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Abstract: This study aimed to assess the potential contributions of the Myers–Briggs Type Indicator
(MBTI) to the sustainable growth of communities by conducting a comprehensive analysis of social
perceptions of the MBTI in South Korea through big data analysis. The investigation encompasses
three primary stages: data collection, preprocessing, and analysis, involving text mining, network
analysis, CONCOR analysis, and sentiment analysis. A total of 31,308 text data pieces (13.73 MB)
from various sources, including news, blogs, and other sections of Naver and Google, over the past
three years, were collected and analyzed using the keyword “MBTI”. Tools, such as Textom SV,
UCINET, and NetDraw, were employed for data collection and analysis. The study’s key findings
include the identification, through term frequency (TF) and TF-inverse document frequency analyses,
of top-ranking terms, such as 16Types, 4Indicators, Test, Myself, OthersMBTI, Situation, and Contents.
The CONCOR analysis further revealed six clusters, encompassing themes like interest in MBTI
personality tests, application of 16 types in daily life, MZ’s MBTI consumption patterns, trending of
MBTI characters, extension to K-Test, and professional use of MBTI. Moreover, sentiment analysis
indicated that 68.5% of individuals in South Korea expressed a positive sentiment towards MBTI,
while 31.5% conveyed a negative sentiment. The specific emotions identified included liking (Good
Feeling), disgust, and interest, in order of prominence. In light of these findings, this study delineates
a spectrum of perceptions regarding MBTI in South Korea, encompassing both positive interests
and negative concerns. To ensure the responsible use of MBTI, it is imperative to implement reliable
scientific testing and education, mitigate the potential harm of stereotyping, and reshape social
perceptions surrounding MBTI usage. Only through these measures can MBTI genuinely contribute
to the sustainable growth of communities without being confined to limiting stereotypes.

Keywords: MBTI; sustainability; big data; text mining; CONCOR analysis

1. Introduction

The Myers–Briggs Type Indicator (MBTI®) is a self-report personality type indicator
devised by Katharine Cook Briggs and Isabel Briggs Myers, rooted in Carl Gustav Jung’s
psychological types theory, for practical application in daily life [1].

Jung’s theory posits that, beneath the apparent diversity of human behavior, there
exists order and consistency arising from fundamental differences in people’s perceptions
and judgment preferences [2]. The dichotomy of extroversion and introversion represents
contrasting attitudes within Jung’s psychological types, further classified into psychological
functions of sensation, intuition, thinking, and feeling.

Myers and Briggs meticulously observed human subjects for over two decades to
develop the MBTI, a psychological analysis tool aligning with Jung’s theory [3]. They
enhanced the MBTI by introducing the J–P (Judging–Perceiving) preference indicator,
adapting Jung’s theory for practical use [4]. The completed MBTI comprises four preference
indicators for individuals [5]. (1) E (Extroversion)–I (Introversion): direction of energy, (2) S
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(Sensing)–N (Intuition): ways of receiving information, (3) T (Thinking)–F (Feeling): ways
of making decisions, (4) J (Judging)–P (Perceiving): related to approaches to the outside
world. These opposing preference indicators combine to form 16 personality types, offering
a comprehensive description of an individual’s personality.

The MBTI assessment, available in 29 languages globally, is widely embraced, with
millions undergoing this psychological test. Its applications span team development,
leadership enhancement, communication, decision-making, conflict management, coaching,
career development, and job exploration [6].

In South Korea, the use of the MBTI has been prevalent in diverse fields, including
education and counseling, since its introduction in the 1990s. However, in recent years,
the widespread popularity of the MBTI in South Korea has surged without a discerning
filtration process, fueled by the sharing of experiences and reviews on understanding and
application in social life. Online, information about MBTI proliferates like an intricate mind
map, captivating individuals with its algorithm, and drawing endless clicks, akin to a black
hole [5].

Consequently, terms like the “MBTI boom [7]”, “MBTI culture [8]”, and “MBTI
craze [9]” have emerged in the South Korean context. The MZ generation, which refers to
young people in South Korea’s newly coined term, has made it a trend to disclose their
MBTI on social media profiles, using it as an identifier during group assignments or blind
dates at university [10]. In 2021, the Consumption Trend Analysis Center at Seoul National
University labeled the phenomenon a “labeling game” [11], describing it as a game-like
attempt to resolve identity uncertainty. Some experts posit that the influence of COVID-19
might have played a role. With decreased social interactions and increased solitary time
at home, people found more time for self-reflection, sparking an interest in MBTI as a
means to explore questions about themselves and understand others in a straightforward
manner [9].

However, the indiscriminate expansion of MBTI has resulted in negative side effects.
Common issues include “stereotyping” and “denial by reasoning”. Stereotyping can lead
to problems such as self-rationalization, stigmatizing others, and limiting human relation-
ships. Denial by reasoning refers to discomfort with MBTI, preventing individuals from
experiencing its benefits [12]. These side effects pose a risk of undermining sustainability
at the individual or community level.

