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Abstract: GPS data during Typhoon Lekima at 700 stations in China were processed by the Precise
Point Positioning (PPP) method. A refined regional Tm model was used to derive the precipitable
water vapor (PWV) at these GPS stations. Spatio-temporal variations of PWV with the typhoon
process were analyzed. As the typhoon approached, PWV at stations near the typhoon center
increased sharply from about 50 mm to nearly 80 mm and then dropped back to about 40–50 mm as
the typhoon left. Comparisons of GPS, radiosonde, the Global Data Assimilation System (GDAS)
Global Forecast System (GFS) analysis products and ERA5 reanalysis products at four matched
GPS-RS stations show overall overestimations of PWV from radiosonde, GFS and ERA5 compared
with GPS in a statistical perspective. An empirical orthogonal functions (EOF) analysis of the PWV
during the typhoon event revealed some different patterns of variability, with both the first EOF
(~36.1% of variance) and second EOF (~30.3% of variance) showing distinctively large anomalies
over the typhoon landing locations. The typhoon caused a large horizontal tropospheric gradient
(HTG) with the magnitude reaching 5 mm and the direction pointing to the typhoon center when
it made a landfall on mainland China. The magnitude and the consistency of the HTG direction
decreased overall as the typhoon weakened.

Keywords: GPS; PWV; HTG; spatio-temporal variations; Typhoon Lekima

1. Introduction

The typhoon is a mature tropical cyclone that develops at the Northwestern Pacific
Basin, generally accompanied by heavy rain and strong winds. Information about atmo-
spheric water vapor is of particular importance to the study of the typhoon as it is the main
source of precipitation, and it plays a crucial role in the energy system of typhoon dynam-
ics [1]. For example, one could expect very strong vertical water vapor gradients with wet
layers related to updrafts near the center of the typhoon, and dry areas related to down-
drafts and stratosphere–troposphere exchanges [2,3]. The radiosonde is one of the most
commonly used tools for measuring atmospheric water vapor. However, the radiosonde
instruments are generally operated twice daily at most stations, resulting in a relatively
low time resolution of water vapor measurements, which hampers its applications in the
studies of extreme weather events such as storms and typhoons. The satellite-based (near)
infrared radiometers, however, are affected by the cloudy weather conditions which are
extremely common during a typhoon event. The satellite-based microwave radiometer
can provide reliable water vapor information over the ocean, but the accuracy is relatively
lower for over the land due to the complex emissivity. Recent studies show that a mi-
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crowave radiometer over land determines precipitable water vapor (PWV) with accuracy
of about 4.94 mm when comparing with Atmospheric Infrared Sounder (AIRS) [4].

The ground-based Global Positioning System (GPS), or Global Navigation Satellite
System (GNSS), has the advantages of high-accuracy, low-cost, high temporal resolution
and can work during all weather conditions compared with other water vapor measuring
tools [5]. The ground-based GNSS has been taken as the first priority observation by WMO
(World Meteorological Organization) GRUAN (GCOS Reference Upper-Air Network)
for measuring total column water vapor [6]. It has also been widely used as reference
in evaluations of other water vapor measuring tools and numerical weather prediction
(NWP) models [7–10]. Due to the rapid development of GNSS systems and their successful
applications in diverse fields, the ground permanent GNSS networks have dramatically
expanded in recent years, which enables us to study the spatio-temporal variations of
atmospheric water vapor with high resolution during extreme weather events.

The ground-based GPS was firstly used to study the severe weather conditions during
a tornado event in a GPS/STORM experiment by [11]. PWV based on the radiosonde and
GPS were compared during some typhoon events, and good agreements were generally
found [12,13]. GPS PWV variations showed significant correlations with precipitations,
indicating the potential of utilizing GPS PWV variations for monitoring and predicting
the characteristic aspects of typhoons [14–16]. Some methods have also been proposed
recently for short-term forecasting of rainstorm or typhoon events based on GPS PWV
temporal changes [17,18]. Ref. [19] used GPS PWV as inputs for spaghetti line plots for
path prediction of two hurricanes (Harvey and Irma), and reported that GPS can serve as
an additional resource for improving the monitoring of hurricane paths. Ref. [20] even
used GPS network to remotely track the spatial extent and daily evolution of terrestrial
water storage caused by Hurricane Harvey.

