
Academic Editor: Gregor Wolbring

Received: 25 June 2026

Revised: 22 July 2026

Accepted: 30 July 2026

Published: 4 August 2026

Copyright: © 2026 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license.

Article

Comparative Analysis of Social Reintegration and Criminal
Recidivism in the Spanish Civilian and Military Prison Systems:
A Quantitative Study with Sensitivity Analysis
Luis Miguel Ortiz Solla 1 , Raquel Lozano Blasco 2,* and José Luis Roca González 3

1 International Doctoral School (EINDOC), Technical University of Cartagena, 30202 Cartagena, Spain;
luisortiz32004@hotmail.com

2 Department of Psychology and Sociology, Faculty of Education, University of Zaragoza,
50009 Zaragoza, Spain

3 Department of Engineering and Applied Techniques, University Centre of Defence at the Spanish Air Force
Academy, 30720 San Javier, Spain; jluis.roca@cud.upct.es

* Correspondence: rlozano@posta.unizar.es

Abstract

This study comparatively analyzes the effectiveness of social reintegration in the Spanish
civilian and military prison systems, using re-imprisonment recidivism as an inverse proxy
indicator. Official administrative data for the 2009–2019 period were analyzed for the civil-
ian system (n = 19,909) and the military system (n = 644), the latter comprising 539 released
individuals with complete outcome data and 105 transferred to the civilian system whose
post-release outcomes were unavailable. To address this missing information, a sensitivity
analysis was implemented under three transparent, a priori scenarios (conservative, inter-
mediate, and optimal). The civilian reintegration rate was 80.02%, whereas the military rate
ranged from 95.19% to 98.14% across scenarios. The military advantage was substantial
and consistent (absolute risk difference +15.17 to +18.13 percentage points; all p < 0.001;
large effect sizes). However, the two populations differ markedly in prior criminal history,
offense type, and risk/protective factor profiles; the observed gap therefore reflects the
combined effect of population selection and institutional factors and should be interpreted
as descriptive rather than causal. These findings establish a robust empirical phenomenon
and generate testable hypotheses for future comparative and quasi-experimental research
on penitentiary effectiveness.

Keywords: reintegration; recidivism; military prison system; civilian prison system;
sensitivity analysis

1. Introduction
Social reintegration after imprisonment is one of the central challenges facing contem-

porary criminal justice systems. In Spain, Article 25.2 of the 1978 Constitution establishes
that custodial sentences must be oriented toward the re-education and social reintegra-
tion of convicted persons [1]. Yet the empirical evidence on whether existing prison
systems achieve this objective is heterogeneous, context-dependent, and methodologically
contested [2–4]. Understanding which institutional characteristics promote successful
reintegration and for which populations is therefore a problem of direct policy relevance.

The core problem addressed by this study is the following: Spain operates two legally
distinct prison systems, the civilian system managed by the General Secretariat of Pen-
itentiary Institutions (Secretaría General de Instituciones Penitenciarias, SGIP), housing
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approximately 58,000 inmates across 68 facilities, and the military system embodied in
the Military Penitentiary Establishment (Establecimiento Penitenciario Militar, ESPEMI) in
Alcalá de Henares [5], yet no rigorous empirical comparison of their reintegration outcomes
has ever been conducted. This gap is problematic for several reasons. First, it leaves
policymakers without evidence on whether the substantially higher per-capita resources
invested in the military system (ratio 1:3 vs. 1:8–10 in the civilian system) translate into
better outcomes. Second, it precludes informed decisions about transferring effective
programmatic components between systems. Third, it leaves the question of whether
the two populations—which differ markedly in sociodemographic composition, type of
offense, and risk/protective factor profiles—are served appropriately by their respective
institutional environments unaddressed.

Two clarifications about the scope and limitations of this comparison are necessary
from the outset. First, the two populations are not equivalent: military personnel who enter
ESPEMI have passed entry filters requiring minimum educational attainment, absence
of a prior criminal record, and demonstrated occupational competence. This creates a
population with structural advantages relative to the average civilian prison population.
Second, the types of offenses are substantially different: military infractions frequently
involve disciplinary or institutional violations (insubordination, abandonment of post,
abuse of authority), whereas civilian offenses span a broader and often more severe crimi-
nological spectrum. Both of these differences affect recidivism prognosis independently
of any institutional treatment effect. This study is therefore not a controlled comparison;
it is a descriptive comparative analysis whose findings must be interpreted with explicit
attention to these population-level differences.

