosynchronous orbit (IGSO). After the
matched filtering, the signal pertaining to the specific satellite can be extracted, followed
with the proposed long-time integration processing. The corresponding integration results
in RD domain referring to the other satellites are presented in Figure 14. It is observed
from these maps that the target echoes are all well integrated, illustrating the effectiveness
of the proposed method. The different amplitudes of the same vessel are also observed in
Figures 12 and 14, which is due to the variant target RCS by different bistatic geometries.
In addition, the vessel is located at different positions in these maps. The different range
and Doppler parameters pertaining to the multiple satellite transmitters can be utilized to
obtain more information of the vessel. However, this is beyond the scope of this paper, and
it will be the subject of our future investigations.
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Figure 14. Final integrated RD map referring to the other BeiDou satellites: (a) C27, (b) C38, and (c) C40.

5. Discussion

According to Figure 9, the vessel target with SNR higher than —32 dB (after range
compression) can be reliably detected by the BeiDou-based passive radar via the method
proposed in this paper. Under the same circumstance, the existing method only ensures
an effective vessel detection with target SNR higher than —29 dB. This is owing to the
fact that the existing method only enables the accurate corrections of the first- and second-
order range migration and the first-order Doppler migration over the entire integration
time. The integration time in effect is limited. By contrast, the high-order migrations are
considered and can be corrected via the proposed method. Thus, if the integration time
is further lengthened, the superiority of the proposed method can be more remarkable.
The proposed method is more meaningful for the condition where a vessel target with a
small RCS or a large distance is intended to be detected. However, the improved detection
performance of the proposed method is realized at the expense of a heavy computational
burden. Therefore, the real-time processing of the BeiDou-based passive via the proposed
method can be hardly achieved.

In addition, this paper only focuses on the bistatic geometry of the BeiDou-based
passive radar, where only a satellite is considered as the transmitter of opportunity. Since
any point on the Earth is assured to be simultaneously illustrated by multiple BeiDou
satellites from different angles, the BeiDou-based passive radar is inherently a multistatic
system. The multistatic geometry can be utilized to obtain more target information (such as
its position, velocity, etc.). In addition, the combination of the multistatic echoes conduces
to improve the vessel target detection performance. This will be the subject of the future
investigations.

6. Conclusions

The paper proposes a vessel target detection method for BeiDou-based passive radar.
The extremely low power density reaching the Earth from the BeiDou satellite makes
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the long-time integration of target echo essential. To cope with the range walk caused
by target motion, the keystone transform is applied. Then, to integrate the signal along
the azimuth direction, the residual range curvature, intricate Doppler migration, and
noncoherent characteristic need to be properly handled. The noncoherence issue is solved
by the hybrid integration strategy, while the migrations are corrected via the PSO-based
long-time integration with multiple DC and DFR values as the decision variables. With the
optimized DFR values, the Doppler migration inside frame is corrected and the coherent
integration of each frame is effectively achieved in RD domain. The range curvature can be
simultaneously removed in the step. With the optimized DC shifts, the Doppler migrations
between frames are compensated, implementing the alignment of multiple frames. The
noncoherent summation of compensated RD maps provides a higher SNR and allows an
effective target detection performance. Simulated and experimental results demonstrate
the capability of the proposed method.

Author Contributions: Conceptualization, C.H. and Z.L.; methodology, C.H. and Z.L.; writing—
original draft preparation, M.L.; writing—review and editing, H.A.; funding acquisition, Z.L. and
J.W.; project administration, J.Y.; data curation, W.H. and X.Q. All authors have read and agreed to
the published version of the manuscript.

Funding: This research was funded by the National Natural Science Foundation of China, grant
number 61901088, 61922023, 61771113, 61801099, and 62171084; the Postdoctoral Innovation Talent
Support Program, grant number BX2021058.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Griffiths, H.D.; Baker, C.J. Passive coherent location radar systems. Part 1: Performance prediction. IEE Proc. Radar Son. Nav.
2005, 152, 153-159. [CrossRef]

2. Li, Z,; Li, S.; Liu, Z.; Yang, H.; W, ].; Yang, J. Bistatic Forward-Looking SAR MP-DPCA Method for SpaceTime Extension Clutter
Suppression. IEEE Trans. Geosci. Remote Sens. 2020, 58, 6565-6579. [CrossRef]

3. Kuschel, H. Approaching 80 years of passive radar. In Proceedings of the International Conference on Radar, Adelaide, Australia,
9-12 September 2013.