PWV is the integral of water vapor content above the station in a unit column. Besides
the PWV, the horizontal tropospheric gradient (HTG), which reflects the asymmetry char-
acteristic of the troposphere, can also be derived from GPS data processing [21]. The severe
weather conditions are generally accompanied by strong spatial variations of water vapor
in the troposphere, which may result in large tropospheric gradients in the horizontal
component. However, there are few studies focusing on the relationship between the HTG
and severe weather events such as the typhoon. Ref. [22] studied the effect that Hurricane
Harvey had on the spatial and temporal behavior of the zenith tropospheric delay (ZTD)
and gradients based on 11 GPS stations, and demonstrated that the tropospheric gradients
can show a consistent signature under severe weather events. More investigations using
denser stations on more events are required to further explore the potential of HTG in
severe weather research.

Typhoon Lekima, the ninth named storm of the 2019 Pacific typhoon season, was the
costliest typhoon in Chinese history. Originating from a tropical depression that formed
east of the Philippines on 30 July, Lekima gradually organized, and intensified under
favorable environmental conditions and peaked as a Category 4 super typhoon. It made
landfall in the Zhejiang province of China on 9 August as a Category 2 typhoon and
made a second landfall in the Shandong province of China on 11 August. The track of
the typhoon center is presented in Figure 1b (track data were downloaded from https://
www.wunderground.com/hurricane/western-pacific/2019/typhoon-Lekima) (accessed
on 6 November 2019). Lekima brought heavy rain to the country and caused catastrophic
damage in mainland China, with a death toll of 56 people and more than USD 9.26 billion
in damages.

https://www.wunderground.com/hurricane/western-pacific/2019/typhoon-Lekima
https://www.wunderground.com/hurricane/western-pacific/2019/typhoon-Lekima
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Figure 1. (a) Geographic distribution of GPS stations; (b) four matched GPS-RS stations (red triangles) and the path of
Typhoon Lekima’s center (with interval of 6 h). The color of typhoon center denotes the maximum wind speed in km/h.
The locations of typhoon center at 9 August 18:00 UTC and 11 August 00:00 UTC are labeled.

In this paper, the PWV and HTG derived from a national GPS network in China
consisting of nearly 700 permanent GPS stations will be used to study the spatial and
temporal variations of the troposphere during Typhoon Lekima. As a comparison, the ra-
diosonde data, Global Data Assimilation System (GDAS) Global Forecast System (GFS)
analysis fields and ERA5 reanalysis from the European Centre for Medium-Range Weather
Forecasts (ECMWF) will also be analyzed. The data and methodology used in this study
will be described in Section 2. Spatio-temporal variations of PWV and HTG as well as
comparisons of different tools will be discussed in Sections 3 and 4, respectively, followed
by the conclusions in Section 5.

2. Data and Methods

In this section, the data including GPS, radiosonde, GFS analysis and ERA5 reanalysis
product will be introduced. The method for calculating PWV and HTG from these data as
well as for the Empirical Orthogonal Functions (EOF) analysis will also be described.

2.1. GPS Data

GPS data at about 700 GPS stations provided by the China Meteorological Administra-
tion GNSS network (CMAGN) were processed by the PPP method [23] in a daily manner
using the PANDA software package [24]. The data cover the period from 7 August to
13 August 2019, with a time interval of 30 s, and the CMAGN network has a good coverage
over the east of China, as shown in Figure 1. The final GPS satellite orbit and clock products
released by IGS were used and fixed in the PPP processing. The absolute antenna phase
center correction model [25], phase wind-up corrections [26] and relativity corrections
were applied. Station coordinates estimated from PPP weekly solutions were fixed. The a
priori ZTD and mapping functions from GPT2 [27] were used, and the estimated ZTD
corrections were then estimated as a piecewise constant every 5 min with a power density
of 20 mm h−1/2. HTG in the north–south (GNS) and west–east (GWE) components were
estimated every 1 h with a power density of 5 mm h−1/2. Cutoff elevation angles of
satellites were set to be 7◦ and an elevation-dependent weighting strategy was applied to
measurements at low elevations (below 30◦) [28].
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Air pressures measured by meteorological sensors equipped at GPS stations were
used to calculate the zenith hydrostatic delay (ZHD) based on the Saastamoinen model [29].
The wet part of ZTD, namely the ZWD, was then split from ZTD by subtracting ZHD.
The regional high-accuracy weighted mean temperature (Tm) model, WHU_CPT model,
developed by Zhang et al. (2019), was used to estimate Tm based on the air temperature at
the GPS station. The WHU_CPT model provides Tm with an average accuracy of ~2.97 K
over China, compared with ~4.45 K in the Bevis model [5,30]. The PWV can be finally
retrieved from the ZWD, with its accuracy generally better than 1.5 mm [31,32]. Besides
the 5 min interval PWV, the HTG in the NS and WE component with a time interval of 1 h
will also be used in the following analyses.