Given these caveats, the study pursues three complementary objectives: (1) to quantify
and compare reintegration rates across both systems using rigorous inferential statistics
appropriate for unequal samples; (2) to assess the robustness of the findings through
a sensitivity analysis addressing the uncertainty arising from 105 cases transferred be-
tween systems; and (3) to situate the findings within the theoretical literature on desis-
tance, risk/protective factors, and penitentiary effectiveness, identifying both the potential
contribution of programmatic factors and the methodological limitations that prevent
causal attribution.

The scientific contribution of this study is threefold. Empirically, it provides the first
systematic quantitative comparison of the Spanish military and civilian prison systems,
filling a documented gap in the national and international literature on specialized custodial
institutions [6]. Methodologically, it demonstrates the appropriate use of sensitivity analysis
under missing-data conditions and the interpretation of effect sizes in contexts of structural
population non-equivalence. Theoretically, it situates the findings within a multi-theoretical
framework—drawing on life-course theory, desistance theory, the Risk–Need–Responsivity
(RNR) model, and social capital theory—to offer a nuanced account of what the observed
differences can and cannot tell us about effective reintegration practice.

2. Theoretical Framework
2.1. Defining Recidivism: Conceptual and Typological Clarification

Recidivism is conceptually complex: it encompasses a heterogeneous set of behaviors
ranging from technical violations of parole conditions to the commission of serious new
criminal offenses, and its legal definition varies substantially across jurisdictions [2,7].
For the purposes of this study, recidivism is operationally defined in its strictest legal and
behavioral sense: the commission of a new offense resulting in a final judicial conviction and
re-entry into a custodial institution (civilian or military) within the established follow-up
period (2009–2019). This definition—sometimes called “re-imprisonment recidivism”—is
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the most conservative and legally stringent criterion and is preferred in comparative studies
because it relies on official records rather than self-reported behavior [2].

This operational definition excludes other forms of recidivism discussed in the litera-
ture: re-arrest without conviction, re-conviction without re-imprisonment, and technical
violations such as failure to report to a probation officer. It also excludes self-reported
offending not captured in official records. These exclusions have implications for the inter-
pretation of rates: the 19.98% civilian recidivism rate reported here captures only the most
serious end of the recidivism spectrum, and the true rate of any reoffending (including
undetected or unconvicted behavior) would necessarily be higher. The same logic applies
to the military system. These limitations are acknowledged explicitly, and their implications
for interpretation are discussed in Section 5.

A further conceptual distinction is necessary between recidivism and desistance.
Desistance refers to the process by which individuals gradually reduce and eventually
cease criminal behavior over the life course [3,8]. Unlike recidivism (a binary outcome
at a fixed point in time), desistance is a dynamic process influenced by turning points,
identity change, and accumulating social bonds. The reintegration rates reported in this
study capture a cross-sectional snapshot—non-recidivism over a defined period—which
may underestimate long-term desistance for individuals who reoffend during the study
window but subsequently desist. Future research using longitudinal trajectories would
provide a more complete picture of post-release outcomes.

2.2. Risk and Protective Factors in Reintegration

A substantial body of evidence documents that reintegration outcomes are shaped
by two broad categories of factors: static risk factors (which cannot be modified by in-
tervention) and dynamic risk/need factors (which can be targeted by treatment). The
most robustly supported static factors include age at first offense and age at release
(younger = higher risk), prior criminal history, and gender (male sex is associated with
higher recidivism) [2,9]. Dynamic criminogenic needs with the strongest evidence base
include antisocial cognitions and attitudes, antisocial peer associations, substance abuse,
and deficits in family/marital bonds (the “Central Eight” risk factors [9,10]).

Protective factors operating at the individual, relational, and structural levels further
moderate recidivism risk. At the individual level, these include educational attainment,
vocational skills, self-efficacy, and the construction of a prosocial identity [3,11]. At the
relational level, they include quality of family ties, social support networks, and mentor-
ing relationships [8,12]. At the structural level, these factors encompass access to stable
employment, adequate housing, and community integration resources [13,14].

The populations entering the civilian and military systems differ systematically on
virtually all of these dimensions. Military personnel who enter ESPEMI typically possess
higher educational attainment (compulsory secondary education is an entry requirement),
have no prior criminal record at the time of first military offense, demonstrate lower rates
of substance abuse (screened at entry), and retain stronger institutional affiliations. Upon
release, the 83% who return to active duty automatically access stable employment, salary,
and social benefits—structural protective factors that the life-course literature consistently
identifies as turning points promoting desistance [8]. Conversely, civilian prison popula-
tions in Spain are disproportionately characterized by low educational attainment, histories
of substance abuse, precarious housing, prior criminal records, and limited post-release em-
ployment prospects [15]. These structural differences are fundamental to the interpretation
of any observed outcome differences.

This study cannot statistically control for these population-level differences because
individual-level data are not available—only system-level aggregates. This limitation
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is acknowledged as the central constraint on causal inference and is addressed in the
discussion through a disaggregated theoretical analysis of plausible effect contributions.

