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Abstract: Massive open online courses have been regarded as effective technological innovations 
that improve educational systems in the era of digitalisation. However, only 10% of the registered 
students complete their courses. This study aims to examine the motivational and technological 
factors and contextual features on students’ continuous intention to use. A questionnaire was gath-
ered from 315 of students in the UAE and revealed that social motivational and technological factors 
driven by the technology acceptance model and technology task fit theory significantly influenced 
the students’ continuance intention to use. This study also revealed that contextual features includ-
ing language use and course accreditation are important indicators determining students’ behav-
iours toward the use. Hence, this study proposed an integrative model to explain ways to improve 
continuance intention to use. This study contributes to the sustainable use of massive open online 
courses in developing countries through an integrative model. 
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1. Introduction 
Massive open online courses (MOOCs) are an effective innovative technology [1,2], 

that drives the development of the education sector [3]. The underlying logic is that 
MOOCs easily bridge the educational gap between students regardless of their socioeco-
nomic status by offering open education with minimal or no fees. However, only 10% of 
enrolled students have completed their MOOC courses [4]. Without sustained, continu-
ous intention to use MOOCs, it is difficult for universities to solicit users’ feedbacks to 
improve the technology. Additionally, it is less likely for the developers and service pro-
viders to attain financial benefits, such as revenue from advertisements, in-app purchases, 
subscriptions, and sponsorship [5]. Based on the users’ perspective, a lack of continuance 
intention to use MOOCs may negatively affect education-related behaviours [6]. Zhou [7] 
incorporated the theory of planned behaviour (TPB) and self-determination theory (SDT) 
to investigate the factors that might affect students’ decisions in using MOOCs. Daneji et 
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al. [8] employed the expectation–confirmation model (ECM) and the technology ac-
ceptance model to examine the impacts of students’ perceived usefulness, confirmation, 
and satisfaction regarding MOOC continuance intention. Meanwhile, Khan et al. [9] em-
ployed the task–technology fit model, social motivation, and self-determination theory to 
determine students’ adoption of MOOCs. Lung [10] used the merging theory of planned 
behaviour and self-regulated learning models to assess students’ behavioural intention to 
use MOOCs. Only limited studies have investigated the factors influencing MOOC con-
tinuation intentions, particularly in the Middle East [11]. 

The United Arab Emirates (UAE), which is the selected case of this research, is one 
of the most active technological and educational countries in the Arab region. The UAE 
has a population of 9.77 million and is one of the richest countries in the world based on 
gross domestic product (GDP) per capita. Regarding technology use, 91% of the residents 
use mobile Internet and over 98% of the households have Internet access [12].The educa-
tion sector is one of the fastest growing in the region. The development of smart learning 
and technology was part of the 2021 Vision agenda to harness human capital to build “a 
knowledge-based society” [13]. To meet the goals of UAE Vision 2021, the country is re-
inforcing education primarily based on technology, and hence, is strengthening MOOCs 
across the region to improve universities’ sustainability and students’ learning capabilities 
[14]. In addition, as a result of the COVID-19 pandemic, the Gulf Arab Countries including 
the UAE enforced the online learning mode across the whole educational system starting 
in March 2020  [14]. This new embrace of online education is expected to significantly 
boost the MOOC market in the UAE [15]. Today, many universities, and organisations in 
the private and public sectors deliver formal and nonformal education through MOOCs 
[16]. Despite the importance of MOOCs in the development of education system, the stu-
dents’ continuous intention to use is the main axis of its success. This, in turn, leaves a 
research gap that needs to be addressed in Arab region countries since the majority of 
studies of MOOCs were conducted in Western countries and only a few in Asian coun-
tries. 

To develop users’ continuance intention to use, users’ behaviours to adopt and 
MOOCs resources should be addressed. The first perspective focuses on the users’ atti-
tudes, adoption, and behaviours toward MOOCs, while the latter focuses on how well 
MOOCs fulfil users’ requirements through MOOCs’ utility. The two perspectives are 
linked because the level of utility cannot be accomplished without MOOCs’ acceptance. 
Despite that, the current studies that seize students’ willingness to join MOOCs are too 
crude to integrate these two perspectives [17]. Moreover, MOOCs’ features vary between 
developers and between one study and another [18]. The other gap is associated with us-
ers’ behaviour to adopt and use MOOCs [19]. In addition, some educational institutions 
in several countries, such as in the UAE, have customised MOOCs’ platforms by offering 
alternative languages and cost advantages [11]. Despite the importance of contextual fac-
tors, limited studies have investigated the effects of contextual factors on students’ con-
tinuous intention in using MOOCs. Therefore, the purpose of this study is to identify the 
motivational, technological, and contextual factors and examine their effects on students’ 
continuous intention to use MOOCs in the UAE. First, this study aims to examine the 
relationship between MOOCs’ technological factors (technology task fit and technology 
individual fit) on students’ perceived usefulness and ease of use. Second, this study aims 
to examine the relationship between social motivational as well as MOOCs’ contextual 
factors and students’ perceived usefulness and ease of use. Finally, this study aims to ex-
amine the effect of students’ perceived usefulness and ease of use on students’ attitude 
toward MOOCs and continuance intention to use MOOCs. 

Theoretically, this study provides an integrative model that influence continuous in-
tention to use MOOCs driven by the technology acceptance model (TAM) and task tech-
nology fit (TTF). This study extends the literature on MOOCs from the perspective of de-
veloping countries, generally, and the United Arab Emirates, particularly, through iden-
tifying the contextual factors and their effect on students’ continuous intention to use 
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MOOCs. Finally, this study provides an empirical model that guides MOOCs’ developers 
as well as providers on how to improve education quality and sustainability through im-
proving students’ continuous intention to use MOOCs. 

2. Literature Review 
2.1. Theoretical Foundation 

To date, TAM is used to explain the relationship between motivations toward behav-
iour and attitude in using technology. TAM was established by Davis to elaborate the 
influencing factors of technology use toward perceived ease of use and perceived useful-
ness of a particular technology, which concurrently and jointly influence users’ behav-
ioural intention. Despite TAM’s advantages in forecasting IS’s use in the initial stages [20], 
[21] and predicting the technology design problems before deployment, it has several im-
itations. The variance in behavioural intention was explained by only 40% [22], which is 
considered a partial explanatory influence [23,24]. Thus, the incorporation of external var-
iables into TAM can improve the explanatory influence of this model. Thirdly, it was ar-
gued that there is no consistency in the relationships between TAM drivers in varying 
settings and contexts [23,24]. For instance, some studies discovered a significant correla-
tion between perceived ease of use, perceived usefulness, and behavioural intention, 
while others found the opposite [24,25]. These studies left an open gap in testing TAM in 
different contexts using varying respondents. Therefore, Wu and Chen [17] suggested the 
integration between TAM and TTF to overcome the limitations of each theory. The TTF 
model focuses on whether the technology is suitable for task completion by examining the 
adoption of innovative technologies in supporting task requirements’ fulfilment [17,26]. 
Meanwhile, Zhou et al. [27] argued that users are more concerned about whether the tech-
nology can satisfactorily perform a task rather than how advanced it is. Thus, the model 
advocates that a user should only accept a technology if it helps the user complete a task. 
Even though the TTF model emphasises the technology’s capacity to fit the required tasks 
[28], the available literature has extensively assessed the technology features more com-
pared to tasks’ characteristics [29,30]. 

2.2. Hypotheses 
Driven by the relationship between TTF, MOOCs’ features, social motives, and TAM 

ease of use and usefulness, we proposed an integrative model that explains students’ con-
tinuance intention to use MOOCs from the perspective of the Arab region, as shown in 
Figure 1. The underlying logic is that MOOCs’ technological factors, MOOCs’ context fea-
tures, and social motivation influence students’ perceived ease of use and usefulness, 
which jointly influence their attitude toward continuance intention to use MOOCs. 
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Figure 1. Hypothesised and tested associations in this study. Source: Authors. 