2.2. GFS Analysis Data

The NCEP’s GFS is the cornerstone of NCEP’s operational production suite of numeri-
cal guidance. The Global Data Assimilation System (GDAS) uses maximum amounts of
satellite and conventional observations from global sources and generates initial conditions
for the global forecasts. The global data assimilation and forecasts are made four times
daily at 0000, 0600, 1200 and 1800 UTC.

The 6-hourly NCEP analysis grid products with horizontal resolution of 0.25◦ at
34 pressure levels from 0.4 to 1000 hPa covering the same period as GPS data were used to
estimate PWV at GPS stations. Fields (air pressure, geopotential height, air temperature and
relative humidity) at the four grids nearest the GPS station are horizontally interpolated to
the GPS antenna location. The GFS PWV can be calculated by integrating specific humidity
from the GPS antenna level to the top level, following

PWV =
1

ρw

∫ q
g

dP (1)

where ρw is the liquid water density (1000 kg·m−3) and g is the gravitational acceleration
in kg·m−2. q denotes the specific humidity in kg·kg−1, and p is the air pressure in hPa.
The height difference between GPS antenna and analysis grids was compensated by the
method described by [9]. According to the investigation by [8], the accuracy of PWV
estimated from NCEP NWP generally ranges from 1 to 5 mm globally.

2.3. ERA5 Reanalysis Data

ERA5, a successor of ERA-Interim, is the fifth generation of reanalysis from ECMWF.
The most substantial upgrades relative to ERA-Interim are the finer spatial grid (79 km to
31 km), the higher temporal resolution (3- and 6-hourly mixed to hourly), the more vertical
levels (60 to 137), a new NWP model and the increase in the amount of data assimilated [33].
The dataset will eventually cover from 1950 to near real time. As the first global hourly
reanalysis, ERA5 is highly promising in supporting hourly PWV retrieval [34].

The hourly ERA5 air pressure, geopotential height, air temperature and relative
humidity with horizontal resolution of 0.25◦ at 37 pressure levels from 0.1 to 1000 hPa
covering the period from 7 August to 13 August 2019 were used to calculate PWV at
GPS stations following the same method as described in Section 2.2. According to [35],
the average RMS of ERA5-derived PWV error is about 1.73 mm over China.

2.4. Radiosonde Data

Radiosonde data provided by the Integrated Global Radiosonde Archive (IGRA) were
used in this study. Radiosonde temperature and humidity profiles requires at least 300
hPa for the top level and data are mandatory at the surface level. Temperature or humidity
profiles with gaps larger than 200 hPa between two consecutive recordings were excluded.
The radiosonde PWV generally has an accuracy ranging from 1 to 3 mm according to [31].

In order to make comparisons between the radiosonde and GPS, horizontal separation
between these two kinds of stations is limited to be less than 50 km and the elevation
difference is required to be less than 200 m. We should still be aware that systematic errors
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may be introduced in spite of the small separation if the GPS and radiosonde stations
have quite different humidity structures, especially during a typhoon event. In addition,
the strong horizontal wind caused by the typhoon can push the radiosonde balloon laterally
over very large distances. The PWV computed from the radiosonde data will therefore
be contaminated by this drift compared with a quasi-vertical ascent in a normal situation.
If more than one GPS station are matched with a radiosonde station, only the one with
smallest horizontal separation will be selected. There are four match pairs located in the
vicinity of typhoon paths as shown in Figure 1b. All the four stations are equipped with
radiosonde of type GTS1 (also named Shang-E in some publications) manufactured by
Shanghai Changwang Meteorological Instrument Plant. PWVs were then estimated from
the radiosonde data and were adjusted to the GPS antenna height following method
described in [32].

2.5. EOF Analysis Method

EOF analysis decomposes the coherent spatio-temporal field into individual spatial
and temporal modes in order to better understand the underlying process, which is widely
used in meteorological and climatological studies [36]. Suppose that the data points at each
grid can be arranged into a spatio-temporal field matrix A(m×n)(t, x) as

A(m×n)(t, x) =

 a11 · · · a1n
...