2.3. The Risk–Need–Responsivity Model and Its Application to Both Systems

The Risk–Need–Responsivity (RNR) model [9] is the most empirically supported
framework for designing effective correctional interventions. Its three core principles are as
follows: (1) Risk principle: match intervention intensity to the individual’s risk level; high-
risk individuals benefit most from intensive programs, while low-risk individuals may be
harmed by intensive intervention. (2) Need principle: target dynamic criminogenic needs,
not static background characteristics. (3) Responsivity principle: use cognitive–behavioral
approaches matched to the individual’s learning style, motivation, and strengths. Recent
survey evidence nonetheless documents a persistent gap between these principles and their
implementation in routine correctional assessment practice [16].

Meta-analytic evidence consistently shows that programs adhering to RNR principles
reduce recidivism by 25–35% relative to control conditions [9,17–20]. Specific components
with the strongest evidence include cognitive–behavioral programs (25–35% reduction),
educational interventions (13–43% reduction), and vocational training linked to real em-
ployment opportunities (approximately 13% reduction) [21–23].

The military system presents several characteristics aligned with RNR principles: a
relatively homogeneous low-to-moderate-risk population (enabling matched intervention
intensity); educational programs structured through agreements with the National Uni-
versity of Distance Education (UNED); the INTEGRA-T labor intermediation program for
post-release employment; favorable staff-to-inmate ratios (approximately 1:3) enabling
individualized attention; and a disciplinary-institutional culture that may reinforce the
cognitive-behavioral component of prosocial norm adherence. Whether these elements
causally drive the observed outcomes—or whether the population’s pre-existing protective
factor profile is the dominant driver—cannot be determined from available data. Both
mechanisms likely operate simultaneously, and future research designs would need to
disentangle their relative contributions.

2.4. Life-Course Theory, Social Bonds, and Desistance

Life-course criminology [8,14] provides a structural framework for understanding
why certain institutional exits promote desistance. The theory posits that informal social
bonds—attachment to family, commitment to employment, and involvement in community
institutions—progressively accumulate across the life course and reduce the probability of
offending through mechanisms of social control, investment in conventional activities, and
reputational stake [24]. Critical turning points that disrupt criminal trajectories include
marriage, stable employment, military service, and educational attainment [25].

Maruna’s [3] narrative identity theory complements this structural account by identi-
fying the psychological mechanism through which turning points operate: the construction
of a “redemption script” through which desisting individuals reinterpret their past and
project a prosocial future self. For military personnel returning to active duty, institu-
tional re-entry may facilitate such narrative reconstruction—the offense is reframed as a
temporary deviation from an otherwise disciplined professional identity, now restored.
This mechanism is not available to civilian releases who face stigma, unemployment, and
social exclusion.

Cullen’s [12] social support theory further emphasizes that communities of
support—families, peers, institutions—buffer against recidivism by providing material
resources, emotional sustenance, and supervisory oversight. The military institution, by
reintegrating released personnel into a structured organizational environment with peer
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accountability, may function as an unusually potent source of post-release social support
unavailable to civilian releases [26].

2.5. International Evidence on Military Prison Systems

Empirical research specifically on military prison systems is sparse. The available com-
parative evidence, concentrated mainly in the United States and United Kingdom, suggests
that military populations present a distinctive criminological profile: higher initial human
capital, lower rates of prior criminality, greater institutional socialization to discipline and
hierarchy, and lower substance abuse prevalence [27–31]. Simultaneously, military popu-
lations exhibit specific risk factors absent in civilian populations: combat-related trauma,
post-traumatic stress disorder, alcohol misuse associated with organizational culture, and
adjustment difficulties upon transition to civilian life [28].

The limited comparative evidence suggests that military systems emphasizing reha-
bilitation through structured programs achieve better outcomes than those prioritizing
punitive approaches; however, the absence of rigorous longitudinal designs with adequate
comparison groups and extended follow-up limits causal conclusions [6]. The present
study contributes to this sparse literature by providing systematic data on the Spanish case
within the same national, legislative, and cultural context—a within-country design that
reduces cross-national confounders.

3. Materials and Methods
3.1. Study Design

This study employs a retrospective comparative observational design using system-
level aggregate data for the period 2009–2019. The choice of a cross-sectional comparative
design with natural (non-randomized) groups reflects the impossibility of experimental
assignment—individuals enter either system according to the nature of their offense and
their legal status, not by random allocation. This design choice enables the documentation
of outcome differences but precludes definitive causal attribution of those differences to
specific programmatic or population factors [32].