4. Zaimbashi, A.; Derakhtian, M.; Sheikhi, A. Invariant Target Detection in Multiband FM-Based Passive Bistatic Radar. IEEE Trans.
Aerosp. Electron. Syst. 2014, 50, 720-736. [CrossRef]

5. Choi, S.; Crouse, D.; Willett, P.; Zhou, S. Multistatic target tracking for passive radar in a DAB/DVB network: Initiation. IEEE
Trans. Aerosp. Electron. Syst. 2015, 51, 2460-2469. [CrossRef]

6.  Feng, W.,; Friedt, ].; Goavec-Merou, G.; Sato, M. Passive radar delay and angle of arrival measurements of multiple acoustic delay
lines used as passive sensors. IEEE Sens. J. 2019, 19, 594—602. [CrossRef]

7.  Gao, F; Xu, T.; Meng, X.; Wang, N.; He, Y.; Ning, B. A Coastal Experiment for GNSS-R Code-Level Altimetry Using BDS-3 New
Civil Signals. Remote Sens. 2021, 13, 1378. [CrossRef]

8.  Hammond, M.L,; Foti, G.; Rawlinson, J.; Gommenginger, C.; Srokosz, M.; King, L.; Unwin, M.; Rosello, J. First Assessment of
Geophysical Sensitivities from Spaceborne Galileo and BeiDou GNSS-Reflectometry Data Collected by the UK TechDemoSat-1
Mission. Remote Sens. 2020, 12, 2927. [CrossRef]

9.  Zheng, Y,; Yang, Y.; Chen, W. Analysis of radar sensing coverage of a passive GNSS-based SAR system. In Proceedings of the
International Conference on Localization and GNSS, Nottingham, UK, 27-29 June 2017.

10. Hu, C;; Liu, C.,; Wang, R.; Chen, L.; Wang, L. Detection and SISAR Imaging of Aircrafts Using GNSS Forward Scatter Radar:
Signal Modeling and Experimental Validation. IEEE Trans. Aerosp. Electron. Syst. 2017, 53, 2077-2093. [CrossRef]

11.  diSimone, A ; Park, H.; Riccio, D.; Camps, A. Sea Target Detection Using Spaceborne GNSS-R Delay-Doppler Maps: Theory and
Experimental Proof of Concept Using TDS-1 Data. IEEE |. STARS 2017, 10, 4237—-4255. [CrossRef]

12. He, X,; Zeng, T.; Cherniakov, M. Signal detectability in SS-BSAR with GNSS non-cooperative transmitter. IEE Proc. Radar Son.
Nav. 2005, 152, 124-132. [CrossRef]

13. Pieralice, F; Santi, F; Pastina, D.; Bucciarelli, M.; Ma, H.; Antoniou, M.; Cherniakov, M. GNSS-based passive radar for
maritime surveillance: Long integration time MTI technique. In Proceedings of the IEEE Radar Conference, Seattle, WA,
USA, 8-12 May 2017.

14. Pastina, D.; Santi, F,; Pieralice, F.; Antoniou, M.; Cherniakov, M. Passive Radar Imaging of Ship Targets with GNSS Signals of
Opportunity. IEEE Trans. Geosci. Remote Sens. 2021, 59, 2627-2642. [CrossRef]

15. Li, S;; Zhang, Z.; Li, B.; Li, C. Multiscale Rotated Bounding Box-Based Deep Learning Method for Detecting Ship Targets in

Remote Sensing Images. Sensors 2018, 18, 8. [CrossRef] [PubMed]


http://doi.org/10.1049/ip-rsn:20045082
http://doi.org/10.1109/TGRS.2020.2977982
http://doi.org/10.1109/TAES.2013.120248
http://doi.org/10.1109/TAES.2015.130270
http://doi.org/10.1109/JSEN.2018.2872867
http://doi.org/10.3390/rs13071378
http://doi.org/10.3390/rs12182927
http://doi.org/10.1109/TAES.2017.2683578
http://doi.org/10.1109/JSTARS.2017.2705350
http://doi.org/10.1049/ip-rsn:20045042
http://doi.org/10.1109/TGRS.2020.3005306
http://doi.org/10.3390/s18010008
http://www.ncbi.nlm.nih.gov/pubmed/29267252

Remote Sens. 2021, 13, 3933 17 of 17

16.