2.3. Perceived Ease of Use 
In MOOCs, perceived ease of use refers to a user’s belief that MOOCs will be free of 

burden. The facility to acquire skills through MOOCs is an example of perceived ease of 
use. Joo et al. [31] revealed that the perceived ease of MOOCs among students impacted 
the perceived utility. The authors suggested that learner-friendly features can prevent 
technical problems during the preliminary use of MOOCs. MOOCs are useful for learning 
activities and purposes. In a similar vein, Ma and Lee [32] revealed that both adopters and 
nonadopters have a similar impact on their intention to adopt MOOCs (such as perceived 
usability, value for money, and self-regulation). Therefore, this study hypothesises that: 

Hypothesis 1 (H1). The perceived ease of use of MOOCs has a significant positive relationship 
with the students’ perceived usefulness. 

Since MOOCs are easy to use and leave a good impression on the platform and its 
contents among students, it influences their intention to adopt MOOCs implicitly or ex-
plicitly over perceived usefulness. Salloum et al. [33] added that user attitude toward E-
learning is influenced by perceived ease of use. Moreover, technology familiarity can so-
ciologically impact users by influencing their attitude to want to use it more. However, 
Wu and Chen [17] indicated no positive significance between perceived ease of use and 
attitude to use MOOCs. They stated that web accessibility comprises similar capabilities 
and features, making MOOCs easy to use. Thus, the student’s attitude toward MOOCs’ 
adoption depends completely on its perceived usefulness. This study, however, perceives 
perceived ease of use as an essential predictor of students’ attitude in using MOOCs. Thus, 
this study hypothesises that: 

Hypothesis 2 (H2). The perceived ease of use of MOOCs has a significant positive relationship 
with students’ attitudes. 

2.4. Perceived Usefulness 
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The significance of perceived usefulness is well-known in MOOCs [17,34,35]. The 
studies advocated that perceived usefulness referred to whether technology could sup-
port users in completing a specific task. Thus, it reflects on how users subjectively perceive 
the usefulness of MOOCs to them. In this regard, perceived usefulness is a driving factor 
to achieve the learning objectives through a specific system Davis et al. [22] which can 
influence attitudes and is a direct determinant of ongoing IS use intentions. According to 
several studies, perceived usefulness is significant in influencing users’ behaviour toward 
MOOCs [17,34,35]. Hence, we hypothesises that: 

Hypothesis 3 (H3). Perceived usefulness has a significant positive relationship with attitude to-
ward using MOOCs. 

On the other hand, the extant literature [22] postulated that perceived usefulness is 
influenced by perceived ease of use where it can also influence users’ attitude in using the 
technology. Furthermore, perceived usefulness mediates the perceived ease of use for be-
havioural purposes [36]. Therefore, it could be hypothesises that: 

Hypothesis 3a (H3a). Usefulness has a significant positive mediation on the relationship between 
ease of use and students’ attitude. 

Wu and Chen [17] revealed that perceived usefulness is a direct determinant of con-
tinued usage intention. In this study, MOOCs’ perceived usefulness refers to the belief of 
an individual on whether MOOCs could lead to the achievement of learning goals. There-
fore, this study hypothesises that: 

Hypothesis 4 (H4). Perceived usefulness has a significant positive relationship with the contin-
ued use of MOOCs. 

The link between attitude and intention underlined in TAM denotes that the user’s 
attitude serves as an assessment predisposition for behaviour. The behaviour toward the 
utilisation of MOOCs was perceived as the degree to which a person feels that the MOOCs 
are positive or negative. Moreover, previous studies have revealed that attitude is the 
most powerful technology use predictor [37]. In a study conducted in China, MOOCs’ 
attitudes and perceived behavioural control (PBC) were significant factors for its use in 
the country [7]. Meanwhile, Alraimi et al. [36] suggested a theoretical model grounded on 
the information system confirmatory expectation model to examine the factors that influ-
ence the continued intention to use MOOCs’. Therefore, this study hypothesises that: 

Hypothesis 5 (H5). Students’ attitude has a significant positive relationship with the continuance 
intention to use MOOCs. 

According to Joo et al. [31], perceived usefulness was positively related to MOOCs’ 
continuity intention and on the intention to maintain MOOCs. In particular, attitude 
served as a crucial mediator between perceived usefulness on the intention to use 
MOOCs. Hence, perceived usefulness indirectly influenced the intention of using MOOCs 
based on the user’s attitude [17]. Thus, this study hypothesises that: 

Hypothesis 5a (H5a). Students’ attitudes act as a significant positive mediator in the relationship 
between usefulness and continuous intention to use MOOCs. 

2.5. Individual–Technology Fit 
Individual–technology fit (ITF) denotes the extent of technologies’ characteristics that 

fit individuals’ desire to solve problems. The effective use of MOOCs by students depends 
on individual technology factors, including whether the education methods coincide with 
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the learning styles and correspond to MOOCs’ contents. Individual interactions with the 
information system are usually interconnected with their adaptation to technology [38]. 
The technology that works to match the needs and skills of individual tasks with more 
experience implies that individual technology fits more easily. In addition to the powerful 
impact of expertise on the perceived ease of operation, experience is linked to perceived 
utility because experienced users effectively understand the tool’s utility [9,17]. Therefore, 
the following hypotheses were derived: 

Hypothesis 6 (H6). MOOCs’ individual–technology fit has a significant positive relationship 
with their perceived usefulness. 

Hypothesis 7 (H7). MOOCs’ individual–technology fit has a significant positive relationship 
with their perceived ease of use. 

Hypothesis 7a (H7a). Perceived ease of use mediates the relationship between MOOCs’ individ-
ual technology and perceived usefulness. 

2.6. TTF 
TTF is an empirical measure that explains the extent to which IS capabilities match 

the users’ tasks that need to be performed [39]. Several empirical studies [40,41] have 
demonstrated that perceived ease of use and perceived usefulness of a particular technol-
ogy may serve as a foundation to ascertain whether a particular technology matches the 
present values. Therefore, TTF is used to evaluate user performance as it determines the 
factors influencing the use of technology utility and task requirements [42]. Technology is 
accepted by users if it matches the task. Based on the empirical results, task–technology 
fitness can affect the perceived ease of use and perceived usefulness whereby users per-
ceive the tool as user-friendly and useful when it is higher [17]. Therefore, this study hy-
pothesises that: 

Hypothesis 8 (H8). Task technology positively influences students’ perceived usefulness of 
MOOCs. 

Hypothesis 9 (H9). Students’ perceived ease of use of MOOCs is positively influenced by TTF. 

Hypothesis 9a (H9a). Ease of use mediates the relationship between TTF and perceived useful-
ness. 

2.7. Openness (Cast Advantage) 
An open education community such as MOOC has concentrated over time on greater 

openness, enabling the community to provide visible and accessible educational materials 
through free access, greater choice, and flexibility [40,41]. Many students are interested in 
MOOCs due to their widespread and open nature compared to receiving certificates of 
any kind or academic credit [43]. Mohapatra and Mohanty [44] further revealed that be-
havioural intention to use MOOCs is significantly and positively affected by affordability. 
In the same vein, MOOCs’ openness is the very reason to join MOOCs [45]. For example, 
students in Middle Eastern countries such as Saudi Arabia, the UAE, and Egypt pay for 
private tutoring to be able to grasp the subjects taught at higher institutions [46]. Thus, 
many universities offer free, open MOOCs to allow students to freely and flexibly access 
educational resources [17]. Nevertheless, courses available online are limited and may not 
meet the students’ needs (quality and type). Meanwhile, some universities offer various 
MOOC courses at a high cost, which affects students’ continuous intention to use MOOCs. 
Therefore, this study argues that cost advantage refers to students’ perception and satis-
faction with MOOCs’ cost, which is commensurate with the courses’ quality and variety. 
Based on the discussion above, this study suggests the following hypotheses: 
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Hypothesis 10 (H10). Openness can significantly and positively affect the usefulness of using 
MOOCs. 

Hypothesis 11 (H11). Openness can significantly and positively affect the ease of use of MOOCs. 

Hypothesis 11a (H11a). The relationship between openness (course advantage) and perceived 
usefulness is mediated by students’ perceived ease of use regarding MOOCs. 