The period 2009–2019 was selected because it corresponds to the only systematic
follow-up cohort study available for the civilian system (see Table 1) with sufficient method-
ological rigor to permit valid comparison [15] and because it coincides with the period
for which military jurisdiction yearbooks provide complete data [33]. The end date of
2019 is partly attributable to data availability constraints; it also predates the institutional
disruptions caused by the COVID-19 pandemic (2020–2022), which introduced atypical
conditions in both systems that would complicate comparison.

Table 1. Civilian system sample: reintegration outcomes (2009–2019).

System Total (n) Reintegrated Recidivists Reintegration Rate (%) Recidivism Rate (%)

Civilian (SGIP) 19,909 15,931 3978 80.02 19.98

Regarding developments between 2019 and the present date (2026), several changes
are relevant to contextualizing these findings. At the legislative level, Organic Law 1/2026
introduced reforms regarding persistent recidivism (multirreincidencia), potentially af-
fecting civilian sentencing trajectories for habitual offenders [34,35]. At the institutional
level, the civilian prison population has undergone demographic shifts, with increasing
proportions of foreign nationals and changing offense profiles. At the military level, the
ESPEMI (Establecimiento Penitenciario Militar) population has continued to decline in
size (as shown in Table 2), reflecting changes in Armed Forces structure and in military
justice application. These post-2019 developments are discussed in Section 5 in terms of
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their implications for the transferability of current findings but are not incorporated into
the quantitative analysis, which strictly covers the 2009–2019 cohort.

Table 2. Military system sample: releases and transfers (2009–2019).

Year Releases from ESPEMI (n) Transfers to Civilian System (n)

2009 86 15

2010 80 14

2011 82 10

2012 81 6

2013 73 10

2014 59 11

2015 72 8

2016 22 3

2017 24 10

2018 29 8

2019 36 10

Total 644 105

3.2. Data Sources

Civilian system data derive from the Study on Penitentiary Recidivism in Spain
published by the SGIP (Secretaría General de Instituciones Penitenciarias) [15], which
reports cohort follow-up of individuals released from civilian prisons during the 2009–2019
period. This is the only nationally representative longitudinal study on civilian recidivism
in Spain with publicly available methodology, enabling replicability. Military system data
are derived from the administrative records of ESPEMI and from the Yearbooks of Military
Jurisdiction published by the Ministry of Defence for 2009–2019 [33], which document the
number of inmates released, inter-system transfers, and documented re-entries following
new convictions within the military justice system. Re-entries into the civilian system for
individuals originally processed through ESPEMI were verified through cross-reference
with SGIP records provided by MINISDEF (Ministerio de Defensa).

3.3. Samples and Population Characteristics
3.3.1. Civilian System Sample

The civilian sample comprises n = 19,909 individuals released from civilian prisons
over the 2009–2019 period. According to the SGIP [15] report, the civilian prison population
during this period was predominantly male (approximately 92%), with a mean age at
release of approximately 38 years. The most prevalent offense categories were property
crimes (approximately 35%), drug trafficking (approximately 25%), crimes against persons
(approximately 18%), and sexual offenses (approximately 8%). Approximately 40% had
prior imprisonment, and approximately 60% had documented substance use problems.
Educational attainment was low: approximately 55% had not completed compulsory
secondary education. These characteristics profile a population with multiple dynamic
criminogenic needs and limited protective factor endowment—conditions associated in the
literature with elevated recidivism risk [9].

3.3.2. Military System Sample

The military sample comprises n = 644 individuals released from ESPEMI over the
same period (Table 2). The military population is exclusively male (female military person-
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nel convicted of offenses punishable by sentences exceeding brief periods are exceptionally
rare in Spain), with a mean age at release estimated at 32–36 years based on typical military
service trajectories. All individuals in this sample had passed the entry filters of the Armed
Forces or the Guardia Civil at the time of recruitment, implying completion of compul-
sory secondary education, no prior criminal record, successful completion of physical and
psychometric screening, and absence of documented drug dependency. The predominant
offense categories were military disciplinary infractions (insubordination, abandonment of
post, and abuse of authority, approximately 60%); crimes against persons within a military
context (approximately 20%); gender-based violence (approximately 10%); and property
and other offenses (approximately 10%). The offense profile is thus qualitatively different
from the civilian system and carries a different recidivism prognosis.

The military sample divides into two analytically distinct subgroups. The first sub-
group (n = 539) comprises individuals who completed their sentence at ESPEMI and were
released, for whom complete outcome data are available (Table 3). The second subgroup
(n = 105) comprises individuals transferred to civilian facilities because their sentence
exceeded three years (which under Spanish military law entails loss of military status; Laws
39/2007, 8/2006, and Organic Law 2/1986), for whom post-release outcomes in the civilian
system are not available in military records.