While the discourse on sustainability typically encompasses growth, environment,
society, community, governance, economy, energy, transportation, science, technology,
and the future, the side effects of the MBTI are not a prominent consideration. However,
embracing a broader perspective on oneself and the surroundings and making thoughtful
decisions one by one contribute to efforts to ensure sustainability. When such endeavors
accumulate, the society’s resilience to crises increases, fostering a more “sustainable”
community [13]. Therefore, a proper understanding and use of the MBTI can play a role
in reducing ignorance or misunderstanding about oneself and interpersonal relationships,
mitigating the risk factors that lead to unsustainability.

Then, what are the prerequisites for a correct understanding and use of the MBTI? The
MBTI serves as a tool for comprehending psychology, and its articulation is dependent
on the user. The utility or potential harm of the tool is intrinsically tied to the individual
wielding it. In essence, the focal point lies with the person utilizing it. Consequently, this
study delved into people’s perceptions of the tool known as the MBTI. This emphasis is
justified as perceptions form the starting point for understanding and constitute a pivotal
foundation for determining its application.

The analysis of social perceptions of the MBTI is conducted through the examination
of big data generated on the web. This approach is chosen because big data analysis
transcends specific groups, making it apt for uncovering perceptions and phenomena
prevalent in society at large. Moreover, data collected through big data not only offers
quantitative insights but also aids in comprehending the present and forecasting future
trends through analysis [14].
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Therefore, the objective of this study was to discern the direction for leveraging the
MBTI in building sustainable communities and to explore associated issues by scrutinizing
the social perception of the MBTI in South Korea through big data analysis. The research
questions formulated to achieve this aim are as follows: (1) What are the main keywords
related to the MBTI identified through big data? (2) What are the outcomes of a CONCOR
(CONvergence of iteration CORrealtion) analysis of the MBTI based on big data? (3) What
are the findings of sentiment analysis of the MBTI conducted through big data?

2. Related Studies
2.1. MBTI-Related Studies

Since its development by Myers and Briggs, numerous studies on the MBTI have been
conducted, spanning personal growth and organizational behavior in diverse domains,
such as education, counseling, and organizations. In the realm of education, researchers
have explored its applicability and effectiveness in relation to learning experiences [15],
academic achievements [16], preferences for online/face-to-face classes [17], team build-
ing, conflict resolution, and communication in project-based learning [18], as well as its
relevance to education for specific majors [19,20] and career paths [21,22], based on MBTI
personality types.

Within the counseling field, some studies have applied MBTI group programs to adults
or students [23–25]. Additionally, certain studies have examined subjective well-being [26]
and life satisfaction [27] in connection with personal growth. Additionally, the MBTI has
been applied to studies on organizational behavior [28], leadership development [29], job
satisfaction [30], and organizational commitment [31].

While many of the aforementioned studies emphasized the usefulness of the MBTI,
some researchers have criticized its scientific foundation and rigor, expressing concerns
about reliability and validity [32–35]. Boyle (1995) [32], in particular, highlighted the pop-
ularity of the MBTI in practical applications but underscored its limitations in terms of
reliability and validity. He emphasized caution regarding its potential misuse in various or-
ganizational and occupational environments [32]. These studies have primarily concentrated
on the utility and scientific validation of the MBTI. In recent years, interdisciplinary approaches
have emerged, including the use of machine learning to predict MBTI types [36–38] and em-
ploying computational linguistics to examine the correlation between voice characteristics
and MBTI types [39].

2.2. Analysis of MBTI-Related Big Data

Big data, characterized by its extensive volume, diverse data types, and rapid genera-
tion and change [40], undergoes analysis to unveil concealed patterns and extract unknown
information from substantial datasets [41]. This analytical process is harnessed to pre-
dict future trends, devise optimal strategies, and foster innovative values [42]. Unlike the
restricted scope of a specific group’s perception, big data analysis proves apt for comprehen-
sively examining societal perceptions and phenomena [43]. Employing this methodology
in our study allows for an in-depth analysis of the prevailing social phenomenon related to
the MBTI and facilitates exploration of its potential application for a sustainable future.

In reality, big data analysis is applied in numerous studies focused on social phenom-
ena and perceptions.

In a study on early childhood sensibility education, Kim (2023) [44] conducted a big
data analysis to explore perceptions and proposed directions for program development.
Suh et al. (2021) [14] delved into the social perception of process-based evaluation using
big data, analyzing text data from news and social media over 5 years to enhance process-
based evaluation in education. Lee (2023) [45] examined the change in perception of
delivery apps before and after the COVID-19 pandemic through big data analysis of social
media, identifying the necessity for a system to adapt to altered consumer behaviors. Shon
et al. (2023) [40] employed big data to study social perception during the COVID-19 era,
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investigating the safety awareness of leisure sports participants through text mining and
semantic network analysis.

There is another study that delves into the social issues of the MBTI using big data,
similar to our study. Lee (2022) [46] conducted a big data analysis to explore society’s
perception of the MBTI in South Korea. The study investigated the MBTI as a social
phenomenon beyond psychological tests, focusing on data from March 2022, 2 years
after it gained attention in a 2020 entertainment show. Through topic modeling, this
study identified four major topics: “related counseling program”, “actual treatment and
professional utilization method”, “MBTI expert course”, and “celebrities and issues” [46].
While our study shares a thematic alignment with Lee’s, there are three key differences.