2.8. Reputation 
MOOCs’ reputation influences users’ beliefs on MOOCs [47]. In this light, an effective 

MOOC can draw more participation [48] because students’ and lecturers’ participation is 
dependent on their beliefs and their views on MOOCs [9]. The reputation of educational 
institutions is alluring to students because it serves as the perceived excellence of an insti-
tution which influences the choices of future students to attend the school [43,49]. In short, 
the initial assessment of the course’s reputation or university can, therefore, influence the 
student’s decision to withdraw [48]. At the early stages of a course, reputation could be a 
critical determiner to the student’s attitude toward the programme because they lack the 
experience to evaluate the course based on merits [48]. This study proposes the following 
hypothesis: 

Hypothesis 12 (H12). Students’ perceived usefulness toward MOOCs is positively influenced by 
MOOCs’ reputation. 

2.9. Social Recognition 
Recognition could significantly affect individuals’ abilities and capabilities, and fa-

cilitate social interaction. Recognition allows the development of social interaction based 
on the in-depth understanding and awareness of self-respect, self-confidence, self-esteem, 
and social relationships. Thus, social interaction is influenced by recognition. Many stud-
ies have examined the different forms and patterns of social recognition, while limited 
studies explained the implementation of social recognition in MOOCs and their compre-
hensive impact on the perceived usefulness. Furthermore, the use of MOOCs among stu-
dents may also be driven by an expected increase in grades, rewards, and support [38,50]. 
Social recognition also holds an effective role in enhancing ones’ aptitudes and skills to 
enable social interaction. A deep understanding of self-respect, self-confidence, self-es-
teem, and evolving relations in a society is created by social recognition [17]. Social inter-
action can be generated if recognition is established, which is considered to be a key factor 
in learning speeches. Although the available literature highlighted the different social 
recognition patterns, it remains insufficient to help recognise the effects of social recogni-
tion in accepting MOOCs. However, Khan et al. [9] added that MOOCs’ use can be in-
creased by increasing expected levels, reward structure, and institutional support. This 
study, therefore, proposes the following hypothesis: 

Hypothesis 13 (H13). The perceived usefulness of MOOCs is influenced by social recognition. 

2.10. Social Influence 
Studies on information systems revealed that individuals tend to adopt specific tech-

nologies based on the view of others rather than based on their preferences [51]. As such, 
Hsu and Lu [52] highlighted the impact of social influence on IT users’ acceptability and 
the empirical support as user behaviour drivers. Several studies have also revealed that 
people are motivated to follow the beliefs of others to strengthen their relationships with 
the members of the group [53,54]. 

This study considers social influence based on the extent to which other users explic-
itly agree and encourage participation in MOOCs [17]. A person is more willing to use 
MOOCs or increase the current use and future use of MOOCs if they notice others using 
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and benefiting from them. Similarly, this study expects the moderation effects of social 
influence on the student’s perception of MOOCs’ use. Therefore, this study proposes the 
following hypotheses: 

Hypothesis 14 (H14). The perceived usefulness of MOOCs is positively influenced by social in-
fluence. 

Hypothesis 15 (H15). The attitude toward using MOOCs is positively influenced by social in-
fluence. 

Hypothesis 15a (H15a). Students’ perceived usefulness of MOOCs mediates the relationship be-
tween social influence and students’ attitude toward the use of MOOCs. 

2.11. Arab Language Support 
Language study is a vital and important skill in today’s competitive international 

environment. However, most MOOCs are conducted in English (6287), whereby only 126 
MOOCs use Arabic as the medium of instruction [55]. This may affect user’s attitude to-
ward the continuous use of MOOCs, particularly in learning environments that are pre-
dominantly localised. Thus, recently, several educational institutions such as universities 
provide both English and Arabic MOOC platforms, and both languages exclusively pro-
vide the courses. Joseph and Nath [56] advocated the use of the participants’ native lan-
guage in delivering MOOCs based on the students’ cultural background/context. Hence, 
MOOC participants who are enrolled in foreign language courses might face difficulty 
understanding the course content due to their low language proficiency [57]. According 
to Liu [58], the most difficult obstacle for students without English skills is the English 
courses, and they are less interested in taking the lessons. Since Muslims constitute the 
globe’s second-largest population, and many Muslims speak Arabic, Arabic is the official 
language of Islam. That said, the effects of MOOC languages in the acceptance and con-
tinuation of MOOCs have not been investigated [59]. Therefore, we hypothesise that: 

Hypothesis 16 (H16). Perceived ease of use of MOOCs is influenced by the use of the Arabic 
language. 

Hypothesis 17 (H17). Perceived usefulness of MOOCs is influenced by the use of the Arabic 
language. 

Hypothesis 17a (H17a). Students’ perceived ease of use mediates the relationship between 
MOOCs’ Arabic language and students’ perceived usefulness. 

2.12. MOOCs’ Accreditation 
MOOCs’ accreditation is a process of providing credit or recognition for students 

after completing an MOOC. MOOC participants who enrolled and completed an MOOC 
usually do not receive any certification other than a letter of completion [11]. This practice 
differs from conventional courses where students receive a certificate upon completing a 
degree. Although some MOOC providers do provide certification [31], a more standard 
accreditation is required. Ghislandi [60] argued that accreditation is a complex but com-
pulsory process in many countries, where academic institutions are subjected to accredi-
tation by government or private accreditation agencies [61]. In most countries, the official 
accreditation agency is the respective Ministry of Education. Meanwhile, Aldahdouh and 
Osório [62] claimed that some MOOC providers failed the accreditation process. 

MOOCs’ accreditation is quite different, as students are usually enrolled in a single 
course. While some providers offer related courses through MOOCs [62], MOOC students 
are not required to follow a study plan. As a result, only the course needs to be an accred-
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ited degree. According to on-campus students, accreditation is one of their primary con-
cerns regarding MOOCs [63]. However, Aldahdouh and Osório [62] revealed that 57% of 
the EdX course participants do have the intention to be certified, even though formal ac-
creditation in MOOCs is less emphasised. Therefore, educators facilitate MOOCs volun-
tarily where the MOOCs’ participants can enrol themselves in search of knowledge rather 
than of certification [64]. However, Almuhanna [65] discovered that students enrol in 
MOOCs’ courses that are accredited and certified because they are recognised and useful 
during job hunting. Therefore, this study hypothesises: 

Hypothesis 18 (H18). MOOCs’ accreditation and certification positively affect students’ per-
ceived usefulness. 

3. Methodology 
3.1. Data Collection 

This study aims to determine the motivational and technological factors that influ-
ence the continuance intention to use MOOCs among the students of UAE. A descriptive 
research design driven by quantitative methodology was adopted. The respondents were 
contacted, the purpose of the study was explained to them, and they were assured of con-
fidentiality. The researchers then assigned representatives and directly distributed ques-
tionnaire forms to participants. The students were requested to distribute the survey 
forms randomly to minimise bias. Extra procedures were adopted to mitigate self-report-
ing bias; for example, the questionnaire was online and randomly distributed, variables 
were not titled, the respondents were assured of anonymity and no personal information 
was requested, and participation was completely voluntary. In addition, no data were 
collected from anyone under 16 years old. Therefore, the ethics committee at the Universiti 
Teknikal Malaysia Melaka ruled that no formal ethics approval was required, and the 
participants provided informed consent. A total of 1690 students are using MOOCs at the 
university. Based on Krejcie and Morgan Table, the sample size was determined to be 
roughly 320 respondents. Therefore, questionnaires were distributed through an online 
survey to 491 students in August 2020. The use of online questionnaires reduced the pos-
sibility of missing data because respondents were required to answer all items in the ques-
tionnaires before submitting their responses. Three hundred forty-nine questionnaires 
were returned after three weeks. This indicates that the initial response rate is 67 percent. 
Of the 491 responses, 315 were deemed valid for analysis after excluding 15 questionnaires 
because they contained unengaged responses, as they recorded a standard deviation 
value of zero. Each item in the questionnaire was first translated into Arabic and retrans-
lated into English to ensure consistency. 