Table 3. Military subgroup with complete outcome data (ESPEMI completers, n = 539).

Subgroup n Reintegrated Recidivists Reintegration Rate (%) Recidivism Rate (%)

ESPEMI completers 539 529 10 98.14 1.86

3.3.3. Comparative Population Profile and Analytical Implications

Table 4 summarizes the key sociodemographic and criminological differences between
the two populations. These differences are fundamental to the interpretation of outcome
comparisons and are discussed systematically in Section 5.

Table 4. Comparative population profiles: civilian vs. military system.

Characteristic Civilian System Military System (ESPEMI) Evidential Basis

Gender ~92% male 99.37% male SGIP [15]; Ministerio de
Defensa [33]

Mean age at release ~38 years ~32–36 years (est.) SGIP [15];
institutional profile

Prior criminal record ~40% with
prior imprisonment 0% (entry filter) Andrews & Bonta [9];

SGIP [15]

Educational attainment ~55% below
compulsory secondary

100% min.
compulsory secondary

Entry requirement;
SGIP [15]

Substance abuse history ~60% documented Low (screened at entry) SGIP [15];
Mitchell et al. [28]

Primary offense type Property, drugs,
persons, sexual Disciplinary, persons, GBV Ministerio de Defensa [33];

SGIP [15]

Post-release employment Uncertain;
~40% unemployment ~83% return to active duty Karimi-Haghighi et al. [36];

institutional data

Staff-to-inmate ratio ~1:8–10 ~1:3 SGIP [37]; ESPEMI
institutional data

Note. GBV = gender-based violence. Estimates for military system characteristics are based on institutional profile
and entry requirements where individual-level aggregate data are not publicly available.

https://doi.org/10.3390/soc16080247

https://doi.org/10.3390/soc16080247


Societies 2026, 16, 247 8 of 16

3.4. Operationalization of Variables

The dependent variable is successful social reintegration, operationally defined as
the absence of criminal recidivism during the follow-up period. Recidivism is coded
dichotomously: 1 = successfully reintegrated (no re-entry into any custodial institution
following a new final conviction); 0 = recidivated (re-entry into the prison system following
a new final conviction within the 2009–2019 window). This strict operational definition
excludes re-arrests without conviction, supervision violations without new offenses, and
self-reported offending [38,39].

It is important to note that the follow-up window is not uniform across individuals:
those released earlier in the 2009–2019 period have longer observation periods than those
released later. This heterogeneity in follow-up time is an acknowledged limitation; ideally,
survival analysis with time-to-event outcomes would be employed, but the available
aggregate data do not permit individual-level time-to-event analysis. The binary outcome
captures whether any recidivism occurred within the study window, not its timing.

3.5. Handling Missing Data: Sensitivity Analysis Design

The 105 individuals transferred from ESPEMI to civilian facilities represent 16.3%
of the total military sample. Their absence from military records creates a missing-data
problem that, if handled naively (e.g., by simply excluding them), could bias estimates of
the military system’s overall effectiveness in either direction [40]. To address this problem
transparently, three sensitivity scenarios were specified a priori, each reflecting a different
assumption about the likely outcomes of transferred individuals [41]:

Scenario 1 (Conservative): Transferred individuals achieve the civilian system rein-
tegration rate (80.02%), reflecting complete convergence of outcomes after transfer. This
represents the most pessimistic estimate for the military system (lower bound).

Scenario 2 (Intermediate): Transferred individuals achieve a rate midway between
the ESPEMI completer rate (98.14%) and the civilian rate (80.02%), yielding 89.08%. This
reflects partial carry-over of protective factors acquired during ESPEMI detention.

Scenario 3 (Optimal): Transferred individuals achieve the same rate as ESPEMI com-
pleters (98.14%), reflecting full persistence of ESPEMI-acquired protective factors. This
represents the most optimistic estimate (upper bound).

The convergence of findings across all three scenarios provides the basis for the study’s
main conclusions about the robustness of observed differences.

3.6. Statistical Methods

For each scenario, the following statistics were computed: (1) point estimates of
reintegration proportions for each system and scenario; (2) 95% confidence intervals using
the Wilson method (preferred over the normal approximation for proportions near 0 or 1);
(3) a z-test for the difference of proportions for independent samples (H0: p1 = p2; α = 0.05,
two-tailed); (4) the chi-square test of independence (2 × 2 contingency table) as a cross-
validation of the z-test; (5) absolute risk difference (RD) with 95% CI as the primary effect
size measure; (6) relative risk (RR) as a supplementary effect size. All analyses were
conducted in R (version 4.3.2) (R Foundation for Statistical Computing, Vienna, Austria)
using the stats and PropCIs packages.