. . .
...

am1 · · · amn

 (2)

where m and n are the numbers of grids and time epochs, respectively. An eigenvalue
problem Ax = λx then can be formulated for the EOF implementation. The eigenvalue
decomposition of the covariance matrix C of A(m×n)(t, x) can be used to solve this problem.
The covariance matrix C is a symmetric matrix defined as

C =
1
N

AA∗T or 〈Ai, Aj〉 (3)

where the element of the covariance matrix C, namely, sij, which denotes the covariance
between the data points of any pair of grid points (si, sj) for i = 1, 2, · · · , m, and j =
1, 2, · · · , n, can be written as

sij =
1
N

K

∑
k=1

A(tk, xi)A∗
(
tk, xj

)
(4)

The covariance matrix C can be decomposed as C = VΛVT by using the singular
value decomposition (SVD) method. The matrix VT comprises the orthogonal eigenvectors
(EOFs) of C which represent the spatial patterns, and the diagonal matrix Λ contains the
eigenvalues of C. The multiplications of V and Λ, denoted as U = VΛ, are the projec-
tion of sampled data onto eigenvectors which represents the principal components (PCs)
associated with the EOFs.

3. PWV Variation Analyses
3.1. PWV Temporal Variations

PWV comparisons of GPS, ERA5 reanalysis, GFS analysis and radiosonde during
Typhoon Lekima at four GPS-RS match stations are presented in Figure 2. GPS PWV has not
been assimilated in both ERA5 and GFS. Therefore, taking GPS as independent reference,
mean (Ave.), standard deviation (STD) and root mean square (RMS) for ERA5, GFS and
radiosonde PWV differences are summarized in Table 1. GPS PWV time series at all stations
experience a significant increment from about 50 mm to 80 mm as the typhoon approaches.
The duration of high PWV at SHPD station is about two days, which is longer than the
other three stations due to the location of SHPD (in the coast region close to the landing
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location of Lekima as shown in Figure 1b). The maximum PWV at MASM station is the
smallest (<80 mm) as it is not along the track of the typhoon. The four matched stations are
ordered in station latitude from Figure 2a–d, where we can easily find a shift in the time
of the PWV increment from the south to the north. As the Lekima leaves, the PWV drops
continuously down to the level before the typhoon approaching.

Figure 2. PWV comparisons of GPS (red dots), ERA5 reanalysis (blue dots), GFS analysis (brown triangles) and radiosonde
(RS) (green circles) at four match stations: (a) SDJZ, (b) JSSG, (c) MASM and (d) SHPD.

Table 1. Comparisons of PWV differences (in mm) for ERA5 reanalysis, GFS analysis and radiosonde
with GPS.

Station Latitude ERA5 GFS Radiosonde
Ave. STD RMS Ave. STD RMS Ave. STD RMS

SHPD-58362 31.22◦ N 1.3 2.1 2.4 3.1 2.4 3.8 1.0 3.7 3.7

MASM-58238 31.71◦ N 1.1 1.7 1.9 2.9 1.0 3.0 1.2 4.8 4.9

JSSG-58150 33.77◦ N 4.1 3.6 5.3 4.5 1.8 4.8 6.7 5.1 8.3

SDJZ-54857 36.22◦ N 1.4 2.6 2.8 2.2 1.8 2.8 1.5 3.4 3.5

Compared with GPS, ERA5, GFS and RS overestimate the PWV at the four matched
stations in statistical perspective, with the mean value of PWV difference of 1.3, 1.1, 4.1 and
1.4 for ERA5, 3.1, 2.9, 4.5, 2.2 mm for GFS, and 1.0, 1.2, 6.7 and 1.5 mm for radiosonde,
respectively. In general, the ERA5 agrees with GPS best, with RMS of 2.4, 1.9, 5.3 and 2.8 mm
at these 4 stations, compared with 3.8, 3.0, 4.8 and 2.8 mm for GFS, and 3.7, 4.9, 8.3 and
3.5 mm for radiosonde, respectively. Due to the low temporal resolution, many temporal
variation details are absent in radiosonde PWV time series as can be seen from Figure 2.
The hourly ERA5 PWV can generally capture the temporal PWV variations during the
whole period, but there is still underestimation of PWV increment as the typhoon passes
station JSSG.
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3.2. PWV Spatial Variations

The spatial distribution of GPS and GFS PWV at different time epochs with a time
interval of 6 h from 18:00 UTC on 9 August to 12:00 UTC on 11 August is presented in
Figures 3 and 4. We can find that PWV at stations in the east part is significantly larger than
PWV at stations in the northwest part (below 40 mm). GPS PWV shows strong correlation
with the typhoon process since the typhoon brings abundant water vapor from the ocean.
The large PWV area moves with the typhoon but with the maximum values decreasing
as part of the water vapor turns into precipitation. Compared with GPS PWV, we can
also find the overall overestimation of PWV in ERA5 and GFS in the region influenced
by the typhoon from Figures 3 and 4. One of the possible reasons may be that water
vapor information over land in ERA5 and GFS pressure-level products is mainly from the
radiosonde data by assimilation where the radiosonde PWV is generally larger than GPS
PWV, as shown in Figure 2. ERA5 agrees better with GPS than GFS in general. For example,
the obvious underestimation of PWV between 35–40◦ N in GFS in Figure 3j does not exist
in ERA5 in Figure 3f.