3.2. Measurement and Scales 
All of the measurement items in this study were derived from previous valid instru-

ments. Five items for continuance intention to use MOOCs (CIUU) were adopted from 
[42]; four items for Individual–Technology Fit (ITF) from [17]; and three items for TTF 
from [66]. Meanwhile, five items for openness (OP) were adopted from [44,46]; five items 
for programme reputation (PR) from [44]; three items for social recognition (SR) from [38]; 
four items for social influence (SI) from [67]; three items for Arabic language use (ALS) 
from [59]; five items for course accreditation and certification (CCA) from [65]; seven items 
for pperceived ease of use (PEU) from [68]; six items for perceived usefulness (UUL) from 
[68]; and four items for attitude (ATU) from [34]. 

3.3. Data Analysis Method 
The partial least squares structural equation modelling (PLS-SEM) was employed to 

measure the complex cause–effect relationship models with latent variables [69]. The au-
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thors also added that comparing covariance-based structural equation modelling meth-
odologies are appropriate to evaluate higher-order constructs and sophisticated concep-
tual models with mediation effects [69]. The PLS-SEM technique using Smart-PLS was 
suitable to examine the cause–effect linkages presented in this study model because the 
study sample surpassed 100 (n = 315). 

3.4. Data Analysis 
3.4.1. Demographic Characteristics 

The demographic profiles of the respondents in this study are summarised in Table 
1. More males participated in this study (81.5%) than female respondents (18.5%). Most of 
the respondents (45%) were from the School of Business and Quality Management, while 
32% were from the School of E-education, and 23% were from the School of Health and 
Environment Studies. Most of the respondents have between 1–2 years of experience 
(45%), 28% have 2–3 years of experience, and 27% have less than 1 year of experience. A 
majority of the respondents used both xMOOCs and cMOOCs (57%), followed by 
xMOOCs only (28%) and cMOOCs (15%). 

Table 1. Demographic characteristics. 

Gender N % 
Female 58 18.5 
Male 257 81.5 
Total 315 100 

School   
School of Business and Quality Management 141 45 
School of Health and Environment Studies 74 23 

School of E-education 100 32 
Total 315 100 

Experience   
Less than 1 year 85 27 

1–2 years 141 45 
2–3 years 89 28 

Total 315 100 
Type of MOOCs   

xMOOCs 87 28 
cMOOCs 49 15 

Both 179 57 
Total 315 100 

3.4.2. Validity and Reliability 
In the first stage of SEM, construct reliability, indicator reliability, convergent valid-

ity, and discriminant validity of the identified constructs were assessed. Composite relia-
bility (CR) and Cronbach’s alpha were used to determine the construct dependability 
(CA). The construct is rendered reliable if the CR value is greater than 0.07. The CR values 
obtained for this study were greater than 0.07, indicating sufficient CA (Table 2). The in-
dicator dependability was then tested using CA (CA > 0.07). Based on the results, the CA 
for all variables was acceptable. Meanwhile, average variance extracted (AVE) was used 
to determine the constructs’ convergent validity where the value should be greater than 
0.50 [70]. The convergent validity of the constructs for this study was evident because all 
constructs yielded significant AVE. Table 2 lists the values of CA, CR, and AVE. 
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Table 2. Reliability and validity. 

Construct Mean SD CA CR AVE 
ALS 4.603 1.825 0.676 0.822 0.607 
ATU 4.935 1.736 0.778 0.858 0.604 
CCA 4.689 1.79 0.753 0.835 0.504 
CIUU 4.904 1.749 0.806 0.865 0.562 

ITF 4.713 1.7704 0.895 0.922 0.704 
OP 4.825 1.758 0.785 0.874 0.699 

PEU 4.874 1.699 0.887 0.917 0.689 
PR 4.653 1.784 0.888 0.918 0.691 
SI 4.535 1.7915 0.894 0.926 0.758 
SR 4.943 1.722 0.746 0.854 0.661 

TTF 4.748 1.71 0.845 0.906 0.762 
UUL 5.039 1.6915 0.908 0.929 0.686 

The discriminant validity of the variables was assessed using three methods, namely, 
the Fornell and Lacker criterion, cross-loading, and the Heterotrait–Monotrait ratio 
(HTMT) [69]. The discriminant validity was assessed based on the comparison of the 
square root of AVE retrieved from each concept with the correlation between constructs 
using the Fornell–Lacker criterion. The cross-loading approach then assesses the con-
struct’s outer loading, which should be greater than the associated construct loading to 
indicate appropriate discriminant validity. 

Table 3 lists the findings of the Fornell–Lacker and HTMT tests, while Table 4 pre-
sents the results of cross-loading. According to Kline et al. [71], values above 0.85 imply 
that the measurement has good discriminant validity. Therefore, the discriminant validity 
of the constructs was determined as all loadings of the constructs were higher than the 
other constructs. Table 4 presents the results of cross-loading, which indicates that there 
is a high correlation between items of the same construct and a very weak correlation 
between items of a different construct. Finally, the Fornell–Lacker criterion was used to 
verify discriminant validity, which demonstrated substantial relationships between the 
constructs. 

Table 3. Discriminant validity. 

  ALS ATU CCA CIUU ITF OP PEU PR SI SR TTF UUL 
ALS 0.779            
ATU 0.347 0.777           
CCA 0.387 0.577 0.71          
CIUU 0.401 0.673 0.628 0.75         

ITF 0.251 0.417 0.256 0.403 0.839        
OP 0.391 0.472 0.413 0.425 0.406 0.836       

PEU 0.365 0.534 0.372 0.536 0.487 0.47 0.83      
PR 0.233 0.394 0.237 0.325 0.435 0.338 0.298 0.831     
SI 0.353 0.584 0.385 0.456 0.492 0.388 0.414 0.502 0.871    
SR 0.43 0.331 0.304 0.354 0.458 0.494 0.461 0.202 0.274 0.813   

TTF 0.336 0.489 0.34 0.416 0.712 0.412 0.482 0.461 0.518 0.48 0.873  

UUL 0.343 0.644 0.444 0.583 0.621 0.555 0.711 0.473 0.604 0.516 0.636 0.828 

Table 4. Loadings and cross-loading. 

 ALS ATU CCA CIUU ITF OP PEU PR SI SR TTF UUL 
MOOCs are provided in the Arabic 

language 
0.836 0.246 0.299 0.269 0.227 0.338 0.349 0.228 0.252 0.302 0.289 0.27 
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Many internet sources of information 
are in Arabic. 

0.791 0.336 0.408 0.321 0.188 0.367 0.262 0.178 0.356 0.441 0.278 0.28 

Access to the verity of information in 
the Arabic language. 

0.705 0.231 0.191 0.364 0.167 0.195 0.231 0.128 0.218 0.265 0.213 0.254 

MOOCs, in my opinion, are a good 
idea. 

0.292 0.775 0.412 0.502 0.279 0.318 0.384 0.317 0.511 0.19 0.366 0.412 

MOOCs, in my opinion, are 
beneficial. 

0.342 0.824 0.517 0.524 0.346 0.407 0.441 0.221 0.436 0.322 0.435 0.523 

In MOOCs, I actively participate in a 
variety of sorts of debates and 

reviews. 
0.219 0.675 0.473 0.535 0.259 0.314 0.396 0.426 0.402 0.255 0.289 0.506 

I am satisfied with using MOOCs. 0.224 0.826 0.387 0.526 0.405 0.419 0.433 0.263 0.465 0.256 0.424 0.553 
MOOCs offer us a flexible schedule to 

finish our course. 
0.198 0.394 0.685 0.449 0.163 0.33 0.263 0.163 0.254 0.125 0.201 0.299 

I can easily transform MOOCs’ credit. 0.406 0.447 0.753 0.455 0.187 0.288 0.285 0.112 0.288 0.2 0.276 0.336 
MOOCs’ programmes are certified 

and accredited in my university. 
0.283 0.426 0.758 0.441 0.207 0.28 0.303 0.059 0.222 0.233 0.292 0.32 

MOOCs are beneficial for professional 
development, which is essential for 

job placement. 
0.228 0.455 0.747 0.487 0.167 0.291 0.278 0.283 0.331 0.236 0.239 0.377 

MOOCs provided us a statement of 
accomplishment when we finished 

our study. 
0.268 0.298 0.595 0.394 0.199 0.294 0.17 0.239 0.275 0.321 0.188 0.214 

In the future, I plan to continue using 
MOOCs. 