3.7. Ethical Considerations

The study uses exclusively aggregated and anonymized data from official administra-
tive records. No personal identifiers were used or accessed. Ethics committee approval was
not required. The study complies with Organic Law 3/2018 on the Protection of Personal
Data and the Guarantee of Digital Rights. Recidivism data for the military system were
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verified by the Ministry of Defence (MINISDEF) through consultation of ESPEMI databases
and cross-referencing with records of re-entries within the study period.

4. Results
4.1. Civilian System: Descriptive Statistics

Of the 19,909 individuals followed from the civilian system, 15,931 did not reoffend
(reintegration rate: 80.02%; 95% CI: 79.46–80.57%), and 3978 recidivated (recidivism rate:
19.98%). These rates are consistent with findings from comparable European jurisdictions
using the same operational definition of recidivism [42,43].

4.2. Military System: ESPEMI Completers (n = 539)

Of the 539 individuals who completed their sentence at ESPEMI, 529 did not reoffend
(reintegration rate: 98.14%; 95% CI: 96.62–98.99%) and 10 recidivated (recidivism rate:
1.86%). Table 5 presents detailed information on the 10 recidivist cases, illustrating the
nature and timing of re-offenses. As is evident from inspection, the re-offenses are pre-
dominantly military disciplinary infractions and procedural violations rather than serious
criminal offenses—a qualitative difference from civilian recidivism patterns that further
complicates direct comparison.

Table 5. Recidivist cases in the ESPEMI completer subgroup (n = 10 individuals, 20 offenses).

Individual First Re-Offense (Type) Date Second Re-Offense (Type) Date

1 Insulting a superior 28 October 2013 Offense against military
justice administration 20 October 2014

2 Assault on a superior 13 February 2010 Abandonment of
post/breach of duty 28 April 2012

3 Abuse of authority 25 September 2012 Assault on a subordinate 18 June 2013

4 Theft 8 October 2011 Insulting a superior 24 February 2014

5 Abandonment of post 6 April 2009 Breach of sentence 30 May 2012

6 Breach of sentence 17 September 2010 Gender-based violence 15 November 2018

7 Gender-based violence 16 February 2011 Two counts of abuse
of authority 17 March 2015

8 Insulting a superior 16 March 2012 Breach of sentence 8 July 2015

9 Obstruction of justice 9 March 2011 Criminal damage 7 May 2014

10 Abandonment of post 14 June 2010 Breach of sentence 5 February 2015
Note. Each row represents one recidivist individual and their two documented re-offenses within the 2009–2019
follow-up period.

4.3. Sensitivity Analysis Results

Table 6 presents reintegration rate estimates under each sensitivity scenario for the
total military sample (n = 644), alongside inferential test results.

Across all three scenarios, the military system demonstrates a statistically significant
reintegration advantage over the civilian system (p < 0.001). The absolute difference
ranges from +15.17 (conservative) to +18.13 (optimal) percentage points—a magnitude
classifiable as a large effect by conventional standards [44], implying 15 to 18 additional
successful reintegrations per 100 individuals processed in the military system relative to
the civilian system.
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Table 6. Sensitivity analysis results: military system overall reintegration rates and comparative tests.

Scenario
Assumption
(Transferred,

n = 105)

Military
Rate (%)

Civilian
Rate (%)

Absolute
Difference

(p.p.)
z-Statistic p-Value 95% CI (RD)

Conservative 80.02%
(civilian rate) 95.19 80.02 +15.17 9.56 <0.001 [13.43%, 16.91%]

Intermediate 89.08%
(midpoint) 96.67 80.02 +16.65 10.55 <0.001 [15.15%, 18.14%]

Optimal
98.14%

(ESPEMI
rate)

98.14 80.02 +18.13 11.45 <0.001 [16.94%, 19.31%]

Note: p.p. = percentage points. All chi-square tests of independence (2 × 2) confirm statistical significance:
conservative χ2(1) = 91.40, p < 0.001; intermediate χ2(1) = 111.28, p < 0.001; optimal χ2(1) = 130.89, p < 0.001.
RD = risk difference (absolute difference in proportions).

5. Discussion
5.1. Analysis of the Civilian System

The civilian system’s 80.02% reintegration rate situates Spain within the European
mid-range—above England/Wales (52%) [45] and France (60%) [46], and comparable to
Germany (65%) and Norway (80%)—for studies using the same strict operational definition
of re-imprisonment recidivism [42,43]. This performance occurs against a background
of significant challenges: a prison population with a high prevalence of substance use
disorders, low educational attainment, and precarious post-release prospects [47]. That
80% of civilian releases do not return to prison within the study window is, in absolute
terms, a considerable achievement, though it must be contextualized alongside the known
limitations of re-imprisonment rates as a measure of full social reintegration [48].