17.

18.

19.

20.

21.

22.

23.

24.
25.

26.

Zhang, S.; Wu, R.; Xu, K.; Wang, J.; Sun, W. R-CNN-Based Ship Detection from High Resolution Remote Sensing Imagery. Remote
Sens. 2019, 11, 631. [CrossRef]

Chang, Y.; Anagaw, A.; Chang, L.; Wang, Y.; Hsiao, C.; Lee, W. Ship Detection Based on YOLOvV2 for SAR Imagery. Remote Sens.
2019, 11, 786. [CrossRef]

Rostami, M.; Kolouri, S.; Eaton, E. SAR Image Classification Using Few-Shot Cross-Domain Transfer Learning. In Proceedings of
the IEEE/CVF Conference on Computer Vision and Pattern Recognition Workshops, Long Beach, CA, USA, 16-17 June 2019.
Xue, Y.; Sun, H.; Fu, K;; Yang, J.; Sun, X.; Yan, M.; Guo, Z. Automatic Ship Detection in Remote Sensing Images from Google Earth
of Complex Scenes Based on Multiscale Rotation Dense Feature Pyramid Networks. Remote Sens. 2018, 10, 132.

Li, Z.; Santi, F; Pastina, D.; Lombardo, P. Multi-frame fractional Fourier transform technique for moving target detection with
space-based passive radar. IEE Proc. Radar Son. Nav. 2017, 11, 822-828. [CrossRef]

Ma, H.; Antoniou, M.; Pastina, D.; Santi, F.; Pieralice, F.; Bucciarelli, M.; Cherniakov, M. Maritime moving target indication using
passive GNSS-based bistatic radar. Trans. Aerosp. Electron. Syst. 2018, 54, 115-130. [CrossRef]

Pastina, D.; Santi, F.; Pieralice, F.; Bucciarelli, M.; Ma, H.; Tzagkas, D.; Antoniou, M.; Cherniakov, M. Moving vessel target long
time integration for GNSS-based passive bistatic radar. IEEE Trans. Aerosp. Electron. Syst. 2018, 54, 3060-3083. [CrossRef]
Zhang, Y.,; Tian, L.; Meng, W.; Gu, Q.; Han, Y.; Hong, Z. Feasibility of code-level altimetry using coastal BeiDou reflection
(BeiDou-R) setups. IEEE ]. STARS 2015, 8, 4130—-4140. [CrossRef]

Potter, L.C.; Moses, R.L. Attributed scattering centers for SAR ATR. IEEE Trans. Image Process. 1997, 6, 79-91. [CrossRef]

Key, E.L.; Fowle, E.N.; Haggarty, R.D. A method of designing signals of large time-bandwidth product. IRE Int. Conv. Rec. 1961,
4,146-154.

Hu, W.; Yen, G.G. Adaptive Multiobjective Particle Swarm Optimization Based on Parallel Cell Coordinate System. IEEE Trans.
Evol. Comput. 2015, 19, 1-18.


http://doi.org/10.3390/rs11060631
http://doi.org/10.3390/rs11070786
http://doi.org/10.1049/iet-rsn.2016.0432
http://doi.org/10.1109/TAES.2017.2739900
http://doi.org/10.1109/TAES.2018.2840298
http://doi.org/10.1109/JSTARS.2015.2446684
http://doi.org/10.1109/83.552098

	Introduction 
	Echo Model and Characteristic Analysis 
	Long-Time Optimized Integration for Vessel Target Detection 
	Results 
	Simulated Results 
	Experimental Results 

	Discussion 
	Conclusions 
	References