0.325 0.547 0.425 0.741 0.316 0.323 0.42 0.224 0.255 0.272 0.358 0.424 

I will insist on using MOOCs to study 
the courses I registered. 

0.361 0.401 0.455 0.75 0.279 0.315 0.327 0.205 0.312 0.317 0.326 0.395 

Rather than adopting any other 
method, I intend to continue using the 

MOOCs system. 
0.334 0.487 0.493 0.719 0.298 0.293 0.408 0.198 0.28 0.282 0.336 0.417 

In the future, I plan to use the 
MOOCs system regularly. 

0.268 0.58 0.544 0.812 0.371 0.402 0.484 0.242 0.44 0.309 0.343 0.53 

I would recommend the use of 
MOOCs to others. 

0.23 0.479 0.428 0.724 0.228 0.243 0.345 0.354 0.41 0.143 0.189 0.401 

I am capable of completing MOOCs 
courses on my own and consciously. 

0.216 0.334 0.173 0.33 0.856 0.354 0.401 0.357 0.39 0.345 0.551 0.488 

MOOCs’ features are sufficient to 
complete my study. 

0.207 0.282 0.248 0.305 0.84 0.354 0.363 0.346 0.34 0.388 0.549 0.495 

MOOCs’ system fits well with the 
way to enhance my learning. 

0.215 0.42 0.247 0.355 0.821 0.321 0.428 0.352 0.464 0.352 0.652 0.573 

I strive to obtain accolades for great 
MOOC performance. 

0.214 0.379 0.219 0.368 0.853 0.364 0.473 0.386 0.41 0.442 0.598 0.544 

MOOCs’ system fits well with the 
way I like to strengthen my learning 

skills. 
0.201 0.319 0.181 0.325 0.825 0.307 0.364 0.384 0.453 0.391 0.629 0.495 

I am free to enrol in any course with 
no prerequisites. 

0.264 0.327 0.308 0.323 0.307 0.826 0.395 0.331 0.297 0.38 0.337 0.442 

I have permission to access and use 
the course materials and resources. 

0.32 0.436 0.418 0.382 0.334 0.826 0.371 0.202 0.348 0.437 0.38 0.449 
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I will be able to apply the course 
materials to my work. 

0.39 0.418 0.314 0.36 0.374 0.856 0.411 0.312 0.329 0.423 0.32 0.499 

It is easy to learn how to use MOOCs. 0.289 0.406 0.286 0.412 0.376 0.369 0.814 0.284 0.313 0.346 0.37 0.596 
It is easy to master the use of MOOCs. 0.36 0.446 0.304 0.459 0.407 0.422 0.834 0.215 0.393 0.43 0.381 0.605 
I felt free to ask questions throughout 

this course. 
0.3 0.469 0.348 0.461 0.416 0.378 0.85 0.267 0.336 0.401 0.425 0.599 

The instructor responded to my 
questions in a timely manner. 

0.262 0.469 0.292 0.44 0.473 0.363 0.816 0.269 0.36 0.367 0.471 0.554 

Using MOOCs leads to easy access to 
resources from anywhere and at any 

time. 
0.302 0.423 0.311 0.45 0.346 0.415 0.834 0.203 0.313 0.367 0.349 0.597 

The MOOC platform has a good 
reputation and offers courses that I 

am interested in. 
0.191 0.336 0.22 0.225 0.35 0.327 0.224 0.828 0.413 0.186 0.382 0.38 

MOOCs’ partners in our university 
have a good reputation. 

0.177 0.332 0.203 0.307 0.351 0.218 0.226 0.839 0.374 0.114 0.356 0.382 

It is easy to interact with professors 
and lecturers through MOOCs. 

0.184 0.276 0.147 0.241 0.33 0.25 0.251 0.833 0.382 0.128 0.346 0.367 

MOOCs’ courses have high standards 
in voice and image. 

0.196 0.362 0.201 0.272 0.418 0.339 0.281 0.809 0.48 0.206 0.438 0.436 

MOOCs platform offers courses of 
excellent quality. 

0.217 0.322 0.211 0.304 0.35 0.263 0.251 0.845 0.427 0.196 0.384 0.392 

The opinions of other participants 
concerning MOOCs motivate me to 

use them. 
0.271 0.455 0.29 0.352 0.401 0.322 0.323 0.415 0.838 0.175 0.374 0.501 

The opinions of other participants 
about MOOCs have an impact on my 

capacity to use them. 
0.28 0.511 0.348 0.392 0.442 0.349 0.385 0.429 0.858 0.273 0.437 0.534 

MOOC credentials must be verified 
by colleges. 

0.359 0.47 0.316 0.389 0.443 0.301 0.372 0.47 0.887 0.267 0.486 0.511 

The belief of other participants 
toward MOOCs influences my 

decision to use them. 
0.318 0.587 0.381 0.448 0.428 0.374 0.362 0.437 0.899 0.236 0.499 0.555 

It is imperative for employers to 
adopt MOOCs as on-the-job training. 

0.301 0.226 0.204 0.256 0.384 0.406 0.37 0.156 0.215 0.836 0.363 0.418 

It is important for MOOCs’ quality to 
be appreciated and accepted by 

others. 
0.393 0.262 0.289 0.224 0.392 0.388 0.365 0.193 0.21 0.775 0.383 0.346 

It i essential that MOOC credentials 
are verified by colleges. 

0.364 0.314 0.256 0.363 0.35 0.41 0.389 0.151 0.24 0.827 0.423 0.476 

MOOCs are appropriate for my 
educational needs. 

0.267 0.369 0.234 0.296 0.597 0.316 0.368 0.393 0.35 0.391 0.848 0.46 

Using MOOCs fits with my 
educational practice. 

0.341 0.471 0.37 0.397 0.656 0.434 0.441 0.393 0.47 0.446 0.906 0.563 

It i easy to figure out which tool to 
utilise in MOOCs. 

0.269 0.431 0.276 0.384 0.61 0.325 0.444 0.421 0.515 0.418 0.864 0.622 

MOOCs are ideal for assisting me in 
completing online courses. 

0.328 0.552 0.394 0.485 0.477 0.447 0.63 0.345 0.493 0.437 0.555 0.832 
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MOOCs make it easy to convert 
learning content into specific learning 

objects (knowledge and/or skill). 
0.262 0.549 0.352 0.495 0.529 0.442 0.583 0.388 0.503 0.397 0.542 0.873 

Learning in MOOCs is easier than 
learning in face-to-face classes. 

0.304 0.57 0.42 0.513 0.545 0.51 0.637 0.413 0.551 0.437 0.52 0.838 

Using MOOCs would enable me to 
accomplish tasks more effectively. 

0.214 0.521 0.35 0.504 0.525 0.447 0.578 0.46 0.519 0.389 0.496 0.812 

Using MOOCs would enhance my 
effectiveness in learning. 

0.31 0.471 0.343 0.448 0.492 0.462 0.543 0.35 0.497 0.467 0.531 0.809 

I would recommend this course to 
friends/colleagues. 