The civilian system’s limitations are structural: resource constraints produce staff-to-
inmate ratios of approximately 1:8–10, limiting individualized programming. Overcrowd-
ing affects program delivery quality. Post-release support services are unevenly distributed
geographically [49]. The RNR model predicts that improving the match between risk
level and intervention intensity—particularly for the highest-risk 20% of releases—would
generate the largest marginal gains in reintegration outcomes [9,19].

5.2. Analysis of the Military System

The military system’s reintegration rate of 98.14% in the ESPEMI completer subgroup
represents an exceptional outcome by any international standard. Understanding this
result requires disaggregating population and institutional contributions.

Population-level contributions are substantial. The absence of prior criminal records,
higher educational attainment, lower substance abuse prevalence, and predominantly
institutional/disciplinary offense types all predict lower recidivism independently of
any treatment effect. Furthermore, the 83% of completers who return to active military or
Guardia Civil duty automatically access the three structural protective factors most robustly
associated with desistance: stable employment, prosocial institutional affiliation, and daily
routine structure [8,14]. These factors would likely produce low recidivism regardless of
the quality of ESPEMI’s treatment programs.

Institutional contributions are plausible but difficult to quantify from available data.
The favorable staff-to-inmate ratio enables individualized assessment and programming.
The UNED educational agreement provides continuity of academic credentials. The
INTEGRA-T program specifically targets the labor reintegration needs of personnel who
lose military status. These elements align with RNR principles and with the components
shown to be most effective in meta-analyses [18,22]. However, because the population
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entering ESPEMI is already at low recidivism risk, the RNR model actually predicts that
intensive programming for this group would yield only modest incremental gains beyond
the baseline provided by their protective factor profile.

The 10 recidivist cases (Table 5) are themselves instructive. The re-offenses are predom-
inantly military infractions, procedural violations, and relational offenses rather than the
property crimes, drug offenses, and violent crimes that predominate in civilian recidivism.
This qualitative difference suggests that even among recidivists, the offense severity and
social disruption are substantially lower in the military context—a dimension not captured
by the binary recidivism measure employed here.

5.3. Population Non-Equivalence: Implications for Causal Interpretation

The central interpretive challenge of this study is that the two populations cannot
be considered equivalent in either observable or unobservable dimensions. Observable
differences (Table 4) include prior criminal history, educational attainment, offense type,
substance abuse prevalence, and post-release employment prospects. Unobservable differ-
ences may include intrinsic motivation, psychological resilience, prosocial value orientation,
and quality of family support—variables that predict both lower recidivism and a higher
likelihood of military career entry.

In the absence of individual-level data permitting propensity score matching, regres-
sion discontinuity designs, or instrumental variable analysis, it is impossible to partition
the observed outcome difference into the proportion attributable to population selection
versus institutional treatment effects [50,51]. The most defensible interpretation of the
fifteen to eighteen percentage point difference is therefore the following: it represents the
combined effect of (a) the military population’s substantially more favorable risk/protective
factor profile, and (b) any genuine institutional effectiveness advantage of the ESPEMI
environment. The relative contribution of each component cannot be determined from
these data.

5.4. Contextualizing Findings in the International Literature

The Spanish military system’s performance compares favorably with all international
reference points in the recidivism literature, including Scandinavian systems widely re-
garded as global benchmarks [43,52]. This finding is consistent with evidence that popu-
lation selection effects, when sufficiently powerful, can produce outcome differences that
exceed those generated by even the most intensive treatment programs [9,53]. It also raises
the question—empirically unanswered by this study—of whether civilian programs of
comparable quality and intensity could achieve similar outcomes for population segments
with equivalent risk profiles.

5.5. Limitations

Five categories of limitations merit explicit acknowledgment. First, the observational
design without random assignment prevents causal inference about the sources of the ob-
served differences [54]. Second, the absence of individual-level data prevents multivariate
adjustment [55] for observable confounders—an especially significant constraint given the
substantial population non-equivalence documented in Table 4. Third, the 105 transferred
cases introduce irreducible uncertainty about the military system’s overall effectiveness,
partially addressed but not eliminated by the sensitivity analysis [56]. Fourth, the binary
recidivism measure captures only re-imprisonment, omitting broader dimensions of social
reintegration (employment, housing, family, community participation) and less serious
forms of reoffending. Fifth, the 2019 data endpoint means that the study does not capture
the post-pandemic period or the effects of recent legislative reforms [35].
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The seven-year gap between the end of the study period (2019) and the present (2026)
introduces potential limitations on the contemporary relevance of these findings. Key
developments include the introduction of Organic Law 1/2026 on persistent recidivism,
which creates new sentencing modalities that may alter the civilian recidivism trajectory
for habitual offenders; the restructuring of the Spanish Armed Forces, which has further
reduced the ESPEMI population (from approximately 80–86 annual releases in 2009–2013
to 22–36 in 2016–2019, as shown in Table 2), raising questions about the continued sustain-
ability and representativeness of the military system; and post-pandemic disruptions to
both systems’ educational and vocational programming (2020–2022) that may affect cohorts
not captured in this study. Updated comparative data for 2020–2025 would be needed to
assess whether the patterns documented here persist under current conditions.