Our study takes into consideration the 3V (volume, variation, and velocity) charac-
teristics of big data. The initial distinction lies in the volume aspect of big data. Volume is
a fundamental characteristic, and a large dataset is a primary requisite [47]. In the prior
study, 6000 data points were chosen for analysis, whereas our study utilized 31,308 data
points. While data size alone does not determine the value of big data [48], securing an
adequate volume is crucial as it directly relates to insights.

The second distinction involves the scope of data crawling, tied to the variety of big
data [47]. Lee’s study focused on news titles from the Naver channel, a reasonable approach
given that news forms and reflects public opinions [49]. However, data from blogs, cafes,
and knowledgeiN are equally valuable, considering their strong characteristic of online
users producing and sharing information based on their interests [43]. Examining these
diverse data sources contributes to a comprehensive understanding of MBTI perceptions.

The third difference pertains to velocity, representing the speed of data accumulation
and analysis [47]. In big data research, it is important to analyze and respond to the latest
possible data. The perceptions of the MBTI explored in previous studies were based on
data up to March 2022, a period when the MBTI began gaining recognition as a trend. In
contrast, our study provides insights as of January 2024, reflecting the MBTI’s evolution
into a tool, much like blood types, for defining individuals beyond syndromes in Korean
society. What sets this study apart is that it analyzes the latest data related to rapidly
changing social phenomena. The timing difference may be unique compared to previous
studies. This study includes data that are as recent as possible at the time of the study.

3. Research Methodology
3.1. Research Procedures

This study followed a meticulous procedure to analyze social big data on the MBTI.
In the initial stage, we collected 31,308 pieces of raw data (rawDATA) with a total size
of 13.73 MB through web crawling. Subsequently, during the data refinement stage,
unnecessary words were filtered out. In the third stage, dedicated to data analysis, we
conducted keyword extraction based on frequency and term frequency-inverse document
frequency (TF-IDF) analysis. This was followed by network analysis, CONCOR analysis,
and sentiment analysis. The primary program used throughout stages one to three was the
TEXTOM SV program. Additionally, UCINET 6 was employed during the analysis stage,
and the NetDraw program was utilized to visualize the research results.

3.2. Data Collection

Data collection was executed using TEXTOM SV, a program designed for web data
crawling. TEXTOM is a paid big data web program renowned for facilitating data
collection, storage, cleaning, matrix, and visualization. Its reliability is evidenced by
its use in over 300 published papers as of 2021 [50]. The collection channels encom-
passed Naver and Google, which, according to an internet statistics site in South Korea
(http://www.internettrend.co.kr/trendForward.tsp, accessed on 3 March 2024), hold uti-
lization rates of 60.07% and 30.83%, respectively, as of 1 January 2024. The combined
market share of these two portals, at 90.9%, was deemed suitable for investigating the
general perception of the MBTI among South Koreans. Specifically, the sections utilized

http://www.internettrend.co.kr/trendForward.tsp
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from Naver included blog, news, cafe, knowledgeiN, and web documents, while those
from Google included news, web documents, and Facebook. Since Naver and Google are
different sources, we considered collecting data to compare each array but did not extract it
separately as it was not meaningful during the preliminary review process. The keyword
used for data collection was MBTI, including Korean MBTI notations. The collection period
spanned 3 years, from 1 January 2021, when the MBTI was introduced as one of the top
10 trends in South Korea [51], to 31 December 2023, the conclusion of the study (Table 1).

Table 1. Data Collection.

Keyword Channel Section Number of Sources

MBTI

Naver

Blog 5560
News 4040
Café 6000

KnowledgeiN 6000
Web document 6000

Google
News 1452

Facebook 1621
Web document 635

Total 31,308

3.3. Data Refinement

The data refinement procedure was executed to prepare the collected words for analy-
sis. In the initial step, data with duplicate URLs were removed, followed by data prepro-
cessing using MeCab, a morphological analysis program within TEXTOM (Table 2). Unlike
Espresso K, which classifies based on word segment patterns, MeCab offers highly consis-
tent results by analyzing with reference to a dictionary, irrespective of the spacing form
in the original text. In the subsequent step, stopwords among the refined keywords were
eliminated. These were words not relevant to the subject or that were deemed meaningless.
Additionally, divided compound words were merged using N-gram information.

Table 2. Data filtering.

Process Refinement Content/Example

Primary Elimination Remove URL duplicate data
Analysis Noun, Verb, Adjective

Secondary

Substitution
Some, Blind date, Lover, Love → Love
Case, Context, Situation → Situation
Hot, Trend → Trend

Combination

Personality Assessment Tool →
PersonalityAssessmentTool
MBTI Expert → MBTIExpert
Over Indulgence → Overindulgence

Delete
Meaningless numbers
Postposition
Interjection

Tertiary Integration

ISTJ, ENFP, ESTJ, INFP, etc. → 16Types
E, I, S, N, T, F, J, P → 4Indicators
Family MBTI, Friend MBTI, Colleague MBTI →
OthersMBTI
Cosmetics Marketing, Food Marketing, Fashion
Marketing → Marketing