0.288 0.533 0.343 0.448 0.519 0.451 0.557 0.392 0.435 0.44 0.518 0.805 

3.5. Path Analysis 
Based on Table 5, the structural model results revealed that the causal relationship 

between individual task fit and perceived ease of use was statically significant. However, 
the causal relationship between individual task fit and perceived usefulness was insignif-
icant. Meanwhile, the relationships between task technology fit and both perceived ease 
of use and perceived usefulness were significant. On the other hand, openness yielded a 
significant positive relationship with ease of use but revealed no relationship with per-
ceived usefulness. The relationship between reputation and perceived usefulness was 
statically significant, and social influence and attitude toward MOOCs were also posi-
tively significant. Similarly, the relationship between social recognition and usefulness 
was significantly positive. Likewise, the relationships between social influence and use-
fulness, and social recognition and attitude were also significantly positive. The use of the 
Arabic language positively and significantly influenced ease of use. While there was also 
a significant positive relationship between course certificate accreditation and perceived 
usefulness. Contrarily, the relationship between the use of the Arabic language and per-
ceived usefulness was insignificant. However, the relationship between perceived ease of 
use and perceived usefulness was significantly positive, like perceived ease of use and 
attitude, which was also significant. Perceived usefulness also positively and significantly 
influenced student attitude and continuance intention to use, and there was a significant 
relationship between attitude and continuance intention to use. Next, the effect size (f2) 
for this study is tabulated in Table 5, ranging from 0.000 to 0.072, indicating that all con-
structs generated a small effect size on the students’ continuance intention to use MOOCs. 

As for the blindfolding process, Hair et al. [72] demonstrated how construct values 
are well-observed by reconstructing parameter estimations. In this study, only the endog-
enous constructs with reflected indicators were blindfolded. The model’s predictive rele-
vance (Q2) was calculated collectively by considering all components at an individual level 
(single factor) and is presented in Table 5. The blindfolding method yielded a predictive 
relevance of 0.714, indicating the integration of variables for students’ continued intention 
to use MOOCs. 

Table 5. Path coefficients. 

Path Path Coefficient S.E t-Value p-Value 
PEU→UUL 0.381 0.053 7.195 0.000 
PEU→ATU 0.163 0.067 2.422 0.015 
UUL→ATU 0.340 0.075 4.553 0.000 
UUL→CIUU 0.256 0.075 3.422 0.001 
ATU→CIUU 0.508 0.067 7.622 0.000 

ITF→UUL 0.091 0.094 1.613 0.067 
ITF→PEU 0.232 0.065 3.589 0.000 
TTF→UUL 0.128 0.059 2.171 0.030 
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TTF→PEU 0.162 0.069 2.350 0.019 
OP→UUL −0.084 0.087 1.421 0.072 
OP→PEU 0.248 0.061 4.088 0.000 
PR→UUL 0.089 0.039 2.276 0.023 
SR→UUL 0.108 0.045 2.399 0.016 
SI→UUL 0.205 0.050 4.067 0.000 
SI→ATU 0.311 0.052 5.947 0.000 

ALS→PEU 0.155 0.053 2.933 0.003 
ALS→UUL −0.083 0.037 1.753 0.066 
CCA→UUL 0.083 0.039 2.160 0.031 

3.6. Mediating Effects 
As shown in Table 6, perceived usefulness exhibited a partial mediating effect on the 

relationship between perceived ease of use and attitude toward the use of MOOCs. The 
coefficient of perceived usefulness toward the attitude to using MOOCs was recorded at 
0.386 (p-value = 0.0001). This study also demonstrated that the students’ attitudes partially 
mediated the relationship between perceived usefulness and students’ continuance inten-
tion to use MOOCs. The b coefficient of perceived usefulness in continuance intention to 
use MOOCs was estimated at 0.330 (p-value = 0.0001). 

On the other hand, perceived ease of use fully mediated the relationship between 
individual–technology fit and perceived usefulness. The direct effect of individual–tech-
nology fit and perceived usefulness yielded a zero value between the lower and upper 
confidence intervals. Moreover, VAF does not work since the direct effects have different 
signs, and when a direct effect is negative, the VAF value is 100% [72]. Meanwhile, the 
indirect effect of perceived ease of use in the relationship between individual–technology 
fit and perceived usefulness was 0.252, and the direct effect (individual–technology fit and 
perceived usefulness) was 0.089. Hence, the VAF value was estimated to be 100%. It was 
concluded that the perceived ease of use fully mediated individual–technology fit and 
perceived usefulness because the VAF value was greater than 80%. 

In addition to that, perceived ease of use partially mediated the relationship between 
technology–tasks fit and perceived usefulness. The b coefficient of technology–tasks fit in 
perceived usefulness was recorded at 0.254 (p-value = 0.001).The indirect effects of per-
ceived ease of use in the relationship between MOOCs’ openness (course advantage) and 
perceived usefulness were significant at a coefficient of 0.231 (p-value = 0.002), and the 
direct effect of MOOCs’ openness (course advantage) on perceived usefulness was 0.091. 
In this study, perceived usefulness was identified to have partially mediated the relation-
ship between social influence and students’ attitudes toward MOOCs. The coefficient of 
social influence on the attitude toward MOOCs was recorded at 0.278 (p-value = 0.0001). 
Finally, perceived ease of use fully mediated the relationship between the use of the Ara-
bic language and perceived usefulness. The indirect effect of perceived ease of use in the 
relationship between the use of the Arabic language in MOOCs (courses and platform) 
and perceived usefulness was 0.221 (p-value = 0.0004), whereas the direct effect between 
the use of Arabic language and perceived usefulness was 0.076. 

Table 6. Path coefficients for indirect effect. 

Path 
Path 

Coefficient 
2.50% 97.50% 

t-
Statistics 

p-
Values 

Decision 

PEU→UUL→ATU 0.386 0.288 0.49 7.45 0.000 Accepted 
UUL→ATU→CIUU 0.330 0.236 0.432 6.545 0.000 Accepted 

ITF→PEU→UUL 0.252 0.162 0.340 5.548 0.000 Accepted 
TTF→PEU→UUL 0.254 0.182 0.338 6.374 0.001 Accepted 
OP→PEU→UUL 0.231 0.242 0.421 4.98 0.002 Accepted 
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SI→UUL→ATU 0.278 0.203 0.36 6.931 0.000 Accepted 
ALS→PEU→UUL 0.221 0.245 0.446 3.91 0.004 Accepted 

4. Discussion 
In line with technological development enhanced by educational competition, mas-

sive open online courses (MOOCs) play a major role in the development of education at 
the level of institutions and students. At the institutional level, MOOCs help to support 
the competitive advantage of institutions by providing educational services at the lowest 
costs and that are the most effective. On the other hand, at the students’ level, MOOCs 
provide students good-quality and lower-cost courses with the flexibility of accessing the 
contents and interactive tools for learning. This study aimed to assess the influence of 
behavioural and technological factors on MOOCs’ continuation intentions among the stu-
dents. This study verified the significant relationship between the perceived ease of using 
MOOCs and their perceived usefulness [31,73]. The results indicated that high perceived 
usefulness is evident when the platform could be easily used by users, which is supported 
by study [31]. As a result, we believe students found the MOOCs’ online learning system 
to be simple to use and beneficial to their learning. Because MOOC learners have a wide 
range of technical skills and ages, it is vital to build learner-friendly features so that they 
do not encounter technical issues during their initial use and believe MOOCs are effective 
for their learning activities and goals. In addition, this study revealed that MOOCs’ per-
ceived ease of use among students is not positively associated with an improvement in 
their attitude toward MOOCs. The friendly use of MOOCs influence students’ perception 
and attitude to use MOOCs in their education. This study is consistent with the existing 
research [74]. Contrarily, the findings from this study contradicted Wu and Chen’s [17] by 
concluding that the ease of use does not significantly affect students’ attitudes to use 
MOOCs. However, this study revealed that perceived usefulness can positively influence 
students’ attitudes toward MOOCs’ usage. This indicates that the value of MOOCs that 
students can gain through MOOCs influences their attitude to use MOOCs, which influ-
ences MOOCs’ stability in the long run. For example, students’ perception of MOOCs’ 
usefulness in improving learning performance through accomplishing tasks more effec-
tively influences their attitude toward MOOCs. Therefore, the MOOCs’ providers and de-
velopers have to rapidly improve MOOCs’ technology and functions that facilitate stu-
dents’ tasks effectively and meet the rapid technological change. Our finding confirms 
studies by [17,59]. 