Figure 3. (a–d) PWV spatial distribution at UTC time 9 August 18:00, 10 August 00:00, 10 August 06:00 and 10 August 12:00,
respectively; (e–h) PWV difference (ERA5 minus GPS) at the four epochs; (i–l) PWV difference (GFS minus GPS) at the
four epochs.
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Figure 4. (a–d) PWV spatial distribution at UTC time 10 August 18:00, 11 August 00:00, 11 August 06:00 and 11 August
12:00, respectively; (e–h) PWV difference (ERA5 minus GPS) at the four epochs; (i–l) PWV difference (GFS minus GPS) at
the four epochs.

3.3. PWV EOF Analysis

PWV values at all GNSS stations at each epoch were spatially interpolated to grid
points with a spatial resolution of 0.5× 0.5◦ by bilinear interpolation method. An EOF
analysis of the gridded PWV was then performed to study the leading modes of variability.
Figure 5 presents the two leading EOFs along with the corresponding principal components
(PCs), as shown in Figure 6. The two leading EOFs explain about 36.1 and 30.2% of the
total variance, respectively, accounting for about 66.3% in total. The first EOF clearly
shows distinctive large anomalies centered over the first typhoon landing location, and
the corresponding PC depicts the main feature of the PWV variations similar to PWV time
series at the station SHPD (near the first landing location) in Figure 2a where the PWV
variations are dominated by the water vapor brought by the typhoon. The second EOF
represents a dipole mode between the east and west part of the study region. The positive
anomalies over the northeast are also contributed by the abundant water vapor carried by
the typhoon when it made the second landfall on 11 August (DOY 223). We can also easily
find the time lag of the peak values between the PC2 with PC1 due to the movement of
typhoon, as shown in Figure 6. However, it is worthy to note that the EOF analysis in this
work is only based on GPS PWV over land during the typhoon event. For more complete
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information for the entire typhoon path, especially over ocean, we can combine GPS PWV
with microwave or ERA5 PWV, which is, however, out of the scope of this work.

Figure 5. Two leading EOFs of the PWV anomalies.

Figure 6. Two leading PC time series of the PWV anomalies.

4. HTG Results

The spatial distributions of HTG at GPS stations at different time epochs with a time
interval of 6 h from 18:00 UTC, 9 August to 12:00 UTC, 11 August are presented in Figure 7.
Colors of the arrow heads denote the magnitude of HTG (MHTG) estimated following

MHTG =
√

G2
NS + G2

WE (5)

and the azimuth of HTG, θ, is determined by

θ= atan(
GNS
GWE

) (6)

Stations with MHTG smaller than 3 mm are not shown in Figure 5 for the purpose
of clarity. Most HTG arrows consistently point to the typhoon center with a magnitude
larger than 5 mm as shown in Figure 5a when the Lekima made the first landfall on
the mainland China, indicating a significant horizontal asymmetry in the troposphere.
The anomalous HTG during typhoon is contributed by both the hydrostatic gradient
and water vapor-related wet gradient. Ref. [22] explained that the cyclone can induce
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significant air pressure gradients, and large tropospheric gradients appear perpendicular
to the isobars, i.e., pointing to the cyclone center. On the other hand, the large amount of
water vapor brought by the typhoon also cause an obvious tropospheric gradient in the
wet component, which can also be found from the PWV spatio-temporal variation analysis
in Section 3. With the moving of the typhoon, the direction of HTG also changes, still with
arrows generally pointing to the center of the typhoon as shown from Figure 7b–h, but the
consistency among HTG at stations weakens compared with Figure 7a.

Figure 7. Spatial distribution of HTG (color arrows) at UTC time (a) 09 August 18:00, (b) 10 August 00:00, (c) 10 August
06:00, (d) 10 August 12:00, (e) 10 August 18:00, (f) 11 August 00:00, (g) 11 August 06:00, and (h) 11 August 12:00. The center
of Typhoon Lekima is marked (red symbol) in each panel.