On the other hand, if the word does not have global universality but is only used
in Korean culture, it has not been processed to make use of its unique meaning. For
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example, there are “Some” and “SajuGunghap”. The term “Some (sseom)” is a neologism
originating from the English word “something”, denoting “something that is not exact”.
It captures the ambiguous emotions experienced by individuals, typically a man and a
woman, during the initial stages of a relationship. These feelings arise when there is mutual
interest or attraction before formalizing the commitment through dating (retrieved from
Wikipedia). In SajuGunghab, saju (four pillar-based horoscope) refers to fortune-telling
based on a person’s birth date (year, month, day) and time, while Gunghab (fortune-telling
for marital compatibility) involves predicting the marital compatibility between a man and
a woman using saju and the five elements (retrieved from the Naver Korean dictionary). In
addition, in this step, we also carried out control work to identify keywords that seemed to
overly encompass the topic (general content related to personality or self-reflection, etc.) by
checking the original text and refining it. Lastly, in the third step, keywords contextual to the
MBTI were integrated into representative keywords. This process involved collaboration
with two MBTI experts to derive keywords aligned with the research purpose.

3.4. Data Analysis

The analysis process unfolded in the following steps. Initially, we calculated TF and
TF-IDF for the refined data. TF represents the frequency of a specific word in a document,
while TF-IDF assigns a weight to a word based on its importance in a document, consid-
ering that a word appearing in multiple documents simultaneously has higher universal
significance [52,53]. The outcomes of the keyword analysis were visually represented using
word clouds. Subsequently, network analysis was performed, where the structural arrange-
ment of the top 50 keywords extracted by TEXTOM from the TF results was calculated as a
1-Mode Matrix. This matrix was then input into the UCINET 6 program to analyze overall
network properties. UCINET, a widely used social network analysis package, serves as a
valuable tool for visualization and metrics-based analysis [54].

Moving on, CONCOR analysis was carried out to identify similarity groups at an
optimal level, utilizing a matrix representing the frequency of simultaneous appearance
between words through iterative correlation analysis [44]. For this study, we employed the
NetDraw program within UCINET 6 to visualize and derive clusters. Lastly, sentiment
analysis was conducted by analyzing the frequency of sentiment words. This analysis
reveals how many times sentiment-related keywords appear in the original text data
through machine learning. The sentiment words were based on the sentiment word lexicon
created by TEXTOM, which contains three positive and six negative words within the
positive/negative category. Each word in the lexicon expresses the corresponding emotion
standardized according to its intensity [55]. Emotional intensity refers to the intensity of
expression within detailed emotions and is measured on a 7-point Likert scale. TEXTOM’s
emotional vocabulary dictionary is based on the Korean language.

4. Research Results
4.1. Keyword Frequency and TF-IDF Analysis Results

We have gathered and refined extensive MBTI-related big data, presenting the top
50 keywords of TF and TF-IDF in Table 3. For both TF and TF-IDF, the first to the seventh
places are occupied by 16Types, 4Indicators, Test, Myself, OthersMBTI, Situation, and
Contents, affirming the prominence and significance of these seven words. In addition to
these keywords, other frequently appearing words in the TF analysis include Trend, Love,
Understanding, Marketing, Fun, and Doubt. The TF-IDF analysis results exhibit similar
rankings to the TF results, with higher importance assigned to Marketing, Counselling,
MZ, Gender, Science, and MBTI Expert. Figure 1 illustrates a word cloud visualizing the
primary keywords of TF.
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Table 3. Keyword TF/TF-IDF.

TF TF-IDF

Rank Keyword N Rank Keyword TF-IDF

1 16Types 62,185 1 16Types 30,970.931
2 4Indicators 26,656 2 4Indicators 29,976.35
3 Test 20,358 3 Test 23,416.014
4 Myself 13,188 4 Myself 16,527.227
5 OthersMBTI 9826 5 OthersMBTI 15,480.209
6 Situation 8976 6 Situation 14,291.832
7 Contents 7430 7 Contents 13,830.119
8 Trend 6712 8 Marketing 12,998.464
9 Love 5936 9 Love 12,937.528
10 Understanding 5893 10 Trend 12,400.253
11 Marketing 5562 11 Understanding 11,467.823
12 Analysis 5403 12 Analysis 11,281.97
13 Fun 5295 13 Fun 10,773.827
14 Doubt 4647 14 Program 10,613.784
15 Program 4501 15 Counseling 10,190.804
16 Difference 4481 16 Difference 9970.578
17 Internet 4300 17 Use 9957.801
18 Use 4109 18 Doubt 9835.675
19 Question 4074 19 Internet 9771.819
20 Counseling 3950 20 Question 9588.718
21 Celebrity 3124 21 SajuGunghab 8823.298
22 Relationship 3015 22 Celebrity 8276.16
23 SajuGunghab 2984 23 MZ 7735.066
24 Belief 2946 24 Gender 7668.522
25 Talk 2905 25 Relationship 7619.829
26 MZ 2903 26 Science 7590.634
27 PersonalityAssessmentTool 2815 27 Belief 7584.149
28 Stress 2680 28 MBTIExpert 7527.522
29 Character 2652 29 Talk 7509.749
30 Science 2640 30 Character 7360.589
31 Daily 2629 31 Official 7259.875
32 MBTIExpert 2617 32 PersonalityAssessmentTool 7227.755
33 Gender 2567 33 Stress 7214.449
34 Curiosity 2384 34 Employment 7033.197
35 Official 2330 35 Daily 7027.176
36 Employment 2193 36 Curiosity 6389.2
37 Overindulgence 1997 37 Overindulgence 5921.17
38 MBTIChange 1793 38 KTest 5535.292
39 KTest 1789 39 Guess 5359.162
40 Guess 1769 40 MBTIChange 5328.782
41 Reference 1510 41 Education 5067.348
42 Free 1479 42 Free 4963.212
43 Education 1418 43 Reference 4720.476
44 Mind 1393 44 Mind 4549.302
45 Interest 1160 45 Interest 3956.034
46 BloodType 646 46 BloodType 2642.034
47 Enneagram 465 47 Enneagram 2140.815
48 SideEffect 444 48 FormQ 1970.015
49 FormQ 430 49 SideEffect 1946.212
50 Gathering 371 50 Teenager 1742.352
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4.2. Network Analysis Results