In addition, we also discovered that perceived usefulness can positively influence 
students’ continuance intention to use MOOCs. The perceived usefulness in this study 
significantly indicated long-term intention to use MOOCs. This is because the MOOCs 
that are appreciated by students in terms of their effectiveness in performing the tasks 
compared to other educational technology attract students’ intention to use them consist-
ently. The findings of this study are in line with the findings of Wu and Chen [17], who 
observed that it was the antecedent of user continuance intention with regards to MOOCs. 
Additionally, MOOCs’ practicability and usefulness can also effectively influence their 
usage behaviour. On the other hand, this study also revealed that attitude can positively 
and significantly influence students’ continuance intention to use MOOCs. This shows 
that attitude plays an important role in the growth and development of MOOCs. 

In line with previous literature [6,37], attitude was perceived as an important predic-
tor toward the continuous intention to use MOOCs. However, a user with a poor attitude 
is likely to use MOOCs and then abandon them. Therefore, universities implementing 
MOOCs in the lodging service must focus on factors which can influence students’ atti-
tudes and their continuous use. 

  



Sustainability 2022, 14, 9279 17 of 24 
 

4.1. Relationship between TTF and TAM 
Individual–technology fit positively and significantly influenced perceived useful-

ness. Moreover, the perception of users about the flexibility and efficiency of MOOCs’ 
technology also influences their use [9,17]. In construct, this study revealed that the rela-
tionship between individual–technology fit and perceived usefulness was insignificant, in 
line with Wu and Chen’s [17] findings. This difference could be due to individual–tech-
nology fit being more likely to influence ease of use than perceived usefulness. Moreover, 
this study also discovered that task–technology fitness can affect the perceived ease of use 
and perceived usefulness. When the fitness score is higher, users perceive the tool to be 
easy to operate and useful for a particular task [17]. The TTF that influences students’ 
behaviour toward MOOCs may have technological features affecting the effectiveness of 
online learning. Consequently, it also influences MOOCs’ perceived utility by matching 
the tasks and technology [9,54].  

4.2. MOOCs’ Features 
This study revealed a significant and positive relationship between openness (course 

advantage) and perceived ease of use, in line with that of [44]. In short, course affordability 
influences the use of MOOCs. However, the relationship between openness (course ad-
vantage) and perceived usefulness was insignificant. Although the cost affordability of 
MOOCs may encourage enrolment of students, the perceived usefulness depends on the 
quality of the course. Even so, this study also indicated that MOOCs’ reputation has a 
positive relationship with students’ perceived usefulness. Reputed systems also produce 
faster response times and a large number of responses per post, as well as differences in 
how students ask questions. The findings of this study are consistent with a study by Al-
raimi et al. [36], in which reputation influences users’ perceived usefulness toward 
MOOCs. It is important for the UAE’s educational platforms to ensure the popularity of 
their MOOCs and platforms in processes and materials. 

4.3. Social Factors 
Social recognition can positively influence perceived usefulness and attitude toward 

MOOCs [17,36]. The importance of social recognition lies in its effects on social interaction 
based on the awareness of self-confidence, self-respect, self-esteem, and the relationship 
with others within the society. Hence, a person is motivated to follow others’ beliefs to 
strengthen the relationships with the other members of the group in explaining the con-
ceptual reasoning underlying the link. The UAE’s educational institutions have to im-
prove their delivery quality to be recognised, as it influences the long-term stability for 
their MOOCs’ programmes. 

4.4. Context Factors 
According to Al-Shami et al. [74], there are some barriers to MOOCs’ continuous use, 

including language problems. This issue is critical in many countries, especially the Arab 
world [11]. Based on this study, the use of the Arabic language in MOOCs can positively 
influence ease of use [59]. However, the relationship between the Arabic language and 
perceived usefulness was insignificant, probably because the perceived usefulness of the 
Arabic language in facilitating MOOCs depends on the quality of the overall MOOCs and 
their interaction and information. This study further indicated that course accreditation 
through Course Certificate Advantage has a significantly positive relationship with per-
ceived usefulness, in which providing certificate and accreditation for MOOCs can influ-
ence students’ usefulness [62]. MOOCs that are accredited and certified are useful for 
recognition and to land jobs [62]. 
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4.5. Indirect Effect 
In this study, students’ perceived usefulness mediated the relationship between per-

ceived ease of use and attitude toward MOOCs. A platform that is easy to use will affect 
a learner’s preferences, while a more-complex platform could receive user resistance. 
When users cannot navigate through the platform easily, they tend to stop using it or try 
other, less-complex platforms that require less effort to use [31,62]. The findings also indi-
cated that attitude can partially mediate the relationship between usefulness and contin-
uance intention to use MOOCs [36,75]. Moreover, the students’ belief that using MOOCs 
could improve their performance has a positive effect on their continuous intention to use 
the platform. These results led scholars and the UAE’s MOOCs’ providers to understand 
the importance of highlighting MOOCs’ useful aspects because it could influence stu-
dents’ attitudes toward using MOOCs, which subsequently impacts the postadoptive be-
haviour (continuance intention). 

Thirdly, this study also demonstrated that perceived ease of use fully mediated the 
relationship between individual–technology fit and usefulness. In brief, the flexibility of 
a platform facilitates the usage of MOOCs, in which students can determine the volubility 
of the platform contents, consequently influencing their perceived usefulness. Next, per-
ceived ease of use also mediated the relationship between tasks–technology fit and use-
fulness, further indicating that when technology supports the task at hand, students tend 
to use the same technology for such tasks [17]. Fifth, perceived ease of use was deemed as 
a mediator between openness (cost advantage) and perceived usefulness. Although many 
MOOCs are open, the dropout rate from the courses is very high, hence indicating that 
the cost, especially in a rich country such as the UAE, is not an issue compared to the 
quality of MOOCs’ contents. Therefore, students appreciate the usefulness of the MOOCs 
after accumulated experiences. 

Next, usefulness was also identified to mediate the relationship between social influ-
ence and students’ attitudes toward MOOCs. The advantages of MOOCs should be rec-
ognised by the community [17] to help create social acceptance apart from influencing 
students’ perceived usefulness and attitude toward MOOCs. The seventh effect is related 
to the full mediation of perceived ease of use in the relationship between the use of the 
Arabic language and perceived usefulness. A majority of MOOCs use English, making it 
difficult for those in the UAE whose local language is more dominant than English. How-
ever, the usefulness of MOOCs is not directly influenced by the use of local language, but 
also by the volubility of the courses that attract students’ continuous use. 

5. Implications 
5.1. Theoretical Contribution 

Despite the popularity of MOOCs and their future growth trend, many MOOCs that 
are provided by educational institutions suffer from sustainability issues because fewer 
than 10% of users completed their courses during the COVID-19 pandemic [4]. Such a low 
completion rate still forms a research gap, especially in developing countries where liter-
ature is scarce. Nevertheless, scholars from various disciplines attempted to bridge the 
gap of MOOCs’ stability. Some of these studies emphasised the importance of behavioural 
factors [17,75], while others focused on technological and quality factors [76]. However, 
most previous of the literature focused more on the factors influencing users’ intention to 
use MOOCs than on their continuous intention to use MOOCs. The factors influencing 
users’ continuous intention to use MOOCs, which is the key driver for MOOCs’ stability, 
still need to be investigated. Even though recent studies attempted to bridge the gap on 
the continuous intention to use MOOCs [17, 77–79], most of these studies addressed the 
continuance intention to use MOOCs in terms of behavioural factors or technological fac-
tors or both, without considering the contextual factors. 

In this study, we argued that the integration between technological, social, and con-
textual factors could influence students’ behaviour toward the continuous use of MOOCs. 
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Consequently, the TAM and TTF models that were applied to MOOCs in this study also 
incorporated the interaction with contextual factors. Not only does the current integrative 
model have more robust results than the TAM and TTF models do separately, but it also 
improves our awareness of TTF processes in contributing to MOOCs’ development. In 
this regard, TAM combined with the TTF model, MOOC features, and social motivation 
could be regarded as a useful tool for studying actions in MOOCs. 

The current study adds information to the established body of knowledge in four 
significant ways. This study was based on previous studies of MOOCs by emphasising 
the importance of achieving individual–technology fit and TTF. The findings of this study 
further indicated that perceived ease of use, usefulness, individual–technology fit, TTF, 
openness, reputation, social recognition, social influence, Arabic language use, and course 
advantage accreditation can all indirectly impact the continued intention to use MOOCs. 
The suggested integrated model offers a more comprehensive overview than the perspec-
tives of individual TTF. This study, therefore, extends the body of knowledge of MOOCs’ 
continuous intention through incorporating TAM and TTF theories. 