We also calculated the azimuth difference at each station between the horizontal gra-
dient vector and the direction pointing from the station to the typhoon center. The distribu-
tion of the azimuth difference with the epicentral distance are presented in Figures 8 and 9
where the magnitude of the HTG is distinguished by the maker size and maker color in
the scatter graphs. We can find that the probability for azimuth difference smaller than
30◦ in Figure 9 is generally lower than probability in Figure 8, indicating that the HTG
convergence phenomenon gradually weakened as the typhoon moved northward. At the
early stage when the typhoon made a landfall, e.g., 18:00 UTC on 9 August, with maximum
wind speed of 160.9 km/h, the probability of azimuth difference smaller than 30◦ can
reach nearly 50%, as shown in Figure 8e. Moreover, most of stations with small angular
difference are distributed around the typhoon center with distance of about 400–600 km,
as shown in both Figures 7a and 8a. Large horizontal gradient is likely to occur at regions
close to the edge of the typhoon. As the typhoon weakens, this special distribution is
not obvious. Therefore, the distribution of the HTG direction can represent the passage
and development of the typhoon at the early stages, and may be useful for studying and
detecting the typhoon.
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Figure 8. (a–d) Scatter of azimuth differences with distance between station and typhoon eye at UTC time 9 August 18:00,
10 August 00:00, 10 August 06:00 and 10 August 12:00, respectively; (e–h) probability histogram of azimuth differences at
the four corresponding time epochs.

Figure 9. (a–d) Scatter of azimuth differences with distance between station and typhoon eye at UTC time 10 August 18:00,
11 August 00:00, 11 August 06:00 and 11 August 12:00, respectively; (e–h) probability histogram of azimuth differences at
the four corresponding time epochs.
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5. Conclusions

GPS has advantages of high accuracy, high resolutions, low cost and all weather
conditions. Due to the increase in the number of permanent GPS stations in operation,
GPS can be served as a good tool for monitoring the atmospheric water vapor content,
especially for some severe weather events such as storms and typhoons. Besides the
integrated PWV or ZTD, the horizontal tropospheric gradients can also be derived from
GPS data processing, which provides valuable information for the study of extreme weather
events. However, few studies have been carried out based on large amount of GPS stations
to explore the relationship of both ZTD and HTG with typhoon events.

In this work, a dense GPS network over China was used to study the spatio-temporal
variations of PWV and HTG during the Typhoon Lekima event. Data from near 700 stations
were processed by the PPP method based on the PANDA software package to derive ZTD
and HTG with time intervals of 5 min and 1 h, respectively. A refined regional Tm model
(WHU_CPT) was used to estimate Tm based on GPS station meteorological measurements,
and PWV products were then retrieved.

Spatio-temporal variations of PWV with the typhoon process were carefully analyzed.
As the typhoon approached, PWV at stations near the typhoon center increased sharply
from about 50 mm to nearly 80 mm and maintained high value for one to two days, and then
dropped back to 40–50 mm after Lekima left. Comparisons of GPS, radiosonde, the GFS
analysis and ERA5 reanalysis products at four matched GPS-RS stations showed overall
overestimations of PWV in radiosonde, GFS and ERA5 compared with GPS in statistical
perspective, with an average bias of 2.6, 3.2 and 2.0 mm, and RMS of 5.1 and 3.6 and 3.1 mm,
respectively. The hourly ERA5 PWV can generally capture the PWV temporal variations
during the typhoon though underestimation of amplitude was found at one station, while
temporal variation details were obviously absent in the radiosonde 12-hourly PWV time
series. An EOF analysis of the PWV during the typhoon event revealed some different
patterns of variability, with the first EOF (~36.1% of variance) showing distinctively large
anomalies over the typhoon first landing location. The second EOF (~30.3% of variance)
represented a dipole mode between the west and east part of the study region, with large
anomalies over the second landing location.

Large HTGs were found at stations at the edge of the typhoon, with magnitude reach-
ing nearly 5 mm. The arrows representing the direction of the HTG consistently point to the
typhoon center when Lekima made its first landfall on mainland China, with probability
of angular difference within 30◦ larger than 50%. As Lekima moved from the south to
the north, the consistency among arrow direction weakened, with magnitude decreasing.
The characteristics of GPS PWV and HTG variations with the typhoon process indicate
that the dense ground-based GPS networks could be valuable in the study, monitoring and
prediction of typhoon events.
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