Figure 2 illustrates the outcomes of network visualization using the top 50 keywords of
TF as nodes. The network exhibits 2446 ties, a network density of 0.998, an average distance
of 1.002, and a network centralization of 14.3% (refer to Table 4). The close connection of
keywords is indicated by the average distance, suggesting that, on average, a given word
is connected within 1.002 steps. With a network centralization of 14.3%, it is evident that
keywords are broadly interconnected in the network, rather than being concentrated on
a small set of specific keywords. This implies extensive interactions between numerous
keywords without a pronounced focus on specific ones in the network [56].
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Table 4. Structural properties of MBTI network.

MBTI Density Average Distance Network Centralization

Network 0.998 1.002 14.3%

4.3. CONCOR Analysis Results

The CONCOR analysis was employed to group keywords highly relevant to MBTI
based on correlation and structural equivalence. CONCOR analysis is a type of cluster anal-
ysis that consolidates closely related nodes into one cluster by considering the relationships
between nodes in similar positions within the overall network structure [57]. The outcome
of the CONCOR analysis revealed six clusters, as illustrated in Figure 3, and the cluster
names were assigned considering the relationships among equivalent words grouped in
each cluster (Table 5).
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Table 5. CONCOR analysis results.

Group Cluster Topics Keyword

A group
Encompassing themes like interest in MBTI

personality tests: Reference, Belief, and
Overindulgence

4 Indicators, Test, Love, Understanding, Analysis, Doubt, Use,
Relationship, Saju Gunghab, Belief, Personality Assessment
Tool, Science, Gender, Overindulgence, Reference, Interest,

Blood Type

B group Application of 16 types in daily life: Curiosity
and Side Effect

16 Types, Others MBTI, Situation, Question, Talk, Daily,
Curiosity, MBTI Change, Mind, Side Effect

C group MZ’s MBTI consumption patterns: Education
and Employment Program, MZ, Employment, Education

D group Trending of MBTI characters: Fun and Stress Myself, Contents, Trend, Fun, Celebrity, Stress, Character,
Guess, Gathering

E group Extension to K-Test: Ranging from the free
internet version to the official version Marketing, Internet, Official, K-Test, Free

F group Professional use of MBTI: FormQ and
Enneagram Difference, Counseling, MBTI Expert, Enneagram, FormQ

The contents of Table 5 are as follows. Group A, comprising the largest number of
nodes, forms a cluster of keywords such as “4 Indicators”, “Test”, “Love”, “Doubt”, “Use”,
“Relationship”, “Belief”, “Personality Assessment Tool”, “Science”, “Overindulgence”,
“Reference”, and “Interest”. This suggests an “Interest in and utilization of MBTI personality
tests: Reference, Belief, and Overindulgence”. Group B is a cluster of keywords including
“16 Types”, “Others MBTI”, “Situation”, “Talk”, “Daily”, “MBTI Change”, “Mind”, and
“Side Effect”, reflecting the perception of “16 types applied in everyday life: Curiosity and
Side Effect”. Group C encompasses “Program”, “MZ”, “Employment”, and “Education”,
indicating “MZ’s MBTI consumption: Education and Employment”. Group D is themed
around the “Trending of MBTI characters: Fun and Stress”, including keywords like
“Myself”, “Contents”, “Trend”, “Fun”, “Celebrity”, “Stress”, and “Character”. Group E
incorporates “Marketing”, “Internet”, “Official”, “K-Test”, and “Free”, revealing public
interest in the MBTI test, ranging from the free Internet version to the official version, and
its application in marketing. Group F forms a cluster of keywords, such as “Difference”,
“Counseling”, “MBTI Expert”, “Enneagram”, and “FormQ”, reflecting public perceptions
of the professional use of MBTI. Personality differences are utilized for education or career
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counseling through experts, and there is interest in FormQ (an enhanced version of MBTI)
or Enneagram (a type of personality test tool).