This study also revealed that individual–technology fit, in addition to TTF, has a sub-
stantial impact on MOOCs’ perceived usefulness. Therefore, this study can be used as a 
reference point for future studies on MOOCs using the TTF model. The proposed model 
also revealed a mechanism for determining the effects of TTF on MOOCs’ perceived use-
fulness. Students are more likely to use MOOCs if they believe that it would benefit them 
in terms of TTF. Secondly, this study emphasised the value of using openness and repu-
tation to manage perceived utility and ease of use. These elements can improve students’ 
perceptions of usefulness and ease of use and, subsequently, their continued use of 
MOOCs. Of all the antecedent variables, reputation demonstrated the greatest effect on 
MOOCs’ perceived usefulness. As a result, the relative significance of MOOCs in the pro-
posed research model has been verified. 

Next, this model suggested social motivation to improve MOOCs’ perceived useful-
ness and attitude. Social motivation is reflected in social identity and group norms, where 
it involves social recognition and social impact. This study revealed that social recognition 
and social power can greatly impact perceived usefulness. As such, this study added to 
our knowledge about user cognition, in which previous studies primarily focused on tech-
nological adoption. According to the results, perceived utility is a key factor influencing 
students’ attitudes toward the intention to use MOOCs in the future. Finally, MOOCs 
work differently from one context to another according to specific factors such as the use 
of language and course certificate advantages. However, most of the previous literature 
neglected these two factors, probably because a majority of the MOOCs’ features deliver 
their courses in English with no certificate. In the UAE, however, using Arabic as an ad-
ditional language facilitates the ease of using MOOCs, while course certificate advantage 
improves the usefulness of the users. Therefore, this study brings new insight to the body 
of knowledge by introducing new context factors. As a result, the element of use became 
critical in improving MOOC services to improve the long-term intention to use MOOCs. 
Hence, it is worth highlighting that the findings of this study contributed to a better un-
derstanding of the factors that influence students’ intention to use MOOCs in the future. 

5.2. Practical Contribution 
According to the current findings, course openness with a low cost and social impact 

are the most important predictors for perceived usefulness in MOOCs. In terms of prac-
tice, several significant consequences and recommendations for MOOC practitioners can 
be suggested based on these results. Firstly, MOOC practitioners must understand that 
their decision to continue depends not just on their attitude toward MOOCs, but also on 
their perceived utility. Furthermore, perceived MOOC utility is a major mediator of the 
effects of perceived ease of use, task–technology suit, openness, and social motivation on 
continuation intention. Since perceived usefulness is the most important determinant of 
continuation intention, improving students’ beliefs in the efficacy of MOOCs will increase 
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their intention to continue using them. In short, these results revealed that creating 
MOOCs with a modern interface and user-friendly screens would be insufficient to influ-
ence users’ intention to continue. Instead, practitioners of MOOCs should emphasise prac-
tical functionality rather than the simplicity of use. Secondly, this study revealed that the 
TTF of MOOCs influenced perceived ease of use and usefulness, while individual–tech-
nology fit influenced perceived usefulness via perceived ease of use. Thus, MOOCs 
should clarify course prerequisites and challenges, such as the levels of required prior 
knowledge and the available resources to students. 

Based on the analyses, practitioners of MOOCs should place more emphasis on ease 
of use and useful functionality. Secondly, this research shows that the TTF of MOOCs 
influences perceived ease of use and usefulness and that individual–technology fit influ-
ences perceived usefulness through perceived ease of use. As a result, MOOCs should be 
structured to explain course qualifications and obstacles, such as the levels of prior 
knowledge required and the resources available to students. Thirdly, openness and repu-
tation are the two aspects MOOC providers can concentrate on to differentiate themselves 
from rivals (higher learning institutions) and increase an individual’s perception of 
MOOCs by attracting students through continued use of MOOCs. Since most MOOCs are 
available at a low cost and there are a few switching costs, the impacts of cost efficiency 
on perceived usefulness are mediated by perceived ease of use. MOOC practitioners 
should concentrate on factors associated with the perceived ease of use by maximising 
accessible, rich multimedia capabilities to help promote a dynamic loop and share more 
user-generated experiences. Next, the perceived utility was also identified to be influ-
enced by social motivation as a way to foster optimistic attitudes. MOOC professionals 
who apply these perspectives are more likely to attract and retain students in their 
courses. On the other hand, they will set themselves apart from the competition by ensur-
ing that their courses are useful to learners. They must also value the effects of social in-
fluence, for which they may use peer influence to encourage continued use. With an in-
creased sense of belonging to the company or community, one tends to adopt new tech-
nology. For instance, the intention to continue MOOCs can be strengthened through a fun, 
interactive learning atmosphere. Finally, since the use of the Arabic language in MOOCs 
can facilitate ease of use, the certificate advantages can influence users’ usefulness percep-
tion, improving MOOCs’ communication and accreditation and enhancing users’ percep-
tion of MOOCs usefulness, which influences their continuous intention to use MOOCs. 

5.3. Limitations and Future Research 
Despite thorough and systematic analysis, a few drawbacks were identified in this 

study. This study was conducted in the UAE where MOOCs are still in their infancy. 
Therefore, self-selection bias could be present since the survey respondents voluntarily 
participated in this study. The ability to conduct random probabilistic sampling is only 
possible if the number of MOOC users grow. Secondly, this study employed a cross-sec-
tional study. Hence, user behaviour is fluid. However, longitudinal evidence is also re-
quired to gain a better understanding of the inter-relationships or causality among the 
variables related to technology acceptance. Thirdly, determining causal effects among the 
constructs is difficult due to the cross-sectional nature of the study. Thus, future studies 
should add additional constructs such as TTF, MOOC functions, and social incentive con-
structs. As for the final drawback, the results and implications presented in this study 
were derived from a single study targeting a particular user community in the UAE, 
where the results were generalised for external validity. More studies will be needed to 
help generalise the observations by including various cultures where MOOCs are used 
[80]. 

6. Conclusions 
MOOCs have been recently developed as an educational technology system to pro-

vide online courses providing unrestricted access to users and participation in any course 
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of their choice. Moreover, MOOCs provide a venue for interactive forums compared to 
the traditional modalities of teaching such as lectures, videos, and reading materials. 
However, continuance intention to use MOOCs still forms a challenge to both MOOC 
providers and developers, as only 10% of the enrolled students finished their courses. 
Even though MOOCs studies have been recently growing, leaving a wide literature, most 
of the past studies paid attention to the effect of either technological factors or motiva-
tional factors on students’ continuance intention to use. In addition, most of the past stud-
ies were conducted in European countries, and only a few Asian countries. MOOCs liter-
ature in developing countries, especially in the Arab region, is still limited. This leaves a 
gap since MOOCs work differently from one country to another due to the influence of 
contextual factors, which were not well-discussed in the literature. Thus, driven by TAM 
and TTF theories, this study aims to bridge these gaps through examining the relationship 
between technological and social motivational factors as well as MOOCs’ contextual fea-
tures and students’ perceived ease of use and usefulness, which explain students’ attitude 
toward MOOCs and continuance intention to use. Driven by a survey gathered from 315 
of the UAE’s students, this study revealed that the technological factors of task-fit tech-
nology as well as individual-fit technology are important indicators toward students’ con-
tinuance intention to use MOOCs because they influence students’ perceived ease of use 
and usefulness. Second, the findings of this study revealed that the social motivational 
factors driven by social influence and recognition are important indicators toward stu-
dents’ continuance intention to use MOOCs because they influence their behaviour and 
attitude. Finally, this study showed that MOOCs’ contextual features, such as MOOCs 
openness, reputation, Arab language use, and course certificate accreditation, are im-
portant indicators that explain students’ continuance intention to use MOOCs through 
influencing their perception on MOOCs’ ease of use and usefulness.  
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