5.6. Practical Applications

A legitimate question—what is the value of this study if its findings cannot be used
as causal evidence?—deserves a direct answer. Descriptive comparative evidence of
the kind produced here has several distinct and legitimate uses even in the absence of
causal identification:

First, it establishes the existence and magnitude of a robust empirical phenomenon.
The consistency of the military system’s advantage across three sensitivity scenarios (all
p < 0.001, all large effect sizes) confirms that this is not a measurement artifact or statistical
noise—it is a real and substantial difference that demands explanation. Establishing the
phenomenon is the necessary precondition for designing the studies that will explain it.

Second, it provides the quantitative foundation for resource allocation and policy
prioritization decisions. Even without knowing the causal mechanism, policymakers can
use the finding that the military system produces approximately 15–18 additional success-
ful reintegrations per 100 individuals to justify investment in studying and potentially
replicating its conditions. Cost–benefit analysis of current SGIP data [37] suggests that a
conservative 5 percentage-point reduction in civilian recidivism would save approximately
€80 million annually in incarceration costs alone.

Third, it generates specific hypotheses for future causal research. The theoretical anal-
ysis in Section 5.3 identifies the candidate mechanisms (population selection, post-release
employment, and institutional treatment) and specifies the data and designs needed to
test each. A study that could neither document the phenomenon nor generate testable
hypotheses would have less scientific value, not more. Observational comparative stud-
ies are a standard and methodologically legitimate first step in a cumulative research
program [32,57].

The findings generate a specific, actionable research agenda. Priority studies in-
clude (1) individual-level administrative data linkage studies that merge ESPEMI and
SGIP records with Social Security employment data and National Statistics Institute out-
come data, enabling propensity score matching and multivariate survival analysis [58,59];
(2) quasi-experimental analyses exploiting the three-year sentence threshold as a regression
discontinuity: individuals with sentences just above vs. just below the transfer threshold
are plausibly equivalent on unobservable characteristics, enabling a cleaner estimate of the
institutional treatment effect [60]; (3) qualitative comparative studies using semi-structured
interviews with military and civilian releases to map the subjective mechanisms of reinte-
gration and identify the “active ingredients” of successful post-release trajectories in each
context [61]; (4) longitudinal analysis of the 10 recidivist military cases to understand the
specific failure mechanisms that break down the protective factor advantages of military
service backgrounds [62]; and (5) updated comparative cohort studies using 2020–2025
data to assess the durability of the documented patterns.
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6. Conclusions
This study provides the first systematic quantitative comparison of social reintegration

outcomes in the Spanish civilian and military prison systems, documenting a robust and
large-magnitude advantage for the military system (+15.17 to +18.13 percentage points,
p < 0.001) that persists across three sensitivity scenarios addressing the uncertainty from
105 cases with incomplete follow-up data.

These findings are interpreted with explicit caution regarding causal attribution [54].
The two populations compared differ fundamentally on multiple dimensions—prior crim-
inal history, educational attainment, offense type, substance abuse prevalence, and post-
release structural opportunities—that independently predict reintegration outcomes. The
military system’s superiority likely reflects the combined operation of population selection
advantages and institutional program effects [63], but the relative contribution of each
component cannot be determined from currently available aggregate data.

The contribution of this study is threefold: it establishes and quantifies a robust empir-
ical phenomenon that demands theoretical explanation; it situates this phenomenon within
a multi-theoretical framework drawing on life-course theory [8,14], RNR principles [9],
desistance theory [3,11], and social capital theory to generate specific, testable causal hy-
potheses; and it specifies the research designs needed to test those hypotheses and move
from description to causal understanding. Observational comparative evidence of this
kind is a legitimate and necessary stage in a cumulative evidence-based program aimed at
improving reintegration outcomes across both systems.

Future research using individual-level data [58], quasi-experimental designs [60],
and longitudinal outcome tracking will be essential to determine the extent to which the
military system’s institutional practices are transferable to the civilian context and to which
populations. The stakes of this question are substantial: if even a fraction of the observed
advantage reflects replicable programmatic components, the potential public safety and
economic benefits of reform are considerable.
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