4.4. Sentiment Analysis

After conducting a sentiment analysis of the MBTI, it was observed that the positive
sentiment accounted for 68.5%, while 31.5% expressed negativity (Figure 4). The positive
category encompasses specific emotions such as Good Feeling, Interest, and Joy, while
the negative category includes Disgust, Sadness, Fear, Anger, Fright, and Pain. Among
the specific emotions, Good Feeling (Good, Recommend, Accurate), from the positive
category, holds the top rank, followed by Disgust (Dislike, Expensive, Difficult), from
the negative category, in the second position, and Interest (Fun, New, Curious), from the
positive category, in the third position.
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The upper level presented emotion classification and the corresponding frequency and
emotional intensity (Table 6). Detailed emotions other than the upper level include fourth-
rank Joy (positive), fifth-rank Sadness (negative), sixth-rank Fear (negative), seventh-rank
Anger (negative), eighth-rank Fright (negative), and ninth-rank Pain (negative). In Table 6,
sentiment intensity is presented alongside frequency, highlighting the notably high senti-
ment intensity of Dislike among the negative sentiments, reaching 6.5556 (out of 7). This
implies that Dislike exerts a significant influence on the sentiment of Disgust, surpassing
the actual frequency. This sentiment analysis could be useful information for inferring
the emotionality of social perception in this study exploring the perception of the MBTI.
However, researchers have concerns about generalizing the results of sentiment analysis.
This study applied sentiment vocabulary analysis within TEXTOM, a big data analysis
tool, to sentiment analysis, because it does not suggest the validity of related indicators.
To solve this problem, the researchers independently reviewed related papers and made
inquiries to TEXTOM, but there were limitations in revealing the validity. Therefore, the
results of sentiment analysis should be approached cautiously as a tendency to infer MBTI
perception. This part will be mentioned again in the suggestions for future research.

Table 6. Results of sentiment analysis.

Rank Detailed
Sentiment Division Category Frequency Sentiment

Strength
Frequency ×

Sentiment Strength

1 Good Feeling Positive
Good 4472 4.3333 19,378.5176

Recommend 1332 4.7778 6364.0296
Accurate 945 3.7778 3570.021

2 Disgust Negative
Dislike 810 6.5556 5310.036

Excessive 710 4.4444 3155.524
Difficult 479 3.5556 1703.1324
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Table 6. Cont.

Rank Detailed
Sentiment Division Category Frequency Sentiment

Strength
Frequency ×

Sentiment Strength

3 Interest Positive
Fun 1294 2.6667 3450.7098
New 588 2.7778 1633.3464

Curious 487 5.3333 2597.3171

5. Conclusions

This study aimed to explore the utilization of the MBTI for sustainable communities by
analyzing recent perceptions of the MBTI, a tool gaining popularity for defining individuals
in South Korea, and examining related issues using big data. In comparison to prior studies,
we expanded the data volume and variety while considering the velocity of data changes,
allowing for an agile investigation into the rapidly evolving social perception of the MBTI.
We crawled and analyzed 31,308 data points from news, blogs, and cafes on Naver and
Google, representing a 90.9% utilization rate in South Korea. The main analysis tools were
TEXTOM and UCINET 6. TEXTOM is a big data analysis solution that crawls and purifies
online data and generates analysis data using various algorithms. UCINET is a software
package for social network data analysis. This study attempted to analyze a lot of unrefined
information related to the MBTI online in a short period of time by applying these digital
technologies to research. Through this, recent social issues were explored more quickly
than with existing research methodologies. Timely and novel research could be conducted
using the latest big data analysis technology [58].

We will now discuss the main research results. Firstly, in both TF and TF-IDF analyses,
keywords like 16Types, 4Indicators, Test, Myself, OthersMBTI, Situation, and Contents
ranked from first to seventh place. This suggests that Korean interest in the MBTI primarily
revolves around the 16 types, the four perception indicators, using the test for self and
others, and situations and contents revealing specific types. Keywords with higher TF-IDF
values than TF include Marketing, Counseling, MZ, Gender, Science, MBTI Expert, and
Official. This indicates a growing interest in specific MBTI applications, culturalization
among certain generations, and a scientific understanding of the MBTI. These findings
differ from a study by Lee (2022) [46], where professional qualification training keywords
showed high frequency. In our study, conducted 2 years later, we found increased interest
in easily taking the MBTI test online and applying the 16 types to various situations.
This demonstrates that the MBTI is consumed in diverse ways, serving as a popular self-
informing tool, an icebreaker in social encounters, a criterion for choosing romantic partners
among Generation MZ, and a strategy to attract customers in a market economy. It was
possible to confirm the ‘routineity’ of the MBTI in South Korean society.

Secondly, the network analysis revealed that the MBTI network has a density of 0.998.
Network density reflects the overall degree of connection between keywords within the
network, ranging from 0 to 1, with higher values indicating greater network cohesion [59].
With a network density close to 1 in this study, at 0.998, it suggests high cohesion within
the MBTI network. This implies that certain keywords influence others or propagate in
connection with them. Additionally, the network centralization of 14.3% indicates that the
MBTI network lacks concentration on specific keywords, highlighting active exchanges or
interactions among keywords expressing various topics. The MBTI network demonstrates
not only the public’s reception of MBTI-related information but also its reproduction and
dissemination through active engagement. Therefore, it can be said that the MBTI has
‘expandability’ through members of society.

Thirdly, the CONCOR analysis unveiled the grouping of complex networks associated
with the MBTI, reflecting the diversified public perception of the MBTI as it has become a
prominent trend in everyday life. Six clusters emerged: (1) “Interest in MBTI personality
test: Reference, Belief, and Overindulgence”, (2) “16 Types applied in daily life: Curiosity
and Side Effect”, (3) “MZ’s MBTI consumption: Employment and Education”, (4) “Trending
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of MBTI characters: Fun and Stress”, (5) “Extension to K-Test: Free to Official”, and
(6) “Professional use of MBTI: FormQ and Enneagram”.

These clusters provide insights into various perceptions: (1) High public interest in
understanding what the MBTI is, contemplating the perception indicators forming the
MBTI, and concerns about potential overindulgence. (2) The use of the 16 types of MBTI in
everyday conversations or specific situations, aiding in understanding or inferring others’
behavior but accompanied by discomfort due to side effects like stigmatization. (3) Active
usage of the MBTI by Generation MZ for programs or employment-related information.
(4) The MBTI as a representative character that can symbolize an individual enjoyed in
connection with celebrities’ MBTI or trends, yet causing stress when excessive interest is
shown in relationship situations like gatherings. (5) The MBTI is recognized as a universal
and representative cultural phenomenon in South Korea, akin to K-pop, widely used in
marketing, and available through various test formats from free Internet tests to official
ones. (6) Public awareness of the professional use of the MBTI in South Korea, expressing
interest in utilizing personality differences for education or career counseling through
experts, as well as showing interest in FormQ (an enhanced version of the MBTI) and
Enneagram (a type of personality test tool). Through these results, it was possible to
confirm the ‘two sides of the coin (utility and fatigue)’ of the MBTI.

Fourthly, in examining the results of the sentiment analysis, we observed that the
public’s perception of the MBTI in South Korea leans significantly towards positivity,
with 68.5% expressing positive sentiments and 31.5% expressing negative sentiments,
highlighting a prevailing positive sentiment. Delving into the detailed emotion ranking,
“Good Feeling” secured the top spot, and “Interest” claimed the third position.

The sentiment classification of “Good Feeling” reveals that people view the MBTI
favorably, wanting to recommend and share it with others. Additionally, through the
sentiment classification of “Interest”, it is evident that the MBTI is embraced as an enjoyable,
curious, and novel concept. There exists a perception that the MBTI serves as a tool for
self-understanding, facilitating communication with others, and is positively experienced
and consumed as engaging cultural content in daily life.

However, alongside the predominantly positive sentiments, there are also negative
sentiments associated with the MBTI. The second-ranking specific emotion is “Disgust”,
encompassing categories such as “Dislike”, “Excessive”, and “Difficult”. These emotions
can be speculated to arise from overindulgence in the MBTI, side effects, or stress. Notably,
the sentiment intensity of “Dislike” is 6.5556, as shown in Table 6, the highest among the
emotions, suggesting that antipathy towards the MBTI can be particularly intense when
individuals recognize a sense of disgust. The results of this emotional analysis should be
considered as a ‘task of MBTI’. This is because there is a need for a check on the proper use
of the MBTI at the present time, as it has spread from use as a specific psychological test to
use in daily culture.

After examining the diverse range of perceptions of the MBTI currently prevalent in
Korean society, both positive interest and negative concerns have surfaced.

Meanwhile, the researchers realized the need to discuss the results of this study in
more depth through consultation. Accordingly, after reviewing the research results from
various angles, we decided to apply the theory to infer the factors that have recently
changed the perception of the MBTI in South Korean society. As this inference was an area
excluded from the initial design of the study, it will not be discussed in more detail herein.
However, we would like to discuss this in the sense that it may serve as a suggestion for
future work.

Why has the MBTI, which was developed more than half a century ago, rapidly
spread socially in recent years? This was similar to the process of innovation diffusion,
where something new spreads throughout society. According to Rogers’ (2003) innovation
diffusion theory, “an innovation is an idea, practice, or product that is recognized as new
by individuals or other adoption units”, and the innovation diffusion theory states that
a new technology, idea, or practice is adopted by an individual and is then adopted by
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several people. It is a theory that explains the process of spreading into a group [60].
From the perspective of this theory, the recent practice of South Korean society newly
recognizing the MBTI is an innovation. Discussing the process of innovation diffusion
through innovation diffusion theory can help us understand the process by which the
MBTI is shared and used by members of society. A major factor that affects the ‘rate
of adoption’ in innovation diffusion theory is perceived attributes. These include the
following: (1) relative advantage: the degree to which innovations that are perceived as
new, such as ideas, are perceived more positively than previous ones; (2) compatibility:
the degree to which the innovation is compatible with the experiences, values, and desires
of potential adopters; (3) complexity: the extent to which the content of the innovation is
perceived as difficult or the innovation is felt to be difficult to use; (4) trialability: the extent
to which the innovation can be tested or experienced in a limited way; (5) observability:
the extent to which the results of the innovation are directly or indirectly communicated to
potential adopters [60]. Applying the spread of the MBTI to this, (1) relative advantage:
the MBTI is more helpful in understanding oneself and others than blood type, which
was previously a tool for personality; (2) compatibility: that it met the desire to know
oneself or to form a positive relationship with others (especially in line with the pandemic);
(3) complexity and (4) reliability: that the free, simple Internet test, which can measure the
type of MBTI, was popular, so it was relatively easy to experience; (5) observability: it can
be considered that it was easily observed through cases of daily use of the MBTI in schools
and workplaces or through celebrities. We discussed the MBTI by paying attention to the
recent rapid spread of social and cultural ideas as a new idea. Although this discussion is
cautious in that it is an idea-level discussion, it is significant that it suggests the possibility
of a theoretical review of the social spread of the MBTI.

Now, I would like to conclude the discussion as follows. The MBTI serves as a
valuable tool for self-understanding, allowing individuals to comprehend and accept
others to the extent that they understand and accept themselves. In Korean society, the
emphasis on solidarity and belonging to the collective “we” has traditionally surpassed the
significance attributed to individual “I” or “you”. However, a paradigm shift is evident,
with contemporary Korean society acknowledging the importance of the lives and values
of each individual within a group. The MBTI provides a means to express an individual’s
unique identity in a universally understandable and acceptable language [5]. When used
appropriately, this socially spread tool has the potential to enhance the community’s
understanding of both “I” and “you”, facilitating careful collective decision-making for a
sustainable community characterized by social connectivity free from restrictive boundaries.
Therefore, understanding community members’ general perceptions of the MBTI and
exploring conditions for its utilization could contribute to the formation of a foundation for
a ‘sustainable community’ where individual psychological well-being can be possible.

To achieve this, a redesign of the social perception of the MBTI is necessary. This
requires the implementation of reliable scientific tests and education, avoiding harm or
stress caused by “stereotyping”, and refraining from usage beyond the original purpose.
Only through these measures can the MBTI effectively contribute to the development of
sustainable communities.

6. Future Works

First, our focus on MBTI-related texts from news, blogs, cafes, etc., for big data analysis
excluded unstructured data, such as videos or images, which are experiencing a rapid and
substantial increase in volume. Future research should broaden data collection methods
and employ multi-layered analysis to unveil insights that might be elusive using text-based
data alone.

Second, the MBTI culture is relatively new, and, when a nascent culture emerges, it
requires observation to discern its acceptance and potential trend-setting impact on the
public. Determining whether it is a passing trend or if it will become deeply ingrained in
individuals and society as a whole necessitates a wait-and-see approach [5]. Given that
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big data swiftly captures such social phenomena, subsequent studies tracking the social
contextual changes of the MBTI are anticipated.

Third, this paper involved a comprehensive study of the perception of the MBTI
over three years. If a longitudinal study is conducted to confirm the trend of changes in
interest in subsequent studies, the evolution and impact of MBTI-related perceptions can
be confirmed. This is expected to provide useful insights from a sustainable community
perspective.

Fourth, this study was conducted by limiting the perception of the MBTI to South
Korean society in recent years. In South Korea, free simple tests (not formal MBTI tests)
are easily accessible online, and the MZ generation, which leads culture, tends to actively
consume the MBTI. This context may have influenced the results of this study. Accordingly,
the authors propose a qualitative study that analytically explores South Korean perceptions.
In addition, research is needed to compare South Korean perceptions with those of other
cultures. This can help us to understand the universality and cultural differences of
the MBTI.

Fifth, the pandemic seems to have had an important impact on the perception of the
MBTI, but there is no academic research on this. The newspaper article only presents
an expert’s analogical interpretation. The research topic comparing pre-pandemic and
post-pandemic perceptions would be an interesting attempt to understand not only the
MBTI perception but also the impact of the pandemic on society.

Sixth, verification of sentiment analysis is necessary. This study applied sentiment
vocabulary analysis within TEXTOM, a big data analysis tool, to sentiment analysis, and
the emotional dictionary used here was developed by TEXTOM researchers. This tool is
useful in terms of guessing the tendency of emotion, but it has a limit to generalization
in terms of validity. Accordingly, the researchers propose a quantitative study that can
verify the validity by comparing the results of sentiment analysis using big data with actual
values as a future study.

Seventh, in this study, the possibility of applying the innovation diffusion theory in
relation to the spread of the MBTI was explored. This can be said to be a rudimentary
level in terms of the application of the conceptual framework. In subsequent studies, it
is necessary to study in-depth the innovation process (knowledge-persuasion-decision-
implementation-determination) and the factors of innovation suggested in the innovation
diffusion model. Through this, one will be able to understand the perception of members
of society regarding acceptance and resistance to the MBTI.

Eighth, reproducibility is important for scientific health, but this paper is a paper
that explores social perception, so it has limitations in this area. Therefore, the researchers
propose the verification of the MBTI diffusion factor using structural equation modeling
as a follow-up study. The Partial Least Squares structural equation modeling method
(PLS-SEM) is applied to exploratory research or research models in which the relationship
between multiple indicators, paths, and variables exists to verify the predictive model [61],
and it is thought that it will contribute to reproducibly, revealing significant variables in
the spread of the MBTI.

Lastly, there is a limit to predicting future trends in the perception of the MBTI based
on the data analysis results performed in this study. As identifying the current perception
and predicting the future are separate items, the methodology for accurately predicting the
MBTI recognition trend seems to be a task to be explored in future studies. However, this
study contributes to investigating the perception of the MBTI by using big data analysis
through text as one methodology.
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